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Abstract

Socioeconomic disadvantage is associated with higher rates of psychopathology as well as hippocampus, amygdala and prefrontal
cortex structure. However, little is known about how variations in brain morphometry are associated with socio-emotional risks for
mood disorders in children growing up in families experiencing low income. In the current study, using structural magnetic
resonance imaging, we examined the relationship between socioeconomic disadvantage and gray matter volume in the hippo-
campus, amygdala, and ventrolateral prefrontal cortex in a sample of children (n = 34) in middle childhood. Using an affective dot
probe paradigm, we examined the association between gray matter volume in these regions and attentional bias to threat, a risk
marker for mood disorders including anxiety disorders. We found that lower income-to-needs ratio was associated with lower
bilateral hippocampal and right amygdala volume, but not prefrontal cortex volumes. Moreover, lower attentional bias to threat
was associated with greater left hippocampal volume. We provide evidence of a relationship between income-related variations in
brain structure and attentional bias to threat, a risk for mood disorders. Therefore, these findings support an environment-
morphometry-behavior relationship that contributes to the understanding of income-related mental health disparities in childhood.
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Introduction peers in middle or high socioeconomic positions (Lemstra,

2008). Growing literature suggests that SED is associated with

Growing up in families experiencing socioeconomic disad-
vantage (SED) has multiple implications, including behavior-
al (Hanson et al., 2015; Pachter, Auinger, Palmer, &
Weitzman, 2006) and emotional dysregulation in childhood
(Evans & Kim, 2013; Raver, Roy, Pressler, Ursache, &
Charles McCoy, 2016) and anxiety and mood disorders later
in life (Barch et al., 2016; Najman et al., 2010). The link
between childhood SED and socioemotional difficulties is
well supported (Green & Benzeval, 2013). Children, between
the ages of 10 and 15 years, who experience SED are 2.5 times
more likely to develop anxiety or depressed mood than their
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altered brain development, which may further be associated
with negative childhood outcomes. However, most studies
examining childhood SED and the brain focus on the relation-
ship with cognitive outcomes (Hair, Hanson, Wolfe, & Pollak,
2015; Noble, Wolmetz, Ochs, Farah, & McCandliss, 2006);
thus, little is known about potential neurobiological mecha-
nisms for the socioemotional outcomes. SED is associated
with greater exposure to adverse psychosocial and physical
environment (Brooks-Gunn & Duncan, 1997; Evans, 2004;
Raver, Blair, & Garrett-Peters, 2015). The higher levels of
exposure to threats may be associated with increased vigilance
to negative cues in the environment. Attentional biases to
threat refer to tendencies to direct attention towards negative
stimuli and are central to mechanistic models of anxiety and
mood disorders (Beck, 2008; Dalgleish & Watts, 1990;
Hankin, Snyder, & Gulley, 2016; Mathews & MacLeod,
2005). In the current study, we examined whether SED and
brain morphometry may be associated with attentional bias to
threat in middle childhood.

Previous studies suggest a relationship between family in-
come and brain morphometry in adulthood. While the specific
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mechanisms of this association in humans remains unclear,
evidence from nonhuman animal models suggest exposure
to chronic stress may lead to alterations in brain morphometry.
The hippocampus, amygdala, and prefrontal cortex have
emerged as regions that are particularly susceptible to effects
of chronic stress (Davidson & McEwen, 2012). Specifically,
chronic stress is associated with altered spine density, dendrit-
ic length, and dendritic branching in these regions (Bloss,
Janssen, McEwen, & Morrison, 2010; McEwen, 2007).
These neuronal changes may be due to the association be-
tween chronic stress and increased glucocorticoid levels in
the brain (Hall, Moda, & Liston, 2015), which play a critical
role in the regulation of dendritic development (Liston & Gan,
2011). In the short term, the increased glucocorticoids act to
mobilize resources to adapt to the stressor. However, long-
term exposure to the increased glucocorticoid levels may have
maladaptive effects on brain development and long-term con-
sequences on behavior (McEwen, 1998, 2003; Oitzl,
Champagne, van der Veen, & de Kloet, 2010; Welberg &
Seckl, 2001).

Neuroimaging studies have identified a relationship be-
tween family income and gray matter volume, particularly in
the hippocampus and amygdala in childhood (Johnson, Riis, &
Noble, 2016). In studies examining childhood, lower family
income was consistently associated with reduced gray matter
volume in the hippocampus (Hanson, Chandra, Wolfe, &
Pollak, 2011; Luby et al., 2013). However, for the amygdala,
there have been inconsistent findings regarding the direction of
the association. Some studies have found a positive relation-
ship between family income and amygdala gray matter volume
(Hanson et al., 2015; Luby et al., 2013), whereas other studies
show a negative relationship (Noble, Houston, Kan, & Sowell,
2012a) or no association (Noble et al., 2015). Others have
reported a negative association between family income and
gray matter volume of other brain regions, including the pre-
frontal cortex (Hair et al., 2015; Hanson et al., 2013). Studies
have begun to examine how SED and brain regions that are
associated with it are further related to behavioral outcomes.
These studies have primarily focused on cognitive outcomes,
such as learning/memory (Hair et al., 2015), language (Noble
et al., 2006), and academic achievement (Hair et al., 2015).
However, the associations between SED, the brain, and behav-
ioral risks for socioemotional outcomes are unclear.

Middle childhood is a period when children are increasingly
vulnerable to the adverse effects of low family income on emo-
tional development (Blair & Raver, 2012; Evans & English,
2002). While clinically significant symptoms may not be pres-
ent until adolescence, it is possible that children exhibit an early
socioemotional and neural risk marker for anxiety disorders in
middle childhood (Dia & Bradshaw, 2008; Hankin et al., 2016).
Attentional bias to threatening cues are a risk marker for emo-
tion dysregulation and may play a role in the development of
anxiety disorders (Bar-Haim, Lamy, Pergamin, Bakermans-
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Kranenburg, & Van Ijzendoorn, 2007; Cisler & Koster, 2010)
and depression (Mogg, Bradley, & Williams, 1995).
Environmental adversity, such as maltreatment, has been asso-
ciated with greater attentional bias to threatening cues (Pine
et al., 2005; Pollak & Tolley-Schell, 2003). Experiencing low
family income is associated with increased exposure to adver-
sity, including harsh parenting (Repetti, Taylor, & Seeman,
2002) and exposure to violence (Sampson, Raudenbush, &
Earls, 1997). Thus, experiencing low family income may in-
crease threat bias, which in turn is a possible socioemotional
risk marker for the development of psychopathology later in
life.

Middle childhood also is when the structure of the brain,
including the hippocampus, amygdala, and prefrontal cortex,
may be vulnerable to adverse environmental influences
(Dannlowski et al., 2012; Hanson et al., 2010; Hanson et al.,
2015). Furthermore, variations in brain development due to
exposure to adversity may be linked to the variations in
socioemotional processing, such as attentional bias to threat.
Based on the connectivity and functional activity of the amyg-
dala, it has been conceptualized to be a hub for cognitive-
emotional integration in the brain (Pessoa, 2013).
Traditionally thought to be primarily involved in affective
processes, such as fear processing, the amygdala has been
demonstrated to be involved in several cognitive processes,
including attention and associative learning (Holland &
Gallagher, 1999), and evidence suggests the amygdala is a
center for integrating cognitive appraisal of affective informa-
tion in the brain (Pessoa, 2008). Variations in amygdala vol-
ume are observed in several disorders that are associated with
increased attentional bias to threat, specifically among patients
with anxiety disorders (Bar-Haim et al., 2007), including pe-
diatric anxiety (Milham et al., 2005).

There is evidence that the hippocampus is involved in at-
tentional bias to threat. Neurobiologically, the role of the hip-
pocampus in threat bias has been hypothesized to be due to its
involvement in contextual threat processing and memory
(Alvarez, Biggs, Chen, Pine, & Grillon, 2008; Grupe,
Wielgosz, Davidson, & Nitschke, 2016; Maren, Phan, &
Liberzon, 2013). First, altered hippocampal morphometry
was associated with increased attentional bias to threat in car-
riers of the rs1360780 T allele of FKBP5 (Fani et al., 2013).
Furthermore, the hippocampal microstructure was shown to
be associated with abnormal threat processing in clinical anx-
iety and comorbid depression (Grupe et al., 2016). This study
suggests that hippocampal microstructure is related to threat
processing and may be a common neural pathway for the
comorbidity of anxiety and depression (Grupe et al., 2016).
Alterations in hippocampal volume have been linked to threat
bias in individuals experiencing posttraumatic stress disorder
(Grupe et al., 2016). While limbic regions, such as the amyg-
dala and hippocampus, are involved in attentional allocation
to emotional stimuli, such as threats, the prefrontal cortex
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(specifically the lateral prefrontal cortex) has been demon-
strated to be involved in top-down regulation when
confronting threats (Bishop, Duncan, Brett, & Lawrence,
2004; MacDonald, Cohen, Stenger, & Carter, 2000).
Evidence suggests that the hippocampus, amygdala, and pre-
frontal cortex are involved in fear acquisition and extinction
that may be underlying attentional biases to threat (Hutcheson,
Clark, Bolding, White, & Lahti, 2014). However, the associ-
ations between SED, morphometry of the hippocampus,
amygdala, and prefrontal cortex and threat bias are unclear.

While more studies focused on family income, some ex-
amined parental education to observe the role of socioeco-
nomic status (SES) in child brain structure. The two SES
indicators, family income and parental education, often are
correlated; however, some argue that they may have a unique
role in brain development. For example, while family income
is more closely linked to access to resources and environmen-
tal stressors (Evans & English, 2002), parental education is
more closely tied to cognitive stimulation in the home envi-
ronment (Hoff-Ginsberg & Tardif, 1995). For the hippocam-
pus, two studies found no associations (Hanson et al., 2011;
Noble, Houston, et al., 2012b), whereas one study reported
that left hippocampal volumes were positively associated with
paternal education (Noble et al., 2015). For the amygdala, one
study found a negative correlation between maternal educa-
tion and gray matter volume (Noble et al., 2012), whereas two
studies have found no association (Hanson et al., 2011; Luby
et al., 2013). Thus, although there are mixed results for paren-
tal education, we included testing the association between
maternal education and brain structure as a secondary analysis
to capture the multidimensional nature of SES.

Thus, in the current study, we examined associations
among SED (as defined by INR and maternal education),
brain morphometry, and attentional bias to threat in middle
childhood. We focused our analysis on the following research
questions: (1) Is SED related to gray matter volume in the
hippocampus, amygdala, and ventrolateral prefrontal cortex?
(2) Are SED and gray matter volumes in the hippocampus,
amygdala, and ventrolateral prefrontal cortex related to higher
attentional bias to threat? In accordance with previous studies,
we hypothesized SED, particularly lower INR, would be as-
sociated with lower gray matter volume in the hippocampus
and ventrolateral prefrontal cortex. Given the mixed evidence
in the literature, we hypothesize that SED will be associated
with amygdala volume, but in either a positive or negative
direction. Importantly, we hypothesized that SED and gray
matter volumes in the hippocampus, amygdala, and ventrolat-
eral prefrontal cortex would be associated with greater atten-
tional bias to threat.

We conducted additional post-hoc analyses to examine the
specificity of the results. First, we tested the relative strength
of'the association of INR versus maternal education with brain
morphometry and threat bias. Second, we tested additional

“control” regions to demonstrate that the relationships were
specific to the certain brain regions and was not evident in
regions that we did not expect to have a relationship with
SED, such as the precentral gyrus, basal ganglia, and lateral
occipital gyrus. Lastly, we tested if other factors may explain
the relationship between SED and the regions of interest. We
examined if a child’s 1Q (Blair, 2006; Reiss, Abrams, Singer,
Ross, & Denckla, 1996), anxiety levels (De Bellis et al., 2000;
Pine, 2007), or pubertal status (Blakemore, Burnett, & Dahl,
2010; Peper, Pol, Crone, & Van Honk, 2011) were potential
confounds of the relationship between INR and the hypothe-
sized regions.

Materials and methods
Participants

Participants and their biological mothers were recruited from a
volunteer database at the University of Denver, as well as via
flyers placed in Denver metro area public schools and anti-
poverty programs. We obtained a socioeconomically diverse
sample by initially screening 149 families and oversampling
low-income families (approximately 50% were low-income).
Of the 47 families that participated in the home visit, 35 were
eligible for and agreed to participate in the magnetic resonance
imaging (MRI) scan visit. Of 35 children at age 8-10 years
(see Table 1 for demographic information), 1 child was ex-
cluded from all analysis due to motion artifacts in the MRI
data. Therefore, the total number of children included in the
analysis was 34. Only one child per household could partici-
pate. Participants were included if they were fluent in English,
lived with their biological mother at least 50% of the time, and
their family income-to-needs ratio was below 7 (to target low-
and middle-income families). Participants were excluded if
they had: 1) ferrous metal or other MRI contraindications in
their body; 2) received a psychiatric disorder diagnosis and
treatment and/or psychotropic medication (to avoid a con-
founding effect of psychiatric disorder treatment and medica-
tion; based on mother-report); 3) a history of a neurological
disorder; or 4) an IQ score below 80 as assessed by the
Wechsler Abbreviated Scale of Intelligence (Wechsler, 1999).

Procedure

After determining eligibility via a phone call, the study was
comprised of a home visit and an MRI scan visit. During the
home visit, researchers collected demographic information,
including a detailed history of family income via extensive
interview. Children completed the affective dot probe para-
digm during the home visit on a laptop computer. Soon after
the home visit, participants were asked to visit the University
of Colorado, Boulder Intermountain Neuroimaging
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Table 1 Demographic and affective dot probe information for the
sample (RT = reaction time; NT = neutral-threat; NH = neutral-happy,
WASI = Wechsler Abbreviated Scale of Intelligence, SCARED = Screen
for Child Anxiety Related Disorders, PPDS = Petersen Physical
Development Scale)

N (%) Mean+ SD  Range

Child age (yr) 18(52.9) 8.76+0.65 8-10
Child sex (female)
Child race/ethnicity

White/Caucasian 21 (61.8)

Black/African 4 (11.8)

American
Hispanic 7 (20.6)
Multi-racial 2(5.9)

2.1+1.5 0-6.6
14.7+2.9 8-20

Income-to-needs ratio

Maternal education (yr)

Threat bias score (ms) -3.5+684 -187.6 - 161.5
Happy bias score (ms) -1243 +£53.0 -113.7-113.0
Dot probe accuracy (%) 94.7+0.04  84-100

Dot probe RT (ms)

RT for neutral
NT trials (ms)

RT for threat
NT trials (ms)

RT for neutral
NH trials (ms)

808.8 £209.8 511-1263
8104 +214.3 509-1296

8143 £215.5 521-1230

800.9 £208.8 516-1313

RT for happy 813.4+£221.5 492-1292
NH trials (ms)

IQ (WASI) 100.5+13.1 80-126

Anxiety symptoms 326+162  6-70
(SCARED)

Pubertal status (PPDS) 4+19 1-8

Consortium (INC) at the Center for Innovation and Creativity.
During the MRI scan visit, participants first underwent a
“mock” scanning session in which they were trained to stay
still in an MRI simulator. After completing the mock session,
participants underwent an MRI scan to obtain structural im-
ages. Family income information was updated at the MRI visit
if the interval between the home visit and MRI visit was more
than 3 months. Therefore, the mean interval between the mea-
surement of family income and the MRI visit was 0.97 months
(8D =2.00). Written, informed consent was obtained from the
mother of each participant, and written, informed and verbal
assent was obtained from each child participant. The protocol
was approved by the Institutional Review Board of the
University of Denver.

Measures
Income-to-needs ratio and maternal education

We used income-to-needs ratio (INR) to assess family income.
INR more accurately captures family economic status by
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considering how many people are in each family. During the
home visit, a standardized interview was conducted to collect
parent-reported family income for the last 12 months from the
date of the home visit. INR was calculated by computing the
ratio of family income to the federal poverty threshold, which
is adjusted for the number of family members (Table 1).
Consistent with the method the U.S. Census Bureau uses to
calculate family income the following were included: earn-
ings, unemployment compensation, workers’ compensation,
Social Security, alimony, and child support. However, family
income does not included money from welfare programs or
financial support from extended family members. Fifty-one
percent of the children’s families were considered low income
[defined as in poverty (INR < 1) or near poverty (INR < 2)].
We assessed maternal education via an interview in which
each mother reported the amount of years of education in
which they had completed (Table 1).

Affective dot probe paradigm

Children completed one session of the affective dot probe
paradigm (Abend, Pine, & Bar-Haim, 2014) to measure atten-
tional biases to threat; the task was compiled and presented
using a laptop computer through E-Prime 2.0 software
(Schneider & Zuccoloto, 2007). Participants completed the
task using the mouse to make responses. In between each trial,
a fixation cross was displayed on the screen for 500 ms. For
each trial, pairs of neutral, angry, and happy faces appeared on
the screen vertically. Face stimuli were selected in pairs from
the NimStim, Face Stimulus Set (Tottenham et al., 2009). Face
stimuli were presented on the screen for 500 ms. Following
the stimulus presentation, the face stimuli disappeared from
the screen and a “probe,” in the form of a bracket pointing
right or left (< or >), appeared on the screen in the previous
location of either the neutral, happy, or angry faces until a
response was made. After each response was made, there
was an intertrial interval of 500 ms. Trials always contained
at least one neutral face stimuli and therefore could be NN
(both neutral), NT (one neutral, one threat), or NH (one neu-
tral, one happy). Participants completed 120 trials in which 48
were NT, 48 were NH, and 24 were NN. For the task, there
were 48 congruent trials (24 in which the probe replaced the
location of the angry face and 24 in which the probe replaced
the happy face), 48 incongruent trials (the probe replaced the
location of the neutral face), and 24 were neutral trials (in
which the probe replaced either of the neutral faces in a
counterbalanced fashion). The location of the angry face, the
probe location, the probe type, and the facial identity were
counterbalanced across the task. Participants were instructed
to respond as quickly and accurately as possible, using their
dominant hand, to the direction of the bracket using the mouse
buttons (left mouse button for < and right mouse button for >).
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Behavioral data analysis was conducted using the TAU/
NIMH ABMT Analysis Tool v2.0, which is a standalone tool
to analyze dot probe paradigm data files and provide both
quality control and quantification of the attentional bias to
threat scores (http://tau.ac.il/~yairl/ABMT.html). This
toolbox was designed as an initiative to provide a
standardized tool for the analysis of dot probe paradigm data
and has been used in several studies to clean the data and
quantify attention bias scores, including a study by the
authors of the toolbox (Goldman, Shulman, Bar-Haim,
Abend, & Burack, 2016), as well as several other studies
(De Voogd et al., 2016; Fitzgerald, Rawdon, & Dooley,
2016; Fu, Taber-Thomas, & Pérez-Edgar, 2015; Thai, Taber-
Thomas, & Pérez-Edgar, 2016). The tool removes trials with
reaction times shorter than 150 ms, trials with reaction times
longer than 2,000 ms, and error trials. For each trial type, z-
scores are calculated and trials with scores above 2.5 are re-
moved from the analysis. After the removal of trials, the av-
erage percentage of trials that remained (M = 94.85, SD = 4.
31, range = 82.5-99.1) was similar to the suggested amount of
94% (Abend et al., 2014). The threat bias score was calculated
by subtracting the mean reaction time on congruent trials (in
which the probe appeared behind the angry face) from incon-
gruent trials (in which the probe appeared behind the neutral
face). A positive threat bias score reflects a bias towards
threatening stimuli (the angry face) and captures increased
orientation toward the threatening stimuli, disengaging atten-
tional allocation to threat, or both (Salemink, van den Hout, &
Kindt, 2007). The behavioral results were similar to other
studies using this paradigm with a pediatric sample
(Fitzgerald et al., 2016; Pine et al., 2005; Troller-Renfree,
McDermott, Nelson, Zeanah, & Fox, 2015). Additionally,
we calculated attentional bias to happy stimuli by subtracting
the mean reaction time on congruent trials (in which the probe
appeared behind the happy face) from the mean reaction time
on incongruent trials (in which the probe appeared behind the
neutral face). A positive attentional bias to happy stimuli score
would reflect an increased attentional allocation towards hap-
py stimuli while a negative score would reflect attentional
allocation away from the happy face to the neutral face. See
Table 1 for a description of the behavioral performance from
the dot probe paradigm.

Measurements of 1Q, anxiety, and pubertal status

To examine the specificity of the results, we also measured
child 1Q, anxiety, and pubertal status to test them as possible
confounds. We used the WASI (Wechsler, 2014) to examine
child’s IQ. For anxiety symptoms, we used the SCARED
(Birmaher et al., 1997). Lastly, to measure pubertal status,
we used the Petersen Physical Development Scale (Petersen,
Crockett, Richards, & Boxer, 1988). Refer to Table 1 for more
information about 1Q, anxiety, and pubertal status.

MRI acquisition

T1-weighted MPRAGE (magnetization prepared rapid
gradient-echo) images were acquired using a 3T Siemens
Magnetom Tim Trio scanner with a 32-channel phase-array
coil. The MPRAGE sequence acquired high resolution images
with the following parameters: 192 axial slices each at 1.00-
mm thick, TR = 2,530 ms, TE = 1.64 ms, skip = 0 mm, flip
angle = 7°, FOV = 256 mm and voxel size=1.0x 1.0 x 1.0
mm.

Structural image processing

Visual inspection was conducted for each image to check for
excessive motion artifacts, such as “ringing,” using a 4-point
visual scale: for example, 1 = no motion; 2 = mild motion; 3 =
moderate motion; 4 = severe motion. According to this frame-
work, scans scoring a 1 have little or no detectable motion
artifact (51.4% of the sample); a score of 2 has mild but de-
tectable bands of motion (37.1% of the sample). A score of 3
is considered moderate as far as detectable motion and can be
included in the data analysis (8.6% of the sample)
(Blumenthal, Zijdenbos, Molloy, & Giedd, 2002). One partic-
ipant scored a 4 on the rating scale in which motion artifact is
extreme; this participant was excluded reducing the sample
size from 35 to 34 participants. Several studies have used
these rating scales for quantifying motion artifact in both adult
and pediatric samples (Lin et al., 2012; Lyall et al., 2015;
Schweren et al., 2016; Wang et al., 2017; Zhang et al.,
2015). Furthermore, the motion scores were not associated
with INR, maternal education, and attentional bias to threat
scores.

Volumetric segmentation of the images was conducted
using the Freesurfer Image Analysis Suite 5.3 (http:/surfer.
nmr.mgh.harvard.edu/). This method has been demonstrated
to be appropriate for pediatric images (Ghosh et al., 2010), and
several studies have used the Freesurfer pipeline to segment
hippocampal and amygdala volumes in a similar age range as
the current sample (Geller et al., 2009; Ghassabian et al.,
2014; Nardelli, Lebel, Rasmussen, Andrew, & Beaulieu,
2011; Pagliaccio et al., 2014; Teicher, Anderson, & Polcari,
2012). We carefully examined the segmentation accuracy for
each structure for each participant using a similar 4-point rat-
ing skill (1 = very accurate; 2 = accurate; 3 = less accuracy; 4 =
severe problems with accuracy). Based on the ratings of the
segmentation, accuracy no participants were excluded as no
segmentation scored a 4, indicating severe problems with the
accuracy; images scoring a 3 (only 2 participants) were includ-
ed in the study based on the recommendations of the rating
scale (Blumenthal et al., 2002). No images scoring a 4, indi-
cating extremely poor segmentation, were included in the
analysis.
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The specifics of the procedure for the automatic segmenta-
tion of the subcortical structures have been previously docu-
mented (Fischl et al., 2002). The automated pipeline begins
with motion and intensity nonuniformity correction in the data
followed by affine transformation using the MNI305 atlas and
intensity normalization. Images are skull stripped, and an au-
tomatic subcortical segmentation computes volumetric data
for subcortical structures, including the amygdala and hippo-
campus. For the analysis of the amygdala, hippocampus, we
used the calculation of gray matter volume from the “aseg”
output in Freesurfer. However, because Freesurfer does not
provide a “ventrolateral prefrontal cortex” volumetric mea-
surement, we combined the gray matter volumes calculated
for the pars opercularis, pars orbitalis, and pars triangularis.
This method has been used in other studies to provide a vol-
umetric measurement of the vIPFC (Ding et al., 2015;
Vijayakumar et al., 2014). For the post hoc analysis of the
specificity of the results, we also calculated gray matter vol-
ume for the precentral gyrus, basal ganglia, and lateral occip-
ital gyrus. For the precentral gyrus and lateral occipital gyrus
volume, we used the gray matter volume calculated by the
automatic segmentation and output in “aseg.” Freesurfer au-
tomatic segmentation does not have an explicit segmentation
for the basal ganglia; however, we calculated the basal ganglia
volume by taking the sum of the volume of the caudate, pu-
tamen, and globus pallidus (Hutcheson et al., 2014; Qiu et al.,
2009; Wyciszkiewicz & Pawlak, 2014).

Regional gray matter analysis: regression models

After conducting quality control on the segmented images
from Freesurfer, volumetric information from the subcortical
structures were transferred into SPSS (Statistical Package for
the Social Sciences, IBM) for analysis. Based on our a priori
hypothesis, the analysis focused on the volumes of the hippo-
campus, amygdala, and vIPFC. Hippocampal and amygdala
volumes were examined for outliers using a protocol designed
for outlier detection for Freesurfer volumetric analysis (http://
enigma.loni.ucla.edu/protocols/), consistent with other studies
(Guadalupe et al., 2014; Stein et al., 2012; Wang et al., 2017).
Based on these criteria, no participants’ data for the hippocam-
pus, amygdala, or vVIPFC was detected as an outlier. It has been
discussed that controlling for age and sex is critical when
studying the relationship between family income and gray
matter volume (Brito & Noble, 2014), and total gray matter
volume is associated with both age and sex (Gur et al., 1999;
Taki et al., 2011). Total gray matter volume was calculated
during the processing pipeline (retrieved from the “aseg™ out-
put) and reflects the sum of the gray matter volume in the left
cortex, right cortex, subcortical regions, and cerebellum.
Therefore, to test the relationships between INR, amygda-
la/hippocampal/vIPFC volume, and threat bias, we used sep-
arate multiple regressions for each hypothesis and controlled
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for age, sex, race/ethnicity, and total gray matter volume.
Similarly, we used separate multiple regressions to test the
association between maternal education, amygdala/hippocam-
pal/VIPFC volume, and threat bias, which controlled for age,
sex, race/ethnicity, and total gray matter volume and a False
Discovery Rate (FDR) correction of ¢ < 0.05. For these re-
gressions, covariates were all entered in the same block, be-
cause we did not have a specific a priori reason to use a
stepwise regression, and this procedure may introduce bias
(Harrell, 2001). However, we have included the regression
results using a stepwise elimination processes (see the
Supplementary Material). To further examine the specificity
of the INR versus maternal education results, we conducted a
multiple regression in which INR, maternal education, and
threat bias were simultaneous predictors of the gray matter
volumes. We also used a Williams’ test (Wilcox & Tian,
2008) to examine whether there was a statistically significant
difference between the correlation between INR and our hy-
pothesized brain region’s volume and maternal education and
the hypothesized region’s volume. Furthermore, we used an
additional Williams’ test to examine if there was a significant
difference between the associations between INR and threat
bias and maternal education and threat bias. These tests were
implemented using R’s “psych” package (Revelle, 2014).

Results
Demographic variables

Income-to-needs ratio did not differ by child sex or child
race/ethnicity (ps > 0.05). INR was correlated with age (r =
0.34, p < 0.05) for the sample; the older participants in the
sample tended to have a higher INR. INR was not significantly
correlated with total gray matter volume or intracranial volume.
Maternal education also did not differ by child sex and did not
differ by child ethnicity (ps > 0.05). There was no significant
correlation between maternal education and child age, total
gray matter volume, or total intracranial volume (ps < 0.05)
The time interval between the home visit and MRI visit was
not correlated with INR nor threat bias scores. There was a
significant correlation between maternal education and the in-
terval between the home visit and lab visit (» = 0.41, p < 0.05).
Age, sex, and ethnicity were not significantly related to the
attentional bias to threat scores. There was a positive associa-
tion between INR and maternal education (» = 0.42, p < 0.05).
In the post hoc analyses, we examined the specificity of the
results to INR by including child 1Q, anxiety symptoms, and
pubertal status in the models. There was a significant correla-
tion between INR and child IQ (» = 0.050, p < 0.01) but not a
significant correlation between INR and anxiety symptoms (as
measured by the SCARED) and pubertal status (p < 0.05).
There was a significant correlation between maternal education
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and child IQ (r = 0.60, p < 0.0001) and significant correlation
between maternal education and anxiety symptoms (= —0.45,
p < 0.01); the correlation between maternal education and pu-
bertal status was not significant (p > 0.05).

SED and volumes of a priori brain regions

A multiple regression with INR as a regressor and participant
age, sex, and total gray matter volume as covariates revealed a
significant regression equation (F(4, 29) = 7.04, p < 0.001)
with an R of 0.49. There was a significant relationship be-
tween INR and left hippocampal volume (5 = 0.61, p <
0.0001, /* = 0.96; Figures 1 and 2a). A similar regression
model revealed a significant regression equation for the rela-
tionship between the INR and right hippocampal volume (F(4,
29) = 4.66, p < 0.01) with an R’ of 0.39. The regression
indicated that higher INR was associated with higher right
hippocampal volume (3 = 0.39, p < 0.05, /> = 0.63;
Figure 2b). For the left amygdala (Figure 2c), the association
with INR was not significant (p > 0.05). The regression equa-
tion for the right amygdala was significant, (F(4,29)=5.91,p
< 0.01) with an R’ of 0.44. Therefore, higher INR was asso-
ciated with higher right amygdala volume (5= 0.41, p < 0.01,
/= 0.78). There was not a significant relationship between
INR and left (p > 0.05) or right ventrolateral prefrontal cortex
(p > 0.05). Scatter plots of the relationship between raw INR
and the raw gray matter volumes for the hippocampus and
amygdala are available as Supplementary Figure 2.

A multiple regression with maternal education as a regres-
sor and participant age, sex, and total gray matter volume did
not find a significant relationship between maternal education
for left hippocampal volume (p > 0.05), right hippocampal
volume (p > 0.05), left amygdala volume (p > 0.05), right

Fig. 1 Example of the automatic segmentation of the amygdala (blue
color) and hippocampus (green color)

amygdala volume (p > 0.05), left vIPFC (p > 0.05), or right
vIPFC (p > 0.05).

Associations among SED, brain volumes, and threat
bias scores

As the associations between maternal education and brain
volumes were not significant, we focused our analysis on
INR. First, we examined the relationship between INR and
threat bias scores on the dot probe paradigm. We used a mul-
tiple regression controlling for participants’ age, and sex and
INR was significantly related to threat bias (3 = —0.39, p <
0.05, /* = 0.32) despite a regression equation that was not
significant (F(3, 30) = 1.93, p > 0.05). A multiple regression
controlling for the sex, age, and total gray matter volume of
the participants was used to examine the association between
hippocampal volumes and threat bias. The regression equation
was significant F(4, 29) = 3.63, p < 0.05), and an R’ =033
threat bias was associated with left hippocampal volumes (3 =
-0.42, p < 0.05, f* = 0.49). Therefore, lower left hippocampal
volume was associated with increased attentional bias to
threatening faces on the affective dot probe paradigm (see
Figure 3a for the partial regression plot controlling for age,
sex, and total gray matter volume; see Supplementary Figure 2
for the scatter plot of the relationship between raw
hippocampal volumes and raw threat bias scores). The non-
significant F test suggests that there is a better fitting model for
data. However, to keep consistent with the other regression
models we included the same covariates. While mediation
testing is not suggested for cross-sectional data (Maxwell &
Cole, 2007), we tested the mediation in an exploratory analy-
sis to be followed up with future longitudinal data (see
Supplementary Material). While we cannot establish direc-
tionality, we provide a path diagram of the main results of
the study, e.g. the associations between INR, left hippocampal
volumes, and threat bias (Figure 3b).

There was no significant relationship between threat bias
scores and volume in the right hippocampus, bilateral amyg-
dala, or bilateral vIPFC. We also examined the relationship
among INR, brain volumes, and attentional bias to happy
stimuli scores using the same covariates and found no signif-
icant association.

Testing the specificity of SED results

First, as several separate regressions were used, we corrected
for multiple testing using the Benjamini-Hochberg procedure
(Benjamini & Hochberg, 1995) treating INR models and ma-
ternal education models as separate analyses. We used a False
Discovery Rate (FDR) correction of g < 0.05. At this thresh-
old, all the results included in section 3.2 and 3.3 remained
significant except for the relationship between INR and threat
bias (Benjamini-Hochberg p = 0.057).
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Fig. 2 (a) Partial regression plot of the relationship between residual

income-to-needs ratio (INR) and residual left hippocampal volumes. (b)

Partial regression plot of the relationship between residual INR and re-

sidual right hippocampal volumes. (¢) Partial regression plot of the

relationship between residual INR and residual right amygdala

Second, we conducted each multiple regression using INR,
maternal education, and attentional bias to threat scores as
simultaneous predictors. In a multiple regression, including
INR, maternal education, threat bias scores, age, sex, and total
gray matter volume, INR was significantly associated with the
left hippocampus (8 = 0.56, p < 0.01, /# = 1.22) and right
hippocampus (3 = 0.48, p < 0.05, / = 0.75). INR was not
significantly associated with the left amygdala (p > 0.05) and
significant for the right amygdala (3 = 0.40, p < 0.05, f* =
0.88). Consistent with the main analysis findings, for the left
and right vIPFC, INR was not significant (ps > 0.05). Maternal
education and threat bias scores were not significantly associ-
ated with gray matter volume for each region of interest (ps >
0.05).

Third, we used a Williams’ test to examine if there was a
significant difference between two correlations (INR and
brain structure and maternal education and brain structure).
The Williams’ test indicated that there was a significant dif-
ference among the correlations between INR and left hippo-
campal volume and between maternal education and left
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volumes. For all the figures, the values reflect residuals from the
models with age, sex, and total gray matter volume as covariates.
Scatter plots of the raw data can be found in the Supplementary
Material (Supplementary Figure 1)

hippocampal volume (t = 2.2, p < 0.05). The Williams’ test
indicated that there was a difference at a trend level in the right
hippocampus (t = 1.94, p = 0.06). The Williams’ tests for the
bilateral amygdala were not significant (ps > 0.05). Therefore,
particularly in the left hippocampus, a region that is also as-
sociated with threat bias, we had the strongest evidence that
INR but not maternal education was associated with smaller
volume. We also used a Williams’ test to examine whether
there was a significant difference amid the correlations be-
tween INR and threat bias and maternal education and threat
bias. The Williams’ test indicated that the correlations were
not significantly different (p > 0.05).

Also, as an exploratory analysis to test the specificity of the
results, we examined the relationship between INR and vol-
umes of the precentral gyrus, lateral occipital gyrus, and basal
ganglia using multiple regressions controlling for age, sex,
and total gray matter volume. We specifically tested regions
that we did not expect to have an association with INR.
Consistent with our hypothesis, INR was not associated with
gray matter volumes for the precentral gyrus, lateral occipital
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Fig. 3 (a) Partial regression plot of the relationship between residual INR
and residual threat bias scores controlling for age and sex. (b) Partial
regression plot of the relationship between residual attentional bias to
threat scores and residual left hippocampal volumes. The values reflect
residuals from the model with age, sex, and total gray matter volume as
covariates. A scatter plot of the raw data can be found in the

gyrus, or basal ganglia volume (ps > 0.05). These exploratory
analyses confirm the specificity of the results to the hippocam-
pus and amygdala (by demonstrating it is not a global effect)
and provide evidence for future studies of the specific rela-
tionship between INR and gray matter volume in reward pro-
cessing regions.

Fourth, we ran a post hoc multiple regression with child’s IQ
included as a covariate. This regression also included sex, age,
and total gray matter volume as covariates. INR remained sig-
nificant for the left hippocampus (3= 0.62, p < 0.001, /* = 0.96)
and right hippocampus (5 = 0.42, p < 0.05, £ = 0.63).
Consistent with the other models, the left amygdala was not
significant (p > 0.05); however, the association remained for
the right amygdala (3 = 0.45, p < 0.01, /* = 0.85). Despite not
surviving the multiple comparisons correction in the main anal-
ysis, the association between INR and threat bias remained
significant with 1Q included in the model along with sex and
age (3 =—-0.41, p < 0.05, f* = 0.19). The association between
left hippocampal volume and threat bias score remained signif-
icant when age, sex, and total gray matter volume and 1Q were
included as covariates (3 = —0.42, p < 0.05, £ = 0.51).
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Supplementary Material (Supplementary Figure 2). (c) A path diagram
of the main findings of the study. The solid line indicates significant
associations (p < 0.05) controlling for age, sex, and total gray matter
volume. The dotted line indicates a relationship that did not survive
correction for multiple comparisons (¢ < 0.05). *Indicates that this
relationship did not survive multiple comparisons correction

Fifth, we conducted an additional post hoc multiple regres-
sion including SCARED (Birmaher et al., 1997) scores (a
measure of pediatric anxiety symptoms) as a covariate in ad-
dition to age, sex, and total gray matter volume. In this model,
INR remained significant for the left hippocampus (6= 0.65, p
<0.001, = 1.00), right hippocampus (3= 0.45, p < 0.05, f* =
0.72), and right amygdala (3 = 0.45 p < 0.05, f* = 0.85).
Consistent with other models, the left amygdala was not sig-
nificant (p > 0.05). The relationship between INR and threat
bias was not significant but trending when including
SCARED scores, age, and sex in the model (3 = —0.39, p =
0.0501, # = 0.19). The association between left hippocampal
volume and threat bias remained significant when SCARED
scores, age, sex, and total gray matter volume were included
as covariates (3= —0.41, p < 0.05, £ = 0.49)

Lastly, we conducted an additional post hoc regression to
include pubertal status as measured by the Petersen Physical
Development Scale (Petersen et al., 1988) as a covariate. In
the model that included pubertal status, age, sex, and total gray
matter volume, INR remained significant for the left hippo-
campus (3= 0.62, p < 0.001, * = 1.12), right hippocampus (3
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=0.40, p < 0.01, # = 0.96), and right amygdala (3= 0.41, p <
0.01, /* = 0.78). Similarly, the left amygdala was not signifi-
cantly associated with INR (p < 0.05). The relationship be-
tween INR and threat bias remained significant when puberty
status was included in the model (3 = —0.39, p < 0.05, f =
0.66) despite not surviving the correction for multiple com-
parisons in the main analysis. The association between left
hippocampal volume and threat bias scores remained signifi-
cant when pubertal status, age, sex, and total gray matter vol-
ume were entered as covariates (6 =-0.43, p < 0.05, f =0.61).
Therefore, the main results largely independent of the child’s
1Q, current anxiety symptoms, and puberty status.

Discussion

In this study, we address the following research questions: 1)
Is SED related to gray matter volume in the amygdala, hippo-
campus, and ventrolateral prefrontal cortex? 2) Are SED and
gray matter volumes in the hippocampus, amygdala, and ven-
trolateral prefrontal cortex related to higher attentional bias to
threat? For our first research question, we found that lower
income-to-needs ratio was associated with lower gray matter
volume in the bilateral hippocampus and right amygdala but
not in the vIPFC. Additionally, we found that lower INR was
associated with greater attentional bias to threat and lower left
hippocampal volume was associated with greater attentional
bias to threat. Overall, these findings extend the current
knowledge on SED-related variations in brain structure and
their relation to risks for negative emotional outcomes. We
provide evidence of a relationship between the left hippocam-
pus and attentional bias to threat, a risk marker for affective
disorders, such as anxiety. Future studies examining the spe-
cific functional role of the hippocampus in attentional bias to
threat in the case of childhood SED and the relationship be-
tween structure and function in this context are needed.

Our hippocampal findings are consistent with several stud-
ies that have reported positive associations between family in-
come and gray matter volume (Johnson et al., 2016). We ex-
tended the existing literature by finding the associations in mid-
dle childhood. Studies across the lifespan reported a relation-
ship between family income and gray matter volume with these
effects present in samples as young as infancy (Hair et al.,
2015), to middle childhood to early adulthood (Hanson et al.,
2015; Jednordg et al., 2012), into middle (Butterworth,
Cherbuin, Sachdev, & Anstey, 2011) and late adulthood (Staff
et al., 2012). While the association was stronger in the left
hippocampus for our study, we find support for a relationship
between family income and bilateral hippocampal volume.

We extend the understanding of the association between
family income and hippocampal development by examining
a behavioral risk marker for psychopathology. Our study sug-
gests a positive relationship between income-to-needs ratio

@ Springer

and left hippocampal volume and a negative relationship be-
tween left hippocampal volume and attentional bias to threat.
Additionally, we found that lower INR was associated with
greater attentional bias to threat; however, this finding should
be interpreted with caution, because it did not survive the
multiple comparisons threshold. The finding is consistent with
other studies that have found childhood adversity in the form
of physical abuse to be related to increased attentional bias to
threatening faces (Pollak & Tolley-Schell, 2003). However, a
recent study found that children from families experiencing
low income were more likely to have an attentional bias away
from, not toward, threat (Raver et al., 2017). In this study,
negative images included various threatening information, in-
cluding animals, objects, and situations. Additionally, stimuli
were presented for 250 ms, whereas the paradigm of the cur-
rent study includes only threatening faces, which were pre-
sented for 500 ms. The differences in the study designs may
contribute to the inconsistent findings as attentional bias to-
ward or away from threats is highly sensitive to these design
factors (Cisler, Bacon, & Williams, 2009; Koster, Crombez,
Verschuere, & De Houwer, 2004; Matlow, Gard, & Berg,
2012). It has been demonstrated that both anxious and
nonanxious children have significant attentional bias to threat;
however, nonanxious children learn to inhibit this bias with
age and anxious children do not (Kindt, Brosschot, &
Everaerd, 1997; Kindt & Van Den Hout, 2001). These find-
ings could explain the individual differences observed in our
sample such that children experiencing low family income
with large attentional biases to threat may have difficulties
inhibiting attentional allocation to threat, whereas some chil-
dren experiencing low family income may have no attentional
bias to threat or attentional bias away from threat. Thus, atten-
tional bias to threat often is more clearly observed in children
at risk for developing psychopathology. For example, behav-
iorally inhibited (BI) children showed increased attentional
bias to threat and social withdrawal compared with non-BI
children in adolescence (Pérez-Edgar, Bar-Haim, et al.,
2010). It is noteworthy that the mean reaction times between
threat and happy trials were similar. However, there was no
significant association between the hippocampus, amygdala,
or VIPFC for the happy trials (ps > 0.05). This supports the
specificity of the results to attentional bias to threat as opposed
to the degree of which the faces had affective expressions
(happy or threat). Thus, the regression analyses may suggest
the specific associations among INR, hippocampal volume,
and attentional bias to threat.

While the amygdala is more traditionally thought to play a
role in attentional bias to threat, our results suggest the mor-
phometry of the hippocampus also may be involved in threat
bias. Activity in the hippocampus has been associated with
attentional bias to threat; specifically, it has been associated
with deficits in disengagement from threat towards neutral
stimuli (Price et al., 2014). It has been hypothesized that the
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hippocampus in a network of regions, including the amygdala
and prefrontal cortex, is involved in distinguishing new infor-
mation regarding threat from previously learned information
(Milad & Quirk, 2012). Further studies will be needed to
examine the structure-function relationship of the hippocam-
pus in attentional bias to threat. However, we add further ev-
idence to the body of literature that also suggest a direct link
between the structure of the hippocampus and attentional bias
to threat (Cha et al., 2016; Fani et al., 2013; Grupe et al.,
2016).

Like the hippocampal volumes, for the right amygdala in
our sample, lower INR was associated with lower, not greater,
gray matter volume. This finding replicates the positive rela-
tionship found between INR and amygdala volume as similar
results were observed at age 10 years (Barch et al., 2016). The
finding is consistent with a study that found that children
experiencing low SES (ages 9-15 years) had smaller left
amygdala volumes than comparison children (Hanson et al.,
2015). While INR was only associated with the right amyg-
dala, any interpretations concerning the laterality of the find-
ing will need larger sample sizes. However, in contrast to the
hippocampus, we did not find a relationship between amyg-
dala volume and threat bias. While abnormal functional activ-
ity patterns in the amygdala have strongly been associated
with threat bias across several age groups and disorders
(Bishop, 2008; Monk et al., 2008; Price et al., 2014; Roy
et al., 2008), little is known about the specific link between
amygdala structure and threat bias. In a study examining the
structure of the amygdala, consistent with our findings, atten-
tional bias to threat using a dot probe paradigm was not asso-
ciated with amygdala gray matter volume (Carlson, Reinke, &
Habib, 2009). To address the questions of the relationship
between amygdala structure and function in threat bias, future
studies are needed to examine the relationship among family
income, amygdala structure, and threat bias, including both
the neural measures of the morphometry and task-related
functional activation.

Relationships between prefrontal cortex volume and family
income have been previously reported (Hair et al., 2015;
Hanson et al., 2013; Holz et al., 2015); however, we did not
find a significant relationship between INR and vIPFC gray
matter volume. This may be due to the relatively small
parcellation of the prefrontal cortex we used as we had an a
priori hypothesis of the VIPFC based on previous attentional
bias to threat fMRI studies. While the functional activity of the
vIPFC has been demonstrated in several studies of attentional
bias to threat (Bishop, 2008; Monk et al., 2006; Monk et al.,
2008), we also did not find evidence of a relationship between
the gray matter volume of the vIPFC and attentional bias to
threat. The null findings may be in part explained by the dif-
ferent developmental trajectories of subcortical and cortical
development and a relationship between INR, the vIPFC gray
matter, and threat bias, which may only be present when the

prefrontal cortex reaches maturity in early adulthood (Giedd
et al., 1999). Future studies will be needed to examine the
specific regions of the prefrontal cortex associated with INR
in middle childhood as well as the contribution of function
versus structure of the VIPFC in attentional bias to threat. We
also note that all our findings should be interpreted with cau-
tion, because we should not conflate structure and function of
the brain.

Studies of SED typically chose to focus on one indicator of
socioeconomic status, such as family income or maternal ed-
ucation. However, this study chose to include both indicators.
We acknowledge that socioeconomic status is a multidimen-
sional construct in which INR and maternal education may be
missing some of the complexity. For example, in some cases
maternal education may play a moderating role between SED
and child developmental outcomes (Augustine & Crosnoe,
2010; Hoff, 2003; Miller et al., 2011). Unfortunately, due to
our small sample size, we could not conduct the moderation
analysis. However, due to the mixed evidence reported
concerning the direct effects of maternal education and brain
morphometry (Hanson et al., 2011; Luby et al., 2013; Noble,
Grieve, et al., 2012), we also examined its direct effect. We
contribute to evidence suggesting a nonsignificant relation-
ship between maternal education and gray matter volume in
the hippocampus, amygdala, and prefrontal cortex (Hanson
etal.,2011; Luby et al., 2013). Furthermore, we tested wheth-
er the correlation between INR and brain structure and mater-
nal education and brain structure was significantly different.
For the left hippocampus, we provided evidence of a signifi-
cant difference between the correlations. This finding supports
the hypothesis that INR and maternal education capture
unique aspects of a child’s environment and therefore may
have different relationships with brain structure (Brito &
Noble, 2014).

We further tested the specificity of our results in several
different ways. First, we examined if the association between
INR and hippocampal/amygdala volume was specific to these
regions by also examining the relationship in brain regions
that we did not hypothesize to be related to INR. We hypoth-
esized INR would not be related to the volume of the
precentral gyrus, basal ganglia, and lateral occipital gyrus.
There was no significant association between INR and
precentral gyrus or lateral occipital gyrus volume. This sug-
gests the associations between INR and brain morphometry
may be specific to certain regions (the hippocampus or amyg-
dala) and may not be associated with brain structure globally.
We did not find a significant correlation between INR and
basal ganglia volume. Second, we provided post hoc regres-
sion analyses to indicate that the results were not driven by the
children’s 1Q, anxiety symptoms as measured by the
SCARED, or pubertal status.

While smaller hippocampal and amygdala volumes and
increased attentional bias to threat are considered as negative
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outcomes, we would like to discuss alternative explanations.
First, from infancy to adolescence, hippocampal gray volume
increases nonlinearly with its volume peaking from 9-11 years
old (Raz et al., 2005; Uematsu et al., 2012; Voineskos et al.,
2015). A similar pattern is observed for the amygdala with its
volume peaking within the same age range (Payne, Machado,
Bliwise, & Bachevalier, 2010; Uematsu et al., 2012). In more
extreme cases of early adversity, such as maternal deprivation,
amygdala functional connectivity to the prefrontal cortex has
been shown to reach more mature, adult-like patterns earlier
compared with children who had not experienced maternal
deprivation (Gee et al., 2013). Therefore, our results for the
smaller hippocampal and amygdala volumes in children
experiencing low family income may reflect accelerated struc-
tural maturation (such as increased synaptic pruning) associ-
ated with exposure to early adversity. While the smaller vol-
ume may reflect increased synaptic pruning, it may not be
adaptive regarding attentional bias to threat as smaller vol-
umes were associated with greater threat bias scores. Animal
studies suggest that short-term neuronal remodeling in the
context of chronic stress is an adaptive function to protect
the brain structure from excitotoxicity (McEwen, Eiland,
Hunter, & Miller, 2012). However, this response to stress
(shrinkage of dendrites in the CA3 region, and loss of spines
in CA1 neurons) may have long-term consequences and pro-
mote maladaptive behaviors in response to stress in the future
(Davidson & McEwen, 2012). However, we highlight that
evidence from animal models suggests that dendritic remod-
eling associated chronic stress is not fixed and has shown to be
reversible (McEwen, 2016), as well as amenable to interven-
tions (Davidson & McEwen, 2012). It is important to note,
however, that animal models cannot capture all aspects of the
experience of SED (Hackman, Farah, & Meaney, 2010;
Thapar & Rutter, 2015) and should always be interpreted with
caution. However, currently they are useful to inform human
studies about cause and effect relationships between SED and
the brain (Perry et al., 2018).

Similarly, for children experiencing low family income,
attention bias to threat to some degree may be adaptive to
efficiently respond to possible dangerous situations in the en-
vironment (Sussman, Winkler, & Schroger, 2003). Therefore,
it is critical to examine situations in which attentional bias to
threat may be towards the extreme end and therefore a poten-
tial socioemotional risk marker for psychopathology. As sug-
gested by biological embedding, differences in the quality of
an individual’s early environment may “sculpt” the develop-
ment of the central nervous system, which then may impact
cognitive, social, and behavioral development (Hertzman,
1999). For some children experiencing low income, the expo-
sure to increased levels of family turmoil, violence in the
home, and violent crime in the neighborhood may increase
the allocation of attentional resources towards potential threats
in the environment to respond quickly. According to the
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theory of experiential canalization, living in a low-resource
environment involves adaptations that have short-term bene-
fits that may eventually lead to long-term costs (Blair &
Raver, 2012). Neurobiological and psychological mecha-
nisms (such as lower hippocampal volume and attentional bias
to threat) may be protective by promoting short-term adapta-
tions but can contribute to long-term dysregulation of stress
mechanisms, which can have deleterious effects on resiliency
to stress and outcomes, such as mental health (McEwen &
Gianaros, 2010).

The findings should be considered bearing in mind the
following limitations. First, the sample size of the current
study was modest and will need replication in a larger sample
size. We replicated findings from studies analyzing the rela-
tionship between INR and the hippocampus and amygdala;
however, we will need to replicate the associations with atten-
tional bias to threat in a large sample of children. Second, INR
may influence the brain and emotional development through
lack of cognitive stimulation in the home environment (Barry,
Vervliet, & Hermans, 2015; Conger, Conger, & Martin, 2010;
Lipina et al., 2013), toxins from the environment (Gray,
Edwards, & Miranda, 2013; Liu & Lewis, 2014), or nutrition-
al deprivation (Kant & Graubard, 2012). Thus, it is important
for future studies to examine the role of these risk factors to
understand further the environmental and biological pathways
of the neural embedding of INR. Additionally, the study did
not focus on paternal psychopathology. This aspect should be
explored in the future as a potential confound or moderator of
the relationship between SED and brain morphometry (Brown
& Moran, 1997; Hackman et al., 2010; Spence, Najman, Bor,
O'callaghan, & Williams, 2002). Furthermore, SED can co-
vary with maltreatment, abuse, and neglect as well as parental
substance abuse (Conger, Conger, & Martin, 2010;
Herrenkohl & Herrenkohl, 2007; Trickett, Aber, Carlson, &
Cicchetti, 1991). While the current study was limited in its
ability to address the potential relations between the findings
and these factors, future studies should investigate the unique
contributions of the different risk factors for brain structural
development. Third, we assessed the relationship between
INR and brain structure based on the INR that was calculated
for the last 12 months of the participant’s life. While this is one
of the most objective and commonly used methods to assess
socioeconomic status, this measurement does not assess the
chronicity of the exposure. Thus, it is unclear whether the
variations in brain structure in the current study are associated
with family income during the past year or family income
since birth. To further examine the timing versus the chronic-
ity of exposure, future studies are needed to assess the amount
of time spent in low-income environments and its relationship
to neural morphometry and attentional bias to threat.

Fourth, due to the cross-sectional nature of our data, we
could not test whether left hippocampal volumes mediated
the relationship between family income and attentional bias
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to threat. While substantial biases in the parameters have been
shown for cross-sectional mediation (Maxwell & Cole, 2007,
Maxwell, Cole, & Mitchell, 2011), we provide evidence of a
potential mediational model that will need to be followed up
with a longitudinal study in which mediation can be accurately
examined. Fifth, the stability of the dot probe paradigm has
recently come into debate as some studies have demonstrated
poor internal reliability and test-retest reliability (Kappenman,
Farrens, Luck, & Proudfit, 2014; Price et al., 2015; Schmukle,
2005). Because we only measured the dot probe at one-time
period, we could not assess the reliability of our estimates.
There also are alternative methods for assessing attentional
bias to threat scores using the dot probe (Price et al., 2015).
These approaches will help to determine whether threat bias
reflects an enhance orientation to nonneutral stimuli or a dif-
ficulty in disengagement from nonneutral stimuli. Replication
of these findings could include eye-tracking to rule out possi-
ble location effects during the dot probe (a correspondence
between the spatial location of the probe and the location of
the participant’s attention). Thus, it will be important that fu-
ture studies will include multiple sessions of the dot probe to
examine the reliability of the threat bias measure. Lastly, our
analysis was limited by the atlas used by Freesurfer for the
segmentation. We chose structures that we hypothesized
would be associated with both SED and attentional bias to
threat. Regarding attentional bias to threat, we could not cap-
ture all the structures that have been implicated in this task.
For example, the dot probe has been shown to involve activity
in multiple subcortical regions in the ascending reticular ac-
tivity system (Pine, 2003; Price et al., 2013; Sara & Bouret,
2012). However, we could not examine these regions, because
they were not adequately defined in the atlas used for segmen-
tation. Future studies using manual tracing or automatic seg-
mentation with an atlas that includes these regions will be
critical to assess the potential relationship between these struc-
tures, INR, and threat bias. Additionally, while there have
been studies of the relationship between family income and
cortical thickness (Lawson, Duda, Avants, Wu, & Farah,
2013; Noble et al., 2015), we focused on gray matter volume,
because subcortical morphometry and thickness measure-
ments are not provided for these regions. We acknowledge
the limitations of the correlational relationship between INR,
gray matter volume, and threat bias. Future studies using an
intervention or longitudinal approach will help to understand a
mechanism of associations among socioeconomic status,
brain structure, and socioemotional behavior in children.
Future directions include examination of cortical thickness
(focusing on the prefrontal cortex), functional activity (e.g.,
affective dot-probe fMRI), and structural connectivity (e.g.,
white matter organization) in and between these regions and
its relationship to family income and attentional bias to threat.
It will be critical to examine the functional connectivity be-
tween the amygdala and hippocampus as well as their

connectivity with other brain regions as altered connectivity
patterns have been observed across several types of early ad-
versity (Cisler et al., 2013; Gee et al., 2013; Sripada, Swain,
Evans, Welsh, & Liberzon, 2014).

Conclusions

In the current study, we found a positive relationship between
income-to-needs ratio and gray matter volume during middle
childhood specifically in the bilateral hippocampus and right
amygdala. Additionally, we observed an association between
lower income-to-needs ratio and attentional biased responses
to threatening faces on an affective dot probe, although this
finding did not survive multiple comparison correction.
Lastly, lower left hippocampal volumes were associated with
greater attentional bias to threat. The main contribution of
these findings is extending the current knowledge about the
associations between family income-related variations in brain
structure and neural and behavioral risk for socioemotional
outcomes. Previous studies focus more on the associations
between childhood SED, brain structure, and cognitive out-
comes, such as executive function and academic performance.
However, SED has been associated with elevated risks for
negative socioemotional outcomes. Thus, the current study
addresses the gap in the literature by demonstrating an
environment—brain morphometry—behavior relationship
that may play a role in the relationship between childhood
SED and socioemotional difficulties.

Our findings may provide evidence of possible early
socioemotional and neural risk markers for socioemotional
difficulties for children living in families experiencing low
income. Middle childhood is a developmental period in which
symptoms of psychopathology arise, specifically anxiety and
mood disorders (Feng, Shaw, & Silk, 2008; Shanahan,
Calkins, Keane, Kelleher, & Suffness, 2014). Thus, it is crit-
ical to detect the relationship among environmental risks,
brain morphology, and behavioral markers that have been as-
sociated with pediatric anxiety (Puliafico & Kendall, 2006)
and internalizing symptoms (Hardee et al., 2013). While the
data provide preliminary evidence for an association between
INR, left hippocampal volume, and attentional bias to threat,
future studies will be needed to examine this relationship in
greater depth.

We acknowledge that the sample of children in this study
did not have a current or past diagnosis of psychopathology.
This was to reduce a confounding effect of psychopathology
on the associations between SED and outcomes. This is likely
to explain why the main findings of the study was independent
of current anxiety symptoms. Attentional bias to threat has
been well-researched in terms of predictive ability of anxious
behavior later in development (Pérez-Edgar, Bar-Haim, et al.,
2010a; Pérez-Edgar, McDermott, et al., 2010b; Pérez-Edgar
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et al., 2011). Thus, caution is required for interpreting the
results of the current study. The variation in the gray matter
volume and attentional bias to threat suggest only potential
risks for future psychopathology or subclinical symptoms.
Our findings may help to support initiatives for preventative
efforts to start earlier, such as middle childhood, when the
amygdala and hippocampal structures may have increased
vulnerability. Our results may elucidate a mediational path-
way in which the structure of the left hippocampus mediates
the relationship between INR and attentional bias to threat,
which will need to be established using longitudinal data.

Acknowledgements This work was supported by the National Institute
of Child Health and Human Development [R21HD078797; RO1
HD090068]; the Professional Research Opportunity for Faculty (PROF)
and Faculty Research Fund (FRF), University of Denver; and the Victoria
S. Levin Award For Early Career Success in Young Children's Mental
Health Research, Society for Research in Child Development (SRCD).
Special thanks to Daniel Mason, Christian Capistrano, Laura Jeske,
Daniel Bartholomew, Naomi Wallace, Nanxi Xu, and Christina
Congleton for their help in recruitment, data collection, and data entry.
The authors thank Christopher Madan for his guide on visualization of the
MRI data (https://f1000research.com/articles/4-466/v1), Dr. Sarah
Watamura for her insightful comments on the manuscript, as well as Dr.
Cathy Durso, Dr. Kimberly Chiew, and Dr. Peter Sokol-Hessner for their
comments on the statistical analyses. The authors also thank Rebekah
Tribble for her editorial comments. The authors declare that they have
no conflicts of interest in the research.

Publisher’'s Note Springer Nature remains neutral with regard to juris-
dictional claims in published maps and institutional affiliations.

References

Abend, R., Pine, D., & Bar-Haim, Y. (2014). The TAU-NIMH Attention
Bias Measurement Toolbox.

Alvarez, R. P, Biggs, A., Chen, G., Pine, D. S., & Grillon, C. (2008).
Contextual fear conditioning in humans: Cortical-hippocampal and
amygdala contributions. Journal of Neuroscience, 28(24), 6211-6219.

Augustine, J. M., & Crosnoe, R. (2010). Mothers’ depression and educa-
tional attainment and their children’s academic trajectories. Journal
of Health and Social Behavior, 51(3), 274-290.

Bar-Haim, Y., Lamy, D., Pergamin, L., Bakermans-Kranenburg, M. J., &
Van Ijzendoorn, M. H. (2007). Threat-related attentional bias in
anxious and nonanxious individuals: A meta-analytic study.
Psychological Bulletin, 133(1), 1.

Barch, D., Pagliaccio, D., Belden, A., Harms, M. P., Gaffrey, M.,
Sylvester, C. M., . . . Luby, J. (2016). Effect of hippocampal and
amygdala connectivity on the relationship between preschool pov-
erty and school-age depression. American Journal of Psychiatry,
173(6), 625-634.

Barry, T. J., Vervliet, B., & Hermans, D. (2015). An integrative review of
attention biases and their contribution to treatment for anxiety dis-
orders. Front Psychol, 6, 968. https://doi.org/10.3389/fpsyg.2015.
00968

Beck, A. T. (2008). The evolution of the cognitive model of depression
and its neurobiological correlates. American Journal of Psychiatry,
165(8), 969-977.

Benjamini, Y., & Hochberg, Y. (1995). Controlling the false discovery
rate: A practical and powerful approach to multiple testing. Journal
of the royal statistical society. Series B (Methodological), 289-300.

@ Springer

Birmaher, B., Khetarpal, S., Brent, D., Cully, M., Balach, L., Kaufman, J.,
& Neer, S. M. (1997). The screen for child anxiety related emotional
disorders (SCARED): Scale construction and psychometric charac-
teristics. Journal of the American Academy of Child & Adolescent
Psychiatry, 36(4), 545-553.

Bishop, S. J. (2008). Neural mechanisms underlying selective attention to
threat. Annals of the New York Academy of Sciences, 1129(1), 141-
152.

Bishop, S. J., Duncan, J., Brett, M., & Lawrence, A. D. (2004). Prefrontal
cortical function and anxiety: controlling attention to threat-related
stimuli. Nature neuroscience, 7(2), 184-188.

Blair. (2006). How similar are fluid cognition and general intelligence? A
developmental neuroscience perspective on fluid cognition as an
aspect of human cognitive ability. Behavioral and Brain Sciences,
29(2), 109-125.

Blair, & Raver. (2012). Child development in the context of adversity:
Experiential canalization of brain and behavior. American
Psychologist, 67(4), 309.

Blakemore, S-J, Burnett, S., & Dahl, R. E. (2010). The role of puberty in
the developing adolescent brain. Human Brain Mapping, 31(6),
926-933.

Bloss, E. B., Janssen, W. G., McEwen, B. S., & Morrison, J. H. (2010).
Interactive effects of stress and aging on structural plasticity in the
prefrontal cortex. Journal of Neuroscience, 30(19), 6726-6731.

Brito, N. H., & Noble, K. G. (2014). Socioeconomic status and structural
brain development. Frontiers in neuroscience, 8, 276.

Brooks-Gunn, J., & Duncan, G. J. (1997). The effects of poverty on
children. The future of children, 55-71.

Brown, G. W., & Moran, P. M. (1997). Single mothers, poverty and
depression. Psychological Medicine, 27(1), 21-33.

Butterworth, P., Cherbuin, N., Sachdev, P., & Anstey, K. J. (2011). The
association between financial hardship and amygdala and hippo-
campal volumes: Results from the PATH through life project.
Social Cognitive and Affective Neuroscience, 7(5), 548-556.

Carlson, J. M., Reinke, K. S., & Habib, R. (2009). A left amygdala
mediated network for rapid orienting to masked fearful faces.
Neuropsychologia, 47(5), 1386-1389.

Cha, J., Greenberg, T., Song, ., Blair Simpson, H., Posner, J., & Mujica-
Parodi, L. R. (2016). Abnormal hippocampal structure and function
in clinical anxiety and comorbid depression. Hippocampus, 26(5),
545-553.

Cisler, J. M., Bacon, A. K., & Williams, N. L. (2009). Phenomenological
characteristics of attentional biases towards threat: A critical review.
Cognitive therapy and research, 33(2), 221-234.

Cisler, J. M., & Koster, E. H. (2010). Mechanisms of attentional biases
towards threat in anxiety disorders: An integrative review. Clinical
psychology review, 30(2), 203-216.

Conger, R. D., Conger, K. J., & Martin, M. J. (2010). Socioeconomic
status, family processes, and individual development. Journal of
Marriage and Family, 72(3), 685-704.

Dalgleish, T., & Watts, F. N. (1990). Biases of attention and memory in
disorders of anxiety and depression. Clinical Psychology Review,
10(5), 589-604.

Dannlowski, U., Stuhrmann, A., Beutelmann, V., Zwanzger, P., Lenzen,
T., Grotegerd, D., . . . Bauer, J. (2012). Limbic scars: long-term
consequences of childhood maltreatment revealed by functional
and structural magnetic resonance imaging. Biological psychiatry,
71(4), 286-293.

Davidson, R. J., & McEwen, B. S. (2012). Social influences on
neuroplasticity: stress and interventions to promote well-being.
Nature neuroscience, 15(5), 689.

De Bellis, M. D., Casey, B., Dahl, R. E., Birmaher, B., Williamson, D. E.,
Thomas, K. M., . . . Hall, J. (2000). A pilot study of amygdala
volumes in pediatric generalized anxiety disorder. Biological psy-
chiatry, 48(1), 51-57.


https://f1000research.com/articles/4-466/v1
https://doi.org/10.3389/fpsyg.2015.00968
https://doi.org/10.3389/fpsyg.2015.00968

Cogn Affect Behav Neurosci (2019) 19:309-326

323

De Voogd, E., Wiers, R., Prins, P., de Jong, P., Boendermaker, W.,
Zwitser, R., & Salemink, E. (2016). Online attentional bias modifi-
cation training targeting anxiety and depression in unselected ado-
lescents: Short-and long-term effects of a randomized controlled
trial. Behaviour Research and Therapy, 87, 11-22.

Dia, D. A., & Bradshaw, W. (2008). Cognitive risk factors to the devel-
opment of anxiety and depressive disorders in adolescents. Child
and Adolescent Social Work Journal, 25(6), 469-481.

Ding, Y., Lawrence, N., Olie, E., Cyprien, F., Le Bars, E., Bonafe, A., . ..
Jollant, F. (2015). Prefrontal cortex markers of suicidal vulnerability
in mood disorders: a model-based structural neuroimaging study
with a translational perspective. Translational psychiatry, 5(2),
e516.

Evans, G. W. (2004). The environment of childhood poverty. American
Psychologist, 59(2), 77.

Evans, G. W., & English, K. (2002). The environment of poverty:
Multiple stressor exposure, psychophysiological stress, and
socioemotional adjustment. Child development, 73(4), 1238-1248.

Evans, G. W., & Kim, P. (2013). Childhood poverty, chronic stress, self-
regulation, and coping. Child Development Perspectives, 7(1), 43-
48.

Fani, N., Gutman, D., Tone, E. B., Almli, L., Mercer, K. B., Davis, J., . ..
Dinov, I. D. (2013). FKBP5 and attention bias for threat:
Associations with hippocampal function and shape. JAMA
Psychiatry, 70(4), 392-400.

Feng, X., Shaw, D. S., & Silk, J. S. (2008). Developmental trajectories of
anxiety symptoms among boys across early and middle childhood.
Journal of Abnormal Psychology, 117(1), 32.

Fischl, B., Salat, D. H., Busa, E., Albert, M., Dieterich, M., Haselgrove,
C., ... Klaveness, S. (2002). Whole brain segmentation: automated
labeling of neuroanatomical structures in the human brain. Neuron,
33(3), 341-355.

Fitzgerald, A., Rawdon, C., & Dooley, B. (2016). A randomized con-
trolled trial of attention bias modification training for socially anx-
ious adolescents. Behaviour research and therapy, 84, 1-8.

Fu, X., Taber-Thomas, B. C., & Pérez-Edgar, K. (2015). Frontolimbic
functioning during threat-related attention: Relations to early behav-
ioral inhibition and anxiety in children. Biological psychology.

Gee, D. G., Gabard-Durnam, L. J., Flannery, J., Goff, B., Humphreys, K.
L., Telzer, E. H., . . . Tottenham, N. (2013). Early developmental
emergence of human amygdala—prefrontal connectivity after mater-
nal deprivation. Proceedings of the National Academy of Sciences,
110(39), 15638-15643.

Giedd, J. N., Blumenthal, J., Jeffries, N. O., Castellanos, F. X., Liu, H.,
Zijdenbos, A., ... Rapoport, J. L. (1999). Brain development during
childhood and adolescence: a longitudinal MRI study. Nature neu-
roscience, 2(10), 861-863.

Goldman, K. J., Shulman, C., Bar-Haim, Y., Abend, R., & Burack, J. A.
(2016). Attention allocation to facial expressions of emotion among
persons with Williams and Down syndromes. Development and
Psychopathology, 1-9.

Gray, S. C., Edwards, S. E., & Miranda, M. L. (2013). Race, socioeco-
nomic status, and air pollution exposure in North Carolina.
Environmental research, 126, 152-158.

Grupe, D. W., Wielgosz, J., Davidson, R. J., & Nitschke, J. B. (2016).
Neurobiological correlates of distinct post-traumatic stress disorder
symptom profiles during threat anticipation in combat veterans.
Psychological medicine, 46(9), 1885-1895.

Guadalupe, T., Zwiers, M. P., Teumer, A., Wittfeld, K., Vasquez, A. A.,
Hoogman, M., . . . Hegenscheid, K. (2014). Measurement and ge-
netics of human subcortical and hippocampal asymmetries in large
datasets. Human brain mapping, 35(7), 3277-3289.

Gur, R. C., Turetsky, B. I., Matsui, M., Yan, M., Bilker, W., Hughett, P., &
Gur, R. E. (1999). Sex differences in brain gray and white matter in
healthy young adults: Correlations with cognitive performance. The
Journal of Neuroscience, 19(10), 4065-4072.

Hackman, D. A., Farah, M. J., & Meaney, M. J. (2010). Socioeconomic
status and the brain: Mechanistic insights from human and animal
research. Nature Reviews Neuroscience, 11(9), 651.

Hair, N. L., Hanson, J. L., Wolfe, B. L., & Pollak, S. D. (2015).
Association of child poverty, brain development, and academic
achievement. JAMA Pediatrics, 169(9), 822-829.

Hall, B. S., Moda, R. N., & Liston, C. (2015). Glucocorticoid mecha-
nisms of functional connectivity changes in stress-related neuropsy-
chiatric disorders. Neurobiology of Stress, 1, 174-183.

Hankin, B. L., Snyder, H. R., & Gulley, L.D. (2016). Cognitive risks in
developmental psychopathology. Developmental Psychopathology,
Maladaptation and Psychopathology, 3, 312.

Hanson, J.L., Chandra, A., Wolfe, B.L., & Pollak, S.D. (2011).
Association between income and the hippocampus. PloS one, 6(5),
el8712.

Hanson, J.L., Chung, M. K., Avants, B. B., Shirtcliff, E. A., Gee, J. C.,
Davidson, R. J., & Pollak, S. D. (2010). Early stress is associated
with alterations in the orbitofrontal cortex: a tensor-based morphom-
etry investigation of brain structure and behavioral risk. Journal of
Neuroscience, 30(22), 7466-7472.

Hanson, J.L., Hair, N., Shen, D. G., Shi, F., Gilmore, J. H., Wolfe, B. L.,
& Pollak, S. D. (2013). Family poverty affects the rate of human
infant brain growth. PloS one, 8(12), e80954.

Hanson, J.L., Nacewicz, B.M., Sutterer, M.J., Cayo, A. A., Schaefer, S.
M., Rudolph, K. D, . . . Davidson, R. J. (2015). Behavioral prob-
lems after early life stress: Contributions of the hippocampus and
amygdala. Biological psychiatry, 77(4), 314-323.

Hardee, J. E., Benson, B. E., Bar-Haim, Y., Mogg, K., Bradley, B. P.,
Chen, G., . . . Pine, D. S. (2013). Patterns of neural connectivity
during an attention bias task moderate associations between early
childhood temperament and internalizing symptoms in young adult-
hood. Biological psychiatry, 74(4), 273-279.

Harrell, F. E. (2001). Regression modeling strategies, with applications to
linear models, survival analysis and logistic regression. GET
ADDRESS: Springer.

Hertzman, C. (1999). The biological embedding of early experience and
its effects on health in adulthood. Annals of the New York Academy
of Sciences, 896(1), 85-95.

Hoft-Ginsberg, E., & Tardif, T. (1995). Socioeconomic status and
parenting.

Hoff, E. (2003). The specificity of environmental influence:
Socioeconomic status affects early vocabulary development via ma-
ternal speech. Child Development, 74(5), 1368-1378.

Holland, P. C., & Gallagher, M. (1999). Amygdala circuitry in attentional
and representational processes. Trends in cognitive sciences, 3(2),
65-73.

Holz, N. E., Boecker, R., Hohm, E., Zohsel, K., Buchmann, A. F., Blomeyer,
D., ... Wolf, L. (2015). The long-term impact of early life poverty on
orbitofrontal cortex volume in adulthood: results from a prospective
study over 25 years. Neuropsychopharmacology, 40(4), 996.

Hutcheson, N. L., Clark, D. G., Bolding, M. S., White, D. M., & Lahti, A.
C. (2014). Basal ganglia volume in unmedicated patients with
schizophrenia is associated with treatment response to antipsychotic
medication. Psychiatry Research: Neuroimaging, 221(1), 6-12.

Jednorog, K., Altarelli, I., Monzalvo, K., Fluss, J., Dubois, J., Billard, C., .
.. Ramus, F. (2012). The influence of socioeconomic status on
children’s brain structure. PloS one, 7(8), €42486.

Johnson, S.B., Riis, J.L., & Noble, K.G. (2016). State of the art review:
Poverty and the developing brain. Pediatrics, 137(4), peds. 2015-
3075.

Kant, A. K., & Graubard, B. L. (2012). Race-ethnic, family income, and
education differentials in nutritional and lipid biomarkers in US
children and adolescents: NHANES 2003-2006. The American
Journal of clinical nutrition, ajcn. 035535.

Kappenman, E. S., Farrens, J. L., Luck, S. J., & Proudfit, G. H. (2014).
Behavioral and ERP measures of attentional bias to threat in the dot-

@ Springer



324

Cogn Affect Behav Neurosci (2019) 19:309-326

probe task: Poor reliability and lack of correlation with anxiety.
Front Psychol, 5, 1368. https://doi.org/10.3389/fpsyg.2014.01368

Kindt, M., Brosschot, J. F., & Everaerd, W. (1997). Cognitive processing
bias of children in a real life stress situation and a neutral situation.
Journal of Experimental Child Psychology, 64(1), 79-97.

Kindt, M., & Van Den Hout, M. (2001). Selective attention and anxiety:
A perspective on developmental issues and the causal status.
Journal of Psychopathology and Behavioral Assessment, 23(3),
193-202.

Koster, E. H., Crombez, G., Verschuere, B., & De Houwer, J. (2004).
Selective attention to threat in the dot probe paradigm:
Differentiating vigilance and difficulty to disengage. Behaviour re-
search and therapy, 42(10), 1183-1192.

Lawson, G. M., Duda, J. T., Avants, B. B., Wu, J., & Farah, M. J. (2013).
Associations between children's socioeconomic status and prefrontal
cortical thickness. Developmental science, 16(5), 641-652.

Lipina, S., Segretin, S., Hermida, J., Prats, L., Fracchia, C., Camelo, J. L.,
& Colombo, J. (2013). Linking childhood poverty and cognition:
environmental mediators of non-verbal executive control in an
Argentine sample. Developmental science, 16(5), 697-707.

Liston, C., & Gan, W.-B. (2011). Glucocorticoids are critical regulators of
dendritic spine development and plasticity in vivo. Proceedings of
the National Academy of Sciences, 108(38), 16074-16079.

Liu, J., & Lewis, G. (2014). Environmental toxicity and poor cognitive
outcomes in children and adults. Journal of Environmental Health,
76(6), 130.

Luby, J., Belden, A., Botteron, K., Marrus, N., Harms, M. P, Babb, C., . ..
Barch, D. (2013). The effects of poverty on childhood brain devel-
opment: The mediating effect of caregiving and stressful life events.
JAMA Pediatrics, 167(12), 1135-1142.

MacDonald, A. W., Cohen, J. D., Stenger, V. A., & Carter, C. S. (2000).
Dissociating the role of the dorsolateral prefrontal and anterior cin-
gulate cortex in cognitive control. Science, 288(5472), 1835-1838.

Maren, S., Phan, K. L., & Liberzon, 1. (2013). The contextual brain:
Implications for fear conditioning, extinction and psychopathology.
Nature reviews neuroscience, 14(6), 417.

Mathews, A., & MacLeod, C. (2005). Cognitive vulnerability to emo-
tional disorders. Annual Review on Clinical Psychology, 1, 167-195.

Matlow, R., Gard, D., & Berg, D. (2012). Difficulty disengaging from
threat in anxiety: Preliminary evidence for delayed response execu-
tion. Journal of Experimental Psychopathology, 3(3), 455-469.

Maxwell, S. E., & Cole, D. A. (2007). Bias in cross-sectional analyses of
longitudinal mediation. Psychological methods, 12(1), 23.

Maxwell, S. E., Cole, D. A., & Mitchell, M. A. (2011). Bias in cross-
sectional analyses of longitudinal mediation: Partial and complete
mediation under an autoregressive model. Multivariate Behavioral
Research, 46(5), 816-841.

McEwen, B. S. (1998). Protective and damaging effects of stress media-
tors. New England journal of medicine, 338(3), 171-179.

McEwen, B. S. (2003). Mood disorders and allostatic load. Biological
psychiatry, 54(3), 200-207.

McEwen, B. S. (2007). Physiology and neurobiology of stress and adap-
tation: Central role of the brain. Physiological reviews, 87(3), 873-
904.

McEwen, B. S. (2016). Stress-induced remodeling of hippocampal CA3
pyramidal neurons. Brain research, 1645, 50-54.

McEwen, B. S., Eiland, L., Hunter, R. G., & Miller, M. M. (2012). Stress
and anxiety: structural plasticity and epigenetic regulation as a con-
sequence of stress. Neuropharmacology, 62(1), 3-12.

McEwen, B. S., & Gianaros, P. J. (2010). Central role of the brain in stress
and adaptation: links to socioeconomic status, health, and disease.
Annals of the New York Academy of Sciences, 1186(1), 190-222.

Milad, M. R., & Quirk, G. J. (2012). Fear extinction as a model for
translational neuroscience: Ten years of progress. Annual review of
psychology, 63, 129-151.

@ Springer

Milham, M. P., Nugent, A. C., Drevets, W. C., Dickstein, D. S.,
Leibenluft, E., Ernst, M., . . . Pine, D. S. (2005). Selective reduction
in amygdala volume in pediatric anxiety disorders: a voxel-based
morphometry investigation. Biological psychiatry, 57(9), 961-966.

Miller, G. E., Lachman, M. E., Chen, E., Gruenewald, T. L., Karlamangla,
A. S., & Seeman, T. E. (2011). Pathways to resilience: Maternal
nurturance as a buffer against the effects of childhood poverty on
metabolic syndrome at midlife. Psychological science, 22(12),
1591-1599.

Mogg, Bradley, & Williams. (1995). Attentional bias in anxiety and de-
pression: The role of awareness. British journal of clinical psychol-
ogy, 34(1), 17-36.

Monk, C.S., Nelson, McClure, Mogg, K., Bradley, B. P., Leibenluft, E., . .
. Ermnst, M. (2006). Ventrolateral prefrontal cortex activation and
attentional bias in response to angry faces in adolescents with gen-
eralized anxiety disorder. American Journal of Psychiatry, 163(6),
1091-1097.

Monk, C.S., Telzer, E.H., Mogg, K., Bradley, B. P., Mai, X., Louro, H.
M., ... Pine, D. S. (2008). Amygdala and ventrolateral prefrontal
cortex activation to masked angry faces in children and adolescents
with generalized anxiety disorder. Archives of general psychiatry,
65(5), 568-576.

Najman, J. M., Hayatbakhsh, M. R., Clavarino, A., Bor, W., O'Callaghan,
M. J., & Williams, G. M. (2010). Family poverty over the early life
course and recurrent adolescent and young adult anxiety and depres-
sion: A longitudinal study. American Journal of Public Health,
10009), 1719-1723.

Noble, K.G., Grieve, S. M., Korgaonkar, M. S., Engelhardt, L. E.,
Griffith, E. Y., Williams, L. M., & Brickman, A. M. (2012a).
Hippocampal volume varies with educational attainment across the
life-span. Frontiers in human neuroscience, 6, 307.

Noble, K.G., Houston, S.M., Brito, N.H., Bartsch, H., Kan, E.,
Kuperman, J.M., . . . Libiger, O. (2015). Family income, parental
education and brain structure in children and adolescents. Nature
neuroscience, 18(5), 773.

Noble, K.G., Houston, S.M., Kan, E., & Sowell, E.R. (2012b). Neural
correlates of socioeconomic status in the developing human brain.
Developmental science, 15(4), 516-527.

Noble, K.G., Wolmetz, M. E., Ochs, L. G., Farah, M. J., & McCandliss,
B. D. (2006). Brain—behavior relationships in reading acquisition are
modulated by socioeconomic factors. Developmental science, 9(6),
642-654.

Oitzl, M. S., Champagne, D. L., van der Veen, R., & de Kloet, E. R.
(2010). Brain development under stress: Hypotheses of glucocorti-
coid actions revisited. Neuroscience & Biobehavioral Reviews,
34(6), 853-866.

Pachter, L. M., Auinger, P., Palmer, R., & Weitzman, M. (2006). Do
parenting and the home environment, maternal depression, neigh-
borhood, and chronic poverty affect child behavioral problems dif-
ferently in different racial-ethnic groups? Pediatrics, 117(4), 1329-
1338.

Payne, C., Machado, C. J., Bliwise, N. G., & Bachevalier, J. (2010).
Maturation of the hippocampal formation and amygdala in
Macaca mulatta: A volumetric magnetic resonance imaging study.
Hippocampus, 20(8), 922-935.

Peper, J.S., Pol, H.E., Crone, E.A., & Van Honk, J. (2011). Sex steroids
and brain structure in pubertal boys and girls: A mini-review of
neuroimaging studies. Neuroscience, 191, 28-37.

Pérez-Edgar, K., Bar-Haim, Y., McDermott, J. M., Chronis-Tuscano, A.,
Pine, D. S., & Fox, N. A. (2010a). Attention biases to threat and
behavioral inhibition in early childhood shape adolescent social
withdrawal. Emotion, 10(3), 349.

Pérez-Edgar, K., McDermott, J. N. M., Korelitz, K., Degnan, K. A.,
Curby, T. W., Pine, D. S., & Fox, N. A. (2010b). Patterns of
sustained attention in infancy shape the developmental trajectory


https://doi.org/10.3389/fpsyg.2014.01368

Cogn Affect Behav Neurosci (2019) 19:309-326

325

of social behavior from toddlerhood through adolescence.
Developmental psychology, 46(6), 1723.

Pérez-Edgar, K., Reeb-Sutherland, B. C., McDermott, J. M., White, L. K.,
Henderson, H. A., Degnan, K. A., . .. Fox, N. A. (2011). Attention
biases to threat link behavioral inhibition to social withdrawal over
time in very young children. Journal of abnormal child psychology,
39(6), 885-895.

Perry, R. E., Finegood, E. D., Braren, S. H., Dejoseph, M. L., Putrino, D.
F., Wilson, D. A., . . . Investigators, F. L. P. K. (2018). Developing a
neurobehavioral animal model of poverty: Drawing cross-species
connections between environments of scarcity-adversity, parenting
quality, and infant outcome. Development and psychopathology, 1-
20.

Pessoa, L. (2008). On the relationship between emotion and cognition.
Nature reviews neuroscience, 9(2), 148.

Pessoa, L. (2013). The cognitive-emotional brain: From interactions to
integration: MIT press.

Petersen, A. C., Crockett, L., Richards, M., & Boxer, A. (1988). A self-
report measure of pubertal status: Reliability, validity, and initial
norms. Journal of Youth and Adolescence, 17(2), 117-133.

Pine, D.S. (2003). Developmental psychobiology and response to threats:
Relevance to trauma in children and adolescents. Biological
Psychiatry, 53(9), 796-808.

Pine, D.S. (2007). Research review: A neuroscience framework for pedi-
atric anxiety disorders. Journal of Child Psychology and Psychiatry,
48(7), 631-648.

Pine, D.S., Mogg, K., Bradley, B. P., Montgomery, L., Monk, C. S.,
McClure, E., . . . Kaufman, J. (2005). Attention bias to threat in
maltreated children: Implications for vulnerability to stress-related
psychopathology. American Journal of Psychiatry, 162(2), 291-296.

Pollak, & Tolley-Schell. (2003). Selective attention to facial emotion in
physically abused children. Journal of abnormal psychology,
112(3), 323.

Price, R. B., Kuckertz, J. M., Siegle, G. J., Ladouceur, C. D., Silk, J. S.,
Ryan, N. D., . . . Amir, N. (2015). Empirical recommendations for
improving the stability of the dot-probe task in clinical research.
Psychol Assess, 27(2), 365-376. https://doi.org/10.1037/
pas0000036

Price, Siegle, Silk, Ladouceur, C. D., McFarland, A., Dahl, R. E., & Ryan,
N. D. (2014). Looking under the hood of the dot-probe task: An
fMRI study in anxious youth. Depression and anxiety, 31(3), 178-
187.

Price, Siegle, G. J., Silk, J. S., Ladouceur, C., McFarland, A., Dahl, R. E.,
& Ryan, N. D. (2013). Sustained neural alterations in anxious youth
performing an attentional bias task: A pupilometry study.
Depression and anxiety, 30(1), 22-30.

Puliafico, A. C., & Kendall, P. C. (2006). Threat-related attentional bias in
anxious youth: A review. Clinical child and family psychology re-
view, 9(3-4), 162-180.

Qiu, A., Crocetti, D., Adler, M., Mahone, E. M., Denckla, M. B., Miller,
M. L., & Mostofsky, S. H. (2009). Basal ganglia volume and shape in
children with attention deficit hyperactivity disorder. American
Journal of Psychiatry, 166(1), 74-82.

Raver, C. C., Blair, C., & Garrett-Peters, P. (2015). Poverty, household
chaos, and interparental aggression predict children's ability to rec-
ognize and modulate negative emotions. Development and psycho-
pathology, 27(03), 695-708.

Raver, C. C., Roy, A. L., Pressler, E., Ursache, A. M., & Charles McCoy,
D. (2016). Poverty-related adversity and emotion regulation predict
internalizing behavior problems among low-income children ages
8-11. Behavioral Sciences, 7(1), 2.

Raz, N., Lindenberger, U., Rodrigue, K. M., Kennedy, K. M., Head, D.,
Williamson, A., . . . Acker, J. D. (2005). Regional brain changes in
aging healthy adults: general trends, individual differences and mod-
ifiers. Cerebral cortex, 15(11), 1676-1689.

Reiss, A. L., Abrams, M. T., Singer, H. S., Ross, J. L., & Denckla, M. B.
(1996). Brain development, gender and IQ in children: A volumetric
imaging study. Brain, 119(5), 1763-1774.

Repetti, R. L., Taylor, S. E., & Seeman, T. E. (2002). Risky families:
Family social environments and the mental and physical health of
offspring. Psychological bulletin, 128(2), 330.

Revelle, W. (2014). psych: Procedures for psychological, psychometric,
and personality research. Northwestern University, Evanston,
Illinois, 165.

Roy, Vasa, Bruck, M., Mogg, K., Bradley, B. P., Sweeney, M., . . . Pine,
D. S. (2008). Attention bias toward threat in pediatric anxiety disor-
ders. Journal of the American Academy of Child & Adolescent
Psychiatry, 47(10), 1189-1196.

Salemink, E., van den Hout, M. A., & Kindt, M. (2007). Selective atten-
tion and threat: Quick orienting versus slow disengagement and two
versions of the dot probe task. Behav Res Ther, 45(3), 607-615.
https://doi.org/10.1016/j.brat.2006.04.004

Sampson, R. J., Raudenbush, S. W., & Earls, F. (1997). Neighborhoods
and violent crime: A multilevel study of collective efficacy. Science,
277(5328), 918-924.

Sara, & Bouret, S. (2012). Orienting and reorienting: The locus coeruleus
mediates cognition through arousal. Neuron, 76(1), 130-141.

Schmukle, S. C. (2005). Unreliability of the dot probe task. Furopean
Journal of Personality, 19(7), 595-605. https://doi.org/10.1002/per.554

Schneider, E., & Zuccoloto, A. (2007). E-prime 2.0 [Computer software].
Pittsburg PA: Psychological Software Tools.

Shanahan, L., Calkins, S. D., Keane, S. P., Kelleher, R., & Suffhess, R.
(2014). Trajectories of internalizing symptoms across childhood:
The roles of biological self-regulation and maternal psychopatholo-
gy. Development and psychopathology, 26(4pt2), 1353-1368.

Spence, S. H., Najman, J. M., Bor, W., O'callaghan, M. J., & Williams, G.
M. (2002). Maternal anxiety and depression, poverty and marital
relationship factors during early childhood as predictors of anxiety
and depressive symptoms in adolescence. Journal of Child
Psychology and Psychiatry, 43(4), 457-469.

Staff, R.T., Murray, A. D., Ahearn, T. S., Mustafa, N., Fox, H. C., &
Whalley, L. J. (2012). Childhood socioeconomic status and adult
brain size: Childhood socioeconomic status influences adult hippo-
campal size. Annals of neurology, 71(5), 653-660.

Stein, J. L., Medland, S. E., Vasquez, A. A., Hibar, D. P,, Senstad, R. E.,
Winkler, A. M., . .. Bergmann, @. (2012). Identification of common
variants associated with human hippocampal and intracranial vol-
umes. Nature genetics, 44(5), 552-561.

Sussman, E., Winkler, 1., & Schroger, E. (2003). Top-down control over
involuntary attention switching in the auditory modality.
Psychonomic Bulletin & Review, 10(3), 630-637.

Taki, Y., Thyreau, B., Kinomura, S., Sato, K., Goto, R., Kawashima, R.,
& Fukuda, H. (2011). Correlations among brain gray matter vol-
umes, age, gender, and hemisphere in healthy individuals, PLoS
One, 6(7), €22734.

Thai, N., Taber-Thomas, B. C., & Pérez-Edgar, K. E. (2016). Neural
correlates of attention biases, behavioral inhibition, and social anx-
iety in children: An ERP study. Developmental Cognitive
Neuroscience, 19, 200-210.

Thapar, A., & Rutter, M. (2015). Using natural experiments and animal
models to study causal hypotheses in relation to child mental health
problems Rutter's child and adolescent psychiatry: John Wiley and
Sons Limited, Oxford.

Tottenham, Tanaka, J. W., Leon, A. C., McCarry, T., Nurse, M., Hare, T.
A., ... Nelson, C. (2009). The NimStim set of facial expressions:
Judgments from untrained research participants. Psychiatry Res,
168(3), 242-249. https://doi.org/10.1016/j.psychres.2008.05.006

Troller-Renfree, S., McDermott, J. M., Nelson, C. A., Zeanah, C. H., &
Fox, N. A. (2015). The effects of early foster care intervention on
attention biases in previously institutionalized children in Romania.
Developmental science, 18(5), 713-722.

@ Springer


https://doi.org/10.1037/pas0000036
https://doi.org/10.1037/pas0000036
https://doi.org/10.1016/j.brat.2006.04.004
https://doi.org/10.1002/per.554
https://doi.org/10.1016/j.psychres.2008.05.006

326

Cogn Affect Behav Neurosci (2019) 19:309-326

Uematsu, A., Matsui, M., Tanaka, C., Takahashi, T., Noguchi, K., Suzuki,
M., & Nishijo, H. (2012). Developmental trajectories of amygdala
and hippocampus from infancy to early adulthood in healthy indi-
viduals. PloS one, 7(10), €46970.

Vijayakumar, N., Whittle, S., Yiicel, M., Dennison, M., Simmons, J., &
Allen, N. B. (2014). Thinning of the lateral prefrontal cortex during
adolescence predicts emotion regulation in females. Social cognitive
and affective neuroscience, 9(11), 1845-1854.

Voineskos, A. N., Winterburn, J. L., Felsky, D., Pipitone, J., Rajji, T. K.,
Mulsant, B. H., & Chakravarty, M. M. (2015). Hippocampal
(subfield) volume and shape in relation to cognitive performance
across the adult lifespan. Human brain mapping, 36(8), 3020-3037.

Wang, Braskie, M. N., Hafzalla, G. W., Faskowitz, J., McMahon, K. L.,
de Zubicaray, G. L, . . . Thompson, P. M. (2017). Relationship of a

@ Springer

common OXTR gene variant to brain structure and default mode
network function in healthy humans. Neurolmage, 147, 500-506.

Wechsler, D. (1999). Wechsler abbreviated scale of intelligence:
Psychological Corporation.
Wechsler, D. (2014). Wechsler adult intelligence scale—Fourth Edition
(WAIS-1V). San Antonio, Texas: Psychological Corporation.
Welberg, L. A., & Seckl, J. R. (2001). Prenatal stress, glucocorticoids and
the programming of the brain. Journal of neuroendocrinology,
13(2), 113-128.

Wilcox, R. R., & Tian, T. (2008). Comparing dependent correlations. The
Journal of general psychology, 135(1), 105-112.

Wyciszkiewicz, A., & Pawlak, M. A. (2014). Basal ganglia volumes:
MR-derived reference ranges and lateralization indices for children
and young adults. The neuroradiology journal, 27(5), 595-612.



	Socioeconomic disadvantage, brain morphometry, and attentional bias to threat in middle childhood
	Abstract
	Introduction
	Materials and methods
	Participants
	Procedure
	Measures
	Income-to-needs ratio and maternal education
	Affective dot probe paradigm
	Measurements of IQ, anxiety, and pubertal status

	MRI acquisition
	Structural image processing
	Regional gray matter analysis: regression models

	Results
	Demographic variables
	SED and volumes of a priori brain regions
	Associations among SED, brain volumes, and threat bias scores
	Testing the specificity of SED results

	Discussion
	Conclusions
	References


