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Configurality in judgment: Is it a bias?

YOAV GANZACH
TelAviv University, TelAviv, Israel

Past research has shown that the relationship between cue and judgment often depends on the
level of other cues (configural relationship). It is not clear, however, if this relationship is environ
mentally appropriate, To examine this issue, I compare configural models of the judgment with con
figural models of the criterion associated with this judgment, Twodatabases are analyzed. In one, the
cues are the parents' educational level, the judgment is the educational expectations of the child, and
the criterion is the actual educational achievement. In the other, the cues are the MMPI scores of psy
chiatric patients, the judgment is the clinical psychologists' estimation of the degree of pathology,
and the criterion is the actual pathology. The analysis of both databases revealed that configurality
characterizes the judgment but not the criterion.

The term configurality in judgment refers to a cue
judgment relationship in which the impact of a cue on
the judgment depends on the level of other cues. Many
studies have found configurality in judgment, primarily
in two areas: subjective utility and social judgment.
Thus, in integrating the values ofpossible outcomes ofa
lottery, the subjective weight of each outcome often de
pends on the values of the other outcomes (e.g., Luce &
Fishburn, 1990; Mellers, Chang, Birnbaum, & Ordonez,
1992; Tversky & Kahneman, 1992); and in integrating
the values of various attributes of an object, the weight
ofeach attribute depends on the values ofthe other attri
butes (e.g., Birnbaum & Stegner, 1979; Skowronski &
Carlston, 1989).

The term configurality in the criterion refers to a cue
criterion relationship in which the impact of a cue on the
criterion depends on the level ofother cues. While many
studies have examined configurality in judgment, only a
handful have examined configurality in criteria, and
none of them support the notion that important real-life
criteria are configural (e.g., Dawes & Corrigan, 1974;
Goldberg, 1965).

The difference between previous studies concerning
configurality in judgment and previous studies concern
ing configurality in the criterion suggests that configu
rality may be a characteristic of the judgment but not of
the criterion. However, none of these previous studies
asked whether configurality in judgment is environmen
tally appropriate. To answer this question, one needs to
examine simultaneously whether configurality describes
the relationships between cues and judgment and the re
lationships between cues and the criterion associated
with the judgment. Thus, the major purpose ofthis paper
is to compare configural aspects ofjudgments (e.g.,judg-
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ment of behavior) with configural aspects of the criteria
associated with them (e.g., actual behavior).

In the studies reported below, I examine examples that
represent the most simple case of configural relation
ships, a case in which there are only two relevant cues (or
group ofcues), and the configural impact ofone of them
depends on the value of the other. When the cues are not
correlated, these relationships can be modeled by the fol
lowing equation:

y= a + {3\X\ + {32 X2 + 8X1X2, (I)

where Y is the dependent variable (judgment, criterion),
and X\ and X2 are the relevant cues. This equation is a
model of configurality since it implies that the weight of
each of the two cues depends on the value of the other.
The weight ofX] is given by {3] + 8X2, and the weight of
X2 is given by {32 + 8X\. Note that, in this model, 8 rep
resents the extent of the configural relationships; there
fore, the null hypothesis of nonconfigurality is 8 = O.

When Y, andX2 are correlated, the appropriate model
for detecting configurality includes the quadratic terms
ofXj andX2:

Y = a + {3\ X\ + {32X2 +y\xf + Y2X~ + 8X\X2·

(2)

The reason for using this model is that, when there is a
multicollinearity between Xl and X 2, X\ X 2 is correlated
with the quadratic terms. Therefore, if these terms are
not included in the model, a significant coefficient may
result from curvilinear relationships between the inde
pendent variables and the dependent variable and not
from configurality (Lubinski & Humphreys, 1990).\

STUDY}
Educational Attainment Versus

Educational Expectations

In Study 1, I compare configurality in educational ex
pectations to configurality in educational attainment, un-
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der the assumption that both the judgment (educational
expectations) and the criterion (educational attainment)
are determined, to a large extent, by the education ofthe
parents. The reason for choosing this domain is the evi
dence suggesting configurality in judgments concerning
academic success. In particular, in judging future aca
demic success, people tend to assign a larger weight to
the more positive information (Ganzach & Krantz, 1991).
Furthermore, the psychological antecedent ofthis config
urality-an optimistic approach to the judgment task
seems to be associated with the psychological dimension
ofoptimism-pessimism, which characterizes many other
situations in which configurality in judgment has been
observed (Weber, 1994).

Data
The data were taken from the National Longitudinal

Survey of Youth (NLSY), a panel study conducted with
a probability sample of 12,686 participants (oversam
piing of African-Americans, Hispanics, and economi
cally disadvantaged whites) born between 1957 and
1964. Only participants who had both parents present at
home when they were 14 years old participated in the
analysis. Three variables from the 1979 survey are used
in the current analysis: (I) the educational expectations
of the youths, expressed in terms of the number of years
of education they expect to complete, (2) the years of
schooling achieved by the father, and (3) the years of
schooling achieved by the mother. One variable was
taken from the 1991 survey: the years of schooling
achieved by the respondent. Thus, the judgment was ob
tained 12 years prior to measuring the criterion. Table I
presents some descriptive statistics of these variables, as
well as their intercorrelations.

Analysis
The model used in the analysis was:

Y = a + ,8IME + ,8zFE + 'YIME2

+ 'YzFEZ + 8(ME * FE),

where the dependent variable, Y, is either educational ex
pectations or educational attainment, FE is father's edu
cation, and ME is mother's education. Note that, in the
judgment model, a negative value of 8 indicates opti
mism, since it suggests that, when the education of one
parent is low, the weight of the education of the other
parent (whose education is not necessarily as low) is rel
atively high. Similarly, a positive value of 8 indicates
pessimism in the judgment.
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Table 1
Descriptive Statistics ofthe NLSY Variables

lntercorrelation

ME FE EE EA M SD

ME 1.0 .64 .36 .44 11.0 3.1
FE .64 1.0 .38 .45 11.0 3.9
EE .36 .38 1.0 .68 13.9 2.4
EA .44 .45 .68 1.0 13.9 2.4

Note-ME, mother's education; FE, father's education; EE, educa
tional expectations; EA, educational attainment.

The results of the educational attainment model and
the educational expectations model are shown, respec
tively, at the foot of this page; EE stands for educational
expectations, and EA stands for educational attainment
(numbers in parentheses are standard errors of the esti
mates). In this analysis, the independent variables were
centered around their mean in order to obtain meaningful
coefficients of the linear terms (Cohen & Cohen, 1983).

These results indicate that the process underlying these
judgments of academic success is configural (and opti
mistic): In the judgment model, 8 is significantly nega
tive [t(7,742) = 3.8,p < .0001]. On the other hand, there
are no indications for configurality in the process un
derlying the criterion. In this model, 8 is not significantly
different from zero [t(5,543) = 1.3,P> .2].2

It is interesting to note that, while the judgment and
the criterion differ with regard to the nonlinearity asso
ciated with the configural relationships, they do not dif
fer with regard to the nonlinearity associated with the
curvilinear relationships. In both models, the curvilinear
terms of mother's education and father's education are
significantly positive (p < .0001). Thus, nonlinearity in
general may characterize both the judgment and the cri
terion, but configurality characterizes only the judgment.

To illustrate the differences between the judgment and
the criterion, which were discussed above, the graphs of
Figure I present the mean educational expectations and
the mean educational attainment for each level offather's
education, separately for/high levels of mother's educa
tion (12 or more yearsjand low levels of mother's edu
cation (II years or less). (Only levels offather's educa
tion for which there were enough available observations
in each of the two levels of mother's education appear in
the graphs.) The graphs show both the configural and the
curvilinear relationships detected in the regressions. In
particular, the graphs of educational expectations (Fig
ure IA) show both configural relationships (the distance
between the curves decreases when father's education in-

EA = -.26 + .233*ME + .177*FE + .014*ME2 + .012*FEz - .005*(ME*FE)
(.04) (.013) (.010) (.003) (.002) (.004)

RZ = .265

EE = .228 + .l89*ME + .166*FE + .018*ME2 + .014*FEz - .012*(ME*FE)
(.030) (.011) (.008) (.002) (.002) (.003)

RZ = .208
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Figure 1. Mean educational expectations (A) and mean educational attainment (8) for each level of father's education, for
high levelsof mother's education (12 or more years) and low levels of mother's education (11 years or less).

creases) and curvilinear relationships, but the graphs of
educational attainment (Figure IB) show only curvilin
ear relationships.

STUDY 2
Pathology Versus Judgment ofPathology

In Study 2, I compare configurality in MMPI-based
judgments of the degree ofpathology of psychiatric pa
tients with configurality in the actual diagnosis of
pathology. The reason for choosing this domain is the ev
idence suggesting configurality in psychologists' judg
ments of pathology (Ganzach, 1995b). This configural
ity may be caused by clinical judgments that are based
primarily on information associated with severe pathol
ogy (Renauld & Estes, 1961; Rosenham, 1972).

Data
The data used were those collected by Paul Meehl on

judgments concerning 861 patients, about half of whom
were diagnosed as psychotic and halfwere diagnosed as
neurotic, on the basis oftheir MMPI profiles (their scores
on the 11 scales ofthe MMPI). The judgments were made
by 29 clinical psychologists on an l l-step forced normal
distribution from least psychotic (1) to most psychotic
(11). The criterion was the hospital diagnosis of the pa
tient, made primarily on the basis of direct observations
of his or her behavior (see Meehl, 1959, for a detailed
description of the data).

One aspect of the data that is particularly important to
the present study is that the MMPI scales of the 861 pro
files have a clear dimensional organization. One dimen
sion is associated with the neurotic scales of the MMPI,
another is associated with the psychotic scales, and a
third dimension is associated with scales that identify
defensiveness in test taking. These dimensions and, in
particular, the neurotic and the psychotic dimensions
played an important role in the process by which the clini-

cians used the MMPI profiles in their diagnostic judg
ments in Meehl's experiment (Ganzach, 1995b).

Analysis
The configural model used in the analysis was

y= a + "i,{3iSi +'Y]Ff + 'Y2 Fi + 8(Ft*F2),

where the dependent variable Y is either the judgment of
pathology or the logarithm of the odds of the probability
of a diagnosis of psychosis (since the criterion is di
chotomous, a logistic model was used). S, is the test
value of the ith scale of the MMPI, and F] and F 2 are the
unit weight values of the neurotic and psychotic dimen
sions, respectively (i.e., F] is the mean of the four neu
rotic scales, and F2 is the mean of the five psychotic
scales). In this model, the linear terms are those ofthe 11
MMPI scales rather than their dimensional representa
tion, in order to allow for extracting the maximum linear
variance prior to estimating the nonlinear effects (how
ever, the results are very similar if the linear terms are
those of the dimensions).

The results of the criterion model did not indicate any
configurality: 8 was not significantly different from zero
[X2(1) = .002, p > .9].3 On the other hand, the results of
the model of the judgment did show configurality. In the
model in which the dependent variable was the average
judgment of the 29 clinicians, 8 was significantly nega
tive [t(846) = 7.0,p < .0001]. The mean 8 (over judges)
was also significantly negative [t(28) = 13.9,p < .0001],
and the models of the individual judges indicated that,
for 21 of the 29 clinicians, 8 was significantly negative
(p<.01).4

The differences between the judgment and the criterion
are illustrated in Figure 2. Figure 2A presents the mean
judgment of pathology as a function of the neurotic di
mension and the psychotic dimension, using a median
split on these dimensions. Figure 2B presents the per
centage of patients diagnosed as psychotic. The graphs
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Figure 2. Mean judgment of the subjective likelihood of psychosis (A) and percentage of patients actually diagnosed as psychotics (B) as a
function ofthe level ofthe psychotic and neurotic dimensions ofthe MMPI (using median splits on the two dimensions).

show that the relationship between the predictors and the
judgment is configural, whereas the relationship between
the predictors and the criterion is not configural, This
configurality arises from the fact that the pathological in
formation has an impact on judging the likelihood ofpsy
chosis versus neurosis both when it is present and when
it is absent, whereas the nonpathological information has
an impact only when it is present (see Fazio, Sherman, &
Herr, 1982, for a discussion of the differential impact of
present vs. absent information on decision weight). In
particular, the presence ofpathological information (high
levels on the psychotic dimension) is associated with a
higher likelihood ofpsychosis, and the absence ofthis in
formation (low levels on this dimension) is associated
with a lower likelihood of psychosis. On the other hand,
the presence of nonpathological information (high levels
on the neurotic dimension) is associated with a lower like
lihood ofpsychosis, whereas the absence ofnonpatholog
ical information (low levels on the neurotic dimension) is
not associated with a higher likelihood of psychosis.>

The curvilinear term of F 2 was not significant in the
criterion model or in the judgment model, but the curvi
linear term ofF} was significantly positive in both mod
els (in the model of the criterion,p < .01; in the model of
the averagejudgment,p < .0001). The results of the mod
els of the individual judges were quite similar to the re
sults of the model of the average judgment; the mean
curvilinear term of F] over judges was significantly pos
itive [t(28) = 6.3, P < .0001]. Thus, in these judgments,
the curvilinear effects of the judgment are consistent with
the curvilinear effects of the criterion.

DISCUSSION

Two databases from two different domains were analyzed in this
paper. Bearing in mind that no systematic sampling of judgment do
mains was conducted (such a sampling is probably not even possible)
and that only two databases were analyzed, the results of the analyses
suggest that, configurality in judgment is a bias in that it occurs in the
judgment but not in the criterion. The results also indicate similarities
between the judgment and the criterion with regard to their curvilinear
relationships with the cues. Thus, by and large, nonlinearity may char
acterize both the judgment and the criterion, whereas configurality
characterizes only the judgment.

Why do people adhere to a configural strategy in a nonconfigural en
vironment? One reason is motivational. Because of personal (Lopes,
1986) or situational (Birnbaum & Stegner, 1979) motivational factors,
they may be optimistic or pessimistic (e.g., Study I; Quiggin, 1982),
lenient or strict (e.g., Ganzach, 1993), or greedy or fearful (Lopes,
1987), and, therefore, they may assign more weight to positive or neg
ative pieces of information. A second reason is information-processing
capabilities. Because of the difficulties of parallel processing, people
may begin the process of generating a judgment using only one piece
of information and form an interim judgment, which they then adjust
on the basis of other pieces of information. If the tendency is to begin
this process from the most positive (negative) information, and if ad
justment is insufficient, configurality will result (Czaczkes & Gan
zach, 1996). A third reason is that configural theories about the rela
tionships between independent and dependent variables may lead
people to use configural judgment strategies. Thus, for example, clin
ical psychologists assign a heavier weight to the more pathological as
pects of the information (Study 2), whereas social workers assign a
heavier weight to the normal, or healthy, aspects of the information
(Ganzach, 1994).

It could be argued that a configural judgment strategy in a linear en
vironment is not a bias if the goal of the judge is other than the mini
mization of judgment error. For example, Einhorn (1971) argued that
configural strategy often results from assigning a higher weight to the
more positive (negative) cue when the cost offalse negative (false pos
itive) is high (i.e., when people attempt to be lenient [strict] in their
judgments). However, it is important to note that the high cost of false
negative/positive is not a sufficient explanation for a configural strat
egy. For example, a high cost of false negative in the formation of ed
ucational expectations does not require assigning heavier weight to the
more positive cues but rather an increase in the level of the judgment
by a fixed amount. Similarly, a high cost of false positive in the evalu
ation ofjob candidates does not require assigning heavier weight to the
more negative cues but rather the lowering of the evaluation by a fixed
amount (Ganzach, 1993).

Finally, it is interesting to contrast cases such as the two presented
in the present paper, in which the criterion is linear and the judgment
is configural, to cases in which the criterion is configural and the judg
ment is linear. The latter cases occur in prediction experiments in
which subjects are provided with configural feedback to their judg
ments (Brehmer, 1969; Edgell, 1978; Ganzach, 1995a; Mellers, 1980).
In these experiments, the learning of the configural rules was rather
difficult, and the strategy used at the onset of the experiment was lin
ear. Why did people have such difficulty in learning configural strate
gies in these laboratory experiments, when this is the strategy they use
in the natural environment? The reason is that, when feedback is sup
plied, the most natural strategy is one in which the extremity of the
prediction is a weighted average of the extremity of the predictors-a
strategy that leads to a linear combination of cues (Lichtenstein, Earle,
& Slovic, 1975).Thus, the presence of feedback may determine whether
linear or configural strategies are used.
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NarES

1. Why use a multiplicative function (and not other configural func
tions) to represent configurality? The reason for this is that the multi
plicative function is likely to be a good representation of many judg
ment processes. In particular, it may be a good approximation of
rank-dependent judgments-judgments in which the weight of a cue
depends on its rank vis-a-vis the other cues. Note that while there are
configural models that directly represent rank-dependent judgments
(e.g., Birnbaum & Stegner, 1979; Ganzach & Czaczkes, 1995), in the
presence of multicollinearity, there are statistical advantages for using
a multiplicative function (Edwards & Van Harrison, 1993).

2. Three technical points are worth noting. First, the two analyses
vary in the number of observations, due to missing values of educa
tional attainment. However, our findings do not appear to be sensitive
to this variation. There is only a slight change in the results when the
analyses are performed on a subset of the observations that have no
missing values on any of the variables. Second, to examine the robust
ness of the effects, I added to the regressions other variables available
in the NLSY, such as intelligence and household income, which were
likely to have an important effect on the dependent variables. None of
them had any substantial influence on the effects reported in the text.
Third, to examine whether the difference between the interactiorico
efficient of the judgment model and the interaction coefficient of the
criterion model is significant, I performed a repeated measures analy
sis, where the judgment and the criterion were the two levels of the re
peated factor. This analysis indicated a significant interaction between
the repeated factor and the interaction term (p < .0I).

3. To ascertain that the interaction does not depend on the logistic
transformation of the dependent variable, a linear probability model
(i.e., a model in which the dependent variable was the probability of a
diagnosis of psychosis) was also examined. The results of this model
were similar to the results of the logistic model.

4. The parameter estimates (standard errors of the estimates) of the
curvilinear effect of the neurotic dimension, the curvilinear effect of
the psychotic dimension, and the interaction were, respectively, .0016
(.0002), .0001 (.0003), and - .0025 in the average judgment model,
and .0015 (.0006), .0014 (.0012), and .00006 (.0014) in the criterion
model (in this model, psychotic was coded as I and neurotic as 0).

5. The graphs also indicate that the judgments are based primarily on
pathological information, since, in the judgment, the linear effect of
the psychotic dimension is much larger than the linear effect of the
neurotic dimension, whereas, in the criterion model, the two effects are
about the same.
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