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Abstract

In this paper, we propose several new iterative algorithms to solve the split feasibility
problem in the Hilbert spaces. By virtue of new analytical techniques, we prove that
the iterative sequence generated by these iterative procedures converges to the
solution of the split feasibility problem which is the best close to a given point. In
particular, the minimum-norm solution can be found via our iteration method.
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1 Introduction
The split feasibility problem (SFP) was first introduced by Censor and Elfving [1] in the

finite-dimensional space, which could be formulated as follows:
Findingx € C, suchthatAxe Q, (1.1)

where C and Q are nonempty closed convex subset of Hilbert space H; and Hj, respec-
tively. A : Hy — H, is a bounded linear operator. The split feasibility problem (1.1) has
received much attention not only because it can be used to model the problem in signal
and image processing, but also it is strongly related to some general problems, such as
the convex feasibility problem [2], the multiple-set split feasibility problem [3], the split
equality problem [4], the split common fixed point problem [5], etc.

Throughout the paper, we always assume that the SFP (1.1) is consistent, and €2 denotes
the solution set of SFP (1.1), i.e.,

Q={xeC:AxeQ}=CNA'Q.
To solve the SFP (1.1), Byrne [6, 7] first introduced the so-called CQ algorithm as follows:

For any x¢ € Hj,

1.2)
xpi1 = Pc(I = yA*(I - Pg)A)x,, n=>0,
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where 0 < y <2/p(A*A), and where P¢ denotes the projection onto C, and p(A*A) is the
spectral radius of the self-adjoint operator A*A. In the CQ algorithm (1.2), the orthogonal
projections P¢ and Pg have to be calculated, however, it may be impossible or one may
need much time to compute in some cases. Yang [8] proposed a relaxed CQ algorithm for
solving the SFP (1.1) in which the orthogonal projections P¢ and P are replaced by Pc,
and Pg,, respectively, that is, the orthogonal projections onto two half spaces C, and Q,.
The relaxed CQ algorithm via the formula

For any %y € Hj,
1.3)

%ni1 = P, (I - yA*(I - Pg,)A)x,, n>0,
where 0 < y <2/p(A*A). The relaxed CQ algorithm is the use of halfspace-relaxation pro-
jection techniques due to Fukushina [9]. The half spaces C, and Q, contain the closed
convex set C and Q, respectively. There is an explicit form of computing the orthogonal
projection onto the half spaces C, and Q. Both the CQ algorithm and the relaxed CQ
algorithm used a fixed step size and need to know the largest eigenvalues of the operator
A*A. Qu and Xiu [10] developed a modification of the relaxed CQ algorithm by adopting
the Armijo-like search method. There is no need to know the largest eigenvalue of the op-
erator A*A in advance, and a sufficient decrease of the objective function is done at each
iteration. See for instance [11-16] and the references therein. Xu [17] presented the follow-
ing averaged CQ algorithm and recall its convergence can be deduced from the averaged
nonexpansiveness in [18]:

For any %y € Hj,

(1.4)
Xpe1 = (L —a)x, + a,,PC(I -yA*(I —PQ)A)x,,, n>0,

where {,} is a sequence in [0,4/(2 + yL)] and satisfies the condition

oo

>« 2 4} =400 L=p(A*A)
— n 2+)/L n ’ .

Since the CQ algorithm (1.2), the relaxed CQ algorithm (1.3) and the averaged CQ al-
gorithm (1.4) have only weak convergence in the infinite-dimensional space (except in the
finite-dimensional space). In order to obtain strong convergence, Xu [17] proposed the
following algorithm which was inspired by the Halpern iteration method. Let u € H;, for

any xy € Hj, the sequence {x,} is given by
Kpa1 = ot + (1 — a,,)PC(x,, —yA* (I - PQ)Ax,,), n>0, 1.5)

where 0 <y <2/p(A*A), and the parameter {«,} C (0, 1) satisfy the conditions:

(C1) limysooay =0, Y ooy oty = +00;

(C2) either Y52 o1 — oty | < +00, or limy,— o0 (@ /0ty11) = 1.
He proved that the sequence {x,} converges strongly to the projection of u onto the so-
lution set of the SFP (1.1). In particular, if u = 0, the iterative sequence (1.5) converges

strongly to the minimum-norm solution of the SFP. Recently, Lopez et al. [19] proposed
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an iterative algorithm which can self-adaptive update the step size as follows:
KXyl =t + (1= Ofn)PC(xn - anf(xn))r n=>0, (1.6)

where y,, = Hg;](:(cxr)ll)ﬁ ,f(x) and Vf (x) are defined by (2.1) and (2.2), respectively. The param-

eters {a,} C (0,1) and {p,} satisfy the conditions

() limy—oo 0y =0, Y ooty = +00;

(1) 0 < pn <4, infiz0 puld — o) = 0.
They proved that the sequence {x,} (1.6) converges strongly to Pqu. Yao et al. [20] devel-
oped a self-adaptive iteration method to approximate the common solution of the split
feasibility problem and variational inequality problem. Based on the Tikhonov regulariza-
tion method, Xu [18] proved the following iterative sequence converges strongly to the
minimum-norm solution of the SFP (1.1):

Xn+l = PC((l - anyn)xn - VnA*(I - PQ)Axn); n= 0; (17)

where {«,} and {y,} satisfy the conditions:
(i) 0<yu< i, L=p(A"A);

(i) o, — 0 and y, — 0 as n — oo;

(iii) Y70 nn = 00;

(V) (Vo1 = Val + Vul@ns1 = @) (@s1Yn41)* = 00 as 1 — o0.

Yao et al. [21] proved the strong convergence of (1.7) under some different control con-
ditions on the iterative parameters. Wang and Xu [22] proposed a modified CQ algorithm
with the sequence {x,} is defined by the following:

%ns1 = Pc((1—an)(I - yA*(I = PQ)A)x,), n=0, (1.8)

where {o,,} C (0,1) such that (C1)-(C2). They introduced an approximation curve for the
SFP (1.1) and obtained the minimum-norm solution of the SFP as the strong limit of the ap-
proximation curve. Dang and Gao [23] introduced an iterative algorithm which combined
the Krasnoselskij-Mann iterative algorithm and (1.8). The sequence {x,} is presented as
follows:

Xntl = (1 - ,Bn)xn + ﬂnPC[(l - an)(xn - J/A*(I - PQ)Axn)]: n=0, (19)

where y € (0,2/p(A*A)) and {«,}, {B,} are the sequences in (0,1) such that
(i) limyooay =0and Y ooy @y = +00;

(i) 1limy,o o0 |0ty — 041 | = 0;

(ili) 0 <liminf,_ B, <limsup,_ . Bn <1
They proved the sequence {x,} strongly converges to the solution of SFP (1.1) with no need
for constructing an approximation curve in advance. It is observed that the condition (ii)
is redundant as it can be deduced by condition (i). To study the variable step size of y,
Wand and Xu [24] proposed the following two iterative algorithms to solve the SFP (1.1).
Let u € H, for any x¢ € H;, define

Xpi1 = ottd + (1= )P (% — AyA*(I - P)Axy), 1 >0, (1.10)
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and
Xpe1 = Pc (a,,u +(1- oz,,)(x,, — LAY - PQ)Ax,,)), n>0, (1.11)

where the sequences {A,} and {«,} satisfy the following conditions:
(i) 0<a<y,<b<2 L=pA*A);
(i) Yoo lAust = Aul < +00;

(iii) 1imy—oo 0y =0, Y oo 0ty = +00;

(iv) either D070 tue1 — atul < +00 or limy,_s o6 |41 — aty|/ety, = 0.

They proved the sequence generated by (1.10) and (1.11) converge strongly to Pqu. Further,
in [25], Yao et al. proposed an iterative algorithm to solve the common solution of the split
feasibility problem and fixed point problem. They proved the strong convergence of the
proposed iterative algorithm. See also [26—29].

Motivated and inspired by the above work, we will continue to study the strong con-
vergence method to solve the SFP (1.1). We propose two iteration methods to do such a
job. Let u € Hi, for any xy € Hj, the first iterative sequence {x,} is defined by the following
procedure:

Ki1 = (1 — 0%, + a,Pc (tnu +(1- tn)LIy,xn), n>0, (1.12)
and the second iterative sequence {x,} is given as follows:

Xpi1 = (1= )y + (bt + (L - t,)Pclyxy), 1 >0, (1.13)
where U, =1 - y,A*(I - Pg)A, {a,}, {t,} C (0,1), and {y,} satisfy the condition

0 <liminfy, <limsupy, <2/L, L= ,o(A*A). (1.14)

n—00 Hn— 00

Under the assumptions on the parameters {«,} and {¢,}, we prove that the iteration se-
quence {x,} generated by (1.12) and (1.13) converges strongly to the projection of # onto
the solution set of the SFP (1.1).

2 Preliminaries
In this section, we collect some important definitions and some useful lemmas which will
be used in the following section. Let H be a real Hilbert space with inner product (-, -) and
norm || - ||, respectively. We introduce the following notations.

(i) The set of all fixed point of T is denoted by Fix(T).

(i) The symbol — for weak convergence and — for strong convergence, respectively.

The following definitions are well known.

Definition 2.1 Let C be a nonempty closed convex subset of H. T': C — C is called
(i) a nonexpansive mapping, if || Tx — Ty|| < |x — y||, for allx,y € C,
(i) a firmly nonexpansive mapping, if || Tx — Ty||?> < (x —y, Tx — Ty), for all x,y € C,
(iii) an o-averaged nonexpansive mapping, if there exists a nonexpansive mapping S,
such that T'= (1 — )] + oS, where « € (0,1) and [ is the identity mapping.
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Recall that the orthogonal projection Pcx from H onto a nonempty closed convex subset
C C H is defined by the following:

Pcx = argmin ||x — y.
yeC

The orthogonal projection has the following well-known properties. For a given x € H,
(i) {(x—Pcx,z—Pcx) <0, forall ze€ C;
(i) ||Pcx —Pcy||?> < (Pcx — Pcy,x — ), for all %,y € H.

Remark 2.1 It is easy to see that the projection operator is a firmly nonexpansive map-
ping. The relation between projection operator, firm nonexpansiveness, averaged nonex-
pansiveness, and nonexpansiveness can be presented as follows.

Projecton operator = Firmly nonexpansive = Averaged nonexpansive

= Nonexpansive.

The CQ algorithm (1.2) can be viewed from two different but equivalent ways: optimiza-
tion and fixed point. See, for example [18]. To solve the SFP (1.1) from the point of view
optimization. Define the proximity function

fx) = %IIAx—PQAxHZ. (2.1)
Then the gradient of f(x) is
Vf(x) = A*(Ax - PoAx). (2.2)

In addition, Vf is Lipschitz continuous, with Lipschitz constant L = p(A*A). The fixed
point method approach to solve the SFP (1.1) is based on the fact that the SFP (1.1) can be
formulated as a fixed point equation.

Lemma 2.1 ([18,23]) Supposethe 2 #0,let U =1-yA*(I-Pq)A,0<y <2/L,L=p(A*A),
and T := PcU. Then

(i) Uisan VTL-avemged nonexpansive mapping.

(i) Fix(T) = Fix(Pc) NFix(U) = Q.

Remark 2.2 Define U, =I-y,A*(I - Pg)A, T, = PcU,, where the parameter {y,} satisfies
the condition (1.14), then the mappings U, is also an y’;—L -averaged nonexpansive mapping,
and Fix(T),,) = Fix(Pc) NFix(U,) = Q.

The nonexpansive mapping has the following important demiclosedness property.
Other important properties of nonexpansive mapping can be found in [30-32].

Lemma 2.2 Let T : C — C is a nonexpansive mapping with Fix(T) # 0. If x, — x and
(I -T)x, — 0, then x = Tx.

We need the following technical lemmas to facilitate our proof. The lemma below was
used by many authors as the key tool in proving convergence theorems. See also [33, 34].
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Lemma 2.3 ([35]) Let {x,} and {y,} be bounded sequences in a Banach space E and let
{B.} be a sequence in [0,1] with 0 < liminf,_ . B, < limsup,_, ., B, < 1. Suppose x,,1 =
Buyu + (= Bp)xy for all n > 0 and

lim SUP(||J/n+1 _yn” - ||xn+l _xn”) = 0.
n—00

Then llmy,—>oo ”yn - xn” =0.

We shall use the following recurrent inequality to obtain our strong convergence theo-

rems.

Lemma 2.4 ([36]) Let {a,} be a sequence of non-negative real sequences satisfying the fol-
lowing inequality:

ni1 < (1= V)@y + Yy, n=0,

where {y,} is a sequence in (0,1) and {3,} is a sequence such that
(1) X520 ¥Vn = +00;
(2) either limsup,,_, 8, <0 0r Y o2 V484 < +00.

Then lim,_, o a,, = 0.

The following proposition presents some important equality and inequality properties
that hold in any Hilbert space. We refer to [32] for other properties in a Hilbert space.

Proposition 2.1 Let H be a Hilbert space with inner product (-,-) and norm || - ||, respec-
tively. Then
@) [+ 02 = x> +2(x9) + y11%
(ii) [lx+y1% < I%lI* + 2(x + 3, 9),
(it) oz + (1 - a)y|* =allal? + 1 - )lyl? - a1 - @)l - 51,
Vx,y € H and Va € [0,1].

3 Main results
In this section, we state and prove our main results. First, we prove the strong convergence
of the iterative sequence (1.12).

Theorem 1 Assume that the SFP (1.1) is consistent (i.e., the solution set Q is nonempty).
Let the sequence {x,}2, be defined by (1.12), where the parameters {a,} and {t,} C (0,1)
satisfy the following conditions:

(i) 0<liminf,_, o 0, <limsup,_, o, <1;

(il) limyooty =0, Y o b = +00.
In addition the parameter {y,} satisfies lim,_ o |Vu+1 — Yul = 0. Then the sequence {x,}
converges strongly to the point of u onto the projection of Q, i.e., x, — Pqu.

Proof Let z, = Pc(t,u + (1 - t,)U,x,), then the iterative sequence (1.12) can be rewritten
as

Xnsl = (1 - Oln)xn + 02y, (31)
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Let p € Q. By Lemma 2.1, we know that p € C and p € Fix(U,,). Then we have

%1 = pll = [ (1= ) (tn = p) + ctulzn = p) |
< (=)l — pll + ot | twre + (1 = ) Unxn — ||
= (L= )l =l + || a1t = p) + (1= ) (Ut = p) |
< (1= )% = pll + bl = pll + €u (1= 2,) |, = pl|

= (L= autn) %0 — pll + autullu - pll. (3.2)

By induction, it follows from (3.2) that

%541 = pll < max{llxo = pll, lu - pl},

which means that the sequence {x,} is bounded.
Next, we prove that ||x,,; — x| — 0 as n — oco. Notice that z,, = Pc(t,u + (1 - t,)U,x,)
and p € Fix(U,,), we have

”Zn —P” = ”PC(tnu + (1 - tn)unxn) _p”
=< ”1an + (1 - tn)unxn _pH
<tullu-pll + @ = &)llx, = pli
< max{||x, - pll, |« - pll}. (3.3)
Since the sequence {x,} is bounded, the sequence {z,} is also bounded. Again, from the

Lipschitz continuous of A*(I — Pg)Ax, and U,x,, there exists a constant M > 0 such
that

M> max{sup||A*(1 — Po)Axy |, sup [|x,l, sup [| Unx | }
n>0 n>0 n>0

From the nonexpansivity of the projection operator Pc, we have

IZn1 = zull = | Pc(tninte + (1= b)) Unir®nsa) — Pe (e + (1= ) Unn) |
< |twrse + A = b)) Unirznar — (Eats + (L= 6) Uty |
< ltuet = Gallluell + | (1 = ) Unirdner — (L= ) Ui
< w1 = talllutll + | (1= Grs) Unirdmin — (1 = 1) Ui |
+ (1 = ) Upir26n — (L= £) Uppir 6 |
+ | @ = 8 Upirzen — (1= £) Uit |
< b1 = talllull + (1 = tuir) 121 — %l
+ 1t = talM + (1 = 8) | U1 — Uy |
< Mtw1 = Eulllull + (1= £ran) 1241 = 20|

+ |tn+1 =y |M + (1 - tn)|yn+1 —Vn |M: (34')
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which implies that

1Zns1 = Zull = %5041 — %

< |tue1 = tulllell + [Bns1 = EaIM + (1= £)| Vi1 — Vul M.
By the assumptions of (i) and (ii), we have

limsup([|zns1 = 2ull = %1 = %all) < 0.

n—00

One concludes from Lemma 2.3 that
lim ||x, —z,|| = 0.
n— 00
Therefore,
im0 — x4l = lim o, llx, — 2z, = 0.
n—00 n—00
Next, we make the following estimation:

|0 = Pc(Unas) |
< %0 = Xt | + [ %ne1 = Pe(Unn) |
< Notn = S|l + || (1 = ) + uP(tate + (1= £)Un) — Pe(Upx) |
< lotn = el + (1 = ) || 20 = Pe(Unisn) |
+ 0ty [[tatt + (1= by Uy,) = Uyt

< lon = Xl + 1 = o) ”xn _PC(Unxn)” + oty llu = Upxn |- (3.5)
It turns out that
1
”xn — Pc(Uy,)x, ” = Ol_ %60 = xpaall + Eulloe — Uy (3.6)
n
We show that limsup,,_, . (U,x, — q,u — q) <0, where g = Pqu. It is easy to see that

(Upxy —qyu—q) = (Upxy—xp,u—q) + Xy —q,u—q)

< N Uxn = xulllle = qll + (X0 — g, u - q). 3.7)
For any p € 2, we have

[1%6241 —P||2 = ”(1 — o)Xy + anPC(tnu +(1- tn)unxn) —P||2
< (A —oay)llx, —P||2 +ay ”PC(tnu +(1- tn)unxn) —P||2

< (@ =an)ll%n = pI* + ot (tull = plI* + (L= ) | Ut — plI?). (3.8)
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By Lemma 2.1, we know that U, is averaged nonexpansive, that is, U, = (1 — 8,) + B, Vy,

where 8, = ’%L Then

|ty —P||2 = ” (1= Bn)xn =) + Bu(Vixn — p) ”2
= (1 - ﬂn)”xn —P||2 + ,Bn”ann —19||2 - ,31'1(1 - ﬁn)”xn - annH2

< o = pI* = Bu(1 = B)llxn — Vi[> (3.9)
Substituting (3.9) into (3.8), we obtain

%061 =PI < @ =)0 — Pl + otulx — pII?
- anﬁn(l - ,Bn)”xn - ann”2 + antn”u —P||2

= (1% = pII* = Bl = Bu) %0 — Vixn|* + ctutllu — pl|*. (3.10)
Therefore,

@nBu(1 = B lxn = VixulI® < 1% = pII* = I1%ni1 = pII* + @t = pI>
< (I = pll = 1%0s1 = pI) (10 =PIl + %02 = pII)
+antn||u_p”2

< 1% = %pa1 12(M + lIpll) + utullue = pl1>. (3.11)
Then

1% — X |
Bu(l = Bu) 1% — Vit | < ”a—””z(M+ Ipl) + tullu - pl®

n

and
lim ||U,x, — .|l = im By |lx, — Vyxull = 0. (3.12)
n—00 n—oo
We can choose a subsequence {%;} of {x,} such that

limsup(x, —q,u - q) = lim (x,, —q,u - g).
n—00 J—> 00

Since {x,,} is bounded, there exists a subsequence of {x,;} which converges weakly to a
point x. Without loss of generality, we may assume that x,, — . Since {y,} is bounded, we

may assume y,; — y. Let U =1 -y A*(I - Po)A, we have
“xnj _PC(anj)” = Hxnl _PC(Un/»xn]‘)“ + ||PC(Un1xn1) _PC(uxn/-)”
= ”xnl _PC(unjxnj) || + ”Un,'xnj - ux}’l,”

< |ty = Pe(Unpsn) | + 17 = v1M

— 0, asj— oo. (3.13)
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Since PcU is nonexpansive, from the demiclosed Lemma 2.2, we know that x € Fix(PcU),

that is, x € Q. It follows from the properties of projection operator that

limsup{x, —q,u—¢q)={x—q,u—q) <0. (3.14)

n—oo

Taking the limsup on both sides of (3.7), and together with (3.12) and (3.14), we get

limsup{U,x, —q,u—q) <0. (3.15)

n—o0
Finally, we prove that x, — g, where g = Pou. By (1.12) and Proposition 2.1, we have

”xn+l - q”2 = || (1 - an)(xn - q) + Oln(PC(’tnM + (]- - tn)unxn) - q) Hz

< (1= ) %0 — gl + o | Pe (bt + (1 = £)Uts) — g

< (L=t = g1 + |ttt — @) + (1~ ) Utn — @) |

= (1= ) n — qlI* + 2000 (1 = ) (1 — q, U — q)
+antollu — ql* + an (1 = )| U, — gl

< (1= antn) 60 = qlI* + 200tu (1 = ) (1 — q, U — q)

+auty|lu—qll>. (3.16)

Let y, = aut, and 8, = 2(1 — t,){u — q, U,x, — q) + t.]|u — g||*. Notice the condition that
lim,—, » ¢, = 0 and the inequality (3.15), we have Y o2 ,, = +00 and limsup,,_, ., §,, < 0. By
Lemma 2.4, we obtain |x, —g| — O. O

We have proved the strong convergence of iterative method (1.12). Next, we are ready to
prove the corresponding convergence theorem as regards the iterative algorithm of (1.13).

Theorem 2 Assume that the SFP (1.1) is consistent (i.e., the solution set Q2 is nonempty).
Let the iterative sequence {x,} is defined by (1.13), where the iterative parameters {o,}, {t,}
and {y,} satisfy the same conditions as in Theorem 1. Then the sequence {x,} converges
strongly to the point of u onto the projection of , i.e., x, — Pqu.

Proof The principal proof of Theorem 2 is similar to Theorem 1. However, the derivation
is slightly different. We give the detailed proofs as follows. Let z,, = t,u + (1 — £,)PcU,x,,
then the iterative sequence (1.13) can be formulated as follows:

Xn+l = (1 - an)xn + &uzy. (317)
For simplicity, we separate the proof into four steps.

Step 1. We prove that the sequence {x,} is bounded. In fact, let p € Q. By Lemma 2.1, we
know that p € C and p € Fix(U,,). We have from (3.17)

01 = pll = || = ) (s = p) + €u(zn = p) |

< A -an)lxn - pll +ay thu + (1= t,)PcUyxy, _p“



Tang and Liu Journal of Inequalities and Applications (2016) 2016:284 Page 11 of 14

< A= an)llxn = pll + antullu = pll + an(l = &) 1%, — pli

= (1 - anty) %, -pll +autyllu—pll

< max{|lxo - pll, lu—pl}. (3.18)
This means that {x,} is bounded.

Step 2. We show that ||x,,; — x,| — 0 as n — oo. Since z, = t,u + (1 — t,)PcU,x, and
p € Fix(U,,), we have

Iz —pll = |[tars + A = t,)Pclyx, — p||
< tullu—pll + (L= t,) %, - pll

< max{llx, - pll, lu - pll}. (3.19)
Therefore, {z,} is also bounded. Let M > 0, such that

M> max{ Sup || A*(I = Po)Ax, |, sup 1, l, sup || P Lty | } (3.20)
n>0 n=0 n=0

On the other hand, we have

1201 = znll = ||ttt + (1 = 1) PeUpia®iner — tuth — (L = £) Pl |
< Jtner = tallll + | (1 = Grs1) Peliatnar — (1= b)) P Upian |
+ (X = tra) Pelliaen — (1= t) Pellyatn |
+ | = )Py — (1= t) Pl
< ltw1 = Eulllell + (1= Zran) 1241 = 230l
+ a1 = talM + (1 = ) | U126 — Ut
< w1 = Ealllull + (L= £ran) 1201 = 2l

+ |tn+1 - tn |M + (1 - tn)|yn+1 —Vn |M (321)
It turns out from (3.21) that

1Zne1 =z ll = %5041 — %

< w1 = tallull + 161 = Gl M + (1 = £) | Vi1 = Yul M.
Taking limsup on both sides of the above inequality, we get
limsup (/|21 — 2l = %1 — %ull) < O.
n—00

With the help of Lemma 2.3, we obtain lim,,_, » ||%, — 2z, || = 0. Therefore,

lim x,1 — x4l = lim a,llx, -z, = 0. (3.22)
n—00 n—00
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Step 3. We prove that limsup,_, . (g — %, g — u) < 0, where g = Pou. We have

”xn _PCunxn” = ”xn _xn+1” + ||xn+1 _PCunxn”

IA

%0 = X1l + (1= @)l — Pclyx, || + ‘Xntn(M + ||M||), (3.23)

which leads to

A

1
[l — Pc Uy || Ot_ %6 — %pia |l + 24 (M + ||I/l||) (3.24)

n

We can choose a subsequence {%;} of {x,} such that

limsup(q — x,,q — u) = lim (g - x,,q — u).
H—> 00 1—)00

Because {x,,} is bounded, there exists a subsequence of {2} which converges weakly to a
point x. Without loss of generality, we may assume that {x,,} converges weakly to x. Since
{y.} is bounded, we may assume that Y = V- LetU =1-yA*(I-Pg)A,0 <y <2/p(A*A),

we have

;= Pellitn | < 12, — Pl | + | Pellntn, — Peliy |
5 ”xn/ _PCUVI/‘xVI/' ” + ”un/xn/ - an/' ”
=< ”xn]- _PCUn]‘xn]‘” + |VVI/' - V|M

— 0, asj— oo. (3.25)

Since PcU is nonexpansive, from Lemma 2.2, we know that x € Fix(PcU), that is, x € Q.

It follows from the properties of the projection operator that

limsup{x, —q,u—¢q)=(x—q,u—q) <0. (3.26)

n—o0

Step 4. Finally, we prove x, — g, where g = Pqu. By (3.17) and Proposition 2.1, we have

et = gl = | (L= ) + (e + (1= £)Pellyy) —
= || 1-a,)x,—q) + an(tn(u -q)+ 1 -t)(Pcl,x, - q)) ”2
< (1 - ) @n = @) + 01 = £,)(PcUyn — q) “2
+ 20ty (U — @, %041 — q)
< (- )l — ql* + 0 | (1 - £)(Pcly, - 9)|°
+ 20t (U — G, Xpe1 — q)
< (L= )l — ql® + (1~ £,)? | — gl
+ 20ty (U — @, %041 — q)

= (1 - antn)”xn - q”2 + 2antn (M — @ Xns1 — q) (327)
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It is clear that all conditions of Lemma 2.4 are satisfied. Therefore, we immediately ob-
tain ||x, — gq|| = 0 as n — 00, i.e., {x,} converges strongly to g = Pqu. This completes the
proof. d

Remark 3.1 The results of Dang and Gao [23] is a special case of Theorem 1 by letting
u =0 in (1.12). Theorem 1 and Theorem 2 consider the variable step sizes of {y,}, which
improve the results of Xu [17], Wang and Xu [22], Dang and Gao [23] and Yu et al. [37]
where the iterative sequence (1.5), (1.8), and (1.9) are involved with a constant step size
of y. Theorem 1 and Theorem 2 also improve the corresponding results of Wang and Xu
[24] by discarding the condition of (iv) in (1.10) and (1.11) and weakening the condition on

{yn} from Y02 [Au1 — Al < +00 t0 limy o0 | Vi1 — Yul = 0.

4 Conclusions

The split feasibility problem has been received much attention in recent years. We devel-
oped several new iterative algorithms to solve the split feasibility problem in an infinite-
dimensional Hilbert spaces. We proved that the iterative sequence converged to the solu-
tion of the split feasibility problem which is the best close to a given point. The minimum
solution of it can also be found by letting the given point to be zero. Our results improve
and generalize the corresponding results of Xu [17], Wang and Xu [22], Dang and Gao [23]
and Yu et al. [37].
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