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Abstract 

In this paper, the potential for conserving energy has been used inside the collabo-
rative network. The purpose of this work is to examine a model of a collaborative 
mobile cloud with the objective of lowering the total energy consumption of network 
nodes. This model is made up of many different network nodes, all of which collabo-
rate with one another to build the network. We performed a theoretical examination 
into the quantity of energy that is used by the nodes when they are functioning as part 
of the network. In addition, a user grouping and scheduling-based system was estab-
lished in order to establish when and how users should participate in the creation 
of the network. This was done so that the system could identify when and how users 
should contribute to the construction of the network. The proposed methodology 
took into consideration both the user and the base station components, and it made 
an effort to strike a balance between reducing the amount of energy that was con-
sumed and ensuring that everyone was treated in an equitable manner. Even 
with higher delay values, the collaborative method may minimise energy use. The sug-
gested approach uses slower but more energy-efficient nodes by increasing the allow-
able latency, which reduces energy usage and benefits from the diversity of nodes. The 
results of the simulation are presented by our proposed method from the perspective 
of user fairness as well as presenting the advantages of conserving energy that are 
associated with employing the collaborative strategy.

Keywords: Collaborative communication, Scheduling, Network latency, Energy 
consumption, Network capacity, Uplink, Downlink

1 Introduction
Our day-to-day activities and way of life are both being impacted by the proliferation of 
high-speed wireless networks and smartphone technologies [1–3]. People tend to spend 
more time online as a direct result of the proliferation of online services. However, high-
data-rate services are putting a burden on the network and making it more difficult for 
device batteries to last as long as they formerly did. The price of high-data-rate services 
is often higher, therefor the mobile applications provide shared content to a group of 
nodes that are connected to one another over a wireless network [4]. In order to get 
around the wireless capacity bottleneck and benefit from high-data-rate mobile services, 
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the architecture of the network has to be creative while still being efficient with energy 
use. Research on wireless communication technology is increasingly concentrating on 
“green communications development”, which refers to the process of developing com-
munication infrastructures, protocols, devices, and services that are more efficient in 
their use of energy [5]. The nodes are able to move material and information, in addition 
to communicating with one another via messaging and other kinds of communication. 
This is one method for lowering the amount of energy used by nodes and the network 
[6]. We do an analysis on a wireless network that consists of k nodes all linked to the 
same base station, also known as a gateway. Nodes are any devices in a network that 
are capable of local computation and can establish a wireless connection with an access 
point [7]. Some further applications include mobile crowd sensing, fog computing, and 
wireless distributed systems [8, 9].

In the system that is proposed, the BS has the option of either unicasting the content 
to each node or user on a dedicated channel at a rate that is based on the circumstances 
of their channels or multicasting it once at a rate that is restricted by the conditions of 
the channel that is considered to be the poorest. The message delivery rate in each sce-
nario is determined by the channel conditions that are expected to be the worst. In a 
typical configuration, the BS either broadcasts the whole message through multicast to 
all users and nodes that are asking about it or distributes the content in its entirety via 
individual streams to each node that makes a request for it. Each network communica-
tion interface has to be operational for the whole of the time it takes to receive the mes-
sage, which might vary. Processing in RF and baseband during data receipt consumes a 
significant amount of additional energy. In this particular instance, making use of the 
transmission between network nodes helps to lower overall energy use. Each individual 
who was chosen receives a different portion of the relevant material. The transmission 
overhead may be reduced using energy-efficient wireless technologies. This includes 
the capability of multicasting. We work on the assumption that building a wireless net-
work using wireless connections is going to be more energy efficient than using wireless 
links. The development of algorithms for grouping and scheduling is our primary focus. 
Our goal is to work together to establish the most effective network coalition and user 
selection to implement within each scheduling interval in order to reduce the amount of 
energy that the network requires while it is being developed.

1.1  Method and materials

The presence of a central network controller makes it relatively simple to synchronise 
the signals that are being received in communications systems that make use of fixed 
antenna arrays. This makes it possible to more efficiently process incoming data. This 
is made feasible by the fact that the central controller is aware not only of the precise 
position of each transmitter node but also of the distance that separates each of them 
from one another. This makes it possible for the central controller to perform the actions 
described above. Because synchronising the receiving signal in such systems makes it 
possible to obtain a sizeable increase in the quantity of power that is received while 
simultaneously achieving considerable reductions in the amount of energy used.

Because we do not currently own a centralised network controller, it is probable that 
we may be required to conduct our network operations in a shared environment. This 
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article describes a system that is based on cooperation and claims that it is still capa-
ble of accomplishing significant improvements in energy consumption. The system is 
shown as having the potential to save a significant amount of energy. Figure 1 illustrates 
an example of a cooperative network environment, coupled with a thorough portrayal 
of a theoretical model for the situation involving k collaborating nodes. It seems to indi-
cate that the signal coming from the collaborative node that is situated the furthest away 
comes later than the signal coming from the collaborative node that is placed the closest.

In this paper, an energy consumption model for multi-transmitter systems, often 
known as collaborative communication, is built. It shows the advantages of using several 
transmitters and explains how using numerous transmitters may result in a decrease in 
the amount of energy that is spent. Using numerous transmitters may result in a reduc-
tion in the amount of energy that is used.

The benefits that come with using an energy consumption model for multi-transmitter 
systems are often due to collaborative communication. Collaborative communication 
may assist to boost the energy efficiency of wireless networks by lowering the amount 
of energy that is needed by each transmitter. As a result, wireless networks may become 
more efficient in their use of power. This is because the transmitters may divide and con-
quer the task of data transmission, potentially reducing overall power consumption. By 
enhancing data redundancy, collaborative communication has the potential to increase 

Fig. 1 The structure of network environment with collaborative nodes
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the stability of wireless networks. As an additional use, it may assist in making wireless 
networks more trustworthy. Because the data is conveyed through many transmitters, 
the receiver will still obtain the information even if one of the transmitters fails.

Wireless networks’ capacity to scale when more nodes are added may be enhanced 
via cooperative communication. The potential for further network growth is increased. 
Sharing the data transmission load across the transmitters also allows the network to 
support more nodes without increasing its overall power usage. This is because it is pos-
sible for the transmitters to divide up the data transmission burden. By reducing the 
power requirements of individual transmitters, cooperative communication has the 
potential to improve the overall efficiency of wireless networks. As a result, wireless net-
works may become more efficient in their use of power. This is because the transmit-
ters may divide and conquer the task of data transmission, potentially reducing overall 
power consumption. For example, if there are two transmitters that are sending out the 
same data, those transmitters may work together to synchronise their broadcasts so that 
they are not sending out their signals at the same time. Because of this, the transmit-
ters won’t have to send signals for as long, which should result in a decrease in the total 
amount of energy that is used. When compared to more conventional methods of wire-
less networking, collaborative communication has the potential to provide a number of 
distinct benefits including greater energy efficiency, higher dependability, and enhanced 
scalability.

When creating these models, it is vital to take into account a broad variety of aspects at 
a number of different stages of the development process. This includes the total amount 
of energy that is used, the distance that separates the transmitters and the base station, 
and the quantity of energy that is used up while the network circuit is in operation. For 
the goal of conducting research and analysis on the suggested system, we have, within 
the scope of this article, carried out the Monte Carlo simulation that is carried out inside 
MATLAB®.

The remaining work is arranged as follows. Section 2 presents literature review, Sect. 3 
discusses the system model and energy consumption model. Section 4 displays simula-
tion and Sect. 5, concludes this paper.

2  Literature review
Sensor nodes, sensors, and collaborative nodes are all terms used to describe indi-
vidual nodes in a wireless network, which might number in the hundreds or thou-
sands are used in variety of application [10]. However, wireless network has its own 
challenges, such as resource constraint, notably limited power source [11]. It is some-
times hard to refresh or replace the power/energy supply of a sensor node in random 
deployments for monitoring tough conditions like a battlefield or a volcanic region. 
As a result, creating a means of communication for such gadgets is more difficult than 
ever. Numerous methods have been developed over the years to optimise the energy 
consumption of WSN in an effort to save its power source and extend the network’s 
overall lifespan [12–15]. An effective strategy is multihop communication, in which a 
signal is sent from one sensor node to the next that is in closer proximity to the base 
station [16]. This method is great for conserving electricity since it stops the sensor 
from broadcasting over long distances. Each node must relay the signal it has picked 
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up to its nearby neighbour. However, if a single hop along the multihop network fails, 
the whole message must be resent. Every node along the multihop route, not only 
the one initiating the retransmission, experiences an increase in power consump-
tion as a result of the retransmission. In addition, it adds unnecessary cost to long-
distance routing [17]. Cooperative communication, which employs the idea of spatial 
diversity to fight against channel fading and interference through wireless broadcast 
advantage, has emerged to overcome such limitations. Cooperation between sensors 
may be achieved by a number of different strategies [18, 19]. These methods succeed 
when there is perfect synchronisation in the convergence communication but fail oth-
erwise. It also has a number of additional problems, such as difficult scheduling, high 
costs, unwanted interference, heavy traffic, etc.

Collaborative communication is a relatively new concept in wireless network that 
aims to improve energy efficiency [20]. In this mode of transmission, several trans-
mitter nodes act as a single node with numerous antennas attached, each sending 
the identical data to the same receiver. It has been discovered that cooperative com-
munication leads to improved results in terms of received power, energy efficiency, 
system capacity, and bit error rate (BER) [21]. Constructive interference may result 
from cooperative communication even if the received signals are only partially syn-
chronised as a result of the synchronisation procedure [22]. In contrast to earlier 
approaches, which generally addressed the channel as a single route, this study uses 
collaborative Communication to examine energy efficiency in wireless networks when 
the channel has the impact of multipath scattering and fading [23, 24].

In traditional multicast, each user equipment or node can downloads the whole 
content. A mobile content-sharing network has gained popularity in recent months. 
This study has focused on reducing energy usage [25–29], increasing system through-
put [30], or reducing communication costs [31]. Authors in [32, 33] developed wire-
less dispersed computing network power-saving methods. These contributions 
focused on power-saving computers, not communication. Authors in [34] proposed 
the framework and examined the energy-saving potential of mobile cloud. In [35], 
authors studied the energy efficiency of multicast and unicast transmission tech-
niques in the mobile cloud. The connection between base station and user has seldom 
been considered in previous research. Mobile devices cannot process or store data 
due to the high latency of in a wireless network. If the nodes are too weak or message 
is too big for a single node’s memory, the latency limit may not be met.

The Map-Reduce distributed computing architecture [36] is a collaborative com-
puting platform that overcomes these restrictions. The base station (BS) acts as the 
network’s edge and each node computes locally. It may also choose not to employ 
a third-party computing paradigm in some apps for privacy reasons. Like [36], the 
study uses distributed computing and problem formulation. Our model assumes 
computationally and telepathically varied nodes and incorporates a delay restriction. 
In [37–40], the authors discuss the trade-off between computational and communica-
tion overhead in wireless distributed computing due to teamwork. In this work, the 
collaborative-computing strategy optimises node energy usage while meeting latency 
constraints. Due to delay and wireless device energy constraints, this adjustment was 
made. The proposed wireless collaborative computing method also includes energy 
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efficiency. We’ll assume the access point (AP) coordinates collaboration throughout 
this research since it knows all the nodes’ channel state information and computing 
capabilities.

3  Proposed methodology: collaborative computing framework
This section provides an explanation of the collaborative computing paradigm that was 
used in this paper. This work also presents the calculation of the amount of time and 
effort used throughout each step of the collaborative communication.

3.1  Collaborative communication: the computational model

In accordance with the Map-Reduce architecture [36], the nodes are distributed in the 
network evenly with total k nodes. First, we make the assumption that the network N  
may be randomly split into i smaller networks (minimum one for each node) of size 
Nk ∈ k ≥ 0 in such a way that Nk ∩ Nl = φ for all k = l and N =

k
i=1Ni . This will allow 

us to proceed with the next step of our analysis. We do not take into account the amount 
of energy and time required to send Nk from the access point to node k . We also make 
the assumption, for the purpose of making it feasible for the nodes which are operating 
together, that the local node data 

{

datai
}k

i=1
 were communicated across all of the nodes 

through the AP in an earlier phase, which we overlook in this study due to the assump-
tion that datai is expected to be on the lower end of the spectrum.

During the first phase of the Map-Reduce architecture, known as the Map phase, each 
node k computes the intermediate values datak ,l = gk(datal ,Nk), l ∈ [k] , where the map 

function is  gk : [0, 1]datai × [0, 1]

(

datak
l

)T

 on that is being carried out at node k . In the 
Reduce phase, the values calculated by each node k are lowered. The size is in bits, of the 
intermediate values generated at node k should roughly correlate to the size of datak has. 
This results in intermediate values being calculated at every node k for the other nodes, 
i.e. ak .l ∀l �= k ) as well as for datak by making use of the portion Nk of N  that it got from 
the AP. These values are compared to one another.

In the shuffle phase nodes exchange intermediate values. This paper is based on tracta-
bility to build the collaborative computing framework. There is no reliable energy model 
for coding processes [37–40]. During this streamlined version of the Shuffle phase, 
each node k will send the intermediate values datak .l = gk(datal ,Nk) to node l over the 
AP. This will be the case ∀l �= k . Therefore, it is necessary for node k to send the AP 
(k − 1)

(

datal,k/l
)

T  bits of the intermediate values. At the end, during the Reduce phase, 
each node l combines the T  bits of the intermediate values such that

where h : [0, 1]T → [0, 1]O . The O operator performs the Reduce function.

3.2  Two phase computational model

It is possible to calculate the amount of energy that a node consumes when participat-
ing in collaborative communication by taking into consideration the amount of power 
that a node utilises in order to transmit data is referred to as the transmission power of 
the node, the distance that separates the node and the node that is receiving the data is 

(1)φ(datal ,N ) = h(g1(datal ,N1), g2(datal ,N2), . . . , gk(datal ,Nk)
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referred to as the distance between the node and the receiver, the pace at which the data 
is being sent via the connection is referred to as the data rate of the transmission and the 
period of time that the data is really being conveyed is referred to as the duration of the 
transmission.

The total energy efficiency of a node may be determined during collaborative commu-
nication by using the amount of energy that is used as well as the amount of time that is 
spent doing the computational work.

The nodes are required to carry out computing during the collaborative communica-
tion stages. A computing paradigm is employed in this study which is based in node 
energy [30]. Assume that the amount of energy that is used up during packet commu-
nication at node k is denoted by the symbol Energyk , and the number Ck indicates the 
number of cycles that are necessary to process one bit of input data during both the 
computing phases, i.e. Energy1k denotes the energy used to transmit the data at node k  
(Map phase) and Energy2k is energy used in vice-versa communication (i.e. Reduce 
phase). The energy formulas are written as,

It is used to calculate the quantities of energy that are used up at node k during col-
laborative communication. Next, assuming that the number of packets that occur per 
second at node k is denoted by nk , we can calculate the amounts of time necessary for 
the both computational phases using the following formulas:

When we utilise the variable Ck , it is already possible to see that we have the ability to 
exercise control over the amount of time and energy that is used up at node k while the 
computing phases are in process. This is visible when we see that we are able to see that 
we have the capacity to exercise control over the amount of time and energy that is used 
up at node k . This is the situation as a result of the fact that we have the ability to choose 
how much time and effort is spent. On the other hand, we have no influence whatsoever 
on the amount of time or energy that is used by the various steps of computing, and as a 
result, we are unable to alter any of those factors. As a direct result of this, in addition to 
the fact that the first computational phase has to be finished before the second phase can 
get under way, the second phase cannot get under way until the first phase is finished. 
The amount of time that is available for the various phases of computation is equal to 
T − (max

k
t2k )− t1k . To put this another way, the slowest node in the network is the one 

that is responsible for limiting the amount of time that is available during the collabora-
tive communication by the amount of time that is required for the phase-2 computation 

(2a)Energy1k =
(

kdatai + datal,k
)

CkPk

(2b)Energy2k = TCkPk

(3a)t1k =

(

kdatai + datal,k
)

Ck

nk

(3b)t2k =
TCk

nk
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at that node. This is because the slowest node in the network is the one that has the most 
work to do.

3.3  Transmission of information from nodes to AP

Nodes will exchange interim values over the AP during Shuffle. The exchange involves 
uplink and downlink communications from the nodes to the AP. However, most 
applications have greater downlink rates than uplink rates. As a result of this, we do 
not take into account the amount of time necessary for the downlink connection in 
our work.

The connection between the base station and the node is known as the downlink 
connection, and the amount of time it takes for the data to be transmitted depends on 
a number of different factors like the distance between the base station and the node, 
the data rate of the transmission, and the congestion on the network. A downlink 
connection is not necessarily required for collaborative communication. For instance, 
if the nodes are located in close enough proximity to one another, they will be able to 
interact with one another directly rather than using the base station. In this scenario, 
the author would not need to take into consideration the downlink connection since 
it would not be utilised. It is possible that the sender made the decision to centre 
their attention on the amount of energy used by the nodes during the collaborative 
communication.

We make the assumption that all of the nodes are able to interact with the AP in a 
way that is orthogonal to themselves. We also assume the standard assumption that 
the channel coherence time is longer than the allowable delay, which we denote by the 
symbol. Let us assume that C denote the wireless link directed from the node k to the 
AP. The communication bandwidth will be denoted as B . The noise power σ 2 at the 
AP has bandwidth B , and Ŵ SNR gap. The formula for calculating the maximum feasi-
ble uplink rate of node k is as follows

Fig. 2 Data rate variation 
(

rateuplink(datak)
)

 with number of nodes (k)
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Figure 2 plots data rate variation 
(

rateuplink(datak)
)

 with number of nodes (k) . The 
amount of time that is necessary for node k to send the (k − 1)

(

datal,k
l

)

T  bits of inter-

mediate values to the AP may be calculated using the formula

where α =
(k−1)T

l
 has been specified for the purpose of simplifying the notation. Then, 

using the definition of gamma function [30] we define f (x) = σ 2Ŵ

(

2
x
B − 1

)

 , and the 

energy consumed at node k to transport intermediate values is given by

The entire quantity of energy that was used may now be calculated as a result of this. 
Because of this, we are able to have some degree of influence on the amount of time and 
energy that is spent at node k during the shuffling phase. In this paper we use a tech-
nique for shuffling the data is called a shuffle algorithm, and it is a way for randomising 
the data. The network has the ability to choose the criteria that are most relevant to their 
application and then tailor the optimisation of the shuffle phase to meet their needs. The 
network may save both energy and time by perfecting the optimisation of the shuffle 
step, which, in turn, can increase the overall performance.

3.4  Energy efficient collaborative scheduling

In the algorithm that we have presented, both the base station and the users are engaged 
in making decisions on when users should participate and which users should partici-
pate. As part of this plan, the BS will first be given a candidate list, and then it will sched-
ule users drawn from that list to get packages depending on predetermined criteria. This 
scheme will begin with the BS obtaining the candidate list.

3.4.1  Grouping of network nodes

In order ensure that the distribution of a single data component uses the least amount 
of energy possible we make use of a routing algorithm that takes into consideration the 
amount of energy that is used by each connection. We utilise a network architecture 
that reduces the amount of time spent travelling between different nodes as much as 
possible.

In order to keep the minimum amount of energy used for distributing a single data 
component, the distributor node has to meet the following equation:

(4)rateuplink(datak) = Blog2

(

1+ datak |C|
2

Ŵσ 2

)

(5)tk =
α · datal,k

rateuplink(datak)

(6)Energytotal = dataktk =
tk

|C|2
f

(

α ·
datal,k

tk

)

(7)Energyoptimal = argmin
k

Energyk + (k − 1)Energyk ,l
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Even if it is feasible to provide the best choice for minimising the amount of energy 
used when k is picked to receive data, this might result in the same user constantly being 
selected regardless of the size of their battery. Therefore, in order to determine which 
user should get data, BS may generate a candidate list that is value-ordered.

The distributor node has the ability to choose the methods that are most relevant 
to their application and to tailor the optimisation of the distribution process to reflect 
those selections. The distributor node is able to make significant energy savings by opti-
mising the distribution process, which in turn may increase the application’s overall 
performance.

3.4.2  The selection of nodes and packet scheduling

The BS will choose nodes according to a selection rule and schedule them to function as 
receivers. The selection rule is the process that the BS follows in order to decide which 
nodes will take on the role of receivers. Selection criteria often prioritise nodes that are 
physically near to the base station. This is because the nodes that are physically closer to 
the base station will have a stronger signal and be better able to receive the sent data. It 
is also suggested that the nodes with the greatest energy be selected for further process-
ing. The reason for this is that the nodes with the most available power will be able to 
keep up with the data for longer.

The nodes closest to the base station (BS) and with the most available energy might 
be selected by the BS. There must be a different set of criteria used as a filter in every 
possible situation. The base station (BS) may, for instance, choose to use the selection 
criterion that selects the nodes that are physically situated in the most immediate area 
of the BS if the application requires the data to be acquired in the least period of time. 
However, if the application demands that the data be received for a significant amount of 
time over a period of time, then the BS may opt to utilise the selection criteria that picks 
the nodes that have the highest energy in them.

Least energy consumption is used as a criterion for node selection in the BS. The BS 
must choose the nodes that will use the least amount of energy in order to accomplish 
the task of disseminating the data, according to this criteria. The premise of this rule is 
that the node’s power consumption increases in proportion to its distance from the BS. 
This is because the node will have to transmit more information to the BS as its distance 
from the latter increases. The BS is able to calculate the power consumption of each 
node by factoring in the following conditions:

• Data must be transmitted to the node before it can be utilised;
• The hop count to be determined to separate the node from the BS.

The BS may then choose the nodes with the lowest aggregate power consumption. By 
doing so, we can reduce the amount of power needed to transmit data to an absolute 
minimum.

Assume that U is the total number of users in the collaborative network. The BS shall 
pick the user as the content receiver at each scheduling time in accordance with the 
energy efficient rule such that the minimum energy consumed node is selected 
min

(

Energy1i,k + Energy2i,k

)

.
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In the proposed work, the problem of node grouping and scheduling may be found 
by combining the results of the assessment are then used to build a network, which is 
then reported to BS. After taking into account both phases and the energy usage, BS will 
eventually schedule node to operate as a receiver.

1. According to the first selection criterion, the nodes that are able to reduce their over-
all energy consumption the most will be chosen in the collaborative network. When 
it comes to data distribution, the top node on the list is the one that has the potential 
to cause the least amount of energy consumption.

2. The potential for the BS’s transmission rate to lower its power consumption is taken 
into account while making selections. In collaborative communication, it is common 
knowledge that sending a message to several nodes at once uses more power than 
sending a single message to the node with the best channel conditions.

3. Since the collaborative communication states that the algorithm must pick the nodes 
whose energy level is high enough to spread the received data to next node. Thus, the 
proposed network ensures that each node in the collaborative network will function 
properly for its entire lifespan.

The collaborative network ensures that every node works properly throughout its 
lifespan. This may be accomplished by monitoring the functioning of the node and per-
forming routine status checks on it at regular intervals. In the event that the node is not 
operating as it should, the network has the ability to either repair or replace the node. 
The network may have redundant nodes. This indicates that there is more than one node 
that is capable of carrying out the same job. If one of the nodes fails, the role of the failed 
node may be taken up by another node. Because of this, it is possible to increase the 
likelihood that the network will continue to operate normally even in the event that one 
or more nodes fail. Redundancy at the node level refers to the practise of having numer-
ous nodes that are capable of carrying out the same function. This task may be carried 
either by the individual nodes or by the network as a whole. By using these procedures, 
the collaborative network may assist to assure that all of its nodes will continue to oper-
ate as intended over the whole of its lifetime. This is significant because the nodes in the 
network are required for the network to function properly.

4  Results and discussion
Through the use of numerical experiments, the performance of the optimum collabo-
rative computing scheme is compared to non-collaborative scenario. The proposed 
collaborative computing system only involves distributing Nk in an equal and uniform 
manner across the k nodes, denoted by the equation Nl,k = Nl/Nk . This is done with-
out taking into consideration the computational capability of the nodes or the quality 
of the channel connecting them to the AP. We examined the amount of computing 
load, i.e. capacity of network (with different nodes) w.r.t tk that can be handled by the 
proposed technique within the constraints of a certain latency requirement. Maxi-
mum computation load or maximum capacity of network is attained using collabora-
tive-computing methods when tk the effective latency, is employed exclusively to 
execute local computation. The maximum computation load for the proposed 
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collaborative-computing systems is therefore given by Capacitycollabmax =
∑k

i=1
dataitk
Ck

 . 
Figure 3 plots capacity of network (bits/Hz) with delay (tk) . In a setup where nodes 
operate independently, the maximum compute load that may be performed within 
the acceptable delay is the most work a single node can accomplish. If we think of the 
capabilities of the nodes’ computers as random variables, then Capacitycollabmax  may like-
wise be thought of as a random variable. This figure shows how permitted delay influ-
ences probability. This graphic shows that the optimal strategy has the best probability 
of meeting the latency requirement for k nodes and a given delay. The collaborative 
strategy may boost earnings by adding nodes. The suggested system uses node diver-
sity and treats all nodes equally. Figure 4 represents energy consumption with varying 
number of nodes on collaborative network before energy efficient scheduling. Here 
( Energy1i,k → Uplink ,Energy2i,k → Downlink and Energyoptimal → Overall ). Figure  5 
represents energy consumption with varying number of nodes on collaborative 

Fig. 3 Plot of capacity of network (bits/Hz) with delay (tk)
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Fig. 4 Energy consumption with varying number of nodes on collaborative network before energy efficient 
scheduling ((Energy1i,k → Uplink, Energy2i,k → Downlink and Energyoptimal → Overall))RETRACTED A

RTIC
LE



Page 13 of 16Dong and Guo  J Wireless Com Network  (2023) 2023:87 

network after proposed energy efficient scheduling. Figures  4 and 5 present a com-
parison between the in terms of the total amount of energy that is used by the nodes 
during uplink, downlink and overall phase. Each point on the figure represents an 
average of the results for up to 100 nodes. The consumption of energy by the collabo-
rative system is shown to be around two lower than that of non-collaborative method 
by this Figs. 4 and 5. It is important to keep in mind that it is not difficult to demon-
strate that the entire amount of energy used in the scenario where there is no collabo-
ration uses about k times more energy than the total amount of energy used in the 
non-collaboration scheme. A breakdown of the overall energy consumptions are 
related with the various stages of the proposed collaborative method. Figure 6 repre-
sents energy consumption with delay (tk) on collaborative network before proposed 
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Fig. 5 Energy consumption with varying number of nodes on collaborative network after proposed energy 
efficient scheduling ((Energy1i,k → Uplink, Energy2i,k → Downlink and Energyoptimal → Overall))
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Fig. 6 Energy consumption with delay (tk) on collaborative network before proposed energy efficient 
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energy efficient scheduling at k = 20 . Figure  7 represents energy consumption with 
delay (tk) on collaborative network after proposed energy efficient scheduling at 
k = 20 and k = 40.

The evolution of the energy components that make up proposed scheme shows how 
the allowable latency affects the scheme. This Figs. 6 and 7 demonstrate in particu-
lar, that the proposed collaborative approach has the potential to reduce the amount 
of energy required even when delay values are increased. Increasing the permitted 
latency enables the proposed scheme to utilise slower but more energy-efficient 
nodes, which in turn results in a reduction in the amount of energy that is used, 
which still another advantage is brought about by the variety of the nodes.

5  Conclusion and future work
An approach to wireless collaborative computing that is efficient in terms of energy use 
has been presented in this body of work. The results of numerical studies demonstrated 
the advantages of this scheme in comparison with non-collaborative scenario. These 
advantages include a lower feasible latency, a reduction in the amount of energy used, 
and the possibility to swap energy for latency and vice versa. Utilising the variety of the 
nodes in terms of their computational capacities and channel strengths is the method 
through which these advantages are acquired. However, analytical findings that empha-
sise the advantages of variety do not already exist; hence, the pursuit of such results pro-
vides a first feasible avenue for future research.

For future study, the models that were used in this study to measure the amount of 
time and effort spent throughout the various stages of the partnership are very simplis-
tic and not even close to being reflective of reality. Therefore, one of the most impor-
tant goals of future work will undoubtedly be to include into the suggested architecture 
for collaborative computing models that are more accurate representations of the actual 
world. Additionally, it was believed that nodes are able to interact with one another 
in an orthogonal fashion on the uplink, and the downlink was not taken into account. 
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Fig. 7 Energy consumption with delay (tk) on collaborative network before proposed energy efficient 
scheduling at k = 20 and k = 40 ((Energy1i,k → Uplink, Energy2i,k → Downlink and Energyoptimal → Overall))
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Although it was practical to build down the basis of this framework for collaborative 
computing, those simplifying assumptions will be re-examined in the future research.
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