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Introduction
Leishmaniasis is one of the zoonotic infectious diseases 
which transmitted to humans and animals. They are 
classified by the spectrum of clinical manifestations: 
cutaneous leishmaniasis (CL), visceral (kala-azar), and 
cutaneous mucosal leishmaniasis [1]. Cutaneous leish-
maniasis is the most common form of leishmaniasis, 
which occurs in both dry (urban) and wet (rural) forms. 
Leishmania infection is transmitted via the bite of some 
sandflies. These sandflies are globally distributed and 
more prevalent in tropical and subtropical countries 
[1–3]. The incubation period of the disease in rural areas 
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Abstract
Background Leishmaniasis is a zoonotic disease and Iran is one of the ten countries with has the highest estimated 
cases of leishmaniasis. This study aimed to determine the time trend of cutaneous leishmaniasis (CL) incidence using 
the ARIMA model in Shahroud County, Semnan, Iran.

Methods In this study, 725 patients with leishmaniasis were selected in the Health Centers of Shahroud during 
2009–2020. Demographic characteristics including; history of traveling, history of leishmaniasis, co-morbidity of other 
family members, history of treatment, underlying disease, and diagnostic measures were collected using the patients’ 
information listed in the Health Ministry portal. The Box-Jenkins approach was applied to fit the SARIMA model for CL 
incidence from 2009 to 2020. All statistical analyses were done by using Minitab software version 14.

Results The mean age of patients was 28.2 ± 21.3 years. The highest and lowest annual incidence of leishmaniasis 
were in 2018 and 2017, respectively. The average ten-year incidence was 132 per 100,000 population. The highest and 
lowest incidence of the disease were 592 and 195 for 100,000 population in the years 2011 and 2017, respectively. The 
best model was SARIMA (3,1,1) (0,1,2)4 (AIC: 324.3, BIC: 317.7 and RMSE: 0.167).

Conclusions This study suggested that time series models would be useful tools for predicting cutaneous 
leishmaniasis incidence trends; therefore, the SARIMA model could be used in planning public health programs. It will 
predict the course of the disease in the coming years and run the solutions to reduce the cases of the disease.
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is usually less than four months but the urban type has a 
longer incubation period and usually lasts approximately 
two-eight months and even longer [1, 3–5]. World Health 
Organization (WHO) has identified the disease as one of 
the six infectious diseases worldwide [6, 7].

In the temperate regions, the activity of sandflies is in 
the warm seasons of the year and their maximum activi-
ties are from June to September. The prevalence and 
spread of leishmaniasis, in addition to economic, social, 
and cultural issues, are affected by ecological factors [6, 8, 
9]. All the known centers of the disease are between two 
latitudes of 28 to 42 degrees in the northern latitude. It is 
the second most important tropical disease after malaria 
and is endemic in the tropics of the Americas, Africa, and 
the Indian subcontinent, subtropical regions of south-
west Asia, and the Mediterranean region [1, 2, 6, 8, 9]. In 
Iran, the geographical and climatic conditions are very 
suitable for the rodents and the reproduction of sandflies 
mosquitoes that can transmit the disease [1, 2, 6, 8–15].

According to the WHO in 2012, Iran is one of the ten 
countries with the highest estimated cases of leishmani-
asis, which accounts for 70 to 75% of the probable inci-
dence of leishmaniasis in the world. Nearly two million 
new cases are infected with the disease each year, and 
between 20,000 and 50,000 people die as a result [7, 
16–19].

This study aimed to determine the time trend of cuta-
neous leishmaniasis using the Autoregressive integrated 
moving average (ARIMA) model in Shahroud County, 
Iran from 2009 to 2020. We tried to predict the trend of 
the disease in the coming years and provide solutions to 
reduce the cases of the disease.

Materials and methods
Study area
Shahroud county is located in the northern margin of 
Dasht-e Kavir and on the southern slopes of the Alborz 
mountain range with a geographical position of 36° 25’ 
latitude, and 54° 58’ longitude with an altitude of 1380 m 
above sea level in the northeast. The average annual tem-
perature in this county is 14  °C, and the average annual 
rainfall is 180 mm.

Data collection
We gathered and classified the monthly data of leish-
maniasis incidence from all cities and regions in Shah-
roud County from January 2009 to December 2020. The 
information of the study are available on the incidence 
statistics of infectious diseases of the Data Center of Iran 
Public Health Science database (http://port.health.gov.ir/
mfdc/default.aspx) hosted by the Iran Center for Disease 
Control and Prevention (Iran CDC).

Data was collected by using a questionnaire, and 
a linear checklist form which includes demographic 

characteristics, history of traveling, history of leishmani-
asis, comorbidities of another family, treatment history, 
underlying disease, and diagnostic procedures. In this 
study, 725 patients with leishmaniasis were identified and 
treated.

According to the cutaneous leishmaniasis care related 
guidelines in Iran; it is impossible to conduct the epide-
miological study and control of leishmaniasis without the 
correct diagnosis of the mosquito species, which are the 
only carriers of leishmaniasis, and play a major role in the 
spread of the disease. Therefore, the detection networks 
of sandfly mosquitos’ species, vectors, their abundance 
determining, and reservoirs identification in the centers 
of the disease were launched. Based on the latest report 
on the existed species, and considering the abundance of 
the dominant species of sandfly mosquito, and the deter-
mination of the seeker reservoir, the desired center can 
be easily identified and planned to fight against the vec-
tor and reservoirs [20].

Statistical analysis
In the time series analysis, through Box-Jenkins method-
ology, ARIMA and SARIMA models are used to correlate 
each observation with the previous ones and provide a 
model to predict the disease [21–24].

First, the Seasonally Correlated Integrated Moving 
Average (SARIMA) model with Box-Jenkins method was 
used to determine CL occurrence model. A logarithmic 
transformation was used for all variables to become sta-
tionary input series. Chi-square test was used to detect 
the seasonal distribution of the disease.

ACF and PACF functions were used to set the ARIMA 
(p, d, q) and SARIMA (P, D, Q, S) models. Parameter P 
(Autoregressive) is specified by the PACF diagram and 
shows the significant delays in the fixed series. Q (Mov-
ing Average) in ACF diagram is used to determine the 
seasonal trend. In the ACF diagram, the seasonal trend 
is shown by the sinus wave. For the controlling seasonal 
trend, use the division difference (D = 1). The number of 
differentials to control the seasonal effect is indicated by 
D (Differential) and represented by seasonal data (D). 
Because the data were collected quarterly, S was equal to 
4.

The normality of model residues and their indepen-
dence was used to evaluate the model. If the model can 
be calculated correctly, the remainder will be natural 
and independent. Then, the model can be estimated with 
determining the appropriate and realistic values and 
plotting them. In this study, Akaike’s information crite-
ria (AIC) and Bayesian information criteria (BIC) were 
also applied to select the best model. In the analysis, the 
statistically significant level was set at 0.05. Minitab soft-
ware version 14 has been performed for model analysis 
and forecasting.

http://port.health.gov.ir/mfdc/default.aspx
http://port.health.gov.ir/mfdc/default.aspx
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Results
Descriptive statistics
In this study, 725 patients with leishmaniasis were identi-
fied and treated from 2009 to 2020 in the Health Centers 
of Shahroud County. The mean age was 28.2 ± 21.3 years 
and the highest incidence of the disease was in the age 
group 41–60 years. During these years, 396 (54.6%) and 
329 (45.4%) patients were males and females, respec-
tively. 146 (20.1%) patients had a history of leishmaniasis. 
The most common site inflicted by lesions was the hip 
and leg (24%). The average ten-year incidence was 132 
per 100,000 population.

Table 1 showed a distribution of leishmaniasis accord-
ing to the type, history of traveling, and form of lesion. 
According to the table, the most common leishmaniasis 
type was major (342, 47.2%). The wet form of lesion was 

the most distribution of leishmanias during the study 
period (397, 54.8%).

The highest and lowest incidence were 592 and 195 for 
100,000 population in the years 2011 and 2017, respec-
tively. The incidence of leishmaniasis by the year and 
regions was presented in Table 2.

Modeling
For the time series forecasting, the Box-Cox test (theta: 
-0.19) was used for variance stationary and Dicky-Fuller 
test (P < 0.05) was used for mean stationary. Due to the 
instability of the data in terms of variance, the original 
data was changed to ln to become static (theta: 1.07). By 
drawing ac and pac and seasonal diagrams, the values   
(p, d, q) (P, D, Q) were reported (Supplementary Fig. 1). 
To control the seasonal trend, seasonal differentiation 
was taken from the data. The result of the chi-square 
test showed that the disease has a seasonal distribution 
(χ2 = 25.6, P = 0.007). Also, the geographical distribution 
of the disease by cities and years from 2009 to 2020 was 
illustrated seperately (Supplementary Fig. 2).

Finally, two models of SARIMA (3,1,1)  (0,1,2)4 and 
SARIMA (3,1,2)  (0,1,1)4 were selected as the best mod-
els and were compared in terms of coefficients and fit-
ting parameters in Table  3. After comparing different 
SARIMA models by using the likelihood ratio test, the 
best model was SARIMA (3,1,1) (0,1,2)4 (AIC: 324.3, BIC: 
317.7 and RMSE: 0.167). All coefficients were statistically 
significant in the model ARIMA (3,1,1)   SARIMA (0,1,2) 
4 (P < 0.05) (Table 4).

Also the trend of the disease analysis was downward 
trend (Fig.  1). The linear trend equation of leishmani-
asis is estimated as Yt = 21.68 − 0.268 × t. According to the 
model, the trend of the disease is decreased (Fig. 2).

Discussion
The results showed that Miami had the highest incidence 
of leishmaniasis from 2009 to 2020 and the best model 
was ARIMA (3,1,1)  SARIMA (0,1,2)4. Also, both sexes 
were susceptible to the disease and the highest inci-
dence was observed in men. Jorjani and his colleagues 
(2019) found that men had the higher number of CL 
cases than women. This result was the same as the result 
of our study [25]. Also Sofizadeh (2016) and his col-
leagues reached the same result which is consistent with 
our study [26]. Men constitute the majority of seasonal 

Table 1 Distribution of leishmaniasis according to the type, 
history of traveling and form of lesion (2009–2020)
Frequency Percent
Type of leishmaniasis Tropica 185 25.5

Major 342 47.2

Unknown 198 27.3

History of traveling to 
endemic regions

Traveling 210 29

No traveling 371 51.2

Not reported 144 19.8

Form of lesion Dry 175 24.1

Wet 397 54.8

Unknown 153 21.1

Table 2 Incidence of leishmaniasis in 100 000 inhabitants of 
Shahroud city during 2009–2020
Region
Year

Shahroud Bastam Miami Biarj-
mand

2009 18.2 48.1 75.3 63.5

2010 6 0 55 8

2011 0 0 545.5 38.6

2012 2 0 144 90

2013 0 0 194 27.7

2014 0 0 253 13.9

2015 0.7 0 186.8 27.7

2016 0 0 168 28.6

2017 0 0 164.3 30.4

2018 0 0 172.5 45.6

2019 0 0 159.2 38.3

2020 0 0 167.3 41.9

Table 3 Comparison between two final seasonal models for predicting number of cases of leishmaniasis in Shahroud
Models R2 Ljung-Box test AIC BIC RMSE

stst P
SARIMA (3,1,1) (0,1,2)4 0.98 31.05 0.153 324.3 317.7 0.167

SARIMA (3,1,2) (0,1,1)4 0.81 32.92 0.081 329.6 341.2 0.249

SARIMA (3,2,1) (0,1,2)4 0.68 35.44 0.053 348.1 344.0 0.268

SARIMA (3,2,2) (0,2,2)4 0.70 39.02 0.066 352.3 349.9 0.299
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migrants as workers who wear less clothing and have 
more environmental and social interactions than women.

The study population included all age groups, but the 
highest incidence was observed at the ages 41–60 years. 
In addition, the incidence of leishmaniasis increased in 
summer and autumn and decreased in winter and spring. 
This is probably due to the greater activity of sandflies 
in the spring and summer as the latency of the disease. 
This can be a result of suitable situation for reproduc-
tive of sandflies including degree of 23–28 centigrade 

and moisture of 70–100% that are commonly occurred 
in the last months of summer and early autumn [27]. As 
the same as our result, in Karami study (2013) in Isfahan, 
the majority of patients were infected in fall. Also most of 
the patients were in the age group 20–31 years [28]. This 
result was in contrast with our research which may be 
related with some factors like the occupation, education, 
and activity. It can be concluded that the rate of infec-
tion in different age groups depend on the study loca-
tion. Although the incidence of the disease had increased 
at the beginning of the study (2009) and after 2015 had a 
steady trend.

The result of the Sharafi study (2017) in the south of 
Fars showed that SARIMA (4,1,4)  (0,1,0)12 model in gen-
eral and SARIMA (4,1,4)  (0,1,1)12 model at the lower 
and higher ages than 15 years old could adequately pre-
dict the course of the disease in the study area [18]. In 
the Nikonahad study (2017) in western Iran, SARIMA 
(1,0,1) (1,0,0)12 model was used for the incidence trend of 
leishmaniasis [17]. According to the Morrone (2011), the 
best model for predicting was ARIMA (2,0,3). This model 
had been selected based on observations and the correla-
tion elimination in the residue as detected by the Ljung-
Box test and the automatic residual series correlation and 
partial correlation functions [12]. The result of Kalim 
Ullah et al. (2016) time series study in Pakistan with the 
ARIMA method showed that the best ARIMA models 
were ARIMA (1,0,0) (0,1,0)12 and ARIMA (0,0,0) (0,1,0)12 
with a seasonal period of 12 months, respectively [29]. 
All studies had shown variables such as air temperature, 
humidity, rainfall, and altitude had been included in the 

Table 4 Coefficients and statistics of variables in SARIMA (3,1,1)  
(0,1,2)4 model for predicting number of cases of leishmaniasis in 
Shahroud
Variables Coefficients Stan-

dard 
Error 
(SE)

CI 95% Z P-
val-
ue*

AR1 -1.019 0.040 -1.097 
-0.940

-25.47 0.000

AR2 -1.017 0.040 -1.096 
-0.939

-25.37 0.000

AR3 -0.995 0.013 -1.021 
-0.969

-74.08 0.000

MA1 0.285 0.145 0.110–
0.570

1.97 0.049

MA 
seasonal

-0.803 0.265 -1.324 
-1.281

-3.02 0.003

Constan -0.333 0.365 -1.050 
-0.501

-0.91 0.013

Sigma 12.369 1.873 8.696–
16.042

6.6 0.000

*P < 0.05

Fig. 1 Linear analysis of leishmaniasis seasonally during the study period (2009–2020)

 



Page 5 of 7Majidnia et al. BMC Public Health         (2023) 23:1190 

model except incidence of the disease, which had caused 
differences in these models with our study. Also in this 
study, the seasonal trend of the disease had been shown.

The relationship between cutaneous leishmaniasis and 
vegetation index, rainfall, temperature, humidity, wind, 
and temperature inversion have been shown in differ-
ent studies. So, providing humid and warm conditions 
for carriers can increase the number of infected cases 
after wet seasons [18, 30–33]. In these areas, continued 
drought and reduced rainfall, which affects environmen-
tal variables, could effect on a declining disease trend. 
Also it should be noted that each region has a climatic 
condition, host and carrier of the disease, and the trend 
of the disease can change based on these conditions. 
Therefore, assessment of the disease trend should be spe-
cific according to the conditions of each region [18].

The declining trend of the disease in this region could 
be effected on the implementation of controlling pro-
grams, including fight against reservoirs (rodents) and 
vectors and enhance the environment in all the areas. In 
Iran, many studies had been performed on the effect of 
rodent programs with P2ZN3 toxin in reducing the inci-
dence of leishmaniasis; Thus, the implementation of pro-
grams that lead to the reduction of disease reservoirs can 
ultimately reduce the incidence of disease [34, 35].

Impregnation of mosquitoes with permethrin toxin 
can also disrupt the human transmission chain, thereby 
reduce the number of vectors. In addition, increasing the 
level of knowledge about the disease and methods of pre-
vention, which are regularly implemented by the health 
centers, can help to control the trend of the disease. 
These issues have been proven in various studies. Also it 

can be related to the drafting process and the reduction 
of vegetation due to the effect of environmental condi-
tions, especially climate, on the frequency of carriers and 
reservoirs of the disease [34–36].

Due to the high rate of leishmaniasis in this region, 
especially in the city of Miami, timely identification of 
new cases of leishmaniasis, especially major and wet 
type, and the start of treatment after a definitive diagno-
sis requires more attention. Also, the diagnosis should be 
seriously followed up in rural farmers and ranchers, and 
try to control, and treat them definitively, and appropri-
ately. Educational sessions and the distribution of pam-
phlets, tracts in the city and especially in the villages 
are necessary to increase the level of knowledge among 
households about leishmaniasis. A workshop or seminar 
should be held for specialized and general practitioners 
to retrain and increase their sensitivity to leishmaniasis. 
It is also suggested that in future studies, other effective 
factors in increasing the incidence of leishmaniasis, such 
as stagnant water conditions, public health, as well as 
medical facilities in this area could be investigated.

The most important limitations of the present study are 
related to the registration system in which some unre-
ported, undiagnosed, and incorrectly diagnosed cases are 
eliminated. Some patients with leishmaniasis went to pri-
vate clinics or self-medication and were not registered in 
the health centers. To improve the accuracy of this data, 
active monitoring is needed to detect leishmaniasis cases.

Fig. 2 Occurrence trend of leishmaniasis and predicting trend using seasonal model (2009–2022)
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Conclusions
The results of this study showed that time series models 
can be useful tools for predicting the incidence of the dis-
ease. Predicting disease trends, as an important issue in 
the rapid alert system, plays an essential role in prevent-
ing the spread of disease, providing facilities and control-
ling diseases. In seasonal diseases, due to the removal of 
the seasonal component, the SARIMA model can be used 
to predict the disease trend properly. Therefore, they can 
be used in planning public health programs and resource 
management. Meteorological variables such as humidity, 
rainfall, rainy days, and socio-economic conditions in the 
models can improve their accuracy.

Supplementary Information
The online version contains supplementary material available at https://doi.
org/10.1186/s12889-023-16121-9.

Supplementary Material 1

Acknowledgements
The authors would like to thank all participants for their cooperation and Vice 
chancellor for Research of Shahroud University of Medical Sciences for their 
support.

Authors’ contributions
MM, ZA and AKh designed and implemented the study. MM and AKh 
analyzed and interpreted the data. MM and PZ drafted the manuscript. AKh 
critically revised the manuscript for scientific content. All authors read and 
approved the final manuscript.

Funding
This research received no specific grant from any funding agency in the 
public, commercial, or not-for-profit sectors.

Data Availability
All data generated and analyzed during this study are included in this article.

Declarations

Ethics approval and consent to participate
This article was extracted from a research project and approved by 
Ethical Committee of Shahroud University of Medical Sciences (IR.SHMU.
REC.1397.073). All methods were carried out in accordance with relevant 
guidelines and regulations. The data of this study were obtained from the 
existing data in health centers and name and ID of participants could not 
be identified in the dataset. So the study did not involve participants to 
provide information. The Ethical Committee of Shahroud University of Medical 
Sciences (IR.SHMU.REC.1397.073) waived the requirement for informed 
consent because of the study’s retrospective nature.

Consent for publication
Not applicable.

Competing interests
The authors declare no competing interests.

Received: 28 March 2023 / Accepted: 14 June 2023

References
1. Burza S, Croft SL, Boelaert M, Leishmaniasis. Lancet (London England). 

2018;392(10151):951–70.
2. Cardenas R, Sandoval CM, Rodriguez-Morales AJ, Franco-Paredes C. Impact of 

climate variability in the occurrence of leishmaniasis in northeastern Colom-
bia. Am J Trop Med Hyg. 2006;75(2):273–7.

3. Farrell JP. Leishmania. Springer US; 2002.
4. Kumar A. Leishmania and Leishmaniasis. Springer New York; 2013.
5. Reithinger R, Dujardin J-C, Louzir H, Pirmez C, Alexander B, Brooker S. Cutane-

ous leishmaniasis. Lancet Infect Dis. 2007;7(9):581–96.
6. Bamorovat M, Sharifi I, Aflatoonian MR, Sharifi H, Karamoozian A, Sharifi F, 

et al. Risk factors for anthroponotic cutaneous leishmaniasis in unrespon-
sive and responsive patients in a major focus, southeast of Iran. PLoS ONE. 
2018;13(2):e0192236.

7. WHO. Report of the Interregional meeting on leishmaniasis among neigh-
bouring endemic countries in the Eastern Mediterranean, African and Euro-
pean regions, Amman, Jordan, 23–25 September 2018. 2018 15 April 2019.

8. Bhatia S, Goli D, Leishmaniasis. Biology, Control and New Approaches for its 
treatment. Apple Academic Press; 2016.

9. Bruschi F, Gradoni L. The Leishmaniases: Old Neglected Tropical Diseases. 
Springer International Publishing; 2018.

10. Mollalo A, Alimohammadi A, Shahrisvand M, Reza Shirzadi M, Reza Malek M. 
Spatial and statistical analyses of the relations between vegetation cover and 
incidence of cutaneous leishmaniasis in an endemic province, northeast of 
Iran. Asian Pac J Trop Disease. 2014;4(3):176–80.

11. Mollalo A, Alimohammadi A, Shirzadi MR, Malek MR. Geographic Informa-
tion System-Based analysis of the spatial and spatio-temporal distribution of 
zoonotic cutaneous leishmaniasis in Golestan Province. North-East of Iran. 
2015;62(1):18–28.

12. Morrone A, Pitidis A, Pajno MC, Dassoni F, Latini O, Barnabas GA, et al. Epi-
demiological and geographical aspects of leishmaniasis in Tigray, northern 
Ethiopia: a retrospective analysis of medical records, 2005–2008. Trans R Soc 
Trop Med Hyg. 2011;105(5):273–80.

13. Mozaffari G, Bakhshizadeh F, Gheibi M. Analysis relationship between vegeta-
tion cover and Salak skin disease in Yazd-Ardakan plain. 2012.

14. Yazdanpanah H, Baratian A, Karimi S. Evaluation of bio ecological factors influ-
encing cutaneous leishmaniasis in qasr -e- shirin. J Spat Plann. 2013;3(3):–.

15. Zare M, Rezaianzadeh A, Tabatabaee H, Aliakbarpoor M, Faramarzi H, Ebrahimi 
M. Spatiotemporal clustering of cutaneous leishmaniasis in Fars province, 
Iran. Asian Pac J Trop Biomed. 2017;7(10):862–9.

16. Jafarpour M, Aivazi A, Jalali A, Ghazanfari Z. Assessing preventive behaviors 
of Leishmaniasis in Mehran County at 2014: application of BASNEF Model 
journal of ilam university of medical sciences,. 2017;25(3):23–31.

17. Nikonahad A, Khorshidi A, Ghaffari HR, Aval HE, Miri M, Amarloei A, et al. A 
time series analysis of environmental and metrological factors impact on 
cutaneous leishmaniasis incidence in an endemic area of Dehloran. Iran 
Environ Sci pollution Res Int. 2017;24(16):14117–23.

18. Sharafi M, Ghaem H, Tabatabaee HR, Faramarzi H. Forecasting the number of 
zoonotic cutaneous leishmaniasis cases in south of Fars province, Iran using 
seasonal ARIMA time series method. Asian Pac J Trop Med. 2017;10(1):79–86.

19. Silva T, Coura-Vital W, Barbosa DS, Oiko CSF, Morais MHF, Tourinho BD, 
et al. Spatial and temporal trends of visceral leishmaniasis by mesore-
gion in a southeastern state of Brazil, 2002–2013. PLoS Negl Trop Dis. 
2017;11(10):e0005950.

20. Iran MoHaMEo. Cutaneous leishmaniasis guideline of the care 2007 [Available 
from: https://khc.kums.ac.ir/kums_content/media/image/2019/12/132051_
orig.pdf.

21. Makridakis S, Hibon M. ARMA models and the Box–Jenkins Methodology. J 
Forecast. 1997;16(3):147–63.

22. Rezaeian M. Application of geographical sciences and technologies to inves-
tigate health problems in the Eastern Mediterranean Region. East Mediterr 
Health J. 2009;15(6):1564–9.

23. Rezaeian M, Dunn G, St Leger S, Appleby L. Geographical epidemiology, 
spatial analysis and geographical information systems: a multidisciplinary 
glossary. J Epidemiol Community Health. 2007;61(2):98–102.

24. Tang Z, de Almeida C, Fishwick PA. Time series forecasting using neural 
networks vs. Box- Jenkins methodology. 1991;57(5):303–10.

25. Jorjani O, Mirkarimi K, Charkazi A, Shahamat YD, Mehrbakhsh Z, Bagheri A. 
The epidemiology of cutaneous leishmaniasis in Golestan Province, Iran: a 
cross-sectional study of 8-years. Parasite Epidemiol Control. 2019;5:e00099.

26. Aioub S, Hassan V, Yavar R, Ahmad Ali H-B, Sayena R. Spatial analyses of 
the relation between Rodent’s active Burrows and incidence of zoonotic 

http://dx.doi.org/10.1186/s12889-023-16121-9
http://dx.doi.org/10.1186/s12889-023-16121-9
https://khc.kums.ac.ir/kums_content/media/image/2019/12/132051_orig.pdf
https://khc.kums.ac.ir/kums_content/media/image/2019/12/132051_orig.pdf


Page 7 of 7Majidnia et al. BMC Public Health         (2023) 23:1190 

cutaneous leishmaniasis in Golestan Province, northeastern of Iran. J 
arthropod-borne Dis. 2016;10(4).

27. Shirzadi MR, Mollalo A, Yaghoobi-Ershadi MR. Dynamic relations between 
incidence of zoonotic cutaneous leishmaniasis and climatic factors in Goles-
tan Province, Iran. J arthropod-borne Dis. 2015;9(2):148–60.

28. Karami M, Doudi M, Setorki M. Assessing epidemiology of cutaneous leish-
maniasis in Isfahan. Iran J vector borne Dis. 2013;50(1):30–7.

29. Ullah K, Khan NH, Sepulveda N, Munir A, Wahid S. Assessing incidence pat-
terns and risk factors for cutaneous leishmaniasis in Peshawar Region, Khyber 
Pakhtunkhwa, Pakistan. J Parasitol. 2016;102(5):501–6.

30. Bounoua L, Kahime K, Houti L, Blakey T, Ebi KL, Zhang P et al. Linking climate 
to incidence of zoonotic cutaneous leishmaniasis (L. major) in Pre-Saharan 
North Africa. 2013;10(8):3172–91.

31. Chaves LF. Climate and recruitment limitation of hosts: the dynamics of 
american cutaneous leishmaniasis seen through semi-mechanistic seasonal 
models. Ann Trop Med Parasitol. 2009;103(3):221–34.

32. de Souza RAF, Andreoli RV, Kayano MT. Carvalho ALJGh. American cutaneous 
leishmaniasis cases in the metropolitan region of Manaus, Brazil: association 
with climate variables over time. 2015.

33. Sharifi F, Sharifi I, Zarean M, Parizi MH, Aflatoonian M, Harandi MF, et al. Spatial 
distribution and molecular identification of leishmania species from endemic 
foci of South-eastern iran. Iran J Parasitol. 2012;7(1):45–52.

34. Akhavan A, Veysi A, Arandian M, Vatandoost H, Yaghoobi-Ershadi M, Hosseini 
M, et al. Field evaluation of phostoxin and zinc phosphide for the control 
of zoonotic cutaneous leishmaniasis in a hyperendemic area. Cent Iran. 
2014;51(4):307.

35. Ershadi M-RY, Zahraei-Ramazani A-R, Akhavan A-A, Jalali-Zand A-R, Abdoli 
H. Nadim AJAoSm. Rodent control operations against zoonotic cutaneous 
leishmaniasis in rural Iran. 2005;25(4):309 – 12.

36. Osman Y, Wayit S, Zhu C-Z, Tong S-X, Wu W-P, Jumahun R et al. Change of 
knowledge rate after health education on visceral leishmaniasis among 
residents in a township of Kashgar City. 2008;26(4):5 p preceding 241-5 p 
preceding.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in 
published maps and institutional affiliations. 


	Time series analysis of cutaneous leishmaniasis incidence in Shahroud based on ARIMA model
	Abstract
	Introduction
	Materials and methods
	Study area
	Data collection
	Statistical analysis

	Results
	Descriptive statistics
	Modeling

	Discussion
	Conclusions
	References


