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Abstract 

Background As the COVID-19 pandemic strains healthcare systems worldwide, finding predictive markers of severe 
courses remains urgent. Most research so far was limited to selective questions hindering general assumptions for 
short- and long-term outcome.

Methods In this prospective single-center biomarker study, 47 blood- and 21 bronchoalveolar lavage (BAL) samples 
were collected from 47 COVID-19 intensive care unit (ICU) patients upon admission. Expression of inflammatory mark-
ers toll-like receptor 3 (TLR3), heme oxygenase-1 (HO-1), interleukin (IL)-6, IL-8, leukocyte counts, procalcitonin (PCT) 
and carboxyhemoglobin (CO-Hb) was compared to clinical course. Clinical assessment comprised acute local organ 
damage, acute systemic damage, mortality and outcome after 6 months.

Results PCT correlated with acute systemic damage and was the best predictor for quality of life (QoL) after 6 
months (r = − 0.4647, p = 0.0338). Systemic TLR3 negatively correlated with impaired lung function (ECMO/ECLS: 
r = − 0.3810, p = 0.0107) and neurological short- (RASS mean: r = 0.4474, p = 0.0023) and long-term outcome (mRS 
after 6 m: r = − 0.3184, p = 0.0352). Systemic IL-8 correlated with impaired lung function (ECMO/ECLS: r = 0.3784, 
p = 0.0161) and neurological involvement (RASS mean: r = − 0.5132, p = 0.0007). IL-6 in BAL correlated better to the 
clinical course than systemic IL-6. Using three multivariate regression models, we describe prediction models for local 
and systemic damage as well as QoL. CO-Hb mean and max were associated with higher mortality.

Conclusions Our predictive models using the combination of Charlson Comorbidity Index, sex, procalcitonin, 
systemic TLR3 expression and IL-6 and IL-8 in BAL were able to describe a broad range of clinically relevant outcomes 
in patients with severe COVID-19-associated ARDS. Using these models might proof useful in risk stratification and 
predicting disease course in the future.

Trial registration The trial was registered with the German Clinical Trials Register (Trial-ID DRKS00021522, registered 
22/04/2020).
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Introduction
The COVID-19 disease was first reported in late 2019 
[1] and strains healthcare systems worldwide despite 
advancing vaccination programs with more than 600 
million infections and 6.5 million deaths reported to 
WHO as of September 2022 [2]. In addition to many 
asymptomatic and mild courses, an infection can lead 
to clinically severe courses, resulting in acute lung 
failure (ARDS, acute respiratory distress syndrome), 
which has a high mortality specifically in COVID-19 
[3].

Apart from getting a better understanding of the dis-
ease, finding biomarkers which can predict its course 
remains a crucial field of research, as clinical and epi-
demiological markers alone often do not reflect the 
clinical course [4]. Among the most discussed pre-
dictive markers are cytokines such as IL-6 (Gene ID: 
3569) [4–6] and IL-8 (Gene ID: 3576) [4, 7, 8]. Among 
the further potential biomarkers are TLR 3 (Gene ID: 
7098) which is responsible for recognizing viral dou-
ble-stranded ribonucleic acid (dsRNA) [9, 10] and gen-
eral markers of inflammation such as the leukocyte 
count [6, 10] and PCT [6, 11].

Another indicator for critical illness which is associ-
ated with increased mortality in patients is CO-Hb [12, 
13], however its relevance in COVID-19 is still being 
discussed [14–16]. CO-Hb results from the binding of 
carbon monoxide with hemoglobin, with the predomi-
nant source of endogenous carbon monoxide being the 
degradation of heme by heme oxygenase. The induc-
ible isoform HO-1 (Gene ID: 3162) was shown to be 
elevated in rats during ARDS [17], which makes a rel-
evance of HO-1 and CO-Hb in COVID-19 likely.

Most of the predictive models published so far 
focused on selective questions such as mortality [4, 7], 
disease severity [11] or the need for mechanical ven-
tilation [6] and/or included the heterogenous entire 
range of COVID-19 patients from mild to severe cases 
[4, 7, 11]. Thereby hindering general assumptions for 
relevant outcomes such as long-term functional capac-
ity or disease related QoL.

Since treatment and care of COVID-19 patients 
requiring maximum-level ICU treatment is resource 
intensive and associated with a high rate of mortality 
[18], we focused on this specific subgroup of patients. 
Our aim was to get a better understanding of the 
inflammatory pathomechanisms of critical courses. 
Furthermore, we aimed at finding biomarkers that 
reflect the clinical and neurological short- and long-
time outcome in severe COVID-19-associated ARDS, 
successfully building clusters of markers that enable 
prediction of disease course.

Materials and methods
Study design
This single-center prospective biomarker study aimed at 
observing possible correlations between markers reflect-
ing the patients’ inflammatory status and ICU-relevant 
clinical outcomes. 47 patients with severe courses of 
COVID-19 admitted to the tertiary-level ICU and spe-
cialized ARDS treatment center of the Department of 
Anesthesiology and Critical Care, Medical Center, Fac-
ulty of Medicine—University of Freiburg (Germany) 
between April 2020 and April 2021 were included 
(Fig.  1). For inclusion and exclusion criteria see Addi-
tional file 1: Methods. The study protocol was approved 
by the Institutional Ethics Review Board of the University 
of Freiburg (Protocol No. 225/20) and informed consent 
was provided. The trial was registered with the German 
Clinical Trials Register (Trial-ID DRKS00021522, regis-
tered 22/04/2020). All procedures performed in the study 
were in accordance with the ethical standards of the 
institutional research committee and with the 1964 Hel-
sinki Declaration. Data reporting adheres to the STROBE 
guidelines.

A secondary analysis to this study investigated the cost-
utility of ICU treatment of COVID-19 patients [19].

Sample collection and analysis
BAL and blood samples were collected within 24 h after 
admission to ICU. BAL samples were obtained as ali-
quots from diagnostic BALs upon ICU admission. If no 
BAL was gathered within 24 h after admission, no BAL 
sample was included into our study.

Fig. 1 Schematic description of the study design. BAL 
bronchoalveolar lavage, ICU intensive care unit, QoL quality of life
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Blood samples were used to collect serum and leuko-
cyte RNA. BAL supernatant was separated and RNA iso-
lated from the cell pellet. Procedures of RNA isolation 
and transcription into complementary desoxyribonu-
cleic acid (cDNA) are described in the Additional file 1: 
Methods.

Real-time polymerase chain reaction (PCR) with 
nucleic acid stain was used for semi-quantification of 
cDNA. Using primers (primer sequences s. Additional 
file 1: Methods) for TLR3, HO-1 and ribosomal protein 
L13a (Rpl13a) we analyzed the gene expression in blood 
using −ΔΔCT method with Rpl13a as reference and five 
healthy controls (mean age 33.2 years; 40% male). Gene 
expression in BAL was analyzed using −ΔCT method 
as there were no healthy controls out of ethical reasons. 
Comparison to expression in blood was also done using 
−ΔCT method.

IL-6 and IL-8 cytokine secretion in 40 serum and 19 
BAL supernatants were measured via flow cytometry 
using magnetic beads (Human Inflammatory Cytokine 
Cytometric Bead Array, BD#551811). The control popu-
lation for blood samples consisted of four healthy con-
trols (mean age 34.5 years, 50% male).

Out of ethical reasons, controls were recruited from 
volunteers in our lab and blood samples acquired from 
venous catheters instead of recruiting age- and sex-
matched patients suffering from different diseases. The 
main reason for including controls was of technical 
nature to establish a baseline and to be able to report 
qPCR results using the −ΔΔCT method where possible.

During Sample analysis, investigators were blinded to 
the clinical course.

We used the first leukocyte (1st Leukos) and the first 
procalcitonin (1st PCT) value from the routine labora-
tory done in ICU. Except for one PCT measurement 
performed on day 5, all measurements were performed 
within 24  h after admission to ICU. For mean (Leukos 
mean) and maximum (Leukos max) leukocyte values, ini-
tial measurement at admission and one measurement per 
day -to a maximum of 14  days- were included. CO-Hb 
values were taken from blood gas analyses done in ICU.

Comorbidities and age were accounted for using the 
Charlson Comorbidity Index (CCI).

Clinical assessment
The clinical assessment focused on four different ques-
tions: (1) acute local damage in lung and kidney, (2) acute 
systemic damage expressed by systemic inflammation, 
thromboembolic events and neurological involvement, 
(3) mortality and (4) neurological functional capacity and 
QoL after 6 months.

For local lung damage we used five surrogate markers: 
mean peak ventilation pressure (Ppeak), minimal and 

mean Horovitz index, need for nitric oxide (NO) supple-
mentation and need for extracorporeal membrane oxy-
genation (ECMO)/extracorporeal life support (ECLS). 
Local kidney damage was assessed by occurrence of 
acute kidney injury (AKI) defined by the KDIGO criteria 
and need for dialysis.

Systemic inflammation was measured by the mean and 
maximum leukocyte values. Thromboembolic events, 
defined as segmental or subsegmental lung embolism, 
intracranial thromboembolism, thrombi in a bigger ves-
sel such as the jugular veins or radial arteria or mesen-
terial ischemia, were confirmed by radiological imaging. 
In one case a pulmonary thromboembolic event was 
assumed when the clinical course immediately before 
death with sudden deterioration in oxygenation accom-
panied by right ventricular decompensation detected 
using echocardiography made it highly likely. Neuro-
logical involvement was assessed via minimal and mean 
Richmond Agitation Sedation Scale (RASS), need for 
sedation and modified Rankin scale (mRS) at admission, 
after 14 days, at discharge and after 6 months. Addition-
ally, QoL after 6 months was measured using the 5-level 
EQ-5D questionnaire introduced by the EuroQol Group 
(version validated for German population) [20].

Except for mRS at discharge and mortality, all assess-
ment in ICU was limited to the first 14 days to focus on 
the acute disease course directly caused by COVID-19 
instead of complications caused by prolonged stay in 
ICU such as superinfections or ICU-acquired weakness. 
Duration of need for NO supplementation, ECMO/ECLS 
support or sedation were normalized to the length of stay 
in ICU to account for patients who deceased/were dis-
charged before day 14. Ppeak and Horovitz mean values 
during NO supplementation or ECMO/ECLS were not 
included to avoid false low/high values.

Statistical analysis
Data analysis was performed using GraphPad Prism 9 
software. Two groups were compared using two-tailed 
Mann–Whitney test or Wilcoxon matched-pairs signed 
rank test. Results are presented as means (+ 95% CI). 
For correlation analyses normality was tested with the 
Anderson–Darling test and subsequently either Spear-
man nonparametrical or Pearson parametrical correla-
tion was used. Contingency analyses were done using 
Chi-squared and Fisher’s exact test.

First assessment for a potential use as predictive 
marker was done via receiver operating characteristic 
(ROC) using Wilson/Brown method. The relationship 
and possible interactions between biomarkers and clini-
cal outcome (dichotomization according to Additional 
file  1: Methods) was explored using multiple logistic 
regression with CCI and sex always being included into 



Page 4 of 16Lieberum et al. BMC Infectious Diseases           (2023) 23:19 

the models. For comparisons of models, Akaike’s Infor-
mation Criterion, Tjur’s R squared and Hosmer–Leme-
show hypothesis test were used. Our aim was to find 
either one common or separate models to describe local 
damage in lung and kidney, systemic damage, mortality 
and quality of life after 6 months.

An a priori power analysis (Chi-squared test contin-
gency table; Inflammation high/low vs. mRS high/low; 
expected effect size Cohen’s w = 0.5; α = 0.05; β = 0.9) 
indicated a minimum sample size of n = 43.

Patients missing information for a certain analysis were 
not included into the specific analysis. p < 0.05 was con-
sidered statistically significant.

Results
Gender distribution of patients differed 
from the expectation
Patient characteristics and previous history before 
admission to ICU are summarized in Table 1. A total of 
49 patients were initially included into the study with two 
being excluded when the therapeutic goal was changed 
to palliative care within 24 h after admission. 22 patients 
survived until the 6 months follow-up.

In line with previous studies showing male sex as risk 
factor for disease progression [21], sex distribution in 
the study population compared to general society was 
significantly shifted towards more male patients [22] 
(p = 0.0049). Mean age was 57 (IQR 11) years. ICU and 
overall mortality were reported with 51 and 53%, respec-
tively. The mean Charlson Comorbidity Index (CCI) 
was 2. A more detailed list of the patients’ comorbidi-
ties can be found in Additional file 1: Table S1. Chronic 
lung diseases and bronchial asthma did not influence 
biomarker expression in BAL, tumors and lymphoma 
did not influence biomarker expression in blood (ROC 
analyses, all p > 0.05). Patients had a mean length of ICU 
stay (LOS ICU) of 22.5 days overall and 30.5 days in the 
survivor subgroup. The average time of symptom onset 
to admission to the study ICU was 13 days with a mean 
time lag between the first positive PCR on SARS-CoV-2 
and admission being 9.5 days. Patients had been hospital-
ized in normal wards and lower-level intermediate care 
units for an average of 7  days prior to specialized ICU 
admission. Age had no influence on mortality (p > 0.9999) 
or LOS ICU (p = 0.8769). Bacterial superinfection was 
defined as positive bacterial sampling with therapeutic 
consequences. 21.3% of the patients met these criteria 
at admission, 70.2% within the first 14 days after admis-
sion and 83.0% did ever meet them, including those suf-
ficiently treated before admission to our ICU. Neither of 
the three time points showed influence on mortality in 
Chi-squared- or on QoL in ROC-analyses (all p > 0.05).

First leukocyte value correlated with systemic 
inflammation and reduced lung function
Descriptive statistics for all biomarker measurements 
can be seen in Additional file 1: Table S2.

1st Leukos positively correlated with Leukos max, 
Leukos mean and 1st PCT (Fig.  2). The mean number 
of regarded leukocyte measurements per patient was 
13.02 (median 15, IQR 2). Maximum levels occurred 
with a mean time lag of 6.04 days after admission to our 
ICU (median 6, IQR 7).

Table 1 Patient characteristics and previous history

a Patient characteristics at admission and b previous history before admission to 
ICU. IQR interquartile range, ICU intensive care unit, LOS length of stay

a Patient characteristics

 Sex, n (%)

  Male 37 (78.7)

  Female 10 (21.3)

 Age (years)

  Mean 57.7

  Median 59

  IQR 11

 Mortality, n (%)

  In ICU 24 (51.1)

  After 6 months 25 (53.2)

 Charlson Comorbidity Index

  Mean 2.3

  Median 2

  IQR 2

 LOS ICU all (d)

  Mean 22.5

  Median 17

  IQR 21

 LOS ICU survivors (d)

  Mean 30.5

  Median 32

  IQR 22.5

b previous history

 Onset of symptoms (d)

  Mean 13.3

  Median 12

  IQR 8

 Days since first positive PCR on SARS-CoV-2

  Mean 9.5

  Median 7

  IQR 12

 Days in hospital (including other ICU)

  Mean 6.9

  Median 6

  IQR 9
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A high 1st Leukos correlated with a lower minimum 
Horovitz index (Horovitz min), more NO supplemen-
tation and more ECMO/ECLS support (Fig.  2). It also 
showed a negative correlation to the mean RASS score 
(Fig. 2), which remained statistically significant in a mul-
tivariate analysis with CCI and sex (Table  2). Statistics 
are summarized in Table 2. Correlations are visualized in 
Fig. 3A.

First procalcitonin value correlated with short‑time 
damage and quality of life after 6 months
There was no significant influence of bacterial super-
infection at admission on 1st PCT (p > 0.05). 1st PCT 
positively correlated with Leukos max, ECMO/ECLS 
support, mRS at admission and negatively with EQ-
5D-5L index after 6 months (Fig.  2). ECMO/ECLS 
support and EQ-5D-5L index remained statistically 
significant in multivariate analyses with CCI and sex. 

Statistics are summarized in Table  2. Correlations are 
visualized in Fig. 3A.

Systemic TLR3 negatively correlated with reduced lung 
function and neurological short‑ and long‑time damage
TLR3 expression in blood leukocytes showed no differ-
ence between healthy controls and COVID-19 patients 
(p = 0.8610). Systemic TLR3 positively correlated with 
age and negatively with 1st PCT (Fig. 2).

When compared to markers for impaired lung func-
tion, systemic TLR3 showed a positive correlation to 
Horovitz min and negative correlations to Ppeak and 
ECMO/ECLS support (Fig.  2). In multivariate analyses 
with CCI and sex, ECMO/ECLS narrowly missed signifi-
cance (p = 0.0507).

For neurological short-time impairment, systemic 
TLR3 positively correlated to the mean RASS score 
while negatively correlating to sedation in ICU, mRS 
after 14  days and at discharge (Fig.  2). After 6 months, 

Fig. 2 Heat map showing correlations of biomarkers vs. clinical and neurological short- and long-time outcome. Only r-values for significant 
correlations are shown. Depending on whether data showed normal distribution, Spearman nonparametrical or Pearson parametrical test was 
used. Cells with “X” did not reach significance. 1st PCT vs. 1st PCT not shown. For p-values, n and parameter statistics in multivariate analyses see 
Table 2. Correlations are visualised in Fig. 3. LOS ICU length of stay in intensive care unit, Ppeak mean peak ventilation pressure, NO nitric oxide, 
ECMO/ECLS extracorporeal membrane oxygenation/extracorporeal life support, RASS Richmond Agitation-Sedation Scale, mRS modified Rankin 
scale, CO-Hb carboxyhaemoglobin, BAL bronchoalveolar lavage
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systemic TLR3 expression still showed a negative corre-
lation to the mRS score and additionally, a positive cor-
relation to the EQ-5D-5L index (Fig.  2). In multivariate 

analyses with CCI and sex, RASS mean, the required 
sedation and mRS after 6  months remained statistically 
significant (Table 2). TLR3 in BAL showed no significant 

Table 2 Correlations of biomarkers vs. clinical and neurological short- and long-time outcome

Shown are those correlations which reached significance. Depending on whether data showed normal distribution, Spearman nonparametrical or Pearson 
parametrical test was used for correlation testing. Akaike’s Information Criterion, Tjur’s R squared and Hosmer–Lemeshow hypothesis test were used for multivariate 
analyses. Multivariate analyses were composed of the respective biomarker, CCI and sex. Outcome parameters with a more descriptive than predictive value (when 
assessed at a similar time to sample acquisition, for example mRS at admission) were not tested in these models to avoid unnecessary tests. Similarly, markers 
with less clinical importance than other markers (for example Ppeak vs. Horovitz index) were not included into multivariate analyses. N/A, not tested or could not 
compute model. *p < 0.05. LOS ICU length of stay in intensive care unit, Ppeak mean peak ventilation pressure, NO nitric oxide, ECMO/ECLS extracorporeal membrane 
oxygenation/extracorporeal life support, RASS Richmond Agitation-Sedation Scale, mRS modified Rankin scale, BAL bronchoalveolar lavage

Biomarker Outcome r‑value p‑value Multivariate analysis n =

1st Leukos Leukos max 0.5288 0.0001 N/A 47

Leukos mean 0.4566 0.0013 N/A 47

1st PCT 0.3991 0.0066 N/A 45

Horovitz min − 0.3483 0.0164 ns 47

NO supplementation 0.3544 0.0145 N/A 47

ECMO/ECLS 0.2938 0.0450 ns 47

RASS mean − 0.3713 0.0102 0.0450 47

1st PCT Leukos max 0.3471 0.0195 N/A 45

ECMO/ECLS 0.4080 0.0054 0.0162 45

mRS admission 0.5480 < 0.0001 N/A 45

EQ-5D-5L index − 0.4647 0.0338 0.0138, Intercept* (0.0203) 21

TLR3 blood Age 0.3261 0.0308 N/A 44

1st PCT − 0.3129 0.0436 N/A 42

Ppeak − 0.3386 0.0376 N/A 38

Horovitz min 0.3940 0.0081 ns 44

ECMO/ECLS − 0.3810 0.0107 ns 44

RASS mean 0.4474 0.0023 0.0159 44

Sedation − 0.4059 0.0063 0.0055 44

mRS 14d − 0.3080 0.0445 N/A 43

mRS discharge − 0.3044 0.0445 N/A 44

mRS 6 m − 0.3184 0.0352 0.0114 44

EQ-5D-5L index 0.6066 0.0059 N/A 19

IL-6 blood RASS mean − 0.3813 0.0152 ns 40

mRS 14d 0.3560 0.0261 N/A 39

IL-8 blood 1st PCT 0.4993 0.0012 N/A 39

Horovitz min − 0.4755 0.0019 ns 40

NO supplementation 0.3794 0.0158 N/A 40

ECMO/ECLS 0.3784 0.0161 ns 40

RASS mean − 0.5132 0.0007 ns 40

mRS admission 0.4089 0.0088 N/A 40

mRS 14d 0.4416 0.0049 N/A 39

EQ-5D-5L index − 0.5267 0.0142 Intercept* (0.0276) 21

IL-6 BAL LOS ICU 0.7774 0.0104 N/A 10

Ppeak 0.5740 0.0220 N/A 16

Horovitz mean − 0.5224 0.0399 ns 16

Sedation 0.6924 0.0010 ns 19

mRS admission 0.6411 0.0031 N/A 19

IL-8 BAL Horovitz mean − 0.5882 0.0185 ns 16

Sedation 0.5895 0.0079 ns 19

mRS admission 0.6408 0.0031 N/A 19
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correlations with outcome. Statistics are summarized in 
Table 2. Correlations are visualized in Fig. 3B.

Systemic cytokine secretion correlated with reduced lung 
function and neurological impairment
IL-6 in serum showed a negative correlation to the mean 
RASS score and a positive correlation to the mRS score 
after 14 days (Fig. 2).

Systemic IL-8 secretion was higher in COVID-19 
patients than in healthy controls (p < 0.0001). High sys-
temic IL-8 correlated with a higher 1st PCT (Fig.  2). 
It also correlated with a lower Horovitz min, more NO 
supplementation as well as more ECMO/ECLS support 
(Fig. 2).

Systemic IL-8 showed a significant correlation with 
the mRS on admission and mRS after 14 days (Fig. 2) but 
not with the mRS at discharge or mRS after 6  months. 
It furthermore negatively correlated to the mean RASS 
score and the EQ-5D-5L index after 6 months (Fig. 2). In 
a multivariate analysis with CCI and sex for EQ-5D-5L 
index, the intercept but not systemic IL-8 achieved statis-
tical significance (Table 2).

A separate analysis for correlation between systemic 
IL-8 and neutrophile concentration in blood showed a 
correlation to the first (r = 0.3698, p = 0.0288) but not 
mean and maximum neutrophile counts. Statistics are 
summarized in Table  2. Correlations are visualized in 
Fig. 3C.

IL‑6 and IL‑8 in BAL correlated with lung and neurological 
damage as well as length of ICU stay
A higher IL-6 value in the BAL correlated with a longer 
LOS ICU for survivors, a higher Ppeak but a lower mean 
Horovitz index (Horovitz mean) (Fig.  2). Furthermore, 
IL-6 in the BAL positively correlated with mRS at admis-
sion and the required length of sedation (Fig. 2).

IL-8 in the BAL negatively correlated with Horovitz 
mean and positively with mRS on admission as well as 
the length of sedation (Fig. 2). IL-8 in BAL did not cor-
relate to neutrophile counts. Statistics are summarized in 
Table 2. Correlations are visualized in Fig. 3D.

Correlations between biomarkers can be seen in Addi-
tional file 1: Figure S1. For the markers discussed so far, 
there was no correlation between expression in BAL and 
blood with higher levels of TLR3 and IL-8 in BAL.

Fig. 3 Network graphics showing correlations of biomarkers vs. outcome. a 1st Leukos and 1st PCT vs. outcome. b TLR3 in blood and BAL vs. 
outcome. c Cytokine secretion in blood vs. outcome. d Cytokine secretion in BAL vs. outcome. Color code: grey boxes, biomarker, blue boxes, 
parameter for lung impairment, yellow boxes, parameter for neurological involvement and QoL, red arrow, positive correlation, green arrow, 
negative correlation. *p < 0.05, **p < 0.01, ***p < 0.001, ****p < 0.0001. LOS ICU length of stay in intensive care unit, Ppeak mean peak ventilation 
pressure, NO nitric oxide, ECMO/ECLS extracorporeal membrane oxygenation/extracorporeal life support, RASS Richmond Agitation-Sedation Scale, 
mRS modified Rankin scale, BAL bronchoalveolar lavage
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First assessment of predictive potential was done using 
ROC analyses as shown in Additional file  1: Table  S3. 
Mainly ECMO/ECLS could be predicted by a single 
marker.

CCI, sex, 1st PCT and IL‑8 BAL predict local damage in lung 
and kidney
A model consisting of intercept, CCI, sex, 1st PCT and 
IL-8 secretion in BAL was used in a multivariate analysis 
to describe the local damage in lung and kidney (Table 3).

The need for ECMO/ECLS support as main clinical 
marker for reduced lung function was described with 
an area under the curve (AUC) of 96.59% (Fig. 4A). The 
Horovitz min (AUC 90.91%) and mean (AUC 74.60%) 
could be described by the same model, however Horovitz 
mean missed statistical significance (p = 0.1009).

Occurrence of AKI proofed as an inadequate param-
eter, as 95.7% of the patients experienced AKI. The need 
for dialysis, however, could be described by the same 
model with an AUC of 98.89% (Fig.  4B). None of the 
markers reached significance as predictor variables.

CCI, sex, TLR3 in blood and IL‑6 in BAL predict systemic 
damage
Systemic neurological damage was described by a model 
consisting of intercept, CCI, sex, TLR3 expression in 
blood and IL-6 secretion in BAL for all three clinical neu-
rological markers of RASS mean (AUC 91.67%) need for 
sedation (AUC 97.22%) and mRS after 6 months (AUC 
94.29%) (Table 3).

The same model also described occurrence of throm-
boembolic events (Fig. 4C, AUC 79.17%).

Furthermore, mortality was described with an AUC 
of 94.44% (Fig.  4D), showing no difference between 
mortality in ICU and mortality after 6  months. Again, 
no marker was significant as an independent predictor 
variable.

CCI, sex, 1st PCT predict quality of life after 6 months
The best fitting predictive model for quality of life after 
6 months showed to be intercept, CCI, sex and 1st PCT 
(Fig.  4E, AUC 89.42%) with the intercept (p = 0.0203) 
and 1st PCT (p = 0.0138) being statistically significant 
(Table 3).

Patients with higher CO‑Hb more likely to die
CO-Hb values showed a highly reproductive increase at 
day four to five after arrival in ICU (Fig. 5A, p < 0.0001), 
maintaining higher values for several days to weeks. 
Therefore, we excluded three patients deceased before 
day five from this analysis. HO-1 mRNA expression at 
admission did not correlate with clinical outcome. Taken 

together, we assumed that rather the CO-Hb-dynamic 
than the value at admission is of interest.

CO-Hb max (r = 0.5581, p = 0.0057) but not mean cor-
related to LOS ICU of survivors but neither to age.

CO-Hb mean but not CO-Hb max or CO-Hb min 
showed significance as predictors for mortality in ROC 
analyses, with CO-Hb max only just and CO-Hb min 
clearly missing significance (Additional file 1: Table S3).

In contingency analyses for mortality, patients with 
CO-Hb maximum values greater than 3% showed a 
relative risk (RR) of death of 2.186 (Fig.  5B) compared 
to patients below 3%. Likewise, patients with a mean 
CO-Hb higher than 2% had a RR for deceasing of 2.186 
(Fig. 5C) compared to patients below 2%.

Discussion
In this single-center prospective observational study we 
identified biomarkers related to inflammation and the 
antiviral immune response that reflect the disease course 
regarding organ injury and clinical outcome. Two patient 
characteristics are often associated with increased risk 
of a critical course and higher mortality in COVID-19: 
age [4, 5, 21] and male sex [21, 23]. In our study, age 
had no influence on mortality, which could however be 
explained by the relatively low median age of 59  years 
and small IQR of 11 years. We still included age into our 
multivariate models as part of the CCI, which accounts 
for comorbidities—another risk factor [4, 21, 23] and age. 
A higher CCI showed a non-significant trend to higher 
mortality and impaired QoL in survivors. As in previous 
studies [21], significantly more patients in our ICU were 
male than expected by gender distribution in society. 
However, within this cohort, there was no obvious sex-
associated risk.

Our findings concerning general markers of inflam-
mation are in line with previous reports. Leukocytes are 
known to be elevated in COVID-19 patients to healthy 
controls and in more severe cases [6, 10]. 1st leukocytes 
in our study strongly correlated with maximum and 
mean leukocyte counts, as well as with 1st PCT, show-
ing a connection between inflammation at admission and 
during ICU treatment. 1st leukocytes mainly correlated 
to impaired lung function. Multivariate correlations how-
ever suggest that the first leukocytes value is no accurate 
predictor of disease severity.

The first PCT value on the other hand, was a good 
predictor of disease severity—being a significant risk 
factor for ECMO/ECLS and dialysis—and, in combina-
tion with sex and CCI, formed the best predictive model 
of QoL after 6  months. Hu et  al. showed a temporary 
PCT increase at the beginning of COVID-19-associated 
hospitalization and a second increase in non-survivors 
until death [24]. Combined with our findings this could 
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Fig. 4 Multiple logistic regression models for local and systemic damage as well as quality of life. Model for local damage: a need for ECMO/ECLS 
and b need for dialysis. Model for systemic damage: c occurrence of thromboembolic events and d mortality. Model for quality of life: e EQ-5D-5L 
index. Comparison method: Akaike’s Information Criterion, Tjur’s R squared, Hosmer–Lemeshow hypothesis test. For Cut-off values and statistics see 
Table 3. ROC receiver operating characteristic
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suggest a correlation of temporary PCT increase with 
disease control, while higher PCT values are associated 
with bacterial superinfection [25], resulting in increased 
lung and secondary organ injury as well as impaired QoL. 
However, missing influence of bacterial superinfection at 
admission on 1st PCT or bacterial superinfection at any 
time on QoL suggests a self-contained predictive value of 
PCT. Judgment of bacterial superinfection before admis-
sion to our ICU was hindered as many lower-level wards 
started calculated antibiotic therapies without attempting 
pathogen detection.

C-reactive protein is also often quoted as predictive 
factor [5, 6, 10], however it was only measured in 20 of 
our patients—compared to 45 patients with PCT meas-
urements—and therefore not considered.

As TLR3 is responsible for recognizing viral RNA [9], 
it is surprising that we did not find an increased sys-
temic expression compared to healthy controls. Never-
theless, increased TLR3 expression in blood showed to 
be a strong predictor for a less complicated course with 
less inflammation, less impaired lung function, better 

neurological short- and long-time outcome and a better 
QoL after 6 months. Menezes MC et al. reported a simi-
lar result; however, they were limited to TLR3 expression 
in blood [10]. Even though TLR3 expression in BAL was 
higher than in blood, it did not correlate to the clini-
cal course. This is surprising, as a correlation between 
the expression in the primary spot of viral infection and 
the clinical outcome would seem to be likely and TLR3 
induction in lung is known to help lung recovery in 
COVID-19 [26]. The reason for this finding needs further 
investigation. Potential explanations could be a discrep-
ancy between mRNA and protein expression and TLR3 
induction in the lung that was not sufficient for local 
virus control -hence the complicated COVID-19 course- 
but strong enough for systemic containment of disease.

The discrepancy in prognostic power between TLR3 
expression in blood and BAL as well as the importance of 
blood TLR3 expression in our model for systemic damage 
highlights the relevance of TLR3 for a successful systemic 
rather than a local immunoreaction. The correlation of 
TLR3 expression in the blood with mRS after 14 days, at 

Fig. 5 Patients with higher CO-Hb more likely to die. a Increase in CO-Hb values from day one to day five. Wilcoxon matched-pairs signed rank test. 
Contingency diagrams showing distribution of alive/deceased between patient groups of high/low b CO-Hb max (Fisher’s exact test: p = 0.0102, 
Koopman asymptotic score: RR = 2.186, 95%-CI 1.300–3.502, Baptista-Pike: OR = 12.86 95%-CI 1.947–146.9, Cut-off: 3%) and c CO-Hb mean (Fisher’s 
exact test: p = 0.0079, Koopman asymptotic score: RR = 2.186, 95%-CI 1.295–3.686, Baptista-Pike: OR = 8.708 95%-CI 1.700–42.61, Cut-off: 2%). 
****p < 0.0001. CO-Hb carboxyhemoglobin
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discharge and after 6 months but not at admission could 
hint at the relevance of systemic TLR3 for eradicating 
the virus during ICU treatment. However, this might be 
bought at the cost of thromboembolic events, as the lat-
ter could be caused by TLR3-induced endothelial dys-
function [27].

Systemic IL-8 was elevated in COVID-19 and cor-
related with impaired lung function and neurological 
impairment. However, these correlations were not sig-
nificant in multivariate models, despite IL-8 blood being 
a significant predictor of ECMO/ECLS in ROC analyses. 
IL-8 in BAL was significantly higher than IL-8 in blood, 
which highlights the function of IL-8 to attract neutro-
philes to the lungs [7, 28, 29], where they are found to 
be elevated in severe COVID-19 [30]. Consistently, IL-8 
BAL was relevant in our model for local damage.

The correlation of IL-8 in blood and BAL with mRS 
at admission and systemic IL-8 with mRS after 14  days 
but no correlation of IL-8 with mRS at discharge or after 
6  months suggests a more prominent role in the initial 
state of COVID-19 disease [8]. Whether IL-8 or IL-6 has 
better predictive relevance is still being discussed [4, 7, 
8]. Our results suggest that this should be looked at with 
a differentiation between local and systemic damage 
rather than differentiating the use of IL-6 or IL-8 accord-
ing to the phase of disease [8], especially as both param-
eters strongly correlated in blood and BAL.

Elevated IL-6 has been acknowledged as important 
marker for complicated courses of COVID-19 [4–6]. 
However, elevation of cytokine concentration in blood 
was shown to be less distinct than in other severe ill-
nesses, potentially making the description as ‘cytokine 
storm’ exaggerated [31–33]. Our study backs the hypoth-
esis of IL-6 measurement in BAL being more compli-
cated but also more specific than measurement in blood 
[34]. IL-6 in BAL showed more correlations to clinical 
outcome, is part of our model for systemic damage and 
correlates to CO-Hb max and mean, unlike IL-6 in blood.

Correlation analyses within this study were intended to 
give indications about the importance of a biomarker for 
“local” and “systemic” damage as well as QoL. As inter-
ference with other biomarkers and demographic markers 
is likely, they were not intended to be used as predictive 
models for themselves. Likewise, ROC analyses were a 
further step towards developing our final three models.

Our models for local and systemic damage as well as 
QoL after 6  months generate useful tools to predict the 
most relevant clinical outcomes after assessing just four 
biomarkers and two easy to assess patient characteris-
tics. For most of the questions, the models possessed an 
AUC > 90% and a Tjur’s  R2 > 0.5, highlighting their accu-
racy. Nevertheless, there are also limitations to our mod-
els. IL-6 and IL-8 show an Odds Ratio of approximately 1 

despite being often-proven risk factors and giving the mod-
els higher accuracy. Using cytokine secretion in BAL rather 
than in blood results in higher AUC and higher  R2 (Addi-
tional file 1: Table S4). One theory could be, that patients 
for which BAL was taken shortly after admission had more 
critical courses and therefore secretion in BAL is likely to 
be different to the other patients. This argument does not 
exactly fit the situation in our ICU, where the regime as to 
when to collect a BAL changed during the study recruit-
ment phase and was not always based on the clinical situ-
ation alone. Furthermore, even when comparing only those 
patients for which secretion in both, BAL and blood, was 
assessed, models using cytokine secretion in BAL had a 
higher AUC and  R2 (Additional file 1: Table S4). Assump-
tions about the function of a specific marker must be taken 
with care, since the only significant markers are intercept 
and 1st PCT for QoL after 6  months. Since most of the 
markers, especially systemic TLR3 expression, are no part 
of routine laboratories in hospitals, implementation into 
clinical practice is not without difficulties.

Our models differ from most models published so far 
(for example [4, 6, 7, 11]) as our models are based on bio-
marker measurement after admission to ICU and there-
fore measurements were done at a later point in time 
with an already more severe disease course. We deliber-
ately chose a different approach in a patient population 
already requiring maximum-level intensive care in a 
cross-regional center for ARDS treatment. Many of the 
patients showed a prolonged LOS ICU with phases of 
improving  and phases of stagnating or even deteriorat-
ing clinical status. Medical personnel were often looking 
for prognostic markers to assess the likely outcome in 
times of missing clinical improvement. By providing such 
markers, our models could possibly not only help with 
ICU resource allocation but could also guide treatment 
decisions on an individual basis. While models target-
ing an early stage of disease and allowing for prediction 
of necessary ICU treatment are very helpful, our models 
could complement them by predicting clinical course in 
ICU and long-term QoL after severe COVID-19.

Within our models, outcome was categorized into “local” 
and “systemic” damage as well as QoL. We believe they all 
answer different questions and therefore recommend estab-
lishing the whole set of predictive markers for each case. 
This approach seems feasible as all models have several 
markers in common. If establishing the whole set of mark-
ers is not possible, adaptions to the most pressing clinical 
questions can be made. While the model for local damage 
could predict the need for resource intensive ECMO/ECLS 
and dialysis, it does also provide the markers required for 
predicting long-term QoL. The model for systemic damage, 
however, could predict the clinically important questions of 
potential thromboembolic events and mortality.
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Considering the characteristic CO-Hb dynamic, lack-
ing correlation between HO-1 and clinical course as well 
as literature findings so far [14, 35], predictive power of 
CO-Hb at admission seems very limited.

We could however show that the increase, which was 
also observed in previous studies [36, 37], was not just 
associated with a more complicated clinical course but 
could be actively used as a predictor. CO-Hb mean > 2% 
seems to be the more accurate predictor for death in 
ROC analysis than CO-Hb max ≥ 3%, however both 
strongly correlate and in contingency analysis there was 
no difference in RR. As it is easier to assess whether a 
marker exceeded a threshold at any time than to assess 
whether the mean measurements exceeded a thresh-
old, use of CO-Hb max ≥ 3% should be considered for 
re-evaluating risk of death in ICU as well as indicating a 
prolonged stay in ICU. The increase is likely to be a sign 
of stress and dysregulated immune response [15]. Unlike 
observations in other diseases [12, 38], CO-Hb min does 
not seem to be a predictor in COVID-19.

There are further limitations to our study. Limiting clin-
ical assessment to the first 14 days in ICU might improve 
differentiation between consequences of inflammation 
caused by COVID-19 and consequences of prolonged 
ICU-stay. However, it might also hide some clinical 
phenomena caused by COVID-19. Because of missing 
matched controls, comparisons between controls and 
COVID-19 patients must be taken with care. The very 
homogenous measurements among our controls, low age 
in our patient cohort and apart from TLR3 in blood miss-
ing influence of age on biomarker expression could hint at 
a reduced influence of age and sex on the baseline. There-
fore, it is unlikely that the observed differences result from 
differences in age and sex alone. Since our study was a 
prospective single-center study at a maximum-level ICU 
with ECMO/ECLS therapy, patients are likely to show 
more severe clinical courses while not having contrain-
dications to ECMO therapy such as high age. However, 
this makes our findings potentially even more important 
for very critical courses of COVID-19. Additionally, only 
21 BALs were available at admission, which is limiting 
the power of our study to show differences in biomarker 
expression in BAL and their implications for clinical 
course. Since there is only a small number of cells and 
therefore limited mRNA in BAL, incorrect measurement 
in qPCR is possible. Lastly, there was no validation cohort 
for our prognostic models, which could lead to overes-
timating their predictive power. It must be pointed out 
that most of the correlations shown in this paper are only 
weak correlations (r < 0.5). Despite these limitations, there 
are also strengths to our study. We focused on finding 
biomarkers, which could differentiate between different 

courses of COVID-19-patients in ICU. These markers 
enable the medical personnel to allocate resources to the 
places where they are likely to be needed and to differenti-
ate treatment. Our findings also advocate a more regular 
use of cytokine secretion in BAL as predictive marker and 
the use of CO-Hb as easy to assess parameter for re-eval-
uating clinical course while in ICU. Despite not finding 
new biomarkers, we tried to generate self-contained mod-
els explaining the mechanisms leading to multiple compli-
cations often seen at ICU in COVID-19 treatment.

Conclusions
By using our predictive models, we were able to describe a 
broad range of clinically relevant short- and long-term out-
comes in patients with severe COVID-19-associated ARDS. 
Using the described models might proof useful in risk strati-
fication and predicting disease course in the future.

Abbreviations
1st Leukos   First leukocyte count
1st PCT   First procalcitonin value
AKI   Acute kidney injury
ARDS   Acute respiratory distress syndrome
AUC    Area under the curve
BAL   Bronchoalveolar lavage
CCI   Charlson Comorbity Index
cDNA   Complementary desoxyribonucleic acid
CO-Hb   Carboxyhemoglobin
COVID-19   Coronavirus disease 2019
dsRNA   Double-stranded ribonucleic acid
ECMO/ECLS   Extracorporeal membrane oxygenation/extracorporeal 

life support
HO-1   Heme oxygenase-1
Horovitz mean  Mean Horovitz index
Horovitz min  Minimum Horovitz index
ICU   Intensive care unit
IL   Interleukin
IQR   Interquartile range
Leukos max   Maximum leukocyte count
Leukos mean  Mean leukocyte count
LOS   Length of stay
mRS   Modified Rankin Scale
NO   Nitric oxide
OR   Odds ratio
PCR   Polymerase chain reaction
PCT   Procalcitonin
Ppeak   Mean peak ventilation pressure
QoL   Quality of Life
RASS   Richmond Agitation-Sedation Scale
RNA   Ribonucleic acid
ROC   Receiver operating characteristic
Rpl13a   Ribosomal protein L13a
RR   Relative risk
SARS-CoV-2   Severe Acute Respiratory Syndrome-Coronavirus-2
TLR   Toll-like receptor

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s12879- 023- 07980-z.

Additional file 1. Supplementary methods figures and tables.

https://doi.org/10.1186/s12879-023-07980-z
https://doi.org/10.1186/s12879-023-07980-z


Page 15 of 16Lieberum et al. BMC Infectious Diseases           (2023) 23:19  

Acknowledgements
We thank all patients who agreed to participate in the study.

Author contributions
Conceptualization: JK, HB, NS; Methodology: JNL, SK, NS; Formal analysis and 
investigation: JNL, SK, NS; Writing—original draft preparation: JNL; Writing—
review and editing: SK, JK, HB, NS; Resources: JK, NS; Supervision: HB, NS. All 
authors approved the final version of the manuscript. All authors read and 
approved the final manuscript.

Funding
Open Access funding enabled and organized by Projekt DEAL. Departmental 
funding.

Availability of data and materials
The datasets used and/or analyzed during the current study are available from 
the corresponding author on reasonable request.

Declarations

Ethics approval and consent to participate
The study protocol was approved by the Institutional Ethics Review Board of 
the University of Freiburg (Protocol No. 225/20) and informed consent from 
the patient, legal guardian or by proxy was provided.

Consent for publication
Not applicable.

Competing interests
NS received research support from the German Research Foundation (DFG). 
The remaining authors declare that they have no conflict of interest.

Received: 7 October 2022   Accepted: 2 January 2023

References
 1. Zhu N, Zhang D, Wang W, Li X, Yang B, Song J, et al. A novel corona-

virus from patients with pneumonia in China, 2019. N Engl J Med. 
2020;382(8):727–33.

 2. WHO Coronavirus (COVID-19) Dashboard. https:// covid 19. who. int. 
Accessed 24th September 2022.

 3. Grasselli G, Greco M, Zanella A, Albano G, Antonelli M, Bellani G, 
et al. Risk factors associated with mortality among patients with 
COVID-19 in intensive care units in Lombardy, Italy. JAMA Intern Med. 
2020;180(10):1345–55.

 4. Del Valle DM, Kim-Schulze S, Huang HH, Beckmann ND, Nirenberg S, 
Wang B, et al. An inflammatory cytokine signature predicts COVID-19 
severity and survival. Nat Med. 2020;26(10):1636–43.

 5. Liu F, Li L, Xu M, Wu J, Luo D, Zhu Y, et al. Prognostic value of interleukin-6, 
C-reactive protein, and procalcitonin in patients with COVID-19. J Clin 
Virol. 2020;127: 104370.

 6. Herold T, Jurinovic V, Arnreich C, Lipworth BJ, Hellmuth JC, von 
Bergwelt-Baildon M, et al. Elevated levels of IL-6 and CRP predict the 
need for mechanical ventilation in COVID-19. J Allergy Clin Immunol. 
2020;146(1):128–36.

 7. Meizlish ML, Pine AB, Bishai JD, Goshua G, Nadelmann ER, Simonov M, 
et al. A neutrophil activation signature predicts critical illness and mortal-
ity in COVID-19. Blood Adv. 2021;5(5):1164–77.

 8. Li L, Li J, Gao M, Fan H, Wang Y, Xu X, et al. Interleukin-8 as a biomarker for 
disease prognosis of coronavirus disease-2019 patients. Front Immunol. 
2020;11: 602395.

 9. Takeda K, Akira S. TLR signaling pathways. Semin Immunol. 
2004;16(1):3–9.

 10. Menezes MCS, Veiga ADM, Martins de Lima T, Kunimi Kubo Ariga S, 
Vieira Barbeiro H, de Lucena Moreira C, et al. Lower peripheral blood 
Toll-like receptor 3 expression is associated with an unfavorable out-
come in severe COVID-19 patients. Sci Rep. 2021;11(1):15223.

 11. Wu S, Du Z, Shen S, Zhang B, Yang H, Li X, et al. Identification and 
validation of a novel clinical signature to predict the prognosis 
in confirmed coronavirus disease 2019 patients. Clin Infect Dis. 
2020;71(12):3154–62.

 12. Melley DD, Finney SJ, Elia A, Lagan AL, Quinlan GJ, Evans TW. Arterial 
carboxyhemoglobin level and outcome in critically ill patients. Crit 
Care Med. 2007;35(8):1882–7.

 13. Chawla A, Ray S, Matettore A, Peters MJ. Arterial carboxyhaemoglobin 
levels in children admitted to PICU: a retrospective observational study. 
PLoS ONE. 2019;14(3): e0209452.

 14. Oktem B, Uzer F, Kukul Guven FM, Kirhan I, Topal M. Role of meth-
emoglobin and carboxyhemoglobin levels in predicting COVID-19 
prognosis: an observational study. Med Gas Res. 2020;10(4):174–8.

 15. Faisal H, Ali ST, Xu J, Nisar T, Sabawi M, Salazar E, et al. Carboxyhemo-
globinemia in critically ill coronavirus Disease 2019 Patients. J Clin Med. 
2021;10(12):2731.

 16. Scholkmann F, Restin T, Ferrari M, Quaresima V. The role of methemo-
globin and carboxyhemoglobin in COVID-19: a review. J Clin Med. 
2020;10(1):50.

 17. Otterbein LE, Lee PJ, Chin BY, Petrache I, Camhi SL, Alam J, et al. 
Protective effects of heme oxygenase-1 in acute lung injury. Chest. 
1999;116(1 Suppl):61S-S63.

 18. Aziz S, Arabi YM, Alhazzani W, Evans L, Citerio G, Fischkoff K, et al. Man-
aging ICU surge during the COVID-19 crisis: rapid guidelines. Intensive 
Care Med. 2020;46(7):1303–25.

 19. Schallner N, Lieberum J, Kalbhenn J, Burkle H, Daumann F. Intensive 
care unit resources and patient-centred outcomes in severe COVID-
19: a prospective single-centre economic evaluation. Anaesthesia. 
2022;77:1336.

 20. Ludwig K, Graf von der Schulenburg JM, Greiner W. German value set for 
the EQ-5D-5L. Pharmacoeconomics. 2018;36(6):663–74.

 21. Zhang X, Tan Y, Ling Y, Lu G, Liu F, Yi Z, et al. Viral and host factors related 
to the clinical outcome of COVID-19. Nature. 2020;583(7816):437–40.

 22. German Federal Statistical Office. Population by nationality and sex. 
https:// www. desta tis. de/ EN/ Themes/ Socie ty- Envir onment/ Popul ation/ 
Curre nt- Popul ation/ Tables/ liste- curre nt- popul ation. html. Accessed 3rd 
December 2021.

 23. Huang Y, Guo H, Zhou Y, Guo J, Wang T, Zhao X, et al. The associations 
between fasting plasma glucose levels and mortality of COVID-19 in 
patients without diabetes. Diabetes Res Clin Pract. 2020;169: 108448.

 24. Hu R, Han C, Pei S, Yin M, Chen X. Procalcitonin levels in COVID-19 
patients. Int J Antimicrob Agents. 2020;56(2): 106051.

 25. Lippi G, Cervellin G. Procalcitonin for diagnosing and monitoring bacte-
rial infections: for or against? Clin Chem Lab Med. 2018;56(8):1193–5.

 26. Gweon B, Jang TK, Thuy PX, Moon EY. Primary cilium by polyinosinic: 
polycytidylic acid regulates the regenerative migration of beas-2B bron-
chial epithelial cells. Biomol Ther (Seoul). 2022;30(2):170–8.

 27. Zimmer S, Steinmetz M, Asdonk T, Motz I, Coch C, Hartmann E, et al. 
Activation of endothelial toll-like receptor 3 impairs endothelial function. 
Circ Res. 2011;108(11):1358–66.

 28. Shaath H, Vishnubalaji R, Elkord E, Alajez NM. Single-cell transcriptome 
analysis highlights a role for neutrophils and inflammatory macrophages 
in the pathogenesis of severe COVID-19. Cells. 2020;9(11):2374.

 29. Pandolfi L, Fossali T, Frangipane V, Bozzini S, Morosini M, D’Amato M, et al. 
Broncho-alveolar inflammation in COVID-19 patients: a correlation with 
clinical outcome. BMC Pulm Med. 2020;20(1):301.

 30. Zaid Y, Dore E, Dubuc I, Archambault AS, Flamand O, Laviolette M, 
et al. Chemokines and eicosanoids fuel the hyperinflammation within 
the lungs of patients with severe COVID-19. J Allergy Clin Immunol. 
2021;148(2):368–80.

 31. Leisman DE, Ronner L, Pinotti R, Taylor MD, Sinha P, Calfee CS, et al. 
Cytokine elevation in severe and critical COVID-19: a rapid systematic 
review, meta-analysis, and comparison with other inflammatory syn-
dromes. Lancet Respir Med. 2020;8(12):1233–44.

 32. Mudd PA, Crawford JC, Turner JS, Souquette A, Reynolds D, Bender D, 
et al. Distinct inflammatory profiles distinguish COVID-19 from influenza 
with limited contributions from cytokine storm. Sci Adv. 2020;6(50).

 33. Wang F, Nie J, Wang H, Zhao Q, Xiong Y, Deng L, et al. Characteristics of 
peripheral lymphocyte subset alteration in COVID-19 pneumonia. J Infect 
Dis. 2020;221(11):1762–9.

https://covid19.who.int
https://www.destatis.de/EN/Themes/Society-Environment/Population/Current-Population/Tables/liste-current-population.html
https://www.destatis.de/EN/Themes/Society-Environment/Population/Current-Population/Tables/liste-current-population.html


Page 16 of 16Lieberum et al. BMC Infectious Diseases           (2023) 23:19 

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

 34. Reynolds D, Vazquez Guillamet C, Day A, Borcherding N, Vazquez Guil-
lamet R, Choreno-Parra JA, et al. Comprehensive immunologic evaluation 
of bronchoalveolar lavage samples from human patients with moder-
ate and severe seasonal influenza and severe COVID-19. J Immunol. 
2021;207(5):1229–38.

 35. Pawlowski C, Wagner T, Puranik A, Murugadoss K, Loscalzo L, Venka-
takrishnan AJ, et al. Inference from longitudinal laboratory tests charac-
terizes temporal evolution of COVID-19-associated coagulopathy (CAC). 
Elife. 2020;9.

 36. Kerget B, Kerget F, Kocak AO, Akbas I, Araz O, Ucar EY, et al. Is endogenous 
carboxyhaemoglobin level a useful biomarker of clinical course and 
prognosis in COVID-19 patients? Int J Clin Pract. 2021;75(11): e14680.

 37. Paccaud P, Castanares-Zapatero D, Gerard L, Montiel V, Wittebole X, 
Collienne C, Laterre P-F, Hantson P. Arterial carboxyhemoglobin levels in 
Covid-19 critically Ill patients. Res Sq. 2020. https:// doi. org/ 10. 21203/ rs.3. 
rs- 68522/ v1.

 38. Fazekas AS, Wewalka M, Zauner C, Funk GC. Carboxyhemoglobin levels in 
medical intensive care patients: a retrospective, observational study. Crit 
Care. 2012;16(1):R6.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

https://doi.org/10.21203/rs.3.rs-68522/v1
https://doi.org/10.21203/rs.3.rs-68522/v1

	Predictive markers related to local and systemic inflammation in severe COVID-19-associated ARDS: a prospective single-center analysis
	Abstract 
	Background 
	Methods 
	Results 
	Conclusions 

	Introduction
	Materials and methods
	Study design
	Sample collection and analysis
	Clinical assessment
	Statistical analysis

	Results
	Gender distribution of patients differed from the expectation
	First leukocyte value correlated with systemic inflammation and reduced lung function
	First procalcitonin value correlated with short-time damage and quality of life after 6 months
	Systemic TLR3 negatively correlated with reduced lung function and neurological short- and long-time damage
	Systemic cytokine secretion correlated with reduced lung function and neurological impairment
	IL-6 and IL-8 in BAL correlated with lung and neurological damage as well as length of ICU stay
	CCI, sex, 1st PCT and IL-8 BAL predict local damage in lung and kidney
	CCI, sex, TLR3 in blood and IL-6 in BAL predict systemic damage
	CCI, sex, 1st PCT predict quality of life after 6 months
	Patients with higher CO-Hb more likely to die

	Discussion
	Conclusions
	Acknowledgements
	References


