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Abstract 

Background:  Poplar trees provide a large amount of wood material, but many parts of the world are arid or semi-arid 
areas because of insufficient annual precipitation, which seriously affects the growth of poplar trees. Populus simonii 
‘Tongliao1’ shows strong tolerance to stress environments, and Populus deltoides ‘Danhong’ shows a stronger growth 
rate in a suitable environment. To identify drought tolerance-related QTLs and genes, an F1 population derived from 
the cross between the ‘Danhong’ and ‘Tongliao 1’ Populus was assessed under drought stress.

Results:  We measured drought-related traits such as the relative height growth, relative diameter growth, leaf 
senescence number, specific leaf area, and leaf relative water content in the population under control and drought 
environments. The results showed that drought stress reduced the plant height relative growth, ground diameter 
relative growth, specific leaf area and leaf relative water content and increased the number of leaf drops. A total of 
208 QTLs were identified by QTL mapping analysis, and they consisted of 92, 63 and 53 QTLs under control, drought 
stress treatment and drought index conditions, respectively. A molecular identification marker for drought tolerance, 
np2841, which was associated with a QTL (qDLRWC-LG10-1) for relative leaf water content, was initially developed. We 
mined 187 candidate genes for QTL regions of five traits under a drought environment. The reference genome anno-
tation for Populus trichocarpa and a homologous gene analysis of Arabidopsis thaliana identified two candidate genes, 
Potri.003G171300 and Potri.012G123900, with significant functions in response to drought stress. We identified five 
key regulatory genes (Potri.006G273500, Potri.007G111500, Potri.007G111600, Potri.007G111700, and Potri.007G111800) 
related to drought tolerance through the poplar coexpression network.

Conclusion:  In this study, our results indicate that the QTLs can effectively enhance the drought tolerance of poplar. 
It is a step closer towards unravelling the genetic basis of poplar drought tolerance-related traits, and to providing 
validated candidate genes and molecular markers for future genetic improvement.
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Background
Poplar (Populus) is an important industrial wood raw 
material and has characteristic fast growth, strong adapt-
ability, and high yield; it has been cultivated in extensive 
areas in China and all over the world [1, 2]. Because of 
the impact of rainfall in different distribution areas, pop-
lar growth is easily inhibited by drought stress, threaten-
ing its growth and development, yield, quality, and even 
causing large dead areas [3, 4]. Research on the drought 
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tolerance of poplars is primarily performed by individu-
als, and few studies have been dedicated to constructing 
hybrid populations and selecting drought tolerance genes 
[5–7]. Poplar breeding target traits are mostly quantita-
tive characteristics that regulated by multiple genes with 
different genetic effects, such as additive, codominant 
and epistatic effects. Quantitative trait locus (QTL) map-
ping is a formal genetic research method for resolving 
the genetic basis of poplar drought-related traits, explor-
ing candidate genes and developing functional molecular 
markers [8–10].

The drought tolerance trait of poplar is a quantitative 
characteristic, and its genetic mechanism is extremely 
complex, and is involved in many biological metabolic 
pathways [11–14]. Conventional breeding involves a 
long cycle time, poor foresight, low selection efficiency, 
and an inability to identify multiple genes controlling 
drought tolerance. With the rapid development of high-
throughput sequencing technology, molecular breeding 
has played an important role in the study of quantita-
tive characteristics. Research on QTL mapping in forest 
trees started after that of crops, but greater progress has 
been made [15]. The QTL mapping work on poplar pri-
marily focused on important economic traits such as 
growth and wood properties [16–18]. At present, there 
are few studies on the deep analysis of drought tolerance-
related quantitative characteristics in poplar, and it is 
an urgent problem to solve [5, 19]. Poplar was the first 
to be sequenced among woody species, and its genome 
information is relatively complete. After a genetic map 
and QTL mapping of the target trait are constructed, 
the markers in the target QTL interval can be directly 
mapped to mine candidate genes [20].

Techniques for mining plant drought-related candidate 
genes include genetic mapping, bulked segregant analy-
sis (BSA), genome-wide association study (GWAS), RNA 
sequencing, etc. [19, 21–24]. To analyse the genetic basis 
of drought-related traits in poplars from a population 
genetics perspective, we used high-density genetic map-
ping to mine the QTLs for target biological traits and 
to screen candidate genes [25]. QTL mapping can help 
us identify multiple regulatory genes for a target trait, 
making up for the shortcomings of single gene analysis 
studies. In addition, the determination of QTL positions 
in the genome can help researchers to find molecular 
markers associated with these positions, providing a 
reference for mining candidate genes with master-effect 
QTL regions and laying the foundation for fully under-
standing the molecular regulatory mechanisms under-
lying target biological traits [26]. Tschaplinski et  al. 
[17] established field test stands in the Boardman and 
Clatskanie areas with differential climatic conditions 
and irrigated with different water during the growing 

season. Using P. trichocarpa ×P. deltoides F2 popula-
tions as material, 12 QTLs were identified for infiltration 
potential traits with a range of 5.5-19.1% variation in 
explained phenotypic variation [27]. Viger et  al. estab-
lished a field trial stand of P. trichocarpa ×P. deltoides F2 
populations using drought stress treatments in northern 
Italy and south-eastern England with differential rain-
fall and identified 10 QTLs associated with isotope C13 
and two QTLs associated with stomatal conductance, 
three recombination hotspots and 23 candidate genes 
in response to drought [28]. In short, the comparative 
analysis of the genetic regulation mechanism underlying 
drought tolerance in different genetic background popu-
lations must be further studied.

Hybrid breeding is the most widely used method for 
breeding new poplar varieties. By selecting individuals 
with superior genotypes from different seed sources and 
lines as parents, we can create crossbreeding populations 
with rich genetic variation to help us select superior new 
varieties [29]. P. deltoides (Aigeiros) is fast-growing and 
disease tolerant, with good stem shape and high economic 
value. Over 90% of the poplar species currently cultivated 
in the world originate from the Aigeiros species, but most 
of them are less resistant to environmental stress, such as 
drought and salt [30]. P. simonii (Tacamahaca) is a native 
tree species of China, that is cold resistant, drought, tol-
erant, and alkaline resistant, has a well-developed root 
system and strong wind resistance and is an important 
protective and timber forest species in northeast and 
northwest China [9, 31]. Under a natural environment, 
Aigeiros and Tacamahaca are prone to producing natural 
hybrids, and have obvious heterosis. The two species dif-
fer significantly in many traits, but there is no reproductive 
isolation in distant hybrids. Therefore, the cross can yield 
the ideal segregating population, which can breed new 
poplar varieties with good resistance and wide adaptability.

‘Danhong’ (P. deltoides) has excellent characteris-
tics such as rapid growth and straight stem shape, but 
it requires good water and fertilizer conditions and is 
drought-sensitive [5]. ‘Tongliao 1’ (P. simonii) has excel-
lent resistance to cold temperatures and weak alkaline 
soil, but its growth is slow [5]. In this study, drought tests 
were conducted on F1 populations to determine seedling 
drought-related traits and QTL mapping and mine can-
didate genes to lay the foundation for future breeding 
using molecular marker-assisted breeding and genetic 
improvement of drought tolerance.

Results
Phenotypic trait analysis
To explore the inner relationship among drought-
related traits, a correlation analysis (Pearson correlation) 
was performed (Fig.  1, above and below the diagonal). 
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There was a significant difference in the correlation 
between the traits under drought and the control envi-
ronment. Integrating the phenotypic data analysis on 
drought treatment and control revealed that the rela-
tive diameter growth (RD) and relative height growth 
(RH) became highly positively correlated, R2 = 0.729, 
P < 0.001; there was a positive correlation between the 
relative height growth (RH) and specific leaf area (SLA), 
R2 = 0.469, P < 0.001; there was a positive correlation 
between the relative diameter growth (RD) and specific 
leaf area (SLA), R2 = 0.401, P < 0.001; there was a negative 

correlation between the leaf senescence number (LS) and 
relative height growth (RH), R2 = -0.403, P < 0.001; and 
there was a weak negative correlation between the leaf 
relative water content (LRW) and the other four traits. 
The histogram showed that the phenotypic data under 
drought and the control environment followed a normal 
distribution (Fig.  1, below). The comparison between 
the control and drought stress phenotypic data showed 
that the RH, RD, LS, SLA, and LRW experienced obvi-
ous changes through the density dissolution curve (Fig. 1, 
diagonal). The box diagram indicates that the RH, RD, 

Fig. 1  Phenotypic analysis of F1 populations under drought and control environments. CK: control environment, red; DS: drought environment, 
light blue; frequency distribution histogram (on the below); comparative analysis of phenotype data under drought and control environments by 
boxplots (on the right); density dissolution curve (on the diagonal); correlation analysis (above diagonal), CK was control, DS was drought condition, 
corr was integrated control and drought treatment data; and scatter plot for correlation analysis (below the diagonal); Asterisks show the different 
degrees of significant positive or negative correlation, respectively. *, **, and *** indicate significant difference at the P <0.01, 0.05, and 0.001 levels, 
respectively
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SLA, and LRW decreased after drought treatment, and 
the LS increased, P < 0.01 (Fig. 1, right). In summary, the 
above analysis showed that drought treatment had a sig-
nificant effect on the F1 populations, and the RH, RD, LS, 
SLA, and LRW traits significantly responded to drought 
stress and could be used as traits for drought tolerance 
QTL mapping.

We calculated the means and heritability for the traits 
in the parental and F1 populations (Table 1). The differ-
ence analysis between parents showed that the RH of 
‘Tongliao 1’ was significantly higher than that of ‘Dan-
hong’ poplar in both the control and treatment groups; 
The LS of ‘Danhong’ was significantly higher than that of 
‘Tongliao 1’ in the drought group; and the SLA of ‘Dan-
hong’ was significantly higher than that of ‘Tongliao 1’ 
in the control group. The coefficient of variation of the 
F1 population traits varied between 0.03-0.47, showing 
that the populations had abundant genetic variation in 
drought tolerance traits. We calculated the drought index 
for five traits, RH, RD, LS, SLA, and LRW, which can 
respond to the drought response of each individual. The 
drought indices of the five traits were analysed by clus-
tering and plotting the heat map (Fig. 2). For the cluster 
analysis, we divided the F1 populations into five clusters. 
The RH indices of Cluster1 and Cluster3 were higher, 
showing that their drought tolerance was stronger.

Principal component analysis
To understand the difference between the drought and 
control environments, a principal component analysis 
was performed (Fig.  3). The scree plot (Fig.  3A) shows 
that the variance contribution rates of the five principal 

components were 52.5, 16.3, 13.5, 12.8, and 5%, respec-
tively. The indicator representative quality plot (Fig. 3B) 
shows that the key information on growth traits (RH, 
RD) was in the first principal component, and the key 
information on LS and LRW was in the first, second, 
and third principal components. The key information 
for SLA was on the first and fourth principal com-
ponents. The first and second principal components 
were extracted to plot the sample scatter plot (Fig. 3C). 
There were significant differences in the five drought-
related traits of the F1 population under drought and 
in the control environment, which also indicates that 
these five traits can be used as evaluation indicators of 
drought resistance.

QTL mapping for drought‑related traits
A high-density genetic linkage map, including 5796 SNPs 
for 500 genotypes through whole-genome resequencing, 
was used to detect the QTLs. The QTL mapping results 
showed that 92, 63 and 53 QTLs were localized for five 
traits under the control and drought stress and drought 
index conditions, respectively, and they were distributed 
over 19 linkage groups (Table  2, Fig.  4). The number of 
QTLs for each drought tolerance trait varied from 3 to 
25 under different conditions, the LOD values varied 
from 3.01 to 5.51, and the explained phenotypic vari-
ance ranged from 9.0 to 16.0%. The locus qCDR-LG15-3, 
with 16% explained phenotypic variation, was the main 
QTL, and all other the QTLs were marginally effective. 
The number of QTLs for drought tolerance traits showed 
a decreasing trend in the control, drought stress and 
drought index conditions. Pleiotropism is defined as one 

Table 1  Statistical analysis of phenotypic data from parental and F1 populations

a significant difference between P. deltoides ‘Danhong’ and P. simonii ‘Tongliao1’ at P < 0.05

Phenotypic traits Treatments P. deltoides 
‘Danhong’

P. simonii 
‘Tongliao1’

F1 populations 
(Average ± SD or SE)

Variation 
coefficient

Heritability

Relative height growth (RH) Control 5.54 8.97a 11.90 ± 4.02 0.34 0.82

Drought 2.83 5.8a 5.85 ± 2.75 0.47 0.79

Drought index 0.52 0.65 0.51 ± 0.15 0.29 –

Relative diameter growth (RD) Control 0.19 0.2 0.69 ± 0.22 0.32 0.34

Drought 0.15 0.13 0.32 ± 0.13 0.41 0.23

Drought index 0.75 0.71 0.49 ± 0.14 0.29 –

Leaf senescence number (LS) Control 3 2 6.48 ± 2.56 0.4 0.72

Drought 9 5a 12.11 ± 3.59 0.3 0.7

Drought index 3.56 2.39 2.15 ± 0.58 0.27 –

Specific leaf area (SLA) Control 213.64 145.84a 245.42 ± 50.65 0.21 0.74

Drought 163.56 117.15 187.33 ± 30.21 0.16 0.71

Drought index 0.76 0.8 0.79 ± 0.11 0.14 –

Leaf relative water content (LRW) Control 0.95 0.73 0.90 ± 0.03 0.03 0.19

Drought 0.93 0.75 0.74 ± 0.09 0.12 0.16

Drought index 0.77 0.81 0.82 ± 0.09 0.11 –
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or a pair of genes on chromosomes that affect multiple 
biological traits. There were two pleiotropic QTLs that 
regulate RH and RD on LG5.

The same QTL was present in different environments 
(Table 2, Table S1); for example, the same QTL for plant 
height relative growth was observed under control and 
drought stress environments, in LG15, with 10.6 and 
9.4% phenotypic variance explained, respectively. There 
were two identical QTLs for LS in the control group, the 
drought stress group and the drought index group, in 
LG4, LG6, LG8, and LG16, respectively. The SLA trait 
had the same QTLs in the control group and drought 
index, which were distributed in LG8, and the explana-
tion rates of phenotypic variation were 11.9 and 12.9%, 
respectively. The LRW trait had two identical QTLs in 

the control group and the drought stress group in LG4, 
and the phenotypic variation explanation rates were 12.8 
and 9.2% and 10.0 and 9.4%, respectively. The LRW trait 
had the same QTLs in the control group and drought 
index, which were in LG4, and the phenotypic variation 
explanation rates were 11 and 9.6%, The LRW trait has 
four common QTLs under the drought stress group and 
drought index, and the same three QTLs are located on 
LG4 and LG16. The phenotypic variation interpreta-
tion rates were 15, 13, and 10.2% and 10.2, 9.6, and 9.5%. 
The QTLs (qDLRWC-LG10-1 and qLRWCI-LG10-1) on 
LG10 correspond to 10.4 and 10.2% of the phenotypic 
variation, respectively. The molecular marker np2841 
associated with this locus comes from the drought toler-
ance parent ‘Tongliao 1’ poplar and was initially defined 

Fig. 2  Heat map of the cluster analysis on the drought tolerance index



Page 6 of 15Du et al. BMC Plant Biology          (2022) 22:238 

Fig. 3  Principal component analysis of population phenotypes under control and drought environments. A Scree plot, the variance contribution 
rate of each principal component; B representative quality plot, the representative quality of each variable to each principal component; C 
PCA biplot, showing the correlation between the principal component scores of the sample points and the principal components; CK:control 
environment; DS: drought environment
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as a molecular marker for drought tolerance. The same 
QTLs for drought resistance-related traits are present 
under different water conditions, showing that there is an 
interaction between the genotype and the environment.

Candidate gene identification
The genetic regulation effect of specific QTLs in a spe-
cific environment is stronger than that of QTLs that are 
stably present in different environments, so the QTL 
under a drought environment has an important drought 
tolerance function. A total of 187 candidate genes were 
mined from 63 QTL regions of drought-related traits 
under drought conditions (Table S2). Among them, 121 
candidate genes had homologous genes in Arabidopsis, 
and 137 candidate genes had functional annotation infor-
mation on the reference genome of Populus trichocarpa. 
The annotation results showed that genes with differ-
ent functions were potentially involved in regulating the 
drought response of poplars, such as the transcription 
factors GRAS, MYB, and NAC. Under drought condi-
tions, the RH, RD, LS, SLA, and LRW trait-specific QTL 
regions contained 24, 42, 52, 39, and 58 candidate genes, 
respectively.

Two candidate genes, Potri.003G171300 and 
Potri.012G123900, which are distributed on qDLS-
LG18-1 and qDSLA-LG10-4 QTLs encode F-box 
only protein 6 and Ca2+-independent phospholipase 
A2, respectively, and homologues in Arabidopsis are 
involved in genetic regulation in response to drought 
stress. The GO enrichment analysis of all the candidate 
genes was divided into three types: cellular component 

(8 terms), molecular function (5 terms) and biologi-
cal process (12 terms) (Fig. 5). The key terms included 
binding, catalytic activity, metabolic process, cellular 
process, cell, and cell part.

Candidate gene coexpression network
The poplargene web service is a publicly available gene 
network resource and network-assisted gene prioritiza-
tion service that provides the poplar community with 
a number of useful functions. We downloaded pop-
lar co-expression network data from the database, and 
selected data related to candidate genes to construct a 
coexpression network (Fig.  6). Candidate genes for the 
LRW trait are more closely linked to candidate genes 
for other traits, which indicates that LRW is the main 
representative trait for drought tolerance assessment. 
Candidate genes at key positions in the coexpression 
network included: Potri.016G055200, Potri.019G094100, 
Potri.004G193500, Potri.013G133700, Potri.016G011600, 
Potri.003G013900, Potri.012G057500, Potri.012G123900, 
Potri.003G028400, Potri.003G028700, Potri.001G252900, 
Potri.006G273500, Potri.007G111500, Potri.007G111600, 
Potri.007G111700, and Potri.007G111800.

Discussion
Drought stress usually causes changes in plant mor-
phological, physiological, and biochemical processes 
[32], which affects plant growth and development, lead-
ing to reduced leaf number, and restricts the transport 
of nutrients to the leaves and the reduces specific leaf 
area [33]. The relative water content of leaves is used 

Table 2  Summary of QTLs identified for drought tolerance related traits in poplar populations

Traits Treatment Linkage group QTL number Logarithm of odds Phenotypic 
explanation 
rate (%)

Relative height growth (RH) Control LG4-5,LG8,LG10,LG13,LG15 25 3.01-4.47 9.1-13.1

Drought LG2,LG4,LG8,LG15,LG19 8 3.01-4.96 9.0-14.5

Drought index LG2,LG13,LG16 3 3.16-4.08 9.5-12.1

Relative diameter gowth (RD) Control LG3,LG5,LG9,LG14-16,LG18-19 22 3.02-5.51 9.1-16.0

Drought LG1-2,LG7-8,LG18 11 3.07-4.63 9.2-13.6

Drought index LG5,LG8 3 3.3-3.95 9.9-11.7

Leaf senecence (LS) Control LG1,LG4,LG6,LG8,LG10,LG14,LG16 15 3.01-4.02 9.1-11.9

Drought LG5,LG8,LG12,LG16-19 15 3.05-3.91 9.2-11.6

Drought index LG2,LG4,LG6,LG7,LG10 24 3.0-4.5 9.0-13.2

Specific leaf area (SLA) Control LG3-4,LG8,LG15 5 3.08-4.03 9.3-11.9

Drought LG2-3,LG10 9 3.07-3.43 9.2-10.3

Drought index LG2,LG4,LG6,LG8,LG12,LG14 17 3.01-4.52 9.1-13.3

Leaf relative water content (LRW) Control LG4,LG6,LG7,LG11-12,LG16-18 25 3.02-4.33 9.1-12.8

Drought LG3-4,LG6,LG10,LG14,LG16 20 3.03-5.15 9.1-15.0

Drought index LG4,LG10,LG16,LG19 6 3.18-3.78 9.5-11.2
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to determine the water status of plants under drought 
stress, reflecting tissue metabolic activity, and it is the 
most significant physiological trait for evaluating plant 
dehydration and drought tolerance [34, 35]. This study 
showed that the plant height, ground diameter, specific 
leaf area, and leaf relative water content significantly 
decreased under drought stress, showing that drought 

not only inhibited poplar growth and development 
but also reduced the water holding capacity of leaves, 
which is consistent with the results of previous stud-
ies [7, 36]. Growth traits such as the plant height and 
ground diameter, leaf traits such as the specific leaf 
area, leaf relative water content, and leaf senescence 
number can be used as indicators for drought tolerance 

Fig. 4  Circle map of the linkage group positions of QTLs for drought-related traits. The first circle represents 19 linkage groups, scale for cM; the 
2nd, 3rd and 4th circles are the positions of the QTLs in the 19 linkage groups under the control environment, drought environment, and drought 
tolerance index, respectively. The relative height growth, relative diameter growth, leaf senescence, specific leaf area and leaf relative water content 
QTLs are represented by red, blue, yellow, purple and green lines, respectively
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evaluation, with leaf relative water content being the 
most representative.

Drought-related traits such as the plant height and 
diameter are quantitative characteristics that are regu-
lated by multiple genetic loci, with each locus contrib-
uting to weak and cumulative genetic effects. Therefore, 
resolving the regulatory loci of drought tolerance traits 
is a prerequisite for breeding for the molecular design 
underlying drought tolerance. To date, QTL mapping 
studies have been widely used to resolve the genetic 
regulatory basis of drought-related traits in crops such 
as maize, soybean, rice and barley [37–42]. However, 
there are fewer studies on the genetic regulatory loci for 
drought-related traits in woody plants [43]. Drought-
related traits show different levels of heritability in the F1 
population, contributing to the mapping of QTLs. This 
study combined high-density genetic maps and drought-
related traits with QTL mapping under different water 
gradient conditions. Only one QTL, qCDR-LG15-3, 
which regulates the relative growth of the basal diameter, 
exceeded 15% of the phenotypic explanation rate, show-
ing that growth-related traits are regulated by a genetic 

mechanism consisting of both master and micro-effective 
genes [44, 45]. Bradshaw et al. used poplar F2 populations 
to identify dominant QTLs for regulating growth traits, 
with a range of 24-33% phenotypic explanation rates [46]. 
Master effective QTLs controlling growth-related traits 
were also identified in QTL mapping studies in differ-
ent plants, such as pine, eucalyptus, oak, and maize [8, 
47–50].

In this study, we found that drought tolerance traits 
were regulated by common and specific QTLs with dif-
ferent genetic effects under two different moisture con-
ditions, and the genetic regulation intensity was higher 
under drought stress conditions than in the control 
group. This QTL genetic regulation pattern was also pre-
sent in different crops, such as maize and barley [39, 42, 
51–53]. Under different water gradient conditions, the 
number of common QTLs for drought-related traits var-
ied from 0 to 7, showing that there was a reciprocal effect 
between genotypes and different water gradients for this 
trait, resulting in differences in genetic regulation mecha-
nisms. The five drought-related traits had the same QTL 
and different QTLs in different treatment environments, 

Fig. 5  GO enrichment analysis of candidate genes for QTLs of drought tolerance related traits
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showing that there was an interaction effect between the 
genotype and the environment [54]. QTLs of drought-
related traits in drought environments can better regu-
late the genetic mechanism of drought tolerance in 
plants [54]. We identified two genes (Potri.003G171300 
and Potri.012G123900) that are potentially involved in 
the drought stress response in QTL regions for drought-
related traits under a drought environment [55–57]. 
Potri.003G171300 encodes the F-box protein, and its 
homologous gene (At1g27340) in A. thaliana negatively 
regulates the drought stress response by binding to 
mRNA394 [56]. In addition, F-box family proteins have 
been reported to be involved in regulating different abi-
otic stresses; for example, overexpression of the F-box 
gene (Os02g44990) in rice leads to reduced resistance to 
abiotic stress and enhanced root growth and development 
[58, 59]. Potri.012G123900 encodes a Ca2+-independent 
phospholipase A2, and its homologous gene (At3g54950) 
in A. thaliana significantly upregulates expression under 
drought stress and enhances drought tolerance by inhib-
iting cell membrane lipid degradation [57, 60]. The tropi-
cal plant cowpea also contained the fat trophic protein 

gene VuPAT1 was significantly up-regulated in response 
to drought stress [61]. These candidate genes provide 
new gene resources to support poplar transgenic breed-
ing for drought tolerance.

The drought index is used to measure the drought tol-
erance of a plant. The drought tolerance index of 5 traits 
was used to divide the hybrid populations into 5 differ-
ent drought tolerance types and then helped us screen 
excellent individuals for drought tolerance. The results 
showed that the QTLs for each drought-related trait 
in the drought index group accounted for 8-55% of all 
groups and that partially identical QTLs were present, 
suggesting that the poplar response to drought stress is 
subject to complex genetic regulation. Frova et al. found 
common and specific QTLs for yield traits in maize 
under different water gradients and drought indices, 
showing the complexity and specificity of the genetic 
regulatory mechanisms underlying plant responses to 
drought stress and drought tolerance [51, 62, 63]. In con-
clusion, to develop molecular markers for the screen-
ing of drought tolerance materials, QTL-linked markers 
that are stable in different environments and have a large 

Fig. 6  Coexpression network analysis of candidate genes for the drought-related traits QTL. Red: Candidate genes for relative height growth 
(RH) QTLs; Yellow: Candidate genes for relative diameter growth (RD) QTLs; Pink: Candidate genes for leaf senescence number (LS) QTLs; Green: 
Candidate genes for specific leaf area (SLA) QTLs; Blue: Candidate genes for leaf relative water content (LRW) QTLs
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explanation rate of phenotypic variation should be 
selected. These QTL-linked markers are highly geneti-
cally regulated, which improves the probability of ben-
eficial selection of breeding materials [62, 64]. The leaf 
relative water content is the most meaningful physi-
ological indicator for evaluating the drought tolerance of 
plant dehydration. A common QTL (qDLRWC-LG10-1) 
regulating this trait, with phenotypic variance explained 
at 10.4 and 9.6% under drought stress and drought 
index, respectively, met the conditions for the screening 
of markers associated with the target trait. The allele of 
the marker np2841 associated with this locus came from 
a drought tolerant parent (‘Tongliao 1’) and was tenta-
tively considered an ideal candidate marker for screen-
ing drought-tolerant poplar material.

The regulation of biological processes involves a net-
work of various genes that function in a complex and 
coordinated manner. However, to date, most studies on 
Populus have been focused on a single or a limited num-
ber of genes [65–68]. Functional gene interaction net-
works are a powerful tool for functional linkage studies 
of genes in many organisms, including animals, plants 
and prokaryotes. Once a comprehensive functional 
association network is generated, genes for which the 
function is unknown can be easily annotated based on 
their association with genes of known function. In addi-
tion, network-guided screens can be performed to iden-
tify novel candidate genes associated with specific traits 
[69]. We used the data from the public poplar functional 
gene network database to construct a coexpression net-
work of candidate genes. Candidate genes for drought-
related traits were included in the coexpression network, 
and we found that the candidate genes for five drought-
related traits were closely related and that the candidate 
genes for leaf water content were in key positions. The 
Potri.012G123900 gene is also at a key position in the 
coexpression network, again verifying the previous results. 
We obtained five key regulatory genes (Potri.006G273500, 
Potri.007G111500, Potri.007G111600, Potri.007G111700, 
and Potri.007G111800) using coexpression network anal-
ysis. Potri.006G273500 encodes a cotton fibre expressed 
protein. Potri.007G111500 encodes a trypsin and protease 
inhibitor. Potri.007G111600 encodes trypsin and protease 
inhibitor. Potri.007G111700 encodes a protein similar to 
the truncated Kunitz trypsin inhibitor. Potri.007G111800 
encodes a trypsin and protease inhibitor.

Conclusion
In this study, fast-growing and drought-tolerant F1 popu-
lations were constructed through cross-breeding, and 
drought stress tests were conducted on parents and 
hybrid populations. We determined the drought-related 
traits, and the results showed that drought stress reduced 

the plant height relative growth, ground diameter relative 
growth, specific leaf area and leaf relative water content 
and increased the number of leaf drops. Through genetic 
mapping analysis, 208 QTLs were identified, revealing 
92, 63 and 53 QTLs under control, drought stress and 
drought index conditions, respectively. A preliminary 
molecular marker (np2841) for drought tolerance asso-
ciated with the leaf relative water content QTL (qDL-
RWC-LG10-1) was developed. A total of 187 candidate 
genes were identified from specific QTLs under drought 
conditions. Two candidate genes, Potri.003G171300 
and Potri.012G123900, were found to have potential 
functions in response to drought stress using the refer-
ence genome annotation of Populus trichocarpa and the 
homologous gene analysis of Arabidopsis. Five key regu-
latory genes for the drought response were identified 
using coexpression network, such as Potri.006G273500, 
Potri.007G111500, Potri.007G111600, Potri.007G111700, 
and Potri.007G111800. This work not only provided can-
didate molecular markers for the screening of drought 
tolerant poplar materials but also unearthed new genetic 
resources for drought tolerance breeding.

Methods
Plant material and experimental treatment
The F1 populations with P. deltoides ‘Danhong’ poplar 
as the female and P. simonii ‘Tongliao 1’ poplar as the 
male were constructed by artificial controlled pollina-
tion (using plant material from the Research Institute 
of Forestry, Chinese Academy of Forestry, we have 
ownership). The test materials were the parents and 
144 F1 populations. All the plants were grown in the 
Experimental Greenhouse at the Chinese Academy of 
Forestry.

The cuttings were propagated by selecting uniformly 
growing branches and planted in 15 × 30 cm pots with 
a substrate of grass charcoal, vermiculite and carben-
dazim (10:1:1). Experimental treatments were applied 
after 2 months of growth. A control environment and 
a drought environment were set up, with the control 
(CK): 75-80% soil water content and drought stress (DS): 
35-40% relative soil water content, relative soil water 
content = (soil mass water content/ field water holding 
capacity × 100%). The control and drought stress groups 
were replicated three times, with four plants in each 
replicate, in a randomized group design. The soil was 
watered thoroughly before the stress treatment to keep 
the soil water content in each pot consistent, and the 
water was naturally depleted to the soil stress water gra-
dient after irrigation was stopped. The water was replen-
ished by alternate-day weighing method at 17:00 every 
day during the experiment to maintain the relative soil 
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water content within the set range, and the stress treat-
ment lasted for 30 days.

Genetic linkage map construction
The number of SNP markers was counted, and the poly-
morphic markers between parents were classified into 
eight segregation types (ab × cd, ef × eg, hk × hk, lm × ll, 
nn × np, aa × bb, ab × cc and cc × ab). Three marker 
types (lm × ll, nn × np, and hk × hk) in which one or 
both parents were heterozygous were selected for genetic 
mapping based on the highly heterozygous biology of the 
forest trees using a proposed mapping strategy.

The genetic map of this study population was con-
structed in advance [9], and it included the parents and 
500 F1 populations. The genetic map consisted of 5796 
SNP markers distributed on 19 linkage groups, with a 
total genetic distance of 2683.80 cM. The average spac-
ing between markers was 0.46 cM, with a range of 
0.15-0.81 cM.

Investigation of phenotypic traits
We investigated the relative growth of plant height, the 
relative growth of ground diameter, and the leaf senes-
cence number during the drought treatment (30 days). 
The leaf area for the seventh leaf of poplar seedling was 
determined after the drought treatment using a leaf area 
metre LI-3050C (LI-COR, USA). The fresh weight, satu-
rated fresh weight (soaked in distilled water for 24 hours), 
and dry weight of the seventh leaf of each poplar seed-
ling were weighed using an electronic balance. The 
leaf relative water content (LRW) = (leaf fresh weight 
- leaf dry weight)/ (leaf saturated fresh weight - leaf dry 
weight) × 100%; specific leaf area (SLA) = leaf area/leaf 
dry weight; and drought index = drought stress pheno-
typic trait/control phenotypic trait× 100%. Each trait 
of every line was measured in four plants and measure-
ments were repeated three times, including the control 
and drought stress groups.

Data analysis
The mean, variance, standard deviation, coefficient of 
variation, and heritability of phenotypic data were calcu-
lated using SPSS 21.0 software (IBM, USA) [70, 71]. The 
T test is used to analyse the differences in phenotypic 
traits between parents; *, **, *** represent the significance 
levels of P < 0.05, P < 0.01, and P < 0.001, respectively. A 
clustering analysis was performed on phenotype traits 
using the R package pheatmap. The R packages Facto-
MineR and factoextra were used for principal component 
analysis and visualization [72]. The R package GGally was 
used to calculate the Pearson’s correlation of phenotype 
traits and to visualize the scatter matrix plot.

QTL mapping and candidate gene analysis
QTL mapping for phenotype traits was performed using 
the multiple interval mapping (MIM) model with the 
MapQTL v. 6.0 software [9, 73]. A logarithm of odds 
(LOD) threshold of 3.0 was chosen as evidence for the 
presence of QTLs. QTLs under drought conditions were 
used to mine candidate genes.

The 20 kb upstream and downstream regions of 
the LOD peak position in the genome were regarded 
as target traits related to genetic regulation loci, and 
the genes located within these genome regions were 
considered potential candidate genes [9, 74]. The 
functional annotation of these candidate genes was 
performed in the P. trichocarpa reference genome 
(https://​phyto​zome-​next.​jgi.​doe.​gov/​info/​Ptric​hocar​
pa_​v3_1). Gene Ontology (GO) enrichment tests were 
performed on the candidate genes. GO annotations 
were created using Blast2GO [75].

Coexpression network analysis
To understand the biological processes underlying 
drought tolerance related traits in poplar, coexpression 
networks of candidate genes were constructed using the 
public poplar gene network database (PoplarGene, cover-
ing ~ 70% of the 41,335 poplar genes) (http://​bioin​forma​
tics.​caf.​ac.​cn/​Popla​rGene) [76]. The coexpression net-
work was visualized using Cytoscape software [77].

Abbreviations
QTL: Quantitative trait locus; RH: Relative height growth; RD: Relative diameter 
growth; LS: Leaf senescence number; SLA: Specific leaf area; LRW: Leaf relative 
water content.

Supplementary Information
The online version contains supplementary material available at https://​doi.​
org/​10.​1186/​s12870-​022-​03613-w.

Additional file 1: Table S1. QTLs of drought-related traits under control, 
drought stress, and drought index.

Additional file 2: Table S2. Functional annotation of candidate genes for 
QTLs in drought environment.

Acknowledgments
Not applicable.

Authors’ contributions
CD, PS, XC, LZ, LW, and JH designed and conducted the experiments. CD, PS, 
and XC performed the experiments. CD conducted the data and wrote the 
manuscript. JH contributed to discussion and manuscript revision. All the 
authors were involved in the discussion of the data and approved the final 
manuscript.

Funding
This study was supported by the National Key Research and Development 
Program of China (2021YFD2200201), the National Natural Science Foundation 
(32071797, 31570669), and the National Key Program on Transgenic Research 

https://phytozome-next.jgi.doe.gov/info/Ptrichocarpa_v3_1
https://phytozome-next.jgi.doe.gov/info/Ptrichocarpa_v3_1
http://bioinformatics.caf.ac.cn/PoplarGene
http://bioinformatics.caf.ac.cn/PoplarGene
https://doi.org/10.1186/s12870-022-03613-w
https://doi.org/10.1186/s12870-022-03613-w


Page 13 of 15Du et al. BMC Plant Biology          (2022) 22:238 	

(2018ZX08020002). The funders have no role in the study design, data analysis 
and interpretation, and manuscript writing, but just provide the financial.

Availability of data and materials
The re-sequence data was uploaded to the National Genomics Data Center 
(https://​bigd.​big.​ac.​cn/​gsa/) under accession number CRA002178.

Declarations

Ethics approval and consent to participate
The authors confirm that all methods comply with local and national 
regulations.

Consent for publication
Not applicable.

Competing interests
The authors declare no conflicts of interest.

Author details
1 State Key Laboratory of Tree Genetics and Breeding, Key Laboratory of Tree 
Breeding and Cultivation of National Forestry and Grassland Administration, 
Research Institute of Forestry, Chinese Academy of Forestry, Beijing 100091, 
China. 2 Co-Innovation Center for Sustainable Forestry in Southern China, 
Nanjing Forestry University, Nanjing 210037, Jiangsu, China. 3 Institute of For-
estry and Pomology, Beijing Academy of Agriculture and Forestry Sciences, 
Beijing 100093, China. 

Received: 28 May 2021   Accepted: 21 April 2022

References
	1.	 Pinosio S, Giacomello S, Faivre-Rampant P, Taylor G, Jorge V, Le Paslier 

MC, et al. Characterization of the poplar Pan-genome by genome-wide 
identification of structural variation. Mol Biol Evol. 2016;33(10):2706–19. 
https://​doi.​org/​10.​1093/​molbev/​msw161.

	2.	 Jansson S, Douglas CJ. Populus: a model system for plant biology. Annu 
Rev Plant Biol. 2007;58:435–58. https://​doi.​org/​10.​1146/​annur​ev.​arpla​nt.​
58.​032806.​103956.

	3.	 Allen CD, Macalady AK, Chenchouni H, Bachelet D, McDowell N, Ven-
netier M, et al. A global overview of drought and heat-induced tree mor-
tality reveals emerging climate change risks for forests. For Ecol Manag. 
2010;259(4):660–84. https://​doi.​org/​10.​1016/j.​foreco.​2009.​09.​001.

	4.	 He F, Wang H-L, Li H-G, Su Y, Li S, Yang Y, et al. PeCHYR1, a ubiquitin E3 
ligase from Populus euphratica, enhances drought tolerance via ABA-
induced stomatal closure by ROS production in Populus. Plant Biotechnol 
J. 2018;16(8):1514–28. https://​doi.​org/​10.​1111/​pbi.​12893.

	5.	 Jia H, Wang L, Li J, Sun P, Lu M, Hu J. Comparative metabolomics analysis 
reveals different metabolic responses to drought in tolerant and suscepti-
ble poplar species. Physiol Plant. 2020;168(3):531–46. https://​doi.​org/​10.​
1111/​ppl.​13036.

	6.	 Bloemen J, Vergeynst LL, Overlaet-Michiels L, Steppe K. How important 
is woody tissue photosynthesis in poplar during drought stress? Trees. 
2016;30(1):63–72. https://​doi.​org/​10.​1007/​s00468-​014-​1132-9.

	7.	 Wang C, Liu S, Dong Y, Zhao Y, Geng A, Xia X, et al. PdEPF1 regulates 
water-use efficiency and drought tolerance by modulating stomatal 
density in poplar. Plant Biotechnol J. 2016;14(3):849–60. https://​doi.​org/​
10.​1111/​pbi.​12434.

	8.	 Du Q, Gong C, Wang Q, Zhou D, Yang H, Pan W, et al. Genetic architecture 
of growth traits in Populus revealed by integrated quantitative trait locus 
(QTL) analysis and association studies. New Phytol. 2016;209(3):1067–82. 
https://​doi.​org/​10.​1111/​nph.​13695.

	9.	 Sun P, Jia H, Cheng X, Zhang Y, Li J, Zhang L, et al. Genetic architecture 
of leaf morphological and physiological traits in a Populus deltoides ‘Dan-
hong’ × P. simonii ‘Tongliao1’ pedigree revealed by quantitative trait locus 
analysis. Tree Genet Genomes. 2020;16(3):45. https://​doi.​org/​10.​1007/​
s11295-​020-​01438-y.

	10.	 Wang D, Sun W, Yuan Z, Sun Q, Fan K, Zhang C, et al. Identification of a 
novel QTL and candidate gene associated with grain size using chromo-
some segment substitution lines in rice. Sci Rep. 2021;11(1):189. https://​
doi.​org/​10.​1038/​s41598-​020-​80667-6.

	11.	 Li P, Zhou HM, Feng ZZ. Ozone pollution, nitrogen addition, and drought 
stress interact to affect non-structural carbohydrates in the leaves and 
fine roots of poplar. Huan Jing Ke Xue. 2021;42(2):1004–12. https://​doi.​
org/​10.​13227/j.​hjkx.​20200​7213.

	12.	 Yang J, Wang H, Zhao S, Liu X, Zhang X, Wu W, et al. Overexpression levels 
of LbDREB6 differentially affect growth, drought, and disease tolerance in 
poplar. Front Plant Sci. 2020;11:528550. https://​doi.​org/​10.​3389/​fpls.​2020.​
528550.

	13.	 Wang LQ, Li Z, Wen SS, Wang JN, Zhao ST, Lu MZ. WUSCHEL-related 
homeobox gene PagWOX11/12a responds to drought stress by 
enhancing root elongation and biomass growth in poplar. J Exp Bot. 
2020;71(4):1503–13. https://​doi.​org/​10.​1093/​jxb/​erz490.

	14.	 Xu C, Fu X, Liu R, Guo L, Ran L, Li C, et al. PtoMYB170 positively regulates 
lignin deposition during wood formation in poplar and confers drought 
tolerance in transgenic Arabidopsis. Tree Physiol. 2017;37(12):1713–26. 
https://​doi.​org/​10.​1093/​treep​hys/​tpx093.

	15.	 Eduardo I, Pacheco I, Chietera G, Bassi D, Pozzi C, Vecchietti A, et al. QTL 
analysis of fruit quality traits in two peach intraspecific populations and 
importance of maturity date pleiotropic effect. Tree Genet Genomes. 
2011;7(2):323–35. https://​doi.​org/​10.​1007/​s11295-​010-​0334-6.

	16.	 Bdeir R, Muchero W, Yordanov Y, Tuskan GA, Busov V, Gailing O. Quantita-
tive trait locus mapping of Populus bark features and stem diameter. BMC 
Plant Biol. 2017;17(1):224. https://​doi.​org/​10.​1186/​s12870-​017-​1166-4.

	17.	 Rae AM, Street NR, Robinson KM, Harris N, Taylor G. Five QTL hotspots for 
yield in short rotation coppice bioenergy poplar: the poplar biomass loci. 
BMC Plant Biol. 2009;9(1):23. https://​doi.​org/​10.​1186/​1471-​2229-9-​23.

	18.	 Carletti G, Carra A, Allegro G, Vietto L, Desiderio F, Bagnaresi P, et al. QTLs 
for woolly poplar aphid (Phloeomyzus passerinii L.) resistance detected 
in an inter-specific Populus deltoides x P. nigra mapping population. PLoS 
One. 2016;11(3):e0152569. https://​doi.​org/​10.​1371/​journ​al.​pone.​01525​69.

	19.	 Street NR, Skogström O, Sjödin A, Tucker J, Rodríguez-Acosta M, Nilsson 
P, et al. The genetics and genomics of the drought response in Populus. 
Plant J. 2006;48(3):321–41. https://​doi.​org/​10.​1111/j.​1365-​313X.​2006.​
02864.x.

	20.	 Tuskan GA, Difazio S, Jansson S, Bohlmann J, Grigoriev I, Hellsten U, et al. 
The genome of black cottonwood, Populus trichocarpa (Torr. & Gray). 
Science. 2006;313(5793):1596–604. https://​doi.​org/​10.​1126/​scien​ce.​11286​
91.

	21.	 Ted Hogg EH, Michaelian M. Factors affecting fall down rates of dead 
aspen (Populus tremuloides) biomass following severe drought in west-
central Canada. Glob Chang Biol. 2015;21(5):1968–79. https://​doi.​org/​10.​
1111/​gcb.​12805.

	22.	 Wang D, Meng S, Su W, Bao Y, Lu Y, Yin W, et al. Genome-wide analysis of 
multiple Organellar RNA editing factor family in poplar reveals evolution 
and roles in drought stress. Int J Mol Sci. 2019;20(6). https://​doi.​org/​10.​
3390/​ijms2​00614​25.

	23.	 Chao Q, Gao ZF, Zhang D, Zhao BG, Dong FQ, Fu CX, et al. The develop-
mental dynamics of the Populus stem transcriptome. Plant Biotechnol J. 
2019;17(1):206–19. https://​doi.​org/​10.​1111/​pbi.​12958.

	24.	 Zhu H, Zhang M, Sun S, Yang S, Li J, Li H, et al. A single nucleotide deletion 
in an ABC transporter gene leads to a dwarf phenotype in watermelon. 
Front Plant Sci. 2019;10:1399. https://​doi.​org/​10.​3389/​fpls.​2019.​01399.

	25.	 Zhang M, Bo W, Xu F, Li H, Ye M, Jiang L, et al. The genetic architecture 
of shoot–root covariation during seedling emergence of a desert tree, 
Populus euphratica. Plant J. 2017;90(5):918–28 doi: doi: 10.1111/tpj.13518.

	26.	 Dixit S, Kumar Biswal A, Min A, Henry A, Oane RH, Raorane ML, et al. 
Action of multiple intra-QTL genes concerted around a co-localized 
transcription factor underpins a large effect QTL. Sci Rep. 2015;5:15183. 
https://​doi.​org/​10.​1038/​srep1​5183.

	27.	 Tschaplinski TJ, Tuskan GA, Sewell MM, Gebre GM, Todd DE, Pendley 
CD. Phenotypic variation and quantitative trait locus identification for 
osmotic potential in an interspecific hybrid inbred F2 poplar pedigree 
grown in contrasting environments. Tree Physiol. 2006;26(5):595–604. 
https://​doi.​org/​10.​1093/​treep​hys/​26.5.​595.

	28.	 Viger M, Rodriguez-Acosta M, Rae AM, Morison JIL, Taylor G. Toward 
improved drought tolerance in bioenergy crops: QTL for carbon isotope 

https://bigd.big.ac.cn/gsa/
https://doi.org/10.1093/molbev/msw161
https://doi.org/10.1146/annurev.arplant.58.032806.103956
https://doi.org/10.1146/annurev.arplant.58.032806.103956
https://doi.org/10.1016/j.foreco.2009.09.001
https://doi.org/10.1111/pbi.12893
https://doi.org/10.1111/ppl.13036
https://doi.org/10.1111/ppl.13036
https://doi.org/10.1007/s00468-014-1132-9
https://doi.org/10.1111/pbi.12434
https://doi.org/10.1111/pbi.12434
https://doi.org/10.1111/nph.13695
https://doi.org/10.1007/s11295-020-01438-y
https://doi.org/10.1007/s11295-020-01438-y
https://doi.org/10.1038/s41598-020-80667-6
https://doi.org/10.1038/s41598-020-80667-6
https://doi.org/10.13227/j.hjkx.202007213
https://doi.org/10.13227/j.hjkx.202007213
https://doi.org/10.3389/fpls.2020.528550
https://doi.org/10.3389/fpls.2020.528550
https://doi.org/10.1093/jxb/erz490
https://doi.org/10.1093/treephys/tpx093
https://doi.org/10.1007/s11295-010-0334-6
https://doi.org/10.1186/s12870-017-1166-4
https://doi.org/10.1186/1471-2229-9-23
https://doi.org/10.1371/journal.pone.0152569
https://doi.org/10.1111/j.1365-313X.2006.02864.x
https://doi.org/10.1111/j.1365-313X.2006.02864.x
https://doi.org/10.1126/science.1128691
https://doi.org/10.1126/science.1128691
https://doi.org/10.1111/gcb.12805
https://doi.org/10.1111/gcb.12805
https://doi.org/10.3390/ijms20061425
https://doi.org/10.3390/ijms20061425
https://doi.org/10.1111/pbi.12958
https://doi.org/10.3389/fpls.2019.01399
https://doi.org/10.1038/srep15183
https://doi.org/10.1093/treephys/26.5.595


Page 14 of 15Du et al. BMC Plant Biology          (2022) 22:238 

composition and stomatal conductance in Populus. Food Energy Secur. 
2013;2(3):220–36. https://​doi.​org/​10.​1002/​fes3.​39.

	29.	 Fyfe JL, Bailey NTJ. Plant breeding studies in leguminous forage crops 
I. Natural cross-breeding in winter beans. J Agric Sci. 1951;41(4):371–8. 
https://​doi.​org/​10.​1017/​S0021​85960​00495​58.

	30.	 Storme V, Vanden Broeck A, Ivens B, Halfmaerten D, Van Slycken J, 
Castiglione S, et al. Ex-situ conservation of Black poplar in Europe: genetic 
diversity in nine gene bank collections and their value for nature devel-
opment. Theor Appl Genet. 2004;108(6):969–81. https://​doi.​org/​10.​1007/​
s00122-​003-​1523-6.

	31.	 Zhang P, Su ZQ, Xu L, Shi XP, Du KB, Zheng B, et al. Effects of fragment 
traits, burial orientation and nutrient supply on survival and growth in 
Populus deltoides × P. simonii. Sci Rep. 2016;6:21031. https://​doi.​org/​10.​
1038/​srep2​1031.

	32.	 Wang W, Vinocur B, Altman A. Plant responses to drought, salinity and 
extreme temperatures: towards genetic engineering for stress tolerance. 
Planta. 2003;218(1):1–14. https://​doi.​org/​10.​1007/​s00425-​003-​1105-5.

	33.	 Zhang X, Zang R, Li C. Population differences in physiological and 
morphological adaptations of Populus davidiana seedlings in response to 
progressive drought stress. Plant Sci. 2004;166(3):791–7. https://​doi.​org/​
10.​1016/j.​plant​sci.​2003.​11.​016.

	34.	 Deligoz A, Gur M. Morphological, physiological and biochemical 
responses to drought stress of stone pine (Pinus pinea L.) seed-
lings. Acta Physiol Plant. 2015;37(11):243. https://​doi.​org/​10.​1007/​
s11738-​015-​1998-1.

	35.	 Kumari A, Khan I, Singh A, Singh S. Morphological, physiological and 
biochemical responses of poplar plants to drought stress. J AgriSearch. 
2018;5. https://​doi.​org/​10.​21921/​jas.5.​3.7.

	36.	 Yin C, Peng Y, Zang R, Zhu Y, Li C. Adaptive responses of Populus kangdin-
gensis to drought stress. Physiol Plant. 2005;123(4):445–51. https://​doi.​
org/​10.​1111/j.​1399-​3054.​2005.​00477.x.

	37.	 Sari-Gorla M, Krajewski P, Di Fonzo N, Villa M, Frova C. Genetic analysis of 
drought tolerance in maize by molecular markers. II. Plant height and 
flowering. Theor Appl Genet. 1999;99(1):289–95.

	38.	 Specht JE, Chase K, Macrander M, Graef GL, Chung J, Markwell JP, et al. 
Soybean response to water: a QTL analysis of drought tolerance. Crop Sci. 
2001;41(2):493–509. https://​doi.​org/​10.​2135/​crops​ci2001.​41249​3x.

	39.	 Teulat B, Borries C, This D. New QTLs identified for plant water status, 
water-soluble carbohydrate and osmotic adjustment in a barley popula-
tion grown in a growth-chamber under two water regimes. Theor Appl 
Genet. 2001;103(1):161–70. https://​doi.​org/​10.​1007/​s0012​20000​503.

	40.	 Price AH, Townend J, Jones MP, Audebert A, Courtois B. Mapping QTLs 
associated with drought avoidance in upland rice grown in the Philip-
pines and West Africa. Plant Mol Biol. 2002;48(5):683–95. https://​doi.​org/​
10.​1023/A:​10148​05625​790.

	41.	 Jaganathan D, Thudi M, Kale S, Azam S, Roorkiwal M, Gaur P, et al. 
Genotyping-by-sequencing based intra-specific genetic map refines a 
“QTL-hotspot” region for drought tolerance in chickpea. Mol Gen Genom-
ics. 2014;290. https://​doi.​org/​10.​1007/​s00438-​014-​0932-3.

	42.	 Gupta PK, Balyan HS, Gahlaut V. QTL analysis for drought tolerance in 
wheat: present status and future possibilities. Agronomy. 2017;7(1):5.

	43.	 Brendel O, Pot D, Plomion C, Rozenberg P, Guehl J-M. Genetic parameters 
and QTL analysis of δ13C and ring width in maritime pine. Plant Cell Envi-
ron. 2002;25(8):945–53. https://​doi.​org/​10.​1046/j.​1365-​3040.​2002.​00872.x.

	44.	 Yang H, Yang J, Rong T, Tan J, Qiu Z. QTL mapping of resistance to sheath 
blight in maize (Zea mays L.). Chin Sci Bull. 2005;50(8):782–7. https://​doi.​
org/​10.​1007/​BF031​83679.

	45.	 Tao A, Huang L, Wu G, Afshar RK, Qi J, Xu J, et al. High-density genetic 
map construction and QTLs identification for plant height in white jute 
(Corchorus capsularis L.) using specific locus amplified fragment (SLAF) 
sequencing. BMC Genomics. 2017;18(1):355. https://​doi.​org/​10.​1186/​
s12864-​017-​3712-8.

	46.	 Bradshaw-Jr HD, Stettler RF. Molecular genetics of growth and develop-
ment in Populus. IV. Mapping QTLs with large effects on growth, form, 
and phenology traits in a forest tree. Genetics. 1995;139(2):963.

	47.	 Grattapaglia D, Sederoff R. Genetic linkage maps of Eucalyptus grandis 
and Eucalyptus urophylla using a pseudo-testcross: mapping strategy 
and RAPD markers. Genetics. 1994;137(4):1121–37.

	48.	 Kaya Z, Sewell MM, Neale DB. Identification of quantitative trait loci influ-
encing annual height- and diameter-increment growth in loblolly pine 

(Pinus taeda L.). Theor Appl Genet. 1999;98(3):586–92. https://​doi.​org/​10.​
1007/​s0012​20051​108.

	49.	 Scotti-Saintagne C, Bodénès C, Barreneche T, Bertocchi E, Plomion C, 
Kremer A. Detection of quantitative trait loci controlling bud burst and 
height growth in Quercus robur L. Theor Appl Genet. 2004;109(8):1648–59. 
https://​doi.​org/​10.​1007/​s00122-​004-​1789-3.

	50.	 Zhang X, Huang C, Wu D, Qiao F, Li W, Duan L, et al. High-throughput 
phenotyping and QTL mapping reveals the genetic architecture of maize 
plant growth. Plant Physiol. 2017;173(3):1554–64. https://​doi.​org/​10.​1104/​
pp.​16.​01516.

	51.	 Frova C, Krajewski P, di Fonzo N, Villa M, Sari-Gorla M. Genetic analysis of 
drought tolerance in maize by molecular markers I. Yield components. 
Theor Appl Genet. 1999;99(1):280–8. https://​doi.​org/​10.​1007/​s0012​20051​
233.

	52.	 Yadav RS, Hash CT, Bidinger FR, Cavan GP, Howarth CJ. Quantitative trait 
loci associated with traits determining grain and stover yield in pearl 
millet under terminal drought-stress conditions. Theor Appl Genet. 
2002;104(1):67–83. https://​doi.​org/​10.​1007/​s0012​20200​008.

	53.	 Jaganathan D, Thudi M, Kale S, Azam S, Roorkiwal M, Gaur PM, et al. 
Genotyping-by-sequencing based intra-specific genetic map refines a 
“QTL-hotspot” region for drought tolerance in chickpea. Mol Gen Genom-
ics. 2015;290(2):559–71. https://​doi.​org/​10.​1007/​s00438-​014-​0932-3.

	54.	 Rönnberg-Wästljung AC, Glynn C, Weih M. QTL analyses of drought 
tolerance and growth for a Salix dasyclados × Salix viminalis hybrid 
in contrasting water regimes. Theor Appl Genet. 2005;110(3):537–49. 
https://​doi.​org/​10.​1007/​s00122-​004-​1866-7.

	55.	 Zhang X, Ju HW, Chung MS, Huang P, Ahn SJ, Kim CS. The R-R-type 
MYB-like transcription factor, AtMYBL, is involved in promoting leaf senes-
cence and modulates an abiotic stress response in Arabidopsis. Plant Cell 
Physiol. 2011;52(1):138–48. https://​doi.​org/​10.​1093/​pcp/​pcq180.

	56.	 Ni Z, Hu Z, Jiang Q, Zhang H. Overexpression of gma-MIR394a confers tol-
erance to drought in transgenic Arabidopsis thaliana. Biochem Biophys 
Res Commun. 2012;427(2):330–5. https://​doi.​org/​10.​1016/j.​bbrc.​2012.​09.​
055.

	57.	 Matos AR, Gigon A, Laffray D, Pêtres S, Zuily-Fodil Y, Pham-Thi A-T. Effects 
of progressive drought stress on the expression of patatin-like lipid acyl 
hydrolase genes in Arabidopsis leaves. Physiol Plant. 2008;134(1):110–20. 
https://​doi.​org/​10.​1111/j.​1399-​3054.​2008.​01123.x.

	58.	 Lechner E, Achard P, Vansiri A, Potuschak T, Genschik P. F-box proteins 
everywhere. Curr Opin Plant Biol. 2006;9(6):631–8. https://​doi.​org/​10.​
1016/j.​pbi.​2006.​09.​003.

	59.	 Yan Y-S, Chen X-Y, Yang K, Sun Z-X, Fu Y-P, Zhang Y-M, et al. Overexpres-
sion of an F-box protein gene reduces abiotic stress tolerance and 
promotes root growth in rice. Mol Plant. 2011;4(1):190–7. https://​doi.​org/​
10.​1093/​mp/​ssq066.

	60.	 Sahsah Y, Campos P, Gareil M, Zuily-Fodil Y, Pham-Thi AT. Enzymatic 
degradation of polar lipids in Vigna unguiculata leaves and influence 
of drought stress. Physiol Plant. 1998;104(4):577–86. https://​doi.​org/​10.​
1034/j.​1399-​3054.​1998.​10404​09.x.

	61.	 Matos AR, d’Arcy-Lameta A, França M, Pêtres S, Edelman L, Kader J-C, et al. 
A novel patatin-like gene stimulated by drought stress encodes a galac-
tolipid acyl hydrolase. FEBS Lett. 2001;491(3):188–92. https://​doi.​org/​10.​
1016/​S0014-​5793(01)​02194-9.

	62.	 Kale SM, Jaganathan D, Ruperao P, Chen C, Punna R, Kudapa H, et al. Prior-
itization of candidate genes in “QTL-hotspot” region for drought tolerance 
in chickpea (Cicer arietinum L.). Sci Rep. 2015;5:15296. https://​doi.​org/​10.​
1038/​srep1​5296.

	63.	 Gupta P, Balyan H, Gahlaut V. QTL analysis for drought tolerance in wheat: 
present status and future possibilities. Agronomy. 2017;7:1–21. https://​
doi.​org/​10.​3390/​agron​omy70​10005.

	64.	 Quarrie SA. New molecular tools to improve the efficiency of breeding 
for increased drought resistance. Plant Growth Regul. 1996;20(2):167–78. 
https://​doi.​org/​10.​1007/​BF000​24013.

	65.	 Lin Y-C, Li W, Sun Y-H, Kumari S, Wei H, Li Q, et al. SND1 transcription 
factor–directed quantitative functional hierarchical genetic regula-
tory network in wood formation in Populus trichocarpa. Plant Cell. 
2013;25(11):4324–41. https://​doi.​org/​10.​1105/​tpc.​113.​117697.

	66.	 Cai B, Li C-H, Huang J. Systematic identification of cell-wall related genes 
in Populus based on analysis of functional modules in co-expression 
network. PLoS One. 2014;9:e95176. https://​doi.​org/​10.​1371/​journ​al.​pone.​
00951​76.

https://doi.org/10.1002/fes3.39
https://doi.org/10.1017/S0021859600049558
https://doi.org/10.1007/s00122-003-1523-6
https://doi.org/10.1007/s00122-003-1523-6
https://doi.org/10.1038/srep21031
https://doi.org/10.1038/srep21031
https://doi.org/10.1007/s00425-003-1105-5
https://doi.org/10.1016/j.plantsci.2003.11.016
https://doi.org/10.1016/j.plantsci.2003.11.016
https://doi.org/10.1007/s11738-015-1998-1
https://doi.org/10.1007/s11738-015-1998-1
https://doi.org/10.21921/jas.5.3.7
https://doi.org/10.1111/j.1399-3054.2005.00477.x
https://doi.org/10.1111/j.1399-3054.2005.00477.x
https://doi.org/10.2135/cropsci2001.412493x
https://doi.org/10.1007/s001220000503
https://doi.org/10.1023/A:1014805625790
https://doi.org/10.1023/A:1014805625790
https://doi.org/10.1007/s00438-014-0932-3
https://doi.org/10.1046/j.1365-3040.2002.00872.x
https://doi.org/10.1007/BF03183679
https://doi.org/10.1007/BF03183679
https://doi.org/10.1186/s12864-017-3712-8
https://doi.org/10.1186/s12864-017-3712-8
https://doi.org/10.1007/s001220051108
https://doi.org/10.1007/s001220051108
https://doi.org/10.1007/s00122-004-1789-3
https://doi.org/10.1104/pp.16.01516
https://doi.org/10.1104/pp.16.01516
https://doi.org/10.1007/s001220051233
https://doi.org/10.1007/s001220051233
https://doi.org/10.1007/s001220200008
https://doi.org/10.1007/s00438-014-0932-3
https://doi.org/10.1007/s00122-004-1866-7
https://doi.org/10.1093/pcp/pcq180
https://doi.org/10.1016/j.bbrc.2012.09.055
https://doi.org/10.1016/j.bbrc.2012.09.055
https://doi.org/10.1111/j.1399-3054.2008.01123.x
https://doi.org/10.1016/j.pbi.2006.09.003
https://doi.org/10.1016/j.pbi.2006.09.003
https://doi.org/10.1093/mp/ssq066
https://doi.org/10.1093/mp/ssq066
https://doi.org/10.1034/j.1399-3054.1998.1040409.x
https://doi.org/10.1034/j.1399-3054.1998.1040409.x
https://doi.org/10.1016/S0014-5793(01)02194-9
https://doi.org/10.1016/S0014-5793(01)02194-9
https://doi.org/10.1038/srep15296
https://doi.org/10.1038/srep15296
https://doi.org/10.3390/agronomy7010005
https://doi.org/10.3390/agronomy7010005
https://doi.org/10.1007/BF00024013
https://doi.org/10.1105/tpc.113.117697
https://doi.org/10.1371/journal.pone.0095176
https://doi.org/10.1371/journal.pone.0095176


Page 15 of 15Du et al. BMC Plant Biology          (2022) 22:238 	

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

	67.	 Grönlund A, Bhalerao RP, Karlsson J. Modular gene expression in poplar: 
a multilayer network approach. New Phytol. 2009;181(2):315–22. https://​
doi.​org/​10.​1111/j.​1469-​8137.​2008.​02668.x.

	68.	 Liu J, Zhang J, He C, Duan A. Genes responsive to elevated CO2 concen-
trations in triploid white poplar and integrated gene network analysis. 
PLoS One. 2014;9(5):e98300. https://​doi.​org/​10.​1371/​journ​al.​pone.​00983​
00.

	69.	 He J, Li H, Luo J, Ma C, Li S, Qu L, et al. A transcriptomic network underlies 
microstructural and physiological responses to cadmium in Populus x 
canescens. Plant Physiol. 2013;162(1):424–39. https://​doi.​org/​10.​1104/​pp.​
113.​215681.

	70.	 Xiao Y, Ma W, Lu N, Wang Z, Wang N, Zhai W, et al. Genetic variation of 
growth traits and genotype-by-environment interactions in clones of 
Catalpa bungei and Catalpa fargesii f. duclouxii. Forests. 2019;10(1):57.

	71.	 Tisné S, Reymond M, Vile D, Fabre J, Dauzat M, Koornneef M, et al. Com-
bined genetic and modeling approaches reveal that epidermal cell area 
and number in leaves are controlled by leaf and plant developmental 
processes in Arabidopsis. Plant Physiol. 2008;148(2):1117–27. https://​doi.​
org/​10.​1104/​pp.​108.​124271.

	72.	 Husson F, Le S, Pagès J. Exploratory Multivariate Analysis by Example 
Using R. New York: CRC Press, Taylor & Francis Group; 2017. https://​doi.​
org/​10.​1201/​b21874.

	73.	 Ooijen J. Multipoint maximum likelihood mapping in a full-sib family of 
an outbreeding species. Genet Res. 2011;93:343–9. https://​doi.​org/​10.​
1017/​S0016​67231​10002​79.

	74.	 Sun P, Jia H, Zhang Y, Li J, Lu M, Hu J. Deciphering genetic architecture of 
adventitious root and related shoot traits in Populus using QTL mapping 
and RNA-Seq data. Int J Mol Sci. 2019;20(24):6114. https://​doi.​org/​10.​
3390/​ijms2​02461​14.

	75.	 Conesa A, Götz S. Blast2GO: a comprehensive suite for functional analysis 
in plant genomics. Int J Plant Genomics. 2008;2008:619832. https://​doi.​
org/​10.​1155/​2008/​619832.

	76.	 Liu Q, Ding C, Chu Y, Chen J, Zhang W, Zhang B, et al. PoplarGene: poplar 
gene network and resource for mining functional information for genes 
from woody plants. Sci Rep. 2016;6(1):31356. https://​doi.​org/​10.​1038/​
srep3​1356.

	77.	 Ballouz S, Verleyen W, Gillis J. Guidance for RNA-seq co-expression 
network construction and analysis: safety in numbers. Bioinformatics. 
2015;31(13):2123–30. https://​doi.​org/​10.​1093/​bioin​forma​tics/​btv118.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

https://doi.org/10.1111/j.1469-8137.2008.02668.x
https://doi.org/10.1111/j.1469-8137.2008.02668.x
https://doi.org/10.1371/journal.pone.0098300
https://doi.org/10.1371/journal.pone.0098300
https://doi.org/10.1104/pp.113.215681
https://doi.org/10.1104/pp.113.215681
https://doi.org/10.1104/pp.108.124271
https://doi.org/10.1104/pp.108.124271
https://doi.org/10.1201/b21874
https://doi.org/10.1201/b21874
https://doi.org/10.1017/S0016672311000279
https://doi.org/10.1017/S0016672311000279
https://doi.org/10.3390/ijms20246114
https://doi.org/10.3390/ijms20246114
https://doi.org/10.1155/2008/619832
https://doi.org/10.1155/2008/619832
https://doi.org/10.1038/srep31356
https://doi.org/10.1038/srep31356
https://doi.org/10.1093/bioinformatics/btv118

	QTL mapping of drought-related traits in the hybrids of Populus deltoides ‘Danhong’×Populus simonii ‘Tongliao1’
	Abstract 
	Background: 
	Results: 
	Conclusion: 

	Background
	Results
	Phenotypic trait analysis
	Principal component analysis
	QTL mapping for drought-related traits
	Candidate gene identification
	Candidate gene coexpression network

	Discussion
	Conclusion
	Methods
	Plant material and experimental treatment
	Genetic linkage map construction
	Investigation of phenotypic traits
	Data analysis
	QTL mapping and candidate gene analysis
	Coexpression network analysis

	Acknowledgments
	References


