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Abstract

Purpose: G protein-coupled receptors (GPCRs) are a superfamily of membrane proteins of vast pharmaceutical
interest. Here, we describe a graph theory-based analysis of the structure of the β2 adrenergic receptor (β2 AR), a
prototypical GPCR. In particular, we illustrate the network of direct and indirect interactions that link each amino
acid residue to any other residue of the receptor.

Methods: Networks of interconnected amino acid residues in proteins are analogous to social networks of
interconnected people. Hence, they can be studied through the same analysis tools typically employed to analyze
social networks – or networks in general – to reveal patterns of connectivity, influential members, and dynamicity.
We focused on the analysis of closeness-centrality, which is a measure of the overall connectivity distance of the
member of a network to all other members.

Results: The residues endowed with the highest closeness-centrality are located in the middle of the seven
transmembrane domains (TMs). In particular, they are mostly located in the middle of TM2, TM3, TM6 or TM7, while
fewer of them are located in the middle of TM1, TM4 or TM5. At the cytosolic end of TM6, the centrality detected
for the active structure is markedly lower than that detected for the corresponding residues in the inactive structures.
Moreover, several residues acquire centrality when the structures are analyzed in the presence of ligands. Strikingly,
there is little overlap between the residues that acquire centrality in the presence of the ligand in the blocker-bound
structures and the agonist-bound structures.

Conclusions: Our results reflect the fact that the receptor resembles a bow tie, with a rather tight knot of closely
interconnected residues and two ends that fan out in two opposite directions: one toward the extracellular space,
which hosts the ligand binding cavity, and one toward the cytosol, which hosts the G protein binding cavity. Moreover,
they underscore how interaction network is by the conformational rearrangements concomitant with the activation of
the receptor and by the presence of agonists or blockers.

Keywords: G protein-coupled receptor (GPCR); β2 adrenergic receptor (β2 AR); Graph theory; Networks;
Closeness-centrality; Non-covalent interactions
Background
G protein-coupled receptors (GPCRs) are a large group of
integral membrane proteins of paramount pharmaceutical
interest (Overington et al. 2006). Topologically, they feature
a single polypeptide chain that spans the plasma membrane
seven times, with seven α-helical transmembrane domains
(TMs, numbered from TM1 to TM7). The N-terminus
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is in the extracellular milieu, the C-terminus is in the
cytosol, and the seven TMs are connected by three
extracellular loops (ELs, numbered from EL1 to EL3)
and three intracellular loops (ILs, numbered from IL1
to IL3). In recent years, the field of GPCR crystallography
has experienced a rapid expansion (Costanzi et al. 2009;
Hanson and Stevens 2009; Stevens et al. 2013; Rosenbaum
et al. 2009; Shukla et al. 2008; Lefkowitz et al. 2008), which
is currently fostering the structure-based discovery of
novel ligands for the receptors endowed with experimen-
tally elucidated structures (Costanzi 2011; Mason et al.
2012; Jacobson and Costanzi 2012). Moreover, the entire
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superfamily of GPCRs is benefiting from this increase
in structural knowledge, since the experimentally solved
structures can serve as templates for the construction
of computational models of those receptors that have
yet to be solved experimentally (Costanzi 2010, 2012,
2013; Costanzi 2011; Costanzi and Wang 2014). This
boom of GPCR crystallography led to the publication
of several computational analyses intended to elucidate
the molecular architecture of the receptors and/or probe
the applicability of the three-dimensional structures to
drug discovery (Jacobson and Costanzi 2012; Katritch
et al. 2012, 2013; Venkatakrishnan et al. 2013; Mason
et al. 2012).
In light of the wealth of information that surrounds

it, we elected the β2 adrenergic receptor (β2 AR) as a
model system for many of our computational studies of
the GPCR superfamily (Costanzi and Vilar 2012; Vilar
et al. 2011b; Vilar et al. 2011a; Vilar et al. 2010; Pooput
et al. 2009). The (β2 AR) is a GPCR naturally activated
by epinephrine and targeted by FDA approved drugs for a
variety of indications (Pierce et al. 2002). In particular,
blockers of the β2 AR are primarily employed as drugs
for the treatment of hypertension, while agonists of the
same receptor are chiefly used for the treatment of asthma
(Johnson and Liggett 2011; Tashkin and Fabbri 2010).
Among all GPCRs, the β2 AR is one of the most studied
and better understood members of the superfamily, and is
also the one for which the widest variety of experimentally
elucidated structures have been solved (Kobilka 2011;
Shukla et al. 2008; Lefkowitz et al. 2008). In particular, a
total of 12 structures of the β2 AR were solved in
complex with 7 different ligands (Rasmussen et al.
2007; Cherezov et al. 2007; Rosenbaum et al. 2007;
Hanson et al. 2008; Bokoch et al. 2010; Wacker et al.
2010; Rosenbaum et al. 2011; Rasmussen et al. 2011a;
Rasmussen et al. 2011b). Although most of the struc-
tures have been solved in an inactive state, two of the
crystal structures of the β2 AR have been solved in a
fully activated state, one in complex with a G protein-
heterotrimer (PDB ID: 3SN6) and one in complex with
a nanobody that mimics the G protein (PDB ID: 3P0G)
(Rasmussen et al. 2011a; Rasmussen et al. 2011b). Of note,
the 2012 Nobel Prize in Chemistry was awarded to Robert
Lefkowitz and Brian Kobilka for their pioneering and
fundamental contributions to the current understanding
of the structure and function of the β2 AR (Lefkowitz
2013; Kobilka 2013).
Here, we analyze the structure of the β2 AR through

graph theory, a technique that has recently emerged as
a tool applicable to the study of the global structural
aspects of proteins (Di Paola et al. 2013; Amitai et al.
2004; Thibert et al. 2005; Tang et al. 2008; Slama et al.
2008; Pathak et al. 2013; del Sol et al. 2006a; Chea and
Livesay 2007; del Sol et al. 2006b). In this approach,
protein structures are described as a graph consisting of a
number of nodes, i.e. the amino acid residues that make
up the protein, connected by edges, i.e. the non-covalent
interactions occurring between the residues (Figure 1a-c).
Just like members of a social network, each residue of a
protein has a certain number of first-degree connections,
i.e. residues in direct contact, a certain number of second-
degree connections, i.e. residues that are not in direct
contact but share a common residue with which they
are both in contact. Ultimately, each residue of the
receptor is connected with every other residue of the
receptor, although with different degrees of connectivity.
This network of interconnected residues can be studied
through the same analysis tools employed to analyze social
networks of interconnected people, revealing patterns of
connectivity, influential members, and dynamic behavior.
Notably, in a seminal study published in 2006, Nussinov
and coworkers applied graph theory to the study of
rhodopsin, when this was still the only GPCR with an
experimentally elucidated three-dimensional structure
(del Sol et al. 2006b). In particular, the authors represented
the structure of rhodopsin as a network of interacting
residues and, removing residues from the network, identi-
fied those that play key roles in maintaining long-range
interactions between distal regions of the receptor.
In this work, we focused on the analysis of the centrality

of the various residues that compose the β2 AR, identify-
ing the residues endowed with the highest centrality,
comparing how the centrality of the same residues varies
in structures that were solved in the inactive or the
activated state, and studying the changes in centrality
when the same structure was analyzed in the presence
or the absence of the co-crystallized ligand.
The centrality of a member of a network is a measure

of the extent to which the member in question is connected
with other members of the network. There are several
metrics to measure the centrality of the members of a
network. Here, we specifically studied closeness-centrality,
which is defined as the overall connectivity distance
of the member in question (a node in the graph that
represents the network) to all other members of the
network (all other nodes in the graph). Mathematically,
the closeness-centrality (C) of node x can be derived
through the formula shown in Figure 1d, and results in
a positive number that can assume the maximum value
of 1, for nodes directly connected with every other node
in the graph (Amitai et al. 2004).
In social networks, highly connected individuals tend

to have a high influence on society (Wasserman and Faust
1994). Equally, residues endowed with high closeness-
centrality have been found to be critical for the function of
enzymes and to be generally located in the catalytic sites
(Amitai et al. 2004; Thibert et al. 2005; Tang et al. 2008;
Slama et al. 2008; Pathak et al. 2013; del Sol et al. 2006a;



Figure 1 Five interconnected residues in the carazolol-bound structure of the β2 AR (PDB ID: 2RH1). Panel a: a three-dimensional atomic
model of the five residues, with dotted double headed arrows indicating the shortest physical distance between Asp 113 and its neighboring
residues and cyan lines indicating residues that establish contacts according to the CSU analysis; the residues are shown in balls and sticks format,
with carbon atoms colored in gray, oxygen atoms in red, nitrogen atoms in blue and hydrogen atoms in white. Panel b: a graph representation
in which the five residues are shown as nodes, with edges connecting the residues that establish contacts according to the CSU analysis. Panel c:
physical distance between the closest atoms of Asp 113 and each other shown residue (represented as dotted double headed arrows in panel a) and
connectivity distance between Asp 113 and each of the other residues shown, as inferred from the graph. All connectivity distances are calculated
along the shortest paths. For instance, the green edge in panel a shows the shortest path from node 1 to node 3, while the red edges show
an alternative longer path. Panel d: mathematical formula for the calculation of closeness-centrality (C) of node x, where n = number of nodes
in the graph; d(x, y) = geodesic connectivity distance, i.e. the shortest path, between node x and node y; U = the set of all nodes. If the four
shown residues were the only four nodes in the graph representation of the 2RH1 structure, their closeness centrality would be 0.57 for Val
86, 0.57 for Asp 113, 0.44 for Phe 289, 0.67 for Asn 312 and 0.80 for Tyr 316.
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Chea and Livesay 2007). Notably, the same functional
importance has been detected for nucleotide residues
in ribosomes (David-Eden and Mandel-Gutfreund 2008).
A further study from Nussinov and coworkers revealed
that, for non-enzyme proteins, although residues endowed
with high closeness-centrality are generally important
for fold and function, they are often not located within
their binding sites (del Sol et al. 2006a). The results of
our study are completely in line with these findings. In
particular, they revealed that the β2 AR residues endowed
with the highest closeness-centrality are located in the
core of the receptor. As a consequence, the receptor can
be likened to a bow tie (Figure 2), with a rather tight knot
of highly central and closely interacting residues and two
ends that fan out in two opposite directions: one toward
the extracellular space, which hosts the ligand binding
cavity, and one toward the cytosol, which hosts the G
protein binding cavity.
On a technical note, to transform each of several

experimentally solved structures of the β2 AR into a
graph representing a network of non-covalently connected
residues, we utilized the CSU program, written by Sobolev
and coworkers (Sobolev et al. 1999), to detect all non-
covalent interactions present in each structure. Subse-
quently, we analyzed the closeness-centrality of each
residue is in the context of the entire network of inter-
actions by detecting the connectivity distance between
each residue of the receptor with every other residue.
This was done through an in-house implemented program
based on an established algorithm for the identification
of the shortest path that connects two nodes in a graph
(Dijkstra 1959). As a clarification, the connectivity distance
is not the actual physical distance between two residues,
but is defined as the number of first degree connections
(edges between the nodes) that separate two residues
(Figure 1c) – hence, two directly connected residues will
have a connectivity distance of 1, two residues that are
not directly connected but share a common directly
connected residue will have a connectivity of 2, and so
on and so forth.

Methods
Inferring non-covalent interactions
The identification of non-covalent interactions was
performed using the CSU program, which identifies
contacting atoms based on excluded solvent accessible



Figure 2 Three alternative views of two of the experimentally solved structures of the β2 AR, one solved in the inactive state (2RH1)
and one in an activated state (3P0G). A key residue in the activation of the receptor, namely Phe 2826.44, is shown with its non-hydrogen atoms
represented as spheres and colored in red for the 2RH1 structure and green for the 3P0G structure. The backbone of the receptor is schematically
portrayed as a ribbon for the 2RH1 structure and as a tube for the 3P0G structure and is colored with a continuous spectrum ranging from red at the
N-terminus to purple at the C-terminus, with TM1 in red/orange, TM2 in orange, TM3 in yellow, TM4 in yellow/green, TM5 in green, TM6 in blue and
TM7 in purple. In the views provided in panels b and c the receptor is rotated clockwise (when observed from the extracellular space) of 60° and 340°
degrees around its main axis with the respect to the view provided in panel a. The bow tie shape of the receptor is particularly evident from panel b.
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surface upon contact formation. (see (Sobolev et al. 1999)
for the exact definition).
The source code for CSU was obtained from the

Weizmann Institute’s website (http://ligin.weizmann.ac.
il/space/programs/). To compile CSU, which is written in
Fortran, we used a 64-bit Ubuntu 10.04 virtual machine
hosted on the Amazon’s Elastic Compute Cloud (EC2)
platform. The output data from CSU was processed using
a custom-built wrapper script, written in the Python
scripting language. This script facilitated the analysis by
automatically identifying the number of chains present
in the processed protein and running CSU on all pairs in a
combinatorial manner. Furthermore, it parsed the output
of CSU interaction into a hashmap, which encapsulated all
the data relative to that interaction – The example shown
in Additional file 1: Figure S1 shows how a CSU output
line relative to a specific interaction would be transferred
into the a Python dictionary. Then, filters were applied to
the data to screen out any intra-residue interactions (e.g.
interactions within atoms of the same residue), as well as
covalent interactions between the backbone atoms of
neighboring residues. The resulting data represented only
non-covalent interactions between non-adjacent atoms.

Construction of a graph describing the network of
residue interactions and calculation of closeness-centrality
From the list of all non-convalent interactions between
non-adjacent atoms, through another custom-built Python
module, we constructed a graph representing all residue-
residue interactions found in the protein.
First, the atomic interactions were organized in the

form of residue-residue interactions. In particular, the
interaction between a given source residue (denoted as
Residue1) and a given destination residue (denoted as
Residue2) was coded in the form a hashmap mapping the
two residues onto the list of all the atomic interactions
found between them, as the example in panel d of
Additional file1: Figure S1 shows. A residue-residue
interaction was always counted as one direct connection,
despite the number of atomic interactions found between
the two interacting residues.
Then, to determine the closeness-centrality, the con-

nectivity distance from that residue (a specific node in
the graph) to each other residue (each other node in the
graph) following the shortest path was determined
through Dijkstra’s algorithm (Dijkstra 1959). As explained
in the introduction, the term connectivity distance is
defined as the number of edges between the source and
the destination node, not the actual physical distance
between the nodes. For example, two nodes that share
one direct interaction will have a connectivity distance
of 1, while two nodes that do not directly interact but
share one or more interactions with a common node
will have a connectivity distance of 2. Dijkstra’s algorithm
takes a specific node and computes the shortest path
length to all other nodes in the graph by using a technique
called relaxation. Initially, the connectivity distance from
the source node to all other nodes is set as infinite.
Then, the graph is traversed starting from the source.
As new nodes are discovered in the process of traversing,
the shortest path values become updated. The process
continues until every node has been traversed, and the
values presented are the shortest paths.
Once the shortest value connectivity distances from

the source were obtained, the closeness-centrality of the
source residue was determined according to the equation

http://ligin.weizmann.ac.il/space/programs/
http://ligin.weizmann.ac.il/space/programs/
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shown in Figure 1d. This process was repeated for every
residue.

GPCR residue identifier numbers
Throughout the paper, we referred to the β2 AR residues
through their sequence number followed by a superscript
indicating their GPCR residue identifier number. At this
purpose, GPCR residue identifier numbers for all the
β2 AR residues were calculated through a custom-built
Python module that annotated the list of closeness-
centrality data. Originally devised by Ballesteros and
Weinstein, this system provides a universal way of
identifying corresponding residues found in the 7 TMs
of all GPCRs by numbering. In particular, this objective
is achieved by assigning the identifier X.50, where X is
the TM number, to the residue found in a reference
alignment position chosen by the authors on the basis
of sequence identity consideration. All other residues
in the same TM domain are numbered relatively to the
reference position. In the β2 AR, the X.50 positions are
the following: 1.50, Asn 51; 2.50, Asp 79; 3.50, Arg
131; 4.50, Trp 158; 5.50, Pro 211; 6.50, Pro 288; and
7.50, Pro 323 (Ballesteros and Weinstein 1995).

Addition of hydrogen atoms
The identification of the non-covalent interactions did
not require the addition of hydrogen atoms to the crystal
structures, since CSU has been expressly designed to
implicitly account their presence. However, for the
preparation of Figures 1, 3, 4 and 5, we added hydrogen
Figure 3 Interhelical hydrogen bonds within the “knot region” of the
active structure (3P0G). The residues that form interhelical hydrogen bond
The color of the carbon atoms reflects the sequence position of the residu
with TM1 in red/orange, TM2 in orange, TM3 in yellow, TM4 in yellow/gr
co-crystallized with the receptors are also shown as balls and sticks, with
as yellow dotted lines.
atoms with the “protein preparation wizard” workflow
of the Schrödinger suite, to add hydrogen atoms and
calculate the protonation states of ionizable groups at
pH 7. The workflow also optimized the orientation of
hydroxyl groups, as well as Asn, Gln and His residues
(Schrödinger Suite 2012 ; Sastry et al. 2013).
Preparation of the figures
All the figures representing three-dimensional structures
of proteins were prepared with the Schrödinger suite
(Schrödinger Suite 2012).
Results
A total of 12 crystal structures have been solved for the
β2 AR, in complex with 7 different ligands (Figure 6). Our
study is based on the analysis of 7 of these structures, each
of which is representative of the complex between the
receptor and one of the 7 different ligands with which it
has been co-crystallized. In order to make the comparison
among different structures possible, we analyzed only the
portion of the receptor solved in all the studied structures,
expunging the residues that were solved only in a subset
of the structure – the resulting amino acid sequence of
the analyzed structures is shown in Additional file 1:
Figure S2. Specifically, the analyzed sequence comprised
the entire segment (including all the intervening loops)
from the beginning of TM1 to the end of TM4 and the
entire segment (including all the intervening loops) from
the beginning of TM5 to the end of helix 8 (H8), which is
β2 AR: a) The carazolol-bound inactive structure (2RH1); b) the
s are shown as balls and sticks, all the others are shown as thin tubes.
es and goes from red at the N-terminus to purple at the C-terminus,
een, TM5 in green, TM6 in blue and TM7 in purple. The ligands
their carbon atoms colored in gray. Hydrogen bonds are represented



Figure 4 View of the “knot region” of the β2 AR, with the cluster of interconnected aromatic residues highlighted: a) the carazolol-
bound inactive structure (2RH1); b) the active structure (3P0G). The residues that belong to the aromatic cluster are shown as balls and
sticks, all the others are shown as thin tubes. The color of the carbon atoms reflects the sequence position of the residues and goes from red at
the N-terminus to purple at the C-terminus, with TM1 in red/orange, TM2 in orange, TM3 in yellow, TM4 in yellow/green, TM5 in green, TM6 in
blue and TM7 in purple. The ligands co-crystallized with the receptors are also shown as balls and sticks, with their carbon atoms colored in gray.
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an amphipathic cytosolic helix that immediately follows
TM7 (Additional file 1: Figure S2).
In particular, the analyzed structures, identified through

their PDB ID, with their respective resolution indicated in
parentheses, are: a) 2RH1 (2.40 Å) (Cherezov et al. 2007;
Rosenbaum et al. 2007), 3D4S (2.80 Å) (Hanson et al.
2008), 3NY8 (2.84 Å) (Wacker et al. 2010), 3NY9 (2.84 Å)
(Wacker et al. 2010), and 3NYA (3.16 Å) (Wacker et al.
Figure 5 View of the “knot region” of the β2 AR, with the P-I-F motif
b) the active structure (3P0G). The residues that belong to the P-I-F mot
The color of the carbon atoms reflects the sequence position of the residu
with TM1 in red/orange, TM2 in orange, TM3 in yellow, TM4 in yellow/gree
co-crystallized with the receptors are also shown as balls and sticks, with th
2010), which were solved in the inactive state in complex
with the blockers carazolol (1), timolol (2), ICI 118551 (3),
a blocker recently identifies through virtual screening (4)
(Kolb et al. 2009), and alprenolol (5), respectively; b) 3PDS
(3.50 Å) (Rosenbaum et al. 2011), which was solved in
the inactive state in complex with the agonist FAUC 50,
a large compound covalently bound to a Cys residue
artificially introduced in place of His 932.64 in TM2 (6);
highlighted: a) The carazolol-bound inactive structure (2RH1);
if are shown as balls and sticks, all the others are shown as thin tubes.
es and goes from red at the N-terminus to purple at the C-terminus,
n, TM5 in green, TM6 in blue and TM7 in purple. The ligands
eir carbon atoms colored in gray.



Figure 6 Molecular structures of the seven ligands crystallized with the β2 AR in the published structures. Compounds 1–5 are blockers,
while compound 6–7 are agonists. Of note, compound 6 is covalently bound to a Cys residue artificially introduced in place of His 932.64 in TM2.
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c) 3P0G (3.50 Å) (Rasmussen et al. 2011a), which was
solved in complex with the agonist BI 167107 (7) and the
nanobody nb80. Between the two activated structures
of the receptor solved in complex with the agonist BI
167107, we chose 3P0G rather than 3SN6, although the
latter features the presence of a heterotrimeric G protein.
This choice was dictated by the fact the side-chains of
several amino acids that were solved for all the seven
analyzed structures, were not solved for 3SN6.
For brevity, throughout the Results and Discussion

sections of this article, we refer to the closeness-centrality,
defined by the formula in Figure 1d, simply as centrality.
Moreover, we identify all amino acid residues through
both their sequence number and their GPCR index
number – see methods for more information.

The most connected residues
Our first level of analysis focused on the identification
of the residues with the highest centrality in the seven
studied structures. As Figure 7 shows, plotting the centrality
value versus the residue numbers reveals the presence
of seven peaks corresponding to regions with highly
connected residues. Mapping on the crystal structures
the most highly connected residues – more specifically
the residues for which the centrality value was equal or
higher than a cutoff value set to the average plus the
standard deviation across all residues (centrality ≥ 0.255) –
reveals that each of these seven regions is located in
the middle of one of the seven transmembrane domains
of the receptor (Figure 8). The centrality values for the
mapped residues are numerically reported in Additional
file 1: Table S1, which reveals that most of the highly
connected residues are located in the middle of TM2,
TM3, TM6 or TM7, while a substantially narrower number
of highly connected residues are located in the middle of
TM1, TM4 or TM5. There are no substantial differences
in the pool of residues with the highest centrality in the
seven analyzed structures. The only notable exception
concerns the activated structure (3P0G), for which residues
located toward the cytosolic end of the middle portion
of TM6 show a lower centrality when compared to their
counterparts in the inactive structures.

Differences in centrality between activated and
inactive structures
Our second level of analysis delved more deeply into
the study of the difference in centrality among the
seven structures. In particular, for each residue, we studied
the difference between the centrality detected for the
activated structure (3P0G) and each of the six inactive
structures. As the plot shown in Figure 9 reveals, there
is one region for which the centrality detected for the
active structure is markedly different from that of the
corresponding residues in the inactive structure. Mapping
on the crystal structures the residues with the most
marked differences in centrality – more specifically the
residues for which the difference in centrality exceeded
cutoff values set to the average plus or minus 2.5 times
the standard deviation across all residues (difference in
centrality ≥ 0.022 or ≤ −0.026) – reveals that the region
in which most of the differences are concentrated is
located toward the cytosolic end of TM6 (Figure 10 and
Additional file 1: Figure S3). More specifically, residues
located in this region show a higher centrality in the



Figure 7 Closeness-centrality of all residues in the seven analyzed structures. The seven peaks of high closeness-centrality identify residues
located in the middle of each of the seven transmembrane domains of the receptor. In particular, most of the residues characterized by high
closeness-centrality are located in the middle of TM2, TM3, TM6 and TM7.
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inactive structures than in the activated structures. A
further region for which differences in centrality were
detected is the second intracellular loop, with one residue
that features a higher centrality in the inactive than
the activated structure (Pro 138) and one that acquires
centrality with the activation (Ser 143). Of note, this
domain was crystallized in an unstructured conformation
in the inactive structures and as a α-helix in the activated
structures (see panel c of Figure 2). Moreover the residue
located at the extracellular end of TM1 (Trp 321.33),
features a marked lower centrality in two of the analyzed
structures, namely 3NY9 and 3NYA, than the rest of the
analyzed structures – it is worth noting, however, that for
the 3NY9 structure the side chain of Trp 321.33 was not
solved. The numerical values of the difference in centrality
values for the mapped residues are numerically reported
in Additional file 1: Table S2.

Effect of the co-crystallized ligands on the centrality of
the β2 AR residues
In the first level of analysis, the structures were analyzed
without the co-crystallized ligands. Thus, in our second
level of analysis we studied the change in centrality
detected when the structures were analyzed with or
without the co-crystallized ligand. Because the ligands
in question are small molecules, we treated them as a
single residue. As the plot shown in Figure 11 reveals,
there is one major region for which the centrality is
markedly increased in the presence of the ligands.
Mapping on the crystal structures the residues most
markedly affected by the ligands – more specifically
the residues for which the difference in centrality was
equal or higher than a cutoff value set to the average
plus 2.5 times the standard deviation across all residues
(difference in centrality ≥ 0.015) – reveals that the region
in question comprises residues in EL2 and the adjacent
half of TM5 (Figure 12 and Additional file 1: Figure
S4). A closer examination of Figure 12 and Additional
file 1: Table S3 reveals that additional regions that acquire
centrality for the blocker-bound structures include TM3,
TM6, TM7 and EL3, while additional regions that acquire
centrality for the agonist-bound structures include TM1,
TM2, TM3, TM6, TM7 and EL1. Despite this partial
overlap, the pattern of residues that acquire centrality
in the presence of agonists or blockers is rather different.
Strikingly, there is little overlap between the residues
that acquire centrality in the presence of the ligand in
the blocker-bound structures and the agonist-bound
structures. In particular, only two residues are in common
between the two agonist-bound structures and some of



Figure 8 Three-dimensional representation of the β2 AR, showing the residues for which the detected closeness-centrality exceeded
the average plus the standard deviation of the values detected across all residues for the 2RH1 (panel a), 34DS (panel b), 3NY8 (panel
c), 3NY9 (panel d), 3NYA (panel e), 3PDS (panel f), and 3P0G (panel g) structures. The backbone of the receptor is schematically portrayed
as a ribbon colored with a continuous spectrum ranging from red at the N-terminus to purple at the C-terminus, with TM1 in red/orange, TM2 in
orange, TM3 in yellow, TM4 in yellow/green, TM5 in green, TM6 in blue and TM7 in purple. The non-hydrogen atoms of the shown residues are
represented as spheres, colored according to the same scheme illustrated for the backbone.
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the blocker-bound structures, namely Cys 191EL2 and Ser
2045.43. Moreover, the inactive structure crystallized with
the large, covalently bound, FAUC 50 agonist (3PDS)
shares two additional residues in common with some
of the blocker-bounds structures, namely Ala 2005.39,
Ser 2035.42 (Additional file 1: Table S3).
Discussion
As mentioned, following the recent boom of GPCR
crystallography, several analyses of the molecular architec-
ture of the receptors were published (Jacobson and
Costanzi 2012; Katritch et al. 2012, 2013; Venkatakrishnan
et al. 2013; Mason et al. 2012). These studies focused
on the analysis of the individual residue-residue and
residue-ligand interactions found in the now numerous
experimentally elucidated structures of GPCRs. Even prior
to the flourishing of the field of GPCR structural biology,
through sequence alignments and homology modeling,
a number of studies reported hypotheses on the putative
individual interactions that kept together the structure
of the receptors and facilitated the interactions with
their ligands. Some of these studies were extended to
the entire GPCR superfamily (Ballesteros et al. 2001),
while others, such as those in the examples shown in the
cited references, were confined to the analysis of single
families of receptors (Costanzi et al. 2004; Kim et al.
2003). The present analysis of the β2 AR complements
these studies by adding a description of the ability of
each residue of this prototypical GPCR to establish
direct or indirect relationships with all other residues
of the receptor.
Our study highlighted that the receptor resembles a

bow tie, with a rather tight knot in correspondence of
the region of the helical bundle deeply buried in the
middle of the plasma membrane, where the most central
residues are located (Figure 2). It is in the correspondence
of this knot that the most highly connected residues are
found. Of the seven transmembrane domains, those that
most actively contribute to keeping the knot tight are
the more internal TM2, TM3, TM6 and TM7 (Figure 6).
A recent detailed analysis of the crystal structures of all
GPCRs revealed the existence of a consensus scaffold
of non-covalent residue-residue contacts between 36
topologically equivalent residues common to all the solved
structures [(Venkatakrishnan et al. 2013)]. Notably, our
analysis based on graph theory revealed that 25 out of
these 36 topologically equivalent residues are residues
endowed with high centrality in the knot region of the
receptor.
From the knot, two ends characterized by lower centrality

values fan out in two opposite directions, one toward



Figure 9 Difference in closeness-centrality between the activated structure (3POG) and the rest of the analyzed structures, which are
all inactive: TM6 looses centrality with activation.
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the cytosol and one toward the extracellular milieu.
These regions are endowed with lower centrality values
and correspond to the two well characterized cavities
found in GPCRs: as crystallographic evidence showed
for β2 AR and rhodopsin, the cavity opened toward the
cytosol hosts the site to which the C-terminus of the α
subunit of the G protein binds, while the one opened
the toward the extracellular milieu hosts the ligand
binding site (Rasmussen et al. 2011b; Scheerer et al.
2008; Choe et al. 2011; Standfuss et al. 2011; Deupi
et al. 2012; Singhal et al. 2013). In light of the cavities
present within them and their more peripheral location,
it is not surprising that, as mentioned, the two ends
feature residues endowed with a substantially lower
network centrality than the residue in the knot. This
observation is in line with the finding of Nussinov and
coworkers that, although for enzymes the residues endowed
with the highest centrality typically line binding cavities,
the same is not necessarily true for other proteins (del Sol
et al. 2006a). Conversely, in a different study in which
graph-theory was not applied to the analysis of structures
but to the examination of an alignment of GPCR sequences,
it was found that the residues that, for class A and class
C receptors, share the highest mutual information are
located in the cavity opened toward the extracellular
milieu (Fatakia et al. 2009).
GPRS are inherently flexible molecules that exist in a
continuum spectrum of conformations associated with
different levels of activation and, most likely, responsible
for the triggering of different signaling cascades (Kobilka
and Deupi 2007; Yao et al. 2006; Swaminath et al. 2005;
Swaminath et al. 2004; Kim et al. 2013; Nygaard et al.
2013; Bokoch et al. 2010). Hence, the network centrality of
the residues that compose them changes as a consequence
of the conformational rearrangements of the receptor.
Specifically, in our study, when comparing the network
of connections of the β2 AR residues in activated versus
inactive structures, we observed a marked loss in centrality
for the residues located in the cytosolic half of TM6
(Figure 10). This result is completely in line with what
was eloquently illustrated by the crystal structure of the
β2 AR in complex with a Gs heterotrimer as well as
those of rhodopsin in complex with the C-terminal
fragment of the α subunit of transducing [Refs]. According
to these structures, the most obvious structural change
consequent the activation of the receptor is an opening
of the cytosolic portion of the helical, which is absolutely
necessary for the formation of a docking cavity for the
C-terminus of the G protein and occurs through a dramatic
outward swing of the entire half of TM6 that faces the
cytosol. In particular, the cytosolic end of TM6 moves
away of about 14 Å from the space that it occupies when



Figure 10 Three-dimensional representation of the β2 AR,
showing the residues for which the difference in closeness-
centrality between the activated structure (3POG) and the rest
of the analyzed structures exceeded the average plus 2.5 times
the standard deviation of the values detected across all residues –
separate figures for the individual structures are given in
Additional file 1: Figure S3. The backbone of the receptor is
schematically portrayed as a ribbon colored with a continuous spectrum
ranging from red at the N-terminus to purple at the C-terminus, with
TM1 in red/orange, TM2 in orange, TM3 in yellow, TM4 in yellow/green,
TM5 in green, TM6 in blue and TM7 in purple. The non-hydrogen atoms
of the shown residues are represented as spheres, colored according to
the same scheme illustrated for the backbone.
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in the inactive conformation (Figure 2) (Rasmussen et al.
2011a).
The end of the bow tie that stems from the knot

toward the extracellular milieu, as mentioned, harbors
the ligand-binding cavity. As recently reviewed, in each
receptor this cavity is endowed with a particular shape
and size, ranging from the large and widely open cleft
found in peptide-binding receptors to the tight and
more enclosed site found in the muscarinic receptors
(Jacobson and Costanzi 2012). As ligands bind to their
receptors, they establish contacts with the residues of the
ligand-binding cavity, therefore increasing their centrality.
For the β2 AR, our analysis revealed that agonists and
blockers contribute to enhancing the centrality of substan-
tially different sets of residues (Figure 12). In all likelihood,
the pattern of connectivity fostered by agonists is the
cause of the stabilization of specific signaling states of
the receptor. This is in line with the experimental ob-
servation that agonists and blockers of GPCRs typically
show patterns of receptor-ligand interactions that are
not completely overlapping, as the crystal structures
and a number of detailed analyses highlighted (Rasmussen
et al. 2011a; Deflorian et al. 2012; Xu et al. 2011; Jacobson
and Costanzi 2012; Venkatakrishnan et al. 2013; Katritch
et al. 2013).
Closeness-centrality values indicate the most connected

residues. However, they do not reveal the details of the
interactions established by the residues. Hence, following
the analysis based on graph theory, we performed a visual
analysis of the first-degree residue-residue connections
for the residues found in the knot. In the remainder of
the Discussion, we describe the main features highlighted
by this analysis and examine a putative role of residues
found in the knot in linking agonist binding to receptor
activation that seem plausible in light of the available
structural information.
Our visual analysis revealed that many of the first-

degree contacts of the residues in the knot are established
with other residues also found in the knot. We postulate
that these first-degree connections among knot residues
are likely responsible for maintaining the α-helical structure
of the transmembrane domains and for keeping together
the heptahelical bundle. Concerning their nature, our
visual inspection revealed that only few of them are
interhelical hydrogen bonds (Figure 3). Specifically,
interhelical hydrogen bonds were detected between the
pairs Asn 511.50 – Ser 3197.46 (backbone), Ser 742.45 – Trp
1584.50, Asp 792.50– Ser 3197.46, and Asp 1133.32 – Tyr
3167.43 for all the analyzed structures. An additional
hydrogen bond was detected between the pair Asp
792.50 – Asn 3227.49 for both agonist-bound structures
(3PDS and 3P0G), and was caused by a rearrangement
of the side chain of Asn 3227.49 and the protonation
state assigned to Asp 792.50. Of note, in agreement with
what was suggested in the literature (Ghanouni et al.
2000; Vanni et al. 2010), Asp 792.50 was predicted to be
protonated for the inactive structures and deprotonated
for the agonist-bound structures by the hydrogen-bond
network optimization tool that we employed. Moreover,
two additional hydrogen bonds were detected between
the pairs Asp 792.50 – Ser 1203.39, Ser 2075.46 – Thr1183.37

for the agonist-bound activated structure only (3P0G),
which are due to the considerable rearrangements that Ser
1203.39 and Ser 2075.46 undergo upon activation.
The other contacts among the residues in the knot

typically involve hydrophobic atoms. For instance, aromatic
contacts interconnect a cluster of aromatic residues
that comprises Trp 1093.28, Phe 2085.47, Phe 2826.44,
Phe 2826.44, Trp 2866.48, Phe 2896.51, Phe 2906.52, and



Figure 12 Three-dimensional representation of the β2 AR, showing the residues for which the difference in closeness-centrality detected
when the analyses were performed in the presence or the absence of ligands exceeded the average plus 2.5 times the standard deviation
of the values detected across all residues, for all the analyzed blocker-bound structures (panel a), as well as the agonist-bound 3PDS (panel
b) and 3POG (panel c). Separate figures for the individual blocker-bound structures are given in Additional file 1: Figure S4. The backbone
of the receptor is schematically portrayed as a ribbon colored with a continuous spectrum ranging from red at the N-terminus to purple at the
C-terminus, with TM1 in red/orange, TM2 in orange, TM3 in yellow, TM4 in yellow/green, TM5 in green, TM6 in blue and TM7 in purple. The
non-hydrogen atoms of the shown residues are represented as spheres, colored according to the same scheme illustrated for the backbone.

Figure 11 Change in closeness-centrality detected when the structures are analyzed with or without ligands. With the exception of Cys
191 and Ser 204, there is complete lack of overlap between the residues that acquire centrality in the blocker-bound structures and those that
acquire centrality in the activated agonist-bound structure (3P0G).
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Tyr 3167.43 (Figure 4). Moreover, hydrophobic contacts
are also found in the case of three notable interacting
residues dubbed the “P-I-F” motif, namely, Pro 2115.50,
Ile 1213.40 and Phe 2826.44 (Figure 5) – note that the latter
residue also belongs the above-mentioned aromatic
cluster. Residues of the P-I-F are conserved in many
aminergic receptors and connect TM3, TM5 and TM6
(Rasmussen et al. 2011a; Wacker et al. 2013). As Kobilka
and coworkers demonstrated, in the agonist-bound fully
activated structure of the receptor, Phe 2826.44 of the P-I-F
motif shows a major conformational change with respect
to the blocker-bound inactive structures (Figure 2)
(Rasmussen et al. 2011a). Experimental evidence shows
that mutation of Phe 2826.44 leads to a receptor with
higher increased or decreased basal activity, depending
on the substituting amino acid (Chen et al. 2002).
Hence, one can speculate that this event could be the
likely trigger of the outward swing of the entire portion
of TM6 upstream of the phenylalanine, i.e. the entire
half of TM6 that faces the cytosol.
In the β2 AR, the P-I-F motif is not in direct contact

with the ligand. Thus, it is reasonable to venture that
some of the residues that acquire centrality upon agonist
binding may provide a link between the agonist, the P-I-F
motif and TM6. Two residues belonging to the above-
mentioned aromatic cluster found in the knot region,
namely Trp 2866.48 and Phe 2906.52, are among those that
acquire connectivity in the presence of agonists but not
blockers. Within this cluster, the aromatic residue at
position 6.48, which is a staple of most class A GPCRs, is
one of the most studied residues across the superfamily.
For many receptors, although not all, mutations of this
residue have been reported to significantly alter the
activation process. For some GPCRs, for instance the
purinergic P2Y1 receptor, its mutation to alanine leads
to a receptor that can no longer be activated by agonists,
despite their binding (Costanzi et al. 2004). For others, such
as the TRH-R1 receptor, it leads to a constitutively active
receptor (Deflorian et al. 2008; Sun and Gershengorn
2002). Finally, for others yet, such as the serotonin 5-HT4

receptor, it suppresses basal activity but does not alter
the maximal activity of the natural agonist (Pellissier
et al. 2009). From the structural point of view, on the
basis of early biophysical experiments, this residue was
hypothesized to undergo a substantial conformational
change with the activation of the receptor and was
dubbed the “rotamer toggle switch” (Shi et al. 2002;
Yao et al. 2006). Among the GPCR structures that were
solved in at least a partially activated state, this putative
conformational change is most evident for the adenosine
A2A receptor, although perhaps not as dramatic as
expected (Xu et al. 2011; Katritch et al. 2013). Conversely,
for the β2 AR, the conformational change of Trp 2866.48

and the adjacent Phe 2906.52 captured through X-ray
crystallography are subtler (Figure 4) (Rasmussen et al.
2011a; Rasmussen et al. 2011b). Hence, Trp 2866.48 and
Phe 2906.52 may not be the primary links between agonists
and the P-I-F motif.
Conversely, another residue that in our analysis acquires

centrality only in the presence of agonists, namely Ser
2075.46, is likely to provide a stronger physical link
between agonist binding and the conformational rearrange-
ment of the P-I-F motif. As the comparison between
active and inactive structures of the β2 AR clarified, the
largest movement detected in the ligand binding cavity
as a consequence of the activation of the receptor is a
shift of the portion of TM5 centered around this serine
residue, which moves 2.1 Å toward the center of the
helical bundle, attracted by the aromatic hydroxyl groups
of the bound agonists (Figure 3) (Rasmussen et al. 2011a;
Rasmussen et al. 2011b). As hypothesized by Rasmussen
and coworkers, this rearrangement of Ser 2075.46, which
through a series of conformational searches coupled with
statistical analyses we had predicted to be associated with
the activation of the β2 AR prior to the solution of the
activated structure (Vilar et al. 2011b), may trickle
down to Pro 2115.50 of the P-I-F motif, located one
helix turn below Ser 2075.46. In turn, this could be the
cause of the consequent rearrangement of the two
remaining residues of the motif, (Figure 5) (Rasmussen
et al. 2011a), which is likely to be responsible for triggering
the large outward swing of the portion of TM6 upstream
of Phe 2826.44.
Conclusions
In conclusion, our analysis of the structure of the β2
AR based on graph theory highlighted that the receptor
resembles a bow tie, with a knot of closely interconnected
residues and two ends that fan out in two opposite direc-
tions: one toward the extracellular space, which hosts the
ligand binding cavity, and one toward the cytosol, which
hosts the G protein binding cavity. Moreover, the results
highlighted how the intricate network of interactions
among the residues of the receptor is affected by the pres-
ence of agonists or blockers as well as the conformational
rearrangements concomitant with the activation process.
Additional file

Additional file 1: Table S1. Residues showing the highest network
centrality; Table S2. Difference in network closeness-centrality with
respect to 3POG; Table S3. Change in network centrality when the
structures are analyzed with or without ligands; Figure S1. Example
showing how non-covalent interactions are stored in Python dictionary.
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http://www.biomedcentral.com/content/supplementary/2193-9616-1-16-S1.pdf


Sheftel et al. In Silico Pharmacology 2013, 1:16 Page 14 of 15
http://www.in-silico-pharmacology.com/content/1/1/16
Competing interests
The authors declare that they have no competing interests.

Authors’ contributions
SS participated in the design of the study, performed the computer
programming, performed the computational analysis of the β2 AR structures
through graph theory, and contributed to the writing of the paper. KEM
participated in the design of the study, supervised the computer programming,
and contributed to the writing of the paper. MB participated in the design of
the study, supervised the computer programming, and contributed to the
writing of the paper. SC participated in the design of the study, designed the
application of the graph theory analysis to the study of the β2 AR and analyzed
the results, prepared the structures for the study, performed the visual analysis
of the structures, and wrote the manuscript. All authors read and approved the
final manuscript.

Acknowledgements
This research was supported by funding from American University and a
Research Corporation Cottrell College Science Award (KEM). We thank Dr.
Sobolev for the permission to compile and use the CSU program.

Author details
1Department of Chemistry, American University, 4400 Massachusetts Ave,
Northwest, Washington, DC 20016, USA. 2Department of Computer Science,
American University, Northwest, Washington, DC 20016, USA. 3Center for
Behavioral Neuroscience, American University, Northwest, Washington, DC
20016, USA.

Received: 7 November 2013 Accepted: 25 November 2013
Published: 5 December 2013

References
Amitai G, Shemesh A, Sitbon E, Shklar M, Netanely D, Venger I, Pietrokovski S

(2004) Network analysis of protein structures identifies functional residues.
J Mol Biol 344(4):1135–1146

Ballesteros JA, Weinstein H (1995) [19] Integrated methods for the construction
of three-dimensional models and computational probing of structure-
function relations in G protein-coupled receptors. In: Stuart CS (ed) Methods
in Neurosciences, vol Volume 25. Academic Press, pp 366–428, http://www.
sciencedirect.com/science/bookseries/10439471

Ballesteros JA, Shi L, Javitch JA (2001) Structural mimicry in G protein-coupled
receptors: implications of the high-resolution structure of rhodopsin for
structure-function analysis of rhodopsin-like receptors. Mol Pharmacol
60(1):1–19

Bokoch M, Zou Y, Rasmussen S, Liu C, Nygaard R, Rosenbaum D, Fung J, Choi H,
Thian F, Kobilka T, Puglisi J, Weis W, Pardo L, Prosser R, Mueller L, Kobilka B
(2010) Ligand-specific regulation of the extracellular surface of a G-protein-
coupled receptor. Nature 463(7277):108–112

Chea E, Livesay DR (2007) How accurate and statistically robust are catalytic site
predictions based on closeness centrality? BMC Bioinforma 8:153

Chen S, Lin F, Xu M, Riek RP, Novotny J, Graham RM (2002) Mutation of a single
TMVI residue, Phe(282), in the beta(2)-adrenergic receptor results in
structurally distinct activated receptor conformations. Biochemistry
41(19):6045–6053

Cherezov V, Rosenbaum D, Hanson M, Rasmussen S, Thian F, Kobilka T, Choi H,
Kuhn P, Weis W, Kobilka B, Stevens R (2007) High-resolution crystal structure
of an engineered human beta2-adrenergic G protein-coupled receptor. Science
318(5854):1258–1265

Choe HW, Kim YJ, Park JH, Morizumi T, Pai EF, Krauss N, Hofmann KP, Scheerer P,
Ernst OP (2011) Crystal structure of metarhodopsin II. Nature 471:651–655

Costanzi S (2010) Modelling G protein-coupled receptors: a concrete possibility.
Chim Oggi 28(3):26–30

Costanzi S (2011) Chapter 18 Structure-based Virtual Screening for Ligands of G
Protein-coupled Receptors. In: Giraldo J, Pin J-P (eds) G Protein-Coupled
Receptors: From Structure to Function. The Royal Society of Chemistry,
Cambridge, pp 359–374

Costanzi S (2012) Homology modeling of class a g protein-coupled receptors.
Methods Mol Biol 857:259–279

Costanzi S (2013) Modeling G protein-coupled receptors and their interactions
with ligands. Curr Opin Struct Biol 23(2):185–190
Costanzi S, Vilar S (2012) In Silico screening for agonists and blockers of the β2
adrenergic receptor: Implications of inactive and activated state structures.
J Comput Chem 33(5):561–572

Costanzi S, Wang K (2014) The GPCR Crystallography Boom: Providing an
Invaluable Source of Structural Information and Expanding the Scope of
Homology Modeling. Adv Exp Med Biol 796:3–13

Costanzi S, Mamedova L, Gao Z, Jacobson K (2004) Architecture of P2Y
nucleotide receptors: structural comparison based on sequence analysis,
mutagenesis, and homology modeling. J Med Chem 47(22):5393–5404

Costanzi S, Siegel J, Tikhonova I, Jacobson K (2009) Rhodopsin and the others: a
historical perspective on structural studies of G protein-coupled receptors.
Curr Pharm Des 15(35):3994–4002

David-Eden H, Mandel-Gutfreund Y (2008) Revealing unique properties of the
ribosome using a network based analysis. Nucleic Acids Res 36(14):4641–4652

Deflorian F, Engel S, Colson A, Raaka B, Gershengorn M, Costanzi S (2008)
Understanding the structural and functional differences between mouse
thyrotropin-releasing hormone receptors 1 and 2. Proteins 71(2):783–794

Deflorian F, Kumar TS, Phan K, Gao ZG, Xu F, Wu H, Katritch V, Stevens RC,
Jacobson KA (2012) Evaluation of Molecular Modeling of Agonist Binding in
Light of the Crystallographic Structure of an Agonist-Bound A(2A) Adenosine
Receptor. J Med Chem 55(1):538–552

del Sol A, Fujihashi H, Amoros D, Nussinov R (2006a) Residue centrality, functionally
important residues, and active site shape: analysis of enzyme and non-enzyme
families. Protein Sci 15(9):2120–2128

del Sol A, Fujihashi H, Amoros D, Nussinov R (2006b) Residues crucial for
maintaining short paths in network communication mediate signaling in
proteins. Molecular systems biology 2(2006):0019

Deupi X, Edwards P, Singhal A, Nickle B, Oprian D, Schertler G, Standfuss J (2012)
Stabilized G protein binding site in the structure of constitutively active
metarhodopsin-II. Proc Natl Acad Sci U S A 109(1):119–124

Di Paola L, De Ruvo M, Paci P, Santoni D, Giuliani A (2013) Protein contact
networks: an emerging paradigm in chemistry. Chem Rev 113(3):1598–1613

Dijkstra EW (1959) A note on two problems in connexion with graphs. Numer
Math 1:269–271

Fatakia S, Costanzi S, Chow C (2009) Computing highly correlated positions using
mutual information and graph theory for G protein-coupled receptors. PLoS
One 4(3):e4681

Ghanouni P, Schambye H, Seifert R, Lee TW, Rasmussen SG, Gether U, Kobilka BK
(2000) The effect of pH on beta(2) adrenoceptor function. Evidence for
protonation-dependent activation. J Biol Chem 275(5):3121–3127

Hanson MA, Stevens RC (2009) Discovery of new GPCR biology: one receptor
structure at a time. Structure 17(1):8–14

Hanson M, Cherezov V, Griffith M, Roth C, Jaakola V, Chien E, Velasquez J,
Kuhn P, Stevens R (2008) A specific cholesterol binding site is established
by the 2.8 A structure of the human beta2-adrenergic receptor. Structure
16(6):897–905

Jacobson KA, Costanzi S (2012) New insights for drug design from the x-ray
crystallographic structures of g-protein-coupled receptors. Mol Pharmacol
82(3):361–371

Johnson JA, Liggett SB (2011) Cardiovascular pharmacogenomics of adrenergic
receptor signaling: clinical implications and future directions. Clin Pharmacol
Ther 89(3):366–378

Katritch V, Cherezov V, Stevens RC (2012) Diversity and modularity of G protein-
coupled receptor structures. Trends Pharmacol Sci 33(1):17–27

Katritch V, Cherezov V, Stevens RC (2013) Structure-function of the G protein-
coupled receptor superfamily. Annu Rev Pharmacol Toxicol 53:531–556

Kim SK, Gao ZG, Van Rompaey P, Gross AS, Chen A, Van Calenbergh S, Jacobson
KA (2003) Modeling the adenosine receptors: comparison of the binding
domains of A2A agonists and antagonists. J Med Chem 46(23):4847–4859

Kim TH, Chung KY, Manglik A, Hansen AL, Dror RO, Mildorf TJ, Shaw DE, Kobilka
BK, Prosser RS (2013) The role of ligands on the equilibria between functional
States of a g protein-coupled receptor. J Am Chem Soc 135(25):9465–9474

Kobilka BK (2011) Structural insights into adrenergic receptor function and
pharmacology. Trends Pharmacol Sci 32(4):213–218

Kobilka B (2013) The structural basis of g-protein-coupled receptor signaling
(nobel lecture). Angew Chem Int Ed Engl 52(25):6380–6388

Kobilka BK, Deupi X (2007) Conformational complexity of G-protein-coupled
receptors. Trends Pharmacol Sci 28(8):397–406

Kolb P, Rosenbaum D, Irwin J, Fung J, Kobilka B, Shoichet B (2009) Structure-based
discovery of beta2-adrenergic receptor ligands. Proc Natl Acad Sci USA
106(16):6843–6848



Sheftel et al. In Silico Pharmacology 2013, 1:16 Page 15 of 15
http://www.in-silico-pharmacology.com/content/1/1/16
Lefkowitz RJ (2013) A brief history of g-protein coupled receptors (nobel lecture).
Angew Chem Int Ed Engl 52(25):6366–6378

Lefkowitz RJ, Sun JP, Shukla AK (2008) A crystal clear view of the beta2-adrenergic
receptor. Nat Biotechnol 26(2):189–191

Mason JS, Bortolato A, Congreve M, Marshall FH (2012) New insights from
structural biology into the druggability of G protein-coupled receptors.
Trends Pharmacol Sci 33(5):249–260

Nygaard R, Zou Y, Dror RO, Mildorf TJ, Arlow DH, Manglik A, Pan AC, Liu CW,
Fung JJ, Bokoch MP, Thian FS, Kobilka TS, Shaw DE, Mueller L, Prosser RS,
Kobilka BK (2013) The dynamic process of beta(2)-adrenergic receptor
activation. Cell 152(3):532–542

Overington JP, Al-Lazikani B, Hopkins AL (2006) How many drug targets are
there? Nat Rev Drug Discov 5(12):993–996

Pathak E, Atri N, Mishra R (2013) Role of highly central residues of P-loop and it's
flanking region in preserving the archetypal conformation of Walker A motif
of diverse P-loop NTPases. Bioinformation 9(1):23–28

Pellissier LP, Sallander J, Campillo M, Gaven F, Queffeulou E, Pillot M, Dumuis A,
Claeysen S, Bockaert J, Pardo L (2009) Conformational toggle switches
implicated in basal constitutive and agonist-induced activated states of
5-hydroxytryptamine-4 receptors. Mol Pharmacol 75(4):982–990

Pierce K, Premont R, Lefkowitz R (2002) Seven-transmembrane receptors. Nat Rev
Mol Cell Biol 3(9):639–650

Pooput C, Rosemond E, Karpiak J, Deflorian F, Vilar S, Costanzi S, Wess J, Kirk K
(2009) Structural basis of the selectivity of the beta(2)-adrenergic receptor for
fluorinated catecholamines. Bioorg Med Chem 17(23):7987–7992

Rasmussen S, Choi H, Rosenbaum D, Kobilka T, Thian F, Edwards P, Burghammer
M, Ratnala V, Sanishvili R, Fischetti R, Schertler G, Weis W, Kobilka B (2007)
Crystal structure of the human beta2 adrenergic G-protein-coupled receptor.
Nature 450(7168):383–387

Rasmussen SG, Choi HJ, Fung JJ, Pardon E, Casarosa P, Chae PS, Devree BT,
Rosenbaum DM, Thian FS, Kobilka TS, Schnapp A, Konetzki I, Sunahara RK,
Gellman SH, Pautsch A, Steyaert J, Weis WI, Kobilka BK (2011a) Structure of a
nanobody-stabilized active state of the beta(2) adrenoceptor. Nature
469(7329):175–180

Rasmussen SG, DeVree BT, Zou Y, Kruse AC, Chung KY, Kobilka TS, Thian FS,
Chae PS, Pardon E, Calinski D, Mathiesen JM, Shah ST, Lyons JA, Caffrey M,
Gellman SH, Steyaert J, Skiniotis G, Weis WI, Sunahara RK, Kobilka BK (2011b)
Crystal structure of the beta2 adrenergic receptor-Gs protein complex. Nature
477(7366):549–555

Rosenbaum D, Cherezov V, Hanson M, Rasmussen S, Thian F, Kobilka T, Choi H,
Yao X, Weis W, Stevens R, Kobilka B (2007) GPCR engineering yields
high-resolution structural insights into beta2-adrenergic receptor function.
Science 318(5854):1266–1273

Rosenbaum DM, Rasmussen SG, Kobilka BK (2009) The structure and function of
G-protein-coupled receptors. Nature 459(7245):356–363

Rosenbaum DM, Zhang C, Lyons JA, Holl R, Aragao D, Arlow DH, Rasmussen SG,
Choi HJ, Devree BT, Sunahara RK, Chae PS, Gellman SH, Dror RO, Shaw DE,
Weis WI, Caffrey M, Gmeiner P, Kobilka BK (2011) Structure and function of an
irreversible agonist-beta(2) adrenoceptor complex. Nature 469(7329):236–240

Sastry GM, Adzhigirey M, Day T, Annabhimoju R, Sherman W (2013) Protein and
ligand preparation: parameters, protocols, and influence on virtual screening
enrichments. J Comput Aided Mol Des 27(3):221–234

Scheerer P, Park JH, Hildebrand PW, Kim YJ, Krauss N, Choe HW, Hofmann KP, Ernst
OP (2008) Crystal structure of opsin in its G-protein-interacting conformation.
Nature 455(7212):497–502

Schrödinger Suite (2012) Schrödinger, LLC, New York, NY, USA, http://www.
schrodinger.com

Shi L, Liapakis G, Xu R, Guarnieri F, Ballesteros JA, Javitch JA (2002) Beta2 adrenergic
receptor activation. Modulation of the proline kink in transmembrane 6 by a
rotamer toggle switch. J Biol Chem 277(43):40989–40996

Shukla A, Sun J, Lefkowitz R (2008) Crystallizing thinking about the beta2-
adrenergic receptor. Mol Pharmacol 73(5):1333–1338

Singhal A, Ostermaier MK, Vishnivetskiy SA, Panneels V, Homan KT, Tesmer JJ,
Veprintsev D, Deupi X, Gurevich VV, Schertler GF, Standfuss J (2013) Insights
into congenital stationary night blindness based on the structure of G90D
rhodopsin. EMBO Rep 14:520–526

Slama P, Filippis I, Lappe M (2008) Detection of protein catalytic residues at high
precision using local network properties. BMC Bioinforma 9:517

Sobolev V, Sorokine A, Prilusky J, Abola EE, Edelman M (1999) Automated analysis
of interatomic contacts in proteins. Bioinformatics 15(4):327–332
Standfuss J, Edwards PC, D'Antona A, Fransen M, Xie G, Oprian DD, Schertler GF
(2011) The structural basis of agonist-induced activation in constitutively
active rhodopsin. Nature 451:656–660

Stevens RC, Cherezov V, Katritch V, Abagyan R, Kuhn P, Rosen H, Wuthrich K
(2013) The GPCR Network: a large-scale collaboration to determine human
GPCR structure and function. Nat Rev Drug Discov 12(1):25–34

Sun Y, Gershengorn MC (2002) Correlation between basal signaling and
internalization of thyrotropin-releasing hormone receptors: evidence for involve-
ment of similar receptor conformations. Endocrinology 143(8):2886–2892

Swaminath G, Xiang Y, Lee T, Steenhuis J, Parnot C, Kobilka B (2004) Sequential
binding of agonists to the beta2 adrenoceptor. Kinetic evidence for
intermediate conformational states. J Biol Chem 279(1):686–691

Swaminath G, Deupi X, Lee TW, Zhu W, Thian FS, Kobilka TS, Kobilka B (2005)
Probing the beta2 adrenoceptor binding site with catechol reveals
differences in binding and activation by agonists and partial agonists. J Biol
Chem 280(23):22165–22171

Tang YR, Sheng ZY, Chen YZ, Zhang Z (2008) An improved prediction of catalytic
residues in enzyme structures. Protein Eng Des Sel 21(5):295–302

Tashkin DP, Fabbri LM (2010) Long-acting beta-agonists in the management of
chronic obstructive pulmonary disease: current and future agents.
Respir Res 11:149

Thibert B, Bredesen DE, del Rio G (2005) Improved prediction of critical residues for
protein function based on network and phylogenetic analyses. BMC Bioinforma
6:213

Vanni S, Neri M, Tavernelli I, Rothlisberger U (2010) A conserved protonation-induced
switch can trigger "ionic-lock" formation in adrenergic receptors. J Mol Biol
397(5):1339–1349

Venkatakrishnan AJ, Deupi X, Lebon G, Tate CG, Schertler GF, Babu MM (2013)
Molecular signatures of G-protein-coupled receptors. Nature 494(7436):185–194

Vilar S, Karpiak J, Costanzi S (2010) Ligand and structure-based models for the
prediction of ligand-receptor affinities and virtual screenings: Development and
application to the beta(2)-adrenergic receptor. J Comput Chem 31(4):707–720

Vilar S, Ferino G, Phatak SS, Berk B, Cavasotto CN, Costanzi S (2011a) Docking-
based virtual screening for ligands of G protein-coupled receptors: not only
crystal structures but also in silico models. J Mol Graph Model 29(5):614–623

Vilar S, Karpiak J, Berk B, Costanzi S (2011b) In silico analysis of the binding of
agonists and blockers to the beta2-adrenergic receptor. J Mol Graph Model
29(6):809–817

Wacker D, Fenalti G, Brown MA, Katritch V, Abagyan R, Cherezov V, Stevens RC
(2010) Conserved binding mode of human beta2 adrenergic receptor inverse
agonists and antagonist revealed by X-ray crystallography. J Am Chem Soc
132(33):11443–11445

Wacker D, Wang C, Katritch V, Han GW, Huang XP, Vardy E, McCorvy JD, Jiang Y,
Chu M, Siu FY, Liu W, Xu HE, Cherezov V, Roth BL, Stevens RC (2013)
Structural features for functional selectivity at serotonin receptors. Science
340(6132):615–619

Wasserman S, Faust K (1994) Social network analysis : methods and applications.
Structural analysis in the social sciences, vol 8. Cambridge University Press,
Cambridge; New York

Xu F, Wu H, Katritch V, Han GW, Jacobson KA, Gao ZG, Cherezov V, Stevens RC
(2011) Structure of an Agonist-Bound Human A2A Adenosine Receptor. Science
332:322–327

Yao X, Parnot C, Deupi X, Ratnala V, Swaminath G, Farrens D, Kobilka B (2006)
Coupling ligand structure to specific conformational switches in the beta2-
adrenoceptor. Nat Chem Biol 2(8):417–422

doi:10.1186/2193-9616-1-16
Cite this article as: Sheftel et al.: Graph analysis of β2 adrenergic receptor
structures: a “social network” of GPCR residues. In Silico Pharmacology
2013 1:16.

http://www.schrodinger.com
http://www.schrodinger.com

	Abstract
	Purpose
	Methods
	Results
	Conclusions

	Background
	Methods
	Inferring non-covalent interactions
	Construction of a graph describing the network of residue interactions and calculation of closeness-centrality
	GPCR residue identifier numbers
	Addition of hydrogen atoms
	Preparation of the figures

	Results
	The most connected residues
	Differences in centrality between activated and inactive structures
	Effect of the co-crystallized ligands on the centrality of the β2 AR residues

	Discussion
	Conclusions
	Additional file
	Competing interests
	Authors’ contributions
	Acknowledgements
	Author details
	References

