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Abstract
As consumer’s consumption of digital media and usage of social media platforms continues to grow, businesses have been 
searching for new ways to track, analyze, and measure this online consumer behavior to support a diverse set of business 
functions such as marketing, customer support, and customer experience management. Given the heightened interest in social 
media analytics in the business community, educational institutions have also been interested in identifying new ways to 
introduce emerging social media analytics concepts and practices to their students. One category of social technologies that 
is specifically used to perform this type of analysis is social listening platforms. Brandwatch (recently acquired by Cision 
Ltd.) has created one of the leading social listening platforms. They also offer a version of this platform for educators named 
Brandwatch for Classrooms. This article provides an overview of the key features and capabilities of the Brandwatch for 
Classrooms platform, as well as numerous suggestions for incorporating the platform in marketing analytics undergraduate 
and graduate courses. The goal is to provide educators with practical information about social media analytics and guidance 
on successfully integrating social listening platforms in their course design.

Introduction

It is important to provide the proper context for the review 
of Brandwatch for Classrooms by first describing the current 
state of social media usage globally. This is followed by a 
description of the different types of social media data and 
the social media marketing technologies used to collect and 
analyze the data. The introduction will conclude with a sum-
mary of the primary social media analytics techniques and 
most popular marketing-oriented applications of the social 
media analytics insights.

This contextual information will be utilized to develop a 
social media analytics framework that is suitable for review-
ing the capabilities of the Brandwatch for Classrooms prod-
uct relative to the business needs and the standards that have 
been established for collecting and analyzing social media 
data.

Social media usage

As of April 2021, 4.33 billion people or 55.1% of the global 
population was actively using social media. That represents 
a 13.7% increase over the last 12 months (DataReportal 
2021). This includes usage across a variety of social media 
platforms such as social networks, question and answer sites, 
forums and message boards, messaging and live chat ser-
vices, micro-blogs, vlogs, online pinboards, review sites, 
wikis, and content communities. Facebook has the most 
active users (2.8 billion), followed by YouTube (2.3 billion) 
and WhatsApp (2 billion). The active user counts for other 
popular platforms are Facebook Messenger (1.3 billion), Ins-
tagram (1.3 billion), TikTok (732 million), Snapchat (528 
million), Pinterest (459 million), Twitter (396 million), and 
Quora with 300 million active users (DataReportal 2021).

Geographically, based on January 2021 statistics, Western 
and Northern Europe had the highest social media penetra-
tion rate of 79%, with Northern America (74% penetration) 
following close behind. Southeastern Asia and Eastern 
Asia had penetration rates of 69% and 66%, respectively. In 
contrast, Southern Asia (31% penetration), Western Africa 
(16% penetration), and Eastern Africa (10% penetration) had 
significantly lower social media penetration (Statista 2021).
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Of particular importance given the marketing analyt-
ics focus of this article, 72.1% of active social media users 
use at least one type of social media platform to research 
brands. Social networks is the most popular platform used 
for researching brands (44.7% of active users), followed 
by question and answer sites (20.8% of active users), and 
forums and message boards representing 16.7% of active 
users (DataReportal 2021).

Not only is social media penetration increasing across 
most parts of the world, the average time spent on social 
media platforms is also increasing at a dramatic rate. In 
2012, the average daily time spent on social media was 
90 min per day. That has increased by 58%, and in 2021 the 
average daily time spent on social media is 142 min per day 
(DataReportal 2021; Statista 2021).

Given the rapid growth in social media usage rates, it is 
not surprising that customer-centric organizations are eager 
to harvest the social conversion data generated by consumers 
and businesses to help inform their marketing strategies. The 
subsequent section describes the type of data that is available 
across social media sources.

Social media data

Social media data can be generated from many different 
sources and stored in many different formats. Borrowing 
from the terminology used to describe big data, it would 
be fair to claim that social media data check the boxes of 
all four requirements of big data. That is, an extremely 
high Volume of data can be produced with great Velocity, 
containing a Variety of formats with sometimes uncertain 
Veracity (Stieglitz et al. 2018; McAfee and Brynjolfsson 
2012). These data can be “consumer-generated” (e.g., com-
ments, posts, tweets, inquiries, reviews, images, audio, 
video), “firm-generated” (e.g., webpages, product descrip-
tions, posts, comments, images, audio, video), “platform-
generated” (e.g., followers, likes, shares, ratings, stars, 
rankings), and “network-generated” via links between social 
media users (Wang et al. 2021; Calheiros et al. 2017; Fel-
bermayr and Nanopoulos 2016; Moon and Kamakura 2017; 
Alp and Öğüdücü 2018; Kumar et al. 2016).

Most social media data are stored in either a structured or 
unstructured format. Structured data adhere to well-defined, 
standardized data formats, whereas unstructured data are 
generally more challenging to process because the format is 
not pre-defined, such as a Facebook post (Hartman 2020). 
Multi-lingual text, video, and audio data are examples of 
unstructured data sources. Extracting business intelligence 
from these sources generally requires the use of advanced 
rules-based or machine learning-based natural language pro-
cessing tools and techniques (Khan 2018; SAS 2020). It is 
currently estimated that eighty percent of all data collected 

by organizations is stored in an unstructured format (Hart-
man 2020).

The social marketing technologies discussed in the next 
section are commonly used to enable the large-scale collec-
tion, data transformation, and analysis of social media data.

Social media marketing technologies

Several different social technologies are utilized to meet 
the needs of social marketers. Social technologies can be 
divided into three primary categories: “social listening plat-
forms,” “social advertising technology,” and “social suites” 
(Liu and Dawson 2021). Social listening platforms, the focus 
of this article, are used to collect, manage, and analyze social 
media data. Social adtech is used to manage and measure the 
advertising on social media sources. Social suites include 
many of the capabilities of separate social technologies into 
one platform. They are used to perform tasks such as data 
collection and analysis, publishing content, and managing 
customer communications (Liu and Dawson 2021).

It is important to note that social listening platform (SLP) 
providers are in a “transitional” state. For example, provid-
ers are determined to deliver on marketers’ entire digital 
customer intelligence needs, moving beyond the traditional 
bounds of social media data providers. One of the signifi-
cant enhancements SLPs will be required to embed in future 
solutions is the ability to integrate proprietary customer data 
(e.g., customer tenure, customer spend, products purchased) 
in addition to the social media data that is already captured 
(Liu and Dawson 2020). This enhanced dataset will help 
organizations move towards an assessment of the business 
impact of social marketing strategies and programs, versus 
an assessment of specific content or marketing campaigns 
(Liu 2021).

The “Forrester Wave™: Social Listening Platforms, Q4 
2020” report provides a comprehensive evaluation of the 
top SLP providers in the market. The report separates these 
providers into leaders, strong contenders, contenders, and 
challengers based on their current offering, strategy, and 
market presence. The Brandwatch Consumer Research 
platform was evaluated along with nine other SLP provid-
ers (Digimind, Linkfluence, ListenFirst, Meltwater, NetBase 
Quid, Sprinklr, Synthesio, Talkwalker, and Zignal Labs) in 
the most recent report. The Brandwatch platform was named 
a leader in the SLP market and had the highest scores in the 
current offering, strategy, and market presence categories 
(Liu and Dawson 2020).

Please note that the Brandwatch for Classrooms product 
will be reviewed in this article. This product shares almost 
all of the same features and capabilities as the Brandwatch 
Consumer Research platform reviewed in the Forrester 
Wave™ report; however, it has some licensing and usage 
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agreement restrictions that will be highlighted later in the 
product review.

Social media analytics

The growth in the usage of social media platforms and the 
advancements in social listening platform capabilities have 
enabled the widespread adoption of many different types 
of social media analytics (SMA) that can be performed by 
marketing professionals with even limited experience in 
analytics.

SMA is the application of data management and analyt-
ics tools and techniques to “collect, monitor, analyze, sum-
marize, and visualize” social media data to uncover useful 
information, trends and behaviors (Zeng et al. 2010; Zhan 
et al. 2021). This often includes the analysis of unstructured 
and structured social media data across a wide variety of 
digital channels to examine how individuals and businesses 
“think and feel” about a wide array of topics (Wamba et al. 
2016; Chen et al. 2012).

The SMA process is commonly separated into four pri-
mary distinct steps, including “Discovery, Tracking, Prepa-
ration, and Analysis” (Stieglitz et al. 2018).

• Discovery: identification of content and corresponding 
keywords, hashtags, images, etc. used when discussing 
specific topic(s) that will provide input into framing the 
analysis objectives and the primary hypotheses to be 
tested.

• Tracking: determination of the data sources, collection 
approach, and output of data on the discovered topic.

• Preparation: the approaches (e.g., natural language pro-
cessing, topic categorization) used to prepare the source 
data for subsequent analysis.

• Analysis: conducting various analysis methods/tech-
niques on the prepared data set that aim to answer the 
questions outlined in the discovery phase.

The analysis stage can include many different types of 
SMA techniques. “Text mining, sentiment analysis, net-
work analysis, and image analytics” are four common SMA 
techniques deployed by organizations (Wang et al. 2021). 

Text mining refers to “content-based analysis” (Gandomi 
and Haider 2015). This includes techniques such as “key-
word retrieval, topic isolation, topic modeling, and cluster 
analysis” (Felbermayr and Nanopoulos 2016; Nam et al. 
2017). Sentiment analysis also leverages text mining tech-
niques with the goal of classifying social media data/content 
by the sentiment and emotion of the social media content 
author (Calheiros et al. 2017). The most common type of 
network analysis using social media data is “social network 
analysis,” which examines the relationship between “human 
networks” (Wang et al 2021; Ikeda et al. 2013). Image ana-
lytics is an emerging SMA field of study, which includes 
the analysis and classification of images and visual content 
(Miah et al. 2017). The development of deep learning mod-
els has become a popular approach to perform highly sophis-
ticated image analytics (Shin et al. 2020). The deep learning 
models can “generate generic image features in a scalable 
manner” that allow analysts to assess the impact of specific 
images on social media programs (Shin et al. 2020).

Social media analytics use cases

Social media analytics are performed to provide insights 
that support many different business functions and business 
needs. Several use cases that are relevant to marketing and 
related business functions are provided in Fig. 1 (Brand-
watch, 2021a; Wang et al 2021).

In general, the overarching objective of these use cases 
is to leverage the social media analytics insights to apply a 
data-driven approach to inform the “product, marketing, and 
overall business strategy” decision making (Liu and Parrish 
2020).

Many social listening platforms are also designed to pro-
mote “data democratization” by developing user interfaces 
and data analysis tools that can be operated by employees 
with very limited knowledge in marketing analytics (Brand-
watch, 2021a; LeClair 2018).

In addition, several SLP vendors are beginning to develop 
solutions to augment social listening data with enterprise 
data such as sales, revenue, and customer loyalty to enable 
the measurement of social media strategies and the impact 
they have on business value (Liu 2021).

Brand Management

• Track brand health
• Analyze key business 

trends

Compe��or Analysis

• Measure 'share of 
voice'

• Assess differences in 
brand percep�ons

Campaign 
Measurement

• Measure intent to 
purchase

• Evaluate campaign 
performance by 
audience segments

Customer Experience 
Management

• Track share of voice 
and customer 
sen�ment by each 
stage in the 
customer buying 
journey

Market Research

• Gather real-�me 
feedback

• Inform product/ 
service development

Lead Iden�fica�on

• Iden�fy target 
segments that 
posi�vely engage 
with the brand

• Idenify social media 
channels with high 
quality leads

Fig. 1  Social media analytics use cases in marketing-oriented business functions
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Brandwatch for Classrooms product review

Brief orientation

Brandwatch for Classrooms is one of several educational 
products offered by Brandwatch. It is designed specifi-
cally for educators and researchers. The current product 
can be licensed for $1500USD per year (Brandwatch 
2021b). It provides access to the Brandwatch Consumer 
Research enterprise platform, but the licensing agreement 
does include some usage and data restrictions, including 
a limit of ten queries at a time, a download limit of up to 
100k mentions per day, and access of up to two years of 
historical data. Queries and mentions will be defined later 
in this section.

The four-step process for performing SMA that was 
introduced in the prior section will be utilized as a frame-
work to describe the core features and tools available in 
the Brandwatch platform to perform each of these steps. 
However, the framework has been extended to also include 
a “deployment” step. The deployment phase addresses the 
need to effectively communicate and transform the SMA 
results into relevant business insights and data-driven 
business actions. The final phase label, deployment, was 
inspired and adopted from the final step in the Cross 
Industry Standard Process for Data Mining, abbreviated 
as CRISP-DM (Jaggia et al. 2020).

Please refer to Fig. 2 for a mapping of core Brandwatch 
features/tools to each step in the SMA process. The labels 
in parentheses indicate the higher-level category where 
these features are located in the Brandwatch platform user 
interface. Please note that this mapping is not intended to 
be an exhaustive listing of the Brandwatch platform fea-
tures; however, they represent many of the core features 
used by marketers.

The Brandwatch platform user interface incorporates 
navigational tabs, each containing multiple features and/
or tools that support the five SMA process steps. Users 
can also access many Help and Support resources such 
as training videos, how-to-guides, use cases, community 
discussion boards, and detailed documentation describing 
how to use each of the platform features. Figure 3 contains 

a partial image of the Home page on the Brandwatch plat-
form (Brandwatch 2021c).

The Home page also displays alerts and important trends 
using the Brandwatch AI-powered analyst assistant called 
Iris. Iris is designed to automatically analyze peaks in the 
social media data and helps detect what caused social con-
versations to spike (Brandwatch 2021d).

Brandwatch uses the term mentions to describe a piece 
of “web-based content posted to or from a social channel” 
(Brandwatch 2021d). For example, this content could repre-
sent a tweet or a caption on an uploaded image on Instagram. 
This term will be used throughout the article.

Brandwatch discovery features

A common challenge when conducting exploratory SMA 
analysis is that the “topics might not be known a priori, and 
have to be discovered first” (Stieglitz et al. 2018). This is 
often the case in marketing applications of SMA, when the 
analyst is interested in discovering new insights related to 
recent customer experiences with a brand.

Brandwatch addresses this challenge by providing a 
user-friendly search feature (Brandwatch Search) that is 
designed to easily and quickly return nineteen pre-defined 
data visualizations/statistics on any brand, people, or top-
ics to determine if this is something the analyst would like 
to more thoroughly analyze using other platform features 
(Brandwatch 2021e).

Brandwatch Search is an AI-based search feature that uti-
lizes sophisticated natural language processing (NLP) tech-
niques. Simply put, NLP is a branch of artificial intelligence 
that is used to discover meaning in human language (Hair Jr. 
et al. 2021). Brandwatch Search allows the user to type in a 
search term(s), and it uses three natural language processing 
steps and a language model to immediately retrieve mentions 
that match the search request (Brandwatch 2021f). Figure 4, 
sourced by Brandwatch, illustrates how this three-step pro-
cess operates on a sample Twitter tweet (Brandwatch 2021f).

1. Noun-phrase extraction—extracts important noun 
phrases from the Brandwatch mentions library

2. Entity candidate generation—identifies possible candi-
date definitions for each noun-phrase (entity)

Discovery

• Brandwatch 
Search

Tracking

• Queries (Data)
• Channels (Data)
• Social Panels 

(Data)

Prepara�on

• Segmenta�on 
(Tools)

• Filters (Tools)

Analysis

• Dashboards
• SMA Techniques
• Data 

Visualiza�ons

Deployment

• Reports
• Alerts

Fig. 2  Mapping of core Brandwatch features to the five-step modified SMA process framework
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3. Entity disambiguation—determines which entity candi-
date is most likely being used in the mention

All of these complex NLP sub-steps as well as the search 
term matching to social media content happens instantly 
behind the scenes, allowing users with no analytic exper-
tise to perform and complete the discovery phase. In fact, 
this desire for “data democratization” by making the Brand-
watch platform accessible to users with all different levels of 

analytic expertise is achieved at each step in the SMA pro-
cess through the integration of user-friendly tools (LeClair 
2018).

Brandwatch tracking features

Brandwatch Queries is a core feature that is used to ini-
tially collect and continuously refresh the data you would 
like to capture for subsequent analysis. The data that are 

Fig. 3  Brandwatch user interface (partial view of the home page)

Fig. 4  Three-step entity extraction process used in Brandwatch search process
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being collected are often referred to as “social big data” 
(Guellil and Boukhalfa 2015) or “social media big data” 
(Lynn et al. 2015) and adhere to the 4V’s defined earlier in 
the article. This type of data poses several challenges (Khan 
2018; Stieglitz et al. 2018) that the Brandwatch platform 
effectively addresses (Brandwatch 2021p). Table 1 lists the 
challenges and corresponding solutions.

The queries editor allows the user to write query logic 
that utilizes Boolean operators, pre-built text string func-
tions, filters, and 152 language options to precisely target 
and retrieve the types of mentions you want to analyze. 
In addition, you can retrieve data based on searching for 
occurrences of logos and images in the social media data, or 
even retrieve data related to a group of targeted social media 
authors using social panels (Brandwatch 2021g). The queries 
editor also provides a testing preview window to instantly 
evaluate the type of mentions being retrieved from the cur-
rent query logic. This allows the user to adjust and fine tune 
the precision of the query logic to return only the types of 
mentions that meet your analysis needs.

In Brandwatch for Classrooms, once the query is saved, 
you can use it to collect historical information dating back 
two years, and the query will also continue to collect new 
mentions in near real-time moving forward. If needed, 
Brandwatch provides a built-in random sampling approach 
to address queries that would retrieve extremely large 
amounts of mentions. The sampling rate will be automati-
cally set to ensure the data collection does not exceed the 
license agreement.

Brandwatch Channels is another data tracking tool, and 
it provides the ability to collect and track data from owned 
and non-owned social media channels. The level of track-
ing is specific to the social media channel being tracked as 
well as the owner/non-owner status of that channel. Cur-
rently, Brandwatch for Classrooms users can set up channel 
tracking on Facebook, Instagram, and Twitter channels. The 
current process to set up Facebook and Instagram channels 
is quite cumbersome. However, the Brandwatch 2021 road-
map highlights the company’s desire to enhance the channel 
tracking for Facebook and Instagram, by allowing the col-
lection of more historical data and by simplifying the UX 
design to make it easier to set up the collection of data from 

these sources (Brandwatch 2021h). The license limits data 
collection to 10 Twitter channels and 10 combined Face-
book/Instagram channels.

Brandwatch Social Panels is a relatively new feature in 
the platform, and it allows users to create an online opinion 
research panel as an alternative way to collect social media 
data. You can construct social panels in two different ways 
(Brandwatch 2021i):

1. Upload a list of online social media authors (handles) 
that you want to include in the panel. These can be 
authors on any social media platforms.

2. Use the Brandwatch platform search capability to iden-
tify authors to include in the social panel (currently lim-
ited to Twitter authors). Several types of filters can be 
used to identify potential panelists, such as the authors 
influence score, number of followers, bio keywords, 
demographics, interests, and geography. Currently, 
the platform only allows selection of panelists using 
the search functionality from the Twitter social media 
channel. Brandwatch is in the process of updating this 
feature to allow selection of panelists using the search 
functionality from additional social media channels.

Brandwatch preparation features

Social media data require pre-processing and data prepa-
ration steps to fully harvest the consumer and business 
insights. As stated earlier, the data are largely unstructured 
and are prone to many types of issues such as abbreviations, 
ambiguous language, misspellings, grammatical errors, and 
a wide array of different data formats (Rehman et al. 2016).

For the most part, the discovery and tracking of this 
unstructured data are managed by the Brandwatch search 
and queries capabilities. However, additional tools are 
needed to manage the structuring of the raw data in custom-
ized ways that meet the needs of the analysis.

That is, social listening platforms need to provide tools 
that help the analyst categorize the social media data into 
meaningful segments. The segmentation tools should allow 
the user to easily divide unstructured consumer mentions 
and posts into unique categories. This type of content/data 

Table 1  Social big data collection challenges and Brandwatch solutions

Challenge Brandwatch solution

Managing large storage requirements (volume) Sampling techniques are applied to remain within the 100k mention limit per day without 
sacrificing the representativeness of the data

Enabling fast ingestion of new data (velocity) Data retrieved by queries is refreshed in near real-time
Accurately processing structured and unstruc-

tured data sources (variety)
Sophisticated NLP and data classification tools are utilized

Handling data sources with uncertain levels of 
quality (veracity)

Spam-filters and intelligent data crawlers are utilized to reduce noise and track relevant conver-
sations
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segmentation can encompass a broad set of dimensions such 
as geography, topics, content sources, consumer sentiment 
and emotions, product categories, comparison of brands, 
stages of the consumer purchase cycle, and author demo-
graphics, interests, and professions (Jamali 2021).

The Brandwatch platform provides several pre-built seg-
ments/categories. These include categories such as con-
sumer sentiment (negative, neutral, and positive), consumer 
emotions (anger, disgust, fear, joy, sadness, and surprise), 
content sources (blogs, forums, news, reviews, Facebook, 
Instagram, Reddit, Tumblr, Twitter, YouTube, etc.), images 
(logos, objects, scenes, actions), and several other demo-
graphics and interest categories.

The platform also provides several customizable 
approaches to pre-process the data and prepare it for further 
analysis. These include:

• The creation of rules-based categories
• The creation of machine learning-based categories
• The use of multi-dimensional filters

The Brandwatch Categories and Brandwatch Rules 
features are used to develop rules-based categories. The 
user first creates a new category dimension (e.g., product 
category) and then uses Boolean operators to establish the 
rules that map each mention into the appropriate product 
sub-categories.

In contrast, the Brandwatch Custom Classifiers feature 
utilizes a machine learning (ML) algorithm that allows the 
analyst to train the platform to segment data in a particular 
way. This is particularly useful when dealing with conversa-
tion data that are nuanced (e.g., stages of customer purchase 
cycle) and are difficult to categorize using a pre-defined 
collection of keywords. Once the ML model is trained, 
the algorithm will automatically assign mentions into the 
appropriate sub-categories (Brandwatch 2021j). This type 
of ML-based classification automation “extends the expert 
interpretation” of the social media data and facilitates large-
scale “knowledge management” that would be otherwise 
impossible (Pääkkönen et al. 2020).

Brandwatch also includes a variety of filtering features 
that allow the user to group together items. These include 
filters such as Brandwatch Site Lists, Brandwatch Author 
Lists, and Brandwatch Location Lists. This allows the 
analyst to prepare the data to later create visualizations or 
reports that compare and contrast different groups of sites, 
authors, and locations.

Brandwatch analysis features

The Brandwatch Dashboard features enable the creation of 
many different types of social media analysis techniques and 
visualizations. It includes a variety of pre-built templates 

that allow the user to select visualizations and descriptive 
statistics that meet their general needs. Furthermore, the user 
can use the wide array of dashboard controls to customize 
the dashboards and data visualizations to meet the specific 
needs of the analysis (Brandwatch 2021k).

The primary categories of SMA techniques, including 
text mining, sentiment analysis, network analysis, and image 
analytics (Wang et al. 2021) will be used as a framework to 
evaluate the Brandwatch platforms capabilities in each of 
these analytic areas.

The Brandwatch platform has several dashboard tem-
plates that support a variety of text mining techniques 
such as the Topics Wheel, Topic Cluster, Trending Top-
ics, Word Cloud, Emoji Cloud, Twitter Themes, and 
Geotagged Mention Maps. Figures 5 and 6 contain two 
different data visualization approaches on a sample of topic 
data associated with electric vehicles (Brandwatch 2021c). 
It is important to note that most of the Brandwatch visualiza-
tions are interactive. In this example, this means that the user 
can click on any of the topics found in the Topic Cluster or 
the Word Cloud visualizations and instantly drill down to a 
list of the actual mentions that belong to that topic category. 
This allows the user to quickly gain a better understanding 
of the topic categories by reading through individual posts, 
comments, and other forms of social conversation that were 
collected in the Tracking phase.

The platform also provides the ability to perform thor-
ough sentiment analysis. Because consumer sentiment and 
emotions are pre-built categories, the analyst can evaluate 
other important customized data dimensions such as “prod-
uct, service, and brand” (Choi et al. 2020) through the lens 
of consumer sentiment and emotions categories or simply 
use the Brandwatch Sentiment dashboard template. For 
example, this type of analysis may determine that custom-
ers are generally very satisfied with the quality of a brand’s 
core products, but they are extremely dissatisfied with the 
customer service responsiveness.

Network analysis in a social media context can be defined 
as “identifying customers’ interaction network or discover-
ing influential users” (Choi et al. 2020). The platform does 
not include any out-of-the box social network graphing 
or mapping tools that display the nodes and relationships 
between social network members. However, the platform 
includes a comprehensive set of features that identify topic 
or brand influencers. The Brandwatch Influencer dash-
board template provides lists of top authors, top tweeters, 
top bloggers, key advocates, key detractors, and influencer 
demographics. The template also includes useful metrics on 
each of the influencers such as the number of followers, their 
average reach, and their impact score. Reach is a proprietary 
algorithm that estimates the number of different individuals 
that viewed the influencer’s mention. Impact score is a pro-
prietary algorithm that determines the overall engagement, 
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on a 1–100 scale, related to each of the influencer mentions 
(Brandwatch 2021i).

Brandwatch also has a robust set of image analytics capa-
bilities. Two out-of-the-box dashboard templates are avail-
able for image analysis: Brandwatch Logo Wall which 
displays images and corresponding captions based on the 
specific logo(s) that were selected in the query, and Brand-
watch Image Analysis, which visually summarizes the 
content within the selected image data. The platform uses 
image recognition technology (Shin et al. 2020), which can 
separately identify and classify the different objects, scenes, 
actions, and logos appearing in images. Figure 7 provides 
an example of this analysis on a sample of electric vehicle 
topics (Brandwatch 2021c).

Brandwatch deployment features

The Brandwatch Report features make it very easy to 
export dashboard visualizations into Microsoft PowerPoint 
slides that can be used as a stand-alone document or edited 
to include additional analyst comments and recommenda-
tions in a project report or presentation. It is also possible to 
set up and generate automated reports that provide ongoing 

updates on a list of pre-defined social media analysis met-
rics that can be distributed directly to selected users email 
inboxes (Brandwatch 2021m).

The Brandwatch Alert features allow system detected 
or user-defined alerts to be sent to a specified group of indi-
viduals. For example, this could include sudden changes in 
negative sentiment mentions or surges in competitor brands 
share of voice (Brandwatch 2021n).

Integrating a social listening platform 
into a marketing analytics course design

Marketing analysts are increasingly asked to straddle the art 
and science elements of the marketing profession. That is, 
they need to be able to analyze social media data and convert 
insights into business knowledge and data-driven marketing 
actions (Bal et al. 2015; Kim 2019). In particular, many digi-
tal marketing analysts are expected to develop the following 
three skills (Hartman 2020):

• “Data strategist” skills where they “bridge the data and 
marketing” functions and understand how data can be 

Fig. 5  Sample Brandwatch Topic Cluster By Gender, Organizations, And Keywords
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Fig. 6  Sample Brandwatch word cloud by pre-defined topic types

Fig. 7  Sample Brandwatch image analysis trends by image type
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used to meet business objectives and improve perfor-
mance.

• “Techie” (technical/analytical) skills that enable the col-
lection and analysis of the data using various data man-
agement and analytical techniques.

• “Data designer” skills, such as data storytelling, that help 
technical and non-technical audiences easily consume the 
analysis results and apply the analytical insights.

The thoughtful integration of SLPs into marketing ana-
lytics course designs can accelerate the development of 
these in-demand skills.

Given this increase in demand for multi-disciplined 
marketing analysts and the rapid, ongoing change that 
exists in the digital marketing landscape, it is important 
that the course design leverages academic and practi-
tioner insights (Liu and Burns 2018; Reibstein et  al. 
2009). The course design should “balance theoretical 
concepts and the development of practical skills” (Kim 
2019). The course should also integrate topics in both 
social media data analysis and marketing strategy devel-
opment (Kim 2019). This will help marketing students to 
further develop data-driven marketing skills that allow 
them to effectively use social media insights to solve 
present day marketing problems. This is an area that stu-
dents have “lacked training” in the past (Crittenden and 
Crittenden 2015; Duffy and Ney 2015). It is also critical 
to implement a hands-on, “learning-by-doing” approach 
that utilizes context-relevant business problems and data 
(Lim and Heinrichs 2021; Chen et al. 2012). Finally, it is 
important to “elevate the purpose of analytics and mar-
keting beyond employability” (LeClair 2018). For exam-
ple, “democratizing data” to build a culture of informed 
decision-making or applying analytic-driven, customer-
centric insights to create greater “customer value” are 
two worthy goals that should inspire marketing students 
to hone both their marketing and analytical skills (LeClair 
2018).

Adopting a project‑based learning methodology

The discovery, tracking, preparation, analysis, and deploy-
ment steps were previously introduced as a comprehensive 
framework for performing social media analytics. Therefore, 
it is important to utilize a learning methodology that coin-
cides with and complements these phases of SMA.

Also, given the hands-on nature, and the need to bridge 
the art and science of marketing, an experiential, project-
based learning (PjBL) approach is recommended when 
teaching social media analytics. PjBL is commonly used 
in education and is particularly relevant in the design of 
business and marketing analytics courses. It is defined as an 
“activity-based methodology, engaging students to perform 
activities involving research, decision-making, and writing” 
(Yazici 2020). Group work and learning through collabora-
tion with team members are also a critical element of the 
PjBL approach (Yazici 2020).

The following four PjBL learning phases (Yazici 2020) 
are adopted as a relevant model for teaching social media 
analytics in marketing analytics courses (see Fig. 8).

Hypothetical classroom project and objectives

The following summary of suggested steps across each 
learning phase will describe how to introduce and utilize 
various features of the Brandwatch for Classrooms product 
in a classroom assignment. However, please keep in mind 
that other social listening platforms have similar features and 
it would be possible to substitute a different SLP into this 
learning framework.

Also, the suggestions are based on developing a project 
that focuses on the Brand Management and Competitor 
Analysis use cases. More specifically the primary objec-
tive of the project is to conduct a thorough analysis of a 
brand and its top competitors using the vast amount of social 
media data that can be extracted and analyzed using the 
Brandwatch platform. Students are then expected to use the 
brand and competitor analysis insights to develop relevant, 

A. Inquiry / Research
• Discovery

B. Crea�on / Design
• Tracking
• Prepara�on

C. Analysis / 
Implementa�on
• Analysis

D. Interpreta�on / 
Evalua�on
• Deployment

Fig. 8  Project-based learning methodology mapped to core SMA process steps
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data-driven, marketing recommendations. It is possible to 
utilize this same learning methodology for different project 
objectives and use cases such as campaign measurement, 
market research, or customer experience management.

Inquiry / research learning phase

This introductory phase will require students to gain a rapid 
orientation and understanding of the social listening plat-
form. The Brandwatch for Classrooms license includes an 
abundance of training videos that students should review to 
get an initial understanding of the core product features. It 
is also recommended that students complete the Brandwatch 
Foundations exam. This will test students’ understanding 
of the platform, and, if students get an exam score of 80 or 
above, they receive the Brandwatch Foundations Certifica-
tion which can be posted on their LinkedIn accounts (Brand-
watch 2021o).

Student groups should also be created as the project and 
student experience will be enhanced through regular peer-to-
peer and group-to-instructor collaboration. This also closely 
resembles the approach employees would use to perform 
SMA in the workplace.

The primary objective of this phase, given it utilizes an 
experiential learning approach, is to have student groups 
select a brand and associated competitors (possibly top 2 
competitors) that will be studied in the social media analysis. 
Students will also use initial high-level insights gathered in 
this phase to begin to formulate a set of project questions 
and hypotheses that will guide the design of the subsequent 
analysis plan (Yazici 2020).

Students can utilize the Brandwatch Search feature 
which provides an easy way to perform initial research on 
candidate companies for the project without writing com-
prehensive queries.

Instructors should review a variety of use cases for social 
media analytics to help students get a clear understanding 
of how the insights are often applied by organizations. Also, 
time should be devoted teaching students the art of craft-
ing empirical questions associated with different use cases 
and business objectives. (Siegel 2021). For example, a few 
empirical questions related to a competitor analysis use case 
could be subsequently answered using the SLP are:

• What types of audience segments are engaging with the 
competitor brands?

• Is the makeup of the engaged competitor audiences 
changing over time?

• Are the profile of competitor audiences significantly dif-
ferent than my brand’s target audience?

Creation / design learning phase

The primary goals in this second learning phase are to have 
the students design and create the analysis plan, perform 
data acquisition, and prepare the data for analysis (Yazici 
2020).

The analysis plan should describe how the empirical 
questions and hypotheses compiled in the prior phase will 
be analyzed and answered. The plan should include the type 
of social media data to be collected, the audience to be ana-
lyzed, the time period(s) to studied, the data categories/seg-
ments that need to be created to properly answer the analysis 
questions.

Students will use the Brandwatch Queries tool to write 
the Boolean logic that extracts the information to be used 
in the analysis. Students should be expected to test the pre-
cision of their query by analyzing a representative sample 
of the social media mentions that are extracted. This is an 
iterative process, switching between testing and query logic 
refinement. Also, students should leverage the image analyt-
ics capabilities of the platform and include brand logos and/
or image content in their query logic.

Students will also prepare the data for analysis in this 
phase. This will most likely include the development of new 
categories using the Brandwatch Categories and Rules fea-
tures. For example, students may want to create a category 
dimension that can be used later in the analysis phase that 
includes all of the product categories sold by the brands 
selected for the study.

Students should also be challenged to train a machine 
learning (ML) model to create a category dimension that 
would be difficult to categorize with simple keyword rules. 
For example, categorizing consumer mentions into different 
stages of the customer buying lifecycle would be difficult by 
using only selected keywords. Instead students can use the 
Brandwatch Custom Classifier ML tool to train a model to 
accurately classify mentions into the appropriate customer 
lifecycles. Figure 9 (labeled Fig. 2 in the Forrester Research 
report) highlights typical marketing objectives, tactics, and 
measurement metrics at each stage of the lifecycle (Liu 
2021). When students complete their SMA analysis, they 
should be asked to revisit these tactics and use their lifecy-
cle-level SMA insights to propose insight-driven, personal-
ized, social marketing tactics at each stage.

It is important to include readings and lectures on topics 
such as NLP (Hair Jr. et al. 2021) and image analytics (Shin 
et al. 2020) during this learning phase to provide a deeper 
understanding of the concepts and theories underlying these 
emerging technologies and their applications in a marketing 
environment.
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Analysis / implementation learning phase

The primary objective of the third learning phase is to per-
form a comprehensive data analysis that will likely include 
at a minimum data visualizations, descriptive statistics, audi-
ence segmentation, benchmarking, and trend analyses.

Students should use multiple Brandwatch Dashboard 
templates to conduct the comprehensive SMA analysis. For 
example, the analysis plan could include the following com-
ponents (Jamali 2020):

• Share of voice analysis (volume of mentions)
• Customer sentiment analysis (distribution of positive, 

neutral, and negative mentions)
• Trend analysis (summary of various metrics across time 

periods)
• Audience analysis (profile of target segments by demo-

graphics, location, interests, and professions)
• Image analysis (summary of content appearing in the 

image data)

• Content source analysis (analysis of most popular content 
channels/sources)

• Topic modeling (summary of most popular, trending, and 
fading topics)

• Influencer analysis (summary of top authors and corre-
sponding reach and impact scores)

What makes the analyses listed above even more mean-
ingful and capable of answering the empirical questions 
compiled in the inquiry/research learning phase is the uti-
lization of the category dimensions built in the creation/
design learning phase. For example, comparing the share 
of voice by each of the brands in the study is possible if 
students have built a brand category dimension. Also, evalu-
ating customer sentiment for each brand, across each stage 
of the customer lifecycle, is possible if students have built 
customer lifecycle and brand category dimensions.

During this phase, instructors should demonstrate how 
to use the social listening platform to perform multi-dimen-
sional analyses and explain how these can be crafted to 

Fig. 9  Social marketing objec-
tives follow the customer 
lifecycle
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directly answer the empirical questions established in the 
analysis plan.

Interpretation / evaluation learning phase

The primary objective of the final learning phase is to inter-
pret the analysis results, clearly communicate the results to 
a diverse audience, and translate the knowledge into action-
able business recommendations (Yazici 2020; Jaggia et al. 
2020).

This final phase emphasizes the development of data 
storytelling skills. “Data storytelling refers to crafting and 
delivering compelling data-driven stories to decision makers 
for the purpose of converting insights into actions” (Jag-
gia et al. 2020). This requires the development of comple-
mentary skills in data analysis, data visualization, and the 
development of a compelling narrative (Jaggia et al. 2020). 
The data visualization should incorporate contrast such as 
size, color, and shape to make it easier for the audience to 
interpret and consume the information. The narrative should 
“ensure clear meaning” through the use of concise, unam-
biguous headlines, descriptive subtitles that clearly summa-
rize the key insight(s), and visual cues and annotations that 
direct the audience to important data points (Hartman 2020).

Students can use the Brandwatch Report features that 
enable the export of dashboard visualizations and descriptive 
statistics. However, students should be challenged to create a 
complete report and supporting presentation that includes all 
of the data storytelling elements described above.

Instructors should incorporate readings, lectures, and 
exercises that clearly demonstrate the process and the steps 
involved in developing compelling stories with data.

This type of experiential project also provides an excel-
lent opportunity to discuss possible ethical issues related to 
consumer data collection and the use of analytics. Social 
listening platforms showcase the breadth of data that can be 
captured on consumers. Used appropriately, this data can 
provide positive outcomes for consumers and businesses, 
by fueling customer-centric product innovation that drives 
business growth. However, if it is misused, intentionally or 
unintentionally, it can have harmful results.

For example, what are the reasonable bounds of using 
social media data and analytics in an attempt to influence 
behaviors? (LeClair 2018). The Facebook/Cambridge Ana-
lytica scandal that was exposed in 2018 is an example of 
a data breach that is estimated to have affected 50 million 
Facebook users that did not know their profile data was har-
vested to support targeted political campaigns (Confessore 
2018). Also, how can we ensure that the data collected are 
not biased, potentially leading to misleading analysis find-
ings and misguided applications of the insights (Hair Jr. 
et al. 2021)? These are critical issues, and it is appropriate 
to challenge students to regularly reflect on the appropriate 

and inappropriate use of consumer data. It is also an oppor-
tunity for the instructor to inspire and empower students 
to use ethical and socially responsible data collection and 
analytic practices when they enter the workforce.

Brief statement on classroom project assessment

Project-based learning approaches often adopt a project 
management assessment methodology. That is, individual 
students and student group progress is evaluated using a 
variety of assessment metrics at each of the four learning 
phases, and then a full project assessment is incorporated at 
the completion of the project (Yazici 2020).

The project described in this article provides the oppor-
tunity for student assessment across many important skill 
development areas such as: problem solving, critical think-
ing, logical query development, analysis and data synthesis, 
data storytelling and communication, oral presentations, and 
teamwork/collaboration (Yazici 2020).

Conclusion

Usage of social media platforms continues to increase at a 
rapid pace with over 50% of the global population actively 
using one or more platforms for commerce, socializing, 
entertainment, education, and more (DataReportal 2021). 
A brief summary of 2020 per minute engagement rates on 
selected social media platforms illustrates the incredible 
scale of social media and online usage: 347,222 Instagram 
users post stories every minute, 147,000 Facebook users 
upload photos (per minute), 138,889 Instagram users click 
business ads (per minute), YouTube users upload 500 h of 
video (per minute), 69,444 LinkedIn users apply for jobs 
(per minute), consumers spend $1,000,000 online (per min-
ute), and Amazon ships 6659 packages every minute (Domo 
2020).

Given this extreme level of consumer activity on social 
media platforms that was only heightened during the 
COVID-19 pandemic, it is not surprising that the business 
community is aggressively looking for opportunities to mine 
social media data and use the insights to inform business and 
marketing decision making. Many businesses are investing 
in social media analysts and social listening platforms (SLP) 
to support their data collection and analytics needs.

These rapid advancements in marketing practices and 
analytic technologies create significant ongoing chal-
lenges for educators and marketing researchers that require 
“greater multidisciplinary collaborations across the mar-
keting, information technology, and strategy domains” 
(Grewal et  al. 2020). The Brandwatch for Classrooms 
license agreement gives educational institutions the ability 
to integrate the Brandwatch Consumer Research platform 
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into relevant courses such as marketing, analytics, social 
media, market research, branding, and business strategy at 
a compelling price point. For educators seeking opportu-
nities to enrich their courses with additional experiential 
learning experiences, the Brandwatch platform provides 
students with real-time access to conversations on any 
topic, brand, or person they wish to research using data 
from over 100 million different sites (Brandwatch 2021p).

The Brandwatch platform gives educators and students 
access to a comprehensive suite of tools to perform each 
phase (discovery, tracking, preparation, analysis, deploy-
ment) of social media analytics. This is a key considera-
tion when selecting a SLP to use in the classroom. Educa-
tors have limited time in a semester to introduce and train 
students on new analytic tools; therefore, the selection of a 
SLP that can perform all SMA tasks provides efficiencies, 
requiring shorter training ramp-up times compared to a 
multi-tool approach to performing social media analytics.

Another important consideration is the availability of 
platform documentation and training resources. Students 
should be able to use a self-directed approach for platform 
onboarding and training. This requires access to training 
videos, detailed product/feature documentation, exams 
and exercises to assess student knowledge, and well-
written case studies to showcase how social media ana-
lytical insights can be applied across different use cases. 
The Brandwatch Help Center provides access to each of 
these resources and offers a professional certification that 
is highly valued by students and employers.

Beyond the technological challenges, teaching topics 
in social media analytics are subject to fast-pace change 
that also present pedagogical challenges. The expectation 
from students and the business community are application-
focused courses that emphasize the development of techni-
cal skills over marketing theory (Muñoz and Wood 2015). 
It is critical to include a “theoretical and practical balance” 
in the course design. Developing technical skills is impor-
tant, but it is equally important to integrate marketing con-
cepts and theories into the course design (Duffy and Ney 
2015; Muñoz and Wood 2015). The ultimate goal is to 
develop “transferable skills” that allow students to apply 
the marketing concepts, regardless of the specific analytic 
platform they utilized in the classroom (Kim 2019).

The four phase project-based learning methodology 
described in this article is designed with this theoreti-
cal and practical balance in mind. The technology ena-
bles the efficient completion of the social media analytic 
steps, however the higher-level learning objective is to 
teach students how to confidently and comprehensively 
use social media data to develop insight-driven, customer-
centric, marketing strategies that are informed by the self-
identified needs and preferences of consumers (Kim 2019).
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