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Abstract

Renewed interest in gender-sensitive studies focussing on fashion brands marketing communications across diverse cultures
and generational cohorts of consumers has heightened the need for uniqueness when developing marketing strategies for
fashion brands in both domestic and international markets. Following that, we surveyed 1,329 Sub-Saharan African female
Instagram users to investigate the mediating role of consumer satisfaction concerning the relationships between perceived
usefulness, enjoyment and intentions to follow and recommend brands’ Instagram accounts and their invariance across three
generations. We tested hypotheses using the Partial-Least-Squares Structural Equation Modelling and conducted emotion
and sentiment analyses. We found that satisfaction fully translates the positivity of usefulness and enjoyments into higher
intention to follow and recommend amongst the female Instagram users surveyed. Usefulness effects on satisfaction are
more intense amongst Generation X. However, Generation Z developed a stronger intention to follow. Generations Y and
Z are more likely to recommend than Generation X based on a positive experience. Satisfaction is a stronger transmitter of
usefulness indirect effects onto following intentions amongst Generation X than its descendants who express intention to
recommend due to indirect enjoyment effects conveyed via satisfaction. Finally, sentiment and emotion analyses of the users’
comments were reported using a natural language-processing method.
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Introduction

Social media platforms are increasingly used by individuals,
both young and old, as a means of interacting with others.
A significant number of people now use online platforms to
obtain or convey information. Social media platforms are
described as web-based services that enable individuals to
build a public profile within a bordered system, articulate a
catalogue of other users whom they have a shared connec-
tion with, and view and navigate through their list of con-
nections (Boyd and Ellison 2007). Consumers are spending
more and more time on social media platforms—an increas-
ing share of communication occurs within these new social
network environments (We Are Social, DataReportal et al
2021). Within this perspective, social media platforms,
e.g. Facebook, Twitter and Instagram, have become part
of people’s daily lives. Instagram was created in 2010 and
has rapidly risen to prominence due to extensive usage and
popularity, especially amongst young people, where more
than half the worldwide population of Instagram is 34 years
of age or younger (Statista 2020).

The use of social media is not a recent phenomenon. Its
widespread use in marketing has seen social media used to
improve marketing communications in marketing strategy
development (Hassan et al. 2015), in managing business-to-
business relationships (Pascucci et al. 2018), and to identify
the business value (Olanrewaju et al. 2020; Stockdale et al.
2012). Social media allows brands to connect with custom-
ers promptly, directly, with lower cost and higher efficiency
than other traditional communication tools (Hassan et al.
2015). Social media products range from instant messag-
ing to social media platforms that provide users with the
means to communicate, connect and interact with each other
and their mutual friends (Quesenberry 2020). Social media
applications are intended to generate, initiate and spread new
and evolving online information sources concerning users’
experiences of using products, brands, services and/or issues
by allowing them to upload on social media sites (Bianchi
2021; Tuten 2020). Despite this, scholars have reported a
dearth of traditional theoretical viewpoints on the use of
social media as a marketing tool (Alalwan et al. 2017). Even
fewer studies have addressed generational differences in the
use of social media marketing (Calvo-Porral and Pesqueira-
Sanchez 2019).

Instagram is currently one of the fastest-growing online
social media platforms and currently is home to more than
1.2 billion users—ranking 5th after Facebook, YouTube,
WhatsApp and Facebook Messenger (We Are Social, Hoot-
suite et al. 2021). It is a platform where products are on
display in audio and video forms. Studies showed that the
rate at which people visit Instagram has increased com-
pared to other similar social media platforms (Djafarova
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and Rushworth 2017). Businesses use Instagram due to the
unique features (e.g. visual attractiveness and global popu-
larity) that Instagram introduced in 2016. Accordingly, many
companies started to switch their Instagram accounts from
a personal profile to a business profile. This online mobile
photograph-sharing application enables its users either pub-
licly or privately, to share images and videos. Also, the con-
tent distribution on Instagram can be simultaneously cross-
shared through various linked social media sites, including
Facebook, Twitter and Tumblr.

A critical function of Instagram enables the use of a con-
tact button feature to allow potential users or followers to
reach them quickly and even add links to Instagram stories.
These stories may be in the form of photographs or videos
and appear for 24 h after they are posted. Instagram can
also be used to make creative stories in the form of tutorials
about the possible uses of the products; the platform can also
inform consumers about sales and giveaways.

In Nigeria, Instagram ranks third coming after Facebook
and WhatsApp—with a penetration rate equal to 25%. Fur-
ther, 53% of social media users in Nigeria are Instagram
users, of which the majority (60%) are male (Statista 2019b),
aged between 18 and 34 years (70%) (Statista 2019a). These
statistics provide a fertile ground for research into how
brands can use the rapidly growing popularity of Instagram
in Nigeria to grow their follower base. Further, research on
micro-businesses in Nigeria reveals they are proliferating,
representing 99 per cent of micro, small and medium enter-
prises (Kale 2019) and are increasingly using digital market-
ing as part of their business strategy (Eze et al. 2020). From
an individual perspective, recent research suggests that one
of the top digital marketing trends in Nigeria for 2019 is 17
million active mobile social users implying potential busi-
ness opportunities to explore customers with mobile market-
ing using mobile advertising since 50 per cent of Nigeria’s
population use smartphones (Mkwizu Kezia 2019). How-
ever, these statistics showing Instagram users being predom-
inantly the youth indicate that there are left-behind sections
of society (older people) whose engagement with these latest
technologies has been understudied although they are being
a significant proportion of the market that companies target.

Despite the academic interest, little attention has been
given to the use of Instagram and its relationship to brand
followers (Casal6 et al. 2017), particularly for female users
in Africa. In that respect, our study fills a significant gap in
generational inclusiveness in the digital marketplace (Ameen
et al. 2021).

We adopt Ameen et al.’s (2021) assertion that, compared
to millennials, Generation Z consumers are more likely to
display different behavioural patterns when interacting with
cutting-edge technologies. However, a solid understand-
ing of differences in these generations’ expectations and
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interaction with various cutting-edge technologies is still
lacking (Ameen et al. 2021).

This study focuses on females due to the gender gap
in digital use in Nigeria, which is biased towards males.
Research has demonstrated gender differences in decision
making by suggesting that women make more disadvan-
tageous risk decisions than men (Villanueva-Moya and
Exp6sito 2021). Our study, therefore, builds on the previous
work and model of Casal6 et al. (2017). This prompts our
central research question: To what extent are there genera-
tional differences in Instagram usage between Generations
X, Y and Z of female users?

Extant literature on social media usage shows evidence of
significant differences amongst different generations regard-
ing social media usage (e.g. Calvo-Porral and Pesqueira-
Sanchez 2019). Accordingly, the primary purpose of this
study is to examine the moderating role of generational
differences on a path model linking Instagram users’ per-
ceived usefulness and enjoyment of fashion brands’ Insta-
gram accounts to the intention to follow and recommend
such accounts via satisfaction, amongst a sample of female
Instagram users in Nigeria.

Literature review and hypotheses

Instagram has been a subject of interest to both practitioners
and scholars (De Veirman et al. 2017), primarily because it
is a fast-growing platform where organisations can adver-
tise their products. From a branding perspective, consumers
have more significant interaction with brands on Instagram
compared to other platforms (Serafinelli 2018). Instagram
signifies a viable social media platform for a wide range of
consumer brands interested in boosting their reach to Ins-
tagram users (Sashittal and Jassawalla 2020). Increasingly,
celebrities, artists and radio stations seal informal arrange-
ments that include advertising and branding via Instagram
(Ferguson and Greer 2018). This influences individuals’ atti-
tude towards visiting a brand t account. Once their followers
are aware of their product acceptance through usage, they
are bound to visit the Instagram account (McCormick 2016).

Using social media allows brand owners to promote and
create public awareness of their brand (Kamboj & Rahman,
2016). Social media popularity has influenced brand owners
to engage in consumer marketing strategy. This is a form of
engagement where brand owners take advantage of positive
comments made about their brand on Instagram to market
to would-be users of their brand. The value of social media
platforms such as Instagram allows consumers to improve
brand awareness, influence brand image and state their pref-
erences for specific brands. Social media websites can be a
source of social influence as consumers may embark on the
perception and judgement of others in consumer decision

making (Djafarova and Rushworth 2017; Lee et al. 2018;
Ruiz-Mafe et al. 2018). From a marketing perspective, social
behaviour and how consumers think have traditionally been
disseminated by media such as television, radio, newspapers
and magazines. However, social media has begun to replace
traditional media’s enduring and influential role on the con-
sumer (Duffett Rodney 2017).

Previous research in this domain has focussed on con-
sumers’ interactive behaviour rather than how it influences
users’ intention to recommend and follow the official Ins-
tagram account (Casal6 et al. 2016a, 2016b, 2017). Inten-
tion to recommend is perceived as significant in marketing
because it does not lead to the actual purchase. It provides
additional cues as to the customer preferences and route to
a network of potential customers (Chang et al. 2017; Ha and
Im 2012). Further, extant research work is based on how
Instagram account owners present their message on the plat-
form rather than the customer’s perceived attitude towards
using the brand account.

Perceived usefulness can be defined as the extent to
which a technology can meet the desired needs of the user
in achieving its set goals (Davis 1989) and shows that a
user’s perceptions about the potential benefits of using a
technology engender a positive effect towards that technol-
ogy (Davis et al. 1992). As a multidimensional construct,
perceived usefulness has previously been examined to under-
stand repurchase intentions (e.g. Moslehpour et al. 2018),
mobile banking adoption (e.g. Giovanis et al. 2019), repur-
chase intentions via mobile commerce (e.g. Chi 2018) and
online customer reviews (e.g. Felbermayr and Nanopoulos
2016). As such, perceived usefulness attributes intuitively
apply to a social media context.

In the context of social media platforms, perceived use-
fulness occurs when the user finds the information on the
Instagram account useful to make specific decisions (Basak
and Calisir 2015). The usefulness of an Instagram account
is instrumental in determining the levels of user satisfac-
tion with the social media account (Alhabash and Ma 2017,
Huang and Su 2018; Oliver 1981). As the information pre-
sented on Instagram is very diverse, people will show inter-
est in an Instagram account and develop satisfaction based
on the type and usefulness of the information accessed.
Therefore, we hypothesise the following.

H1 Perceived usefulness of an Instagram account positively
affects users’ satisfaction with using the platform.

Perceived enjoyment, according to Casald et al. (2017),
represents the degree of pleasure or entertainment that a con-
sumer derives from using goods or services. For example, if
a consumer recognises the entertainment value of a social
media account, it is reasonable that such a user would derive
enjoyment from its use. Therefore, perceived enjoyment is
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a positive feeling that a consumer might experience when
using new technologies (Cheah et al. 2020; Nayal and Pan-
dey 2020; Van der Heijden 2004). Consumers are motivated
when they find the time spent on a social media platform
relaxing and as a way of managing boredom (Lee and Ma
2012). Perceived enjoyment is described as an outcome of
an activity that a user engaged in at the end of a hard day’s
work to relax, meet with friends as well as share information
(Lee and Ma 2012; Tuten 2020). For customers’ continuous
enjoyment on Instagram, the platform must continue to offer
exciting and enjoyable activities that meet their desires (Seol
et al. 2016). Thus, in the process of searching for informa-
tion, consumers may also listen to and enjoy music.

Occasionally, brand owners may decide to post useful
information on their account that does not relate to their
product but assume to be useful information to the follow-
ers and users of the account (Tuten 2020). For example, the
brand owner may decide to identify with new developments
or breaking news related to burning issues in the global
arena, which may be of immense interest to the account
user. It may also provide information on the corporate social
responsibility activities they have been part of in both audio
and pictorial forms. These aspects influence the attitude of
the users towards the brand account.

Apparel products brands use Instagram to showcase
their exquisite fabrics worn by models. When people scroll
through the account, they are expected to enjoy the visuals
presented to them as they give the users ideas about what
to wear (Jin and Ryu 2020). When there is consistency in
the content they provide, people will derive a higher degree
of enjoyment, and there is a greater chance that people
elect to follow the Instagram account (Casal6 et al. 2017).
Another factor that can cause perceived enjoyment that
would encourage people to follow is how Instagram posts
are arranged on an account. People are usually drawn to
creatively styled Instagram accounts or even simple, classic
looks with colours matching but not clashing (Manovich
2016). This leads us to hypothesise:

H2 Perceived enjoyment of an Instagram account positively
affects users’ satisfaction from visiting that account.

Satisfaction can be significantly related to their intention
of adopting the reviews shared by an online travel group
when making their travel plans. Similarly, Instagram users
satisfied with an apparel brand are expected to become fol-
lowers of that brand’s Instagram account (Casal6 et al. 2017)
and start engaging with it online. An example of such an
engagement is seeing or being notified of the updates that
the brand releases via Instagram. Further, satisfied users are
expected to exchange values with the Instagram account
by compensating the account for their positive experience
and satisfaction using the account. Predominantly that can
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be embodied in the users’ intention of recommending the
account to their circles. This aligns with the Planned Behav-
iour Theory (PBT). In his view of PBT (Ajzen 1991; Casal6
et al. 2016b), Ajzen (1991) argued that three key aspects
determine intention towards a particular behaviour. The
first centres on personal attitude towards the behaviour, i.e.
the extent to which an individual has a positive or negative
assessment of reality. The second concerns the perceived
social pressure to adopt that behaviour, e.g. the expectations
of an individual’s family and social networks regarding the
desirability of becoming a customer. The third element cen-
tres on apparent self-efficacy, which derives from the poten-
tial to become a customer. We, therefore, hypothesise that:

H3 Users’ satisfaction with an Instagram fashion account
positively affects users’ intention to follow that account.

Due to limiting the mental processing capacity that they
allot to making choices about their purchases, consumers
look for ways to simplify their decision making (Van Der
Merwe and Van Heerden 2009). Social media platforms
allow consumers to exchange opinions and brand preferences
(Araujo and Neijens 2012). The primary source of electronic
word of mouth is opinion leaders (Shi and Wojnicki 2014).
The concept of opinion leadership refers to an individual’s
ability to influence a social network. In the absence of online
opinion leaders, consumers will revert to heuristics to deter-
mine which account(s) to follow on a social media platform
(Nunes et al. 2018). One such heuristic is satisfaction. Cus-
tomer satisfaction is an antecedent of positive word of mouth
or recommendation (Tran and Strutton 2020). Accordingly,
we posit:

H4 Users’ satisfaction with an Instagram fashion account
positively affects users’ intention of recommending that
account to other Instagram users.

In this study, the users of an apparel official Instagram
account will always be moved to continue to visit the
account as an outcome of their satisfaction if the owner of
the account uploads new fabrics and provides information on
how such fabrics can be used for different styles. Presenting
their offering may be in musical form—a situation where the
Instagram account owner plays the music of a famous art-
ist when presenting their product. Once an individual finds
the use of an Instagram account useful or enjoyable, it is
hypothesised that the user will be satisfied and hence will
follow and recommend the account. An individual can either
enjoy the look of an Instagram account, a product previously
gotten from that Instagram account or even the service pro-
vided through that Instagram account. When that occurs,
the individual is encouraged to order more products, follow
the account if they were previously unsure about following
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and recommending the Instagram account to other people,
including family, friends and colleagues. Besides, posting
fun videos showing how to use a product can influence peo-
ple to recommend the account because whilst they enjoy it,
they may be reminded of someone who may need the tutorial
video and send it to that person, thereby indirectly recom-
mending that Instagram account.

According to Alhabash and Ma (2017), in the case of
purchasing apparel brands on Instagram, users must have
found the Instagram brand account useful in terms of brand
presentation and quality of pictures uploaded regularly to
find new things that will stimulate their interest each time
they visit the account. Users will find an Instagram brand
account useful if the information available on the account is
accurate, reliable, relevant, timely and detailed (Seol et al.
2016). Similar perceptions are formed when the users expe-
rience good customer service, such as receiving polite and
prompt responses to questions asked or even receiving the
same quality of the ordered product through the Instagram
account. Such experiences signify that users find an Insta-
gram account useful when it meets all their expectations
and, as such, will be willing to follow and more likely to
recommend the account to others.

The extent of perceived usefulness is derived from the
brand account is related to the extent to which such a brand
account will be recommended. Because of an online brand’s
usefulness, an endogenous attitude is formed, and consumer
confidence to follow or recommend the site will increase
(Alhabash and Ma 2017; Huang and Su 2018; Oliver 1981).
Individuals who particularly enjoy viewing accounts would
probably follow the account so that they can keep enjoying
the posts being shown. Essentially, it is presumed that there
is a positive indirect relationship, via satisfaction, between
perceived satisfiers (i.e. usefulness and enjoyment) and the
users’ intentions to become followers of and recommend
the Instagram account. Both usefulness and enjoyment of a
brand’s Instagram account are expected to positively affect
the users’ intention to recommend the account. In this case,
the social network site signifies an idyllic tool used to cre-
ate, share and recommend the content uploaded in a brand
industry to other users interested in the content. Casal¢ et al.
(2017) indicate that the level of users’ satisfaction created
due to the usefulness and enjoyment during their visit to
an Instagram account would lead to their willingness to
follow the site and possibly their engagement in spreading
positive word of mouth. This is consistent with the theory
of planned behaviour (PBT)—(Ajzen 1991; Casal¢ et al.
2016b). Accordingly, we hypothesise that:

H5: Users’ satisfaction with a fashion apparel brand on
Instagram mediates the path from perceived usefulness to
users’ intention to follow the brand and intention to recom-
mend the brand to other consumers.

The advent of social media has opened the door for a new
generation of consumers that are far savvier and expect to
participate (i.e. interact with products) by providing their
experience to other consumers (Kotler et al. 2021). In light
of this, we extend the theory and findings posited by Casald
et al. (2016b) and Ajzen (1991), we also posit:

H6: Users’ satisfaction with a fashion apparel brand on
Instagram mediates the path from perceived entertainment
to users’ intention to follow and intention to recommend the
brand to other consumers.

Mahmoud, Fuxman, et al. (2020) define a generation as a
group of born individuals within one range of birth years and
infers that the generational disparity is about how similar-
aged cohorts connect things, people and experiences. People
of the same generation share and experience similar histori-
cal, social and cultural events that influence the development
of their attitudes and values (Mahmoud, Reisel, et al. 2020).
Previous research brings to light that generational cohorts
report many variations in values and characteristics amongst
each other, and that can impact the homogeneity of the atti-
tudes and behaviours across generations (Mahmoud, Fux-
man, et al. 2020). Recently, there has been renewed interest
in investigating the moderating role generation on individu-
als’ attitudes and behaviours towards technology and social
media networks. For example, Calvo-Porral and Pesqueira-
Sanchez (2019) found that Generation Y often uses Face-
book for entertainment and hedonic purposes, whilst Gen-
eration X is mainly motivated by practical and knowledge
quest. Recent evidence suggests that generational cohorts
are conceptualised as moderators of hypothetical models in
the social and behavioural science arena (e.g. Mahmoud,
Reisel, et al. 2020). Moreover, that extends to investigations
on the interaction with community-based social media like
Facebook (e.g. Calvo-Porral and Pesqueira-Sanchez 2019)
and, thus, Instagram. This leads us to hypothesise:

H7: Users’ generation moderates the path from useful-
ness and entertainment to intention to follow the brand on
Instagram through satisfaction

To understand the path from usefulness and entertain-
ment to recommending the brand on Instagram through sat-
isfaction, we again draw on the works of Calvo-Porral and
Pesqueira-Sanchez (2019) and hypothesise:

HS: Users’ generation moderates the path from usefulness
and entertainment to recommend the brand on Instagram
through satisfaction

Figure 1 shows the conceptual model, which illustrates
H1-H8. Finally, we hypothesise four additional paths, i.e.
usefulness to intention to follow; usefulness to intention to
recommend as well as enjoyment to intention to follow and
enjoyment to intention to recommend, in order to determine
whether the mediations, if statistically evidenced, are full or
partial (Baron and Kenny 1986; Carrién et al. 2017).
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Fig. 1 Conceptual model

Beliefs

Methods

This study surveyed consumers who visited the website
account of a fashion company with various innovative
designs. The company is a leading Africa brand that special-
ises in African fabrics, hand-woven materials and bespoke
clothing. The brand started operation in 1988 by joining an
existing family business with a view to expanding the com-
pany to cover more contemporary design in the ever-devel-
oping and cosmopolitan high-brow society. At the time of
conducting this study, the clothing brand had about 195,000
followers on its Instagram account with a similar presence
on other social media sites.

Primary data were collected via an online questionnaire
in 2019. It was administered to a convenience sample of
1,900 participants who visited the apparel brand account
for fashion information as well as Instagram users who were
aware of the brand account. Instagram was chosen as the
online social media platform due to its popularity amongst
young adults (Phua et al. 2017). A convenience snowball
sampling method was utilised, and the respondents were
approached through email and text messages. As this was
through a snowball sampling process, in order to comply
with the General Data Protection Regulation (GDPR), the
researchers asked the first contacts to forward our contact
email to people in their networks that might be willing to
take part in the study; those needed to indicate a willing-
ness by clicking on I wish to participate icon which sends
an email to the surveyors who then contacted the poten-
tial respondents with fuller details of the study. They were
informed ahead of the survey to determine their familiarity
with the brand’s Instagram account. Convenience snowball
sampling was used because it would help us approach fol-
lowers of the Instagram account with a substantial size of
each generational cohort (Malhotra et al. 2017).

The survey used measures of usefulness, enjoyment, sat-
isfaction and intention to recommend Instagram accounts
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H7 & H8

Generation

Intent to
follow

Satisfaction

Intent to
recommend

Attitude

- Behavioural Intentions

adapted from Casal6 et al. (2017). A total of 1329 respond-
ents participated in the online survey. Thus, the study has a
response rate of 70% of 1900 respondents initially proposed
for the study. Consent to participate in the study was pre-
sented at the beginning of the survey. Since the survey was
conducted online, the signatures of the participants were not
obtained. In an introductory note in the questionnaire, we
promised all participants the confidentiality and anonymity
of their responses. To eliminate cases with missing data,
we marked all of the questions as “Required”. However,
throughout the surveying process, all of the respondents
were made aware of the aim and procedures of the research.
They were permitted to ask questions, to raise issues about
the survey, or withdraw from the study at any time. Thus,
the procedure aimed for the avoidance of missing data rather
than “forcing” the participants to respond. Also, our survey
did not tap into personally sensitive questions (Sischka et al.
2020). Therefore, we argue that the low dropout rate (Stieger
et al. 2007) represented by the high response rate of our
survey (70%) indicates that slight bias was associated with
the force answering (FA) in the current study. Finally, online
surveys are less susceptible to socially desirable responding
(Gnambs and Kaspar 2015) because respondents do not have
to share sensitive data in front of an interviewer (Sischka
et al. 2020).

Overall, it took about 5—7 min to answer the question-
naire. All the responses collected were found usable for the
analysis. We analysed non-response bias by comparing the
earliest 50 respondents’ scores with the latest fifty’s (assum-
ing late respondent behave the same as non-respondents)
utilising an independent-sample ¢ test. All results yielded
non-significant differences suggesting little non-response
bias (Mahmoud and Grigoriou 2019). Most of the sample
were Millennials (38%), highly educated (62%) and students
or paid workers (71%). “Appendix 1” demonstrates the con-
structs’ descriptive statistics for the whole sample as well as
for each generation.
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Table 1 Non-response bias test

Construct Item t P
Perceived Enjoyment Visiting this Instagram account entertains me and stimulates my mind 0.77 0.442
This Instagram account is funny and pleasant 1.14 0.257
I have great enjoyment when visiting this Instagram account 0.24 0.811
Perceived Usefulness Visiting this Instagram account helps me get suggestions about clothing 1.02 0.308
Visiting this Instagram account helps me get new ideas about fashion 0.15 0.884
In general, visiting this Instagram account is useful 0.58 0.565
Intention to Recommend I would likely recommend this Instagram account to friends and relatives interested in fashion 0.49 0.628
I would seldom miss an opportunity to tell others interested in fashion about this Instagram 1.34 0.184
account on social networking sites
I would probably say positive things about this Instagram account on social networking sites 0.16 0.871
Satisfaction Overall, I'm satisfied with my experience with this Instagram account 0.64 0.526
Overall, I feel excited about visiting 0.22 0.828
Intention to Follow I predict that I will keep following this Instagram account 0.58 0.565
I will continue to look for new content published on this Instagram account 0.86 0.393

Table 2 Outer loadings, VIFs,

N o Item Enjoyment Intentions to Follow Intentions to Usefulness Satisfaction VIF

construct reliability and validity Recommend

and descriptive statistics
enjol 0.732 2.535
enj02 0.932 2.865
enj03 0.886 2.423
ifO1 0.845 1.767
if02 0.779 1.767
ir01 0.761 1.523
ir02 0.77 1.523
usfOl 0.749 1.639
usf02 0.834 2.606
satO1 0.740 1.515
sat02 0.788 1.515
CR 0.889 0.796 0.739 0.836 0.737
AVE 0.730 0.661 0.586 0.724 0.584
Mean 5.07 4.67 4.36 4.32 4.98
SD 1.40 1.21 1.19 1.55 1.33
t 27.89%%* 20.273%* 11.09%* 7.467%%* 27.00%*
df 1328 1328 1328 1328 1328
##P <001

Measures and procedure

Our study focussed on three generations. In that regard,
we used the cut-offs identified in the influential demo-
graphic research of Coupland (1991), Inglehart (1997)
and Mahmoud, Fuxman, et al. (2020). They classify the
generations as: Generation X (1965-1981), Generation Y
(1982-1999) and Generation Z (2000-2012). Since our data
were collected in 2019, participants aged between 38 and
56 years were deemed Gen X, between 20 and 38 years, Gen
Y and 19 or younger, Gen Z.

All the multi-item measures (see Table 1) in this study
were reflective and assessed on a 7-point Likert scale
(1 =strongly disagree and 7 = strongly agree). Table 2 shows
that all the constructs had average variance extracted (herein
AVESs) higher than 0.5, CRs between 0.7 and 0.9 (Hair et al.
2017) and variance inflation factor (herein VIF) values less
than 3. We calculated the heterotrait—-monotrait ratio of cor-
relations (HTMT)—(see Table 3). Our results show values
of less than 1. This analysis suggests that all the measures
used in the study satisfied the quality criteria of discriminant
validity, construct reliability and convergent validity. Before
proceeding with the path and multigroup analyses using a
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Table 3 Discriminant validity
test (HTMT)

Enjoyment Intentions to Intentions to Rec-  Satisfaction
Follow ommend

Intentions to Follow
Intentions to Recommend
Satisfaction

Usefulness

0.812

0.854 0.854

0.705 0.639 0.627

0.719 0.715 0.808 0.738

Table 4 Inner VIFs values

Usefulness Enjoyment Satisfaction Intentions to Intentions to

Follow Recommend

Enjoyment 2.977
Intentions to Follow 2.062
Intentions to Recommend 1.958
Satisfaction 3.051

Intentions to Follow
Intentions to Recommend
Satisfaction

Usefulness

Enjoyment

Intentions to Follow
Intentions to Recommend
Usefulness

Enjoyment

Intentions to Recommend
Satisfaction

Usefulness

Enjoyment

Intentions to Follow
Satisfaction

Usefulness

1.84
1.849
2.247
2.462
2.396
1.972
2.015
2.042
1.962
1.812
1.007
1.494
2.014
1.883
1.022
1.493

PLS-SEM approach via SmartPLS 3 (Ringle et al. 2015),
we ran common-method bias (herein, CMB) tests, which are
needed when using perceptual, self-report measures from a
single survey (Podsakoff et al. 2003). The inner VIFs values
(see Table 4) were all less than 3.3 (Kock 2015). Thus, there
were no CMB concerns detected.

We scraped Instagram users’ comments on the posts of
the account shared during the time the participants were
being surveyed. We used the scrapped data to conduct
both emotional and sentimental analyses to determine the
emotions as well as the overall sentiments triggered by the
posts. Sentiment analysis signifies an alternative technique
adept at triangulating quantitative methods through innova-
tive real-time data collection and analysis (Rambocas and
Gama 2013)—making more sense of the quantitative find-
ings. We used “Instagram Scraper” developed by Hejlek
(2019) to extract the account followers’ comments. The

¥

crawling process returned 1,814 comments. We utilised
Python 3.8.4 to perform emotion and sentimental analy-
ses. We used “demoji” package to find and replace emojis
within text strings, the Natural Language Toolkit (NLTK) to
tokenise words and analyse the sentiments (Bird et al. 2009),
and National Research Council Canada (NRC) Lexicons
(NRCLex) to determine emotional affect from the scrapped
text (Bailey 2019). Sentiment scores outwardly portray an
objective means of evaluating the attitudes of social media
users (Puschmann and Powell 2018). In this respect, running
our code several times on the same scrapped data returned
the same results, which implies our tool’s reliability. Further,
we argue that using open-source packages and libraries that
are constantly developed and improved by experts in the
field would substantiate the results validity of our sentiment
and emotion analyses. “Appendix 2" shows the code we built
to run both sentiment and emotion analyses.
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Tgble 5 Hypotheses testing- Hypothesis Path B t 12 Decision
direct effects
HI Usefulness — Satisfaction 0.375%* 5568 >0.20** Supported
H2 Enjoyment — Satisfaction 0.437**  7.894 >0.20%* Supported
H3 Satisfaction — Intentions to Follow 0.612** 15.731 >0.50** Supported
H4 Satisfaction — Intentions to Recommend  0.608** 14.479 >0.50** Supported
Additional path  Enjoyment — Intentions to Recommend ~ 0.152%* 2.565 0.068™  Unsupported
Additional path  Usefulness — Intentions to Recommend ~ 0.103" 1.638 0.023"  Unsupported
Additional path  Enjoyment — Intentions to Follow 0.076™ 1.370  0.013™  Unsupported
Additional path  Usefulness — Intentions to Follow 0.271* 3.380 0.111"  Unsupported
**P <.001; *P <.05; NSnon-significant
jl'ab.le 6 Hypotheses testing- Hypothesis Path B STDEV t
indirect effects
H5 Usefulness — Satisfaction — Intentions to Recommend 0.229%%* 0.048 4.743
Usefulness — Satisfaction — Intentions to Follow 0.23%%* 0.047 4.92
H6 Enjoyment — Satisfaction — Intentions to Recommend 0.266** 0.038 7.08
Enjoyment — Satisfaction — Intentions to Follow 0.268%** 0.039 6.894

**P<.001

Results

We examined our hypotheses employing a PLS-SEM
method. PLS-SEM has obtained more academic favour-
ability when testing predictive models (Hair et al.
2014; Mahmoud, Reisel, et al. 2021). Also, most data are
likely to violate the premise of multivariate normality
(Mahmoud, Hack-polay, et al. 2020). Therefore, the PLS-
SEM approach has been recognised as a feasible option for
empirical investigations where data are sensitive to non-
normality matters (Hair et al. 2017). In addition, PLS-SEM
is receiving more recognition and implementation in brand
management and marketing research (e.g. Akbar and Wymer
2017; Davies et al. 2021; Iyer et al. 2018; Mahmoud, Gri-
goriou, et al. 2020).

We ran a path evaluation followed by multigroup analysis
(MGA), building on standardised betas (p: for direct effects),
unstandardised betas (B: for indirect effects) and the cor-
responding 7-values by using the bootstrapping method,
PLSpredict to assess out-of-sample prediction and f* to deter-
mine effect sizes (Hair et al. 2019). Further, SRMR was used
to evaluate the model fit to our data (Henseler et al. 2014).

We performed Consistent PLS Algorithm, followed by
Consistent PLS Bootstrapping run at 5,000 sub-samples
(Preacher and Hayes 2008). Consequently, we found that
both enjoyment (p=0.44, P <0.001, f>>0.2) and useful-
ness (p=0.38, P <0.001, f>>0.2) positively predict sat-
isfaction which positively relates to Intentions to Recom-
mend (=0.61, P<0.001, 2> 0.5) and Intentions to Follow
(B=0.61, P < 0.001, f2>0.5). These statistics suggest that

HI1, H2, H3 and H4 are valid (see Table 5). Table 6 shows
that all the unstandardised betas are significant at a probabil-
ity value less than 0.001; thus, we conclude that H5 and H6
are fully supported. Given that the additional hypothesised
paths are not supported (see Table 5), this finding means
that satisfaction fully mediates the relationship between
enjoyment and intention to recommend, enjoyment and
intention to follow, usefulness and intention to recommend
and finally usefulness and intention to follow. Satisfaction
plays the role of a full mediator that translates the positivity
of an Instagram account’s usefulness and enjoyment into
female users being more likely to follow the account on Ins-
tagram and recommend it to others. Finally, with SRMR
equal to 0.063 <0.08, we judge our hypothetical model fits
the data well (Hu and Bentler 1999). Also, we compared the
mean absolute error (MAE) and the root-mean-square error
(RMSE) values with the LM value of each (Hair et al. 2019).
The results (see Table 7) show that all of the observed vari-
ables in the PLS-SEM analysis score lower MAE and RMSE
values compared to the naive LM benchmark (Hair et al.
2019), offering evidence that our model has high predictive
power (Shmueli et al. 2019).

Henseler et al. (2016) argue that conducting group com-
parisons through PLS-SEM can be “misleading” unless
the invariance of their measures is substantiated. As rec-
ommended by Henseler et al. (2016), this prerequisite can
be achieved by using the “Measurement Invariance of the
Composite Models” (MICOM) procedure. Thus, before
running any multigroup analyses (in our case: with no data
pooling), both configural invariance and compositional

¥



536

A. B. Mahmoud et al.

Table 7 Predictive performance of the PLS model versus benchmark
LM

Indicator PLS LM
RMSE MAE RMSE MAE
if01 1.136 0.876 1.264 0.993
if02 1.392 1.161 1.458 1.223
ir01 1.090 0.804 1.152 0.920
ir02 1.207 0.901 1.326 1.065
sa0l 0.556 0.428 0.654 0.484
sa02 1.113 0.856 1.181 0.924
Table 8 Compositional invariance assessment
Original ~ Correlation 0.050 Permu-
correlation permutation tation
mean P-Values
X versus Y
Enjoyment 0.999 0.999 0.997 0.320
Intentions to Follow 1.000 0.997 0.991 0.660
Intentions to Rec- 0.999 0.995 0.982 0.479
ommend
Satisfaction 1.000 0.999 0.995 0.984
Usefulness 0.991 0.997 0.990 0.064
X versus Z
Enjoyment 1.000 0.998 0.995 0.855
Intentions to Follow 0.999 0.999 0.997 0.299
Intentions to Rec- 0.997 0.987 0.953 0.598
ommend
Satisfaction 1.000 0.998 0.993 0.704
Usefulness 0.999 0.986 0.946 0.752
Y versus Z
Enjoyment 1.000 0.999 0.998 0.376
Intentions to Follow 1.000 0.998 0.993 0.532
Intentions to Rec- 1.000 0.996 0.986 0.694
ommend
Satisfaction 1.000 0.999 0.996 0.754
Usefulness 0.999 0.996 0.985 0.635

invariance need to be validated (Hair Jr et al. 2018; Hense-
ler et al. 2016). Since we utilise a PLS-SEM method, the
measurement configural invariance is, by default, attained
(Hair Jr et al. 2018). Following that, we ran a permutation
test (see Table 8). All of the constructs have their “Permu-
tation P-values” greater than 0.05; thus, we accept the null
hypothesis in the sense that the original correlations of these
constructs are non-significantly different from 1. This result

offers supporting evidence of compositional invariance, sug-
gesting a viable multigroup analysis (Hair Jr et al. 2018).

We ran a multigroup analysis (MGA) to assess the mod-
erating effect of generational differences on the hypothesised
path. Using the #-values associated with the multiple com-
parisons and reported in the parametric tests, we found three
out of four of the proposed paths substantially not invariant
across Generations X, Y and Z.

Figure 2 illustrates the moderated paths by generational
differences where betas on the same side of a path arrow
are non-significantly different. More detailed, Table 9 shows
that although all of the paths remain sizably significant,
Generation X’s perceived usefulness effects on satisfaction
(Bx=0.54, P <0.001) seem to be stronger than later genera-
tions (By=0.31, P<0.001; 8,=0.31, P<0.001). However,
Generation Z users (f,=0.66, P <0.001) appear to develop
stronger intentions of following an Instagram account of
a fashion brand when they feel satisfied with the experi-
ence of using such accounts than Generation Y (fy=0.55;
P <0.001) and Generation X (fx=0.58, P <0.001). Fur-
ther, our findings demonstrate that Generation Y (fy=0.55,
P <0.001) seems to be more likely to recommend an Ins-
tagram account than Generation X (fx=0.42, P <0.001)
based on positive usage experience. With significantly
being invariant from their ancestors, however, Generation Z
women ($,=0.50, P <0.001) looks, slightly, more similar
to Generation Y than Generation X in terms of their ten-
dency to recommend Instagram accounts based on pleas-
ing user experience. Moreover, on the one hand, satisfac-
tion tends to be stronger transmitter of the indirect effects
of usefulness onto intentions to follow (tx,y =3.83, P<0.01;
ty,=2.75>1.48, P<0.01; ¢, =0.46<1.28, P>0.1)
amongst Generation X (Bx=0.31, SD=0.02, P <0.01) than
their descendants (By=0.17, P <0.01, SD=0.03; B,=0.20,
SD=0.03, P<0.01). On the other hand, satisfaction serves
as a more sizable mediator of enjoyment indirect effects
on intention to recommend (¢, ,=2.35>1.96, P <0.05;
ty,=1388>1.48, P<0.07; ¢, =0.57<1.28, P>0.1)
amongst Generation Y (By=0.27, P<0.01, SD=0.03) and
Generation Z (B,=0.25, P <0.01, SD=0.02) than Genera-
tion X (Bx=0.18, P<0.01, SD=0.03). Thus, we conclude
that H7 and HS are partially supported.

Finally, Fig. 3 illustrates the emotion analysis results. It
shows that the account posts triggered various emotions, of
which positivity and joy were the most common reactions.
Our sentiment analysis demonstrates that the account follow-
ers had an overall positive sentiment (61%), whilst only 3%
of the vibes were negative, and 36% were neutral.
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Fig.2 Results of path model
analysis

Intentions to
Follow

R%=.390
Satisfaction

R2=.565

Intentions to
Recommend

R?=318

Generation
Table 9 Hypotheses 7 and 8 testing-multigroup invariance analysis
Path Bx By B, t-Value (Generation X #-Value (Generation X #-Value (Generation Y
versus Generation Y)  versus Generation Z)  versus Generation Z)

Enjoyment — Satisfaction 0.429%% 0.497*% 0.498+ 1317 1.238"8 0.014

Satisfaction — Intentions to Follow 0.582%% 0.548%* 0.662** 0.686"S 2.092% 2.837%*

Satisfaction — Intentions to Recommend 0.424*% (.545%% 0.504%* 2.079% 1.24278 0.769"S
Usefulness — Satisfaction 0.538** 0.314**% (0.308%* 3.522%%* 3.58%%* 0.0978

*P<.05; **P<.01; NS: non-significant

Fig.3 Results of emotion
analysis
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Discussion

The primary purpose of this research was to examine the
moderating role of generation on relationships between
perceived usefulness, enjoyment and intentions to follow
and recommend brands’ Instagram accounts for marketing.
We, thus, tested a path model where perceived usefulness
and enjoyment are hypothesised to indirectly predict Insta-
gram female users’ intentions to follow and/or recommend
brand accounts that market apparel products on Instagram
via those users’ overall satisfaction as a result of their experi-
ence with such accounts in a Sub-Saharan African context,
namely Nigeria. The analysis concluded that the perceived
usefulness of the brand’s Instagram account by the users
is positively related to their intention to follow the brand
Instagram account via satisfaction. The results are in line
with previous research (Basak and Calisir 2015; Casal6 et al.
2017; Davis 1989; De Matos and Rossi 2008; Lee and Ma
2012; Mitchell and Olson 1981; Oliver 1981; Van der Hei-
jden 2004). However, we found that generation moderates
the hypothesised model. In this regard, usefulness effects
on satisfaction were found to be more intense amongst Gen-
eration X than later generations. Generation Z developed
a stronger intention to follow than older generations. This
finding helps marketing organisations better target different
generational cohorts with unique (tailor-made) offers. Later
generations, especially Generation Y, are more likely to rec-
ommend than Generation X based on a positive experience.
This finding also has practical implications for marketers,
especially when they try an influencer’s positive word-of-
mouth recommendations regarding their brand. They may
target Generation Y users as brand ambassadors in a Nige-
rian social media setting. This finding is consistent with the
work of Abdurrahaman and Osman (2017).

Satisfaction tends to be a more reliable transmitter of
the indirect effects of usefulness onto intentions to follow
amongst Generation X than its descendants who tend to
have intentions to recommend due to indirect enjoyment
effects conveyed via satisfaction. The investigated account
posts were found to have caused emotions of happiness
and joy amongst the followers whose comments revealed a
prevalence of positive vibes. This finding is consistent with

previous work that examined the positive effects of needs
satisfaction on purchase intentions (see, for example, Wang
et al. 2021).

Generational differences are also observed from the
data. The closer the generations are to the year 2000, the
more they appear to engage with online purchases, fol-
lowing Instagram and recommending it to others. It is not
surprising that Generation Z is particularly more active in
the social media milieus than their predecessors (Calvo-
Porral and Pesqueira-Sanchez 2019; Tayo et al. 2019). This
demonstrates that Saharan Africa is becoming a significant
emerging market for brands. The youthful population of the
region makes it a fertile ground for social media marketing
(Ngwainmbi 2019). The uptake of social media activities is
growing amongst female users, with a significant increase
in girls’ schooling in Sub-Saharan Africa in the past two
decades (Mbarika et al. 2007; Onyango-Obbo 2019).

Conclusion, implications and limitations

The research has examined the use of Instagram across three
generations of women in Nigeria. The study found signifi-
cant differences between Generations X, Y and Z, but Gen
X lags significantly behind the latter generations in terms
of their use of Instagram. Unlike longitudinal studies, we
used a cross-sectional design with all data collected at one
point in time. Although cross-sectional research has been
accused of limited ability for proving causation (e.g. Lang-
dridge 2004), it also has been argued (Spector 2019) that
longitudinal design’s ability to reflect causality has been
exaggerated and that it only presents limited benefits over
the cross-sectional design in most instances in which it is
employed. Also, results from cross-sectional research can
still be considered interpretable and valid, provided they
are carried out on a sound theoretical basis (Tharenou et al.
2007; Mahmoud and Grigoriou 2019). Yet, we endorse fur-
ther replications with a longitudinal design employed.

The age distribution of the respondents was skewed
towards a younger population. This can affect what could be
considered as measures of perceived usefulness and enjoy-
ment (Mahmoud, Ekwere, et al. 2019). Also, the use of non-
probability sampling (convenience snowball) in this study may
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impinge on the generalisability of our results. Nevertheless,
many survey procedures involve biases (e.g. non-response);
as a result of this, the current inquiry interpretations are
expected to be greater than the limitations linked to the sam-
pling procedure (Mahmoud, Grigoriou, et al. 2019). Using
force answering (FA) to reduce the amount of missing data
could bring bias into the forced responses. Thus, we suggest
that future research employs alternatives to FA. For instance,
using “soft reminders” alongside offering a “Prefer not to
answer” (Sischka et al. 2020) or “Not wish to disclose” as
an additional option whilst responding to the questionnaire
items could minimise missing data without elevating the
risk of FA bias.

Further research should address whether user-generated
brand (UGB) influences the attitude of individuals to fol-
low and recommend a brand account. Research can also
be conducted to analyse a situation where users of a brand
account present or post information or pictures of another
brand through their blog to friends in ways that change the
quality of the post, either positively or negatively.

In addition, the generational cohorts examined in this
study seldom use one platform for their social media inter-
action. Neither do market-driven organisations. Accordingly,
future research can compare various social media platforms
such as Facebook or Snapchat’s ability to Influence consum-
ers’ perceptions of fashion brands.

Future research may extend to other visually appealing
consumer goods (online) such as packaged food, travel or
motor vehicles. Finally, given the rapid economic develop-
ment occurring in Africa (Zahonogo 2016), future scholarly

work may extend our study’s scope to include industrialis-
ing African nations such as Cameroon, Ethiopia or Algeria.
A significant endeavour that could expand our study is the
consideration of a multigroup analysis, which would specifi-
cally contrast males and females to understand the forces
favouring the former and causing a degree of digital exclu-
sion for the latter.

This research scope was limited in terms of drawing
upon data collected before the current pandemic (termed as
SARS-CoV-2 or COVID-19) that has put the entire world
into desperate straits. COVID-19’s advent and its sweep-
ing transformation of the political, social and economic
panorama have offered a unique opportunity for scholars
in every discipline to examine the “new normal” triggered
by the pandemic—it signifies one of the most dramatic dis-
ruptions in contemporary marketing archives (Mahmoud,
Hack-Polay, et al. 2021; Mahmoud, Grigoriou, et al. 2020).
That could extend to the many facets of fashion brands man-
agement (Iglesias and Ind 2020; Wang et al. 2021), including
the brand presence on social media and the potential shift in
Instagram users’ attitudes and behavioural patterns in that
respect. Therefore, future research should concentrate on
the investigation of how consumers’ perceptions of COVID-
19 could impact the variables or moderate the relationships
reported in this study.

Appendix 1

See Table 10.

Table 10 Constructs’

e . Construct Full sample Spilt based on
descriptive statistics (N=1329) generation

GenZ (N=460) GenY (N=499) Gen X (N=370)
Mean STDV Mean STDV Mean STDV  Mean STDV

Enjoyment 5.073 1.403 5.268 1.555 4.968 1.307 4.973 1.302

Usefulness 4.673 1.210 4.902 1.179 4.499 1.179 4.622 1.245

Satisfaction 4.363 1.192 4.505 1.241 4.230 1.139 4.365 1.182

Intentions to Follow 4.318 1.550 4.337 1.647 4.054 1.511 4.649 1411

Intentions to Recommend  4.983 1.328 5.207 1.395 4.736 1.357 5.041 1.137
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Appendix 2: Python code used in sentiment and emotional analyses

import string

from collections import Counter

import matplotlib.pyplot as plt

from nltk.corpus import stopwords

from nltk.tokenize import word tokenize

from nltk.sentiment.vader import SentimentIntensityAnalyzer
import nrclex

from nrclex import NRCLex

+Ase P fFAr hoat - - Tt ot ! acheriilAdA Pe 1977 ~~A
text object (for best re S text' should be unicode).

text = open('new_text.txt', encoding='utf-8') .read()

lower case = text.lower()
clean text = lower case.translate(str.maketrans('', '', string.punctuation))

text object = NRCLex(clean text)

#Re words 1list.
words list = text object.words
#Return sentences 1list.

sentences_list = text object.sentences

affect 11

#Re

affect_list = text_object.affect_ list

affect dictionary = text object.affect dict
print (affect dictionary)

“ional co

#Re

emotional counts = text object.raw emotion scores
print (emotional counts)
w = emotional counts

highest emoti

highest emotions = text object.top emotions
print (highest emotions)

arrect =«

affect frequencies = text object.affect frequencies
print (affect frequencies)

fig, axl = plt.subplots()

axl.bar (w.keys (), w.values())
fig.autofmt xdate()
plt.savefig('emotion_analysis.png')
plt.show ()

def sentiment analyse(clean text):
score = SentimentIntensityAnalyzer () .polarity scores(clean text)
print (score)

sentiment analyse(clean text)
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