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Abstract
This paper investigates how Italian household income has changed across different 
stages of COVID-19 after considering the effects of support measures taken by the 
government to lessen the detrimental economic impact of the pandemic. We use lon-
gitudinal microdata from six waves of a nationally representative household survey 
conducted by the Bank of Italy at various points in time during 2020 and most of 
2021. Panel data results show an improvement or at least no deterioration in the 
household’s financial situation following the initial negative shock of COVID-19 
in early 2020. Additionally, while our estimates suggest that the economic crisis 
instigated by COVID-19 has not had any differential effect by household area of 
residence and household size, the level of education of the household head seems 
to matter. Specifically, households headed by individuals with higher education are 
less likely to have been financially harmed by the pandemic than those headed by 
individuals with a lower level of education.
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Introduction

COVID-19 has had devastating economic effects. A significant fraction of the popu-
lation lost their job (temporarily or even permanently) or saw their working hours 
reduced because of the lockdown measures and the general reduction in economic 
activity.1 Governments have deployed unprecedented resources to address this epi-
demiological emergency. For instance, it has been estimated that between March 
and December 2020 the Italian government has spent about 14.18 billion euro for 
this purpose (FocuSicilia 2021).

Given that Italy was the first Western and European country that had to deal with 
COVID-19, it can be considered as a frontrunner in the response to the pandemic. Its 
government had in fact to quickly adopt several drastic provisions in an attempt to 
contain the spread of the virus. Italy moved to a lockdown across the entire national 
territory on March 10, less than 3  weeks from the first known case of coronavi-
rus. The lockdown was initially set to last 4 weeks, but was prolonged until May 
4. While between the beginning of May and the end of the summer there has been 
a gradual removal of COVID-19 restrictions, with the surge of COVID-19 cases at 
the start of autumn, this process stopped and the government had to re-introduce 
some restrictive provisions. While certain regulations were adopted nationwide, tar-
geted interventions were implemented from the first week of November according 
to the risks faced by the different regions. Stringent measures were essentially con-
firmed in January and February 2021, but in mid-March 2021 extra restrictions were 
put in place to cope with the rapid spread of COVID-19. Containment provisions 
have been again gradually eased after Easter following a decrease in the number of 
infections.

This paper looks at how household income in Italy has changed across different 
phases of the pandemic after considering the effects of the support provisions taken 
by the government to lessen the negative economic consequences of COVID-19. We 
use data from six waves of a household survey conducted at various points in time 
during the lockdown and post-lockdown periods. The first wave, which was carried 
out between the end of April and the beginning of May 2020, allows us to examine 
the impact of COVID-19 in the early stage when the restrictions were tighter, and 
the Italian government took only the first set of measures against the pandemic. The 
other waves, which were collected between summer 2020 and summer 2021, cap-
ture later stages of the pandemic when some of the lockdown restrictions were first 
gradually relaxed and then re-introduced and relaxed again, while also additional 
initiatives were implemented to mitigate the effect of COVID-19.

This study has two main objectives. The first is to analyse whether, following 
the initial shock in early 2020, the household’s financial situation has, on average, 
improved or at least has not worsened. The second goal is to investigate whether 
despite government support measures, certain types of households are more likely to 
have experienced an income drop during COVID-19.

1 At the end of March 2020, following the closure of non-essential activities, about 7.8 million Italian 
workers became temporarily unemployed (Sanfelici 2021). Additionally, it has been estimated that in 
Italy the number of hours worked decreased by approximately 13% in 2020 (OECD 2021).
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The data on which this paper is based offer some advantages relative to many 
existing studies on the effect of COVID-19 on household income. We use real data, 
whereas many works (e.g., Almeida et  al. 2021; Gallo and Raitano 2020; Palo-
mino et  al. 2020) employ simulated data to forecast potential future scenarios on 
the basis of different assumptions about the spread of the virus and the measures 
taken to address it. Additionally, while a large number of studies (e.g., Tran et al. 
2020; Smallwood et al. 2021) rely on cross-sectional data that provide a snapshot 
of the financial impact of the pandemic, this paper is based on longitudinal data. 
The longitudinal dimension of the data means that respondents are surveyed repeat-
edly, allowing us to examine how the response of the same households does vary 
over time. Also, unlike other papers (e.g., Bourquin et  al. 2020; Adams-Prassl 
et al. 2020), we employ a sample that is nationally representative—meaning that it 
matches the characteristics of the national population. Finally, while many papers 
analyse how household income was affected by the pandemic in its early stages (e.g., 
Figari and Fiorio 2020; Carta and De Philippis 2021), our data allow us to examine 
both the short- and the long-term effects of COVID-19.

The remainder of this study is organised as follows. We first briefly summarise 
the results of previous studies looking at the consequences of COVID-19 on house-
hold income in Italy. This is followed by a short description of the different phases 
of the virus in Italy and the measures taken by the Italian government to mitigate its 
economic effects. Next, we outline the data and the model used in this study, which 
is followed by a presentation of the empirical results. Finally, some conclusions are 
given.

Previous studies on the effect of COVID‑19 on household income in Italy

The coronavirus crisis has had a negative impact on Italian household income. 
Employing panel data from the COME-HERE survey, Clark et al. (2021) find that 
in Italy mean equivalised disposable household income in PPP fell by about 10% 
between January and May 2020. Using EUROMOD (the EU-wide micro-simula-
tion model), Figari and Fiorio (2020) suggest that in Italy during the first month of 
the pandemic poverty rate increased by more than 8 percentage  points. Estimates 
produced by the Italian confederation of traders in commerce and tourism (Confer-
esercenti), which are based on data from several sources [i.e., the Italian National 
Statistical Institute (ISTAT), Svimez (Association for the Industrial Development 
in Southern Italy) and the SWG Observatory], indicate that each household lost an 
average of 1257 euro in 2020 due to COVID-19 (Conferesercenti 2020).

Additionally, the emerging consensus from existing research is that COVID-19 
has not affected households equally. It negatively affected especially the most vul-
nerable households. Carta and De Philippis (2021) conclude that in Italy the propor-
tion of household members, who at the end of 2019 were employed in lockdown 
sectors, is higher in households at the bottom 20% of the equivalised labour income 
distribution. A  similar finding has been obtained by Gallo and Raitano (2020). 
Using household-specific information from six EU countries, including Italy, Chris-
telis et  al. (2020) show that the pandemic has caused higher financial concerns 
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among lower-income households and households that are liquidity-constrained (i.e., 
they report that they are not able to meet an unexpected payment equal to 1 month of 
their household income).

Although COVID-19 has led to a drop in average household income, the magni-
tude of such decrease would have been much greater if the Italian government had 
not adopted several initiatives to mitigate the economic effects of the crisis. This 
proposition is supported by the results of several studies. OECD (2020) macro-data 
show that while during the second quarter of 2020 household disposable income 
decreased in Italy, such a decline is considerably smaller than the corresponding 
one in nominal GDP observed during the same period. Using the micro-simulation 
model TAXBEN-DF, Monteduro et  al. (2022) show that the emergency measures 
taken by the Italian government between March and December 2020 were instru-
mental in cushioning against the impact of the pandemic on poverty. Similarly, Di 
Bartolomeo et  al. (2021) employ the QUEST dynamic general economic equilib-
rium model to simulate the effect of the extraordinary fiscal policies adopted by 
Italy in an attempt to alleviate the economic consequences of the pandemic. They 
find that without these policies in 2020 GDP would have fallen more than it actually 
did (13.4% vs 8.9%).

The phases of COVID‑19 in Italy and the emergency economic measures

Between March 2020 and June 2021 Italy went through different phases of the 
COVID-19 pandemic. The lockdown phase started on March 10 with the enactment 
of a decree called “I stay at home”. Such decree limited movement of people unless 
for proven necessity (health, work, or food supply). All sporting and cultural events 
were also suspended. On March 20, a decree labelled “Italy’s block” blocked non-
essential activities and imposed a ban on moving to different municipalities. The 
first set of economic measures in response to COVID-19 is included in the “Cure 
Italy” Decree that was issued on March 17. Following this decree, the benefit of 
the exceptional fund to supplement earnings (Cassa d’Integrazione in deroga) was 
extended to cover all employees (including those employed in companies with less 
than 5 employees) across the entire national territory and all productive sectors. 
This meant that employers, who had to suspend or reduce their work activity due 
the COVID-19 pandemic, could use this fund to support their workers’ income.2 
The “Cure Italy” Decree also banned collective and individual dismissals. Addition-
ally, in April the government enacted the so-called “Liquidity” Decree that intro-
duced a series of extraordinary provisions to support firms in facing the COVID-19 
emergency.

The gradual easing of the lockdown began on May 4 with the re-opening of 
manufacturing and construction industries. On May 19, the “Relaunch” Decree was 
published in the Official Gazette. This was the third major government intervention 
in an attempt to revitalize the economy following the outbreak of the coronavirus. 
Such decree introduced an extraordinary income support measure, the Emergency 

2 The replacement rate is 80% of the missed wage with, however, binding ceilings that highly reduce the 
replacement rate for middle- and high-paid workers.
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Income (Reddito di Emergenza). It was designed to help those households who were 
not beneficiaries of any income support programs, despite having been negatively 
affected by the COVID-19 outbreak (Natili and Raitano 2020).

The third phase, which started on June 11, saw a further easing of lockdown 
measures. For instance, betting shops, bingos, cinemas, and theatres could re-open, 
though with restrictions. Nightclubs were briefly allowed to re-open for about a 
month in the summer. During this phase, the government enacted what is known 
as the “August” Decree comprising, among other measures, new furlough arrange-
ments, and the extension of the ban on dismissals.

Following an increase in COVID-19 infections, several decrees between Octo-
ber 13 and December 3 brought back a number of restrictions. Regional lockdown 
measures were also implemented at the beginning of November. Italy was divided 
into three zones: red for high risk, orange for medium risk, and yellow for low risk. 
While red zones were under a complete lockdown, in the other zones most shops 
remained open and people were allowed to move freely but could not leave their 
home town or city. In an attempt to mitigate the economic effects caused by the 
re-introduction of restrictions, a decree called “Refreshments” (Ristori) was issued 
at the end of October. This was shortly followed by three other decrees (“Refresh-
ments-bis”, “Refreshments-ter”, and “Refreshments-quater”) that expanded gov-
ernment’s support for workers, households, and businesses (e.g., suspension of tax 
payments, measures supporting sports workers). Furthermore, on December 18 the 
government adopted the so-called “Christmas” Decree that restricted non-essential 
gatherings to contain the spread of coronavirus during the festive season. Stringent 
measures were essentially confirmed in January and February 2021, though a new 
category (white zone) was added to the aforementioned classification based on the 
regional assessment of the risk. White zones were the safest and had fewer restric-
tions than others.

More severe restrictions were taken at the beginning of March as a result of an 
upsurge of COVID-19 cases. The majority of regions were classified as high-risk 
red zones on March 15. During the Easter weekend (April 3–5) the whole of Italy 
became a red zone. Additional provisions were again implemented to lessen the 
economic impact of COVID-19. For example, the “Support” Decree, which entered 
into force on March 23, further extended the ban on dismissals until June 30, 2021. 
About 2 months later, the so-called “Support-bis” Decree was enacted, introducing 
several provisions including a new set of cash incentives and resources to guarantee 
access to credit and liquidity. However, the situation improved at the end of April 
when most Italian regions moved to low-risk yellow zones. On June 21, the whole 
country (except for the small region of Valle d’Aosta) became white zone. A week 
later the obligation to wear masks outdoors was lifted in this zone.

Table 1 summarises the different phases of COVID-19 in Italy and reports the 
main economic measures that were adopted by the Italian government in each phase 
in response to the pandemic. It also shows the correspondence between the timing of 
these measures and the period covered by each wave of the survey used in this study.
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Data and methodology

Data used in this study come from six waves of a Special Survey of Italian House-
holds (SSIH) carried out by the Bank of Italy across the different phases of the 
COVID-19 pandemic. The purpose of this survey was to gather information about 
the impact of the virus on the economic situation and expectations of households. 
For each household the respondent is always the head of the family. SSIH weights 
make the survey representative of the Italian households (Depaolo 2021). The first 
wave was conducted between the end of April and the beginning of May 2020, the 
second between the end of August and the beginning of September 2020, the third 
at the end of November 2020, the fourth between the end of February and the begin-
ning of March 2021, the fifth at the end of April 2021, and the sixth between the end 
of August and the beginning of September 2021.

We exploit the longitudinal aspect of the data and select only those house-
holds who have participated in all the six waves (i.e., 606). A well-known issue of 
research conducted using longitudinal data is the loss of sample members between 
the first wave of data collection and subsequent follow-ups. Furthermore, longitudi-
nal surveys carried out during COVID-19 may be especially vulnerable to attrition 
(McKenzie 2021). In line with such expectation, our survey data were subject to 
significant attrition during the five follow-ups: 18.4% from wave 1 to wave 2 (198 
households out of 10793 in wave 1 did not participate in wave 2), 7.8% from wave 2 
to wave 3 (69 households out of 881 in wave 2 did not participate in wave 3), 9.6% 
from wave 3 to wave 4 (78 households out of 812 in wave 3 did not participate in 
wave 4), 5.2% from wave 4 to wave 5 (38 households out of 734 in wave 4 did not 
participate in wave 5), and 12.9% from wave 5 to wave 6 (90 households out of 696 
in wave 5 did not participate in wave 6). Overall, the attrition rate is 43.8%.4 This 
loss of participants may result in a potential threat of bias when it is not random ad 
is related to the outcomes of interest (Mihelic and Crimmins 1997).

The survey asks household heads the following question on the economic impact 
of the pandemic:

“As a consequence of the coronavirus (COVID-19) outbreak, after consider-
ing the support measures taken by the government, how has your household 
income changed in the last two months?”
(a) Has decreased less than 25%
(b) Has decreased between 25 and 50%
(c) Has decreased more than 50%
(d) Has remained the same
(e) Has increased

3 Only those households interviewed using remote communication tools in wave 1 were followed in the 
next waves. One should also note that the way interviews are conducted may have an effect on respond-
ents’ answers (Neri and Zanichelli 2020).
4 In Germany, to evaluate the impact of COVID-19 school closures, two parental surveys were con-
ducted in spring 2020 and early 2021 (Werner and Woessmann 2021). Only 47% of the respondents to 
the first wave participated in the second wave.
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The above answers have been used to construct a dichotomous indicator that 
takes the value of 1 if household income has decreased [i.e., (a), (b) and (c)], and 0 
if it has remained the same or has even increased [i.e., (d) and (e)].

The survey systematically collects information on gender, age and education level 
of the household head, household’s geographical area of residence, and household 
size.

The following model is estimated:

 where Y
it
 denotes the above-mentioned binary indicator for the change in household 

income for household i (i = 1 to 606) in wave t (t = 1–6); X
it
 is a vector of control 

variables (i.e., gender, age and education of the household head, household size, and 
area of residence); D2t is a dummy variable that takes the value of 1 if data refer to 
the second wave, and 0 otherwise; D3t is a dummy variable that takes the value of 1 
if data refer to the third wave, and 0 otherwise; D4t is a dummy variable that takes 
the value of 1 if data refer to the fourth wave, and 0 otherwise; D5t is a dummy 
variable that takes the value of 1 if data refer to the fifth wave, and 0 otherwise; D6t 
is a dummy variable that takes the value of 1 if data refer to the sixth wave, and 0 
otherwise; and ε

it
 is an error term. The main parameters of interest are γ0 , γ1 , γ2 , γ3 , 

and γ4 that capture the dynamics of the change in household income during the six 
waves of the survey, with the first wave being the baseline comparison.

One may add household fixed effects, �
i
 , to the right side of Eq. (1). Hence, we 

have

Household fixed effects pick up the influence of time-invariant household char-
acteristics on the dependent variable of the model. These may include observable 
household characteristics (e.g., gender of household head), but they may also com-
prise unobservable or difficult-to-observe traits. For instance, pessimistic household 
heads might tend to systematically exaggerate the impact of COVID-19 on the econ-
omy and on their personal financial situation.

Equations  (1) and (2) are estimated using Ordinary Least Squares (OLS). As 
noted by Cohen-Zada et al. (2017), a fixed-effects Linear Probability Model (LPM) 
has several advantages. First, it uses all observations, whereas a fixed-effects logit 
model uses only those observations for which the outcome variable varies within 
each match. Hence, omitting these observations may lead to biased estimates. Sec-
ond, while the logit fixed-effects model delivers consistent estimates only under the 
stronger assumption of exogeneity, the LPM requires exogeneity to hold only within 
a fixed effect. Third, LPM results can be easily interpreted. Fourth, any non-linear 
estimation relies on the functional form, whereas in the linear model the fixed effects 
account for variation in the data in a completely general way. These considerations 
explain why the fixed-effects LPM is commonly used in in a large number of studies 
despite the possibility that the predicted value may lie outside the unit range due to 

(1)Y
it
= β

�

0
X
it
+ γ0D2t + γ1D3t + γ2D4t + γ3D5t + γ4D6t + ε

it
,

(2)Y
it
= β

�

1
X
it
+ γ5D2t + γ6D3t + γ7D4t + γ8D5t + γ9D6t + �

i
+ v

it
.
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issues with non-linear fixed effects.5 Robust standard errors are consistently applied 
to account for the built-in heteroskedasticity in LPM. Nevertheless, although we pre-
fer using the fixed-effects LPM for our main results, we also employ an ordered logit 
fixed-effects model (where answers to the above question have been ordered to cre-
ate an appropriate dependent variable) to test the robustness of the findings.

Following the approach of Stoeffler et  al. (2020), a formal test of differences 
between attritor and non-attritor households is shown in Table 2. The results sug-
gest that these two groups have different characteristics. Compared to households 
who did not take part in all follow-ups, those who responded to all waves of the 
survey are less likely to live in the South, less likely to have 5 or more members, 
more likely to have a head of household with higher education, more likely to have a 
male head of household, and less likely to have a head of household aged 65 or over. 
However, interestingly, there is no statistically significant difference between attri-
tors and non-attritors with respect to having experienced an income reduction during 
the early stages of the pandemic.

Two methods are commonly employed to account for attrition bias: a sample 
selection model, such as that proposed by Heckman (1979), or the use of inverse 
probability weights (IPW) (Wooldridge 2002). We choose the latter as the former 
relies on the identification of a suitable “instrument”, that is, a factor that influences 

Table 2  Test of attrition at baseline (wave 1)

Survey weights are used

All Non-attrition 
households

Attrition 
households

Difference (p value)

Households reporting to have experi-
enced a fall in income in the last 2 
months

0.558 0.575 0.540 0.035 (0.37)

Male household head 0.492 0.603 0.379 0.224 (0.00)
Households of 5 or more members 0.065 0.044 0.086 −0.042 (0.01)
Household head with higher education 0.151 0.190 0.110 0.080 (0.00)
Household’s head age
18–34 years 0.186 0.167 0.205 −0.038 (0.34)
35–49 years 0.266 0.324 0.207 0.117 (0.00)
50–64 years 0.268 0.308 0.226 0.082 (0.01)
65 or more years 0.280 0.201 0.362 −0.161 (0.00)
Household area of residence
South 0.360 0.309 0.413 −0.104 (0.01)
Centre 0.194 0.222 0.165 0.057 (0.07)
North 0.446 0.469 0.422 0.047 (0.23)
Observations 1079 606 473

5 According to Von Hippel (2015), linear probability models should be preferred to the logistic ones 
when the probabilities that one is modelling are not extreme (i.e., they vary between 0.2 and 0.8 or a lit-
tle beyond). In such a case, results are practically indistinguishable, but logistic estimates are harder to 
interpret.
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attrition, but does not have any effect on our outcome variable. While it has been 
suggested that factors related to interviewers or the interviewing process may be 
appropriate instruments (Zabel 1998), this information is not collected in our survey. 
The intuition behind the IPW method is to give more weight to households whose 
characteristics make them more likely to drop out of the sample and less weight to 
households with characteristics associated with a higher probability to remain in the 
panel.

Results

Column 1 of Table 3 reports LPM estimates from a specification without household 
fixed effects (i.e., Eq. 1). Survey weights are applied and robust standard errors are 
clustered at household level. Regression estimates show that after an initial drop in 
the early stage of the pandemic, household income recovered subsequently. More 
specifically, in wave 1, households were about 27, 21, 25, 24, and 28 percentage 
points more likely to have experienced a decline in their income when compared to 
waves 2, 3, 4, 5, and 6, respectively.

In line with the results of the studies discussed earlier, the social insurance ben-
efits progressively put in place by the Italian government are likely to have played a 
pivotal role in partially compensating the income losses suffered by households as a 
result of the economic crisis induced by COVID-19. However, other forces may be 
at play. Some adjustment occurred in the labour market following the initial shock. 
Galasso (2020) reports that in Italy 6 weeks into the lockdown, the number of peo-
ple who were able to work from home increased considerably while some individu-
als returned to their usual workplace. It is also possible that the partial and gradual 
removal of COVID-19 restrictions during summer 2020 helped a number of house-
holds financially recover from the effect of the pandemic. This has, for instance, 
occurred in the UK where some retail and hospitality workers started to return to 
work in July 2020 and saw their incomes return to approximately the same levels 
they had before COVID-19 (Buzzeo et al. 2020).

Given the non-random nature of sample attrition, we need to adjust our estimates 
using the IPW method. However, before presenting these new results, following 
the approach of Chamberin and Ricker-Gilbert (2016), one should first check that 
coefficient estimates do not change in any meaningful way once survey weights are 
excluded. This is confirmed looking at the findings reported in Column 2 of Table 3. 
The IPW technique consists of three steps (Yamano and Jayne 2005). The first step 
involves estimating probit models to measure the influence of observable charac-
teristics on the probability that a household in wave t will not drop out of the sam-
ple in wave t + 1. In the second stage, the relevant probabilities  (Prit) are computed. 
The third step involves calculating the inverses of these probabilities (1/Prit) and 
using them as weights to correct for attrition bias.6 Column 3 of Table 3 presents the 
results adjusted for attrition bias. As one can see, our findings do change very little 

6 For observations in wave 6, the inverse probability weight is the product of the inverse probability 
weights of wave 1 to wave 5 (Yamano and Jayne 2005).
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once attrition bias is accounted for. In general, consistent with the theory (Wool-
dridge 2002), standard errors tend to be smaller after correcting for attrition bias.

As regard household characteristics, estimates from the first half of Table 3 seem 
to suggest that households headed by women are more likely to have been finan-
cially harmed by the pandemic. This result is in line with the findings of several 
studies (see, for instance, Blundell et  al. 2020). Additionally, households with a 
higher educated head are found to be less likely to have seen their income decline. 
This may be due the fact that educated workers have been more likely to be able to 
carry out their work from home. Our estimates indicate also that households headed 
by individuals aged 65 or over have been less affected by the economic crisis insti-
gated by COVID-19. Pensions have generally not been reduced during the pandemic 
(Eurofound 2022) and they are the main income source for many older individuals. 
On the other hand, there is no evidence suggesting that the economic crisis induced 
by COVID-19 has had any differential effect by household area of residence and 
household size.

Next, household fixed effects are added to the model (i.e., Eq. 2). However, only 
the wave dummies and household head’s age are included among the explanatory 
variables of the fixed-effects model as the other household characteristics turn out to 
be either time-invariant (i.e., household head’s gender and household size) or they 
show extremely little variation over time for each household (i.e., household head’s 
education and household’s geographical area of residence7). Given that fixed-effects 
estimates use only within-household differences, basically ignoring any informa-
tion between households, fixed-effects estimates for this latter set of variables are 
likely to be imprecise and have large standard errors. Estimates from the fixed-
effects regressions are shown in Columns 4, 5, and 6 of Table 3.8 Two considera-
tions support the appropriateness of the fixed-effects model. First, the R-squared is 
considerably higher in the regressions shown in the second half of Table 3. Second, 
results (available from the author upon request) indicate that household dummies 
are jointly statistically significant (p value < 0.001). Findings from the fixed-effects 
estimations consistently confirm that household’s probability of experiencing a fall 
in income is higher in wave 1 compared to the other waves.9 On the other hand, the 
effect associated with household head’s age disappears when household fixed effects 
are included. Households headed by individuals aged 65 or over are no longer found 
the ones who have been less adversely affected by the pandemic. While, as argued 
earlier, many older individuals have continued to receive the same amount of social 
security benefits throughout the pandemic, in Italy some of them typically rely also 

8 Estimates on the wave dummies from a specification that includes also independent variables display-
ing very little variation over time for each household are similar to those presented in Columns 4, 5, and 
6 of Table 3 (these estimates are available from the author upon request).
9 We also replicate the estimates reported in Table 3 using logit and probit models (correcting and not 
correcting for attrition bias). The trend on how the household income situation has changed across the 
different waves of the survey is consistent with our earlier results (estimates are available from the author 
upon request).

7 Only 2 households report to have changed their area of residence across the 6 waves (both moving 
from the Centre to the South). Similarly, the number of household heads with higher education increases 
from 111 to 114 from wave 1 to wave 2, and this figure does not change in the successive waves.
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on their children’s financial support, which might have experienced a drastic reduc-
tion in light of the COVID-19-related economic crisis (Senior Italia 2020). Addi-
tionally, self-employment is particularly frequent among working pensioners (Euro-
found 2012) and there is evidence showing that the pandemic disproportionately 
affected self-employed people (Monteduro et al. 2020).

The model displayed in Column 5 of Table 3 is then estimated separately for the 
different categories of each household characteristic, and the strength of the coef-
ficients on the wave dummies is compared using the equality of coefficients test. 
The results, which are shown in Table 4, suggest that the probability of suffering 
an income reduction in later stages of the pandemic is consistently lower among 
households headed by individuals with higher education relative to those headed 
by individuals with a lower level of education. Additionally, the equality of coeffi-
cients test shows that one can safely reject the null hypothesis that coefficients on the 
wave dummies are equal across these two types of households. On the other hand, 
in contrast to the results reported in the first half of Table 3, households headed by 
women are found to be systematically less likely to have been financially harmed 
by the pandemic compared to households headed by men.10 However, the equality 
of coefficients test indicates that the difference in the coefficients on wave dummies 
for these two kinds of households is not statistically significant at the conventional 
levels. Similarly, differences in the probability of experiencing an income loss in 
later stages of COVID-19 are not found to be statistically different from zero across 
household size and area of residence.

As a robustness check, we estimate an ordered logit fixed-effects model.11 The 
dependent variable ranges from 1 (income has decreased more than 50% in the last 
2 months) to 5 (income has increased in the last 2 months). Estimates on the main 
parameters of interest, which are shown in Table 5, are consistent with our previ-
ous results. In the later phases of the pandemic (between summer 2020 and summer 
2021), households are found to be less likely to have experienced a decline in their 
income relative to the early stage of the outbreak. On the other hand, households are 
more likely to have seen their income increase or remain the same in waves 2, 3, 4, 
5, and 6 as compared to wave 1. However, in line with expectations, the probability 
of income remaining unchanged is found to be much greater than that of income 
increasing. This would seem to suggest that many households, who have been finan-
cially affected at the start of the coronavirus pandemic, did not experience a further 
reduction in their income in the later stages of COVID-19.

10 One possible explanation for this result is that household fixed effects account for household head 
gender differences in financial worries. Women may overstate the negative effect of the pandemic on 
household income because they tend to be more financially preoccupied than men. Higher age expec-
tancy, more breaks from work for maternity and child raising, and less confidence with financial tasks 
may explain this situation (INNOVU 2019).
11 In line with the specification of the model used in the second half of Table  3, wave dummies and 
household head’s age are the only explanatory variables included in the regressions.
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Conclusions

This paper has analysed changes in Italian household income across different stages 
of the pandemic. We employ longitudinal household-level data from six waves of a 
nationally representative survey carried out by the Bank of Italy at various points in 
time during 2020 and most of 2021.

Households are found to be significantly more likely have experienced a drop 
in income in the early stage of the pandemic as compared to its subsequent stages. 
This result, which is robust to both attrition bias and household fixed effects, may 
be attributed to the relaxation of some containment measures in the post-lockdown 
phases relative to the lockdown period, as well as to the adoption of government 
support provisions that have mitigated the negative economic effects caused by 
COVID-19. Unfortunately, the data do not allow us to determine the relative impor-
tance of each of these two factors.

Our results consistently show that households headed by individuals with higher 
education were less likely to see a negative impact of the pandemic on their finan-
cial situation than those headed by individuals with a lower level of education. On 
the other hand, the probability of suffering an income fall during COVID-19 is not 
found to statistically differ by household size and geographical area of residence. 
Such finding suggests that certain categories of vulnerable households (i.e., those 
residing in the South and large households) have not lagged behind in the economic 
recovery from COVID-19. This result would seem to speak in favour of the effec-
tiveness of the extraordinary measures in targeting households who have been finan-
cially harmed by COVID-19. Carta and De Philippis (2021) show that, despite the 
pandemic, the Gini index has remained pretty much unchanged in Italy thanks to 
the well-functioning of the social insurance system. Similarly, Baldini and Visentin 
(2021) argue that the policies implemented by the Italian government in response to 
the virus have significantly attenuated the impact of COVID-19 on inequality.

More specifically, the Emergency Income (Reddito di Emergenza) is expected to 
have played an important role in preventing more vulnerable households from being 
financially severely hit by the pandemic. Maitino et al. (2020) predict that the num-
ber of households who will benefit from this extraordinary measure is just over 550 
thousand and that its estimated budgetary cost is between 600 and 900 million euro. 
Almost half of the potential beneficiaries live in the South. Brunori et  al. (2020), 
using MicroReg (a tax-benefit micro-simulation model), argue that the Emergency 
Income will support especially households whose head is unemployed and that do 
not receive unemployment insurance benefits, as well as households where the head 
is in the working age population but not in the labour force.
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