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The Japanese Society of Computational Statistics (JSCS) published the English-
language Journal of the Japanese Society of Computational Statistics (JJSCS) for 
30 years. During that time the journal played the important role of promoting and 
extending the use of computational statistics for data science in Japan. JJSCS and 
the Journal of the Japan Statistical Society (JJSS) were succeeded by our new jour-
nal, the Japanese Journal of Statistics and Data Science (JJSD). JSCS continues to 
be responsible for its publication as a member of the Japanese Federation of Statisti-
cal Science Association.

In commemoration of the founding of JJSD, JSCS is publishing our second spe-
cial feature, which focuses on relationships and collaborations between computa-
tional statistics and machine learning. In the area of machine learning, numerous 
innovative methods have been proposed for statistical computing, pattern recogni-
tion, image processing, and other purposes. In particular, deep learning has been 
remarkably attractive as a technique for artificial intelligence. Most such method-
ologies have been developed in combination with statistical approaches, including 
probability distribution theories, multivariate analysis, Bayesian statistics, and some 
optimization techniques.

This special feature comprises three contributions of scientists working actively 
in the area.

Sudo et  al. (2019) are concerned with reciprocal recommendation, which has 
attracted great attention. They propose a new method of reciprocal recommendation 
by using a graph-embedding technique called cross-domain matching correlation 
(CDMCA) (Shimodaira 2015). They show numerically that CDMCA with a simi-
larity-based weighting scheme provides a high-quality reciprocal recommendation.
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Ishioka et al. (2019) propose a method to detect a hotspot cluster by using spatial 
statistics. They use a zero-suppressed binary detection diagram (Minato 1993) to 
detect a hotspot. To evaluate the proposed method, they compare it with the flexscan 
and echelon methods.

Bunji and Okada (2019) propose a new class of item response models called 
linear ballistic accumulation (LBA) item response theory (IRT). LBA is one of the 
models of response times (Brown and Heathcote 2008). Bunji and Okada show 
numerically that the proposed model can obtain the corresponding parameter esti-
mates compared with the diffusion IRT model (Ratcliff 1978).

We are grateful to all reviewers for their help in the process of refereeing the con-
tributions and for sharing their time and knowledge. We also want to thank again all 
authors who have contributed interesting original work to this special feature.
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