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Abstract

The specific learning disabilities (SLD) identification literature is replete with competing narratives concerning the advan-
tages and disadvantages of various techniques and methods. Until a widely accepted and empirically proven SLD iden-
tification methodology is universally supported, evaluators should seek to improve the existing alternatives. This article
describes the value of using norm-referenced testing of intellectual development to comprehensively identify specific
learning disabilities (SLD) as advocated by the Core-Selective Evaluation Process (C-SEP). To this end, we will define
intellectual development and describe practices such as integrated data analysis and task demand analysis.
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Since the inception of the specific learning disability (SLD)
category in 1975, the best and most accurate method of iden-
tification has been controversial and continues to perplex
the field (Colker, 2011; Decker et al., 2013). From the 2006
Federal Regulations emerged “third method” approaches
that incorporate pattern of strengths and weaknesses (PSW)
data analysis to identify the presence of SLD. This addition
has further exasperated the current controversy (Biittner &
Hasselhorn, 2011; Decker et al., 2013; McGill et al., 2018).
A broad range of perspectives and practices drives SLD
identification (Cottrell & Barrett, 2017) and implementation
(Maki & Adams, 2018, 2019; Stuebing et al., 2012), result-
ing in little agreement. Some scholars oppose SLD identifi-
cation methods that utilize cognitive tests (i.e., PSW models)
and instead advocate for intervention-based approaches
(Fletcher & Miciak, 2019; Kranzler et al., 2019; Miciak et
al., 2016). Advocates for “third method approaches” (Dehn,
2014; Flanagan & Schneider, 2016; Hale et al., 2010; Schultz
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& Stephens, 2018) endorse thoroughly examining PSWs in
achievement, performance, or both, including cognition, to
explain low achievement. Administrating norm-referenced
tests to understand the relationship between psychological
processing and learning is a critical underpinning of this
method. While the Individuals with Disabilities Improve-
ment Act of 2004 (IDEA)allows for an ability-achievement
discrepancy approach, it is not strongly advocated for as
a viable method of SLD identification like RTT and PSW
(Maki & Adams, 2018) and, therefore, will not be discussed
in any detail in this article.

All “third method” PSW approaches (e.g., Dual Dis-
crepancy-Consistency  [DD/C],  Concordance-Discor-
dance [C-Dm], Discrepancy/Consistency [D-CM]) utilize
norm-referenced tests as part of the identification process
(Alfonso & Flanagan, 2018; Flanagan et al., 2010; McGill
et al., 2015; Stuebing et al., 2012; Taylor et al., 2017). A
detailed review of these models is beyond the scope of this
paper; however, a discussion of shared features that make
these models problematic will follow. While PSW models
represent a significant improvement over ability-achieve-
ment methods, some practices are reformulated revisions
of the ability-achievement method. For example, all models
mentioned above use standard score discrepancies between
cognition and achievement to identify the presence of SLD.
(Schultz & Stephens, 2018; Taylor et al., 2017). Schultz and
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Stephens (2018), authors of C-SEP, believe using norm-
referenced tests for cognitive-achievement discrepancies is
of little value, as norm-referenced “achiecvement” tests are
integrated cognitive and linguistic representations using
academic skills as the stimulus. For example, removing
working memory and language comprehension from a read-
ing comprehension measure is impossible. Instead, using
norm-referenced tests helps explain the lack of appropriate
progress and gain a deeper insight into learning. Strengths
and weaknesses in achievement and performance, or both,
can be determined without a norm-referenced test; however,
measuring intellectual development without valid and reli-
able tools (i.e., norm-referenced tests) contradicts the proce-
dural safeguards. Responsible and efficient testing practices
(Schultz et al., 2021; Schultz & Stephens, 2018) measure the
construct of intellectual development when using C-SEP.

Distinguishing C-SEP (Schultz & Stephens, 2018) from
other third-method approaches is what evaluators use norm-
referenced tests to measure (i.e., intellectual development)
and in how evaluators analyze testing data. C-SEP provides
a framework that integrates instructional response data with
norm-referenced tests to provide a more complete under-
standing of a student with SLD. Instead of using norm-refer-
enced tests to identify discrepancies between cognition and
achievement to support the presence of SLD, C-SEP only
uses norm-referenced tests to measure intellectual devel-
opment (Schultz et al., 2021). Understanding intellectual
development provides critical information to help explain
why a student is (a) not meeting grade-level academic stan-
dards, (b) demonstrating poor instructional response, and (c)
exhibiting a pattern of strengths and weaknesses in achieve-
ment, performance, or both.

Intellectual development will be further defined below,
with the rest of this article dedicated to understanding stu-
dent learning by integrating norm-referenced testing results,
instructional response outcomes, and other data sources.
Specific strategies for integrated data analysis (Curran &
Hussong, 2009; O’Cathlain et al., 2010), specifically pat-
tern analysis and task demand analysis, will be explained.
Finally, C-SEP testing practices are contrasted with other
third-method approaches.

Intellectual Development Explained

When examining a PSW, the term “Intellectual Develop-
ment” was intentionally used to describe “one method of
comparison” along with age and state-approved standards.
It was left undefined in the statute and regulations despite
discussion by stakeholders to clarify it in the Code of Fed-
eral Regulations, 2006. Some excerpts include:
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Comment Several commenters requested that the reg-
ulations include a definition of

"Intellectual Development"

Discussion We do not believe it is necessary to define
“’intellectual development” in these regulations. Intel-
lectual development is included in § 300.309(a)(2)(ii)
as one of three standards of comparison, along with
age and State-approved grade-level standards. The ref-
erence to “’intellectual development” in this provision
means that the child exhibits a pattern of strengths and
weaknesses in performance relative to a standard of
intellectual development such as commonly measured
by IQ tests. Use of the term is consistent with the dis-
cretion provided in the Act in allowing the continued
use of discrepancy models (p. 44,654).

Comment Some commenters recommended using
“cognitive ability” in place of “intellectual develop-
ment” because “intellectual development” could be
narrowly interpreted to mean performance on an IQ
test. One commenter stated that the term “cognitive
ability” is preferable because it reflects the funda-
mental concepts underlying SLD and can be assessed
with various appropriate assessment tools. A few
commenters stated that the reference to identifying a
child’s pattern of strengths and weaknesses that are not
related to intellectual development should be removed
because a cognitive assessment is critical and should
always be used to make a determination under the cat-
egory of SLD.

Discussion We believe the term “intellectual devel-
opment” is the appropriate reference in this provision.
Section 300.309(a)(2)(ii)) permits the assessment of
patterns of strengths and weakness in performance,
including performance on assessments of cognitive
ability. As stated previously, “intellectual develop-
ment” is included as one of three methods of compari-
son, along with age and State-approved grade-level
standards. The term “cognitive” is not the appropriate
reference to performance because cognitive variation
is not a reliable marker of SLD and is not related to
intervention.

Changes None (p.46,654).

Legal language used in federal regulations is intentional, and
unless explicitly stated elsewhere, words retain their plain,
ordinary, and literal meanings. Explicitly stated in the com-
ments of the regulations is that “cognitive ability” is not a
suitable synonym or replacement for “intellectual develop-
ment.” The department also pointed out that a PSW in per-
formance can include cognitive ability. This refusal leaves
“intellectual development” undefined. The literal definition
of “intellectual,”” according to the Cambridge Dictionary,
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means “relating to your ability to think and understand,
especially complicated ideas.” According to the Cambridge
Dictionary, “development” is “the process in which some-
one or something grows or changes and becomes more
advanced (Cambridge Dictionary, 2023).” Many of these
terms are included in the federal definition of SLD (“Statute
and regulations,” 2022), for example, the ability to “listen,
think, speak” and “understanding language” as well as the
process of thinking (psychological processing).

Schultz et al. (2021) provide a practical definition of
intellectual development comprised of the most essential
elements of intelligence, which includes abstract think-
ing or reasoning, problem-solving ability, capacity to store
knowledge (including academic knowledge), memory, envi-
ronmental adaptation, mental speed, and linguistic compe-
tence. The work of Snyderman and Rothman (1987) and
contemporary Cattell-Horn-Carroll (CHC; McGrew, 2009;
McGrew, 2021) theory forms the basis of this definition. In
simple terms, one’s intellectual development is “developed”
via the interaction of four variables: innate cognitive ability,
language development, acquired academic skills, and inter-
action with the environment.

Intellectual development is not a static or fixed construct
(Blackwell et al., 2007; Macnamara & Rupani, 2017; Resn-
ick & Schantz, 2015); instead, it is a dynamic construct that
continues to develop with increased acculturation, educa-
tion, and environmental interaction. It is difficult, if not
impossible, to separate the highly correlated and interdepen-
dent constructs of cognition, language, and academic skills.
Gottfredson’s (1997) definition of “intelligence” includes
these interactions:

“Intelligence is a very general mental capability that,
among other things, involves the ability to reason,
plan, solve problems, think abstractly, comprehend
complex ideas, learn quickly, and learn from experi-
ence. It is not merely book learning, a narrow aca-
demic skill, or test-taking smarts. Rather, it reflects
a broader and deeper capability for comprehending
our surroundings- “catching on,” “making sense” of
things, or “figuring out” what to do (p. 13)”.

Several empirical studies underscore the dynamic aspects of
intelligence. According to Plomin and Deary (2014), intel-
ligence is one of the most heritable behavioral traits. They
explored the relationship between genetics and intelligence
by integrating twin studies with Genome-wide Complex
Trait Analysis. The correlation between intelligence, edu-
cation (academic knowledge and skills), and environment
is significant for educators and psychologists. In addition,
the researchers reported increases in heritability during
the life course. This relationship supports the notion that

intellectual development is dynamic, innate, and “under
development” and recognizes the relationship between edu-
cation, where one learns academic knowledge and skills,
and advanced language skills. This study and others do not
suggest that innate intelligence is 100% inheritable; how-
ever, it can account for a significant proportion of its com-
position. Deary et al. (2009) report a substantial heritability
of g (general intelligence) from 30% in childhood to 50% in
adulthood but point out that environmental variables play a
critical role in intellectual development.

Parent’s level of education is an environmental factor
with a solid and consistent correlation with intellectual
development (Cave et al., 2022; Lemos et al., 2011). This
environmental variable is a demographic consideration for
well-known test batteries. Individuals with lower socioeco-
nomic status (SES) tend to have lower IQ scores and more
impacted areas of cognition than children from higher SES
backgrounds (von Stumm & Plomin, 2015). Rindermann et
al. (2010) studied 1,555 children to investigate the effects
of crystallized intelligence and fluid reasoning with parents’
level of education and socioeconomic status. Their find-
ings suggest that these two variables have a slightly more
substantial effect on crystallized intelligence than fluid
reasoning.

Additionally, parents’ level of education impacts lan-
guage development in children significantly, which is usu-
ally attributed to having a higher quality and quantity of
child-directed language (Rowe, 2012; Thomas et al., 2013).
The links between language development and cognition
and academic success are well documented (Berninger &
O’Malley May, 2011; Hulme et al., 2020; Lauro et al., 2020;
Oommen, 2014; Perlovsky, 2009).

To summarize, “intellectual development” is an indi-
vidual’s innate cognitive ability, language, achievement,
and environment operating collectively. Each variable
interacts and influences the others; understanding this con-
stellation of abilities requires accurate measurement. Intel-
lectual development is much more than the static view of
“intelligence,” while “development” is analogous to “under
construction.” In addition, intellectual development was
the word deliberately chosen as a method of comparison in
IDEA. Arguably, nothing impacts intellectual development
more than education. As authors of C-SEP, we contend that
we can only truly understand learning or lack of learning by
comprehensively measuring this construct. The remainder
of this paper is dedicated to measuring intellectual develop-
ment using C-SEP and subsequent data analysis.
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Core-Selective Evaluation Process (C-SEP)

C-SEP is a well-designed problem-solving model that
incorporates best practices in assessment to inform the
evaluator’s professional judgment. C-SEP advocates strict
adherence to standardized testing procedures outlined in test
publishers’ manuals and adherence to the legal regulations
that guide our profession (see Alfonso & Flanagan, 2018;
Dombrowski, 2020; Schultz & Stephens, 2015; Schultz
& Stephens-Pisecco, 2017; Schrank et al., 2017). C-SEP
involves strategically using norm-referenced tests, consid-
ering the instructional response, and thoroughly examining
exclusionary factors to explain underachievement. Various
assessment tools and strategies generate valuable data that
informs professional judgment. Careful consideration of
all the data using mixed-method research design principles
(i.e., convergent design) and analysis (integrated data analy-
sis, mixed analysis, pattern analysis [Schultz et al., 2012])
informs decision-making. This type of analysis is more
suited to analyze and integrate the quantitative and qualita-
tive data sets collected as part of an SLD evaluation. C-SEP
recognizes the limitations of models that rely on standard
score discrepancies and the limitations of RTI models.
C-SEP minimizes these limitations by collecting complete
and comprehensive data (i.e., RTI and norm-referenced
data) and using accepted data analysis principles to inform
professional judgment. If the preponderance of the evidence
is consistent with the SLD definition using the state’s crite-
ria, then the student would be considered to have an SLD.
Critics of C-SEP (Benson et al., 2018; Fletcher & Miciak,
2019) note that lacking a research base voids C-SEP as an
evidence-based practice or a superior way to identify stu-
dents with SLD. Schultz and Stephens (2018), authors of
C-SEP, agree with that sentiment with the caveat that none
of the models of SLD identification can be considered the
“gold standard” of SLD identification (Stuebing et al.,
2012). Due to the complex nature of SLD, which, by nature,
comprises multiple interacting variables, renders it nearly
impossible to control for any empirical studies (Schultz &
Stephens, 2018). Research deeming PSW models ineffec-
tive (Kranzler et al., 2016; Miciak et al., 2014; Stuebing et
al., 2012; Taylor et al., 2017) using formula configurations
and discrepancies as evidence. Absent in these studies are
discussions of the heterogeneous nature of SLD, integrating
informal data, the influence of environmental factors, the
examiner’s professional judgment, quality of instruction,
student age, and so on. These limitations need to be suf-
ficiently addressed in these studies. The “rebuttal literature”
addresses many of the claims made by adversaries of PSW
models (Christo et al., 2016; Flanagan & Schneider, 2016;
Schneider& Kaufman, 2016; Schultz & Stephens, 2018).
Without consensus, Schultz and Stephens (2018) recognize
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the need for improved and informed professional judg-
ment. We also recognize that evaluators must use accepted
research principles to evaluate students. Consequently,
until a consensus, C-SEP is a way to bridge this divide and
give practitioners a framework they can use in their current
practice.

Schultz and Stephens (2015) contend that C-SEP is the
“best” practice because it addresses the limitations of the
other models, utilizes data analysis procedures beyond stan-
dard scores, and leads to more diagnostically precise identi-
fication. Below are some common criticisms and responses:

1. Statistical limitations of models that use discrepancy
formulas are concerning (Kranzler et al., 2019; Miciak,
2016; Taylor et al., 2017). While we share that concern
to a degree, we also assert that the problem is with the
examiner’s over-reliance on these formulas instead of
using them to inform their professional judgment. In
C-SEP, all norm-referenced data is anchored to actual
data sources to help control for this limitation.

2. Werecognize that the standard third method, the “PSW”
approach, utilizes standard score discrepancies between
cognition and achievement tests to identify SLD’s pres-
ence (Alfonso & Flanagan, 2018; Schultz & Stephens-
Pisecco, 2018a, b). These procedures are reminiscent of
the 1Q-Ability discrepancy models. In C-SEP, the basis
of the data analysis is the understanding of relationships
between cognition, language, and academics at a much
deeper level to better understand the learner. Instead of
considering cognition and achievement constructs as
separate entities, we consider these two constructs and
language as part of one’s overall “intellectual develop-
ment.” C-SEP endorses data analysis techniques more
suited to understanding a student’s PSW than just rely-
ing on standard scores.

3. We recognize the limitations of RTI-based approaches
as they rely too much on assumptive evidence instead of
direct evidence, and we need to identify the disorder of
psychological aspects of SLD to claim comprehensive-
ness. As Schneider and Kaufman (2017) stated, “Know-
ing things is preferable to not knowing things (p.13).”
Language is a salient feature of SLD, and the RTT lit-
erature is noticeably absent regarding oral language-
specific learning disabilities. Not only is it an eligibility
category, but poor oral language development is highly
associated with written language deficits (Foorman et
al., 2018; Hulme et al., 2020; Kendeou, 2009) and exec-
utive functioning (Cutting et al., 2009). To not measure
language using valid and reliable tools (i.e., norm-ref-
erenced tests), again, it would be challenging to claim
comprehensiveness. In addition, speech/language prob-
lems are often missed (McGregor, 2020; Nation et al.,
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2004) in students with disabilities. With C-SEP, we for-
mally assess language with all evaluations and describe
how it contributes to learning problems (Schultz & Ste-
phens, 2015; Schultz & Stephens, 2018; Schultz et al.,
2023). Language assessment enhances the diagnostic
preciseness of the method.

4. RTI-based identification proponents often claim that
RTI-based models lead to better intervention. The
unanswered question is, “How does poor intervention
response lead to better intervention response?” Theo-
retically, intense instruction has been provided and
proven ineffective, or there would be no referral to spe-
cial education. When using C-SEP, evaluators conduct a
comprehensive evaluation to improve diagnostic preci-
sion. Special education includes adapting materials and
methods, providing related services, and individual-
izing accommodations and modifications. “Poor treat-
ment response” does not lead to individualized support.
It requires examining intra-individual factors not easily
observed to create an individualized program. In C-SEP,
careful analysis of a student’s intellectual development
assists in designing truly individualized programs.

5. Most importantly, as scholar-practitioners, we do not
foresee a consensus anytime soon on whether RTI or
PSW models are the preferred model supported by
empirical research. As the theoretical debate continues
in the literature, school psychologists, educational diag-
nosticians, and IEP teams need a method (i.e., C-SEP)
that utilizes the strengths of all known models.

When using the C-SEP framework of SLD identification,
the examiner must be familiar with the instructions provided
by the producer of the instrument. Of great importance is an
understanding of the core set of tests that provide the broad-
est coverage of the intended construct, as well as selective
tests that provide a deeper insight into the learner. The exam-
iner must also be able to collect and analyze instructional
response data (formative data), analyze multiple sources of
other data, and describe a student’s intellectual development
as it relates to or helps explain underachievement. Profes-
sional judgment is crucial in weighing evidence and sound
decision-making.

Professional Judgment: A Vital Component
of C-SEP

Professional judgment is defined as “The reasoned appli-
cation of clear guidelines to the specific data and circum-
stances related to each unique individual. Professional
judgment adheres to high standards based on research and
informed practices established by professional organizations

or agencies (Ilowa Department of Education 2006, as cited
in Schultz & Stephens, 2009).” The National Center for
Learning Disabilities (NCLD; 2023) developed a resource
in conjunction with 11 national organizations (e.g., National
Association of School Psychologists [NASP], Learning Dis-
ability Association [LDA], Council for Exceptional Chil-
dren [CEC]) that lays out the critical elements of a quality
evaluation process when SLD is suspected. This resource
references professional judgment and guides using cogni-
tive assessments.

Maki et al. (2022) studied professional judgment and
decision-making using the discrepancy/consistency PSW
model and multiple data sets (pre-referral data, teacher
and parent information, observation, and exclusionary fac-
tors). This study used nine vignettes and a national sample
(N=343) of school psychologists. The vignettes presented
SLD positive, SLD negative, and ambiguous data. Some
of the findings indicated a high accuracy rate (97.5%) with
the SLD positive cases, with an overall accuracy of 65.5%
between all three conditions, demonstrating a need for
advanced data analysis skills beyond the current repertoire
of skills.

Miller et al. (2016) compared three PSW models (DD/C,
C-DM, and the Psychological Processing Analyzer (PPA)
(software) using 11 case studies. Their findings indicated
that the DD/C model had 100% agreement with the expert
panel, the C-DM had 54%, and the PPA software was too
limited for this study. Interestingly, this study demonstrated
that 18 experts could reach a consensus on these 11 case
studies that agreed with DD/C 100% of the time, indicat-
ing that the experts agreed on all the cases. A question for
further study could ask what factored in the expert’s pro-
fessional judgment and how they reached their conclusions
without the DD/C. C-SEP believes solid professional judg-
ment is contingent on collecting multiple data sets under
different conditions combined with strong analytical skills
to make informed decisions.

Formative Data

The consideration of multiple data sets when using C-SEP
is required by special education policy. The first is data
obtained “during instruction” measuring instructional
response. The evidence required to achieve a preponder-
ance of data requires some instructional response informa-
tion. According to the IDEA, data collection at a minimum
for an SLD evaluation must include, regardless of method,
the following: data that demonstrate that prior to, or as a
part of, the referral process, the child was provided appro-
priate instruction in regular education settings, delivered
by qualified personnel; and data-based documentation
of repeated assessments of achievement at reasonable
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intervals, reflecting formal assessment of student progress
during instruction, which was provided to the child’s par-
ents (Sect. 300.309 Determining The Existence of a Spe-
cific Learning Disability, 2018). A comprehensive RTI
framework or multi-tiered system of support (MTSS),
used as a service delivery model, is ideal for obtaining this
information.

Historical Data

The historical data set carries much weight when using
C-SEP. Information obtained from the family history that
includes health concerns, developmental history, family his-
tory of disability, and outside reports is very useful in get-
ting a complete picture of the student (Dombrowski, 2020;
Schultz et al., 2012). A school history that includes report
cards, intervention history, health records, state assessment
results, and discipline records will provide preliminary evi-
dence of when did this learner’s struggle began to surface.
Exclusionary factors are assessed with this data as well.

Other Data

All methods require evidence that a child is not meeting
state-approved standards in one of the qualifying areas. The
IDEA also requires that each evaluation include an observa-
tion of the child and that the examiner note any relevant
behavior related to a child’s academic functioning. Addi-
tional data collected for a comprehensive evaluation are
teacher reports and interviews, permanent products, and
curriculum samples (Kwiatek & Schultz, 2014). If a student
is not meeting grade level expectations despite appropri-
ate instruction and the exclusionary factors considered, the
scale of evidence tips toward an SLD designation. Despite
the wealth of data obtained without any norm-referenced
tests, additional data is needed for an SLD identification.
Evaluators must examine the student’s PSW relative to
intellectual development.

Measuring Intellectual Development

Typical intellectual development in school-age children is
characterized by having cognition, language, and academic
skills working simultaneously in a manner conducive to suc-
cessfully meeting the academic demands of school. These
abilities develop concurrently and consistently when one is
developing in a typical manner. Students suspected of SLD
do not have typical intellectual development and, by defini-
tion, are not making adequate progress. These students are
characterized by having inconsistent abilities or displaying
a PSW in aspects of intellectual development.
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The IDEA, as part of the evaluation in the PSW statute,
states:

(i1) The child exhibits a pattern of strengths and weak-
nesses in performance, achievement, or both relative
to age, State-approved grade-level standards, or intel-
lectual development that is determined by the group to
be relevant to the identification of a specific learning
disability, using appropriate assessments, consistent
with § 300.304 and § 300.305; and (IDEA Regula-
tions, 2023).

When using a PSW method to identify SLD, assessing intel-
lectual development provides a more in-depth and detailed
picture of learning than examining discrepancies and is
more aligned with the SLD definition and the statute. The
most salient features of the SLD are aligned with the con-
struct of intellectual development and the subsequent pro-
cess to measure it. Tests of cognition measure psychological
processes, language tests measure the involvement of lan-
guage, and tests of achievement and other data measure the
academic constructs (e.g., math calculation, basic reading,
written expression). Consider the environmental factors and
examine the exclusionary factors to determine if they are
“exclusionary” or “contributory.” C-SEP testing practices
and other assessment practices have been consistent with
the statute and definition of SLD.

C-SEP Testing Practices

C-SEP testing practices are designed to provide sufficient
coverage of intellectual development. Interpreting the data
is done through the PSW lens instead of a discrepancy lens.
A critical positive added value of testing, seldom mentioned,
is the information obtained from the testing process. Provid-
ing a structured set of problems to gain insight into learning
gives the examiner, usually a diagnostician or psycholo-
gist, the ability to collect an objective data set and observe
behavior. SLD models that include testing give the exam-
iner a primary source of data instead of relying on second-
ary sources. The basic steps of C-SEP are briefly described
below in Table 1:

C-SEP testing practices are consistent with the recom-
mendations of the National Center for Learning Disabilities
(NCLD; 2023). Principle 7 states, “Assessments that mea-
sure aspects of cognitive functioning may be used to rule out
intellectual disabilities or to inform educational decisions
by documenting areas in which the student is struggling or
excelling.“Since it is impossible to measure language or
achievement without the influence of cognition, we apply
this principle to all norm-referenced tests, as each test mea-
sures aspects of cognition. Since its inception, C-SEP has
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Table 1 Steps of C-SEP

Overview of C-SEP Testing Practices

10

Review the referral information, develop a focused referral question, and create an assessment plan.

Select and administer the core set of cognitive tests. The publisher manuals for each battery should guide the selection of all core tests.
Test publishers purposefully design the core set of tests to provide adequate depth and breadth of the measured constructs.

Select and administer the core set of language tests, including oral expression and listening comprehension. In addition to measuring
focused areas, language tests measure the examinee’s ability to “listen, think, and speak™ and the relationship between the “psycho-
logical processes involved in using language.”

Select and administer a core set of achievement tests. C-SEP practices targeted purposeful testing in this respect, meaning that the
evaluator will only test in areas where the student is not meeting state-approved standards. When using C-SEP, actual achievement
data establishes “underachievement” (Schultz & Stephens, 2018), and “achievement” tests are integrated cognitive and linguistic
representations using academic skills as the stimulus.

Once core testing is complete, score the tests and begin analysis. As a part of this process, analyze the global scores (FSIQ, General
Ability Index, or General Intellectual Ability) to determine whether intellectual disabilities may present.

If scores have significant variance or demonstrate a PSW, this is one piece of evidence that the child does not have typical intellectual
development and warrants further exploration. Variance alone does not automatically indicate a disability.

Interpret scores:

a) Average or high scores mean the student has met the cognitive, linguistic, and skill demands of the set of tests administered.

b) Low or below average scores indicate an area of “intellectual development” may be weak (a disorder in one or more of the psycho-
logical processes). These scores warrant further exploration. Moreover, corroborating evidence (e.g., informal data, historical data)
must support or “anchor” the scores to ensure validity and increase the reliability of the overall assessment process.

Cluster the low scores from the three batteries and examine the task demands. Each test manual provides detailed instructions on how
to conduct a task demand analysis.

Following the norm-referenced test data analysis, incorporate all the data and use integrated data analysis to answer the following two
questions: (a) Does this student’s intellectual development help explain his or her underachievement? (b) Which specific areas of intel-
lectual development (e.g., working memory, verbal reasoning, oral language, visual attention) contribute to the students’ struggles?
After completing steps 1-9, if a conclusion cannot be made or additional information is required to make a data-driven eligibility deci-
sion, the evaluator should use selective testing procedures. Consult each publisher’s test manuals for guidance on which tests should
be utilized to answer the outstanding questions. The evaluator should keep in mind:

a. Core sets of tests adequately cover the construct of intellectual development, are higher in cognitive complexity, and have higher
correlations to the overall construct (McGrew et al., 2014). Thus, core testing provides sufficient data to determine whether a student’s
intellectual development is “typical” or “atypical.”

b. At a minimum, the informal data set is equal to, and in some cases better than, norm-referenced testing data. For example, actual
achievement data (work samples, writing samples, tests of standards) is authentic assessment data and is valuable for guiding future
instruction as the student is expected to master similar tasks in the future. Another advantage of informal data sets is that they are
curriculum-based, whereas norm-referenced tests are not aligned with state standards.

c. The evaluator should have an objective when conducting selective testing. For example, if a student exhibits several markers of dys-
lexia, additional testing may be necessary. Similarly, an evaluator may want to make planned comparisons by changing inputs (e.g.,
visual, auditory) to understand a construct such as memory.

d. Selective tests should only be used to inform educational decisions or provide more profound insight that aids in creating a more

precise diagnostic identification that enhances specially designed instruction.

adhered to this principle regarding norm-referenced testing
(Schultz & Stephens-Pisecco, 2015; Schultz & Stephens-
Pisecco, 2017).

C-SEP Data Analysis

To truly understand a child’s intellectual development and
how it manifests itself in the individual child is to utilize
practices that go beyond typical standard score analysis.
A low standard score signals the examiner to find out why
it is low, locate supporting evidence, and help answer the
question, “What are the implications of this low score?”
As mentioned, the examiner should cluster the low scores
and look for similarities and contradictions between the
scores. C-SEP uses task demand analysis with low scores to
understand its impact on learning. Specific instructions are

contained in the test manuals on what processes, language,
and skills are measured and how to conduct a demand
analysis.

The Wechsler Individual Achievement Test, 4th Edi-
tion (WIAT-4; Breaux, 2020) Technical and Interpretive
manual summarizes the input, cognitive processing, and
output demands for each subtest to analyze tasks. Analyz-
ing the task demands of a test provides a more informative
interpretation of performance, especially when determining
strengths and weaknesses for intervention. According to
the manual, input and output difficulties are likely related
to sensory, motor, cultural, or linguistic factors. Processing
difficulties are consistent with neuropsychological disor-
ders (e.g., SLD, ADHD). This type of analysis is consis-
tent with measuring “intellectual development” and aids in
diagnostic precision and determining instructional accom-
modations. The relationship to a definitional aspect of SLD,
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specifically the ability to “listen (input), think (processing),
speak (output),” is clear. A practical example would be an
interpretative statement such as this: The student has con-
sistently struggled in tasks that require receptive language
and may benefit from adding visual supports when provid-
ing instruction.

The Kaufman Tests of Educational Achievement, 3rd
Edition (KTEA-3; 2014) also provide an interpretive option
based on task demands. The neuropsychological and cog-
nitive processes required by each subtest are aligned with
the academic skill, reinforcing the measurement of intellec-
tual development and how to interpret it. The Woodcock-
Johnson Tests of Achievement-IV (WJ IV-ACH; Schrank et
al., 2014a, b, ¢) manual supports the notion that achieve-
ment tests measure cognitive processes by stating that most
achievement tests require the integration of multiple cogni-
tive abilities, allowing the examiner to obtain information
about processing. The Woodcock-Johnson Tests of Oral
Language-IV (WJ IV-OL; 2014) manual states that tests
of language also measure cognition. They further state that
using the WJ IV assessment system (WJ IV tests of cogni-
tion, achievement, and oral language) can help the examiner
consider the relationships among oral language, cognition,
and achievement. These instructions are consistent with
measuring intellectual development and C-SEP testing
procedures.

To illustrate a practical application of task demand analy-
sis, consider the emergent bilingual student. After testing,
the examiner can examine low scores to analyze the lan-
guage and cultural demands and the effects on the scores
(Stephens et al., 2023). Alternatively, consider a student
who is unable to read with fluency. Since fluency requires
processing speed and word reading, a task demands analy-
sis would help the examiner determine accommodations or
instructions. For example, a student who can read words but
needs better processing speed would not benefit from decod-
ing strategies. Possible accommodations would be extra
time and fluency interventions. (e.g., repeated readings,
timed readings) Decoding strategies would be appropriate
for a student who has adequate processing speed abilities
but poor word reading skills. A common criticism of the use
of norm-referenced is that they fail to contribute meaningful
to intervention (Fletcher & Miciak, 2017, 2019; McGill et
al., 2018; Miciak et al., 2016); however, this is countered by
evidence to the contrary (Adlof, 2020; Flanagan et al., 2006;
Schneider & Kauffman, 2017).

PSW models have frequently criticized reliability;
however, alternative models, such as the “hybrid model”
(Fletcher & Miciak, 2017), have yet to clearly articulate
how poor instructional response, low achievement, and
exclusionary factors lead to better intervention outcomes. In
addition, the reliability of such models is unknown (Fletcher
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& Miciak, 2019; Spencer et al., 2014). The process must
be reliable since no SLD method can claim reliability and
direct linkage to positive treatment outcomes. This means
collecting enough trustworthy data, representing points in
time (i.e., history, during instruction) to measure current
performance and predict future performance.

C-SEP does not rely on a “smoking gun” or arbitrary
cut-offs to identify SLD; instead, it is done with careful
analysis of each data source, understanding the data limita-
tions, and adhering to the state criteria. As with all models,
it requires professional judgment combined with objective
data. Thoughtful professional judgment requires advanced
training, critical thinking skills, data collection strategies,
an understanding child development, and the ability to
objectively integrate, interpret, and analyze data (Schultz &
Stephens, 2009). An SLD designation is based on a prepon-
derance of evidence using integrated data analysis. Oxford
defines preponderance as “the quality or fact of being greater
in number, quantity, or importance.” “Preponderance” has a
legal meaning as well as a burden of proof that states “more
likely to occur than not (Preponderance of the evidence, n.d.
2023).

When using C-SEP, an identification of SLD is recom-
mended when the evidence shows (a) the student is not
achieving adequately for a child’s age or meeting state-
approved standards in one or more of the qualifying areas,
(b) is exhibiting poor instructional response to both core and
supplemental instruction (RTI), (c) has atypical intellectual
development related to specific areas of learning (e.g., math,
writing), despite other areas showing the ability, to think,
reason and learn (e.g., math, listening comprehension), and
(d) exclusionary factors are considered and ruled out as the
primary reason for students failure. The decision is ulti-
mately one of professional judgment using the preponder-
ance standard.

Some studies and other scholarly work have demon-
strated limitations when utilizing professional development,
including inconsistent decision-making and confirmation
bias (Benson & Newman, 2010; Maki & Adams, 2020).
To reduce these limitations, C-SEP endorses integrated
data analysis (IDA) procedures (see Curran & Hussong,
2009; Hussong et al., 2013) for practitioners working with
multiple data sets. IDA is defined as pooling multiple data
sources into one (Curran & Hussong, 2009). This type of
analysis is most appropriate for mixed-methods research.
Since no empirical research has conclusively solved the
“which method should we use” question, then an empiri-
cal approach to each SLD referral and subsequent data is
required.

A well-planned SLD evaluation has the same elements
as a well-planned mixed-method convergent design. In a
convergent design, the qualitative and quantitative data
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are collected during a similar timeframe. Data collection
instruments, or various tools and strategies, are intention-
ally selected to have related items such that both instru-
ments will elucidate data about the phenomena (Moseholm
& Fetters, 2017). Pattern-seeking techniques are described
in Schultz et al. (2012) and include the following steps to
analyze data sets.

1. Examine the chain of evidence, including information
derived from informal assessments such as progress
monitoring data, benchmark testing, historical data,
curriculum-based assessments, and standardized testing
results. Compare this data to referral concerns. Does
it support the hypothesized academic problem? Is the
data comprehensive and reflects learning under several
conditions?

2. Conduct pattern-seeking analysis by examining the
trustworthiness of the data. To complete this step, the
examiner must understand the limitations of differ-
ent types of data. Some questions to help determine
the trustworthiness would be: What was the treatment
integrity of RTI? What are the expectations of the refer-
ral source, and did it impact the objectivity of the data?
Does this data reflect learning or one of the exclusion-
ary factors?

3. Triangulate the data. When examining a PSW, three
primary data sets will be collected: the historical data
set, the formative data set, and the norm-referenced
data set. The advantage of triangulating multiple types
of data is that the strength of one type of data offsets
the weaknesses of the other types of data. For example,
a norm-referenced math test usually measures a rela-
tively limited number of subskills in one administration.
The formative and historical data set will no doubt have
many more skills than the norm-referenced test, and
since it is actual achievement data, it will have greater
ecological validity.

4. Cross-validate the data. In this step, the data is further
examined to determine consistent confirmation of the
hypothesis or whether discrepancies exist between the
data sources. Can the discrepancies be explained or rec-
onciled? Multiple data points must support the strengths
and weaknesses when establishing a PSW with C-SEP.

To reiterate, when using C-SEP, the data collected must con-
verge, and the preponderance of data must be consistent and
relevant to identifying SLD. Contextual assessment prac-
tices will assist in the proper “weighing” of data (Schultz
et al., 2021). Task demand analysis will assist in identifying
specific psychological processes that are considered disor-
dered. Task demand analysis will also help with diagnostic
precision as each student has a unique “learning profile”

based on numerous factors, including those not measured
by norm-referenced tests. While cognitive profiles are often
criticized (McGill et al., 2018), other evidence supports
their use (Allen & Handcock, 2008; Berringer & O’Malley
May 2011; Capin et al., 2021; Compton et al., 2011; Valdois
et al., 2020). Cognitive profiles alone are insufficient; how-
ever, when language and all other factors are considered,
a learner profile can be obtained to help with differential
diagnosis, instructional decisions, and accommodations and
modifications.

Conclusion

The best method of SLD identification will continue to
be a subject of much debate as we are well in the second
decade of IDEA. C-SEP practices encompass the eight prin-
ciples of SLD identification in the NCLD Joint Principles
Document (NCLD, 2023) and advocate for responsible and
strategic testing practices. The measurement of intellectual
development is more aligned with the definition of SLD
and replaces discrepancy practices. Testing data documents
areas in which a student is struggling or excelling and offers
insight into a child’s unique PSW to create a learner pro-
file. Professional judgment is informed by using a variety of
tools and strategies. C-SEP endorses interpretive strategies:
task demand analysis, contextual assessment, integrated
data analysis, and pattern-seeking analysis. When adher-
ing to instructions and interpretive options provided by the
producer of the assessment and adherence to all state and
federal regulations, C-SEP remains a viable option for iden-
tifying SLD.
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