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Abstract
Despite increasing attention to technology development and its impact on travel 
information search, research about information search behaviours across multiple 
devices (i.e., smartphones, laptops, tablets, and desktop computers) has received 
limited attention. Guided by technology affordance theory, this paper examines the 
link between device use and information search goals, and the relationship between 
personal characteristics and device use. The study is based on two independent 
studies. Data were collected using a mixed-methods approach utilising an online 
survey and an online trip planning diary. The findings revealed that information 
searchers were essentially multi-device users and switched between devices based 
on their information search goals. Moreover, personal characteristics such as demo-
graphic characteristics, experience and personality influenced device use. The find-
ings of the research shed light on the elusive concept of affordance to enhance the 
understanding of the complexity of device usage during travel information search.
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1 Introduction

Understanding device use behaviour during travel information search is important 
from both practical and theoretical perspectives. From a practical perspective, device 
use affects when, how, in what form travel information is consumed, and in what 
fashion it should be provided. Device use patterns must be considered when creating 
marketing content because content typically displays differently across devices and 
might be consumed in different ways. For instance, short videos are often watched 
with the sound off on mobile phones because consumption frequently happens in 
public settings. A better understanding of device use behaviour also informs the 
design of information systems and applications to increase usability. From a theoreti-
cal perspective, understanding device use behaviour provides insights on how infor-
mation search is realised and how it evolves over time. The impact of technology and 
device use on information search has been discussed in tourism literature (e.g., Kim 
et al. 2008; Tussyadiah and Wang 2016). However, scholars have mainly focused on 
specific devices, such as the smartphone and its impact on tourist behaviour (e.g., Liu 
et al. 2022; Kang, Hodice & Norman, 2020; Xiang and Fesenmaier 2020). Although, 
the emphasis on smartphones is important, recent statistics confirm that individuals 
are multi-device owners and have an average of 3.4 devices (Flagship Report, 2019). 
With growing ownership of multiple devices, individuals no longer use only one 
device, e.g., desktop or laptop, to search for information when planning a trip (Walsh 
2014). It is increasingly common for individuals to start their information search on 
one device and to continue or complete the search on another device (Murphy and 
Chen 2016).

In addition, individuals select devices based on factors such as their level of com-
fort with the device, intent, and availability. Furthermore, individuals have diverse 
expectations of a device’s usefulness depending on their goals, characteristics, and 
context of the use (Leonardi 2011). In this vein, the value of the device is determined 
by how users perceive the device in relation to their goals rather than being embed-
ded in the physical artefact (Vargo and Lusch 2004). The notion that individuals 
use different devices to achieve varying goals is the basis for technology affordance 
theory (Leonardi 2011). Wu, Zhang, Tian, Wang, & Hua (2020) discussed that affor-
dances are relational and therefore arise from human-technology interactions. Affor-
dances are not properties of device artefacts or human users alone but emerge from 
their interactions (Majchrzak and Markus 2012). This means that the affordances and 
resulting value of a device are dynamic and perceived individually within concrete 
contexts.

Despite the importance of technology affordances for understanding travel infor-
mation search behaviour and device use, there is still a lack of research specifically 
investigating multi-device use in travel information search from an affordance per-
spective. Admittedly, affordance theory has received limited attention in tourism. 
Fesenmaier and Xiang (2017) named affordance as one of the six factors of the tour-
ism “experience production system.” Similarly, Tomej and Xiang (2020) discussed 
the concept of affordances in addressing complexity in tourism service design. 
Instead of adopting an affordance perspective, the existing literature has tended to 
focus on technology adoption and acceptance (Wang et al. 2014, 2016). In an effort 
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to close this gap, this study argues that the selection and use of different devices in 
the travel information search context is influenced by the affordances that emerge. 
On the one hand, these stem from the information goals to be achieved, and on the 
other hand, they reflect user characteristics that impact preferences for and interac-
tions with devices. Consequently, the aim of the study is to examine travellers’ device 
use during travel information search through the lens of technology affordances. In 
particular, this study targets two research objectives: (a) to explore the connection 
between device use and information search goals, and (b) to investigate whether a 
link between specific user characteristics and device use during travel information 
search exists. To achieve these research objectives, this study employed a convergent 
mixed methods approach consisting of two independent studies to shed light onto the 
elusive affordance concept. The implications of this study will provide a window into 
the complex multi-device world from a travel information searcher’s perspective.

2 Literature review

2.1 Affordance theory

Affordance theory was originally introduced by Gibson (1979) to represent capabili-
ties for action afforded by the features of an individual’s environment. Affordance 
theory was adapted by information systems scholars to describe affordances in digital 
systems (Bloomfield et al. 2010). Technology affordance theory discusses technology 
use by shedding light on the decisive role of both human interactions and technology 
features (Leonardi 2011; Orlikowski 2010). Instead of considering particular features 
as inherent in the technology itself, technology affordance emphasises that human 
actions and intelligence shape technology use (Lei et al. 2019). Thus, affordances 
lead to actions depending on the ability of the individual, the history of interaction, 
the functional characteristics of the technology, and the learning in a social context 
(Heft 1989).

Technological progress, the amount of effort it takes to act on an affordance, as 
well as personal experiences influence the extent to which one affordance is more 
“inviting” than others (Withagen et al. 2012). Importantly, affordances facilitate 
certain actions and impede actions that are not afforded (Tamej and Xiang, 2020). 
According to affordance theory, individual user characteristics, goals, and usage con-
text impact on if, when and how technology is used (Faraj and Azad 2012; Majchrzak 
and Markus 2012). The technology affordance perspective is a recognised and effec-
tive framework for examining the interaction between users and technology artefact 
beyond the artefact’s features and capabilities (Leidner et al. 2018). Therefore, an 
affordance perspective suggests that device use is not simply determined by percep-
tions of the functionality of the technological artefact. As such, the technology affor-
dance theory clarifies the differences between devices, and how these affordances can 
be leveraged to generate unique use-cases for individuals.

The most prominent factor considered by affordance theory are goals. User goals 
in relation to technology affordances are often described in terms of “the possibilities 
for goal-oriented action recognised by a specific user group” (Carlo et al. 2012, p. 
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1084). Chatterjee, Moody, Lowry, Chakraborty, & Hardin, (2015) explained that the 
same technology functions can be suitable for different goals. Moreover, in the con-
text of technology, an affordance is created through the interaction between users and 
technology features towards achieving a specific goal (Camacho and Barrios 2022). 
This highlights that device affordances differ based on user goals but also that device 
use does not necessarily neatly map onto single goals. This potential complexity has 
been largely ignored by the travel information search literature.

Travel information search is an extended and multi-faceted process with many 
phases and goals (Xiang and Fesenmaier 2020). It is inferred that perceptions of 
device affordances change throughout the search process as goals evolve. Not all 
devices are equally able to cater to specific needs when trying to meet the varying 
goals. For example, due to the unique features of mobile devices, containing a small 
interface and available GPS-based navigation, users can look for information on the 
go to address their spontaneous needs, as well as collect personalised information 
(Wang, Park, & Fesenmaier, 2012). In contrast, desktops offer users the opportu-
nity to save, organise and retrieve files based on keywords, attributes, and metadata 
(Singh Atwal et al. 2019). In addition, using several browser windows at the same 
time is easier on desktops due to the operating system and larger screen size. Simi-
larly, the portability of laptops and tablets offers additional functionality for users 
both prior to a trip as well as during the trip. These mobility-related functions become 
more important for the realization of short-term decision-making goals than initial 
browsing goals.

From a trip planning perspective, two broad goals are usually associated with 
information search: looking and booking (Wu and Law 2019). Looking represents 
an act of searching and gathering information for an upcoming trip while booking 
represents the purchase of a travel product. Affordance theory suggests that device 
use will differ across these broad goals if devices and their functions do not equally 
support goal achievement for both goal categories.

2.2 The role of personal characteristics

Device use for information search does not happen in isolation. Individuals may use 
different devices not only based on their specific information search goals but also 
their personal characteristics as the latter encompass general user needs, preferences, 
and broader personal goals. Affordance theory therefore also considers personal fac-
tors that might impact the perception and realization of affordances.

An increasing number of studies have investigated user characteristics in rela-
tion to technology adoption, particularly for smartphones. For example, Law, Chan, 
and Wang (2018) classified studies on the effect of mobile technologies on tourist 
experiences and identified dispositional factors such as demographic and behavioural 
factors as a major theme. Tourists’ demographic characteristics, such as gender, age, 
education, income, marital status, and occupation are significant determinants of 
information search behaviour (Lamsfus et al. 2015). Previous studies also showed 
a close connection between socio-demographic and behavioural factors and technol-
ogy adoption (e.g., Chong 2013; Lamsfus et al. 2015; Morosan 2015).
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Personal characteristics clearly influence device ownership and therefore access 
to device functions. These personal characteristics also influence the extent to which 
users can and want to take advantage of functions. The relationships between demo-
graphic characteristics (e.g., age and gender) and technology use have been examined 
by a few studies (Chong 2013; Teo and Pok 2003). Age is considered as the most 
important predictor of technology acceptance (Phang et al. 2006). Research on new 
technology acceptance reported that younger users have fewer difficulties processing 
complex stimuli (Venkatesh et al. 2003) and are more likely to accept new tech-
nologies. Similarly, perceived ease of use for new technologies is higher for younger 
users (Chung et al. 2010). Conversely, older users face some challenges when using 
smartphones due to their touch screen interface and small screen size (Hwangbo et 
al. 2013; Mohadisdudis and Ali 2014). In terms of smartphone features and capa-
bilities, studies have revealed that older users had difficulties reading and writing on 
small smartphone screens due to vision impairment (Mohadisdudis and Ali 2014). 
Similarly, most smartphones and applications encourage self-exploration and easy 
recovery from mistakes, but older users lack the confidence to use a trial-and-error 
method (Mohadisdudis and Ali 2014). As a consequence, older users, due to their 
technology illiteracy, vision impairment, motor impairment, and lack of confidence, 
appear to prefer devices with bigger screen sizes and simple, straightforward func-
tions (Culén and Bratteteig 2013).

Since devices have different capabilities, individuals’ perceptions of device fea-
tures impact how they interact and use devices (Pruchniewska 2019; Sun et al. 2019). 
Studies found that demographic differences such as gender have an impact on users’ 
perceptions and use of features (Camacho and Barrios 2022; Hosseini and Tammimy 
2016). For example, female users have been described as more socially oriented (Lee 
et al. 2014). Females appear to use mobile devices more for social communication, 
while males use mobile devices for more process orientated tasks (Bisen and Desh-
pande 2016). Mobile features such as online chat, communication (Ding et al. 2016), 
and voice commands (Iqbal et al. 2017) are used commonly by females. Females 
have a stronger attachment to their mobile devices (Bisen and Deshpande 2016) and 
may prefer to use these devices when searching for information.

Based on the discussion of user characteristics and technology affordances, it is 
argued that users may also select devices for travel information search based on their 
travel experience. Less experienced travellers have higher information needs due to 
greater risk perceptions (Pearce 2011). For example, desktops allow users to sit for 
longer time periods when searching for information and are more convenient to use 
with a pen and paper when taking notes. Users can open multiple browser windows 
and tabs to search and compare information. On the other hand, smartphones lever-
age app features to provide location-based services, context aware recommendations, 
flexibility and personalisation. Apps offer personalised services and suggestions 
based on user information. Apps also provide regular updates about travel informa-
tion such as hotel availability, booking details, and special offers. Considering smart-
phone affordances, travellers with greater travel experience may prefer smartphones 
as they are more likely involved in travel information search and might have more 
experience with mobile travel apps.
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Individuals’ frequency and level of technology use may also influence affordance 
perceptions and, consequently, device use. Most individuals use smartphones daily 
(Wang et al. 2014), including for communication, entertainment, and information 
search. This increased level of use has a positive impact on perceived ease of use 
(Venkatesh et al. 2003) and attitudes towards the use of newer technologies (Eriksson 
2014; Saaksjarvi 2003). Technology use is connected with technology familiarity and 
affinity, which affect performance expectations (Kang and Gretzel 2012). Technology 
affinity suggests that users can easily switch between devices.

2.2.1 The role of personality traits

Personality can be defined as “those characteristics of the person that account for 
consistent patterns of feeling, thinking, and behaving” (Lewis et al. 2001, p. 10). 
An individual’s characteristics can be grouped into traits, which vary from one indi-
vidual to another. Individuals can be categorised according to the degree to which 
they exhibit each of these traits (Costa Jr and McCrae 1990). The ‘Big Five’ person-
ality model is one of the most widely cited and validated frameworks of personality 
traits (De Raad and Schouwenburg 1996; Furnham 1997; Costa and McCrae 1992) 
described the “Big Five” model as the most comprehensive model of personality. The 
model identifies five personality factors: extraversion, conscientiousness, agreeable-
ness, openness to experience, and neuroticism (or emotional instability). It is argued 
that individuals with different personality traits use different devices because of 
devices’ differential abilities to cater to personality-related needs. Previous research 
has established a link between personality traits and technology use, such as in the 
context of social media platforms (Chen and Peng 2022), but there is a scarcity of 
research examining the effect of personality traits on device preferences.

Individuals who score high on extraversion are active, assertive, sociable, talk-
ative and people-oriented (Watson and Clark 1997). They are optimistic, seek out 
new opportunities, and are energetic (McElroy et al. 2007). Extraverts naturally 
care about their image and other social consequences of behaviours and place a high 
value on social relationships and social communication (Devaraj et al. 2008). When 
it comes to communication, previous research confirmed that extraverted individu-
als tended to join large size networks (Ross et al. 2009), engage in frequent self-
disclosure behaviour (Eskisu & Rasmussen, 2017), and maintain up-to-date profiles 
(Gosling, Hosoglu & Mason, 2015). Compared to other devices, smartphones offer 
multiple media for communication, such as photo sharing, video calling and access 
to emails, which facilitate social interaction for extraverts. Smartphones also provide 
extraverts with an opportunity to connect with others through social networking apps 
like Facebook, Instagram, Twitter, and WeChat to share their experiences.

Individuals who score high on conscientiousness are self-disciplined, determined, 
and tidy. They actively plan, organise and carry out tasks. Conscientious individuals 
are more willing to consider ways in which the use of technology allows them to per-
form more efficiently at work (Barrick and Mount 1991). While there are no studies 
that investigate conscientiousness and device preferences, prior studies have con-
firmed a negative correlation between conscientious individuals and general social 
media use (Ryan and Xenos 2011). This might be because they perceive social media 
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as a distraction from other goals. Therefore, it is argued that desktop devices may be 
more convenient for conscientious individuals because they allow these individuals 
to manage and organise their travel information search results and bookings more 
effectively and without distraction. Desktop computers are more reliable, and offer 
users the opportunity to save, organise and retrieve files based on keywords, meta-
data, and attributes, and facilitate searching each file’s textual content (Singh Atwal 
et al. 2019). Opening several browser windows at the same time to support elaborate 
searches is easier on desktop computers.

Individuals who score high on agreeableness are cooperative, good natured, and 
sympathetic (McElroy et al. 2007). Agreeable individuals carry a greater desire to 
achieve social understanding, which leads to a greater level of well-being (Lakhal 
and Khechine 2017; Devaraj et al. 2008) suggested that a higher score on agree-
ableness is positively associated with beliefs about the perceived usefulness of tech-
nology. Since agreeable individuals are collaborative, they are more likely to share 
information with others or search information together with others, and it is argued 
that smartphones facilitate these types of activities.

Individuals who score high on neuroticism tend to experience negative emotions 
such as anger, fear, sadness, guilt, and depression. Highly neurotic individuals tend 
to be anxious, self-conscious and have difficulty managing stress (McElroy et al. 
2007). Accordingly, it could be argued that when faced with newer technology, these 
individuals may view technology advances as stressful and threatening in their travel 
information search. They worry about missing or losing information during informa-
tion search. Therefore, as explained above, multiple browser windows or tabs pro-
vide neurotic individuals with an opportunity to easily compare information to ensure 
they have not missed any information. Moreover, saving and retrieving files is easier 
on desktop devices, which is really important for neurotic individuals to make sure 
that they do not lose any information.

Individuals who score high on openness to experience have flexibility of thought 
and tolerance of new ideas. They actively look for new, creativity, and educational 
experiences and value change (McCrae and Costa Jr 1999). Prior studies showed that 
individuals with openness are more attracted to novel information and experiences 
(Carpenter et al. 2011). In the context of technology acceptance and use, individuals 
who are open to experiences are likely to be curious to try newer technologies and 
appreciate their use. Openness to experience was found to have a positive impact on 
perceived usefulness of ICT (Lakhal and Khechine 2017; Sanjebad and Iahad 2014). 
So, the flexibility of thought could mean easy switching between devices and there-
fore no specific device preferences.

To conclude, affordances vary across individuals and depend on how these indi-
viduals interpret the features of devices and perceive their potential uses. In the con-
text of technology, affordance is a user’s subjective interpretation of the function(s) 
of a given technology and perceptions about what the technology allows them to 
do ((Dincelli and Yayla 2022). Therefore, it is particularly important to understand 
how personal characteristics impact on users’ device preferences. As discussed in this 
section, this study investigates how users’ personal characteristics, specifically age, 
gender, travel experience, frequency and level of technology use, and personality 
traits, shape device preferences.
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3 Methodology

This study explores device use for travel information search through the lens of tech-
nology affordance theory. The study was designed using a convergent mixed method 
approach consisting of two independent studies to support methodological triangula-
tion (Creswell & Clark, 2011). Methodological triangulation is defined as the use of 
more than one method in studying the same phenomenon under investigation with 
the aim of increasing the internal credibility of the research findings (Denzin 2017). 
Methodological triangulation was achieved in this study by using longitudinal data 
(collected through an online trip planning diary) and cross-sectional data (obtained 
through an online survey).

Both studies seek to explicate device affordances in the context of pre-trip travel 
information search, but each explores different factors that influence affordance per-
ceptions. While Study 1 explores the connection between travel information search 
goals and device use, Study 2 focuses on personal factors as drivers of device use. 
It must be noted that affordance is a latent concept that cannot be directly measured. 
Instead, it is assumed to mediate the relationships investigated across the two stud-
ies. Figure 1 shows the conceptual framework underlying the structure of the paper.

As far as the relationship between user goals and device use is concerned, we 
assume that more complex goals with higher risk factors require devices that sup-
port stability, fact-checking and comparisons. We therefore formulate the following 
hypothesis:

H1 Mobile-dominant device use patterns are more likely to emerge in the context of 
“looking”, while laptop and desktop dominant device use patterns are more likely for 
“booking” goals.

Fig. 1 Conceptual framework 
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Regarding the personal characteristics of travellers, we assume the following rela-
tionships based on existing literature:

H2 The younger the traveller, the more likely the device use pattern will be domi-
nated by mobile devices.

H3 Female travellers are more likely to have mobile dominant device use patterns.

H4 The higher the frequency and level of technology use of a traveller, the more 
likely they are to exhibit device agnostic use patterns.

H5 Greater travel experience leads to more mobile dominant device use patterns.

H6a-e Extraversion and agreeableness are associated with mobile dominant device 
use patterns, while conscientiousness and agreeableness are linked to desktop domi-
nant use, and openness to experience increases the likelihood of device agnostic use 
patterns.

3.1 Study 1: online trip planning diary

The aim of the trip planning diary was to capture detailed information about user 
goals and device use in a natural travel information search context and to reduce 
recall bias (Burton et al. 2007) given the often complex and spontaneous nature of 
device use. A pilot study was conducted with four domestic tourists to evaluate the 
research design. The participants of the main study started to complete the trip plan-
ning diary in the early stage of searching for information. They continued to complete 
the trip planning diary until a day before their trip. This method captured informa-
tion regarding the devices used for information search, time spent for information 
search, and the goals for each session of information search on a daily basis. Respon-
dents received a daily link to the online trip planning diary for their upcoming trip. 
The researchers checked the diary daily and sent follow up emails to respondents if 
they failed to complete the diary over three consecutive days. The travel information 
search processes ranged from two weeks to eight weeks. To ensure completeness of 
the information, respondents were required to complete at least 80% of their daily 
diaries, either indicating that they had conducted information searches or not.

Sampling and procedure The final dataset from the trip planning diary included 18 
individuals who met the following three criteria. First, leisure tourists were selected 
because they were more likely to search for travel information themselves. Second, 
participants were recruited in the initial stages of trip planning to ensure most of their 
information search processes could be monitored. Finally, participants needed to be 
actively involved, being the main decision maker or planner searching for informa-
tion related to their trip.
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Participants for the trip planning diaries were recruited through email newsletters 
and social media. An initial screening survey was conducted to identify qualified 
applicants. Qualified respondents who indicated their willingness to participate were 
contacted by email. Compensation in the form of a shopping voucher was provided 
as an incentive. The unit of analysis for this study was based on the number of infor-
mation search sessions rather than the number of participants. A total number of 109 
trip planning sessions was reported across all of participants, yielding a rich qualita-
tive dataset for further analysis. Data collection ceased when data saturation was 
achieved; that is when additional data resulted in redundant information (Koerber 
and McMichael 2008).

Table 1 provides the demographic profile and type of trips for the diary respon-
dents. The final sample included 14 female and four male leisure tourists aged 
between 23 and 63. The high number of female participants in this study can be justi-
fied given that female travellers have been found to be more engaged in information 
search and trip planning (Kim et al. 2007). The participants were not only diverse in 
age but also the types of trips they were planning and their professions.

3.2 Study 2: online survey

The overall goal of the online survey was to identify differences among device user 
groups in terms of their demographic characteristics, travel experiences, technology 
use and their personality. The survey consisted of four sections: (1) screening ques-

Variable Frequency Percent
Gender

Female 14 78
Male 4 22

Age
18–29 8 44.5
30–39 6 33.2
40–49 3 16.7
50 or more 1 5.6

Type of Trip
International 9 50
Domestic 9 50

Variable Frequency Percent
Gender

Female 14 78
Male 4 22

Age
18–29 8 44.5
30–39 6 33.2
40–49 3 16.7
50 or more 1 5.6

Type of Trip
International 9 50
Domestic 9 50

Table 1 Trip planning diary 
participants’ profile
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tions; (2) socio-demographic questions, including gender, age, year of birth, state 
of residence, country of birth and duration of residence in Australia; (3) questions 
regarding additional characteristics, including travel experience and weekly technol-
ogy use, percentage of time spent on individual devices when planning trip accom-
modation in general, and number of domestic and international trips in the 12 months 
prior to the research; and (4) personality questions.

Sampling and procedure The online survey data were collected in 2018. A total of 
678 Australian leisure travellers participated in the survey. The participants were 
recruited through an online survey panel. This sample was limited to participants 
who had travelled within the past 12 months and who indicated that they had person-
ally searched for accommodation information. A quota sampling method was applied 
to ensure the sample was consistent with the demographic distributions (in terms of 
age and gender) of Australia’s population (Australian Bureau of Statistics, 2019). 
An overview of the survey participants’ characteristics along with quota sampling 
percentages are presented in Table 2.

In terms of travel experience (international and domestic), Table 3 provides a sum-
mary of the number of domestic and international trips undertaken by respondents 
of the survey 12 months prior to the data collection. The number of participants with 
domestic travel experience was higher than the number of participants with interna-
tional travel experience (Table 3).

The content validity of the survey constructs was evaluated by assessing the cor-
respondence of the variables with their theoretical definitions (Churchill Jr 1979). 
To ensure the content validity of the variables in this study, the items were primarily 
adopted from prior studies. The correspondence between individual items and the 
concept can be assessed by expert judges (Hair et al. 2013). Two academic experts 

Domestic International
Trips Frequency Per cent Frequency Per cent
None 75 11.2 273 40.3
1 249 37.1 282 41.6
2 181 27.0 86 12.6
3 80 11.9 16 2.4
4 or more 86 12.8 21 3.1

Table 3 Domestic and Interna-
tional Trips of Online Survey 
Respondents

 

Variable Frequency Percent Quota Percent
Gender

Female 340 50.1 50.0
Male 338 49.9 50.0

Age
18–29 127 18.7 20.0
30–39 133 19.6 20.0
40–49 131 19.3 20.0
50–59 134 19.8 20.0
60 or more 153 22.6 20.0

Table 2 Online survey partici-
pants’ distribution
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and two non-experts were consulted to verify and refine the content and construct 
validity of the items that were initially generated. A pilot test of the study was admin-
istrated to 51 undergraduate and postgraduate university students who matched the 
study sampling criteria.

Personality was assessed using the “Big Five” personality model adopted from the 
International Personality Item Poll (Pool 2008). To measure the five personality fac-
tors, five self-descriptive sentences were adopted from the International Personality 
Item Pool (Goldberg et al. 2006; Pool 2008). The items were rated on a five-point 
Likert scale (from 1 = strongly disagree to 5 = strongly agree). The raw score for each 
factor was gained by adding the ratings on each factor item. The mean score for each 
individual dimension was used to classify respondents. Cronbach’s coefficient alpha 
was conducted to test the internal consistency of the scales. Cronbach’s Alpha coeffi-
cient of 0.866 for extraversion, 0.816 for conscientiousness, 0.847 for agreeableness, 
0.848 for neuroticism and 0.785 for openness to experience confirm the alpha values 
are above the recommended level of 0.7 (Hair et al. 2013).

3.3 Data analysis

The analysis of diaries started as they were being collected and saturation was reached 
after collecting information from 18 participants. Since the aim of the trip planning 
diaries was to explore the relationship between user goals and device use, it was 
important to identify the dominant devices used by participants during each session. 
The number of sessions varied from four sessions to 34 sessions among participants. 
Table 4 shows how many sessions were dominated by the various devices. It demon-
strates the continued importance of desktop computers for travel information search.

Thus, while there were only 18 participants in Study 1, the analysis is based on 
over 100 information search sessions. ANOVAs and descriptive analyses were used 
to explore the relationship between the device that dominated a search session and 
the goal for that particular session.

The analysis of the survey started by classifying participants based on their device 
use for travel information search and trip planning. In the survey, respondents were 
asked to estimate their typical use of smartphones, tablets, laptops, desktops, and 
other devices for accommodation information search by allocating a percentage to 
each type of device. Table 5 shows device use distribution among participants. It 
becomes immediately apparent that single device use was extremely rare. Only 9% 
of participants indicated that they typically used a specific device for 100% of their 
information search.

Device dominant group Trip planning Diary
Device use sessions
N = 109

(%)

Mobile dominant 21 19.3
Laptop dominant 32 29.3
Desktop dominant 43 39.5
Device-agnostic 13 11.9

Table 4 Device use session 
distribution from trip planning 
diaries
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Participants who used a specific device 60% or more of the time were included 
in the same categories. Therefore, respondents were classified into four groups of 
mobile dominant, laptop dominant, desktop dominant, and device agnostic. As the 
number of participants who used tablets was low, tablet users were combined with 
smartphone users to create a mobile dominant group. Device agnostic users did not 
show a strong preference for a specific device during information search. Table 6 
shows the number of respondents in each device dominant group.

ANOVA and Chi-square tests were used to determine significant differences 
between device user groups (Netemeyer et al. 2003; Savalei 2008). The ANOVA and 
Chi-square tests were conducted using SPSS 24.0.

4 Findings and discussion

4.1 User goals

The trip planning diaries were analysed to explore the relationship between user 
goals and device use. Participants indicated their goals and the device they used to 
achieve these goals for each session. These goals were then categorised into looking 
and booking categories. (Table 7).

Goal Mobile 
dominant 
(%)

Laptop 
dominant 
(%)

Desktop 
dominant 
(%)

Device-
agnostic
(%)

Total

Looking 24 20 42 14 100
Booking 0 45 30 25 100

Table 7 User’ goals and device 
use
 

Device dominant group Online Survey
Device users
N = 678

(%)

Mobile dominant 204 30.1
Laptop dominant 203 29.9
Desktop dominant 116 17.1
Device-agnostic 155 22.9

Table 6 Device users per device 
dominant group from online 
survey

 

Device use for 
search (%)

Smart-
phone
N = 678

Tablet
N = 678

Laptop
N = 678

Desk-
top
N = 678

0 32.7% 67.1% 34.5% 60.9%
1–20 20.8% 16.7% 17.4% 11.8%
21–40 8.6% 4.4% 7.2% 4.6%
41–60 18.6% 5.8% 13.3% 7.1%
61–80 9.6% 2.2% 9.4% 3.5%
81–100 9.7% 3.8% 18.1% 12.1%
Total 100% 100% 100% 100%

Table 5 Device use distributions 
from online survey
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The results indicate that mobile phone-dominant information search sessions were 
exclusively focused on looking. Of the 20 sessions with booking goals, 45% were 
dominated by laptop use and an additional 30% by desktops. Despite the extensive 
focus on mobile devices, laptops and desktops still played a key role at the booking 
stage. The main reason that laptops and desktops were primarily used for booking 
may be because of the functionality and affordances offered, including larger key-
boards, screen size, access to full sites, and the ability to evaluate multiple sites at 
once with greater ease. This supports the conclusions of Jones, Buchanan, & Thim-
bleby (2003), who found that searching is more difficult on smaller screens compared 
to larger screens. Jones et al. (2003) suggested that individuals using devices with 
smaller screens were 50% less effective in completing tasks than individuals who 
used devices with larger screens because it is difficult for individuals to make a final 
decision about the search results collected on small devices. According to Oulasvirta, 
Tamminen, Roto, & Kuorelahti (2005), smaller screens prevented users from accom-
plishing more complex tasks. Similarly, Sheldon & Zietlow (2013) stated that laptop 
and desktop devices were dominant; 79% of purchases were made on a laptop and 
desktop. The findings of Study 1 therefore support H1 and conform with existing 
literature.

4.2 Demographic characteristics and travel experience of device dominant 
groups

Chi-square analyses were conducted to describe demographic differences among 
device dominant information search groups.

The results of the Chi-square analysis (Table 8) indicate that young travel infor-
mation searchers are more likely to belong to the mobile dominant group and least 
likely to the desktop-dominant group. This is consistent with results from other stud-
ies (e.g., Chong 2013; Kim et al. 2015; Okazaki et al. 2015). Desktop and also laptop 
users tend to be older (Global Web Index 2020). H2 was confirmed. However, the 
results also indicate that all device groups are populated with users of varying age. 
Just because someone is young does not mean that their travel information search 
will be dominated by mobile phone use and older travel information searchers are not 
necessarily all vested in searches on desktops.

Regarding gender, the results of the Chi-square analysis (Table 9) confirmed that 
the mobile dominant group included more females, thus supporting H3. These find-
ings are consistent with Okazaki et al. (2015), who found that females were more 

Table 8 Statistical analysis for Age and device dominant group
Age Group Mobile 

Dominant
n = 204

Laptop 
Dominant
n = 203

Desktop 
Dominant
n = 116

Device 
-Agnostic
n = 155

Tests Sig

18–25 10.3% 9.4% 0.9% 7.7% X2= 113.009
df = 15

0.000
26–35 37.3% 13.3% 12.1% 27.7%
36–45 21.1% 15.8% 8.6% 27.1%
46–55 15.7% 21.2% 23.3% 17.4%
56–65 12.7% 27.6% 38.8% 17.4%
66 + 2.9% 12.8% 16.4% 2.6%
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likely to use mobile technology for their pre-trip planning. Mobile devices may be 
more convenient for females who are multitasking and caring for others. Flamberg 
(n.d) stated that mobile devices act as a “Swiss Army Knife” for women to play, com-
munication and work. In contrast, for males, mobile devices play a role as a tool to 
accomplish specific tasks.

One-way ANOVA analyses were conducted to explore the potential connection 
between device use and overall technology use and travel experience. The survey 
results showed that there were no significant differences between device groups 
based on their general technology use (Table 10). H4 was therefore not supported by 
the data. Technology use refers to a self-reported estimate of the hours individuals 
spent on technology per week across all technologies. The sample was generally very 
avid in terms of technology use: 62.8% of the respondents used technology for more 
than ten hours per week, 18.1% spent between eight to ten hours, 13% spent between 
five to seven hours, and 6% spent between two to four hours. This could be a possible 
explanation for why no significant differences were found.

In terms of travel experience, the statistical analysis shows at the p < 0.05 level 
(F (3, 674) = 6.224, p = 0.000) that the device-agnostic group (M = 1.21) has more 
international travel experience. A Tukey post hoc test revealed that the comparisons 
between device-agnostic group and the other groups was statistically significant. 
While previous studies reported that frequent travellers used smartphones more fre-
quently (e.g., Eriksson 2014; Kim et al. 2008; Vallespín et al. 2017), the findings of 
this study shows that individuals with more international travel experience did not 
report a strong preference for specific devices. These inconsistencies may be due to 
this research examining device use only for pre-trip planning.

The findings of this research indicate that there is no difference between device 
dominant groups based on their domestic travel experience at the p < 0.05 level (F 

Table 9 Statistical analysis for gender and device dominant group
Gender Mobile 

Dominant
n = 204

Laptop 
Dominant
n = 203

Desktop 
Dominant
n = 116

Device 
Agnostic
n = 155

Tests Sig

Female 67.2% 39.9% 31.9% 55.5% X2 = 55.015
df = 6

0.000
Male 32.8% 60.1% 68.1% 44.5%

Table 10 Statistical analysis for travel experience and device dominant groups
Mobile 
Dominant
n = 204

Laptop 
Dominant
n = 203

Desktop
Dominant
n = 116

Device- 
Agnostic
n = 155

Tests Sig

Technology Use 
(mean hours/week)

3.30 3.51 3.41 3.28  F 
(3,674) = 2.436

0.064

Domestic Trips (mean) 1.99 1.86 1.95 2.09  F 
(3,667) = 0.641

0.589

International Trips (mean) 0.88 0.85 0.66 1.21  F 
(3,674) = 6.224

0.000

*Domestic trips are based on the number of trips 12 months prior to this study, **International trips 
are based on the number of trips 12 months prior to this study, ***Technology used is based on weekly 
hours.
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(3, 667) = 0.641, p = 0.589). This may be because domestic travel experience is ubiq-
uitous in the sample. Overall, H5 was not supported by the data collected from this 
sample.

4.3 Comparing device user groups in terms of their personality

One-way ANOVA analyses were conducted to investigate possible relationships 
between personality traits and device use, and the results are shown in Table 11. The 
results showed that there were no differences between groups based on agreeableness 
or openness to experience when using devices for trip planning.

However, based on the analyses, the device-agnostic group had a significantly 
higher score for extraversion (M = 3.34) compared to the other groups. A Tukey post 
hoc test revealed that the comparison between the device-agnostic group and laptop 
and desktop dominant groups and mobile dominant group with the laptop and desk-
top dominant groups are statistically significant. As the device-agnostic group had 
no device preferences, they take advantage of the functionality of different devices 
by switching between them when seeking to achieve their information search goals. 
Considering extraverts are outgoing and sociable (McElroy et al. 2007), have a 
greater desire to communicate with others, and are more energetic, it is perhaps not 
surprising that they use a mix of different devices during their trip planning.

The statistical analyses indicated that the desktop dominant group scored signifi-
cantly higher on conscientiousness (M = 3.98) (F (3, 674) = 3.252, p = 0.021) and neu-
roticism (M = 3.45) (F (3, 674) = 3.45, p = 0.015). A Tukey post hoc test revealed that 
the comparison between the desktop dominant group and mobile dominant group 
are statistically significant for both conscientiousness and neuroticism. Individuals 
who score high on conscientiousness often take actions to improve their performance 
(Costa and McCrae 1992) and are organised and self-disciplined. Individuals with a 
high score on neuroticism are anxious about forgetting ‘active to-dos’ (Devaraj et al. 
2008) and lose or miss some information during information search and trip plan-
ning. Desktop computers are more reliable and stable, and offer users the opportunity 
to save, organise and retrieve files much more easily (Singh Atwal et al. 2019). Open-
ing several browser windows for comparison purposes is also easier on desktops 
due to their stability and screen size. Therefore, the functions of desktop computers 
create an opportunity for individuals with these two personality traits to benefit from 
the functionality offered by these devices and achieve their personality-related goals.

Table 11 Statistical analysis for significant differences for personality traits
Personality Trait (mean) Mobile 

Dominant
n = 204

Laptop 
Dominant
n = 203

Desktop
Dominant
n = 116

Device- 
Agnostic
n = 155

Tests Sig

Extraversion 3.24 3.00 2.95 3.34  F (3,674) = 8.551 0.000
Agreeableness 4.05 3.93 3.87 3.96  F (3,674) = 2.189 0.088
Conscientiousness 3.80 3.82 3.98 3.93  F (3,674) = 3.252 0.021
Neuroticism 3.20 3.30 3.45 3.30  F (3, 674) = 3.521 0.015
Openness to experience 3.84 3.90 3.92 3.95  F (3, 674) = 1.031 0.378
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In summary, the data supported H1 regarding the relationship between informa-
tion goals and device use, as well as most of the hypothesized relationships for the 
effects of personal characteristics on device use patterns. The hypotheses regarding 
the effects of personality traits on specific device use patterns were only confirmed 
for conscientiousness and neuroticism, while the relationship between extraversion 
and device use was significant but not in the assumed direction. Table 12 provides an 
overview of the results.

5 Implications and conclusion

While mobile devices and smartphones have changed the way travellers engage with 
travel-related information, many individuals still use other devices such as desktops 
and tablets for their travel information search. The findings confirmed that informa-
tion goals play a role in device use in the travel information search context. Mobile 
devices are clearly not perceived as providing the affordances necessary for achieving 
booking goals during pre-trip planning sessions. In addition, our study demonstrates 
that travel information searchers’ personal characteristics, traits and backgrounds can 
influence the affordances different devices can provide them. Specifically, age, gen-
der, international travel experience, extraversion, conscientiousness and neuroticism 
emerged as factors with significant influences on device use. More importantly, this 
research paints a complex picture of a multi-device world in which travel informa-
tion searchers perceive different affordances for various aspects of their search. In 

Table 12 Summary of the hypotheses and their result
Hypothesis Result
H1: Mobile-dominant device use patterns are more likely to emerge in the 
context of “looking”, while laptop and desktop dominant device use patterns 
are more likely for “booking” goals.

Supported

H2: The younger the traveller, the more likely the device use pattern will be 
dominated by mobile devices.

Supported

H3: Female travellers are more likely to have mobile dominant device use 
patterns.

Supported

H4: The higher the frequency and level of technology use of a traveller, the 
more likely they are to exhibit device agnostic use patterns.

Not supported

H5: Greater travel experience leads to more mobile dominant device use 
patterns.

Not supported

H6a-e: Extraversion and agreeableness are associated with mobile dominant 
device use patterns, while conscientiousness and agreeableness are linked to 
desktop dominant use, and openness to experience increases the likelihood of 
device agnostic use patterns.

Hypotheses regarding 
conscientiousness and 
neuroticism supported.
Hypotheses regarding 
agreeableness and 
openness to experi-
ence not supported
Hypothesis regarding 
extraversion was sig-
nificant but not in the 
assumed direction.
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addition, the increasing multi-functionality of devices leads to device-agnostic multi-
device users or sessions in which no single device dominates.

5.1 Theoretical contributions

Taken collectively, the theoretical contributions of this research are two-fold. First, 
the research develops an understanding of device use in the travel information search 
context by introducing technology affordances to this area of research. Prior research 
focuses pre-dominantly on technology adoption and acceptance (Wang et al. 2014, 
2016). As attested by this research, affordance theory considers device functions, 
user goals and user characteristics and can therefore better explain the complex and 
dynamic reality of device use in travel information search. Second, this study extends 
literature on the functions and capabilities of different devices. As much as smart-
phones are hailed as universally supporting information search and decision-making 
in travel (Kang et al. 2020), they do not seem to offer the affordances needed to 
achieve booking goals. This is particularly important from a theory-building stand-
point as the results of this study revealed that travellers use multiple devices to over-
come technological limitations.

This study also provides insights regarding methodology suitable for affordance-
related research. Utilising mixed methods for data collection allowed for method-
ological triangulation and permitted the exploration of factors that contribute to 
affordances from multiple perspectives. Using trip planning diaries supported the 
tracking of travellers’ information search goals and device use for each session over 
the course of long pre-trip planning phases without running into recall problems. 
Utilising online trip planning diaries can help researchers to capture detailed infor-
mation in situ.

5.2 Practical contributions

The results of this research provide important practical contributions, particularly 
for marketing tourism businesses and destinations. First, as attested by this research, 
some individuals still prefer using their desktop to search for information while most 
use combinations of devices. This means that mobile devices have not completely 
replaced other devices due to lack of certain affordances in connection with specific 
search goals and/or personal characteristics. Designing websites, social media posts, 
and metaverse offerings to support travel information search thus requires paying 
attention to responsive designs that can accommodate multi-device use (Gibbs and 
Gretzel 2015).

Second, since the results of this research affirm that individuals switch between 
devices during their travel information search, it is extremely important for tourism 
practitioners to understand that switching between devices needs to be supported 
better by informational offerings in order to smooth the transition between looking 
and booking sessions during a search process. For instance, collecting and saving 
information in a way that makes it easily accessible across devices could be achieved 
through a linkage with social media accounts as travel information searchers are 
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unlikely to want to establish elaborate profiles for every travel website they visit 
during a search.

5.3 Limitations and direction for future research

The empirical results of this study should be considered in the light of some limita-
tions which constitute potential lines of research for the future. The participants in 
this research were limited to individuals who live in Australia. The functionality and 
ownership of devices might be different from other countries and different technol-
ogy infrastructure might influence device preferences; thus, future research needs to 
consider device use in other national contexts. Second, this research only studied the 
types of devices travellers used and their relationship with goals and characteristics, 
assuming that affordances determine device use. Future research needs to probe fur-
ther into why travellers prefer a particular device for specific elements of the travel 
information search process.

Moreover, this research divided user information search goals into two broad cat-
egories of looking and booking. There is clearly an opportunity for future research 
to identify more specific information search goals and to explore their impacts 
on device preferences and use. Moreover, this research used a convergent mixed-
methods design which explored travellers’ information search goals and travellers’ 
characteristics from two different studies. Future research could use a sequential 
mixed-method design to explore the relationship between traveller characteristics, 
their specific information search goals, and their personal device use patterns.

Funding  Open Access funding enabled and organized by CAUL and its Member Institutions

Open Access This article is licensed under a Creative Commons Attribution 4.0 International License, 
which permits use, sharing, adaptation, distribution and reproduction in any medium or format, as long 
as you give appropriate credit to the original author(s) and the source, provide a link to the Creative 
Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line 
to the material. If material is not included in the article’s Creative Commons licence and your intended use 
is not permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission 
directly from the copyright holder. To view a copy of this licence, visit http://creativecommons.org/
licenses/by/4.0/.

References

Australian Bureau of Statistics (2019) Australian Demographic Statistics
Barrick MR, Mount MK (1991) The big five personality dimensions and job performance: a meta-analysis. 

Pers Psychol 44(1):1–26
Bisen S, Deshpande Y (2016) An analytical study of smartphone addiction among engineering students: a 

gender differences. Int J Indian Psychol 4(1):70–83
Bloomfield BP, Latham Y, Vurdubakis T (2010) Bodies, technologies and action possibilities: when is an 

affordance? Sociology 44(3):415–433
Burton C, Weller D, Sharpe M (2007) Are electronic diaries useful for symptoms research? A systematic 

review. J Psychosom Res 62(5):553–561
Camacho S, Barrios A (2022) Social commerce affordances for female entrepreneurship: the case of face-

book. Electron Markets 32(3):1145–1167

1 3

253

http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/


Z. (. Zarezadeh et al.

Carlo JL, Lyytinen K, Boland RJ Jr (2012) Dialectics of collective minding: contradictory appropriations 
of information technology in a high-risk project.MIS quarterly,1081–1108

Carpenter JM, Green MC, LaFlam J (2011) People or profiles: individual differences in online social net-
working use. Pers Indiv Differ 50(5):538–541

Chatterjee S, Moody G, Lowry PB, Chakraborty S, Hardin A (2015) Strategic relevance of organiza-
tional virtues enabled by information technology in organizational innovation. J Manage Inform Syst 
32(3):158–196

Chen M, Peng AY (2022) Why do people choose different social media platforms? Linking Use Motives with 
Social Media Affordances and Personalities.Social Science Computer Review,08944393211049120

Chong AY-L (2013) Mobile commerce usage activities: the roles of demographic and motivation variables. 
Technol Forecast Soc Chang 80(7):1350–1359

Chung JE, Park N, Wang H, Fulk J, McLaughlin M (2010) Age differences in perceptions of online com-
munity participation among non-users: an extension of the Technology Acceptance Model. Comput 
Hum Behav 26(6):1674–1684

Churchill GA Jr (1979) A paradigm for developing better measures of marketing constructs. J Mark Res 
16(1):64–73

Costa PT Jr, McCrae RR (1990) Personality disorders and the five-factor model of personality. J Personal 
Disord 4(4):362–371

Costa PT, McCrae RR (1992) Normal personality assessment in clinical practice: the NEO personality 
inventory. Psychol Assess 4(1):5

Creswell J, Plano Clark V (2011) Choosing a mixed method design. In: Creswell J, Plano Clark V (eds) 
Designing and conducting mixed methods research, 2nd edn. Sage, Thousand Oaks, CA, pp 53–105

Culén AL, Bratteteig T (2013) Touch-screens and elderly users: a perfect match. Changes 7:15
De Raad B, Schouwenburg HC (1996) Personality in learning and education: a review. Eur J Pers 

10(5):303–336
Denzin NK (2017) The research act: a theoretical introduction to sociological methods. Transaction 

publishers
Devaraj S, Easley RF, Crant JM (2008) Research note—how does personality matter? Relating the five-

factor model to technology acceptance and use. Inform Syst Res 19(1):93–105
Dincelli E, Yayla A (2022) Immersive virtual reality in the age of the Metaverse: a hybrid-narrative review 

based on the technology affordance perspective. J Strateg Inf Syst 31(2):101717
Ding X, Xu J, Chen G, Xu C (2016) Beyond smartphone overuse: Identifying addictive mobile apps Paper 

presented at the Proceedings of the 2016 CHI conference extended abstracts on human factors in 
computing systems

Eriksson N (2014) User categories of mobile travel services. J Hospitality Tourism Technol 5(1):17–30
Eşkisu M, Hoşoğlu R, Rasmussen K (2017) An investigation of the relationship between Facebook usage, 

big five, self-esteem and narcissism. Comput Hum Behav 69:294–301
Faraj S, Azad B (2012) The materiality of technology: an affordance perspective. Materiality and organiz-

ing: Social interaction in a technological world 237:258
Fesenmaier DR, Xiang Z (2017) Introduction to tourism design and design science in tourism. In: Fesen-

maier DR, Xiang Z (eds) Design science in tourism. Springer International Publishing Switzerland, 
New York, pp 3–16

Flagship Report (2019) Global WebIndex’s flagship report on device ownership and usage. Retrieved from 
https://libranda.com/wp-content/uploads/2019/07/Report_on_devices_ownership_usage_July2019.
pdf

Flamberg D). Why gender matters in mobile marketing. The Hired Guns
Furnham AF (1997) Knowing and faking one’s five-factor personality score. J Pers Assess 69(1):229–243
Gibbs C, Gretzel U (2015) Drivers of responsive website Design Innovation by Destination Marketing 

Organizations. In: Tussyadiah I, Inversini A (eds) Information and Communication Technologies in 
Tourism 2015. Springer Verlag, Berlin, pp 581–592

Gibson JJ (1979) The ecological approach to visual perception Houghton Mifflin. New York
Global Web Index (2020) Device ownership and usage. Retrieved from Globalwebindex.com
Goldberg LR, Johnson JA, Eber HW, Hogan R, Ashton MC, Cloninger CR, Gough HG (2006) The inter-

national personality item pool and the future of public-domain personality measures. J Res Pers 
40(1):84–96

Gosling SD, Mason W (2015) Internet research in psychology. Ann Rev Psychol 66:877–902
Hair JF, Black WC, Babin BJ, Anderson RE (2013) Multivariate data analysis: Pearson new international 

edition. Pearson Higher Ed

1 3

254

https://libranda.com/wp-content/uploads/2019/07/Report_on_devices_ownership_usage_July2019.pdf
https://libranda.com/wp-content/uploads/2019/07/Report_on_devices_ownership_usage_July2019.pdf


Explicating affordances in travel information search: investigating…

Heft H (1989) Affordances and the body: an international analysis of Gibson’s ecological approach to 
visual perception. J Theory Social Behav 19(1):1–30

Hosseini M, Tammimy Z (2016) Recognizing users gender in social media using linguistic features. Com-
put Hum Behav 56:192–197. https://doi.org/10.1016/j.chb.201511.049

Hwangbo H, Yoon SH, Jin BS, Han YS, Ji YG (2013) A study of pointing performance of elderly users on 
smartphones. Int J Hum Comput Interact 29(9):604–618

Iqbal MW, Ahmad N, Shahzad SK (2017) Usability evaluation of adaptive features in smartphones. Pro-
cedia Comput Sci 112:2185–2194

Jones M, Buchanan G, Thimbleby H (2003) Improving web search on small screen devices. Interact Com-
put 15(4):479–495

Kang M, Gretzel U (2012) Perceptions of museum podcast tours: Effects of consumer innovativeness, 
internet familiarity and podcasting affinity on performance expectancies. Tourism Manage Perspect 
4:155–163

Kang S, Jodice LW, Norman WC (2020) How do tourists search for tourism information via smartphone 
before and during their trip? Tourism recreation research 45(1):57–68

Kim DY, Lehto XY, Morrison AM (2007) Gender differences in online travel information search: impli-
cations for marketing communications on the internet. Tour Manag 28(2):423–433. https://doi.
org/10.1016/j.tourman.2006.04.001

Kim DY, Park J, Morrison AM (2008) A model of traveller acceptance of mobile technology. Int J Tourism 
Res 10(5):393–407

Kim Y, Briley DA, Ocepek MG (2015) Differential innovation of smartphone and application use by 
sociodemographics and personality. Comput Hum Behav 44:141–147

Koerber A, McMichael L (2008) Qualitative sampling methods: a primer for technical communicators. J 
Bus Tech communication 22(4):454–473

Lakhal S, Khechine H (2017) Relating personality (big five) to the core constructs of the Unified Theory 
of Acceptance and Use of Technology. J Computers Educ 4(3):251–282

Lamsfus C, Wang D, Alzua-Sorzabal A, Xiang Z (2015) Going Mobile: defining context for On-the-Go 
Travelers. J Travel Res 54(6):691–701. https://doi.org/10.1177/0047287514538839

Law R, Chan ICC, Wang L (2018) A comprehensive review of mobile technology use in hospitality and 
tourism. J Hospitality Mark Manage 27(6):626–648

Lee Y-K, Chang C-T, Lin Y, Cheng Z-H (2014) The dark side of smartphone usage: psychological traits, 
compulsive behavior and technostress. Comput Hum Behav 31:373–383

Lei SI, Wang D, Law R (2019) Perceived technology affordance and value of hotel mobile apps: a com-
parison of hoteliers and customers. J Hospitality Tourism Manage 39:201–211

Leidner DE, Gonzalez E, Koch H (2018) An affordance perspective of enterprise social media and 
organizational socialization. The J Strategic Inf Syst 27(2):117–138. https://doi.org/10.1016/j.
jsis.2018.03.003

Leonardi PM (2011) When flexible routines meet flexible technologies: Affordance, constraint, and the 
imbrication of human and material agencies.MIS quarterly,147–167

Lewis M, Pervin L, John O (2001) On the development of personality.Handbook of personality: Theory 
and research,327–346

Liu X, Wang D, Gretzel U (2022) On-site decision-making in smartphone-mediated contexts. Tour Manag 
88:104424

Majchrzak A, Markus ML (2012) Technology affordances and constraints in management information sys-
tems (MIS). Encyclopedia of Management Theory,(Ed: E. Kessler), Sage Publications, Forthcoming

McCrae RR, Costa PT Jr (1999) A five-factor theory of personality. Handb personality: Theory Res 
2:139–153

McElroy JC, Hendrickson AR, Townsend AM, DeMarie SM (2007) Dispositional factors in internet use: 
personality versus cognitive style.MIS quarterly,809–820

Mohadisdudis HM, Ali NM (2014) A study of smartphone usage and barriers among the elderly Paper 
presented at the 2014 3rd International Conference on User Science and Engineering (i-USEr)

Morosan C (2015) Understanding the benefit of purchasing ancillary air travel services via mobile phones. 
J Travel Tourism Mark 32(3):227–240

Murphy HC, Chen M-M (2016) Online information sources used in hotel bookings: examining relevance 
and recall. J Travel Res 55(4):523–536

Netemeyer RG, Bearden WO, Sharma S (2003) Scaling procedures: issues and applications. Sage 
Publications

1 3

255

http://dx.doi.org/10.1016/j.chb.2015
http://dx.doi.org/10.1016/j.tourman.2006.04.001
http://dx.doi.org/10.1016/j.tourman.2006.04.001
http://dx.doi.org/10.1177/0047287514538839
http://dx.doi.org/10.1016/j.jsis.2018.03.003
http://dx.doi.org/10.1016/j.jsis.2018.03.003


Z. (. Zarezadeh et al.

Okazaki S, Campo S, Andreu L, Romero J (2015) A latent class analysis of spanish travelers’ mobile inter-
net usage in travel planning and execution. Cornell Hospitality Quarterly 56(2):191–201

Orlikowski WJ (2010) The sociomateriality of organisational life: considering technology in management 
research. Camb J Econ 34(1):125–141

Oulasvirta A, Tamminen S, Roto V, Kuorelahti J (2005) Interaction in 4-second bursts: the fragmented 
nature of attentional resources in mobile HCI Paper presented at the Proceedings of the SIGCHI 
conference on Human factors in computing systems

Pearce PL (2011) Tourist behaviour and the contemporary world. Tourist Behaviour and the Contemporary 
World. Channel view publications

Phang CW, Sutanto J, Kankanhalli A, Li Y, Tan BC, Teo H-H (2006) Senior citizens’ acceptance of 
information systems: a study in the context of e-government services. IEEE Trans Eng Manage 
53(4):555–569

Pool IPI (2008) International Personality Item Pool: A scientific collaboratory for the development of 
advanced measures of personality traits and other individual differences

Pruchniewska U (2019) A group that’s just women for women”: Feminist affordances of private 
Facebook groups for profession- als. New Media & Society 21(6):1362–1379. https://doi.
org/10.1177/1461444818822490

Ross C, Orr ES, Sisic M, Arseneault JM, Simmering MG, Orr RR (2009) Personality and motivations 
associated with Facebook use. Comput Hum Behav 25(2):578–586

Ryan T, Xenos S (2011) Who uses Facebook? An investigation into the relationship between the big five, 
shyness, narcissism, loneliness, and Facebook usage. Comput Hum Behav 27(5):1658–1664

Saaksjarvi M (2003) Consumer adoption of technological innovations. Eur J Innov Manage 6(2):90–100
Sanjebad NN, Iahad NA (2014) Influence of personality traits on the adoption of mobile learning. J Inform 

Syst Res Innov 6:34–41
Savalei V (2008) Is the ML chi-square ever robust to nonnormality? A cautionary note with missing data. 

Struct Equation Modeling: Multidisciplinary J 15(1):1–22
Sheldon J, Zietlow E (2013) Multi-device ownership: Implication for retailers and consumers. Retrieved 

from https://www.mytotalretail.com/item/multi-device-ownership/
Singh Atwal T, Scanlon M, Le-Khac N-A (2019) Shining a light on Spotlight: Leveraging Apple’s desktop 

search utility to recover deleted file metadata on macOS. arXiv preprint arXiv:1903.07053
Sun Y, Shao X, Li X, Guo Y, Nie K (2019) How live streaming influences purchase intentions in social 

commerce: an IT affor- dance perspective. Electron Commer Res Applica- tions 37:100886. https://
doi.org/10.1016/j.elerap.2020.100958

Teo TS, Pok SH (2003) Adoption of WAP-enabled mobile phones among internet users. Omega 
31(6):483–498

Tomej K, Xiang Z (2020) Affordances for tourism service design. Annals of Tourism Research 85. https://
doi.org/10.1016/j.annals.2020.103029

Tussyadiah IP, Wang D (2016) Tourists’ attitudes toward proactive smartphone systems. J Travel Res 
55(4):493–508

Vallespín M, Molinillo S, Muñoz-Leiva F (2017) Segmentation and explanation of smartphone use for 
travel planning based on socio-demographic and behavioral variables.Industrial Management & Data 
Systems

Vargo SL, Lusch RF (2004) Evolving to a new dominant logic for marketing. J Mark 68(1):1–17
Venkatesh V, Morris MG, Davis GB, Davis FD (2003) User acceptance of information technology: toward 

a unified view.MIS quarterly,425–478
Walsh C (2014) Mobile Travel Strategy Shakeup Ahead as Tablet Adoption Nears 50%, Retrieved from 

https://www.hotelnewsresource.com/article75950.html
Wang D, Park S, Fesenmaier DR (2012) The role of smartphones in mediating the touristic experience. J 

Travel Res 51(4):371–387
Wang D, Xiang Z, Fesenmaier DR (2014) Adapting to the mobile world: a model of smartphone use. 

Annals of Tourism Research 48:11–26
Wang D, Xiang Z, Fesenmaier DR (2016) Smartphone use in everyday life and travel. J Travel Res 

55(1):52–63
Watson D, Clark LA (1997) Extraversion and its positive emotional core. Handbook of personality psy-

chology. Elsevier, pp 767–793
Withagen R, De Poel HJ, Araujo D, Pepping G-J (2012) Affordances can invite behaviour: reconsidering 

the relationship between affordances and agency. New Ideas Psychol 30(2):250–258

1 3

256

http://dx.doi.org/10.1177/1461444818822490
http://dx.doi.org/10.1177/1461444818822490
https://www.mytotalretail.com/item/multi-device-ownership/
http://dx.doi.org/10.1016/j.elerap.2020.100958
http://dx.doi.org/10.1016/j.elerap.2020.100958
http://dx.doi.org/10.1016/j.annals.2020.103029
http://dx.doi.org/10.1016/j.annals.2020.103029
https://www.hotelnewsresource.com/article75950.html


Explicating affordances in travel information search: investigating…

Wu JS, Law R (2019) Analysing behavioural differences between e-and m-bookers in hotel booking. Int J 
Hospitality Manage 83:247–256

Wu T, Zhang M, Tian S, Wang G, Hua (2020) Spatial differences and network externality in pricing mecha-
nism of online car hailing platform. Int J Prod Econ 219(1):275–283

Xiang Z, Fesenmaier DR (2020) Travel information search. Handbook of e-Tourism, 1–20

Publisher’s Note Springer Nature remains neutral with regard to jurisdictional claims in published maps 
and institutional affiliations.

Springer Nature or its licensor (e.g. a society or other partner) holds exclusive rights to this article under 
a publishing agreement with the author(s) or other rightsholder(s); author self-archiving of the accepted 
manuscript version of this article is solely governed by the terms of such publishing agreement and appli-
cable law. 

1 3

257


	Explicating affordances in travel information search: investigating device use in relation to goals and personal characteristics
	Abstract
	1 Introduction
	2 Literature review
	2.1 Affordance theory
	2.2 The role of personal characteristics
	2.2.1 The role of personality traits


	3 Methodology
	3.1 Study 1: online trip planning diary
	3.2 Study 2: online survey
	3.3 Data analysis

	4 Findings and discussion
	4.1 User goals
	4.2 Demographic characteristics and travel experience of device dominant groups
	4.3 Comparing device user groups in terms of their personality

	5 Implications and conclusion
	5.1 Theoretical contributions
	5.2 Practical contributions
	5.3 Limitations and direction for future research

	References


