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Abstract This study investigated the impact of extreme

climate events on work absence in Jamaica. To this end, we

constructed a quarterly individual level dataset on labor

market and climatic data for 2004–2014. We find that

while excess rainfall increases the odds of being tem-

porarily absent from work, heat is unlikely to have an

effect. The estimated outcome of excess rainfall is rea-

sonable given the possibility of flooded roads, which can

impede travel to work. This draws attention to the devel-

opment of e-commuting policies to mitigate any negative

effects on productivity.

Keywords Excess rainfall � Heat � Jamaica � Worker

absence

1 Introduction

Jamaica is vulnerable to extreme climate events. In fact,

based on an environmental vulnerability index that incor-

porates factors such as exposure to natural hazards and

disasters and climate change, it is categorized as one of the

most extremely vulnerable countries in the Caribbean

(Kaly et al. 1999). This vulnerability is expected to

increase in the future given projections in changing mag-

nitudes and frequencies of climatic events. Climate

extremes such as excess rainfall, which is often linked to

hurricanes, have played a role in keeping employees

stranded at home (Bureau of Labor Statistics 2012) due to

damaged roads and hazardous working conditions (Delp

et al. 2009). Given Jamaica’s vulnerability to these climate

extremes, there are likely impacts on absences from work

in the local labor market. Although there is no evidence to

indicate that heat affects work absences in Jamaica, per-

haps due to its relatively stable temperature patterns, the

literature indicates that it may be an important considera-

tion. For example, Zander and Matthew (2019) find that

heat stress compromises economic activity due to a sig-

nificant reduction in workers’ productivity.1 The impact of

climate extremes on work absence is therefore an important

issue to investigate for Jamaica since there will be impli-

cations for economic growth and household welfare (Karim

and Noy 2014; Henry et al. 2020).

There are several studies investigating the impact of

extreme climate events on labor market outcomes.2 How-

ever, the literature is very limited in investigating the

impact of extreme climate events, specifically, on absences

from work. The existing studies on work absences, Cole-

man and Schaefer (1990) and Zander et al. (2015), focus

only on temperature. In these studies, there appears to be

no consensus on the directional impact of temperature

since these studies point to either lower (Coleman and

Schaefer 1990) or higher temperatures (Zander et al. 2015)

increasing work absences. Further, the countries in these

studies experience considerable variation in temperature,

which would reasonably impact work absences while

Jamaica on the other hand, may not observe significant

effects due to the lack of wide variation in temperatures.
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1 The work of Somanathan et al. (2015), Zander et al. (2015), and Yi

and Chan (2017) also indicate that heat stress can impact productivity.
2 These include Belasen and Polachek (2008) and Pecha Garzón

(2017) on hurricanes, employment, and earnings and Graff Zivin and

Neidell (2014) on temperature and hours worked.
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The lack of consensus in the small extreme climate-work

absence literature, its narrow climate focus, and its likely

inapplicability to Jamaica calls for further investigation as

to how extreme climate events affect absence from work.

This study quantified the impact that extreme climate

had on being temporarily absent from work in Jamaica.

Research like this is important given the seemingly limited

capacity of the Jamaican labor market to deal with work

absenteeism and the daunting climate change projections

that could affect the workforce. Further, this study pro-

vided a useful contribution to the extreme climate and work

absenteeism literature in two main ways. First, it intro-

duced a quantitative study in the Caribbean, a disaster-

prone region whose climatic future is marked by more

intense and frequent weather events (Elsner et al. 2008;

Burgess et al. 2018). Second, it made use of quarterly

individual-level data, which is quite important in capturing

the effects of climate extremes on worker absence. Third, it

studied another extreme event, namely, excess rainfall,

while the current literature presents only temperature.

The remainder of the article is organized as follows. In

the next section we discuss the survey and climatic data

along with the descriptive statistics. Section 3 follows with

the results and discussion. Section 4 concludes with policy

implications.

2 Data and Descriptive Statistics

To investigate the impact of extreme climate events on

temporary absence from work, we used weather data and

survey data on reported work absences and other labor

market data as control variables.

2.1 Individual-Level Data

We used the Labour Force Survey of Jamaica, which is

administered by the Statistical Institute of Jamaica. Due to

data constraints, we only used 2004-2014 even though the

survey started data collection in 1974. The survey collects

quarterly data on the activities of individuals, 14 years of

age or older, that are both in and outside of the labor force.

A special feature of the survey is that it is constructed

based on a rotating panel, which enables the construction

of a panel of individuals. In terms of the panel structure,

some individuals in the panel are interviewed3 for two

consecutive periods and are then used again the subsequent

year, while half of the panel are used between successive

surveys. This structure allows for a panel construction

enabling both annual and quarterly comparisons.

The survey provides data on key variables that are

fundamental to the objective of this study where the focus

is on employed individuals. The survey asks respondents

whether they were temporarily absent from work and the

reasons why, where one primary reason given is bad

weather. This allows us to create two binary variables,

namely, general absence from work and absence from work

that captures individuals who reported not going to work

due to bad weather. Further, the survey also asks respon-

dents why they worked less hours per week where one

reason given is bad weather. This allows us to supplement

the analysis of temporary work absences due to bad

weather. The survey also collects data on many variables

that can serve as useful controls in the analysis. These are:

years of schooling, age, job tenure, work sector, occupation

type, employer or company size, location or place of work,

and type of employment. The details of these controls are

featured in Table 1.

2.2 Climate Variables

We used high resolution (0.5 9 0.5 degree grids of global

land areas) quarterly average measure of heat, measured in

Celsius and rainfall, measured in millimeters as control

variables. The source of these data is the Tropical Rainfall

Measuring Mission (TRMM) satellite derived database. In

addition, excess rainfall was constructed using the number

of rainfall days that fall above the 90th percentile threshold

as indicated by local weather stations.

2.3 Descriptive Statistics

Table 1 provides descriptive statistics for all variables. On

average, approximately 2% of employed people reported

being absent from work while 0.1% and 0.5% reported

absence and working less hours due to bad weather

respectively. Thus, there is a higher number of individuals

reporting that they work less hours (0.5%) than those

reporting temporary absence (0.1%) due to bad weather.

The average quarterly values for rainfall, excess rainfall,

and heat respectively are 4.8 mm, 5.2 days, and 26.9 �C.

The average age of the sample is 41 years and years of

schooling averages around 10 years.

As it relates to job tenure, 68.7% of the sample worked

for five years or more. However, there is a big disparity

between those working at least five years and those

working for less than five years. As the table shows,

roughly 15% of employees have between 2- and 5-years

tenure at their current jobs. The smallest percentage (1.7%)

tenure is for less than one year but in excess of nine

months. The majority of the sample reported being

3 A notable limitation is that we are unable to identify the exact date

of interview. Thus, we do not know if an extreme event took place

during the time period of the interview. This can possibly induce

measurement error in disentangling the effect of extreme climate

events on absence from work.
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employees of private sector companies (46%) and being an

own account worker (37%). Place of work appears to vary

significantly among respondents. Most (34%) respondents

reported their workplace being at a factory, 19% being at a

farm, and 14% being at a shop. The remaining places of

work including at construction site, the market, employer’s

house, and home each totaled below 7%. Finally, the

majority (47%) of the respondents belong to the private

sector, followed by self-employed (40%) and the public

sector (13%).

3 Results and Discussion

This section describes the econometric model used to

estimate the impact of extreme climate on temporary work

absence. We also discuss our results in a number of parts.

First, we discuss the results for employees who reported

absence from work for any reason and the interaction

effects from this sample. Second, we discuss the results for

employees who reported work absence specifically due to

bad weather along with the interaction effects of this sub-

sample. Third, we discuss our exploration of lagged cli-

matic effects. Fourth, we discuss the results from

examining those employees who reported working less

hours due to bad weather. Finally, we discuss the limita-

tions of our analysis.

3.1 Econometric Model

To estimate the impact of extreme weather on being tem-

porarily absent from work, we used the following bench-

mark model and applied conditional fixed effects logistic

regressions.

Table 1 Descriptive statistics

Variables Mean SD

Dependent

Temporary absence 0.019 0.137

Temporary absence due to bad weather 0.001 0.025

Work less hours due to bad weather 0.005 0.071

Other weather

Extreme rainfall 5.178 4.303

Rainfall 4.822 3.218

Heat 26.868 1.825

Other controls

Age 41.131 13.802

Age-squared 1882.303 1251.875

Years of schooling 9.992 2.460

Job tenure dummies

Less than 3 months 0.032 0.176

3 months but less than 6 months 0.029 0.167

6 months but less than 9 months 0.024 0.152

9 months but less than 12 months 0.017 0.129

1 year but less than 2 years 0.065 0.247

2 years but less than 5 years 0.147 0.354

5 or more years 0.687 0.464

Sector

Employee of central or local government 0.095 0.294

Employee of other government agencies 0.030 0.170

Employee of private sector 0.458 0.498

Unpaid family worker 0.013 0.115

Employer 0.029 0.168

Own account worker 0.372 0.483

Not given 0.002 0.043

Employment by industry

Agriculture 0.002 0.047

Mining 0.063 0.242

Manufacturing 0.068 0.251

Electricity 0.055 0.228

Construction and installation 0.084 0.278

Wholesale and retail 0.188 0.391

Transport and storage 0.194 0.395

Financing and insurance 0.140 0.347

Community and social services 0.060 0.238

Industry not stated 0.146 0.354

Employer size

1 person 0.451 0.498

2–4 persons 0.161 0.368

5–9 persons 0.084 0.277

10–49 persons 0.170 0.375

50? persons 0.135 0.342

Workplace

Home 0.053 0.223

Farm 0.187 0.390

Table 1 continued

Variables Mean SD

Employer’s house 0.061 0.240

Construction site 0.066 0.248

Factory 0.343 0.475

Street (fixed location) 0.030 0.170

Street (no fixed location) 0.052 0.223

Shop 0.138 0.345

Market 0.026 0.158

Other location 0.044 0.205

Employment type

Public 0.125 0.331

Self 0.402 0.490

Private 0.473 0.499

Observations 23,928
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TAijt ¼ /1 þ/2

X1

l¼0

Xijt�l þ/3Wijt�l þ/5Cijt þ yy þ qd

þ pd þ ci þ eijt

ð1Þ

TAijt is the temporary work absence binary variable for

individual i in district j at time t.4 Xijt is excess rainfall. Wijt

is a vector containing rainfall and heat. l captures the

lagged weather variables, where l goes from t = 0 to t = 1.

C is a vector containing years of schooling, age, age-

squared, and the following dummy variables: job tenure,

work sector, occupation type, employer or company size,

location or place of work, and type of employment. yy, qd,

and pd are year, quarter, and parish fixed effects while ci

captures individual specific unobservables that can possibly

be correlated with other explanatory variables.eijt is the

error term and are clustered at the individual level.

3.2 Temporary Absence from Work

The impact of excess rainfall on being absent from work is

first estimated without controlling for individual specific

fixed effects, c. The second column of Table 2 shows the

estimated odd ratios. As can be seen, there is no impact of

excess rainfall on being temporarily absent from work.

This is also true for heat and rainfall. As shown in column

3, estimating the impact of extreme climate with fixed

effects produces the same outcome but with slight changes

in the odd ratios. Thus, controlling for time invariant

individual specific fixed effects can influence the magni-

tude of the estimated outcomes and as a result, this is the

preferred model that is used for the remaining discussion

since it reduces biasedness of our estimates. Overall, the

results show that extreme climate do not affect the odds of

employees’ temporary absence compared to a case of no

extreme climate. This no-climate impact has been noted in

the works of Pecha Garzón (2017) on Jamaica with hurri-

canes (linked with excess rainfall) and Belasen and Pola-

chek (2008) on Florida with hurricanes where they focused

on indicators such as wages and employment. Additionally,

Wilson (2017) indicates that economies become less sen-

sitive to climate conditions with which they are familiar,

such as heat.

Table 3 shows the interaction effects of excess rainfall

with workplace and employment type. As Model 1 shows,

there is no overall impact of excess rainfall on odds of an

employee being temporarily absent. However, in terms of

employment industry, we note that excess rainfall increases

the odds of being absent for those working in a shop, at

home, in a market, or on a farm and is at least 1.075 higher

than if there was no excess rain. The absences for shop,

market, and farm can possibly be attributed to road con-

ditions (Miller et al. 2009), which makes it difficult to get

to work or the lack of public transportation given its vul-

nerability to weather (Leviäkangas et al. 2011; Kaufman

et al. 2012). This is supported by local evidence where

heavy rainfall makes it difficult for people to travel (Ja-

maica Observer 2019; The Gleaner 2019) and bus services

have been temporarily suspended due to impassable roads

from debris. Thus, it is easy to appreciate that excess

rainfall can drive worker absences (Jamaica Observer

2017). Unexpectedly, is the increasing absence for those

working at home. A plausible explanation is prevention of

other household members from leaving home due to excess

rain resulting in distractions (Srivastava et al. 2015), thus

rendering an at-home worker incapable of carrying out

work responsibilities. Interestingly, excess rainfall reduces

the odds of a factory worker being absent from work,

which can possibly be explained by factory employers

providing transportation or workers living in close prox-

imity to work or they are able to work from home, in which

case they are less likely to report absence from work.

Overall, we see that the odds are higher for farm and

market workers being absent compared to those working

from home or in a shop but only marginally, that is,

between 0.003 and 0.03. Perhaps, the location of where the

work is carried out is a factor, where for example, farm and

market workers may have to travel further and would

therefore be constrained by rainfall impacts.

Turning our attention to Model 2, where public and

private sector workers are added, we see that excess

Table 2 The impact of extreme climate on temporary work absence

Variables (1)—Pooled (2)—Fixed effects

Excess rainfall 1.012 1.006

(0.010) (0.013)

Rainfall 1.001 1.014

(0.018) (0.021)

Heat 0.987 0.965

(0.013) (0.041)

Observations 23,612 15,504a

(i) Models 1 and 2 present the odd ratios and include all the controls

listed in Table 1

(ii) The dependent variable is temporary absence from work where

temporary absence is 1, 0 otherwise

(iii) Standard errors in parentheses
aThe observations were reduced to 15,504 owing to the lack of

variability where individuals reported either absence from work or no

absence from work. For those individuals that remained in the anal-

ysis, their status varied from absence to not being absent or vice versa

4 Time t goes from 2004 quarter 1 to 2014 quarter 4.
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rainfall increases the odds of being absent by 1.034. The

directional impact for home, farm, factory, and market

workers remain the same except for the insignificance that

is now noted for factory and market. Note also that com-

pared to a private sector worker, the odds of an individual

working in the public sector being absent from work is 0.9

lower than being absent if there is no excess rainfall.

3.3 Temporary Absence from Work Due

to Weather

Those who reported, in general, to be temporarily absent

from work does not necessarily allow one to infer the

reason for such absence. As such, in Table 4 we show the

results of using only those individuals who reported being

absent from work due to bad weather. The table reveals

that controlling for individual specific fixed effects does

make a difference in the overall significance of the esti-

mates, especially with regards to rainfall. The odd ratios of

Model 2 indicate that extreme weather has an impact on

temporary work absence. One can see that excess rainfall

significantly increases the odds of being temporarily absent

from work. In other words, the odds of temporary absence

due to excess rainfall is 1.283 higher compared to the sit-

uation in which there was no extremity in rainfall levels.

Understandably, the usual rainfall levels decrease the odds

of employees being absent by 0.680. One may want to note

that climate extremes can possibly impact work absence

through impassable roads (Spencer et al. 2016), disruption

in the transportation system (Kaufman et al. 2012), and

general safety concerns (Delp et al. 2009; Leviäkangas

et al. 2011). In this regard, the results are limited in the

sense of not being able to identify the specific channel

through which a worker’s absence is impacted due to cli-

mate extremes. Note also that heat does not affect worker

absence, which is expected since Jamaica has relatively

stable temperature conditions.

Table 5 extends Model 2 in Table 4 by including

interaction effects of excess rainfall with employment type

and place of work. Model 1, which shows climate inter-

actions with workplace reveals that regardless of one’s

place of employment, excess rainfall do not significantly

affect the odds of temporary absence. On the other hand,

Model 2, which adds interactions with type of employment,

produces different results. First, we note that in general,

excess rainfall increases the odds of temporary absence but

like Model 1, usual rainfall decreases the odds of worker

absence. Of course, the higher likelihood of absence due to

excess rainfall implies associated flooding, which impacts

movement and travel to work. Conversely, normal rainfall

would generally not cause major disruptions and so it is

understandable why workers are less likely to be tem-

porarily absent. Second, the odds of being absent are

greater for factory worker (1.36) than for a farm worker

(1.22). Third, compared to a private sector worker, there is

no impact on the odds of an individual working in the

public sector being temporarily absent from work due to

excess rainfall; an outcome that can be explained by

employers having mechanisms in place to reduce absence

such as through transportation and work-from-home

infrastructure.

Table 3 The impact of extreme climate on temporary work absence:

interaction effects

Variables (1) (2)

Excess rainfall 1.017 1.034*

(0.021) (0.021)

Rainfall 0.993 1.000

(0.021) (0.021)

Heat 0.958 0.947

(0.041) (0.041)

Interaction: Workplace_‘‘type’’*ExcessRainfall

_Home*ExcessRainfall 1.075** 1.069**

(0.028) (0.031)

_Farm*ExcessRainfall 1.101*** 1.094***

(0.029) (0.031)

_EmployersHouse*ExcessRainfall 1.051 1.035

(0.035) (0.033)

_Factory*ExcessRainfall 0.956** 0.978

(0.017) (0.018)

_Street-Fixed*ExcessRainfall 1.043 1.038

(0.039) (0.041)

_Street-NotFixed*ExcessRainfall 1.031 1.028

(0.035) (0.036)

_Shop*ExcessRainfall 1.089*** 1.073**

(0.028) (0.028)

_Market*ExcessRainfall 1.092* 1.085

(0.053) (0.055)

Interaction: Employment_‘‘type’’*ExcessRainfall

_Public*ExcessRainfall 0.903***

(0.0146)

_Self*ExcessRainfall 0.982

(0.019)

Observations 15,504 15,504

(i) Models 1 and 2 present the odd ratios and include all the controls

listed in Table 1

(ii) The dependent variable is temporary absence from work where

temporary absence is 1, 0 otherwise

(iii) Standard errors in parentheses

(iv) ***p\ 0.01; **p\ 0.05; *p\ 0.1
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3.4 Temporary Absence from Work: Lagged

Climate Effects

We next investigate whether extreme climate conditions

have any persistent impact as many in the weather litera-

ture have done (Spencer and Polachek 2015; Spencer and

Urquhart 2018; Henry et al. 2020). These results are shown

in Table 6. Model 1 presents the results for all workers who

reported being absent from work. Here we note the

insignificance of the one period excess rainfall lag.5 Model

2 shows the results for workers who reported being absent

specifically due to bad weather. Again, we obtain the same

outcome for excess rainfall and rainfall. Although

unknown, one may want to note that it may be possible that

employees reported climate-related work absence but could

be facing circumstances related to excess rainfall such as

family and health issues or could just be using bad weather

as an opportunity to avoid work obligations (Shi and

Skuterud 2015; Žikić and Rabi-Žikić 2018). We also find

no impact on the odds of being absent one quarter after the

experience with excess rainfall. This demonstrates that the

experience of excess rainfall has possibly strengthened the

labor market to mitigate against such shocks beyond cur-

rent time period perhaps through e-commuting or workers

being able to successfully deal with effects of excess rain.

3.5 Temporary Absence from Work: Working Less

Hours Due to Bad Weather

Another alternative to using the variable that captures

workers’ temporary absence is to examine those who

reported working less than 32 hours due to bad weather.

Table 7, which displays these results, corroborates the

general evidence of excess rainfall having a contempora-

neous labor market impact and the non-existence of an

effect one period after the event. Perhaps the latter outcome

Table 4 The impact of extreme climate on temporary work absence

due to bad weather

Variables (1)—Pooled (2)—Fixed effects

Excess rainfall 1.075 1.283***

(0.0735) (0.122)

Rainfall 0.847 0.680***

(0.088) (0.098)

Heat 1.102 1.143

(0.101) (0.348)

Observations 7,465 614

(i) Models 1 and 2 present the odd ratios and include all the controls

listed in Table 1

(ii) The dependent variable captures individuals who reported tem-

porary absence from work due to bad weather where temporary

absence is 1, 0 otherwise

(iii) Standard errors in parentheses

(iv) ***p\ 0.01

Table 5 The impact of extreme climate on temporary work absence

due to bad weather: Interaction effects

Variables (1) (2)

Excess rainfall 1.179 1.243*

(0.129) (0.148)

Rainfall 0.689** 0.679**

(0.402) (0.104)

Heat 1.250 1.223

(0.402) (0.397)

Interaction: Workplace_‘‘type’’*ExcessRainfall

_Home*ExcessRainfall 1.121 1.128

(0.183) (0.205)

_Farm*ExcessRainfall 1.150 1.221*

(0.107) (0.139)

_EmployersHouse*ExcessRainfall 1.666 1.512

(1.137) (1.026)

_Factory*ExcessRainfall 1.288 1.361*

(0.222) (0.237)

_Street-Fixed*ExcessRainfall 0.634 0.665

(0.357) (0.385)

_Street-NotFixed*ExcessRainfall 1.152 1.216

(0.190) (0.219)

_Shop*ExcessRainfall 0.245 0.261

(0.259) (0.269)

_Market*ExcessRainfall 1.116 1.198

(0.177) (0.212)

Interaction: Employment_‘‘type’’*ExcessRainfall

_Public*ExcessRainfall 0.708

(0.179)

_Self*ExcessRainfall 0.896

(0.092)

Observations 614 614

(i) Models 1 and 2 present the odd ratios and include all the controls

listed in Table 1

(ii) The dependent variable captures individuals who reported tem-

porary absence from work due to bad weather where temporary

absence is 1, 0 otherwise

(iii) Standard errors in parentheses

(iv) ***p\ 0.01; **p\ 0.05; *p\ 0.1

5 Model specification choice of a one period lag is based on

robustness. Lags beyond the first period are insignificant to the

analysis.
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can be explained by employees working from home; thus,

they take account of the fact that they are still working and

are counting hours. We also note that there are similar

results for rainfall and heat in previous models where the

former reduces the odds of absence and the latter has no

effect on the odds of being absent. Once again, a no-heat

effect is expected given the stability in Jamaica’s

temperature.

3.6 Study Limitations

There are some limitations that are important to mention,

which if considered can strengthen estimated outcomes

especially when using survey data. First, the survey does

not collect data on the health of employees, which could be

important since work absence can be impacted by health.

Second, it is not possible to identify the exact mechanisms

(including impassable roads and workplace closure)

through which absence is impacted due to bad weather.

Third, there is no clear definition of bad weather in the

survey. Fourth, there is no information on whether

employers can facilitate work-from-home in times of

extreme climate events. Thus, future surveys can be refined

to capture these data.

4 Conclusion and Policy Implications

This study investigated the impact that extreme climate has

on absence from work. The estimations show that excess

rainfall does impact temporary absence from work

depending on the place and type of employment. Possible

reasons for increased likelihood of absence include poor

road conditions and disruption in public transportation

systems. On the other hand, a lower likelihood of absence

can be attributed to employers having in place arrange-

ments for work to be carried out from home or other

locations. Further, we consistently find that heat has no

effect on the odds of being temporarily absent from work,

an outcome that can be attributed to Jamaica’s relatively

stable temperature patterns and as such, is not considered

as an extreme weather event in this study.

The outcome of this study has implications for the

Jamaican labor market adapting to the effects of excess

rainfall, an extreme event that is common locally and has

been known to cause landslides and unsafe roads. Further,

the climate change literature indicates that excess rainfall is

quite possible in the future. Since Jamaica is vulnerable to

climate change events, it means that worker absence can

become a serious issue in the future. Thus, one may expect

an increase in climate-related work absence, which may

have implications for productivity and economic growth.

The local labor market, therefore, should focus on miti-

gating the impact that excess rainfall has on absence from

work perhaps by instituting e-commuting policies where

employees can work from home or from other locations if

the home environment is not conducive to work. In addi-

tion, the labor market can help employees adapt to

changing situations, perhaps through training sessions so

that productivity is not impacted. Where such policies are

deemed inappropriate, employers need to arrange for

Table 6 The impact of extreme climate on temporary work absence

and absence due to bad weather: Lagged weather effects

Variables (1) (2)

Excess rainfall 1.011 1.300***

(0.013) (0.132)

Rainfall 1.009 0.689**

(0.022) (0.107)

Heat 0.993 1.078

(0.044) (0.346)

Lag 1_ExcessRainfall 1.004 0.946

(0.006) (0.042)

Observations 14,248 560

(i) Models 1 and 2 include all the controls listed in Table 1

(ii) The dependent variable captures individuals who reported tem-

porary absence from work where temporary absence is 1, 0 otherwise

for Model 1; captures individuals who reported temporary absence

from work due to bad weather where temporary absence due to bad

weather is 1, 0 otherwise for Model 2

(iii) Standard errors in parentheses

(iv) ***p\ 0.01; **p\ 0.05

Table 7 The impact of extreme climate on working less hours due to

bad weather

Variables (1) (2)

Excess rainfall 1.282*** 1.325***

(0.104) (0.116)

Rainfall 0.739** 0.726**

(0.089) (0.092)

Heat 0.887 1.126

(0.227) (0.316)

Lag 1_ExcessRainfall 0.968

(0.034)

Observations 736 670

(i) Models 1 and 2 include all the controls listed in Table 1

(ii) The dependent variable captures individuals who reported work-

ing less hours due to bad weather where working less hours is 1, 0

otherwise for Model 1

(iii) Standard errors in parentheses

(iv) ***p\ 0.01; **p\ 0.05
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employees whose work has to take place on the work site to

be present.
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