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Abstract 

Age-related mitochondrial dysfunction leads to defects in cellular energy metabolism and oxidative stress defense 
systems, which can contribute to tissue damage and disease development. Among the key regulators responsible 
for mitochondrial quality control, peroxisome proliferator-activated receptor gamma coactivator 1-alpha (PGC-1α) 
is an important target for mitochondrial dysfunction. We have previously reported that bioactive polyphenols 
extracted from sugarcane top (ST) ethanol extract (STEE) could activate neuronal energy metabolism and increase 
astrocyte PGC-1α transcript levels. However, their potential impact on the mitochondria activity in muscle and liver 
cells has not yet been investigated. To address this gap, our current study examined the effects of STEE and its poly-
phenols on cultured myotubes and hepatocytes in vitro. Rhodamine 123 assay revealed that the treatment with STEE 
and its polyphenols resulted in an increase in mitochondrial membrane potential in C2C12 myotubes. Furthermore, 
a comprehensive examination of gene expression patterns through transcriptome-wide microarray analysis indicated 
that STEE altered gene expressions related to mitochondrial functions, fatty acid metabolism, inflammatory cytokines, 
mitogen-activated protein kinase (MAPK) signaling, and cAMP signaling in both C2C12 myotubes and HepG2 hepato-
cytes. Additionally, protein–protein interaction analysis identified the PGC-1α interactive-transcription factors-targeted 
regulatory network of the genes regulated by STEE, and the quantitative polymerase chain reaction results confirmed 
that STEE and its polyphenols upregulated the transcript levels of PGC-1α in both C2C12 and HepG2 cells. These find-
ings collectively suggest the potential beneficial effects of STEE on muscle and liver tissues and offer novel insights 
into the potential nutraceutical applications of this material.
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Graphical Abstract

1  Introduction
Mitochondria, often referred to as the cellular "power-
houses" responsible for ATP production, play a crucial 
role in maintaining cellular function and appropriate 
responses to stress. In non-mitotic cells like cardiomyo-
cytes and skeletal muscle cells, the aging process incites 
mitochondrial dysfunction, which subsequently trig-
gers the activation of the DNA damage response and 
the innate immune response, thereby leading to chronic 
inflammation [1]. The accumulation of mitochondrial 
DNA (mtDNA) mutations and alterations in mitochon-
drial quality control mechanisms, such as the balance 
between mitochondrial biosynthesis and mitophagy, as 
well as the balance between mitochondrial fusion and fis-
sion, are considered contributing factors to age-related 
mitochondrial dysfunction [2–4].

The peroxisome proliferator-activated receptor gamma 
coactivator 1-alpha (PGC-1α) is one of the key regulators 
of mitochondrial quality control [5–7]. PGC-1α induces 
expression of its downstream effector transcription fac-
tor A mitochondrial (TFAM) involved in mtDNA main-
tenance and transcription, and promotes mitochondrial 
biogenesis. PGC-1α has also been reported to regulate 
mitophagy with other effectors [8, 9]. In addition, molec-
ular pathways such as the AMP-activated protein kinase 
(AMPK) and mitogen-activated protein kinase (MAPK) 
pathways have been reported to regulate both mitochon-
drial biogenesis and mitophagy [10–12].

We have previously reported the identification of 
the four major polyphenolic components in sug-
arcane top (ST) ethanolic extract (STEE), namely, 
3-O-caffeoylquinic acid (3CQA), 5-O-caffeoylquinic 
acid (5CQA), 3-O-feruloylquinic acid (3FQA), and 
Isoorientin (ISO, chemically luteolin-6-C-glucoside). 
We also demonstrated that STEE could ameliorate 

spatial learning and memory deficits in senescence-
accelerated model mice via promoting energy metabo-
lism and neurogenesis in  vivo [13]. Furthermore, we 
extended our investigation to unveil that the coordi-
nated action of 3CQA, 5CQA, and ISO within STEE 
elevated PGC-1α transcription levels in immature 
astrocytes, promoting their branching morphology 
in  vitro [14]. These findings encourage us to investi-
gate the effects of STEE and its bioactive polyphenols 
on metabolically active muscle and liver functions. It 
is well-documented that mitochondrial dysfunction 
and the associated rise in oxidative stress significantly 
contribute to the decline in muscle mass and function, 
as well as the onset of liver inflammation and fibro-
sis [15–18]. Previous studies have indicated that CQA 
stimulates glucose transport in skeletal muscle in  vivo 
and enhances glycolytic and electron transport systems 
in HepG2 hepatocytes in  vitro [19, 20]. Also, ISO has 
been reported to protect against oxidative damage in 
both C2C12 myotubes and HepG2 hepatocytes in vitro, 
through regulating the genes related to mitochondrial 
function [21–23]. However, the synergistic functional 
effects of these compounds on the mitochondrial func-
tions of myotubes and hepatocytes have not yet been 
investigated.

We, therefore, aimed herein to obtain the data con-
cerning the alterations induced by STEE and its poly-
phenols in cultured myotubes and hepatocytes in vitro, 
with a specific emphasis on metabolic processes and 
mitochondrial function, in order to uncover their 
unexplored functional attributes. We conducted com-
prehensive transcriptome-wide analyses using microar-
ray technology, which provided valuable insights into 
the biological and molecular changes by STEE and its 
polyphenols.
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2 � Results
2.1 � Six‑hour exposure to STEE or mixed‑compound 

treatment induced a significant increase 
in the mitochondrial membrane potential of C2C12 
myotubes

First, we tested the effect of STEE on cell viability using 
the 3-(4,5-Dimethylthiazol-2-yl)-2,5-Diphenyltetrazo-
lium Bromide (MTT) assay. In differentiated C2C12 
myotubes, treatment with STEE for 24 or 48  h did not 
yield any significant changes in absorbance across various 
concentrations. Similarly, in HepG2 hepatocytes, expo-
sure to STEE for either 24 or 48 h exhibited no significant 
changes in absorbance at any concentration (Additional 
file 1: Fig. S1). These results suggest that STEE does not 
affect the viability of either C2C12 myotubes or HepG2 
hepatocytes in vitro within the concentration range used 
in this study.

Considering the results, we opted for a concentra-
tion of 50  µg/mL of STEE for the subsequent Rhoda-
mine 123 (Rh123) assay. Also, we treated the cells with 
polyphenols of STEE either individually or in combi-
nation. The concentrations were calibrated to match 
the amounts contained within the STEE (for example, 
3CQA = 0.50  µM; 5CQA = 0.70  µM; 3FQA = 0.85  µM; 
ISO = 0.48  µM were equivalent to 50  µg/mL) as pre-
viously described [13, 14]. The structures of the 

compounds are shown in Fig.  1 and the combinations 
of the compounds are explained in Table 1.

Treatment of STEE with C2C12 myotubes for 6  h 
significantly increased Rh123 intensity (Fig.  2A). Also, 
treatments designated as No. 3, 8, and 10, signifi-
cantly increased Rh123 intensity in C2C12 myotubes 
(approximately 1.24-fold for each) at 6 h. Furthermore, 
treatment No. 5 over a 6 h period displayed a trend of 
increased fluorescence intensity (p = 0.095) (Fig.  2A). 
No significant changes in Rh123 intensity were 
observed in C2C12 myotubes following a 24  h treat-
ment with any of the samples (Fig.  2A). These results 
suggest that the extract increased the mitochondrial 
membrane potential (MMP) of C2C12 myotubes dur-
ing a 6  h of treatment period and this effect could be 
attributed to the synergistic action of 3CQA, 5CQA, 
and ISO present in the extract.

In the case of HepG2 cells, no significant changes 
in Rh123 intensity across any of the samples or treat-
ment durations (Fig.  2B). Nevertheless, although not 
statistically significant, there was an approximate 1.25-
fold increase in fluorescence intensity following 24  h 
treatment with STEE, No. 7, and 8. There appeared to 
be a trend toward greater fluctuations in fluorescence 
intensity after 24  h of treatment compared to the 6  h 
timeframe, suggesting that the effects of STEE and its 

Fig. 1  Structures of the polyphenolic components of sugarcane top extract
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polyphenols on MMP may exhibit variability depending 
on the duration of treatment.

2.2 � Transcriptomic profiling of STEE‑treated myotubes 
and hepatocytes by microarray

To gain mechanistic insight into the effects of STEE, 
we performed the transcriptomic analysis of the C2C12 
myotubes and HepG2 hepatocytes by microarray. The 
RNA samples extracted from nontreated control cells 
were compared with the RNA samples extracted from 
C2C12 myotubes subjected to two different concentra-
tions of STEE for 6 h—30 µg/mL and 50 µg/mL (referred 
to as STEE30-M and STEE50-M, respectively). Likewise, 
the RNAs from nontreated HepG2 cells were compared 
with the RNAs obtained from cells exposed to two dis-
tinct concentrations of STEE for 24 h, namely 15 µg/mL 
and 30 µg/mL (referred to as STEE15-H and STEE30-H, 
respectively).

In comparison to the control group, STEE30-M exhib-
ited 954 differentially expressed genes (DEGs), with 
489 being upregulated and 465 being downregulated 
(Fig.  3A). In the case of STEE50-M, there were 1326 
DEGs, consisting of 579 upregulated and 747 downregu-
lated genes (Fig. 3A). Similarly, in the case of STEE15-H, 
1559 DEGs were detected, including 939 upregulated and 
620 downregulated genes, in comparison to the control 

group (Fig.  3B). For STEE30-H, there were 1383 DEGs, 
with 838 genes upregulated and 545 genes downregu-
lated (as represented in Fig. 3B). Compared to the control 
group, a greater number of genes exhibited downregula-
tion than upregulation in STEE50-M. Furthermore, when 
comparing the STEE15-H group with the control, there 
were more DEGs than when comparing the STEE30-H 
group with the control. The distributions of fold change 
(FC) of the DEGs are shown in the butterfly charts 
(Fig.  3B for the C2C12 group; Fig.  3C for the HepG2 
group).

We assessed the degree of overlap of DEGs in STEE30-
M and STEE50-M. Among the DEGs that were down-
regulated compared to controls, 86 genes were common 
(Fig. 3E). Among the DEGs that were upregulated com-
pared to controls, 88 genes were common (Fig.  3E). A 
total of 174 commonly regulated DEGs in STEE-treated 
C2C12 myotubes were related to the several biological 
states or processes categorized as the hallmark gene set 
as follows: Kras Signaling Dn (Systemic name: M5956), 
Kras Signaling Up (M5953), Fatty Acid Metabolism 
(M5935), Myogenesis (M5909), mTORC1 Signaling 
(M5924), Inflammatory Response (M5932), TNF-alpha 
Signalling Via NF-kB (M5890), Interferon Gamma 
Response (M5913), and Interferon Alpha Response 
(M5913) (Fig. 3E).

We also assessed the degree of overlap of DEGs in 
STEE15-H and STEE30-H. Among the DEGs that were 
downregulated compared to controls, 158 genes were 
common (Fig.  3F). Among the DEGs that were upregu-
lated compared to controls, 304 genes were common 
(Fig.  3F). A total of 462 commonly regulated DEGs in 
STEE-treated HepG2 cells were related to the hallmark 
gene sets as follows: Fatty Acid Metabolism, Kras Signal-
ing Up, Xenobiotic Metabolism (M5934), mTORC1 Sign-
aling, PI3K/AKT/mTOR signaling (M5923), p53 pathway 
(M5939), Peroxisome (M5949), Oxidative Phosphoryla-
tion (M5936), and Glycolysis (M5937) (Fig. 3F).

2.3 � Gene ontology analysis revealed that STEE‑induced 
transcriptomic changes were associated with a wide 
range of biological events in C2C12 myotubes 
and HepG2 hepatocytes

To further investigate the potential regulatory effects of 
STEE on C2C12 myotubes and HepG2 hepatocytes, we 
performed gene ontology (GO) analysis. The analysis 
statistically tests whether the proportion of GO terms 
for a list of specific DEGs is significantly higher than 
the proportion of the terms for the population (enrich-
ment). This allows us to detect characteristic terms for 
a group of DEGs, thereby supporting the capture of bio-
logical phenomena. GO term is represented by three 

Table 1  Combinations of the compounds used for the 
treatment in this study

Number of 
compounds

Combination Concentration Treatment no.

Two 3CQA + 5CQA 3CQA = 0.50 µM
5CQA = 0.70 µM

(1)

3CQA + 3FQA 3CQA = 0.50 µM
3FQA = 0.85 µM

(2)

3CQA + ISO 3CQA = 0.50 µM
ISO = 0.48 µM

(3)

5CQA + 3FQA 5CQA = 0.70 µM
3FQA = 0.85 µM

(4)

5CQA + ISO 5CQA = 0.70 µM
ISO = 0.48 µM

(5)

3FQA + ISO 3FQA = 0.85 µM
ISO = 0.48 µM

(6)

Three 3CQA + 5CQA + 3FQA 3CQA = 0.50 µM
5CQA = 0.70 µM
3FQA = 0.85 µM

(7)

3CQA + 5CQA + ISO 3CQA = 0.50 µM
5CQA = 0.70 µM
ISO = 0.48 µM

(8)

3CQA + 3FQA + ISO 3CQA = 0.50 µM
3FQA = 0.85 µM
ISO = 0.48 µM

(9)

5CQA + 3FQA + ISO 5CQA = 0.70 µM
3FQA = 0.85 µM
ISO = 0.48 µM

(10)



Page 5 of 21Iwata et al. Natural Products and Bioprospecting            (2024) 14:2 	

sub-ontologies: biological process (BP), cellular compo-
nent (CC), and molecular function (MF).

As a result of GO analysis for the DEGs in STEE-
treated C2C12 group, regulation of membrane potential 
(GO:0042391), inflammatory response (GO:0006954), 
second-messenger-mediated signaling (GO:0019932), 
long-chain fatty acid metabolic process (GO:0001676), 
fatty acid metabolic process (GO:0006631), and cellu-
lar lipid catabolic process (GO:0044242) were enriched 
as GOBP terms over-represented by the DEGs both 
in STEE30-M and STEE50-M (Fig.  4A). In addition, 
of the GOBPs, regulation of protein kinase activ-
ity (GO:0045859) and regulation of lipid transport 
(GO:0032368) were enriched by the DEGs in STEE30-M, 
and cellular response to cytokine stimulus (GO:0071345), 
cytokine-mediated signaling pathway (GO:0019221), 
muscle system process (GO:0003012), and negative 

regulation of immune system process (GO:0002683) were 
enriched by the DEGs in STEE50-M (Fig.  4A). Enrich-
ment of GOBP terms for cytokine was unique to the 
DEGs in STEE50-M.

Of the GOCCs, receptor complex (GO:0043235) was 
enriched term over-represented by the DEGs both in 
STEE30-M and STEE50-M (Fig.  4B). Also, transmem-
brane transporter complex (GO:1902495) and respiratory 
chain complex IV (GO:0045277) were unique enriched 
terms over-represented by the DEGs in STEE50-M 
(Fig. 4B).

Of the GOMFs, immune receptor activity 
(GO:0140375) and cytokine binding (GO:0019955) were 
enriched terms over-represented by the DEGs both in 
STEE30-M and STEE50-M (Fig.  4C). Also, cytokine 
activity (GO:0005125), cyclic-nucleotide phosphodi-
esterase activity (GO:0004112), long-chain fatty acid 
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Fig. 2  Fluorescence intensity of Rh123 in the cells. A After C2C12 myotubes were treated with STEE or its major constituents; 3CQA, 5CQA, 3FQA, 
or ISO for 6 or 24 h, the cells were stained with Rh123. One-way ANOVA followed by Dunnett’s post hoc test was performed to assess statistical 
significance: * p < 0.05. B After HepG2 hepatocytes were treated with STEE or its major constituents; 3CQA, 5CQA, 3FQA, or ISO for 6 or 24 h, the cells 
were stained with Rh123. Comparisons were performed using Kruskal − Wallis test followed by Dunn’s post hoc test. Results are expressed as relative 
percentages compared with the control (mean ± SEM, n = 3)
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transporter activity (GO:0005324), nuclear receptor 
activity (GO:0004879), and complement receptor activity 
(GO:0004875) were unique enriched terms over-repre-
sented by the DEGs in STEE50-M (Fig. 4C). Enrichment 

of GOMF terms for fatty acid, nuclear receptor, and com-
plement was unique to the DEGs in STEE50-M.

A full list of enriched GO terms shown in Fig. 3A–C is 
given in Additional file 2: Table S1.

Fig. 3  Microarray-identified gene expression profile reflecting STEE treatment on C2C12 and HepG2. Volcano plots depict DEGs between A STEE 
(lower and higher concentrations)-treated C2C12 myotubes and nontreated control, and B STEE (lower and higher concentrations)-treated HepG2 
hepatocytes and nontreated control. DEGs satisfied with the efficiency (p-value < 0.05, above the log2-transformed fold change thresholds) are 
shown as colored dots. C, D The distribution of DEGs by fold-changes for each comparison is shown in the butterfly bar charts. E Venn diagrams 
showing overlapped and unique sets of DEGs between the groups. The blue circle denotes down- or up-regulated DEGs in STEE30-M compared 
to Ctrl-M, and the red circle denotes down- or up-regulated DEGs in STEE50-M compared to Ctrl-M. The code diagram displays the hallmark gene 
sets related to the 174 commonly overlapped DEGs. F The blue circle denotes down- or up-regulated DEGs in STEE15-H compared to Ctrl-H, 
and the red circle denotes down- or up-regulated DEGs in STEE30-H compared to Ctrl-H. The code diagram displays the hallmark gene sets related 
to the 462 commonly overlapped DEGs
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As a result of GO analysis for the DEGs in STEE-
treated HepG2 group, regulation of Ras protein 
signal transduction (GO:0046578), adenylate cyclase-
modulating G protein-coupled receptor signaling path-
way (GO:0007188), regulation of protein kinase activity 
(GO:0045859), and positive regulation of protein kinase 
activity (GO:0045860) were enriched as GOBP terms 
over-represented by the DEGs both in STEE15-H and 
STEE30-H (Fig. 4D). In addition, of the GOBPs, regula-
tion of MAPK cascade (GO:0043408), regulation of cell 
growth (GO:0001588), and second-messenger-mediated 
signalling (GO:0019932) were enriched by the DEGs in 
STEE15-H, and positive regulation of cellular component 

biogenesis (GO:0044089), positive regulation of MAP 
kinase activity (GO:043406), positive regulation of DNA-
binding transcription factor activity (GO:0051091), 
and fibroblast growth factor receptor signaling pathway 
(GO:0008543) were enriched by the DEGs in STEE30-
H (Fig.  4E). Enrichment of GOBP terms for fibroblast 
growth factor was unique to the DEGs in STEE30-H.

Of the GOCCs, transmembrane transporter complex 
(GO:1902495) was enriched term over-represented by 
the DEGs both in STEE30-M and STEE50-M (Fig.  4E). 
Also, receptor complex (GO:0043235) was unique 
enriched term over-represented by the DEGs in STEE15-
H, and guanyl-nucleotide exchange factor complex 

C

DA

B

Enriched GO Terms: Biological Process

Enriched GO Terms: Cellular Component

C2C12 myotube HepG2 hepatocyte

E

F Enriched GO Terms: Molecular Function

Enriched GO Terms: Biological Process

Enriched GO Terms: Molecular Function

Enriched GO Terms: Cellular Component

Fig. 4  Enriched GO terms reflecting STEE-induced bio-phenomena in C2C12 and HepG2. GO analysis revealed enriched biological process 
(BP), cellular component (CC), and molecular function (MF) gene sets by the DEGs in STEE-treated C2C12 myotubes and HepG2 hepatocytes 
compared to their respective nontreated control groups. A-C Dot plots showing significantly enriched GO terms of BP, CC, and MF by the DEGs 
between STEE-treated C2C12 myotubes and control. D-F Dot plots showing significantly enriched GO terms of BP, CC, and MF by the DEGs 
between STEE-treated HepG2 cells and control. The size of the circle denotes the number of genes. The negative log10 of the p-value is represented 
by the color
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(GO:0032045) was unique enriched term over-repre-
sented by the DEGs in STEE30-H (Fig. 4E).

Of the GOMFs, guanyl-nucleotide exchange factor 
activity (GO:0005085), GTPase activity (GO:0003924), 
cAMP binding (GO:0030552), and protein kinase bind-
ing (GO:0019910) were enriched terms over-represented 
by the DEGs both in STEE15-H and STEE30-H (Fig. 4F). 
Also, cyclic nucleotide binding (GO:0030551), protein 
kinase A binding (GO:0051018), and adenylate cyclase 
activity (GO:0004016) were enriched by the DEGs in 
STEE15-H, and growth factor activity (GO:0008083), 
long-chain fatty acid transporter activity (GO:0005324), 
and lipid transporter activity (GO:0005319) were 
enriched by the DEGs in STEE30-H (Fig.  4F). Enrich-
ment of GOMF terms for growth factor and lipid trans-
port were unique to the DEGs in STEE30-H.

A full list of enriched GO terms shown in Fig. 3D–F is 
given in Additional file 2: Table S2.

2.4 � The dimensionality reduction approach revealed 
that STEE regulated biological pathways related 
to lipid metabolism, protein kinase signaling, 
and cytokine signaling

Next, we performed the dimensionality reduction tech-
nique to retain latent properties for the large number of 
DEGs. The pathways clustered from the BioPlanet_2019 
gene set library were then visualized on two dimensions 
using Uniform Manifold Approximation and Projec-
tion (UMAP), facilitating the classification of DEG sets 
involved in the biological pathways.

In the analysis for the DEGs in STEE-treated C2C12 
groups, Inflammasomes (Cluster 1, orange), Cytochrome 
P450 metabolism of endogenous sterols (Cluster 3, red), 
Signaling by interleukins (Cluster 7, gray), and Acyl chain 
remodeling of diacylglycerol (Cluster 9, light blue) were 
detected as the related pathways over-represented by the 
sets of DEGs in STEE30-M (Fig. 5A). Also, Cytokines and 
inflammatory response (Cluster 1), Cytokine-cytokine 
receptor interaction (Cluster 1), Visceral fat deposits and 
the metabolic syndrome (Cluster 1), Telomere exten-
sion by telomerase (Cluster 2, green), Cytochrome P450 
metabolism of endogenous sterols, PPAR signaling path-
way (Cluster 3), Nuclear receptor transcription path-
way (Cluster 9), and Nuclear receptors (Cluster 9) were 
detected as the related pathways over-represented by the 
sets of DEGs in STEE50-M (Fig. 5A). Cumulatively, these 
results suggested STEE may impact pathways related to 
cytokines, lipid metabolism, and nuclear receptors in 
C2C12 myotubes.

In the analysis for the DEGs in STEE-treated 
HepG2 groups, Cytokine and inflammatory response, 
Cytochrome P450 metabolism of endogenous sterols, 
Linoleic acid metabolism (Cluster 3), Rap1 signaling 

(Cluster 4, purple), Gastrin-CREB signaling pathway via 
PKC and MAPK (Cluster 5, brown), MAP kinase sign-
aling pathway (Cluster 7), and Nuclear receptors were 
detected as the related pathways over-represented by 
the sets of DEGs in STEE15-H (Fig. 5B). Also, Cytokines 
and inflammatory response, Interleukin-1-beta (IL-1B) 
processing pathway (Cluster 1), fatty acid omega oxida-
tion (Cluster 3), Rap signaling (Cluster 4), FGFR3 ligand 
binding and activation (Cluster 5), PIK3 class IB pathway 
(Cluster 7), and Akt signaling pathway (Cluster 7) were 
detected as the related pathways over-represented by the 
sets of DEGs in STEE30-H (Fig. 5B). Cumulatively, these 
results suggested STEE may impact pathways related to 
cytokines, lipid metabolism, and protein kinase signaling 
(especially MAP kinase) in HepG2 hepatocytes.

2.5 � Protein–protein interaction (PPI) networking of DEGs 
regulated by STEE

Given the indication of the analyses suggesting the mod-
ulation of biological events such as mitochondria activ-
ity, fatty acid (FA) metabolism, inflammatory response, 
and signal cascade of MAP kinase or cAMP by STEE, 
we attempted to do further investigation of each DEG 
and classify them based on their functions by using 
MSigDB and GeneCards. We chose to look at genes that 
were differentially expressed (satisfied with thresholds) 
in the samples treated with higher concentrations of the 
extract (STEE50-M and STEE30-H) compared to the 
controls. The heatmaps show the relative intensity of the 
genes (average of duplicates) regulated in C2C12 groups 
(Fig. 6A) and HepG2 groups (Fig. 6C).

We found that some mitochondria activity-related 
transcripts were differentially regulated by the STEE 
treatment. Among the genes related to mitochondrial 
respiration, Cox7b2 and Cox6a2 were significantly 
upregulated in STEE50-M, and Cox7a1 and Cox6b2 
were significantly downregulated in STEE50-M. Res-
piratory electron transport-related NDUFA4L2 showed 
significant upregulation in STEE30-H and showed 1.33-
fold upregulation satisfied with p < 0.05 in STEE15-H. 
Two mitochondrial transcription and translation-related 
genes: Mtrf1 and Mterf4, TCA cycle-related gene: Sucla2, 
and telomerase: Tert were significantly upregulated in 
STEE50-M. Mterf4 was significantly downregulated 
also in STEE30-M. Of the two fusion and fission-related 
genes: Mfn1 and Mtfr2, Mtfr2 was significantly down-
regulated both in STEE30-M and STEE50-M, and Mfn 
showed significant downregulation in STEE50-M and 
also showed 1.24-fold downregulation tendency in 
STEE30-M (p = 0.0514). Furthermore, Atp1b2, an ion-
transporting ATPase that plays a role in ATP generation 
by oxidative phosphorylation (OxPhos) [24–26], was sig-
nificantly upregulated in STEE50-M. Another ATPase 
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Fig. 5  Pathways on the UMAP plots related to the transcriptomic modulation by STEE. Scatterplots showing similar pathway gene set clusters 
identified through the UMAP dimensionality reduction technique using the BioPlanet 2019 gene set library. A Pathway clusters enriched 
by the DEGs in STEE-treated C2C12 myotubes (both concentrations). B Pathway clusters enriched by the DEGs in STEE-treated C2C12 myotubes 
(both concentrations). The points (pathway terms) are gathered and color-coded by similarity or relevance. The size and the darkness of the circle 
denote the degree of enrichment

(See figure on next page.)
Fig. 6  Differential expression heatmap and interaction of the genes. A Heatmaps comparing the mean expression of transcripts in STEE-treated 
(lower and higher concentrations) C2C12 and non-treated control. B A module from PPI networks of DEGs of inflammatory cytokines in STEE50-M. 
The red node denotes up-regulated DEGs and the blue node denotes down-regulated DEGs. C Heatmaps comparing the mean expression 
of transcripts in STEE-treated (lower and higher concentrations) HepG2 and non-treated control. D Modules from PPI networks of upregulated 
genes related MAPK signaling and cAMP signaling in STEE30-H. The red node denotes up-regulated genes. The bar represents color-toned relative 
expression levels. Color shading of the nodes indicates the relative intensity. The gray nodes represent the proteins
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Fig. 6  (See legend on previous page.)
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gene Atp1b4 was significantly downregulated in STEE50-
M. In STEE30-H, ion-transporting ATPase genes 
ATP1A3 and ATP6V1C2 were significantly upregulated. 
These two genes showed 1.38- and 1.42-fold upregulation 
satisfied with p < 0.05 in STEE15-H, respectively.

We found that STEE treatment resulted in a differen-
tial expression of some FA metabolism-related genes. 
The adipogenic differentiation-related Adipoq was sig-
nificantly downregulated in STEE50-M. Among the FA 
transport-related genes, Fabp1 and Slc27a2 were sig-
nificantly downregulated in STEE50-M, and Fabp2 and 
Slc27a5 were significantly upregulated in STEE50-M. 
Fabp2 was also significantly upregulated in STEE30-M. 
The FA transporter genes: FABP5, FABP2, and FABP12 
were significantly downregulated in STEE30-H. Among 
those three genes, FABP2 and FABP12 showed 1.48-
fold downregulation satisfied with p < 0.05 in STEE15-H, 
and FABP5 showed 1.26-fold downregulation tendency 
in STEE15-H (p = 0.0677). Other FA transport-related 
genes: SLC27A1, LCN12, and LCN1 were significantly 
upregulated in STEE-30-H. Among them, SLC12A1 and 
LCN1 showed 1.29- and 1.43-fold upregulation satis-
fied with p > 0.05 in STEE15-H, respectively. In addi-
tion, enzymatic metabolism-related genes: Cyp4a10 and 
Cyp4a14 were significantly upregulated and Cyp8b1 
was significantly downregulated in STEE50-M. Among 
them, Cyp4a10 showed 1.26-fold upregulation tendency 
(p = 0.0575) and Cyp8b1 showed 1.23-fold downregula-
tion tendency (p = 0.0824) in STEE30-M, respectively.

We found some DEGs of inflammatory cytokines and 
their receptors from the data. Interleukin genes: Il12a, 
Il12rb1, Il23r, and Il1b showed significant upregulation, 
and Il19, Il1f9, Il22, Il3, Il2, and Il22ra2 showed signifi-
cant downregulation in STEE50-M. Il22ra2 was signifi-
cantly downregulated also in STEE30-M. Tumor necrosis 
factor genes: Tnf, Tnfrsf18, Tnfsf8, Tnfsf18, and Tnfsf10 
were significantly downregulated in STEE50-M. Among 
them, Tnfsf18 showed 1.22-fold downregulation tendency 
(p = 0.0689) in STEE30-M. Complement component 
genes: C1qb, C1qtnf9, Cfh, and Cr2 were significantly 
downregulated in STEE50-M. Among them, C1qtnf9 
showed 1.23-fold downregulation tendency (p = 0.0817) 
in STEE30-M. Many cytokine genes were significantly 
regulated in STEE50-M compared to STEE30-M suggest-
ing a higher concentration of STEE may have a stronger 
impact on inflammatory modulation in C2C12 myotubes.

Given this result, next, we attempted to construct 
protein–protein interaction (PPI) networks to analyze 
the interactions between the DEGs. Initial sub-net-
works consisting of nodes (represent genes) and edges 
(represent interactions) were constructed based on 
the first-order generic PPI in the comparison between 

STEE50-M and Ctrl-M. Then the networks were sorted 
by ’Cytokine Signaling in Immune system’ and ’Signal-
ing by Interleukins’ of the Reactome database [27], and 
a module consisting of 17 nodes represented by down-
regulated genes and 17 nodes by upregulated genes 
could be extracted. Tnf, Il2, Il12rb1, and Il1b  were 
detected as cytokine genes with many edges in the 
module, i.e., high interaction in the module (Fig. 6B).

Also, we found some DEGs encoded for the mol-
ecules that constitute signaling pathways from the 
data. MAPK signaling-related genes: IL1B, CRKL, 
RPS6KA1, RASGRP1, RASGRP2, CACNG4, PIK3GC, 
and MAP3K6, and fibroblast growth factor genes: 
FGF3, FGF20, and FGF12 showed significant upregula-
tion in STEE30-H. Among them, RASGRP1, RASGRP2, 
CACNG4, FGF3, and PIK3GC were significantly upreg-
ulated also in STEE15-H. In addition, IL1B, RPS6KA1, 
FGF12, and MAP3K6 showed 1.41-, 1.49-, 1,37-, 
and 1.22-fold upregulation satisfied with p < 0.05 in 
STEE15-H, respectively. cAMP signaling-related genes: 
SCNN1B, RAPGEF3, CREB3L1, CNBD2, PRKACG​
, DGKD, and PPP1R1A showed significant upregula-
tion in STEE30-H. Among them, SCNN1B, RAPGEF3, 
CNBD2, and PPP1R1A showed significant upregula-
tion also in STEE15-H, and CREB3L1 showed 1,28-fold 
upregulation satisfied with p > 0.05 in STEE15-H.

Given these results, sub-networks of the upregu-
lated genes related to MAPK signaling in STEE30-H 
were constructed by minimum-order generic PPI and 
sorted by ’MAPK signaling pathway’ of the KEGG data-
base [28]. We could extract a module consisting of 63 
nodes represented by upregulated genes. Of the genes 
shown in the heatmap, RPS6KA1, CRKL, PIK3CG, and 
FGF12 were presented in the module. In addition to 
these, the module was made up of many genes and pro-
teins (Fig.  6D). Also, sub-networks of the upregulated 
genes related to cAMP signaling in STEE30-H were 
constructed by minimum-order generic PPI and sorted 
by ’cAMP signaling pathway’ of the KEGG database. 
We could extract a module consisting of 35 nodes rep-
resented by upregulated genes. Of the genes shown in 
the heatmap, PRKACG​ and CREB3L1 were presented in 
the module. The module was made up of many genes 
and proteins, and this included nodes of MAPK-related 
genes such as RPS6KA1 and CRKL (Fig.  6D). These 
analyses indicated that the activated signaling path-
ways are constituted under the interaction of many 
genes, and even under the interaction between different 
pathways.

The list of DEGs presented in the heatmap is given 
in Additional file 2: Tables S3 and S4, together with the 
characteristics of each transcript.
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2.6 � PPI analysis and qPCR approach suggested 
that STEE‑induced transcriptional regulation 
by PGC‑1α

Given the microarray data analysis indicating transcrip-
tional regulation of nuclear receptor-related pathways 
(especially peroxisome proliferator-activated receptor 
gamma; PPARγ) by STEE, we attempted to construct PPI 
networks to analyze the interactions between the DEGs 
and the transcription factors (TFs), which could be regu-
lated by STEE.

To detect DEGs-TFs interactions in the comparison 
between STEE50-M and Ctrl-M, initial sub-networks 
were constructed based on the first-order generic PPI, 
and then the network regulated by the specific TFs was 
extracted as the module using the TRRSUT database 
[29]. We could extract a module consisting of 28 nodes 
having regulatory interaction with TFs ’Pparg’ and 
’Ppargc1a’ (Fig. 7A). Of these nodes, five nodes were rep-
resented by downregulated genes, including Il12rb1, and 
five nodes by upregulated genes, including Tnf (other 18 

Fig. 7  STEE regulates transcriptions linked with the transcription factor activity. A A module from PPI networks of DEGs between STEE50-M 
and Ctrl-M, which are targeted by TFs ’Pparg’ and ’Ppargc1a’ (TRRUST database). B A module from PPI networks of DEGs between STEE30-H 
and Ctrl-H, which are targeted by TFs ’PPARG’ and ’CREB1’ (ENCODE database). The red node denotes up-regulated DEGs and the blue node denotes 
down-regulated DEGs. Color shading of the nodes indicates the relative intensity. The gray nodes represent the proteins. C, D PGC-1α mRNA levels 
are expressed as relative values in STEE- or a mixture of STEE’s polyphenols-treated C2C12 myotubes compared to control and in STEE- or a mixture 
of polyphenols-treated HepG2 cells compared to control. Values assessed by qPCR are shown in white (n = 4, except for two outliers in HepG2), 
and relative values assessed by the microarray are shown in green (n = 2). For qPCR data, error bars depict mean ± SEM, and One-way ANOVA 
with Dunnett’s post hoc test was performed to assess statistical significance: *p < 0.05, **p < 0.01. N.D. means no data
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nodes are proteins that had a high interaction with the up 
and downregulated DEGs).

Next, to detect DEGs-TFs interactions in the compari-
son between STEE30-H and Ctrl-H, initial sub-networks 
were constructed based on the zero-order generic PPI, 
and then the network regulated by the specific TFs was 
extracted as the module using the ENCODE database 
[30]. We could extract a module consisting of 19 nodes 
represented by downregulated genes and 22 nodes rep-
resented by upregulated genes, which have regulatory 
interaction with TFs ’PPARG’ and ’CREB1’ (Fig.  7B). 
These nodes included ESR1 (up) and FOXO1 (down), 
which have a tight relationship with PGC-1α [31–33]. 
Also, upregulated RPS6KA1, CRKL, and PIK3CG associ-
ated with the MAPK cascade were included in the mod-
ule’s nodes.

Microarray data analysis suggested that STEE has some 
effect on the activity of TFs, particularly those involved in 
PPARγ. We checked the dataset by focusing on PPARγ-
related TFs and found that ppargc1a levels showed a 
1.23-fold increase (p = 0.075) in STEE50-M compared 
with control (Fig.  7C), and PPARGC1A levels showed a 
1.2-fold increase (p = 0.004) in STEE30-H compared with 
control (Fig. 7D), although outside the thresholds setting 
in the analysis. We, therefore, attempted to analyze the 
PGC-1α transcript levels by running PCR cycles with an 
increased number of biological replicates of each group.

In qPCR, additional two replicates were added to the 
two replicates used for the microarrays (n = 4 repli-
cates for each). In addition, RNA samples from each cell 
treated with the STEE’s four polyphenol mixture (All 
mixed) were added to this analysis: for the treatment 
to C2C12, 50  µg/mL STEE equivalents were treated for 
6  h, and for the treatment to HepG2, 30  µg/mL STEE 
equivalents were treated for 24 h. As a result, the groups 
treated with the higher concentration-STEE (50 µg/mL in 
C2C12; 30 µg/mL in HepG2) and All mixed showed a sta-
tistically significant increase of PGC-1α expression both 
in C2C12 (approximately 1.4-fold; p > 0.05, respectively, 
Fig. 7C) and in HepG2 (approximately 1.45-fold; p > 0.01, 
respectively, Fig.  7D) compared to controls, indicating 
that running the PCR cycle with four biological replicates 
let us confirm a significant up-regulation of PGC-1α not 
only by STEE but also by its polyphenols.

Cumulatively, these results indicated STEE and its 
polyphenols may induce the physiological activations 
related to transcriptional activation of PGC-1α.

3 � Discussion
In the present study, we have demonstrated that STEE 
and its polyphenols could enhance mitochondrial activity 
in cultured myotubes and hepatocytes in  vitro. Further, 
microarray-based omics analysis provides compelling 

evidence indicating that STEE could modulate an array of 
biological processes, physiological responses, and molec-
ular pathways. Additionally, qPCR data validated that 
STEE and its polyphenols have the potential to bolster 
the activity of the pivotal mitochondrial master regulator, 
PGC-1α, within an in vitro context.

In a previous study, we documented the ability of STEE 
to facilitate astrocyte morphogenesis [14]. Notably, the 
mitochondrial activity, the cAMP pathway, and PGC-1α, 
which have been indicated as potential targets activated 
by STEE in the current research, have also been recog-
nized as significant elements in the mechanisms underly-
ing astrocyte stellation [34–36]. This suggests that these 
factors likely assume a central role in the regulatory 
effects elicited by STEE and its polyphenolic constitu-
ents. The findings of this study are summarized in Fig. 8.

The present study suggests a preparative action of sec-
ond messenger-mediating cascades by STEE, particularly 
in HepG2 cells: adenylyl cyclase (AC) activity, AC-acti-
vating receptor signaling, guanyl-nucleotide exchange 
factor activity, and cyclic nucleotide signaling as sec-
ond messenger were characteristics of bio-phenomena 
enriched by the DEGs in STEE-treated HepG2 cells. 
cAMP is a ubiquitous second messenger and is gener-
ated from ATP via the action of the AC [37]. cAMP acti-
vates its downstream effectors such as protein kinase A 
(PKA) or exchange protein activated by cAMP (EPAC) 
[38]. Upregulation of ion-transporting ATPase genes 
ATP1A3 and ATP6V1C2 and cAMP downstream effec-
tor-related genes PRKACG​, RAPGEF3 (EPAC encoding), 
and PPP1R1A (Inhibitor-1; I-1 encoding [39]) strongly 
suggest that STEE exposure activated ATP generation 
and following cAMP pathway in HepG2 cells. Also, PKA 
in the matrix induces phosphorylation of mitochondrial 
substrates including complex IV (cytochrome c oxidase; 
COX) [40–42]. Upregulation of ubiquinone subcomplex 
gene NDUFA4L2 indicate that STEE may have a regula-
tory effect on the mitochondrial electron transport chain 
by modulating cAMP signaling [40, 42–44]. The previ-
ously reported data of soluble AC can be localized in the 
mitochondrial matrix reinforce the hypothesis of activa-
tion of the intramitochondrial second messenger cascade 
by STEE [44].

The TFs associated with nuclear receptors were sug-
gested to be promising elements related to STEE’s regu-
latory effects. Our findings confirmed the increase of 
PGC-1α expression by STEE. PGC-1α is a transcriptional 
coactivator that interacts with PPARγ, but also is the 
master regulator of mitochondrial biogenesis and plays 
a key role in metabolic homeostasis [5–7]. In energy 
metabolism, PGC-1α and its downstream effectors acti-
vate the mitochondrial complexes and OxPhos [45, 46]. 
The PPI analysis in this study gave a module targeted by 
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the cAMP response element-binding protein (CREB), 
which is one of several PGC-1α upstream regulators. 
Also, CREB can be a downstream effector of PKA [9, 47]. 
Based on these backgrounds and the present data, STEE 
and its polyphenols could contribute to the cAMP-medi-
ated activation of PGC-1α. Also, increased OxPhos activ-
ity could reduce mitochondrial reactive oxygen species 
(ROS) generation [48, 49], and mitochondrial ROS levels 
could affect its fusion and fission dynamics [50]. The bal-
ance between mitochondrial fusion and fission is criti-
cal to its quality control [2, 4]. Data in this study showed 
decreased levels of fusion- and fission-related genes 
Mfn1 and Mtfr2 [51], suggesting STEE may contribute 
more to activating mitochondrial biogenesis compared 
with mitochondrial dynamics. Furthermore, decreased 
PGC-1α is linked to cellular senescence with telomere 
shortening and DNA damage, and upregulation of tel-
omerase reserve transcriptase (TERT)-encoding Tret 

suggests that STEE and its polyphenols may have a PGC-
1α-mediated anti-cellular senescence effect [52, 53].

The transcriptomic analysis of this study suggested that 
FA metabolism was also targeted by STEE’s bioactivity. 
FAs are generally a mitochondrial energy source. Intra-
cellular FAs are converted into fatty acyl-CoA by acyl-
CoA synthetase-activity of fatty acid transport proteins 
(FATPs), which are a family of trans-membrane trans-
port proteins [54, 55]. Fatty acyl-CoA passed through the 
mitochondrial outer membrane and transported to the 
matrix is converted to acetyl-CoA by β-oxidation with 
enzymatic reactions. Excessive cytoplasmic FAs due to 
imbalances in energy demand increase oxidative stress 
and disrupt mitochondrial respiration [56, 57]. Upregu-
lated FATP-encoding SLC27A genes suggest active FA 
transport in STEE-treated HepG2 cells [58]. However, 
data in this study showed that downregulated FABP 
genes, which is another FA transport protein [55, 59] in 

Fig. 8  The predicted diagram of mitochondria and its related pathway modulation by STEE and its polyphenols. STEE and its polyphenols may 
stimulate the mitochondria activity, cAMP pathway, or transcription factor activity, especially PGC-1α. This activation could trigger other pathways 
activation such as fatty acid metabolism, inflammatory responses, and MAPK signaling
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HepG2 cells, and upregulated microsomal ω-oxidation 
cytochrome P450 Cyp4a genes, which can generate ROS 
by its catalytic cycle [60, 61], in STEE-treated C2C12 
myotubes. These suggest that STEE may affect fatty acid 
metabolism via minor pathways.

An environment of permanent oxidative stress could 
induce chronic inflammatory states [62]. Inflammation 
is the protective response to biological stimuli, and the 
signaling of cytokine, a small soluble peptide, fundamen-
tally affects the induction and progression of inflamma-
tion. Transcription of cytokines is stimulated by cellular 
pathways including c-Jun N-terminal kinase (JNK) and 
p38 MAPK, which could be activated by oxidative stress 
[63]. Skeletal muscles are the primary site affected by 
age-related inflammation, and contractile dysfunction 
due to TNFα, a major endocrine stimulus, and imbal-
anced ROS production causes the decrease of muscle 
mass, strength, and quality [64–66]. Also, complements 
recruited by the immune system have been reported to 
play a key role in the pathogenesis of autoimmune mus-
cle disorders such as inflammatory myopathies [67, 68]. 
The classical pathway components including C1 and C2 
have been reported to be biosynthesized in myoblast cell 
lines [69]. Our microarray data suggest that STEE could 
act in an inhibitory manner on these pathways in in vitro 
myotubes.

Interleukins (e.g., IL-6) are also key cytokines that 
mediate chronic inflammation and subsequent mus-
cle atrophy [66]. Of the microarray data of myotubes, 
Il2, Il3, and Il12 were detected as DEGs encoded for 
the class  I cytokine receptor family-binding molecules, 
and Il19 and Il22 were detected as DEGs encoded for 
the class  II  cytokine receptor family-binding molecules. 
Anti-inflammatory interleukins have been suggested to 
be elevated compensatory to an increase in pro-inflam-
matory ones, indicating that not only pro-inflammatory 
but also anti-inflammatory interleukin expression may 
be involved in the progression of myositis [70]. Interest-
ingly, expression of the pro-inflammatory cytokine IL-1β 
gene was significantly upregulated in both types of STEE-
treated cells. The previous studies reported that p38 
MAPK can be phosphorylated by IL-1R-mediated signal-
ing and that PGC-1α stimulated by ROS shows an anti-
oxidative stress effect through a negative feedback loop 
[71, 72]. In addition, previous studies demonstrated that 
increases in PGC-1α protein levels would occur in paral-
lel with an increase in the p-p38/p38 ratio in C2C12 by 
the Gynostemma pentaphyllum plant extract and HepG2 
by the Rosa roxburghii Tratt seed oil [73, 74]. These 
reports and our previous findings [14] suggest that STEE 
and its polyphenols may induce an increase in PGC-1α 
protein levels with an increase in the p-p38/p38 ratio. 
These encourage us to further explore of the cytokine’s 

defense system alterations by STEE and its polyphenols 
and related signaling molecule status [14].

Although the results of the assay with Rh123 reported 
in this and our previous study suggested that 3CQA, 
5CQA, and ISO may be responsible for mitochondrial 
stimulation [14], there are other studies reported that 
3FQA showed a strong relation to antioxidant-related 
proteins [75, 76], suggesting 3FQA may contribute to 
anti-oxidative stress, not via direct stimulation of mito-
chondria or PGC-1α.

Several MAPK signaling-related terms were enriched 
by the DEGs, particularly in STEE-treated HepG2 cells. 
Among MAPK cascade-related DEGs, the FGF genes 
showed up-regulation by STEE. The FGF family com-
prises signaling that stimulates various biological pro-
cesses such as growth, differentiation, inflammation, or 
cellular senescence. The formation of complex FGF and 
its receptor FGFR phosphorylates the specific intercel-
lular receptor domain and recruits other proteins like 
CRKL, which activates down-stream pathways such as 
Ras/MAPK or phosphatidylinositol 3-kinase (PI3K)/
Akt signaling [77, 78]. Microarray data in this study sug-
gest that STEE could regulate FGFR-mediated pathways 
in HepG2 cells, resulting in biological events such as 
cell growth. Data also showed upregulation of not only 
canonical FGF (FGF3 and FGF20) but also intracellular 
FGF (FGF12) transcript levels in STEE-treated cells, sug-
gesting STEE could regulate the channel activity [79].

The current study presents an integrated evaluation of 
transcriptional changes induced by STEE in both myo-
tubes and hepatocytes, encompassing two different con-
centrations for each cell type. The findings suggest subtle 
differences in the activated signaling pathways between 
the two cell types, possibly attributable to inherent dis-
parities in the nature of these cell lines originating from 
distinct animal species. For example, the previous study 
comparing gene expression profiles of mouse and human 
embryonic stem cells has suggested that differences in 
cytokine expression between human and mouse stem 
cells were species-specific rather than differences in cul-
ture conditions [80]. Also, a prior study examining the 
varying susceptibility of statins, commonly employed 
for cardiovascular disease prevention, in C2C12 and 
HepG2 cells revealed distinctive responses. Specifically, 
statins reduced phosphorylation of Akt (protein kinase 
B) and mitochondrial respiration in C2C12 myotubes 
but did not impact Akt signaling in HepG2 cells [81]. 
Nonetheless, noteworthy changes induced by STEE were 
observed in both cell lines, with C2C12 displaying altera-
tions in genes related to cAMP and MAPK, and HepG2 
exhibiting changes in cytokine genes. Inflammation and 
molecular pathways such as cAMP and MAPK could 
be mutually regulated rather than independently, as 
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indicated by the PPI analyses in this study. This suggests 
that regulatory mechanisms could be established through 
interactions among factors, including the genes falling 
outside the specified cut-off values.

Nevertheless, the data predominantly pertain to 
transcript-level observations, prompting the need for 
evaluations at the protein or functional levels employ-
ing analytical techniques like flux analyzers. Further-
more, there is potential for an expanded inquiry aimed 
at elucidating with precision which specific compounds, 
including any synergistic effects arising from their com-
binations, target particular pathways and molecular 
mechanisms. It would also be valuable to validate the 
observed bioactivities within the context of stress con-
ditions, such as oxidative stress. Finally, predicting the 
bioavailability and metabolism of polyphenols and their 
practical application in vivo remains challenging. None-
theless, it is worth mentioning that prior clinical studies 
have documented the presence of unchanged CQAs and 
ISO in plasma following oral administration [82, 83].

4 � Conclusion
This study reported for the first time the regulation of 
mitochondrial activity in C2C12 myotubes and HepG2 
hepatocytes following exposure to STEE and its polyphe-
nols. An in-depth analysis of the microarray data has shed 
light on the multifaceted alterations in gene expression 
induced by STEE, implicating a wide array of biological 
processes such as mitochondrial function, FA metabo-
lism, inflammatory cytokine responses, MAPK signaling, 
and cAMP signaling. Our findings further confirmed that 
STEE and its polyphenols stimulate the transcription of 
PGC-1α, a master regulator with pivotal roles in mito-
chondria. Taken together, these findings introduce STEE 
as a compelling candidate capable of imparting beneficial 
effects on both muscle and liver tissues. As we embark 
on future investigations, the impact of STEE and its poly-
phenols on muscle and liver functions in animal models 
will be further elucidated, potentially paving the way for 
their clinical applications.

5 � Materials and methods
5.1 � Preparation of STEE and chemical reagents
STEE and pure polyphenolic compounds were prepared 
as previously reported [14]. The freeze-dried amor-
phous powder was re-suspended in 70% (v/v) ethanol 
at 100  mg/mL. Pure STEE polyphenols 3CQA (≧98%), 
5CQA (≧99%), 3FQA (≧98%), and ISO (≧98%) were 
purchased from Nagara Science (Gifu, Japan) or Sigma-
Aldrich (St. Louis, MO, USA) and suspended in 70% (v/v) 
ethanol at 25 or 50 mM. The samples were divided into 
small aliquots and stored at − 80 °C.

5.2 � Cells and cell culture
C2C12 mouse myoblasts and HepG2 human hepatocytes 
were obtained from American Type Culture Collection 
(ATCC, Manassas, VA, USA).

C2C12 myoblasts were cultured at 37  °C under 5% 
CO2 in Dulbecco’s modified Eagle’s medium (DMEM) 
supplemented with 10% fetal bovine serum (FBS; 
Gibco-Thermo Fisher, Grand Island, NY, USA) and 1% 
anti-bacterial penicillin/streptomycin (PS). To induce dif-
ferentiation, the growth medium was replaced with a dif-
ferentiation medium composed of DMEM supplemented 
with 2% horse serum (Gibco) and 1% penicillin/strepto-
mycin when cells reached about 90% confluence. After 
differentiation for 6 days, C2C12 myotubes were treated 
with samples and then subjected to the experiments.

HepG2 cells were maintained in DMEM containing 
10% FBS and 1% PS under 5% CO2 at 37  °C. After the 
cells reached about 90% confluence, the cells were treated 
with samples and then subjected to the experiments.

5.3 � 3‑(4,5‑Dimethylthiazol‑2‑yl)‑2,5‑diphenyltetrazolium 
bromide (MTT) assay

The MTT assay was performed as a viability assay. Mito-
chondrial reductase converts the water-soluble yellow 
MTT to the insoluble purple formazan, and this allows 
one to detect cellular viability as changes in metabolic 
activity [84].

C2C12 myotubes or HepG2 cells cultured on the colla-
gen-coated 96-well plate were treated with the extract at 
a range from 5 to 100 µg/mL for 24 or 48 h. The extract 
was diluted in serum-free Opti-MEM (Gibco) and used. 
After removing cultures, MTT solution (5  mg/mL) was 
added to each well for 3 h to let formazan crystals form, 
and then 10% SDS was added and incubated for 16  h 
in the dark to dissolve the crystals. The optical density 
(OD) was measured with a plate reader (Varioskan LUX, 
Thermo Fisher Scientific, Rockford, IL, USA) at 570 nm.

5.4 � Measurement of mitochondrial activity
Using Rh123, we evaluated intercellular mitochondrial 
activity. Rh123 is a green fluorescent dye monitoring 
the proton (H+) in mitochondrial intermembrane space, 
and fluorescence intensity from intercellular Rh123 (i.e., 
MMP) is proportionate to its mitochondrial activity [85, 
86].

C2C12 myotubes or HepG2 cells cultured on the 
collagen-coated 96 wells plate were treated with the 
extract (50  µg/mL) or its bioactive compounds (equiva-
lent to that contained in 50  µg/mL of the extract) for 6 
or 24  h. The samples were diluted in serum-free Opti-
MEM (Gibco) and used. After removing cultures, the 
cells were incubated with Rh123 solution (10 µg/mL) for 
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20 min at 37 °C. After washing with PBS, the cells lysed 
with 1% Triton-X solution for 30  min in the dark, and 
then transferred into a black clear-bottom 96-well plate. 
The fluorescence intensity was measured with a plate 
reader (Varioskan LUX, Thermo Fisher Scientific) at λex/
λem = 507 nm/529 nm.

5.5 � RNA isolation
Total RNA was isolated from the cells using the RNe-
asy plus mini kit (Qiagen, Hilden, Germany) according 
to the manufacturer’s instructions. Before experimenta-
tion, cells cultured on collagen-coated 6 well plates were 
treated with the extract or its compounds dissolved in 
serum-free Opti-MEM (Gibco) for 6 or 24 h. RNA con-
centration and quality were assessed by Nanodrop One 
(ThermoFisher Scientific).

5.6 � Microarray experiment
Microarray workflow was carried out using GeneChip™ 
WT PLUS Reagent Kit and GeneChip™ Hybridization, 
Wash and Stain Kit (Applied Biosystems-ThermoFisher, 
Foster City, CA, USA), with the protocol provided by the 
manufacturer. The starting material of 100 ng RNA was 
reverse transcribed to synthesize single strand-cDNA, 
and then the strands were fragmented and biotin-labeled. 
Fragmented, labeled strands were hybridized to probes 
on Mouse or Human Clariom S Assay chip for 16  h at 
45  °C in GeneChip™ Hybridization Oven 645 (Affyme-
trix-ThermoFisher, Santa Clara, CA, USA). The hybrid-
ized chip was washed and stained on the GeneChip™ 
Fluidics Station 450, and then scanned on the Gene-
Chip™ Scanner 3000.

5.7 � Microarray data analysis
Data processing was conducted using Transcriptome 
Analysis Console (TAC) version 4.0 and subjected to nor-
malization employing the signal space transformation 
Robust Multiple Average (SST-RMA) package algorithm. 
DEGs were identified by comparing two mRNA biologi-
cal samples within each group, employing a significance 
threshold of p-value < 0.05 (determined through one-way 
between-subjects ANOVA). For C2C12 myotubes, DEGs 
were defined based on a log2-fold change (FC) cutoff 
greater than 1.2 or smaller than − 1.2, while for HepG2 
cells, DEGs were determined with a log2-FC cutoff 
exceeding 1.5 or falling below − 1.5.

GO terms over-represented by the DEGs were identi-
fied using the Metascape web tool (https://​metas​cape.​
org/) [87]. The BioPlanet_2019 gene set library was used 
for clustering DEG by the biological pathways under the 
Enrichr online tool (https://​maaya​nlab.​cloud/​Enric​hr/) 
[88–90]. Term Frequency-Inverse Document Frequency 
(TF-IDF) values were calculated for each gene set, and 

the values were dimensionally reduced using the UMAP 
technique. The Leiden algorithm applied to the TF-IDF 
values identified the terms as a cluster, and the plotted 
clusters were assigned colors. The Molecular Signatures 
Database (MSigDB) of Gene Set Enrichment Analysis 
(GSEA) web tool (https://​www.​gsea-​msigdb.​org/​gsea/​
index.​jsp) and GeneCards database (https://​www.​genec​
ards.​org/) were used to annotate and analyze the func-
tions of the DEGs. PPI sub-networks were built from 
the DEGs based on the IMEx Interactome database [91]. 
The modules were extracted from the network using the 
Transcription Explorer command, which detects regula-
tory interactions between the target factors and the tar-
get genes. These processes were done on the Network 
Analyst tool (https://​www.​netwo​rkana​lyst.​ca/​Netwo​
rkAna​lyst/​home.​xhtml) [92].

To generate heatmaps, we used Morpheus software 
(http://​softw​are.​broad​insti​tute.​org/​Morph​eus). Venn dia-
grams were generated using an open-source tool (http://​
bioin​forma​tics.​psb.​ugent.​be/​webto​ols/​Venn/). Butter-
fly bar charts, code diagrams, and dot plots were drawn 
using the bioinformatics online tool (https://​www.​bioin​
forma​tics.​com.​cn/).

Microarray data were deposited at Gene Expression 
Omnibus (GEO; accession no. GSE243411 for the C2C12 
group dataset and GSE243412 for the HepG2 group 
dataset).

5.8 � Real‑time quantitative polymerase chain reaction 
(RT‑qPCR)

DNA synthesis was performed by using SuperScript 
IV VILO Master Mix (Applied Biosystems, Foster 
City, CA, USA) according to the manufacturer’s proto-
col. The qPCR by the cycles of single-stranding (15  s at 
95  °C), primer annealing (1  min at 60  °C), and amplifi-
cation with Taq DNA polymerase (1  min at 72  °C) was 
run on Applied Biosystem’s 7500 RT-PCR System. Used 
primers were as follows: Ppargc1 (Mm01208835_m1), 
Gapdh (Mm99999915_g1), PPARGC1 (Hs00173304_m1), 
GAPDH (Hs02786624_g1). We chose Gapdh or GAPDH 
as housekeeping control to normalize the cycle thresh-
old (CT) values of the target transcript calculated by the 
ΔΔCT method.

5.9 � Statistical analysis
All statistical analyses were performed using Graph-
Pad Prism 8 (GraphPad, San Diego, CA, USA). Data 
were tested for normality by the Shapiro–Wilk test. 
A one-way analysis of variance (ANOVA) followed 
by Dunnett’s post hoc test was performed on nor-
mally distributed data to compare the experimental 
groups against a control group. The Kruskal−Wallis 
test followed by Dunn’s post hoc test was performed 
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on non-normally distributed data. The significance 
level was set at α < 0.05 in all cases. Error bars depict 
mean ± standard error of means (SEM).
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mined. Results are expressed as relative percentages compared with the 
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test was performed to assess statistical significance.
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Acknowledgements
We thank Ken-ichi Tominaga, Kazunori Sasaki, and Shoko Ebisuya from AIST for 
technical assistance with the plant extraction; Shigeaki Amano, a representa-
tive director of the Amanoshouten Co., Ltd., for donating milled sugarcane 
top.

Author contributions
Conceptualization, KI, FF, YA, and HI; investigation, data curation, visualization, 
and writing—original draft preparation, KI; formal analysis and methodol-
ogy, KI and FF; software, FF; writing—review and editing, FF and HI; project 
administration, resources, and funding acquisition, YA and HI; supervision, HI. 
All authors have read and agreed to the published version of the manuscript.

Funding
This work was partially funded by Nippo Co., Ltd., Japan Science and Technol-
ogy Agency (JST COI-NEXT, grant no. JPMJPF2017).

Availability of data and materials
The data generated and/or analyzed for this study are included in this article 
and its supplementary information files. Microarray data were deposited at 
NCBI GEO under accession no. GSE243411 for the C2C12 group dataset and 
GSE243412 for the HepG2 group dataset.

Declarations

Consent for publication
Not applicable.

Ccompeting interests
KI and YA are employed by Nippo Co., Ltd. The remaining authors declare that 
the research was conducted in the absence of any commercial or financial 
relationships that could be construed as a potential conflict of interest.

Author details
1 Alliance for Research on the Mediterranean and North Africa (ARENA), Univer-
sity of Tsukuba, Tsukuba, Ibaraki 305‑8572, Japan. 2 Nippo Co., Ltd., Daito, Osaka 
574‑0062, Japan. 3 Institute of Life and Environmental Sciences, University 
of Tsukuba, Tsukuba, Ibaraki 305‑8572, Japan. 4 AIST-University of Tsukuba 
Open Innovation Laboratory for Food and Medicinal Resource Engineering 
(FoodMed-OIL), Tsukuba, Ibaraki 305‑8572, Japan. 

Received: 20 October 2023   Accepted: 27 November 2023

References
	1.	 Sun N, Youle RJ, Finkel T. The mitochondrial basis of aging. Mol Cell. 

2016;61(5):654–66. https://​doi.​org/​10.​1016/j.​molcel.​2016.​01.​028.
	2.	 Sharma A, Smith HJ, Yao P, Mair WB. Causal roles of mitochondrial dynam-

ics in longevity and healthy aging. EMBO Rep. 2019;20(12): e48395. 
https://​doi.​org/​10.​15252/​embr.​20194​8395.

	3.	 Lima T, Li TY, Mottis A, Auwerx J. Pleiotropic effects of mitochondria 
in aging. Nat Aging. 2022;2(3):199–213. https://​doi.​org/​10.​1038/​
s43587-​022-​00191-2.

	4.	 Kim Y, Triolo M, Hood DA. Impact of aging and exercise on mito-
chondrial quality control in skeletal muscle. Oxid Med Cell Longev. 
2017;2017:3165396. https://​doi.​org/​10.​1155/​2017/​31653​96.

	5.	 Ploumi C, Daskalaki I, Tavernarakis N. Mitochondrial biogenesis and 
clearance: a balancing act. FEBS J. 2017;284(2):183–95. https://​doi.​org/​10.​
1111/​febs.​13820.

	6.	 Abu Shelbayeh O, Arroum T, Morris S, Busch KB. PGC-1α is a master 
regulator of mitochondrial lifecycle and ROS stress response. Antioxidants 
(Basel). 2023. https://​doi.​org/​10.​3390/​antio​x1205​1075.

	7.	 Wu Z, Puigserver P, Andersson U, Zhang C, Adelmant G, Mootha V, Troy A, 
Cinti S, Lowell B, Scarpulla RC, Spiegelman BM. Mechanisms controlling 
mitochondrial biogenesis and respiration through the thermogenic 
coactivator PGC-1. Cell. 1999;98(1):115–24. https://​doi.​org/​10.​1016/​
S0092-​8674(00)​80611-X.

	8.	 Settembre C, Di Malta C, Polito VA, Garcia Arencibia M, Vetrini F, Erdin 
S, Erdin SU, Huynh T, Medina D, Colella P, Sardiello M, Rubinsztein DC, 
Ballabio A. TFEB links autophagy to lysosomal biogenesis. Science. 
2011;332(6036):1429–33. https://​doi.​org/​10.​1126/​scien​ce.​12045​92.

	9.	 Chowanadisai W, Bauerly KA, Tchaparian E, Wong A, Cortopassi GA, 
Rucker RB. Pyrroloquinoline quinone stimulates mitochondrial biogenesis 
through cAMP response element-binding protein phosphorylation 
and increased PGC-1alpha expression. J Biol Chem. 2010;285(1):142–52. 
https://​doi.​org/​10.​1074/​jbc.​M109.​030130.

	10.	 Herzig S, Shaw RJ. AMPK: guardian of metabolism and mitochondrial 
homeostasis. Nat Rev Mol Cell Biol. 2018;19(2):121–35. https://​doi.​org/​10.​
1038/​nrm.​2017.​95.

	11.	 Akimoto T, Pohnert SC, Li P, Zhang M, Gumbs C, Rosenberg PB, Wil-
liams RS, Yan Z. Exercise stimulates Pgc-1alpha transcription in skeletal 
muscle through activation of the p38 MAPK pathway. J Biol Chem. 
2005;280(20):19587–93. https://​doi.​org/​10.​1074/​jbc.​M4088​62200.

	12.	 Kadomatsu T, Oike Y. Healthy aging based on suppression of chronic 
inflammation and enhanced mitochondrial homeostasis. Anti-aging 
Med. 2021;17(4):352–7.

	13.	 Iwata K, Wu Q, Ferdousi F, Sasaki K, Tominaga K, Uchida H, Arai Y, Szele FG, 
Isoda H. Sugarcane (Saccharum officinarum L.) top extract ameliorates 
cognitive decline in senescence model SAMP8 mice: modulation of 
neural development and energy metabolism. Front Cell Dev Biol. 2020;8: 
573487. https://​doi.​org/​10.​3389/​fcell.​2020.​573487.

	14.	 Iwata K, Ferdousi F, Arai Y, Isoda H. Interactions between major bioactive 
polyphenols of sugarcane top: effects on human neural stem cell dif-
ferentiation and astrocytic maturation. Int J Mol Sci. 2022. https://​doi.​org/​
10.​3390/​ijms2​32315​120.

	15.	 Mansouri A, Gattolliat CH, Asselah T. Mitochondrial dysfunction and 
signaling in chronic liver diseases. Gastroenterology. 2018;155(3):629–47. 
https://​doi.​org/​10.​1053/j.​gastro.​2018.​06.​083.

	16.	 Paradies G, Paradies V, Ruggiero FM, Petrosillo G. Oxidative stress, cardi-
olipin and mitochondrial dysfunction in nonalcoholic fatty liver disease. 
World J Gastroenterol. 2014;20(39):14205–18. https://​doi.​org/​10.​3748/​
wjg.​v20.​i39.​14205.

	17.	 Abrigo J, Simon F, Cabrera D, Vilos C, Cabello-Verrugio C. Mitochon-
drial dysfunction in skeletal muscle pathologies. Curr Protein Pept Sci. 
2019;20(6):536–46. https://​doi.​org/​10.​2174/​13892​03720​66619​04021​
00902.

	18.	 Marzetti E, Calvani R, Cesari M, Buford TW, Lorenzi M, Behnke BJ, 
Leeuwenburgh C. Mitochondrial dysfunction and sarcopenia of 
aging: from signaling pathways to clinical trials. Int J Biochem Cell Biol. 
2013;45(10):2288–301. https://​doi.​org/​10.​1016/j.​biocel.​2013.​06.​024.

	19.	 Ong KW, Hsu A, Tan BK. Chlorogenic acid stimulates glucose transport 
in skeletal muscle via AMPK activation: a contributor to the beneficial 
effects of coffee on diabetes. PLoS ONE. 2012;7(3): e32718. https://​doi.​
org/​10.​1371/​journ​al.​pone.​00327​18.

https://doi.org/10.1007/s13659-023-00423-x
https://doi.org/10.1007/s13659-023-00423-x
https://doi.org/10.1016/j.molcel.2016.01.028
https://doi.org/10.15252/embr.201948395
https://doi.org/10.1038/s43587-022-00191-2
https://doi.org/10.1038/s43587-022-00191-2
https://doi.org/10.1155/2017/3165396
https://doi.org/10.1111/febs.13820
https://doi.org/10.1111/febs.13820
https://doi.org/10.3390/antiox12051075
https://doi.org/10.1016/S0092-8674(00)80611-X
https://doi.org/10.1016/S0092-8674(00)80611-X
https://doi.org/10.1126/science.1204592
https://doi.org/10.1074/jbc.M109.030130
https://doi.org/10.1038/nrm.2017.95
https://doi.org/10.1038/nrm.2017.95
https://doi.org/10.1074/jbc.M408862200
https://doi.org/10.3389/fcell.2020.573487
https://doi.org/10.3390/ijms232315120
https://doi.org/10.3390/ijms232315120
https://doi.org/10.1053/j.gastro.2018.06.083
https://doi.org/10.3748/wjg.v20.i39.14205
https://doi.org/10.3748/wjg.v20.i39.14205
https://doi.org/10.2174/1389203720666190402100902
https://doi.org/10.2174/1389203720666190402100902
https://doi.org/10.1016/j.biocel.2013.06.024
https://doi.org/10.1371/journal.pone.0032718
https://doi.org/10.1371/journal.pone.0032718


Page 19 of 21Iwata et al. Natural Products and Bioprospecting            (2024) 14:2 	

	20.	 Takahashi S, Saito K, Li X, Jia H, Kato H. iTRAQ-based quantitative 
proteomics reveals the energy metabolism alterations induced by chloro-
genic acid in HepG2 cells. Nutrients. 2022. https://​doi.​org/​10.​3390/​nu140​
81676.

	21.	 Mthembu SXH, Muller CJF, Dludla PV, Madoroba E, Kappo AP, Mazibuko-
Mbeje SE. Rooibos flavonoids, aspalathin, isoorientin, and orientin 
ameliorate antimycin A-induced mitochondrial dysfunction by improving 
mitochondrial bioenergetics in cultured skeletal muscle cells. Molecules. 
2021. https://​doi.​org/​10.​3390/​molec​ules2​62062​89.

	22.	 Fan X, Lv H, Wang L, Deng X, Ci X. Isoorientin ameliorates APAP-induced 
hepatotoxicity via activation Nrf2 antioxidative pathway: the involvement 
of AMPK/Akt/GSK3β. Front Pharmacol. 2018;9:1334. https://​doi.​org/​10.​
3389/​fphar.​2018.​01334.

	23.	 Lim JH, Park HS, Choi JK, Lee IS, Choi HJ. Isoorientin induces Nrf2 
pathway-driven antioxidant response through phosphatidylinositol 
3-kinase signaling. Arch Pharmacal Res. 2007;30(12):1590–8. https://​doi.​
org/​10.​1007/​bf029​77329.

	24.	 Skou JC, Esmann M. The Na, K-ATPase. J Bioenerg Biomembr. 
1992;24(3):249–61. https://​doi.​org/​10.​1007/​bf007​68846.

	25.	 Imamura H, Nakano M, Noji H, Muneyuki E, Ohkuma S, Yoshida M, 
Yokoyama K. Evidence for rotation of V1-ATPase. Proc Natl Acad Sci U S A. 
2003;100(5):2312–5. https://​doi.​org/​10.​1073/​pnas.​04367​96100.

	26.	 Fernández-Moncada I, Barros LF. Non-preferential fuelling of the 
Na(+)/K(+)-ATPase pump. Biochem J. 2014;460(3):353–61. https://​doi.​org/​
10.​1042/​bj201​40003.

	27.	 Croft D, O’Kelly G, Wu G, Haw R, Gillespie M, Matthews L, Caudy M, 
Garapati P, Gopinath G, Jassal B, Jupe S, Kalatskaya I, Mahajan S, May B, 
Ndegwa N, Schmidt E, Shamovsky V, Yung C, Birney E, Hermjakob H, 
D’Eustachio P, Stein L. Reactome: a database of reactions, pathways and 
biological processes. Nucleic Acids Res. 2011;39(Database issue6):D691–7. 
https://​doi.​org/​10.​1093/​nar/​gkq10​18.

	28.	 Kanehisa M, Furumichi M, Tanabe M, Sato Y, Morishima K. KEGG: new 
perspectives on genomes, pathways, diseases and drugs. Nucleic Acids 
Res. 2017;45(D1):D353–61. https://​doi.​org/​10.​1093/​nar/​gkw10​92.

	29.	 Han H, Shim H, Shin D, Shim JE, Ko Y, Shin J, Kim H, Cho A, Kim E, Lee T, 
Kim H, Kim K, Yang S, Bae D, Yun A, Kim S, Kim CY, Cho HJ, Kang B, Shin S, 
Lee I. TRRUST: a reference database of human transcriptional regulatory 
interactions. Sci Rep. 2015;5(1):11432. https://​doi.​org/​10.​1038/​srep1​1432.

	30.	 Consortium EP. The ENCODE (ENCyclopedia Of DNA Elements) Project. 
Science. 2004;306(5696):636–40. https://​doi.​org/​10.​1126/​scien​ce.​11051​
36.

	31.	 Puigserver P, Rhee J, Donovan J, Walkey CJ, Yoon JC, Oriente F, Kitamura Y, 
Altomonte J, Dong H, Accili D, Spiegelman BM. Insulin-regulated hepatic 
gluconeogenesis through FOXO1-PGC-1alpha interaction. Nature. 
2003;423(6939):550–5. https://​doi.​org/​10.​1038/​natur​e01667.

	32.	 Scarpulla RC. Metabolic control of mitochondrial biogenesis 
through the PGC-1 family regulatory network. Biochim Biophys Acta. 
2011;1813(7):1269–78. https://​doi.​org/​10.​1016/j.​bbamcr.​2010.​09.​019.

	33.	 Rui L. Energy metabolism in the liver. Compr Physiol. 2014;4(1):177–97. 
https://​doi.​org/​10.​1002/​cphy.​c1300​24.

	34.	 Ramsell KD, Zhao B-G, Baker D, Cobbett P. Serum modulates cyclic 
AMP-dependent morphological changes in cultured neurohypophysial 
astrocytes. Brain Res Bull. 1996;39(2):109–14. https://​doi.​org/​10.​1016/​
0361-​9230(95)​02057-8.

	35.	 Zorec R, Horvat A, Vardjan N, Verkhratsky A. Memory formation shaped by 
astroglia. Front Integr Neurosci. 2015;9:56. https://​doi.​org/​10.​3389/​fnint.​
2015.​00056.

	36.	 Zehnder T, Petrelli F, Romanos J, De Oliveira Figueiredo EC, Lewis TL 
Jr, Deglon N, Polleux F, Santello M, Bezzi P. Mitochondrial biogenesis 
in developing astrocytes regulates astrocyte maturation and synapse 
formation. Cell Rep. 2021;35(2): 108952. https://​doi.​org/​10.​1016/j.​celrep.​
2021.​108952.

	37.	 Valsecchi F, Ramos-Espiritu LS, Buck J, Levin LR, Manfredi G. cAMP and 
mitochondria. Physiology (Bethesda). 2013;28(3):199–209. https://​doi.​org/​
10.​1152/​physi​ol.​00004.​2013.

	38.	 Bos JL. Epac: a new cAMP target and new avenues in cAMP research. Nat 
Rev Mol Cell Biol. 2003;4(9):733–8. https://​doi.​org/​10.​1038/​nrm11​97.

	39.	 Wittköpper K, Dobrev D, Eschenhagen T, El-Armouche A. Phosphatase-1 
inhibitor-1 in physiological and pathological β-adrenoceptor signalling. 
Cardiovasc Res. 2011;91(3):392–401. https://​doi.​org/​10.​1093/​cvr/​cvr058.

	40.	 Acin-Perez R, Salazar E, Kamenetsky M, Buck J, Levin LR, Manfredi G. Cyclic 
AMP produced inside mitochondria regulates oxidative phosphorylation. 
Cell Metab. 2009;9(3):265–76. https://​doi.​org/​10.​1016/j.​cmet.​2009.​01.​012.

	41.	 Schwoch G, Trinczek B, Bode C. Localization of catalytic and regulatory 
subunits of cyclic AMP-dependent protein kinases in mitochondria from 
various rat tissues. Biochem J. 1990;270(1):181–8. https://​doi.​org/​10.​1042/​
bj270​0181.

	42.	 Acin-Perez R, Gatti DL, Bai Y, Manfredi G. Protein phosphorylation and pre-
vention of cytochrome oxidase inhibition by ATP: coupled mechanisms 
of energy metabolism regulation. Cell Metab. 2011;13(6):712–9. https://​
doi.​org/​10.​1016/j.​cmet.​2011.​03.​024.

	43.	 Wang Y, Hekimi S. Understanding ubiquinone. Trends Cell Biol. 
2016;26(5):367–78. https://​doi.​org/​10.​1016/j.​tcb.​2015.​12.​007.

	44.	 Acin-Perez R, Salazar E, Brosel S, Yang H, Schon EA, Manfredi G. Modula-
tion of mitochondrial protein phosphorylation by soluble adenylyl 
cyclase ameliorates cytochrome oxidase defects. EMBO Mol Med. 
2009;1(8–9):392–406. https://​doi.​org/​10.​1002/​emmm.​20090​0046.

	45.	 Evans MJ, Scarpulla RC. NRF-1: a trans-activator of nuclear-encoded 
respiratory genes in animal cells. Genes Dev. 1990;4(6):1023–34. https://​
doi.​org/​10.​1101/​gad.4.​6.​1023.

	46.	 Taherzadeh-Fard E, Saft C, Akkad DA, Wieczorek S, Haghikia A, Chan A, 
Epplen JT, Arning L. PGC-1alpha downstream transcription factors NRF-1 
and TFAM are genetic modifiers of Huntington disease. Mol Neurode-
gener. 2011;6(1):32. https://​doi.​org/​10.​1186/​1750-​1326-6-​32.

	47.	 Herzig S, Long F, Jhala US, Hedrick S, Quinn R, Bauer A, Rudolph D, Schutz 
G, Yoon C, Puigserver P, Spiegelman B, Montminy M. CREB regulates 
hepatic gluconeogenesis through the coactivator PGC-1. Nature. 
2001;413(6852):179–83. https://​doi.​org/​10.​1038/​35093​131.

	48.	 Murphy MP. How mitochondria produce reactive oxygen species. Bio-
chem J. 2009;417(1):1–13. https://​doi.​org/​10.​1042/​bj200​81386.

	49.	 Ventura-Clapier R, Moulin M, Piquereau J, Lemaire C, Mericskay M, Veksler 
V, Garnier A. Mitochondria: a central target for sex differences in patholo-
gies. Clin Sci (Lond). 2017;131(9):803–22. https://​doi.​org/​10.​1042/​cs201​
60485.

	50.	 Zhang Z, Zhang X, Meng L, Gong M, Li J, Shi W, Qiu J, Yang Y, Zhao J, Suo 
Y, Liang X, Wang X, Tse G, Jiang N, Li G, Zhao Y, Liu T. Pioglitazone inhibits 
diabetes-induced atrial mitochondrial oxidative stress and improves 
mitochondrial biogenesis, dynamics, and function through the PPAR-γ/
PGC-1α signaling pathway. Front Pharmacol. 2021;12: 658362. https://​doi.​
org/​10.​3389/​fphar.​2021.​658362.

	51.	 Archer SL. Mitochondrial dynamics–mitochondrial fission and fusion in 
human diseases. N Engl J Med. 2013;369(23):2236–51. https://​doi.​org/​10.​
1056/​NEJMr​a1215​233.

	52.	 Xiong S, Patrushev N, Forouzandeh F, Hilenski L, Alexander RW. PGC-1α 
modulates telomere function and DNA damage in protecting against 
aging-related chronic diseases. Cell Rep. 2015;12(9):1391–9. https://​doi.​
org/​10.​1016/j.​celrep.​2015.​07.​047.

	53.	 Sahin E, Colla S, Liesa M, Moslehi J, Müller FL, Guo M, Cooper M, Kotton 
D, Fabian AJ, Walkey C, Maser RS, Tonon G, Foerster F, Xiong R, Wang YA, 
Shukla SA, Jaskelioff M, Martin ES, Heffernan TP, Protopopov A, Ivanova 
E, Mahoney JE, Kost-Alimova M, Perry SR, Bronson R, Liao R, Mulligan R, 
Shirihai OS, Chin L, DePinho RA. Telomere dysfunction induces metabolic 
and mitochondrial compromise. Nature. 2011;470(7334):359–65. https://​
doi.​org/​10.​1038/​natur​e09787.

	54.	 Watkins PA. Very-long-chain acyl-CoA synthetases. J Biol Chem. 
2008;283(4):1773–7. https://​doi.​org/​10.​1074/​jbc.​R7000​37200.

	55.	 Schroeder F, Petrescu AD, Huang H, Atshaves BP, McIntosh AL, Martin GG, 
Hostetler HA, Vespa A, Landrock D, Landrock KK, Payne HR, Kier AB. Role 
of fatty acid binding proteins and long chain fatty acids in modulating 
nuclear receptors and gene transcription. Lipids. 2008;43(1):1–17. https://​
doi.​org/​10.​1007/​s11745-​007-​3111-z.

	56.	 Hoffman DL, Brookes PS. Oxygen sensitivity of mitochondrial reactive 
oxygen species generation depends on metabolic conditions. J Biol 
Chem. 2009;284(24):16236–45. https://​doi.​org/​10.​1074/​jbc.​M8095​12200.

https://doi.org/10.3390/nu14081676
https://doi.org/10.3390/nu14081676
https://doi.org/10.3390/molecules26206289
https://doi.org/10.3389/fphar.2018.01334
https://doi.org/10.3389/fphar.2018.01334
https://doi.org/10.1007/bf02977329
https://doi.org/10.1007/bf02977329
https://doi.org/10.1007/bf00768846
https://doi.org/10.1073/pnas.0436796100
https://doi.org/10.1042/bj20140003
https://doi.org/10.1042/bj20140003
https://doi.org/10.1093/nar/gkq1018
https://doi.org/10.1093/nar/gkw1092
https://doi.org/10.1038/srep11432
https://doi.org/10.1126/science.1105136
https://doi.org/10.1126/science.1105136
https://doi.org/10.1038/nature01667
https://doi.org/10.1016/j.bbamcr.2010.09.019
https://doi.org/10.1002/cphy.c130024
https://doi.org/10.1016/0361-9230(95)02057-8
https://doi.org/10.1016/0361-9230(95)02057-8
https://doi.org/10.3389/fnint.2015.00056
https://doi.org/10.3389/fnint.2015.00056
https://doi.org/10.1016/j.celrep.2021.108952
https://doi.org/10.1016/j.celrep.2021.108952
https://doi.org/10.1152/physiol.00004.2013
https://doi.org/10.1152/physiol.00004.2013
https://doi.org/10.1038/nrm1197
https://doi.org/10.1093/cvr/cvr058
https://doi.org/10.1016/j.cmet.2009.01.012
https://doi.org/10.1042/bj2700181
https://doi.org/10.1042/bj2700181
https://doi.org/10.1016/j.cmet.2011.03.024
https://doi.org/10.1016/j.cmet.2011.03.024
https://doi.org/10.1016/j.tcb.2015.12.007
https://doi.org/10.1002/emmm.200900046
https://doi.org/10.1101/gad.4.6.1023
https://doi.org/10.1101/gad.4.6.1023
https://doi.org/10.1186/1750-1326-6-32
https://doi.org/10.1038/35093131
https://doi.org/10.1042/bj20081386
https://doi.org/10.1042/cs20160485
https://doi.org/10.1042/cs20160485
https://doi.org/10.3389/fphar.2021.658362
https://doi.org/10.3389/fphar.2021.658362
https://doi.org/10.1056/NEJMra1215233
https://doi.org/10.1056/NEJMra1215233
https://doi.org/10.1016/j.celrep.2015.07.047
https://doi.org/10.1016/j.celrep.2015.07.047
https://doi.org/10.1038/nature09787
https://doi.org/10.1038/nature09787
https://doi.org/10.1074/jbc.R700037200
https://doi.org/10.1007/s11745-007-3111-z
https://doi.org/10.1007/s11745-007-3111-z
https://doi.org/10.1074/jbc.M809512200


Page 20 of 21Iwata et al. Natural Products and Bioprospecting            (2024) 14:2 

	57.	 Mantena SK, Vaughn DP, Andringa KK, Eccleston HB, King AL, Abrams 
GA, Doeller JE, Kraus DW, Darley-Usmar VM, Bailey SM. High fat diet 
induces dysregulation of hepatic oxygen gradients and mitochondrial 
function in vivo. Biochem J. 2009;417(1):183–93. https://​doi.​org/​10.​
1042/​bj200​80868.

	58.	 Li LO, Mashek DG, An J, Doughman SD, Newgard CB, Coleman 
RA. Overexpression of rat long chain acyl-coa synthetase 1 alters 
fatty acid metabolism in rat primary hepatocytes. J Biol Chem. 
2006;281(48):37246–55. https://​doi.​org/​10.​1074/​jbc.​M6044​27200.

	59.	 Makowski L, Hotamisligil GS. Fatty acid binding proteins–the evolution-
ary crossroads of inflammatory and metabolic responses. J Nutr. 
2004;134(9):2464s-s2468. https://​doi.​org/​10.​1093/​jn/​134.9.​2464S.

	60.	 Hardwick JP. Cytochrome P450 omega hydroxylase (CYP4) function in 
fatty acid metabolism and metabolic diseases. Biochem Pharmacol. 
2008;75(12):2263–75. https://​doi.​org/​10.​1016/j.​bcp.​2008.​03.​004.

	61.	 Hardwick JP, Osei-Hyiaman D, Wiland H, Abdelmegeed MA, Song BJ. 
PPAR/RXR regulation of fatty acid metabolism and fatty acid omega-
hydroxylase (CYP4) isozymes: implications for prevention of lipotoxicity 
in fatty liver disease. PPAR Res. 2009;2009: 952734. https://​doi.​org/​10.​
1155/​2009/​952734.

	62.	 Evans JL, Goldfine ID, Maddux BA, Grodsky GM. Oxidative stress and 
stress-activated signaling pathways: a unifying hypothesis of type 2 
diabetes. Endocr Rev. 2002;23(5):599–622. https://​doi.​org/​10.​1210/​er.​
2001-​0039.

	63.	 Eisele PS, Handschin C. Functional crosstalk of PGC-1 coactivators and 
inflammation in skeletal muscle pathophysiology. Semin Immuno-
pathol. 2014;36(1):27–53. https://​doi.​org/​10.​1007/​s00281-​013-​0406-4.

	64.	 Li X, Moody MR, Engel D, Walker S, Clubb FJ Jr, Sivasubramanian N, 
Mann DL, Reid MB. Cardiac-specific overexpression of tumor necrosis 
factor-alpha causes oxidative stress and contractile dysfunction in 
mouse diaphragm. Circulation. 2000;102(14):1690–6. https://​doi.​org/​
10.​1161/​01.​cir.​102.​14.​1690.

	65.	 Goodpaster BH, Park SW, Harris TB, Kritchevsky SB, Nevitt M, Schwartz 
AV, Simonsick EM, Tylavsky FA, Visser M, Newman AB, Study ftHA. The 
loss of skeletal muscle strength, mass, and quality in older adults: 
the health, aging and body composition study. J Gerontol Ser A. 
2006;61(10):1059–64. https://​doi.​org/​10.​1093/​gerona/​61.​10.​1059.

	66.	 Tuttle CSL, Thang LAN, Maier AB. Markers of inflammation and their 
association with muscle strength and mass: a systematic review and 
meta-analysis. Ageing Res Rev. 2020;64: 101185. https://​doi.​org/​10.​
1016/j.​arr.​2020.​101185.

	67.	 Dalakas MC. Immunotherapy of myositis: issues, concerns and future 
prospects. Nat Rev Rheumatol. 2010;6(3):129–37. https://​doi.​org/​10.​
1038/​nrrhe​um.​2010.2.

	68.	 Syriga M, Mavroidis M. Complement system activation in cardiac 
and skeletal muscle pathology: friend or foe? Adv Exp Med Biol. 
2013;735:207–18. https://​doi.​org/​10.​1007/​978-1-​4614-​4118-2_​14.

	69.	 Legoedec J, Gasque P, Jeanne JF, Scotte M, Fontaine M. Complement 
classical pathway expression by human skeletal myoblasts in vitro. Mol 
Immunol. 1997;34(10):735–41. https://​doi.​org/​10.​1016/​s0161-​5890(97)​
00093-x.

	70.	 Liang Z, Zhang T, Liu H, Li Z, Peng L, Wang C, Wang T. Inflammaging: 
the ground for sarcopenia? Exp Gerontol. 2022;168: 111931. https://​
doi.​org/​10.​1016/j.​exger.​2022.​111931.

	71.	 Silveira LR, Pilegaard H, Kusuhara K, Curi R, Hellsten Y. The contraction 
induced increase in gene expression of peroxisome proliferator-
activated receptor (PPAR)-gamma coactivator 1alpha (PGC-1alpha), 
mitochondrial uncoupling protein 3 (UCP3) and hexokinase II (HKII) 
in primary rat skeletal muscle cells is dependent on reactive oxygen 
species. Biochim Biophys Acta. 2006;1763(9):969–76. https://​doi.​org/​10.​
1016/j.​bbamcr.​2006.​06.​010.

	72.	 Hirata Y, Takahashi M, Morishita T, Noguchi T, Matsuzawa A. Post-trans-
lational modifications of the TAK1-TAB complex. Int J Mol Sci. 2017. 
https://​doi.​org/​10.​3390/​ijms1​80102​05.

	73.	 Kim YH, Jung JI, Jeon YE, Kim SM, Oh TK, Lee J, Moon JM, Kim TY, Kim 
EJ. Gynostemma pentaphyllum extract and Gypenoside L enhance 
skeletal muscle differentiation and mitochondrial metabolism by 
activating the PGC-1α pathway in C2C12 myotubes. Nutr Res Pract. 
2022;16(1):14–32. https://​doi.​org/​10.​4162/​nrp.​2022.​16.1.​14.

	74.	 Ni HY, Yu L, Zhao XL, Wang LT, Zhao CJ, Huang H, Zhu HL, Efferth T, Gu 
CB, Fu YJ. Seed oil of Rosa roxburghii Tratt against non-alcoholic fatty 
liver disease in vivo and in vitro through PPARα/PGC-1α-mediated 
mitochondrial oxidative metabolism. Phytomedicine. 2022;98: 153919. 
https://​doi.​org/​10.​1016/j.​phymed.​2021.​153919.

	75.	 Ao X, Yan J, Liu S, Chen S, Zou L, Yang Y, He L, Li S, Liu A, Zhao K. Extrac-
tion, isolation and identification of four phenolic compounds from 
Pleioblastus amarus shoots and their antioxidant and anti-inflamma-
tory properties in vitro. Food Chem. 2022;374: 131743. https://​doi.​org/​
10.​1016/j.​foodc​hem.​2021.​131743.

	76.	 Liu R, Sun Y, Wu H, Ni S, Wang J, Li T, Bi Y, Feng X, Zhang C, Sun Y. In-
depth investigation of the effective substances of traditional Chinese 
medicine formula based on the novel concept of co-decoction 
reaction-using Zuojin decoction as a model sample. J Chromatogr B 
Analyt Technol Biomed Life Sci. 2021;1179: 122869. https://​doi.​org/​10.​
1016/j.​jchro​mb.​2021.​122869.

	77.	 Ornitz DM, Itoh N. The fibroblast growth factor signaling pathway. 
Wiley Interdiscip Rev Dev Biol. 2015;4(3):215–66. https://​doi.​org/​10.​
1002/​wdev.​176.

	78.	 Prudovsky I. Cellular mechanisms of FGF-stimulated tissue repair. Cells. 
2021. https://​doi.​org/​10.​3390/​cells​10071​830.

	79.	 Wei EQ, Barnett AS, Pitt GS, Hennessey JA. Fibroblast growth factor 
homologous factors in the heart: a potential locus for cardiac arrhyth-
mias. Trends Cardiovasc Med. 2011;21(7):199–203. https://​doi.​org/​10.​
1016/j.​tcm.​2012.​05.​010.

	80.	 Ginis I, Luo Y, Miura T, Thies S, Brandenberger R, Gerecht-Nir S, Amit M, 
Hoke A, Carpenter MK, Itskovitz-Eldor J, Rao MS. Differences between 
human and mouse embryonic stem cells. Dev Biol. 2004;269(2):360–80. 
https://​doi.​org/​10.​1016/j.​ydbio.​2003.​12.​034.

	81.	 Mullen PJ, Zahno A, Lindinger P, Maseneni S, Felser A, Krähenbühl 
S, Brecht K. Susceptibility to simvastatin-induced toxicity is partly 
determined by mitochondrial respiration and phosphorylation state of 
Akt. Biochim Biophys Acta. 2011;1813(12):2079–87. https://​doi.​org/​10.​
1016/j.​bbamcr.​2011.​07.​019.

	82.	 Breiter T, Laue C, Kressel G, Groll S, Engelhardt UH, Hahn A. Bioavail-
ability and antioxidant potential of rooibos flavonoids in humans fol-
lowing the consumption of different rooibos formulations. Food Chem. 
2011;128(2):338–47. https://​doi.​org/​10.​1016/j.​foodc​hem.​2011.​03.​029.

	83.	 Renouf M, Marmet C, Giuffrida F, Lepage M, Barron D, Beaumont 
M, Williamson G, Dionisi F. Dose-response plasma appearance of 
coffee chlorogenic and phenolic acids in adults. Mol Nutr Food Res. 
2014;58(2):301–9. https://​doi.​org/​10.​1002/​mnfr.​20130​0349.

	84.	 Kumar P, Nagarajan A, Uchil PD. Analysis of cell viability by the MTT 
assay. Cold Spring Harb Protoc. 2018. https://​doi.​org/​10.​1101/​pdb.​
prot0​95505.

	85.	 Fujihara T, Nakagawa-Izumi A, Ozawa T, Numata O. High-molecular-
weight polyphenols from oolong tea and black tea: purification, some 
properties, and role in increasing mitochondrial membrane potential. 
Biosci Biotechnol Biochem. 2007;71(3):711–9. https://​doi.​org/​10.​1271/​
bbb.​60562.

	86.	 Johnson LV, Walsh ML, Chen LB. Localization of mitochondria in living 
cells with rhodamine 123. Proc Natl Acad Sci U S A. 1980;77(2):990–4. 
https://​doi.​org/​10.​1073/​pnas.​77.2.​990.

	87.	 Zhou Y, Zhou B, Pache L, Chang M, Khodabakhshi AH, Tanaseichuk 
O, Benner C, Chanda SK. Metascape provides a biologist-oriented 
resource for the analysis of systems-level datasets. Nat Commun. 
2019;10(1):1523. https://​doi.​org/​10.​1038/​s41467-​019-​09234-6.

	88.	 Xie Z, Bailey A, Kuleshov MV, Clarke DJB, Evangelista JE, Jenkins SL, 
Lachmann A, Wojciechowicz ML, Kropiwnicki E, Jagodnik KM, Jeon M, 
Ma’ayan A. Gene set knowledge discovery with enrichr. Curr Protoc. 
2021;1(3): e90. https://​doi.​org/​10.​1002/​cpz1.​90.

	89.	 Chen EY, Tan CM, Kou Y, Duan Q, Wang Z, Meirelles GV, Clark NR, 
Ma’ayan A. Enrichr: interactive and collaborative HTML5 gene list 
enrichment analysis tool. BMC Bioinform. 2013;14:128. https://​doi.​org/​
10.​1186/​1471-​2105-​14-​128.

	90.	 Kuleshov MV, Jones MR, Rouillard AD, Fernandez NF, Duan Q, Wang 
Z, Koplev S, Jenkins SL, Jagodnik KM, Lachmann A, McDermott MG, 
Monteiro CD, Gundersen GW, Ma’ayan A. Enrichr: a comprehensive 
gene set enrichment analysis web server 2016 update. Nucleic Acids 
Res. 2016;44(W1):W90–7. https://​doi.​org/​10.​1093/​nar/​gkw377.

https://doi.org/10.1042/bj20080868
https://doi.org/10.1042/bj20080868
https://doi.org/10.1074/jbc.M604427200
https://doi.org/10.1093/jn/134.9.2464S
https://doi.org/10.1016/j.bcp.2008.03.004
https://doi.org/10.1155/2009/952734
https://doi.org/10.1155/2009/952734
https://doi.org/10.1210/er.2001-0039
https://doi.org/10.1210/er.2001-0039
https://doi.org/10.1007/s00281-013-0406-4
https://doi.org/10.1161/01.cir.102.14.1690
https://doi.org/10.1161/01.cir.102.14.1690
https://doi.org/10.1093/gerona/61.10.1059
https://doi.org/10.1016/j.arr.2020.101185
https://doi.org/10.1016/j.arr.2020.101185
https://doi.org/10.1038/nrrheum.2010.2
https://doi.org/10.1038/nrrheum.2010.2
https://doi.org/10.1007/978-1-4614-4118-2_14
https://doi.org/10.1016/s0161-5890(97)00093-x
https://doi.org/10.1016/s0161-5890(97)00093-x
https://doi.org/10.1016/j.exger.2022.111931
https://doi.org/10.1016/j.exger.2022.111931
https://doi.org/10.1016/j.bbamcr.2006.06.010
https://doi.org/10.1016/j.bbamcr.2006.06.010
https://doi.org/10.3390/ijms18010205
https://doi.org/10.4162/nrp.2022.16.1.14
https://doi.org/10.1016/j.phymed.2021.153919
https://doi.org/10.1016/j.foodchem.2021.131743
https://doi.org/10.1016/j.foodchem.2021.131743
https://doi.org/10.1016/j.jchromb.2021.122869
https://doi.org/10.1016/j.jchromb.2021.122869
https://doi.org/10.1002/wdev.176
https://doi.org/10.1002/wdev.176
https://doi.org/10.3390/cells10071830
https://doi.org/10.1016/j.tcm.2012.05.010
https://doi.org/10.1016/j.tcm.2012.05.010
https://doi.org/10.1016/j.ydbio.2003.12.034
https://doi.org/10.1016/j.bbamcr.2011.07.019
https://doi.org/10.1016/j.bbamcr.2011.07.019
https://doi.org/10.1016/j.foodchem.2011.03.029
https://doi.org/10.1002/mnfr.201300349
https://doi.org/10.1101/pdb.prot095505
https://doi.org/10.1101/pdb.prot095505
https://doi.org/10.1271/bbb.60562
https://doi.org/10.1271/bbb.60562
https://doi.org/10.1073/pnas.77.2.990
https://doi.org/10.1038/s41467-019-09234-6
https://doi.org/10.1002/cpz1.90
https://doi.org/10.1186/1471-2105-14-128
https://doi.org/10.1186/1471-2105-14-128
https://doi.org/10.1093/nar/gkw377


Page 21 of 21Iwata et al. Natural Products and Bioprospecting            (2024) 14:2 	

	91.	 Breuer K, Foroushani AK, Laird MR, Chen C, Sribnaia A, Lo R, Winsor GL, 
Hancock RE, Brinkman FS, Lynn DJ. InnateDB: systems biology of innate 
immunity and beyond—recent updates and continuing curation. 
Nucleic Acids Res. 2013;41(Database issue):D1228-33. https://​doi.​org/​
10.​1093/​nar/​gks11​47.

	92.	 Xia J, Benner MJ, Hancock RE. NetworkAnalyst–integrative approaches 
for protein-protein interaction network analysis and visual exploration. 
Nucleic Acids Res. 2014;42(Web Server issue):W167-74. https://​doi.​org/​10.​
1093/​nar/​gku443.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

https://doi.org/10.1093/nar/gks1147
https://doi.org/10.1093/nar/gks1147
https://doi.org/10.1093/nar/gku443
https://doi.org/10.1093/nar/gku443

	Modulation of mitochondrial activity by sugarcane (Saccharum officinarum L.) top extract and its bioactive polyphenols: a comprehensive transcriptomics analysis in C2C12 myotubes and HepG2 hepatocytes
	Abstract 
	1 Introduction
	2 Results
	2.1 Six-hour exposure to STEE or mixed-compound treatment induced a significant increase in the mitochondrial membrane potential of C2C12 myotubes
	2.2 Transcriptomic profiling of STEE-treated myotubes and hepatocytes by microarray
	2.3 Gene ontology analysis revealed that STEE-induced transcriptomic changes were associated with a wide range of biological events in C2C12 myotubes and HepG2 hepatocytes
	2.4 The dimensionality reduction approach revealed that STEE regulated biological pathways related to lipid metabolism, protein kinase signaling, and cytokine signaling
	2.5 Protein–protein interaction (PPI) networking of DEGs regulated by STEE
	2.6 PPI analysis and qPCR approach suggested that STEE-induced transcriptional regulation by PGC-1α

	3 Discussion
	4 Conclusion
	5 Materials and methods
	5.1 Preparation of STEE and chemical reagents
	5.2 Cells and cell culture
	5.3 3-(4,5-Dimethylthiazol-2-yl)-2,5-diphenyltetrazolium bromide (MTT) assay
	5.4 Measurement of mitochondrial activity
	5.5 RNA isolation
	5.6 Microarray experiment
	5.7 Microarray data analysis
	5.8 Real-time quantitative polymerase chain reaction (RT-qPCR)
	5.9 Statistical analysis

	Anchor 23
	Acknowledgements
	References


