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Abstract
The nature of gig work and its growth have important implications for organizational justice theory. Aspects of gig work, 
including the transactional compensation arrangement, strict algorithmic rating system, and power asymmetry between 
drivers and customers, have implications for understanding how dimensions of distributive, informational, and interpersonal 
injustice manifest and impact job performance in the gig context. An understanding of this topic can inform justice theory 
more broadly and help explain inconsistent findings in the literature. Here, we report the results of two studies examining the 
unique effects of these respective dimensions of injustice on emotions and, ultimately, the driving performance and service 
quality in a ridesharing service context. In Study 1, we modeled the passenger-driver interaction of the ridesharing context 
using a driving simulator in a laboratory setting to differentiate the real-time and carry-over effects of specific dimensions 
of injustice. The results from 99 participants showed that perceptions of interpersonal injustice increased anger and unhap-
piness during the ride, in turn impairing driving and service performance. Antecedent-focused emotion regulation strategies 
(ERS) reduced felt unhappiness. Moreover, unexpectedly, perceived distributive injustice as caused by the customer rating 
had opposite (direct versus indirect) effects on service performance in the subsequent ride. Study 2 was an online simulation 
vignette scenario with 294 participants. The results replicated the findings of Study 1 and revealed two moderators of the 
unexpected distributive justice-performance relationship.
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The organizational justice literature has "grown around 
attempts to describe and explain the role of fairness as a 
consideration in the workplace" (Greenberg, 1990, p. 400). 
Recently, however, as a growing number of nontraditional 
forms of work have emerged (i.e., “gig” work), the notion 
of the “workplace” has changed (Kuhn & Maleki, 2017). 
Gig work entails various features that differ from tradi-
tional work (Geissinger et al., 2022; Tirapani & Willmott, 
2022). In gig work, compensation is per transaction, not by 
time (Duggan et al., 2020), and job security is dictated by 
strict algorithmic rating systems closely monitoring work-
ers’ behaviors (Kuhn & Maleki, 2017). Furthermore, gig 

workers do not have supervisors or colleagues; for many of 
them, such as ridesharing drivers, their interactions only are 
with customers, and these customers often treat them in rude 
or unjust ways (He et al., 2021; Rosenblat & Stark, 2016).

Collectively, these features suggest that organizational 
justice has significant impacts on gig workers. In fact, the 
impacts of specific justice dimensions may be even more 
significant, and thus more salient, for gig workers than in 
traditional work settings. This is both because gig workers 
have a high likelihood of encountering disrespectful custom-
ers and because customers’ ratings are consequential for the 
workers’ ability to retain their jobs (Kellogg et al., 2020; 
McFeely & Pendell, 2018; Song et al., 2020). However, how 
different job features relate to justice judgments and how 
those judgments impact gig workers’ reactions and gig per-
formance are still largely unknown.

Thus, we consider how different dimensions of organi-
zational justice operate in the gig context, both indepen-
dently and in conjunction with each other. Beyond con-
tributing to research on gig work, the current set of studies 
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also contributes to the literature on organizational justice 
theory. The results from these studies answer the question 
of whether that theory’s tenets are also applicable to the gig 
context (Gessinger et al., 2022; Tirapani & Willmott, 2022), 
and they help resolve current questions and inconsistencies 
within the literature on the theory more generally.

More specifically, we see this set of studies as making 
four main potential contributions to the justice literature. 
First, these studies help explicate how different components 
of justice—both in isolation and jointly—impact task per-
formance. Although each dimension of organizational jus-
tice has a positive overall meta-analytic relationship with 
job performance, these relationships are moderate in size 
(with all corrected correlations being less than 0.30; Colquitt 
et al., 2013). Moreover, each of these relationships is highly 
variable. Several studies have found null or even negative 
findings (see Pattnaik & Tripathy, 2018), and Colquitt et al., 
(2013) found that most confidence intervals contained zero 
(suggesting moderation). Of particular relevance, scholars 
have questioned which dimension is most predictive of per-
formance (Pattnaik & Tripathy, 2018) and have called for 
greater nuance in understanding the mechanisms through 
which the different dimensions operate, both separately and 
in tandem (e.g., Conlon et al., 2013). In the current research, 
we propose different mechanisms for various dimensions of 
justice and use experimental methods that allow both distill-
ing each of their effects and their interplay, thus advancing 
the justice literature in several ways.

Second, we extend the justice literature by examining the 
effects of justice over time. As Xu et al., (2022, p. 1072) 
recently concluded, “in nearly all cases justice perceptions 
have been treated as static phenomena. This is, however, a 
questionable assumption: as employees continually encoun-
ter new justice information in the environment, their percep-
tions of justice are likely to evolve.” In the current study, 
we examine the effects of successive justice-related events 
on subsequent reactions and performance. Specifically, we 
explore whether the effects of a justice event associated 
with one customer service encounter spill over and continue 
impacting impact reactions and behavior during a second 
encounter or, alternatively, cease to have an effect when jus-
tice events during the second subsequent customer encounter 
become salient. This question reflects the now established 
recognition that justice perceptions often stem from specific 
events and encounters (e.g., Matta et al., 2014) and the fact 
that most customer service positions entail one interaction 
after another. Despite these conclusions, we are unaware 
of research exploring how the justice-related effects of one 
encounter do or do not influence reactions to subsequent 
customer service encounters and performance in them. The 
results from the current inquiry have theoretical implica-
tions regarding the dynamism of justice effects over short 
time frames and practical implications for whether (and 

how) organizations can sever or prolong the effects of given 
interactions.

A third contribution we seek to make is adding to the 
growing literature on the implications of algorithmic per-
formance management systems for gig worker reactions 
and performance (Kellogg et al., 2020). Because “gigs” are 
short-term arrangements where the customer ratings factor 
into retaining one’s position (Kuhn & Maleki, 2017), the 
ratings for each gig are consequential. As such, gig work 
is often viewed in purely transactional terms (see Duggan 
et al., 2020 for a review). This view suggests that the fair-
ness of the performance ratings is especially impactful 
to the workers and, in fact, may be the only types of fair-
ness that influence worker reactions and subsequent per-
formance. On the other hand, recent studies indicate that 
gig workers also seek, and are sensitive to, the relational 
parts of their work and further, that they miss out on the 
normal social benefits that typically accompany traditional 
jobs (e.g., Ashford et al., 2018). Ridesharing drivers, for 
instance, report feeling they are seen as more of transporta-
tion instruments than as humans when working. For exam-
ple, Anicich (2022, p. 5 in the online version) reports the 
following quote from a ridesharing worker, [it is] “always 
really appreciated” when “[customers] treat you like a 
human being and they look you in the eye or smile” (#9). 
The authors conclude that behaviors that one would expect 
in in-person interactions are the exception in the ride-shar-
ing context. This latter conclusion suggests that ridesharing 
drivers may also be attuned to interpersonal justice and to 
the information (and informational justice) customers do or 
do not provide, which may interact with distributive justice 
(deriving from ratings). Here, we integrate these notions 
and, in doing so, examine the interplay among these justice 
factors in the gig context.

Finally, we seek to extend the justice literature by exam-
ining alternative ways through which injustice may impact 
performance. Research seeking to explain the harmful 
impact of injustice on worker performance has largely cen-
tered on the role of trust in authority figure/decision-making 
(e.g., Brockner et al., 1997; Colquitt et al., 2013). People 
have more or less trust in the decision-maker (e.g., supervi-
sor) and use those trust judgments in the fairness decision-
making process (Lind & van den Bos, 2002). However, in 
the customer service context (including the gig context), the 
decision-maker is not a known entity with whom the worker 
has a history to use in making trust judgments (Anicich, 
2022). In this case, where the salience of trust would seem 
less central, the mechanisms through which injustice impacts 
performance are largely unknown.

To these ends, below, we first review the relevant litera-
ture on justice theory. We then discuss the proposed theoreti-
cal model and corresponding study hypotheses. As detailed 
in the following pages, we designed two studies to examine 
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how injustice events impact ride-share drivers’ emotions 
and performance. In Study 1, we simulated passenger-driver 
interactions in the ridesharing context in a laboratory setting. 
Specifically, to distinguish between the effects of different 
forms of injustice on drivers’ emotions and performance, 
we had each participant play the driver role and complete 
two rides with (confederate) passengers. The effect of injus-
tice perceptions caused by interpersonal interaction on the 
current ride and the effect of injustice perceptions caused 
by customer ratings and comments from the previous ride 
on the following ride were investigated. Additionally, the 
moderating roles of antecedent-focused emotional regulation 
strategies (ERS) and of informational justice were investi-
gated. Then, to try to confirm the hypotheses (and support 
Study 1 findings)—and to further explore an unexpected 
finding from Study 1—we conducted an online vignette 
scenario in Study 2.

Theoretical background and hypothesis 
development

Organizational justice theory

Organizational justice theory differentiates specific types 
of workplace justice and explains their proposed rela-
tionship with important outcomes (Colquitt et al., 2001). 
These different forms of (in) justice are central to the 
current theories. The two most well-known typologies 
of organizational justice are the three-component model 
(distributive, procedural, and interactional justice; Cro-
panzano et al., 2001) and the four-component model (dis-
tributive, procedural, interpersonal, and informational 
justice; Colquitt, 2001). Here, we adopted the four-com-
ponent view of organizational justice, as it seemed more 
appropriate in the current context.

Within the four-component model, distributive justice 
is defined as fairness associated with outcomes and how 
resources and rewards (e.g., pay or promotions) are allo-
cated. Based on equity theory, when evaluating the fair-
ness of the outcome, individuals consider (a) the absolute 
level of the rewards they receive and (b) whether those 
outcomes are fair when compared to a standard or level of 
input (Adams, 1965). In the current study, distributive jus-
tice perceptions related to customer ratings were examined.

In contrast, interactional justice measures how well 
individuals are being treated interpersonally (Bies & 
Moag, 1986). Here, we follow others in differentiating 
between two types of interactional justice, i.e., informa-
tional justice and interpersonal justice (e.g., Colquitt, 
2001; Greenberg, 1993). Informational justice considers 
detailed explanations and information given to individu-
als to explain the decision and whether the information 

is perceived as adequate and truthful (Colquitt, 2001). In 
the gig driving context, informational justice perceptions 
can result from the voluntary comments that passengers 
may provide along with their numerical ratings. Finally, 
interpersonal justice captures the extent to which an 
individual believes that he or she has been treated with 
respect, dignity, and sincerity during a justice-related 
event (Greenberg, 1993), which can occur during the 
customer-driver interaction.1

Notably, although “justice” and “injustice” are related, we 
focus on injustice here, as injustice tends to induce a “hot” 
cognitive process during which emotions are often involved 
(see Hillebrandt & Barclay, 2013). Using these different 
types of injustice, we developed a model of injustice, emo-
tions, and performance in the gig driving context. Below, 
we advance the study hypotheses embedded in the model, 
integrating aspects of the gig driving context with the foun-
dational scholarship.

Proposed model of justice, emotions, 
and performance in the gig driving context

In the current study, we focused on gig workers on ride-
sharing platforms. To facilitate interpretation of the study 
design and hypotheses, we first describe how ridesharing 
platforms function. Drivers on platforms such as Uber or 
Lyft are usually not formally employed by the company. 
They may earn some or all of their income through one or 
more of the platforms and may drive a few or many hours a 
week—usually driving their own cars. Customers request a 
ride using an app. In a typical scenario, the driver receives 
the assignment through the app, picks up the passenger(s), 
follows the navigation toward the destination, interacts (to 
a varying extent) with the passenger(s) during the drive, 
and finishes the ride by dropping off the passenger(s) at 
the destination. After the ride, drivers get paid through the 
app. The customer also has the option of providing a rating 
through the app. The driver then seeks their next ride, and 
this same series of events unfolds (multiple times a day).

Interpersonal injustice and driver emotional reactions

As seen in the above depiction, the driver incurs a series 
of events—picking up a passenger(s), driving them to the 
destination, and receiving payment and a rating. Of signifi-
cance here is that each of these events has the potential to 
generate perceptions of injustice and, in turn, emotional 

1  Procedural justice is the fourth component in this model. It repre-
sents perceptions of fairness related to the processes and procedures 
of decision-making and rewards allocation (Colquitt, 2001). Since the 
focus of the present study is justice involved in the customer-driver 
interaction, procedural justice regarding the entire management sys-
tem was not explored.
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reactions and then performance consequences (Cropanzano 
et al., 2001). Importantly, this sequence occurs for a given 
ride, but that entire sequence (corresponding to a given ride) 
also unfolds several times a shift/day. As such, we deter-
mined that incorporating multiple rides was important for 
appropriately capturing the dynamics of interest and how the 
injustice-related events from one ride may impact reactions 
during a later ride.

First, a given ride can trigger perceptions of interpersonal 
injustice when the customer acts in a rude or disrespectful 
manner. Not uncommonly, passengers indeed behave in such 
ways, complaining about the rates or interacting in a harsh, 
demeaning manner (Marquis et al., 2018; Rosenblat & Stark, 
2016). While insensitive interaction is obviously also prevalent 
in other customer service contexts, it may be especially com-
mon or extreme in the ridesharing context because there often is 
nobody else present (e.g., other customers or a work supervisor) 
who otherwise may directly or indirectly curb such behavior.

These perceptions of interpersonal injustice are proposed 
to generate negative emotional reactions. This notion is 
grounded in affective events theory (Weiss & Cropanzano, 
1996) and in Cropanzano et al.’s (2000) model of cognitive 
justice appraisal. Supportive of these ideas, research docu-
ments that interpersonal injustice triggers negative emotions, 
especially anger and hostility (Barclay et al., 2005; Rupp 
& Spencer, 2006). Here, we operationalized negative affect 
using two discrete emotions, anger and unhappiness. In the 
following sections, we draw on theoretical work on injustice 
and affect in suggesting that these two negative emotions 
may operate differently in certain parts of the model.

H1: Perceived higher interpersonal injustice leads to 
anger and unhappiness.

Distributive injustice and driver negative emotional 
reactions

After the driver delivers the customer to their destination, 
there are two more significant events that have the potential 
to trigger perceptions of injustice. Both of these events are 
associated with the performance management system that 
the ridesharing platforms employ.

First, the passenger’s optional rating about the driver can 
likely trigger strong perceptions of distributive injustice. 
After the ride, the passenger has the option of providing 
ratings about their trip experience through the app, assigning 
1 to 5 stars. These customer ratings are crucially important. 
If the driver’s average rating falls below a certain mini-
mum (e.g., 4.6 or even 4.8 in some areas; Helling, 2022), 
the driver’s account may be deactivated, and the individual 
cannot continue working as a driver for that specific platform 
(from the official Uber website). Additionally, because driv-
ers’ average rating (e.g., over the past 100 rides) is shown to 

future customers, it can influence how many rides a driver 
can obtain (from the official Uber website; i.e., if the driver’s 
rating is low, the passenger may choose another driver).

Given that drivers recognize the significance of these rat-
ings (Gandini, 2019; Marquis et al., 2018), they are likely 
to form injustice perceptions when evaluating the ratings 
(Cropanzano et al., 2000). The importance of these ratings 
and their power to generate negative emotions should be 
especially great when ratings are lower than expected (Cro-
panzano et al., 2000). The salience of the ratings is probably 
further amplified by the availability of other, past ratings that 
serve as a readily available referent (Adams, 1965). Thus, 
whereas customer service positions in general are likely to 
trigger perceptions of injustice and corresponding negative 
emotional reactions (e.gGrandey et al., 2002; Rupp et al., 
2008), the frequency and criticality of these ratings may 
make them especially impactful in the gig driving context.

Important to highlight here is that this perceived distribu-
tive injustice derives from a ride that has concluded (i.e., 
Ride 1). However, the negative emotions these perceptions 
would trigger would manifest after that ride in the next ride 
(Ride 2; and perhaps subsequent rides). As argued below, 
this recognition suggests that the distributive injustice asso-
ciated with Ride 1 can impact the driver’s performance—via 
their emotions from the previous ride—in the subsequent 
ride (with a different passenger).

H2: Perceived distributive injustice as caused by seeing 
the customer rating associated with Ride 1 leads to anger 
and unhappiness in the subsequent ride.

Informational injustice and driver negative emotional 
reactions

Along with numerical ratings, passengers can also provide 
narrative comments about the ride. Viewing these com-
ments represents a potential third injustice-related event 
in two ways. First, as with the numerical ratings, the com-
ments could be a source of distributive injustice. However, 
the major justice-related effect these comments would seem 
to have is through their joint effect with the numerical rat-
ings. Such comments can have informational value that may 
or may not help justify lower quantitative values. Consistent 
with this idea, studies have found that information about the 
decision-making process can mitigate the negative impact 
of outcome favorability (Brockner & Wiesenfeld, 1996). 
Based on the two-stage model of justice (e.g., Cropanzano 
& Folger, 1991), unfavorable outcomes trigger informa-
tion processing, wherein individuals consider procedural 
information to decide whether the outcome was justified. 
Applied to the customer-driver interaction context, if the 
unfavorable rating is accompanied by information explain-
ing the reason for the rating, drivers should be less likely to 
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see the numerical rating as unjust. In turn, the possibility of 
experiencing negative emotions should be diminished.

Showing this effect in the current context also seemingly 
has implications for the design of apps that ridesharing plat-
forms use to allow for customer feedback (e.g., by encourag-
ing or requiring it to help shape drivers’ reactions). Again, 
it is important to emphasize here that this is a proposed 
cross-ride effect in that the comments associated with one 
ride (Ride 1) will impact emotions and, in turn, performance 
during the subsequent ride (Ride 2).

H3: Perceived informational injustice moderates the rela-
tionship between perceived distributive injustice and neg-
ative emotions such that when perceived informational 
injustice is high, perceived distributive injustice is more 
strongly related to negative emotions.

Carryover effects of negative emotional reactions from ride 
1 to ride 2

The fact that drivers complete a series of rides during a day/
shift further suggests that the emotional reactions deriving 
from injustice associated with a previous ride can endure, 
continuing to manifest in subsequent rides. Thus, in the cur-
rent portrayal and study design, the anger and unhappiness 
resulting from rude or insensitive passengers (i.e., perceptions 
of impersonal injustice) in Ride 1 could persist into Ride 2.

In support of this notion, substantial research demon-
strates that emotions often endure well after the precipitat-
ing episode. For instance, Verduyn and Lavrijsen (2015) 
analyzed the duration of various emotions after eliciting 
events and found that the median return to the baseline state 
was at least an hour for most emotions. It was longer than 
that for the emotions of interest here —anger, irritation and 
sadness (the latter two approximating unhappiness). Further-
more, other work suggests that recent past affect may have a 
greater impact on behavior than does current affect (Chong 
& Ahmed, 2017; Lerner et al., 2004).

Of note, this idea that negative affect persists beyond 
the focal event also demonstrates that the effects of injus-
tice persist. While the justice literature has established the 
importance of cumulative justice-related events and percep-
tions on outcomes (e.g., trust, job attitudes; Colquitt et al., 
2001), there is very limited research on justice spillover 
effects. Although a few recent studies have found a spillover 
effect of work injustice into the family domain (e.g., Lee 
et al., 2019b; Wang et al., 2019), the carryover effect of 
feelings of injustice caused by previous customer interaction 
on the next injustice remains largely unexplored. Based on 
the evidence above, we propose the following hypothesis.

H4: The negative emotional reactions (of anger and 
unhappiness) resulting from perceptions of interpersonal 

injustice during an earlier ride (Ride 1) are positively 
associated with higher levels of those negative emotions 
during a subsequent ride (Ride 2).

Emotional regulation strategies and drivers' negative 
emotional reactions

In addition to considering the impact of the events on per-
ceptions of injustice, we deemed that it is also important for 
drivers to incorporate strategies to manage their emotions. 
Indeed, drivers regularly use such emotion regulation strate-
gies (ERS; Gandini, 2019; Marquis et al., 2018). Beyond the 
importance of capturing drivers’ realities, including ERS 
here can also extend previous research on emotion regulation 
during service encounters by examining whether the enact-
ment of ERS endures (in a subsequent ride).

According to Gross’ (1998) model, emotion regulation 
occurs at different stages of the cognition appraisal process 
and has different effects. Antecedent-focused ERS occurs 
before emotions fully develop. In contrast, response-modula-
tion ERS focuses on changing the emotion expressions only. 
Hence, antecedent-focused ERS can obstruct the emergence 
of negative emotions or dampen such emotions, often through 
cognitive change or reappraisal (Gross, 1998). Research con-
sistently suggests that antecedent-focused ERS or reappraisal 
strategies are superior to response-modulation ERS or expres-
sive suppression (Gross, 1998; Gross & John, 2003).

Given this evidence, we propose both a main effect of 
antecedent-focused ERS and a moderating effect (in that 
it should attenuate negative emotional reactions to justice-
related events).

H5: The greater use of antecedent-focused emotion regu-
lation strategies is negatively associated with anger and 
unhappiness.
H6: Antecedent-focused emotion regulation strategies mod-
erate the relationship between injustice perceptions, includ-
ing both (a) interpersonal injustice and (b) distributive 
injustice, and negative emotions, such that the relationship 
becomes weaker when antecedent-focused ERS are used.

Negative emotions and driver performance

The negative emotions resulting from the three different forms 
of injustice should ultimately impact the driver’s performance 
during each ride. The experience of this emotion and related 
attempts to regulate it place demands on cognitive resources 
(Schmeichel, 2007). In turn, fewer resources (e.g., in the form 
of attention and self-regulation) are available for the primary 
performance task (i.e., driving; Beal, et al., 2005). Consist-
ent with this rationale, a recent experience sampling study 
by Merlo and colleagues (2018) demonstrated that increased 
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negative affect resulted in difficulty focusing on work tasks 
and, in turn, impaired task performance. Given that driving 
relies heavily on attentional resources (Lee & Winston, 2016), 
we expect this result to manifest in the current context.

Indeed, other empirical evidence for this idea comes from 
research on "road rage.” Studies consistently show that anger 
or frustration caused by challenging or unexpected traffic 
situations leads to unsafe or aggressive behaviors that impact 
driving performance (Lee & Winston, 2016; Nesbit et al., 
2007). Additionally, anecdotal support for this prediction 
comes from media reports describing Uber drivers getting 
into car accidents when trying to arrive at a destination 
quickly, especially at the request of customers (e.g., Leiker, 
2018; Rapier, 2018).

In addition to impacting driving performance, these nega-
tive emotional experiences can also impair the service quality 
that the drivers provide. While negative emotion and its regu-
lation may impair quality in many contexts (e.g., Rupp et al., 
2008), this effect may be especially pronounced in a context 
such as the ridesharing one. This is because the workers in 
this context must manage two cognitively demanding tasks 
concurrently—driving and appropriately interacting with the 
passenger. Thus, relative to service workers performing less 
cognitively demanding tasks, ridesharing workers’ attentional 
resources should already be significantly compromised (Can-
tin et al., 2009), and managing negative emotional reactions 
should amplify this state. This all said, other mechanisms 
(e.g., cognitive evaluations) are also likely at play. As such, 
we offer a partial mediation hypothesis below.

H7: The negative emotions of anger and unhappiness 
partially mediate the relationship between the various 
types of injustice perceptions, such that higher injustice 
perceptions lead to higher levels of these negative emo-
tions and then lower levels of driving performance and 
service quality.

Study 1: Laboratory simulation study

Method

Participants

One hundred participants were recruited for the main study 
(after we tested the study setting in the pilot period2 ). This 
sample size was based on previous studies using similar 
designs (e.g., injustice perceptions on emotional labor in a 
call-center simulation, Rupp & Spencer, 2006). Among the 
100 participants, 13 were drivers in the ridesharing industry 

recruited through advertisements posted on online forums, 
social media, and flyers. The remaining participants were 
87 college students recruited from the business school at a 
large, public U.S. university.3 All participants had a valid 
driver’s license. Participants were compensated $30-$45 in 
the form of a gift card.4 One participant’s data were removed 
due to survey malfunction during the study.

The final sample of 99 participants included 61 males 
(61.6%). The mean age was 26.24 (SD = 10.24). The racial 
composition was white (49.5%), Asian (29.3%), African 
American (17.2%), and other (4%). Ninety-seven percent of 
participants reported driving more than two or three times 
each week on average.5

Overview of the study design

The hypotheses were examined in a laboratory setting. The 
study was designed such that each driver would have two 
rides, each with a different passenger. First, to disentangle 
the effects of interpersonal injustice during versus after the 
ride, each participant interacted with two confederate pas-
sengers displaying different levels of interpersonal injustice. 
In ride 1, drivers interacted with a demanding confederate 
passenger who acted impatiently and provided incorrect 
navigation instructions to induce perceptions of interper-
sonal injustice. This allowed for examining the effects of 
interpersonal injustice on emotions and performance. Then, 
in Ride 2, a (different) neutral-mood passenger interacted 
in a polite manner and acted without obvious expression of 
emotions (attempted not to induce strong interpersonal [in]
justice). Thus, this was a within-person design that allowed 
for examining the effect of injustice perceptions on emotions 
and performance.

To tease apart the respective effects of informational 
and distributive injustice, a 2 × 2 between-person design 
was adopted. As shown in Table 1, the conditions varied 
on the level of distributive and informational injustice 
(low-low, low–high, high-low, and high-high). Distribu-
tive injustice was manipulated by presenting the driver 
with a customer rating of 3 (high) or 5 (low) based on 
the first ride. We chose 3 to represent the low rating 

2  The details of the pilot study can be requested from the correspond-
ing author.

3  Our original intention was to recruit only ridesharing drivers. How-
ever, it was not feasible to recruit a sufficient number of gig workers 
to come to the lab on campus (despite multiple recruitment efforts). 
Thus, student participants were included as well. Model results with 
and without those ridesharing drivers were compared and the study 
conclusions without those drivers were the same as those reported 
here.
4  For ride sharing drivers, an additional $15 was provided to com-
pensate time spent traveling to/from the laboratory and to cover park-
ing costs.
5  These data were collected early in 2019, prior to the COVID-19 
pandemic in the U.S.
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(high distributive injustice) condition because drivers 
were required to keep an average rating of 4.60 in the 
study (similar to the real-life requirement by ride-share 
platforms). All drivers were told that their average score 
was 4.65 based on their previous 100 rides. Thus, a rat-
ing of 3 could severely impact their average rating (the 
new average rating would be (4.65*100 + 3)/101 = 4.63). 
Informational injustice was manipulated by how specific 
and reasonable the comments were—as based on the lit-
erature (Bies & Moag, 1986; Greenberg, 1990, 1993). All 
comments were constructed to be as similar as possible, 
varying only in valence. Participants were assigned to 
each condition randomly, and the number of participants 
in each condition was similar (see Table 1).

Simulation driving task

To create a laboratory simulation with physical and psy-
chological fidelity, a driving simulator was used (with 
a steering wheel in addition to gas and brake pedals). 
Additionally, the lab room was designed to resemble 
the inside of a car (see the supplementary material for 
more detail). Two driving scenarios developed by human 
factors psychologists (see more descriptions in Lee & 
LaVoie, 2018; Saikalis et al., 2019) to resemble real-life 
driving situations were used as the driving context. The 
two scenarios had comparable difficulty levels in terms 
of traffic congestion-related events (e.g., a slow car mak-
ing multiple stops in front of the participant vehicle, traf-
fic jam) but with different routes programmed to reduce 
potential practice effects. Similar to the GPS navigation, 
navigations were presented to instruct drivers in the cor-
rect direction to proceed. To make the experience more 
realistic, background engine noise was also added. Driv-
ers were alerted when they reached the destination (each 

ride lasted approximately 10 min), at which point they 
stopped driving.6

Procedures

Each participant completed an online survey before coming 
to the lab. This preride survey included questions about the 
participant’s experience with ridesharing, driving frequency, 
and demographics. Then, on the day of the study appointment, 
after the participant signed the formal study consent, the exper-
imenter read the training script to the participant. The training 
script included background information on the ridesharing 
industry and emphasized that participants needed to perform 
well to maintain a good rating to continue being drivers. To 
simulate real-life ridesharing and to increase participants’ 
engagement in the driver role, participants were told that for 
each ride they completed, they could earn $10. However, they 
needed to maintain an average rating over 4.60 (with a starting 
rating of 4.65). Next, the participants completed a set of survey 
questions to confirm that they understood the rating criteria.

Then, the participants were given verbal instructions on 
how to use the driving simulator and the rules of the road 
(regarding speed limits, etc.). There was also a practice session 
to help the participants become familiar with the simulator. 
After the participants felt comfortable with the operation, the 
study session began. The first confederate passenger entered 

Table 1   Overview of study 1 conditions

1. HDHI “high distributive injustice and high informational injustice” condition, HDLI “high distributive injustice and low informational injus-
tice” condition, LDHI “low distributive injustice and high informational injustice” condition, LDLI “low distributive injustice and low informa-
tional injustice” condition
2. Dist-Inj “Distributive injustice”, Inf-Inj “Informational injustice”

Study condition N Dist- Inj Inf-Inj Manipulated rat-
ing (1–5 stars)

Comments

1. HDHI 27 High High 3 Definitely not a 
5-star ride

2. HDLI 28 High Low 3 You should be more 
careful when 
there’s a lot of 
oncoming traffic

3. LDHI 23 Low High 5 A 5-star ride
4. LDLI 21 Low Low 5 I appreciate you 

being cautious of 
oncoming traffic

6  Of note, the drive would not be terminated if there was only a 
minor accident (such as hitting a construction barrel). However, the 
drive would return to the beginning if the driver encountered a more 
severe incident (e.g., a car crash). In this scenario, we allowed the 
experiment to continue until the passenger was dropped off at the 
final destination, to keep the end result consistent across rides. The 
entire process with the same passenger was still considered ride 1 in 
this case. There were 12 such cases.
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the study room to begin the ride and interacted with the driver 
as if they were in a real ridesharing context. The two confed-
erates both followed a predetermined script, with the first one 
acting like a demanding passenger and the second passenger 
displaying a more neutral mood. After ride 1, drivers answered 
survey questions about their emotions and perceived interper-
sonal justice in the past ride. Then, they saw the manipulated 
rating and comments and answered more questions about their 
perceived distributive/informational justice.

Next, in Ride 2, the drivers interacted with a different 
confederate passenger. At the end of the second ride, driv-
ers answered survey questions about their experience in the 
past ride and general questions on personality. Participants 
were debriefed after completing the two rides, and everyone 
received compensation.

Both confederates were male undergraduate psychology 
research assistants. One of them played the demanding pas-
senger role in Ride 1, and the other played the neutral-mood 
passenger role in Ride 2. Each of them had a unique charac-
ter profile to help them answer any personal questions from 
the “driver”. The confederate passengers were also trained 
to rate the service quality of the driver based on the provided 
criteria7 and noted their rationale for the rating (these are not 
the ratings seen by the driver).

Measures

Manipulation checks  To ensure that the drivers understood 
which aspects of their performance would be evaluated by 
the passengers, they needed to correctly respond to a multi-
ple-choice question after hearing the training script. In addi-
tion, to check whether there was more interpersonal injustice 
with the demanding rider than with the neutral acting rider, 
ratings of interpersonal justice were collected.

Anger and unhappiness during the rides  Felt anger and unhap-
piness during the two rides were each measured by four items 
from the Discrete Emotions Questionnaire (Harmon-Jones 
et al., 2016). Responses were made on a 5-point scale (ranging 
from “Not at all” to “Very much”) using the prompt “During 
the past ride, to what extent did you experience these emo-
tions?”. Cronbach’s alphas were 0.91 and 0.90 for anger and 
0.92 and 0.96 for unhappiness.

Antecedent‑focused emotion regulation  The antecedent-
focused ERS used in each ride was measured using items 

from Diefendorff et al. (2008) with the prompt “To what 
extent did you engage in the following behaviors in the past 
ride to regulate your emotions?”. Three items on cognitive 
change that were applicable to the study (“Reinterpret the 
situation in a more positive light”, “Find humor in the situa-
tion”, “Think about how the passenger feels”) were included. 
Responses were made using a scale ranging from a 1 = never 
to 5 = to a very great extent. Cronbach’s alphas were 0.78 
and 0.81 for the scale in the two rides, respectively.

Perceived injustice  Justice scales from Colquitt (2001) 
were adapted to measure distributive (four items, 
α = 0.91), interpersonal (four items, α = 0.89), and infor-
mational justice (four items, α = 0.90) in the driving con-
text (with a focus on the customer rating). Sample items 
include “Does your rating reflect the effort you have put 
into your work?”, “Has (he or she) treated you in a polite 
manner?”, and “Were (his or her) explanations regard-
ing the rating reasonable?”, respectively. A 5-point scale 
(1 = not at all and 5 = to a great extent) was used for all 
justice items. In addition, a three-item measure adapted 
from Brett and Atwater (2001) was adopted to measure 
the perceived usefulness of the comments, e.g., “The com-
ments are useful to me” (1 = strongly disagree, 5 = strongly 
agree; α = 0.96).

Unstable driving  Following established procedures in driv-
ing research, we calculated the average rate of change (i.e., 
discrepancy in scores with a time interval of approximately 
0.02 s) in speed and used it as an indicator of unstable driv-
ing (see Lee & LaVoie, 2018).

Service quality  Each passenger’s (i.e., the two confed-
erates’) rating of the driver’s service quality (their per-
ceived service quality based on the criteria in the train-
ing script, i.e., the driver’s courtesy and communication 
with the customer) was also collected using a single-item 
measure (1 to 5 scale).

Control variable  Because the perceived difficulty of the task 
may affect task performance, one item from the NASA-Task 
load index (“How mentally demanding was the task?”; Hart 
& Staveland, 1988) was included as a potential control vari-
able. The original 21-point response ranging from “very 
low” to “very high” was used.

Analysis

Mplus 7 was used to test the hypothesized models. The 
measurement model was first examined using confirmatory 
factor analysis (CFA). Then, path analysis was conducted 
using scale means to test the model. Bootstrapping was used 
to calculate the indirect effect.

7  Note that unlike the real customer ratings, the service ratings here 
were only based on the interaction between the driver and the passen-
ger, i.e., whether the driver showed courtesy (good attitude toward the 
passenger) and had good communication with the passenger (clear, 
patient, etc.).
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Results

Measurement model

CFA was used to examine the hypothesized measure-
ment models. First, for Ride 1, four factors excluding the 
single item measures (i.e., interpersonal justice, anger, 
unhappiness, antecedent-focused ER) were included in 
the CFA. Items were made to load on their intended fac-
tors, and all other loadings were set to zero. This model 
demonstrated adequate model fit (χ2 [84] = 131.31, 
CFI = 0.96, TLI = 0.95, RMSEA = 0.08, SRMR = 0.05). 
Then, for Ride 2, again, seven factors excluding the 
single item measures (i.e., perceived distributive and 
informational justice, anger and unhappiness during 
Ride 1 and Ride 2, respectively, antecedent-focused ER) 
were included in a single CFA. Again, items were set 
to load on their intended factors, and all other loadings 
were set to zero. The model revealed adequate fit (χ2 
[278] = 455.94, CFI = 0.92, TLI = 0.91, RMSEA = 0.08, 
SRMR = 0.07).

Manipulation checks

Paired-sample t tests were conducted to ensure that the 
first confederate passenger displayed more interpersonal 
injustice than the 2nd confederate passenger and to con-
firm that the high injustice conditions led to higher injus-
tice feelings. The results supported our manipulations.8

Descriptive statistics and correlations

Table 2 presents the means, standard deviations, and inter-
correlations for the study variables. Overall, injustice per-
ceptions were correlated with negative emotions (e.g., 
r = 0.30, p < 0.01 between perceived interpersonal injustice 
and anger during Ride 1). Emotions showed correlations 
with certain performance outcomes (e.g., r = -0.26, p < 0.01 
between anger and service rating during Ride 1). There 
is also evidence that antecedent-focused ERS were nega-
tively correlated with unhappiness (r = -0.52 during Ride 1, 
p < 0.01; r = -0.70 during Ride 2, p < 0.01) and negatively 
correlated with anger (r = -0.33 during Ride 1, p < 0.01). 
These results are consistent with general expectations.

Tests of study hypotheses

We evaluated separate models for Ride 1 and Ride 2. The 
Ride 1 initial path model9 included perceived interpersonal 

injustice, antecedent-focused ERS during ride 1, the inter-
personal injustice × ERS interaction, emotions during Ride 
1 (both unhappiness and anger), the two performance 
outcomes, and one control variable (perceived mental 
demands).10 Similarly, the Ride 2 initial path model included 
perceived distributive injustice and informational injustice 
(after seeing the Ride 1 rating), antecedent-focused ERS dur-
ing Ride 2, the two hypothesized interaction terms, emotions 
during Ride 1 and Ride 2, the two performance outcomes, 
and the control variable (perceived mental demands). Below, 
we describe the model results, following the order of the 
hypotheses. Notably, we made modifications to the model as 
described in the Additional Analyses section below. Figure 1 
incorporates those changes.

Injustice and driver emotional reactions (H1‑H3)  First, 
the Ride 1 model results revealed that perceived interper-
sonal injustice was positively related to anger (b = 0.148, 
p = 0.031) and to unhappiness (b = 0.286, p < 0.01) during 
the ride. These findings support Hypothesis 1. Initial results 
revealed that perceived distributive injustice (resulting from 
seeing the numerical ratings after Ride 1) did not directly 
relate to anger or unhappiness during Ride 2, inconsistent 
with Hypothesis 2. However, additional analyses described 
below provide a more nuanced portrayal of this relationship 
and partly support the hypothesis. Finally, informational 
injustice (from seeing the comments) did not significantly 
moderate the relationship between distributive injustice 
and negative emotions (anger: b = -0.045, p = 0.288; unhap-
piness: b = 0.026, p = 0.577). Thus, Hypothesis 3 was not 
supported.

Carry‑over effects of negative emotional reactions from ride 
1 to ride 2 (H4)  In support of Hypothesis 4, Ride 1 unhappi-
ness was positively related to Ride 2 unhappiness (b = 0.344, 
p < 0.01), and Ride 1 anger was positively related to Ride 2 
anger (b = 0.200, p = 0.038).

Emotion regulation strategies and driver negative emo‑
tional reactions (H5‑H6)  Partially supporting Hypothesis 
5, the adoption of antecedent-focused ERS did reduce felt 
unhappiness in Ride 1 (b = -0.469, p < 0.01). However, it 
did not reduce anger (b = -0.204, p = 0.083). in Ride 1. Con-
sistent with the Ride 1 findings, antecedent-focused ERS 
decreased unhappiness (b = -0.563, p < 0.001) but not anger 
(b = -0.008, p = 0.834) in Ride 2.

Despite these main effects, antecedent-focused ERS 
did not significantly moderate the relationship between 
interpersonal injustice and either negative emotion (anger: 

8  See detailed results in supplementary material.
9  Because the interactions were not significant in either the Ride 1 or 
Ride 2 model, we present the results with just main effects in Fig. 1.

10  In both Ride 1 and Ride 2 models, the conclusions were the same 
without the control variable. We present the model results with the 
control in the Figure.
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Fig. 1   Path model results for 
study 1. Note. Only significant 
effects are shown. All path coef-
ficients are non-standardized. 
**p < .01, two-tailed. * p < .05, 
two-tailed
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Table 2   Means, standard 
deviations, and inter-
correlations for major variables 
in study 1

Sample sizes varied from 95 to 99. Correlations with absolute values above (and including) .20 were all 
significant at p < .05. Ant-ERS: Antecedent-focused emotional regulation strategies

Variables 1 2 3 4 5 6 7 8 9 10 11 12 13

Ride 1
  1. Ant–ERS – –.33 –.52 –.35 –.16 –.15 .21 .11 .57 –.06 –.50 .21 –.01
  2. Anger – .33 .30 –.04 –.09 –.26 .22 –.16 .29 .21 –.11 .27
  3. Unhappiness – .44 –.07 .15 –.01 –.17 –.39 –.08 .55 –.04 .02
  4. Interpersonal injustice – .17 .32 –.05 –.19 –.12 –.04 .11 .05 –.15
  5. Distributive injustice – .55 –.04 –.16 –.26 .15 .16 .12 –.27
  6. Informational injustice – –.03 –.24 –.22 .00 .24 .07 –.32
  7. Service – –.14 .18 –.25 –.05 .59 .12
  8. Unstable driving – .13 .34 –.02 –.06 .73
Ride 2
  9. Ant–ERS – –.06 –.70 .40 .02
  10. Anger – .09 –.06 .17
  11. Unhappiness – –.20 .07
  12. Service – –.15
  13. Unstable driving –
M 3.53 1.44 3.13 2.38 2.78 3.15 3.75 0.70 3.64 1.14 2.33 4.24 0.19
SD 0.94 0.74 1.05 1.07 1.28 1.23 1.12 0.14 0.95 0.41 1.05 0.95 0.40
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b = -0.100, p = 0.208; unhappiness: b = -0.038, p = 0.591). It 
also did not moderate the relationships between distributive 
injustice and negative emotions (anger: b = -0.044, p = 0.086; 
unhappiness: b = 0.059, p = 0.319). Thus, Hypothesis 6 was 
not supported.

Injustice, negative emotions, and driver performance 
(H7)  Turning to the relationships between emotional 
reactions and the two indicators of performance, Ride 1 
anger was negatively related to service quality (b = -0.369, 
p = 0.043) and positively related to unstable driving 
(b = 0.214, p < 0.01). In contrast, Ride 1 unhappiness was not 
predictive of either performance outcome (service quality: 
b = 0.185, p = 0.196; unstable driving: b = 0.069, p = 0.116).

Given the significant effects for anger, we then conducted 
follow-up tests of the indirect effect for it mediating the rela-
tionship interpersonal injustice and the two performance 
outcomes. Using bootstrapping, the indirect effect of inter-
personal injustice on unstable driving through anger was 
significant (95% CI: [0.002, 0.076]). In contrast, the indirect 
effect for service quality was not significant (p > 0.05). Thus, 
the Ride 1 results partially supported Hypothesis 7.

The results for Ride 2 showed that unhappiness dur-
ing that ride was positively related to unstable driving 
(b = 0.117, p = 0.041). However, unhappiness was not pre-
dictive of service rating (b = 0.155, p = 0.246). Additionally, 
unlike the Ride 1 results, anger was not significantly related 
to the two outcomes (both p > 0.50). Hypothesis 7 was par-
tially supported for Ride 2.

Additional analyses  The results above provide support for 
some of the hypotheses but not others. An inspection of 
the bivariate relationships in Table 2 also revealed some 
counterintuitive results related to the nonsignificant find-
ings. One unexpected set of results concerns the effects of 
distributive injustice and of informational justice on per-
formance outcomes. First, while we predicted that receiv-
ing lower ratings would be linked with worse performance 
in the subsequent ride, the bivariate correlation in Table 2 
reveals the opposite. Additionally, although we did not 
expect a direct effect of informational injustice, we noted 
that higher informational injustice was also linked to more 
stable driving in Ride 2. Given these results, we included 
direct paths between both types of injustice and both types 
of performance. In doing so, we borrowed from a small 
body of literature showing that reduced job security can 
increase effort (Shoss, 2017), thus leading to better perfor-
mance. As seen in Fig. 1, the path for informational injus-
tice was significant, as was the path between distributive 
injustice and service quality. The other direct paths were 
not, and we thus did not include them in the final model. 
We return to these findings in Study 2, testing the proposed 
rationale more directly.

Additionally, it was of note in Table 2 that distributive 
injustice was not significantly related to subsequent anger or 
unhappiness. This result implies that the manipulations may 
not have been strong enough to generate anger. However, 
distributive injustice did have a significant negative corre-
lation with antecedent-focused emotion regulation during 
Ride 2 (r = -0.26, p < 05). This finding indicates that expe-
riencing distributive injustice might lead to the use of less 
antecedent-focused ERS in the subsequent ride. This result 
is consistent with research showing that contextual and situ-
ational factors as well as momentary affect can influence 
emotion regulation (Colombo et al., 2020).

Given this finding and the corresponding rationale, we 
also tested whether ERS played a role in mediating the 
effects of distributive injustice on the performance out-
comes. Here, we found that unhappiness during the first 
ride impacted Ride 2 service quality through decreased 
antecedent-focused ERS during Ride 2 (indirect effect: 
-0.205; 95% CI: [-0.350, -0.091]). Additionally, perceived 
distributive injustice had a negative indirect effect on ser-
vice rating through reduced use of antecedent-focused ERS 
(indirect effect: -0.094; 95% CI: [-0.219, -0.015]). How-
ever, the serial mediation effects from distributive injustice 
to antecedent ERS, unhappiness, and then service quality 
(indirect effect:0.014; 95% CI [-0.006, 0.061]), or unstable 
driving (indirect effect:0.011; 95% CI [-0.001, 0.034]), were 
not significant.

Study 1 discussion

The results from Study 1 show the potential importance of 
injustice on emotions and performance in the gig context. 
Consistent with the hypothesis, interpersonal injustice led to 
the negative emotion of anger and further resulted in lower 
task performance (including a lower service rating and a less 
smooth ride). However, other conclusions were mixed, and 
some findings were opposite to predictions. Thus, we felt that 
replicating these counterintuitive findings was important.

With respect to the unexpected results, Study 1 revealed 
that receiving an unjust rating had a surprising direct impact 
on later task performance. Similarly, higher perceived informa-
tional injustice also reduced unstable driving in the subsequent 
ride. These findings are contradictory to the tenets of equity 
theory—the predominant theory linking distributive justice 
perceptions to subsequent behavior (Adams, 1965). According 
to equity theory, low perceived distributive justice (or reward 
unfairness) should result in less effort and, in turn, lower, not 
enhanced, performance (Erdogan, 2002). Indeed, meta-ana-
lytic studies show a positive relationship between distributive 
justice and performance (e.g., r = 0.13; Colquitt et al., 2001).

In considering explanations for these findings, we began 
by consulting various literatures on when seemingly negative 
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scenarios result in better performance. The job insecurity 
literature contains a particularly germane set of findings. 
This research highlights that whereas the experience of job 
insecurity can often trigger negative emotions detrimental to 
performance, the motivation to maintain one’s job sometimes 
can also yield more effort and better performance (see Koen 
et al., 2019; Shoss, 2017). Applied to the current findings, this 
research suggests that the reason unjust ratings and comments 
led to better performance is because drivers perceived a greater 
necessity of maintaining performance levels that would allow 
them to retain their gig driver jobs (at the set performance 
level). In Study 2, we leverage this notion but also expand upon 
it to design a vignette study.

Study 2: Online vignette study

Research context and overview of study 2

We had three goals in conducting this follow-up study. 
First, we sought to replicate the unexpected positive effect 
of injustice on subsequent performance from Study 1. Sec-
ond, expanding on this finding, we hoped to gain insight 
into when low distributive justice can lead to more effort. 
Third, we again tested the interaction between distributive 
and informational injustice on drivers’ emotions, which 
did not reach statistical significance in Study 1. We rea-
soned that having a larger sample size and including a 
more specific measure that captured drivers’ emotions 
immediately after seeing the ratings (i.e., anger) instead 
of the experienced emotions during the subsequent ride 
would support the proposed interaction. Additionally, 
given that the level of detail of the comments did not mod-
erate perceived distributive justice in Study 1, we added 
another type of comment—apologies from the customer—
to explore if this type of comment made a difference in 
the scenario. This type of comment has been shown to 
increase the perceived fairness of performance ratings in 
combination with a poor rating (Greenberg, 1991). We 
pursued these goals in an online vignette study described 
below. Please see Table 4 for a detailed comparative analy-
sis between Study 1 and Study 2 regarding the hypotheses 
tested in each study.

To further investigate the positive effect of injustice 
on subsequent performance from Study 1, we proposed 
two new hypotheses regarding the potential mechanism 
of the effect in the gig work context. The examination of 
potential moderators between justice and performance 
also helped to resolve the mixed findings in the litera-
ture (Colquitt et al., 2013; Pattnaik & Tripathy, 2018). 
Specifically, after consulting further relevant motivational 
literature that implicates the effort-performance relation-
ship, in tandem with consideration of the gig context, 

we concluded that Vroom’s seminal expectancy theory 
(and the valence-instrumentality-expectancy model, VIE, 
Vroom, 1964; van Eerde & Thierry, 1996) provides a 
reasonable and parsimonious framework to explain these 
findings. We expand on the linkages between VIE and the 
current findings and context below.

First, as implied above, and according to the valence 
component of the theory, workers should spend more effort 
if the work outcome is important to them. For drivers who 
care about performing well on the job (e.g., who rely on 
driving for their income), receiving a low rating reduces 
their chance to maintain the job and thus can contribute 
to job insecurity, especially for workers under the strict 
algorithmic management system. In turn, these drivers rea-
sonably would increase—not decrease—their work effort 
to retain their status with the platform. Consistent with 
this notion, a recent meta-analysis shows that extremely 
high levels of job insecurity are actually associated with 
increased task performance (Jiang et al., 2022). While 
numerical ratings certainly are part of performance man-
agement for many jobs, here, the numbers are the determi-
nant of whether one can remain in the job (or, in the study 
context, earn more money). Thus, when performance on 
the job is important, receiving a low/unfair rating should 
yield increased—not decreased—effort.

Another aspect of the VIE model—instrumentality, which 
pertains to the link between behavior/effort and rewards—
also appears to support this unexpected finding. Although 
the behavior (e.g., in terms of driving and service quality) of 
drivers is continuously observable (for evaluation), whether 
the drivers feel their efforts (e.g., in driving safely, interact-
ing respectfully) is rigorously evaluated based on certain 
criteria can vary across people and situations. If the drivers 
recognize that their work efforts translate into higher ratings 
and gratuities, they will likely continue to invest high levels 
of effort. In contrast, if drivers do not feel their work effort is 
being closely examined and evaluated (i.e., low instrumen-
tality), they would likely not keep investing efforts, espe-
cially if they believe they only need to exert modest effort 
to succeed.

Additionally, we reason that the present result may be 
due to individuals (i.e., drivers) having different raters (i.e., 
passengers) for each rating occurrence. Unlike in traditional 
rating contexts where (employees recognize that) the same 
rater (e.g., supervisor) or a few individuals will rate them 
again and very well may continue comparing them to peers 
(in a more or less equitable manner), here, it is a different 
rater in each scenario. Thus, the expectancy and instrumen-
tality that might be diminished by perceiving a rater—not 
just the rating—as unfair should not necessarily translate to 
the ridesharing context. Instead, levels of these factors may 
remain high even when one perceives low distributive justice 
from a given ride.
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Collectively, then, this reasoning implies that, in certain 
scenarios, perceiving higher distributive injustice (mostly 
owing to having received low ratings) will lead to greater—
not less effort—in the subsequent ride than perceiving lower 
distributive injustice. Specifically, this effect should manifest 
in two cases: a) when the importance of performance in the 
subsequent ride is perceived as especially high and b) when 
drivers feel their behavior/performance is not being rigorously 
evaluated. We examine the following Hypotheses in Study 2.

H8: The perceived importance of the subsequent ride 
moderates the relationship between perceived distributive 
injustice and performance effort in the next ride, such that 
the perceived distributive injustice is positively related to 
expected performance effort when the perceived impor-
tance of the next ride is high.
H9: The perceived evaluability moderates the relation-
ship between the perceived distributive injustice and 
performance effort in the subsequent ride, such that the 
perceived distributive injustice is positively related to 
expected performance effort when the perceived evalu-
ability is low.

Method

Sample and procedure

Participants who held a driver’s license were recruited 
through an online panel, Prolific (https://​www.​proli​fic.​
co/). A total of 310 participants completed the online sur-
vey (over 50 people in each study condition). After our 
review of the attention check items, 16 participants were 
dropped from later analyses, resulting in a sample size of 
294 (meanAge = 32.49, SDAge = 11.29; 47.3% male). Nota-
bly, 37 of these participants reported that they work(ed) in 
the ridesharing industry. All participants were compensated 
based on the panel guidelines.

In the online survey, participants first watched a short 
introductory video that explained the ridesharing industry, 
the customer rating system, and the simulation scenario 
(similar to Study 1). In the scenario, participants were told 
to “imagine that you are a driver on such a ridesharing plat-
form. Your current average rating from the past 100 rides is 
4.65. The minimum score to continue to be a driver is 4.60. 
Thus, you need to maintain good performance to keep driv-
ing and earn more money.”

After watching the video, the participants needed to cor-
rectly complete three questions about the scenario before pro-
ceeding (i.e., to ensure that participants were attending to the 
instructions). The participants then read a scenario in which 
they were they were providing a ride for a demanding passen-
ger (to mimic the situation in Study 1). We intentionally pro-
vided little information about their performance (see below).

“In this ride, you encountered a demanding passenger. 
He asked you to get to the destination as soon as pos-
sible and asked you to adjust the temperature in the 
car, etc. You tried to cope with his demands. Finally, 
you dropped him off at the destination.”

After seeing the vignette, participants randomly contin-
ued to one of the five conditions with different rating scores 
and/or comments. In addition to the four conditions in Study 
1, an extra condition with a low rating (3) and an apology-
type comment ("I apologize for the low rating but it’s not a 
5-star ride") was included as well. Next, participants com-
pleted scales measuring justice perceptions, anger and satis-
faction after seeing the rating (these are more detailed meas-
ures compared to the single-item face expression measure 
used in Study 1), perceived accountability, and their antici-
pated performance effort in the subsequent ride.

Measures

Injustice  Distributive and informational injustice were 
measured using the same scales as in Study 1 with a 5-point 
Likert response scale (α = 0.974 and 0.854 respectively).

Anger  To measure felt anger after seeing the rating and 
comments, four items were adapted from Weiss et al. (1999), 
as used in Barclay et al. (2005). Participants answered the 
questions using the prompt “Please indicate the extent to 
which you would likely feel these emotions after seeing the 
rating and comments”. A sample item is “I feel angry about 
the rating.” Responses were obtained using a 5-point Likert 
scale from “not at all” to “extremely” (α = 0.889).

Perceived evaluability  To capture participants’ perceptions 
regarding the evaluation of their performance, three items 
from the evaluability dimension of a validated accountabil-
ity measure (Han & Perry, 2020) were adopted. The items 
included “The outcomes of my work are rigorously evalu-
ated”, “My work efforts are rigorously evaluated”, and “I 
expect to receive frequent feedback from the customers/
platform.” Responses were obtained using a 5-point Likert 
scale ranging from “strongly disagree” to “strongly agree” 
(α = 0.720).

Perceived importance of the subsequent ride  One item, “It 
is important for me to do well on the next ride”, was used 
to gauge drivers’ perceived importance of performing well 
in the subsequent ride. Responses were obtained using a 
5-point Likert scale ranging from “strongly disagree” to 
“strongly agree”.

Expected service effort  With three items adapted from a 
work effort measure (Brockner et al., 1992), participants 

https://www.prolific.co/
https://www.prolific.co/
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reported their expected change in service effort compared 
to the previous ride (“In the next ride, compared to the effort 
you spent in service in the past ride,…). The items included 
“I would try to work harder to satisfy the passenger’s needs”, 
“I would intentionally expend a great deal of effort in fulfill-
ing the passenger’s needs”, and “I would spend less effort 
pleasing the passenger” (5-point Likert response scale; 
1 = strongly disagree, 5 = strongly agree). Cronbach’s alpha 
was 0.671 for all items and 0.837 if excluding the reverse-
coded item. Given that all the interitem correlations were 
positive (after reverse coding) and that including the reverse-
coded item helped capture a broader range of behavior ten-
dencies (from increased effort to similar effort to reduced 
effort), all three items were retained.

Expected driving effort  Driving effort was also adapted 
from the work effort measure (Brockner et al., 1992) and 
was similar to the service effort measure (with all phrases 
describing service changed to driving, e.g., “I would inten-
tionally expend a great deal of effort in driving”). Cron-
bach’s alpha was 0.684 for all items and 0.793 if excluding 
the reverse-coded item. Thus, using the same reasoning as 
above, we retained all three items to create the scale score.

Scenario realism  To ensure that the presented scenario 
was realistic to the participants, a scenario realism measure 
was adapted from three items used in Hill et al. (in press) 
(1 = strongly disagree, 5 = strongly agree). An example item 
is “It is realistic that I might experience a situation like this 
as a rideshare driver” (α = 0.810).

Results and discussion

The average perceived scenario realism was high across par-
ticipants (M = 4.75, SD = 0.48), supporting the realism of the 
scenario. The descriptive statistics and bivariate correlations 
of the major variables are presented in Table 3.

Effects of comments and rating conditions

To explore how the customer rating and different types of 
comments affected perceived distributive justice and infor-
mational justice, we computed the mean values (see Fig. 2) 
and conducted a series of t tests. Overall, the customer rating 
had a much stronger impact on both distributive and infor-
mational injustice than did the comments.

The results also showed that providing an explanatory 
comment in addition to a low rating decreased perceived 
informational injustice compared to providing a general 
comment (t (103.4) = -4.05, p < 0.001, 95% CI of the mean 
difference = [-0.60, -0.21]). However, there was no differ-
ence in distributive injustice. Compared to a general com-
ment plus a high rating, providing an explanatory comment 
in addition to a high rating resulted in a lower level of per-
ceived informational injustice (t (116) = -3.77, p < 0.001, 
95% CI of the mean difference = [-0.82, -0.26]).

The distributive × informational injustice interaction 
on drivers’ anger

To again test Hypothesis 3 regarding the interaction 
between distributive injustice and informational injustice 
on participants’ emotional reactions, hierarchical regres-
sions were conducted. Both distributive and informational 
injustice had significant main effects on anger in step 1 
(b = 0.46 and 0.23, respectively, both p < 0.05). The dis-
tributive × informational injustice interaction was signifi-
cant as well (b = 0.09, t = 2.80, p = 0.005; Δ R2 = 0.011). 
Distributive injustice was more strongly related to anger 
when informational injustice was high (see Fig. 3). Simple 
slope tests showed that both slopes (+ 1 and -1 SD) were 
significant at p < 0.05. Hypothesis 3 was thus supported in 
Study 2.

Table 3   Study 2 descriptive 
statistics and correlations in 
study 2

N = 293 to 294. Correlations with absolute values above .12 were all significant at p < .05. Correlations 
with absolute values above .15 were all significant at p < .01. Values in the parentheses are Cronbach’s 
alphas

Variables Mean SD 1 2 3 4 5 6 7 8

1. Distributive injustice 3.41 1.62 (.97) .77 .77 .10 .06 –.14 -.03 .04
2. Informational injustice 3.67 1.05 (.85) .65 .08 .01 –.18 .05 .09
3. Anger 2.28 1.16 (.89) .06 –.01 –.16 –.06 .04
4. Expected service effort 4.35 0.66 (.67) .76 .29 .34 .27
5. Expected driving effort 4.21 0.72 (.68) .24 .24 .20
6. Perceived evaluability 3.96 0.79 (.72) .12 .22
7. Perceived importance of 

the subsequent ride
4.83 0.51 / .26

8. Scenario realism 4.75 0.48 (.81)
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The two‑way interactions on service and performance 
effort

To test Hypotheses 8 and 9 regarding the potential moderat-
ing effect of perceived importance and perceived evaluabil-
ity on the relationships of distributive injustice with service/
driving effort, hierarchical regressions were conducted (see 
Table 2 in supplementary material for the full results). All 
predictors were centered on their means before comput-
ing the interaction terms. In step 1, the main effects were 
examined. Next, we included the interaction terms in step 
2. Both perceived importance and evaluability had signifi-
cant main effects on driving effort and service effort in step 
1 (all p < 0.05). In step 2, perceived evaluability significantly 
moderated the relationship between distributive injustice and 
service effort (b = -0.08, t = -2.68, p = 0.008; Δ R2 = 0.022). 

Following previous suggestions, simple slope analyses were 
conducted (Dawson & Richter, 2006). The results showed that 
the slope was significant at low levels of perceived evaluabil-
ity (b = 0.14, z = 4.16, p < 0.001). In addition, the perceived 
importance of subsequent rides significantly moderated the 
relationship between distributive injustice and service effort 
(b = 0.12, t = 2.16, p = 0.03; Δ R2 = 0.014). Simple slope anal-
yses revealed that the slope was significant only at high levels 
of perceived importance (b = 0.13, z = 3.85, p < 0.001).

The significant interactions were also plotted using 
unstandardized regression coefficients following standard 
procedures (Dawson & Richter, 2006). As shown in Fig. 4, 
the negative relationship between distributive injustice and 
expected service effort was stronger when perceived evalu-
ability was low or when perceived importance of the sub-
sequent ride was high. In sum, these results generally sup-
ported Hypotheses 8 and 9.11

General discussion

As one of the first empirical investigations into the effects of 
specific types of injustice on the emotional experience and 
performance of ridesharing drivers, this research led to sev-
eral notable findings. First, it showed the detrimental effect 
of interpersonal injustice on customer service quality and 
driver performance. The two studies also revealed an unex-
pected positive effect of lower distributive perceptions on 
performance in a subsequent ride. In addition, engaging in 

Fig. 2   Means and mean stand-
ard errors of perceived distribu-
tive and informational injustice 
in the study 2 conditions. Note. 
Condition 1: a rating of 3 with 
a general and vague comment 
(N = 62); Condition 2: a rating 
of 3 with an explanatory com-
ment (N = 57); Condition 3: a 
rating of 3 with an apologetic 
comment (N = 57); Condition 4: 
a rating of 5 with a general and 
vague comment (N = 59); Con-
dition 5: a rating of 5 with an 
explanatory comment (N = 59)
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Fig. 3   Study 2 interaction plot

11  As an exploratory analysis, we also tested the moderating effects 
of perceived importance and evaluability between informational 
injustice and service/driving effort. Similar to distributive injustice, 
the positive relationship between informational injustice and service 
and driving effort was stronger when perceived importance was high 
or when perceived evaluability was low.
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antecedent-focused emotion regulation strategies produced 
beneficial effects on drivers’ emotions and performance.

On a broader level, by linking justice theory with the 
customer-rating oriented performance management system 
in a gig work context, the studies contributed to multiple rel-
evant literatures. Here, we detail the theoretical and practical 
implications of the results from this research. Following that 
discussion, we outline the study limitations and boundary 
conditions that future research may address. We also present 
a summary of the hypotheses, the results across the two stud-
ies, and theoretical implications of the findings in Table 4.

Theoretical implications of current findings

We see this study as making several theoretical contributions 
that are not only unique to the gig work context but also may 
offer insights to other contexts. First, Study 1 showed that 
the effects of emotional reactions resulting from one injus-
tice event persist, bleeding into the next service encounter. 
This represents the current paradigm for studying the impact 
of justice on emotion and then performance in within-ser-
vice encounters (e.g., Rupp & Spencer, 2006). However, 
the current finding suggests utility in future studies deter-
mining the length of residual reactions from a given unjust 
reaction and the downstream impact of those reactions. The 
finding that distributive injustice led to better performance 
would also seem to have more general implications for gig 
and contingent workers more generally. Here, drivers were 
motivated to keep their job and perceived future rides as 
important, and receiving an unfair rating (often caused by 
a low rating) pushed them to exert more effort in improv-
ing their service quality. While these results mirror some in 
the job insecurity literature, the main effect of insecurity on 
performance is negative (as is true for injustice; see Shoss, 
2017 and Colquitt et al., 2013, respectively). That injustice 
led to greater performance here may reveal just how salient 
and “unforgiving” the numerical standards are for gig driv-
ers. Whereas job insecure employees may potentially have 
some additional avenues to retain their jobs absent superior 

performance (e.g., extra-role behaviors), gig drivers would 
not seem to have such options. They are under the control 
of the platform’s algorithm, with which they cannot have an 
interpersonal relationship. Thus, drivers seem largely pow-
erless to influence their future driving work with a platform 
through any routes other than trying to provide a secure and 
pleasant ride. This lack of perceived power contributes to 
other strong notions of unfairness among gig drivers (Rosen-
blat & Stark, 2016).

A second contribution stems from our documenting this 
justice-emotion-performance mediation in this particular 
context. In past research documenting the injustice (or mis-
treatment) to poor customer service performance link, the 
individuals have been agents (i.e., employees) of the organi-
zation. In such a context, sabotaging customer service inter-
actions is a way to avenge injustice (Colquitt et al., 2013); 
the employee can seek retribution against a supervisor, the 
customer, or the organization as a whole as a means to “get 
back at them” (Skarlicki et al., 2016).

In contrast, in the gig context, individuals are independent 
agents, not agents of the organization. Their income comes 
from each task completed as requested by the customers, with 
no additional income provided by the platform. Recognizing 
this and recognizing that customers make decisions about gra-
tuities based upon their performance, the drivers should rea-
sonably refrain from sabotaging their interactions. This said, 
we obviously acknowledge that employees sometimes do seek 
retribution even when it is not financially rational to do so.

The results involving interpersonal injustice provide 
strong support for a cognitive hijacking theory of injus-
tice on customer service. Even when individuals (should) 
strongly desire to engage in appropriate interpersonal 
interaction and safer driving behavior, salient negative 
emotions can draw from the cognitive resources that allow 
them to do so most effectively. This notion is consistent 
with Beal et al. (2005) and with other research showing 
that customer mistreatment impairs performance on cogni-
tive tasks (Rafaeli et al., 2012).

Fig. 4   Two-way interaction 
plots on service effort

1

1.5

2

2.5

3

3.5

4

4.5

5

Low Distributive

Injustice

High Distributive

Injustice

se
rv

ic
e 

ef
fo

rt

Low

Evaluability

High

Evaluability

1

1.5

2

2.5

3

3.5

4

4.5

5

Low Distributive

Injustice

High Distributive

Injustice

se
rv

ic
e 

ef
fo

rt

Low Perceived

Importance

High Perceived

Importance



32173Current Psychology (2023) 42:32157–32178	

1 3

Ta
bl

e 
4  

C
om

pa
ra

tiv
e 

an
al

ys
is

 o
f s

tu
dy

 1
 a

nd
 st

ud
y 

2

H
yp

ot
he

se
s

St
ud

y 
1 

fin
di

ng
s

St
ud

y 
2 

fin
di

ng
s

Th
eo

re
tic

al
 im

pl
ic

at
io

ns

H
1:

 P
er

ce
iv

ed
 h

ig
he

r i
nt

er
pe

rs
on

al
 in

ju
sti

ce
 le

ad
s t

o 
an

ge
r a

nd
 u

nh
ap

pi
ne

ss
Su

pp
or

te
d

N
/A

Re
pl

ic
at

es
 fi

nd
in

gs
 o

n 
th

e 
eff

ec
ts

 o
f i

nt
er

pe
rs

on
al

 in
ju

s-
tic

e 
on

 e
m

ot
io

ns
 (i

n 
gi

g 
w

or
k 

co
nt

ex
t)

H
2:

 P
er

ce
iv

ed
 d

ist
rib

ut
iv

e 
in

ju
sti

ce
 a

s c
au

se
d 

by
 se

ei
ng

 
th

e 
cu

sto
m

er
 ra

tin
g 

as
so

ci
at

ed
 w

ith
 R

id
e 

1 
le

ad
s t

o 
an

ge
r a

nd
 u

nh
ap

pi
ne

ss
 in

 th
e 

su
bs

eq
ue

nt
 ri

de

U
ns

up
po

rte
d 

(b
ut

 fo
un

d 
an

 u
ne

xp
ec

te
d 

po
si

tiv
e 

re
la

-
tio

ns
hi

p 
be

tw
ee

n 
di

st
ri

bu
tiv

e 
in

ju
st

ic
e 

an
d 

Ri
de

 2
 

pe
rf

or
m

an
ce

)

Re
pl

ic
at

ed
 th

e 
un

ex
pe

ct
ed

 
fin

di
ng

Re
ve

al
s a

 p
os

iti
ve

 re
la

tio
ns

hi
p 

be
tw

ee
n 

di
str

ib
ut

iv
e 

in
ju

sti
ce

 a
nd

 p
er

fo
rm

an
ce

 in
 th

e 
ne

xt
 e

nc
ou

nt
er

. T
hi

s 
is

 c
ou

nt
er

 to
 m

et
a-

an
al

ys
is

 fi
nd

in
gs

 o
n 

ju
sti

ce
-p

er
fo

r-
m

an
ce

 re
la

tio
ns

hi
p

H
3:

 P
er

ce
iv

ed
 in

fo
rm

at
io

na
l i

nj
us

tic
e 

m
od

er
at

es
 th

e 
re

la
tio

ns
hi

p 
be

tw
ee

n 
pe

rc
ei

ve
d 

di
str

ib
ut

iv
e 

in
ju

sti
ce

 
an

d 
ne

ga
tiv

e 
em

ot
io

ns

U
ns

up
po

rte
d

Su
pp

or
te

d
Ex

te
nd

s t
he

 ju
sti

ce
 a

nd
 g

ig
 li

te
ra

tu
re

s b
y 

de
m

on
str

at
in

g 
m

od
er

at
in

g 
eff

ec
t o

f i
nf

or
m

at
io

na
l i

nj
us

tic
e

H
4:

 T
he

 n
eg

at
iv

e 
em

ot
io

na
l r

ea
ct

io
ns

 re
su

lti
ng

 fr
om

 
pe

rc
ep

tio
ns

 o
f i

nt
er

pe
rs

on
al

 in
ju

sti
ce

 d
ur

in
g 

an
 e

ar
lie

r 
rid

e 
(R

id
e 

1)
 w

ill
 b

e 
po

si
tiv

el
y 

as
so

ci
at

ed
 w

ith
 h

ig
he

r 
le

ve
ls

 o
f t

ho
se

 n
eg

at
iv

e 
em

ot
io

ns
 d

ur
in

g 
a 

su
bs

eq
ue

nt
 

rid
e 

(R
id

e 
2)

Su
pp

or
te

d
N

/A
Ex

te
nd

s t
he

 ju
sti

ce
 a

nd
 c

us
to

m
er

 se
rv

ic
e 

lit
er

at
ur

es
 b

y 
hi

gh
lig

ht
in

g 
th

e 
re

si
du

al
 im

pa
ct

 o
f e

m
ot

io
ns

 in
 su

bs
e-

qu
en

t e
nc

ou
nt

er
s

H
5:

 T
he

 g
re

at
er

 u
se

 o
f a

nt
ec

ed
en

t-f
oc

us
ed

 E
R

S 
is

 n
eg

a-
tiv

el
y 

as
so

ci
at

ed
 w

ith
 a

ng
er

 a
nd

 u
nh

ap
pi

ne
ss

Pa
rti

al
ly

 su
pp

or
te

d
N

/A
Re

pl
ic

at
es

 re
se

ar
ch

 sh
ow

in
g 

th
e 

be
ne

fit
s o

f c
er

ta
in

 E
R

S 
in

 th
e 

(in
)ju

sti
ce

-e
m

ot
io

n-
pe

rfo
rm

an
ce

 re
la

tio
ns

hi
p.

 
Ex

te
nd

s fi
nd

in
g 

to
 th

e 
gi

g 
w

or
k 

co
nt

ex
t

H
6:

 A
nt

ec
ed

en
t-f

oc
us

ed
 E

R
S 

m
od

er
at

e 
th

e 
re

la
tio

ns
hi

p 
be

tw
ee

n 
in

ju
sti

ce
 p

er
ce

pt
io

ns
 a

nd
 n

eg
at

iv
e 

em
ot

io
ns

U
ns

up
po

rte
d

N
/A

H
7:

 T
he

 n
eg

at
iv

e 
em

ot
io

ns
 o

f a
ng

er
 a

nd
 u

nh
ap

pi
ne

ss
 

w
 il

l p
ar

tia
lly

 m
ed

ia
te

 th
e 

re
la

tio
ns

hi
p 

be
tw

ee
n 

th
e 

va
rio

us
 ty

pe
s o

f i
nj

us
tic

e 
pe

rc
ep

tio
ns

 a
nd

 d
riv

in
g 

pe
rfo

rm
an

ce
 a

s w
el

l a
s s

er
vi

ce
 q

ua
lit

y

Pa
rti

al
ly

 su
pp

or
te

d
N

/A
Re

pl
ic

at
es

 re
se

ar
ch

 sh
ow

in
g 

th
e 

m
ed

ia
tin

g 
eff

ec
t o

f a
ng

er
 

in
 th

is
 re

la
tio

ns
hi

p.
 E

xt
en

ds
 th

is
 fi

nd
in

g 
to

 d
iff

er
en

t 
pe

rfo
rm

an
ce

 o
ut

co
m

es
 a

nd
 to

 th
e 

gi
g 

co
nt

ex
t

H
8:

 P
er

ce
iv

ed
 im

po
rta

nc
e 

of
 th

e 
su

bs
eq

ue
nt

 ri
de

 m
od

-
er

at
es

 th
e 

re
la

tio
ns

hi
p 

be
tw

ee
n 

pe
rc

ei
ve

d 
di

str
ib

ut
iv

e 
in

ju
sti

ce
 a

nd
 p

er
fo

rm
an

ce
 e

ffo
rt 

in
 th

e 
ne

xt
 ri

de

N
/A

Su
pp

or
te

d
In

te
gr

at
es

 V
IE

 a
nd

 ju
sti

ce
 th

eo
ry

 a
nd

 sh
ow

s b
ou

nd
ar

y 
co

nd
iti

on
s o

f t
he

 d
ist

rib
ut

iv
e 

in
ju

sti
ce

 –
 p

er
fo

rm
an

ce
 

re
la

tio
ns

hi
p

In
te

gr
at

es
 V

IE
 a

nd
 ju

sti
ce

 th
eo

ry
 a

nd
 sh

ow
s b

ou
nd

ar
y 

co
nd

iti
on

s o
f t

he
 d

ist
rib

ut
iv

e 
in

ju
sti

ce
 –

 p
er

fo
rm

an
ce

 
re

la
tio

ns
hi

p

H
9:

 P
er

ce
iv

ed
 e

va
lu

ab
ili

ty
 m

od
er

at
es

 th
e 

re
la

tio
ns

hi
p 

be
tw

ee
n 

pe
rc

ei
ve

d 
di

str
ib

ut
iv

e 
in

ju
sti

ce
 a

nd
 p

er
fo

r-
m

an
ce

 e
ffo

rt 
in

 th
e 

ne
xt

 ri
de

N
/A

Su
pp

or
te

d



32174	 Current Psychology (2023) 42:32157–32178

1 3

Additionally, of note regarding this impairment in 
performance is that it manifested both as degraded ser-
vice quality and as worsened driving control. These dual 
effects suggest that individuals generally did not choose 
and/or were not able to preserve their depleted attentional 
resources for one aspect of performance (e.g., driving). 
Rather, both aspects suffered.

A final theoretical contribution we believe these results 
make is in regard to the different forms of justice. Whereas 
studies regularly incorporate two forms of justice, studies 
containing three or more forms are rare (see Colquitt et al., 
2013). Moreover, even among the studies that do contain 
several forms of justice, justice is typically measured in 
observational designs, not manipulated as here. By manipu-
lating various levels of the different forms of justice, we 
were able to empirically tease apart their separate effects and 
to examine their interplay without naturalistic confounding.

The results showed that both interpersonal justice and 
distributive justice had main (but opposite) effects on per-
formance. Additionally, informational justice moderated 
the impact of distributive justice on emotions (although 
only reaching statistical significance in Study 2). This latter 
finding is consistent with seminal research on other human 
resource practices (e.g., layoffs) showing that informational 
justice can impact the effects of perceiving a negative or 
inequitable outcome (Lind & Van den Bos, 2002). Here, 
though, we were able to examine the effects “in real time” 
and link the joint effects of the two forms of justice to perfor-
mance in a subsequent customer interaction. Our suspicion 
is that the effects of informational justice emerged here, in 
part, due to the simultaneity of the ratings and comments 
(e.g., Charness & Levine, 2002). Given that individuals 
may often receive explanations for their performance rat-
ings later, or only upon requesting such feedback, research 
exploring whether the interaction holds when there is delay 
between the rating and (customer) feedback would seem to 
be of value (see Fortin et al., 2016).

Practical implications of current findings

This research also has practical implications both for the 
gig context and more generally. First, the current findings 
suggest significant value in ridesharing platform drivers’ 
recognition of their negative emotional states and how these 
states may impair their driving performance. One possibility 
for this aim may include brief mandatory training offered 
by ridesharing platforms, informing drivers of the perni-
cious effects of negative customer interactions for their own 
and their customers’ safety and on their service quality—
and, in turn, on ratings. We would find the development 
and testing of such a program intriguing. Additionally, (and 
perhaps as part of this training), drivers could make use 
of various strategies (and apps) to better cope with their 

negative emotions and their impact on cognitive processes. 
Supported strategies include mindfulness, rest breaks, and 
breathing exercises (e.g., Hülsheger et al., 2013). In par-
ticular, apps that allow for mood tracking—and just-in-time 
adaptive interventions—would seem useful here. Obviously, 
drivers would need to use these apps or interventions when 
not driving. In addition, customers should also be educated 
and reminded (e.g., through ridesharing apps and cues in 
drivers’ cars) about driving-related safety issues and things 
to avoid when interacting with the driver.

A second practical implication concerns informational jus-
tice findings. As described above, passengers providing more 
detailed notes about ratings partially mitigated the influence 
of a lower rating (i.e., lower distributive justice) on nega-
tive emotions. One practical takeaway is that platforms—or 
drivers themselves—should encourage passengers to provide 
detailed (and polite) feedback, perhaps especially when the 
passengers provide ratings below some threshold.

Of note, we suspect that the importance of this qualitative 
feedback may be especially strong in the ridesharing context. 
This suggestion derives from the fact that these workers have 
(arguably) no procedural control over the algorithm used by the 
rating platform and receive relatively little information from 
the platforms about how the algorithm functions (Lee et al., 
2019a). Given this dearth of voice and lack of information 
about the procedures that impact their livelihood, the informa-
tion that passengers provide (about rides) should be especially 
valued, due both to this contrast and to its importance.

Additionally, in terms of the possibility that drivers who 
receive high ratings might withhold their effort in subse-
quent rides, it is important to increase the reliability and 
accuracy of the customer rating system to decrease the 
chance of arbitrary ratings and increase the rigor of the per-
formance evaluation system. Our findings supported the use-
fulness of the customer rating system as a way to motivate 
drivers to keep performing well, but it is also critical that 
the system is not be abused to take advantage of the drivers.

Limitations and future directions

These studies also have some limitations and boundary condi-
tions for future research to explore. First, although the sam-
ple size for both studies was based on experimental studies 
with similar designs, replicating the mediation and interaction 
effects with a larger sample size is advisable. Additionally, 
while the Study 1 simulation was designed to mimic real-world 
driving conditions and was pilot tested, confirming the current 
findings in a field study would be of use. However, it is of note 
that we did ask participants to report their level of commit-
ment to display rules using a five-item measure (Hollenbeck 
et al., 1989), and the average score was high (Mean = 4.36 on 
a 5-point scale, SD = 0.58). This finding seems to support the 
authenticity of the Study 1 simulation design. Moreover, with 



32175Current Psychology (2023) 42:32157–32178	

1 3

respect to the sample, although both real ridesharing drivers 
and student participants were included in Study 1, the results 
were similar if only the student sample was used.

Future research may also examine the impact of injustice 
on drivers’ more global job attitudes and well-being over 
longer time periods. Given the current designs, investigating 
the repeated effects of injustice on well-being outcomes and 
how they accumulate over time was obviously not feasible (or 
the study focus). Arguably, the accumulated exposure to events 
perceived as unfair treatment would have a strong impact on job 
attitudes and well-being. This said, the lack of carryover effects 
from Ride 1 to Ride 2 in Study 1 suggest that this conclusion 
is not axiomatic. These cumulative effects could be examined 
using an experience sampling design or by surveying the same 
participants for multiple weeks. Additionally, whether the moti-
vating effect of lower distributive justice on subsequent perfor-
mance still holds over time (i.e., rides) and in other gig work 
contexts with a salient rating system (e.g., the food delivery 
industry) should also be examined to replicate the findings.

Finally, given that there is no established multidimen-
sional ERS measure suitable for use in the gig work con-
text, only some cognitive change strategies were measured 
as antecedent-focused ERS here. Presumably, drivers use a 
variety of strategies, perhaps in response to particular types 
of stressors. Given the potential unique nature of this job/
context, we would call for research to develop a multidimen-
sional ERS measure for use in the gig work context.

Conclusion

Using experimental and vignette methodologies, the current 
studies shed light on the justice perceptions and emotional 
experience of gig workers (in the ridesharing industry) as 
well as the related performance implications. The finding 
that different types of justice produce distinct and interact-
ing impacts on performance has important implications for 
practice and theory development. We hope this research can 
provide an impetus for such efforts.
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