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BACKGROUND: Prior work has shown that provider net-
work structures correlate with outcomes such as patient
costs, utilization, and care. However, it remains unknown
whether certain provider networks are associated with
reduced disparity gaps.
METHODS: We study the population of Medicare benefi-
ciaries with diabetes who were continuously enrolled in
Medicare FFS in 2016. Using multivariable regression
analysis of county-level risk adjusted cost, hospitaliza-
tion, emergency department visits, A1c testing, and pre-
ventable diabetes-related hospitalizations, we measure
the effect that the relative network connectivity of primary
care providers (PCPs) in relation to medical and surgical
specialists (PCP/Specialist degree centrality ratio), de-
rived from Medicare patient sharing data, has on non-
Hispanic black-to-white disparity gaps controlling for
county-level socioeconomic and demographic variables
and state fixed effects.
RESULTS: Relative to non-Hispanic white, our adjusted
results show that non-Hispanic black beneficiaries have
$1673 (p<0.001) higher risk adjusted total costs, 2.6
(p<0.001) more hospitalizations (per 1000 beneficiaries),
11.6 (p<0.001) more ED visits (per 1000 beneficiaries),
receive 2.2% (p<0.001) less A1c testing, and have 69.4
(p<0.01) more (per 100,000) avoidable diabetes-related
hospital admissions. Ourmain results show that increas-
ing the PCP/Specialist degree centrality ratio by one stan-
dard deviation is associated with a disparity gap decrease
of 25.3% (p<0.01) in hospitalizations, 8.3% (p<0.05) in ED
visits, 2.8% (p<0.01) in A1c testing, and 26.9% (p<0.1) in
the volume of preventable diabetes-related hospital
admissions.
CONCLUSIONS: Network structures where PCPs are
more central relative to medical and surgical specialists
are associated with reduced non-Hispanic black-to-white
disparity gaps, suggesting that how we organize and
structure our health systems has implications for dispar-
ity gaps between non-Hispanic black and white Medicare
beneficiaries with diabetes.
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INTRODUCTION

Diabetes is a leading cause of death and is the largest single
condition contributor to overall personal health care spending
in the USA.1–3 There are well-documented disparities by race/
ethnicity across health system and clinical outcomes, with
individuals from lower socioeconomic status and minority
racial groups having disproportionately poorer outcomes.4–7

Primary care physicians (PCP) care for over 90% of individ-
uals with type 2 diabetes, and recent findings indicate that PCP
centric structures that align with the medical home model
appear well suited for improving care and outcomes for this
patient population.8–10 While these findings are still primarily
based on observational studies, related work assessing the
effect of Accountable Care Organizations on patient care has
indicated evidence of a potential causal link between organi-
zational structure and patient outcomes.11 With that noted, not
all patients receive care in PCP centric structures, and many
are instead confronted with fragmented care delivery, which
has been shown to reduce quality of care, increase utilization,
increase cost, and lead to poorer outcomes.12,13

What remains unknown is whether documented health dis-
parities among patients with diabetes may be in part accounted
for by underlying health care provider structures. As such, this
study sets out to examine the relationship between Medicare
provider network structure and county-level variation in risk
adjusted cost, hospitalization, emergency department visits,
A1c testing, and preventable diabetes hospitalizations for
Medicare beneficiaries with a diagnosis of diabetes. We cap-
ture network structure using a relative degree centrality ratio
measure that compares the relative connectivity of PCP and
specialist (medical and surgical) providers. If our measure is
equal to one, then this represents a network where PCPs and
specialists occupy similar positions within the network, while
ratios greater than one indicate that PCPs capture a more
central (and coordinating) role within the network than do
specialists. We hypothesize that counties where primary care
providers serve a more central role within the provider net-
work structure relative to medical and surgical specialists are
more robust to the manifestation of racial disparities, and that
these structures therefore experience lower non-Hispanic
black-to-white disparities within the Medicare diabetes
population.
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METHODS

Study Sample

We use county-level cost, utilization, and outcome measures
from the Mapping Medicare Disparities (MMD) database in
2016.14 This source draws its county measures from 100% of
CMS administrative claims data for Medicare beneficiaries
continuously enrolled in the FFS program. This data excludes
beneficiaries who are enrolled in a Medicare Advantage plan
at any time during 2016.15 All county-level measures were
obtained across both non-Hispanic black (NHB) and non-
Hispanic white (NHW) Medicare beneficiaries who all had a
diagnosis of diabetes (based on ICD-10 encodings). In order to
maintain beneficiary confidentiality, the MMD database does
not report measures for counties where the sample population
contains less than 11 individuals. This means that as we
stratify by race and a diagnosis of diabetes, we have areas that
either do not have data or are excluded due to insufficient
number of individuals. In total, depending on the measure and
population race, we have between 1769 and 3124 counties
covered by our outcome data. There is no age restriction for
the main outcome variables; however, one of our outcome
variables (A1c testing rate) is supplemented from the Dart-
mouth Atlas Project database, based on 2015 data representing
Medicare patients aged 65–75.16 This measure is available
across 2135 counties for NHW, and 1303 counties for NHB
beneficiaries within our sample.
Our outcome data was combined with county-level provid-

er patient sharing (network) data that was constructed based on
2016 Medicare claims.17 This data defines a patient sharing
link on the basis of two Medicare providers having at least 11
shared patients. This link-relation cutoff is aligned with prior
work in this area, and it helps reduce concerns related to the
inclusion of potentially spurious network links within our
analysis. 18,19 We next linked providers within our patient
sharing data (using their National Provider Identifiers) with
the Medicare Physician Compare dataset.20 This matching
allows us to extract each provider’s specialty and location of
practice, which we used for the purpose of constructing our
county-specific provider networks. For our final county net-
works, we have PCP degree measures for 2468 of these, and
PCP/Specialist degree ratios (defined below) across 2167 of
the counties. Exclusion is due to (i) lack ofMedicare providers
located within a given area, (ii) lack of patient sharing rela-
tionships between providers within a given area, or (iii) due to
the CMS data requirement of only providing data on provider
patient sharing ties so long as they share at least 11 patients.
Additionally, we also source a number of county-level covar-
iates from the 2020 County Health Rankings Dataset.21 For
this data, we have close to complete coverage of the US
counties.
These steps result in two final analysis samples. The first

pools together all county outcomes across race, and leaves us
with a combined analysis sample of 2523–3866 county-by-
race units of observation (depending on the outcome measure

studied). The second sample only looks at counties for which
we have outcomemeasures for bothNHWandNHBMedicare
beneficiaries, which is a requirement for our constructed
NHB-to-NHW disparity gap measures (described below).
For this sample, our coverage spans 1047–1647 counties.

Study Variables
Outcome Measures: Cost, Utilization, and Care Outcomes.
The risk-adjusted average total cost is based on Medicare
beneficiaries continuously enrolled in Medicare FFS Parts A
and B. These costs refer to expected total costs based on the
CMS Hierarchical Condition Category (HCC) risk adjustment
model, and they are reported on a per beneficiary basis.15,22

Hospitalizations are based on continuously enrolled beneficia-
ries in Medicare Part A. The hospitalization rate is computed
using the principal diagnosis codes within the Medicare ad-
ministrative claims, and it is reported on a per 1000 beneficia-
ries basis. Emergency department (ED) visit rates are based on
beneficiaries continuously enrolled in Medicare FFS Parts A
and B. The ED visits rate represents the total number of ED
visits within 2016 where the beneficiary was released from the
outpatient setting and where the beneficiary was admitted to
an inpatient setting. Our measure of the percent of beneficia-
ries receiving an annual A1c test is based on CPT codes 83036
and 83037 and CPT II codes 3046F and 3047F, and it is
measured for Medicare patients aged 65–75.16 Our prevent-
able hospitalizationmeasure is based on the AHRQPreventive
Quality Indicator (PQI), which is computed using 100% of
beneficiaries continuously enrolled in Medicare FFS Parts A,
and it is reported on a per 100,000 beneficiary basis.
Lastly, our NHB-to-NHW ratios, related to each of

the preceding outcomes, are simply obtained by taking

the ra t io : NHB=NHWRatio ¼ CountyOutcomeMeasureBlack
CountyOutcomeMeasureWhite

,

where CountyOutcomeMeasureBlack captures the county-
level measure for the NHB Medicare beneficiaries, and
CountyOutcomeMeasureWhite captures the same measure for
the NHW Medicare beneficiaries.

Network Measures. We utilize a relative degree centrality
measure to capture the structure of the county-level networks.
This measure is obtained by computing the average number of
links for primary care physicians (PCPs) and medical and
surgical specialists (Specialists) providers within a given
county (this is the degree centrality), and then by calculating
the ratio of these two averages. If the resulting ratio is equal to
one, then this represents a network where PCPs and specialists
occupy similar positions within the network, while ratios
greater than one indicate that PCPs capture a more central
(and coordinating) role within the network than do specialists,
while a ratio less than one captures the reverse. Regarding the
designation of PCPs within our data, these are defined as
providers reporting a primary specialty of family practice,
general practice, pediatric medicine, internal medicine, or
obstetrics/gynecology within the Medicare Physician
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Compare registry. In terms of a more formal definition for our
networkmeasure, we define the degree centrality for provider i

in network g as Cdegree
i gð Þ ¼ ηi gð Þ, where ηi(g) denotes the

degree (or number of patient sharing relationships) of provider
i in network g.23,24 Based on this definition, our relative PCP
to Specialist degree centrality ratio is defined as

RCdegree gð Þ ¼ Cdegree
PCP

gð Þ
Cdegree

Specialist
gð Þ. This relative degree centrality mea-

sure will be higher in counties where the PCPs occupy rela-
tively more central positions within the local network struc-
tures. As an example, a county where PCPs have many patient
sharing relationships with other providers, but where Special-
ist collaborations are coordinated by a central PCP (rather than
between the Specialists directly), will have a higher relative
PCP to Specialist degree centrality ratio than one where Spe-
cialists do not use a central coordinator for patient care. An
example of our measure, and the presented intuition, can be
seen within Figure 1. In Figure 1, Network A presents an
example where PCPs and Specialists occupy similar positions
within the network (and hence we observe a degree centrality
ratio of 1), while Network B presents a case where PCPs are
more central coordinators of care (resulting in a ratio of 2).
Similar degree centrality ratio measures have previously been
employed within hospital and regional level analysis of patient
sharing networks.18,25

Covariates. The county-level median household income is
computed as the median of total income, and this variable is
sourced from the US Census Bureau’s Small Area Income and
Poverty Estimates program 2018 data. The unemployment
rate is based on the percentage of the county’s civilian labor
force, ages 16 and older, that is unemployed but seeking work,
and this variable is obtained from 2018 Bureau of Labor
Statistics data. Our diabetes prevalence measure captures the
percentage of adults aged 20 and above with a diagnosis of
diabetes, and it is obtained from the CDC diabetes Interactive
Atlas 2016 database. Finally, we use the Census Bureau’s
2018 Population Estimates data for county measures on the
percent 65 and older, percent NHB, percent females, and
overall county population.

Statistical Analysis

We use multivariable regression methods in order to perform
two analyses. The first estimates the adjusted disparity gap
across NHW and NHB patients and identifies whether net-
work structure effects are heterogenous across these patient
populations. The second estimates the direct effect of provider
network structure on our cost, utilization, and care outcome
disparity gap measures. Given the inherent limitations of
observational study designs, we take two steps in order to
ameliorate concerns pertaining to potential confounding due
to unobserved variables. First, we control for a rich set of
county-level variables that have been identified as important
for explaining county-level variation within our outcomes.

Second, we also control for state-level fixed effects in order
to control for any unobserved state-level differences that might
affect both our network measure and our outcome measures,
and therefore bias our estimated network effect.
In terms of the regression model specification for our first

analysis, this is given by:

Y ir ¼ αþ τRCdegree
i þ δNHBir þ γ RCdegree

i *NHBir

� �
þ βX þ ϕs þ ϵi: ð1Þ

Here, Yir represents our county-level outcome measure of

interest, RCdegree
i is the county-level average degree centrality

ratio between PCPs and Specialists, NHBir is an indicator
variable that takes the value of one if the outcome pertains to
NHB beneficiaries, and a value of zero if it pertains to NHW

beneficiaries, and RCdegree
i *NHBir

� �
captures the interac-

tion term between our network measure and the NHB indica-
tor variable. Additionally, X is a vector with all of our covar-
iates (previously defined), and ϕs captures the state fixed
effects. As such, the marginal effects pertaining to our network
measures (τ, γ ), and our NHW to NHB disparity gap effect
(δ), are identified using within state variation conditional on
the controls.
For our secondary disparity gap analysis, the regression

model specification is:

NHB=NHW Ratioi ¼ αþ τRCdegree
i þ βX þ ϕs þ ϵi: ð2Þ

Here, NHB/NHWRatioi denotes the county-level NHB to
NHW disparity ratio at county i. The controls and fixed effects
measures are the same as defined for the first analysis in Eq.
(1).

RESULTS

County Characteristics and Between-County
Variation

Table 1 provides county-level summary statistics across our
outcome, network, and control variables. We see that the risk
adjusted total costs per beneficiary tend to be about $1728
(p<0.001) higher for NHB Medicare beneficiaries than for
NHW beneficiaries. NHB patients further have 3 (p<0.001)
more hospitalizations (per 1000 beneficiaries), and 12.4
(p<0.001) more ED visits (per 1000 beneficiaries), on average.
Pertaining to appropriateness of care, we see that annual A1c
testing is about 1.7% (p<0.001) higher among NHW benefi-
ciaries than among NHB beneficiaries. For the PQI measure,
we note a gap of 94.96 (p<0.001) per 100,000 admissions
between NHB and NHW beneficiaries.
In terms of our NHB-to-NHW ratios, we see that NHB

beneficiaries have 10% higher risk adjusted total costs, 91%
more hospitalizations per 1000 beneficiaries, 168% more ED
visits per 1000 beneficiaries, 3% less A1c testing, and 52%
more discharges for preventable complications.
For our network measures, we note that the PCP to Special-

ist average degree ratio is 0.85 (SD=0.53). This indicates that
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PCP providers on average are 15% less central than specialist
providers; however, the large standard deviation further indi-
cates significant variation within this measure across different
counties.

Adjusted Disparity Gaps and Heterogenous
Responses to Provider Network Structure by
Race

Table 2 presents fully adjusted regression results. First,
looking at the NHB coefficient estimates, we see that com-
pared to NHW, NHB beneficiaries have on average $1673
(p<0.01) higher total costs, 2.63 (p<0.01) more hospitaliza-
tions per 1000 individuals, 11.56 (p<0.01) more ED visits per
1000 individuals, a 2.15% lower A1c testing rate, and 69.39
more avoidable hospital admissions (resulting from diabetes)
per 100,000 individuals.
In terms of the effect of network structure upon our outcome

measures, we see that these vary depending on race. By
looking at the significance of the interaction between our
network measure and the NHB indicator, we note that these
network effects are significantly different (p<0.01) across four
out of our five outcome measures (hospitalizations, ED visits,
rate of A1c testing, and PQI). We also see that greater PCP
centrality relative to Specialists appears to primarily benefit
NHB patients.

Provider Network Structure and Diabetes Non-
Hispanic Black-to-White Disparity Gaps

Table 3 reports results that are again adjusted for the same
controls and fixed effects as those in Table 2, but which use the
NHB-to-NHW average county ratios as its outcomes. From
Table 3, we note that an increase in the relative centrality of
PCPs compared to Specialists is associated with significantly
lower disparity gaps across Hospitalizations (−0.23, p<0.01),
ED visits (−0.14, p<0.05), percentage A1c testing (0.01,
p<0.01), and PQI (−0.14, p<0.1).
If we combine these point estimates (related to the disparity

ratio change) with the actual NHB-to-NHW disparity ratios
(estimated within Table 2) then we can compute the

percentage decrease (of these disparity gaps) that result from
a one standard deviation increase in the relative centrality of
PCPs to Specialists. It is worth noting that a one standard
deviation increase within our data represents us on average
moving from a network structure where Specialists are more
central in terms of the patient sharing network to onewhere the
reverse is true, that is, one where PCPs are more central in
terms of patient sharing than Specialists. The result of such a
change is presented in Figure 2. Here we see that increasing
the PCP/Specialist degree centrality ratio by one standard
deviation is associated with a disparity gap decrease of
25.3% (p<0.01) in Hospitalizations, 8.3% (p<0.05) in ED
visits, 2.8% (p<0.01) in A1c testing, and 26.9% (p<0.1) in
the volume of preventable diabetes-related hospital admis-
sions. As such, we note a significant association between
network structure and NHB-to-NHW disparity gaps.

LIMITATIONS AND ROBUSTNESS

Three particular study limitations are important to highlight.
First, given the observational design of this study, and the fact
that this is not a patient level analysis, we are unable to make
claims of causality. As such, these effects are to be interpreted
as important associations that we believe deserve further ex-
ploration. With that said, it is also important to highlight that
our results do condition on a number of county-level covari-
ates, along with state-level fixed effects.
Second, the choice of network structure measure may im-

portantly matter for the results one obtains. In order to explore
the sensitivity of our results to the choice of our PCP/Specialist
degree ratio, we also performed an analysis using a pure PCP
degree centrality measure. Using this alternative networkmea-
sure yields qualitatively similar results, and these are reported
within the Supplementary Appendix B.
Third, the definition of a provider network based on a set

organizational structure, or geographical unit, is inherently
challenging as this definition may influence what patient
sharing relationships (between providers) that are (and are
not) accounted for within the final analysis. This is a limitation

Figure 1 PCP/Specialist Centrality Ratio Example. Network A represents a network where the PCP/Specialist Centrality Ratio is equal to unity;
while Network B represents one where PCPs serve a more central and coordinating role than do Specialists, and which has a PCP/Specialist

Centrality Ratio equal to two.
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that holds for this literature at large; however, in order to
explore the sensitivity of our results to the geographical level
at which we define our networks, we also explored defining
these networks at a Hospital-Referral-Region level. Using this
approach, we compute provider-specific degree centrality
measures at the Hospital-Referral-Region and then obtain
averages on a county-by-county basis. The results from this
exercise show qualitatively similar results to those presented
within the main text and can be found within Supplementary
Appendix C.

DISCUSSION

This study finds that there exists a significant relationship
between the structure of regional provider networks, based
on shared patient relationships, and the county-level cost,
utilization, and appropriateness of care that Medicare benefi-
ciaries with diabetes receive. These findings contribute to the
growing literature concerned with mapping out the relation-
ship between network structure and patient outcomes,18,25–29

as well as the literature on regional variations in health care
outcomes.30–34 We also document that outcomes for NHB

Table 1 Summary Statistics for Outcome Measures, Network Measures, and County-Level Control Variables. The t-test column reports p-
values associated with two-way mean difference tests across non-Hispanic White and non-Hispanic Black beneficiaries.

Variable Mean Std. Dev. N Paired t-test

Cost and utilization by race
Adj. average total cost (NHW) 15,087.58 1270.23 3124 p<0.0001
Adj. average total cost (NHB) 16,815.39 2414.67 1769
Hospitalization (NHW) per 1000 2.7 2.05 3163 p<0.0001
Hospitalization (NHB) per 1000 5.71 8.77 2179
ER visits (NHW) per 1000 7.17 4.09 3161 p<0.0001
ER visits (NHB) per 1000 19.59 25.56 2131
Diabetes care and outcomes by race
% A1c testing (NHW) 85.64 6.2 2135 p<0.0001
% A1c testing (NHB) 83.94 6.33 1303
Preventive quality indicators (NHW) per 100,000 122.21 122.05 3163 p<0.0001
Preventive quality indicators (NHB) per 100,000 217.17 413.51 2179
Non-Hispanic black-to-white ratios
NHB/NHW Adj. average total cost 1.1 0.15 1768 -
NHB/NHW hospitalization 1.91 3.01 2018 -
NHB/NHW ED visits 2.68 3.74 2083 -
NHB/NHW % A1c testing 0.97 0.07 1303 -
NHB/NHW preventive quality indicators 1.52 3.32 1802 -
Network measures
Number of nodes 323.88 851.15 2167 -
Number of links 11,583.45 38,609.99 2167 -
PCP/Specialist degree ratio 0.85 0.53 2167 -
County-level controls
Mean household income 32,870 6979.48 3131 -
Unemployment rate 0.05 0.02 3131 -
Diabetes prevalence 0.12 0.04 3142 -
% 65 and older 0.19 0.05 3142 -
% Females 0.5 0.02 3142 -
% NHB 0.09 0.14 3142 -
Population 104,127.13 333,486.32 3142 -

Abbreviations: NHB, non-Hispanic black; NHB/NHW, non-Hispanic black-to-white ratio; NHW, non-Hispanic white

Table 2 Regression Estimates Across Cost, Utilization, A1c testing, PQI, and the Relative Network Centrality Measure.

Variables (1) (2) (3) (4) (5)

Total cost Hospitalization ED visits % A1c testing PQI

Network measures and race
PCP/Specialist degree cent. −45.25

(−102.96 to 12.46)
0.18***
(0.08 to 0.27)

0.17
(−0.12 to 0.46)

−0.36***
(−0.62 to −0.10)

11.67***
(5.64 to 17.71)

NHB 1672.64***
(1423.59 to 1921.69)

2.63***
(1.88 to 3.38)

11.56***
(9.63 to 13.48)

−2.15***
(−2.73 to −1.57)

69.36***
(27.34 to 111.37)

PCP/Specialist degree cent.
* NHB

113.30
(−40.88 to 267.48)

−1.14***
(−1.80 to −0.49)

−1.67***
(−2.85 to −0.48)

0.92***
(0.52 to 1.32)

−52.15***
(−82.78 to −21.51)

Observations 3569 3866 3828 3828 2523
R-squared 0.34 0.17 0.17 0.17 0.27
County controls Yes Yes Yes Yes Yes
State FEs Yes Yes Yes Yes Yes

Significance is indicated as * p < 0.1; ** p < 0.05; *** p < 0.01
Note: 95% confidence intervals are reported within the parentheses, and these are based on robust standard errors
Abbreviations: Cent., centrality; ED visit, emergency department visit; Tot. Cost, risk adjusted total cost; PQI, AHRQ Prevention Quality Indicator 93
County controls consist of median household income, population count, unemployment rate, diabetes prevalence, percent 65 and older, percent NHB,
and percent females
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beneficiaries seem more sensitive to the underlying provid-
er network structures than do NHW Medicare beneficia-
ries, and perhaps most interesting, that there exists a sig-
nificant association between county-level provider network
structure and NHB-to-NHW disparity gaps for Medicare
beneficiaries with a diabetes diagnosis. These findings in
turn contribute to a broad literature on racial disparities in
health care.35–37

The presented work suggests a number of research avenues
for future work. First is the question about the mechanism
through which network structures act to reduce costs and
improve care outcomes. Second is the question of how
certain network structures act to reduce NHB-to-NHW
disparity gaps. Are the observed disparities between NHB

and NHWMedicare patients driven by beneficiaries having
access to different local provider networks? Or, perhaps
these findings may suggest a link between network struc-
ture and what we have come to learn from the literature on
bias within the medical profession.38,39 Lastly, it is impor-
tant to explore the effect that current policies and industry-
wide trends in terms of Medical Home Model and Account-
able Care Organization adoption, or horizontal hospital
mergers and vertical practice to system integrations, have
on not only health outcomes, but also on the noted racial
disparity gaps. Additionally, it appears important to further
explore the degree to which regional differences within
these trends help explain some of the network structure
differences that we have noted with the present study.

Table 3 Regression Estimates Black-to-White Ratios and Network Measures.

Variables (1) (2) (3) (4) (5)

NHB/NHW
Total cost

NHB/NHW
Hospitalization

NHB/NHW
ED visits

NHB/NHW
% A1c testing

NHB/NHW PQI

Network measure
PCP/Specialist degree cent. 0.01

(−0.00 to 0.02)
−0.23***
(−0.38 to −0.07)

−0.14**
(−0.27 to −0.02)

0.01***
(0.00 to 0.01)

−0.14*
(−0.30 to 0.02)

Observations 1405 1628 1647 1047 1503
R-squared 0.09 0.17 0.12 0.14 0.18
County controls Yes Yes Yes Yes Yes
State FEs Yes Yes Yes Yes Yes

Significance is indicated as * p < 0.1; ** p < 0.05; *** p < 0.01
Note: 95% confidence intervals are reported within the parentheses, and these are based on robust standard errors
Abbreviations: NHB/NHW, non-Hispanic black-to-white gap; Cent., centrality; ED visit, emergency department visit; Tot. Cost, risk adjusted total cost;
PQI, AHRQ Prevention Quality Indicator 93
County controls consist of median household income, population count, unemployment rate, diabetes prevalence, percent 65 and older, percent NHB,
and percent females

Figure 2 NHB-to-NHW Gap Adjustments due to a 1 Standard Deviation (SD) Increase in each of the PCP/Specialist Centrality Ratio. For
example, we see here that a 1 SD increase in the network measure yields a 25.3% decrease in the NHB/NHW disparity gap pertaining to

hospitalizations.
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In summary, these findings suggest that how we organize
and structure our health systems may have important implica-
tions for disparity gaps between NHB and NHW Medicare
beneficiaries with a diagnosis of diabetes.

Supplementary Information The online version contains supple-
mentary material available at https://doi.org/10.1007/s11606-021-
06975-3.
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