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Abstract
Because scholarly performance is multidimensional, many different criteria may 
influence appointment decisions. Previous studies on appointment preferences do 
not reveal the underlying process on how appointment committee members consider 
and weigh up different criteria when they evaluate candidates. To identify scholars’ 
implicit appointment preferences, we used adaptive choice-based conjoint analysis 
(ACBC), which is able to capture the non-compensatory process of complex deci-
sions like personnel selection. Junior and senior scholars (N = 681) from differ-
ent countries and types of higher education institutions took part in a hypothetical 
appointment procedure. A two-step segmentation analysis based on unsupervised 
and supervised learning revealed three distinct patterns of appointment prefer-
ences. More specifically, scholars differ in the appointment criteria they prefer to 
use, that is, they make different trade-offs when they evaluate candidates who fulfill 
some but not all of their expectations. The most important variable for predicting 
scholars’ preferences is the country in which he or she is currently living. Other 
important predictors of appointment preferences were, for example, scholars’ self-
reported research performance and whether they work at a doctorate-granting or not-
doctorate-granting higher education institution. A comparison of scholars’ implicit 
and explicit preferences yielded considerable discrepancies. Through the lens of 
cognitive bias theory, we contribute to the extension of the literature on professorial 
appointments by an implicit process perspective and provide insights for scholars 
and higher education institutions.
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1 Introduction

The question of what influences appointment decisions has been a long-standing 
and still is a continuing interest of researchers in different scientific fields. Profes-
sorial appointments are not only the most important personnel selection decisions 
of higher education institutions (e.g., Lepori et  al. 2015), they also constitute the 
most important performance evaluation during an academic career. Because schol-
arly performance is multidimensional (e.g., Aguinis et  al. 2014) and professors 
are expected to perform a large number of different tasks (e.g., Macfarlane 2011), 
appointment committees use many different criteria to evaluate the performance of 
candidates. Consequently, the outcome of personnel selection decisions depends on 
recruiters’ preferences for selection criteria as their preferences determine how they 
evaluate and select job candidates. In other words, appointment committees need to 
decide which criteria are most important to them. To better understand the impor-
tance of appointment criteria, it is crucial to shed light on the implicit preferences of 
scholars who serve as members of appointment committees and to identify factors 
that contribute to differences in their appointment preferences.

Previous research on appointment decisions has employed many different meth-
odological approaches including document analyses (e.g., Subbaye 2018), career 
trajectories (e.g., van Dijk et  al. 2014), surveys and interviews (e.g., Abbott et  al. 
2010), and experimental designs (e.g., Williams and Ceci 2015), yielding rather 
mixed and inconclusive results. Many studies inferred the most important selec-
tion criteria by analyzing the outcomes of appointment decisions. In particular, they 
identified the characteristics of successful and unsuccessful candidates for profes-
sorships and concluded that publication performance had been the most important 
criterion for past appointment decisions (e.g., Lutter and Schröder 2016). Contrary, 
interviews with professors suggest that acquiring grants plays a decisive role in 
appointment decisions (Macfarlane 2011), and university departments report that 
they attach most importance to teaching performance and candidate’s fit (Fuerstman 
and Lavertu 2005; Sheehan et al. 1998). Past research also found that the importance 
of appointment criteria differs between countries (e.g., Fiedler and Welpe 2008), sci-
entific fields (e.g., Williams and Ceci 2015), and types of higher education institu-
tions (e.g., Landrum and Clump 2004). However, thus far, research does not reveal 
the underlying process on how appointment committee members consider and weigh 
up many different criteria of scholarly performance when they evaluate candidates. 
Many studies focused only on a small subset of appointment criteria, particularly 
publication performance, and excluded other criteria such as teaching performance 
and grants. Furthermore, the conclusions from other studies are limited because they 
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measured explicit preferences or used experimental designs that are not suitable for 
studying complex decisions like appointment decisions.

Accordingly, we aim to (1) identify current appointment preferences in higher 
education by analyzing scholars’ implicit preferences for performance criteria and 
(2) provide a more comprehensive overview of the factors that contribute to dif-
ferences in appointment preferences. For this purpose, we conducted an adaptive 
choice-based conjoint (ACBC) analysis, allowing us to simulate complex decision-
making processes in a realistic and detail-oriented manner, dynamically considering 
a variety of appointment criteria as well as participants´ individual characteristics. 
In doing so, we contribute to research on appointment decisions in the following 
ways: First, we shed light on the underlying process on how appointment committee 
members weigh up a large number of different criteria when they evaluate the per-
formance of candidates. More specifically, we analyze the trade-offs (i.e., compro-
mises) scholars make when they evaluate candidates who fulfil some but not all of 
their expectations. Here, we extend previous research on implicit appointment pref-
erences (Fiedler and Welpe 2008) by using adaptive choice-based conjoint analysis. 
Our contribution lies in particular in the deployment of an exceptional experimental 
method, which is able to capture a holistic understanding of the non-compensatory 
process of complex decisions like personnel selection. Second, we determine dis-
tinct patterns of appointment preferences and analyze how differences in scholars’ 
country as well as organizational and individual characteristics are related to differ-
ences in appointment preferences. Third, complementing other studies, we consider 
the results through the lens of cognitive bias theory, in particular heuristics, and 
thus offer further explanations for the discrepancies between explicit and implicit 
appointment preferences that may arise from information processing or evolution-
ary constraints (Haselton et  al. 2005). Thereby, we broaden our understanding of 
current appointment preferences in higher education and how they may influence 
hiring decisions of university departments and individual scientific careers. Thus, 
our findings provide insights for scholars and higher education institutions. First, 
they enhance the transparency of appointment decisions for young scholars who 
make career decisions. Second, our findings can help higher education institutions to 
improve the selection process so that appointment decisions are more well-balanced 
and reflect the opinion of all committee members.

2  Theoretical background

In the following, we first consider cognitive biases as theoretical foundation. Sec-
ond, we present previous research on professorial appointments decisions. Third, 
with regard to previous studies, we discuss differences in appointment preferences 
through the lens of cognitive biases.
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2.1  Cognitive bias theory

Both behavioral and psychological research show that cognitive biases in decision-
making especially occur in situations of high uncertainty and complexity (Pitz and 
Sachs 1984). “Cognitive biases are an ever-present ingredient of strategic decision-
making” (Das and Teng 1999, p. 757) and, thus, they are also very likely to occur in 
professorial appointment decisions. In the context of professorial appointment deci-
sions, cognitive biases arise from, among other things, the choice of useful shortcuts 
that appear promising for successful decision-making (i.e., heuristics). Heuristics, 
however, result from information-processing or evolutionary mechanisms, meaning 
that the criteria for strategic decision-making function adequately in principle, but 
may exhibit systematic errors (Haselton et al. 2005). Regarding professorial appoint-
ment decisions, previous research reveals that, despite changing environmental 
demands (e.g., the need to adopt innovative teaching concepts to counteract declin-
ing student numbers), the appointment criteria seem more or less unchanging over 
a long period of time. Heuristics might emerge due to limited time and informa-
tion processing abilities and due to the fact that especially employees in positions of 
power invoke established rules to allocate attentional resources and cognitive effort 
otherwise (Haselton et al. 2005; Keltner et al. 2003). This explanation can be trans-
ferred to professorial appointment decisions, given that professors usually allocate 
their cognitive resources across a multifaceted range of tasks and, accordingly, may 
prioritize established appointment criteria, such as publication performance, in their 
decision-making. In this context, Morewedge and Kahneman (2010) describe dual-
system models that explain how automated decisions emerge under errors of judge-
ment. Here, three features are central to the decision-making process: associative 
coherence, attribute substitution, and processing fluency. These features may also be 
transferred to the context of professorial appointment decisions, as the fulfillment of 
specific appointment criteria elicit self-reinforcing responses in associative memory 
of the appointment committee (i.e., associative coherence); the evaluation of the 
appointment criteria is accompanied by an unconscious assessment of other dimen-
sions (e.g., a high number of publications suggests high professional aptitude) (i.e., 
attribute substitution); and the cognitive effort to engage a professor is eased by the 
adoption of the appointment criteria (i.e., processing speed). Accordingly, cognitive 
biases, especially heuristics, and concretely dual-system models, serve as an appro-
priate theoretical basis for explaining the emergence of the underlying process on 
how appointment committee members weigh up a large number of different criteria 
when they evaluate the performance of candidates.

2.2  Influences on professorial appointment decisions

Researchers have used various methods to answer the question of what influences 
appointment decisions. First, several studies on professorial appointments analyzed 
documents, in which universities describe the criteria they will use to select candi-
dates, for example, job advertisements (e.g., Finch et  al. 2016; Gould et  al. 2011; 
Klawitter 2017; Meizlish and Kaplan 2008; Pikciunas et al. 2016; Winter 1997) and 
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policy documents (e.g., Crothall et al. 1997; Parker 2008; Subbaye 2018). The pro-
cedures and resulting contributions are manifold. For instance, Finch et al. (2016) 
analyzed job advertisements for tenure-track positions and found that business 
schools in the U.S. attach equal importance to research qualifications (i.e., at least 
one publication) and teaching qualifications (i.e., teaching experience). However, a 
major drawback of this approach is that the criteria written down in job advertise-
ments, policy documents and official university documents may not always be the 
same criteria as those that appointment committees actually use (Finch et al. 2016; 
Subbaye 2018; van den Brink et al. 2010) and do not give insight into the individual 
preferences of the committee members who were involved in the decision-making 
process. Through the lens of cognitive biases, reports of appointment committees 
are potentially prone to several self-report biases, including introspective bias (e.g., 
Nisbett and Wilson 1977; Uhlmann et al. 2012) and social desirability (e.g., Arnold 
and Feldman 1981).

Second, analyzing career trajectories of scholars is one of the most common 
approaches to determine the criteria underlying the decisions of appointment com-
mittees. Based on datasets from scholars (e.g., performance, individual character-
istics, appointment decision), researchers identify which variables are the best 
predictors for being successful in becoming a professor (e.g., Cruz-Castro and Sanz-
Menendez 2010; Lutter and Schröder 2016; Pezzoni et al. 2012; Schulze et al. 2008; 
van Dijk et al. 2014; Youtie et al. 2013). Considering the results, career trajectory 
studies showed that different aspects of publication performance are related to schol-
ars’ success in appointment procedures. For example, Sanz-Menéndez et al. (2013) 
found that the more researchers at Spanish universities publish before earning their 
doctoral degree, the sooner they get promoted to the level of professor. However, in 
collecting data on scholars’ characteristics, authors focus on information that is pub-
licly available, thus neglecting many potentially relevant appointment criteria. Con-
sidering cognitive biases, career trajectory studies suffer from the so-called survivor 
bias (Jungbauer-Gans and Gross 2013; Lutter and Schröder 2016), which is prob-
lematic, as samples do not include the unsuccessful scholars who competed against 
the successful ones in appointment procedures.

Third, self-reports in the form of surveys and interviews are another common 
approach in the literature on appointment preferences. Some confirmed that appoint-
ment committees consider publication performance an important criterion, but they 
show that other criteria play a role as well, for example, acquiring grants, teaching 
performance, and the candidate’s fit to the hiring department (e.g., Macfarlane 2011, 
pp. 59–60; Sheehan et al. 1998). Studies highlight that appointment preferences are 
not homogeneous but that there are different appointment preferences depending 
on various factors. For instance, Landrum and Clump (2004) showed that candi-
dates’ teaching performance is more important to private than to public institutions, 
whereas public institutions emphasize the number of publications and the acquisi-
tion of research grants. However, survey participants are typically asked to consider 
each appointment criterion independently and to state its importance on a ranking or 
rating scale. This approach has been criticized because participants tend to rate all 
items as similarly important (e.g., Orme 2014). Further, scholars’ answers may be 
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biased because they are influenced by the public opinion as to which criteria should 
be important (i.e., social desirability bias; e.g., Arnold and Feldman 1981).

Up until now, a few studies on appointment preferences employed experimental 
designs (e.g., Kasten 1984; Steinpreis et al. 1999; Williams and Ceci 2015). During 
these experiments, narrative summaries or full CVs served as the basis for assess-
ing appointment criteria. The shortcoming of such statistical approaches lies in not 
adapting to the participants’ responses, thus neglecting the underlying process on 
how scholars consider and weigh up many different appointment criteria when they 
evaluate candidates for a professorship. So far, Fiedler and Welpe (2008) are the 
only ones who applied conjoint analysis to research on professorial appointments. In 
contrast to narrative summaries, conjoint analysis uses hypothetical candidate pro-
files that consist of succinct descriptions of candidate characteristics, which reduces 
the complexity for participants. Thus, conjoint analysis enables the inclusion of 
more appointment criteria and the systematic variation of all criteria in a within-
subject design. More specifically, the authors conducted an adaptive conjoint analy-
sis, which allowed them to include many different appointment criteria, dynamically 
adapt those criteria to the respondents’ preferences and, in consequence, to study 
how scholars compare the performance of candidates. Fiedler and Welpe (2008) 
observe that, on average, prestigious journal publications are most important to man-
agement professors, followed by social competency, and person–subject fit. How-
ever, this type of conjoint analysis has also several drawbacks, because it does not 
mimic the decision-making process of appointment procedures. In contrast, adaptive 
choice-based conjoint (ACBC) analysis allows creating a more realistic and engag-
ing simulation of a complex decision-making process with a variety of appointment 
criteria. Moreover, the procedure of ACBC analysis (e.g., using non-compensatory 
heuristics) facilitates focusing on the most important stimuli and providing precise 
estimations. Overall, the ACBC design allows for detailed insights about the ideal 
set of appointment criteria. Accordingly, the ACBC analysis validates and synthe-
sizes previous research findings and extends them by providing a holistic, implicit 
process perspective on appointment preferences. More precisely, the differences 
between our study and that of Fielder and Welpe (2008) are threefold: first, in our 
study, we expanded and modified the appointment criteria based on recent literature 
and new preliminary studies. Second, in the Fiedler and Welpe (2008) study, partici-
pants selected their appointment criteria in advance, and only those appointment cri-
teria were considered in the later stages of the survey, probably causing bias. Third, 
participants in the Fiedler and Welpe (2008) study rated their average candidates on 
percentages. In relation to actual personnel selection procedures, our design appears 
more realistic. In the following, we briefly review past findings on factors that con-
tribute to differences in scholars’ appointment preferences, to consider which further 
aspects should be addressed as part of the ACBC analysis.

2.3  Differences in appointment preferences

Most previous studies that examined differences with regard to appointment criteria 
focused on differences among countries and among scientific fields. However, they 
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either compared scientific fields in one specific country (e.g., Sanz-Menéndez et al. 
2013; Williams and Ceci 2015) or compared countries with regard to one specific 
scientific field (e.g., Fiedler and Welpe 2008; Pezzoni et al. 2012). Past research also 
suggests that there are differences in appointment preferences between higher edu-
cation institutions, which are related to specific organizational characteristics (e.g., 
Fiedler and Welpe 2008; Finch et al. 2016; Iyer and Clark 1998). This finding indi-
cates that the current needs of departments (e.g., to improve their reputation) may 
influence how much importance appointment committees attach to specific criteria. 
Similarly, interviews with university presidents and deans indicate that the strategic 
objectives of the higher education institution and of the department are most impor-
tant for defining the profile of an advertised professorship (Kleimann and Klawitter 
2016). Although it can be assumed that individual appointment committee members 
differ in their opinion as to what aspects of scholarly performance are most impor-
tant, little is known about whether there are systematic differences in appointment 
preferences depending on individual characteristics. Fiedler and Welpe (2008) pro-
vide initial evidence that homophily effects are important in explaining individual 
differences in appointment preferences between scholars. For example, professors 
had a stronger preference for candidates with international experience when they 
had international experience themselves. The homophily effect is accompanied by 
cognitive biases and may be explained with the dual-system perspective according 
to Morewedge and Kahneman (2010). In the example given, the presence of inter-
national experience may lead to other preferable qualities (e.g., superior language 
proficiency) being attributed to the candidate at the same time or the coherent and 
easy evaluation of international experience may result in increased process fluidity. 
In this context, a more systematic understanding of cognitive biases (e.g., homoph-
ily effects, heuristics) on appointment decisions is still lacking. In particular, it is 
unclear how scholars’ own performance in other areas, such as research, is related 
to differences in appointment preferences. Furthermore, it is unknown whether there 
are differences in appointment preferences depending on academic rank. Consider-
ing that appointment committees often comprise not only professors, it is crucial to 
also examine the appointment preferences of scholars who hold positions below the 
level of professor (e.g., post-doctoral fellows).

Past research reveals a multitude of factors that exert an influence on scholars’ 
appointment preferences, including country, scientific field, organizational charac-
teristics, and individual characteristics. However, previous studies included only 
some of these factors while excluding others. Considering that all of the factors 
described above exert an influence on appointment preferences, it is crucial to iden-
tify distinct patterns of implicit appointment preferences (i.e., groups of scholars 
with similar preferences) and predict scholars´ patterns of implicit appointment pref-
erences based on country, scientific field, as well as individual and organizational 
characteristics.
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3  Method

To assess scholars’ implicit appointment preferences, we apply ACBC analysis 
(Johnson and Orme 2007). In the following, we describe research design, sample, 
procedure and conjoint exercise, as well as measures.

3.1  Research design

Conjoint analysis was initially applied to the experimental evaluation of consumer 
preferences (Green and Rao 1971). ACBC analysis provides a modified form of 
conjoint analysis, aiming at capturing implicit preferences of decision makers in 
complex decisions. Complex decisions, such as personnel selection, are defined by 
a multitude of choice alternatives and different selection criteria (Dijksterhuis et al. 
2006). Such decisions involve a two-step process. First, screening of the alternatives 
takes place. Second, a final decision of choice is reached. In this process, so-called 
non-compensatory decision making additionally occurs, including simplifying heu-
ristics such as must-have criteria (“cut-offs”). Our study design imitates this type 
of decision making by creating customized candidate profiles for each participant. 
Using participants’ previous responses as a basis, the profiles are created in order 
to generate increasingly difficult trade-off decisions. More precisely, after screening 
all potential candidates and deciding who should be taken into further consideration 
(‘screening section’), appointment committees compare the remaining candidates 
to one another until they reach a final decision (‘choice task section’). Contrary to 
adaptive conjoint analysis (Fiedler and Welpe 2008), in which participants evaluate 
candidate profiles on a rating scale (e.g., how likely they would appoint the candi-
date from 0 to 100%), adaptive choice-based conjoint analysis requires participants 
to choose between candidates. Because choice tasks are more similar to the nature of 
personnel selection, they are better able to identify implicit preferences that under-
lie real-world decision behavior (Cunningham et al. 2010). The method takes into 
account that, “when people make real decisions, they often narrow down the choices 
to an acceptable consideration set (with respect to must-have and must-avoid fea-
tures) and then make a final choice within the consideration set”.1 Compared to pre-
vious methodological approaches, including the adaptive conjoint analysis of Fie-
dler and Welpe (2008), adaptive choice-based conjoint analysis allows to measure 
appointment preferences in a more realistic way and with greater validity.

3.2  Sample

We recruited junior and senior scholars from different countries by asking scientific 
associations to forward a survey invitation to their members. Here, we followed a 
systematic approach by using different distribution channels to generate the most 

1 www. sawto othso ftware. com/ help/ light house- studio/ manual/ index. html? acbch owwel ldoes itwork. html.

http://www.sawtoothsoftware.com/help/lighthouse-studio/manual/index.html?acbchowwelldoesitwork.html
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representative sample possible. In particular, we contacted scientific associations 
from different fields that shared our request via e-mail and newsletters with their 
members. Furthermore, we posted our survey invitation to various list-servs of 
the Academy of Management. All participants who completed the survey had the 
opportunity to take part in a prize draw and win either a smart watch or a pair of 
noise-cancelling headphones. Of the 1637 participants who started the survey, we 
excluded 814 participants who dropped out of the survey early. From the remain-
ing participants, we excluded 32 participants who were not members of the target 
sample, i.e., who were not scholars and most presumably not familiar with appoint-
ment criteria (students: n = 10; no researcher or not employed at a higher education 
institution: n = 22). Thirteen participants indicated that they had not answered the 
questions thoroughly in a follow-up question to the conjoint exercise or in a com-
ment box. In addition, we excluded 15 participants with very low response times, 
specifically, participants who spent less than five seconds on three or more of the 
survey pages of the conjoint exercise. Further 82 participants had to be excluded due 

Fig. 1  Removal of participants to arrive the final sample prior to the analyses

Table 1  Overview of the 
quantity of scientific fields and 
the associations

Nr Scientific field Number of 
associa-
tions

1 Psychology 77
2 Biology 31
3 Sociology 29
4 Physics 27
5 Medicine 26
6 Chemistry 19
7 Management/Economics 8
8 General 8
9 Politics 1
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to missing values on variables that we used in the analyses. In total, we excluded 
956 participants. The final sample comprised 681 participants. Figure 1 provides an 
overview of the data that we excluded to arrive at our final sample.

Fifty-three percent (n = 358) of the participants were male and the average age 
was 41.61  years (SD = 11.66). Sixty-three percent (n = 429) were professors (with 
24% being full professors, n = 161), 15% were doctoral candidates (n = 104), and 
22% held other positions between the level of doctoral candidate and professor (e.g., 
postdoctoral fellow or lecturer; n = 148). The majority of participants worked at doc-
torate-granting universities (85%, n = 576). Most participants were from Germany 
(37%, n = 252) or the U.S. (31%, n = 210) and worked in the social sciences (91%, 
n = 617; natural sciences: n = 22, humanities: n = 16, medical sciences: n = 14, engi-
neering and technologies: n = 10, agricultural sciences: n = 2). Table 1 gives an over-
view of the quantity of scientific fields and the corresponding associations that we 
contacted.

Furthermore, Table 2 provides an overview of the cross-distribution of partici-
pants in terms of country and academic degree.

3.3  Procedure and conjoint exercise

In advance, for selecting and formulating attributes (i.e., appointment criteria) and 
levels (i.e., intensity or expression of the appointment criteria) for the conjoint 
analysis, we followed general recommendations in the literature (e.g., Aiman-Smith 
et  al. 2002; Karren and Barringer 2002; Orme 2014). Based on a review of past 
research and on an analysis of job advertisements for professorships, we composed 
an initial list of eleven appointment criteria. To validate our choice, we conducted 
two pre-studies with experts on appointment procedures (scholars who had been 
appointment committee members, higher education researchers, and university rep-
resentatives for professorial appointments).2 The final list comprised 13 appointment 
criteria, which we used as attributes for the conjoint analysis:

 1. Number of publications

Table 2  Cross-tabulation of 
country and academic rank

Doctoral 
candidate

Professor Other position Total

Germany 52 98 102 252
U.S 27 173 10 210
Other countries 25 158 36 219
Total 104 429 148 681

2 The results of the pre-studies are available from the authors on request.
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 2. Publication outlets
 3. Authorship of publications
 4. Research area
 5. Orientation toward mainstream
 6. Grants acquired
 7. Number of seminars and lectures
 8. Teaching activities
 9. Teaching evaluations
 10. Teaching concept
 11. Management and leadership experience
 12. International orientation
 13. Integration into scientific community

For all of these appointment criteria, at least one expert indicated that the crite-
rion played a role in all or almost all appointment procedures. The list of appoint-
ment criteria includes both quantitative criteria (e.g., number of publications) and 
qualitative criteria (e.g., research area).

As recommended in the literature (Orme 2014), we chose three to five levels 
for each attribute―from very low to very high performance―to represent the 
full range of performance of candidates for professorships. The pre-studies and an 
additional pre-test of the questionnaire confirmed the appropriateness of the levels. 
Appendix 1 gives an overview of the attributes and levels used in the conjoint analy-
sis, including the definitions shown to participants before and during the conjoint 
tasks.

To implement and host the survey, we used Lighthouse Studio (Version 9) by 
Sawtooth Software, Inc.. The first part of the survey comprised questions that were 
important for later stages of the survey (e.g., country, current position). In part two, 
participants took part in the conjoint exercise, which will be described in more detail 
in the following. In addition, part two included several follow-up questions (Aiman-
Smith et al. 2002; Hair et al. 2014) and a measure of participants’ explicit appoint-
ment preferences. Part three consisted of measures of individual and organizational 
characteristics (e.g., participants’ rating of their own scholarly performance or their 
perception of politics at their higher education institution), which we used as predic-
tors in a segmentation analysis.

In the introduction of the conjoint exercise, participants were asked to imagine 
that, at the department where they are currently employed, the position of a full pro-
fessor is vacant, and that they serve as a member on the appointment committee. 
Subsequently, they saw a list of the appointment criteria (attributes) that the com-
mittee would use to evaluate the candidates, including a definition of each criterion.

In the next section (usually referred to as build-your-own section of adaptive 
choice-based conjoint studies), participants described the performance of an aver-
age candidate for a full professorship in their own scientific subfield. Because the 
pre-studies suggested that differences among scientific fields are most likely for the 
criteria number of publications, authorship of publications, number of seminars 
and lectures, and grants acquired, participants described the average candidate only 
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with regard to these four attributes. We first created the levels of attributes (e.g., for 
publications: 10, 50, 100, 200, 300 publications) based on a ranking of a reputable 
German-language business and financial periodical and then validated these levels 
using expert interviews. Based on the levels that a participant selected to be aver-
age, the design algorithm of the software created a set of candidate profiles that the 
participant would evaluate in the subsequent screening section. The set of candi-
date profiles for each participant comprised the full range of levels for each attribute, 
but levels below or above the average appeared less often in the candidate profiles. 
Consequently, the candidate profiles were more realistic and plausible for par-
ticipants. Levels of attributes that were not included in the build-your-own section 
were equally likely to appear in the candidate profiles of the screening section. We 
increased the number of attributes per candidate profile that deviate from the aver-
age level to the maximum of three, which significantly reduced the survey length 
(Goodwin 2013; Orme 2009).

In the screening section, participants were told that 24 candidates had applied 
for the professorship and that they are expected to screen the potential candidates. 
The screening section comprised six tasks, that is, the 24 candidate profiles were 
shown on six survey pages with four profiles each. On every page, participants indi-
cated whether they would further consider a candidate or not, separately for each 
candidate. In between the screening tasks, we asked participants to select charac-
teristics that they consider to be unacceptable or a must-have. Based on the partici-
pants’ answers to the screening tasks, the design algorithm of the software compiled 
a list of levels that the participants might consider to be unacceptable (e.g., “Only 
co-authorship”) or a must-have (e.g., “At least: Acceptable teaching concept”). Par-
ticipants were asked to choose from this list the one characteristic that was most 
unacceptable or most important to them, respectively. They could also indicate that 
none of the levels was totally unacceptable or an absolute requirement. Every time a 
participant selected an unacceptable or must-have characteristic, the set of candidate 
profiles for the subsequent screening tasks was adapted so that from then on, all can-
didates fulfilled this requirement.

The introductory text of the choice task section informed the participants that 
there are still candidates left after screening the applicant pool and that the appoint-
ment committee has to make a final decision. Every page of the choice task section 
showed three candidate profiles and participants were asked to select the candidate 
who would be the best choice. Levels that were the same for all three candidates in 
one choice task were grayed out so that participants could focus only on the differ-
ences. Up to 13 of the 24 candidate profiles were brought forward from the screen-
ing section to the choice task section, depending on the number of candidate profiles 
a participant marked as “would further consider this candidate” in the screening sec-
tion. Consequently, the choice task section comprised between one and six choice 
tasks. One participant skipped the choice task section because she selected only two 
candidates in the screening section.

After the conjoint exercise, we assessed participants’ explicit appointment prefer-
ences by asking them to select—from the list of all 13 attributes—the three criteria 
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that had been most important to them for choosing among the candidates. The fol-
lowing figure illustrates our research design (Fig. 2).

3.4  Measures

Participants rated their own scholarly performance with regard to research, teach-
ing, and the acquisition of research grants (Ringelhan et al. 2013). They were asked 
to indicate, on a 5-point scale from 1 (less successful) to 5 (more successful), how 
successful their career development has been so far compared with other scientists 
in their scientific subfield (1) at their institution, (2) in the country they currently 
work in, and (3) worldwide. The scientific subfield that the participants had selected 
at the beginning of the survey was inserted automatically into the question (e.g., 
“compared with other scientists in psychology”). The items with regard to research 
performance, teaching performance, and grants performance were averaged, 
respectively. All three scales were reliable (research performance: α = 0.82, teaching 
performance: α = 0.87, grants performance: α = 0.88).

We used the scale by Murphy (1992) to assess participants’ leadership self-effi-
cacy, that is, the “confidence in the knowledge, skills, and abilities associated with 
leading others” (Hannah et  al. 2008, p. 669). The scale comprises eight items, of 
which two were slightly adapted by replacing the terms “students” and “peers” with 
“scientists”, for example, “I know a lot more than most scientists about what it takes 
to be a good leader”. Participants gave their answers on a 5-point scale (1 strongly 
disagree, 2 disagree, 3 neither agree or disagree, 4 agree, 5 strongly agree). Cron-
bach’s alpha was 0.84.

Additionally, the following item measured the participants’ leadership experi-
ence: “When it comes to leadership, I have…” (1 No experience, 4 Some experi-
ence, 7 Extensive experience). Three items measured the importance of grants, that 

Fig. 2  Research Design (according to Brand and Baier 2020)
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is, the extent to which acquiring research grants is important to the participant’s 
department (e.g., “The department of the institution I currently work for stresses the 
importance of acquiring research grants”). Participants answered these questions on 
a 7-point scale from 1 (strongly disagree) to 7 (strongly agree). Cronbach’s alpha 
was 0.84. Furthermore, we used three of six items of the perceptions of politics 
scale (Hochwarter et al. 2003; Treadway et al. 2005) to measure participants’ “indi-
vidual observation of others’ self-interested behaviors, such as the selective manipu-
lation of organizational policies” (Treadway et al. 2005, p. 872). We slightly adapted 
the wording so that the items referred to the higher education institution at which 
the participants currently work, for example, “In this institution, people are work-
ing ‘behind the scenes’ to ensure they get their piece of the pie”. The items we used 
had the highest factor loadings in the study by Hochwarter et al. (2003). Participants 
gave their answers on a 7-point scale (1 strongly disagree, 7 strongly agree). Cron-
bach’s alpha was 0.88. The following item measured the participants’ appointment 
experience: “When it comes to appointment procedures, I have…” (1 No experi-
ence, 4 Some experience, 7 Extensive experience).

Further, we operationalized the discrepancy between implicit and explicit 
appointment preferences as follows. We assigned a value of 1 to a criterion if there 
was a discrepancy between a participant’s implicit and explicit preferences. There 
was a discrepancy if (1) the criterion was among the three criteria with the high-
est relative attribute importances (i.e., implicit preference based on conjoint analy-
sis), but the participant had not selected it as one of the three most important crite-
ria (explicit preference), or (2) the participant had selected it as one of three most 
important criteria (explicit preference), but it was not among the three criteria with 
the highest relative attribute importances (implicit preference). In turn, we assigned 
a value of 0 to a criterion if there was no discrepancy between implicit and explicit 
preference. For the three criteria a participant had selected to be most important 
(explicit preferences), we also measured the degree of discrepancy. If there was 
no discrepancy, we again assigned a value of 0. If the criterion was not among the 
three criteria with the highest relative attribute importances (implicit preference), 
we assigned values from 1 (rank 4 of relative attribute importances) to 10 (rank 13 
of relative attribute importances).

4  Results

The results are structured as follows. First, we show scholars’ average, implicit 
appointment preferences, using counting analysis and the Hierarchical Bayes esti-
mation. Second, we report the discrepancies between scholars’ implicit and explicit 
preferences. By identifying current appointment preferences in higher education and 
analyzing scholars’ implicit preferences for performance criteria, we address the 
first aim of our study. Third, we present clusters of scholars who have different pat-
terns of appointment preferences, using segmentation analysis. By providing a more 
comprehensive overview of the factors that contribute to differences in appointment 
decisions, we address our second aim.
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4.1  Counting analysis

In the build-your-own section, most participants described an average candidate as 
a scholar who has written 50 publications, has published mainly together with other 
scholars, has acquired $ 100,000 through research grants, and has given 25 semi-
nars or lectures. In the screening section, participants selected an average of 13.85 
candidates (SD = 3.66, range: 2–24) as “would further consider this candidate”. In 
accordance with the build-your-own section, about one fourth of participants indi-
cated (1) that candidates should have at least 50 publications and at least few pub-
lications in top-tier journals, (2) that they should have acquired at least $ 100,000 
through research grants, and (3) that they should have held at least 25 seminars and 
lectures. Approximately one of six participants reported that they require candidates 
to have teaching evaluations with an average result of at least 3 out of 5, and one of 
eight participants requires candidates to have a teaching concept of at least accept-
able quality. On average, participants marked 1.53 attribute levels as must have 
(SD = 1.03, range: 0–5) and 1.85 attribute levels as unacceptable (SD = 1.26, range: 
0–8).

4.2  Hierarchical Bayes estimation

We used hierarchical Bayes (HB; see, e.g., Kruschke et al. 2012; Lenk et al. 1996) to 
estimate the part-worth utilities of the attribute levels in Lighthouse Studio. Table 3 
shows the part-worth utilities of the attribute levels and the relative attribute impor-
tances from the HB analysis. On average, the appointment criterion publication 
outlets had the largest influence on participants’ choices during the conjoint exer-
cise, as reflected by the highest relative attribute importance (14.13%). The second 
most important attributes were number of publications (12.07%) and grants acquired 
(11.82%). The confidence intervals of these two latter attribute importances over-
lap, indicating that there is no significant difference. The least important attributes 
were orientation toward mainstream (4.00%), management and leadership experi-
ence (3.71%), and candidates’ fit to the department, that is, research area (4.43%) 
and teaching activities (3.58%). The part-worth utilities indicate participants’ pref-
erences for the different attribute levels, and non-overlapping confidence intervals 
indicate that scholars’ preference for one level is significantly higher than their pref-
erence for another level. For example, candidates who have mainly published alone 
(mainly single authorship) are preferred the most (13.13) and candidates who have 
only published together with other scholars (only co-authorship) are preferred the 
least (− 16.47). The preference for the other two levels, that is, only single author-
ship (0.00) and mainly co-authorship (3.33), lies in between the highest and the low-
est part-worth utilities. They do not differ significantly from each other, as indicated 
by overlapping confidence intervals.
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Table 3  Part-worth Utilities of Attribute Levels and Relative Attribute Importances from the Hierarchi-
cal Bayes Analysis

Attributes and levels M SD 95% CI Min Max

Number of publications 12.07 6.50 [11.58, 12.56] 3.01 36.06
 300 publications 57.84 21.02 [56.25, 59.42] 23.06 152.29
 200 publications 32.50 21.73 [30.87, 34.14] 0.97 113.75
 100 publications 14.99 20.15 [13.47, 16.50]  − 17.06 86.77
 50 publications  − 6.28 16.27 [− 7.50, − 5.05]  − 50.90 44.59
 10 publications  − 99.05 66.78 [− 104.08, − 94.03]  − 346.52  − 16.06

Publication outlets 14.13 8.86 [13.46, 14.80] 2.05 41.70
 Only top-tier journals 73.53 43.99 [70.22, 76.84] 16.13 236.23
 Mainly top-tier journals 54.27 41.56 [51.14, 57.39]  − 0.43 180.92
 Few top-tier journals  − 17.63 27.37 [− 19.68, − 15.57]  − 117.72 49.31
 No top-tier journals  − 110.17 73.74 [− 115.72, − 104.63]  − 321.76  − 10.46

Authorship of publications 6.13 3.35 [5.88, 6.39] 0.54 24.19
 Only single authorship 0.00 39.38 [− 2.96, 2.97]  − 152.02 136.76
 Mainly single authorship 13.13 22.79 [11.42, 14.85]  − 55.00 113.94
 Mainly co-authorship 3.33 23.72 [1.55, 5.12]  − 64.14 98.88
 Only co-authorship  − 16.47 42.69 [− 19.68, − 13.26]  − 177.74 124.37

Research area 4.43 2.27 [4.26, 4.60] 0.40 14.78
 Would exactly correspond  − 3.59 22.01 [− 5.25, − 1.94]  − 72.88 71.61
 Would closely correspond  − 1.16 22.39 [− 2.85, 0.52]  − 110.05 71.31
 Would moderately expand  − 5.20 26.87 [− 7.22, − 3.18]  − 112.42 83.47
 Would greatly expand 9.95 25.43 [8.04, 11.86]  − 86.85 117.62

Orientation toward mainstream 4.00 2.03 [3.85, 4.15] 0.45 16.47
 Not at all  − 7.99 23.44 [− 9.75, − 6.22]  − 107.10 92.07
 Rather not  − 3.25 19.71 [− 4.73, − 1.76]  − 75.71 70.66
 Fairly 6.37 18.12 [5.01, 7.74]  − 88.29 67.31
 Closely 4.86 25.23 [2.96, 6.76]  − 122.01 86.25

Grants acquired 11.82 5.92 [11.38, 12.27] 3.25 36.48
 $ 5 Mio 67.59 28.16 [65.47, 69.7] 24.72 264.41
 $ 1 Mio 29.83 21.33 [28.23, 31.44]  − 9.77 141.25
 $ 500,000 6.07 17.52 [4.75, 7.39]  − 37.25 76.63
 $ 100,000  − 17.37 21.80 [− 19.01, − 15.73]  − 155.63 37.89
 $ 0  − 86.12 55.23 [− 90.27, − 81.96]  − 313.85  − 17.28

Number of seminars and lectures 9.23 4.51 [8.89, 9.57] 3.03 26.61
 100 seminars and lectures 45.17 12.89 [44.20, 46.14] 20.37 94.71
 75 seminars and lectures 23.51 11.99 [22.61, 24.42] 5.65 69.80
 50 seminars and lectures 7.76 13.52 [6.74, 8.78]  − 17.04 64.37
 25 seminars and lectures  − 1.65 15.59 [− 2.83, − 0.48]  − 51.46 41.77
 1 seminar or lecture  − 74.79 47.78 [− 78.38, − 71.20]  − 258.48  − 16.94

Teaching activities 3.58 1.76 [3.44, 3.71] 0.25 14.09
 Would exactly correspond  − 3.76 21.20 [− 5.35, − 2.16]  − 67.66 85.80
 Would closely correspond  − 4.22 19.30 [− 5.67, − 2.77]  − 65.05 58.01
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Table 3  (continued)

Attributes and levels M SD 95% CI Min Max

 Would moderately expand 3.46 18.39 [2.08, 4.84]  − 65.14 96.17
 Would greatly expand 4.52 20.53 [2.98, 6.07]  − 87.00 82.95

Teaching evaluations 9.92 7.13 [9.38, 10.46] 2.46 42.24
 5 out of 5 54.10 31.46 [51.73, 56.47] 19.12 221.66
 4 out of 5 29.75 36.27 [27.02, 32.48]  − 12.76 215.90
 3 out of 5  − 8.99 21.59 [− 10.62, − 7.37]  − 124.59 61.40
 2 out of 5  − 74.85 63.26 [− 79.61, − 70.10]  − 330.63  − 12.81

Teaching concept 8.16 5.43 [7.75, 8.57] 2.28 31.81
 Excellent 43.35 22.89 [41.63, 45.08] 15.49 150.74
 Good 22.97 25.24 [21.07, 24.87]  − 14.27 129.60
 Acceptable  − 3.59 18.19 [− 4.96, − 2.22]  − 98.34 61.43
 Poor  − 62.73 49.57 [− 66.46, − 59.00]  − 262.76  − 11.60

Management and leadership experience 3.71 2.90 [3.50, 3.93] 0.96 26.72
 Extensive 21.50 12.11 [20.59, 22.41] 7.21 115.80
 Some 5.28 16.65 [4.02, 6.53]  − 24.86 115.80
 No  − 26.78 26.51 [− 28.77, − 24.78]  − 231.60  − 4.85

International orientation 6.44 4.27 [6.12, 6.76] 2.05 29.53
 Strong 41.70 24.40 [39.87, 43.54] 14.99 193.53
 Moderate 14.62 21.61 [12.99, 16.25]  − 24.18 141.11
 Weak  − 14.34 17.25 [− 15.64, − 13.05]  − 121.73 30.09
 No  − 41.98 33.37 [− 44.49, − 39.47]  − 194.46  − 10.19

Integration into scientific community 6.38 3.49 [6.11, 6.64] 2.14 22.01
 Very well integrated 40.17 17.55 [38.85, 41.49] 15.05 119.54
 Moderately integrated 14.78 19.49 [13.32, 16.25]  − 19.60 111.82
 Weakly integrated  − 12.21 14.39 [− 13.29, − 11.13]  − 89.19 31.88
 Not integrated  − 42.74 30.23 [− 45.01, − 40.46]  − 187.18  − 11.37

N 681. CI confidence interval
a Within each attribute, levels with a higher part-worth utility are preferred over levels with a lower util-
ity. Part-worth utilities are interval data, that is, only differences between part-worth utilities are compa-
rable but not the utility values themselves. For each participant, the sum of utilities within each attribute 
is zero. Thus, negative utility values do not indicate that participants dislike a level, and it is not possible 
to compare part-worth utilities from different attributes with each other. Relative attribute importances 
are ratio data. They are calculated by subtracting the lowest from the highest utility value for each attrib-
ute and dividing it by the sum of these differences across all attributes. For each participant and across all 
participants, they sum up to 100%. For further analyses, we examined the attribute importances accord-
ing to scientific fields (social sciences vs. other scientific fields) and countries (Germany vs. U.S. vs. 
other countries). Based on the analyses for scientific fields, two significant differences (i.e., non-over-
lapping CIs) are apparent for attribute importances, specifically for publication outlets (higher for social 
sciences) and for grants acquired (higher for other scientific fields). Based on the analysis for countries, 
we found five significant differences (i.e., non-overlapping CIs) for attribute importances, specifically 
for number of publications (U.S. > other countries > Germany), grants acquired (Germany > other coun-
tries > U.S.), number of seminars and lectures (Germany > U.S., Germany > other countries; no difference 
for U.S. vs. other countries), teaching evaluations (U.S. > Germany, U.S. > other countries; no difference 
for Germany vs. other countries), and international orientation (Germany > U.S., other countries > U.S.; 
no difference for Germany vs. other countries) (the respective tables and results are available from the 
first author of the manuscript upon request)
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4.3  Discrepancies between implicit and explicit appointment preferences

The appointment criteria differed with regard to both overall discrepancy and type 
of discrepancy (see Fig. 3). The criteria number of publications, grants acquired, and 
number of seminars and lectures showed the highest overall discrepancy between 
implicit and explicit preferences. For each of these criteria, about one third of the 
participants had discrepant preferences. In comparison, the preferences for the cri-
teria orientation toward mainstream and teaching activities were discrepant for only 
6% of the participants. The criteria number of publications, number of seminars and 
lectures, and grants acquired (i.e., all of the quantitative criteria except of teaching 
evaluations) were discrepant mostly because scholars implicitly prefer these crite-
ria but do not report them to be important. Only few participants had discrepancies 
regarding quantitative criteria because they had explicit but not implicit preferences 
for the criteria. In turn, this type of discrepancy was typical for qualitative appoint-
ment criteria, particularly for authorship of publications, research area, management 
and leadership experience, and integration into scientific community. For example, 
170 participants had a discrepancy between their implicit and explicit preference for 
authorship of publications. Most of these participants (72%, n = 122) reported that it 
was one of three most important criteria to them for choosing among the candidates 
while it was, in fact, not one of the three most important criteria according to the 
relative attribute importance.

The sum of the degree of discrepancy over all three explicitly preferred appoint-
ment criteria (i.e., criteria that a participant selected as one of the three most 

Fig. 3  Overall discrepancy and type of discrepancy between implicit and explicit preference per appoint-
ment criterion
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important criteria) showed that there are considerable individual differences among 
scholars. On average, the participants had an overall degree of discrepancy of 5.96 
(SD = 4.85, range = 0–24). Only 13% of the participants had no discrepancy between 
their implicit and explicit appointment preferences, that is, the three criteria that 
they reported to be the most important to them for choosing among the candidates 
were the criteria with the highest relative attribute importance.

4.4  Segmentation analysis

Segmentation analysis is a technique employed in the behavioral sciences and psy-
chology to divide a larger target group into distinct and homogeneous subgroups, 
i.e., segments. These segments are comprised of individuals who share similar char-
acteristics, needs, attitudes, or behaviors. In order to identify distinct patterns of 
appointment preferences and explore how differences among scholars are related to 
differences in their appointment preferences, we conducted a segmentation analy-
sis. We followed the approach by Deal (2014), who proposes a two-level segmen-
tation process combining unsupervised and supervised machine learning methods 
(see Fig. 4). In Level 1, we segmented the sample of participants into subsamples 
based on their appointment preferences. In Level 2, we used covariates to predict the 
clusters build in Level 13 (Fig. 6 depicts the 14 covariates we used as predictors of 
cluster membership). In doing so, we were able to uncover hidden patterns within 

Fig. 4  Two-level segmentation process (adapted from Deal 2014)

3 A detailed and technical description of the segmentation analysis is available from the authors on 
request.
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the data, as this method unveiled previously undiscovered segments or clusters of 
scholars with similar appointment preferences.

Figure 5 shows the relative attribute importances for each of the three clusters, 
which allows inferences about the trade-offs. The clusters vary widely regarding 
the question of which appointment criteria are most important for evaluating candi-
dates. Participants in the “research” cluster have a strong preference for candidates 
who have published in top-tier journals and written a large number of publications. 

Fig. 5  Relative attribute importances of the final 3-clusters solution
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Many participants require candidates to have at least 50 publications and to have 
at least a few publications in top-tier journals; one out of ten participants even 
requires candidates to have published mainly in top-tier journals. The third most 
important attribute for participants in the research cluster is grants acquired but it 
is only half as important as the most important attribute publication outlets, imply-
ing that participants in this cluster would be likely to accept candidates with a suf-
ficient number of publications to perform less well in other criteria, such as grants 
(which illustrates the trade-off that commission members make). Furthermore, par-
ticipants in the research cluster had less discrepancies between their implicit and 
explicit appointment preferences than participants in the other two clusters. Partici-
pants in the “grants” cluster attach most importance to grants acquired. For 30% of 
participants, it is an absolute requirement that candidates have acquired at least $ 
100,000. The second most important attributes are number of seminars and lectures, 
teaching concept, and number of publications. Overall, the appointment preferences 
of participants in the grants cluster are more balanced than those of participants 
in the other two clusters, as suggested by a smaller range between the least impor-
tant attribute (teaching activities: 3.89%) and the most important attribute (grants 
acquired: 14.06%). Participants in the “teaching” cluster have a strong preference 
for candidates with positive teaching evaluations. This attribute is more than twice 

Fig. 6  Variable importance (predictors of cluster membership)
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as important as the second most important attributes publication outlets, number of 
publications, teaching concept, grants acquired, and number of seminars and lec-
tures. For the majority of participants in the teaching cluster (64.01%) it is a must-
have that candidates have at least teaching evaluations with an average of 3 out of 
5; one out of ten participants requires candidates to have teaching evaluations of at 
least 4 out of 5.

Figure 6 depicts the variable importances (i.e., mean decrease in accuracy) of the 
final 3-clusters-solution (CCEA 2; see appendices 2–4) in Level 2 of the segmen-
tation analysis. Variable importance indicates which predictor variables are most 
important for classifying respondents into the clusters, that is, which covariates dis-
tinguish the clusters the most. Among the covariates, country yielded the highest 
variable importance, followed by research performance, type of institution, impor-
tance of grants, and teaching performance.

In order to distinguish the clusters, we describe differences among the clusters 
regarding the covariates (i.e., predictors of cluster membership) by means of descrip-
tive statistics, Kruskal–Wallis tests (for continuous variables), and Chi-square tests 
(for categorical variables). We found significant differences with regard to all covar-
iates except of age (H(2) = 1.44, p = 0.487), gender (Χ2 = 5.78, p = 0.054), and lead-
ership experience (H(2) = 3.77, p = 0.152). For example, participants in the research 
cluster reported a higher research performance than participants in the grants cluster 
and the teaching cluster. Participants in the teaching cluster reported a lower impor-
tance of acquiring grants, a higher teaching performance, and a higher leadership 
self-efficacy. Participants in the grants cluster have less appointment experience than 
participants in the teaching cluster and slightly less appointment experience than 
participants in the research cluster. Chi-square tests revealed a significant associa-
tion between cluster membership and scientific field (Χ2 = 21.77, p < 0.001), type 
of institution (Χ2 = 22.65, p < 0.001), current position (Χ2 = 34.55, p < 0.001), and 
country (Χ2 = 95.29, p < 0.001), respectively. Scholars from not doctorate-granting 
institutions were less present in the research cluster (z =  − 3.23) and more present 
in the teaching cluster (z = 2.53). Professors were less present in the grants cluster 
(z =  − 2.39) and scholars holding a position other than professor or doctoral candi-
date were less present in the research cluster (z =  − 2.10) and the teaching cluster 
(z =  − 2.50) and were more present in the grants cluster (z = 3.62). Scholars from 
the U.S. were less present in the grants cluster (z =  − 5.14) and more present in the 
teaching cluster (z = 5.57), whereas scholars from Germany were more present in the 
grants cluster (z = 3.98) and less present in the teaching cluster (z =  − 3.58).

5  Discussion

Conducting an ACBC analysis, we found that appointment preferences are not 
homogeneous across all scholars. Instead, there are different patterns of appointment 
preferences, which are related to factors such as country, organizational character-
istics of higher education institutions and departments, and individual differences 
between scholars. Furthermore, our study revealed that scholars have three different 
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patterns of appointment preferences. With regard to the results of prior work that 
in part contradict our findings, our study offers the following explanations: While 
a few studies identify publication performance as the most important criterion for 
professorial appointments (e.g., Lutter and Schröder 2016), interviews and reports 
conclude that the acquisition of grants (Macfarlane 2011) as well as teaching perfor-
mance and candidate fit (Fuerstman and Lavertu 2005; Sheehan et al. 1998) play a 
central role in appointment decisions. Interestingly, these three criteria (i.e., number 
of publications, number of seminars and lecturers, and grants acquired) reveal the 
greatest discrepancy between explicit and implicit preferences. Applying the ACBC 
analysis, we have demonstrated that the discrepancy arises primarily because schol-
ars prefer these criteria implicitly, but do not mention them explicitly. Thus, the mis-
matches in research may arise, first, from the methods used. For example, interviews 
deliberately create a trusting environment so that participants more likely men-
tion their actual preferences (such as fit of the candidate). Second, the mismatches 
may be explained by other factors that contribute to differences in the decision. 
For instance, scholars from Germany attach greater importance to the acquisition 
of research grants, whereas scholars from the U.S. and from not doctorate-granting 
institutions attach greater importance to teaching evaluations. Accordingly, it mat-
ters considerably where the data has been collected. In the following, we will dis-
cuss the theoretical and practical implications in more detail.

5.1  Contributions

A major contribution of our study is the adoption of a comprehensive method. In 
contrast to methodological approaches used in previous work, ACBC analysis takes 
into account that scholars make trade-off decisions between appointment criteria 
because candidates are likely to fulfil some but not all expectations. By mimicking 
the decision process of appointment decisions, the method provides new insights 
into implicit preferences of appointment committee members, which affect how they 
evaluate job candidates and the outcome of appointment decisions. More generally, 
we suggest that ACBC analysis opens up new possibilities to study complex deci-
sions like personnel selection decisions in a realistic and detailed manner. Our study 
demonstrates the great potential of ACBC analysis as a superior method to further 
enhance our understanding of recruiters’ implicit preferences for selection criteria 
and the use of non-compensatory decision rules.

Previous research reveals contradictory results. The reasons for these contradic-
tory results are twofold: First, different methods produce mixed, incomplete results. 
Second, previous studies focus on specific countries or scientific fields, leading to 
limited results. We have demonstrated that ACBC is capable of providing holistic 
and valid results, accounting for differences in terms of countries, scientific fields, 
etc., while gathering data across multiple decisions in one run, reducing participant 
load, and increasing the accuracy of the results. Employing ACBC analysis to study 
scholars’ appointment preferences thus extends prior research in several ways. First, 
as we included more appointment criteria and provided participants with a greater 
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amount of selection options than most previous studies (e.g., Kasten 1984; Stein-
preis et al. 1999; Williams and Ceci 2015), we offer a more extensive overview of 
the criteria that play a role in professorial appointments. Second, as we subsequently 
identify patterns of implicit appointment preferences and determine variables that 
can predict scholars´ patterns of implicit preferences, we enhance the understanding 
of factors that contribute to differences in the importance of appointment criteria 
found in previous research. Compared to previous studies, our findings are based on 
an international and more diverse sample, including junior and senior scholars from 
different types of higher education institutions. We reveal differences in appointment 
preferences among countries (in total 48 countries, particularly between Germany 
and the U.S.). Furthermore, we show how organizational and individual characteris-
tics are related to scholars’ appointment preferences. In doing so, we validate previ-
ous results and provide explanations for mismatches in the literature, which may be 
related, for example, to the chosen method. In this context, we analyze the influence 
of additional characteristics, such as scholars’ current position and the importance of 
acquiring research grants for the department.

Contrary to other studies in this area, we explain discrepancies between explicit 
and implicit appointment criteria, considering cognitive biases. Especially for quan-
titative appointment criteria, implicit preferences may arise from the features of 
associative memory outlined by Morewedge and Kahneman (2010). In the context 
of a professorial appointment, the number of publications or the amount of grants 
raised might be related to typical (possibly self-achieved) performance criteria 
(i.e., associative coherence) and other positive characteristics, such as high level of 
dedication and research performance (i.e., attribute substitution). In addition, quan-
titative criteria, i.e., measurable quantities, simplify and accelerate decision mak-
ing (i.e., process fluidity), which is particularly important for professors with vari-
ous cognitive responsibilities. Accordingly, we provide evidence of the underlying 
process on how scholars jointly consider and weigh up a large number of different 
appointment criteria when they evaluate the scholarly performance of candidates for 
professorships.

Moreover, our findings have practical implications for higher education insti-
tutions and scholars because we provide a more comprehensive understanding of 
appointment preferences in higher education. We enhance the transparency of 
appointment decisions, which is important for young scholars who make career 
decisions. Furthermore, we identify distinct patterns of appointment preferences, 
thus, helping scholars to understand, which performance criteria are important for 
successfully applying for full professorships (Sutherland 2017). In particular, schol-
ars can benefit from knowing that their specific profile (e.g., a focus on teaching 
rather than research performance) is most advantageous when they apply for pro-
fessorships at certain types of higher education institutions or in a specific country. 
Our findings are also helpful for higher education institutions. The knowledge that 
appointment committee members differ in their appointment preferences could be 
used to improve the selection process. For example, a selection process that ensures 
that all committee members have the chance to express their opinion on the candi-
dates may result in a more well-balanced decision. The results also point to recent 
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changes in the performance measurement practices in academia because the criteria 
that are considered important for getting appointed to a tenured professorship reflect 
those aspects of scholarly performance that are highly valued by higher education 
institutions and by the scientific community (Bianco et al. 2016; Jackson et al. 2017; 
Parker 2008).

5.2  Limitations and future research

The following limitations need to be taken into account in the interpretation of our 
findings and should be considered in future studies on appointment preferences. 
First, the procedure of appointing full professors differs between higher education 
systems in different countries (e.g., Laudel 2017). Being aware of these differences, 
we developed the scenario of our conjoint exercise to be as general as possible so 
that it would be realistic to scholars from different countries. Nevertheless, country-
specific aspects related to the procedure of appointing full professors may have been 
neglected, limiting the generalizability of the results. Thus, specificities of appoint-
ment systems may lead to systematic differences in appointment preferences and 
should be examined in future research.

Second, most participants were from Germany or the U.S. and, despite the differ-
ent distribution channels of the survey, mainly social scientists participated in our 
study. We assume that social scientists are more familiar with completing question-
naires than scholars from other scientific fields, which explains the high percentage 
of social scientists in our sample. To analyze the representativeness of our sample 
for social scientists in Germany and the U.S., we compared various recent statisti-
cal data from central sources (e.g., the German Federal Statistical Office). Based 
on data concerning the share of females in our sample and concerning the average 
age at appointment to professor ranks, we feel confident that our sample is repre-
sentative for social scientists in Germany and the U.S. However, a larger number of 
participants from other countries and scientific fields is necessary to generalize our 
findings, of course.

Third, to take into account the multidimensionality of scholarly performance, we 
included many different appointment criteria. The large number of attributes are 
likely to have triggered participants to use simplifying heuristics (i.e., non-compen-
satory decision rules that focus on a small subset of all available criteria) and we 
contend that this situation accurately reflects the complexity of appointment deci-
sions. Adaptive choice-based conjoint analysis can capture these non-compensatory 
decision rules through unacceptable and must-have criteria so that the large number 
of attributes and the use of non-compensatory decision rules does not impair but 
enhance the validity of our results. In fact, appointment criteria other than those we 
selected may play a role in appointment decisions as well (e.g., academic awards; 
Lutter and Schröder 2016; Sheehan and Haselhorst 1999). Accordingly, these other 
criteria were omitted from our study. Future studies could include additional criteria 
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by using partial-profile designs, in which each choice task includes a random subset 
of all conjoint attributes (Orme 2014).

Fourth, according to the number-of-levels-effect, attributes with more levels tend 
to receive higher importance scores compared to attributes with fewer levels (e.g., 
Currim et al. 1981; De Wilde et al. 2008; Wittink et al. 1990). Therefore, the cri-
teria number of publications, grants acquired, and number of seminars and lectures 
may be slightly less important than the results suggest, whereas candidates’ man-
agement and leadership experience may be slightly more important. In this context, 
one might also argue that the levels of the attributes especially for “number of pub-
lications” are quite high. However, we determined the levels based on a publicly 
available ranking and additionally validated them in expert interviews; thus, we are 
confident that these levels are at least suitable for the field of social sciences (and, in 
particular, for the management field). Another argument in support of an appropri-
ate choice of levels is that the higher levels were (implicitly) preferred by the par-
ticipants themselves. Future studies that place greater emphasis on other scientific 
fields should, however, re-examine the levels and, if necessary, lower the number of 
publications in particular.

Fifth, the ACBC analysis provided a more realistic and engaging simulation of a 
complex decision-making process with a variety of attributes at the individual level. 
However, the method neglects real-life interactions with other committee members 
and their influence on decision making. Thus, future research may investigate causes 
of discrepancy between implicit and explicit preferences, for instance, considering 
social desirability or a potential lack of self-insight. Finally, future studies should 
take into account that appointment decisions are not made by individual scholars but 
committees, that is, groups of scholars. Narayan et al. (2011) showed that individu-
als revise their preferences when they learn about the preferences of peers, particu-
larly when they are unsure and peers are sure about their preferences. Considering 
that committee members usually differ in their expertise and their status (e.g., pro-
fessors and doctoral candidates), it would be interesting to examine how they influ-
ence each other’s appointment preferences.

6  Conclusion

This study identified current appointment preferences in higher education. An 
ACBC analysis revealed scholars’ implicit preferences in the evaluation of candi-
dates for a full professorship. On average, the three most important appointment 
criteria are the extent to which a candidate has published in top-tier journals, the 
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total number of publications, and the sum of money acquired through research 
grants. Overall, the results suggest that scholars base their appointment decisions 
more on candidates’ research performance than on their teaching performance and 
that they rely more on quantitative criteria than on qualitative criteria to evaluate 
scholarly performance. In line with previous studies (e.g., Fiedler and Welpe 2008; 
Iyer and Clark 1998; Landrum and Clump 2004; Pezzoni et al. 2012), we found that 
appointment preferences are not homogeneous across all scholars. Heterogeneity 
might be explained through cognitive biases. Depending on individual experiences 
(e.g., self-achieved successes), country-specific professorial appointment selection 
procedures, and (regular, informal) interactions with commission members, heuris-
tics emerge that simplify strategic decision making. Our results reveal that quan-
titative criteria in particular, being quick and easy to evaluate, are implicitly pre-
ferred. A segmentation analysis revealed that scholars have three distinct patterns 
of appointment preferences, which are related to factors such as country, organi-
zational characteristics of higher education institutions and departments (e.g., type 
of higher education institution), and individual differences between scholars (e.g., 
scholars’ own research performance). Country is the most important predictor for 
scholars’ appointment preferences, serving to forecast the corresponding cluster. 
For example, scholars from the U.S. are more likely to attach most importance to 
teaching evaluations, whereas scholars from Germany are more likely to value the 
acquisition of grants above all other criteria. Considering cognitive bias theory, the 
study contributes to literature on professorial appointments and provides impor-
tant insights for personnel selection research. Furthermore, our findings offer valu-
able practical implications for higher education institutions and scholars regarding 
appointment procedures and career decisions.

Appendix

See Appendix Tables 4, 5, 6, 7.
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Table 4  Attributes and Levels of the Conjoint Analysis

Attributes Levels

Number of publications
The total number of publications the candidate 

has written (including but not limited to journal 
articles, book chapters, edited volumes, and 
conference proceedings)

300 publications
200 publications
100 publications
50 publications
10 publications

Publication outlets
The extent to which the candidate has published in 

top-tier journals

Only top-tier journals
Mainly top-tier journals
Few top-tier journals
No top-tier journals

Authorship of publications
The extent to which the candidate has published 

alone (single authorship) or together with other 
scholars (co-authorship)

Only single authorship
Mainly single authorship
Mainly co-authorship
Only co-authorship

Research area
The extent to which the candidate’s research area 

would correspond to versus expand the research 
currently conducted at your department

Would exactly correspond to the research area of 
your department

Would closely correspond to the research area of 
your department

Would moderately expand the research area of your 
department

Would greatly expand the research area of your 
department

Orientation toward mainstream
The extent to which the candidate’s research is 

oriented toward the current mainstream

Not at all oriented toward the current mainstream
Rather not oriented toward the current mainstream
Fairly oriented toward the current mainstream
Closely oriented toward the current mainstream

Grants acquired
The total sum of money the candidate has acquired 

through research grants

$ 5 Mio
$ 1 Mio
$ 500,000
$ 100,000
$ 0

Number of seminars and lectures
The total number of seminars and lectures the 

candidate has held (including courses that were 
held more than once)

100 seminars and lectures
75 seminars and lectures
50 seminars and lectures
25 seminars and lectures
1 seminar or lecture

Teaching activities
The extent to which the candidate’s past teaching 

activities (subjects and types of courses) would 
correspond to versus expand the current range of 
courses at your department

Would exactly correspond to the current range of 
courses

Would closely correspond to the current range of 
courses

Would moderately expand the current range of 
courses

Would greatly expand the current range of courses
Teaching evaluations
The result of teaching evaluations averaged over 

all courses the candidate has held (assuming that 
the performance ranges from 1 = very bad to 
5 = very good)

5 out of 5
4 out of 5
3 out of 5
2 out of 5
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Table 4  (continued)

Attributes Levels

Teaching concept
The quality of a written teaching concept in which 

the candidate presents his/her didactic approach

Excellent teaching concept
Good teaching concept
Acceptable teaching concept
Poor teaching concept

Management and leadership experience
The extent to which the candidate has experience 

with management tasks and with leading other 
researchers (e.g., has been leader of research 
groups or head of an institute)

Extensive management and leadership experience
Some management and leadership experience
No management and leadership experience

International orientation
The extent to which the candidate has an interna-

tional orientation (e.g., stays abroad, publica-
tions with international co-authors)

Strong international orientation
Moderate international orientation
Weak international orientation
No international orientation

Integration into scientific community
The extent to which the candidate is integrated 

into the scientific community, indicated by col-
laborations with renowned scholars in the field 
(e.g., joint research projects, co-publications, 
research visits, invited talks, or guest lectures)

Very well integrated into the scientific community
Moderately integrated into the scientific community
Weakly integrated into the scientific community
Not integrated into the scientific community
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Table 6  Classification Performance for Alternative Cluster Solutions: Random Forests Models Predict-
ing Cluster Membership Based on Appointment Preferences

CCEA 1 Convergent cluster ensemble analysis with relative attribute importances as clustering variables, 
CCEA 2 Convergent cluster ensemble analysis with part-worth utilities as clustering variables, Training 
training sample (70%, n = 476), Holdout holdout sample (30%, n = 205), C1 … C5 = Cluster 1 … Cluster 
5. Accuracy, kappa, and balanced accuracy are measures of prediction performance (higher values indi-
cate that more participants were correctly classified; Min = 0, Max = 1). Accuracy is the proportion of 
all participants correctly classified. Kappa accounts for class imbalance by taking into account the prob-
ability of predicting cluster membership by chance alone. Balanced accuracy of a cluster is the average 
of sensitivity (i.e., the proportion of participants belonging to the cluster who were correctly classified) 
and specificity (i.e., the proportion of participants not belonging to the cluster who were correctly clas-
sified). Total balanced accuracy is the weighted average of balanced accuracies of all clusters. RMSD 
Root-mean-square deviation (calculated as the square root of the average of the squared absolute devia-
tions of the clusters’ balanced accuracies from the total balanced accuracy; lower values indicate a higher 
prediction balance)
a Kappa > 0 (p < 0.001) for all cluster solutions

Cluster Solution Sample Accuracy Kappaa Balanced Accuracy

Total C1 C2 C3 C4 C5 RMSD

CCEA 1 – 2 clusters Training 0.94 0.88 0.94 0.93 0.96 0.02
Holdout 0.95 0.90 0.95 0.95 0.95 0.00

CCEA 1 – 3 clusters Training 0.95 0.91 0.96 0.95 0.95 0.96 0.00
Holdout 0.91 0.85 0.93 0.92 0.94 0.92 0.01

CCEA 1 – 4 clusters Training 0.91 0.88 0.94 0.94 0.98 0.95 0.86 0.04
Holdout 0.93 0.90 0.95 0.95 0.99 0.96 0.84 0.06

CCEA 1 – 5 clusters Training 0.88 0.84 0.92 0.95 0.97 0.97 0.83 0.80 0.07
Holdout 0.89 0.85 0.93 0.96 0.98 0.95 0.81 0.83 0.07

CCEA 2 – 2 clusters Training 0.94 0.89 0.94 0.95 0.94 0.06
Holdout 0.96 0.92 0.96 0.96 0.96 0.04

CCEA 2 – 3 clusters Training 0.93 0.89 0.95 0.95 0.95 0.95 0.05
Holdout 0.90 0.85 0.92 0.94 0.91 0.92 0.07

CCEA 2 – 4 clusters Training 0.89 0.85 0.93 0.91 0.94 0.96 0.89 0.04
Holdout 0.89 0.85 0.92 0.92 0.94 0.90 0.93 0.04

CCEA 2 – 5 clusters Training 0.88 0.84 0.92 0.92 0.94 0.97 0.90 0.82 0.14
Holdout 0.86 0.82 0.91 0.94 0.95 0.91 0.94 0.81 0.14
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Table 7  Classification Performance for Alternative Cluster Solutions: Random Forests Models Predict-
ing Cluster Membership Based on Covariates

CCEA 1 Convergent cluster ensemble analysis with relative attribute importances as clustering variables, 
CCEA 2 Convergent cluster ensemble analysis with part-worth utilities as clustering variables, Training 
training sample (70%, n = 476), Holdout holdout sample (30%, n = 205), C1 … C5 = Cluster 1 … Cluster 
5. Accuracy, kappa, and balanced accuracy are measures of prediction performance (higher values indi-
cate that more participants were correctly classified; Min = 0, Max = 1). Accuracy is the proportion of 
all participants correctly classified. Kappa accounts for class imbalance by taking into account the prob-
ability of predicting cluster membership by chance alone. Balanced accuracy of a cluster is the average 
of sensitivity (i.e., the proportion of participants belonging to the cluster who were correctly classified) 
and specificity (i.e., the proportion of participants not belonging to the cluster who were correctly clas-
sified). Total balanced accuracy is the weighted average of balanced accuracies of all clusters. RMSD 
Root-mean-square deviation (calculated as the square root of the average of the squared absolute devia-
tions of the clusters’ balanced accuracies from the total balanced accuracy; lower values indicate a higher 
prediction balance)
a Kappa > 0 (p < 0.001) for all cluster solutions

Cluster Solution Sample Accuracy Kappaa Balanced Accuracy

Total C1 C2 C3 C4 C5 RMSD

CCEA 1 – 2 clusters Training 0.64 0.21 0.64 0.82 0.38 0.22
Holdout 0.70 0.33 0.70 0.83 0.47 0.19

CCEA 1 – 3 clusters Training 0.54 0.23 0.61 0.61 0.60 0.61 0.01
Holdout 0.56 0.26 0.63 0.63 0.64 0.58 0.03

CCEA 1 – 4 clusters Training 0.47 0.17 0.58 0.62 0.50 0.61 0.59 0.05
Holdout 0.48 0.18 0.59 0.61 0.52 0.59 0.63 0.04

CCEA 1 – 5 clusters Training 0.38 0.17 0.58 0.61 0.51 0.62 0.59 0.60 0.04
Holdout 0.39 0.19 0.59 0.60 0.55 0.61 0.62 0.61 0.02

CCEA 2 – 2 clusters Training 0.63 0.23 0.63 0.43 0.79 0.18
Holdout 0.69 0.33 0.69 0.52 0.80 0.14

CCEA 2 – 3 clusters Training 0.56 0.27 0.63 0.62 0.65 0.62 0.02
Holdout 0.59 0.33 0.66 0.64 0.68 0.65 0.02

CCEA 2 – 4 clusters Training 0.49 0.24 0.61 0.52 0.65 0.64 0.62 0.05
Holdout 0.50 0.26 0.63 0.55 0.68 0.63 0.62 0.05

CCEA 2 – 5 clusters Training 0.41 0.22 0.61 0.51 0.65 0.66 0.63 0.59 0.06
Holdout 0.35 0.17 0.59 0.51 0.62 0.64 0.61 0.57 0.05
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