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Abstract Globally, HIV prevention interventions have
proven efficacious among street-based female sex
workers (FSWs); yet, there is a dearth of US-based
HIV prevention research among this group. The lack
of research among FSWs in the USA is partially driven
by challenges in recruiting members of this population.
The purpose of this research is to describe how targeted
sampling was employed to recruit a cohort of street-
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based FSWs for a study that examined the role of police
in shaping the HIV risk environments of street-based
FSWs in Baltimore, MD. Our research demonstrates
that targeted sampling can be an advantageous strategy
for recruiting hidden populations that are mobile and
geographically dispersed.

Keywords Female sex workers - Targeted sampling -
HIV prevention

Introduction

Female sex workers (FSWs) experience high rates of
HIV and STI infections [1-3]. Socio-structural vulnera-
bilities (e.g., poverty, stigma, violence), the illicit nature
of sex work, high rates of substance use, and other
comorbid conditions place FSWs at sustained high risk
of HIV acquisition [4-7]. Street-based FSWs are at
heightened risk for HIV acquisition given their engaging
in sex work in the context of extremely unsafe work
environments [8—12]. Globally, HIV prevention inter-
ventions have proven efficacious among FSWs [13-17];
yet, there is a dearth of US-based HIV prevention re-
search among this group. The lack of research among
FSWs in the USA is partially driven by challenges in
recruiting members of this population. The illegality and
associated stigma of sex work in the USA may drive
FSWs to be reluctant to engage in research and discuss
the contexts of their sex work. Existing HIV studies
have primarily employed two methods for recruiting
“hidden” high-risk populations, targeted sampling
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(TS) and, more recently, respondent-driven sampling
(RDS) [18-20].

TS was developed as a strategy to sample people who
inject drugs (PWIDs) and their sexual partners during
the early years of the HIV epidemic [18]. As noted in
Watters (1989), TS is “an ongoing and interactive pro-
cess in which data are constantly analyzed and used to
adjust the recruitment and sampling techniques.” [18]
This method involves analyses of secondary data
sources as well as conducting primary data collection
to identify areas where the target population may be
found and, within those areas, locations that may be
included in a sampling frame [18]. The flexible and
on-going nature of TS allows investigators to incorpo-
rate new knowledge and revise recruitment strategies to
better reflect the fluid nature and behaviors of the target
population [18]. TS can be especially useful for the
recruitment of street-based FSWs as although areas of
concentrated sex trade are often identifiable within ur-
ban areas, the times and locations of sex work activity
may fluctuate due to external factors such as police
presence and weather conditions. Despite the strengths
of TS, it has fallen in popularity, possibly due to the
labor-intensive nature of its methods and the develop-
ment of RDS, which can be used to reduce biases
associated with non-random recruitment [21].

The changing landscape of publicly accessible
datasets could fundamentally reduce the labor-
intensive nature of TS. Increasing numbers of secondary
datasets are available via online portals. These online
data sources may have transformative impacts on how
TS can be employed by reducing the amount of work
required to implement the strategy, particularly in its
initial phases and by allowing easy updates as new data
becomes available. Secondary data can be analyzed
using geospatial software to efficiently identify the lo-
cations where members of the target population congre-
gate. Because TS fell out of favor in advance of this era
of easily accessible secondary data sources via online
platforms, there is a dearth of literature describing how it
can leverage these datasets to inform participant recruit-
ment. We aimed to describe how a diversity of second-
ary data sources was paired with primary ethnographic
data to recruit a sample of FSWs via TS for a study that
examined the role of police in shaping the HIV risk
environments of street-based FSWs in Baltimore, MD.
FSW recruitment described here was in advance of the
Sex worker and Police Promoting Health in Risky En-
vironments (SAPPHIRE) study.

Methodology
Overview of TS Approach Implementation

In accordance with the tenets of TS, we first conducted
thorough explorations of secondary data sources (e.g.,
prostitution charge data) that may include indicators of
sex work activity. Given the hidden nature of sex work,
we also engaged in primary data collection with local
stakeholders (e.g., law enforcement) to understand the
geotemporal distribution of sex work activities through-
out Baltimore City, MD. We briefly describe our prima-
ry and secondary data sources below. We then provide
an overview of our initial geospatial analyses to identify
locations of sex work activity and create an exhaustive
sampling frame. Figure 1 provides an overview of our
TS approach.

Secondary Data Sources

There were three sources of secondary data for our TS
strategy, all of which were publicly accessible online.
First, we utilized data from an open access dataset [22]
that described the top charge of persons processed at
Baltimore’s Central Booking and Intake Facility, includ-
ing information pertaining to the following: time and
location of charge, charge descriptions, and basic demo-
graphics of the individual charged. Given data availabil-
ity, only data from calendar year 2014 were included in
the development of our TS strategy. Due to variations in
how the charge descriptions were reported, we imported
the data to SAS Enterprise Guide v4.3 and compressed
all charge descriptions (i.e., removed all non-
alphanumeric data). We then calculated frequencies for
the compressed charge descriptions and determined spe-
cific text strings that could be used to identify prostitu-
tion charges. All records that did not suggest prostitution
charges were deleted. Remaining data were inspected
manually to validate that they were prostitution charges.
In total, we identified 599 prostitution charges; however,
only 75.6% (n=453) reflected charges among persons
who were identified as female and that had latitude and
longitude coordinates of where the charge occurred.
Second, we used a publicly accessible dataset of 911
call center reports in Baltimore City from March
through December 2015 [23]. Specifically, we extracted
reports involving prostitution activity (z=2193). Like
the charge data, these reports included information
pertaining to when and where the reported illicit activity
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Data Sources

Fig. 1 Overview of targeted sampling approach

took place. Although a complete calendar year of 911
call center data was not available at the time of analyses,
we felt that the recency of the data enhanced our ability
to identify locations of potential sex work.

Third, we extracted data from a publicly accessible
“Johns website” in which persons created posts about their
encounters with sex workers. The posts were heterogenous
in the amount of information persons disclosed; for exam-
ple, some posts included the following: costs per sex act;
times and locations of sex work activity; adverse experi-
ences with sex workers; drug use; and police activity.
Notably, the locations of sex work activity were presented
in multiple ways; for example, some postings included
descriptions of street intersections where FSWs may be
found while others detailed information pertaining to FSW
strolls. There was also a post that included a map of
approximate locations of sex work activity. Staff explored
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Lessons Learned

the website for information detailing FSW activities, but
focused data extraction efforts on those postings that were
created in the 2 months preceding participant recruitment.
These data were then imported to ArcMap v10.2.1 for
analysis.

Primary Data Sources

Primary data describing areas of sex work activity were
derived from a parallel ethnographic study with the Balti-
more City Police Department, a formative phase of the
SAPPHIRE study (Footer et al., An ethnographic explora-
tion of police practices towards street-based female sex
workers in Baltimore City, USA — informing structural
interventions to address HIV risk. under review). Study
staff participated in 300 hours of ride-alongs with police
officers in city districts with high numbers of prostitution
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charges, offering the opportunity to collect extensive
geotemporal data of SW activity. During ride-alongs, eth-
nographers recorded all visual sightings of potential sex
workers via dropping pins on Google Maps. Identification
of potential sex workers was based on both law enforce-
ment accounts (e.g., historical accountings of their interac-
tions with known sex workers) and staff members’ judg-
ment of the individual’s behavior, such as loitering in
known sex work strolls or approaching vehicles. Similar
data were also collected during windshield tours in which
field staff drove around areas of potential sex work to
confirm the presence of sex work activity and identify
any potential safety concerns (described below). Wind-
shield tours were also used in this research as they are a
proven strategy to observe social behaviors in urban areas
[24]. Ethnographic data of sex work activity were derived
from a diverse group of stakeholders, including police
leadership, patrol officers, and syringe services program
staff. Lastly, primary data were derived from interviews
with FSWs that served on a community advisory board for
the SAPPHIRE study.

Geospatial Analyses and Windshield Tours

Maps that described the geographic divisions of Baltimore
City were downloaded from the US Census Bureau and
imported to ArcMap. These files were used to contextual-
ize our data sources within relevant geographic units of
analyses. Reported latitude and longitude coordinates were
used to map prostitution charge events to corresponding
census block groups (CBGs). We selected CBGs as the
unit of analysis given that they are statistical divisions of
census tracts and provide a granular unit by which to
understand our data sources. The location of all prostitution
charge data was then overlaid with other primary and
secondary data to garner an overall sense of the distribution
of sex work activities throughout Baltimore. We then
calculated the number of prostitution charges per CBG
and conducted windshield tours in those CBGs having at
least the median number of charges (n=3); in total, this
generated a preliminary list of 42 CBGs for windshield
tours. These CBGs ranged in size from 0.02 to 0.94 mile”
(median 0.10 mile?).

Windshield Tour 1: CBG Level
As a way of verifying the locations of potential sex work

identified through primary and secondary data sources, we
conducted windshield tours (see Fig. 1; “Windshield Tour

1: CBG Level”) in the identified CBGs to confirm the
presence of sex work activity. To ensure that study staff
sufficiently covered the CBG, a GPS tracking smartphone
application was employed to track staff routes. The track-
ing application was used as a quality assurance check to
ensure that staff were covering all roadways in each CBG.
Staff members also dropped pin drops if they saw a
potential sex worker during the windshield tour. Although
collecting pin drops of potential sex workers did not
necessarily indicate confirmed sex workers, they did pro-
vide another layer of data for our TS strategy and reflect
the ongoing investigative nature of the process.

The results of our first round of windshield tours at
the CBG level did not yield significant insights into the
specific locations street-based FSWs congregate. Many
of the streets in the CBGs were residential in nature
rather than true zones of sex work activity (i.e., it was
evident that many CBGs had sex work strolls that were
surrounded by larger residential areas) and resulted in
long tours. Given staffing and fiscal limitations, and
consideration of the overall geographic size of the
CBGs, we concluded that we needed to revise our TS
strategy such that we conducted cohort recruitment in
much more precise locations with high concentrations
of sex work activity.

Post Hoc Geospatial Analyses: City Block Level

In order to identify more precise locations of concen-
trated sex work activity, we refined our geospatial ap-
proach in three ways. First, we changed the geographi-
cal unit of analysis from the CBG level to the city block
level, thus affording a much more granular lens to
examine indicators of sex work activity. Second, rather
than using the overall number of prostitution charges
(triangulated with other data sources) in a given unit of
analysis to inform our windshield tours, we conducted
hot spot analyses at the city block level to identify
clusters of sex work activity. Third, and related to our
use of hot spot analyses, we conducted a series of hot
spot analyses of prostitution charge data stratified by
race and gender to account for the potential segregation
of sex work activity (discussed below). Collectively,
these refinements enabled us to derive a better under-
standing of the spatial distribution and clustering of sex
work activity throughout Baltimore City and informed a
second round of windshield tours at the city block level
(see Fig. 1; “Windshield Tour 2: City Block Level”).
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In accordance with the tenets of TS, our refined
geospatial approach incorporated updated primary and
secondary data, when applicable. We used the optimized
hot spot analysis tool in ArcMap to identify spatial
clusters of prostitution charge events from CY 2014.
The optimized hot spot analysis tool “automatically
aggregates incident data, identifies an appropriate scale
of analysis, and corrects for both multiple testing and
spatial dependence.” [25] This tool determines the set-
tings that will “produce optimal hot spot analysis
results.” [25] Because sex work activity may be fluid
in nature, we set statistical significance at p <.10. Re-
laxed statistical significance allowed for the identifica-
tion of a greater number of hot spots and better
accounted for the practical significance of areas where
FSWs may locate potential clients, such as strolls that
span neighboring geographical divisions.

As mentioned above, we conducted optimized hot
spot analyses of the prostitution charge data stratified by
race, limited to “black” and “white” given the small
numbers of other race/ethnicities. Analyzing data by
demographic groups allowed for a more nuanced under-
standing of potential racial segregation of FSW activi-
ties. Notably, we also added another layer to our hot spot
analyses to include male-identified individuals charged
with prostitution due to the potential overlap between
areas where men and women sell sex. Due to small
sample sizes, we did not analyze male prostitution
charges by race. In total, we conducted five optimized
hot spot analyses that reflected hot spots of the follow-
ing: (1) all female prostitution charges; (2) all male
prostitution charges; (3) all black female prostitution
charges; (4) all white female prostitution charges; and
(5) and all prostitution charges (across all genders).
Following the creation of these hot spot maps, we
merged the hot spots into a single layer in ArcMAP.
Given our interest in recruiting street-based FSWs, we
further refined our approach by applying a 300-ft buffer
to the borders of the identified hot spots. Although
applying a 300-ft buffer to the hot spots expanded the
areas where we would do windshield tours, we felt it
better accounted for the fluid nature of sex work. Next,
we incorporated updated data to the city block level hot
spots to further refine our windshield tours (see Fig. 1;
“Windshield Tour 2: City Block Level”). First, we
mapped updated ethnographic data of sex work activity.
Because many of the locations from these data were
non-specific (e.g., a stakeholder described a neighbor-
hood or public park) and that street-based FSWs are
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mobile, we applied a 1000-ft buffer to their approximate
point locations. Second, we incorporated updated data
derived from postings made in the past month on the
Johns website. Collectively, these refinements led to the
identification of those areas shown in Fig. 2.

Windshield Tour 2: City Block Level

Like the CBG level windshield tours, staff found the
second round of windshield tours at the city block
level to be long in duration. However, they did provide
amore targeted canvassing of areas with high concen-
trations of sex work activity and allowed for continued
pin dropping of potential sex workers. While the city
block level windshield tours allowed us to verify
locations of sex work activity, additional work was
needed to understand location-specific contexts of sex
work (e.g., exact times when sex work activity takes
place, police presence, drug activities) and practical
issues associated with field staff recruiting women in
these environments, such as safety concerns and van
parking. As a result, we elected to conduct additional
geospatial analyses (discussed below) and implement
walking tours. During the walking tours, we conduct-
ed key informant interviews with constituents to ac-
cess their knowledge of sex work activity as well as
glean information about safe locations for staff to
recruit participants and park the study van.

Walking Tours

To identify where we should conduct the walking tours,
we created heat maps of 911 call center data and sex
worker pin drops that were collected during the police
ride-alongs and windshield tours (see Fig. 1; “Walking
Tour”). Heats maps were used as they allow for exam-
inations of the relative density of point features, such as
prostitution reports. We elected to use these two data
sources as the foundation for guiding where we con-
ducted walking tours as they may have reflected a more
realistic measure of sex work activity than prostitution
charge data given that charge data is reflective of police
capacity to conduct stings. Furthermore, we knew that
prostitution reports would drive where police conducted
prostitution stings and therefore overlap with where
charges occurred. Collectively, this approach enabled
us to build upon what we learned from the windshield
tours by focusing our walking tours in highly precise
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Fig. 2 Target areas for
Windshield Tour 2

Legend

- Target Areas for Windshield Tour 2

locations that were primarily within the CBGs and city
blocks previously toured.

Due to the 911 data limitations (i.e., data did not
include information pertaining to how many unique
persons reported sex work activity), we chose to create
two heat maps to inform our walking tours: one using
only 911 call center data and another using both 911
call center data and sex worker pin drops. This ap-
proach was also used because we did not have enough
pin drops to conduct meaningful heat mapping using
only those data. Through these maps, we were able to
increase the specificity of our understanding of where
sex work activity took place. For example, the heat map
thatused only 911 call center data suggested that there
were small geographic areas with high concentrations
of sex work activity. Building on this map, incorpora-
tion of the sex worker pin drops did not change the
relative locations of areas with greatest concentrations
of sex work activity, but rather expanded their

geographic footprint, thus enhancing how we under-
stood the fluidity of sex work.

We found that heat maps offered significant utility in
enhancing our understanding of sex work activity by
reflecting the highest concentrations of sex work activ-
ity. The identified locations for the walking tours
encompassed a large portion of the 911 report data.
Specifically, from March 2015 to December 2015, there
were 2193 prostitution reports made to the 911 call
center. Of these, 98.4% (n=2159) included data viable
for geocoding. In comparing the locations of the walk-
ing tours to the locations of the 911 reports, 63.7% (n =
1375) of the 911 reports were within the areas where we
conducted walking tours. Further, 83.5% of the pin
drops of potential sex worker identified during the first
and second windshield tours were within the target
areas. During the walking tours, we engaged key infor-
mants (n =90) about sex work activities and found that
although their accounts corroborated that sex workers
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were in the area, they were not able to describe in great
detail when sex workers were out.

Development of the Sampling Frame

After completing the walking tours, we operationalized
the units of our TS frame (see Fig. 1; “Sampling
Frame”). Comparable to time location sampling (TLS)
[26], each unit of our sampling frame consisted of three
components: a venue, day of the week, and specific time
period within a day. While the development of our TS
frame parallels those methods used in TLS, they are
distinct in that we focused our recruitment efforts in
those locations with highest concentrations of sex work
activity rather than a random selection of the “universe”
of areas of sex work activity (as would be done in TLS).
The location (venue) components of our sampling frame
units were defined as a small geographical area with
high concentrations of sex work activity, collectively
identified via information derived from our geospatial
analyses of primary and secondary data sources and
resulting windshield and walking tours. In total, we
identified 14 venues with high concentrations of sex
work activity for participant recruitment in Baltimore
City.

The day and time components of the sampling frame
were guided by qualitative data collected during the
walking tours; however, because these data did not
provide a great deal of insight into specific times of
sex work activity, we supplemented these data with
information derived from the 911 call center data. Spe-
cifically, we calculated overall frequency distributions
of sex work reports to the 911 call center by day and
time. We then selected those days and times in each
location that suggested high concentrations of FSW
activities. Furthermore, day and time units were also
triangulated with primary and secondary data sources.
Given the transient nature of street-based sex work, we
elected to group the time component of the sampling
frame in 4-h blocks. This ensured maximum coverage
during peak hours of potential sex work activity in each
venue. In total, our 14 locations generated 71 unique
venue-day-time units for the sampling frame.

Importantly, we did not set recruitment targets for the
units of our TS frame due to the absence of FSW
population size estimates in Baltimore City. Further-
more, the charge data did not include information that
would have allowed us to ascertain the number of
unique persons charged with prostitution, nor did the

@ Springer

911 call center data provide a unique identifier for the
person that made the report. Similar to research [27]
among opioid-dependent persons in Baltimore, the pres-
ence of sex work activity throughout many different
parts of Baltimore City also impeded our ability to set
quotas for each venue.

Results

Our baseline recruitment activities spanned April 2016
to January 2017 (Fig. 3). Because we anticipated chal-
lenges in recruiting FSW partly due to negative interac-
tions with police and other community stakeholders, we
chose to visit all of the units of our sampling frame.
Study staff visited randomly selected units of the sam-
pling frame with FSW activities on the corresponding
day in which recruitment activities were taking place;
for example, if staff were conducting recruitment on a
Tuesday, staff selected randomly from those units of the
sampling frame that indicated FSW activities occurred
on Tuesdays. After visiting all of the units of the sam-
pling frame, we re-evaluated our data sources and de-
veloped a supplementary list of sampling frame units
(n = 13); notably, these units largely paralleled our initial
list of 71-day time units, but with marginally different
time components. In total, we recruited a cohort of 250
FSWs over 129 shifts, totaling 555 h in which our
recruitment van and associated field staff were in the
identified areas of sex work activity. On average, each
participant took 2.2 h to recruit in the field with approx-
imately two participants recruited per shift. As an incen-
tive for participating in this research, all FSWs received
a pre-paid $70 USD VISA gift card for completing the
baseline survey. Although the iterative nature of our TS
strategy was analytically labor intensive and required
windshield and walking tours, it maximized efficiency
in cohort recruitment via its specificity and ability to
target the precise times and locations of peak sex work
activity.

Discussion

This research describes a robust targeted sampling ap-
proach used to recruit one of the first cohorts of street-
based FSWs in the USA. Our experiences demonstrate
that while the ongoing investigative nature of TS may be
analytically labor intensive, it can be successfully



Implementing Targeted Sampling: Lessons Learned from Recruiting Female Sex Workers in Baltimore, MD 449

Fig. 3 Cumulative participant

recruitment by month
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utilized in a modern era of diverse secondary data
sources to efficiently recruit a sample of street-based
FSWs in the USA. Unique data sources paired with
ethnographic data and ongoing data collection on the
target population during windshield and walking tours
allowed for the development of a comprehensive and up
to date understanding of the geotemporal distribution of
street-based sex work activity in Baltimore City. This
research builds on existing studies that employed TS by
showing how researchers may employ the method in
other places where relevant data sources are publicly
available online and constantly updated. Our study also
enhances the TS literature by demonstrating how mul-
tiple layers of geospatial analyses can be used to create a
sampling frame for recruiting a diverse cohort of study
participants. The inherent flexibility of TS afforded our
study the ability to adapt to the respective limitations of
our data sources in real time, while rigorously evaluat-
ing where to best implement recruitment efforts.
Numerous lessons were learned throughout the im-
plementation of our TS strategy. First, the employment
of a diversity of secondary data sources adds to the
comprehensiveness and robustness of identified recruit-
ment venues. Our use of data derived from a Johns
website led to the identification of areas of sex work
activity that were not identified via prostitution charge
data and 911 call center data. Another lesson learned
was that of the importance of conducting multiple layers
of geospatial analyses to identify areas of sex work
activity. By analyzing available data by specific demo-
graphics, we identified areas of sex work activity that
were not captured by macro-level analyses. Relatedly,
by relaxing statistical significance to p < .10 for hot spot
identification and applying buffers to identified venues,

Month, Year

we were able to better ensure our research team con-
ducted tours in all potential areas of sex work activity.
Collectively, these steps in our TS strategy afforded us
the ability to target precise times and locations where
street-based FSWs congregate while still accounting for
persons’ relative mobility. This was a significant benefit
to our study as street-based FSWs are both a hidden
population and subject to external factors, such as police
presence, that may influence when and where sex work
takes place.

We also learned that windshield tours can be burden-
some on staff if persons are not given precise locations
to tour. For example, in our CBG-level windshield tours,
the target areas were simply too large. While windshield
tours may offer considerable insights into the behaviors
of the target population, researchers must be cognizant
of the burden created by canvassing these areas and
assess overall feasibility of touring an identified area in
entirety. Relatedly, researchers should evaluate if the
areas they identify for windshield tours are of true
interest or rather larger areas that contain small, concen-
trated areas of the target population. For example, we
quickly learned during our CBG-level windshield tours
that the CBGs likely contained FSW strolls that were
surrounded by larger residential areas in which sex work
did not occur. Furthermore, researchers may be well
served to include quality assurance checks; our use of
a GPS tracking application served as an effective strat-
egy to verify where staff were going during the wind-
shield tours.

There were multiple strengths of this research. First,
the complexity and diversity of data sources afforded
our team a robust understanding of sex work activity in
Baltimore City. Furthermore, our geospatial analyses
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and associated tours ensured that data were evaluated at
the appropriate unit of analysis while still allowing for
ongoing data triangulation and collection (e.g., pin
drops during tours). Relatedly, our inclusion of hot spot
analyses specific to each demographic group paired with
ethnographic data and information gleaned from the
Johns website enhanced our understanding of sex work
throughout Baltimore City.

This research is not without limitations. There was
adegree of circularity between the 911 call center data
and prostitution charge data as policing efforts, and
therefore, arrests are responsive to community de-
mands. Relatedly, the police data only included the
top charge. As a result, it is possible FSWs who were
charged with higher-level crimes at the time of receiv-
ing a prostitution charge were not reflected in our
analyses. Another limitation of this research is that
we only engaged FSWs directly in understanding the
locations of their sex work activities via our commu-
nity advisory board. Conducting ethnographic data
collection with a larger and more diverse group of
FSWs may have led to increased understanding of
sex work activity; however, this population is difficult
to engage in research without first developing a pre-
liminary understanding of where and when sex work
occurs and cultivating relationships with community
gate keepers. Lastly, while our use of hot spot and heat
mapping resulted in the identification of areas with
high concentrations of sex work activity, it is possible
we did not access FSWs that work in more isolated
areas. In summary, we feel the efficiently with which
we recruited our cohort, and cohort diversity, out-
weigh these limitations.

Conclusion

TS is a productive strategy to recruit members of
hidden populations that affords flexibility in partic-
ipant recruitment via incorporation of new data that
describes when and where the target population may
be found. Purposeful geospatial analyses of diverse
and emerging forms of publicly accessible data
paired with traditional forms of data can lead to
the rapid identification of where and when members
of the target population congregate. Although the
iterative nature of TS may be analytically labor
intensive, it can be a productive strategy for the
recruitment of hidden populations.

@ Springer

Acknowledgements We thank the SAPPHIRE research staff,
community advisory board and the women who participated in
the study. This work was supported by the National Institute on
Drug Abuse (RO1DA038499-01). The funders had no role in study
design, data collection, or in analysis and interpretation of the
results, and this paper does not necessarily reflect views or opin-
ions of the funders.

Open Access This article is distributed under the terms of the
Creative Commons Attribution 4.0 International License (http://
creativecommons.org/licenses/by/4.0/), which permits unrestrict-
ed use, distribution, and reproduction in any medium, provided
you give appropriate credit to the original author(s) and the source,
provide a link to the Creative Commons license, and indicate if
changes were made.

References

1. Baral S, Beyrer C, Muessig K, et al. Burden of HIV among
female sex workers in low-income and middle-income coun-
tries: a systematic review and meta-analysis. Lancet Infect
Dis. 12(7):538-49.

2. Patterson TL, Semple SJ, Staines H, Lozada R, Orozovich P,
Bucardo J, et al. Prevalence and correlates of HIV infection
among female sex workers in 2 Mexico-US border cities. J
Infect Dis. 2008;197(5):728-32.

3. Platt L, Rhodes T, Judd A, Koshkina E, Maksimova S,
Latishevskaya N, et al. Effects of sex work on the prevalence
of syphilis among injection drug users in 3 Russian cities.
Am J Public Health. 2007;97(3):478-85.

4. Kerrigan DWA, Baral SD, Decker MR, Murray L, Poteat T,
Pretorius C, et al. The global HIV epidemics among sex
workers. Washington, DC: World Bank; 2012.

5. UNAIDS. UNAIDS Guidance Note on HIV and Sex Work.
Geneva, Switzerland: UNAIDS; 2012.

6. Ulibarri MD, Roesch S, Rangel MG, Staines H, Amaro H,
Strathdee SA. “Amar te Duele” (“love hurts”): sexual rela-
tionship power, intimate partner violence, depression symp-
toms and HIV risk among female sex workers who use drugs
and their non-commercial, steady partners in Mexico. AIDS
Behav. 2015;19(1):9-18.

7. El-bassel N, Witte SS, Wada T, Gilbert L, Wallace J.
Correlates of partner violence among female street-based
sex workers: substance abuse, history of childhood abuse,
and HIV risks. AIDS Patient Care STDs. 2001;15(1):41-51.

8. Agha S, Chulu nchima M. Life-circumstances, working
conditions and HIV risk among street and nightclub-based
sex workers in Lusaka, Zambia. Cult Health Sex. 2004;6(4):
283-99.

9.  Wojcicki JM, Malala J. Condom use, power and HIV/AIDS
risk: sex-workers bargain for survival in Hillbrow/Joubert
Park/Berea, Johannesburg. Soc Sci Med. 2001;53(1):99—
121.

10. Shannon K, Kerr T, Strathdee SA, Shoveller J, Montaner JS,
Tyndall MW. Prevalence and structural correlates of gender
based violence among a prospective cohort of female sex
workers. BMJ. 2009;339:b2939.



Implementing Targeted Sampling: Lessons Learned from Recruiting Female Sex Workers in Baltimore, MD 451

11.

12.

13.

14.

15.

16.

17.

18.

Shannon K, Strathdee SA, Shoveller J, Rusch M, Kerr T,
Tyndall MW. Structural and environmental barriers to con-
dom use negotiation with clients among female sex workers:
implications for HIV-prevention strategies and policy. Am J
Public Health. 2009;99(4):659-65.

Sherman SG, Footer K, Illangasekare S, Clark E, Pearson E,
Decker MR. “what makes you think you have special priv-
ileges because you are a police officer?” a qualitative explo-
ration of police's role in the risk environment of female sex
workers. AIDS Care. 2015;27(4):473-80.

Gangopadhyay DN, Chanda M, Sarkar K, Niyogi SK,
Chakraborty S, Saha MK, et al. Evaluation of sexually
transmitted diseases/human immunodeficiency virus inter-
vention programs for sex workers in Calcutta, India. Sex
Transm Dis. 2005;32(11):680-4.

Blankenship KM, West BS, Kershaw TS, Biradavolu MR.
Power, community mobilization, and condom use practices
among female sex workers in Andhra Pradesh, India. AIDS.
2008;22(Suppl 5):S109-16.

Jana S, Basu I, Rotheram-borus MJ, Newman PA. The
Sonagachi project: a sustainable community intervention
program. AIDS Educ Prev. 2004;16(5):405-14.

Kerrigan D, Moreno L, Rosario S, Gomez B, Jerez H,
Barrington C, et al. Environmental-structural interventions
to reduce HIV/STI risk among female sex workers in the
Dominican Republic. Am J Public Health. 2006;96(1):120—
5.

Lippman SA, Chinaglia M, Donini AA, Diaz J, Reingold A,
Kerrigan DL. Findings from Encontros: a multilevel STI/
HIV intervention to increase condom use, reduce STI, and
change the social environment among sex workers in Brazil.
Sex Transm Dis. 2012;39(3):209-16.

Watters JK, Biernacki P. Targeted sampling: options for the
study of hidden populations. Soc Probl. 1989;36(4):416-30.

19.

20.

21.

22.

23.

24.

25.

26.

217.

Carlson RG, Wang J, Siegal HA, Falck RS, Guo J. An
ethnographic approach to targeted sampling: problems and
solutions in AIDS prevention research among injection drug
and crack-cocaine users. Hum Organ. 1994;53(3):279-86.
Kral AH, Malekinejad M, Vaudrey J, Martinez AN, Lorvick
J, McFarland W, et al. Comparing respondent-driven sam-
pling and targeted sampling methods of recruiting injection
drug users in San Francisco. J Urban Health. 2010;87(5):
839-50.

Heckathorn D. Respondent-driven sampling: a new ap-
proach to the study of hidden populations. Soc Probl.
1997;44(2):174-99.

City of Baltimore. Available at: https://data.baltimorecity.
gov/Public-Safety/BPD-Arrests/3i3v-ibrt. Accessed 6
Feb 2018.

City of Baltimore. Available at: https://data.baltimorecity.
gov/Public-Safety/911-Police-Calls-for-Service/xviu-ezkt.
Accessed 6 Feb 2018.

Sampson RJ, Raudenbush SW. Systematic social observa-
tion of public spaces: a new look at disorder in urban
neighborhoods. Am J Sociol. 1999;105(3):603-51.
Environmental Systems Research Institute, Inc. Optimized
Hot Spot Analysis. Available at: http://desktop.arcgis.
com/en/arcmap/10.3/tools/spatial-statistics-
toolbox/optimized-hot-spot-analysis.htm. Accessed 6
Feb 2018.

Raymond H, Ick T, Grasso M, Vaudrey J, McFarland W.
Resource guide: time location sampling (TLS), 2nd edn.
Availalbe at: https://globalhealthsciences.ucsf.
edu/sites/globalhealthsciences.ucsf.edu/files/tls-res-guide-
2nd-edition.pdf. Acceessed 6 Feb 2018.

Peterson James A, Reisinger Heather S, Schwartz Robert P,
Mitchell Shannon G, Kelly Sharon M, Brown Barry S, et al.
Targeted sampling in drug abuse research: a review and case
study. Field Methods. 2008;20:155-70.

@ Springer


https://data.baltimorecity.gov/Public-Safety/BPD-Arrests/3i3v-ibrt
https://data.baltimorecity.gov/Public-Safety/BPD-Arrests/3i3v-ibrt
https://data.baltimorecity.gov/Public-Safety/911-Police-Calls-for-Service/xviu-ezkt
https://data.baltimorecity.gov/Public-Safety/911-Police-Calls-for-Service/xviu-ezkt
http://desktop.arcgis.com/en/arcmap/10.3/tools/spatial-statistics-toolbox/optimized-hot-spot-analysis.htm
http://desktop.arcgis.com/en/arcmap/10.3/tools/spatial-statistics-toolbox/optimized-hot-spot-analysis.htm
http://desktop.arcgis.com/en/arcmap/10.3/tools/spatial-statistics-toolbox/optimized-hot-spot-analysis.htm
https://globalhealthsciences.ucsf.edu/sites/globalhealthsciences.ucsf.edu/files/tls-res-guide-2nd-edition.pdf
https://globalhealthsciences.ucsf.edu/sites/globalhealthsciences.ucsf.edu/files/tls-res-guide-2nd-edition.pdf
https://globalhealthsciences.ucsf.edu/sites/globalhealthsciences.ucsf.edu/files/tls-res-guide-2nd-edition.pdf

	Implementing Targeted Sampling: Lessons Learned from Recruiting Female Sex Workers in Baltimore, MD
	Abstract
	Introduction
	Methodology
	Overview of TS Approach Implementation
	Secondary Data Sources
	Primary Data Sources
	Geospatial Analyses and Windshield Tours

	Windshield Tour 1: CBG Level
	Post Hoc Geospatial Analyses: City Block Level

	Windshield Tour 2: City Block Level
	Walking Tours
	Development of the Sampling Frame

	Results
	Discussion
	Conclusion
	References


