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Introduction

The conceptualization of self-regulated learning (SRL) has been profoundly articulated in
recent special issues focused on the similarities and distinctions between SRL and related
phenomena like self-regulation, metacognition, and motivation as well as the development of
new environments and methods that improve SRL research (Alexander 2008; Azevedo 2005a,
2005b, 2007; Azevedo and Hadwin 2005; Greene and Azevedo 2010; Gress and Hadwin
2010; Järvelä and Hadwin 2013; Molenaar and Järvelä 2014; Perry 2002; Winne and Baker
2013). These special issues have examined how the affordances of (usually computer-based)
learning environments can provide the means to observe phenomena described in SRL models
and to empirically test theoretical assumptions (Azevedo 2005b; Azevedo and Hadwin 2005;
Efklides 2011; Winne and Hadwin 2008; Winne 2010, 2011; Zimmerman and Schunk 2008,
2011). In this special issue, we tighten the focus of this ongoing discussion by focusing on
three key features of SRL frameworks: contextual factors, contingencies, and dynamic rela-
tions. Contextual factors encompass features of the learning environment, the learner, and their
interaction (Efklides 2011). Contingencies refer to instances where one event occurs in the
context of another (Winne and Hadwin 2008; Winne 2010, 2011) – a critical assumption of
process models of SRL and the basis for research on sequential and temporal characteristics of
SRL (Molenaar and Järvelä 2014). Dynamic relations occur when two or more SRL processes
influence one another (Winne and Hadwin 2008; Zimmerman and Schunk 2011).

The contributors of this special issue are leading international researchers who examine
how contextual factors influence SRL (Ben-Eliyahu and Linnenbrink-Garcia 2015; McCardle
and Hadwin 2015), how contingent metacognitive processes influence achievement
(Binbarasan-Tüysüzoğlu and Greene 2015), and how SRL processes dynamically influence
one another as learning unfolds (Bernacki et al. 2015; Lichtinger and Kaplan 2015). Two
commentaries identify the cross-cutting themes of the special issue (Karabenick and Zusho
2015) and appraise the alignment between the theoretical assumptions, research designs, and
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analyses in these and other studies of SRL (Dent and Hoyle 2015). In this introduction, we
define contextual factors, contingencies, and dynamic relations, chronicle their emergence as
key components of SRL theories, and consider how the articles from this special issue reflect
these themes. We propose the integrated Self-Regulated Learning (iSRL) model, which draws
on work from the social and clinical sciences (Gross 2008; Gross and John 2003; Hoyle 2010;
Schmeichel and Baumeister 2004) to situate our discussion of SRL within the broader life-
context of the individual (Bowers et al. 2011; Bronfenbrenner 1977, 1994; Bronfenbrenner and
Ceci 1994) and use the iSRL model to demonstrate how SRL processes in a learning task can
be affected by factors that are outside of the immediate context (e.g., neighborhood, family,
school, course) where SRL is observed. We also consider the time scale at which SRL
phenomena are observed and propose that the use of a common time scale can help reconcile
research on a single SRL phenomenon observed using differently focused methods of obser-
vation. This organization, adapted from cognitive science (Newell 1990) can further assist
researchers in obtaining the alignment that Dent and Hoyle (2015) underscore as critical in
SRL research.

Context

From the earliest conceptualizations, Bcontext^ has appeared as a key component of SRL
frameworks (e.g. Pintrich 2000; as Btask in context^ in Boekaerts and Niemivirta 2000; as
Blearning task^ in Winne and Hadwin 1998; as Benvironment^ in Zimmerman 2000). New
frameworks have placed increased focus on how context, its evolution, and its interaction with
individual characteristics influences SRL (Efklides 2011; Winne 2010). The Btask^ generally
refers to the immediate learning task defined at the initiation of the SRL process (Winne and
Hadwin 1998), whereas the learning environment refers to broader characteristics such as the
learning space (e.g., school-based course or museum) or features (e.g., liked versus disliked
discipline). To empirically examine these direct and indirect effects requires that the task be
operationally defined and that features of the task environment are accounted for and incor-
porated into research designs. In this special issue, we extend the consideration of contextual
factors beyond the immediate characteristics of the learning task to include characteristics of
the larger learning context in which the task is embedded. For example, studies by Ben-
Eliyahu and Linnenbrink-Garcia (2015) andMcCardle and Hadwin (2015) examine contextual
factors at the course-level, as well as the more distal factors that may also affect how
individuals self-regulate their learning.

Contingency

As with contextual factors, contingent relationships were critical components of early process
models of SRL that assume events in one cycle of SRL are contingent upon prior steps or prior
cycles (e.g., Winne 1985; Winne and Hadwin 1998; Zimmerman 1989, 2000). Contingencies
refer to IF – THEN scenarios where a learner consciously determines that, in response to the
occurrence of a specific SRL event (i.e., the BIF^), a second event or process should be
initiated (i.e., the THEN; Winne 2010). For example, reading a dense passage may be
identified as challenging by making a metacognitive monitoring judgment. In light of this
judgment, the learner selects a metacognitive control strategy, like note taking. Here, an
observation (i.e., the reading is dense) is made during the monitoring process, which cues
the contingent selection of the note taking strategy selection (i.e., BIF I encounter a dense
reading passage, THEN I should be sure to take notes so that I can elaborate on the most
important segments of the reading^).
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Refinements in the early process models place renewed emphasis on contingent relation-
ships that can be observed when SRL events are examined as they unfold over time. Research
methods have emerged to examine contingent relations (e.g., Winne 2011) and empirical work
has begun to emerge examining the occurrence and outcomes of contingent events (cf.
Molenaar and Järvelä 2014). In this issue, Binbarasan-Tüysüzoğlu and Greene (2015) use
judgments of learning made when thinking aloud to test assumption of the COPES model of
SRL (Winne 1997, 2010, 2011, 2014; Winne and Hadwin 1998, 2008) and examine contin-
gencies between metacognitive monitoring and control process and their effects on academic
performance.

Dynamic relations

Models that conceptualize SRL as an iterative, cyclical process are, by rule, dynamic models in
that any activity that occurs within one cycle can affect activities that follow within that cycle,
and any activity within subsequent cycles (Boekaerts and Niemivirta 2000; Pintrich 2000;
Winne and Hadwin 1998; Zimmerman 2000). For instance, Zimmerman’s (1989; 2000) social
cognitive model of SRL formalized dynamic relations amongst components of SRL in
diagrammatic fashion as feedback loops between two processes and Butler and Winne
(1995) acknowledged Brecursive^ relations where monitoring activities prompt cognitive
engagement and feedback that are then regulated as further cognitive engagement is
monitored. More recently, Winne and Hadwin (2008) built upon their initial COPES model
(Winne and Hadwin 1998) by further refining the relations they proposed exist between
motivational constructs and self-regulatory processes, and Zimmerman and Schunk (2008;
2011) further clarified the hypothesized role of specific motivational constructs within SRL as
precursors, mediators, and outcomes of SRL processes. In this issue, two articles examine
dynamic relations in very different specificities. Bernacki et al. (2015) use embedded ques-
tionnaires and trace methodologies to examine minute-to-minute relationships between self-
efficacy judgments, help seeking, and problem-solving attempts, whereas Lichtinger and
Kaplan (2015) employ classroom observations, strategy traces, and interviews to examine
dynamic relations between learners goals, affect, and actions during classroom learning
activities.

Methodology and design choices

As theories of SRL have undergone refinement, so too have the methods researchers have
employed to investigate SRL phenomena. Boekaerts (1997, 1999; Boekaerts and Corno
2005; Boekaerts and Cascallar 2006), Winne (2005, 2010, 2014; Winne and Baker 2013;
Winne et al. 2011) and others (Azevedo et al. 2010; Bannert et al. 2013; Kinnebrew et al.
2013a, b; Wirth and Leutner 2008) have periodically assessed the degree to which refine-
ments in theory have led researchers to examine SRL phenomena with greater specificity,
and how new research methods might afford new opportunities for further theoretical
refinement. Like the authors of these reviews, we contend that statistical methodologies
required to test theorized relationships among SRL processes have been available to suffi-
ciently skilled researchers for many years. However, researchers’ ability to collect data that
are sufficiently precise and comprehensive to facilitate these statistical analyses remains a
challenge. For example, dynamic relations can be examined with cross lagged path analyses,
but only so long as quantitative, longitudinal data on two related constructs over three or
more periods are available. Contingent relations can be examined using conditional
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probabilities (Winne 2010), but require that fine-grained data be collected in sequence so that
the likelihood that one event follows another can be gauged. Research questions examining
the effects that contextual factors have on SRL can be assessed via comparison of structural
models, but require that two identical data collections be conducted with the same population
in different contexts.

Methodologies common to SRL research include self-report questionnaires (Ainley and
Patrick 2006; Karabenick et al. 2012; Pintrich 2004), think-aloud protocols (Azevedo
2005b; Greene et al. 2011), microanalysis (Cleary 2011) and qualitative classroom obser-
vation methods (Boekaerts and Corno 2005; Corno 1995; Perry and Rahim 2011). Trace
methodologies from think aloud protocols (Greene, Robertson, and Costa 2011) and
sequenced, computer-generated logs of learner behaviors are increasingly common
(Aleven et al. 2010; Azevedo et al. 2010; Graesser and McNamara. 2010; Greene and
Azevedo 2010; Kinnebrew et al. 2013a; Molenaar and Järvelä 2014; Sha, Looi, Chen,
Seow, and Wong 2012; Winne and Hadwin 2013). The majority of early studies of SRL
employed a single approach to observing SRL and thus have been classified as assessing
SRL aptitudes or self-regulatory events that unfold during learning (Winne and Perry 2000).
However, recent approaches have emphasized the collection and triangulation of multiple
sources of cognitive, affective, metacognitive, and motivational data (see Azevedo et al.
2013).

Many have called for the use of multiple methods to more fully account for features of
learning tasks and SRL processes (e.g., Boekaerts and Corno 2005; Schraw 2010; Winne
2010). In this special issue, we intentionally include papers that demonstrate how comple-
mentary methods can be employed to provide insight on dynamic or contingent relations
amongst phenomena, and how context influences SRL processes. For example, individualized
case studies, interviews, and observations (Lichtinger and Kaplan 2015) and fine-grained
assessments of motivation and behavior (Bernacki et al. 2015) can be used to examine
dynamic relations between motivational and metacognitive processes as they occur over
iterations of the SRL cycle. Binbarasan-Tüysüzoğlu and Greene (2015) applied a valenced
coding scheme to think aloud protocol transcripts and contingency analysis to examine the
contingent relationship between metacognitive monitoring judgments and subsequent
metacognitive control while learning with hypermedia. Ben-Eliyahu and Linnenbrink-Garcia
(2015) administered parallel self-report surveys anchored to specific learning contexts (i.e.
courses) within subjects to assess the influence of learning context on SRL processes.
McCardle and Hadwin (2015) also examined learning in a specific context and employed a
mix of qualitative open-ended questions and self-report surveys that identify the task as an
explicit referent in order to develop a rich portrayal of the SRL process within a specific
context. Taken together, these articles demonstrate both the distinct advantages of individual
methods for assessing relations among specific SRL phenomena, and that it is often necessary
to combine multiple methods in order to accommodate the complex structure of the SRL
process. In their commentaries, Karabenick and Zusho (2015) and Dent and Hoyle (2015)
consider how the approaches taken by these researchers address questions about context,
contingency, and dynamic relations. They critique the theoretical assumptions that prompted
each empirical approach, and suggest how researchers might conduct future studies that
addresses complexities inherent in theories of SRL. Dent and Hoyle further suggest an
organizational framework to facilitate the alignment of research methods to theoretical
assumptions. If researchers adopt their recommendations on reporting, this framework
can also improve the synthesis of findings across studies of SRL. In addition to
demonstrating how a wider range of methodological approaches improves assessment
of SRL, we propose that taking a wider lens to the conceptualization of the context
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where SRL occurs can help us better understand how individuals self-regulate their
learning.

Incorporating social and clinical psychological lenses to broaden Bclassic^ SRL theory

Whereas SRL is conceived of as a loosely sequenced set of specific processes that occur in an
explicit task context, the SRL process is conducted by an individual who also regulates internal
and external distractions, and at additional levels outside the immediate context of the learning
task. To understand how regulation in response to phenomena outside the learning task (e.g.,
unstable home environment) influences SRL, we pose an integrated model of SRL (iSRL) that
demonstrates how all SRL processes occur within a hierarchically nested context. This
hierarchical structure is best understood through an ecological assets perspective (Bowers
et al. 2011; Bronfenbrenner 1977; Bronfenbrenner and Ceci 1994). In the iSRL model, we
demonstrate how self-regulatory capacity is limited via depletion (e.g., ego depletion;
Schmeichel and Baumeister 2004), extending the notion that SRL is a finite capacity
(Winne 2010) beyond the immediate learning task and context, as described below.

Self-regulatory capacity is a limited resource

Self-regulation, whether directed towards a specific learning task, as in SRL, disciplines (e.g.,
science or humanities), or more broadly in school or home, requires personal resources. This is
especially true when self-regulation is an active undertaking characterized by the use of executive
functioning (Schmeichel and Baumeister 2004; Winne 2011). When regulatory resources are used,
they become depleted in the same way that muscles fatigue when used. Schmeichel and Baumeister
(2004) therefore refer to self-regulatory strength as a deplete-able resource, or as ego depletion. This
form of depletion was recognized byWinne (2011) with regard to the limited capacity of cognition;
implicit SRL requires less cognitive load than explicit SRL. Thus, even working memory, when
applied intentionally, is a limited resource (Winne 2011, p. 16):

A learner in biology class is (hopefully) not attending to dust motes floating in the air,
wondering why an attractive girl didn’t accept his invitation to a party, or mentally
imaging a game-winning slap shot. These and other ideas are available but not focal in
working memory.

In this vignette, a learner’s attempts to self-regulate learning compete with a broader set of
cognitive processes that also vie for attention. Thinking about a party uses the same cognitive
resources as learning biology, which depletes the working memory resources that can be
applied to the biology task. Only when the learner is solely focused on biology is it accurate
to consider SRL processes alone. But in reality, it is more appropriate to conceptualize SRL as
co-occurring with other behavioral, cognitive, and emotional processes, as depicted here. There
is a scarcity of empirical work that examines how individuals regulate their learning and also
accounts for additional cognitive processes unrelated to learning and their interactions. In this
special issue, Ben-Eliyahu and Linnenbrink-Garcia examine how the regulation of emotions in
one’s favorite and least favorite classes are related to SRL processes in these distinct contexts.

Self-regulated learning occurs in a hierarchical context

SRL has been theorized and studied primarily within a discrete learning task (e.g., science
learning using hypermedia; Azevedo 2005b) or in course-specific-settings (e.g., Pintrich et al.
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1993; Wolters and Pintrich 1998). The level of specificity implicit in these methodological
approaches illustrates researchers’ distinct conceptualizations of SRL as it occurs in tasks,
courses, or academics. Learning events are observed within a task, which is assigned within a
course in a discipline at an academic institution (see Fig. 1). When a researcher’s focus is
narrow (e.g., examining events in a brief task), it is possible to observe how SRL unfolds. These
investigators use methods that produce precise, sequential accounts of events within the task
that are critical to observing contingencies and dynamic relations among learning events (Winne
and Perry 2000). Most often, however, narrowly focused designs tend to ignore potentially
important factors that are visible when focus is broadened to account for learner’s individual
differences and features present in broader layers of task context. Such broader layers include
not only the discipline (e.g. math) and school (e.g., low achieving, urban high school) but also
the learners’ social-cultural (e.g., family composition) and even broader contexts (e.g., govern-
mental policies). The occurrence of and relations between SRL events in a learning task can be
influenced by these superordinate contextual factors; a teenager who had to work late the night
before may have less energy to devote when learning the next morning. Thus, the most
ecologically valid models of SRL must account for the unique and interactive influence of
these seemingly distal factors. In the iSRL model (Fig. 2), we apply an ecological assets
perspective in an attempt to illustrate how learners can be influenced not just by the features
of the hierarchically nested learning tasks we observe, but also by the ecology of factors that
hold influence in their lives (i.e., self, school, neighborhood, educational policies).

Self-regulated learning occurs within an ecological system

As depicted in Fig. 2, SRL does not occur independently of regulatory processes unrelated to
learning (Hoyle 2010; Kaplan 2004; Schmeichel and Baumeister 2004). For example, social
relationships and non-academic situations influence one’s capacity to engage academically;
any learning task in which a student self-regulates occurs within a classroom or school context
that exists in a neighborhood, within a country’s policies, and at a particular time. In applying
an ecological assets perspective, at the broadest level, a country’s contemporary culture and
policies influence opportunities to learn. This shapes learning through provision of resources
and technology that influence the task conditions of more specific learning tasks (e.g.
composition of essays by hand, with a typewriter, using word processing software).
Intermediate influences include individuals and environments within the concentric circles
like one’s city, neighborhood, and family (Bowers et al. 2011; Bronfenbrenner 1977;
Bronfenbrenner and Ceci 1994). These factors have independent influence on the individual,
and can also mediate the effects of other factors. Bronfenbrenner (1977) described mesosystem
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Fig. 1 A hierarchical depiction of the grain-sized levels of learning
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as the mechanism through which different features influence each other. Via mesosystems,
demands from co-occurring microsystems like learning tasks in that day’s history class or
relations with peers present in class can deplete (or enhance) one’s capacity to regulate during
problem solving in math class.

At a societal level, the effect of environmental factors on students’ capacity for learning is
well understood. For example, federal-level initiatives in the U.S. and other countries (e.g.,
NoKidHungry; Augustine-Thottungla et al. 2013) acknowledge that students who lack ade-
quate nutrition cannot perform in schools, and address this exosystem-level challenge (i.e.,
Fig. 2 and Bronfenbrenner 1977) by providing breakfasts for students. Understood vis-à-vis
the regulatory strength perspective, a hungry child is regulating their hunger and their ability to
learn is thus depleted. To offset this depletion, an intervention (i.e., school breakfast program)
must be delivered to replenish their regulatory capacity. An important line of work investigates
school climate or neighborhood characteristics and their relations to school achievement
(McCoy, Roy, and Sirkman 2013). These studies cross spheres of influence by investigating
how exosystems and microsystems are interrelated. In this special issue Ben-Eliyahu and
Linnenbrink-Garcia (2015) investigate mesosystems by considering the person by context
interaction, while Lichtinger and Kaplan also qualitatively identify contextual factors that
influence how SRL unfolds for different individuals.

In the iSRL model, we posit that there are mutual and dynamic influences between one’s
ecological assets and one’s ability to learn because the interaction between one’s environment
and learning depends on the extent to which non-learning aspects deplete regulatory strength.
For example, a student who wakes up to an unstable home environment constantly uses her
regulatory strength to cope with day-to-day hardships (e.g., poor relations with a neglectful
parent; procuring her own lunch and clothing) not encountered by a typical population. Having
had their capacity depleted by other self-regulatory tasks, these students arrive to school with
less resources available to self-regulate their learning and are likely to perform poorly during

Fig. 2 An illustrative depiction of the integrated Self-Regulated Learning (iSRL) model that incorporates a
hierarchical perspective of self-regulation through an ecological assets lens incorporating different contextual
levels and grain-sizes of learning
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learning as a result. Researchers who choose to adopt the iSRL framework to integrate across
clinical, educational, and social psychology can better situate how an individual’s learning
process is influenced by the social and cultural contexts present during learning.

A time scale for situating SRL processes and selecting methods of observation

SRL is a multifaceted phenomenon that includes components that operate iteratively (process
models, Winne and Hadwin 1998; Zimmerman 2000), at multiple levels (micro- and
macroprocesses, Greene and Azevedo 2007, 2009) and in different and evolving contexts
(Winne 2010). This inherent complexity requires that researchers adopt multiple measurement
approaches to observe SRL components that operate differently such that each approach is
appropriately aligned to the component under investigation. A meta-analysis of SRL research
demonstrates that the choice to observe SRL with online measures (i.e., observations of SRL
events, Winne and Perry 2000) versus offline measures (i.e., domain- or course-level surveys
of learner tendencies) moderates the strength of relationship observed between SRL processes
and achievement measures (Dent and Koenka in press). This difference lends credence to the
idea that the level of specificity, or time scale, at which SRL is observed matters when
considering how results are interpreted. We propose that, when developing a study to test a
specific theoretical assumption, researchers must consider the time scale at which an SRL
process is theorized to occur, and choose measurement practices that can observe such
phenomena as they occur.

In his work towards establishing Unified Theories of Cognition (1990), Allen Newell
attempted to map the architecture of human cognition, and to classify a taxonomy of processes
that comprise human thought. As part of this model, Newell developed a system that placed
human thought on specific Bbands^ according to the time scale on which they occur. Using a
base-10 system and a logarithmic scale anchored at 100 equivalent to 1 s, Newell describes
events on the biological, cognitive, rational, and social bands. This time scaling approach has
been revived in the learning sciences (Nathan and Alibali 2010) and could serve as a useful
heuristic for conceptualizing research designs for SRL and explaining why the same process
observed at different time scales might yield different results (e.g. learning strategies; Table 1).
For instance, SRL events that occur over the range of seconds (i.e. 100) fall on a cognitive band
and include cognitive and metacognitive events, which are typically observed in tasks
using trace methodologies (e.g., problem-solving and help-seeking behaviors; Bernacki
et al. 2015) and think-aloud protocols (e.g., judgments of learning; Binbarasan-Tüysüzoğlu
and Greene 2015). Events on the rational band occur over several minutes to several
hours (i.e. 102 to 104), and include patterns of events, changes in learning strategies (e.g.,
adaptive metacognitive control strategies; Binbarasan-Tüysüzoğlu and Greene 2015), and
fluctuations in motivation (change in self-efficacy; Bernacki et al. 2015). These might also
include general tendencies or aggregate counts of SRL behavior, as captured in journals
(McCardle and Hadwin 2015) or interviews (Lichtinger and Kaplan 2015). Contextual
factors in SRL stemming from features of the discipline, course, or school are best
observed on a social band; they are relatively enduring features of the environment that,
if they evolve, do so slowly over periods of weeks, and months (i.e. 105, to 107). For
example, SRL in specific courses assessed via self-report questionnaires (e.g. favorite/least
favorite class; Ben-Eliyahu and Linnenbrink-Garcia 2015) or emerge as aggregate sum-
maries of typical SRL behaviors that accrue over an entire course (McCardle and Hadwin
2015). When a specific course is used as a referent, survey approaches may also account
for the hierarchical nestedness of a course (Ben-Eliyahu and Linnenbrink-Garcia 2015) or
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may improve the accuracy and specificity of students’ reporting of SRL tendencies
(McCardle and Hadwin 2015).

Combining measures that span more than one band provides a rich account of SRL. In their
qualitative study, Lichtinger and Kaplan (2015) employ a trans-scale approach (Nathan and
Alibali 2010). They examine the SRL of eight elementary school students by observing
behavioral events during learning (i.e. cognitive band), tracing the strategies employed on
assignments (i.e. rational band), and interviewing students about their past experiences as they
relate to purposes for task engagement and self-perceptions of aptitude to self-regulate (i.e.,
social band). The effort involved in triangulating these methods precludes the use of large,
representative samples, but also provides a cross-cutting set of measures that span all bands
and allow for inferences as to how SRL processes may dynamically relate to one another over
the course of a semester.

Conclusion

In this issue, we introduce frameworks for considering the hierarchical contexts in which SRL
tasks are nested, the influence that more distant layers of context may have on SRL in an

Table 1 Measurement Approaches by Time Scale and SRL Component per Study

Study SRL Component (measurement method) Time scale of observation

Cognitive
100

Rational
102 to 104

Social
105 to 107

Ben Eliyahu &
Linnenbrink- Garcia

• Course characteristic (self-reported
favorite/least favorite class)

×

• Affective, Cognitive & Behavioral
Regulation (self-report questionnaires;
referent = general capacity)

×

• Learning strategies (self-report questionnaire;
referent = course)

×

McCardle & Hadwin • Perceptions of SRL actions & strategies
(self-report questionnaire; referent =
recent study session)

×

• Weekly Reflections (open ended self-report) ×

Bernacki, Nokes-
Malach & Aleven

• Problem solving behaviors (traces from log
of learning events generated by software)

×

• Help seeking behaviors (traces) ×

• Self-efficacy (recurring single self-report item) ×

Lichtinger & Kaplan • Learning Strategy use (traced via classwork) ×

• Qualitative classroom observation of
engagement process (observation)

× ×

• Stimulated recall interview re: engagement
in classroom learning (interview referring to
a learning task)

×

• General interview re: engagement, learning
in school, self-regulation aptitude (interview)

×

Binbarasan- Tüysüzoğlu
& Greene

• Judgments of Learning (think aloud protocol) ×

• Learning strategies (think aloud protocol) ×
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immediate task, and the varying time scales on which such phenomena should be measured.
The empirical studies provide examples of research that considers these complexities in SRL
frameworks including contextual factors, contingencies, and dynamic relations. They also
illustrate how carefully chosen methods can successfully test corresponding theoretical as-
sumptions. The two commentaries in the issue underscore that incorporating multiple meth-
odologies aligned to the specific SRL components in focus is critical, and that an a priori
appraisal of the alignment of between conceptualization and methodology and analysis can
produce future research that contributes to our understanding of the complex processes that
comprise self-regulated learning.
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