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Abstract
Urban neighborhoods with locations of environmental contamination, known as brownfields, impact entire neighborhoods, 
but corrective environmental remedial action on brownfields is often tracked on an individual property basis, neglecting 
the larger neighborhood-level impact. This study addresses this impact by examining spatial differences between brown-
fields with unmitigated environmental concerns (open site) and sites that are considered fully mitigated or closed in urban 
neighborhoods (closed site) on the US census tract scale in Wayne County, MI. Michigan’s Department of Environment, 
Great Lakes, and Energy’s leaking underground storage tank (LUST) database provided brownfield information for Wayne 
County. Local indicators of spatial association (LISA) produced maps of spatial clustering and outliers. A McNemar’s test 
demonstrated significant discordances in LISA categories between LUST open and closed sites (p < 0.001). Geographically 
weighted regressions (GWR) evaluated the association between open and closed site spatial density (open-closed) with socio-
economic variables (population density, proportion of White or Black residents, proportion of college educated populations, 
the percentage of owner-occupied units, vacant units, rented units, and median household value). Final multivariate GWR 
showed that population density, being Black, college education, vacant units, and renter occupied units were significantly 
associated (p < 0.05) with open-closed, and that those associations varied across Wayne County. Increases in Black popula-
tion was associated with increased open-closed. Increases in vacant units, renter-occupied units, and college education were 
associated with decreased open-closed. These results provide input for environmental justice research to identify inequalities 
and discover the distribution of environmental hazards among urban neighborhoods.
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Introduction

Urban communities in the USA that came “of age” during 
the Industrial Revolution endure a legacy of toxic contami-
nants and hazardous waste, with neighborhoods of color and 
lower income often bearing the greatest impacts (Collins 
et al. 2016; Eckerd and Keeler 2012; Filippelli et al. 2015; 
Litt et al. 2002). The sites of environmental contamination, 
referred to as brownfields, are complicated by the presence 
of a hazardous substance, pollutant, or contaminant (Office 
of Brownfields and Land Revitalization 2022). Brownfields 
are a source of health risks and property devaluation for 
those who live nearby (Brender et al. 2011; Gomez et al. 
2017; Lee and Mohai 2011; Litt et al. 2002). Frequently, 
brownfields are prioritized for remediation based on land 
development goals, potential pro-economic opportunities, 
community interest, exposure risk, available resources, and 
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other extenuating variables (Brownfield Redevelopment 
Program 2021; Lee and Mohai 2012; Reddy and Adams 
2015). Given the historical association of brownfield invest-
ment with land development, for this study, we hypothe-
sized that socioeconomic variables commonly connected 
with increased affluence (e.g., property ownership, wealth, 
and education outcomes) are associated with brownfield 
investment.

The state of MI is recognized as having one of the most 
innovative programs addressing brownfield remediation 
(Hula and Davis 2004; Meerow et al. 2019). However, there 
is a lack of data on overall program efficacy. Most often, 
researchers focus on a single site or case study (Leigh and 
Coffin 2005), failing to capture a broad view of the program 
features. In addition, owners do not want to bring attention 
to specific properties being remediated, and, as a result, 
communication of risk between parties is often low (Wu 
et al. 2017). Economic interests can overcome significant 
barriers to remediation or redevelopment by providing initial 
cleanup funds and long-term funding, working with market 
conditions, and reducing owner liability (Goodstein et al. 
2011; Hula and Bromley-Trujillo 2010). When remediation 
occurs, the appropriate cleanup level is determined based on 
site reuse criteria (e.g., residential, commercial, industrial). 
Often, no remediation is physically performed; instead, a 
containment approach is employed leaving legacy contami-
nants in place (Brownfield Redevelopment Program 2021; 
Smith 2019). Such sites receive closure status (“closed”), 
although the contamination remains.

This study targets leaking underground storage tank 
(LUST) locations in Wayne County, MI, and evaluates the 
differences between LUST open sites and LUST closed sites. 
The terminology of “open” and “closed” arises from Michi-
gan Law Part 213 (Leaking Underground Storage Tanks) of 
the Natural Resources and Environmental Protection Act, 
Public Act 451 of 1994, as amended (Act 451). In the USA, 
LUST sites are regulated by state and local authorities with 
minimum standards set by the US Environmental Protection 
Agency. An open LUST site is one requiring additional cor-
rective action. A closed LUST site has achieved a regulatory 
endpoint. This endpoint is generally achieved through either 
active remediation or, more often, engineering controls (e.g., 
land use restrictions) that mitigate environmental risk expo-
sure (Favara et al. 2019; Office of Brownfields and Land 
Revitalization 2022). Consequently, many closed sites, while 
meeting regulatory standards to mitigate environmental risk, 
often contain environmental toxins and present environmen-
tal justice concerns (Currie et al. 2015; Wilson et al. 2017; 
Wilson et al. 2013). Closed sites represent a favorable sta-
tus when compared against open sites. However, previous 
work has noted that improperly built protections, infrequent 
monitoring, and difficult enforcement of deed restrictions 
can occur (Greenberg 2002; Solitare and Greenberg 2002). 

Evaluating differences in the environmental remediation 
status over a region can provide insight into the high-level 
decision-making process regarding corrective action.

Wayne County, the focus of the present investigation, 
encompasses the city of Detroit, a majority-minority city, 
and inner-ring suburbs that vary widely in racial and ethnic 
compositions. The population density in Detroit significantly 
exceeds that in the surrounding suburban areas of Wayne 
County (1865 people/km2 in Detroit versus 1104 people/km2 
in Wayne County) (US Census Bureau 2020). Considering 
both LUST open sites and closed sites in Wayne County, (1) 
we sought to identify brownfield distribution, (2) evaluate 
differences in spatial patterns of environmental remediation, 
and (3) evaluate these spatial patterns against local socio-
economic and property development factors. Brownfield 
sites associated with high property development potential 
and land value have historically been targeted for brown-
field cleanup (Carozzi 2020; Chen et al. 2019; Haninger 
et al. 2017; Woo and Lee 2016). Therefore, we expected 
that closed sites may be associated with increased property 
ownership, wealth, and education outcomes compared to 
open sites.

Methods

A variety of resources was used to document the 1236 open 
and 2072 closed LUST locations in Wayne County for this 
investigation. These include the Michigan Department of 
Environment, Great Lakes, and Energy (EGLE) Enviromap-
per (O’Leary 2020), EGLE’s SID database, and the LUST 
Legacy Site list. The LUST facilities are distributed over 59 
municipalities in Wayne County (Fig. 1) and 610 US census 
tracts (US Census Bureau 2020). The LUST datasets col-
lected through March 2021 and socioeconomic data were 
captured based on 2020 US Census Bureau American Com-
munity Survey. All LUST sites in the study were overseen by 
the same regional office at Remediation and Redevelopment 
Division within EGLE.

Geospatial analyses were the primary method used in the 
present investigation to understand the distribution of open 
and closed LUST sites with various demographic variables. 
Geospatial analyses that pair the demographic variables 
with closed/open status provide important insights into the 
potential decision variables involved in the likelihood of a 
site’s status as “closed” or “open.” Data were collected at the 
census tract level and normalized to area  (km2).

The local indicators of spatial association (LISA) local 
Moran’s I statistic (Anselin 1995) examined the spatial 
clustering of both high and low densities of LUST sites as 
well as spatial outliers. For each location, LISA calculates 
the statistical significance and measures the local neighbor-
hood (inverse distance) against the global dataset. Through 
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the proportional relationship between the local and global 
statistics, LISA categorizes each location into high-value 
clustering (high-high: H–H), low-value clustering (low-low: 
L-L), high-value outliers (low–high: L–H), low-value outli-
ers (high-low: H–L), or not statistically significant (N.S.). 
The McNemar’s chi-squared test (Pembury Smith and Rux-
ton 2020) was used to test agreement on all categories (H–H, 
L-L, H–L, L–H, or N.S.) between open sites and closed sites, 
and the statistical significance of the difference.

The association of open sites with local social and eco-
nomic factors and property development variables was 
studied using the difference between open and closed site 
spatial density, called open-closed, as the outcome of inter-
est and eight socioeconomic variables as the covariates. 
These covariates include population density, proportion 
of White and Black residents, and proportion of college-
educated populations, as well as the following property 
variables: percentage of owner-occupied units, vacant 
units, rented units, and median household value (US Cen-
sus Bureau 2020). Geographically weighted regression 
(GWR) in R (R Core Team 2013) was performed to esti-
mate the bandwidth and its associated Akaike information 

criterion correction (AICc) via forward stepwise regres-
sion approach. The correlation between variables was 
assessed. To avoid collinearity, highly correlated variables, 
determined as correlation coefficient > 0.70, were included 
in the model one at a time along with other covariates. The 
final multivariable model was selected if it retained covari-
ates with p-values < 0.05 and the model minimized AICc, 
called the optimal spatial search bandwidth and defined 
as the number of census tracts in the local neighborhood. 
The final model was further processed using ESRI ArcGIS 
Pro 2.7.0 GWR modeling approach, retaining covariates 
with p-values < 0.05. The positive or negative coefficients 
were estimated. The GWR analysis is a spatial statistic 
used to identify neighborhoods subjected to higher risk. 
In our study, increases in open locations associated with 
increases with specific socioeconomic variables repre-
sent higher risk. A positive coefficient indicated that an 
increased covariate was associated with an increase in 
open-closed. In contrast, negative coefficients indicated 
that an increased covariate was associated with a decrease 
in open-closed.

Fig. 1  Spatial distribution of 
open and closed LUST facilities 
in Wayne County. The inset 
map shows the location of 
Wayne County within the state 
of MI
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Results

A total of 610 census tract locations, which contained both 
open and closed sites, were evaluated in this analysis of 
Wayne County. Both the LUST open and LUST closed 
datasets identified spatial clusters and outliers in Wayne 
County using LISA. Clusters are identified with the bold 
red and blue census tracts, while outliers are identified 
with the lighter pink and light blue census tracts (Fig. 2).

The Open LUST dataset revealed statistically signifi-
cant H–H concentrations throughout the central section 
of the city of Detroit (Fig. 2a). L-L concentrations are 
primarily located in the northwestern, southern, and the 
northeast neighborhoods of Wayne County. There were 
few H–L census tracts in the western suburbs and a few on 

Detroit’s east side. There were several low–high locations 
throughout Detroit.

The Closed LUST dataset identified statistically signifi-
cant H–H clusters in central and downtown Detroit (Fig. 2b). 
L-L clusters are in the western suburbs and south-central 
section of Wayne County. H–L outliers are primarily located 
in west central suburbs, and L–H outliers are primarily 
located in neighborhoods surrounding the H–H census tracts 
in Detroit.

Agreement of LISA classifications within each census 
tract varied between the open and closed datasets, with the 
open dataset having a higher frequency of statistically signif-
icant tracts when compared to the closed dataset (Table 1). 
The McNemars test statistically confirmed this difference 
between LISA open and closed sites with a p < 0.001. Higher 
proportions of H–H, H–L, L–H, and L-L were observed in 
open sites compared to closed sites. In contrast, fewer N.S. 

Fig. 2  LISA output from the Local Moran’s I analysis and Local Moran’s I for open (a) and closed (b)

Table 1  Agreement table 
between LISA categories for 
open sites and closed sites

LISA distribution category

Open sites

Closed sites H–H H–L L–H L-L N.S. Total

H–H 59 0 15 0 3 77
H–L 0 9 0 12 3 24
L–H 24 0 24 0 4 52
L-L 0 6 0 77 3 86
N.S. 50 17 26 65 213 371
Total 133 32 65 154 226 610
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(226) were observed in the open sites compared to 371 in 
the closed sites, indicating a significant pattern difference 
between open and closed sites.

High correlations were observed at these sites between 
the proportion of White and Black residents (r =  − 0.94), 
between vacant units and owner-occupied units (r =  − 0.7), 
between the proportion of White residents and owner-occu-
pied units (r = 0.74), and between the median household 
value and the college educated population density (r = 0.84). 
Those variables fit the model one at a time along with the 
other less correlated variables. Minimized AICc was identi-
fied with a total of 5 covariates (population density, Black 

population, college-educated population, vacant unit, and 
renter unit), resulting in the lowest AICc of 2313 and opti-
mal bandwidth (number of census tracts in the local neigh-
borhood) of 239 (Fig. 3). The multivariate model devel-
oped in ESRI ArcGIS showed that all five variables were 
significantly associated with open and closed site density 
differences.

The GWR results identified census tracts with significant 
local factors and the direction of their relationship (Fig. 4). 
The orange colors indicate a positive association, while 
blue colors are a negative association, and no color means 
nonsignificant census tracts. The darker color indicates a 

Fig. 3  a Forward stepwise selection on the left shown by the circle 
diagram with open-closed difference in the middle and each model 
iteration with included socioeconomic variables numbered in a cir-

cle. b An alternative view of this forward stepwise selection is shown 
on the right with each model number (x-axis) and its corresponding 
AICc (y-axis)

Fig. 4  Geographically weighted 
regression results at the census 
tract level for all included socio-
economic variables. Orange 
values indicate a positive 
correlation, while blue values 
indicate a negative correlation
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stronger relationship, such as a higher/lower coefficient. 
The results show that population density has positive and 
negative associations in distinct neighborhoods (Fig. 4). The 
Black population positively correlates with open-close dif-
ferences in downtown Detroit. College population, vacant 
unit, and renter-occupied unit all have a negative association 
with open-close difference, with the greatest association in 
central/south-central Detroit.

Discussion

This analysis aims to provide a geospatial analysis to study 
the association of environmental remediation with socio-
economic conditions using Wayne County’s LUST spatial 
data. Previous studies assessed the impact of brownfields 
on marginalized communities (Lee and Mohai 2011; Lodge 
et al. 2022; Wilson et al. 2013). Specifically, in Detroit, Lee 
and Mohai (2013) evaluated socioeconomic dimensions of 
brownfield cleanup. Our study further expands on evalu-
ating cleanup through spatial modeling and the evaluation 
of neighborhood scale influences. While closed facilities 
represent a regulatory endpoint, closed sites often contain 
residual environmental pollutants creating sustainability and 
environmental justice concerns (Favara et al. 2019; Smith 
2019). Spatial analysis techniques provide environmen-
tal justice research preliminary data to identify inequali-
ties in the distribution of environmental hazards (Brender 
et al. 2011).The techniques outlined in this paper represent 
example approaches to examine environmental remediation 
trends spatially at the neighborhood level. The environmen-
tal justice research data provides input that describes the 
distribution of environmental hazards among urban neigh-
borhoods instead of focusing on the contaminant levels of 
individual properties, which is the typical manner in which 
current brownfield remediation is undertaken.

Spatial distribution of LUST

The first goal of this study was to determine if there is a spa-
tial pattern to LUST sites in Wayne County. LISA confirmed 
clustering and outliers of both open and closed sites. LISA 
identified distinct differences of high brownfield clustering 
in the city of Detroit versus low clustering outside of the 
city. This outcome follows the spatial density of brownfield 
sites in Wayne County. LISA provides information related 
to the location of spatial clusters and outliers and the types 
of spatial correlation. Local statistics are important because 
the magnitude of the spatial autocorrelation was not nec-
essarily uniform over the study area (e.g., on the county 
scale) (Anselin 1995; Ord and Getis 1995). LISA identi-
fied detailed variations of clustering in the locally defined 
geography in Wayne County, enabling the assessment of 

significant local spatial clustering around specific neighbor-
hoods and municipalities.

The second goal of the study was to determine if there 
is a clustering and outlier category difference in the spa-
tial census tract locations with both open and closed LUST 
sites. While the general clustering pattern identified by LISA 
appeared to be similar between both maps, McNemar’s test 
statistics showed significant discordance in the LISA cat-
egory between open and closed sites. For example, N.S. was 
identified in 371 US census tracks. Among those N.S. from 
closed sites, only 213 NS were identified at the open site, 
and 50, 17, 26, and 65 were identified as H.H., H.L., L.H., 
and L.L. categories, respectively. The paired use of LISA 
clustering and outlier categories with the McNemar’s test 
statistics demonstrated a useful application to study in-depth 
features that are similar (clustering) and dissimilar for LISA 
density (number of sites per surface area of tract). Future 
studies can apply this approach to additional difference vari-
ables (e.g., cancer incidence).

In addition, non-agreement between LISA categories can 
reveal an important disconnect in the closure or remedia-
tion activity in a specific neighborhood. For example, in our 
study, central Detroit and sections west of the city center 
identified an H–H clustering for both open and closed sites, 
indicating a focus on remediation in these neighborhoods. 
This is in contrast to north-central Detroit with H–H open 
neighborhood clustering but without a similarly high closure 
rate.

Variables impacting LUST

The third goal of the study aimed to evaluate LUST spatial 
patterns against local socioeconomic and property develop-
ment factors. Our study hypothesized that closed sites are 
associated with increased property ownership, wealth, and 
education outcomes compared to open sites. Negative asso-
ciations were observed between open-closed and college-
educated residents, confirming the hypothesis for this vari-
able (Fig. 4). However, increases in vacant-unit residents and 
renter-occupied residents were also associated with open-
closed. Population density was the only variable with both 
positive and negative coefficients across geographic regions. 
The magnitude of the correlations differed with low values 
for population density and Black residents compared to col-
lege educated residents, vacant units, and renter-occupied 
unit residents.

The GWR models identified two neighborhoods of poten-
tial risk, defined by statistically significant locations with 
elevated open-closed ratios controlling for other socioeco-
nomic variables. The first neighborhood was clustered in 
north central Wayne County, indicating statistically signifi-
cant associations between higher population density and 
increases in open-closed difference (Fig. 4). The second 
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neighborhood, a small cluster of census tracts located along 
the Detroit River, featured increased Black population with 
increases in the open-closed difference (Fig. 4). Both neigh-
borhoods show an increase in the socioeconomic variable 
with increasing open or unresolved brownfield locations rel-
ative to the closed sites. Contrary spatial trends were noted 
in other GWR models where associations among population 
density, college-educated, and renter-occupied units were 
significant on the east side of Wayne County. Increased 
vacant units were related to a closed site toward downtown 
and central Detroit. Given the large population in the city’s 
central neighborhoods, this result may be attributed to the 
under-reporting of brownfields surrounding vacant units in 
other regions of the city. These results demonstrate the use-
fulness of GWR in discerning remediation trends associated 
within local-level neighborhoods in urban centers.

Understanding scale is essential when evaluating the 
impacts of brownfield sites and developing a commu-
nity engagement strategy. This paper took a county-wide 
approach to evaluate brownfield impacts on the census tract 
scale. GWR provides an effective way to explore spatial 
variability compared to traditional regressions designed 
for non-spatial data (Comer and Moran 2017; Gilbert and 
Chakraborty 2011). Previous work has noted that nega-
tive property values were associated with brownfields on a 
micro-neighborhood scale (0.5 square miles, or 6–9 urban 
city blocks) (Woo and Lee 2016). However, when cleanup 
occurred, housing values increased nationally by an average 
of 5.0 to 11.5% at a highly localized level (Haninger et al. 
2017). This paper considered brownfields on a larger scale, 
and increasing the spatial detail of the analysis may yield 
stronger correlations in future works.

Limitations of the dataset

The dataset is limited to LUST locations provided by 
EGLE’s online GIS database clearing house, which was 
revised in February 2021. The census data is limited to 
modeled data from the 2019 ACS based on the 2010 US 
Census. While this data is several years old, it provides the 
best estimate of current community demographics for our 
timeframe of interest.

Another important variable not assessed in this study 
impacting health is severity of contamination. While there is 
site specific metadata associated with these LUST sites, the 
contaminant information is frequently missing. We hope that 
increased interest in understanding brownfields in neighbor-
hoods will make this type of data accessible in future works.

This paper sought to understand the distribution of 
neighborhood-scale environmental remediation. Our cur-
rent research is confined to an urban county in MI, and new 
local environmental and socioeconomic conditions could 
influence open and closed status differently. However, we 

believe that this spatial approach can serve as a national 
example for informing communities about neighborhood 
spatial variability of brownfields and factors that may influ-
ence remediation.

Conclusions and future perspectives

The following was accomplished in this review of LUST 
sites: (1) brownfield distribution was successfully identified, 
(2) differences in spatial patterns between closed and open 
sites were quantified, and (3) LUST spatial patterns were 
associated to local socioeconomic and property development 
factors. Spatial statistics provided a method for evaluating 
brownfield remediation in Wayne County. LISA provided 
an overview of open and closed locations, while the GWR 
evaluated the relation between socioeconomic differences 
and brownfield cleanup. The datasets were limited due to 
access and quality of information at the state level, but the 
data represent a diverse US-based example of a historic 
brownfield program.

Remediation priorities are usually given to the most mar-
ketable brownfield sites (McCarthy 2009) and brownfield 
remediation projects, while under the oversight of EGLE, 
these are still framed as economic improvement projects 
rather than environmental improvement projects (Lee and 
Mohai 2012). Examples in MI include the Clean Michigan 
Initiative and Brownfield Redevelopment Authority under 
EGLE and the Brownfield Michigan Business Tax Credits 
Michigan Economic Development Corporation. In addition, 
the economic potential and external interests often reflect a 
particular moment that frequently overtakes environmental 
concerns in prioritization (Adams and Payne 2011). As a 
result, funding prioritization would be well served to employ 
this data for prioritizing brownfield remediation actions.

Considering the brownfields’ environmental health haz-
ards, there is a need for public knowledge of environmen-
tal health concerns (Bogar et al. 2017; Ratnapradipa et al. 
2015). While many public municipalities and governmen-
tal organizations have open access data regarding brown-
fields, new and alternative platforms for communicating 
the environmental mapping work are needed (Geekiyanage 
et al. 2020; Schultz et al. 2018). Examples from MI include 
EGLE’s Story Map site, released in 2021 (EGLE 2021). The 
Story Maps integrate text, images, live maps, and additional 
content into an interactive narrative format designed to reach 
wider audiences.

This project adopted a large-scale approach to review 
LUST locations. Future research could focus on specific 
communities to better understand the interactions between 
local demographic variables, municipal land use decision-
making, and risk factors. Future statistical work, land use 
analysis, and targeted interview sampling will provide the 
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basis for further understanding the variables impacting the 
closure rate of brownfield locations in Wayne County.

The results of this study underscore how brownfield 
remediation approaches can be more inclusive of environ-
mental justice concerns through a nuanced understanding 
of environmental contaminants at the neighborhood level. 
Current approaches to brownfield remediation are largely 
centered on the economic potential of individual properties. 
The data presented here provide a pathway for environmen-
tal justice researchers to understand better the environmental 
remediation needs within urban communities and beyond 
individual property lines. Shifting the focus to the neighbor-
hood level is important to address environmental contami-
nant issues more systemically. This approach allows for a 
more effective approach to the health hazards imposed in 
neighborhood communities by the presence of environmen-
tal contaminants.

Author contribution All authors contributed to the study conception 
and design. Material preparation and data collection and analysis were 
performed by Brendan F. O’Leary. Statistical work was performed by 
Mei Lu and Qiong Zhang. All authors read and approved the final ver-
sion of the manuscript.

Funding Support for this research was provided by grants from the 
National Institute of Environmental Health Sciences, National Insti-
tutes of Health (Grant Numbers: P42 ES030991 and P30 ES020957), 
the National Science Foundation (Grant Number: 1735038), and the 
Wayne State University Office of the Vice President for Research.

Data availability The data used in this publication is publicly available 
from Michigan’s Department of Environment, Great Lakes, and Energy 
(link: https:// www. michi gan. gov/ egle/ maps- data/ envir onmen tal- map-
per), and the US Census Bureau (link: https:// www. census. gov/).

Declarations 

Ethics approval All authors have reviewed the journal’s ethical stand-
ards and verify that the manuscript complies with the ethical standard.

Consent to participate All authors consent to participate on this 
research project.

Consent to publish All authors consent to publishing this manuscript.

Conflict of interest The authors declare no competing interests.

Open Access This article is licensed under a Creative Commons Attri-
bution 4.0 International License, which permits use, sharing, adapta-
tion, distribution and reproduction in any medium or format, as long 
as you give appropriate credit to the original author(s) and the source, 
provide a link to the Creative Commons licence, and indicate if changes 
were made. The images or other third party material in this article are 
included in the article's Creative Commons licence, unless indicated 
otherwise in a credit line to the material. If material is not included in 
the article's Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will 
need to obtain permission directly from the copyright holder. To view a 
copy of this licence, visit http:// creat iveco mmons. org/ licen ses/ by/4. 0/.

References

Adams D, Payne S (2011) ‘Business as usual?’ – Exploring the design 
response of UK speculative housebuilders to the brownfield devel-
opment challenge. In: Brown S, Henneberry J, Chau KW, Worzala 
E, Tiesdell S, Adams D (eds) Urban design in the real estate devel-
opment process. https:// doi. org/ 10. 1002/ 97814 44341 188. ch10

Anselin L (1995) Local indicators of spatial association—LISA. Geogr 
Anal 27(2):93–115. https:// doi. org/ 10. 1111/j. 1538- 4632. 1995. 
tb003 38.x

Bogar S, Szabo A, Woodruff S, Johnson S (2017) Urban youth knowl-
edge and attitudes regarding lead poisoning. J Community Health 
42(6):1255–1266

Brender JD, Maantay JA, Chakraborty J (2011) Residential proxim-
ity to environmental hazards and adverse health outcomes. Am J 
Public Health 101(S1):S37–S52. https:// doi. org/ 10. 2105/ AJPH. 
2011. 300183

Brownfield Redevelopment Program (2021) Michigan Brownfield rede-
velopment program. Retrieved April 3, 2021, from https:// www. 
michi gan. gov/ egle/ 0,9429,7- 135- 3311_ 29262--- ,00. html

Carozzi F (2020) The role of demand in land re-development. J Urban 
Econ 117:103244. https:// doi. org/ 10. 1016/J. JUE. 2020. 103244

Chen I-C, Chuo Y-Y, Ma H (2019) Uncertainty analysis of remediation 
cost and damaged land value for brownfield investment. Chemos-
phere 220:371–380

Collins MB, Munoz I, JaJa J (2016) Linking ‘toxic outliers’ to envi-
ronmental justice communities. Environ Res Lett 11(1):015004. 
https:// doi. org/ 10. 1088/ 1748- 9326/ 11/1/ 015004

Comer B, Moran S (2017) The evolution of empirical environmental 
justice research methods: a call for greater use of geographically 
weighted regression. Environ Justice 10(1):11–15. https:// doi. org/ 
10. 1089/ env. 2016. 0037

Currie J, Davis L, Greenstone M, Walker R (2015) Environmental 
health risks and housing values: evidence from 1,600 toxic plant 
openings and closings. Am Econ Rev 105(2):678–709

Eckerd A, Keeler AG (2012) Going green together? Brownfield reme-
diation and environmental justice. Policy Sci 45(4):293–314

Favara P, Raymond D, Ambrusch M, Libera A, Wolf G, Simon JA 
et al (2019) Ten years later: the progress and future of integrating 
sustainable principles, practices, and metrics into remediation pro-
jects. Remediat J 29(4):5–30. https:// doi. org/ 10. 1002/ rem. 21612

Filippelli GM, Risch M, Laidlaw MAS, Nichols DE, Crewe J (2015) 
Geochemical legacies and the future health of cities: a tale of two 
neurotoxins in urban soils. Elementa: Science of the Anthropo-
cene 3:000059. https:// doi. org/ 10. 12952/ journ al. eleme nta. 000059

Geekiyanage D, Fernando T, Keraminiyage K (2020) Assessing the 
state of the art in community engagement for participatory deci-
sion-making in disaster risk-sensitive urban development. Int J 
Disaster Risk Reduct 51:101847

Gilbert A, Chakraborty J (2011) Using geographically weighted regres-
sion for environmental justice analysis: cumulative cancer risks 
from air toxics in Florida. Soc Sci Res 40(1):273–286

Gomez SL, Shariff-Marco S, Cheng I, Reynolds P (2017) Impact of 
the environment on cancer: seeing the forest for the trees. Cancer 
123(15):2796–2797. https:// doi. org/ 10. 1002/ cncr. 30711

Goodstein MD, Trinward KJ, Lynch A (2011) Pushing the envelope on 
brownfield remediation: strategies and case studies that maximize 
limited resources through alternative funding sources. Environ 
Pract 13(2):130–142

Greenberg M (2002) Should housing be built on former brownfield 
sites? Am J Public Health 92(5):703–705. https:// doi. org/ 10. 2105/ 
ajph. 92.5. 703

Haninger K, Ma L, Timmins C (2017) The value of brownfield reme-
diation. J Assoc Environ Resour Econ 4(1):197–241

https://www.michigan.gov/egle/maps-data/environmental-mapper
https://www.michigan.gov/egle/maps-data/environmental-mapper
https://www.census.gov/
http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1002/9781444341188.ch10
https://doi.org/10.1111/j.1538-4632.1995.tb00338.x
https://doi.org/10.1111/j.1538-4632.1995.tb00338.x
https://doi.org/10.2105/AJPH.2011.300183
https://doi.org/10.2105/AJPH.2011.300183
https://www.michigan.gov/egle/0,9429,7-135-3311_29262---,00.html
https://www.michigan.gov/egle/0,9429,7-135-3311_29262---,00.html
https://doi.org/10.1016/J.JUE.2020.103244
https://doi.org/10.1088/1748-9326/11/1/015004
https://doi.org/10.1089/env.2016.0037
https://doi.org/10.1089/env.2016.0037
https://doi.org/10.1002/rem.21612
https://doi.org/10.12952/journal.elementa.000059
https://doi.org/10.1002/cncr.30711
https://doi.org/10.2105/ajph.92.5.703
https://doi.org/10.2105/ajph.92.5.703


60776 Environmental Science and Pollution Research (2023) 30:60768–60776

1 3

Hula RC, Davis P (2004) Michigan brownfield redevelopment efforts. 
In: Donati A, Rossi C, Brebbia CA (eds) Brownfield sites II: 
assessment, rehabilitation & development. Computational 
Mechanics Inc., Billerica

Hula RC, Bromley-Trujillo R (2010) Cleaning up the mess: redevelop-
ment of urban brownfields. Econ Dev Q 24(3):276–287

Lee S, Mohai P (2011) Racial and socioeconomic assessments of 
neighborhoods adjacent to small-scale brownfield sites in the 
Detroit region. Environ Pract 13(4):340–353

Lee S, Mohai P (2012) Environmental justice implications of brown-
field redevelopment in the United States. Soc Nat Resour 
25(6):602–609

Lee S, Mohai P (2013) The socioeconomic dimensions of brownfield 
cleanup in the Detroit region. Popul Environ 34(3):420–429. 
https:// doi. org/ 10. 1007/ s11111- 011- 0163-z

Leigh NG, Coffin SL (2005) Modeling the relationship among brown-
fields, property values, and community revitalization. Hous Policy 
Debate 16(2):257–280

Litt JS, Tran NL, Burke TA (2002) Examining urban brownfields 
through the public health" macroscope". Environ Health Perspect 
110(suppl 2):183–193

Lodge EK, Guseh NS, Martin CL, Fry RC, White AJ, Ward-Caviness 
CK et al (2022) The effect of residential proximity to brownfields, 
highways, and heavy traffic on serum metal levels in the Detroit 
Neighborhood Health Study. Environ Adv 9:100278. https:// doi. 
org/ 10. 1016/J. ENVADV. 2022. 100278

McCarthy L (2009) Off the mark? Efficiency in targeting the most mar-
ketable sites rather than equity in public assistance for brownfield 
redevelopment. Econ Dev Q 23(3):211–228

Meerow S, Pajouhesh P, Miller TR (2019) Social equity in urban resil-
ience planning. Local Environ 24(9):793–808. https:// doi. org/ 10. 
1080/ 13549 839. 2019. 16451 03

Michigan Department of Environment, Great Lakes, and Energy (2021) 
Story maps. https:// gis- egle. hub. arcgis. com/ pages/ story- maps

O’Connor D, Hou D (2018) Targeting cleanups towards a more sustain-
able future. Environ Sci Process Impacts 20(2):266–269. https:// 
doi. org/ 10. 1039/ C7EM0 0518K

O’Leary BF (2020) Environmental mapper. Michigan Department of 
Environment, Great Lakes, and Energy. https:// www. mcgi. state. 
mi. us/ envir onmen talma pper/

Office of Brownfields and Land Revitalization (2022) Overview of 
EPA’s brownfields program. Retrieved August 3, 2022, from 
https:// www. epa. gov/ brown fields/ overv iew- epas- brown fields- 
progr am

Ord JK, Getis A (1995) Local spatial autocorrelation statistics: distri-
butional issues and an application. Geogr Anal 27(4):286–306. 
https:// doi. org/ 10. 1111/j. 1538- 4632. 1995. tb009 12.x

Pembury Smith MQR, Ruxton GD (2020) Effective use of the McNe-
mar test. Behav Ecol Sociobiol 74(11):133. https:// doi. org/ 10. 
1007/ s00265- 020- 02916-y

R Core Team (2013) R: a language and environment for statistical com-
puting. R Foundation for Statistical Computing, Vienna. http:// 
www.R- proje ct. org/

Ratnapradipa D, Middleton WK, Wodika AB, Brown SL, Preihs K 
(2015) What does the public know about environmental health? 
A qualitative approach to refining an environmental health aware-
ness instrument. J Environ Health 77(8):22–29

Reddy KR, Adams JA (2015) Sustainable remediation of contaminated 
sites. Momentum Press, New York, 160 p

Schultz T, Fielding K, Newton F, Louis W (2018) The effect of images 
on community engagement with sustainable stormwater manage-
ment: the role of integral disgust and sadness. J Environ Psychol 
59:26–35

Smith JWN (2019) Debunking myths about sustainable remediation. 
Remediat J 29(2):7–15. https:// doi. org/ 10. 1002/ rem. 21587

Solitare L, Greenberg M (2002) Is the US Environmental Protection 
Agency brownfields assessment pilot program environmentally 
just? Environ Health Perspect 110(suppl 2):249–257

U.S. Census Bureau (2020) American community survey 2019. 
Retrieved August 3, 2021, from https:// www. census. gov/ progr 
ams- surve ys/ acs

Wilson S, Zhang H, Burwell K, Samantapudi A, Dalemarre L, Jiang C 
et al (2013) Leaking underground storage tanks and environmental 
injustice: is there a hidden and unequal threat to public health in 
South Carolina? Environ Justice 6(5):175–182

Wilson JL, Limmer MA, Samaranayake VA, Schumacher JG, Burken 
JG (2017) Tree sampling as a method to assess vapor intrusion 
potential at a site characterized by VOC-contaminated ground-
water and soil. Environ Sci Technol. https:// doi. org/ 10. 1021/ acs. 
est. 7b026 67

Woo A, Lee S (2016) Illuminating the impacts of brownfield rede-
velopments on neighboring housing prices: case of Cuyahoga 
County, Ohio in the US. Environ Plan A: Economy and Space 
48(6):1107–1132

Wu H, Tiwari P, Han SS, Chan T-K (2017) Brownfield risk communi-
cation and evaluation. J Prop Res 34(3):233–250. https:// doi. org/ 
10. 1080/ 09599 916. 2017. 13206 84

Publisher's note Springer Nature remains neutral with regard to 
jurisdictional claims in published maps and institutional affiliations.

https://doi.org/10.1007/s11111-011-0163-z
https://doi.org/10.1016/J.ENVADV.2022.100278
https://doi.org/10.1016/J.ENVADV.2022.100278
https://doi.org/10.1080/13549839.2019.1645103
https://doi.org/10.1080/13549839.2019.1645103
https://gis-egle.hub.arcgis.com/pages/story-maps
https://doi.org/10.1039/C7EM00518K
https://doi.org/10.1039/C7EM00518K
https://www.mcgi.state.mi.us/environmentalmapper/
https://www.mcgi.state.mi.us/environmentalmapper/
https://www.epa.gov/brownfields/overview-epas-brownfields-program
https://www.epa.gov/brownfields/overview-epas-brownfields-program
https://doi.org/10.1111/j.1538-4632.1995.tb00912.x
https://doi.org/10.1007/s00265-020-02916-y
https://doi.org/10.1007/s00265-020-02916-y
http://www.R-project.org/
http://www.R-project.org/
https://doi.org/10.1002/rem.21587
https://www.census.gov/programs-surveys/acs
https://www.census.gov/programs-surveys/acs
https://doi.org/10.1021/acs.est.7b02667
https://doi.org/10.1021/acs.est.7b02667
https://doi.org/10.1080/09599916.2017.1320684
https://doi.org/10.1080/09599916.2017.1320684

	Exploring the association of Brownfield remediation status with socioeconomic conditions in Wayne County, MI
	Abstract
	Introduction
	Methods
	Results
	Discussion
	Spatial distribution of LUST
	Variables impacting LUST
	Limitations of the dataset

	Conclusions and future perspectives
	References


