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Abstract

In this paper, we analyze the drift-implicit (or backward) Euler numerical scheme
for a class of stochastic differential equations with unbounded drift driven by an
arbitrary A-Holder continuous process, A € (0, 1). We prove that, under some mild
moment assumptions on the Holder constant of the noise, the L"(€2; L*°([0, T']))-
approximation error converges to 0 as O(A*), A — 0. To exemplify, we consider
numerical schemes for the generalized Cox—Ingersoll-Ross and Tsallis—Stariolo—
Borland models. The results are illustrated by simulations.

Keywords Sandwiched process - Unbounded drift - Holder continuous noise -
Numerical scheme
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1 Introduction

We analyze the drift-implicit (also known as backward) Euler numerical scheme for
stochastic differential equations (SDEs) of the form

t
Y()=Y(0) +/ b(s,Y(s))ds+ Z(t), tel0,T], (1.1
0

where Z is a general A-Holder continuous noise, A € (0, 1), and the drift b is
unbounded and has one of the following two properties:

(A) b(z, y) has an explosive growth of the type (y — ¢(¢))™" as y | ¢(t), where ¢
is a given Holder continuous function of the same order A as Z and y > % —1;
(B) b(t, y) has an explosive growth of the type (y — ¢())™7 as y | ¢(t) and
an explosive decrease of the type —(y(1) — y)™" as y 1 ¥ (t), where ¢ and
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Y are given Holder continuous functions of the same order A as Z such that
) <y@),tel0,T],and y > % —1.

The SDEs of this type were extensively studied in [14]. It was shown that the
properties (A) or (B), along with some relatively weak additional assumptions, ensure
that the solution to (1.1) is bounded from below (one-sided sandwich case) by the
function ¢ in the setting (A), i.e.

Y(t) > ¢, tel0,T], (1.2)
or stays between ¢ and V¥ (two-sided sandwich case) in the setting (B), i.e.
() <Y@) <), te[0,T] (1.3)

We emphasize that the SDE type (1.1) includes and generalizes several widespread
stochastic models. For example, the process given by

t
Y1) = Y(O)—f 240

A 1——Y2(s)ds +Z(k), tel0,T],

where Z is A-Holder continuous with A > %, fits into the setting (B), and can
be regarded as a natural extension of the Tsallis—Stariolo-Borland (TSB) model
employed in biophysics (for more details on the standard Brownian TSB model,
see, e.g. [15, Subsection 2.3] or [16, Chapter 3 and Chapter 8]). Another important
example is

— ' K1
Y(t) = Y (0) +f0 <Y7(s) - sz(s)) ds+2Z(@t), tel0,T], (1.4

where Z is A-Holder continuous, A € (0, 1), and y > % — 1. It can be shown (see

[14, Subsection 4.2]) that, if A > %, stochastic process X (t) := Y147 (¢) satisfies the
SDE

t t
X)) = X(O)-i—(l—i—)/)/ (k1 — k2 X (s)) ds—i—/ X%(s)dZ(s), te€[0,T], (1.5)
0 0

where o = % € (0, 1) and the integral w.r.t. Z exists as a pathwise limit of
Riemann-Stieltjes integral sums. Equations of the type (1.5) are used in finance in the
standard Brownian setting and are called Chan—Karolyi—Longstaff-Sanders (CKLS)
or constant elasticity of variance (CEV) model (see, e.g. [4, 8, 9]). [f ¢ = %, Eq.
(1.5) is also known as the Cox—Ingersoll-Ross (CIR) equation, see, e.g. [10—12].

In this work, we develop a numerical approximation (both pathwise and in
L"(2; L°°([0, T]))) for sandwiched processes (1.1) which is similar to the drift-
implicit (also known as backward) Euler scheme constructed for the classical
Cox-Ingersoll-Ross process in [2, 3, 13] and extended to the case of the fractional
Brownian motion with H > % in [18, 21, 22]. In this drift-implicit scheme, in order

to generate ?(tk_H), one has to solve the equation of the type
V(i) = Y@) + bt V() Ay + (Z(0s) = Z@) - (1.6)

with respect to ?(fk+1) which is in general a more computationally heavy prob-
lem in comparison to the standard Euler-type techniques (see, e.g. [14, Section 5]).
However, this drift-implicit numerical method also has a substantial advantage: the
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approximation Y maintains the property of being sandwiched, i.e. for all points #; of
the partition R
Y(tx) > ¢(t)
in the setting (A) and R
@) < Y(t) < ¥ (i)
in the case (B). Having this in mind, we shall say that the drift-implicit scheme is
sandwich preserving.

We note that a similar approximation scheme was studied in [21] and [18, 22] for
processes of the type (1.4) driven by a fractional Brownian motion with H > 1/2.
Our work can be seen as an extension of those. However, we emphasize that our
results have several elements of novelty. In particular, the paper [21] discusses only
pathwise convergence and not convergence in L"(€2; L°°([0, T])). The approach of
[18] and [22] is very noise specific as both use Malliavin calculus techniques in the
spirit of [19, Proposition 3.4] to estimate inverse moments of the considered process
(which turns out to be crucial to control explosive growth of the drift). As a result,
two limitations appear: a restrictive condition involving the time horizon T (see, e.g.
[18, Eq. (8) and Remark 3.1]) and sensitivity to the choice of the noise, i.e. their
method cannot be applied directly for drivers other than fBm with H > 1/2. This
lack of flexibility in terms of the choice of the noise is a crucial disadvantage in,
e.g. finance where modern empirical studies justify the use of fBm with extremely
low Hurst index (H < 0.1) [7] or even drivers with time-varying roughness [1]. Our
approach makes use of [14, Theorem 3.2] based on the pathwise calculus and allows
us to obtain strong convergence with no limitations on 7 for a substantially larger
class of noises. In fact, we require only Holder continuity of the noise and some
moment condition on the corresponding Holder coefficient which is often satisfied
and shared by, e.g. all Holder continuous Gaussian processes.

The paper is organized as follows. Section 2 describes the setting in detail and
contains some necessary statements on the properties of the sandwiched processes.
In Section 3, we give the convergence results in the setting (B) which turns out to be a
bit simpler than (A) due to boundedness of the process. Section 4 extends the scheme
to the setting (A). In Section 5, we give some examples and simulations; in particular,
we show that in some cases (e.g. for the generalized TSB and CIR models), Eq. (1.6)
can be solved explicitly which drastically improves the computational efficiency of
the algorithm.

2 Preliminaries and assumptions

Fix T > 0 and define

Dy = {(t,y) € [0, T] xRy, y € () + ay, 00)}, a =0,
Dal,az = {(tv )’) € [09 T] X R+9 y € ((p(t) +al9 W(t) _02)},
1
ai,ax € |:0,§||1/f_§0“oo>~ 2.1

where ¢, ¥ € C([0, T]) are such that ¢(t) < ¥ (¢),t € [0, T].
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Throughout the paper, we will be dealing with a stochastic differential equation of
the form

t
Y(t) = Y (0) +/ b(s,Y(s))ds + Z(t), t €0, T]. (2.2)
0

The noise Z = {Z(t), t € [0,T]} is always assumed to satisfy the following
conditions:

(Z1) Z(0)=0a.s.;
(Z2) Z has a.s. A-Holder continuous paths for some A € (0, 1), i.e. there exists a
positive random variable A such that
|1Z(t) — Z(s)| < Alt —s|*, s,t€[0,T], a.s.

Given the noise Z satisfying (Z1)—(Z2), the initial value Y (0) and the drift b satisfy
one of the two assumptions given below.

Assumption A (One-sided sandwich case) There exists a A-Holder continuous
function ¢: [0, T] — R with A being the same as in (Z2) such that

(A1) Y(0) is deterministic and Y (0) > ¢(0),
(A2) b: Dy — Ris continuous and for any ¢ € (0, 1)

C1
[b(t1, y1)—b(t2, y2)| < o (Iyi = y2l + 11 = 2*), (11, 31), (t2, ¥2) € Dy,

where c¢; > 0 and p > 1 are some given constants and A is from (Z2),
(A3)
b(t,y) 2 — 2
A ORI ()
where y,, co > 0 are some given constants and y > % — 1 with A being from
(722),
(A4) the partial derivative g—ly’, with respect to the spacial variable exists, is
continuous and bounded from above, i.e.

(t,y) € Do \ Dy,,

ob
8_([,)’)<C3’ (tay)EDO,
y

for some c3 > 0.

Assumption B (Two-sided sandwich case) There exist A-Holder continuous func-
tions @, ¥: [0, T] — R, o) < ¥ (), t € [0, T], with A being the same as in (Z2)
such that

(B1) Y (0) is deterministic and ¢(0) < Y (0) < ¥ (0),

(B2) b:Dyo — Ris continuous and for any ¢ € (0, min { 1, %Hw — ¢lloo ])

1
|b(t1, y1)—b(t2, y2)| < o (Iyi = y2l + 11 = *), (1, 1), (2, 2) € De,
where ¢y > 0 and p > 1 are some given constants and A is from (Z2),
(B3)

b(t,y) =

e
> 2 (t,y)€Doo\ Dy
(o — ) Y \ Dy
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2
TN N0 ) D D 5
WO =7 (t,y) € Do\ Do,y,
L_

where y, c; > 0 are some given constants and y > 3 — 1 with A being from

(22),
(B4) the partial derivative %, with respect to the spacial variable exists, is
continuous and bounded from above, i.e.

b(t,y) <

ab
_(tay)<c3a (tvy)GDO,O’
dy

for some c3 > 0.

Both Assumptions A and B along with (Z1)—(Z2) ensure that the SDE (2.2) has
a unique solution. In the theorem below, we provide some relevant results related to
sandwiched processes (see [14, Theorems 2.3, 2.5, 2.6, 3.1, and 3.2]).

Theorem 2.1 Let Z = {Z(t), t € [0,T]} be a stochastic process satisfying
(Z1)—(Z2).

1) If the initial value Y (0) and the drift b satisfy assumptions (A1)—(A3), then the
SDE has a unique strong pathwise solution such that for all t € [0, T']

Y(t) > o) a.s. 2.3)

Moreover, there exist deterministic constants L1, L, L3, and L4 > 0 depending
only on Y (0), the shape of b and A, such that for all t € [0, T, the estimate
(2.3) can be refined as follows:
L
o)+ —— < Y() < L3+ LiA as., 2.4)
(Ly + A)ritiT

where A is from (Z2) and y is from (A3). In particular, if A is such that
E [AW’H] < 00 2.5)

for some r > 0, then

E| sup ; < 00,
refo,71 (Y (1) — ()"
and, if
EA" < o0 (2.6)

for some r > 0, then

E|: sup |Y(t)|’i| < 00.

tel0,T]

2)  If the initial value Y (0) and the drift b satisfy assumptions (B1)—(B3), then the
SDE has a unique strong pathwise solution such that for all t € [0, T']

o) <Y(@) <Y(t) a.s. 2.7
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Moreover, there exist deterministic constants L1 and Ly > 0 depending only on
Y (0), the shape of b and A, such that for all t € [0, T, the estimate (2.7) can be
refined as follows:

Ll Ll
o)+ —————— <YM <YO) - ————— as., (28

(Lo + A) 7T (Lo + M) 7T
where A is from (Z2) and y is from (B3). In particular, if A can be chosen in
such a way that

E [Am] < o0 (2.9)

for some r > 0, then

E sup; <oo, E sup; < 00
refo.71 (Y (1) — @(1))" ref0,71 (Y (1) = Y (1))

Remark 2.2 Properties (2.3)—(2.4) and (2.7)—(2.8) hold on each w € 2 such that
Z(w; t),t € [0, T], is Holder continuous and we always consider only such w € Q
in all proofs with pathwise arguments. For notational simplicity, we will also omit w
in brackets.

Remark 2.3 Due to the property (2.7), the setting described in Assumption B will
be referred to as the two-sided sandwich case since the solution is “sandwiched”
between ¢ and ¥ a.s. Similarly, the property (2.3) justifies the name one-sided sand-
wich case for the setting corresponding to Assumption A. In both cases A and B, the
solution to (2.2) will be referred to as a sandwiched process.

Remark 2.4 Note that assumptions (A4) and (B4) are not required for Theorem 2.1
to hold and will be used later on.

In what follows, conditions (2.5), (2.6), and (2.9) will play an important role since
the L"(2; L*°([0, T]))-convergence of the approximation scheme will directly fol-
low from the integrability of A. However, it should be noted that these conditions are
not very restricting as indicated in the following example.

Example 2.5 (Holder Gaussian noises) Let Z = {Z(t), t € [0, T]} be an arbitrary
Holder continuous Gaussian process satisfying (Z1)—(Z2), e.g. standard or fractional
Brownian motion. In this case, by [6], the random variable A from (Z2) can be chosen
to have moments of all orders.

We now complete the Section with some examples of the sandwiched processes.
Example 2.6 (Generalized CIR and CKLS/CEV models) Let ¢ = 0, Z satisfy (Z1)-

(Z2) with & € (0, 1) and Y (0), k1, k2 > 0,y > % — 1 be given. Then, by Theorem
2.1 (1), the SDE of the form

Y(5) = Y(0) + /

t
( o K2Y(S)> ds + Z(t), 1€l0,T], (2.10)
0

Y7 (s)
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has a unique positive solution. Moreover, it can be shown (see [14, Subsection 4.2])
that, if A > %, stochastic process X (t) := Y'Y (1), t € [0, T, a.s. satisfies the SDE
of the form

t t
X() = X(O)—I—(l—l—y)/ (k1 — k2X (s)) ds+(l+y)/ X*(s)dZ(s), te€l[0,T],
0 0

(2.11)
where o = # € (0, 1) and the integral w.r.t. Z exists a.s. as a pathwise limit of
Riemann-Stieltjes integral sums. As mentioned already, the (2.11) appears in finance
in the standard Brownian setting and is called Chan—Karolyi—Longstaff-Sanders
(CKLS) or constant elasticity of variance (CEV) model (see, e.g. [4, 8, 9]). If « = %
(i.e. when y = 1), the (2.11) is also known as the Cox—Ingersoll-Ross (CIR) equation

[10-12].

Remark 2.7 (Connection with the classical Brownian CIR/CKLS models)

1) Ify =1in(2.10) (CIR case), Assumption (A3) demands Z to be Holder contin-
uous of order A > % That means that Example 2.6 does not cover the classical
Brownian CIR model since the continuous modification of a standard Brownian
motion has paths that are Holder continuous only up to (but not including) the
order 1/2. However, it is still possible to establish a clear connection between our
setting and the classical CIR model. Indeed, let {W(z), ¢ € [0, T]} be the con-
tinuous modification of a standard Brownian motion. Consider the CIR process

X ={X (), t € [0, T]} defined by

dX(@t)=alb—X@)dt +o/X@)dW(), Xo=>0,

where a, b, > 0and 2ab > o 2. The latter condition ensures that X has positive
paths a.s. and hence one can define ¥ := +/X. By Itd’s formula, ¥ satisfies the
SDE

dY (1) = (% _ KQY(I)) dt + %dW(t), Yo=+Xo>0, (212
4ab—c?

with k1 = and kp := 5, which has a type very similar to (2.10). The
SDE (2.12) can then be used to define a drift-implicit Euler scheme of the form
(1.6) which turns out to converge to the original process (2.12). For more details
on the drift-implicit Euler scheme for the classical Brownian CIR process, see,
e.g. [13].

2) Ify > 1in(2.10), Assumptions (Z1)—(Z2) and (A1)-(A4) allow Z to be a stan-
dard Brownian motion. However, in this case, one cannot use pathwise calculus
to obtain (2.11) whereas the standard Itd’s formula shows that X := Y117 does
not coincide with the standard CKLS process. In order to cover the standard
CKLS model, we have to modify the drift in (2.10) to compensate for the second
order term in It6’s formula as follows:

K1 ‘}/O’2

Yr() 2Y(t)

dy(t) = < — /czY(t)) dt +odW(t). (2.13)
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The SDE (2.13) satisfies Assumption A and X := Y'*7 is the solution to the
SDE

t t
X() = X<0>+<1+y>/ (K1—K2X(S))ds+(1+7/)0/ X ()dW (s),
0 0
Y

o= ,
14y

i.e. X := Y17 is the classical CKLS process.

Example 2.8 (Generalized TSB model) Let ¢ = —1,¢ = 1,Y(0) € (—1,1), Z
satisfy (Z1)—~(Z2) with A > % and k > 0. Then, by Theorem 2.1 (2), the SDE of the

form
Y(t) = Y(0) — /IL(S)
0o 1=Y2(s)
has a unique solution such that —1 < Y(#) < 1 for all + € [0, T] a.s. In the
standard Brownian setting, the SDE of the type (2.14) is known as the Tsallis—

Stariolo—Borland (TSB) model and is used in biophysics (for more details, see, e.g.
[15, Subsection 2.3] or [16, Chapter 3 and Chapter 8]).

ds+Z(t), te][0,T], (2.14)

Example 2.9 For the given Z satisfying (Z1)—(Z2) with A € (0, 1), A-Holder contin-
uous functions ¢, ¥, ¢(t) < ¥ (¢),t € [0, T], and Y (0) € (¢(0), ¥ (0)) consider the
SDE of the form

! K1 K )
Y =Y — —K3Y d Z(1),
® ()+/0 ((Y(s)—go(s))y Wo) — vy YW )ds+20)

te[0,T],

where k1, k2 > 0,k3 € R,and y > % — 1. By Theorem 2.1 (2), this SDE has a unique
solution such that ¢(¢) < Y (¢) < ¥ (¢) a.s. Note that the TSB drift from (2.14) also
has this shape withp = -1, ¥y =1,y = 1,k = k2 = %, and x3 = 0 since

Ky K 1 1
1—y2 2\y+1 1-y)°
Notation 2.10 In what follows, C denotes any positive deterministic constant that

does not depend on the partition and the exact value of which is not relevant. Note
that C may change from line to line (or even within one line).

3 The approximation scheme for the two-sided sandwich

We will start by considering the numerical scheme for the two-sided sandwich case
which turns out to be slightly simpler due to boundedness of Y. Let the noise Z
satisfy (Z1)—(Z2), Y (0) and b satisfy Assumption B and ¥ = {Y (), ¢t € [0, T]} be
the unique solution of the SDE (2.2). Consider a uniform partition {0 = 79 < 1] <
w<ty=T}of [0, T], t := ka, k=20,1,.., N, with the mesh Ay := % such that

c3An < 1, 3.1
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where c3 is an upper bound for % from (B4). Let us define f’\(t) as follows:

Y(0) = Y(0),
Y(tei1) = Y(t) + bltrs1, Y (i) Ax + (Z (1) — Z(10),
Y1) = Y(t), 1€t trs), (3.2)

where the second expression is considered as an equation with respect to Y (#x+1).

Remgk 3.1 Equation with respect to ?(tk+1) from (3.2) has a unique solution such
that Y (fx+1) € (@(tx+1), ¥ (tx+1))- Indeed, for any fixed ¢ € [0, T'] and any z € R,
consider the equation

y=bt,y)AN =z (3.3)

w.r.t. y. Assumption (B4) together with condition (3.1) imply that (y—b(¢, y) A N)’y >
0 and, by (B3),

y—bt, ANy > 00, y—>Y@)—.

Thus, there exists a unique y € (p(t), ¥ (¢)) satisfying (3.3).

Remark 3.2 The value of ?(t) fort € [0, T]\ {#0, ..., tn} can also be defined via
linear interpolation as

~ 1 ~ ~
Y1) = v (k1 = DY (@) + ¢ — )Y (k1)) 1 € [t i), k=0,..., N—1.
In such case, all results of this section hold with almost no changes in the proofs.

Remark 3.3 The algorithms of the type (3.2) are sometimes called the drift-implicit
[2, 3, 13] or backward [18] Euler approximation schemes.

Before presenting the main results of this section, we require some auxiliary lem-
mas. First of all, we note that the values Y (#,), n = 0, 1, ..., N, of the discretized
process are bounded away from both ¢ and i by random variables that do not depend
on the partition. Namely, we have the following result that can be regarded as a
discrete modification of arguments in [14, Theorem 3.2].

Lemma 3.4 Let Z satisfy (Z1)—(Z2), Assumption B hold and the mesh of the partition
An satisfy (3.1). Then there exist deterministic constants L1 and L, > 0 depending
only on Y (0), the shape of the drift b and A, such that

Ll Ll

Qi) +—————— <V (t) S Y (tg)————————
(Ly + A)73+T (Ly + A) 7T

where A is from (Z2) and y is from (B3).

, n=0,1,..,N, a.s.,
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Proof We will prove that

Ly

o(ty) + <Yt), n=0,1,...N, as. (3.4)

(Lo + A7

by using the pathwise argument (see Remark 2.2). The other inequality can be derived
in a similar manner. Recall that, by Assumption B, ¢ and ¢ are A-Holder continuous,
i.e. there exists K > O such that

lo(t) — ()| + [Y (1) — ¥ ()| < K|t —s|*, 1,5 €[0,T].

Denote also
A 1
AT-% — \T%
p=————>0,
c —A

B

where ¢; is from (B3),

Y (0) —90) Ay A(P(0) — Y(O)))l_)‘_y)‘ i
2 )

with the constants y, and y also from (B3), and
1

Ly:= K+ (""" (

&= = 1 .
(2B)7FT (L + A) 7T

Note that, with probability 1,
lo(t) — @)+ 1Y (@) — Y (&) +1Z() — Z()| < (La+ M)t —s]*, 1,5 €[0, T,

and, furthermore, it is easy to check that ¢ < Y (0) — ¢(0), ¢ < ¥(0) — Y(0), and
£ < Yy

If Y(#,) > ¢(t,) + € for a particular n = 0, 1, ..., N, then, by definition of ¢, the
bound of the type (3.4) holds automatically. Suppose that there exists n = 1, ..., N
such that Y () < ¢(t,) + €. Denote by «(n) the last point of the partition before ¢,
on which ¥ stays above ¢, i.e.

ic(n) :=max{k =0, ...n — 1Y, > o)+ &}

(note that such point exists since_ ?(to) —9(0) = Y(0) — ¢(0) > ¢). Then, for all
k=«k(m)+1,..,n wehave that Y (ty) < & < y, and therefore, using (B3), we obtain
that, with probability 1,

Y(t) = @(ta) = Y(tean) — @) + Ax Y bt Y (@) + Z(tn) — Z(te()
k=K (n)+1

e
£+ @tem)) — oty) + g_V(tn — tem)) + Z(tn) — Z(ten))

v

2
= &t (tn = tem) = (L2 + D) tw — 1)
Consider a function F, : Ry — R such that

(6] A
F.(t) =¢+ g—yt — (L2 + A)t".
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It is straightforward to verify that F; attains its minimum at

A = v 1
ty = — eT-x(Lr+ A) T+
2
and, taking into account the explicit form of ¢,
1 A
AT=% o 1 AT 1
Fo(ty) = &+~ 15 (Ly + A)TF — “ e (Ly + A) T
oI 7 oI
2 2

A 1
—e— Pl (Ly+ A)TF =

YA 1—A 1
2 i+l IBy)Hr)wl (Lz + A) yA+A—1

Namely, even if ?(t,,) < @(ty) + ¢, we still have that, with probability 1,
~ £
Y(tn) —oty) = Fe(t, — t/c(n)) > Fe(ty) = 5»

and thus, with probability 1, foranyn =0, 1, ..., N
1

—~ &
Y(tn) = o(tn) + 5 = ¢(ta) + x T 1
2 2T BTAT (Ly 4 A) PR

Ly

=: o(tn) + ]
(Lo + Ay7T

’

where Ll = ﬁ O]
2 yA+i-1 /3 yA+A—1

Remark 3.5 It is clear that constants L and L in Lemma 3.4 can be chosen jointly
for Y and Y, so that the inequalities

L L
(1) + L < Y() <) - ————, 1€[0,T],
(Ly 4+ A)vi+i-1 (Ly + A)v™i-T
and
L ~ L
o)+ ————— =Yt =vl&) - —————, n=0,1,.,N,
(L + A)v7+=T (Ly 4+ A)vaHi-T

hold simultaneously with probability 1.
Next, we proceed with a simple property of the sandwiched process Y in (2.2).

Lemma 3.6 Let Z satisfy (Z1)—«(Z2) and assumptions (B1)—(B3) hold.

1)  There exists a positive random variable Y such that, with probability 1,

Y1) = Y(s)| < Y|t —s|*, t,5€[0,T]
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2) If, for somer > 1,
rmax{p,yA+r—1}
E [A yA+i=T ] < 00, 3.5)
where A and A are from (Z2), p is from (B2), and y is from (B3), then one can

choose Y such that
E[Y"] < 0.

Proof Denote ¢ (1) := (¥ (1) + ¢(1)), t € [0, T]. By (2.8),
L Ly

o)+ ————— <Y <y(t) - ——— —, t€[0,T], as,
(Ly + A) vi+i-1 (Ly + A) 7T
i.e. with probability 1 (¢, Y (¢)) € Dé,é’t € [0, T'], where

1
g (L2t M7
= I
and D; ; is defined by (2.1). Itis evident that (¢, ¢ (¢)) € D1 1,t € [0, T]; therefore,
1323 EE

using (Z2), (B2), and (2.7), we can write that, with probability 1, forall0 <s < ¢ <
T:

(3.6)

t
Y () = Y(@s)| < / [b(u, Y () |du + | Z(t) — Z(s)|
t t
= / |b(u, Y (u)) — b(u, ¢ u))ldu + / |b(u, ¢ ) |du + At — s)*
t
= Clép/ 1Y (u) — ¢ (u)ldu + ug{lg?;]lb(u, @It — )+ At — )"

=< <C1$p||1// — ¢lloo + max |b(u,¢(u))|> t—s)+ A1 -5
u€l0,T]

<CEP+A+ 1@ —s), (3.7)

where C is a positive constant. Now one can put

Y:=CEP+A+1) 3.8)
and observe that the definition of Y, (3.5), and (3.6) implies that
E[Y"] < 0. O

Next, using Lemma 3.4 and following the proof of Lemma 3.6, it is easy to obtain
the following result.

Corollary 3.7 Let (Z1)—(Z2) and Assumption B hold. Then there exists a random
variable Y independent of the partition such that with probability 1

V(1) = Y(@)l < Yl —tal*s k;n=0,...N. (3.9)
Furthermore, if (3.5) holds for some for r > 1, then
E[Y"] < 0.
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Finally, Y can be chosen jointly for Y and Y, so that
Y0 =Y < Ylt —s|*, 1,5 €[0,T],
holds simultaneously with (3.9) with probability 1.

Lemma 3.8 Let Z satisfy (Z1)—(Z2), Assumption B hold and the mesh of the partition
A satisfy (3.1). Then

1) foranyr > 1, there exists a positive random variable Cy that does not depend
on the partition such that
sup Y () — Y()" < C1AY  as.;
k=0,1,..,N
2) if, additionally,

r(p+max{p,yA+1—1})

E[Ayml ] < o0, (3.10)

where A and A are from (Z2), p is from (B2), and y is from (B3), then one can
choose Cy such that E[C1] < 00, i.e. there exists a deterministic constant C that
does not depend on the partition such that

E| sup [Y()—Y@)I" | < CAY.
k=0,1,...,.N

Proof Fix w € Q such that Z(w, t), t € [0, T], is Holder continuous /gfor simplicity
of notation, we will omit w in the brackets). Denote ¢, := Y (t,) — Y (t,), AZ, =
Z(ty) — Z(ty—1). Then

In
e, = Y(ty,—1) + / b(s,Y(s))ds + AZ,
17

n—1
—Y(ta_1) — b(t, Y (1)) AN — AZ,
= ent + (b, Y(12) = b1y, Y (1)) Ay
ty
+/ (b(s, Y(s)) — b(t,, Y(t,)))ds. (3.11)
-1

By the mean value theorem,
—~ b o~
(b(tn, Y (tn)) — b(tn, Y(tn))) AN = 5(51’ O)ANY () — Y ()
b
= —(ty, O)Ane,
dy
with ®,, € (Y(t,,)/\?(tn), Y(tn)\/?(tn)). Using this, we can rewrite (3.11) as follows:
b n
(1 -2, @,,)AN) en = et + / (b(s. Y () = bltn, Y (t))ds,  (3.12)
Iy

1—1
where
ob
1-— 8—(t,,, ONAN > 1 —c3AN >0
y
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by (B4) and (3.1).
Next, denote

- ab
to:=1, ¢ = 1_[ (1 - 5(&', @i)AN>

i=1

and define ¢, := ¢,e,. By multiplying both sides of (3.12) by &, —1, we obtain that
tl‘l
én = en—1+ {n—1 / (b(s, Y(s)) — b(tn, Y (t2)))dss (3.13)
th—1

and, expanding the terms ¢;_; in (3.13) one by one, i = n,n — 1, ..., 1, and taking
into account that eg = 0, we obtain that

n t
=Y G / (b(s. Y (5)) — b(t;. Y (1)))ds.
i=1 fi-1
Therefore,
“goy [
=y / (b(s. Y (8)) = b(ti. Y (6)))ds.
i=1 {n ti—1
Observe that, by assumption (B4) and (3.1), forany i,n € N,i < n,
n

¢ ab R
(—i = 1_[ (1 — 5(Iis®l‘)AN) = 1_[ ( _C3AN)_1

i=k+1 i=k+1

IA

-N
(1 —C3AN)_N = <1 — —) - 3T, N > oo,

whence there exists a constant C that does not depend on i, n or N such that

% <c.

&n
Using this, one can deduce that

.
"=C

len

IA

n t r
C(Z/p 1|b(s,Y<s>)—b<rl-,Y(r,->)|ds> :
i=1"""

n . 1
29;1/ (s, Y ($)) = bW, Y (1:)ds
im n fi-1

IA
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Note that (¢, Y (¢)) € Dé, é’ where £ is defined by (3.6) and Déé is defined via (2.1);
hence, by (B2) as well as Lemma 3.6, we can deduce that

n f r
(Z | s, ves) ~ b v ds)
j=1 Yli-1
n ti r n [i r
CeP” (Zf |s—t,~|)‘ds) + CEPT (Z/ IY(s)—Y(ti)Ids>
i=1 i i=1 ti—1
n ti r n ti r
CcEePr (Zf |s—t,~|)‘ds) + CEPTYT (Z[ |s—t,~|)‘ds)
i=1 711 i=1 711

n 1 r
Cé‘nr(l + Tr) (Z mA}\;F)»)

i=1
CEPT (14 TT)AY.

IA

IA

IA

In other words, there exists a constant C that does not depend on the partition such
that

leal” = 1Y (1) — Y(ta)|" < CEP"(1 + Y7 AN

and, since the right-hand side of the relation above does not depend on n or N, we
have

sup Y (1) — Y(5)|" < CEP (1 4+ Y")AN =: CIAY. (3.14)
0,...N
It remains to notice that, by (3.6) and (3.8),
E[(14+7")] < o0
whenever (3.10) holds, which finally implies

E[ sup Y (1) — ?(rn)v} < E[C|]A} =: CAY. O
n=0,...,N

Now we are ready to proceed to the main results of this subsection.

Theorem 3.9 Let Z satisfy (Z1)—(Z2), Assumption B hold and the mesh of the
partition Ay satisfy (3.1). Then

1) for any r > 1, there exists a random variable C that does not depend on the
partition such that

sup [Y(1) =Y ()" < CoAY  as.;
te[0,T]

2) if, additionally,
r(p+max{p,yrA+r—1})
ElA yAi+i—1 < 00,

where A and A are from (Z2), p is from (B2), and y is from (B3), then one can
choose Cy such that E[Cy] < o0, i.e. there exists a deterministic constant C that
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does not depend on the partition such that

E| sup |[Y(1) —Y(0)|" | <CAY.
te[0,T]

Proof Fix w € Q such that Z(w, t), t € [0, T], is Holder continuous (for simplicity
of notation, we again omit w in the brackets) and consider an arbitrary ¢ € [0, T].
Denote

n():=max{n=0,1,...,N |t > t,},
i.e.t € [ty), th(r)+1)- Then
Y0 = YO < C(1Y @) = Yta@)]” + 1Y (ta)) = ¥ (tae)I")
CY (1 = ta)™ + C(Ly + A)THT (1 4+ Y AY
C (77 A+ Lz + M) AR,

IAIA

IA

where we used Lemma 3.6 to estimate |Y (1) — Y (#y(1))|" and bound (3.14) to estimate
|Y (ta (1)) — Y (ta())|"- Therefore,

sup |[Y(t) = Y(@) <C (T’ + (1 + YL+ A)—Mﬁ,l) A = Cy AN
1€[0,T]

Finally, using the same arguments as in Lemma 3.6 and Lemma 3.8, one can easily
show that the condition

r(p+max{p,yrA+r—1})
E|A yAt+a—I < 00

implies that
E [T’ (0 +Y)(Ly + A)iﬂﬁx—l] < o0,

therefore

E| sup [Y(@0) = VO | = C (X7 + 1+ (La+ AT ) AY
1€[0,T]

for some constant C > 0 that does not depend on the partition. O

Theorem 3.10

1) Let Z satisfy (Z1)—(Z2), Assumption B hold and the mesh of the partition Ay
satisfy (3.1). Then, for any r > 1, there exists a random variable C3 that does
not depend on the partition such that

1 1 Ar

sup — = <CGA a.s.
n=0,1,...N | Y (tn) — @(ty) Y(t,) — o(tn) N
and
1 1 ' Ar
sup — = <CGAy a.s.
n=0,1,..N | ¥ ) — Y () Y(ty) — Y(ty)
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2) I, additionally,

r(2+p+max{p,yr+r—1})
ElA yA+=T < 00, (3.15)

where A and A are from (Z2), p is from (B2), and y is from (B3), then one can
choose C3 such that E[C3] < o0, i.e. there exists a deterministic constant C that
does not depend on the partition such that

1 1 g
E sup
n=0,1,....N

Y(t) —9(tn)  Y(ty) — @(tn)

< CAY

and
1 1 r

- - < CAY.
W(tn) - Y(tn) K/f(fn) - Y(tn)

E sup
n=0,1,..., N

Proof By Remark 3.5 and estimate (3.14), with probability 1 foranyn =0, ..., N:
T Y (t2) — Y (t)]”
(Y, — o))" (Yy, — @(ta))"
2r
(L + A7 N
———,—— sup [Y(t) =Yl

Ly n=0,1,...N
2r

C(Ly + N)PFTEP (1 + YT AN
=: C3A)/"Vr.

1 1
‘ Y(tn) —9(tn)  Y(ta) — o(ta)

IA

It remains to notice that, by (3.6) and (3.8), the condition (3.15) implies that E[C3] <
00. The second estimate can be obtained in a similar manner. O]

4 One-sided sandwich case

The drift-implicit Euler approximation scheme described in Section 3 for the two-
sided sandwich can also be adapted for the one-sided setting that corresponds to
Assumption A on the SDE (1.1). However, in the two-sided sandwich case, the pro-
cess Y was bounded (which was utilized, e.g. in Lemma 3.6) and, moreover, the
behaviour of ¥ was similar near both ¢ and v so that it was sufficient to analyze only
one of the bounds. In the one-sided case, each Y (¢), for ¢ € [0, T'], is not a bounded
random variable; therefore, the approach from Section 3 has to be adjusted. For this,
we will be using the inequalities (2.4).

Let the noise Z satisfy (Z1)-(Z2), Y (0) and b satisfy Assumption A and ¥ =
{Y (), t € [0, T]} be the unique solution of the SDE (2.2). In line with Section 3,

we consider a uniform partition {0 = #) < t1 < ... <ty =T} of [0, T], ty := %,
k=0,1,.., N, with the mesh Ay := £ such that
c3An < 1, “.1)
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where c¢3 is an upper bound for g—€ from assumption (A4). The backward Euler

approximation ?(t) is defined in a manner similar to (3.2), i.e.

Y(0) = Y(0),
Y (1) = Y(0) 4 b(trrt, Y e Ax + (Z(try1) — Z(10)),
Y(0) = Y1), 1€ i, i), (4.2)

where the second expression is considered as an equation with respect to Y (#x+1).

Remark 4.1 Just as in the two-sided sandwich case, each ?(tk), k=1,.., N,iswell
defined since the equation

y—bt,y)AN =z
has a unique solution w.r.t. y such that y > ¢(¢) for any fixed ¢+ € [0, T] and any
z € R. To understand this, note that assumption (A4) together with (4.1) imply that

(v = b(t, ) AN)y > 0. (4.3)

Second, by (A3),
y—=bt,y)Ay — =00, y— () +. 4.4)
Next, by (A2), for any (s, y1), (s, y2) € D1 := {(u,y) € [0, T] x Ry, y € [p(u) +

1, 00)}, we have that
[b(s, y1) — b(s, y2)| < cilyr — yals
ie.

ab
sup B_(S’ y)
(s.)€Dy 19Y
Using this, (A4), and the mean value theorem, for any positive y > ¢(¢) + 1

< Q.

ab
bt,y) = bt o) + 1)+ 50, O)(y = 1= 9@)

ob
< max b(t,e(t)+ 1)+ max |1+ ¢(s)| su '—(s, )‘ + c3
5€[0,T] ¢ se[O,T]l ¢ l(s,y)epﬁl dy Y Y

=: C + 3y,
whence
y—>b(t,y)Ay = —CAN + (1 —c3AN)y > 00, y — 00. 4.5)

Existence and uniqueness of the solution then follows from (4.3)—(4.5).

Remark 4.2 Similarly to the two-sided sandwich case, the value of ?(t) fort €
[0, TT\ {¢o, ..., tn} can also be defined via linear interpolation with no changes in
formulations of the results and almost no variations in the proofs.

Our strategy for proving the convergence of Y to Y will be similar to what we
have done in Section 3. Therefore, we will be omitting the details highlighting only
the points which are different from the two-sided sandwich case. We start with some
useful properties of Yand?.
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Lemmad4.3 Let Z satisfy (Z1)—(Z2), Assumption A hold and the mesh of the partition
A satisfy (4.1). Then there exist deterministic constants L1, Lo > 0 depending only
on Y (0), the shape of the drift b and X, such that
Ly

Y(ty) = @(ty) + ——————
(L + A) 75T

a.s.,

where A is from assumption (Z2) and y is from assumption (A3). Moreover, there
exist constants L3, L4 > 0 that also depend only on Y (0), the shape of the drift b
and X\ such that

Y(ty) <Lz +LsA, n=0,1,...,N, a.s.

for all partitions with the mesh satisfying (Y(O)EWA N < 1 with ¢y and p being
from (A2).

Proof The proof of
- L
Y(ty) = o(ty) + :
(L + M) 7T

is identical to the corresponding one in Lemma 3.4 and will be omitted. Let us prove
that

Y(ty) < L3+ LsA  a.s.

Fix w € Q for which Z(w, t) is Holder continuous, consider a partition with the
mesh satisfying (Y(())iWAN < 1 and fix an arbitraryn = 0, 1, ..., N — 1. Assume

that ?(t,,H) > @(ty+1) + (Y(0) — ¢(0)) (otherwise, the claim of the lemma holds
automatically). Put

k(n) :=maxik =0, 1, ..n | V(1) < o(t) + (Y (0) — p(0))}

and observe that (7, ?(tk)) € Dy©)—p) forany k = k(n) + 1,...,n + 1, where
Dy (0)—¢(0) s defined via (2.1). Next, by (A2), for any y € Dy 0)—¢(0)

b, 1)1 = [b(1, 90 + (¥ ©) = (O | =[5, v) = b(1, 01) + (¥ (©0) — 0|

c1
— |y — @) — (@0) — Y0
< 70 _w(o))l,ly @) — (¢(0) ()]

Iyl + lp() + (¢(0) — Y (0))I,

Cl (&
<
- (Y(0) — 0P (Y (0) — 90))?
i.e. there exists a constant C > 0 that does not depend on the partition such that

c1
b(t, <C+—-—-—y|. 4.6
D@, ) = C+ (Y(O)—(p(O))l’|y| (4.6)
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Next, observe that, for any k = «(n) + 1, ..., n + 1, we have

k
Y(t) = Ytew) + Y. bt YD) Ay + Z(t) — Z(teny)
i=k(n)+1
k -~
< @lte) + (XY (0) —9O) + Y blti, YI))AN + Aty — tew)”
i=k(n)+1
k
_ A S
< ‘Slel[lgf;](P(S) + (Y (0) (/)(0))‘ +T"A + i_’%H b(t;, Y (1) Ay.

Thel‘efore, using (4.6) and
Y 1 (p t, > nl.n (p S),

one can write

k
Y i s s — A LY
Y ()] < Sg{gg}‘ﬂ(ﬂ +Lg{1&§]<ﬂ(Y)+(Y(0) ¢(0))‘+T A+' Z [b(ti, Y ()| AN
i=k(n)+1
k
< i Y(0) — ¢(0 T*A+C A
= | min ¢(s) +LIEI[1&>;]<p(S)+( ) — o ))’+ + i_’%ﬂ N

k

C1 .
(Y (0) — p(0))? Y(t)|An,
MO i:K(Zn)HI (1) IAN

where C > 0 is some positive constant that does not depend on the partition.
Now we want to apply the discrete version of the Gronwall inequality from [20,
Lemma A.3]. In order to do that, we observe that

Y (tey+1)] < C + T*A + WWANW(&)L
and, forany k = «(n) +2,...,n+ 1,
~ 1 ~ ~
Y(t)| < C+T*A + (Y(O)fw i1 Y EIAN + WWANW(%)L
Now, since (Y(O)fWA N < 1, we can write that

(- 7o
(Y(0) — 9(0))?
and, forallk = «k(n) +2,....,n+1,

AN) |?(fx<n>+1)| <C+T*A

k—1

~ Cc ~
AN>|Y<rk>|sc+T*A+—1 3> Y@m)lAy.

YO =90 _~

C1

-
( (Y(0) = ¢0)”

Put

No :=min{N> 1 — 1 Ay< 1} - [L}—H
N Y (0) — @(0)? (Y (0) — @(0))?
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with [x] being the greatest integer less than or equal to x and observe that, for all

N > Ny,
Cl Cl

]l——— A ] — —m— An,.
X0 - N T WO —p)r M

Therefore,
C T

Y (tey+1)| < o + - A
- 7o—sor 27 1~ 7o—poyr AN

< ¢ T r’ A
- _ ____a _ ___a
= vo—por 2% 1= go—empr iy

=: C1 + CA

and, forallk =«(n) +2,..,n+ 1,
C N T* A
_ 49 _ 49
= ooy 11— goeorly
k—1
C1l = AN
o > Y1) -
Y (©O) —pO0)” i=k(n)+1 L= vo—so A
- C N T* A
[y [ ) S _____¢°a
= vo—eor2M 1~ ooy 2N
k—1
Cl > N
e > |[Y(®)] =
YO =", T 1~ moeopr A%
k—1
= Ci+CA+C3 Y [Y(t)lAy.
i=k(n)+1

Y (1)] <

Using a discrete version of the Gronwall inequality, we now obtain that for all k =
km)+1,.,n+1
k—1
(C1+CaM)expiCs Y Ay < (Ci+ C2A)exp{TC3)
i=k(n)+1

Y (1)

IA

=: L3+ L4A.
which ends the proof. O
Remgrk 4.4 Tt is clear that constants L1, Lo, L3, and L4 can be chosen jointly for Y
and Y, so that the inequalities

<Y(@) < L3+ LsA, t€]0,T],

(”4.#
O L =

and
<Y(ta) <L3+L4A, n=0,1,.., N,

([).}.L
P L+ Ay

hold simultaneously with probability 1.
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Next, corresponding to Lemma 3.6 in the two-sided case, Y enjoys Holder con-
tinuity with the Holder constant being integrable provided that A has moments of
sufficiently high order. This is summarized in the lemma below.

Lemma 4.5 Let Z satisfy (Z1)—(Z2) and assumptions (A1)—(A3) hold.
1)  There exists a positive random variable Y such that with probability 1
YO =Y <Yl —sl* 150,71
2) If, for somer > 1,
r(p+yr+r-1)
E [A Zar ] < 00, “4.7
where A and A are from (Z2), p is from (A2), and y is from (A3), then one can
choose Y such that

E[Y"] < oo.

Proof By (2.4),

Ly
_—
(Lo + A) vA+2-T
i.e. with probability 1 (¢, Y (¢)) € Dgl’ t € [0, T'], where

Y1) = () + a.s.,

1
L2+ A)viH-T
= I
and D is defined in (2.1). Denote ¢ (¢) := ¢(t) + 1 and notice that (¢, ¢ (¢)) € D1,
E 3

(4.8)

t € [0, T], since é < Y(0) — ¢(0). Thus, using the same arguments as applied in
(3.7), we can write that, with probability 1, forany 0 <s <t < T:

t
[Y(@) = Y(s)l < 0151’/ 1Y (u) — ¢ (u)|du +urerggxn b(u, pW)|(t — )+ At — 5)*,
where ¢ is from (A2). Now, again by (2.4),
Y(t) < L3+ L4A a.s.,
hence with probability 1
t
[Y(#) = Y(s)| < C1§p/ 1Y (u) — ¢ (u)ldu +MIEIE(2)1XT] b, p)|(t — 5) + At — $)*

c1EP (L3 + LaA)(t —5) + c1€P Jmax lp@)|(t —s)

IA

+ max |b(u, p@))|(t —s) + A(r — s)*
uel0,7]

IA

C(L+EPA+EP + M) — )",
where C is a positive constant. Now one can put

T:=C(+&'A+EP+A) 4.9)
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and observe that
E[YT"] < oo

whenever (4.7) holds. O]

Corollary 4.6 Using Lemma 4.3 and following the proof of Lemma 4.5, it is easy to
obtain that, for any partition with the mesh satisfying

cl
max {C},W}AN <1 (410)

there is a random variable Y independent of the partition such that with probability 1

1Y (1) — ?(tn)| <Yltx —ta/*, k,n=0,.. N. 4.11)
Furthermore, just like in Lemma 3.6, forr > 0

E[Y"] < o0
provided that
[a55) <o
Finally, such Y can be chosen jointly for Y and ?, so that
Y(t) = Y(s)| < Y|t —s*, t,5€l0,T],

holds simultaneously with (4.11) with probability 1.

Lemmad4.7 Let Z satisfy (Z1)—(Z2), Assumption A hold and the mesh of the partition
An satisfy (4.1).

1) Foranyr > 1, there exists a positive random variable C4 that does not depend
on the partition such that

sup Y1) — Y()|” < C4Ay  as.
k=0,1,....N

2) If, additionally,
r@2p+yit+i-1)
IE|:A yAFA=I j| < 00, 4.12)

where A and A are from (Z2), p is from (A2), and y is from (A3), then one can
choose Cyq such that E[C4] < 00, i.e. there exists a deterministic constant C that
does not depend on the partition such that

E| sup [Y()— Yl | < CAY.
k=0,1,...,.N

Proof Following the proof of Lemma 3.8, one can easily obtain that for any
n=01,..,N

-~ n tl "
Y () =Y (1) < C (Z f |b(s, Y (5)) = b(t;, Y ()] ds) :
j=17%i-1
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Next, note that (¢, Y(¢)) € Dé’ where £ is defined by (4.8), so, by (A2) and

Lemma 4.5,

n ti r
(Z/ [b(s, Y (s)) — b(t;, Y (1)) dS)
j=1Y1i-1
n 4 r n 4 r
cePr (Z/ |s—ti|)‘ds) + CEPT <Z/ |Y(s)—Y(t,-)|ds>
i=1"1i-1 iz Yt
n tl r n tl r
CeP” (Zf |s —til’\ds) + CEPIYT (Z[ |s —til’\ds)
i=1 i i=1 fi—1

n

1 r
Cspr(l + Tr) <Z mA/lV-F)»)

i=1
CEPT (1 4+Y)AN,

IA

IA

IA

i.e.
sup Y () — Y ()" < CEP'(1+ YA, (4.13)
n=0,...,N

In order to conclude the proof, it remains to notice that (4.8), (4.9), and (4.12) imply
that
IE[E”’(I + Tr)] < 0.

Now we are ready to formulate the two main results of this section.

Theorem 4.8 Let Z satisfy (Z1)—(Z2), Assumption A hold and the mesh of the
partition Ay satisfy (4.10).

1) Foranyr > 1, there exists a random variable Cs that does not depend on the
partition such that

sup [Y(t) —Y(0)]" <CsAY  a.s.
tel0,T]

r@2p+yi+i-1)
E|A 71 < 00,

where A and A are from (Z2), p is from (A2), and y is from (A3), then one can
choose Cs such that E[C5] < o0, i.e. there exists a deterministic constant C that
does not depend on the partition such that

2) I, additionally,

E| sup [Y(t)—Y(®) | <CAY.
t€[0,T]

Proof The proof is similar to the one of Theorem 3.9 but instead of Lemmas 3.6, 3.8
and bound (3.14) one should apply Lemmas 4.5, 4.7 and bound (4.13). O
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Theorem 4.9 Let Z satisfy (Z1)—(Z2), Assumption A hold and the mesh of the
partition Ay satisfy (4.10).

1) Foranyr > 1, there exists a random variable Cg that does not depend on the
partition such that

r

1 1

- CoAY  a.s.
Y(ty) —0(ty)  Y(tn) — 0(tn) =CeAy as

sup
n=0,1,....N
2) If, additionally,
rQ+2p+yi+i—1)
E |:A YAFA=T :| < 00, (4.14)

where A and A are from (Z2), p is from (A2), and y is from (A3), then one can
choose Cg such that E[Cg] < 00, i.e. there exists a deterministic constant C that
does not depend on the partition such that

1 1
E sup
n=0,1,...,.N

Y1) — 9(ta)  Y(ty) — o(t)

,
}§CA’}V’.

Proof The proof is similar to Theorem 3.10 and is omitted. O

5 Examples and simulations

The algorithms presented in (3.2) and (4.2) imply that, in order to generate f/\(thr DR
one has to solve an equation that potentially can be challenging from the computa-
tional point of view. However, in some cases that are relevant for applications, this
equation has a simple explicit solution.

Regarding the numerical examples that follow, we remark that:

1) all the simulations are performed in the R programming language on the system
with Intel Core i9-9900K CPU and 64 Gb RAM;

2) in order to simulate paths of fractional Brownian motion, R package somebm is
used;

3) in Example 5.3, discrete samples of the multifractional Brownian motion
(mBm) values are simulated using the Cholesky decomposition of the cor-
responding covariance matrix (for covariance structure of the mBm, see,
e.g. [5, Proposition 4]) and the R package nlegslv is used for solving (3.2)
numerically.

Example 5.1 (Generalized CIR processes) Let ¢ = 0, Z satisfy (Z1)—(Z2) with A €
(%, 1), Y(0), k1,62 > 0,7 > L — 1 be givenand (Y (1), 1 € [0, T1} satisfy the SDE
of the form

K1

t
Y(t) = Y(O)—l—/ (——IQY(S)> ds+7Z(r), te[0,T]. (5.1
o \Y(s)
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This process fits into the framework of Section 4 and the equation for YAv(fk+1) from
(4.2) reads as follows:

Y )—?(r)+<x—1
k+1) = k /Y\( )

- Kz?<rk+1)) AN + Z(te1) — Z (1)
tk+1

It is easy to see that it has a unique positive solution

~ ~ 2
V(1) + (Z(ix1) = Z(10)) + \/ (P + 2@ = 2a0)) + 41 Ax (1 +K28y)

Y (1) = TN

Figure 1 contains 10 sample paths of the process (5.1) driven by a fractional Brow-
nian motion with H = 0.7. In all simulation, we take N = 10000, T = 1, and
YO =1=kx1=x2=1

In order to illustrate the convergence, we also simulate the drift-implicit approx-
imation Y with a small step size 1079 (it will serve as the “exact” solution). Then,
using the same path of Z, we generate the drift-implicit Euler approximations with
step sizes of the form 1/N, where N runs over all divisors of 10°. Afterwards,
we compute the L°°([0, T])-distances between the “exact” solution and its approx-
imations with larger step sizes. This procedure is performed 10000 times and the
mean square error of each L% ([0, T])-distance is computed. The resulting values

25
1

15

1.0

05

0.0 02 0.4 0.6 038 1.0
Time

Fig. 1 Ten sample paths of (5.1) generated using the drift-implicit Euler approximation scheme; N =
10000, T =1, Y(0) = k1 = k3 = 1, Z is a fractional Brownian motion with H = 0.7
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serve as consistent estimators of the corresponding L2(2; L ([0, T']))-errors and
are depicted on Fig. 2a.

Note that the drift-implicit Euler scheme for (5.1) driven by the fractional Brown-
ian lnotion was the main subject of [18] and [22], but in both cases, the convergence
of Y to Y is established only on [0, 7] with T being small (see, e.g. [18, Eq. (8) and
Remark 3.1]). Our results fill this gap and prove that convergence holds on arbitrary
[0, T'] for any model parameters. It should be noted though that the convergence rate
in Theorem 4.8 is not optimal and can be improved for the fractional Brownian driver.
It is well known that paths of a fractional Brownian motion are Holder continuous
up to (but not including) its Hurst index H and whence Theorem 4.8 indicates that
the exact convergence speed of the drift-implicit Euler scheme is better than O (A]AV)
for any A € (0, H). In turn, [18] uses the results on the modulus of the continuity
of the fractional Brownian motion and establishes that the exact speed of conver-

gence is O (Aﬁ,/|log(AN)|) (provided that T is small enough). On Fig. 2b, we

plot the values of log (A N |log(A N)|#> against the logarithms of the correspond-

ing L?(S2; L°°([0, T1))-errors from Fig. 2a. The resulting points (depicted in black)
turn out to be located along the line with the slope 0.7022687 ~ 0.7 = H (depicted
in red; least squares method was used to estimate the slope). This gives an empirical
evidence to the conjecture that additional conditions on 7 in [18] can be lifted and

the speed O (Agw/llog(ANﬂ) is still preserved.

Example 5.2 (Sandwiched process of the TSB type) Consider a sandwiched SDE of
the form

t
K1 K2
Y(t) = Y(0)+/ ( - —K3Y(S)> ds+Z(t), tel0,T],
0o \Y()—e@s)  ¥(s)—Y(s)
(5.2)
L(Q;L™(0,T))-error of the drift-implicit Euler scheme, fractional CIR process Rate of LZ(Q;LM(O,T))—convergence; fractional CIR process, H=0. 7

Error

— log{anlog(a)¥ ) vs log-error

—— Least squares fit

Ay

(a) (b)
Fig.2 Convergence analysis of the drift-implicit Euler approximation scheme for (5.1); T = 1, Y(0) =
k1 = k2 = 1, Z is a fractional Brownian motion with H = 0.7. On panel a, L2(Q; L°°([0, T]))-errors
are depicted. Panel b contains the values of log (AN |10g(AN)|ﬁ) plotted against the logarithms of the

corresponding L2(€2; L°°([0, T1))-errors (black) as well as the line fitted with the least squares method
(red). The slope of the red line is 0.7022687 ~ 0.7 = H
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where Z satisfies (Z1)—(Z2) with A € (% 1). This equation fits into the framework
of Section 4 and the scheme (3.2) leads to N cubic equations of the form

Y3(tnt1) + BonY2(tar1) + BinY (tag1) + Bon =0, n=0,.,N—1, (53)

where
g o —PDY i) (V(0) + AZ)) + Ay (1 (tns1) + 620(1011))
O = 1+ Anks ’
(@(tas1) + Y1) X (1) + AZy) — An (k1 + K2)

B, = (1 t
1,n @)V (tay1) + 1+ Anis

Y(t,) + AZ,

1+ Anks
Note this equation can be solved explicitly using, e.g. the celebrated Cardano method.
Namely, define

By, = —@(tht1) — ¥ (thg1) —

2 3
BZ,n _ 2BZ,n BZ,nBl,n

= — B
3 s Q2,n 77 3 + 0,n

L Ql,n . Q2,n 2
Qn._<3>+<2),
oy = 13/ _Q;n +\/E’ Bn = y _Q;,n - \/E,

where among possible complex values of «;, and §,,, one should take those for which

Ql,n = Bl,n -

and put

By = — % Then the three roots of the cubic (5.3) are
an+pfn | .an— P
y1,n=an+lgna Yoon = — n2 n“l‘l n2 n\/g’
o, + oy —
yln:_nzﬂn_lnzﬂnﬁ’

and ?(tn+1) is equal to the root which belongs to (¢(t,+1), ¥ (t,+1)) (note that there
is exactly one root in that interval).

Figure 3 contains 10 sample paths of the process (5.2) driven by a fractional Brow-
nian motion with H = (.7. In all simulations, we take ¢ = —1, ¥ = 1, N = 10000,
T=1andY(0) =0,k =kr = % k3 = 0 (this case corresponds to the TSB equa-
tion described in Example 2.8). Simulation is performed by direct implementation of
the Cardano’s method in R. On Fig. 4a, the LZ(Q; L*([0, T]))-errors are depicted.
Just as in Example 5.1, behaviour of the modulus of continuity of the fractional
Brownian motion allows to suggest that the exact convergence speed of the numer-

ical scheme is O (Aﬁ,/| log(A N)|). Figure 4b gives an empirical evidence to this
conjecture: the values of log (A N |log(An)| ﬁ) plotted against the logarithms of the

corresponding L2(Q; L*°([0, T]))-errors (black) are located along the line (red) with
the slope 0.7033434 ~ 0.7 = H (least squares fit was used).
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1.0

05

-05

-1.0

0.0 0.2 04 06 038 1.0
Time

Fig.3 Ten sample paths of (5.2) generated using the drift-implicit Euler approximation scheme; ¢ = —1,
=1,N=10000,T =1,Y0) =0,k; = kp = %, k3 = 0, Z is a fractional Brownian motion with

S =
=2

LZ(Q;L”(O,T))—errcr of the drift-implicit Euler scheme, fractional TSB process Rate of LZ(Q;L‘”(O,T))—convergence; fractional TSB process, H=0. 7

Error

— log[awllog(an)F¥ vs log-error

—— Least squares fit

(a) (b)
Fig.4 Convergence analysis of the drift-implicit Euler approximation scheme for (5.2); ¢ = —1, ¢ = 1,
T=1Y0)=0,k =Kk = %, k3 = 0, Z is a fractional Brownian motion with H = 0.7. On panel
a, L2($2; L°°([0, T))-errors are depicted. Panel b contains the values of log (A N [log(An)| ﬁ) plotted

against the logarithms of the corresponding L2(Q; L°°([0, T1))-errors (black) as well as the line fitted
with the least squares method (red). The slope of the red line is 0.7033434 ~ 0.7 = H
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17 BN M

\““’W"w”ﬁ Ww

0.0 02 04 06 08 10
Time

Fig. 5 A sample path of (5.4) generated using the backward Euler approximation scheme; N = 10000,

T=1Y0) =1,k =k =1, o) = sin(10z), ¥ (¢t) = sin(10¢) 4 2, Z is a multifractional Brownian

motion with functional Hurst parameter H (¢) = % sin(2mwt) + %

In both Examples 5.1 and 5.2, equations for computing Y could be explicitly
solved but the Holder continuity of the noise could not be less then 1/2. The next
example shows that the drift-implicit Euler scheme can be applied in the rough case
as well.

Example 5.3 (Sandwiched process driven by multifractional Brownian motion)
Consider the sandwiched SDE of the form

t K1 K2 )
w=ro+ [ ((Y(s) —eOF - T ) T e s 11)

In this case, Theorem 2.1 guarantees existence and uniqueness of the solution for A-
Holder Z with A > % (note that this equation fits the framework of Example 2.9 from
Section 2). On Fig. 5, one can see paths of the process (5.4) withk; =k = 1, ¢(¢) =
sin(10¢), ¥ (r) = sin(10¢) + 2 driven by multifractional Brownian motion (mBm)
with functional Hurst parameter H(¢) = % sin(2rwt) + % (note that the lowest value

of the functional Hurst parameter is H (%) = 0.3; for more details on mBm, see [5]

as well as [17, Lemma 3.1] for results on Holder continuity of its paths). Figure 6
contains the L2(§2; L ([0, T']))-errors of approximation. Note a much slower rate of
convergence: the multifractional Brownian motion Z under consideration is Holder
continuous up to the order 0.3; therefore, Theorem 3.9 guarantees convergence speed
of only O(A%) with A € (0,0.3).
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LQ(Q;L“(O,T))—error of the drift—implicit Euler scheme, mBm driver

o | .
o /
o | .
© /
L]
.| /
° .
/'/
.
© |
S
.
5 /
= o
1T} e
L]
0 | /
S
o
/
o
/
< | /.
o
L]
L]
o /
o L]
L]
o | L]
S
T T T T T
0.00 0.01 0.02 0.03 0.04

AN

Fig. 6 L2(§2; L ([0, T1))-errors of the drift-implicit Euler approximation scheme for (5.4); T = 1,
Y(0) =1,k = k3 =1, o) = sin(10z), ¥ (¢) = sin(10¢) + 2, Z is a multifractional Brownian motion
with functional Hurst parameter H (1) = % sin(2rt) + %
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