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Abstract

This study investigates how American adults’ personality and financial self-efficacy (FSE) beliefs contributed to how they
used their COVID-19 CARES Act Economic Impact Payment (EIP) for spending needs, spending wants, and financial
transactions (save, invest, debt repayment). The results from a sample of 1172 Amazon MTurk users collected in July 2020
suggest that both personality traits and FSE beliefs were associated with EIP use. Specifically, this study finds that FSE and
conscientiousness emerged as the most robust predictors of EIP use across all categories of financial behavior with a greater
allocation of EIP funds to saving and less to spending needs and debt repayment. Additionally, greater FSE is associated
with investing, while greater conscientiousness is connected to more spending on wants. The results suggest that saving
habits associated with personality and FSE persist in a crisis environment, and pre-crisis preparedness may allow for greater
spending flexibility on wants. Significant relationships were also found for openness, extraversion, agreeableness, and neuroti-
cism. The findings highlight how people use unexpected financial windfalls during crises and uncertainty and how personal
characteristics contribute to this decision making.

Keywords Economic impact payments - CARES Act - COVID-19 - Financial self-efficacy - Big five personality traits -
Spending needs and wants

Introduction

The COVID-19 health pandemic has had a jarring and far-
reaching impact on all areas of life that has spurred an imme-
diate need to cope, recover, and build resilience financially,
psychologically, and socially (Polizzi et al., 2020). While
multi-faceted coping strategies are necessary to contend
with the level and extent of the economic and psychosocial
disruption caused by COVID-19 (Polizzi et al., 2020), this
study focuses on financial coping during the crisis and the
psychological characteristics that shape the financial choices
people make. This study hones in on decision making for
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mental response with initial financial support in Spring 2020
under the CARES Act, people likely did not have an oppor-
tunity to plan for impending financial disruption. Therefore,
people likely perceived the stimulus payment as an unex-
pected windfall (Asebedo et al., 2020; Shefrin & Thaler,
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1988) that evoked behavior reflecting their level of financial
preparedness and sense of control and resilience over their
financial situation both before and during the crisis.

The life cycle hypothesis considers money as fungible
and, therefore, treated the same way over the life cycle
regardless of its source (Ando & Modigliani, 1963). How-
ever, the behavioral life cycle hypothesis explains behavioral
deviations from life cycle hypothesis expectations because
people treat money differently depending on its source and
associated marginal propensity to consume that source (e.g.,
income, current asset, and future income). Therefore, She-
frin and Thaler (1988) posited that money is nonfungible
with its use dependent upon framing, mental accounting, and
self-control. Furthermore, the behavioral life cycle hypoth-
esis suggests that people likely framed the CARES Act EIP
as a current income windfall with a high marginal propensity
to consume the EIP given the unexpected nature of COVID-
19, the quick onset of financial disruption, and prompt gov-
ernmental support (Shefrin & Thaler, 1988). Therefore,
the CARES Act EIP likely induced personal characteris-
tics (e.g., self-control, biases, and framing) that resulted in
financial decisions during the time of EIP receipt that people
otherwise might not have made absent the windfall.

While most people tend to focus on necessities and
basic needs during tumultuous times (Loxton et al., 2020),
researchers discovered that the use of stimulus payment
money during the COVID-19 health pandemic has varied.
For example, some stimulus payment recipients chose to
spend their payment on wants over needs or used it for sav-
ing, investing, or debt repayment (Asebedo et al., 2020;
Coibion et al., 2020). The primary purpose of stimulus pay-
ment programs is to increase consumer spending; however,
people do not always use this money as policymakers intend.
Therefore, it is essential to generate an understanding of the
characteristics associated with those that do not behave as
anticipated for future legislation. Researchers have generated
evidence for the economic and sociodemographic attributes
associated with COVID-19 EIP use within a variety of sam-
ples: (a) Amazon MTurk (Asebedo et al., 2020), (b) Nielsen
Homescan panel, consisting of adults who track and report
their daily purchases (Coibion et al., 2020), (c) The House-
hold Pulse Survey experimental data system, administered
by the U.S. Census Bureau (Garner et al., 2020), and (d)
Facteus, private transaction-level debit card panel data from
government agencies (Karger & Rajan, 2020). This study
builds upon this existing EIP research by investigating a new
dimension—psychological characteristics—associated with
COVID-19 EIP use across spending and saving-oriented
categories. Additionally, this study gathered primary data
consisting of psychological characteristics and sociodemo-
graphic and economic variables using a general sample of
1172 American adults derived from Amazon’s MTurk plat-
form, consistent with Asebedo et al. (2020).
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Research and theory suggest that fundamental personal
dispositions (personality) in addition to self-efficacy—con-
trol, resilience, influence, and confidence—serve a pivotal
role in self-regulatory behavior, particularly amid adver-
sity, uncertainty, new situations, and circumstances with
daunting obstacles (Bandura, 1991, 1997; Bleidorn et al.,
2019; Stajkovic et al., 2018). Therefore, personality traits
and financial self-efficacy beliefs might explain variation in
how stimulus payment recipients under the CARES Act used
their unexpected funds. This combined research and theory
form the impetus for this study: to investigate how Ameri-
can adults used their COVID-19 economic stimulus relief
payment (specifically referred to as an economic impact
payment; EIP) and how their personality and financial self-
efficacy (FSE) beliefs contributed to their decision-making.
This study raises awareness of how people use unexpected
financial windfalls during crises and uncertainty and how
personal psychological characteristics relate to those deci-
sions. Because of the high cost of stimulus payment pro-
grams, policymakers are interested in how people use these
funds and what factors contribute to their choices. In addi-
tion, and perhaps most importantly, this study contributes to
understanding the underlying psychological characteristics
associated with creating financial resilience during times
of stability such that individuals can cope effectively with
future financial disruptions with a greater sense of control,
confidence, and hope.

Literature Review
Economic Stimulus Payment Programs

In response to adverse economic environments, policymak-
ers enact economic stimulus programs to address two signifi-
cant challenges: individual economic hardship and stimula-
tion of the broader economy (Kaplan & Violante, 2014).
The Economic Growth and Tax Relief Reconciliation Act of
2001 is one example of this policy instrument that provided
tax rebate checks of up to $600 for U.S. households during
the 2001 economic recession. Similarly, policymakers codi-
fied the Economic Stimulus Act (ESA) of 2008 in response
to the 2007-2009 recession to bolster consumer spending,
alleviate the effects of the recession, and boost the economy.
The ESA included a broad tax rebate program that provided
(subject to income limitations) $300 to $600 per individual
with an additional $300 per qualifying child.

More recently, policymakers have implemented eco-
nomic stimulus payment programs in response to the eco-
nomic impact of the COVID-19 health pandemic. The U.S.
federal government passed the Coronavirus Aid, Relief,
and Economic Security Act (CARES Act) on March 27th,
2020, that allotted $2.2 trillion to provide swift and direct
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economic assistance for American households, businesses,
industries, and state and local governments (U.S. Depart-
ment of the Treasury, 2021). According to the CARES Act,
a single U.S. citizen, permanent resident, or qualifying resi-
dent alien received a maximum one-time economic impact
payment (EIP) of $1200, phased out with income between
$75,500 and $146,500; married couples filing joint received
a $2400 EIP, phased out with income between $150,000
and $198,000; additionally, households with children under
17 received $500 per child (U.S. Department of the Treas-
ury, 2021). The government issued a second stimulus pay-
ment in January and February 2021 under the Coronavirus
Response and Relief Supplemental Appropriations Act with
the same income guidelines as the CARES Act. However,
the base amount was half as much ($600) as the first round
of payments (U.S. Department of the Treasury, 2021). Last,
policymakers approved the third payment in March 2021
of $1400 for each eligible individual, including dependents
(U.S. Department of the Treasury, 2021). Given the multiple
rounds of stimulus payments targeting the COVID-19 health
pandemic, it is important to note that this study is concerned
with only the first set of payments issued in 2020 under the
CARES Act.

Behavioral Characteristics and Stimulus Payment
Use

Because policymakers often issue stimulus payments in
response to adverse circumstances to stimulate the econ-
omy and help people cope with stressors, it is important
to consider behavioral characteristics (in addition to socio-
economic and demographic factors) that underpin decision
making when investigating how people use that money.
Behavioral economics seeks to understand the psychological
attributes relevant to stimulus payment spending that explain
seemingly irrational behaviors that often contradict alter-
native rational choices (Mullainathan & Thaler, 2000). For
example, though individuals intend to set goals that benefit
their future self, a lack of self-regulation can lead to failure
in executing those goals (Bandura, 2005; Shefrin & Thaler,
1988). Behavioral characteristics can also explain variant
spending behaviors on items such as health (King et al.,
2013), food selection (French et al., 2001), and drinking
(Vuchinich & Tucker, 1983). Behavioral characteristics also
underpin differences in financial behaviors for debt (Stone &
Maury, 2006), savings, and investment (Thaler & Benartzi,
2004). Furthermore, risk tolerance (Finke & Huston, 2003),
future planning (Shaffer, 2020), and financial self-efficacy
(Chatterjee et al., 2011) are all behavioral characteristics
that relate positively to an individual’s financial stability and
net worth. As people become aware of and harness their
behavioral characteristics to achieve financial stability and

increase wealth, they can more comfortably take care of
needs such as food and shelter, satisfy desires by consum-
ing wants, and save more for the future.

Behavioral characteristics are particularly salient dur-
ing adverse environmental conditions. For example, dur-
ing a recession, people are more vulnerable to psycho-
logical distress and financial instability, which results in
weakened cognitive ability and poor financial decision
making (Mani et al., 2013; Marjanovic et al., 2013; Shah
et al., 2012). Risk aversion, depression, anxiety, suicide
ideation, and perceived financial threat also increase (Chi-
ang & Xiao, 2017; Marjanovic et al., 2013; Tefft, 2011).
Financial and generalized self-efficacy also tend to dimin-
ish as individuals perceive increased financial threat and
loss of control (Greenglass & Mara, 2012; Marjanovic
et al., 2013). Moreover, the effect of economic distress
is not equal across all participants in the economy due
to behavioral characteristics. For example, those who
hold a relatively positive outlook of the economy more
readily take financial risk, participate in the stock mar-
ket, spend, and invest while gambling less, and perceive
lower levels of financial threat (Bailey & Kinerson, 2005;
Hurd & Rohwedder, 2010; Nagel, 2012; Smeral, 2010;
Wohl et al., 2014). Within the COVID-19 health pandemic
environment, Asebedo et al. (2020) found behavioral
characteristics related to stimulus payment use under the
2020 CARES Act, such as economic recovery outlook,
financial-risk-taking attitude, consulting with others, and
recession and stock market expectations.

An additional behavioral characteristic that affects
financial behavior, particularly amid adverse circum-
stances, is financial self-efficacy (FSE). FSE is the sense
of control, resilience, influence, and confidence a person
perceives over their financial situation (Asebedo et al.,
2019; Bandura, 1997). FSE moderates perceived financial
threats and the relationship between market volatility and
financial satisfaction (Asebedo & Payne, 2019; Greenglass
& Mara, 2012). According to Bandura (1991), self-efficacy
is a protective psychological trait that mitigates stress and
depression and creates resiliency as people cope with envi-
ronmental conditions. Therefore, FSE may be central to
coping with the financial consequences of the COVID-19
environment and, specifically, the use of CARES Act EIP
funds. Given the financial preparedness characteristics and
ability to cope with adverse circumstances associated with
greater FSE, those with greater FSE would likely have
entered the COVID-19 environment with greater financial
stability. This greater financial stability would create more
flexibility to allocate more EIP funds to spending wants
and less to needs. Furthermore, a sense of control, market
volatility resilience (Asebedo & Payne, 2019), and a sav-
ings habit might result in those with greater FSE perpetu-
ating their savings behavior by allocating more significant
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proportions of their EIP to saving and investing. Further-
more, because greater FSE is associated with less debt
(Farrell et al., 2016), it is less likely that someone with
greater FSE will need to use their EIP for debt reduction.

Personality and Stimulus Payment Use

In addition to FSE, personality traits are influential to human
behavior and mobilize in response to situations or tasks
that seem daunting or impossible to overcome (Stajkovic
et al., 2018). Therefore, personality characteristics may also
explain variation in how people used their CARES Act EIP
within the context of the COVID-19 health pandemic. The
American Psychological Association (APA, 2021) defines
personality as “individual differences in characteristic pat-
terns of thinking, feeling, and behaving.” Researchers have
found personality traits to explain individual differences in
financial behaviors such as investing, spending, debt usage,
and consumption decisions (Brown & Taylor, 2014; Duck-
worth & Weir, 2011; Gladstone et al., 2019). While several
personality frameworks exist, the Big Five personality trait
taxonomy is the most widely used in personality psychol-
ogy that is broad and generalizable yet sufficiently nuanced
to reflect variation in individual differences (Bleidorn et al.,
2019). Each Big Five trait is associated with a variety of
financial behaviors. Because this study focuses on how peo-
ple used their CARES Act EIP for spending needs, wants,
and wealth accumulation-oriented financial transactions
(save, invest, pay repayment), this section will provide a
brief overview of how each Big Five personality trait con-
nects to these areas.

Openness

Greater openness to experience is associated with having
more debt (Brown & Taylor, 2014), a higher likelihood of
owning stock (Liu, 2020), and more willingness to take
financial risks (Liu, 2020). Furthermore, those with greater
openness tend to exhibit more impulsive buying behaviors
(Shahjehan et al., 2012), save less and spend more (Duck-
worth & Weir, 2011), and experience more incidents of
unemployment (Viinikainen & Kokko, 2012). Within the
context of the COVID-19 pandemic, greater openness might
associate with more EIP use for spending needs due to less
financial preparedness and less prudent money management
before the pandemic. This diminished preparedness would
likely create a greater need to use EIP money for necessi-
ties or debt reduction while having a diminished capacity to
allocate EIP funds to financial transactions. However, when
examining the financial transaction subcategories, a greater
risk tolerance combined with existing investing behavior
associated with the openness trait may result in investing a

@ Springer

portion of the EIP. Furthermore, less prudent money man-
agement practices, greater impulsivity, and less financial
preparedness might result in those with a stronger openness
trait using less of their EIP funds for spending wants because
of greater demands on their needs and debt load.

Conscientiousness

Those with greater conscientiousness are more likely to save
(Gladstone et al., 2019), invest (Mosca & McCrory, 2016),
have less debt (Brown & Taylor, 2014), and have greater
wealth (Duckworth et al., 2007). They tend to exhibit money
management behaviors (such as budgeting for future needs),
exercise financial self-control, and plan and save effectively
(Donnelly et al., 2012). Individuals with a stronger consci-
entiousness trait tend to exhibit controlled spending behav-
ior as evidence suggests they are not compulsive buyers
(Mowen & Spears, 1999). Even though conscientiousness is
associated with investing and wealth accumulation behavior,
those with a stronger conscientiousness trait are less likely to
own stocks outside of retirement plans and are less willing
to take financial risks (Liu, 2020). It may be that conscien-
tiousness facilitates controlled spending and saving behavior
that produces greater wealth over time and counterbalances
a lesser allocation to stock.

When considering CARES Act EIP use, greater consci-
entiousness will likely be associated with more EIP funds
allocated to financial transactions. However, when exam-
ining the financial transaction subcategories, those with
greater conscientiousness will likely associate positively
with saving a portion of their EIP with less allocated to debt
reduction and investing given their typical controlled spend-
ing, low debt level, saving habit, and lower tolerance for
risk. On the other hand, it is also possible that those with
greater conscientiousness do not save a portion of their EIP
because their pre-crisis financial preparation created a lesser
need to save during the COVID-19 pandemic due to existing
savings. However, given the abrupt and ambiguous onset
of the COVID-19 pandemic in which the government dis-
tributed EIP funds, it is likely that an individual’s instincts
and habits persisted through this uncertainty and informed
their immediate behavior (Bleidorn et al., 2019; Stajkovic
et al., 2018), and in this case their saving tendency. Thus,
the expectation is that those with greater conscientiousness
will likely save a portion of their EIP despite the possibility
that they may not need to save in the first place. While most
people defer wants in a financial crisis, pre-crisis control
can create financial strength that may allow individuals to
spend on wants to satisfy higher-order needs in a pandemic
(Loxton et al., 2020). Therefore, because those with greater
conscientiousness are likely to have entered the COVID-
19 pandemic with financial preparedness, they would likely
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have the financial flexibility to allocate more of their EIP
funds for spending wants.

Extraversion

Individuals with greater extraversion have higher incomes
and net worth (Nabeshima & Seay, 2015; Viinikainen et al.,
2010) and fewer unemployment gaps (Viinikainen & Kokko,
2012). They also exhibit impulsive buying behavior and
spend more on social activities, such as social dining and
drinking (Gladstone et al., 2019; Verplanken & Herabadi,
2001). Those with greater extraversion tend to hold higher
debt levels (Brown & Taylor, 2014), own stock, and are more
willing to take financial risks (Liu, 2020). In light of the
COVID-19 pandemic, greater extraversion will likely asso-
ciate positively with more EIP use for financial transactions
due to a stronger financial position entering the pandemic
that created the capacity to save and invest (e.g., higher
income, consistent employment, greater wealth). However,
when examining the financial transaction subcategories,
extraversion is likely associated with a greater EIP allocation
to debt reduction and less to saving, given greater impulsiv-
ity and the tendency to accumulate debt. When consider-
ing investing behavior, greater tolerance for risk will likely
result in observed investing behavior for a portion of the
EIP. Moreover, a larger net worth might create a lesser need
to spend EIP funds on needs, thereby generating a greater
capacity for spending more EIP funds on wants.

Agreeableness

Agreeableness is associated with less wealth (Nabeshima &
Seay, 2015), more debt (Brown & Taylor, 2014), less stock
(Jadlow & Mowen, 2010; Liu, 2020), and a lower willing-
ness to take financial risks (Liu, 2020). Greater agreeable-
ness is also connected to more donations (Gladstone et al.,
2019) and compulsive buying tendencies (Mowen & Spears,
1999). Within the COVID-19 environment, agreeableness
will likely operate similarly to openness, with less EIP funds
used for financial transactions and less for the saving subcat-
egory. In comparison, people might use more EIP funds for
spending needs and debt reduction. Contrary to openness,
agreeableness is connected to a lesser willingness to take
financial risks, and therefore a negative relationship with
investing will likely be observed. Moreover, less financial
preparedness entering the pandemic (e.g., more debt and
less wealth) may create a greater need to use EIP money
for spending on necessities. As with openness, less prudent
money management practices, greater impulsivity, and less
financial preparedness might result in those with a stronger
agreeableness trait using less of their EIP funds for spending
wants because of greater demands on their needs and debt
requirements.

Neuroticism

Those high in neuroticism have more debt (Nyhus & Web-
ley, 2001), hold less risky assets (Oehler et al., 2018), and
exhibit lower changes in net worth over time (Asebedo
et al., 2019). They also exhibit more compulsive (Mowen &
Spears, 1999) and impulsive (Shahjehan et al., 2012) spend-
ing behaviors. Thus, similar to openness and agreeableness,
individuals high in neuroticism are more likely to enter the
COVID-19 crisis with low savings and higher debt levels
due to a lack of consistent pre-crisis money management,
leading to a reliance on EIP windfall funds to provide for
necessities and debt repayment. These financial constraints
might also reduce the capacity to allocate a portion of EIP
funds towards spending wants, saving, and investing.

Sociodemographic and Economic Characteristics

The pandemic has disproportionately affected women, low-
income workers, and people of color (Kantamneni, 2020).
Therefore, it is critical to account for fundamental differ-
ences in sociodemographic and economic conditions when
investigating stimulus payment use. Researchers have con-
ducted emerging research to investigate how individuals
spent their 2020 CARES Act EIP (Asebedo et al., 2020;
Baker et al., 2020; Chetty et al., 2020; Coibion et al., 2020;
Li et al., 2020). Specifically, Asebedo et al. (2020) found
that those with a lesser net worth (compared to high net
worth) allocated less of their EIP to financial transactions,
more of their EIP to debt repayment in addition to spend-
ing needs and wants. Asebedo et al.’s findings are consist-
ent with studies that found lower-income households facing
liquidity constraints were more likely to spend their EIP, as
well as other recent research about EIP spending among low-
income households (Baker et al., 2020; Chetty et al., 2020;
Coibion et al., 2020). However, Coibion et al. (2020) did
not incorporate spending categories, while Asebedo et al.
(2020) found that those with low to moderate wealth lev-
els (compared to higher wealth) used more of their EIP for
transportation and clothing.

The pandemic has had a disproportionate effect on
women (Alon et al., 2020a). Unlike other recessions, the
COVID-19 pandemic has led to more pronounced unem-
ployment for women than for men (Alon et al., 2020b; Bick
& Blandin, 2020; Kalenkoski & Pabilonia, 2020). Asebedo
et al. (2020) found that a greater proportion of women allo-
cated most or all of their EIP to spending needs than spend-
ing wants or saving, investing, or debt repayment. Men were
significantly more likely to spend EIPs on durable goods and
less likely to spend EIPs on clothing (Asebedo et al., 2020),
food, health/beauty aids, household products, and medical
care than females (Coibion et al., 2020).
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Moreover, Karpman et al. (2020) found that low-income
Hispanic and Black individuals were more likely to reduce
spending on food or use savings and increased credit card
debt during the COVID-19 pandemic. White individuals
allocated less of their EIP to food and transportation wants
(Asebedo et al., 2020), and African-Americans used more
of their EIP to pay off debt (Coibion et al., 2020). In general,
individuals with low education were more likely to spend
their EIP (Coibion et al., 2020). Those with a higher educa-
tion allocated less of their EIP to debt repayment and spend-
ing needs, while they saved more of their EIP and allocated
more of their EIP to travel and education as well as health
care (Asebedo et al., 2020). Moreover, being married is con-
nected to spending more on housing and children-related
items (Asebedo et al., 2020).

Furthermore, employed individuals allocated less EIP
spending for housing, while those who experienced a job
change during the pandemic were more likely to spend
their EIP (Coibion et al., 2020). Specifically, those out of
the labor force or who changed jobs during the pandemic
allocated less of their EIP to financial transactions, spending
wants, and donations; while allocating more of their EIP to
debt repayment, spending needs, and food wants (Asebedo
et al., 2020). Those with smaller EIPs (indicative of higher
income or smaller households) spent more on healthcare
wants but less towards financial transactions, transportation
needs, and food wants than those with larger EIPs (Asebedo
et al., 2020).

Last, older individuals were more likely to spend and less
likely to save their EIP (Coibion et al., 2020). Regarding
specific categories, older individuals allocated less of their
EIP on housing, clothing, travel, hobby and recreation, and
education, while they spent more on donations, health care,
and transportation (Asebedo et al., 2020).

Theory and Hypotheses

Bandura’s (1991) social cognitive theory of self-regulation
provides the theoretical lens for this study because of the
self-regulation inherent in saving and spending decisions.
According to Asebedo et al. (2020), the CARES Act EIP is
a current income windfall with a high marginal propensity
to consume. This income type requires greater control to
negotiate the conflict between the doer focused on current
period consumption and the planner primarily concerned
with lifetime utility maximization (Shefrin & Thaler, 1988).
According to Bandura, self-efficacy is central to success-
ful self-regulation as it creates greater resiliency, effort, and
motivation, particularly when confronted with stressors and
failures. Those with greater self-efficacy also tend to set
aspiration goals and persist in achieving them. It is not diffi-
cult to see how self-efficacy might be a critical psychological
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asset to navigating daily stressors amid the COVID-19
health pandemic (Polizzi et al., 2020). Self-efficacy beliefs
are domain-specific (Bandura, 1997). Thus, how efficacious
someone feels about their health may differ from how they
feel about their finances. Consequently, financial self-effi-
cacy (FSE) is the primary theoretical construct of interest. It
captures the level of control, confidence, and resilience over
a person's financial situation that is cardinal to functioning
in times of financial abundance and adversity.

Moreover, Stajkovic et al. (2018) posited that both per-
sonal dispositions (personality) and situation-specific effi-
cacy beliefs influence self-regulatory behavior and that
each in isolation form an incomplete picture. Stajkovic et al.
noted further that it is essential to account for personality
traits and self-efficacy beliefs, particularly when executing
behavior under trying conditions. Bleidorn et al. (2019) also
suggested that personality traits affect life outcomes, most
notably when operating in ambiguous, new, or unusual cir-
cumstances. The COVID-19 health pandemic has been just
that—trying, ambiguous, new, and unusual—with adverse
effects spanning the health, psychosocial, and economic
spectrums (Polizzi et al., 2020). Thus, the psychology of
CARES Act EIP use within the context of the COVID-19
health pandemic ought to consider both situation-specific
financial self-efficacy beliefs (FSE) and personality traits,
defined as context invariant and innate tendencies that lead
to measurable thoughts, feelings, and observable behaviors
(Bleidorn et al., 2019; Stajkovic et al., 2018). Following Sta-
jkovic et al. this study integrates the social cognitive theory
of self-regulation (Bandura, 1991) and Big Five trait theory
(personality; John & Srivastava, 1999) to investigate the psy-
chology of CARES Act EIP use.

Furthermore, because EIP use unfolded amidst a crisis,
it is essential to consider pre-crisis behaviors that produce
financial preparedness and, therefore, flexibility to decide
how to use EIP windfall funds. Loxton et al. (2020) found
that people focused their general spending predominantly
on essential and basic needs during the early months of the
COVID-19 pandemic, representing spending behavior that
reflects historical periods of crisis and uncertainty. However,
Asebedo et al. (2020) found variation in spending behavior
across both wants and needs when analyzing EIP windfall
money, which suggests individual differences in prioritiz-
ing needs and wants in response to unexpected financial
resources are present in the population. Based on the social
cognitive theory of self-regulation (Bandura, 1991), Big
Five trait theory (personality; John & Srivastava, 1999), and
empirical research connecting personality traits to financial
behavior, it is likely that individual differences in personal-
ity traits and FSE might partially explain this variability in
spending on needs and wants during the pandemic.

Overall, the general expectation is that greater FSE and
personality traits associated with controlled and wealth
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accumulation-oriented behaviors that are likely to produce
pre-crisis preparedness and capacity for spending flexibility
are associated with (a) a greater allocation of EIP funds to
financial transactions in general, in addition to the saving
subcategory based upon an instinctual saving habit, (b) less
to debt repayment due to a behavioral tendency to accumu-
late less debt, and (c) less spending on needs due to pre-cri-
sis planning behaviors and preparedness that creates capac-
ity and flexibility for spending more on wants. Additionally,
a relationship between investing and EIP use will likely con-
nect with greater FSE and personality traits associated with
a greater willingness to take financial risk. Tables 1 and 2
summarize the hypotheses outlined further below.

Financial Self-efficacy

Given the connection between self-efficacy and the self-
regulatory process, it is expected that FSE is significantly
related to how Cares Act EIP recipients used their windfall
funds due to stronger control associated with greater FSE
combined with pre-crisis financial management practices.
These positive financial attributes likely lead to more sav-
ings and less debt that create psychological and financial
resilience, resulting in less EIP spending for needs, a greater
capacity to spend on wants, more EIP funds allocated to
saving and investing, and less EIP funds allocated to debt
reduction due to less debt entering the pandemic:

H1: Greater FSE is associated with less CARES Act EIP
funds allocated to spending behaviors for needs.

H2: Greater F'SE is associated with more CARES Act EIP
funds allocated to spending behaviors for wants.

H3: Greater FSE is associated with more CARES Act EIP
funds allocated to financial transactions.

H3a: Greater FSE is associated with more CARES Act EIP
funds allocated to saving.

Table 2 Expected relationship between variables of interest and EIP
use for sub-financial transaction categories: spending needs, spending
wants, and financial transactions

Variables of interest ~ EIP alloca- EIP alloca-  EIP allocation
tion to tion to to debt repay-
saving investing ment

Financial self-efficacy + + +

Personality traits

Openness + + +
Conscientiousness ~ + - +
Extraversion + - +
Agreeableness - - -
Neuroticism — - -

+Indicates the expectation of an ambiguous relationship where the
direction is uncertain

H3b: Greater FSE is associated with more CARES Act EIP
funds allocated to investing.

H3c: Greater FSE is associated with less CARES Act EIP
funds allocated to debt repayment.

Big Five Personality

Given the literature connecting the Big Five personality
traits to financial behavior as outlined above, respondents
exhibiting traits connected to prudent financial behavior and
wealth accumulation tendencies might continue to portray
these characteristics within the context of the COVID-19
health environment.

Openness
H4: Greater openness to experience is associated with more

CARES Act EIP funds allocated to spending behaviors for
needs.

Table 1 Expected relationship
between variables of interest
and primary EIP-use categories:
spending needs, spending

Variables of interest

EIP allocation to
spending need

EIP allocation to financial
transactions (save, spend, debt
reduction)

EIP allocation to
spending want

wants, and financial transactions

+

Financial self-efficacy

Personality traits
Openness
Conscientiousness

Extraversion

H o+ o+

Agreeableness

Neuroticism -

- +

N
o+

+
|

+ Indicates the expectation of an ambiguous relationship where the direction is uncertain
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H5: Greater openness to experience is associated with less
CARES Act EIP funds allocated to spending behaviors for
wants.

H6: Greater openness to experience is associated with less
CARES Act EIP funds allocated to financial transactions.

Héa: Greater openness to experience is associated with less
CARES Act EIP funds allocated to saving.

H6b: Greater openness to experience is associated with
more CARES Act EIP funds allocated to investing.

Hé6c: Greater openness to experience is associated with more
CARES Act EIP funds allocated to debt repayment.
Conscientiousness

H7: Greater conscientiousness is associated with less
CARES Act EIP funds allocated to spending behaviors for
needs.

H8: Greater conscientiousness is associated with more
CARES Act EIP funds allocated to spending behaviors for

wants.

H9: Greater conscientiousness is associated with more
CARES Act EIP funds allocated to financial transactions.

H9a: Greater conscientiousness is associated with more
CARES Act EIP funds allocated to saving.

H9b: Greater conscientiousness is associated with less
CARES Act EIP funds allocated to investing.

H9c: Greater conscientiousness is associated with less
CARES Act EIP funds allocated to debt repayment.
Extraversion

H10: Greater extraversion is associated with less CARES
Act EIP funds allocated to spending behaviors for needs.

H11: Greater extraversion is associated with more CARES
Act EIP funds allocated to spending behaviors for wants.

H12: Greater extraversion is associated with more CARES
Act EIP funds allocated to financial transactions.

H12a: Greater extraversion is associated with less CARES
Act EIP funds allocated to saving.
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H12b: Greater extraversion is associated with more CARES
Act EIP funds allocated to investing.

H12c: Greater extraversion is associated with more CARES
Act EIP funds allocated to debt repayment.

Agreeableness

H13: Greater agreeableness is associated with more CARES
Act EIP funds allocated to spending behaviors for needs.

H14: Greater agreeableness is associated with less CARES
Act EIP funds allocated to spending behaviors for wants.

H15: Greater agreeableness is associated with less CARES
Act EIP funds allocated to financial transactions.

H15a: Greater agreeableness is associated with less CARES
Act EIP funds allocated to saving.

H15b: Greater agreeableness is associated with less CARES
Act EIP funds allocated to investing.

H15c: Greater agreeableness is associated with more
CARES Act EIP funds allocated to debt repayment.

Neuroticism

H16: Greater neuroticism is associated with more CARES
Act EIP funds allocated to spending behaviors for needs.

H17: Greater neuroticism is associated with less CARES
Act EIP funds allocated to spending behaviors for wants.

H18: Greater neuroticism is associated with less CARES
Act EIP funds allocated to financial transactions in general.

H18a: Greater neuroticism is associated with less CARES
Act EIP funds allocated to saving.

H18b: Greater neuroticism is associated with less CARES
Act EIP funds allocated to investing.

H18c: Greater neuroticism is associated with more CARES
Act EIP funds allocated to debt repayment.

Methods
Data and Sample

The sample consisted of 1172 American adults aged 18
and over who were eligible to receive an Economic Impact
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Payment (EIP) under the 2020 CARES Act (first round).
Participants were recruited through Amazon’s MTurk plat-
form. MTurk is a crowdsourcing marketplace that facilitates
efficient data collection for various purposes, including
research, from a sample more diverse than typical conveni-
ence samples (Berinsky et al., 2011). The sample consisted
of respondents from 49 states, with nearly half of the sample
residing in California, Texas, Florida, New York, Illinois,
North Carolina, Pennsylvania, and Georgia. Survey respond-
ents received $1.50 after completing the survey. Eligibility
for the survey was restricted to those who completed at least
500 surveys and had at least a 95% HIT (Human Intelligence
Task) rating.

Approval for the use of human subjects was given by the
[Institution Texas Tech University] Human Research Protec-
tion Program (IRB number 2020-508).

Measurement
Dependent Variables

Effects were estimated for three dependent variables for the
main analyses: (a) spending needs, (b) spending wants, (c)
and financial transactions; an additional analysis was con-
ducted for those that used at least a little of their EIP for
financial transactions to determine how respondents allo-
cated their EIP to (d) savings, (e) investing, and (f) debt
reduction. Each dependent variable was estimated in a sepa-
rate model (six total models) and was measured on a five-
point Likert scale: (1) none at all, (2) a little, (3) some, (4)
most, and (5) all. Respondents reported the proportion of
their EIP used in each area. Therefore, one respondent can
be present in multiple models if they reported they used a
portion of their EIP in multiple areas. Criteria and skip logic
were employed in Qualtrics to mitigate the possibility of
respondents reporting they spent most or all of their EIP in
multiple areas. See the Online Appendix for a detailed list
of the survey questions and response categories.

Personality Traits

The Big Five personality trait measures were drawn from
the Health and Retirement Study Psychosocial and Life-
style Questionnaire (Smith et al., 2017). Each trait was
estimated as a latent construct and included openness
to experience, conscientiousness, extraversion, agreea-
bleness, and neuroticism. The indicators for each latent
construct were derived from Midlife in the United States
(MIDUS; Brim et al., 1995-1996) and the International
Personality Item Pool (IPIP, 2019; Lachman & Weaver,
1997; Smith et al., 2017). MIDUS is a collaborative, inter-
disciplinary investigation of patterns, predictors, and con-
sequences of midlife development in the areas of physical

health, psychological well-being, and social responsibil-
ity (Brim et al., 1995-1996). The International Personal-
ity Item Pool is a Scientific Collaboratory for developing
advanced measures of personality traits and other individ-
ual differences (IPIP, 2019). Each indicator was measured
on an eleven-point Likert-type scale, with higher scores
indicating greater identification with each trait.
Openness to experience was estimated as a latent con-
struct from seven indicators: creative, imaginative, intel-
ligent, sophisticated, adventurous, curious, and broad-
minded. Conscientiousness was estimated as a latent
construct from seven indicators: organized, thorough,
hardworking, self-disciplined, responsible, cautious, and
thrifty. Extraversion was estimated as a latent construct
from five indicators: outgoing, talkative, friendly, lively,
and active. Agreeableness was estimated as a latent con-
struct from five indicators: caring, softhearted, sympa-
thetic, helpful, and warm. Neuroticism was estimated as a
latent construct from four indicators: worrying, nervous,
moody, and not calm. Indicators were parceled according
to recommended methodology (see Table 5; Little, 2013).

Behavioral Variables

Financial Self-efficacy FSE was a primary theoretical vari-
able of interest. It was estimated as a latent construct with
eight indicators from Magendans et al. (2017) that measured
the extent to which participants felt confidence, control, and
resilience over their financial situation. Each indicator was
measured on an eleven-point Likert-type scale with higher
scores indicating greater identification with perceptions of
financial self-efficacy. Indicators were parceled according to
recommended methodology (see Table 5; Little, 2013).

Economic Outlook Economic outlook was measured
as a categorical variable from the question: “How long
do you think it will take the U.S. economy to recover
from COVID-19 once restrictions are lifted?” Possible
responses were less than 12 months, 1-3 years, and longer
than 3 years. This variable was coded such that higher val-
ues represent a more positive economic outlook.

Recession Expectations Recession expectation was meas-
ured as a categorical variable from the question: “How
likely do you think that the U.S. economy will experience
a recession in the next 12 months?” Possible responses
were not likely at all, somewhat likely, and very likely.
This variable was coded such that higher values represent
a higher likelihood of experiencing a recession in the next
12 months.

@ Springer



248

Journal of Family and Economic Issues (2022) 43:239-260

Financial-Risk-Taking Attitude Financial-risk-taking atti-
tude was measured as a categorical variable based on an
eleven-point Likert-type scale from the responses to the
question from Dohmen et al. (2011): “How willing are you
to take risks in financial matters?”” Higher scores indicate a
greater perceived willingness to take financial risk,

Control Variables

The model employed these control variables: gender, educa-
tion, net worth, race, coupled status, religion, work status,
change in labor force status, stimulus amount, health status,
and age. Age was measured as a continuous variable. The
gender was a dichotomous variable that takes a value of 1
if the respondent is female and O if the respondent is male.
The race variable takes a value of 1 if the respondent is
White and O if the respondent is non-White. Education is a
dichotomous variable that takes a value of 1 if the respond-
ent has a bachelor’s or higher degree and 0 if otherwise.
Coupled status takes a value of 1 if the respondent is married
or living with a partner and O if the respondent is single.
Religion (Christian) takes a value of 1 if the respondent is
either protestant, roman catholic, Church of Jesus Christ of
Latter-Day Saints, Greek orthodox, or Russian orthodox;
and O if the respondent is either Jewish, Muslim, Buddhist,
Hindu, atheist, agnostic, or have no or other religious faith.
Work status takes a value of 1 if the respondent is working
full-time, part-time, or partly retired, and O if the respond-
ent is either unemployed, retired, disabled, or other. Change
in labor force status takes a value of 1 if the respondent’s
labor force status changed during the pandemic and O if
the respondent’s labor force status did not change. Health
status was measured on an eleven-point Likert-type scale,
with higher scores indicating better perceived health. The
net worth variable was estimated with four categories: less
than or equal to $0, $1-$99,999, $100,000-$249,000, and
greater than $250,000. The stimulus amount variable was
estimated with four categories: less than $500, $500-$1200,
$1201-$3400, and more than $3400.

Data Analysis

This study employs six cross-sectional structural equa-
tion models with a confirmatory factor analysis measure-
ment model. The structural equation models with a con-
firmatory factor analysis measurement model construct the
latent variables from the specified observed variables using
confirmatory factor analyses and simultaneously regresses
the outcome variable on the predictors. Compared to more
traditional econometric techniques, this process makes the
model statistically more robust, given that the model fit indi-
ces meet the thresholds for at least an acceptable model fit.
Models one, two, and three estimate the three broad EIP use

@ Springer

categories as the outcome variables, respectively: (a) spend-
ing needs, (b) spending wants, and (c) financial transactions;
models four, five, and six estimate three financial transac-
tion subcategories as the outcome variables, respectively: (d)
saving, (e) investing, and (f) debt repayment. All six models
incorporate the big-five personality traits (openness, consci-
entiousness, extraversion, agreeableness, and neuroticism)
and FSE along with three other behavioral variables (posi-
tive economic outlook, expectation of recession, and risk-
taking attitude) as the predictors. All six analyses controlled
for the respondents’ age, gender, race, level of education,
current labor force status, change of labor force status due
to pandemic, net worth, stimulus amount received, couple
status, and health status as the covariates. The covariate
influences were controlled by applying the semi-partial con-
trol method (Little, 2013). Non-significant pathways were
pruned, and all indicators of latent constructs were parceled.

Results
Descriptive Statistics

The full sample (n=1172) consisted of approximately 51%
women and 49% men. A majority of the sample was White
(71%), educated at the college level (65%), employed (81%),
and did not have a change in labor force status (85%). About
half of the sample identified as Protestant, Roman Catholic,
Church of Jesus Christ of Latter-Day Saints, or Greek Ortho-
dox. The average age of respondents was about 41 years old
(range 18-82). Conscientiousness scores were the lowest on
average (mean=23.77; range 1-11) compared to the other
Big Five personality traits, while neuroticism was the high-
est (mean="7.16; range 1-11). Financial self-efficacy scores
were slightly higher than average at 6.79 (range 1-11). There
were 756 respondents who reported using at least a little or
more of their EIP for saving, investing, or debt reduction
(financial transactions) that were included in the financial
transaction subcategory models. Tables 3 and 4 provide
additional descriptive statistics. See the Online Appendix
for a summary of the confirmatory factor analysis of the
latent variables.

Model One: Spending Needs

Table 5 and Fig. 1 provide the results and model fit indi-
ces for the spending needs model. With a Comparative Fit
Index (CFI) of 0.929, which is above 0.90, and a Root Mean
Squared Error of Approximation (RMSEA) of 0.075, which
is less than 0.08, the overall model fit was acceptable (Lit-
tle, 2013). In support of Hypothesis 1, higher levels of FSE
are negatively associated with spending more EIP funds on
needs. Among the personality traits, higher openness and
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Table 3 Descriptive statistics of dichotomous explanatory variables
Dichotomous explanatory variables % n
Female (0 =male; 1 =female) 50.85 1172
White (0=black/hispanic/asian/native american/other; 1 =white) 71.16 1172
Christian (0= jewish/muslim/buddist/hindu/atheist/agnostic/no religion/other; 1 =protestant/roman catholic/church of jesus 5427 1172
christ/greek orthodox/russian orthodox)
College or higher degree (0 =no high school or GED/high school graduate or GED/ associates; 1 =bachelors/masters/doctorate) 65.36 1172
Working (0 =unemployed/retired/disabled/other; 1 =work full-time/work part-time/partly retired) 8148 1172
Change of labor force status (0=1labor force status did not change; 1 =labor force status changed) 1527 1172
Table 4 Descriptive statis.tics of 0 Mean SD Min Max Skew Kurtosis SE
scales and continuous variables
Explanatory variables
Openness 1172 4.73 1.76 1.0 11.0 0.36 0.08 0.05
Conscientious 1172 3.77 1.56 1.0 11.0 0.56 0.22 0.05
Extraversion 1172 5.43 2.18 1.0 11.0 0.07 -0.64 0.06
Agreeableness 1172 4.01 1.99 1.0 11.0 0.62 0.04 0.06
Neuroticism 1172 7.16 2.39 1.0 11.0 -032  -0.79 0.07
Financial self-efficacy 1172 6.79 2.05 1.0 11.0 0.15 —-0.81 0.06
Positive economic outlook 1172 3.13 0.87 1.0 50 -0.16 0.24 0.03
Expectation of recession 1172 2.48 0.74 1.0 40 -0.16 -0.32 0.02
Health status 1172 6.87 2.08 00 100 -0.72 0.07 0.06
Stimulus amount 1172 2.54 0.64 1.0 4.0 0.13 -0.29 0.02
Risk-taking attitude 1172 3.95 2.74 0.0 10.0 027 —-1.05 0.08
Net wealth 1172 2.84 1.48 1.0 9.0 1.36 1.91 0.04
Age 1172 40.67 12.71 18.0  82.0 0.71 -0.35 0.37
Dependent variables
Spending needs 1172 3.19 1.37 1.0 50 -030 -1.14 0.04
Spending wants 1172 1.86 0.98 1.0 5.0 1.11 0.86 0.03
Financial transactions 1172 2.46 1.36 1.0 5.0 044 -1.04 0.04
Saving 756 2.90 1.36 1.0 5.0 0.09 -1.18 0.05
Investing 756 1.67 1.02 1.0 5.0 1.58 1.90 0.04
Debt repayment 756 2.38 1.37 1.0 5.0 0.67 —-0.78 0.05

neuroticism levels are positively associated, and higher con-
scientiousness and extraversion levels are negatively asso-
ciated with allocating more EIP funds for spending needs,
consistent with Hypotheses 4, 7, 10, and 16. Evidence in
favor of Hypothesis 13 was not found as there was no asso-
ciation observed between agreeableness and EIP allocation
for spending needs.

Among the other behavioral variables, higher levels of
positive economic outlook are positively associated with
allocating higher proportions of EIP for spending needs.
No association is found between recession expectations or
financial-risk-taking attitude and EIP allocation for spend-
ing needs. Among the control variables, lower levels of net
worth, currently being in the labor force, change of labor
force status due to the pandemic, lower levels of stimulus

amount, and lower age are positively associated with spend-
ing higher proportions of EIP funds for needs.

Model Two: Spending Wants

Table 6 and Fig. 2 summarize the results and model fit indi-
ces for the spending wants model. With a Comparative Fit
Index (CFI) of 0.946, which is above 0.90, and a Root Mean
Squared Error of Approximation (RMSEA) of 0.077, which
is less than 0.08, the overall model fit was acceptable (Little,
2013). FSE was not associated with spending wants, and
therefore no evidence was generated in favor of Hypothesis
2. The results were mixed among the personality traits: In
support of Hypothesis 8, higher levels of conscientiousness
are positively associated with higher proportions of EIP
spending for wants. Consistent with Hypothesis 17, greater
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Table 5 Spending needs (model one): relationships between variables
of interest and primary EIP-use category (N=1172)

Variables Estimate Std. error  Z value P (>1ZI)
(standard-
ized)
Personality traits
Openness 0.410 0.238 2.330 0.020
Conscientiousness -0.391 0.215 —2.459 0.014
Extraversion —-0.328 0.138 —3.230 0.001
Agreeableness 0.008 0.069 0.148 0.883
Neuroticism 0.177 0.074 3.233 0.001
Behavioral variables
Financial self-efficacy —0.691 0.171 —5.478 0.000
Positive economic 0.064 0.047 2.118 0.034
outlook
Expectation of reces- 0.042 0.055 1.401 0.161
sion
Risk-taking attitude —0.057 0.017 —-1.596 0.111
Control variables
Female —0.007 0.081 —-0.242 0.809
College or higher 0.010 0.084 0.327 0.744
degree
Net worth —0.081 0.027 —2.761 0.006
White —0.035 0.084 —1.255 0.209
Married/partnered 0.006 0.090 0.201 0.841
Christian 0.028 0.081 0.939 0.348
Working 0.060 0.102 2.046 0.041
Change of labor force 0.134 0.109 4.600 0.000
status
Stimulus amount —0.065 0.059 —2.346 0.019
Health status -0.018 0.021 —0.554 0.580
Age -0.113 0.003 —3.650 0.000

All structural equation results were computed in R (Lavaan) with a
maximum likelihood (ML) estimator. Parameter estimates are in
standardization form

neuroticism is negatively associated with spending higher
proportions of EIP funds for wants. However, contrary to
Hypothesis 14, higher levels of agreeableness are positively
associated with allocating higher proportions of EIP funds
for spending wants. The results did not reveal any evidence
supporting Hypotheses 5 or 11, as an association between
openness or extraversion and EIP spending for wants was
not observed.

Similarly, associations between the other behavioral
variables and EIP allocation for spending wants were not
observed. Among the control variables, change of labor
force status due to the pandemic is negatively associated
with allocating higher proportions of EIP for spending
wants.
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Spending
Needs

Extra-
version

PEO

Fig.1 Model-1 (pruned; spending needs as the outcome variable).
All paths shown are significant at *p <0.05 or less. Model Fit Indices:
X2 (df 328)=2008.286, p= <0.001; RMSEA =0.075, 90% CI [.073,
.082], CF1=0.929, TLI=0.878; SRMR=0.066. All results were
computed in R (Lavaan) with a maximum likelihood (ML) estimator.
Parameter estimates are in standardization. The structural model was
estimated with indicators from the measurement model for the latent
variables and included control variables according to the semi-par-
tial method (Little, 2013): age, gender, race, religion, education, net
worth, couple status, labor force status, change in labor force status
due to pandemic, and self-reported health status

Model Three: Financial Transactions

Table 7 and Fig. 3 provide the results and model fit indices
for the combined financial transactions model. The model
demonstrated a Comparative Fit Index (CFI) of 0.911, which
is above 0.90, and a Root Mean Squared Error of Approxi-
mation (RMSEA) of 0.084, which is very close to but not
below 0.08. Even though the CFI meets and the RMSEA
narrowly misses the threshold for a good model fit, the
overall model fit was acceptable (Little, 2013). Support-
ing Hypothesis 3, greater FSE is connected with allocating
higher proportions of EIP funds towards financial transac-
tions in general (combined saving, investing, and debt reduc-
tion). Among the personality traits, only conscientiousness
is significant, with evidence in favor of Hypothesis 9: higher
levels of conscientiousness are positively associated with
allocating higher proportions of EIP funds for financial
transactions. The analysis did not uncover any evidence
for Hypotheses 6, 12, 15, or 18, as an association was not
observed between openness, extraversion, agreeableness, or
neuroticism and EIP allocation for financial transactions.
While the results were limited for personality traits when
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Table 6 Spending wants (model two): relationships between variables

of interest and primary EIP-use category (N=1172) C ons ci en-

Variables Estimate Std. error Z value P (>IZI) . 5 s

(standard- flousness
ized)

Personality traits A
Openness ~0092 0068  —1336 0.181 Agree- Spending
Conscienfiousness 0.120 0.056 2.092 0.036 ableness “,Tants
Extraversion —0.049 0.057 —0.842 0.400
Agreeableness 0.101 0.042 2345  0.019
Neuroticism -0.114 0.028 —3.937 0.000

Behavioral variables
Financial self-efficacy —0.012 0.039 —-0.289 0.772
Positive economic 0.040 0.035 1.258 0.208

outlook
E);%J:r?tatlon of reces- —0.050 0.041 - 1,608 0.108 Fig.2 Model-2 (pruned; spending wants as the outcome variable).
) ) ) All paths shown are significant at *p <0.05 or less. Model Fit Indices:
Rlsk—takmg attitude -0.017 0.013 —0.458 0.647 X2 (df 74)=584784, p= <0001’ RMSEA=0077, 90% CI [0717

Control variables .083], CFI=0.946, TLI=0.900; SRMR =0.058. All results were
Female —0.009 0.060 —~0278 0.781 computed in R (Lavaan) with a maximum likelihood (ML) estimator.
College or higher —0.046 0.063 1482 0138 Par.arneter estlrr.latf{s are in standardization. The structural model was

d estimated with indicators from the measurement model for the latent

egree . . . . .
variables and included control variables according to the semi-par-

Net worth 0.016 0.021 0513 0.608 tial method (Little, 2013): age, gender, race, religion, education, net
White 0.005 0.063 0.168 0.866 worth, couple status, labor force status, change in labor force status
Married/partnered —0.035 0.067 —~1.077 0.282 due to pandemic, and self-reported health status
Christian 0.042 0.060 1.377  0.169
Working 0.031 0.079 0.999 0318 Model Four: Financial Transactions Subcategory—Saving
Change of labor force —0.075 0.079 —-2.577 0.010

status . . Lo
Stimulus amount 0,006 0.048 —0205 0838 tfl"abl;a1 8 anc.l Fig. 4 5)r10V1de E;le results ar;dﬁmode'l iit indices
Health status 0.022 0016  0.667  0.505 ort e\;f‘,"}llng éno el (a su ;j?t‘;ggr y OCFInaI;C(I)agf a“lsl‘f“cl;
Age —0.036 0.002 _1131 0258 tions). With a Comparative Fit Index (CFI) of 0.94, whic

All structural equation results were computed in R (Lavaan) with a
maximum likelihood (ML) estimator. Parameter estimates are in
standardization form

examining the combined financial transactions model, a
more nuanced analysis of the subcategories—saving, invest-
ing, and debt repayment—revealed additional findings out-
lined below.

Among the other behavioral variables, financial-risk-
taking attitude is positively associated, and higher levels of
positive economic outlook are negatively associated with
allocating higher proportions of EIP funds for financial
transactions. No association is found between recession
expectations and EIP allocation for financial transactions.
Among the control variables, no change of labor force status
due to the pandemic, higher levels of stimulus amount, and
higher age are positively associated with allocating higher
proportions of EIP for financial transactions.

is above 0.90, and a Root Mean Squared Error of Approxi-
mation (RMSEA) of 0.080, which is equal to the threshold
for a good model fit, the overall model fit was acceptable
(Little, 2013). Consistent with Hypotheses 3a and 9a, and
with the combined financial transaction category findings,
greater FSE, and greater conscientiousness were positively
associated with allocating a higher proportion of EIP funds
towards saving. While neuroticism was not connected to the
broader financial transaction category, the subcategory anal-
ysis revealed that greater neuroticism is negatively associ-
ated with allocating higher proportions of EIP funds for sav-
ing, thereby supporting Hypothesis 18a. Consistent with the
combined financial transaction analysis, an association was
not observed between openness (H6a), extraversion (H12a),
or agreeableness (H15a) and EIP allocation to saving.
Among the other behavioral variables, lower levels of
financial-risk-taking attitude are positively associated with
allocating higher proportions of EIP for saving. No associa-
tion is found between positive economic outlook or expec-
tation of recession and EIP allocation for saving. Among
the control variables, having a college or higher degree and
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Table 7 Financial transactions (model three): relationships between
variables of interest and primary EIP-use category (N=1172)

Variables Estimate Std. error  Z value P (>1ZI)
(standard-
ized)
Personality traits
Openness 0.032 0.198 0.221 0.825
Conscientiousness 0.293 0.069 4.101 0.000
Extraversion 0.129 1.016 0.172 0.864
Agreeableness —0.109 4.278 —0.035 0972
Neuroticism —0.036 17.013 —0.003 0.998
Behavioral variables
Financial self-efficacy 0.518 0.077 6.880 0.000
Positive economic —0.126 0.045 —4.354 0.000
outlook
Expectation of reces- —0.019 0.056 —0.615 0.538
sion
Risk-taking attitude 0.103 0.015 —3.067 0.002
Control variables
Female 0.012 0.081 0.384 0.701
College or higher -0.014 0.086 —0.463 0.643
degree
Net Worth 0.051 0.029 1.629 0.103
White 0.007 0.085 0.255 0.799
Married/partnered —0.006 0.091 —0.188 0.851
Christian —0.021 0.082 —0.705 0.481
Working —0.022 0.106 —-0.713 0476
Change of labor force —0.085 0.106 3.642 0.000
status
Stimulus amount 0.098 0.060 2494 0.013
Health status -0.010 0.021 —-0.314 0.753
Age 0.105 0.003 3.329 0.001

All structural equation results were computed in R (Lavaan) with a
maximum likelihood (ML) estimator. Parameter estimates are in
standardization form

currently not being in the labor force are positively associ-
ated with allocating higher proportions of EIP for saving.

Model Five: Financial Transactions Subcategory—Investing

Table 9 and Fig. 5 summarize the results and model fit
indices for the investing model (a subcategory of finan-
cial transactions). With a Comparative Fit Index (CFI) of
0.901, which is above 0.90, and a Root Mean Squared
Error of Approximation (RMSEA) of 0.078, which is less
than 0.08, the overall model fit was acceptable (Little,
2013). Consistent with Hypothesis 3b and the broad finan-
cial transaction category results, greater FSE is associated
with allocating higher proportions of EIP funds for invest-
ing. Contrary to the broad financial transaction category

@ Springer

results, only agreeableness (H15b) was associated with
investing a greater proportion of EIP dollars (hypothesized
less) with no association found for openness (H6b), con-
scientiousness (H9b), extraversion (H12b), or neuroticism
(H18b) and EIP allocation to investing.

Among the other behavioral variables, financial-risk-
taking attitude is positively associated with allocating
higher proportions of EIP for investing. No association
is found between positive economic outlook or recession
expectations and EIP allocation for investing. Among the
control variables, higher levels of net worth and lower age
are positively associated with allocating higher propor-
tions of EIP for investing.

Model Six: Financial Transactions Subcategory—Debt
Repayment

The results and model fit indices for the debt repayment
model (a subcategory of financial transactions) are provided
in Table 10 and Fig. 6. The model demonstrated a Com-
parative Fit Index (CFI of 0.901, which is above 0.90, and
a Root Mean Squared Error of Approximation (RMSEA)
of 0.088, very close to but not below 0.08. Even though the
CFI meets and the RMSEA narrowly misses the threshold
for a good model fit, the overall model fit was acceptable
(Little, 2013). Consistent with Hypothesis 3c and results
for the broad financial transaction category, greater FSE was
negatively associated with allocating higher proportions of
EIP funds for debt repayment. Among the personality traits,
the results for openness, neuroticism, and conscientiousness
were consistent with the hypotheses: higher levels of open-
ness (H6c) and neuroticism (H18c) are positively associated,
and higher levels of conscientiousness (H9c) are negatively
associated with allocating higher proportions of EIP for debt
repayment. Contrary to expectations, greater agreeableness
(H15c) is negatively associated with allocating more EIP
funds for debt repayment. An association was not found
between extraversion and EIP allocation for debt repayment
(H12c).

There was no association between positive economic
outlook, recession expectations, or financial-risk-taking
attitude and EIP allocation for debt repayment. Among the
control variables, not having a college or higher degree and
currently being in the labor force are positively associated
with allocating higher proportions of EIP funds for debt
repayment.

Discussion

Table 11 summarizes the relationships between the theo-
retical variables of interest (FSE and the Big Five personal-
ity traits) and EIP allocation for each dependent variable.
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Conscien-
tiousness

Financial
Transactions

Fig.3 Model-3 (pruned; financial transactions as the outcome vari-
ables). All paths shown are significant at *p <0.05 or less. Model Fit
Indices: XZ (df 108)=1008.003, p= <0.001; RMSEA =0.084, 90%
CI [.080, .089], CFI=0.911, TLI=0.848; SRMR =0.070. All results
were computed in R (Lavaan) with a maximum likelihood (ML)
estimator. Parameter estimates are in standardization. The structural

Overall, the analyses produced consistent results support-
ing the theoretical expectations across the models and the
psychological constructs except for the agreeableness per-
sonality trait.

The results were consistent for spending needs: character-
istics typically associated with planning behaviors, prepared-
ness, controlled money management practices, and wealth
accumulation—FSE, conscientiousness, and extraversion—
were negatively associated with spending more EIP funds on
needs, whereas traits that exhibit more impulsive tendencies,
less financial preparedness, and less prudent money manage-
ment practices—openness and neuroticism (no relationship
observed for agreeableness)—were connected positively to
spending more. FSE and conscientiousness are the quintes-
sential financial preparedness and planning traits and con-
sistently demonstrate a robust relationship with productive
financial behavior (Asebedo, 2018; Lown, 2011). On the
other hand, extraversion is indicative of wealth accumula-
tion success through higher income and consistent employ-
ment. Thus, those with greater FSE, conscientiousness, and
extraversion might have entered the COVID-19 pandemic
with greater wealth, endured it with stable employment
and income, and therefore did not need to use their EIP for
spending needs.

Consistent with the social cognitive theory of self-regu-
lation, greater control, resilience, and confidence over the
financial environment (FSE) may have also shaped respond-
ents’ financial preparedness and vantage point such that they

Risk

EEO Attitude

model was estimated with indicators from the measurement model for
the latent variables and included control variables according to the
semi-partial method (Little, 2013): age, gender, race, religion, educa-
tion, net worth, couple status, labor force status, change in labor force
status due to pandemic, and self-reported health status

did not have or perceive any immediate financial needs or
threats and could instead allocate their funds to other areas.
The spending wants model results generally align with this
position as those with greater conscientiousness allocated
more of their EIP to wants, while greater neuroticism was
linked to less. However, respondents with greater agreea-
bleness also spent more of their EIP on wants, contrary to
expectations. The results for financial transactions also fit
this theoretical narrative with FSE and conscientiousness
associated positively with a greater EIP allocation towards
financial transactions in general, and specifically to sav-
ing (FSE and conscientiousness) and investing (FSE only).
The investing results were mixed with greater FSE linked
to using more EIP funds for investing, consistent with the
research hypothesis and evidence that market volatility is not
associated with financial satisfaction for those with greater
FSE (Asebedo & Payne, 2019). However, the positive rela-
tionship between investing and EIP use for agreeableness
contradicts existing evidence for the relationship between
agreeableness and willingness to take financial risks (Liu,
2020).

The expectations for EIP use for debt repayment also
align with the notion that those entering the pandemic
with characteristics typically associated with preparedness,
wealth accumulation, and sound financial management (FSE
and conscientiousness) entered the pandemic with greater
financial stability such that they likely did not need to use
their EIP for debt repayment. Although extraversion predicts
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Table 8 Saving (model four): relationships between variables of
interest and EIP use for sub-financial transaction category (n="756)

Variables Estimate Std. error  Z value P (>1ZI)
(standard-
ized)
Personality traits
Openness —0.067 0.077 —1.183 0.237
Conscientiousness 0.115 0.078 1.998  0.046
Extraversion 0.016 0.069 0.312  0.755
Agreeableness 0.018 0.078 0313  0.754
Neuroticism —0.101 0.053 —2.580 0.010
Behavioral variables
Financial self-efficacy 0.203 0.067 4.105 0.000
Positive economic -0.010 0.062 —-0.258 0.796
outlook
Expectation of reces-  0.007 0.072 0.193  0.847
sion
Risk-taking attitude —0.084 0.022 —1.957 0.048
Control variables
Female —0.026 0.103 —0.694 0.488
College or higher 0.112 0.111 2920  0.004
degree
Net worth -0.021 0.037 —0.523 0.601
White —-0.026 0.109 —0.706 0.480
Married/partnered —0.005 0.123 -0.113 0.910
Christian -0.011 0.105 —-0.289 0.773
Working —0.069 0.145 —1.743 0.041
Change of labor force —0.043 0.154 —-1.117 0.264
status
Stimulus amount 0.031 0.084 0.793  0.428
Health status 0.076 0.027 1.855  0.064
Age 0.053 0.004 1.302  0.193

All structural equation results were computed in R (Lavaan) with a
maximum likelihood (ML) estimator. Parameter estimates are in
standardization form

greater wealth, there was no relationship found between
extraversion and debt repayment.

Overall, the results aligned with expectations except
for agreeableness: those with greater agreeableness spent
more of their EIP on wants (hypothesized less), invested
more of their EIP (hypothesized less), and used less of their
EIP for debt repayment (hypothesized more). These con-
trary results could be the result of two potential causes that
require further research. First, it is possible that those with
greater agreeableness entered the COVID-19 pandemic
with a stronger financial position than expected and had
the capacity and flexibility to use their EIP for spending
wants or investing and did not need to use it for debt repay-
ment or needs. Alternatively, it may be that they entered
the pandemic with a lower level of financial stability yet
felt a greater need to help others with their EIP funds and
perceived that help as a want. The relationship between
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Conscien-

Saving

Risk
Attitude

Fig.4 Model-4 (pruned; saving as the outcome variables). All paths
shown are significant at *p<0.05 or less. Model Fit Indices: x> (df
77)=451.641, p=<0.001; RMSEA=0.080, 90% CI [.073, .087],
CFI1=0.940, TLI=0.893; SRMR =0.0070. All results were computed
in R (Lavaan) with a maximum likelihood (ML) estimator. Parameter
estimates are in standardization. The structural model was estimated
with indicators from the measurement model for the latent variables
and included control variables according to the semi-partial method
(Little, 2013): age, gender, race, religion, education, net worth, cou-
ple status, labor force status, change in labor force status due to pan-
demic, and self-reported health status

agreeableness and investing is curious as it contradicts the-
ory and existing personality research. Therefore, the results
should be interpreted with caution.

Limitations

Several limitations should be noted: First, the sample was
drawn from Amazon’s MTurk population and may not repre-
sent the broader U.S. population that received an EIP under
the 2020 CARES Act (Goodman et al., 2013). However,
MTurk did allow for prompt and efficient collection of a
sample more diverse than typical convenience samples (Ber-
insky et al., 2011). Overall, our sample consists of more
White and educated adults than the broader U.S. adult popu-
lation, and thus, the results cannot be generalized beyond
the study sample. Another concern with MTurk data is that
individuals might misidentify themselves to qualify for the
study (Sharpe Wessling et al., 2017). U.S. Census Household
Pulse Survey data from July 2nd to July 7th, 2020, show only
14% had not received or expected to receive their stimu-
lus payment, limiting this concern. This misidentification
issue is present but mitigated in this study, given that the
vast majority of the sample had likely received their EIP by
the time of the survey. In addition, the first survey question
asked about EIP eligibility and removed participants who
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Table 9 Investing (model five): relationships between variables of
interest and EIP use for sub-financial transaction category (n="756)
restino
Variables Estimate Std. error  Z value P (>1ZI) ableness Iny esunt’
(standard-
ized)
Personality traits
Openness —-0.042 0.059 —-0.723 0.470
Conscientiousness —-0.019 0.057 —-0.342 0.732
Extraversion —0.060 0.060 —1.021 0.307
Agreeableness 0.153 0.055 2.820  0.005
Neuroticism -0.023 0.045 —-0.523 0.601 ;
Behavioral variables RlSk
Financial self-efficacy  0.102 0.047 2214 0.027 Attitude
Positive economic 0.002 0.043 0.063 0.950
outlook
Expectation of reces-  0.004 0.050 0.110 0.912 Fig.5 Model-5 (pruned; investing as the outcome variables). All
sion paths shown are significant at *p <.05 or less. Model Fit Indices: X2
. . . df 90)=823.844, p= <0.001; RMSEA =0.078, 90% CI [.075, .082],
Risk-tak ttitud 0.311 0.015 7.680  0.000 (
isictaking athtude CFI1=0.901, TLI=0.851; SRMR =0.090. All results were computed
Control variables in R (Lavaan) with a maximum likelihood (ML) estimator. Parameter
( ) (ML)
Female —0.051 0.072 —1.436 0.151 estimates are in standardization. The structural model was estimated
College or higher 0.032 0.077 0.906  0.365 with indicators from the measurement model for the latent variables
degree and included control variables according to the semi-partial method
Net worth 0.127 0.026 3.359 0.001 (Little, 2013): age, gender, race, religion, education, net worth, cou-
. ple status, labor force status, change in labor force status due to pan-
White 0.033 0.076 0.961  0.337 demic, and self-reported health status
Married/partnered 0.006 0.085 0.156  0.876
Christian 0.037 0.073 1.014 0311
Working —0.034 0.101 —0.926 0355 spending and saving decisions. Fourth, objective measures
Change of labor force —0.036 0.107 —1.018 0.309 . .
status of wealth and financial preparedness were not possible to
Stimulus amount ~0038 0058  —1031 0302 O,btlam lt’flf,ore the Pand;mlc; tgere,for,e’ }rlesl’o}rllde,msd 2“"‘“&
Health status ~0028 0019  —0742 0458 cia hStf“ ! ‘ty;nlter.mgl the pandemic 1s hypot I?S‘Ze . lf;;
Age — 0,090 0.003 _2367 0018 on their psychological characteristics (personality an )

All structural equation results were computed in R (Lavaan) with a
maximum likelihood (ML) estimator. Parameter estimates are in
standardization form

indicated they were not eligible. Second, this study focused
on the first round of stimulus payments issued during the
COVID-19 pandemic and did not capture the combined
effects from the second and third payments; this limitation is
an unavoidable function of timing and uncertainty as policy
and economic assistance concurrently unfolded. Therefore,
more research is needed to investigate the combined effects
of all stimulus payments delivered in response to the pan-
demic. Furthermore, this study does not generate evidence
for causality given the use of cross-sectional data. Third,
although the analysis controls for unemployment status and
change in work status, this study does not capture the influ-
ence of enhanced unemployment benefits for unemployed
individuals received under the CARES Act from April 5,
2020, until July 31, 2020. This gap is an unfavorable limita-
tion given the influence of additional unemployment ben-
efits on households’ financial resources and, likely, their

and existing literature that connects those characteristics to
financial behavior. Fifth, this study does not capture how
people used existing resources for spending needs, wants,
and financial transactions. Hence, the results must be inter-
preted within a financial windfall framework and not in the
context of regular spending, saving, and investing. Last, sav-
ing and investing were presented to respondents as alterna-
tives within financial transaction subcategories; however, the
definition for saving was weak. The survey did not specify
that saving meant placing the EIP funds in a cash reserve as
an alternative choice to investing. Thus, there is potential
for respondents to confuse the saving and investing catego-
ries, and results should be interpreted with this possibility
in mind.

Implications and Conclusion
The purpose of this study is to investigate the psychological
characteristics associated with CARES Act EIP use. While

research suggests most people focus on basic needs during
a crisis (Loxton et al., 2020), there is evidence of a more
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Table 10 Debt repayment (model six): relationships between vari-
ables of interest and EIP use for sub-financial transaction category
(n=756)

Variables Estimate Std. error Z value P (>IZI)
(standard-
ized)
Personality traits
Openness 0.105 0.076 2.938 0.003
Conscientiousness —0.121 0.093 —2.229 0.026
Extraversion 0.042 0.066 0.867 0.386
Agreeableness -0.118 0.079 —2.038 0.042
Neuroticism 0.110 0.076 1.978 0.048
Behavioral variables
Financial self-efficacy —0.297 0.076 —5.298 0.000
Positive economic —0.034 0.061 —-0.876 0.381
outlook
Expectation of reces- —0.050 0.070 —1.335 0.182
sion
Risk-taking attitude —0.067 0.021 —1.619 0.105
Control variables
Female 0.012 0.102 0.315 0.753
College or higher -0.117 0.109 —3.116 0.002
degree
Net worth —0.055 0.037 —1.384 0.166
White 0.051 0.107 1.410 0.158
Married/partnered 0.007 0.120 0.176  0.860
Christian -0.026 0.103 —0.701 0.483
Working 0.114 0.142 2.965 0.003
Change of labor force 0.062 0.151 1.664 0.096
status
Stimulus amount 0.018 0.082 0.466 0.641
Health status —0.032 0.027 —0.788 0.431
Age -0.039 0.004 —-0.973 0.331

All structural equation results were computed in R (Lavaan) with a
maximum likelihood (ML) estimator. Parameter estimates are in
standardization form

nuanced phenomenon with EIP fund use during the COVID-
19 pandemic, as research has shown variability of use across
spending needs and wants, in addition to saving, investing,
and debt repayment (Asebedo et al., 2020; Coibion et al.,
2020). Given the psychosocial and economic stressors asso-
ciated with COVID-19 (Polizzi et al., 2020), psychological
characteristics likely serve a fundamental role in explaining
this variability in human behavior.

Consistent with Stajkovic et al. (2018), this study found
that personality traits and financial self-efficacy (FSE)
beliefs were relevant to EIP use within an adverse, novel, and
ambiguous environment. A notable finding was that FSE and
conscientiousness emerged as the most robust predictors of
EIP use across all categories of financial behavior, which is
consistent with existing research for FSE & financial behav-
ior (e.g., Asebedo, 2018; Lown, 2011). Therefore, FSE and
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Fig.6 Model-6 (pruned; debt repayment as the outcome variables).
All paths shown are significant at *p <0.05 or less. Model Fit Indices:
X2 (df 105)="719.835, p= <0.001; RMSEA=0.088, 90% CI [.082,
.093], CF1=0.902, TLI=0.858; SRMR=0.078. All results were
computed in R (Lavaan) with a maximum likelihood (ML) estimator.
Parameter estimates are in standardization. The structural model was
estimated with indicators from the measurement model for the latent
variables and included control variables according to the semi-par-
tial method (Little, 2013): age, gender, race, religion, education, net
worth, couple status, labor force status, change in labor force status
due to pandemic, and self-reported health status

conscientiousness are important psychological characteris-
tics relevant to financial behavior that may lead to greater
financial preparedness and capacity for spending flexibil-
ity during crisis and uncertainty. While personality traits
are relatively stable, they are not immune to intervention
and change, such that those low in conscientiousness might
exhibit more conscientious behavior with their money over
time (Bleidorn et al., 2019). FSE can also be cultivated and
strengthened through intervention (Bandura, 1997). Last,
while the COVID-19 pandemic has had a disproportionate
effect on the population (Kantamneni, 2020), psychologi-
cal characteristics remained significant within the analysis
after controlling for these sociodemographic and economic
attributes. Therefore, consistent with Stajkovic et al. (2018)
and Bleidorn et al. (2019), this study contributes to the lit-
erature with evidence that personality traits and FSE explain
differences in human behavior that persist within a crisis
environment and potentially affect how individuals cope
with financial disruptions and challenging circumstances.
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Table 11 Summary of results for theoretical variables of interest and hypotheses

Theoretical Variable Dependent Variables
Spending Spending Financial
Needs Wants Transactions Save | Invest | Debt
Financial Self ) N n n )
Efficacy

Openness + +

Conscientiousness - + + -
Extraversion -

Agreeableness + -

Neuroticism + - +

+1s defined as a positive or negative relationship with greater EIP allocation towards the dependent variable. Grey indicates a statistically sig-
nificant relationship was not observed. Vertical lines signify a result with a direction that is contrary to the hypothesis

From a personal finance perspective, the combined find-
ings point to the need for holistic financial and psychologi-
cal interventions during times of stability to strengthen
conscientious financial behavior and financial literacy—a
combination of financial knowledge, financial skill, and
financial self-efficacy (Warmath & Zimmerman, 2019)—
so that families can absorb financial shocks, weather
adversity, and have the flexibility for decision making
(e.g., spend vs. save) during crisis and uncertainty. From a
policy perspective, this study raises awareness that psycho-
logical attributes explain variability in stimulus payment
use, which points to two potential policy implications.
First, research shows that those with greater conscientious-
ness tend to have more available financial resources due
to habitual saving behaviors (e.g., Brown & Taylor, 2014;
Donnelly et al., 2012; Duckworth et al., 2007; Gladstone
et al., 2019; Mosca & McCrory, 2016). In this study, those
with a stronger conscientiousness trait exhibited more var-
iation in their EIP use. They were associated with spend-
ing on wants, less on needs, and saving and debt reduction
behaviors. This result, combined with existing research
that shows those with a more positive economic outlook
were more likely to spend (Asebedo et al., 2020), suggests
a two-pronged policy approach might effectively gener-
ate more consumer EIP spending: (a) strengthen policy
and research funding for holistic (financial and psycho-
logical) financial literacy interventions that reach a broad
population of U.S. adults to improve households’ finan-
cial resources and flexibility during a stable environment,
and (b) during crisis environments, implement policy
and public messaging that instill a sense of confidence
in personal economic security and recovery. The second
implication suggests that policymakers should not expect
the broader population to behave as expected to reaction-
ary policy delivered in a crisis environment given popu-
lation variance in psychological attributes and financial
circumstances. Therefore, pre-crisis intervention, policy,
and planning are necessary to generate more predictable

behaviors from stimulus payment programs when a crisis
inevitably unfolds in the future.
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