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The current evidence, however, remains inconclusive 
because numerous variables obscure a precise understand-
ing of TEs. Studies vary widely in the reported magnitude 
of TEs, which is expressed as the percentage of variance 
attributed to therapists. For instance, in a review by Johns 
et al. (2019), TEs ranged from 0.2 to 30%. Apart from spe-
cific therapist characteristics, Johns et al.‘s (2019) study 
suggests that differences in TEs are also influenced by the 
specific therapies employed (treatment effects), the clients 
treated (client effects), the working environment (setting 
effects), and interactions among these variables. For exam-
ple, Firth et al. (2020) demonstrated significant variations 
among settings, with the largest TEs observed in primary 
and secondary care and the smallest in University-based 
clinics, Voluntary (e.g., charitable organizations), and 
Workplace (e.g., treatment offered by an employing orga-
nization). Without understanding the exact contributions 
of these confounding factors, interpretation of the discrep-
ancies in reported TEs is challenging, and replicating out-
comes of studies investigating therapist characteristics that 

Introduction

Therapist effects (TEs) refer to the systematic differences 
among therapists in their effectiveness (Wampold et al., 
2017). Investigating TEs can provide insights into thera-
pists’ characteristics that contribute to their success, such as 
interpersonal skills (Anderson et al., 2016), responsiveness 
(Stiles et al., 1998; Watson & Wiseman, 2021), and deliber-
ate practice (Chow et al., 2015). The ultimate objective is 
to understand the underlying mechanisms of psychotherapy 
and develop tools to enhance therapists’ skills and, conse-
quently, the effectiveness of their therapies.
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Abstract
Previous studies have shown that therapists’ performance varies, known as therapist effects, and have indicated that 
therapists who excel in one treatment outcome may not necessarily be effective in other outcomes. This observational 
naturalistic study aimed to enhance our understanding of therapist effects and the assessment of therapists’ performance in 
different areas. The study included 68 therapists and 5,582 clients from a large mental health facility. Information about 
their learning activities was available for a subsample of 49 therapists. Separate multilevel analyses were conducted for 
treatment outcomes, including case mix-corrected OQ-45 change scores, dropout rates, referrals to other facilities, treat-
ment duration, and client satisfaction ratings. A hierarchical cluster analysis was performed to identify groups of therapists 
based on their performance across various treatment outcomes. Additionally, differences in therapist characteristics among 
the clusters identified were examined. Therapist effects varied across different outcomes, ranging from small (2.6% for 
OQ-45 change) to moderate (6.5% for number of sessions). The cluster analysis revealed four distinct clusters of thera-
pists with specific profiles. They had performance differences in certain areas but not in others. This exploratory study 
supports the notion that therapists exhibit diverse profiles regarding treatment outcomes. These findings are significant for 
future investigations of therapist effects that aim to identify the characteristics of effective therapists and in the context 
of personalizing treatment for clients.
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can improve therapists’ performance is very difficult. For 
instance, Janse et al. (2023) were unable to replicate Chow’s 
results on deliberate practice, which may be attributed to 
differences among therapies, clients, settings, or a combina-
tion of these factors. Achieving a clear estimation of TEs 
requires all these variables to be controlled; however, doing 
so would be quite complex without having detailed infor-
mation about the exact nature of these variables.

Another major challenge in investigating TEs is how 
the concept should be operationalized. Typically, TEs are 
defined as the percentage of variance in clients’ symptom 
reduction that can be explained by therapists’ factors. This 
operationalization is, however, too narrow. Other outcome 
variables, such as the proportion of treatment dropouts (i.e., 
premature unilateral terminations), are also clinically rele-
vant. A meta-analysis conducted by Fernandez et al. (2015) 
revealed that more than one-fourth of the clients receiv-
ing cognitive-behavioral therapy dropped out of treatment, 
indicating that a considerable proportion of clients do not 
receive the needed assistance. Therapists can have a sig-
nificant impact on dropout rates, as evidenced by research 
reporting that TEs in dropout rates range from 5.7% (Zim-
mermann et al., 2017) to 12.6% (Saxon et al., 2017). Other 
relevant outcome measures include treatment duration and 
the number of sessions required by clients. While shorter 
treatment is not an objective in itself, the context of exten-
sive waiting lists for mental health care (e.g., BMJ, 2022) 
and the potential adverse effects of prolonged waiting times 
on treatment outcomes (Van Dijk et al., 2023) underscores 
the necessity of regarding treatment duration as an impor-
tant variable. Lutz et al. (2015) demonstrated that therapist 
variance is more significant for treatment length than symp-
tom reduction (8.89% versus 5.88%, respectively). How-
ever, therapists who see clients longer are not necessarily 
more effective. On the other hand, certain therapists might 
be more inclined to refer clients elsewhere if an initial inter-
vention proves ineffective, though, to our knowledge, this 
possibility has not been investigated.

The challenge with all the potential outcome measures 
is to identify which therapist characteristics predict differ-
ent effects. As demonstrated by Lutz et al. (2015), therapists 
who excel with one outcome measure may not demonstrate 
the same proficiency with others. Further analysis of their 
data revealed no correlations between therapists’ effective-
ness, treatment length, or dropout rate (Barkham et al., 
2017, p.46), highlighting the need for additional research. 
These results suggest that, rather than evaluating therapists’ 
performance based on a single outcome measure, systematic 
interactions between outcomes and therapists’ characteris-
tics should be investigated. This approach could enable us to 
identify different therapist groups with specific profiles who 

are effective in one area but not others. To our knowledge, 
no study has investigated this possibility.

This naturalistic observational study aimed to examine 
therapists’ performance in different areas within a homo-
geneous therapeutic context. First, we explored TEs, con-
sidering not only symptom reduction but also dropout and 
referral rates, client satisfaction, and treatment duration. 
Second, our investigation focused on discerning whether 
different groups of therapists could be identified based on 
their performance in these areas.

Method

Setting

This study utilized data from clients in a large mental health 
facility in the Netherlands who received treatment between 
January 2014 and November 2018. The treatments were 
part of what is known as basic mental health care in the 
Netherlands. These brief therapies were readily available 
to clients referred by their general practitioner, covered by 
health insurance, and without lengthy waiting times. The 
treatment consisted of brief integrative therapy (Rijnders 
& Heene, 2015), which combined cognitive behavioral 
therapy, acceptance and commitment therapy, and solution-
focused interventions (Hutschemaekers et al., 2019).

Therapists

The original database included 109 therapists who treated 
5,891 clients. Following Janse et al.‘s (2023) approach, we 
selected therapists who had treated a minimum of 10 cli-
ents to insure reliable judgments of therapists’ outcomes; 
this resulted in a final sample of 68 therapists. The thera-
pists had a mean caseload of 82.1 clients (range 11–296, 
median = 57.5). Of the therapists, 15 were male (22.1%) 
and 53 were female (77.9%). Among the 68 therapists, 50 
(73.5%) were certified health psychologists, 9 (13.2%) were 
in training to become certified health care psychologists, 
and 9 (13.2%) were master’s level psychologists. Becom-
ing a certified health care psychologist is a formal post-
masters’ professional certification and a requirement in the 
Dutch health care system to be able to work independently 
as a therapist. The training entails an intensive, full-time, 
two-year theoretical and practical education, during which 
therapists receive supervision in developing their therapeu-
tic skills. On average, the therapists had 9.78 years of expe-
rience, and they conducted 19.57 sessions per week.
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Clients

A total of 5,582 adult clients were included in the analyses. 
They had various psychological disorders, with mood and 
anxiety disorders being the most common examples. Cli-
ents who at intake exhibited acute suicidality, psychosis, or 
severe substance abuse were excluded from treatment and 
referred to specialized services. Table 1 provides an over-
view of the clients’ characteristics.

Measures

Client Measures

The Outcome Questionnaire-45 (OQ-45, Lambert et al., 
2004) is a self-report measure comprising 45 items scored 
on a five-point Likert scale ranging from never (0) to almost 

always (4). It was specifically designed to capture changes 
occurring during psychotherapy. Total scores can range 
from 0 to 180, with higher scores indicating more com-
plaints or greater levels of distress. The items are grouped 
into three subscales: (a) Symptom Distress, (b) Interper-
sonal Relationships, and (c) Social Role Performance. The 
psychometric properties of the Dutch version of the OQ-45 
are satisfactory and like those of the original instrument and 
include good internal consistency (for the total score, Cron-
bach’s α = 0.93). The cut-off between normal and clinical 
samples has been established as 56, and the reliable change 
index for a clinical population has been calculated as 18 
(Timman et al., 2017).

At the end of the clients’ treatment, therapists documented 
in each client’s electronic file the reason for terminating. 
Clients who unilaterally ended treatment prematurely or did 
not keep appointments and stopped responding to requests 
for contact were designated as dropouts. Clients who during 
treatment were referred elsewhere for treatment were also 
documented in the client’s electronic file.

Clients’ satisfaction with their treatment was assessed 
using a single item from the Consumer Quality Index (CQI; 
Van Wijngaarden et al., 2007). Using this item, clients rate 
their treatment on a scale from 1 to 10, with 1 indicating 
very poor and 10 indicating excellent treatment. Developed 
by the Dutch Institute for Research on Healthcare (NIVEL), 
the CQI is used to evaluate the quality of outpatient mental 
health treatments and is used throughout the Netherlands.

The duration of treatment was quantified based on the 
total number of sessions that the client attended, which was 
extracted from the client’s electronic file. Therapists’ mean 
number of sessions and duration of treatment were calcu-
lated in two ways: based on the total sample of clients and 
on clients who completed the therapy because most clients 
who dropped out did so early in the treatment.

Clients’ perceived overall health status was evaluated 
using the EQ-VAS, which is part of the EQ-5D (Feng et 
al., 2021). The EQ-VAS is a Visual Analogue Scale, which 
allows clients to rate their self-perceived health on a scale 
ranging from 0 (the worst health you can imagine) to 100 
(the best health you can imagine).

In addition to completing these questionnaires, as part of 
the standard care, clients were asked to indicate their demo-
graphic characteristics, including age, gender, duration of 
symptoms, employment status, educational level, and mari-
tal status.

Therapists’ Characteristics

The Retrospective Analysis of Psychotherapists’ Involve-
ment in Deliberate Practice (RAPID Practice; Chow & 
Miller, 2016) is a survey that gathers information about 

Table 1 Characteristics of the clients (N = 5,582)
Characteristics
Age M (SD; range in years) 38.9 

(14.3; 
18–94)

Gender
 Female (N = 3318), % 59.4%
 Male (N = 2241), % 40.1%
 Missing (N = 23), % 0.4%
Marital state
 Unmarried (N = 3162), % 56.6%
 Married (N = 1730), % 31.0%
 Divorced (N = 563), % 10.1%
 Widowed (N = 124), % 2.2%
 Missing (N = 3), % 0.1%
Employment
 Unemployed (N = 2269), % 40.6%
 Employed (N = 3310), % 59.3%
 Missing (N = 3), % 0.1%
Education
 Primary school (N = 432) 7.8%
 Secondary or vocational (N = 3985) 71.4%
 University (N = 1155), % 20.7%
 Missing (N = 10), % 0.2%
Average duration of symptoms pretreatment
 Longer than a year (N = 3170), % 56.9%
Mood disorders (N = 2156), %, 38.6%
Anxiety disorders (N = 1693), %, 30.3%
Trauma and stress-related disorders, (N = 700), %, 12.5%
Somatoform disorders (N = 392), %, 7.0%
Developmental disorders (N = 277), % 5.0%
Obsessive-Compulsive and Related Disorders (N = 78), % 1.4%
Personality disorders (N = 49), %, 0.9%
Other (N = 147), % 2.6%
Missing (N = 90), % 1.6%
Notes M = mean; SD = standard deviation
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included in the model (with smaller numbers indicating a 
better model). All the continuous predictors were centered.

Next, aggregated scores for therapists were calculated. 
Similar to the approach in Brown et al.‘s (2005) study on 
identifying highly effective therapists and consistent with 
Janse et al. (2023), therapist effectiveness in symptom 
reduction was assessed by the therapists’ average residual-
ized change score on the OQ-45 rather than solely relying 
on the average raw score difference between intake and 
post-treatment OQ-45. This method was employed because 
of the significant correlation between OQ-45 pre-treatment 
scores and OQ-45 change scores (which was not significant 
with the other outcomes) and to prevent the influence of dif-
ferences in the types of patients seen by different therapists 
(i.e., case mix) from confounding the therapists’ average 
outcomes. The residuals, referred to as case mix corrected 
post-treatment OQ-45 scores hereafter, were computed 
using a two-level analysis with the OQ-45 pre-treatment 
score, the client’s age, symptom duration, and employ-
ment status as predictors. Subsequently, the aggregated 
scores included therapists’ mean case-mix-corrected OQ-45 
change scores, the mean effect size (d; Morris & DeShon, 
2002) for each therapist, the percentage of each therapist’s 
caseload that discontinued treatment, the percentage of each 
therapist’s caseload referred elsewhere, the mean number of 
sessions (based solely on clients who completed treatment 
to mitigate dropout bias), and the mean client satisfaction 
rating. Spearman’s rho was used to compare these outcome 
variables.

Third, as a separate step in analyzing the data, hierar-
chical cluster analyses (e.g., Yim & Ramdeen, 2015) were 
performed to determine whether there were distinct thera-
pist groups based on therapists’ mean case-mix-corrected 
OQ-45 change scores, percentage of dropouts and referrals, 
number of sessions, and client satisfaction scores. To iden-
tify possible outliers, a hierarchical cluster analysis using 
a single linkage (nearest neighbor) method was performed, 
and then identified outliers were removed. In a subsequent 
hierarchical cluster analysis, Ward’s method with squared 
Euclidean distances (Murtagh & Legendre, 2014) was used. 
The optimal number of clusters was determined based on a 
visual inspection of the dendrogram from the cluster analy-
sis; subsequently, several different methods of determining 
the number of clusters (Charrad et al., 2014) were compared.

Finally, differences among the various outcomes were 
evaluated, as were the available client variables among the 
clusters using Kruskal-Wallis tests. These tests were cho-
sen as an alternative to ANOVA because they are suitable 
for cases with small sample sizes and ordinal dependent 
variables, as we observed in the subsample analyses. When 
the Kruskal-Wallis omnibus test indicated significant dif-
ferences among the clusters, subsequent post hoc pairwise 

therapists’ work practices, their views on professional 
development, and the time they spend on activities aimed at 
improving their therapeutic skills. It includes 25 items that 
assess the amount of time therapists believe they spend on 
enhancing their therapeutic skills within three domains: sol-
itary activities, non-solitary activities, and non-therapeutic 
activities. Therapists indicate the amount of time spent in 
the latest typical working month and the relevance of each 
activity for improving their clinical skills. Additionally, they 
indicate the average number of hours they are dedicating per 
week in the current year to activities associated with honing 
their therapeutic skills.

Procedure

Clients were referred to the treatment facility by their gen-
eral practitioner. Each client was then allocated to a thera-
pist according to therapists’ availability. This process often 
led to a rather arbitrary assignment of clients to therapists. 
When the therapist assigned was either a masters-level psy-
chologist or was in training to become a certified psycholo-
gist, a psychologist who was already certified provided 
supervision.

As part of Routine Outcome Measurement (ROM), cli-
ents digitally completed both the OQ-45 and the EQ-VAS 
at the beginning and end of treatment. Also, at the end of 
the treatment clients were asked to complete the Consumer 
Quality Index.

Statistical Analyses

Treatment outcome was determined by OQ-45 change 
scores, whether clients had dropped out of treatment, 
whether they had been referred elsewhere, the total num-
ber of sessions attended, and clients’ rating of their satisfac-
tion at the completion of the treatment. Both TEs and mean 
scores on treatment outcome were calculated, and the latter 
were entered as the dependent variables in a cluster analysis.

Two other kinds of analyses were performed. First, mul-
tilevel analyses were used to determine variability among 
therapists (i.e., TEs) in their clients’ treatment outcomes. 
Intraclass correlation (ICC) was used as the measure of 
TEs. For each outcome variable, separate two-level analy-
ses were performed. To calculate ICCs for the analysis in 
which dropouts was the binary outcome, 3.29 was used as 
the level-1 error variance (O’Connell et al., 2008). In the 
other two-level analyses, a random intercept model was used 
with the Maximum Likelihood method and an unstructured 
variance-covariance matrix for estimating random effects. 
The Akaike Information Criterion (AIC) and Bayesian 
Information Criterion (BIC) in the models were inspected 
to see whether random slopes in the covariates should be 
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was 5.30 (SD = 3.08), while those referred elsewhere for 
treatment during therapy received an average of 8.23 ses-
sions (SD = 4.55). Table 2 shows the descriptive statistics 
for the measures of treatment outcome.

Therapist Effects

OQ-45 Change Scores

The calculation of Therapist Effects (TE) and Intraclass 
Correlation Coefficients (ICCs) in a multilevel or mixed 
effects linear regression model was carried out without 
using predictor variables. The TE for OQ-45 change scores 
was 2.6%. When significant covariates were included, the 
TE was reduced to 2.1%. Including a random slope (OQ-45 
pre-treatment scores) indicated a more favorable model fit, 
as evidenced by lower AIC and BIC values. For detailed 
output and estimates of the OQ-45 change score analysis 
models, see the supplementary materials (Tables 1a - 1c).

Treatment Duration

In the unconditional model without predictors, TEs for the 
number of sessions was 7.2%. However, considering the 
relationship between dropouts and the number of sessions, 
TEs were also examined after clients who had dropped out 
of treatment were excluded. This resulted in a TE of 6.5% 
(5.5% when adjusted for OQ-45 pre-treatment scores). The 
addition of random slopes did not yield significant improve-
ment in the model.

Clients’ Treatment Satisfaction Ratings

In the unconditional model, TEs for client satisfaction was 
3.8%, but this was reduced to 3.2% when the significant 
covariates were included (see Tables  3 and 3b in the sup-
plementary materials). Again, the model without random 
slopes had the best fit.

Dropouts

The unconditional multilevel model with a binary outcome 
yielded TEs of 4.7%. Including covariates in the model 
yielded TEs of 5.2% (see Table 5 in the supplementary 
materials).

Referrals

The therapists in the unconditional multilevel model with 
a binary outcome yielded a TE of 5.1%. When the covari-
ates were included in the model, the TE was also 5.1% (see 
Table 5a and 5b in the supplementary materials).

comparisons were conducted using an adjusted p-value 
based on Bonferroni corrections.

The analyses were performed using SPSS version 28 and 
R 3.4.0 using the R packages tidyverse for data manipula-
tion, cluster for the clustering algorithms, factoextra for 
clustering visualization and for identifying the ideal num-
ber of clusters for a particular clustering method. “NbClust” 
(Charrad et al., 2014) was used to calculate approximately 
30 methods simultaneously in order to determine the opti-
mal number of clusters, and the fpc package was used for 
bootstrap resampling to evaluate how stable each cluster 
was.

Results

Descriptive Statistics

Clients’ pre-treatment OQ-45 total scores were consistent 
with those of other clinical samples (e.g., de Jong et al., 
2007). They indicated elevated levels of symptom distress 
and interpersonal difficulties and diminished quality of life. 
By the end of treatment, the OQ-45 scores showed, on aver-
age, a reliable improvement (i.e., of more than 18 points; 
Timman et al., 2017) with treatment and yielding a large 
effect size. Clients who had dropped out of therapy or were 
referred elsewhere during therapy achieved less change 
(effect size d = 0.56 and d = 0.02). On average, clients 
received 8.21 therapy sessions (SD = 3.78). Among clients 
who dropped out of therapy, the average number of sessions 

Table 2 Clients’ mean scores at pre- and post-treatment
M (SD; range)

OQ-45 pre-treatment (N = 4678) 80.47 (22.33; 8-164)
OQ-45 post-treatment (N = 2835) 60.45 (25.92; 2-162)
Effect size d (N = 2469) 0.80 (0.91; -3.61-4.44)
Client satisfaction (N = 3170) 8.19 (1.54; 0–10)
EQ-VAS pre-treatment (N = 3699) 60.11 (20.30; 1-100)
EQ-VAS post-treatment (N = 3378) 71.97 (18.75; 1-100)
Drop-out (N = 547), % 17.1%
Referrals (N = 400), % 11.3%

Table 3 Therapists’ mean treatment outcomes
M (SD) Minimum Maximum

Effect size d 0.78 (0.25 0.32 1.05
OQ-45 change scores* 0.37 (5.44) -14.31 14.12
Number of sessions 8.87 (1.10) 6.05 11.52
Client satisfaction score 8.19 (0.42) 6.82 9.05
Percentage of dropout in 
caseload

15.24 (7.86) 0.00 40.00

Percentage of referrals in 
caseload

11.51 (5.85) 1.85 28.07

* residualized change scores

1 3



Administration and Policy in Mental Health and Mental Health Services Research

for the results of the Elbow and Silhouette method). Assess-
ment of cluster stability by resampling showed that average 
Jaccard similarities was greater than 0.85, which indicated 
highly stable clusters (Hennig, 2007).

Kruskal-Wallis tests with the four clusters as the group-
ing variable showed significant differences among the 
groups in their case-mix-corrected OQ-45 change scores 
[H(3) = 36.15, p < .001], Cohen’s d [H(3) = 27.09, p < .001], 
percentage of dropouts [H(3) = 40.80, p < .001], percent-
age of referrals, [H(3) = 24.16, p < .001], number of ses-
sions [H(3) = 12.32, p = .006], and client satisfaction 
scores [H(3) = 10.04, p = .018]. As expected, there were 
no differences among the clusters on any of the other rel-
evant client variables because several of the client factors 
had been controlled. Specifically, there were no notable 
distinctions among the clusters on EQ-VAS pre-treatment 
scores [H(3) = 2.86, p = .414], OQ-45 pre-treatment scores 
[H(3) = 0.61, p = .895], percentage of clients in paid employ-
ment [H(3) = 3.06, p = .383], nor duration of clients’ symp-
toms [H(3) = 0.44, p = .932] or in the age of the clients [H 
(3) = 4.09, p = .252]. Table 4 shows the number of therapists 

The therapists’ outcomes are further described in Table 3. 
The rho correlations between mean therapist’s treatment 
outcomes ranged between 0.01 and − 0.32. The missing 
OQ-45 change scores of clients within the therapists’ casel-
oad ranged from 15.1 to 61.4% (M = 37.9%, SD = 9.6), and 
this was significantly correlated with the percentage of cli-
ents in the therapists’ caseload who were referred elsewhere 
(rs = 0.26, p = .033).

Cluster Analysis

A hierarchical cluster analysis was performed that utilized 
aggregated therapist variables, including case-mix-corrected 
OQ-45 change scores, percentage of dropouts, percentage 
of referrals, treatment duration, and client satisfaction. The 
analysis resulted in a dendrogram, in which a four-cluster 
solution seemed most robust (see Fig. 1.). According to the 
majority rule in the results of the NbClust package, which 
employs 30 different methods to determine the optimal num-
ber of clusters, the optimal number of clusters was found 
to be four (see Figs. 1 and 2 in the supplemental materials 

Fig. 1 Dendrogram of the hierarchical cluster analysis based on thera-
pists’ mean case-mix-corrected post-treatment OQ-45 scores, drop-
outs, referrals, number of sessions, and client satisfaction. Note. Each 
number on the horizontal axis corresponds to a therapist. The vertical 

axis specifically indicates the level of similarity at which the clusters 
were combined. Higher points on the axis indicate greater dissimilarity 
or distance between clusters; lower points indicate greater similarity
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and the mean scores and standard deviations for the signifi-
cant therapist variables in each of the four clusters.

Description of the Cluster Solutions

Post-hoc pairwise comparisons between the clusters were 
performed, and the results are presented in Tables  6, 7, 8, 
9, 10 and 11 in the online supplemental materials. The four-
cluster solution showed that Cluster 2 (n = 15) and Cluster 
4 (n = 26) included therapists who were most effective in 
terms of clients’ OQ-45 change scores and the correspond-
ing effect sizes measured with Cohen’s d. The post-hoc 
comparisons revealed that both Cluster 2 and Cluster 4 were 
significantly different from Clusters 1 and 3 in terms of the 
OQ-45 difference scores. Furthermore, Cluster 4 had a sig-
nificantly larger effect size d than Clusters 1 and 3; for Clus-
ter 2, the difference was significant with Cluster 3 (but not 
1). There was no significant difference between Clusters 1 
and 3 or between Clusters 2 and 4 in terms of outcomes on 
the OQ-45 scores. It should be noted, however, that Cluster 
4 had a high percentage of dropouts. In fact, the percent-
age of dropouts in Cluster 4 was significantly greater than 
in Cluster 2 or Cluster 3, albeit not significantly different 
from Cluster 1. At the same time, the number of sessions 
(i.e., treatment duration) for the therapists in Cluster 2 was 
significantly greater than for the therapists in Cluster 3 or 
Cluster 4.

Cluster 1, the smallest cluster (n = 9), included therapists 
with lower effectiveness (as measured with the OQ-45) but 
an average dropout rate. These therapists also had signifi-
cantly more referrals than the therapists in Clusters 2, 3, or 
4. The therapists in Cluster 3 (n = 17) were also less effective 
(as measured by the OQ-45), and they had average rates of 
dropouts and referrals. Nevertheless, these therapists stood 
out from the other therapists in that their clients expressed 
less satisfaction with the treatment than the clients of thera-
pists in Cluster 4 or Cluster 2.

In summary, Cluster 4 included the largest number of 
therapists. They were the most effective in terms of the 
OQ-45 scores, and they had short treatment durations com-
pared to the therapists in Cluster 2. However, given their 
high dropout rates, their effectiveness applied solely to the 
clients whom they retained. The therapists in Cluster 2, on 
the other hand, were the best therapists all-round; they were 
both highly effective and retained the most clients in treat-
ment. Cluster 1 consisted of therapists who had average 
scores on most of the dimensions of outcome, but they had 
a notable tendency to refer clients elsewhere. Finally, the 
therapists in Cluster 3 were less effective than the therapists 
in the other clusters, and they had the lowest client satisfac-
tion scores of all the therapists.
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The results revealed that there were significant differ-
ences among therapists, even though this was a stable clini-
cal environment in which clients were generally randomly 
assigned to therapists with similar professional training and 
a similar therapeutic orientation. The results from separate 
multilevel models supported this hypothesis. A descriptive 
comparison of the TEs indicated different TEs for different 
aspects of the treatment, as shown by the following per-
centages: Symptom reduction (2.6%), number of sessions 
(6.5%), clients’ dropout rates (4.7%), and therapists’ refer-
rals to other treatments (5.1%). Even clients’ satisfaction 
scores indicated a stronger TE (3.8%) than the TE based 
on reduction in symptoms. Consequently, relying solely on 
symptom reduction as a gauge of TEs provides a limited 
perspective on therapists’ actual clinical performance. Cor-
relations across the different measures of clients’ treatment 
outcome were often weak, and thus implied that a therapist 
who excelled in one area might not do so in other areas. This 
conclusion is consistent with previous research (Lutz et al., 
2015; Barkham et al., 2017).

Although the impact of the different therapist effects may 
seem modest, they have significant methodological impli-
cations. Janse et al. (2023) made use of a sample from the 
same treatment center, but restricted their sample to ther-
apists with at least 10 clients who had completed the OQ 
measures (at the start and end of treatment) and found TEs 
of 1.4%. This sample also had a smaller dropout and referral 
percentage than the current sample, which is not surprising 
as these clients less often had complete scores on the OQ-45. 
Our broader client inclusion criterion, i.e., including clients 
with missing data, led to an inclusion of more therapists 
and increased the magnitude of TEs. This result prompts 
these questions: Do the largest TEs become apparent only 
when extreme cases are included? Are clients who drop out 
of treatment prematurely those who benefit the most from 
working with the most skilled therapists? Answers to these 
questions call for further investigations.

By bringing together the different TEs into one cluster 
analysis, we found four types of therapists. The first clus-
ter can be interpreted as good for some. Therapists in this 
cluster exhibited average performance in most areas. How-
ever, remarkably, they referred clients to other profession-
als or services. They might tend to abandon efforts in the 
presence of difficulties or, alternatively, prioritize clients’ 
overall well-being and seek optimal solutions, even if it 
involves referring them to other professionals or services. 
The second group could be described as the talents. This 
cluster comprised therapists who excelled in both effective-
ness (as indicated by OQ-45 scores) and client retention and 
can be considered the most well-rounded practitioners. The 
third cluster can be described as less effective with low sat-
isfaction: therapists in this cluster were less effective than 

Differences Among Therapists in the Different 
Clusters

We explored whether there were any differences in the 
general characteristics of the clusters in the entire group of 
therapists and the subset of 49 therapists who took part in 
Janse et al.‘s study (2023).We had access to more informa-
tion about their characteristics and learning activities in the 
latter group.

There were no differences among the clusters in thera-
pists’ gender or educational level. However, in Cluster 2 
there were more master’s-level psychologists and therapists 
in training to become a certified psychologist (N = 7, 46.7%) 
than in the other clusters. These therapists, therefore, were 
less experienced than therapists in the other clusters. By 
contrast, Cluster 3 had the fewest therapists in training 
(N = 2, 11.8%).

The therapists in Clusters 2 and 4 had the fewest years 
of experience (M = 8.33, SD = 3.78 and M = 8.21, SD = 5.84, 
respectively), and the therapists in Cluster 3 had the most 
years of experience (M = 13.25, SD = 6 0.45), although the 
Kruskal-Wallis test indicated that the difference was not sig-
nificant [H(3) = 5.89, p = .117]. In the subsample, the thera-
pists indicated the amount of time they spend on learning 
activities. Therapists in Cluster 2 spent the most time per 
week, and those in Cluster 3 spent the least amount of time 
each week on learning activities (M = 5.89, SD = 6.55 versus 
M = 2.25, SD = 1.55), but the differences among the clusters 
was not significant [H (3) = 5.39, p = .146]. Cluster 2, how-
ever, spent significantly more time on their post-master’s 
education than the other clusters [H (3) = 15.13, p = .002], 
and pairwise comparisons using Dunn’s test showed that the 
largest difference was in Cluster 3 [19.74 (5.75), p = .004]. 
The clusters did not significantly differ in other learning 
activities.

Discussion

This study aimed to unravel therapist effects (TEs) by iden-
tifying differences among therapists while controlling for 
various factors in a real-world treatment setting. Although 
studies on TEs often concentrate on clients’ symptom 
reduction as the treatment outcome, other measures are 
also clinically relevant for evaluating the quality of thera-
pists’ performance. These measures include clients’ dropout 
rates, therapists’ referrals to other treatments, the duration 
of clients’ treatment, and clients’ satisfaction with treatment. 
Despite the study’s exploratory nature, we hypothesized 
that TEs would differ across various indicators of treatment 
outcome.
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potentially altering cluster formation. As a potential solu-
tion, we considered multilevel imputation; however, this 
approach should be used with caution due to the likelihood 
of cross-level interactions and non-linearity. Another limita-
tion is that the reasons for prematurely discontinuing treat-
ment and referrals were unknown. While valid reasons for 
referring patients to alternative treatments may exist, ther-
apists exhibit varying approaches in persisting with chal-
lenging cases. Some may be committed to treating patients 
despite difficulties, while others may choose to discontinue 
efforts earlier, perhaps recognizing the potential benefits of 
alternative treatment modalities.

Further research is necessary on the reasons for termina-
tion and TEs. However, it is interesting to see differences 
between therapists in this regard within the same facility. 
Despite these limitations, this study generated important 
hypotheses that warrant being tested in future research.

In sum, this exploratory study aimed to delve deeper 
into therapist effects and how therapists’ performances are 
viewed. The study provided evidence that all therapists are 
not equally effective and the influence of therapists extends 
beyond mere symptom reduction or improvements in gen-
eral functioning. This is important for further consideration 
in future investigations of therapist effects and the charac-
teristics of effective therapists.
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their counterparts in other clusters. Furthermore, they had 
the lowest client satisfaction scores among all the therapists 
studied. Finally, the fourth cluster can be regarded as effi-
cient but high dropout rate. This cluster included highly 
effective therapists in terms of OQ-45 scores. However, 
their impact was limited to the clients they retained due 
to a high dropout rate. Despite shorter treatment durations 
compared to the second cluster, their effectiveness was con-
strained by client retention challenges.

The differences among therapists described here could 
have significant implications for clients’ treatment. For spe-
cific types of clients, it might matter more who the therapist 
is, than for others. Some therapists seem to have a major 
positive impact on symptom reduction, whereas other thera-
pists might be better equipped to retain clients in therapy. 
Only a small number of the therapists have both kinds of 
expertise. These findings should be considered in future 
studies aimed at personalizing treatment for clients.

Despite their significance, we lack solid evidence regard-
ing the therapist characteristics that drive these differences. 
Neither therapists’ age nor gender appears to be decisive. 
While dedicating time to post-master education, learning 
activities, and experience might play a role, the tendency 
for less experienced psychologists in training (Clusters 2 
and 4) to engage in more learning activities complicates the 
interpretation of the relationship between therapists’ experi-
ence and their clients’ outcomes. Thus, the strength of these 
factors’ contribution to Treatment Effects (TEs) is incon-
clusive. Other potential factors include therapists’ interper-
sonal skills (Anderson et al., 2016) and their responsiveness 
(Stiles & Horvath, 2017). Additionally, TEs may be shaped 
by the interplay between client and therapist attributes, par-
ticularly in terms of how well they are matched. Further 
research will be required to untangle these possibilities.

This study was the first to demonstrate the multifac-
eted relationships among therapist characteristics, clients’ 
treatment outcomes, and therapists’ performance; never-
theless, limitations do exist. The primary limitation was 
the relatively small number of therapists who participated. 
Although 68 therapists, combined with a large number of 
clients, was sufficient to investigate therapists’ effects on 
clients’ treatment outcome, this number was modest for 
examining differences among the therapist subgroups. 
Expanding the pool of therapists and replicating the clusters 
that were identified through latent profile analysis would be 
a logical next step. Another limitation relates to the incom-
plete OQ-45 scores for clients who discontinued treatment 
or were referred elsewhere. For instance, although Cluster 4 
showed effectiveness in case-mix-corrected OQ-45 change 
scores, high dropout rates were observed. Cluster 1 had a 
high referral rate. Complete OQ-45 change scores might 
have revealed reduced effectiveness for Clusters 4 and 1, 

1 3

https://doi.org/10.1007/s10488-024-01365-3
https://doi.org/10.1007/s10488-024-01365-3
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/


Administration and Policy in Mental Health and Mental Health Services Research

Lutz, W., Rubel, J., Schiefele, A. K., Zimmermann, D., Böhnke, J. 
R., & Wittmann, W. W. (2015). Feedback and therapist effects 
in the context of treatment outcome and treatment length. Psy-
chotherapy Research: Journal of the Society for Psychotherapy 
Research, 25(6), 647–660. https://doi.org/10.1080/10503307.20
15.1053553.

Morris, S. B., & DeShon, R. P. (2002). Combining effect size esti-
mates in meta-analysis with repeated measures and independent-
groups designs. Psychological Methods, 7(1), 105–125. https://
doi.org/10.1037/1082-989x.7.1.105.

Murtagh, F., & Legendre, P. (2014). Ward’s hierarchical agglom-
erative clustering method: Which algorithms implement Ward’s 
criterion? Journal of Classification, 31, 274–295. https://doi.
org/10.1007/s00357-014-9161-z.

O’Connell, A. A., & McCoach, B. D. (2008). Multilevel Modeling 
of Educational Data. Charlotte, NC: IAPRijnders, P., & Heene, 
E. (2015). Handboek KOP-model (herziening). Kortdurende 
psychologische interventies voor de basisggz [Handbook KOP 
model (revision). Short-term psychological interventions for 
basic mental health care.]. Boom

Rijnders, P., & Heene, E. (2015). Handboek KOP-model (herzien-
ing). Kortdurende psychologische interventies voor de basisggz 
[Handbook KOP model (revision). Short-term psychological 
interventions for basic mental health care.]. Boom.

Saxon, D., Barkham, M., Foster, A., & Parry, G. (2017). The contribu-
tion of therapist effects to patient dropout and deterioration in the 
psychological therapies. Clinical Psychology & Psychotherapy, 
24(3), 575–588. https://doi.org/10.1002/cpp.2028.

Stiles, W. B., Honos-Webb, L., & Surko, M. (1998). Responsiveness in 
psychotherapy. Clinical Psychology: Science and Practice, 5(4), 
439–458. https://doi.org/10.1111/j.1468-2850.1998.tb00166.x

Stiles, W. B., & Horvath, A. O. (2017). Appropriate responsiveness 
as a contribution to therapist effects. In L.G. Castonguay & C. E. 
Hill (Eds.), How and why are some therapists better than others? 
Understanding therapist effects (pp. 71–84). American Psycho-
logical Association. https://doi.org/10.1037/0000034-005.

Timman, R., de Jong, K., & de Neve-Enthoven, N. (2017). Cut-off 
scores and clinical change indices for the Dutch outcome ques-
tionnaire (OQ-45) in a large sample of normal and several 
psychotherapeutic populations. Clinical Psychology & Psycho-
therapy, 24(1), 72–81. https://doi.org/10.1002/cpp.1979.

van Dijk, D. A., Meijer, R. M., van den Boogaard, T. M., Spijker, J., 
Ruhé, H. G., & Peeters, F. P. M. L. (2023). Worse off by wait-
ing for treatment? The impact of waiting time on clinical course 
and treatment outcome for depression in routine care. Journal 
of affective disorders, 322, 205–211. https://doi.org/10.1016/j.
jad.2022.11.011

Van Wijngaarden, B., Meije, D., Oskam, K., & Kok, I. (2007). Het 
onderscheidend vermoge van een consumer Quality Index Voor 
Kortdurende Ambulante Geestelijke gezondheidszorg en ver-
slavingszorg [The distinctiveness of a consumer Quality Index 
for brief out client mental health and addiction care]. Utrecht, 
Trimbos-instituut.

Wampold, B. E., Baldwin, S. A., Holtforth, M. G., & Imel, Z. E. (2017). 
What characterizes effective therapists? In L. G. Castonguay & 
C. E. Hill (Eds.), How and why are some therapists better than 
others? Understanding therapist effects (pp. 37–53). American 
Psychological Associationhttps://doi.org/10.1037/0000034-003.

Watson, H. C., & Wiseman, J. L. (2021). Therapists’ responsiveness: 
An exploration of theory and practice. Psychotherapy Research, 
31(3), 337–347. https://doi.org/10.1080/10503307.2019.169841
9.

Yim, O., & Ramdeen, K. T. (2015). Hierarchical cluster analysis: 
Comparison of three linkage measures and application to Psycho-
logical Data. The Quantitative Methods for Psychology, 11(1), 
8–21. https://doi.org/10.20982/tqmp.11.1.p008.

References

Anderson, T., Crowley, M. E., Himawan, L., Holmberg, J. K., & Uhlin, 
B. D. (2016). Therapist facilitative interpersonal skills and train-
ing status: A randomized clinical trial on alliance and outcome. 
Psychotherapy Research: Journal of the Society for Psychother-
apy Research, 26(5), 511–529. https://doi.org/10.1080/10503307
.2015.1049671.

Barkham, M., Lutz, W., Lambert, M. J., & Saxon, D. (2017). Thera-
pist effects, effective therapists, and the law of variability. In 
L. G. Castonguay & C. E. Hill (Eds.), How and why are some 
therapists better than others? Understanding therapist effects 
(pp. 13–36). American Psychological Association. https://doi.
org/10.1037/0000034-002.

BMJ (2022). Seven days in medicine: 5–11 October 2022. 379. https://
doi.org/10.1136/bmj.o2432

Charrad, M., Ghazzali, N., Boiteau, V., & Niknafs, A. (2014). NbClust: 
An R Package for determining the relevant number of clusters in 
a Data Set. Journal of Statistical Software, 61(6), 1–36. https://
www.jstatsoft.org/v61/i06/.

Chow, D., & Miller, S. D. (2016). Revised version: Retrospective 
analysis of psychotherapist’ involvement in deliberate practice 
(RAPIDPractice). Unpublished manuscript

Chow, D. L., Miller, S. D., Seidel, J. A., Kane, R. T., Thornton, J. A., 
& Andrews, W. P. (2015). The role of deliberate practice in the 
development of highly effective psychotherapists. Psychother-
apy, 52(3), 337–345. https://doi.org/10.1037/pst0000015.

de Jong, K., Nugter, M. A., Polak, M. G., Wagenborg, J. E. A., Spin-
hoven, P., & Heiser, W. J. (2007). The Outcome Questionnaire 
(OQ-45) in a Dutch population: A cross-cultural validation. Clini-
cal Psychology & Psychotherapy, 14(4), 288–301. https://doi.
org/10.1002/cpp.529.

Feng, Y. S., Kohlmann, T., Janssen, M. F., et al. (2021). Psychometric 
properties of the EQ- 5D-5L: A systematic review of the literature. 
Quality of Life Research, 30, 647–673. https://doi.org/10.1007/
s11136-020-02688-y.

Fernandez, E., Salem, D., Swift, J. K., & Ramtahal, N. (2015). 
Meta-analysis of dropout from cognitive behavioral therapy: 
Magnitude, timing, and moderators. Journal of Consulting and 
Clinical Psychology, 83(6), 1108–1122. https://doi.org/10.1037/
ccp0000044.

Firth, N., Saxon, D., Stiles, W. B., & Barkham, M. (2020). Therapist 
effects vary significantly across psychological treatment care 
sectors. Clinical Psychology and Psychotherapy, 27, 770–778. 
https://doi.org/10.1002/cpp.2461.

Hennig, C. (2007). Cluster-wise assessment of cluster stability. Com-
putational Statistics and Data Analysis, 52, 258–271. https://doi.
org/10.1016/j.csda.2006.11.025.

Hutschemaekers, G., Nekkers, M., & Tiemens, B. (2019). Handboek 
Generalistische Ggz Werken aan zelfregie: Een bijzonder special-
isme [Handbook of generalist mental health care working on self-
direction: A specialism]. Bohn Stafleu van Loghum.

Janse, P. D., Bakker-Brehm, D. T., Geurtzen, N., Scholing, A., & 
Hutschemaekers, G. J. (2023). Therapists’ self-assessment of 
time spent on learning activities and its relationship to treatment 
outcomes: A replication study. Journal of Clinical Psychology, 
79(4), 1070–1081. https://doi.org/10.1002/jclp.23459.

Johns, R., Barkham, M., Kellett, S., & Saxon, S. (2019). A systematic 
review of therapist effects: A critical narrative update and refine-
ment to Baldwin and Imel’s (2013) review. Clinical Psychology 
Review, 67, 78–93. https://doi.org/10.1016/j.cpr.2018.08.004.

Lambert, M. J., Morton, J. J., Hatfield, D., Harmon, C., Hamilton, S., 
Reid, R. C., & Burlingame, G. M. (2004). Administration and 
scoring manual for the Outcome Questionnaire-45. Orem, UT: 
American Professional Credentialing Services

1 3

https://doi.org/10.1080/10503307.2015.1053553
https://doi.org/10.1080/10503307.2015.1053553
https://doi.org/10.1037/1082-989x.7.1.105
https://doi.org/10.1037/1082-989x.7.1.105
https://doi.org/10.1007/s00357-014-9161-z
https://doi.org/10.1007/s00357-014-9161-z
https://doi.org/10.1002/cpp.2028
https://doi.org/10.1111/j.1468-2850.1998.tb00166.x
https://doi.org/10.1037/0000034-005
https://doi.org/10.1002/cpp.1979
https://doi.org/10.1016/j.jad.2022.11.011
https://doi.org/10.1016/j.jad.2022.11.011
https://doi.org/10.1037/0000034-003
https://doi.org/10.1080/10503307.2019.1698419
https://doi.org/10.1080/10503307.2019.1698419
https://doi.org/10.20982/tqmp.11.1.p008
https://doi.org/10.1080/10503307.2015.1049671
https://doi.org/10.1080/10503307.2015.1049671
https://doi.org/10.1037/0000034-002
https://doi.org/10.1037/0000034-002
https://doi.org/10.1136/bmj.o2432
https://doi.org/10.1136/bmj.o2432
https://www.jstatsoft.org/v61/i06/
https://www.jstatsoft.org/v61/i06/
https://doi.org/10.1037/pst0000015
https://doi.org/10.1002/cpp.529
https://doi.org/10.1002/cpp.529
https://doi.org/10.1007/s11136-020-02688-y
https://doi.org/10.1007/s11136-020-02688-y
https://doi.org/10.1037/ccp0000044
https://doi.org/10.1037/ccp0000044
https://doi.org/10.1002/cpp.2461
https://doi.org/10.1016/j.csda.2006.11.025
https://doi.org/10.1016/j.csda.2006.11.025
https://doi.org/10.1002/jclp.23459
https://doi.org/10.1016/j.cpr.2018.08.004


Administration and Policy in Mental Health and Mental Health Services Research

Publisher’s Note Springer Nature remains neutral with regard to juris-
dictional claims in published maps and institutional affiliations. 

Zimmermann, D., Rubel, J., Page, A. C., & Lutz, W. (2017). Therapist 
effects on and predictors of non-consensual dropout in psycho-
therapy. Clinical Psychology & Psychotherapy, 24(3), 312–321. 
https://doi.org/10.1002/cpp.2022.

1 3

https://doi.org/10.1002/cpp.2022

	Disentangling the Therapist Effect: Clustering Therapists by Using Different Treatment Outcomes
	Abstract
	Introduction
	Method
	Setting
	Therapists
	Clients
	Measures
	Client Measures
	Therapists’ Characteristics


	Procedure
	Statistical Analyses
	Results
	Descriptive Statistics
	Therapist Effects
	OQ-45 Change Scores
	Treatment Duration
	Clients’ Treatment Satisfaction Ratings
	Dropouts
	Referrals


	Cluster Analysis
	Description of the Cluster Solutions
	Differences Among Therapists in the Different Clusters
	Discussion
	References


