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Abstract
Heterologous biosynthesis of tetrahydrocannabinolic acid (THCA) in yeast is a biotechnological process in Natural Product
Biotechnology that was recently introduced. Based on heterologous genes from Cannabis sativa and Streptomyces spp. cloned
into Saccharomyces cerevisiae, the heterologous biosynthesis was fully embedded as a proof of concept. Low titer and insuf-
ficient biocatalytic rate of most enzymes require systematic optimization of recombinant catalyst by protein engineering and
consequent C-flux improvement of the yeast chassis for sufficient precursor (acetyl-CoA), energy (ATP), and NADH delivery. In
this review basic principles of in silico analysis of anabolic pathways towards olivetolic acid (OA) and cannabigerolic acid
(CBGA) are elucidated and discussed to identify metabolic bottlenecks. Based on own experimental results, yeasts are discussed
as potential platform organisms to be introduced as potential cannabinoid biofactories. Especially feeding strategies and limita-
tions in the committed mevalonate and olivetolic acid pathways are in focus of in silico and experimental studies to validate the
scientific and commercial potential as a realistic alternative to the plant Cannabis sativa.

Key points
• First time critical review of the heterologous process for recombinant THCA/CBDA production and critical review of bottle-
necks and limitations for a bioengineered technical process

• Integrative approach of protein engineering, systems biotechnology, and biochemistry of yeast physiology and biosynthetic
cannabinoid enzymes

• Comparison of NphB and CsPT aromatic prenyltransferases as rate-limiting catalytic steps towards cannabinoids in yeast as
platform organisms

Keywords Cannabis sativa . Cannabinoids . Tetrahydrocannabinol . Cannabidiol . Synthetic biology . Bioengineering . Natural
Product Biotechnology . NphB . CsPT

Introduction

Since the legalization of cannabis products for medicinal use,
cannabinoids like tetrahydrocannabinol (THC) and
cannabidiol (CBD) get attraction as for direct use or as poten-
tial drug candidates for various diseases. Besides isolation
from plant material, the biotechnological production of can-
nabinoids like THC and CBD is an exciting alternative. Over
the last years, the genetic blueprint of THC and CBD

biosynthesis is understood, and genes have been functionally
expressed in various microorganisms as documented in scien-
tific papers. So far, no report has been communicated showing
scaled up biosynthesis and how an industrial process must be
designed to allow feasible economic production in a bioreac-
tor. In this review, we take for the first time the endeavor to
analyze basic biological parameters and to develop concepts
and strategies for an engineered process to identify limitations,
bottlenecks, and opportunities.

Cannabinoids seem to be a unique class of secondary nat-
ural products limited to Cannabis sativa L. In recent time,
prenylated olivetolic acid derivatives and other structurally
related prenylated phenolics have also been identified in var-
ious genus and species like Helichrysum umbraculigerum
Less. (Pollastro et al. 2017) or the liverwort Radula marginata
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Taylor (Asakawa et al. 1991; Nagashima and Asakawa 2011).
The biosynthesis of tetrahydrocannabinolic acid (THCA-C5)
and its precursors derived from the mevalonate and olivetolic
acid pathway, as we understand today. Without going into the
details of molecular biology, genetics and spatial resolution of
biosynthesis (Fig. 1) (Degenhardt et al. 2017), all committed
biosynthetic enzymes on the way to tetrahadrocannabinolic
acid, but also cannabidiolic acid and cannabichromenic acid,
share the precursor cannabigerolic acid (CBGA-C5).
Furthermore, all conversion products have the same mass
and differ only structurally. Recently, the full recombinant
biosynthesis of THCA was published by Luo et al. (2019) in
Saccharomyces cerevisiae as a heterologous host. Here, the
native mevalonate pathway in S. cerevisiae and a multi-
organism-derived hexanoyl-CoA biosynthetic pathway have
been implemented as well. With a modified primary metabo-
lism for delivery of the essential precursors IPP/DMAPP
(isopentenyl diphosphate/dimethylallyl diphosphate) and py-
ruvate, the upstream biosynthesis towards olivetolic acid was
accessible. Especially pyruvate plays an important role as a
central metabolite for the biosynthesis of hexanoic acid and as
a decarboxylated starter (acetyl-CoA) for the mevalonate
pathway. By the introduction of the genes to encode olivetolic

acid cyclase (OAC) and olivetol synthase /(OLS) for the bio-
synthesis of olivetolic acid, and the integration of correspond-
ing cannabinoid synthases like CBGAS and THCAS, a new
biological systemwas engineered for the production of natural
and unnatural cannabinoids.

With all respect to the excellent work in synthetic biochem-
istry and the full assembly of the pathway towards THCA-C5,
unfortunately, the production yield of CBGA-C5 (7.2μg L−1),
THCA-C5 (8 mg L−1), and CBDA-C5 (4.4 μg L−1) are low
(Luo et al. 2019). Future challenges and needs are to gain a
better fundamental understanding of the mode of catalysis in
yeast to increase production titer in S. cerevisiae drastically. In
this review, we focus on the potential use of computational
and mathematical systems biotechnology to develop an in
silico model for the heterologous biosynthesis of THCA in
S. cerevisiae. This yeast is an industrial GRAS organism and
used for its high production of IPP and DMAPP because of an
engineered mevalonate pathway. By in silico modeling, the
prediction and optimization of the heterologous biosynthesis
of THCA are desirable to gain fundamental insight into the
primary metabolism as a metabolic basis to tune yeast physi-
ology and to have quantitative data on theoretical energy con-
sumption, as well on ATP, NADPH, and NADH usage. In this

Fig. 1 Tetrahydrocannabinolic acid (THCA) biosynthesic pathway in
C. sativa L.. A total of six enzymes (AAE1, GPPS, OLS, OAC,
CBGAS, THCAS) form THCA from isopentenyl diphosphate (IPP)

and dimethylallylphosphate (DMAPP) synthesized in the MEP pathway,
as well as hexanoic acid provided by the fatty acid biosynthesis
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review, we want to give a hypothetical example of the pro-
duction of THCA in a fermenter. With all anticipated limita-
tions, we are aware of and we try to explore the industrial
potential as a prototype.

Saccharomyces cerevisiae as a model organism

Systems biotechnological studies are conducted with
S. cerevisiae as a model organism. This yeast is used in the
industry widely because of its GRAS status, easy to handle
physiological properties, and wide knowledge in genomics,
proteomics, and other related fields of “OMICS.” It is very
attractive for the THCA production because of high yield ter-
penoid biosynthesis and delivery of IPP/DMAPP (Ro et al.
2006; Keasling 2012). Tools for genetic manipulation are also
available with this organism, and genetic manipulation is easy
to conduct (Krivoruchko and Nielsen 2015). For the bioprocess
design, it is essential to consider S. cerevisiae as yeast that is
acidophil and grows best under acidic conditions around
pH 5.5. S. cerevisiae is a facultative anaerobe, i.e., it can gain
energy through breathing and fermentation. Under oxygen con-
sumption, preferably glucose as a carbon source is entirely re-
duced to ATP and CO2, while under anaerobic conditions, glu-
cose is fermented to ethanol generating lower amounts of ATP.

For the biosynthesis and production of cannabinoids,
S. cerevisiae has more advantages: first, a higher biocatalytic
activity being explained by low concentration of misfolded
biosynthetic proteins and absence of inactive inclusion bodies;
second, glycosylation of the THCAS resulting in improved
solubility correlated with increased biocatalytic rate; and last,
the ability to secrete cannabinoids to minimize the risk of self-
toxification and to allow easier downstreaming and isolation.

In our study, we have not considered other sugars than
glucose as feed. However, other carbohydrates, as well as
ethanol and fatty acids, may also be accepted as carbon
sources for metabolism. However, glucose is a standard car-
bon source, and its metabolization is easy to trace why the
stoichiometric calculation is simple. It must be noted that glu-
cose metabolization in yeast is critical regarding anaerobic
ethanol production and at high aerobic concentration due to
respiratory inhibition known as the Crabtree effect (De Deken
1966). Both must be considered in all metabolic models ap-
plied. The fermentation of glucose to ethanol results in de-
creased cell growth due to a lack of ATP for biomass produc-
tion. Substrate deficiency leads to degradation of previously
synthesized ethanol. This reintroduction into the C-flux is an
opportunity to use the ethanol produced through the Crabtree
effect as carbon source buffer.

Toxicity of tetrahydrocannabinol

Like other neutral cannabinoids, tetrahydrocannabinol (THC-
C5) is a hydrophobic compound with very low solubility in

water (< 10 mg/L) and has low toxicity to humans if admin-
istered. So far, no data are available for the cytotoxic effect of
THC on S. cerevisiae. In our unpublished studies, we identi-
fied for THC the EC50 value of approximately 360 mg/L in
direct incubation assays. This concentration is sufficiently
high to be tolerated in almost all relevant batch fermentations.
This toxicity range is also essential to estimate the production
window between toxicity andmaximum catabolic rate. THCA
synthase catalyzes the reaction from cannabigerolic acid to
tetrahydrocannabinolic acid along with an equimolar produc-
tion of hydrogen peroxide (Sirikantaramas et al. 2007).
Hydrogen peroxide has cytotoxic effects on yeast cells
(Zirpel et al. 2015). However, S. cerevisiae has developed
catalase enzymes as a defense mechanism to increase the tol-
erance of hydrogen peroxide (Izawa et al. 1996). It is unclear if
THCA or hydrogen peroxide causes the toxic effect on genet-
ically modified yeast cells (Zirpel et al. 2015). Our experi-
ments show that experimental heterologous production of
THCA in S. cerevisiae is limited to a maximum concentration
of 280 mg/L and even below the EC50 value of direct incuba-
tion. We must consider the concentration of yeast maximum
production as too low and safe in a controlled bioprocess to
avoid severe impairment. Our in silico model does not contain
the limitation of the cell activity. Hence, the model is not
accurate if THCA concentrations exceed unlikely the toxic
threshold.

Biosynthetic enzymes

Olivetol synthase and olivetolic acid cyclase

In Cannabis sativa L., olivetolic acid, as one of the precursors
for the production of CBGA, is formed with three molecules
of malonyl-CoA by a type III polyketide synthase (olivetol
synthase, OLS) (Taura et al. 2009) in combination with a
polyketide cyclase (olivetolic acid cyclase, OAC) from
hexanoyl-CoA (Gagne et al. 2012) (Table 1). The presence
of OAC is crucial for the production of olivetolic acid, as OLS
alone is only able to produce olivetol and the two α-pyrone
pentyl diacetic acid lactone (PDAL) and hexanoyl triacetic
acid lactone (HTAL) by-products (Gagne et al. 2012). OLS
is proposed to be a homodimeric enzyme of approximately
89 kDa, with each part consisting of a 385 amino acid poly-
peptide (Taura et al. 2009). OAC is reported as anα +β barrel
(DABB) protein composed of 101 amino acids and catalyzes
the C2–C7 aldol condensation of the intermediate 3,5,7-
trioxododecanyl-CoA maintaining the carboxylate moiety to
form olivetolic acid. Functional expression of both enzymes
originated fromC. sativa L. as well as the production of OA in
S. cerevisiae has been reported (Gagne et al. 2012; Luo et al.
2019). Site-directed mutagenesis studies revealed a variant of
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OAC (Y27F) with a 162% relative activity compared with the
wild-type enzyme (Yang et al. 2016).

Cannabigerolic acid synthase and NphB

Cannabigerolic acid synthase (CBGAS) and NphB (Table 1)
are both described as aromatic C-prenyltransferases. The aro-
matic prenyltransferase cannabigerolic acid synthase
(CBGAS) is responsible for the C–C prenylation of olivetolic
acid (OA) by geranyl diphosphate (GPP) to form a
cannabigerolic acid in C. sativa according to the Friedel-
Crafts alkylation (Fellermeier and Zenk 1998; Fellermeier
et al. 2001). CBGAS is presumed to be an integral membrane
protein, although protein activity was found in soluble frac-
tions only (Fellermeier and Zenk 1998). However, Luo et al.
(2019) used the prenyltransferase CsPT4 from C. sativa to
produce CBGA and finally reconstruct the whole pathway
for the biosynthesis of THCA in S. cerevisiae and claimed
much higher catalytic turnover.

In contrast to CBGAS, NphB is a soluble catalyst. The
prenyltransferase NphB from Streptomyces sp. strain CL190
is a promising alternative to the membrane-bound CBGAS.
Heterologous NphB expression was shown in the yeasts
K. phaffii and S. cerevisiae, and NphB can produce CBGA
from GPP and OA in principle, but the O-prenylated product
2-O-geranyl olivetolic acid (2-O-GOA) was mainly detected
(Zirpel et al. 2017). Due to the nucleophilic nature of the
aromatic hydroxyl groups in the positions C4 and C6, O-
prenylation as a side reaction leads to unwanted metabolites.
However, protein engineering of NphB revealed a variant
(Y288A/G286S), which produces the desired product
CBGA with 1000-fold increased specific activity (kcat), about
175-fold increased activity but in a cell-free system only
(Valliere et al. 2019).

Tetrahydrocannabinolic acid synthase

Tetrahydrocannabinolic acid synthase (THCAS) catalyzes the
oxidative cyclization of CBGA, which represents the final
enzymatic step in the biosynthesis of THCA (Table 1). The
enzyme consists of 545 amino acids and has a monomeric
structure divided into two domains by a flavin adenine dinu-
cleotide (FAD) binding pocket, in which the FADmolecule is
covalently bound to the enzyme at positions H114 and C176
(Shoyama et al. 2012). Covalent binding of the FADmolecule
is essential for the activity of THCA synthase (Sirikantaramas
et al. 2004; Zirpel et al. 2018b). A disulfide bond is formed
between C37 and C99 of domain I, and at least six N-
glycosylation sites were detected. Y484 is essential for the
catalytic activity of THCAS, and the amino acids H292 and
Y417 are suggested to be important for substrate stabilization
or binding (Shoyama et al. 2012). Protein engineering of
THCAS resulted in a 2-fold increased activity of THCAS
variant N89Q/N499Q and a 1.7-fold increased activity of
THCAS variant H494C/R532C, aiming to add a disulfide
bond (Zirpel et al. 2018b).

Modeling of the heterologous biosynthesis

The heterologous biosynthesis of tetrahydrocannabinolic acid
(THCA-C5) requires a full redesign of yeast metabolism and
physiological adaptation. The stepwise bioengineering of en-
zymes or whole pathways in vivo is time-consuming and far
from trivial. Here, we seek to establish an in silico platform for
THCA-C5 biosynthesis in an extended kinetic model based on
recent literature and our expertise.

In the first step of our in silico design, the heterologous
pathway is constructed as an unbranched linear metabolic
pathway in S. cerevisiae. From the generation of simple

Table 1 Summary of the chemical and physiological properties of the main enzymes of the later cannabinoid biosynthesis

Properties THCAS CBDAS CBCAS CBGAS NphB OAC OLS

Accession no. AB057805 AB292682 n.a. n.a. AB187169 AFN42527.1 AB164375

EC no 1.21.3.7 1.21.3.8 1.3.3.- 2.5.1.102 2.5.1.39 4.4.1.26 2.3.1.206

Location Cytosol Membrane bound
in chloroplast

n.d. Membrane bound Cytosol Cytosol Cytosol

Source C. sativa C. sativa C. sativa C. sativa Streptomyces spp. C. sativa C. sativa

MW 59 kDa 62 kDa n.d. 74 kDa 34 kDa 23 kDa 45 kDa

pH optimum 5.5–6.0 5.0 n.d. 7.0 n.d. n.d. 5.5

Temp. optimum 50 °C n.d. n.d. 30 °C n.d. n.d. 30 °C

Structural data 3VTE n.a. n.a. n.a. 1ZCW 5B08 (OAC apo)
5B09 (OACOA

binary complex)

6GW3

THCAS: tetrahydrocannabinolic acid synthase, CBDAS: cannabidiolic acid synthase, CBCAS: cannabichromenic acid synthase, CBGAS:
cannabigerolic acid synthase, NphB: prenyltransferase from Streptomyces sp. strain CL190, OAC: Olivetolic acid cyclase, OLS: olivetolic synthase,
n.a. not applicable, n.d. not determined
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building blocks like acetyl-CoA towards THCA-C5 synthesis,
the pathway is implemented concerning natural precursors.
Throughout, energy and cofactor supply, as well as their re-
spective usages, are tracked, starting with glycolysis over the
citric acid cycle up to the cannabinoid pathway. In general, we
assumed glucose uptake and metabolization via glycolysis to
be the central pathway for the delivery of acetyl-CoA as a C2
building block for the mevalonate and fatty acid biosynthesis.
Without consideration of compartmentalization in
S. cerevisiae, direct cytosolic biotransformation of acetyl-
CoA to olivetolic acid is assumed. Stepwise, we will discuss
and evaluate significant aspects of the implementation of
model components and the metabolic engineering strategies
leading to their inclusion for all mentioned pathways.

Modeling theory

We constructed an extended kinetic model based on available
kinetic parameters found in common enzyme reaction kinetics
databases like BRENDA (Brenda 2019; Jeske et al. 2019) or
SABIO-RK (Wittig et al. 2012; SABIO 2019). All data was
transferred to a model raised in MATLAB® version 9.4 with
the SimBiology extension (The MathWorks 2017). Where
kinetic data was unavailable or scarce for S. cerevisiae, en-
zyme data of closely related species were considered and eval-
uated first before adding the parameters to the model. For
most reactions, we used simple Michaelis-Menten kinetics
and only implemented complex multi-substrate enzyme kinet-
ics like ordered bi-bi kinetics, where one substrate could not
be regarded as in excess compared with the other. On several
occasions, we modified existing kinetic data to better reflect
recent experimental finds of our workgroup. Although
COPASI has a broad range of interesting and sophisticated
analytical tools, some of them like sensitivity analysis is lack-
ing to be correct to model kinetics at non-steady-state levels.
Furthermore, the metabolic model of THC biosynthesis in
yeast contains metabolic branches, and THCA accumulates
over time; it is not possible to create a real steady-state model.
Therefore, COPASI finds its limitation to perform a sensitivity
analysis for our purpose. SBML files were exported from
COPASI to SimBiology add-on of MATLAB® to overcome
this problem.

General model implementation and scope

We modeled the THCA-C5 production starting from a simple
glucose feed, passing glycolysis and the citric acid cycle to
simulate energy supply. Product formation would then occur
after simplified olivetolic acid, and mevalonate pathways pro-
vided olivetolic acid and geranyl pyrophosphate, respectively.
Compartmentalization was mostly ignored for the sake of sim-
plicity; whenever applicable, formation rates of intermediate
species factor in their transport to the compartment they are

needed in. This then firstly results in a yeast cell compartment,
containing all pathway reactions towards THCA, and second-
ly a medium compartment, where nutrients, like glucose, are
located. They are connected through their respective uptake
rates; the glucose uptake, for instance, was modeled after
Teusink et al. (2000).

The glycolysis is satisfyingly well understood; we decided
however to implement the pentose phosphate pathway as a
black box as suggested by Chen et al. (2012). In the finished
model, a typical glucose concentration of 111 mM is
completely metabolized after 20.8 h, which is in accordance
with our in vivo experiments (data not shown). For the citrate
cycle, the typical enzymes are implemented without signifi-
cant modifications; only a separate mitochondrial acetyl-CoA
pool beside the cytosolic pool is tracked through a different
species.

Increasing the acetyl-CoA is metabolic challenge. It is
widely known as text book knowledge that in yeast, cy-
tosolic and mitochondrial acetyl-CoA pools are strictly
separated pools, and mitochondrial acetyl-CoA cannot be
transported into the cytosol. To simulate the acetyl-CoA
pool as accurate and expressive as possible in the cytosol,
we use the ATP citrate lyase, a modified pyruvate dehy-
drogenase bypass and a glucose-regulated ADH2 that en-
hances acetaldehyde production. These strategies are
discussed in greater detail below. The ethanol generation
through the Crabtree effect is simulated in an isolated
species to reduce complexity. Furthermore, the naturally
biosynthesized polyketide and GPP building blocks are
insufficient for a powerful THCA producer, which is
why their respective pathways need to be altered signifi-
cantly. Both are discussed in dedicated sections below,
where we elaborate on suitable enzymes to add to the in
silico model.

Refinement of the in silico pathway
through current bioengineering strategies

Acetyl-CoA levels

Acetyl-CoA is the committed precursor for both the
mevalonate and olivetolic acid pathway to GPP and olivetolic
acid. Regulation and increase of the acetyl-CoA or short C2
pool are essential for catalytic turnover and yield.
Consequently, intracellular levels of acetyl-CoA, as well as
its delivery from the primary pathway in S. cerevisiae to the
heterologous cannabinoid biosynthesis, constitute a signifi-
cant concern in any successful bioengineering strategy.

As an alternative to the pyruvate dehydrogenase (PDH)
route of pyruvate to acetyl-CoA, the PDH bypass is favored
by S. cerevisiae wild type during fermentative metabolism to
supply cytoplasmatic pathways (MVA, PK) with acetyl-CoA
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(Remize et al. 2000). The increased demand of cytosolic acetyl-
CoA for the production of monoterpenes immediately suggests
an overexpression of the PDH bypass genes coding for pyru-
vate decarboxylase, acetaldehyde dehydrogenase, and acetyl-
CoA synthetase (Shiba et al. 2007). However, it was shown
that along with acetyl-CoA, also acetate levels were increased,
which in turn induced oxidative stress in the cells. Overall, the
acetate-driven drop in cell viability is not worth the additional
cytosolic acetyl-CoA in S. cerevisiae (Semchyshyn et al.
2011b; Semchyshyn et al. 2011a). A more promising approach
is replacing acetaldehyde dehydrogenase (ADH) as well as
acetyl-CoA synthetase with aldehyde dehydrogenase acylating
(ADA) from Dickeya zeae. This simple optimization features
an overall higher specific activity, the prevention of acetate
formation, and most importantly demands less energy. The
ATP cost of GPP decreases 12-fold through this change
(Meadows et al. 2016). Cytosolic acetyl-CoA levels can be
increased further by providing more acetaldehyde for ADA to
convert. The key idea is to utilize the ethanol generated by
aerobic cultivation on glucose. By overexpression of the yeast
ADH2 gene under the control of the strong glucose-regulated
promoter of pHXT7, the yeast is able to convert ethanol, pro-
duced by Adh1p, back to acetaldehyde. Through ADA the
cytosolic acetyl-CoA concentration will rise further.

In addition to the aforementioned strategies it is highly
beneficial to direct the acetyl-CoA cytosolic flux away from
non-essential pathways and towards cannabinoid biosynthe-
sis. In this regard, the glyoxylate cycle, which has been shown
to be active even when glucose is present in the medium, can
be targeted. Both peroxisomal citrate synthase and cytosolic
malate synthase effectively decrease the cytosolic acetyl-CoA
pool. Deletion of the respective genes CIT2 and MLS1 has
been suggested to reduce the consumption of cytosolic acetyl-
CoA, which in turn can then be utilized for the mevalonate
pathway and the fatty acid biosynthesis required for cannabi-
noid production (Chen et al. 2012; Chen et al. 2013).

Olivetolic acid production

The efficiency of the heterologous cannabinoid biosynthesis
depends on the olivetolic acid supply, which is, together with
GPP, consumed in equimolar amounts by NphB forming
CBGA. We observe in initial modeling approaches that the
olivetolic acid pool is significantly lower than the GPP pool,
leading to limited THCA production due to non-sufficient
CBGA availability. To overcome this severe problem, differ-
ent strategies to enhance olivetolic acid production were
evaluated.

The metabolic delivery of essential precursors, like
malonyl-CoA, is a key challenge for upregulation OA produc-
tion. For each mole of olivetolic acid, three equivalents of
malonyl-CoA are required, which are provided by the carbox-
ylation of acetyl-CoA. As the rate-limiting step in lipogenesis

(Yu et al. 2016), slow malonyl-CoA formation correlates with
poor olivetolic acid yields. To overcome this problem, the
authors have proposed several modifications to address this
issue (Carvalho et al. 2017; Zirpel et al. 2017). A most prom-
ising approach is the overexpression of the ACC1 gene
encoding acetyl-CoA carboxylase to improve malonyl-CoA
levels 2-fold (Runguphan and Keasling 2014). Metabolic en-
gineering of S. cerevisiae for the production of fatty acid-
derived biofuels and chemicals by Runguphan and Keasling
(2014) gives an excellent example of this metabolic
bottleneck.

Furthermore, the overall activity of acetyl-CoA-
carboxylase was improved 3-fold after mutating two phos-
phorylation sites of ACC1 (Lian et al. 2018). The mutated
enzyme was no longer recognized or inactivated through
phosphorylation by protein kinase SNF1. These significant
changes were considered and implemented in our kinetic
model to improve it significantly. In a yeast cell, a steady
supply of hexanoyl-CoA is furthermore needed along with
malonyl-CoA to form olivetolic acid. A closer look at the fatty
acid biosynthesis of S. cerevisiae reveals that the delivery of
hexanoyl-CoA through the native pathway is rather weak. The
limited biosynthesis of hexanoic acid (caproic acid) can ex-
plain this by the cytosolic multi-enzyme complex FAS1 that
has a much higher activity for the production of long-chain
fatty acids (Sheng and Feng 2015). Numerous bioengineering
strategies have been proposed to replace FAS1 with recombi-
nant enzymes or enzyme variants to increase the short-chain
fatty acid titers (Leber and Da Silva 2014; Gajewski et al.
2017). Although these strategies are excellent to improve the
hexanoic acid level by two magnitudes in initial tests of our
kinetic model, still the biosynthetic pathway is limited by slow
catalyzing enzymes and needs further improvements.

The model performed much better with a simple feeding
strategy of hexanoic acid (HA) in supplemented media.
Feeding of HA will avoid physiological impairment resulting
from a lack of long-chain fatty acids affecting normal cell
growth by genetic knock out mutations. The feasibility of this
feeding approach was evaluated in experiments since
hexanoic acid acts as cytotoxin causing membrane stress in
yeast (Liu et al. 2013). Cells of S. cerevisiae can be cultivated
with up to 1 mM hexanoic acid without showing altered
growth behavior (unpublished data by the authors). It is clear
from the model that even if the simulated cells are provided
continuously with 1 mM hexanoic acid, the intracellular con-
centration shown in Fig. 2 never reaches the experimentally
determined toxic levels (steady state below 0.3 mM). To re-
duce the complexity of the model, all FAS-catalyzed reactions
of the fatty acid biosynthesis were removed, since hexanoyl-
CoA can now directly be produced from hexanoic acid.

Hexanoic acid is uptaken by diffusion and we must consid-
er a limitation. From a bioengineering perspective, uptaken
concentration must not exceed the cytotoxic concentration.
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Intracellular hexanoic acid needs to be converted intracellular-
ly rapidly to hexanoyl-CoA to avoid toxicity caused by accu-
mulation. We determined cytotoxicity of EC50 ≈ 1.2 mM in
simple incubation assays (unpublished data by authors). This
is achieved by heterologous expression of Cannabis sativa
AAE1, encoding an acyl-activating enzyme for various short-
and medium-chain fatty acids. It is lacking the typical AAE-
specific peroxisome targeting sequence and is thus localized
in the cytoplasm (Gagne et al. 2012). AAE1 activates carbox-
ylic acids of the hexanoic acid through an adenylate interme-
diate that is occurring naturally in S. cerevisiae.

Subsequently, the resulting hexanoyl-CoA is converted to
olivetolic acid catalyzed by the heterologous enzymes olivetol
synthase and olivetolic acid cyclase. Both enzymes are located
in the cytosol, and the high metabolic activity in S. cerevisiae
has been demonstrated. Besides olivetolic acid (OA), three
other by-products occur as Gagne et al. (2012) showed: first,
hexanoyl triacetic acid lactone (HTAL); second, pentyl
diacetic acid lactone (PDAL); and last olivetol. The basis for
this by-product formation is the hydrolysis of the common
precursor hexanoyl-CoA and dodecane-tetraon-CoA (Do-Te-
CoA). Due to promiscuity olivetol synthase catalyzes the re-
action of Do-Te-CoA to mentioned compounds. The product
ratios have been experimentally verified by the authors to be
95 % olivetol and 5 % olivetolic acid with only trace amounts
of HTAL and PDAL. Though initially low, olivetolic acid
levels can be improved through bioengineering. Site-directed
mutagenesis studies revealed a variant of OAC (Y27F) with
162 % relative activity compared with the wild-type enzyme
(Yang et al. 2016). Further improvement in olivetolic acid
production was achieved by a fusion of both enzymes using
a linker method and the addition of further copies of these
linked enzymes (Luo et al. 2019). Both enzymes (OAC and
OLS) were considered one reaction in our model to simplify
due to close proximity of both enzymes and direct transfer of
the substrate between both (Fig. 3).

GPP production by the mevalonate pathway

The production of geranyl diphosphate (GPP) by the
mevalonate pathway bears significant potential for metabolic

engineering approaches. It features several enzymes with re-
markably low conversion rates and concludes in an unfavorable
ratio of farnesyl diphosphate (FPP) to geranyl diphosphate
(GPP). The initial Claisen condensation of two acetyl-CoA to
acetoacetyl-CoA in a thiolase (encoded by ERG10) reaction,
followed by the conversion to 3-hydroxy-3-methyl-glutaryl-
CoA (HMG-CoA) are fast catalytic reactions. However, the
following enzyme HMG-CoA reductase, catalyzing the forma-
tion of mevalonate, is especially slow and thus rate-limiting to
the whole pathway(Burg and Espenshade 2011). Mevalonate is
phosphorylated twice in succession, before the enzyme-bound
intermediate is being decarboxylated to isopentenyl diphos-
phate (IPP). The following isomerization of IPP to
dimethylallyl diphosphate (DMAPP) is again a slow conver-
sion carried out by isopentenyl pyrophosphate isomerase
(IDI1). The last step towards GPP is the 1′-4 coupling of IPP
and DMAPP by the yeast farnesyl diphosphate synthase
encoded by ERG20 . The native enzyme shows a
geranyltranstransferase activity besides the aforementioned
dimethylallyltranstransferase activity and converts GPP to
FPP using another IPP moiety. This is undesired for the
heterologous cannabinoid pathway, as only GPP is accepted
by subsequent prenyltransferase. Ignea et al. (2014) showed
that using an ERG20 double mutant (F96W-N127W), FPP
synthesis was significantly reduced in favor of GPP synthesis,
and monoterpene yields were drastically increased.

To address the mevalonate production, Harker et al. (2003)
suggested using an N-terminal truncated Hevea brasiliensis
HMGR (tHMGR) version. This enzyme is missing its ER-
membrane binding domain, which overall led to an 11-fold
increased activity compared with the insoluble enzyme.
Furthermore, other groups like Chen et al. (2012) and Ro
et al. (2006) demonstrated that overexpression of tHMGR im-
proved monoterpene production significantly. Like tHMGR,
overexpressed IDI1 increased geraniol titers by 51 %, as doc-
umented by Zhao et al. (2016). In the published kinetic model,
both overexpressed enzymes (tHMGR, IDI1) are represented
by their native forms with higher Vmax values. Also, the in-
creased activity of H. brasiliensis HMGR through truncation
and the modified ERG20 is implemented to simulate the GPP-
optimized mevalonate pathway. A simulation of the model
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Fig. 2 Simulated intracellular
concentrations of olivetolic acid
pathway intermediates over a
simulation time of 10 h. Hexanoic
acid (HA, ), hexanoyl-CoA
(HCoA, ), and olivetolic acid
(OA, ) reach an intracellular
non-toxic steady state
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over a time period of 40 h reveals a near-complete utilization
of IPP/DMAPP to form GPP and FPP (Fig. 4). Although GPP
is continuously converted to CBGA, an excess still accumu-
lates over time to about 0.65mM in parallel with the unwanted
FPP. This indicates that the GPP/FPP formation is too fast,
and not all GPP can be converted to CBGA that can be ex-
plained either by too low olivetolic acid supply or non-
sufficient upstream conversion to THCA.

Cannabinoid biosynthesis and THCA production

After the supply of olivetolic acid and GPP, the last two enzy-
matic catalytic steps towards THCA are the biotransformation
to CBGA by a prenyltransferase and the subsequent conversion
to THCA by THCA synthase (THCAS). Our in silico model
utilizes the mutated soluble prenyltransferase NphB performing
at multitudes of its wild-type activity, as mentioned. The
THCAS kinetics are likewise fitted to match current maximal
activities achieved by in vivo experiments. These include a
combination of the previously discussed variants N89Q/
N499Q and H494C/R532C, without any overexpression.

Figure 5 depicts key intermediates as well as the THCA
product formation in a complete pathway simulation over
40 h. At this time point, a comparable in vivo culture will reach
the stationary phase after most of the available carbon sources
are depleted. Since our model uses exponential phase kinetic
parameter data, we stop our simulation here to preserve expres-
siveness. Furthermore, it is evident that several process param-
eters of an in vivo cultivation (biomass turnover, generation
cycle, feeding of glucose, pO2, pH, etc.) cannot be accounted
for by this given model; it is an ideal case and may not reflect
real conditions. Considering CBGA biotransformation first, an
accumulation of both OA and GPP can be observed whereby
OA reaches a steady state after 10 h in silico (Fig. 4). Hence, in
our model the tested NphB variant can match the rate of OA
biosynthesis. The detected GPP accumulation can be
interpreted as the potential to the formation of additional
CBGA equivalents, once the olivetolic acid pool can support
this. The generated CBGA is efficiently converted to THCA,
again with a slight accumulation of substrate hinting towards
somewhat balanced reaction rates of CBGA formation to

CBGA usage. All in all, the model outputs a final concentration
of 0.837 mM or 299.8 mg/L after 40 h.

Critical analysis of key enzymes, pathway bottlenecks,
and potential for improvement

The suggested kinetic model comprises a collection of state-
of-the-art bioengineering approaches for THCA biosynthesis
and consolidates them into comprehensible determining fac-
tors. Several plots for various intermediates can be readily
generated to evaluate the efficacy of a bioengineering strategy
in distinct limitations. In this regard, the established model
may serve as a basis for the decision and a helpful guide to
rational pathway optimizations.

A product sensitivity analysis is a powerful utility within the
MATLAB® software package to identify a target intermediate
with a high impact on product formation. With THCA as the
apparent product output for the analysis, eight key intermediates
from mevalonate and olivetolic acid pathways were selected as
inputs. The sensitivity shown in Fig. 6 can be interpreted as the
positive change in THCA concentration over time at fluctuating
input concentrations. The analysis suggests an increase in
CBGA concentration to be most beneficial towards a higher
THCA yield, closely followed by an increase of olivetolic acid.
The engineering of corresponding enzymes, NphB and OAC,
respectively, therefore should take priority over other enzymes.
It must be noted that successful bioengineering of one enzyme to
a higher catalytic rate, resulting in increased yields of the corre-
sponding intermediate, immediately shifts other sensitivities.
Heightened catalytic activity of NphB would, for instance, re-
quire the pathway to provide more olivetolic acid and GPP.

In this review, we employed the kinetic model to identify
metabolic bottlenecks and to evaluate strategies to overcome
them. We demonstrated that the wild-type S. cerevisiae host is
exceptionally slow and inefficient at producing the GPP build-
ing block as we know from published data on monoterpene
synthesis. To cover the demand in the pathway, a redesign of
the key enzymes and transcription factors is essential, and we
must mention the importance of enhanced HMGR, followed by
ERG20, both important for delivering GPP. Furthermore, the
native hexanoic acid production is still too low, and
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Fig. 3 Simulated intracellular
concentrations of olivetolic acid
(OA, ), geranyl
pyrophosphate (GPP, ), and
(CBGA, ) over a simulation
time of 10 h. After several genetic
optimizations and in contrast to
the accumulation of GPP, OA
reaches a stable equilibrium
concentration. This implies that it
is the limiting intermediate in the
subsequent formation of CBGA
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bioengineering the fatty acid biosynthesis towards a higher pro-
duction can have taxing side effects through the omission of
long-chain fatty acids. Again, feeding the essential hexanoic
acid is a first solution to overcome metabolic bottlenecks but
can definitively not been seen as an elegant synthetic biology
solution. As the subsequent acyl activation must never be a
bottleneck due to hexanoic acid toxicity, a cytosolic AAE from
C. sativa should be recruited. Lastly, the sensitivity analysis
shows promising results for bioengineering of NphB. This
prenyltransferase has gone through remarkably successful ratio-
nal protein designs to increase its activity and substrate accep-
tance significantly. Now, product specificity and efficacy must
be improved in a disruptive approach to turn it from a truck
motor into a jet engine.

Bioengineering and process optimization

In recent years several processes were developed using
S. cerevisiae as host organism to produce compounds like van-
illin (Hansen et al. 2009), amorpha-4,11-diene (Ro et al. 2006),
or artemisinic acid (Paddon et al. 2013), indicating that yeast
has significant potential as an industrial platform host for large-

scale production. To increase the THCA yield and to translate
the lab-scale production to an industrial process scale, process
parameters and cultivation conditions need to be optimized to
keep costs down. In this review, we have described in detail the
upstream process and did not pay attention to any downstream
strategies. This was not the scope of this review but must al-
ways be addressed for a full cost budget plan.

No data regarding a successful scaled-up process have been
published. Using an in silico yeast GMO model, we can pre-
dict a THCA titer of 299.8 mg L−1 after 40 h. This fermenta-
tion is based on an initial glucose concentration of 20 g L−1

and results in 0.015 gTHCA gGlucose being produced, which is
close to real production conditions. In our model we used
glucose as a carbon source to produce THCA. Glucose is a
cheap carbon source used in standard cultivation media for
yeast, but alternative substrates based on molasses are an op-
tion too. As mentioned earlier, Luo et al. (2019) produced
THCA and CBDA in S. cerevisiae based on galactose as the
carbon source. This can only be accepted as a model case and
is infeasible for industrial production due to being about 100-
fold more expensive than glucose. However, the Crabtree ef-
fect is a challenge for production with high starting concen-
trations of glucose because cells are growing slower due to
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Fig. 4 Simulated intracellular concentrations of mevalonate pathway
intermediates over a simulation time of 40 h. While farnesyl
pyrophosphate (FPP, ) and geranyl pyrophosphate (GPP, )
accumulate, cannabigerolic acid (CBGA, ) reaches a steady state

while being used as substrate itself. Neither isopentenyl pyrophosphate
(IPP, ) nor dimethylallyl pyrophosphate (DMAPP, ) are
detectable in significant amounts as they get converted into GPP/FPP
efficiently
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Fig. 5 Simulated intracellular concentrations of cannabinoid pathway
intermediates and product over a simulation time of 40 h. From the
precursors geranyl pyrophosphate (GPP, ) and olivetolic acid (OA,

), cannabigerolic acid (CBGA, ) is formed, which itself is

converted to the product Δ9-tetrahydrocannabinolic acid (THCA,
). The remaining farnesyl pyrophosphate (FPP, ) concentration

can be seen as potential to increase GPP production in future attempts
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aerobic fermentation resulting in the production of ethanol
(De Deken 1966). On the other hand, the produced ethanol
can be used by the cells after diauxic shift due to glucose
depletion. This reuse of ethanol was shown to increase
amorpha-4,11-diene production in S. cerevisiae (Westfall
et al. 2012).

Full biosynthesis of THCA in a whole-cell catalyst is most
wanted, but feeding of substrate may boost production as well.
Due to limited intracellular hexanoic acid delivery, feeding of
HA is of high interest. As discussed above, toxicity must be
addressed, why smart substrate supply by process control is es-
sential. However, in terms of hexanoic acid feeding, it must be
considered that growth of the yeast cells is negatively affected by
hexanoic acid concentrations above 1 mM as we explained
above and titers should therefore not exceed this concentration.
The model, as we outlined here, predicts low CBGA titers even
with hexanoic acid feeding. As a consequence, CBGA is limited,
and the catalytic activity of used prenyltransferases needs to be
improved to run THCA conversion at its maximum. This may
raise the question of OA feeding. From its chemical and physical
properties, OA is not well absorbed by yeast; it shows low chem-
ical stability with high tendency to decarboxylation, and costs for
synthesis are significantly higher than for hexanoic acid.

A further challenge is the functional expression of THCAS,
especially when the copy number of THCAS integrations is
increased. It was shown that reduction of the cultivation tem-
perature from 30 °C to 20 °C leads to increased activity of the
heterologously produced THCAS in K. phaffii (Taura et al.
2007). Zirpel et al. (2015) reported a 5-fold increased activity
of THCAS by reducing the cultivation temperature from
25 °C to 15 °C through more efficient folding of the
THCAS protein. A 20-fold increased activity of heterologous-
ly produced THCAS in K. phaffii was observed with co-
overexpression of THCAS with the chaperone CNE1, FAD
synthetase FAD1, and the transcription factor HAC1s (Zirpel
et al. 2018a). These early findings explain very well that be-
sides of genetic yeast optimization, smart bioengineering of

process parameters will play an equal role in the future of
cannabinoid biotechnology.

As discussed above, increasing titers of THCAmay impact
the vitality of the yeast cell, and toxic effects might limit the
biotechnological production. A solution to detoxify cannabi-
noids and allow high yield production can be glycosylation of
cannabinoids in order to make them water-soluble and to re-
duce cytotoxicity as demonstrated for vanillin (Hansen et al.
2009). Glycosylation strategies for cannabinoids have already
been discussed, and the experimental proof was published
recently (Hardman et al. 2014). These positive effects were
described by Moehs et al. (1997) and Lim (2005), and the
concept was successfully applied on an industrial level for
heterologous vanillin biosynthesis in yeast.

Conclusion

A systems biotechnology approach for high yield heterolo-
gous THCA biosynthesis is still in its infancy and must be
characterized by low titers. Today, the question is not any-
more what genes and biocatalysts must be used; the driving
force in bioengineering 2.0 is to make kg and not mg to be
competitive with plants. After careful analysis of metabolic
bottlenecks in the heterologous THCA production, we can
identify as critical the following:

1 Insufficient hexanoic acid formation in the fatty acid
biosynthesis

2 Low acetyl-CoA precursor delivery to the hexanoic acid
biosynthesis and the mevalonate pathway

3 Limiting catalytic activity of NphB or CsPT and THCAS
4 Insufficient ATP and NADPH regeneration
5 Ethanol production by Crabtree effect

From our calculations and experimental data, it is ob-
vious that hexanoic acid production is a limiting step for
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Fig. 6 Sensitivity analysis of the output THCA concentration. The bars
represent the relative magnitude of THCA concentration increase when
one intermediate is varied over time. Acetyl-CoA (ACCOA),
cannabigerolic acid (CBGA), olivetolic acid (OA), geranyl

pyrophosphate (GPP), isopentenyl pyrophosphate (IPP), dimethylallyl
pyrophosphate, and mevalonate (MVA) are chosen as input intermediates
to be varied in the analysis
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the complete cannabinoid biosynthesis. Here, future met-
abolic work must resolve this bottleneck towards the de-
livery of olivetolic acid. By calculation of yeast perfor-
mance to deliver a sufficient amount of olivetolic acid, a
serious bottleneck remains unsolved. Hexanoic acid is at
low concentrations and cannot cover the demand for suf-
ficient olivetolic acid production. Only 5 % of HA is
converted to OA, while 90 % is olivetol in practice. If
further modifications like glycosylation are necessary, a
third of THCA is converted according to Elshahawi et al.
(2015) and Gachon et al. (2005) following simple rules of
glycosylation. Taking into account that no delivery of HA
as precursor will satisfy the demand of olivetolic acid for
prenylation with GPP, feeding with synthetic OA with all
its consequences is only a second option.

A combination of the kinetics provided by Chen et al.
(2012) and Förster et al. (2003) are used for the throughput
calculation of glycolysis (Förster et al. 2003; Sheng and Feng
2015). The reactions of acetyl-CoA to isopentenyl
pyrophosphate and dimethylallyl pyrophosphate were
modeled with the data and kinetics of Smallbone et al.
(2013) and the geranyl pyrophosphate synthase with the data
of Ku et al. (2005).

THCA production by a genetically engineered
S. cerevisiae strain was successfully modeled, and a
bioprocess was in silico designed that allows prediction
of industrial applications. Modeled pathways and obtained
data showed clearly that the supply of GPP and olivetolic
acid from the primary pathways is limiting the THCA bio-
synthesis in yeast. Especially low concentration of
hexanoic acid is critical for high yield production of
THCA. This can be solved but must be considered the
top priority for any metabolic engineering of the yeast.
We have not discussed other aspects of rational and smart
metabolic engineering like transcription factors, import
and export of substrate, and THCA as final products, but
these must be validated as well in future modeling ap-
proaches. With all limitations, S cerevisiae is still the best
platform organism we have to produce heterologously can-
nabinoids, but it is obvious that a perfect running yeast will
not compete with C. sativa L. varieties known for THC
concentrations of 20 % and more. Plant extraction will stay
for a long time the first choice for THC delivery. But the
cannabis biotechnology has its unique niche for the pro-
duction of so-called minor or rare cannabinoids, which are
present at very low concentrations of less than 0.5 % in
dried flowers. Smart bioengineering will be an attractive
alternative to the cannabis plant.

Authors’ contributions OK had the idea and critically revised the drafted
manuscript and wrote Sections 1 and 6. FT wrote Sections 3 and 4 and
performed literature search for respective sections. FT did the data

analysis. CS wrote Sections 2 and 5 and performed literature search for
respective sections.

Funding Open Access funding enabled and organized by Projekt DEAL.
This work was partly funded by the Federal GermanMinistry for Science
and Education (BMBF) under the VIPplus (03VP06370) programme.

Data availability All code will be provided on request by the correspond-
ing author OK. It can be run in a MATLAB version 9 software environ-
ment with an embedded Simbiology Toolbox.

Compliance with ethical standards

Conflict of interest OK declares that he has no conflict of interest or any
competing interests. CS declares that she has no conflict of interest or any
competing interests. FT declares that he has no conflict of interest or any
competing interests. OK declares that he is listed as an inventor on the
patent DE 102018117233 A1 issued on January 23, 2020.

Ethics approval This article does not contain any studies with human
participants or animals performed by any of the authors. We have a
permission of the German Bundesopiumstelle (4584989) for the work
with THC.

Consent for publication All authors are informed and agreed to publish.

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing, adap-
tation, distribution and reproduction in any medium or format, as long as
you give appropriate credit to the original author(s) and the source, pro-
vide a link to the Creative Commons licence, and indicate if changes were
made. The images or other third party material in this article are included
in the article's Creative Commons licence, unless indicated otherwise in a
credit line to the material. If material is not included in the article's
Creative Commons licence and your intended use is not permitted by
statutory regulation or exceeds the permitted use, you will need to obtain
permission directly from the copyright holder. To view a copy of this
licence, visit http://creativecommons.org/licenses/by/4.0/.

References

Asakawa Y, Hashimoto T, Takikawa K, Tori M, Ogawa S (1991) Prenyl
bibenzyls from the liverworts Radula perrottetii and Radula
complanata. Phytochemistry 30:235–251. https://doi.org/10.1016/
0031-9422(91)84130-K

Brenda (2019) No Title. https://www.brenda-enzymes.info/. Accessed 14
Nov 2019

Burg JS, Espenshade PJ (2011) Regulation of HMG-CoA reductase in
mammals and yeast. Prog Lipid Res 50:403–410. https://doi.org/10.
1016/j.plipres.2011.07.002

Carvalho Â, Hansen EH, Kayser O, Carlsen S, Stehle F (2017) Designing
microorganisms for heterologous biosynthesis of cannabinoids.
FEMS Yeast Res 17. https://doi.org/10.1093/femsyr/fox037

Chen N, Koumpouras GC, Polizzi KM, Kontoravdi C (2012) Genome-
based kinetic modeling of cytosolic glucose metabolism in industri-
ally relevant cell lines: Saccharomyces cerevisiae and Chinese ham-
ster ovary cells. Bioprocess Biosyst Eng 35:1023–1033. https://doi.
org/10.1007/s00449-012-0687-3

Chen Y, Daviet L, Schalk M, Siewers V, Nielsen J (2013) Establishing a
platform cell factory through engineering of yeast acetyl-CoA

9561Appl Microbiol Biotechnol (2020) 104:9551–9563

https://doi.org/
https://doi.org/10.1016/0031-9422(91)84130-K
https://doi.org/10.1016/0031-9422(91)84130-K
https://www.brendanzymes.info/
https://doi.org/10.1016/j.plipres.2011.07.002
https://doi.org/10.1016/j.plipres.2011.07.002
https://doi.org/10.1093/femsyr/fox037
https://doi.org/10.1007/s00449-012-0687-3
https://doi.org/10.1007/s00449-012-0687-3


metabolism. Metab Eng 15:48–54. https://doi.org/10.1016/j.ymben.
2012.11.002

De Deken RH (1966) The Crabtree effect: a regulatory system in yeast. J
Gen Microbiol 44:149–156. https://doi.org/10.1099/00221287-44-
2-149

Degenhardt F, Stehle F, Kayser O (2017) The biosynthesis of cannabi-
noids. In: handbook of Cannabis and related pathologies: biology,
pharmacology, diagnosis, and treatment. Pp 13–23

Elshahawi SI, Shaaban KA, Kharel MK, Thorson JS (2015) A compre-
hensive review of glycosylated bacterial natural products. Chem Soc
Rev 44:7591–7697. https://doi.org/10.1039/C4CS00426D

Fellermeier M, Zenk MH (1998) Prenylation of olivetolate by a hemp
transferase yields cannabigerolic acid, the precursor of tetrahydro-
cannabinol. FEBS Lett 427:283–285. https://doi.org/10.1016/
S0014-5793(98)00450-5

Fellermeier M, Eisenreich W, Bacher A, Zenk MH (2001) Biosynthesis
of cannabinoids: incorporation experiments with 13C-labeled glu-
coses. Eur J Biochem 268:1596–1604. https://doi.org/10.1046/j.
1432-1327.2001.02030.x

Förster J, Famili I, Fu P, Palsson B, Nielsen J (2003) Genome-scale
reconstruction of the Saccharomyces cerevisiae metabolic network.
Genome Res 13:244–253. https://doi.org/10.1101/gr.234503

Gachon CMM, Langlois-Meurinne M, Saindrenan P (2005) Plant sec-
ondary metabolism glycosyltransferases: the emerging functional
analysis. Trends Plant Sci 10:542–549. https://doi.org/10.1016/j.
tplants.2005.09.007

Gagne SJ, Stout JM, Liu E, Boubakir Z, Clark SM, Page JE (2012)
Identification of olivetolic acid cyclase fromCannabis sativa reveals
a unique catalytic route to plant polyketides. Proc Natl Acad Sci U S
A 109:12811–12816. https://doi.org/10.1073/pnas.1200330109

Gajewski J, Pavlovic R, Fischer M, Boles E, Grininger M (2017)
Engineering fungal de novo fatty acid synthesis for short chain fatty
acid production. Nat Publ Group 8:1–8. https://doi.org/10.1038/
ncomms14650

Hansen EH, Møller BL, Kock GR, Bünner CM, Kristensen C, Jensen
OR, Okkels FT, Olsen CE, Motawia MS, Hansen J (2009) De novo
biosynthesis of vanillin in fission yeast (Schizosaccharomyces
pombe) and baker’s yeast (Saccharomyces cerevisiae). Appl
Environ Microbiol 75:2765–2774. https://doi.org/10.1128/AEM.
02681-08

Hardman JM, Brooke RT, Zipp BJ (2014) Cannabinoid glycosides:
in vitro production of a new class of cannabinoids with improved
physicochemical properties. bioRxiv. https://doi.org/10.1101/
104349

Harker M, Holmberg N, Clayton JC, Gibbard CL, Wallace AD, Rawlins
S, Hellyer SA, Lanot A, Safford R (2003) Enhancement of seed
phytosterol levels by expression of an N-terminal truncated Hevea
brasiliensis (rubber tree) 3-hydroxy-3-methylglutaryl-CoA reduc-
tase. Plant Biotechnol J 1:113–121. https://doi.org/10.1046/j.1467-
7652.2003.00011.x

Ignea C, Pontini M, Maffei ME, Makris AM, Kampranis SC (2014)
Engineering monoterpene production in yeast using a synthetic
dominant negative geranyl diphosphate synthase. ACS Synth Biol
3:298–306. https://doi.org/10.1021/sb400115e

Izawa S, Inoue Y, Kimura A (1996) Importance of catalase in the adap-
tive response to hydrogen peroxide: analysis of acatalasaemic
Saccharomyces cerevisiae. Biochem J 320:61–67. https://doi.org/
10.1042/bj3200061

Jeske L, Placzek S, Schomburg I, Chang A, Schomburg D (2019)
BRENDA in 2019: a European ELIXIR core data resource.
Nucleic Acids Res 47:D542–D549. https://doi.org/10.1093/nar/
gky1048

Keasling JD (2012) Synthetic biology and the development of tools for
metabolic engineering. Metab Eng 14:189–195. https://doi.org/10.
1016/j.ymben.2012.01.004

Krivoruchko A, Nielsen J (2015) Production of natural products through
metabolic engineering of Saccharomyces cerevisiae. Curr Opin
Biotechnol 35:7–15. https://doi.org/10.1016/j.copbio.2014.12.004

Ku B, Jeong JC, Mijts BN, Schmidt-Dannert C, Dordick JS (2005)
Preparation, characterization, and optimization of an in vitro C 30
carotenoid pathway. Appl Environ Microbiol 71:6578–6583.
https://doi.org/10.1128/AEM.71.11.6578-6583.2005

Leber C, Da Silva NA (2014) Engineering of Saccharomyces cerevisiae
for the synthesis of short chain fatty acids. Biotechnol Bioeng 111:
347–358. https://doi.org/10.1002/bit.25021

Lian J, Mishra S, Zhao H (2018) Recent advances in metabolic engineer-
ing of Saccharomyces cerevisiae: new tools and their applications.
Metab Eng 0–1 . https://doi.org/10.1016/j.tcm.2017.06.005, 27, 558

Lim EK (2005) Plant glycosyltransferases: their potential as novel
biocatalysts. Chem Eur J 11:5486–5494. https://doi.org/10.1002/
chem.200500115

Liu P, Chernyshov A, Najdi T, FuY, Dickerson J, Sandmeyer S, Jarboe L
(2013) Membrane stress caused by octanoic acid in Saccharomyces
cerevisiae. Appl Microbiol Biotechnol 97:3239–3251. https://doi.
org/10.1007/s00253-013-4773-5

Luo X, Reiter MA, d’Espaux L, Wong J, Denby CM, Lechner A, Zhang
Y, Grzybowski AT, Harth S, Lin W, Lee H, Yu C, Shin J, Deng K,
Benites VT, Wang G, Baidoo EEK, Chen Y, Dev I, Petzold CJ,
Keasling JD (2019) Complete biosynthesis of cannabinoids and
their unnatural analogues in yeast. Nature 567:123–126. https://
doi.org/10.1038/s41586-019-0978-9

Meadows AL, Hawkins KM, Tsegaye Y, Antipov E, Kim Y, Raetz L,
Dahl RH, Tai A, Mahatdejkul-Meadows T, Xu L, Zhao L, Dasika
MS, Murarka A, Lenihan J, Eng D, Leng JS, Liu CL, Wenger JW,
Jiang H, Chao L, Westfall P, Lai J, Ganesan S, Jackson P, Mans R,
Platt D, Reeves CD, Saija PR, Wichmann G, Holmes VF, Benjamin
K, Hill PW, Gardner TS, Tsong AE (2016) Rewriting yeast central
carbon metabolism for industrial isoprenoid production. Nature 537:
694–697. https://doi.org/10.1038/nature19769

Moehs CP, Allen PV, Friedman M, Belknap WR (1997) Cloning and
expression of solanidine UDP-glucose glucosyltransferase from po-
tato. Plant J 11:227–236. https://doi.org/10.1046/j.1365-313X.
1997.11020227.x

Nagashima F, Asakawa Y (2011) Terpenoids and bibenzyls from three
argentine liverworts. Molecules. 16:10471–10478. https://doi.org/
10.3390/molecules161210471

Paddon CJ, Westfall PJ, Pitera DJ, Benjamin K, Fisher K, McPhee D,
Leavell MD, Tai A, Main A, Eng D, Polichuk DR, Teoh KH, Reed
DW, Treynor T, Lenihan J, Jiang H, Fleck M, Bajad S, Dang G,
Dengrove D, Diola D, Dorin G, Ellens KW, Fickes S, Galazzo J,
Gaucher SP, Geistlinger T, Henry R, Hepp M, Horning T, Iqbal T,
Kizer L, LieuB,Melis D,Moss N, Regentin R, Secrest S, Tsuruta H,
Vazquez R,Westblade LF, Xu L, YuM, Zhang Y, Zhao L, Lievense
J, Covello PS, Keasling JD, Reiling KK, Renninger NS, Newman
JD (2013) High-level semi-synthetic production of the potent anti-
malarial artemisinin. Nature 496:528–532. https://doi.org/10.1038/
nature12051

Pollastro F, De Petrocellis L, Schiano-Moriello A, Chianese G, Heyman
H, Appendino G, Taglialatela-Scafati O (2017) Amorfrutin-type
phytocannabinoids from Helichrysum umbraculigerum .
Fitoterapia. 123:13–17. https://doi.org/10.1016/j.fitote.2017.09.010

Remize F, Andrieu E, Dequin S (2000) Engineering of the pyruvate
dehydrogenase bypass in Saccharomyces cerevisiae: role of the cy-
tosolic Mg2+ and mitochondrial K+ acetaldehyde dehydrogenases
Ald6p and Ald4p in acetate formation during alcoholic fermenta-
tion. Appl Environ Microbiol 66:3151–3159. https://doi.org/10.
1128/AEM.66.8.3151-3159.2000

Ro DK, Paradise EM, Quellet M, Fisher KJ, Newman KL, Ndungu JM,
Ho KA, Eachus RA, Ham TS, Kirby J, Chang MCY, Withers ST,
Shiba Y, Sarpong R, Keasling JD (2006) Production of the

9562 Appl Microbiol Biotechnol (2020) 104:9551–9563

https://doi.org/10.1016/j.ymben.2012.11.002
https://doi.org/10.1016/j.ymben.2012.11.002
https://doi.org/10.1099/00221287-44-2-149
https://doi.org/10.1099/00221287-44-2-149
https://doi.org/10.1039/C4CS00426D
https://doi.org/10.1046/j.1432-1327.2001.02030.x
https://doi.org/10.1046/j.1432-1327.2001.02030.x
https://doi.org/10.1101/gr.234503
https://doi.org/10.1016/j.tplants.2005.09.007
https://doi.org/10.1016/j.tplants.2005.09.007
https://doi.org/10.1073/pnas.1200330109
https://doi.org/10.1038/ncomms14650
https://doi.org/10.1038/ncomms14650
https://doi.org/10.1128/AEM.02681-08
https://doi.org/10.1128/AEM.02681-08
https://doi.org/10.1101/104349
https://doi.org/10.1101/104349
https://doi.org/10.1046/j.1467-7652.2003.00011.x
https://doi.org/10.1046/j.1467-7652.2003.00011.x
https://doi.org/10.1021/sb400115e
https://doi.org/10.1042/bj3200061
https://doi.org/10.1042/bj3200061
https://doi.org/10.1093/nar/gky1048
https://doi.org/10.1093/nar/gky1048
https://doi.org/10.1016/j.ymben.2012.01.004
https://doi.org/10.1016/j.ymben.2012.01.004
https://doi.org/10.1016/j.copbio.2014.12.004
https://doi.org/10.1128/AEM.71.11.6578-6583.2005
https://doi.org/10.1002/bit.25021
https://doi.org/10.1016/j.tcm.2017.06.005
https://doi.org/10.1002/chem.200500115
https://doi.org/10.1002/chem.200500115
https://doi.org/10.1007/s00253-013-4773-5
https://doi.org/10.1007/s00253-013-4773-5
https://doi.org/10.1038/s41586-019-0978-9
https://doi.org/10.1038/s41586-019-0978-9
https://doi.org/10.1038/nature19769
https://doi.org/10.1046/j.1365-313X.1997.11020227.x
https://doi.org/10.1046/j.1365-313X.1997.11020227.x
https://doi.org/10.3390/molecules161210471
https://doi.org/10.3390/molecules161210471
https://doi.org/10.1038/nature12051
https://doi.org/10.1038/nature12051
https://doi.org/10.1016/j.fitote.2017.09.010
https://doi.org/10.1128/AEM.66.8.3151-3159.2000
https://doi.org/10.1128/AEM.66.8.3151-3159.2000


antimalarial drug precursor artemisinic acid in engineered yeast.
Nature 440:940–943. https://doi.org/10.1038/nature04640

Runguphan W, Keasling JD (2014) Metabolic engineering of
Saccharomyces cerevisiae for production of fatty acid-derived
biofuels and chemicals. Metab Eng 21:103–113. https://doi.org/10.
1016/j.ymben.2013.07.003

SABIO (2019) No title
Semchyshyn HM, Abrat OB, Miedzobrodzki J, Inoue Y, Lushchak VI

(2011a) Acetate but not propionate induces oxidative stress in
bakers’ yeast Saccharomyces cerevisiae. Redox Rep 16:15–23.
https://doi.org/10.1179/174329211X12968219310954

Semchyshyn HM, Lozinska LM,Miedzobrodzki J, Lushchak VI (2011b)
Fructose and glucose differentially affect aging and carbonyl/
oxidative stress parameters in Saccharomyces cerevisiae cells.
Carbohydr Res 346:933–938. https://doi.org/10.1016/j.carres.2011.
03.005

Sheng J, Feng X (2015) Metabolic engineering of yeast to produce fatty
acid-derived biofuels: bottlenecks and solutions. Front Microbiol 6:
554. https://doi.org/10.3389/fmicb.2015.00554

Shiba Y, Paradise EM, Kirby J, Ro DK, Keasling JD (2007) Engineering
of the pyruvate dehydrogenase bypass in Saccharomyces cerevisiae
for high-level production of isoprenoids. Metab Eng 9:160–168.
https://doi.org/10.1016/j.ymben.2006.10.005

Shoyama Y, Tamada T, Kurihara K, Takeuchi A, Taura F, Arai S, Blaber
M, Shoyama Y, Morimoto S, Kuroki R (2012) Structure and func-
tion of Δ1-tetrahydrocannabinolic acid (THCA) synthase, the en-
zyme controlling the psychoactivity of Cannabis sativa. J Mol Biol
423:96–105. https://doi.org/10.1016/j.jmb.2012.06.030

The MathWorks (2017) SimBiology Toolbox. Natick, Massachusetts,
United States. Available at: https://www.mathworks.com/help/
simbio/index.html

Sirikantaramas S, Morimoto S, Shoyama Y, Ishikawa Y, Wada Y,
Shoyama Y, Taura F (2004) The gene controlling marijuana
psychoactivity. J Biol Chem 279:39767–39774. https://doi.org/10.
1074/jbc.m403693200

Sirikantaramas S, Taura F, Morimoto S, Shoyama Y (2007) Recent ad-
vances in Cannabis sativa research: biosynthetic studies and its
potential in biotechnology. Curr Pharm Biotechnol 8:237–243.
https://doi.org/10.2174/138920107781387456

Smallbone K, Mendes P (2013) Large-scale metabolic models: from re-
construction to differential equations. Ind Biotechnol 9:179–184.
https://doi.org/10.1089/ind.2013.0003

Taura F, Dono E, Sirikantaramas S, Yoshimura K, Shoyama Y,
Morimoto S (2007) Production of Δ1-tetrahydrocannabinolic acid
by the biosynthetic enzyme secreted from transgenic Pichia pastoris.
Biochemical and Biophysical Research Communications 361:675–
680. https://doi.org/10.1016/j.bbrc.2007.07.079

Taura F, Tanaka S, Taguchi C, Fukamizu T, Tanaka H, Shoyama Y,
Morimoto S (2009) Characterization of olivetol synthase, a polyke-
tide synthase putatively involved in cannabinoid biosynthetic path-
way. FEBS Lett 583:2061–2066. https://doi.org/10.1016/j.febslet.
2009.05.024

Teusink B, Passarge J, Reijenga CA, Esgalhado E, Van DerWeijden CC,
Schepper M,Walsh MC, Bakker BM, Van Dam K,Westerhoff HV,
Snoep JL (2000) Can yeast glycolysis be understood terms of vitro

kinetics of the constituent enzymes? Testing biochemistry. Eur J
Biochem 267:5313–5329. https://doi.org/10.1046/j.1432-1327.
2000.01527.x

Valliere MA, Korman TP, Woodall NB, Khitrov GA, Taylor RE, Baker
D, Bowie JU (2019) A cell-free platform for the prenylation of
natural products and application to cannabinoid production. Nat
Commun 10:565. https://doi.org/10.1038/s41467-019-08448-y

Westfall PJ, Pitera DJ, Lenihan JR, Eng D, Woolard FX, Regentin R,
Horning T, Tsuruta H, Melis DJ, Owens A, Fickes S, Diola D,
Benjamin KR, Keasling JD, Leavell MD, McPhee DJ, Renninger
NS, Newman JD, Paddon CJ (2012) Production of amorphadiene in
yeast, and its conversion to dihydroartemisinic acid, precursor to the
antimalarial agent artemisinin. Proc Natl Acad Sci 109:E111–E118.
https://doi.org/10.1073/pnas.1110740109

Wittig U, Kania R, Golebiewski M, Rey M, Shi L, Jong L, Algaa E,
Weidemann A, Sauer-Danzwith H, Mir S, Krebs O, Bittkowski M,
Wetsch E, Rojas I, Müller W (2012) SABIO-RK - database for
biochemical reaction kinetics. Nucleic Acids Res 40:D790–D796.
https://doi.org/10.1093/nar/gkr1046

YangX,Matsui T, Kodama T,Mori T, ZhouX, Taura F, Noguchi H, Abe
I, Morita H (2016) Structural basis for olivetolic acid formation by a
polyketide cyclase from Cannabis sativa. FEBS J 283:1088–1106.
https://doi.org/10.1111/febs.13654

Yu AQ, Pratomo Juwono NK, Foo JL, Leong SSJ, Chang MW (2016)
Metabolic engineering of Saccharomyces cerevisiae for the overpro-
duction of short branched-chain fatty acids. Metab Eng 34:36–43.
https://doi.org/10.1016/j.ymben.2015.12.005

Zhao J, Bao X, Li C, Shen Y, Hou J (2016) Improving monoterpene
geraniol production through geranyl diphosphate synthesis regula-
tion in Saccharomyces cerevisiae. Appl Microbiol Biotechnol 1–11.
https://doi.org/10.1007/s00253-016-7375-1, 100

Zirpel B, Stehle F, Kayser O (2015) Product ion of Δ9-
tetrahydrocannabinolic acid from cannabigerolic acid by whole cells
o f Pich ia (Komagatae l la ) pas tor i s express ing Δ9-
tetrahydrocannabinolic acid synthase from Cannabis sativa l.
Biotechnol Lett 37:1869–1875. https://doi.org/10.1007/s10529-
015-1853-x

Zirpel B, Degenhardt F,Martin C, Kayser O, Stehle F (2017) Engineering
yeasts as platform organisms for cannabinoid biosynthesis. J
Biotechnol 259:204–212. https://doi.org/10.1016/j.jbiotec.2017.07.
008

Zirpel B, Degenhardt F, Zammarelli C, Wibberg D, Kalinowski J, Stehle
F, Kayser O (2018a) Optimization of Δ9-tetrahydrocannabinolic
acid synthase production in Komagataella phaffii via post-
translational bottleneck identification. J Biotechnol 272–273:40–
47. https://doi.org/10.1016/j.jbiotec.2018.03.008

Zirpel B, Kayser O, Stehle F (2018b) Elucidation of structure-function
relationship of THCA and CBDA synthase from Cannabis sativa L.
J Biotechnol. 284:17–26. https://doi.org/10.1016/j.jbiotec.2018.07.
031

Publisher’s note Springer Nature remains neutral with regard to jurisdic-
tional claims in published maps and institutional affiliations.

9563Appl Microbiol Biotechnol (2020) 104:9551–9563

https://doi.org/10.1038/nature04640
https://doi.org/10.1016/j.ymben.2013.07.003
https://doi.org/10.1016/j.ymben.2013.07.003
https://doi.org/10.1179/174329211X12968219310954
https://doi.org/10.1016/j.carres.2011.03.005
https://doi.org/10.1016/j.carres.2011.03.005
https://doi.org/10.3389/fmicb.2015.00554
https://doi.org/10.1016/j.ymben.2006.10.005
https://doi.org/10.1016/j.jmb.2012.06.030
https://www.mathworks.com/help/simbio/index.html
https://www.mathworks.com/help/simbio/index.html
https://doi.org/10.1074/jbc.m403693200
https://doi.org/10.1074/jbc.m403693200
https://doi.org/10.2174/138920107781387456
https://doi.org/10.1089/ind.2013.0003
https://doi.org/10.1016/j.bbrc.2007.07.079
https://doi.org/10.1016/j.febslet.2009.05.024
https://doi.org/10.1016/j.febslet.2009.05.024
https://doi.org/10.1046/j.1432-1327.2000.01527.x
https://doi.org/10.1046/j.1432-1327.2000.01527.x
https://doi.org/10.1038/s41467-019-08448-y
https://doi.org/10.1073/pnas.1110740109
https://doi.org/10.1093/nar/gkr1046
https://doi.org/10.1111/febs.13654
https://doi.org/10.1016/j.ymben.2015.12.005
https://doi.org/10.1007/s00253-016-7375-1
https://doi.org/10.1007/s10529-015-1853-x
https://doi.org/10.1007/s10529-015-1853-x
https://doi.org/10.1016/j.jbiotec.2017.07.008
https://doi.org/10.1016/j.jbiotec.2017.07.008
https://doi.org/10.1016/j.jbiotec.2018.03.008
https://doi.org/10.1016/j.jbiotec.2018.07.031
https://doi.org/10.1016/j.jbiotec.2018.07.031

	This link is 10.1016/S0014-98)00450-,",
	Bioengineering studies and pathway modeling of the heterologous biosynthesis of tetrahydrocannabinolic acid in yeast
	Abstract
	Introduction
	Saccharomyces cerevisiae as a model organism
	Toxicity of tetrahydrocannabinol

	Biosynthetic enzymes
	Olivetol synthase and olivetolic acid cyclase
	Cannabigerolic acid synthase and NphB
	Tetrahydrocannabinolic acid synthase

	Modeling of the heterologous biosynthesis
	Modeling theory
	General model implementation and scope

	Refinement of the in silico pathway through current bioengineering strategies
	Acetyl-CoA levels
	Olivetolic acid production
	GPP production by the mevalonate pathway
	Cannabinoid biosynthesis and THCA production
	Critical analysis of key enzymes, pathway bottlenecks, and potential for improvement

	Bioengineering and process optimization
	Conclusion
	References


