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Abstract
This paper focuses on creative industries and the role played by the existing spatial 
distribution and agglomeration economies of these activities in relation to their entry 
decisions. We rely on employment and firm-level data in the creative industries 
(provided by INSEE) and compare the location of new establishments in the 
creative and non-creative industries between 2009 and 2013 in French departments 
(NUTS 3 regions). We use count data models and spatial econometrics to show that 
location determinants are rather similar in creative and non-creative industries and 
that specialisation in creative industries positively influences the entry of all other 
industries. The French case provides new insights to understand the geographical 
patterns of creative industries.

JEL Classification R39 · Z100

1 Introduction

Considerable attention has been devoted in the economic literature to the factors that 
influence the location decisions of new firms (Arauzo-Carod et al. 2010). Existing 
work attempts to identify and quantify the determinants of entry and tends to focus 
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either on specified industries aggregated over regions or, conversely, on aggregated 
industry sectors (manufacturing, services) in specific geographical regions. More 
detailed analyses, with both industries and regions being specified, would be of 
great interest in helping to elucidate spatial and industry-specific characteristics. 
These, however, are much scarcer.

In addition, in developed countries there are some activities that have noticeably 
seen an increase in weight in overall economic activity very recently. Unfortunately, 
however, they have not received enough attention from the academic community in 
order to understand forces driving entry of firms and, especially, their location deci-
sions when choosing among alternative territories. This paper, therefore, focuses on 
Creative Industries (CIs), a group of industries linked to cultural, creative, and high-
tech activities1 that have experienced high growth rates in recent years and that have 
relevant positive externalities (Sanchez-Serra 2014). They contribute to knowledge 
generation and the prestige of areas specialised in these activities (Myerscough, 1988). 
This, in turn, may attract other firms and economic activity (Gutierrez-Posada et al. 
2021; Bille and Schulze 2006), boost regional employment growth (Piergiovanni et al. 
2012) and the productivity of existent firms (Coll-Martinez and Arauzo-Carod 2019). 
Key works highlighting the positive perception of CIs include two contributions by 
Florida (2005, 2002), who he has provided a measure of a “creative class” and a first 
(qualitative) attempt to quantify its contribution over economic activity.

The current understanding of CI entry determinants is quite limited and further 
work is necessary on the processes that drive their entry. This paper aims to par-
tially address this gap by analysing the French case at the province (département, 
or NUTS 3) level. This is of special interest in view of the importance of CIs in 
terms of (i) the number of firms and employees (IFM 2013), (ii) the growth of 
workforce in CIs (Chantelot 2010a), (iii) the strong export profile of firms, and (iv) 
the fact that (despite some concentration in the Paris region), there is a relatively 
well-balanced territorial distribution—despite being noticeably heterogeneous, all 
departments generate and attract new CIs. In addition, French CIs have a worldwide 
reputation since they include some globally prominent actors in areas that include 
fashion design, arts and entertainment, and publishing (Scott 2000; APUR 2014). 
There are also important inter-industry linkages arising from CIs as they contribute 
to the prestige of certain areas and attract firms from quite different and unrelated 
industries (Coll-Martínez and Arauzo-Carod 2017). Understanding what determines 
CI location choices is crucial in designing public policies aiming at attracting inno-
vative firms to French regions.

Our econometric results, obtained using Panel Count Data Models for French 
departments, suggest that on average, the probability of a creative firm locating in a 
French department increases with the amount of human capital, disposable income 
per inhabitant, the unemployment rate, a number of cultural amenities such as 
museums and cinemas. This probability diminishes with the share of manufacturing 
activities, public investment per inhabitant, distance to Paris, and weather factors 

1 The list of specific activities included among CIs is quite wide but, in general terms, the following are 
considered: Arts, Advertising, Cinema, Fashion, Publishing, R&D, and Software. See Sect. 4 (Data) for 
details and Table 9 for the complete list of industries.
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(proxied by cumulative rainfall). We found that both creative and non-creative firms 
are positively influenced by the specialisation level of creative industries. However, 
when considering neighbouring effects, the impact of CIs does not extend beyond 
the borders of the department.

The paper is organised as follows. In the second section, we discuss theoretical 
and empirical contributions regarding firm entry and CIs, and we focus on those that 
specifically analyse entries in these industries and that consider spatial factors. In 
the third section, we present the methodology and the econometric specification. In 
the fourth section, we describe the data and variables. In the fifth section, we discuss 
the main results. We present our conclusions in the sixth and final section.

2  Literature review: firm entry and CIs

Understanding firm entry decisions is becoming more and more relevant for policy 
makers as new firms are commonly hypothesised to be drivers of a wide range 
of positive effects that include local and regional development (Acs et  al. 2009), 
regional diversity (Noseleit 2015), technological change (Rigby and Essletzbichler 
2000), productivity growth (Brixy 2014) and innovation (Audretsch 1995). Initially, 
the analysis of these decisions focused solely on the industry-specific determinants 
without including a spatial dimension (Orr 1974). Spatial asymmetries, however, 
make some territories significantly more attractive than others and, since the mid-
nineties, the spatial dimension has received more attention (Reynolds et al. 1994).

Accordingly, empirical contributions focusing on aggregate firm entries 
(typically restricted to manufacturing industries but, to some extent, also to 
services) have identified several spatially specific entry determinants. The most 
well-known of these are agglomeration economies (Fotopoulos and Louri 2000), 
entrepreneurial attitude (Bosma and Schutjens 2011), firm structure (Arauzo-Carod 
and Segarra-Blasco 2005; Kangasharju 2000), population size (Armington and Acs 
2002), institutional quality (Acs et  al. 2008), income (Elert 2014), human capital 
(Armington and Acs 2002), persistence of previous entries (Andersson and Koster 
2010), and labour market characteristics (Santarelli et al. 2009).

In the literature, “traditional” manufacturing or service activities have attracted 
much more attention than have CIs. When the latter were analysed, that attention 
has often been solely put on their role as magnets for other activities (Hall 2000), 
as promoters of firm entries (De Jong et al. 2007), or as tools for economic growth 
(De Propris 2013; Piergiovanni et  al. 2012), rather than on the specific entry 
determinants for these industries. Nevertheless, empirical contributions on the 
location determinants for CIs do exist. These include the works of Coll-Martínez 
and Arauzo-Carod (2017) for Catalan municipalities, Coll-Martínez et  al. (2019) 
for Barcelona at the intra-urban level, Kiroff (2017) for the design subsector in 
Auckland, Sanchez-Serra (2016) for Spanish travel-to-work areas, Boix et  al. 
(2015) for a selection of European metropolitan areas, Wenting (2011) for fashion 
design firms in the Netherlands, Smit (2011) for three Dutch cities, Bertacchini and 
Borrione (2013) for Italian regions and Cruz and Teixeira (2014) for Portuguese 
municipalities.
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Although the methodologies, geographical areas and the research focus of 
these studies differ considerably, some common key location determinants have 
been identified. Specifically, as distinct from traditional agglomeration economies 
(Sanchez-Serra 2016), specialisation in CIs is a strong determinant for entries of 
both creative and non-creative firms (Coll-Martínez and Arauzo-Carod, 2017). 
Similarly, there is empirical evidence indicating that all types of firms benefit from 
the existence of an intangible creative milieu favouring entries (Coll-Martínez and 
Arauzo-Carod 2017; Wojan et al. 2007) as well as creative externalities (Sanchez-
Serra 2016). Previous results highlight the strong interindustry linkages between 
creative and non-creative industries that enhance the positive effects of the former 
over the latter. In this sense, recent contributions highlight that only the cross-
fertilisation of different creative talents working in different fields may stimulate 
creativity, ultimately enhancing regional development (Bakhshi and McVittie 2009; 
Cerisola 2018a, b; Innocenti and Lazzeretti 2021). Empirical evidence also indicates 
a strong preference for CI co-located clusters where there are also non-creative 
activities (Boix et al. 2015). In terms of the locational preferences of CIs, they tend 
to agglomerate in metropolitan areas (Boix et al. 2015; Sanchez-Serra 2013, 2014) 
and, within that, try to benefit from agglomeration economies by concentrating close 
to core neighbourhoods (Coll-Martínez et  al. 2019). Some, however, give more 
emphasis to urban amenities (Wenting 2011).

Despite the interest of this topic in general and its specific importance for French 
creative and cultural markets,2 empirical evidence for France is unfortunately still 
scarce. Notable exceptions are Sanchez-Serra (2014, 2013). Sanchez-Serra (2013) 
focuses on the clustering of creative clusters at travel-to-work areas (Zones d’Emploi) 
and identifies 63 artistic creative local labour systems, showing that creative employ-
ment is clearly more concentrated than is total employment, especially in and around 
big urban areas. Sanchez-Serra (2014) identifies creative clusters in France and their 
determinants, finding that the existence of information and communication technology 
jobs, education and the presence of foreign-born workers positively stimulate crea-
tive clustering. In the same line, Barois (2020) studies the link between the weight of 
creative and cultural activities in the territories and the attractiveness of the population 
showing that young workers and students prefer to locate in areas where the weight of 
the creative and cultural industries is important. Finally, although Chantelot (2010a) 
focuses on CI workforce rather than on firm entries, he identifies urban amenities and 
market opportunities as being among the main determinants of CI workforce concen-
tration in large French urban areas.

3  Methods

3.1  Model specification

There is a degree of consensus that entry determinants are industry-specific 
(Audretsch and Fritsch 1999) and, more specifically, that CIs entries are affected 

2 See Chantelot (2010b) for an analysis of French creative class in terms of workforce.
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by creativity-specific factors (see for instance, Coll-Martínez and Arauzo-Carod 
2017; Sanchez-Serra 2016; Cruz and Teixeira 2014; Lazzeretti et al. 2012). Among 
these, the median household income (income) (the income elasticity of demand for 
cultural assets tends to be high) and higher levels of public investment in cultural 
issues (public_investment) should favour CIs location. Their location decision is also 
determined by residential amenities that in this paper are proxied by the following 
variables: the average number of days of sun (sun) and cumulative rain in mm (rain), 
that are expected to capture natural amenities, and the number of cinemas (cinemas) 
and museums (museums), that are expected to capture cultural amenities. Finally, 
areas that are more specialised in CIs (LQ_creative) should favour the entry of all 
kinds of firms because of the existence of knowledge spillovers in terms of creativity 
and innovation, as shown in Coll-Martínez and Arauzo-Carod (2017), and also 
should be more able to attract new firms because of the agglomeration advantages 
(localisation economies) created by the co-location of creative firms (Stam et  al. 
2008; De Jong et al. 2007; Lee et al. 2004; Scott 2000, 2006).

CIs also consider traditional location determinants (see Arauzo-Carod et  al. 
2010, for an extensive review). Among them, education (human_capital) and 
agglomeration economies (in this paper proxied by population density: pop_
density) are important location factors whatever characteristics a firm may 
have. Share of manufacturing activities (manufacturing) is another well-known 
location determinant that fosters entries. Several different theories suggest that 
unemployment rates (unemployment) influence location decisions. Some studies 
show that high unemployment rates favour the creation of firms because of the lack 
of employment alternatives (Wagner and Sternberg 2004). However, other authors 
argue that high unemployment rates are linked to economic recession and, therefore, 
lower levels of consumption (Reynolds et al. 1994; Aubry et al. 2015) that in turn 
deter entries. Finally, geography and institutional issues matter (Guimarães et  al. 
2000), as firms need easy access to services provided in cores—hence, we need to 
control for distance to main cities such as Paris (dist_paris). Moreover, proximity 
to the most important city of a country may capture, on the one hand, a potential 
competition effect in view of agglomeration of firms in the area and, on the other 
hand, a competitive advantage in terms of the services and amenities located in and 
around the city.

To analyse the determinants of CIs location decisions and their relationship with 
the CIs specialisation, we estimated the number of new establishments as a function 
of the specific local characteristics, in Eq. (1):

where Firm entriesit is the number of firms located in area i across the period t. Our 
empirical strategy consists in estimating eight different models that share the same set 

(1)

Firm entriesit = �0 + �1human_capitalit + �2pop_densityit
+ �3incomeit + �4manufacturingit
+ �5unemploymentit + �6public_investmentit
+ �7LQ_creativeit + �8dist_parisit + �9rainit
+ �10sunit + �11cinemait + �12museumsit + uit
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of explanatory variables with different dependent variables (Firm entriesit): all firms 
(entry_t), non-creative firms (entry_noncrea), creative firms (entry_crea), cinema and 
audiovisuals firms (entry_audio), sound recording (entry_sound), life performance 
(entry_life), arts craft (entry_craft), other music activities (entry_other), publishing 
firms (entry_pub), advertising firms (entry_adv) and videogames firms (entry_vide-
ogames). This strategy allows us to compare the location determinants of the group of 
firms considered, with particular focus on the impact of the specialisation in CIs.3

3.2  Model selection

Most contributions in this field rely on cross section data, although a significant 
number use panel data approaches that cover a wide range of countries and entry 
typologies. Among them, for instance, we highlight the work of Hong et  al. 
(2015) for Korea; Karahasan (2015) and Günalp and Cilasun (2006) for Turkey; 
Abdesselam et al. (2014) for France; Elert (2014) and Nyström (2007) for Sweden; 
Arauzo-Carod and Teruel-Carrizosa (2005) for Spain; Kangasharju (2000) for 
Finland, or Dunne et al. (1988) for the U.S. Using panel data offers some advantages 
over cross section data (Hsiao 2014). For instance, the possibility of introducing 
standard fixed effects in the regression potentially reduces the correlation effects 
of the explanatory variables with unobservables (which are difficult to control with 
cross section data). Thus, one of the main contributions of this paper is to provide 
evidence on CIs location determinants by using panel data.

Concretely, in this paper, we use Count Data Models to analyse the determinants 
of CIs location choices. The number of firm entries in a given region (in this paper, 
French departments) is a nonnegative integer (count) variable that is better estimated 
by techniques other than ordinary least squares (OLS) which can lead to biased, 
inefficient and inconsistent estimates (Long 1997).

Count Data Models (CDM) have commonly been used when dealing with the 
location phenomenon from a spatial point of view: i.e. when trying to explain 
how the local characteristics of different sites (e.g. municipalities, counties, 
regions) can influence firms’ decisions (Arauzo-Carod et  al. 2010). These CDM 
include the Poisson Model (PM), the Negative Binomial Model (NBM), the Zero 
Inflated Poisson Model (ZIPM) and the Zero Inflated Negative Binomial Model 
(ZINBM). Although PM is the most popular CDM, it has two econometrical 
limits, “overdispersion” and “excess zeroes”. Since these problems may be solved 
using NBM, ZIPM and ZINBM, we follow Cameron and Trivedi (1998, 2005) in 
order to determine which of them is the most appropriate. To do this, we compute 
the following statistics: the Akaike Information Criterion (AIC), the Bayesian 
Information Criterion (BIC) and the Vuong test.

The descriptive statistics of the dependent variables in the firm entry model 
showed signs of overdispersion but, since there is at least one establishment (except 
for publishing and videogames industries)4 located in each department, there is 

3 Specifically, zeroes were 6.94% for publishing and 30% for videogames entries.
4 The key variable LQ_creative is replaced in each model for a LQ in each subgroup of CIs, that is, 
LQ_audio, LQ_sound, LQ_life, LQ_craft, LQ_other, LQ_pub, LQ_adv and LQ_videogames.
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not a zero-inflation problem. For this reason, we estimated a baseline specification 
using CDM and selected the specification with the best fit according to the above 
statistics. Tables 7 and 8 illustrate the results for these statistics and show that the 
NBM performed best according to AIC and BIC. The only exceptions are found for 
sound recording, publishing and videogames since the AIC, BIC and the Vuong test 
also favoured the ZINBM over the NBM. Nevertheless, the percentage of zeroes 
was not big enough to justify using an inflated model. Thus, we decided to use the 
NBM—for panel data and time fixed effects—for all the firm entry specifications, 
except for sound recording, publishing and videogames.

As shown by many previous studies, neighbouring effects can be important. If the 
effects of the determinants of firm location decisions extend beyond departments, 
and this possible spatial dependence is not considered, then results may be biased 
and inconsistent. To account for spatial dependence, we also considered the spatially 
lagged variables of the independent variables (Spatial Lagged Model in the X 
(SLX)). These were estimated as: W_Z = WZ, where Z is a matrix that contains the 
independent variables and W is a row-standardised contiguity weighting matrix, an 
approach that has already been used in previous contributions for the case of French 
metropolitan départements (see for instance, Elhorst and Fréret 2009).5

4  Data

4.1  Data sources

All data in this paper relate to the 96 NUTS 3 departments of metropolitan France 
and include the location of new establishments (dependent variable) and a set of 
territorial characteristics (independent variables). The sources for the location 
of new establishments are the Répertoire des Entreprises et des Établissemetns 
(REE) and the Système Informatique pour le Répertoire des Entreprises et de leurs 
Établissements (SIRENE), supplied by the Institut National de la Statistique et des 
Études Économiques (INSEE). These sources provide comprehensive information on 
the location of establishments (both manufacturing and services) in France between 
2009 and 2013, including geographical information (at regional and department 
levels), employment data, and other characteristics at the 4-digit NAF level. The 
local characteristics of French departments are taken from different sources such 
as INSEE, the French Government and Eurostat. Table  9 shows some descriptive 
statistics (see Table 10 for the main correlation results for these variables).

Regarding the definition of CIs, we use the APUR-INSEE proposal (2014) as it is 
the official classification of CIs used in France and roughly relies on the UNCTAD’s 
(2008) proposal, which is the most widely accepted by researchers (see, among oth-
ers, Lazzeretti et  al. 2012; Coll-Martínez and Arauzo-Carod 2017). According to 

5 Other spatial weighting definitions were considered such as 5 nearest neighbours or an inverse dis-
tance-based matrix. Even so, the best fit of the model is obtained when we rely on a row-standardised 
contiguity weighting matrix, an approach that has already been used in previous contributions for the 
case of French metropolitan départements (see for instance, Elhorst and Fréret 2009).
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this criterion, we include 29 sectors in CIs, classified into 8 subgroups (cinema and 
audio-visuals, sound recording, life performance, arts craft, other music activities, 
publishing, advertising and videogames (see NAF-Rev. 2 industry classification in 
Table 11).6 Table 1 illustrates the 2009‒2013 period showing an increasing trend 
(between 2009 and 2011) followed by a short period of attrition that fits with the 
economic trend of these years, and Table 2 shows a weak decrease in employment 
in CIs sectors during the same period. The choice of the time span is driven by data 
availability at the level of NUTS 3 regions. Nevertheless, it is worth underlying that 
the considered period in our analysis starts after the Global Financial Crisis that 
hit France and its regions in 2007–2008, lowering then potential bias due to market 
turbulence. Hence, we analyse the location attributes explaining the entry of firms in 
creative industries in a context of a certain economic recovery (Sensier et al. 2016; 

Table 1  Creative Industries firm entries by year

Source: Authors, based on SIRENE data

CIs Subgroups 2009 2010 2011 2012 2013

Cinema and audio-visuals 5292 5349 4925 5787 5697
% in all the CIs 23% 23% 18% 25% 26%
Sound recording 635 628 704 806 691
% in all the CIs 3% 3% 3% 3% 3%
Life performance 2892 2573 1951 2095 2421
% in all the CIs 13% 11% 7% 9% 11%
Arts Craft 2529 2153 1400 1246 1566
% in all the CIs 11% 9% 5% 5% 7%
Other artistic activities 6190 7113 6451 7446 6037
% in all the CIs 27% 31% 23% 32% 28%
Publishing 1329 1258 1373 1731 1578
% in all the CIs 6% 6% 5% 7% 7%
Advertising 3238 3315 10,506 3239 2895
% in all the CIs 14% 14% 38% 14% 13%
Videogames 489 477 513 791 815
% in all the CIs 2% 2% 2% 3% 4%
All creative industries 22,594 22,866 27,823 23,141 21,700
% in all the economy 5% 5% 7% 6% 6%
Non-CIs 399,068 412,649 373,909 387,695 367,551
% in all the economy 95% 95% 93% 94% 94%
All industries 421,662 435,515 401,732 410,836 389,251

100% 100% 100% 100% 100%

6 Although the Architecture and Engineering industries are typically included among CIs, we decided to 
exclude them as they have a very particular location patterns, are concentrated in some departments, and 
include an important share of nuclear activities (noticeably in Territoire Belfort where there is a cross-
border cluster on both sides of the French-Swiss border) which are far away from CIs.
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Arcuri et al. 2019) as the economy has moved from negative growth rates (in 2009) 
to positive ones (over 2010–2013).

4.2  Stylised facts about creative industries and firm location in French 
Departments

Figure 1 compares the location patterns of all firms, non-creative and creative firms. 
For both years (2009 and 2013), roughly 75% of all firms locate in and around Île-
de-France and in the most populated departments such as Nord, Rhône, Bouches-
sur-Rhône or Gironde, the same areas where most cultural jobs are located (Cléron 
and Patureau 2007). Thus, it seems clear that one of the key determinants of a firm’s 
location decision is the attractiveness of these densely populated areas, specialised 
labour markets, availability of suppliers and knowledge spillovers.

Similar spatial distributions hold for both creative and non-creative firms. 
Moreover, it has not significantly changed from 2009 to 2013. Although the number 
of new creative firms has increased over these years, they have kept the same 
agglomeration pattern around larger cities,7 as it has been demonstrated by other 
studies using spatial analysis tools (Chantelot et al. 2010a, b).

Table 2  Creative Industries employment by year

Source: Authors with INSEE data

CIs Subgroups 2009 2010 2011 2012 2013

Cinema and audio-visuals 4953 5076 4646 5357 5315
% in all the CIs 11% 11% 10% 11% 11%
Sound recording 3772 3529 3642 3775 3927
% in all the CIs 8% 7% 8% 8% 8%
Life performance 20,756 22,984 21,506 20,952 20,687
% in all the CIs 46% 49% 46% 43% 43%
Arts Craft 377 337 438 477 505
% in all the CIs 1% 1% 1% 1% 1%
Other music activities 10,332 10,669 11,838 12,803 13,299
% in all the CIs 23% 23% 25% 26% 27%
Publishing 1158 1125 1193 1568 1447
% in all the CIs 3% 2% 3% 3% 3%
Advertising 2944 3067 2765 2903 2608
% in all the CIs 7% 7% 6% 6% 5%
Videogames 374 391 432 746 748
% in all the CIs 1% 1% 1% 2% 2%
All creative industries 44,666 47,178 46,460 48,581 48,536
% in all the economy 0.31% 0.34% 0.31% 0.32% 0.32%
All industries 14,566,204 13,942,865 15,062,343 14,994,756 15,103,455

100% 100% 100% 100% 100%

7 See Julien (2002) for empirical evidence regarding France.
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In order to identify location patterns for CIs in French departments, we calculate 
a Location Quotient (LQ), using employment data (Effectif salarié déclaré par les 
établissements) taken from INSEE. The same index has been used by other scholars 
but with different specifications (for example, in Lazzeretti et al. 2012). This index 
compares the relative specialisation of a department in a sector in relation to the 
national (France) average and is defined as:

where Lij is the workforce in the creative industry j in department i, Lj is the total 
workforce in the creative industry j, Li is the total workforce in department i, and 
L is total employment in the area (France). An LQ greater than 1 indicates that the 
clustering of a creative industry j in department i is larger than the national average, 
hence the department is specialised in CIs.

Figure 2 shows LQ results for the ten most specialised French departments and 
the spatial distribution of LQ in CIs for 2009 and 2013, respectively. Departments 
located in the Île-de-France region are the most specialised in CIs (all with values 
higher than 1). Concretely, Hauts-de-Seine and Paris departments stand out with a 
LQ greater than 3 for both years. Although, since they have values below 1, the 

LQ_creativeij = (Lij∕Lj)∕(Li∕L)

Fig. 1  Firm entries by department. Source: Authors with SIRENE data
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remaining most populated departments are not specialised in CI’s, nevertheless they 
comprise most of the creative employment in France. These results have not signifi-
cantly changed over these years.

5  Results

5.1  Main results

Table  3 shows the results of the econometric estimation of CIs location determi-
nants. Negative Binomial estimates are presented for all firm entries, both creative 
and non-creative, in order to compare the determinants of location decisions of dif-
ferent types of industries. In general, for all types of entries, most of the explana-
tory variables are significant, but there are some remarkable differences between the 
creative and non-creative industries. Specifically, population density (a proxy for 
agglomeration economies) has a negative effect over all industries and non-creative 
industries, although the coefficient is not significant for CIs.8 Nevertheless, the role 
of population density is not clear, as correlation analysis shows a significant and 
positive relationship with all entries, but especially with those of CIs. This result 
could be understood in terms of an unknown relationship between the location 

8 Chantelot (2010a) analyses determinants of CIs workforce location and reaches a similar result for big 
urban areas in France.

Fig. 2  Specialisation in crea-
tive industries by department. 
Source: Authors with INSEE 
data
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Table 3  Location determinants of firms (NB)

Robust standard errors in parentheses, *** p < 0.01; **p  < 0.05; *p  < 0.1

Dep. Var.: (1) (2) (3)
Firm entries All Creative Non-Creative

Human capital 0.023*** 0.026*** 0.023***
(0.008) (0.007) (0.008)

pop_density −8.70e − 05** −6.33e − 05 −8.91e − 05**
(4.16e − 05) (5.25e − 05) (4.10e − 05)

Income 1.27e − 05 1.55e − 05* 1.25e − 05
(7.85e − 06) (8.71e − 06) (7.80e − 06)

Manufacturing −1.152** −1.585*** −1.132**
(0.481) (0.537) (0.478)

Unemployment 4.604** 4.079* 4.636**
(2.222) (2.190) (2.224)

Public investment −0.001* −0.00102* −0.00109*
(0.001) (0.001) (0.001)

LQ_creative 0.223* 0.286* 0.217
(0.135) (0.169) (0.132)

dist_paris −0.0003 −0.0006** −0.0003
(0.0003) (0.0003) (0.0003)

Rain −0.0002 −0.0001 −0.0002
(0.0002) (0.0002) (0.0002)

Sun 2.37e − 05 3.06e − 05 2.33e − 05
(0.0001) (9.69e − 05) (0.0001)

Cinema 0.029*** 0.029*** 0.028***
(0.005) (0.005) (0.005)

Museums 0.011** 0.011** 0.011**
(0.005) (0.005) (0.005)

Constant 5.725*** 2.514*** 5.684***
(0.606) (0.614) (0.606)

N 480 480 480
Departments 96 96 96
Time FE Y Y Y
Wald X2 884.01 1124.97 854.26
Log pseudolikelihood −3993.583 −2575.39 −3969.217
lnalpha −2.452*** −2.393*** −2.452***

(0.141) (0.145) (0.141)
Alpha 0.086 0.091 0.086

(0.121) (0.013) (0.121)

quotient of CIs and population density, although the influence of density over entries 
seems to be blurred by other explanatory variables. The aggregated income level 
of departments also plays a different role as it only boosts the entries of CIs. This 
may suggest some structural differences in terms of markets: CIs may, for example, 
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target the upper income levels of population. In a similar way, specialisation in CIs 
(LQ_creative) pushes up entries in CIs and for all firms but has no significant effect 
on entries of non-creative firms. This result supports our assumption regarding the 
positive effects of specialisation in CIs in terms of attracting new economic activ-
ity, no matter what the industry of the entering firms. Noticeably, departments spe-
cialised in CIs are more likely to attract new businesses. In terms of geographical 
position, a greater distance to Paris deters the entry of creative firms, as they may 
have more difficulties in establishing networking activities and an access to cultural 
amenities (that are highly concentrated in the French capital).9

Despite specific effects at industry level, there are common location determinants 
that act in a similar way across different types of industries (i.e. creative and non-
creative), similarly to previous results also for Catalonia by Arauzo-Carod (2021) 
and Coll-Martínez and Arauzo-Carod (2017). In this sense, entries in all subgroups 
are attracted to areas that have more people enrolled in education (this is a neces-
sary production factor, no matter the industry), while they are repelled from areas 
with more manufacturing activity. This result may be explained by the fact that these 
areas are associated with negative externalities that do not fit with cultural and crea-
tive environments. Surprisingly, regional economic conditions favour areas with 
high unemployment rates and, similarly, those that receive higher levels of public 
investment. Cultural amenities (i.e. cinema and museums), exert the same positive 
effect on entries across all firm profiles whilst climate conditions (rain and sun) 
have no significant effect on entries. Nevertheless, it is important to precise that our 
approach analyses location determinants for both creative and non-creative indus-
tries considering firms included in these categories, but without taking into account 
the profile of workforce at firm/industry level. In this sense, creative and non-cre-
ative jobs coexist in both creative-and-non-creative firms, although with different 
shares.10

Negative Binomial estimates are presented in Table 4 for entering firms belonging 
to sound, life, craft, other, audio-visuals, publishing, advertising, and videogames, in 
order to compare the determinants of location decision for these CIs. This strategy 
allows us to analyse the location behaviour of specific CIs, given that overall results 
may not reveal some heterogeneities due to the locational specificities of each CIs.

As expected, many CIs subgroups share most of the location determinants, such 
as the positive role played by human capital, income and the cultural amenities 
(i.e. museums and cinema), as well as the negative effect of share of manufactur-
ing activity, but there are noticeable differences for other determinants. In particu-
lar, we may distinguish between (mostly) cultural oriented and (mostly) technology-
oriented subgroups: the former includes arts, sound, life, craft, other activities and 

10 Although the focus of this paper is on creative industries and not on creative jobs, which demands a 
different type of dataset, there is empirical evidence showing that creative jobs exert positive effects over 
close local service employment (Gutierrez-Posada et al. 2021).

9 Additionally, we tested alternative covariates for proxying proximity to the political power (regional 
capital), climate conditions (temperature and humidity), natural amenities (coast, forest area and natural 
parks), tourism activities (lodging size), and diversity (foreign population), but model fit did not improve 
when they were included, and main results generally remained quite similar.
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Table 5  Spatial Lag Model: Location determinants of firms (NB)

Dep. Var.: (1) (2) (3)
Firm entries All Creative Non-Creative

human capital 0.0224*** 0.0256*** 0.0222***
(0.0027) (0.0029) (0.0027)

W_human capital −0.0013 −0.0013 −0.0013
(0.0012) (0.0012) (0.0012)

pop_density −8.63e − 05*** −6.35e − 05*** −8.83e − 05***
(1.20e − 05) (1.27e − 05) (1.20e − 05)

W_pop_density −3.58e − 05* −3.58e − 05* −3.58e − 05*
(2.18e − 05) (2.18e − 05) (2.18e − 05)

income 1.17e − 05** 1.42e − 05** 1.16e − 05**
(5.43e − 06) (5.72e − 06) (5.42e − 06)

W_income 1.89e − 08 1.89e − 08 1.89e − 08
(9.48e − 06) (9.48e − 06) (9.48e − 06)

Manufacturing −1.163*** −1.593*** −1.143***
(0.243) (0.257) (0.243)

W_manufacturing 0.366 0.366 0.366
(0.457) (0.457) (0.457)

Unemployment 4.551*** 3.939*** 4.589***
(0.906) (0.963) (0.906)

W_unemployment −2.452 −2.452 −2.452
(1.752) (1.752) (1.752)

public investment −0.0011*** −0.0012*** −0.0011***
(0.0002) (0.0002) (0.0002)

W_public investment 0.0005 0.0005 0.0005
(0.0004) (0.0004) (0.0004)

LQ_creative 0.236*** 0.306*** 0.230***
(0.058) (0.059) (0.058)

W_LQ_creative 0.146 0.146 0.146
(0.128) (0.128) (0.128)

dist_paris −0.0003** −0.0006*** −0.0003**
(0.0002) (0.0001) (0.0001)

Rain −0.0002*** −0.0001* −0.0002***
(8.27e − 05) (8.81e − 05) (8.28e − 05)

Sun 1.98e − 05 2.67e − 05 1.93e − 05
(5.36e − 05) (5.64e − 05) (5.36e − 05)

Cinema 0.0281*** 0.0290*** 0.0281***
(0.0019) (0.002) (0.0019)

W_cinema −0.0016 −0.0016 −0.0016
(0.003) (0.003) (0.003)

Museums 0.0116*** 0.0113*** 0.0116***
(0.0022) (0.0023) (0.0022)

W_museums 0.0033 0.0033 0.0033
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publishing, whilst the latter include audio-visuals, advertising and videogames. 
Although the patterns are not clearly divided into two groups,11 the main difference 
is found in the role played by localisation economies since, while for technology-
oriented subgroups, location quotients in their subgroup foster entries, this effect is 
only found for one out of the six cultural oriented subgroups, that is, life perform-
ing arts. This is a relevant issue, since agglomeration economies at department level 
matter for these activities, although it could also be argued that their geographical 
scope is much smaller than that of a department. Surprisingly, except for Audio-vis-
uals, technology-oriented subgroups do not suffer from distance to Paris, suggesting 
that it is possible to attract such firms outside the Île-de-France region.12

Regarding unemployment rates, technology-oriented subgroups also have some specifi-
cities as they are not positively attracted by them, as for the rest of subgroups. This may be 
explained by the fact that, for these industries, the creation of new firms is mainly driven by 
innovative ideas or market opportunities. Thus, the conditions leading to higher unemploy-
ment rates may deter innovative-based CIs entries (Storey 1991; Fritsch 2008). For the cul-
tural CIs subgroups (i.e. life performance, arts craft and other artistic activities) the impact 
of unemployment is positive and significant. This is consistent with the findings of Aubry 
et al. (2015) who show that start-ups in France are mainly explained by a refugee effect (i.e. 
the creation of firms is a strategy to escape from unemployment). This result is also in line 
with the higher part-time work and unemployment rates that usually characterise employ-
ment in the more artistic and cultural CIs (Faggian et al. 2013; Pareja-Eastaway 2016).

In order to account for inter-department neighbouring externalities for both the 
entries grouped (Table 5) and at a subgroup level (Table 6), we estimate an enlarged 
location decision model including such spatial externalities.

Table 5  (continued)

Dep. Var.: (1) (2) (3)
Firm entries All Creative Non-Creative

(0.0048) (0.0048) (0.0048)
Constant 5.768*** 2.539*** 5.720***

(0.465) (0.458) (0.465)
N 480 480 480
Departments 96 96 96
Time FE Y Y Y
Wald X2 885.42 995.95 877.11
Log pseudolikelihood −3987.721 −2566.505 −3963.184

Robust standard errors in parentheses, ***p < 0.01; **p < 0.05; *p < 0.1

11 We have to take into account that the way in which these activities have been grouped also differs. 
Concretely, CIs subgroups include NACE5 subsectors but with different quantities (see Table 11): Craft 
and Sound include 1 subsector; Life, Advertising and Other include 2 subsectors; Publishing and Vide-
ogames include 5 subsectors; and Audio-visuals includes 12 subsectors.
12 These results could be also affected by firm size, however information of the size of firms was not 
available. In any case, firms in cultural and creative industries tend to be of smaller size than the rest 
of economic activities (i.e. size variation is lower inside them) and, partially due to that reason, papers 
focusing on entry determinants or spatial distribution of firms use to group firms of different sizes 
together (see Coll-Martínez 2019; Fahmi et al. 2016; Lazzeretti et al. 2008, among others).
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Regarding Table  5, almost all the key location determinants remain significant as in 
previous estimations. However, by adding spatial lagged variables, some variables such as 
population density, income, distance to Paris and rain levels become significant. Population 
density and income tend to be closely linked to market strength, which is a key location fac-
tor, as well as that increased distance to main economic centres usually having a negative 
effect due to lower attractiveness of these areas (Coll-Martínez and Arauzo-Carod 2017).

The effects of the specialisation in creative industries remain significant at the 
department level, but they do not seem significant beyond department borders. In 
other words, creative firms seem to be only affected by specialisation in CIs in the 
departments where they locate, but not by surrounding areas. This is a quite reason-
able result as the spatial scope of agglomeration externalities captured by LQ_cre-
ative tends to diminish after very short distances, as reported previously by Coll-
Martínez et al. (2019) for Barcelona’s neighbourhoods, Cruz and Teixeira (2014) for 
Portuguese municipalities, and Wojan et al. (2007) for US counties.

Finally, subgroup estimation including spatial lags (Table 6) slightly modifies the 
previous findings when taking spatial effects into account. In particular, the negative 
effects of population density and public investments on entries now become significant 
for most of the subgroups. A noticeable exception is Videogames since, for this indus-
try, population density does not deter entries. This result fits perfectly with the existing 
literature regarding the locational patterns of Videogames industry, as empirical evi-
dence has demonstrated the strong urban-core preferences of firms belonging to that 
industry (Moriset 2003; Méndez-Ortega and Arauzo-Carod 2019, 2020).

In general terms, the subgroup estimations including spatial lags increase the signif-
icance of most of covariates used in previous estimations, although failing to identify 
strong significant influences of neighbouring departments. This result may be, to some 
extent, explained by the fact that neighbouring relations have been defined by consid-
ering a spatial contiguity matrix. Still, the use of a spatial contiguity matrix provides 
the best fit of the model. Anyway, the inclusion of spatial lags allows us to capture any 
source of spatial dependence in terms of knowledge spillovers spreading beyond geo-
graphical limits and that cannot be considered otherwise.

6  Conclusion

In this paper, we estimate the location determinants of new creative industries (CIs) 
firms across metropolitan France departments over the period 2009–2013. The 
econometric results show that the location determinants of creative and non-creative 
firms are quite similar, and that both creative and non-creative firms are positively 
affected by the specialisation in CIs. This influence supports public investments in 
these industries in view of the positive externalities arising from their spatial con-
centration on firm entry. Our results also show that there are some locational spe-
cificities among CIs activities due to their heterogeneity. Finally, when accounting 
for spatial dependence, we found that creative firms seem to be only affected by CI 
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specialisation in the departments where they locate, but not in surrounding areas, so 
the spatial scope of effects is less than a standard department.

Our results are in line with those of previous empirical contributions and sup-
port the positive association between the concentration of creative workers and new 
firms’ creation at the department level (Scott 2006; Lee et al. 2004; Stam et al. 2008; 
Audretsch and Belitski 2013; Coll-Martínez and Arauzo-Carod 2017). Moreover, 
they are in line with previous findings highlighting the uneven geographic distribu-
tion of creative people, mainly concentrated in Paris and larger French cities (Chan-
telot 2010a, 2010b; Sanchez-Serra 2013, 2014). Consequently, our results help to 
fill a gap in the empirical literature in terms of a lack of knowledge of the processes 
driving the entry decisions of CIs firms.

This paper has certain limitations. Since it is focused on location determi-
nants of CIs at a quite aggregated level, it remains for future research to analyse 
whether our results hold for alternative geographical disaggregation levels such 
as municipalities or metropolitan areas. Some empirical evidence already exists 
for the French case (see Chantelot 2010a) and this indicates that there are differ-
ences between big and medium-small urban areas. Additionally, due to the huge 
concentration of CIs in Paris and the municipalities in its metropolitan area (see 
Boix et  al. 2016), it would be advisable to carry out a detailed and spatially 
disaggregated analysis for this region. Future efforts will also be conducted to 
understand and identify the complexity and the  cross-fertilisation of different 
creative jobs working in other industries than the CIs (Bakhshi and McVittie 
2009; Cerisola 2018a, b; Innocenti and Lazzeretti 2019).

Policy implications from our results point to the importance of achieving a 
critical mass of creative activities as a necessary condition for attracting firm 
entries from these industries. However, from a territorial cohesion point of 
view, is not a desirable to reinforce excessive concentration of CIs in and around 
main urban areas. Thus, given (i) the uneven spatial distribution of CIs entries 
in French departments and (ii) the fact that the most populated departments 
(where most CIs locate) are the ones receiving the most public funding and 
support for cultural and creative activities, less populated (rural) areas might 
benefit little from the potential of CIs for economic development and sustain-
able growth. Thus, there is room for policy interventions which can support CIs 
in these (peripheral) areas. In fact, the COVID-19 pandemic and its immedi-
ate consequences (i.e. shutdowns, economic slowdown, physical distance) may 
impact the activity and location choices of CIs firms. At the same time, this 
crisis may provide an opportunity for less urbanised areas to attract the creation 
of creative firms. We however leave this interesting and promising approaches 
for further research.

Appendix

See Tables 7, 8, 9, 10 and 11.
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Table 8  Selection model’s 
tests for Creative Industries 
Subgroups

***p < 0.01; **p < 0.05; *p < 0.1

Model 1 (Sound) AIC BIC Vuong test

Poisson 2580.85 2651.81 −
Negative binomial 2285.78 2360.91 −
Zero-inflated Poisson 2431.36 2510.66 3.27***
Zero-inflated negative binomial 2217.01 2,300.49 3.51***
Model 2 (Life) AIC BIC Vuong test
Poisson 3916.10 3987.05 −
Negative binomial 3277.68 3352.81 −
Zero-inflated Poisson 3914.82 3994.12 0.77
Zero-inflated negative binomial 3281.68 3365.16 0
Model 3 (Craft) AIC BIC Vuong test
Poisson 3414.11 3485.06 −
Negative binomial 3086.04 3161.17 −
Zero-inflated Poisson 3415.13 3494.43 0.66
Zero-inflated negative binomial 3090.04 3173.52 0
Model 4 (Other) AIC BIC Vuong test
Poisson 5635.51 4157.26 −
Negative binomial 5706.47 4232.39 −
Zero-inflated Poisson − − −
Zero-inflated negative binomial − − −
Model 5 (Audio-visuals) AIC BIC Vuong test
Poisson 6503.13 6581.54 −
Negative binomial 4559.39 4642.15 −
Zero-inflated Poisson 6495.85 6582.97 0.91
Zero-inflated negative binomial 4563.39 4654.86 −0.88
Model 6 (Publishing) AIC BIC Vuong test
Poisson 3,974.44 4,052.85 −
Negative binomial 3,360.88 3,443.65 −
Zero-inflated Poisson 3,816.52 3,903.64 3.79***
Zero-inflated negative binomial 3,308.36 3,399.84 2.84**
Model 7 (Advertising) AIC BIC Vuong test
Poisson 6011.27 6089.68 −
Negative binomial 4415.87 4498.64 −
Zero-inflated Poisson 5981.14 6068.26 0.61
Zero-inflated negative binomial 4404.32 4495.80 0.5
Model 8 (Videogames) AIC BIC Vuong test
Poisson 2508.96 2587.37 −
Negative binomial 2377.21 2459.98 −
Zero-inflated Poisson 2339.90 2427.03 4.78***
Zero-inflated negative binomial 2280.41 2371.89 4.67***
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Table 11  Creative Industries Classification

Source: Authors following APUR-INSEE classification

CIs subgroups Sectors Code APE-
NAF Rev. 2

Cinema & Audio-visuals 
(audiovisuals)

Reproduction of sound recording 1820Z
Production of films and shows for television 5911A
Production of institutional and advertising films 5911B
Production of film for cinema 5911C
Post-production of films and shows for television 5912Z
Distribution of cinematographic films 5913A
Editing and distribution of videotapes 5913B
Projection of cinematographic films 5914Z
Broadcasting and distribution of radio shows 6010Z
Broadcasting of generalist channels 6020A
Broadcasting of theme channels 6020B
Photographic activities 7420Z

Sound recording (sound) Sound recording and music editing 5920Z
Life performance (life) Life performing arts 9001Z

Life performing arts supporting activities 9002Z
Arts craft (craft) Arts and crafts artistic creation 9003A
Other artistic activities
(other)

Other activities related to artistic creation 9003B
Other activities related to entertainment 9329Z

Publishing (publishing) Publishing of books 511Z
Publishing of newspapers 5813Z
Magazine publishing 5814Z
Other publishing activities 5819Z
Other news agencies activities 6391Z

Advertising (advertising) Advertising agencies activities 7311Z
Management of advertising media 7312Z

Videogames (videogames) Publishing of videogames 5821A
Publishing of software systems 5829A
Publishing of software for development tools and languages 5829B
Publishing applicative software 5829C
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