
    
    
    
        
            
            
                
            

            
        
    


    
        Skip to main content

        
        

        
            
                Advertisement

                

            

        

        

    
    
        
            
                
                    
                        
                    
                
            
        


        
            
                
    
        Log in
    


            
        
    


    
        
            
                
                    
                        
                            
                        Menu
                    
                


                
                    
                        
                            Find a journal
                        
                    
                        
                            Publish with us
                        
                    
                        
                            Track your research
                        
                    
                


                
                    
                        
                            
                                
                                    
                                Search
                            
                        

                    
                    
                        
 
  
   
  Cart
 


                    
                

            

        
    






        
            
                
                    
                        
                    

                
                
                    



Elements of Dimensionality Reduction and Manifold Learning pp 577–596Cite as






                

                
    
        
            	
                        Home



	
                        Elements of Dimensionality Reduction and Manifold Learning

	
                        Chapter


                                Adversarial Autoencoders

                                	Benyamin Ghojogh 
            ORCID: orcid.org/0000-0002-9617-291X5, 
	Mark Crowley 
            ORCID: orcid.org/0000-0003-3921-47625, 
	Fakhri Karray 
            ORCID: orcid.org/0000-0002-4217-13725 & 
	…
	Ali Ghodsi 
            ORCID: orcid.org/0000-0003-1866-246X6 

Show authors
                                	Chapter
	First Online: 08 August 2022



                                
                                    
    
        
            	
                        1538 Accesses

                    
	
                            3
                                Citations

                        


        

    



                                


                                
                                
                            

                        
                        

                            
                                
                                     Abstract
Suppose there is a generative model that takes random noise as input and generates a data point. The aim is to have the generated data point to be of good quality; therefore, there is a need to judge its quality. One way to judge it is to observe the generated sample and assess its quality visually. In this case, the judge is a human. However, it is not possible to take the derivative of a human’s judgment for optimization.
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                             Notes
	1.Game theory is a field of mathematics, where two or more agents compete or cooperate with each other in a game to maximize their payoffs. In an adversarial game, the agents compete with each other adversarially, where their payoffs are against each other.
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