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Chapter 24
Innovation and Advances in Precision 
Medicine in Head and Neck Cancer

Geoffrey Alan Watson, Kirsty Taylor, and Lillian L. Siu

 Introduction

The past decade has marked the emergence of precision cancer medicine, a diagnos-
tic and therapeutic approach that aims to comprehensively characterize the clinical, 
molecular and immunologic aspects of a patient’s tumor in order to tailor manage-
ment [1]. Upon reflection, this approach has encountered a mix of successes with 
demonstration of clinical utility and failures that have led to disappointments. For 
the proponents of precision medicine, the glass has been half full and the complete 
potential of this framework has just begun to be realized. For instance, the genotype- 
drug matching strategy has potently inhibited oncogenic addiction in some malig-
nancies, yielding spectacular objective responses and sustained clinical benefit. 
Some examples are disease-specific such as the use of epidermal growth factor 
receptor (EGFR) tyrosine kinase inhibitors in non-small cell lung cancer (NSCLC) 
harboring EGFR mutations, whereas other indications are histology-agnostic such 
as neurotrophic tyrosine receptor kinase (NTRK) inhibitors for tumors with NTRK 
gene rearrangements. Furthermore, large scale next generation sequencing (NGS) 
initiatives to profile cancers have substantively increased knowledge in cancer biol-
ogy, and provided insights into clonal evolution and mechanisms of therapeutic 
resistance in oncology. The sharing of clinical and genomic results among institu-
tions worldwide, in efforts such as the American Society of Clinical Oncology 
(ASCO)’s CANCERLINQ and the American Association for Cancer Research 
(AACR)’s Project Genomics Evidence Neoplasia Information Exchange (GENIE), 
has enabled big data learning [2, 3]. Conversely, for the opponents of precision 
medicine, the proportion of patients who have undergone NGS and ultimately 
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benefitted from genotype-target matching has been consistently small, raising con-
cerns on the low cost to benefit ratio of this strategy [4].

 The Current Landscape of Large Scale Genomics Based Data 
Research in HNSCC

Squamous cell carcinoma of the head and neck (HNSCC) represents the sixth most 
common cancer worldwide. Risk factors include smoking, alcohol and infection 
with high risk types of human papillomavirus (HPV) [5]. The main treatment 
modalities include surgery, radiation and chemotherapy, although survival benefit is 
modest in the advanced setting. Until recently therapeutic options for recurrent or 
metastatic, platinum resistant HNSCC have been limited, however the emergence of 
immuno-oncology in this setting has been a welcome addition to the treatment 
armamentarium for these patients [6, 7]. This has been accompanied by an epide-
miological shift, with reduced smoking rates resulting in decreased rates of HPV 
negative (−) cancers in some countries, whereas others are reporting increasing 
rates of the biologically distinct, more prognostically favorable HPV-associated (+) 
HNSCC [8–10]. Despite these seemingly advantageous epidemiological and man-
agement shifts, survival rates of high risk locoregionally advanced disease, as well 
as recurrent or metastatic disease, remain poor. As such it is imperative to further 
elucidate the molecular pathogenesis of these malignancies, which may facilitate 
attempts in developing a more tailored, patient specific treatment approach to 
improve outcomes in patients with advanced HNSCC.

It has become increasingly recognised that HNSCCs are comprised of distinct 
molecular subtypes [11]. While the development of targeted therapies has been met 
with success in various malignancies, the diversity of genetic aberrations, the het-
erogeneous mutational spectrum, and the lack of actionability of the majority of 
genomic-based alterations observed in HNSCC make a precision-medicine based 
approach particularly challenging. In an effort to identify further actionable targets, 
concentrated efforts have been made to provide comprehensive multi-platform, 
genome wide profiling studies to annotate molecular aberrations in a wide variety of 
malignancies including HNSCC.

Initial attempts at exploring and curating the etiology and landscape of mutations 
in human cancer resulted in the development of the Catalogue Of Somatic Mutations 
In Cancer (COSMIC) (https://cancer.sanger.ac.uk) in 2004. COSMIC includes all 
the genetic mechanisms by which somatic mutations promote cancer, including 
coding and non-coding mutations, gene fusions, copy-number variants and drug- 
resistance mutations [12]. More recently scientific innovation has enabled big data 
analytics; whole exome capture and massive parallel sequencing of cancer genomes 
have further augmented our understanding of the mutational landscape of 
HNSCC. The first reports of whole exome sequencing of HNSCC were published in 
2011, which provided a glimpse into the extensive network of molecular changes 
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underlying HNSCC [13, 14]. These studies demonstrated a mutation rate consistent 
with that seen in other smoking-related malignancies, and identified the six most 
frequently mutated genes that may potentially encode key signaling molecules for 
HNSCC tumorigenesis: TP53, NOTCH1, CDKN2A, PIK3CA, HRAS, and PTEN 
genes. The true significance of these early studies however was in the validation of 
large-scale sequencing in exposing fundamental tumorigenic mechanisms.

In 2015 The Cancer Genome Atlas (TCGA) then became the catalyst for system-
atic characterization of diverse genomic alterations underlying human malignan-
cies, which now represents the most comprehensive integrative genomic analysis of 
HNSCC. TCGA has yielded numerous novel biological insights, and has had a pro-
found impact on how cancer genomics is now conducted. It utilises a collaborative 
approach to harmonize data and standardize analyses with the ultimate aim of 
enhancing our knowledge of cancer biology and pathogenesis. TCGA has profiled 
500 HNSCC tumors, and has aided in further characterizing the groups of genes 
implicated in its pathogenesis, such as genes important for cell survival and prolif-
eration (TP53, HRAS, EGFR, and PIK3CA), cell-cycle control (CDKN2A and 
CCND1), cellular differentiation (NOTCH1), adhesion and invasion signaling 
(FAT1) [13–15].

Analyses from the first 279 patients reported copy number alterations (CNAs) 
including losses of 3p and 8p, and gains of 3q, 5p and 8q chromosomal regions 
resembling squamous cell carcinomas of the lung [16]. The amplification of 3q26/28 
region containing squamous lineage transcription factors, TP63 and SOX2; and 
PIK3CA oncogene is seen in both HPV subtypes, but more frequently in the HPV(+) 
subtype [17, 18]. HPV(+) tumors were distinguished by novel recurrent deletions 
and truncating mutations of TNF receptor-associated factor 3 (TRAF3), the loss of 
which promotes aberrant NF-κB signaling [19]. In addition, focal amplification of 
E2F1 and an intact 9p21.3 region containing the CDKN2A gene were seen. This 
latter region is commonly deleted in HPV(−) tumors, which also feature co- 
amplifications of regions containing genes implicated in cell death/NF-κB and 
Hippo pathways such as 11q13, containing CCND1, FADD and CTTN, and 11q22 
containing BIRC2 and YAP1. Recurrent focal amplifications in receptor tyrosine 
kinases (EGFR, ERBB2 and FGFR1) also predominate in HPV(−) tumors. However, 
a potential limitation in the TCGA data is that most of the sequenced tumors were 
acquired from early-stage surgical samples, while samples of recurrent/metastatic 
disease were underrepresented. The latter would likely reveal distinct genetic pro-
files due to various phenomena including clonal evolution and treatment selection 
pressures, thus TCGA data may not entirely inform the biological drivers of recur-
rent and metastatic HNSCC in which most novel targeted agents are currently being 
tested. Moreover most studies also included only a small number of HPV(+) cases, 
and many were conducted in heterogeneous patient populations without detailed 
clinical annotation; as such they may lack the power to determine prognostic and 
predictive value of genetic alterations identified [18].

An emerging knowledgebase in the current genomic era is the coordinated acqui-
sition and examination of data derived from real world NGS initiatives. The AACR’s 
Project GENIE is another collaborative, international effort aimed at integrating 
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large scale cancer genomic data and clinical outcomes obtained from participating 
institutions in the real world setting [3]. To date, the AACR GENIE dataset includes 
nearly 80,000 de-identified genomic records collected from patients treated at each 
of the consortium’s participating institutions, which are then made available to the 
global scientific community. The combined dataset now includes data for 80 major 
cancer types including samples from approximately 1300 patients with HNSCC, 
and almost 40% represent those collected in the metastatic disease setting. The rela-
tive frequencies of the most common somatic mutations in each of the aforemen-
tioned databases are quite similar. Some of the frequently mutated genes have 
matching targeted therapies that may be used to treat HNSCC cases with specific 
aberrations, generally under the auspice of clinical trials (Fig. 24.1) [3, 20–22].

 Biomarker-Based Treatment Strategies

The above mentioned data-sharing platforms have profoundly promoted transla-
tional and clinical discovery, providing the impetus for the development of novel 
therapeutic targets, design of new biomarker-driven clinical trials, and offering a 
deeper understanding of patient response to therapy. As an increasing number of 
genetic alterations are identified, one pivotal challenge has been the difficulty 
matching effective drugs to genomic profiles. Potential targets include driver onco-
genes such as PIK3CA, of which genomic alterations are associated with both 
HPV(+) (56%) and HPV(−) (34%) HNSCC cases [23, 24]. Several trials exploring 
agents that target the PI3K pathway in patients with HNSCC have been largely dis-
appointing, however notable exceptions include combination studies of apelisib 
(BYL719), a PI3K class I α isoform inhibitor, co-administered with cetuximab; and 

Fig. 24.1 The list of common mutations identified in head and neck squamous cell carcinoma in 
The Cancer Genome Atlas and the frequency of each mutation to date in samples catalogued in the 
AACR GENIE (American Association for Cancer Research-Genomics Evidence Neoplasia 
Information Exchange) database. Courtesy of AACR GENIE [3] via cBioPortal [21, 22]
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buparlisib, a pan-PI3K inhibitor, co-administered with paclitaxel, where some sig-
nals of activity have been observed in early studies [23, 25–27].

The value of DNA-based biomarkers has already demonstrated clinical utility in 
cancer therapeutics, with many key examples such as anti-HER2 therapies for 
HER2 amplified breast cancer and EGFR inhibitors for EGFR mutated NSCLC [28, 
29]. To date there have been few biomarker-driven trials dedicated to HNSCC. Beyond 
PIK3CA, actionable mutations in other oncogenic driver genes in HNSCC such as 
ERBB, FGFR, and MET are relatively rare, making it challenging to conduct bio-
marker directed clinical trials. The EORTC 1559 study (NCT03088059) sought to 
address this, and is the first international umbrella biomarker-driven study imple-
mented for patients with recurrent and/or metastatic HNSCC [30]. EORTC 1559 
(UPSTREAM) attempts to better ascertain upfront the patients who will benefit 
from a specific treatment, by investigating the activity of immunotherapy or tar-
geted agents in tumors harboring a pre-defined biomarker(s). NGS is carried out to 
identify somatic mutations and copy number alterations with a custom panel that 
included 13 oncogenes and tumor suppressor genes (EGFR, HER2, TP53, PIK3CA, 
CCND1, NRAS, KRAS, HRAS, PTEN, FGFR1, FGFR2, FGFR3, and cMET). The 
analysis also includes p16 and PTEN expression by immunohistochemistry [31]. 
Based on the molecular aberrations identified and a pre-defined algorithm, patients 
were allocated to different treatment cohorts including afatinib, palbociclib, nirapa-
rib and entrectinib. Patients not eligible for these biomarker-driven cohorts were 
included in one of the immunotherapy cohorts (monalizumab monotherapy or mon-
alizumab plus durvalumab) [30]. The UPSTREAM study design is dynamic and 
allows new treatment arms that target other important genetic aberrations, such as 
PIK3CA and HRAS, to be added through protocol amendments. Of note recent 
phase II data evaluating the efficacy of the farnesyl transferase inhibitor tipifarnib in 
patients with recurrent and metastatic HRAS-mutant HNSCC reported objective 
responses, and thus further investigation in this malignancy is warranted 
(NCT02383927) [32].

 Innovative Clinical Trial Designs

Despite the development and implementation of innovative, precision medicine 
clinical trial design strategies such as the EORTC 1559 trial described above, to date 
these trials have largely been centred on molecular matching strategies with pre- 
determined monotherapies [33–40]. Limitations of this approach include low 
matching rates, possibly due to limited gene panels, restrictive matching algorithms, 
non-targeting of co-existing resistance aberrations and lack of drug availability [41]. 
As such combination strategies have begun to be explored in this setting. Traditionally 
combination strategies have often been employed to induce a synergistic effect and 
enhance the anti-tumor activity of therapeutic agents, and impede the development 
of resistance. This approach has been met with some success already, using the 
aforementioned PI3K inhibitors in combination with both paclitaxel and cetuximab. 
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Another example is the combination of palbociclib, a cyclin-dependent kinase 4 and 
6 (CDK4/6) inhibitor that is associated with objective responses in HPV (−) HNSCC 
patients when combined with cetuximab [42]. To further explore the customization 
and personalization of multidrug combination regimens, the I-PREDICT study 
(NCT02534675) was designed for patients with refractory malignancies [43]. This 
multi-institutional prospective study utilised tumor DNA sequencing and relied on 
timely recommendations from a molecular tumor board to provide personalized 
treatment decisions with combination therapies. The feasibility of this approach was 
demonstrated with 49% of consented patients receiving individualized combination 
treatment. Strategies to design clinical trials that test personalized combination regi-
mens in HNSCC are needed.

While the evolution of NGS has augmented the identification of potentially 
actionable molecular variants, it has become increasingly recognised that these 
patients may be treated with drugs outside of their approved label indications, and 
outcomes after employing these targeted therapies may not be systematically col-
lated and shared. The Drug Rediscovery Protocol (DRUP) was implemented to 
address this shortcoming, with the goal of identifying signals of response in patients 
with defined tumor types and molecular variants, who are being treated with anti- 
cancer drugs outside of their approved label [44]. The study reported an overall rate 
of clinical benefit (defined as complete or partial response, or as stable disease 
beyond 16  weeks) of 34% in 215 treated patients, comprising 136 patients who 
received targeted therapies and 79 patients who received immunotherapy. The over-
all median duration of clinical benefit was 9 months (95% confidence interval of 
8–11 months), including 26 patients who were experiencing ongoing clinical ben-
efit at data cut-off [44]. This trial again demonstrated feasibility of multidrug preci-
sion oncology trials, and facilitated the defined use of approved drugs beyond their 
labels in rare subgroups of cancer.

Similarly, the Targeted Agent and Profiling Utilization Registry (TAPUR) 
(NCT02693535) study, led by ASCO, was also designed to describe efficacy and 
toxicity of commercially available, targeted anti-cancer drugs prescribed for treat-
ment of patients whose tumors have a genomic variant known to be a drug target, or 
to predict sensitivity to a drug [45, 46]. Patients were matched into multiple parallel 
cohorts defined by tumor type, genomic alteration, and drug. Examples of drug 
targets and respective treatment arm include MET (Crizotinib), CDKN2A (2 arms – 
palbociclib and abemaciclib) and ERBB2 (trastuzumab and pertuzumab). The 
Canadian Profiling and Targeted Agent Utilization Trial (CAPTUR) (NCT03297606) 
is a Canadian Cancer Trials Group led study that leverages existing clinical genomic 
profiling platforms, and also aims to test the activity of commercially available tar-
geted agents in patients with advanced cancers with ‘druggable’ mutations [47]. 
Cohorts are again defined by tumor type, genomic alteration and matched drug 
treatment. Examples of those with potential relevance to HNSCC include MET 
(crizotinib), EGFR (erlotinib), CDKN2A/CDK4 (palbociclib), FGFR (sunitinib), 
PIK3CA (temsirolimus) and ERBB2 (trastuzumab and pertuzumab).

An innovative development in the pursuit to identify druggable targets involves 
functional testing, such as small interfering RNA (SiRNA) and drug libraries on 
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patient derived cell cultures [48]. siRNAs may be used as tools to study single gene 
function both in vivo and in vitro and represent an attractive new class of therapeu-
tics, particularly against undruggable targets. Xu et al. recently performed compre-
hensive genomic analyses together with genome-scale siRNA using low-passage 
tumor cells derived from a patient with treatment-resistant HPV (−) HNSCC. While 
genomic analysis revealed a heterogeneous mutational profile typical for HPV (−) 
HNSCC, no drug targets were identified. In contrast, siRNA profiling identified 391 
candidate target genes, 35 of which were preferentially lethal to cancer cells. Further 
studies are warranted but functional profiling may potentially become a useful 
adjunct to DNA sequencing to guide the therapeutic decision making process for 
precision oncology.

 Adapting to the Evolution of Cancer

For precision medicine to be truly efficacious, it is necessary to recognize and adapt 
to the evolution of cancer. As discussed this has become an attainable goal due to 
advances in our ability to comprehensively examine tumor derived material, coupled 
with the development of increasingly sensitive assays and massive parallel sequenc-
ing technologies to detect and analyse cancer specific analytes and their alterations. 
This has paved the way for the introduction of liquid biopsies, a minimally invasive 
method designed to assess circulating tumor (ct) DNA, which has received consider-
able attention as a potential biomarker and surrogate for tissue biopsy [49, 50]. The 
evaluation of ctDNA is a powerful tool that can be used to longitudinally inform on 
the real time presence or absence of cancer, compared to a tissue biopsy which only 
gives a single, static snapshot in space and time. There exists several potential appli-
cations for ctDNA, for example monitoring for molecular residual disease (MRD), 
which describes the detection of cancer-derived molecular biomarkers when the can-
cer may be radiologically occult (Fig.  24.2). Other examples include early 
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assessment of treatment response and further informing on the mechanisms of 
response or resistance to personalize treatment strategies [50, 51].

It is important to recognize however, that many factors have the potential to influ-
ence the abundance and detectability of ctDNA in cancer patients. At diagnosis, 
anywhere from > 90% to < 0.1% of plasma DNA is tumor-derived [52]. Tumor type 
and location influence ctDNA levels, as do prior treatments; other potential con-
founders such as demographic, comorbidity and environmental factors are less well 
characterized [51]. Furthermore, ctDNA has a short half-life (of around 1 h) and its 
kinetics can be complex, thus the timing of blood collection is also significant in 
order to ensure accurate interpretation of results.

 Monitoring in Minimal Residual Disease (MRD)

One of the most appealing clinical applications of ctDNA is to detect cancer recur-
rence in the MRD setting after definitive local or locoregional therapy, as it offers 
the opportunity to initiate salvage therapy early (if available), eradicate micrometa-
static disease and maximize cure. Observational studies correlating the presence of 
ctDNA or specific genomic aberrations with disease outcome have shown a prog-
nostic role across multiple tumor types, with positive ctDNA status typically pre-
ceding the occurrence of clinical relapse by a few months [53]. In addition to 
somatic alterations, other cancer-specific biomarkers that may potentially be evalu-
ated by ctDNA include mutational signatures, tumor mutational burden, tumor asso-
ciated epigenetic changes and methylation patterns, and viral sequencing (Fig. 24.2) 
[50]. This has been coupled with the development and maturation of technologies 
and their associated platforms designed to facilitate this evaluation, such as NGS, 
Digital-PCR, Real-time PCR and mass spectrometry. Wang et al. previously demon-
strated feasibility of this approach in HNSCC patients, detecting tumor DNA in 
postsurgical patients months before the onset of clinical recurrence [54]. More 
recently ct HPV DNA was longitudinally monitored in patients with HPV associ-
ated oropharyngeal cancer post treatment with curative intent to explore its role as 
a potential biomarker in detecting recurrence, and demonstrated high positive and 
negative predictive values as a post treatment surveillance strategy [55].

 Selecting Patients for Personalized Treatment

In addition to the above applications, ctDNA offers insight into genomic changes in 
the tumor that may guide therapeutic decisions. ctDNA data generated using high- 
throughput NGS panels can provide value by directly identifying known or new 
actionable mutations for genotype–drug matching. For example, ctDNA has been 
incorporated into standard of care as a less invasive alternative to tissue biopsy for 
detecting the T790  M mutation in EGFR mutant NSCLC patients who are 
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progressing on first-generation tyrosine kinase inhibitors [56]. The B-FAST trial is 
a phase 2/3 multicentre multi-cohort study evaluating the safety and efficacy of 
targeted therapies or immunotherapy as single agents, or in combination, in partici-
pants with unresectable, advanced or metastatic NSCLC (NCT03178552). Patients 
were enrolled into four specific molecularly defined treatment cohorts based on 
identification of genetic alterations using only blood-based NGS [57]. Studies simi-
lar to the B-FAST design can be extrapolated to HNSCC to enable precision medi-
cine evaluation using ctDNA as a minimally invasive tool.

 Prediction of Treatment Outcome

Early changes in ctDNA dynamics after treatment can inform on therapeutic effi-
cacy, as demonstrated in a retrospective analysis of samples from the phase III 
PALOMA-3 trial in advanced estrogen-receptor-positive breast cancer. A decline in 
PIK3CA ctDNA levels compared to baseline after 15 days of treatment with palbo-
ciclib and fulvestrant was predictive of progression-free survival [58].

The incorporation of ctDNA into clinical trials of immune checkpoint blockade 
enables the evaluation of its role as a predictive biomarker. The INSPIRE trial 
(NCT02644369) is a pan-cancer study which collected tumor and ctDNA samples 
to correlate with clinical outcome in patients treated with pembrolizumab [59]. A 
bespoke ctDNA assay was used, whereby 16 patient-specific somatic variants were 
identified based on paired pre-treatment normal-tumor whole exome sequencing. 
Change in ctDNA, collected at about 6–7 weeks post initiation of pembrolizumab, 
compared to baseline, was strongly associated with clinical efficacy parameters 
including objective response, progression-free survival and overall survival in this 
study [60]. The dynamics of ctDNA may be leveraged to select out patients, includ-
ing those with HNSCC, who are most likely to benefit from immune checkpoint 
blockade.

 Moving Beyond Genomics in HNSCC

Over the last several years, the increasing recognition of the complexity and molec-
ular diversity of HNSCC has been coupled with the development and expansion of 
additional high throughput ‘omics’ technologies, such as epigenomics, transcrip-
tomics, proteomics, metabolomics and shotgun metagenomics. These single level 
omics approaches may individually shed further light on epigenetic alterations, or 
molecular subtyping of HNSCC tumors based on protein expression, however they 
are limited in their ability to fully portray the relationship between molecular signa-
tures and the phenotypic manifestation of the hallmarks of cancer [61–64]. 
Ultimately, by integrating these biomedical frameworks and developing multi-omics 
approaches there exists an opportunity to further expose the intricate molecular 

24 Innovation and Advances in Precision Medicine in Head and Neck Cancer



364

mechanisms underlying HNSCC phenotypic manifestations, and may potentially 
offer predictive and prognostic value.

 Transcriptomics

Transcriptomics is perhaps the most advanced novel omics approach beyond genom-
ics, with techniques such as RNA sequencing (RNA-seq) developed to detect and 
quantify all RNA transcripts including messenger RNA (mRNA), long noncoding 
transcripts (LncRNAs) and microRNAs. This has enabled careful scrutinization of 
their expression profiles and assessment of the impact of their alterations, which may 
aid in disease classification and progression. In contrast to the static genome, the 
transcriptome exhibits dynamic changes depending on cellular, environmental, extra-
cellular, and developmental stimuli [64]. The increasing interest to perform transcrip-
tomic profiling to further delineate therapeutic targets is exemplified by the 
WINTHER trial (NCT01856296) [65]. This was a collaborative international preci-
sion medicine study involving investigators from five countries that prospectively 
matched patients to therapy according to either DNA-guided NGS or transcriptional 
analysis, specifically comparing tumor to matched normal tissue. This study success-
fully guided 35% of patients (n = 107) (69 patients DNA guided (64.5%) and 38 
patients RNA guided (35.5%)) with refractory cancers to a therapeutic agent and 
demonstrated the utility of transcriptomics in exposing otherwise unspecified ave-
nues of therapy. Overall efficacy between transcriptome-matched drugs and genotype- 
matched drugs was similar with response rates ranging between 20 and 30%.

 Epigenomics

Epigenomics can be defined by the genome-wide identification of chemical modifi-
cations such as methylation and acetylation of DNA and/or DNA-binding histone 
proteins. Alterations in epigenetic mechanisms have been implicated in numerous 
malignancies including HNSCC, and represent an active area of research [66, 67]. 
Epigenetic changes have been recognised as fundamental mechanisms for carcino-
genesis, and may have a role in early detection, treatment, and prognostic assess-
ment for the cancer patients [66–72]. DNA methylation has become an increasingly 
attractive diagnostic biomarker that can be measured and evaluated with ctDNA.

 Metabolomics

The field of metabolomics has garnered increasing attention in recent years, and 
there has been renewed interest in its role as a potential modulator of cancer 

G. A. Watson et al.



365

metabolism, which may further inform on phenotype [73]. Metabolomics is centred 
on the study of a metabolite within a system, and the levels of various metabolites 
can reveal an exclusive ‘fingerprint’ specific to that individual, providing informa-
tion on the effect of gene/post-transcriptional regulation and altered pathway inter-
actions [74]. Several studies have reported the role of tumor metabolism in cancer 
development and therapeutic response and resistance, and recently the role of gly-
colysis has come to the forefront [75–77]. Jiang et al. recently reported glycolytic 
activity was likely correlated with active immune signatures in various cancers, and 
highly glycolytic tumors presented an immune-stimulatory tumor microenviron-
ment [78]. They found that glycolytic activity enhances PD-L1 expression on tumor 
cells and promotes anti-PD-1/PD-L1 immunotherapy response, suggesting a role as 
a potential predictive biomarker. Further, Cascone et al. identified tumor glycolysis 
as a pathway associated with immune resistance in melanoma [75]. In addition, new 
efforts have focused on identifying tumor-specific metabolite profiles including in 
HNSCC using different biological sample types and a variety of novel metabolomic 
platforms and technologies [79]. For example, the salivary metabolite profile has 
recently been shaped by the emerging knowledge of oral host–microbiome 
interactions.

 Microbiome

The human body, particularly the oral cavity and gut, is host to rich and taxonomi-
cally diverse multi-species microbial communities. The microbiota typically exists 
in a symbiotic relationship with the host, regulating immune function and providing 
protection from pathogens. Disturbances in this intricate relationship, referred to as 
dysbiosis, often as a result of poor oral health or antibiotic use, may alter the com-
munity composition and induce inflammatory reactions, DNA damage and apopto-
sis. This results in altered metabolism and has subsequently been implicated in the 
pathogenesis of various malignancies including HNSCC [79–83]. In these patients 
chemoradiotherapy has recently been implicated in dysbiosis, where increases of 
potentially pathogenic species were found in patients with locally advanced oropha-
ryngeal cancer [84]. Retrospective cohort studies have demonstrated varying micro-
biota composition in the saliva of HNSCC patients compared with healthy controls, 
while the presence of specific strains of bacteria has been associated with reduced 
risk of developing HNSCC [83, 85–88]. In the immuno-oncology setting differ-
ences in species population have been reported in both responders and non- 
responders. For example in melanoma patients whose baseline microbiota was 
enriched with Faecalibacterium genus and other Firmicutes showed a longer PFS 
and OS than those whose baseline microbiota was enriched with Bacteroides upon 
ipilimumab treatment [89]. Recent studies have also suggested that the immune 
microbiome plays a role in the development of toxicity [89–92]. Taken together the 
presence of specific bacterial strains may have the ability to modulate cancer pro-
gression and impact therapeutics [93]. As such metagenomic profiling and whole 
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genome shotgun sequencing of these microbial communities have become yet 
another increasingly attractive area of cancer research and precision medicine. 
Attempts to manipulate the gut microbiota to modulate the host immune response 
and further elucidate the mechanisms of response and toxicity are ongoing 
(NCT03686202, NCT03838601).

 Artificial Intelligence/Radiomics

The field of artificial intelligence (AI) is also evolving and being incorporated into 
the clinical arena, particularly pertaining to the increasing use of immunotherapeu-
tic agents and in the context of radiation therapy. Machine learning (ML) is an AI 
tool that can process enormous amounts of imported data, enabling classification 
with predictive capabilities, uncovering patterns that can predict outcomes with a 
high degree of accuracy. It has potential roles in cancer screening, diagnostics and 
prognostication; with a recent report demonstrating its ability to predict genotypes 
associated with poor prognosis in patients with lung cancer [94]. AI is also becom-
ing an important decision support tool in the management of radiation oncology 
complications. Recently computational modelling has been shown to accurately 
predict two of the most challenging side effects associated with radiation therapy 
for head and neck cancer patients; weight loss and the need for feeding tube place-
ment [95]. This AI precision oncology approach may thus have the potential to bet-
ter identify patients who might benefit from early supportive interventions.

In HNSCC, radiomic efforts are currently concentrated on pathological classifi-
cation and risk stratification of disease, aiming to prognosticate survival and predict 
response to treatment [96]. Several studies have demonstrated the potential in iden-
tifying clinically relevant molecular phenotypes such as HPV status, and the ability 
to determine histological diagnosis and stage of disease [96–99]. Models combining 
radiomic and clinical features have shown better accuracy in determining locore-
gional control and lymph node failure than either parameter independently, in both 
CT and MRI based studies [100–102]. In a study by Aerts et al., radiomic analysis 
of independent data sets from 1019 head and neck and lung cancer patients revealed 
a prognostic radiomic signature that was associated with intratumoral heterogene-
ity. This non-invasive, low-cost technique provides an opportunity for prognostic 
stratification of patients that may help guide treatment choice [103]. Quantitative 
analyses of available CT images of head and neck cancer patients have revealed a 
pattern of radiomic signatures that could be used to predict patterns of response and 
resistance to immune checkpoint inhibitors [104]. A retrospective radiomic response 
evaluation of recurrent/metastatic HNSCC patients treated with pembrolizumab 
within the KEYNOTE-012 study is ongoing, with tumor and peritumoral features of 
target lesions at baseline aiming to predict lesional level and overall response [105]. 
Successful modelling would allow for improved patient selection, increasing likeli-
hood of response and reducing unnecessary toxicity and cost.
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Although very much in its infancy, radiomics is a non-invasive ‘omic’ area that 
complements the advancement towards personalized cancer medicine. The limita-
tions at this stage include heterogeneity in study methodology and statistical model-
ling, leading to challenges in comparison, reproducibility and validation of results 
[106]. As such the role in precision oncology remains uncertain and will require 
significant safeguards in place to reduce biases and allow meaningful translation 
into the clinic [107].

 Conclusion

It is evident there has been tremendous advances in precision oncology in head and 
neck cancer in recent years. While this has largely been led by the field of cancer 
genomics, the increasing design and incorporation of innovative methodology and 
technology will continue to broaden the therapeutic scope for these patients. 
Increased understanding of the tumor microenvironment and host immunity will 
also advance precision immuno-oncology and the development of rational combi-
nation strategies. Despite these advances, sustained scientific collaboration remains 
paramount to realise the goal of precision medicine in HNSCC patients.

Acknowledgements The authors would like to acknowledge the American Association for 
Cancer Research and its financial and material support in the development of the AACR Project 
GENIE registry, as well as members of the consortium for their commitment to data sharing. 
Interpretations are the responsibility of study authors.

References

 1. Yates LR, Seoane J, Le Tourneau C, Siu LL, Marais R, Michiels S, et al. The European Society 
for Medical Oncology (ESMO) precision medicine glossary. Ann Oncol. 2018;29(1):30–5.

 2. Schilsky RL, Michels DL, Kearbey AH, Yu PP, Hudis CA.  Building a rapid learning 
health care system for oncology: the regulatory framework of CancerLinQ.  J Clin Oncol. 
2014;32(22):2373–9.

 3. Consortium APG. AACR Project GENIE: powering precision medicine through an interna-
tional consortium. Cancer Discov. 2017;7(8):818–31.

 4. Tannock IF, Hickman JA. Molecular screening to select therapy for advanced cancer? Ann 
Oncol. 2019;30(5):661–3.

 5. Shaw R, Beasley N. Aetiology and risk factors for head and neck cancer: United Kingdom 
national multidisciplinary guidelines. J Laryngol Otol. 2016;130(S2):S9–S12.

 6. Ferris RL, Blumenschein G Jr, Fayette J, Guigay J, Colevas AD, Licitra L, et al. Nivolumab for 
recurrent squamous-cell carcinoma of the head and neck. N Engl J Med. 2016;375(19):1856–67.

 7. Burtness B, Harrington KJ, Greil R, Soulières D, Tahara M, De Castro G, et  al. LBA8_
PRKEYNOTE- 048: phase III study of first-line pembrolizumab (P) for recurrent/metastatic 
head and neck squamous cell carcinoma (R/M HNSCC). Ann Oncol. 2018;29(Suppl 8).

 8. Chaturvedi AK, Engels EA, Pfeiffer RM, Hernandez BY, Xiao W, Kim E, et al. Human pap-
illomavirus and rising oropharyngeal cancer incidence in the United States. J Clin Oncol. 
2011;29(32):4294–301.

24 Innovation and Advances in Precision Medicine in Head and Neck Cancer



368

 9. Ang KK, Harris J, Wheeler R, Weber R, Rosenthal DI, Nguyen-Tan PF, et al. Human papillo-
mavirus and survival of patients with oropharyngeal cancer. N Engl J Med. 2010;363(1):24–35.

 10. Marur S, D’Souza G, Westra WH, Forastiere AA. HPV-associated head and neck cancer: a 
virus-related cancer epidemic. Lancet Oncol. 2010;11(8):781–9.

 11. Loyo M, Li RJ, Bettegowda C, Pickering CR, Frederick MJ, Myers JN, et al. Lessons learned 
from next-generation sequencing in head and neck cancer. Head Neck. 2013;35(3):454–63.

 12. Tate JG, Bamford S, Jubb HC, Sondka Z, Beare DM, Bindal N, et al. COSMIC: the catalogue 
of somatic mutations in cancer. Nucleic Acids Res. 2019;47(D1):D941–D7.

 13. Stransky N, Egloff AM, Tward AD, Kostic AD, Cibulskis K, Sivachenko A, et al. The mutational 
landscape of head and neck squamous cell carcinoma. Science. 2011;333(6046):1157–60.

 14. Agrawal N, Frederick MJ, Pickering CR, Bettegowda C, Chang K, Li RJ, et al. Exome sequenc-
ing of head and neck squamous cell carcinoma reveals inactivating mutations in NOTCH1. 
Science. 2011;333(6046):1154–7.

 15. Cancer Genome Atlas N. Comprehensive genomic characterization of head and neck squa-
mous cell carcinomas. Nature. 2015;517(7536):576–82.

 16. Hammerman PS, Lawrence MS, Voet D, Jing R, Cibulskis K, Sivachenko A, et al. Comprehensive 
genomic characterization of squamous cell lung cancers. Nature. 2012;489(7417):519–25.

 17. Network CGA. Comprehensive genomic characterization of head and neck squamous cell car-
cinomas. Nature. 2015;517(7536):576–82.

 18. Aung KL, Siu LL. Genomically personalized therapy in head and neck cancer. Cancers Head 
Neck. 2016;1:2.

 19. Ni CZ, Welsh K, Leo E, Chiou CK, Wu H, Reed JC, et al. Molecular basis for CD40 signaling 
mediated by TRAF3. Proc Natl Acad Sci USA. 2000;97(19):10395–9.

 20. Malone E, Siu LL. Precision medicine in head and neck cancer: myth or reality? Clin Med 
Insights Oncol. 2018;12:1179554918779581.

 21. Gao J, Aksoy BA, Dogrusoz U, Dresdner G, Gross B, Sumer SO, et  al. Integrative analy-
sis of complex cancer genomics and clinical profiles using the cBioPortal. Sci Signal. 
2013;6(269):pl1.

 22. Cerami E, Gao J, Dogrusoz U, Gross BE, Sumer SO, Aksoy BA, et al. The cBio cancer genom-
ics portal: an open platform for exploring multidimensional cancer genomics data. Cancer 
Discov. 2012;2(5):401–4.

 23. Garcia-Escudero R, Segrelles C, Duenas M, Pombo M, Ballestin C, Alonso-Riano M, et al. 
Overexpression of PIK3CA in head and neck squamous cell carcinoma is associated with poor 
outcome and activation of the YAP pathway. Oral Oncol. 2018;79:55–63.

 24. Jung K, Kang H, Mehra R.  Targeting phosphoinositide 3-kinase (PI3K) in head and neck 
squamous cell carcinoma (HNSCC). Cancers Head Neck. 2018;3:3.

 25. Cai Y, Dodhia S, Su GH. Dysregulations in the PI3K pathway and targeted therapies for head 
and neck squamous cell carcinoma. Oncotarget. 2017;8(13):22203–17.

 26. Razak ARA, Ahn M-J, Yen C-J, Solomon BJ, Lee S-H, Wang H-M, et al. Phase lb/ll study of 
the PI3Kα inhibitor BYL719 in combination with cetuximab in recurrent/metastatic squamous 
cell cancer of the head and neck (SCCHN). J Clin Oncol. 2014;32(Suppl 15):6044.

 27. Soulieres D, Faivre S, Mesia R, Remenar E, Li SH, Karpenko A, et al. Buparlisib and pacli-
taxel in patients with platinum-pretreated recurrent or metastatic squamous cell carcinoma of 
the head and neck (BERIL-1): a randomised, double-blind, placebo-controlled phase 2 trial. 
Lancet Oncol. 2017;18(3):323–35.

 28. Slamon DJ, Leyland-Jones B, Shak S, Fuchs H, Paton V, Bajamonde A, et al. Use of chemo-
therapy plus a monoclonal antibody against HER2 for metastatic breast cancer that overex-
presses HER2. N Engl J Med. 2001;344(11):783–92.

 29. Mok TS, Wu YL, Thongprasert S, Yang CH, Chu DT, Saijo N, et al. Gefitinib or carboplatin- 
paclitaxel in pulmonary adenocarcinoma. N Engl J Med. 2009;361(10):947–57.

 30. Galot R, Le Tourneau C, Guigay J, Licitra L, Tinhofer I, Kong A, et al. Personalized biomarker- 
based treatment strategy for patients with squamous cell carcinoma of the head and neck: 
EORTC position and approach. Ann Oncol. 2018;29(12):2313–27.

G. A. Watson et al.



369

 31. Cohen EEW, Licitra LF, Burtness B, Fayette J, Gauler T, Clement PM, et al. Biomarkers pre-
dict enhanced clinical outcomes with afatinib versus methotrexate in patients with second- line 
recurrent and/or metastatic head and neck cancer. Ann Oncol. 2017;28(10):2526–32.

 32. Ho A, Brana I, Haddad R, Bauman J, Bible K, Faugeras L, et al. Abstract PR08: Preliminary 
results from a phase 2 trial of tipifarnib in squamous cell carcinomas (SCCs) with HRAS 
mutations. Mol Cancer Therap. 2019;18(Suppl 12):PR08-PR.

 33. Hoff DDV, Stephenson JJ, Rosen P, Loesch DM, Borad MJ, Anthony S, et al. Pilot study using 
molecular profiling of patients’ tumors to find potential targets and select treatments for their 
refractory cancers. J Clin Oncol. 2010;28(33):4877–83.

 34. Tsimberidou A-M, Iskander NG, Hong DS, Wheler JJ, Falchook GS, Fu S, et al. Personalized 
medicine in a phase I clinical trials program: the MD Anderson Cancer Center Initiative. Clin 
Cancer Res. 2012;18(22):6373–83.

 35. Schwaederle M, Parker BA, Schwab RB, Daniels GA, Piccioni DE, Kesari S, et al. Precision 
oncology: the UC San Diego Moores Cancer Center PREDICT experience. Mol Cancer Ther. 
2016;15(4):743–52.

 36. Le Tourneau C, Delord JP, Goncalves A, Gavoille C, Dubot C, Isambert N, et al. Molecularly 
targeted therapy based on tumour molecular profiling versus conventional therapy for advanced 
cancer (SHIVA): a multicentre, open-label, proof-of-concept, randomised, controlled phase 2 
trial. Lancet Oncol. 2015;16(13):1324–34.

 37. Wheler JJ, Janku F, Naing A, Li Y, Stephen B, Zinner R, et al. Cancer therapy directed by 
comprehensive genomic profiling: a single center study. Cancer Res. 2016;76(13):3690–701.

 38. Chen AP, Williams M, Kummar S, Lih C-J, Datta V, Polley E, et al. Feasibility of molecular 
profiling based assignment of cancer treatment (MPACT): a randomized NCI precision medi-
cine study. J Clin Oncol. 2016;34(Suppl 15):2539.

 39. Tsimberidou A-M, Hong DS, Ye Y, Cartwright C, Wheler JJ, Falchook GS, et al. Initiative 
for molecular profiling and advanced Cancer therapy (IMPACT): an MD Anderson precision 
medicine study. JCO Precis Oncol. 2017;1:1–18.

 40. Massard C, Michiels S, Ferté C, Le Deley M-C, Lacroix L, Hollebecque A, et  al. High- 
throughput genomics and clinical outcome in hard-to-treat advanced cancers: results of the 
MOSCATO 01 trial. Cancer Discov. 2017;7(6):586–95.

 41. Prasad V. Perspective: the precision-oncology illusion. Nature. 2016;537(7619):S63-S.
 42. Adkins D, Ley J, Neupane P, Worden F, Sacco AG, Palka K, et al. Palbociclib and cetuximab in 

platinum-resistant and in cetuximab-resistant human papillomavirus-unrelated head and neck 
cancer: a multicentre, multigroup, phase 2 trial. Lancet Oncol. 2019;20(9):1295–305.

 43. Sicklick JK, Kato S, Okamura R, Schwaederle M, Hahn ME, Williams CB, et al. Molecular 
profiling of cancer patients enables personalized combination therapy: the I-PREDICT study. 
Nat Med. 2019;25(5):744–50.

 44. van der Velden DL, Hoes LR, van der Wijngaart H, van Berge Henegouwen JM, van Werkhoven 
E, Roepman P, et al. The drug rediscovery protocol facilitates the expanded use of existing 
anticancer drugs. Nature. 2019;574(7776):127–31.

 45. Mangat PK, Halabi S, Bruinooge SS, Garrett-Mayer E, Alva A, Janeway KA, et al. Rationale 
and design of the targeted agent and profiling utilization registry (TAPUR) study. JCO Precis 
Oncol. 2018. https://doi.org/10.1200/PO.18.00122.

 46. Soldatos TG, Kaduthanam S, Jackson DB. Precision oncology-the quest for evidence. J Pers 
Med. 2019;9(3).

 47. Skamene T, Siu LL, Renouf DJ, Laskin JJ, Bedard PL, Jones SJM, et al. Canadian profiling 
and targeted agent utilization trial (CAPTUR/PM.1): a phase II basket precision medicine trial. 
J Clin Oncol. 2018;36(Suppl 15):TPS12127-TPS.

 48. Xu C, Nikolova O, Basom RS, Mitchell RM, Shaw R, Moser RD, et al. Functional precision 
medicine identifies novel druggable targets and therapeutic options in head and neck cancer. 
Clin Cancer Res. 2018.

 49. Mattox AK, Bettegowda C, Zhou S, Papadopoulos N, Kinzler KW, Vogelstein B. Applications 
of liquid biopsies for cancer. Sci Transl Med. 2019;11(507):eaay1984.

24 Innovation and Advances in Precision Medicine in Head and Neck Cancer

https://doi.org/10.1200/PO.18.00122


370

 50. Cescon DW, Bratman SV, Chan SM, Siu LL. Circulating tumor DNA and liquid biopsy in 
oncology. Nat Cancer. 2020;1(3):276–90.

 51. Araujo DV, Bratman SV, Siu LL. Designing circulating tumor DNA-based interventional clini-
cal trials in oncology. Genome Med. 2019;11(1):22.

 52. Wan JC, Massie C, Garcia-Corbacho J, Mouliere F, Brenton JD, Caldas C, et  al. Liquid 
biopsies come of age: towards implementation of circulating tumour DNA. Nat Rev Cancer. 
2017;17(4):223.

 53. Tie J, Wang Y, Tomasetti C, Li L, Springer S, Kinde I, et al. Circulating tumor DNA analysis 
detects minimal residual disease and predicts recurrence in patients with stage II colon cancer. 
Sci Transl Med. 2016;8(346):346ra92.

 54. Wang Y, Springer S, Mulvey CL, Silliman N, Schaefer J, Sausen M, et al. Detection of somatic 
mutations and HPV in the saliva and plasma of patients with head and neck squamous cell 
carcinomas. Sci Transl Med. 2015;7(293):293ra104.

 55. Chera BS, Kumar S, Shen C, Amdur R, Dagan R, Green R, et al. Plasma circulating tumor 
HPV DNA for the surveillance of cancer recurrence in HPV-associated oropharyngeal cancer. 
J Clin Oncol. 2020;JCO1902444.

 56. Rolfo C, Mack PC, Scagliotti GV, Baas P, Barlesi F, Bivona TG, et  al. Liquid biopsy for 
advanced non-small cell lung cancer (NSCLC): a statement paper from the IASLC. J Thorac 
Oncol. 2018;13(9):1248–68.

 57. Gadgeel SM, Mok TSK, Peters S, Alexander JAA, Leighl NB, Sriuranpong V, et al. Phase II/III 
blood first assay screening trial (BFAST) in patients (pts) with treatment-naïve NSCLC: Initial 
results from the ALK+ cohort. Ann Oncol 2019;30:v918.

 58. O’Leary B, Hrebien S, Morden JP, Beaney M, Fribbens C, Huang X, et al. Early circulating 
tumor DNA dynamics and clonal selection with palbociclib and fulvestrant for breast cancer. 
Nat Commun. 2018;9(1):1–10.

 59. Clouthier DL, Lien SC, Yang SYC, Nguyen LT, Manem VSK, Gray D, et al. An interim report 
on the investigator-initiated phase 2 study of pembrolizumab immunological response evalua-
tion (INSPIRE). J Immunother Cancer. 2019;7(1):72.

 60. Yang C, Iafolla MA, Dashner S, Xu W, Hansen AR, Bedard P, et al. Bespoke circulating tumor 
DNA (ctDNA) analysis as a predictive biomarker in solid tumor patients (pts) treated with 
single agent pembrolizumab (P). Ann Oncol. 2019;30:v34.

 61. Serafini MS, Lopez-Perez L, Fico G, Licitra L, De Cecco L, Resteghini C. Transcriptomics and 
epigenomics in head and neck cancer: available repositories and molecular signatures. Cancers 
Head Neck. 2020;5:2.

 62. Manzoni C, Kia DA, Vandrovcova J, Hardy J, Wood NW, Lewis PA, et al. Genome, transcrip-
tome and proteome: the rise of omics data and their integration in biomedical sciences. Brief 
Bioinform. 2018;19(2):286–302.

 63. Hasin Y, Seldin M, Lusis A. Multi-omics approaches to disease. Genome Biol. 2017;18(1):83.
 64. Chakraborty S, Hosen MI, Ahmed M, Shekhar HU. Onco-multi-OMICS approach: a new fron-

tier in cancer research. Biomed Res Int. 2018;2018:9836256.
 65. Rodon J, Soria JC, Berger R, Miller WH, Rubin E, Kugel A, et  al. Genomic and tran-

scriptomic profiling expands precision cancer medicine: the WINTHER trial. Nat Med. 
2019;25(5):751–8.

 66. Castilho RM, Squarize CH, Almeida LO. Epigenetic modifications and head and neck cancer: 
implications for tumor progression and resistance to therapy. Int J Mol Sci. 2017;18(7):1506.

 67. Gaździcka J, Gołąbek K, Strzelczyk JK, Ostrowska Z. Epigenetic modifications in head and 
neck cancer. Biochem Genet. 2019.

 68. Wang Z, Ling S, Rettig E, Sobel R, Tan M, Fertig EJ, et al. Epigenetic screening of salivary 
gland mucoepidermoid carcinoma identifies hypomethylation of CLIC3 as a common altera-
tion. Oral Oncol. 2015;51(12):1120–5.

 69. Veeramachaneni R, Walker T, Revil T, Weck AD, Badescu D, O’Sullivan J, et al. Analysis of 
head and neck carcinoma progression reveals novel and relevant stage-specific changes associ-
ated with immortalisation and malignancy. Sci Rep. 2019;9(1):11992.

G. A. Watson et al.



371

 70. Allameh A, Moazeni-Roodi A, Harirchi I, Ravanshad M, Motiee-Langroudi M, Garajei A, 
et  al. Promoter DNA methylation and mRNA expression level of p16 gene in oral squa-
mous cell carcinoma: correlation with clinicopathological characteristics. Pathol Oncol Res. 
2019;25(4):1535–43.

 71. Zhou C, Shen Z, Ye D, Li Q, Deng H, Liu H, et al. The association and clinical significance of 
CDKN2A promoter methylation in head and neck squamous cell carcinoma: a meta-analysis. 
Cell Physiol Biochem. 2018;50(3):868–82.

 72. Malone ER, Oliva M, Sabatini PJB, Stockley TL, Siu LL. Molecular profiling for precision 
cancer therapies. Genome Med. 2020;12(1):8.

 73. Johnson CH, Spilker ME, Goetz L, Peterson SN, Siuzdak G. Metabolite and microbiome inter-
play in cancer immunotherapy. Cancer Res. 2016;76(21):6146–52.

 74. Rai V, Mukherjee R, Ghosh AK, Routray A, Chakraborty C. “Omics” in oral cancer: new 
approaches for biomarker discovery. Arch Oral Biol. 2018;87:15–34.

 75. Cascone T, McKenzie JA, Mbofung RM, Punt S, Wang Z, Xu C, et al. Increased tumor glycolysis 
characterizes immune resistance to adoptive T cell therapy. Cell Metab. 2018;27(5):977–87. e4

 76. Altman BJ, Stine ZE, Dang CV. From Krebs to clinic: glutamine metabolism to cancer therapy. 
Nat Rev Cancer. 2016;16(11):749.

 77. Nakazawa MS, Keith B, Simon MC. Oxygen availability and metabolic adaptations. Nat Rev 
Cancer. 2016;16(10):663–73.

 78. Jiang Z, Liu Z, Li M, Chen C, Wang X. Increased glycolysis correlates with elevated immune 
activity in tumor immune microenvironment. EBioMedicine. 2019;42:431–42.

 79. Shin JM, Kamarajan P, Fenno JC, Rickard AH, Kapila YL. Metabolomics of head and neck 
cancer: a mini-review. Front Physiol. 2016;7:526.

 80. Alsahafi E, Begg K, Amelio I, Raulf N, Lucarelli P, Sauter T, et al. Clinical update on head and 
neck cancer: molecular biology and ongoing challenges. Cell Death Dis. 2019;10(8):540.

 81. Meurman JH. Oral microbiota and cancer. J Oral Microbiol. 2010;2. https://doi.org/10.3402/
jom.v2i0.5195.

 82. Rea D, Coppola G, Palma G, Barbieri A, Luciano A, Del Prete P, et al. Microbiota effects on 
cancer: from risks to therapies. Oncotarget. 2018;9(25):17915–27.

 83. Oliva M, Spreafico A, Taberna M, Alemany L, Coburn B, Mesia R, et al. Immune biomarkers 
of response to immune-checkpoint inhibitors in head and neck squamous cell carcinoma. Ann 
Oncol. 2019;30(1):57–67.

 84. Bernal MO, Schneeberger PHH, Taylor R, Rey V, Hansen AR, Taylor K, et al. Role of the oral 
and gut microbiota as a biomarker in locoregionally advanced oropharyngeal squamous cell 
carcinoma (ROMA LA-OPSCC). J Clin Oncol. 2019;37(Suppl 15):6045.

 85. Guerrero-Preston R, Godoy-Vitorino F, Jedlicka A, Rodríguez-Hilario A, González H, Bondy 
J, et  al. 16S rRNA amplicon sequencing identifies microbiota associated with oral cancer, 
human papilloma virus infection and surgical treatment. Oncotarget. 2016;7(32):51320–34.

 86. Pushalkar S, Ji X, Li Y, Estilo C, Yegnanarayana R, Singh B, et al. Comparison of oral micro-
biota in tumor and non-tumor tissues of patients with oral squamous cell carcinoma. BMC 
Microbiol. 2012;12:144.

 87. Hooper SJ, Wilson MJ, Crean SJ. Exploring the link between microorganisms and oral cancer: 
a systematic review of the literature. Head Neck. 2009;31(9):1228–39.

 88. Wu JY, Yi C, Chung HR, Wang DJ, Chang WC, Lee SY, et al. Potential biomarkers in saliva 
for oral squamous cell carcinoma. Oral Oncol. 2010;46(4):226–31.

 89. Chaput N, Lepage P, Coutzac C, Soularue E, Le Roux K, Monot C, et al. Baseline gut micro-
biota predicts clinical response and colitis in metastatic melanoma patients treated with ipili-
mumab. Ann Oncol. 2019.

 90. Dubin K, Callahan MK, Ren B, Khanin R, Viale A, Ling L, et al. Intestinal microbiome analy-
ses identify melanoma patients at risk for checkpoint-blockade-induced colitis. Nat Commun. 
2016;7:10391.

 91. Pitt JM, Vetizou M, Waldschmitt N, Kroemer G, Chamaillard M, Boneca IG, et al. Fine-tuning 
cancer immunotherapy: optimizing the gut microbiome. Cancer Res. 2016;76(16):4602–7.

24 Innovation and Advances in Precision Medicine in Head and Neck Cancer

https://doi.org/10.3402/jom.v2i0.5195
https://doi.org/10.3402/jom.v2i0.5195


372

 92. Sivan A, Corrales L, Hubert N, Williams JB, Aquino-Michaels K, Earley ZM, et  al. 
Commensal Bifidobacterium promotes antitumor immunity and facilitates anti-PD-L1 effi-
cacy. Science. 2015;350(6264):1084–9.

 93. Behrouzi A, Nafari AH, Siadat SD. The significance of microbiome in personalized medi-
cine. Clin Transl Med. 2019;8(1):16.

 94. Yu J, Hu Y, Xu Y, Wang J, Kuang J, Zhang W, et al. LUADpp: an effective prediction model 
on prognosis of lung adenocarcinomas based on somatic mutational features. BMC Cancer. 
2019;19(1):263.

 95. Reddy JP, Lindsay WD, Berlind CG, Ahern CA, Holmes A, Smith BD, et  al. Applying a 
machine learning approach to predict acute radiation toxicities for head and neck cancer 
patients. Int J Radiat Oncol Biol Phys. 2019;105(1):S69.

 96. Parmar C, Grossmann P, Rietveld D, Rietbergen MM, Lambin P, Aerts HJWL. Radiomic 
machine-learning classifiers for prognostic biomarkers of head and neck cancer. Front Oncol. 
2015;5:272.

 97. Leijenaar RT, Bogowicz M, Jochems A, Hoebers FJ, Wesseling FW, Huang SH, et  al. 
Development and validation of a radiomic signature to predict HPV (p16) status from stan-
dard CT imaging: a multicenter study. Br J Radiol. 2018;91(1086):20170498.

 98. Bagher-Ebadian H, Lu M, Siddiqui F, Ghanem AI, Wen N, Wu Q, et  al. Application of 
radiomics for the prediction of HPV status for patients with head and neck cancers. Med 
Phys. 2020;47(2):563–75.

 99. Romeo V, Cuocolo R, Ricciardi C, Ugga L, Cocozza S, Verde F, et al. Prediction of tumor 
grade and nodal status in oropharyngeal and oral cavity squamous-cell carcinoma using a 
radiomic approach. Anticancer Res. 2020;40(1):271–80.

 100. Bogowicz M, Tanadini-Lang S, Guckenberger M, Riesterer O. Combined CT radiomics of 
primary tumor and metastatic lymph nodes improves prediction of loco-regional control in 
head and neck cancer. Sci Rep. 2019;9(1):15198.

 101. Zhai T-T, Langendijk JA, van Dijk LV, Halmos GB, Witjes MJH, Oosting SF, et al. The prog-
nostic value of CT-based image-biomarkers for head and neck cancer patients treated with 
definitive (chemo-)radiation. Oral Oncol. 2019;95:178–86.

 102. Yuan Y, Ren J, Shi Y, Tao X. MRI-based radiomic signature as predictive marker for patients 
with head and neck squamous cell carcinoma. Eur J Radiol. 2019;117:193–8.

 103. Aerts HJWL, Velazquez ER, Leijenaar RTH, Parmar C, Grossmann P, Carvalho S, et  al. 
Decoding tumour phenotype by noninvasive imaging using a quantitative radiomics approach. 
Nat Commun. 2014;5:4006.

 104. Trebeschi S, Drago SG, Birkbak NJ, Kurilova I, Calin AM, Delli Pizzi A, et al. Predicting 
response to cancer immunotherapy using noninvasive radiomic biomarkers. Ann Oncol. 
2019;30(6):998–1004.

 105. Taylor K, Kazmierski M, Billfalk-Kelly A, Khodakarami F, Driscoll B, Wang L, et  al. 
Radiomic response evaluation of recurrent or metastatic head and neck squamous cell cancer 
(R/M HNSCC) patients receiving pembrolizumab on KEYNOTE-012 study. J Clin Oncol. 
2020;38(Suppl; abstr 6545).

 106. Guha A, Connor S, Anjari M, Naik H, Siddiqui M, Cook G, et  al. Radiomic analy-
sis for response assessment in advanced head and neck cancers, a distant dream or 
an inevitable reality? A systematic review of the current level of evidence. Br J Radiol. 
2020;93(1106):20190496.

 107. Traverso A, Kazmierski M, Zhovannik I, Welch M, Wee L, Jaffray D, et al. Machine learning 
helps identifying volume-confounding effects in radiomics. Phys Med. 2020;71:24–30.

G. A. Watson et al.



373

Open Access  This chapter is licensed under the terms of the Creative Commons Attribution 4.0 
International License (http://creativecommons.org/licenses/by/4.0/), which permits use, sharing, 
adaptation, distribution and reproduction in any medium or format, as long as you give appropriate 
credit to the original author(s) and the source, provide a link to the Creative Commons license and 
indicate if changes were made.

The images or other third party material in this chapter are included in the chapter's Creative 
Commons license, unless indicated otherwise in a credit line to the material. If material is not 
included in the chapter's Creative Commons license and your intended use is not permitted by 
statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder.

24 Innovation and Advances in Precision Medicine in Head and Neck Cancer

http://creativecommons.org/licenses/by/4.0/

	Chapter 24: Innovation and Advances in Precision Medicine in Head and Neck Cancer
	Introduction
	The Current Landscape of Large Scale Genomics Based Data Research in HNSCC
	Biomarker-Based Treatment Strategies
	Innovative Clinical Trial Designs
	Adapting to the Evolution of Cancer
	Monitoring in Minimal Residual Disease (MRD)
	Selecting Patients for Personalized Treatment
	Prediction of Treatment Outcome

	Moving Beyond Genomics in HNSCC
	Transcriptomics
	Epigenomics
	Metabolomics
	Microbiome
	Artificial Intelligence/Radiomics

	Conclusion
	References




