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Abstract
Organizations are increasingly using AI-enabled technology and tools in their recruiting processes. However, little is known 
about how job candidates view AI-enabled job application systems and whether those views influence the likelihood that they 
will apply for jobs in such cases. Our research finds that attitudes toward AI use in the job application process in general, 
and attitudes toward organizations that use AI in the job application process in particular, are strongly related to the intent 
of prospective employees to apply for jobs at those organizations that have AI-enabled job application processes. Given the 
growing use of AI technology and tools in candidate recruitment, and given that organizations primarily select from and offer 
jobs to those who have completed the job application process, a better understanding of what influences candidates’ reactions 
to AI-enabled recruiting could provide valuable insights into how organizations can more effectively manage those activities.
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1  The importance of understanding 
candidate reactions

In the last 20 years, the criticality of human capital has 
grown as intangible rather than tangible assets have increas-
ingly accounted for the majority of firm value [6, 9, 40, 41, 
58]. This growth in the importance of human capital is 
largely because people either are the essence of, or are the 
principal driver of, virtually all intangible assets [6, 7, 10, 
40]). This increased importance of human capital has in turn 
elevated the value of effectively recruiting, selecting, hiring, 
on boarding, deploying, and retaining people.

From a practical standpoint, before organizations can hire, 
onboard or optimize performance from their targeted human 
capital, they first must recruit and select them. Recruiting is 
primarily concerned with determining the desired candidate 
pool, attracting candidates, and getting them to apply for 
open positions [12]. From the pool of candidates who actu-
ally apply, selection is primarily concerned with assessing 

and choosing those whom the organization would like to 
hire [28]. The majority of early research on recruiting and 
selection has focused heavily on the reliability and validity 
of organizations’ selection activities and techniques [80].

As this early stream of research on organizational actions 
grew, a new line of research emerged in which both the theo-
retical frameworks and empirical studies focused, not just 
on organizations’ actions, but on candidates’ reactions [68]. 
The majority of this research focused on candidate reactions 
to selection rather than recruiting. This line of research was 
seen as important because candidates’ reactions to selection 
were hypothesized to affect a variety of outcomes, including 
candidate performance on selection assessments (e.g., cogni-
tive tests, work samples, interviews), candidate acceptance 
of employment offers, and various post-hire work attitudes 
and behaviors (e.g., job satisfaction, organizational commit-
ment, well-being, resilience, job performance, turnover, see 
[42] for a meta-analytic review [3].

Despite this heavy focus on candidate reaction to selec-
tion, from a practical standpoint, one could make the case 
that understanding candidate reactions to recruiting was 
equally, if not more, important. This is because candidate 
reactions to recruiting directly impact the prerequisite out-
come relative to selection—i.e., the decision by candidates 
to engage in and complete the job application process. After 
all, a candidate has to apply for a job before the selection 
process can begin.
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Interestingly, despite recruiting and selection being 
quite related in practice, the theories that have guided the 
empirical work on the two topics have been quite different. 
In the case of candidate reactions to selection, the domi-
nant theoretical frameworks have been founded in organi-
zational justice (e.g., [42]. When you consider that in the 
case of selection, candidates are on the receiving end of 
salient organization decisions, it seems quite reasonable that 
candidates would logically ask if the selection process (i.e., 
procedural justice) and outcomes (i.e., distributive justice) 
were fair [42] and for organizational justice to be a central 
theoretical guide [31]. In the case of recruiting, candidates 
(not organizations) are the ones making the key choice—
they decide whether to apply for a job or not. As a conse-
quence, in the case of recruiting, it is quite reasonable for 
candidates to be more focused on what would attract them 
to apply for a job rather than the fairness of the choice or the 
process. Interestingly, after being selected, candidates are 
again “back in the decision driver seat” because they decide 
whether to accept an employment offer or not. This com-
mon “choice making” position for candidates of deciding to 
apply or not and deciding to accept employment or not may 
explain why attraction and fit theories, not organizational 
justice theories, have been the dominant guides for both can-
didate reaction to recruiting research [78, 79] and candidate 
employment choice research [8, 15, 55].

Attraction and fit theories argue, and the related research 
has found, that the more attractive the job application pro-
cess, the job, and the organization, the more likely the can-
didate is to apply for the job and join the company [46]. 
However, within this literature, research has focused much 
more on factors that impact job and organizational attrac-
tiveness and the subsequent employment choice and much 
less on recruiting process attractiveness and the subsequent 
job application choice. Of the research that has specifically 
focused on job application choice and candidate reactions 
that could influence that choice, the more recent studies have 
examined candidate reactions to web-based recruitment [16, 
17, 88, 101, 105]. Given the significant increase in web-
based recruiting from 2000 onwards [34], the examination 
of candidate reactions to this specific technology makes 
imminent sense.

While web-based or digital recruiting remains relevant 
today, increasingly recruiting involves artificial intelligence 
(AI) technology and tools [10]. When we refer to AI technol-
ogy and tools used in recruiting, we draw on the following 
definition of AI as “a technology system’s ability to cor-
rectly interpret external data, to learn from such data, and 
to use those learnings to achieve specific goals and tasks 
through flexible adaptation” [52], p. 15). Based on one 
recent survey, 39% of companies used AI-enabled tools to a 
moderate or high degree in recruiting candidates, which was 
more than double the rate used in selection [70]. Perhaps 

more importantly, this same survey that found that number 
of companies that plan to use AI-enabled tools in recruit-
ing over the next two years will double (increasing from 
39 to 79%). Given the importance of candidate reactions to 
recruiting, given that few empirical studies have focused on 
the topic (cf. [93], and given that the use of AI-enabled tools 
in recruiting is growing, it seems that even a modest study 
of candidate reactions to AI-enabled recruiting could make 
worthwhile contributions to both research and practice [94].

2  Positive candidate reactions to AI‑enabled 
recruiting

As mentioned, although the use of AI-enabled tools in 
recruiting is growing, its use is relatively recent [10]. Thus, 
neither the extant literature on candidate reactions to this 
specific technology in recruiting (which is sparse) nor the 
predominant attraction and fit theoretical models offer spe-
cific guidance on what would be expected to be the most 
salient factors for additional study. However, attraction 
and fit frameworks generally argue that the more attractive 
aspects of the process are perceived to be, the more likely 
candidates are to engage in and complete the job application 
process. Further, attraction can be indirect through signals 
[27] or direct by the nature of the activity or element within 
the recruiting process.

2.1  Indirect attractiveness through the use of AI 
during recruiting

Research has demonstrated that candidates can look at what 
organizations do during the recruiting process not just as 
objective facts but as a signal of what the organization is like 
[27]. As a consequence, candidates could perceive the use 
of AI-enabled technology and tools not just as an objective 
fact but as a signal as to the nature of the organization. If an 
organization uses new and leading-edge AI technology in 
the recruiting process, this may signal that the organization 
itself is innovative, open, and leading-edge. This general 
assertion is consistent with research that has examined the 
relationship between an organization’s use of technology 
other than AI and perceived organizational attractiveness. 
For example, past research has found that organizations 
that used social media in general (not necessarily during 
the recruiting process) were perceived as more attractive by 
job applicants [37, 56, 73]. More specifically, research has 
found that organizations that used social media specifically 
during the recruiting process were perceived as attractive by 
candidates [57, 65, 94]. In addition, organizations that used 
digital technology tools in the recruiting process were per-
ceived as attractive by job candidates and these candidates 
were more likely to engage in and complete the application 
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process [47]. These studies suggest that candidates interpret 
the use of new or leading-edge technologies as positive and 
attractive signals. As they do, they perceive the organiza-
tions as more attractive. The more the organization is attrac-
tive in their eyes, the more likely candidates are to engage in 
and complete the job application process.

In the case of AI-enabled technology and tools in the 
recruiting process, the use of such tools is relatively recent. 
Given the general sophistication of such technology and 
tools, it seems reasonable that many candidates will see such 
AI-enabled technology and tools as innovative and leading-
edge and subsequently as signals that the organization is also 
innovative and leading-edge. The more candidates hold this 
perception, the more attractive such organizations are likely 
to be perceived. The more attractive they are, the more likely 
candidates would be to engage in and complete associated 
AI-enabled job application processes. Stated formally:

H1: Perceived organizational attractiveness, due to the 
use of AI in the job application process, will positively 
influence a candidate’s intent to engage in and com-
plete that process.

2.2  Direct attractiveness of AI‑enabled technology 
and tools during recruiting

As mentioned earlier, in addition to signaling dynamics, 
engaging with AI-enabled technology and tools during the 
recruiting process might be directly or inherently attractive. 
Unfortunately, attraction and fit theories offer little explicit 
guidance regarding what might be inherently attractive in 
terms of technology during the recruiting process in general 
or with AI-enabled technology and tools in particular. How-
ever, the research on inherent attractiveness and technology 
does provide some theoretical guidance [90].

In terms of general inherent attractiveness, scholars have 
largely referred to this as intrinsic motivation [77]. Intrinsic 
motivation exists when engaging in an activity by itself is 
fun, provides a sense of accomplishment, enhances a sense 
of independence, elevates personal feelings of confidence, 
and/or increases feelings of being innovative, independent of 
outcomes that engaging in the activity might produce. The 
extant literature (which is large) has consistently found that 
anticipated intrinsic satisfaction is one of the most powerful 
sources of motivation and attraction to a target. It has also 
found that the higher the anticipated intrinsic satisfaction, 
the more likely people are to engage in the activity [23, 67, 
91, 97]. Research specifically examining the use of technol-
ogy and intrinsic motivation has found that people typically 
anticipate that using new technology will be intrinsically sat-
isfying [97]. The research has also found that the more users 
have this perception of a given technology, the more likely 
they are to engage with and use that technology [21, 99].

Participating in a job application process that uses AI-
enabled tools could be viewed as intrinsically satisfying. For 
example, using this new and innovative technology might 
provide a sense of accomplishment, independence, confi-
dence, and feelings of being innovative. To the extent this is 
the case, we would expect that the stronger the anticipated 
intrinsic rewards of an AI-enabled job application process, 
the more likely applicants would be to engage in and com-
plete the job application. Stated formally:

H2: Anticipated intrinsic rewards, due to the use of 
AI in the job application process, will positively influ-
ence a candidate’s intent to engage in and complete 
that process.

A second and potentially powerful source of direct attrac-
tiveness is the novelty of engaging with AI-enabled recruit-
ing tools, though some classify novelty as a particular type 
of intrinsic motivation [22]. Engaging in novel activities in 
general can engender a sense of excitement, innovation, and 
exploration. Research has found that novel activities can be 
an extremely powerful source of attraction and motivation 
[13]. Research on the use of technology in particular has 
found that the more potential users anticipated novelty in the 
use of the technology, the more likely they were to engage 
with and use the technology [10, 50, 92, 100]. Given the 
relatively recent application of AI-enabled technology and 
tools in the recruiting process, it would seem to have poten-
tial for being perceived as novel. To the extent that engag-
ing in an AI-enabled job application process is perceived as 
being novel, it would be attractive and would likely have a 
positive relationship with job candidates engaging in and 
completing the job application process. Stated formally:

H3: Anticipated novelty, due to the use of AI in the job 
application process, will positively influence a candi-
date’s intent to engage in and complete that process.

3  Negative candidate reactions 
to AI‑enabled recruiting

The “newness” of AI-enabled recruiting tools, which is at 
the heart of all three of factors that we hypothesize, could 
have a positive impact on candidate reactions to and likeli-
hood of engaging with and completing the job application, 
could also hinder, rather than enhance, use [75]. The new-
ness of a technology could cause individuals to trust it less 
or to be anxious about using it [68].
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3.1  Trust in AI‑enabled job application systems

In their broad review of the literature on applicant reac-
tions to recruiting and selection, [68] note that trust is an 
“issue which has not yet attracted a great deal of interest 
in applicant reactions research, but has the potential to be 
considered an important predictor of applicant reactions.” 
While the applicant reaction literature has not examined 
trust much, the broader literature has. For example, when 
citizens have general trust in the political process and 
believe it is not corrupt, they are more likely to engage in 
political activities, including voting [96]. Likewise, when 
employees trust their boss will be fair, they are more likely 
to speak up, participate in decisions, and offer feedback 
[35]. Relative to technology, when patients trust that their 
privacy will be protected in digital medical records, they 
are more willing to allow medical personnel to access 
those records [19].

In terms of job candidates’ trust in AI-enabled technol-
ogy relative to recruiting and job applications, because the 
use is relatively new, there are very limited data available 
on how much candidates do, or do not, trust AI-enabled 
job application systems. If we broaden our view beyond 
recruiting, and examine the literature on the trust of AI-
enabled tools in general, we find a somewhat mixed pic-
ture. For example, Dietvorst et al. [24] found that humans 
often choose a human forecaster over a statistical algo-
rithm. In contrast, Dijkstra et al. [25] found that partici-
pants considering logic problems agreed more with the 
same argument when it came from an “expert system” 
than when it came from a “human.” Prahl and Van Swol 
[72] did not find people preferred human advice over auto-
mated advice, but they did find that people utilized auto-
mated advice significantly less than human advice after the 
advice was demonstrated to be bad. Logg et al. [61] found 
that people have higher levels of appreciation for algo-
rithmic recommendations than for recommendations from 
humans, even when the alternative human recommenda-
tions come from experts rather than laypeople. Lastly, Xu 
et al. [103] found that for low-complexity tasks, consumers 
considered the problem-solving ability of AI to be greater 
than that of human customer service agents and were more 
likely to use AI. However, for high-complexity tasks, con-
sumers viewed human customer service agents as superior 
and were more likely to use human agents over AI.

Given the newness of the use of AI-enabled tools in 
recruiting, it seems reasonable to expect that some people 
may trust the technology, while others may not. Nonethe-
less the extant literature on trust would suggest that to the 
extent that candidates trust AI-enabled job application sys-
tems, the more likely they are to engage in and complete 
the associated job application process. Stated formally:

H4: The greater candidates trust the use of AI in 
the job application process, the higher will be their 
intent to engage in and complete that process.

3.2  Anxiety toward an AI‑enabled job application 
process

Just as the newness of AI-enabled technology and tools 
in recruiting can generate novelty, such newness can also 
engender anxiety. For example, when computers were 
widely introduced into the workplace several decades ago, 
such introductions engendered anxiety among workers, even 
as the technology also promised novelty [89]. Research dem-
onstrated that the greater peoples’ anxiety about using a new 
technology, the lower was their use of that technology [66]. 
However, the extant literature on job candidate reaction has 
largely focused on the role of anxiety relative to selection not 
recruiting. Among the studies that have examined candidate 
anxiety in selection, the majority has focused on the relation-
ship between candidate test anxiety and related outcomes. 
Specifically, these studies had found a negative relationship 
between candidate text anxiety and related outcomes, in par-
ticular test performance [42, 68]. We know of no study that 
has examined the role of anxiety in candidate reactions to 
the use of AI-enabled technology and tools in the recruiting 
process.

Nonetheless, the newness of AI-enabled technology and 
tools in recruiting could engender anxiety in some candi-
dates toward the technology and tools [51]. To the extent 
that it does, both theory and past research would assert that 
candidates’ engagement with and completion of process 
associated with that anxiety-inducing technology would lead 
them to avoid rather than engage with the process. As a con-
sequence, we would expect that the greater candidates’ anxi-
ety about AI-enabled tools in the process, the less willing 
candidates will be to engage in and complete an AI-enabled 
job application process. Stated formally:

H5: Anxiety, due to the use of AI in the job application 
process, will negatively influence a candidate’s intent 
to engage in and complete that process.

3.3  The mediating effect of anxiety

Even though we hypothesize that organizational attractive-
ness, intrinsic reward, novelty, and greater trust should 
all have positive relationships with a candidate’s intent to 
engage in and complete the job application process, it is 
possible that anxiety could mediate each of those relation-
ships. Specifically, anxiety might take up such mental and 
emotional bandwidth as to leave little room for the other 
expected positive associations to be expressed. Anxiety 
would thereby mediate these relationships Fig. 1. Based on 
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these considerations, we formulated the last hypotheses for 
this study and stated formally:

H6–H9: The influence of anxiety, due to the use of AI 
in the job application process, will mediate the rela-
tionship between organizational attractiveness (H6), 
intrinsic motivation (H7), novelty (H8), and trust (H9) 
and a candidate’s intent to engage in and complete 
that process.

4  Method

In order to examine the relationships between organizational 
attractiveness, intrinsic motivation, novelty, trust, anxiety 
and intent to engage in, and complete an AI-enabled job 
application process, we used a cross-sectional design for 
this study [59, 62, 83]. Adults (n = 532) recruited from an 
online panel in the USA participated in the study [43, 82]. 
Participants familiarized themselves with a brief recruit-
ing scenario as the context within which they should give 
their responses to the various survey items. The scenario 
specified several key conditions. First, participants were 
informed that an organization had an open job. Second, the 
scenario informed participants that they were interested in 
and attracted to the job, but without specifying what the job 
was, or why they were attracted to it. Third, participants 
were informed that the organization with the open job used 
AI in its job application process, but without specifying any 
details of exactly how the company used AI in the process. 
In addition, the scenario made no mention of any antici-
pated efficiency or effectiveness benefits of the AI-enabled 
process. Also, the scenario did not mention the length of 
time the organization had been using AI in the recruiting 
process. In general, the scenario was purposefully brief 
for two reasons. First, it was brief to avoid shaping partici-
pants’ perceptions of and attitudes toward an AI-enabled job 

application process, and thereby allowing participants’ exist-
ing perceptions and attitudes to remain operational. Second, 
it was brief because often organizations do not provide any 
information on their AI-enabled job application systems and 
typically only mention that they may use AI in the process. 
Finally, the scenario also included the definition of artificial 
intelligence by Kaplan and Haenlein [52] referred to earlier 
[4, 11, 14, 18, 20, 32, 33, 36, 41, 45, 48, 49, 54, 60, 64, 69, 
76, 81, 84–87, 95].

After reading the job-based scenario, participants were 
asked a series of questions. The outcome variable was par-
ticipants’ intent to engage in and complete the AI-enabled 
job application process.

4.1  Measures

Adapted scale items were used with wording modifications 
to focus on the specific issue of an AI-enabled job appli-
cation. Candidates’ Intent to Complete an AI-enabled job 
application process was measured using a five-item scale 
(α = 0.89; [29], higher score reflects greater intent to com-
plete). Organization Attractiveness was measured with a 
three-item scale assessing the extent to which candidates 
perceived an organization as attractive that used AI technol-
ogy in the job application process (α = 0.90; [1], higher score 
reflects greater organization attractiveness). Anticipated 
Intrinsic Reward was measured with a five-item scale that 
assessed the degree to which a job candidate believed that 
using AI in the job application part of the recruiting process 
would lead to positive, personal consequences (α = 0.91; 
[26], higher score reflects greater intrinsic reward). Novelty 
was measured with a four-item scale assessing the degree 
to which a person viewed AI in the job application part of 
the recruiting process as being novel and arousing curiosity 
(α = 0.87; [38]; higher score reflects greater novelty). Trust 
was measured with a two-item scale assessing the extent to 
respondents felt using AI in the job application part of the 

Fig. 1  Conceptual model

Trust

Intent to Engage
(Job Application Process)

Intrinsic Motivation

Novelty

Organizational
Attractiveness

Anxiety

H1

H2

H3

H4

H5

H9

H8

H7

H6



124 AI and Ethics (2021) 1:119–130

1 3

recruiting process was dependable and trustworthy (α = 0.86; 
[30], in its original version, the trust scale has three-items; 
higher score reflects greater trust). Anxiety was measured 
with a three-item scale assessing the degree to which a per-
son is uncomfortable using AI in the job application part of 
the recruiting process and would avoid using it (α = 0.85; 
[102], higher score reflects greater anxiety).

4.2  Assessments

Given that the independent and dependent measures were 
collected at the same time using the same survey method, we 
checked for common method variance bias using Harmon’s 
one factor test, since the main construct were measured in 
a single data collection instrument. We tested a single fac-
tor model using all of the items of all our latent variables. 
The factor combined explained less than 50% of variance. 
In addition, we compared the R2 values of the endogenous 
constructs before and after adding the marker variable. 
Generally, if there are significant differences in the R2 value 
of any endogenous construct, this constitutes evidence of 
substantial common method bias [53, 71]. The differences 
were below 0.2 (see Table 4). Thus, the results indicated that 
common method variance did not pose a problem to the data.

Next, we employed structural equation modeling to test 
the direct effects. The analysis included a two-step approach 
of structural equation modeling (SEM) to analyze the data 
and test hypothesis, using AMOS 22 (maximum likeli-
hood estimation; [2]. We tested the model by conducting 
a confirmatory factor analysis (CFA). This analysis pro-
duced a good fit: standardized RMR = 0.089, CFI = 0.958, 
TLI = 0.950, X2 = 558.776(211). RMSEA = 0.056.

We then examined the convergent validity of the model. 
Convergent validity occurs when (a) all factor loads are sig-
nificantly over 0.50 threshold [32]. Our results ranged from 
0.690–0.945; (b) the average variance extracted (AVE) in 
items by their respective constructs is greater than the vari-
ance unexplained (AVE ‡ 0.50); and (c) factor composite 
reliability (CR) is equal to, or greater than 0.60. The scores 
in this study ranged from 0.79 (Intrinsic Motivation) to 0.90 
(Novelty). Table 1 reports the results of CFAs. The measure-
ment scales show strong convergent validity.

We subsequently examined the discriminant validity 
of the model. Discriminant validity is achieved when the 
variance-extracted estimates exceed the squared correla-
tion estimates [39]. Taken together, across Tables 1 and 2, 
it is clear that the AVEs of all variables are higher than the 
squared correlations of any pair of variables, which supports 
the discriminant validity of all measures.

Finally, to test for mediation effects, two separate bias-
corrected bootstrap analyses with the mediator (i.e. Anxi-
ety) were conducted using a series of multiple regression 
analyses [74]. A bootstrap test resamples the data to estimate 

standard errors and to derive a confidence interval with the 
bootstrapped sampling distribution. A mediating effect is 
considered significant if the 95% confidence intervals do not 
bracket zero [5, 44]. Meaningful mediating effects can occur 
without a significant direct relationship between independent 
and dependent variables [104].

5  Results

As hypothesized, we found a significant main effect of 
organizational attractiveness on the intent to complete the 
job application process (H1: β = 0.251, p < 0.001). Our 
hypothesis for intrinsic rewards was also supported (H2: 
β = 0.422, p < 0.001). Additionally, we found a significant 
main effect of novelty on intent to complete the job applica-
tion process (H3: β = 0.219, p < 0.05). However, trust did 
not have a significant direct effect on intent to complete (H4: 
β =  – 0.015, p = 0.582). As hypothesized, anxiety did have a 
significant, and negative relationship with intent to complete 
(H5: β =  – 0.126, p < 0.05) Table 3.

5.1  Mediating effects of anxiety

The mediating effects of anxiety were mixed. Anxiety did 
mediate the relationships between organizational attrac-
tiveness and candidates’ intent to complete, as well as trust 
and candidates’ intent to complete (H6: 0.001, 0.041 and 
H9:  – 0.154,  – 0.012). However, anxiety did not mediate 
the relationships between intrinsic reward and candidates’ 
intent to complete, as well as novelty and candidates’ 
intent to complete (H7:  – 0.012, 0.048 and H8:  – 0.059, 
0.008) Table 3.

6  Discussion

Our research makes three modest but worthwhile contribu-
tions. First, it spotlights the difference in theoretical frame-
works that have largely guided empirical research on can-
didate reactions to recruiting and selection and why those 
differences likely exist and may persist. Second, it extends 
the theoretical guidance on candidate reactions to AI-ena-
bled technology and tools in recruiting by incorporating the 
broader intrinsic motivation literature and technology use lit-
erature. Third, the paper extends the literature on candidate 
reactions to recruiting by examining specifically candidate 
reactions to AI-enabled technology and tools in recruiting. 
In total we believe this makes a worthwhile contribution 
not just because there is very little research on AI-enabled 
technology and tools in recruiting (vs. selection) but also 
because the use of this technology in recruiting is expected 
to grow significantly in the coming few years.
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Table 1  Confirmatory factor analysis

Factor Convergent 
validity factor 
loading

Reliability

AVE CR

Intent to engage (job application process) [29] (1 = Very likely; 7 = Very unlikely)
 How likely would you be to contact a company for more information about a job being offered if you knew 

you had to utilize AI in the hiring process?
0.787 0.60 0.88

 How likely would you be to ask for a job application if you had to utilize AI in the application process? 0.809
 How likely would you be to complete the job application process if you had to utilize AI in the application 

process?
0.842

  How likely is it that you will actually receive a job offer from this company? 0.690
 How likely would you be to accept the job if it were offered to you after using AI in the application process? 0.722

Organization Attractiveness [1] (1 = Strongly disagree, 7 = Strongly agree)
 I admire organizations that utilize new technology such as AI 0.893 0.70 0.87
 I feel inspired by organizations that utilize new technology such as AI 0.816
 I respect organizations that utilize new technology such as AI 0.892

Intrinsic Motivation [26] (1 = Strongly disagree, 7 = Strongly agree)
Applying for a job using AI would provide me with personal feelings of worthwhile accomplishment 0.833 0.66 0.79
 Applying for a job using AI would provide me with feelings of enjoyment from using the technology 0.799
 Applying for a job using AI would provide me with feelings of independence 0.823
 Applying for a job using AI would allow me to feel innovative in how I interact with a potential employer 0.830
 Applying for a job using AI would allow me to have increased confidence in my skills 0.780

Novelty [38] (1 = Strongly disagree, 7 = Strongly agree)
 There is novelty in using AI platforms to apply for jobs 0.803 0.63 0.90
 Using Artificial intelligence platforms to apply for jobs satisfies my sense of curiosity 0.791
 Using AI platforms to apply for jobs offers novel experiences 0.863
 I feel like I’m exploring new worlds when using AI platforms to apply for jobs 0.719

Trust [30], in its original version, scale has three-items) (1 = Not at all; 7 = Very much)
 Using AI to apply for a job seems…‘dependable’ 0.945 0.73 0.84
 Using AI to apply for a job seems…..‘trustworthy’ 0.755

Anxiety [102] (1 = Not at all, 7 = Very much)
 I hesitate to use AI when applying for a job for fear of making a mistake I cannot correct 0.808 0.65 0.85
 I feel insecure about my ability to use the AI technology to apply for a Job 0.855
 I have avoided AI technology because it can be intimidating 0.756

Table 2  Discriminant Validity

Notes: Values below the diagonal are bivariate correlations between the constructs; bold diagonal elements 
represent the average variance extracted (AVEs) for the relevant construct; **p < 0.001; *p  <  0.05

1 2 3 4 5 6

1. Intent to engage (job applica-
tion process)

0.60

2. Organization attractiveness 0.611** 0.70
3. Intrinsic motivation 0.748** 0.485** 0.66
4. Novelty 0.735** 0.568** 0.858** 0.63
5. Trust − 0.211** − 0.162** − 0.103* − 0.092 0.73
6. Anxiety − 0.264** − 0.217** − 0.116** 0.735 0.645* 0.65
Mean 4.68 5.35 4.15 4.48 4.32 4.02
Std Dev 1.31 1.30 1.33 1.36 1.64 1.59



126 AI and Ethics (2021) 1:119–130

1 3

The results of the study suggest that (a) the more job 
candidates view as attractive organizations that use AI in the 
job application process, (b) the more they anticipate intrin-
sic rewards from engaging in an AI-enabled process, and 
(c) the more they feel that the AI-enabled process is novel, 
the stronger their intention to complete that AI-enabled 
job application process. However, when accounting for the 

presence of these other factors, trust did not exert a unique 
influence. In contrast, the more candidates are anxious about 
an AI-enabled process, the less they intend to complete such 
a process. Whether they are anxious or not, the more they 
anticipate intrinsic rewards and the more they anticipate nov-
elty in the AI-enabled job application process, the more they 
intend to complete the process. In contrast, the more they are 

Table 3  Structural model results (direct and mediating effects)

Note: RMR = 0.089, CFI = 0.958, TLI = 0.950, X2 = 558.776(211), RMSEA = 0.056
Note: Zero (0) does not occur within the lower and upper limit of the 95% confidence interval

Hypothesis Path/relationship Path coefficient p value Results

Direct effect
H1 Organization attractiveness intent to engage (job application process) 0.251 0.000 Supported
H2 Intrinsic motivation intent to engage (job application process) 0.422 0.000 Supported
H3 Novelty Iintent to engage (job application process) 0.219 0.014 Supported
H4 Trust intent to engage (job application process) − 0.015 0.582 Not Supported
H5 Anxiety intent to engage (job application process) − 0.126 0.010 Supported
Mediating effect Lower Upper Results
H6 Organization attractiveness anxiety intent to engage (job application process) 0.001 0.041 Supported
H7 Intrinsic motivation anxiety intent to engage (job application process) − 0.012 0.048 Not supported
H8 Novelty anxiety intent to engage (job application process) − 0.059 0.008 Not supported
H9 Trust anxiety intent to engage (job application process) − 0.154 − 0.012 Supported

Table 4  Test for common method variance

Standardized regression weights: (CLF) Standardized regression weights: (No CLF) Difference

Estimate Estimate

Org attractiveness ← ATTRA 0.892 Org attractiveness ← ATTRA 0.892 0.000
Org attractiveness ← ATTRA 0.816 Org attractiveness ← ATTRA 0.815 0.001
Org attractiveness ← ATTRA 0.894 Org attractiveness ← ATTRA 0.893 0.001
Job application ← JOB 0.816 Job application ← JOB 0.813 0.003
Job application ← JOB 0.833 Job application ← JOB 0.832 0.001
Job application ← JOB 0.852 Job application ← JOB 0.852 0.000
Job application ← JOB 0.676 Job application ← JOB 0.675 0.001
Job application ← JOB 0.739 Job application ← JOB 0.739 0.000
Novelty ← NOVEL 0.798 Novelty ← NOVEL 0.798 0.000
Novelty ← NOVEL 0.829 Novelty ← NOVEL 0.828 0.001
Novelty ← NOVEL 0.829 Novelty ← NOVEL 0.832  – 0.003
Novelty ← NOVEL 0.739 Novelty ← NOVEL 0.736 0.003
Intrinsic ← INTRINSIC 0.831 Intrinsic ← INTRINSIC 0.833  – 0.002
Intrinsic ← INTRINSIC 0.8 Intrinsic ← INTRINSIC 0.801  – 0.001
Intrinsic ← INTRINSIC 0.822 Intrinsic ← INTRINSIC 0.822 0.000
Intrinsic ← INTRINSIC 0.828 Intrinsic ← INTRINSIC 0.828 0.000
Intrinsic ← INTRINSIC 0.78 Intrinsic ← INTRINSIC 0.78 0.000
Trust ← TRU 0.854 Trust ← TRU 0.854 0.000
Trust ← TRU 0.757 Trust ← TRU 0.757 0.000
Anxiety ← ANXIE 0.81 Anxiety ← ANXIE 0.808 0.002
Anxiety ← ANXIE 0.856 Anxiety ← ANXIE 0.855 0.001
Anxiety ← ANXIE 0.779 Anxiety ← ANXIE 0.757 0.022
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anxious about the process, the more that anxiety attenuates 
the otherwise positive influence of the organization’s attrac-
tiveness due to its use of AI in the job application process. 
The results also found that when candidates do not perceive 
AI in the job application process as dependable and trust-
worthy and when they were anxious about the process, their 
intention to complete an AI-enabled job application pro-
cess declined. This suggests that mistrust alone of AI in the 
recruiting process may not be enough to dissuade candidates 
from intending to complete the process, but when combined 
with anxiety about AI in the process, the combination can 
tip the scale and cause their intent to decline.

6.1  Practical implications

This research offers several implications for organizations. 
First, the study found a direct and positive relationship 
between the extent to which candidates perceive organiza-
tions as attractive that use AI in the job application pro-
cess, anticipate intrinsic rewards from such a process, and 
view that process as novel and their intent to apply for a job 
through that AI-enabled job process. This may suggest that 
organizations may want to highlight, rather than hide, the 
use of AI in their job application process, as long as they 
have some indication that the majority of their targeted can-
didates generally have positive perceptions of AI.

However, because anxiety about an AI-enabled job appli-
cation process negatively affects candidates’ intentions to 
complete the process and greater anxiety mediates the posi-
tive impact of organizational attractiveness, organizations 
may also want to take steps to lower the anxiety and uncer-
tainty that potential candidates may feel toward the AI-ena-
bled process. This practical implication is further bolstered 
by the fact that in this study, anxiety combined with less 
trust, caused candidates to significantly lower their inten-
tions to complete an AI-enabled process. To reduce anxiety, 
organizations may want to highlight that they have taken 
various steps to ensure that their AI-enabled process treats 
protected characteristics such as gender, race, ethnicity and 
age as neutral elements in the processing and initial screen-
ing of candidates. Additionally, to lower anxiety, organi-
zations may want to highlight how many individuals have 
completed their AI-enabled application process. Finally, 
they may want to highlight that although AI is used in the 
job application process, final hiring decisions are made by 
the hiring managers with input from relevant individuals.

Second, because anxiety does not mediate the relation-
ships between anticipated intrinsic rewards and intent 
to complete or perceived novelty and intent to complete, 
organizations may want to highlight the intrinsic reward 
and novelty elements of their AI-enabled job application 
process. To do this, organizations may want to describe 
the AI-enabled process as “interesting,” “new,” or “novel” 

and give candidates more independence and control over 
the timing of their application. Organizations may want to 
highlight that their job application process includes aspects 
such as cognitive games in order to spark potential candi-
dates’ curiosity.

6.2  Limitations and research directions

Our investigation featured a mediation hypothesis with a 
non-experimental, cross-sectional design with online partici-
pants, so it potentially suffered from a lack of internal valid-
ity and possible confounding factors. Future studies should 
enhance the robustness of our findings by employing replica-
tions in more controlled settings, using non-online workers 
as participants, and/or incorporating neuroimaging evidence.

There is little known about how job candidates react 
to AI-enabled job application systems specifically and to 
AI-enabled recruiting and selection systems generally. 
As a consequence, research lags practice. For this reason, 
we undertook this study to begin to fill in some of these 
gaps. Specifically, this study focused on examining how 
job candidates’ perceptions of several factors influenced 
their intent to complete an AI-enabled job application pro-
cess. This study used a cross-section survey design in part 
because gaining access to actual job applicants, live jobs, 
offered by real organizations actually employing AI in the 
job application process is challenging. However, future 
research might improve on this study by creating experi-
mental manipulations of survey respondents in which the 
issue of AI is manipulated to see if the factors examined 
in this study play a different role when AI is, or is not, 
involved in the job application process. Further, while 
the respondents in this study had different perceptions of 
organizations’ attractiveness, anticipated intrinsic rewards, 
perceived novelty, trust and anxiety, relative to the use of 
AI in the job application process, these varying attitudes 
might be a function of different levels of general famili-
arity, or direct experience with AI-enabled job applica-
tion systems. Future studies might fruitfully explore this 
relationship and further test what happens to the strength 
of the direct effects examined when subjects have a little, 
or a lot of familiarity and experience with AI in the job 
application process. In addition, experience and familiar-
ity (or the lack thereof) might also influence what type of 
AI, or the functions of AI that respondents have in mind, 
when applying for a job offered by a company employing 
AI in the job application process. This also represents a 
fruitful area for future investigation. Finally, the definition 
provided to respondents, taken from [52], p. 15), does state 
that a “technology system’s ability to correctly interpret 
external data” (italics added for emphasis) and the word 
“correctly” could nudge respondents’ perceptions of or 
attitude toward AI-enabled recruiting technology and 
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tools in a positive direction. To the extent that this word 
nudged participants’ attitudes in a positive direction, the 
strength of the results might need to be interpreted with 
some moderation.

Finally, whether these results would be replicated in 
magnitude in a setting in which real job candidates were 
responding to an actual job offering by a specific company 
utilizing an AI system in the job application part of the 
recruiting process is difficult to know. Obviously gaining 
access to such a live situation for research purposes is 
extraordinarily challenging. Constructing an experimental 
design in which some actual job candidates are presented 
with a more traditional job application process devoid of 
AI, and others are presented with a process that uses AI, 
is an even more robust research design but even more dif-
ficult to secure a real company’s cooperation. Nonetheless, 
to the extent that future research could move in this direc-
tion, the results would be more relevant to real practice 
and might more confidently inform AI-enabled job appli-
cation practices.

7  Conclusion

Investment in AI is estimated to increase from US$5B in 
2015 to about US$19.1B by the end of 2018, with fur-
ther predictions of US$52.2B by 2021 [63]. The poten-
tial efficiency and effectiveness benefits of AI in the job 
application process are likely to attract continued use by 
companies. Currently research lags practical application; 
however, the potential sums spent are so large and poten-
tial consequences (positive and negative) so great, that 
more research should be quickly taken up on the topic.

While much of the potential of AI in the recruiting pro-
cess is yet to be determined, and the drivers and outcomes 
yet to be understood, the rise in the importance of human 
capital is almost certainly here to stay. This is largely 
because of the massive shift in the underlying basis for 
competition and the role of intangible assets in creating 
value is unlikely to reverse. Because of this, companies 
and executives will place a continued strategic priority on 
the attraction, selection, and retention of people. To the 
extent that research on AI can help organizations find the 
right people, get them to apply, screen out the unqualified 
applicants, and differentiate between the more and less 
qualified candidates, it will have important implications 
for the world of practice.
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