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Abstract For any marketing organization that relies on
personal selling, it is vital to attract and retain successful
salespeople who fit well with the organization. In this paper,
we examine how salespeople learn about their fit with the
organization and about their future performance and how
they use this to make the decision to stay or leave. We
depart from the extant sales management literature on reten-
tion/turnover in that we model individual sales employees’
stay/leave decisions using a structural model that accom-
modates forward looking behaviour. In our application, the
dynamic model explains turnover better than a model that
does not consider forward looking behaviour. Our approach
also immediately yields several insights about the roles of
person-organization fit and sales performance satisfaction
in sales force turnover. Overall, and accounting for person-
organization fit, we find that good performance encourages
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the salesperson to stay longer with the selling organiza-
tion. Most importantly, the relative importance of person-
organization fit and salesperson performance in determining
turnover varies over time. In particular, person-organization
fit plays a bigger role at the beginning of a salesper-
son’s tenure, whereas satisfaction associated with selling
performance plays a larger relative role at later stages.

Keywords Salesforce turnover · Salesperson
performance · Person-organisation fit · Dynamic choice
model

1 Introduction

A major challenge in sales force management is how to
grow and maintain a productive sales force, a task that
involves balancing the benefits and costs of retaining
successful salespeople. Salespeople assess their long-term
utility of staying with the firm based on a combination
of performance and how well they fit with the organiza-
tion. Organization behaviour theorists extol the importance
of person-organization fit, defined as “how compatible
employees are with their organization” [39]. They also
consider the benefit of keeping high performance employ-
ees (e.g. Baron et al. [5]). Employees’ close fit with the
organization has been shown to improve organization com-
mitment [41], lowering the propensity for employees to
leave the firm. Similarly, keeping high performance sales-
people is believed to be beneficial, because of their direct
impact on profitability, and because of the institutional/tacit
knowledge they possess about customers and markets. In
conjunction, the message to sales managers is that to max-
imize sales force productivity it is best, and most efficient,
to keep high performance salespeople who fit well with
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the organization. It is therefore important to consider how
salespeople develop their expectations about fit and future
performance and how they use this to make their decisions
to stay or leave the organization. Crucially, this assessment
is based on an assessment of their future utility to stay with
the organization.

In this study, we consider the dynamic joint impact of
person-organization fit and salesperson performance, on
voluntary turnover. Voluntary turnover relates to the sales
person’s decision to leave their existing employer [6, 50].
This is distinct from involuntary turnover (from the per-
spective of a salesperson) which can occur because the
salesperson can no longer function effectively in that posi-
tion. We take a more causal view of the problem, by
allowing person-organization fit and performance to evolve
as state variables, from the time a salesperson starts his or
her job. The business rationale for studying both antecedents
in the same model is that there are a number of benefits to
keeping salespeople who fit well with the organization (e.g.
see a meta-analysis of Kristof-Brown et al. [41]), and that
it is better for business development to keep high perform-
ing salespeople. However, both of these evolve over time,
as salespeople learn from their on the job activities as to
how they will fit and perform. Thus, a careful examination
of these two components needs to be done at an individ-
ual salesperson level and needs to study the trajectories of
learning as they stay with the organization. Past research
on salesforce turnover considers these two aspects usually
cross sectionally (with the exception of e.g. Bridges et al.
[10]) and separately. As a summary of our research prob-
lem, what appears to be neglected in past work on salesforce
turnover is a joint consideration of the effect on turnover
of sales employees’ expectation about person-organization
fit and selling performance. Most previous studies also do
not consider explicitly how salespeople learn over time from
activities on their job.

We examine a dynamic choice problem wherein sales-
people evaluate, each period, whether there is a net benefit
to them staying with the organization. In our longitudi-
nal study, salespeople are observed over time from their
date of recruitment, up to the point where they leave the
firm. Sales employees learn (over time) about their sell-
ing performance from observed success rates, and about
their fit with the organization from the activities that sur-
round handling sales cases. Based on what salespeople
learn, they construct overall expectations about the bene-
fits of staying with the organization versus leaving. Our
structural model is the first attempt to capture these dynam-
ics and the learning underlying the turnover decision at an
individual salesperson level. The benefit of using a struc-
tural approach lies in the ability to examine and extrapolate
the trajectories of individual sales persons’ jobs with the
organization.

Thus, our goal in this study is to incorporate a
two-pronged learning mechanism into a structural form
to assess antecedents of sales force turnover, identified
through matching forward looking behaviour with stay-
leave decisions. Based on Erdem and Keane [19]’s Bayesian
sequential learning model and dynamic model to study
consumer decisions, we develop an analagous dynamic
salesperson learning model to estimate sales employee’s
decisions to stay or leave the organization. We add to
the learning mechanism suggested by Erdem and Keane
[19], a way to incorporate vicarious learning, and since
we observe objective performance, we are able to bet-
ter identify the latent person organizational fit construct
over time.

In this dynamic setting, newly recruited salespeople use
prior information to examine both their likely fit and their
expected performance with the organization. In our model,
the prior belief about performance is identified from the dis-
tribution of performance across the incumbent salesforce.
The prior distribution of any new salesperson’s organization
fit is estimated in the model.

We use this model to provide insights into how both
future selling performance and person organization co-
evolve in a salesperson’s consideration of whether to stay
or leave the selling organization. Salespeople are also more
likely to stay if they perform better than their personal
expectations on future performance. This finding on per-
formance holds regardless of whether learning about fit is
explicitly included or not. We further present evidence in
support of the theory that salespeople who develop strong
fit with the organization are more likely to stay. We also
find that the relative contribution of fit and performance to
the utility of staying with the sales team is non-monotonic
over the tenure of the newly salesperson. The relative
importance of person-organization fit starts reasonably high,
increases over around a 3–4 month ”honeymoon” period
to a maximum at around 5–6 months, and then begins to
decline.

Finally, we examine the effect of the organization in
raising the prior (the mean) on new sales employees’ orga-
nization fit. This can be achieved, for example, using simple
persuasion by sales managers that they would fit well
with the organization. We find that their prior belief about
person-organization fit is quickly (in our context, within
1 to 2 months) updated with on the job sales activities.
Thus, a sales managers’ strategy to set inflated priors on
organization fit would be ineffective.

We highlight several important contributions of this
study. First, we contribute to the sales force literature
by providing a better understanding for how salespeople
make forward looking decisions based on a pattern of
activities and learning from the date they are employed.
Instead of examining cross-sectional variation for reasons
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that salespeople leave, we observe each salesperson from
the time they started and consider how they make stay/leave
decisions on a periodic basis.

Second, this is the first time that both organizational
fit and performance-based expectations are incorporated in
understanding the reasons why salespeople leave the organi-
zation. While person-organization fit is studied extensively
in the management literature, and in the context of sales-
force citizenship behaviour (e.g. Netemeyer et al. [59]), it
has not been considered very much in understanding how
it explains the way salespeople stay with the organiza-
tion. Moreover, understanding how performance explains
salespeople’s decision to leave is a topic of considerable
interest, because of the direct impact of individual salesper-
son expected performance on the aggregate performance of
the selling organization.

Third, we explicitly model learning by salespeople about
performance and about person organization fit. Learning
about performance has been linked to favorable outcomes
as it leads to more confidence [26] and greater skill [43].
Understanding how salespeople learn about their fit with
the organization is critical because individual learning lays
the foundation for organizational learning [4] and influences
perceptions, behaviour and attitudes within the salesforce.
Learning about person-organization fit is also important
because it reduces role ambiguity by providing clarity about
the expectations of the job role [43] and increases satis-
faction as it allows salespeople to understand how their
job fits with a firm’s overall mission and has been linked
to lower employee turnover [29]. Individual learning by
salespeople has been highlighted as an important topic for
further study in sales research [16]. Through the dynamic
modelling of the stay/leave decision, we also contribute to
the theoretical understanding of sales force turnover, by
generating insights into the process of learning about fit,
future performance and their relative impact on sales force
turnover.

Fourth, we also can cast our contributions in the con-
text of the management literature. Our model recognizes
the sequential nature of choices [45], and how salespeople
will use forward looking behaviour to make their deci-
sions to stay or leave. Lee and Mitchell [45]’s unfolding
model of employee turnover, for example, proposes that
the turnover decision may follow one of five paths. An
important path is their “path 1”, which is some concur-
rent environmental event that can cause the sales person to
leave. In our model, this environmental event is explicitly
weighed up against the utility of staying with the organi-
zation, the latter being determined by a discounted utility
function containing trajectories of future satisfaction and
organization fit.

The importance of this topic is also underscored by the
importance of the sales function in many organizations.

The contemporary sales function has a greater strategic role
within the organization [64] with clear implications for busi-
ness strategy [35, 61]. Salespeople are the interface between
the organization and its customers [15, 23] and play an
important role in identifying opportunities for the firm [20].
Furthermore, sales force management is widely recognized
as the most expensive aspect of marketing for many organi-
zations [6, 25]. For example, the average cost of a personal
sales call ranges from $200 to $300, whilst the cost of clos-
ing a sales call can range from $800 to $1,200, and U.S.
firms spend over a trillion dollars annually in sales force
related expenses [38]. Salesforce turnover is also typically
higher than in other occupations [9], so the costs of replace-
ment of sales people is magnified by this high turnover.
It is therefore critical to find ways to manage turnover.
Approaches which consider both the performance, and fit
with the organization, while simultaneously recognising that
salespeople are forward looking, are needed understanding
how to manage sales employee turnover. Our study is a first
step in this direction, and we encourage further research that
takes this type of approach. This work will inspire a bet-
ter understanding of the process by which salespeople make
their stay/leave decisions and can provide guidance to sales
management to find ways to proactively mitigate future
turnover rates.

The remainder of the paper is structured as follows.
In the next section, we discuss our model, linking it to
a conceptual framework that integrates on the job (sales)
activities with learning behaviour. We develop a dynamic
forward looking model of the utility for staying with the
organization and discuss how person organization fit and
expected performance are built in as state variables that
salespeople learn about from the time they start with the
organization. We then outline our application (a single sell-
ing organization tracking each salesperson since the date
they started) and present our results. Our last two sec-
tions highlights some important implications based on our
results, and on the basis of our conceptual model and
results, we discuss opportunities for further research in
this area.

2 Model Development

2.1 Key Constructs and Salesforce Turnover

Fundamental to our model is the assumption that an indi-
vidual salesperson makes the decision to stay with the
organization based on an assessment of the future utility of
doing so, relative to that of leaving to pursue their career
elsewhere. Our model explicitly considers how salespeo-
ple’s expectations about their utilities evolve over time (see
Bridges et al. [10], Bentein et al. [8]), as a function of their
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observations from on the job activities and selling success
rates (i.e. how they use updated information).

From the past literature on both sales force retention and
organizational behaviour, we draw out two important and
distinct constructs from which salespeople derive utility.
The first is job performance, in our application measured
by their expected success rate (percent of leads successfully
closed), from which salespeople derive utility primarily
from the financial rewards, although this could also gener-
ate utility via job performance satisfaction (the utility of a
“job well done”). The second component is person orga-
nization fit, which is a latent measure that represents the
compatibility of employees and the organization, based on
similar fundamental characteristics such as mutual need ful-
fillment, value congruence, personality similarity between
individuals and other members of the organization, and
shared individual and organizational goals [40, 59]. Person-
organization fit is likely to be unobserved except to the
salesperson (although it could be elicited via surveys), while
success rate is observed by everyone.

2.1.1 Expected Performance and Turnover

We are guided by a substantial literature in salesforce
management that has studied the impact of performance
on turnover. A central issue is whether high performance
salespeople are more or less likely to stay. While success-
ful salespeople have more outside opportunities available,
they are also more likely to be well rewarded for their
performance in their current role. The past theoretical lit-
erature (e.g. McNeilly and Goldsmith [53], McEvoy and
Cascio [52], Williams and Livingstone [67], Bridges et
al. [10]) provides conflicting and ambiguous conclusions
to the performance-voluntary turnover relationship. Some
researchers [34] and [22, 27, 49] have found that per-
formance exerts a significant negative effect on voluntary
turnover. On the other hand, empirical evidence shows that
performance does not influence attrition [24]. Further com-
plicating the relationship, higher performing sales people
were more likely to voluntarily leave their job, than sales
people who are not performing well [3], whilst others have
found the opposite [51]. A curvilinear relationship between
selling performance and turnover has also been suggested
where the low performers left because of decreasing job
security and high performers left the organization due to
better external opportunities [31].

2.1.2 Person-organization Fit

Drawing from the organization behaviour literature, a sec-
ond key construct that must be considered as an antecedent
for sales force turnover, is the fit between the sales per-
son and the organization. Person-organization fit captures a

holistic compatibility between the salesperson and the orga-
nization [39, 41]. Person organization fit has been found to
have a positive association with job satisfaction [11, 14, 59]
and organizational commitment [41]. In their meta-analysis,
Kristof-Brown et al. [41] find that person-organization fit
has a strong correlation with job satisfaction (.44) and orga-
nizational commitment (.51) and negatively related to inten-
tion to quit (−.35). Organizational commitment refers to a
psychological attachment to the organization (e.g. Stumpf
and Hartman [65], Meyer and Allen [54]). Organizational
commitment has been studied by the past literature in sales
force management and for employee turnover, finding a pos-
itive association with the likelihood of staying (e.g. Shore
and Martin [63]). However, person-organization fit is dis-
tinct in that it represents more of a congruency between the
salesperson and a selling organization.

2.1.3 Combining Fit and Performance in a Dynamic Model
for Turnover

A fundamental assumption that underpins the identifica-
tion of these two components is that they are additively
separable and that they derive from different aspects of
on the job activities. The direct utility of a salesperson
staying is a function of these two components, with the
future expected utility being considered over some time
horizon. The modelling challenge is how to incorporate
learning about these future utilities and how to use this
to explain observed decisions about salespeople leaving or
staying.

Figure 1 illustrates the conceptual framework. The
stay/leave decision hinges on the net future benefits of
staying with this organization. This decision must take
into account that staying allows the salesperson to learn
more about both their fit and performance with the incum-
bent organization (resolving uncertainty), and that the same
decision can be made at any point in the future.

When a salesperson starts at a firm, they are assumed
to be unfamiliar with the characteristics of the organiza-
tion, and therefore how well they fit with the organization.
Salespeople learn about their person-organization fit from
information obtained from activities associated with open
sales cases. They also learn about their success rate, which is
operationalized as the ratio of successful sales cases closed
divided by total sales cases closed (whether successful or
not). In addition, vicarious learning (cf. observation learn-
ing, Zhang [68]) about performance occurs when they first
begin their job with the organization, when they observe the
distribution of success rates across other salespeople in the
selling organization. Once they commence their job with the
organization, however, vicarious learning is combined with
information about their own success rate. Salesforce perfor-
mance (Fig. 1, top left box) thereby represents prior beliefs
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Fig. 1 Conceptual framework
underlying the dynamic model

about performance from other salespeople. This is incorpo-
rated with previous performance results to come up with
expectations about the current period performance. Current
performance observations are used together with perfor-
mance expectations and yield “performance satisfaction”.

2.1.4 Conceptual Difference between Performance and Fit

For the purposes of our study, we draw a distinction
between the constructs of (satisfaction with) performance
and person-organization fit. We do so because they can be
quite different. In other words, salespeople can fit very well
with the organization, with different levels of performance.
Conversely, it is conceivable that a person who has very
high performance may leave because she fits poorly with the
organization. It is this difference we want to examine in this
study.

2.1.5 Sales Performance and Job Performance Satisfaction

We follow previous research (e.g. Bridges et al. [10]) and
allow performance satisfaction to be a function of whether
a salesperson met their personal expectations about perfor-
mance. This is defined as the absolute deviation between
(prior) expected performance and their observed perfor-
mance in that period. We expect that performance that is
below expectations will increase the likelihood of the sales-
person leaving, in two ways. First, the expectation of future
performance will fall. Interestingly, it will fall more for
salespeople of shorter tenure than for salespeople who have
been with the firm for longer. This is due to the nature
of the updating rule. The variance of other salespeople’s
performance in the prior expectation will moderate this rela-
tionship. That is, if prior expectations are very tight, then
falling short of performance is likely to provide little infor-
mation. If prior expectations are diffuse, then falling short

of performance will substantially lower their future expec-
tations. A final point is on the expected symmetry of posi-
tive versus negative performance/expectations gaps. Bridges
et al. [10] further discuss this phenomenon and expect that
losses loom larger than gains. In other words, a negative per-
formance shock was found to have a greater (and negative)
effect on utility than a similar sized positive performance
shock.

A more direct reason for including job performance satis-
faction (by this definition) is to link it to increased compen-
sation or rewards, especially in the context of commission-
based selling roles. High job performance satisfaction could
be related to retention because this generates additional
revenue [55] in any period. Our definition of expecta-
tions implies that this additional wealth is not expected in
the future. Instead expectations, via the updating rule, are
adjusted upward depending on how fixed their prior (to that
date) expectations about their success rate is.

2.2 Salesperson per Period Expected Utility

For any period, we specify a salesperson’s expected util-
ity of staying as a function of observed performance versus
their expected performance (e.g. Misra and Nair [55]) and
a component representing person-organization fit. At any
time, salesperson j has a choice of whether to stay or leave
the organization. Let Uj1t denote the utility of staying ver-
sus Uj0t which represents the utility of leaving. The utility
of staying is:

Uj1t = αAjt − rαA2
j t + ϕg(Sjt ) + Xjtβ + εjt , (1)

where Xjt is observed and consists of salespeople compen-
sation and demographics. The value of variables in Xjt is
assumed known for all time periods. The value g(Sjt ) is a

function of their success rate (Sjt = Yjt

njt
, with Yjt being
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successful sales leads closed, and njt being total sales activ-
ities), and Ajt is a measure of the person-organization fit.
They provide utility to the salesperson at any time period t ,
and this is measured by the parameters α and ϕ, and risk
aversion r . The salesperson is risk-averse if r > 0, risk-
seeking if r < 0, and risk-neutral if r = 0. The parameter
vector β is utility weight parameters associated with covari-
ates in Xjt . The stochastic term εjt is salesperson and time
specific.

The variable Ajt represents the latent/unobservable
person-organization fit for salesperson j . This is salesper-
son and time specific, which implies that different sales-
people may have different fit, and the same salesperson
may have different fit over time. One organization has its
characteristics, and each salesperson also has her own char-
acteristics. If these match, person-organization fit will be
good. Over time, both the organization and salesperson’s
characteristics are changing. Thus, the fit can change over
time as well. The person-organization fit a salesperson per-
ceives may differ from her true fit. As we discuss below,
both are uncertain at any time and so we specify this as a
function of random state variables.

Taking expectations with respect to an information set
Zjt available to salesperson j at time t , the expected utility
is:

E(Uj1t | Zjt ) = αE(Ajt | Zjt ) − rαE(Aj | Zjt )
2

+ϕE[g(Sjt ) | Zjt ] + Xjtβ

−rαE(Ajt −E(Ajt | Zjt ) | Zjt )
2+εjt . (2)

We define job performance satisfaction at time t as a func-
tion of the gap between expected (by the salesperson) versus
observed performance both at time t and g(Sjt ) = E(Sjt |
Zjt−1) − Sjt . E(Sjt | Zjt−1) is salesperson j ’s expected
performance at the beginning of time period t using infor-
mation from until time period t − 1. Sjt is the salesperson’s
actual performance at the time period t . Here, we emphasize
that at the end of time period t (i.e. when the salesperson
makes their decision to stay or leave), both of E(Sjt | Zjt )

and Sjt have been realized. There is no uncertainty about
these values. This means that, for any future period, the
expected difference is zero. For the present period, however,
we have performance entering the utility function as the dif-
ference between expected (from period t − 1) and current
period t performance. What enters the expected utility func-
tion is the surprise element of performance, or E[g(Sjt ) |
Zjt ] = E[Sjt | Zjt−1] − Sjt .

We assume the value function of leaving the company to
be a time trend plus an error term: E[Uj0 | Zjt ] = γ t +εjt0

[19]. Any utility valuation is thereby scaled to the average
outside opportunity of salespeople.

2.3 Learning about Fit and Performance

When they first begin with the sales organization, sales-
people are uncertain about their person-organization fit.
Accordingly, this uncertain state Aj0 is drawn from a distri-
bution for sales person j at time t = 0 being the first period
they are hired at the firm.1 We assume that salespeople know
the distribution of Aj0, which is assumed to be i.i.d. normal
(also identical over time) with mean μA0 and variance σ 2

A0:

Aj0 ∼ N(μA0, σ
2
A0). (3)

2.3.1 Updating Person-Organization Fit from Sales
Activities

As they commence their selling job, salespeople learn about
their fit with the organization from signals generated by on-
the-job activities. The opportunity to learn from sales cases
about their person-organization fit occurs in several ways.
They learn whether there is a match between their skills,
abilities and knowledge, and the attributes of the job and
the values/culture of the organization. For example, dur-
ing the early phase of their employment, salespeople begin
to understand the type of cognitive and social skills that
are necessary in their jobs, and over time these perceptions
of work change [33]. Over time, the salesperson experi-
ences various encounters and starts to develop an idea of
the appropriate social skills required for the organization.
For example, they will learn about how to deal with conflict
with colleagues and customers, how inter-functional coor-
dination occurs, and how to deal with supervisory feedback
[32]. The importance of “socialization” for salespeople is
examined by Dubinsky et al. [18] and Netemeyer et al. [59].
The socialization process involves the sales person learn-
ing about the social knowledge that is required to perform
their sales role in the organization [66]. Salespeople also
learn whether any citizenship behaviours [59] are required
or rewarded in their organization.

Salespeople are encouraged to be customer oriented,
which requires them to learn about the unique needs
of the customers and to develop profitable relationships
[30, 60]. Furthermore, there is a shift towards key account
management, with an emphasis on product customization,
which involves both the external customer interface and the
intraorganization interface with people who are responsi-
ble for product development [35]. Therefore, contemporary
sales people have to learn about expectations of the vari-
ous stakeholders, and their own abilities in this context, both
important elements of person organization fit.

1Throughout, we will use t to index time relative to the j th focal sales-
person beginning with the organization, rather than absolute time for
the organization. Thus, t = 0 for a salesperson j corresponds to their
start date.
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We distinguish the role of job-related activities from
tenure in this context. As a salesperson’s tenure increases,
naturally the cumulative number of interactions will
increase. This is captured in the learning process by allow-
ing it to be driven by the on the job activities. This allows
us to capture differences among any number of salespeople
who start at the same time, but learn about organizational fit
in different ways because of the number of sales activities
they engage in.

Over time, the sales cases they handle provide salespeo-
ple with noisy signals that update their expectations about
person-organization fit. This learning process allows them
to make a time varying (uncertain) judgment of the extent of
the match between their characteristics and the job attributes
and the organization. This learning is organization specific,
and leaving the organization to commence their career with
another organization will require them to learn about their
fit at a different organization.

This very simple structure of learning from sales-
related activities, is formally captured using the follow-
ing specification. Based on the information set at time
t, Zjt , the salesperson forms an expectation over expected
person-organization fit E(Aj |Zjt ). When new informa-
tion becomes available (from job activities proportional to
the number of sales leads njt ), they update this expec-
tation using Bayes rule. As discussed above, each sales
case handled provides observations about the organization’s
characteristics that provide salespeople with a noisy expe-
rience signal. We capture this by assuming any experience
signal k is drawn from a normal distribution with mean Aj

for salesperson j ,

Wjtk ∼ N(Aj , σ
2
W). (4)

We propose that the number of job-related activities is pro-
portional to njt , the number of sales cases handled in any
month t by salesperson j . More specifically this is defined
as the total number of sales cases closed that month, whether
the case is successfully (i.e. results in a sale) or unsuccess-
fully closed (closed, but does not result in a sale). Over a
period of time (e.g. 1 month, as in our application), if a
salesperson receives njt experience signals (i.e. sales cases)
from their job activities, then the sample mean of experience
signals is defined as

Wjt ∼ N(Aj , σ
2
W/njt ). (5)

The salesperson updates her prior belief about job attrac-
tiveness with the information acquired from experience
signals to form a posterior belief about person-organization
fit, using Bayes rule [17]. The salesperson-organization fit
value thereby evolves as follows:

E[Aj |Zjt ]=E[Aj | Zj,t−1]+γjt

(
Wjt −E[Aj | Zj,t−1]

)
,

(6)

where γjt = σ 2
j t

σ 2
j t+σ 2

w/njt
. The perception error variance can

be expressed as:

σ 2
j t = 1

1

σ 2
j t−1

+ njt

σ 2
w

. (7)

The initial perception variance on person organization fit is
σ 2

A0. As the salesperson handles more sales cases (i.e. as
njt becomes large), the perception error converges toward
zero. Ultimately, all salespeople in the organization will
reduce their error variance over time. However, this model
allows some salespeople to update more rapidly than oth-
ers, depending on the number of sales cases they have the
opportunity of handling.

2.3.2 Expected Performance: How Salespeople Learn
About Performance

For expected performance, we use the success rate for any
month t , anticipated by salespeople with a history of selling
performance up to time t . For any time period, the suc-
cess rate is operationalized as the proportion of sales cases
closed, that result in a sale. Let Yjt equal the to number of
sales cases that are successfully closed at time t by sales-
person j . Then the success rate observation for any month
equals

Yjt

njt
.

We assume that a salesperson who starts the organiza-
tion2 at time t will have a prior about the success rate based
on all historic data available across salespeople at time t ,
and call this μj0. We assume a beta prior distribution for
this to be estimated on the basis of all observations available
for incumbent salespeople: μj0 ∼ beta(a0, b0) with a0 and
b0 to be estimated for each month of the observation period.
The pdf for this prior being:

f (μj0|a0, b0) = �(a0 + b0)

�(a0)�(b0)
μ

a0−1
j0 (1 − μj0)

b0−1. (8)

Once a salesperson commences her selling role with the
organization, she sequentially updates using noisy signals
about her own performance.3 The uncertainty in these sig-
nals reflects unobserved, unexpected shocks each month
that influences performance. Over a period of time, how-
ever, they learn their success performance with the orga-
nization and may be greater or less than that of their
colleagues. Each new salesperson entering the sales orga-
nization will update the prior (i.e. a0 and b0) used for any
future salesperson.

2The initial prior distribution of the success rate faced by salesperson
j (i.e. μj0), will vary over the observation period of the entire sell-
ing organization and represents the distribution of performance across
salespeople.
3Details of the derivation of these distributions are given in the online
appendix.
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We assume that the sales cases are allocated to salespeo-
ple exogenously by a sales lead generation system and are
known by the salesperson at the beginning of each month.
Such an assumption makes sense to the extent that much of
the variation is from external demand, perhaps influenced
by a firm’s marketing activities. This means that the only
uncertainty is about what proportion of sales leads will close
successfully. Clearly, this assumption could be relaxed by,
for example, allowing the sales manager to allocate leads
according to either the potential effort or productivity levels
of individual salespeople.

At the end of each month t , salesperson j observes Yjt

out of njt cases successfully closed. These signals are drawn

from a binomial distribution. The state variable (used to
forecast the number of sales cases successfully closed for
month t + 1) is updated after observing Yjt , njt as follows:

μjt |aj0, bj0, njt , Yjt ∼beta(aj0+
t∑

τ=1
Yjτ , bj0+

t∑

τ=1
(njτ −Yjτ )),

(9)

so that, at any time t with the distribution for μj,t−1 avail-
able from the previous period, the beta-binomial for Yjt

is:

f (Yjt |μj,t−1, njt ) =
(

njt

Yjt

) beta
(
aj0 + Yjt + ∑t−1

τ=1 Yjτ , bj0 + (njt − Yjt ) + ∑t−1
τ=1(njτ − Yjτ )

)

beta
(
aj0 + ∑t−1

τ=1 Yjτ , bj0 + ∑t−1
τ=1(njτ − Yjτ )

) . (10)

Thus, the expectation regarding future performance at the
beginning of any period is based on the number of sales
leads open for the focal month, multiplied by the expected
value of the success rate for that month. Formally, this can
be written as:

E[Yj,t+1 | μj,t , njt+1] = nj,t+1(aj0 + ∑t
τ=1 Yjτ )

aj0 + bj0 + ∑t
τ=1 njτ

. (11)

2.4 The Decision to Stay as a Dynamic Optimization
Problem

Given the per period utility function in Eq. 2, we now
consider the dynamic problem wherein a salesperson j

decides whether to stay or leave the company at time t

(t = 1, 2, . . . , T ), with the corresponding objective to max-
imize her expected present discounted value. Salesperson j

at time t makes a decision about whether she will stay in the
company (sjt = 1) or not (sjt = 0), based on her expected
net present utility given by the current state of the informa-
tion set. If the salesperson decides to stay at time t , she gets
an expected utility of E(Uj1t | Zjt ) and will have to make

a decision again at period t + 1. If she leaves the company,
she receives an expected utility of E(Uj0t | Zjt ). Using the
Bellman equation [7], the salesperson’s value function can
be expressed as follows:

Vj1t = E(Uj1t | Zjt ) + δE(Vjt+1 | sjt = 1), (12)

where δ is a discount factor for future utility. The decision
procedure is, at the end of each period (i.e., each month), a
salesperson makes her decision to stay or leave, based on her
experience/utility of this period in the organization. Our pri-
mary interest is in the salesperson’s decision to stay or leave
the focal organization. Once the salesperson leaves the orga-
nization, they enjoy a net present utility assumed to be fixed.
The interest is only on salespeople who leave the company,
and we are not specifically stating any assumption about the
outside option, rather fixing it to some value.4 The Bell-
man captures the feature that, when making a decision, a
salesperson considers benefits from this period and expected
benefits from all future periods. Define E[Uj1t | Zjt ] as
the deterministic part of the expected utility. We assume the
error term εjt in Eq. 2 is iid Gumbel, so the probability that
salesperson j stays in the company at time t is

4This model can also be used to study sales force turnover across dif-
ferent organizations. This could be a powerful extension to our model
if data were available across multiple sales organizations.

Pr(sjt = 1 | Zjt ) =
∫

exp(E[Uj1t | Zjt ] + δE(Vj1t+1 | sjt = 1))

exp(E[Uj0t | Zjt ]) + exp
(
E[Uj1t | Zjt ] + δE(Vj1t+1 | sjt = 1)

)f (ν)dν. (13)

Here, ν is the perception error (i.e. the difference between
the real and perceived person-organization fit), which is not
directly observable to the researcher. Thus, we need to inte-
grate it out of this probability. Given there is no closed
form solution to this integral, we use numerical simulation.
Once we get the probability that a salesperson stays, we

can derive the probability that she leaves (i.e. Pr(sjt =
0 | Zjt ) = 1 − Pr(sjt = 1 | Zjt )). The probability that
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a salesperson will leave or stay at time t depends on not
only the expected utility at time t , but also how the decision
will influence the information about person-organization fit
available to him at time t = 1, which will certainly have
some impact on the expected utility at time t +1. For exam-
ple, although a particular salesperson’s expected utility at
time t is low, she may choose to stay because she really
wants to learn more about both fit and selling outcomes. It
is plausible, however, that the salesperson may not have full
information about fit but decides to leave because they are
reasonably sure their success rate is low. Thus, the combined
effect of fit and success rate is what is important.

3 Data and Estimation

3.1 Data Description

Our application is in the context of the selling organization
of a large multinational software company. This company-
mainly sells its products to business users in North America.
The main task of salespeople in this organization is to sell to
their potential customers from potential customer lists and
cold calling. Most of the sales are based on leads, although
for smaller firms, there may be some cold calling. These
lists are obtained from several sources (e.g. purchased from
information vendors). Much of the variation is due to the
volatility of demand and due to geographical territorial allo-
cations. Our data is at the individual salesperson level and
therefore it identifies the specific salesperson that handles
each case.

The data set for recruitment/resignation indicates
whether and when a salesperson left the company. We only
keep the salespeople who joined in the available obser-
vation window and do not consider (censored) data from
salespeople for which we do not observe their starting date.
As a result, we observe each salesperson’s entire employ-
ment history within the organization. Much of the literature
uses the metric of intention to quit or leave for measuring
turnover (e.g. Boles et al. [9]). This has been shown to be a
good, but partial, explanation of actual turnover. Since our
study is about salespeople voluntary turnover, we remove
from our sample salespeople who were forced to leave. We
only deal with sales cases that have been closed (i.e. won or
lost). To study salespeople’s turnover decisions, we aggre-
gate the data to monthly level. Salespeople are assumed to
decide, at the end of each month, whether to stay or leave
the company based. This decision is based on their full
information set at the end of each month.

The sales activity data set includes detailed informa-
tion about the software of interest, customer name, budget
available, status of sales lead (i.e. open, won and lost)
and the time when the case was opened and closed. We

also obtained data on each salesperson’s average salary and
demographic information. As some of the salespeople have
already left the company, we were not able to obtain detailed
salary data for everyone. Thus, the salary used here is the
average salary during our data period. The demographic
information obtained includes gender and marital status.

Combining the three data sets (i.e. recruitment/
resignation, sales activities/performance and salary/
demographic information), we have valid information for
157 salespeople. Our observation window is from July
2003 to May 2006 or 34 months. Of the 138 salespeople,
48 left the company during the observation window. The
average age is 28 years, 74 % are male and 31.9 % of them
were married. The average tenure length is 12.75 months.
Summary statistics can be found in Table 1. In addition,
the cumulative number of sales leads to sales people who
stayed is 48, and sales people who left is 41. Similarly, we
find that the success rate for salespeople who left (8 %) is
significantly and substantially lower than for salespeople
who stayed (34 %). Together, this suggests that there is a
negative association between performance and turnover,
but this is not indicative of the simultaneous role that
person-organization fit plays.

3.2 Estimation Procedure

In principle, the estimation of our model is very similar as
the one used in a standard discrete choice model. We need to
get an expression for the utility associated with each alter-
native (i.e. stay or leave). But the challenge in a dynamic
model is that we have to get an expression of the expected
future utility (i.e. we have to compute the value function
specified in Eq. 12). The dynamic model is solved using
simulation and interpolation [19, 37]. As this is a backward
solving method, the decision horizon T has to be finite.
Because of the computation burden, T cannot be set as too
large [19]. In our study, we set the horizon T = 50 months

Table 1 Descriptive statistics

Variable Mean Std. dev. Min Max

Success rate 0.2094 0.3058 0 1

Cases per period 4.9062 4.1952 1 37

Salary 3.8061 0.7934 2.5 8

Gender (1; male) 0.7389 0.4407 0 1

Age 28.1656 2.4175 23 35

Marital status (1; married) 0.3185 0.4674 0 1

Education (1; post-grad 0.9554 0.2071 0 1

or equivalent)

Tenure length 12.7516 6.6907 3 33

with the company
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or around 4.5 years. At time T , the value function is simply
Vj (ZjT ) = max

{
E[Uj0 | ZjT ], E[Uj1 | ZjT ]}.

3.2.1 Likelihood Function

From Eq. 13, the likelihood function for salesperson j is,

Lj (� | Zj1) =
T∏

t=1

Pr(sjt = 0 | Zjt )
(1−sjt )P r(sjt = 1 | Zjt )

sjt ,

(14)

where � is the parameter vector to be estimated. As a result,
the likelihood function for the J salespeople is

LL(� | Z1) =
J∏

j=1

Lj (� | Zj1). (15)

In this likelihood function, salespeople are assumed to be
identically distributed and conditionally independent. The
condition here being anything they learn about performance
from other sales people. As indicated, it is reasonable that
they learn about some things from other sales people, and
we inject this into their learning by allowing them to form
priors based on this information. However, we argued that
they don’t learn about their own success rate from other
salespeople’s past performance, so unless they get utility
from being better than the average salesperson, and there is
a lot of variability each month in this average, the only thing
that matters is their own observed historic performance. The
log-likelihood function is evaluated using the method of
simulated maximum likelihood.

The state variables used in our study are perceived
person-organization fit, salespeople expected performance,
salespeople salary, gender and marital status. Of these, only
perceived person-organization fit and salesperson expected
performance are changing over time. Therefore, in the
dynamic model, salespeople need to have an expectation of
them in the future periods. In this study, we want to check
whether high salaried salespeople are more likely to leave or
low salaried people are more likely to leave. So, we created
a dummy variable based on the average salary data we have:
1 for top 25 %, and 0 otherwise. For the results we present,
we fix the value of the discount factor at 0.9.

3.3 Identification

The parameters to be estimated include the parameters
of salespeople’s initial expection about their own perfor-
mance (aj0, bj0), the prior mean of the unobservable person
organization fit (μA0), the initial variability of the person-
organization fit (σA0), the learning variability (σw), the risk
aversion coefficient (r), utility weight parameters associated

with salary and demographics (β), and time trend param-
eter (γ ) and the time discount factor. The parameters for
each salesperson’s distribution on initial expections about
their future performance (aj0, bj0) are determined by when
a salesperson joined the company. The data for the periods
before the salesperson joined the company was used to iden-
tify these two parameters for each salesperson. For example,
if a salesperson joined in month 4, we use the data from the
first 3 months to estimate the two parameters for her. Thus,
salespeople who joined the company at different times have
different initial expectation parameters. The prior mean of
the unobservable person-organization fit is identified by the
initial salespeople turnover rate. To separate the initial prior
mean from the random error term, we need several turnover
cases in the initial period. In other words, the initial steady
turnover rate of the salespeople can identify the prior mean.
Otherwise, μA0 cannot be separated from the random error
[19, 58].5 The prior variance of the unobservable person-
organization fit (σA0) is set to one [68]. The actual value
of initial variance is not important in our study, since this
will not influence our substantive results. Similarly, we set
the utility weight associated with the unobservable fit (α)
to be equal to one. The variability of the experience signal
(σw) is identified by the rate of fluctuation of the sales-
people’s turnover converging to the steady state and the
learning experience from historic performance. Specifically,
the difference between initial and long-run steady salespeo-
ple turnover rates can identify the learning parameter. The
evolution of salespeople turnover rates, σw and μAj , iden-
tify the risk coefficient r . The β parameters are identified
by the relevant explanatory variables.

We set the value of the discount factor at .9 because of
the difficulty in estimating the discount factor [19]. But we
also estimate the model with two different discount factor
values: .85 and .95. The insights from these results are sim-
ilar as to the discount factor of 0.9, and we ommit the full
details.

4 Results

We first reflect on some summary statistics about the appar-
ent association between the length of time salespeople stay
with the organization, and their observed selling perfor-
mance, as measured by success rates (refer to Table 2).
In our sample, 33 salespeople resigned during the period
of observation (of 24 months). Most leave within 7 to 12
months, but there is a sizeable group that leaves within
6 months. Tracking their success rates, we see that sales-
people who leave within 6 months and within 7 to 12

5Here, we use the first 5 months as the initial period. As shown in
Table 2, there were four salespeople left during this initial period.
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Table 2 Salesforce turnover
descriptive statistics Total

Within 6 Within 7–12 Within 13–24

months months months

Number 33 4 20 9

Percentage of 12.12 60.61 27.27

salespeople who left

Percentage across 2.90 14.49 6.52

all salespeople

Sales performance:

Success rate (all salespeople) 0.297 0.223 0.135

Success rate (salespeople who left) 0.200 0.201 0.248

months have a success rate substantially below that of their
colleagues. For salespeople who stayed longer (taking 13–
24 months to leave), we see this reverse entirely. The
immediate message from these results is that salespeople
who leave in the short run do so because they observe
low performance. The curious finding is that salespeople
who stay longer tend to only leave if their performance
is high. What is masked by these results is the unob-
served person-organization fit. We now examine results
that can shed some light on this important component of
turnover.

We fit various specifications for the models using Eqs. 13
to 15 to our data sample (refer to Table 3). We focus on
the main results, reported in the first column of Table 3
(model 1), and discuss the alternative specifications in a
later subsection.

The parameter estimates correspond to covariates that
raise the discounted long-term utility of staying with the
organization, so positive estimates indicate reduced effects
on salesforce turnover. The estimate for time trend is pos-
itive. This measures the time since any individual sales

Table 3 Selected estimation results for different specifications of the dynamic model

Model 1 Model 2 Model 3 Model 4

Est t-stat Est t-stat Est t-stat Est t-stat

Intercept 0.442∗∗∗ 5.228 0.520∗∗∗ 7.225

Learning variabi- 0.464∗∗ 2.436 0.476∗∗∗ −2.917

lity/ utility weight

(α)

Prior attractive- −0.317∗∗ 2.150 −0.297∗∗ −2.255

ness (σ0)

Positive perfor- 6.834∗∗ 2.048 7.513∗∗ 2.250

mance

Negative perfor- 0.975 0.724 1.339 1.055

mance

Salary 0.221∗∗ 2.461 0.193∗∗ 2.398 0.190∗∗ 2.399 0.166∗∗ 2.320

Gender −0.118∗ 1.742 −0.103 −1.709 −0.093 −1.495 −0.073 −1.323

Marital Status 0.046 0.680 0.040 0.656 0.007 0.113 0.006 0.101

Risk coefficient −1.667∗∗∗ 2.967 −1.801∗∗∗ −3.361

(r)

Time trend 0.769 1.411 0.695 1.274 1.360∗∗∗ 2.583 1.424∗∗∗ 2.902

LL −135.8022 −140.6272 −149.5394 −142.781

Key: ∗p < 0.1; ∗∗p < 0.05; ∗ ∗∗p < 0.01
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person started their job. In the management literature, this
is often referred to as salesperson “tenure”. In all models
estimated, we find that the tenure coefficient is positive and
statistically significant. Beyond the effects of performance,
person-organization fit and demographics, this result sug-
gests that salesperson turnover is negatively related to their
tenure. We recognize that since we allow new salespeople
to be added to the risk set that this provides a good approx-
imation of the baseline hazard of a salesperson leaving (see
Fader and Hardie [21] for a similar result in the context of
customer retention analysis).

The learning variability parameter is positive and statis-
tically significant, providing evidence that salespeople are
learning about their person-organization fit via the handling
of sales cases. The prior attractiveness parameter is negative
and statistically significant, indicating that salespeople who
have more diffuse prior expectations about the organization
are less likely to stay for a longer time.

The estimated risk coefficient is negative and statistically
significant, which we interpret to mean that salespeople are
generally risk seeking. This result suggests that higher per-
ceived person organization fit variance can actually attract
salespeople to stay. At first glance, this result seems counter
intuitive. But in the specific context we are studying, sales-
people turnover, we provide the following explanation.
Initially, shortly after commencing their selling role, sales-
people try to learn about whether this is the right job for
them or not, in terms of both their person-organization fit
and their expected success performance. They are therefore
less likely to leave before they have more confidence in their
belief about the level of the attractiveness of staying with
the organization.

Recall that the handling of more sales activities does not
necessarily imply a good fit between the salesperson and
organization. It is highly plausible that, from the handling
of more sales cases, a high performance salesperson learned
that this is not the right job for reasons related to person-
organization fit (e.g. not challenging enough, no growth
opportunity and organization culture mismatch), rather than
their performance.

After we have controlled for the fact that sales peo-
ple may learn from their sales activities about person-
organization fit, we find a significant negative relationship
between expected performance and turnover. The interpre-
tation of this result is that good performers are more likely
to stay. Recall that it is performance above or below expec-
tations, as defined by a sequential learning rule, that alters
to utility and changes the likelihood that a salesperson
stays. We find that higher than expected success for a given
month increases the likelihood that the salesperson stays.
Surprisingly, we do not find evidence that negative perfor-
mance shocks (below expectations) increases the likelihood
a salesperson will leave.

Our results show that there is a significant negative
relationship between compensation of salespeople, and
turnover, which is consistent with much of the extant litera-
ture. We find that the two demographic factors we consider
here, gender and marital status, do not have a significant
impact on turnover.

4.1 Alternative Models

In Table 3, we also include the estimation results for sev-
eral alternative specifications. Model (1) is the full model
as described above, with person-organization fit, salesper-
son performance as well as all time invariant covariates
included. In model (2), we ommit the component for sales-
person positive and negative performance difference. In
model (3), we assume that salespeople know their fit with
the organization, and that it is constant over time. For model
(3), we retain the positive and negative performance differ-
ence variables in the model. In model (4), we ommit both
the salesperson learning and performance difference com-
ponents. This is identical to model (3) in that salespeople are
assumed to know their person-organization fit throughout
their tenure at the selling organization. Table 3 also reports
log-likelihood values of the four models. It shows our model
fits better than the other models. We also run likelihood ratio
tests, and the results also support it (p < .01). We find that
the role of tenure becomes statistically significant, suggest-
ing that the organizational fit may be captured by tenure if
ommitted from the model explicitly.

Recall that we fixed the discount factor to 0.9. In the
online appendix, we report some results where we run the
full specifications (Model 1) for different discount factors
(i.e. 0.8 and 0.95), which indicates that the estimates are
robust to different assumptions about the extent to which
salespeople are forward looking. We also examined differ-
ent time horizons (T = 100) and find similar results. We
also tried a model that controls for salesperson heterogene-
ity in their propensity to stay. For this, we estimated a latent
class version of our model [28, 36]. We tried several differ-
ent classes, but the models tested suggested there was just
one class (according to Akaike information criterion and
Bayesian information criterion).

5 General Discussion

5.1 Salespeople Performance and Turnover

Our results improve our understanding of how salesperson
performance and voluntary turnover are related. Past work
has shown conflicting results on the relationships between
performance and salespeople voluntary turnover [10]. Are
high performers or low performers more likely to leave?
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We argue that it is not solely the success rate influencing
the turnover directly. Salespeople also learn about the fit
between them and the organization from their sales activ-
ities. More importantly, it is not just the successful sales
cases closed that the salesperson learns about, suggesting
that sales managers should not just use a salesperson’s
performance to predict her intention to leave. To evaluate
the impact of a change in performance, we run a policy
experiment on the basis of our results. We add one more
successfully closed case (Yjt + 1) per time period, for each
sales person. Note that this also augments the sales leads
(njt ) by one. The purpose of this is to look at what happens
when we add a ”high quality” sales lead to the activities of
each sales person, rather than just adding sales leads with
unknown consequence to the success rate. The result of this
policy is to provides salespeople with extra information both
about person-organization fit, and it will raise the positive
performance shock, leading to higher job satisfaction. The
result of this experiment is graphically depicted in Fig. 2.
On the vertical axis, we plot the time t value of the utility of
staying and the horizontal axis we plot counterfactual utility
over time. We immediately observe that there is no unam-
biguous direction to this policy, an additional sales case
could have either a positive or negative impact on the util-
ity of staying. This further explains why there is conflicting
evidence on the association between performance and vol-
untary turnover. In some cases, the additional case increases
the likelihood, in other cases, it decreases the likelihood of
the salesperson staying (Fig. 2).

Our results also show that the difference between
expected performance and actual performance will influ-
ence salesperson satisfaction, which will influence their
intention to leave. Salespeople may form their expectations
in different ways such as based on their previous perfor-
mance. In this model, salespeople update their expectation
based on their previous performance in a Bayesian way.
In practice, sales managers may influence how salespeople
form their expectation. For example, expectations could be
influenced by setting sales quotas. On the one hand, it is
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good to always set a slightly higher sales target in order
to encourage salespeople to perform better. On the other
hand, if the target is too high, then salespeople will have
difficulty meeting their target. These deviations from expec-
tations will influence their satisfaction and therefore their
intention to leave.

5.2 Salespeople Performance vs. Person-organization Fit

A question that arises from our results is how different are
sales performance and person-organization fit? Because our
model allows us to estimate both performance and the fit
between the organization and salespeople, we can exam-
ine the association between salespeople performance and
fit (see Fig. 3). From the figures, we can see there is
no clear relationship between salespeople fit and perfor-
mance for both salespeople who stayed and left. We confirm
this using a regression between fit and performance and
find no evidence of an association between performance
and fit.

To further show the different impact of fit and job
performance satisfaction, we calculate the proportional con-
tribution of fit and performance satisfaction in salespeoples
utility of staying in the company. This is visually displayed
as a function of time in Fig. 4. For fit, we use the results
from Model 1 and calculate the net present value of the
utility of staying. We examine how much is driven by the
person organization fit component, which includes both the
mean and the variance of fit. For performance satisfaction,
we use the positive difference between observed perfor-
mance and expected (at the beginning of each time period)
performance. On average, fit and job performance satis-
faction contribute 16.28 and 15.51 % of the total utility.
What is interesting is that over time the relative proportion
of these two components changes. Fit initially has a much
larger role to play in the first year, than does the perfor-
mance gap. After the first year, however, performance starts
to play a much larger relative role. This suggests that, given
the person-organization fit is high for any salesperson, the
higher selling performance is not as critical a factor to keep
a salesperson from leaving. However, after the first year, and
particularly toward the beginning of the second year, it is
much more important to concentrate on sales performance.
These findings carry strong sales management implications
for the temporal allocation of sales leads of varying levels
of quality.

5.3 Sales Management: Setting Expectations at Recruitment

In our model, salespeople are able to observe the full per-
formance distribution of the salesforce, prior to beginning
their selling role. The person-organization fit, however, is
more subjective and so broad priors are assumed to exist
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Fig. 3 Person organization fit versus performance

on this. An important implication arising from our results is
the question of whether sales managers should (if they can)
influence prior expectations about person-organization fit
for newly recruited salespeople. In the context of our model,
at the time the salesperson is being recruited, should the firm
set a higher prior on fit (i.e. higher mean)? We can exam-
ine this question by studying how quickly salespeople learn
about their true fit with the organization. A higher mean sets
a higher expectation regarding fit, so we may a priori expect
that this will act as a buffer on a salesperson leaving. We

Fig. 4 Contribution to utility of satisfaction and fit
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note that, from our descriptive results, we observe very few
salespeople who leave during this “honeymoon” period.

Our results suggest that it is not likely to be very fruit-
ful to set these higher expectations, since salespeople will
quickly find their true person-organization fit regardless of
how diffuse their prior is. The posterior state for fit can be
higher or lower. In Fig. 5, salespeople 1 and 2 stayed with
the organization, while 3 and 4 are salespeople who left.
Salespeople 2 and 4 have higher fit than salespeople 1 and
3, but one left and the other stayed. This means besides the
perceived fit, other factors such as satisfaction and compen-
sation will also influence salespeople turnover decision. So,
it is not the case that a salesperson who has a higher fit with
the organization will definitely stay. Sales managers also
need to pay attention to them.

5.4 On Future Research Building on our Framework

The goal of this study was to demonstrate how one could
incorporate both person-organization fit and satisfaction
with job performance, in a model that considers forward
looking behaviour by salespeople who face the decision
whether to stay or leave a sales organization. We have
demonstrated the value of this model and suggested the
insight that perhaps fit is more important initially than per-
formance (with these roles reversing with tenure). Much
work in this area could improve the reliability of this find-
ing, and test its validity relaxing a number of assumptions
we have had to make in our model development.

1. Prior beliefs — we have held that prior beliefs are
developed by incoming salespeople by observing the
distribution of incumbent sales people’s success rates.
An interesting direction to this research would be to
include how prior beliefs are held in a heterogenous
way by individual sales people. Such beliefs could be
based on past experience with other (perhaps similar)
selling organizations.
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2. Success rates and compensation — we did not have
information on either sales values (which we would
need for every sales lead, not just the successful ones),
or compensation structures tied to successful closed
sales cases. The availability of such data would be of
value in examining how compensation itself could be
tied to sales performance.

3. Other factors that influence organizational fit and suc-
cess rate — a good direction would be to examine
how salespeople learn about their performance and
about organization fit may depend on other factors. A
challenging question would be how these can be incor-
porated in the learning mechanisms for each of fit and
performance. However, there may be useful variables
that can be included here, e.g. consider induction pro-
cedures, mentoring programs, team building exercises
or training exercises. Obviously, some would have an
impact on both organization fit and performance, while
others could be targeted to improve either one.

4. Salespeople’s effort levels — clearly there is link
between success rate and effort levels, which we have
acknowledged in constructing our model. This link
could also reasonably be construed (though perhaps
causality is more balanced) for a sales employee’s
person-organization fit.

5. Observational learning — a really interesting aspect
of considering success rates and organizational fit as
state variables (to be learned about) is how they learn
from other salespeople. We incorporated the informa-
tion from other salespeople in the priors and during
each month after they are hired, salespeople update their
belief about future performance based on their own
performance and job activities. A good direction for
research is therefore to examine whether there is further
observational learning that could perhaps even bias their
perceptions of performance. For example, if a sales-
person performs badly, and observes others performing
really well, this could make that salesperson more likely
to stay with the organization (to the extent that they are
inspired by others). On the other hand, they would end
up being in the lower part of the distribution and experi-
ence negative utility of being among a group of people
who are outperforming the focal salesperson.

6 Conclusion

In sales management, substantial performance improve-
ments can be brought about by reducing voluntary turnover
of effective salespeople. In many companies, salespeople
turnover rate is very high, with significant implications for
firm profitability [13, 24, 48, 57]. This is a more gen-
eral problem than just sales employees. Startlingly, the U.S.

Department of Labor figures suggests that the monetary
costs of hiring a new employee may be as high as a third of
the person’s salary, and replacing a sales person can cost up
to 2.5 times the annual earnings of the sales person who left
the organization [12]. Direct costs of employing a new sales-
person is about 200 % of the salary [27]. It is also important
to find ways to keep salespeople for longer, if the goal is
for the sales function to become more relationship oriented
[2], and as the market demands a customer focused strategic
approach [42]. This presupposes that such salespeople are
the ”high performing” salespeople, who are particularly dif-
ficult to retain since they can easily find other selling roles.
Understanding the processes and factors that influence sales
force turnover is therefore of critical importance to both
academics [9] and practitioners [62].

Central to retaining high performing salespeople is how
they adapt to the organization, learning from selling-related
job activities about their fit and performance in the sell-
ing organization. Our structural model is innovative in the
domain of sales force management literature for a num-
ber of reasons. First, we use a dynamic (forward looking)
model to capture the combined effect of performance and
person organization fit, on salespeople’s turnover decisions.
We highlight that salespeople may stay in the organiza-
tion even though their current utility of staying may be
very low. This apparent paradox is resolved by virtue of
their strategic view of longer term utility of staying with
the selling organization. Second, the dynamic model could
provide a unique mechanism for the real-time monitor-
ing of salespeople’s learning through experience, calibrated
on a selling organization’s historical records. This would
reduce the costs of obtaining further information to esti-
mate salesperson learning, for example, by the use of
surveys. Third, we propose a conceptual framework that
challenges current knowledge (e.g. Lee et al. [47], Lee and
Maurer [44], Lee et al. [46], Mitchell and Lee [56]) about
the longitudinal relationship between salespeople turnover
and performance.

As a closing point, it has been recognized that it is not
necessarily the case that all voluntary turnover is detrimen-
tal to the organization. Functional turnover being defined
as when the lowest performers leave [1], whilst dysfunc-
tional turnover happens when the higher performers leave,
taking with them knowledge [5]. We would expand this
classification to include the role of person-organization
fit. In other words, we would make the case to broaden
the definition of functional turnover, to include individu-
als who do not fit well with the organization, even if that
means that they are of higher performance. Beyond that,
it is an open question as to whether it is an advantage to
the organization whether employees who fit well with the
organization but perform poorly (below average) were to
leave.
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