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Abstract
Key message Comparative transcriptomic analysis provides broad and detailed understandings of transcriptional 
responses to a wide range of temperatures in different plant tissues, and unique regulatory functions of temperature-
mediating transcription factors.
Abstract Climate change poses a great threat to plant diversity and food security. It is thus of necessity to understand the 
molecular mechanisms for perceiving and responding to adverse temperature changes, to develop the cultivars that are resil-
ient to these environmental stresses. Making use of publicly available datasets, we gathered and re-analyzed 259 individual 
transcriptomic profiles from 139 unique experiments of Arabidopsis thaliana’s shoot, root, and seedling tissues, subjected 
to a wide variety of temperature conditions, ranging from freezing, cold, low and high ambient temperatures, to heat shock. 
Despite the underlying differences in the overall transcriptomic profiles between the plant tissues, we were able to identify 
distinct sets of genes whose transcription patterns were highly responsive to different types of temperature conditions, some 
were common among the tissues and some were tissue-specific. Interestingly, we observed that the known temperature-
responsive genes such as the heat-shock factor (HSF) family, were up-regulated not only in response to high temperatures, but 
some of its members were also likely involved in the cold response. By integrating the DNA-binding specificity information 
of the key temperature transcription factor (TF) HSFA1a, PIF4, and CBFs, we elucidated their distinct DNA-binding patterns 
to the target genes that showed different transcriptional responses. Taken together, we have comprehensively characterized 
the transcription patterns of temperature-responsive genes and provided directly testable hypotheses on the regulatory roles 
of key temperature TFs on the expression dynamics of their target genes.
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Introduction

Temperature is one of the most influential environmental 
factors that mediate plant growth and development. Diur-
nal and seasonal fluctuations of surface temperature play a 

crucial role in determining developmental stages of plants, 
allowing them to grow and reproduce at suitable times 
(Casal and Balasubramanian 2019; Gil and Park 2019; Jen-
kitkonchai et al. 2021; Quint et al. 2016). As important as 
the natural temperature variations, drastic changes due to 
global warming have forced all the life forms, especially 
sessile organisms like plants, to either adapt to sudden fluc-
tuations of temperature or encounter extinction, not to men-
tion the strong detrimental effect on crop species in terms of 
reduced yields (Peng et al. 2004; Zhao et al. 2017).

Temperature changes from the optimal range can influ-
ence plant development and survival in several ways. High 
temperatures, for instance, can be largely categorized into 
“high ambient” temperature, typically 5–6 °C above the 
optimum, and “heat shock”, which is above the ambient 
condition (Li et al. 2018). For the model plant Arabidopsis, 
21–22 °C are considered as the optimal condition, 27–28 °C 
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as the typical high ambient temperature, and 28 °C or above 
as the heat shock temperature (Li et al. 2018). Despite only 
a few centigrade differences, the morphological responses 
under the high ambient and heat shock conditions can be 
very different. High ambient temperature generally pro-
motes plant growth in several aspects, including accelerat-
ing hypocotyl elongation and flowering (Gil and Park 2019; 
Quint et al. 2016); whereas heat shock normally triggers 
stress responsive pathways, damages several cellular compo-
nents, and thus hinders growth and seed production (Hasa-
nuzzaman et al. 2013; Ohama et al. 2017).

Heat shock transcription factor A1s (HSFA1s) are tran-
scription factors (TFs) that have been shown to play an 
essential regulatory role in the heat shock conditions (Liu 
and Charng 2012; Ohama et al. 2017; Yoshida et al. 2011). 
It is not yet clear; however, if the elevated expression of the 
heat shock factors (HSFs) and their target genes, such as 
the heat shock proteins (HSPs), is specific to heat shock, or 
is already induced under high ambient temperature. On the 
other hand, the transcription factor phytochrome interact-
ing factor 4 (PIF4) is known as a central regulatory hub 
that integrates thermoresponsive pathways at high ambient 
temperatures, which also interplays with light, hormone, 
and circadian signaling (Casal and Balasubramanian 2019; 
Choi and Oh 2016; Quint et al. 2016). Earlier studies have 
shown that the PIF4 gene is up-regulated in high ambient 
temperatures (Koini et al. 2009; Kumar et al. 2012), and 
mediates thermoresponsive growth through auxin biosyn-
thesis (Franklin et al. 2011; Sun et al. 2012), but it remains 
unclear why PIF4 does not play the same role under heat 
stress conditions.

Temperatures lower than the optimum not only reduce 
enzymatic activities and biochemical reactions, but also 
adversely affect the growth and development of plants 
(Hasdai et al. 2006). In Arabidopsis, the temperature around 
14 °C is considered “low ambient” or “chilling”; whereas 
the temperature from 6 °C down to zero is known as “cold”, 
which can reduce chlorophyll and anthocyanin contents, as 
well as delay the flowering time (Hasdai et al. 2006). More 
deleterious effects of low temperature were seen at “freez-
ing” (0 °C and lower), where the damage is not only from a 
very low temperature, but also from ice crystalline formation 
that causes osmotic dehydration in plant cells (Thomashow 
1999). One of the well-known regulators of the low tem-
perature response in plants are the C-repeat binding factors 
or dehydration-responsive element-binding protein 1 (CBF/
DREB1) TFs, which activate the transcription of multiple 
cold-responsive genes, including the cold-regulated (COR) 
genes (Stockinger et al. 1997). The transcriptional levels of 
CBFs/DREB1s can be induced at low ambient (17 °C) and 
cold temperatures (4 °C) (Dong et al. 2020; Novillo et al. 
2007). Despite some prior knowledge about their functions, 
it remains to be seen how the expression of CBFs and their 

target genes is altered at different ranges of low temperature 
conditions.

Thanks to the wealth of publicly available high-through-
put omic data, we now have an unprecedented opportunity 
to combine and investigate multiple gene expression data-
sets, and characterize the common and unique pathways 
that organisms employ to perceive and respond to different 
stresses. In plants, comparative genomics and transcrip-
tomics have been utilized to a great effect to elucidate the 
dynamic expression in response to external stimuli, such 
as abiotic stresses (Sharma et al. 2018; Shen et al. 2017; 
Yadav et al. 2016), and pathogenic infection (Jiang et al. 
2017). However, to the best of our knowledge, such com-
prehensive analyses of multiple transcriptomes of plants 
grown under different temperature conditions are yet to be 
reported, despite a large body of temperature transcriptomic 
data publicly available.

Taking advantage of the existing temperature transcrip-
tomes, from both expression microarray and RNA sequenc-
ing (RNA-seq), we have gathered, re-normalized, and unbi-
asedly re-analyzed the integrated transcriptomic profiles of 
Arabidopsis thaliana subjected to a wide range of tempera-
ture conditions and treatments, ranging from freezing, cold, 
low ambient, high ambient, and heat shock temperatures. 
Despite the overall transcriptomic patterns largely grouped 
by the plant tissues, we were able to characterize clusters 
of genes with distinct transcription patterns associated with 
different temperature profiles and treatments. In addition to 
the comparative transcriptomic analyses, we could link the 
DNA-binding profiles of key TFs known to be important 
to the temperature-responsive pathways of plants, namely 
HSFA1a, PIF4 and CBFs, to the temperature-specific gene 
clusters identified by their unique transcriptomic patterns. 
Taken together, we have comprehensively integrated and 
analyzed the transcriptomic datasets of the model plant 
Arabidopsis subjected to multiple temperature conditions, 
and demonstrated how the integrated transcriptomic profiles 
can be used to explore new transcriptionally and function-
ally related genes and pathways across the stress conditions 
of interest.

Materials and methods

Transcriptomic data pre‑processing and analyses

A summary of all the analyses and datasets can be found in 
Fig. S1. The publicly available transcriptomic data (micro-
array and RNA-seq) used in this study were also described 
in Table S1. The microarray datasets in the .CEL format of 
the A. thaliana ecotype Col-0, grown under different tem-
perature conditions or subjected to different temperature 
treatments, were obtained from Gene Expression Omnibus 
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(GEO, see Table S1 for the summary). There were 153 
individual arrays in total (including biological replicates) 
from 66 unique experimental set-ups. All the datasets were 
analyzed using the ATH1-121501 Affymetrix Arabidopsis 
ATH1 Genome Array (GEO microarray platform: GPL198), 
which contains 22,810 probes and 21,314 unique genes. The 
raw data were simultaneously normalized using the robust 
multi-array average (RMA) method (Irizarry et al. 2003) to 
account for the biases between different batches and experi-
ments. The RMA-normalized transcription values of the 
genes that were represented by more than one probe were 
collapsed into a single value using the mean value, result-
ing in 21,314 unique genes in total. For the RNA-seq data, 
the raw reads in the fastq format were downloaded from the 
Sequence Read Archive (SRA), and the integrated dataset 
comprises 106 individual files from 73 unique experiments 
(see Table S1). Please see the details of RNA-seq data analy-
sis in Supplementary Results.

Identification of highly variable genes (HVGs) 
across the temperature profiles

To identify the genes which their transcription levels are 
influenced by different temperature conditions or treatments, 
we first extracted the “highly variable genes”, or “HVGs” 
herein, based on the high variations across the temperature 
conditions of the RMA-normalized expression values (for 
microarray) or the DESeq2-normalized reads (for RNA-seq). 
We employed two measures to assess the variations of the 
gene expression across multiple temperature transcriptomic 
datasets: standard deviations (SDs) and p-values from the 
ANalysis Of VAriance (ANOVA) test. HVGs were defined 
by their relatively high SDs and low p-values of the ANOVA 
tests, as compared to other genes in the genome. Due to 
different natures and ranges of the normalized transcription 
levels from different datasets, tissues of origin and transcrip-
tomic technologies, the SD and p-value cut-offs were identi-
fied heuristically for different datasets, using the inflexion 
points or the “elbows” of the scree plots (Cattell 1996) (see 
Fig. S2). The cut-offs for HVGs were: − log p-value > 35 and 
SD > 1 for the shoot microarray dataset; − log p-value > 10 
and SD > 1 for the root microarray dataset (see Fig. S2 for 
inflexion points). The RMA-normalized transcription levels 
from the microarray and the normalized read counts from 
the RNA-seq transcriptomes of the HVGs were re-normal-
ized using z-scores to demonstrate relative up- and down-
transcriptional levels, as compared to the means across all 
temperature conditions. These will be referred to as “nor-
malized transcription levels”.

The normalized transcription levels of temperature HVGs 
were represented in heatmaps generated using the Com-
plexHeatmap package (Gu et al. 2016), which was imple-
mented in R (R core team 2019). The genes with similar 

transcriptional patterns were hierarchically clustered using 
the Ward's method. To statistically test whether the tem-
perature conditions have significant influences on the aver-
age transcription levels of a particular gene family, we per-
formed additional ANOVA and subsequent post-hoc tests 
using Tukey’s HSD, Wilcoxon test, or as indicated other-
wise. The complete statistical tests of the differences in tran-
scription levels between temperature conditions of interest 
can be found in Table S2.

Gene ontology (GO) enrichment analysis

A set of HVGs were individually tested for the GO term 
enrichment using the Singular Enrichment Analysis (SEA), 
available from the AgriGO v2 webtool (Tian et al. 2017). 
For the microarray HVGs, all the genes presented in the 
ATH1-121501 Affymetrix Arabidopsis gene chip in the 
TAIR genomic locus (TAIR10_2017) format were used as 
the reference background. Statistical testing on the GO term 
enrichment was performed using Fisher's exact test, with 
Hochberg (FDR) multi-test adjustment, and with the sig-
nificant p-value cut-off of 0.05. Redundant GO terms were 
summarized using REViGO (Supek et al. 2011). The non-
redundant GO terms and enrichment scores were visualized 
using the Treemap package (Tennekes and Jonge 2011).

Analyses of DNA binding and occupancy 
of temperature‑responsive transcription factors

Two types of DNA-binding profiles were analyzed in this 
study: Chromatin immunoprecipitation sequencing (ChIP-
seq) of HSFA1a (Cortijo et al. 2017) and PIF4 (Oh et al. 
2012); and DNA affinity purification sequencing (DAP-
seq) of CBF1, CBF2 and CBF3 (O’Malley et al. 2016) 
(Table S3). After the quality control step using FastQC, 
cleaned raw reads were mapped to the TAIR10 Arabidop-
sis genome using Bowtie2 (Langmead and Salzberg 2012). 
The reads mapped to each base pair along the genome were 
counted using the genomecov function of BEDtools (Quin-
lan 2014), and normalized by the genome-wide average 
counts using our in-house Perl scripts (as in Cortijo et al. 
2017). Enrichments of ChIP-seq or DAP-seq peaks were 
analyzed by MACS2 (Zhang et al. 2008), and the putative 
target genes of the peaks were identified using the ChIP-
seeker package (Yu et al. 2015). The average occupancy 
profiles of each TF for different temperature-specific gene 
clusters were obtained by averaging per-base ChIP/DAP sig-
nals assigned to the promoters and their proximal regions 
(± 500 bp from transcription start site, TSS) of the target 
genes using the IRanges package in R (Lawrence et al. 
2013). Only the genes whose ± 500 bp regions do not over-
lap with the neighboring genes were used to plot the average 
ChIP/DAP occupancy profiles.



428 Plant Molecular Biology (2022) 110:425–443

1 3

Results

Exploring the genes with variable transcription 
levels under various temperature conditions

We exhaustively combined and re-analyzed publicly avail-
able temperature transcriptomic profiles from microarray 
and RNA-seq, to unbiasedly explore and characterize 
temperature-responsive genes among various temperature 
conditions. For the microarray, we were able to gather 153 
transcriptomic profiles (including biological replicates), 
obtained from 66 unique experimental conditions, across 
14 different studies (see Table S1 for the complete list 
of datasets and Fig. S1 for the summary of datasets and 
analyses). The microarray transcriptomes can be broadly 
categorized into seven temperature-specific experimental 
conditions: freezing (< 0 °C), cold (3–4 °C), low ambient 
(15–17 °C), normal (20–23 °C), high ambient (25–27 °C), 
heat shock (> 37 °C), and heat shock followed by recov-
ery (> 37 °C, then back to the normal temperature for 1 
to 24 h).

For RNA-seq, we gathered 106 datasets from 73 unique 
experimental conditions, across seven different studies, 
which can be categorized into three broad temperature-
specific conditions: low ambient (15–17  °C), normal 
(20–23 °C), and high ambient temperature (25–27 °C). 
Due to the technical and fundamental differences between 
the microarray and RNA-seq studies, in terms of dynamic 
range, ability to detect low transcript, and pre-processing 
methods (Zhao et al. 2014), we analyzed the transcrip-
tomes obtained from the two platforms separately (Fig. 
S2). As the integrated microarray transcriptomes consist of 
a larger number of experiments and more diverse tempera-
ture profiles, here we focused on the microarray results, 
whereas those of the RNA-seq datasets can be found as 
Supplementary Results. The integrated transcriptomic 
datasets from both microarray and RNA-seq were mainly 
separated by the tissue types (Fig. S3). Hence, we analyzed 
the temperature transcriptomic patterns separately for the 
“shoot” (the M-S clusters) and “root” (M-R clusters) for 
the microarray datasets, and “seedlings” (R-S clusters) and 
“root” for the RNA-seq experiments (R-R clusters).

Integrated temperature transcriptomic profiles 
from microarray reveal unique transcription 
patterns of temperature‑specific clusters

We first investigated the HVGs of the temperature tran-
scriptomes obtained from the shoot, leaves, above ground 
tissues and whole seedlings, which would be collec-
tively referred to as “shoot” here for simplicity. Figure 1a 

demonstrates overall patterns of our integrated microarray 
temperature transcriptomes from the shoot tissues. The 
integrated transcriptomes can be hierarchically clusters 
into four gene sets with unique transcriptional patterns.

Cluster M‑S‑A: genes activated by heat stress

Cluster M-S-A (for Microarray-Shoot-A) consists of 173 
HVGs that were highly transcribed in all the heat shock 
conditions, and to a lesser extent in the heat shock fol-
lowed by short (1 and 3 h) recovery conditions (Fig. 1a; 
see Table S4 for a complete list of HVGs). These genes 
were relatively lowly transcribed in the normal, freezing, 
low ambient, and even high ambient temperature condi-
tions (Fig. 1b). As expected, the most significant non-
redundant GO term in this cluster is “response to heat” (51 
genes) (see also Fig. S4a and Table S5 for the complete 
GO enrichment analysis).

Notable HVGs of Cluster M-S-A are genes in the 
heat shock factors (HSF) and heat shock protein (HSP) 
families. At least 21 HSF genes (including the HSFA, 
HSFB and HSFC families) and 45 HSP genes (including 
the HSP20, 70, 90, and 100 families) have been anno-
tated in the Arabidopsis genome (Swindell et al. 2007). 
We observed seven HSFs (e.g. HSFA2, HSFA7A) and 
26 HSPs (e.g. HSP23.5, HSP70-3, HSP90-1) in Cluster 
M-S-A (Fig. 1c; Table S6). The HSFs and HSPs in Cluster 
M-S-A were transcribed at relatively higher levels in the 
heat shock conditions (> 37 °C), as compared to each of 
the six other temperature conditions (Fig. S5a, see all the 
p-values from ANOVA test followed by Tukey’s HSD in 
Table S2). Looking at the high temperature conditions in 
more details, the HSF and HSP HVGs were already mildly 
transcribed in the heat shock followed by short recovery of 
1 or 3 h, and high ambient temperature (25–27 °C) experi-
ments (Fig. 1d, green and orange dots, respectively). When 
shifted from the normal (24 °C) to heat shock (38 °C) con-
ditions, these genes required up to 1 h after shifting to be 
fully activated (Fig. 1d, red dots).

One of the well-characterized HSP genes directly 
involved in heat stress responses, HSP70-4 (Sung et al. 
2001), showed significantly higher transcription levels 
under heat shock (Fig.  1e, see p-values in Table  S2). 
FES1A is another interesting HVG in this cluster. The 
FES1A protein was shown to physically interact with 
cytosolic HSP70-4 in vivo and in vitro, and prevented 
degradation of the protein HSP70-4 (Zhang et al. 2010). 
Both FES1A and HSP70-4 were transcribed at significantly 
higher levels in the heat shock than other temperature con-
ditions (Fig. 1e), followed by the high ambient tempera-
ture, but to a noticeably lesser extent.
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Cluster M‑S‑B: genes activated by the cold and freezing 
conditions

Cluster M-S-B comprises 309 HVGs that were highly 
transcribed in almost all the freezing (< 0 °C) and cold 
(3–4 °C) treatments, but not in the low ambient condi-
tions (15–17 °C, Fig. 1a, b). The most enriched GO terms 
of the cluster are “response to cold” (46 genes), followed 
by “response to temperature stimulus” (50 genes), and 
“response to oxygen-containing compound” (79 genes) 
(Fig. S4b; Table S5).

The cold temperature response in plants is typically 
regulated by two major pathways, the CBF-dependent 
and CBF-independent pathways (Liu et  al. 2019). For 
the CBF-dependent pathway, three C-REPEAT BINDING 
FACTOR (CBFs) genes, namely CBF1-3, and five COLD-
REGULATED (CORs) genes, namely COR15a, COR15B, 
COR27, COR47 and COR413, were transcribed highly 
specifically in the cold and freezing conditions, and they 
are all the members of Cluster M-S-B (Fig. 2a, see p-val-
ues in Table S2). We also observed genes in the CBF-inde-
pendent pathway in this cluster, including CZF1, HSFC1, 

Fig. 1  Temperature-responsive genes from the shoot microarray tran-
scriptomes. a Overall transcription patterns of the temperature HVGs 
of the integrated microarray transcriptome obtained from the shoot 
datasets. b Average transcription levels of microarray HVGs in the 
M-S clusters across different temperature conditions. Each line repre-
sents each transcriptomic profile. c Distributions of the HSF and HSP 
gene families belonging to each M-S cluster. The HSF gene fami-

lies characterized in the Arabidopsis genome are HSFA, HSFB and 
HSFC, and the HSP families are sHSP/HSP20, HSP70, HSP90 and 
HSP100. d–e Distributions of the normalized transcription levels of: 
d seven HSF and 26 HSP genes in cluster M-S-A from the experi-
ments conducted in the high ambient (orange), recovery (green) and 
heat shock (red) conditions; e HSP70-4 (AT3G12580) and FES1A. 
Each dot represents each transcriptomic profile
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and ZAT12 (Fig. 2a). Interestingly, we also found two HSF 
genes, HSFA6B and HSFC1 in this cluster (Figs. 1c, 2b), 
suggesting that certain HSFs might also be involved in 
different types of temperature responses, in addition to the 
well-characterized high temperature conditions. A target 
gene of the TF HSFC1, DREB2A (Huang et al. 2016) is 
another notable HVG in this cluster (Fig. 2b).

Cluster M‑S‑C: genes activated by ambient temperatures 
and/or constant light

Cluster M-S-C consists of 156 HVGs that were relatively 
highly transcribed in ambient or mild temperature treat-
ments, namely the high ambient (25–27 °C) and low ambi-
ent (15–17 °C) temperature conditions (Fig. 1a, b). We 

Fig. 2  Temperature-responsive genes from the shoot microarray tran-
scriptomes in Clusters M-S-B, M-S-C and M-S-D. a–d Distributions 
of the normalized transcription levels of: a three CBF (CBF1, CBF2 
and CBF3) genes, five COR (COR15a, COR15b, COR27, COR47 and 
COR413) genes (upper panel), and CZF1, HSFC1 and ZAT12 (lower 
panel) in Cluster M-S-B; b HSFA6B and DREB2A; c Ten PER and 
five GST HVGs in Cluster M-S-C, in comparison to the rest of 62 

PER and 48 GST non-HVGs in the Arabidopsis genome; and d Three 
IAA (IAA1, IAA17 and IAA29) and 10 SAUR  HVGs in Cluster M-S-D, 
in comparison to the rest of 24 IAA and 71 SAUR  non-HVGs in the 
Arabidopsis genome. Wilcoxon test with Bonferroni correction was 
performed to statistically assess the differences between the HVGs 
and non-HVGs; *, **, ***, **** indicate p-values of ≤ 0.05, ≤ 0.01, ≤ 
0.001, ≤ 0.0001, respectively. ns not significance
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noted; however, that the experiments under the low ambi-
ent temperature treatments in this study were performed 
under continuous light conditions (Table S1). Thus, we 
could not rule out the effect of light on the elevated tran-
scriptional levels of Cluster M-S-C HVGs. Along this line, 
the most enriched non-redundant GO terms are “hydrogen 
peroxide catabolism” (12 genes), “reactive oxygen species 
metabolism” (15 genes) and “lipid transport” (13 genes) 
(Fig. S4c; Table S5).

Indeed, we found that multiple HVGs in Cluster M-S-C 
belong to the gene families of class III peroxidase (10 
genes, see Table S4), glutathione-S-transferase (5 genes) 
and superoxide dismutase (2 genes). The normalized tran-
scription levels of these HVGs were significantly higher in 
the low ambient and high ambient temperature conditions, 
in comparison to the genes in the same families that are 
not HVGs (Fig. 2c; see p-values from the Wilcoxon test 
in the figure). HSP15.4 is the only HSP gene belonging to 
Cluster M-S-C, and its transcriptional level was signifi-
cantly more elevated under the high ambient temperature 
as compared to any other conditions (Fig. S5b, p-values 
in Table S2).

Cluster M‑S‑D: genes suppressed in freezing

Cluster M-S-D contains 217 of all the 855 temperature 
HVGs from the integrated shoot microarray datasets; how-
ever, their transcriptomic patterns across the temperature 
conditions were less apparent as compared to the three clus-
ters previously described (Fig. 1a), likely due to the lowest 
variance of transcription levels among its transcriptomic 
profiles than other clusters (Fig. S4e). Yet, we could still 
see a clear reduction of relative transcription levels in the 
freezing conditions (Fig. 1b).

The majority of Cluster M-S-D HVGs fall into general 
GO terms such as “response to stimulus” (92 genes) and 
“biological regulation” (69 genes), and notable non-redun-
dant enriched GO terms also include “response to auxin” (20 
genes), “pigment biosynthesis” (7 genes) and “regulation of 
organ growth” (6 genes) (Fig. S4d; Table S5). We observed 
that the HVGs involved in the “response to auxin” function 
in this cluster were moderately transcribed in all the tem-
perature conditions investigated, except for freezing where 
they appeared to be suppressed. This was obvious in two 
major auxin responsive gene families, consisting of three 
INDOLE-3-ACETIC ACID INDUCIBLE (IAA) genes (IAA1, 
IAA17 and IAA29) and 10 SMALL AUXIN UP RNA (SAUR ) 
genes (e.g. SAUR14, SAUR16, SAUR62-63) (see Table S4). 
Their normalized transcription levels were markedly reduced 
under freezing, whereas the non-HVG IAA and SAUR  genes 
in the genome did not appear to be temperature-sensitive 
(Fig. 2d).

Conserved and tissue‑specific expression 
of temperature‑responsive genes

Having dissected the integrated transcriptomes of the 
shoot transcriptome (the “M-S” clusters), here we also 
looked into the common and unique HVGs identified from 
the transcriptomes of the roots (“M-R” clusters for micro-
array of roots). The root microarray transcriptomes were 
taken from an earlier study (Kilian et al. 2007), consist-
ing of 14 microarray experiments (with duplicates) per-
formed under different temperature profiles: cold (3 °C), 
heat shock (38 °C), and heat shock and recovery (38 °C, 
then back to 25 °C).

The 301 HVGs of the root microarray transcriptomic pro-
files were identified independently to those of the shoot, but 
using the consistent criteria (see Materials and Methods). 
The root transcriptomic profiles could be globally grouped 
into two main clusters: 135 HVGs in Cluster M-R-A (Micro-
array-Root-A) and 166 HVGs in Cluster M-R-B (Fig. 3a). 
Cluster M-R-A contains the genes activated by high tem-
peratures (heat shock, and to a lesser extent in the heat shock 
followed by recovery conditions); while Cluster M-R-B con-
sists of genes largely activated in the cold. Interestingly, the 
relative transcription levels of HVGs in both Clusters M-R-A 
and M-R-B appeared to be linked to how long the tempera-
ture treatments were applied, as the longer the cold or heat 
treatments induced higher transcription levels of the HVGs 
(Fig. 3b). While the HVGs from Cluster M-R-A started to 
be induced after 30 min of shifting from 24 °C to 38 °C, it 
took 3 h after shifting from 24 °C to 3 °C for the Cluster 
M-R-B genes to be induced.

Among the root HVGs in Cluster M-R-A (135 genes), 
105 genes (78%) were also the HVGs in Cluster M-S-A, 
the “high-temperature” cluster of the shoot transcriptomes; 
whereas 84 (51%) of 166 HVGs in Cluster M-R-B were also 
the HVGs in Cluster M-S-B, the “low-temperature” cluster 
(Fig. S6a-b). The most enriched non-redundant GO terms 
are “response to heat” for Cluster M-R-A (39 genes) and 
“response to cold” for Cluster M-R-B (28 genes, Table S5), 
as also seen in Clusters M-S-A and M-S-B, respectively.

We observed five HSFs and 23 HSPs identified as HVGs 
in Cluster M-R-A, and the majority are also HVGs in Cluster 
M-S-A (Table S6). Interestingly, the two HSF genes that 
were activated under low temperature in the shoot (Cluster 
M-S-B), HSFA6B and HSFC1, were also identified as low-
temperature HVGs in Cluster M-R-B. The two HSF genes 
showed significantly higher transcription levels under the 
cold temperature condition than other conditions in both tis-
sue types, but higher in the root in comparison to the shoot 
(Fig. 3c). About a half of HVGs identified in Cluster M-R-B 
also overlap with those in Cluster M-S-B (Fig. S6b). These 
include the core cold-responsive genes, CBF1, CBF2 and 
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CBF3, and some of the COR genes, including COR15a, 
COR15b and COR27 (Fig. S6c).

Looking at the unique HVGs in the root Cluster M-R-
A, we observed that the normalized transcription levels of 

STRESS ASSOCIATED PROTEIN 10 (SAP10) and SMALL 
AUXIN UPREGULATED  RNA 32 (SAUR32) were sig-
nificantly higher in the root than in the shoot at the same 
temperature conditions (Fig.  3d, the transcriptomes 

Fig. 3  Temperature-responsive genes from the microarray tempera-
ture transcriptomes of the shoot and the root. a Overall transcription 
patterns of the temperature HVGs of the root microarray transcrip-
tome obtained from the study by Kilian and colleagues (Kilian et al. 
2007). b Two distinct transcriptomic profiles of temperature HVGs 
in the root tissues. Dots represent normalized transcription values 
of all the HVGs in Clusters M-R-A (red) or M-R-B (blue), while the 
green line represents the medians of root non-HVGs in correspond-
ing microarray experiments. The temperature profiles were ordered 

according to the temperatures, the lengths of treatments and recovery 
periods. c–d Distributions of the normalized transcription levels of 
c; HSFA6B and HSFC1 and d SAP10 and SAUR32 in the shoot and 
root tissues. The transcription levels from the shoot and the root were 
re-normalized together in order to compare between two tissues. Wil-
coxon test with Bonferroni correction was performed to statistically 
assess the differences between the HVGs of the shoot and the root; 
*, **, ***, **** indicate p-values of ≤ 0.05, ≤ 0.01, ≤ 0.001, ≤ 0.0001, 
respectively. ns not significance
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from the shoot and root experiments were combined and 
re-normalized).

Unique regulatory functions 
of temperature‑responsive transcription factors

Having characterized the transcriptionally distinct tempera-
ture-responsive genes using existing transcriptomic datasets, 
in this section we asked how the temperature HVGs can be 
related to the regulatory functions of key temperature regu-
lators, based on the DNA-binding specificities of publicly 
available ChIP-seq and DAP-seq profiles. Here, we investi-
gated three TF families known for their regulatory roles in 
response to temperature changes, namely HSFA1a (Cortijo 
et al. 2017), PIF4 (Oh et al. 2012), and CBFs (O’Malley 
et al. 2016). Due to the largest number of transcriptome 
experiments and the most diverse range of temperature pro-
files, we focused on the HVGs of the integrated microarray 
transcriptomes from the shoot (M-S clusters).

Transcriptional regulatory roles of HSFA1s under high 
and low temperature conditions

The HSFA1 TFs are known as one of the key regulatory 
hubs for heat shock response, but also play an important role 
in regulating several temperature-responsive genes under 
various temperature (Cortijo et al. 2017; Liu et al. 2011; 
Yoshida et al. 2011). Interestingly, the transcription levels 
of the HSFA1 family showed only relatively small transcrip-
tional changes across the temperature transcriptomes inves-
tigated in this study (Fig. S5e). Here, we re-analyzed the 
ChIP-seq profiles of HSFA1a obtained from the plant sam-
ples grown at 17 °C, 27 °C and 37 °C (Cortijo et al. 2017) 
and explored their relationship with temperature-responsive 
genes classified in this study.

Overall, the binding sites of HSFA1a were detected with 
higher confidence scores at the promoter regions of the 
genes bound only at 37 °C, as compared to the binding sites 
specific to 17 °C or 27 °C, which might reflect the higher TF 
occupancies at the promoters of HSFA1a’s target genes in 
the heat shock condition (Fig. 4a; Table S3, see also Meth-
ods). In contrast, the confidence scores of the HSFA1a’s 
binding sites commonly found in all the three temperatures 
were in similar ranges (Fig. 4a). This suggests that there 
might be at least two sets of highly confident HSFA1a bind-
ing sites with distinct TF occupancy characteristics: those 
specifically bound at the heat shock temperature, in this case 
at 37 °C (Fig. 4a—Type I HSFA1a binding sites herein), and 
those constitutively bound across these different tempera-
tures (Fig. 4a—Type II HSFA1a binding sites).

We next investigated the relationship of the HSFA1a’s 
DNA-binding occupancies, and the transcriptomic pro-
files of the shoot temperature-responsive gene clusters (the 

M-S clusters). We observed that the binding occupancy of 
HSFA1a at the proximal DNA sequences to the transcription 
start site (TSS) of the genes was the highest at 37 °C in Clus-
ter M-S-A (Fig. 4b), whose normalized transcription levels 
were also elevated the most in heat shock. On the other hand, 
the average occupancies of HSFA1a bound to the promoters 
of the M-S-B genes remained largely unchanged between the 
three temperatures, but still noticeably higher than those at 
the M-S-C and M-S-D genes, or the non-HVGs. Indeed, the 
target genes specifically detected at 37 °C (Type I HSFA1a 
binding sites) were the most enriched binding sites found in 
M-S-A, (52 of the 107 M-S-A genes, or 49%, p-value < 2.2e-
16, Chi-squared test, Fig. S7a; Table S3). For M-S-B, a large 
proportion of their HSFA1a’s target genes (28 genes out of 
92, or 30%) were bound by the TF across all the three tem-
peratures (Type II HSFA1a binding sites; p-value < 2.2e-16, 
Fig. S7b; Table S3).

We next explored the functional enrichment of HSFA1a’s 
target genes in Cluster M-S-A. As expected, the top three 
enriched GO terms of the specific HSFA1a’s target genes at 
37 °C (Type I) are “response to heat”, followed by “response 
to temperature stimulus”, and “protein folding”, similarly to 
the enriched GO terms of Cluster M-S-A itself (Table S7). 
Among the 52 HSFA1a’s Type I target genes, there are 18 
HSPs (e.g. HSP23.6, HSP70-8), and one HSF (HSFA7B) 
(Table S6), suggesting that these genes might be regulated 
by HSFA1a specifically in the heat shock condition (Fig. 4c). 
Along this line, we also found that the normalized transcrip-
tion levels of Type I HSFA1a target genes in Cluster M-S-A 
were significantly higher in heat shock than those of Type II 
target genes (Fig. 4d, Wilcoxon’s test). In contrast, Type II 
target genes were transcribed more highly at the high ambi-
ent conditions, as compared those of Type I. Exceptions are 
two HSPs, HSP70-3 and HSP70-4, which were identified as 
the target genes of HSFA1a across the three temperatures, 
but their confidence scores of the ChIP-seq peak calling 
were still the highest at 37 °C (Fig. 4c). This might, at least 
in part, account for the temperature-dependent transcription 
of the HSP70-4 gene, where its transcription levels were 
also higher in the heat shock conditions, than in the ambient 
temperatures (Fig. 1e).

The HSFA1a’s target genes in Cluster M-S-B, which 
were largely activated at low temperatures, were bound by 
the TF at 17 °C, 27 °C and 37 °C (Type II HSFA1a bind-
ing sites, Fig. 4a; Fig. S7b), and are moderately enriched 
in the GO term “response to cold” (Table S7). Figure 4e 
shows that the occupancy levels reflected by the peak call-
ing confidence scores are in the same range across the three 
temperatures; however, the normalized transcription levels 
of these HSFA1a’s target genes were relatively higher at the 
low ambient conditions (approximately 17 °C). ZAT12, for 
instance, described earlier in this study to be up-regulated 
in the cold as well as heat shock conditions, is an example 
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of an M-S-B gene bound by HSFA1a across 17 °C, 27 °C 
and 37 °C (Fig. 4c). Other examples of the low tempera-
ture-responsive genes constitutively bound by HSFA1a are 
ERD14, LEA14 and RD29A. These together suggest that 
HSFA1a may also play a partial role in regulating gene 
transcription at a low ambient temperature, but the binding 
occupancy of HSFA1a itself does not directly reflect the 
expression of their target genes and may require additional 
factors to regulate the transcription.

DNA‑binding patterns of PIF4 and CBFs 
and the transcriptional patterns of their target genes

We also investigated the possible links between the tem-
perature transcriptional patterns characterized in this study 
and the DNA-binding specificities of two other known tem-
perature-integrating TFs, PIF4 (Oh et al. 2012), and CBFs 
(O'Malley et al. 2016). Unlike HSFA1a, the DNA-binding 
information of PIF4 and CBFs were not obtained in multiple 
temperature conditions. Hence, we could only investigate 
the enrichments of their target genes in our temperature-
responsive gene clusters.

As a master regulator of high ambient temperature, sev-
eral studies have shown the up-regulation of PIF4 transcrip-
tion in high ambient temperature (e.g. Koini et al. 2009; 
Kumar et al. 2012). However, PIF4 itself was not identified 
as a HVG in our integrated transcriptome datasets and did 
not show an elevated normalized transcriptional level in the 
high ambient conditions (Fig. S8a). This might be due to the 
limitation of available transcriptomic studies (see Table S1), 
which were not done at the time of day and light condi-
tion that PIF4 is normally expressed. By re-analyzing the 
publicly available ChIP-seq profiles of PIF4 of the plants 
grown at 22 °C (Oh et al. 2012), we investigated its target 

genes that are temperature HVGs in this study. We identified 
162 PIF4’s target genes that overlap with our M-S HVGs. 
The transcription patterns of the PIF4’s target genes in all 
the four temperature-responsive M-S clusters appeared to 
be similar to the overall patterns of all the genes in each 
cluster (Fig. S7c). Cluster M-S-D is the most enriched PIF4-
target cluster (64 out of 162 PIF4’s target genes), possibly 
reflecting the fact that PIF4 mediates thermomorphogen-
esis growth via auxin, and that “response to auxin” is one 
of the most enriched GO terms of M-S-D (see p-values in 
Table S7).

CBFs are known regulators of cold stress (Liu et  al. 
1998), and their transcriptions can be induced by both the 
low ambient and cold temperature conditions (Dong et al. 
2020; Novillo et al. 2004). By re-investigating the DAP-
seq profiles of CBF1-3 (O'Malley et al. 2016), we could 
predict 227, 130 and 214 temperature-HVGs that are the 
putative target genes of CBF1, CBF2 and CBF3, respectively 
(Fig. S7d). As expected, the most enriched target genes for 
all CBF TFs are in Cluster M-S-B and the most enriched 
GO term is “response to cold” (Table S7). In our integrated 
transcriptomic datasets, CBFs themselves were also charac-
terized as HVGs in Cluster M-S-B, and their transcription 
levels were up-regulated under low temperature conditions, 
similarly to their target genes in Cluster M-S-B (Fig. S7e). In 
addition, the common binding sites predicted for all the three 
CBFs had higher peak calling confidence scores (Fig. 4f), 
which may infer “strong” CBF binding sites. Interestingly, 
the direct target genes downstream to the common CBF 
binding sites were more highly induced under the freezing 
and cold conditions, in comparison to those bound by only 
one CBF (Fig. 4g; see p-values from Wilcoxon test in Fig. 
S7f). This finding provides evidence supporting previous 
studies that CBFs play an essential role under low tempera-
ture conditions and have partial functional redundancy when 
regulating cold-responsive genes (Jia et al. 2016; Zhao et al. 
2016).

Discussion

Global analysis of integrated transcriptomic profiles 
provides an overview of temperature‑responsive 
transcription patterns

Temperature is one of the major environmental factors con-
trolling plant’s growth and developmental processes. To 
date, thanks to the advances in omic technologies, there 
have already been a large number of studies that employed 
high-throughput gene expression profiling to investigate 
the overall effect of different temperature conditions on the 
global gene expression patterns in plants (e.g. Cortijo et al. 
2017; Dickinson et al. 2018; Higashi et al. 2015; Kilian et al. 

Fig. 4  Analyses of DNA-binding occupancies of the HSFA1a, PIF4 
and CBFs TFs. a Confidence scores from the peak calling of the 
HSFA1a ChIP-seq experiments obtained at three different tempera-
ture conditions. The ChIP results were initially obtained by Cortijo 
and colleagues (Cortijo et  al. 2017) and re-analyzed in this study. b 
Average HSFA1a DNA-binding occupancies at up and downstream 
to the transcription start sites (TSSs) at 37 °C (top), 27 °C (middle) 
and 17  °C (bottom) of the temperature-responsive HVGs based on 
the shoot microarray transcriptomes (M-S clusters). c ChIP-seq occu-
pancies of HSFA1a at the selected HSF/HSP target genes: HSFA7B, 
HSP23.6, HSP70-8, HSP70-3, HSP70-4, and ZAT12. d Distributions 
of the normalized transcription levels of of Type I and II HSFA1a tar-
get genes in cluster M-S-A. Wilcoxon test with Bonferroni correction 
was performed to statistically assess the differences between Type I 
and II target genes; *, **, ***, **** indicate p-values of ≤ 0.05, ≤ 0.
01, ≤ 0.001, ≤ 0.0001, respectively. ns not significance. e Relationship 
between peak calling scores and normalized transcription values of 
the HSFA1a’s target genes in cluster M-S-B across 17 °C, 27 °C and 
37 °C. f Confidence scores from the peak calling of the CBFs’ DAP-
seq (O’Malley et  al. 2016) at common and the target genes bound 
specifically by each of the three CBF TFs. g Normalized transcription 
levels of the target genes common and specific to the three CBF TFs

◂
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2007). However, to the best of our knowledge, there is yet a 
comparative study that integrates multiple temperature tran-
scriptomes and dissects the conserved and specific genes 
and pathways that are involved in the plant’s responses to 
different types of temperature conditions.

In this study, we have taken advantage of the publicly 
available transcriptomic data of A. thaliana grown under a 
wide range of temperatures, both from microarray (153 tran-
scriptomic profiles, 66 unique experiments, and seven types 
of temperature conditions), and RNA-seq (106 transcrip-
tomic profiles, 73 unique experiments, three types of tem-
perature conditions), integrated and analyzed them together 
in a single study (Table S1; Fig. S1).

We took a top-down approach to globally identify all the 
genes whose transcription levels are highly influenced by 
different temperature conditions or treatments, which we 
termed highly variable genes, or HVGs. Unlike the conven-
tional analysis of differentially expressed genes (DEGs), 
where the significance of differential expression is statisti-
cally assessed between two specific conditions or treatments, 
HVGs in this study represent the genes whose transcription 
patterns are highly variable across multiple temperature con-
ditions, not only between the given two conditions. In total, 
here we have characterized four HVG clusters with distinct 
transcription patterns of the shoot microarray dataset (the 
M-S clusters), two clusters from the root microarray dataset 
(M-R clusters); and in Supplementary Results, three clusters 
from the seedling RNA-seq dataset (R-S clusters), and two 
clusters from the root RNA-seq dataset (R-R clusters).

We carefully integrated multiple transcriptomes and re-
normalized them to mitigate the biases between the studies 
and batches, and unbiasedly characterized HVG clusters 
based on the correlations of their transcriptional patterns 
across the available temperature conditions, regardless of 
their previously characterized functions. Similar approach 
has also been taken by Shen and coworkers (Shen et al. 
2017), who combined microarray abiotic stress datasets and 
successfully identified common and specific gene modules 
to different abiotic stresses. Such comparative transcriptomic 
analyses have several advantages over conventional meta-
analysis studies, which normally analyzed the DEGs from 
different studies separately and compared the gene lists at 
the end, especially in terms of higher sensitivity of detecting 
differentially expressed gene sets enrichment (Kosch and 
Jung 2019).

Diverse transcriptional profiles of HSFs and HSPs 
in multiple temperature conditions

HSPs are known to be responsible for mitigating protein 
misfolding under various stresses including heat (Jacob et al. 
2017; Park and Seo 2015), and they themselves are regulated 
by the HSF TFs (Jacob et al. 2017; Nover et al. 2001). At 

least 21 HSF genes (including the HSFA, HSFB and HSFC 
families) and 45 HSP genes (including the HSP20, 70, 90, 
and 100 families) have been annotated in the Arabidopsis 
genome (Swindell et al. 2007). By carefully investigating 
the clusters of HVGs with transcriptionally unique patterns 
across different temperature conditions, we observed diverse 
transcriptional profiles, and potentially functional roles of 
the HSF and HSP genes (Tables 1 and S6; Fig. 1c).

Overall, the vast majority of HSF and HSP HVGs are 
in Cluster M-S-A (Fig. 1c), except for two HSFs (HSFC1 
and HSFA6B) in Cluster M-S-B; and one HSP (HSP15.4) 
in Cluster M-S-C. The HSFs and HSPs in Cluster M-S-A 
were more activated in heat shock, as compared to the high 
ambient and other temperature conditions (Fig. S5a). The 
increased transcription levels of HSFs and HSPs in Cluster 
M-S-A were partially observed in the heat shock followed 
by short recovery and high ambient temperature (25–27 °C) 
experiments, and these genes were fully activated at 1 h after 
the heat shock treatment (Fig. 1d). This suggests that there 
might be thresholds of the temperature and the length of 
treatment for these HSFs and HSPs to be activated.

When we compared the HSF and HSP HVGs identified 
in the high temperature clusters from different tissues and 
transcriptomic methods (Clusters M-S-A, R-S-B, M-R-A and 
R-R-A), there are three HSP genes commonly identified as 
HVGs in all the four analyses, namely HSP18.5, HSP23.5 
and HSP90-1 (Table 1). As these core members of the HSP 
family were consistently activated in every tissue, they serve 
as excellent candidates for the universal biomarkers of high 
temperature responses in plants.

Despite being generally known for their regulatory roles 
under high temperatures, we also observed two HSFs with 
prominent transcription induction at low temperature. 
HSFA6B and HSFC1 were classified as “low-temperature” 
HVGs in the shoot (Cluster M-S-B, Fig. 2a, b) and root tran-
scriptomes (Cluster M-R-B, Fig. 3c), but their transcription 
levels appeared to be more prominent in the root (Fig. 3c). 
A previous study showed that transcription of HSFC1 was 
inversely correlated to high temperature treatments, as its 
transcription decreased after 1 h of shifting Arabidopsis 
from 21 °C to 37 °C (Guan et al. 2014). It has also been 
shown to be one of the first-wave TFs that were induced 
under cold temperature exposure (Park and Seo 2015; Zhao 
et al. 2016). The HSFC1 transcription in the cbf123 triple 
mutant plant shifted to cold (4 °C) for 1 h was still tran-
siently up-regulated, whereas the CBF-dependent cold-
responsive genes showed very little change in expression, 
suggesting that HSFC1 could be activated at a low tempera-
ture by a CBF-independent pathway (Zhao et al. 2016). For 
HSFA6B, we found no previous evidence that the gene is 
differentially transcribed under cold temperature, although 
it has been shown to directly bind to the heat shock elements 
(HSEs) in the promoter of DREB2A (Huang et al. 2016), 
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another HVG in Cluster M-S-B, and activate its transcription 
(Fig. 2b), suggesting that HSFA6B might be involved in cold 
temperature-responsive functions through DREB2A.

For the rest of the HSF and HSP genes (e.g. HSFA1s, 
HSP70-6, HSP90-5) that did not pass the cut-off for HVGs, 
we observed that their transcription levels also slightly 
varied across the temperature conditions, but at relatively 
smaller extents as compared to other HVGs in Cluster 
M-S-A (Fig. S5e). Despite the HSFA1 TFs themselves not 
being HVGs, their target genes such as HSFA2, HSFA3 and 
HSFA7s were HVGs in Cluster M-S-A. It might be possi-
ble that the upstream TFs regulating heat stress signaling 
cascades require only small transcriptional changes to be 
sufficient for amplification of the cellular signaling through 
the downstream heat-responsive genes, as suggested earlier 
(Cortijo et al. 2017).

Tissue‑specific high temperature‑responsive genes

We observed two HVGs that were predominantly transcribed 
in the root at high temperatures (Cluster M-R-A), SAP10and 
SAUR32 (Fig. 3d; Table 1), suggesting their might have 
specific function in roots under high temperatures. A previ-
ous study has shown that SAP10 was expressed predomi-
nantly in roots and floral parts, and that overexpression of 
SAP10 could rescue Arabidopsis from heat stress (Dixit and 
Dhankher 2011). For SAUR32, to the best of our knowledge, 
there has been no earlier evidence of its involvement in plant 
thermomorphogenesis. For the HVGs found all the high 
temperature clusters (Clusters M-S-A, R-S-B, M-R-A and 
R-R-A), in addition to the three HSP genes described in the 
previous section (HSP18.5, HSP23.5 and HSP90-1), we also 
found eight other HVGs shared by all the high temperature 
clusters, namely DNAJ, FKBP65, HOP3, SGT1a, MBF1C, 
SR30, SR45A and AT5G12110 (Table 1).

Cold‑responsive genes in dependent 
and independent to the CBF families

We observed that the normalized transcription levels of 
the three CBF HVGs in the shoot and root samples (Clus-
ters M-S-B and M-R-B) were high in the cold and freezing 
conditions (Figs. 2a and S6c; Tables 1 and S2), as previ-
ously observed in plants subjected to sub-zero acclimation 
(Le et al. 2015). Similar pattern was observed in the five 
COR HVGs, but the COR genes appeared to be expressed 
higher in the shoot than the root (Fig. S6c). CBFs are one 
of the most well-characterized genes regulating cold accli-
mation and freezing tolerance (Jaglo-Ottosen et al. 1998; 
Medina et al. 2011). There are four CBF genes charac-
terized in the A. thaliana genome, namely CBF1, CBF2, 
CBF3 and CBF4, or also known as DREB1B, DREB1C and 
DREB1A and DREB1D, respectively (Mizoi et al. 2012). Ta
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The cold-inducible CBFs, namely CBF1, CBF2 and CBF3, 
are all presented in Clusters M-S-B and M-R-B; whereas 
CBF4, which was not characterized as a temperature HVG 
in this study, has been shown to be induced by the drought 
and ABA-treatment (Haake et al. 2002).

CBF1-3 act as the TFs that regulate other cold-responsive 
genes, including the COR genes (Fowler and Thomashow 
2002). There are five COR genes identified as HVGs in 
Cluster M-S-B, namely COR15a, COR15b, COR27, COR47 
and COR413. During freezing, the COR15a and COR15b 
proteins have been demonstrated to help stabilize the inner 
membrane of chloroplast (Navarro-Retamal et al. 2018). For 
COR47, its overexpression could enhance freezing tolerance 
(Puhakainen et al. 2004), and the COR47 protein accumu-
lation was induced under 4 °C (Nylander et al. 2001) and 
might contribute to cryoprotective activity by its hydropho-
bic amino acid residuals (Ohkubo et al. 2020). However, to 
the best of our knowledge, it is not yet known how COR27 
and COR413 are related to cold responses.

Cold responsive genes can also be regulated by the CBF-
independent pathway, whose members include HSFC1, 
ZAT12 or CZF1 (Jia et al. 2016; Park et al. 2015). These 
three genes were identified as HVGs in Cluster M-S-B and 
were transcribed at significantly higher levels under cold and 
freezing conditions than almost all other conditions (Fig. 2a; 
p-values in Table S2). An interesting exception is ZAT12, 
as its normalized transcription levels were elevated not only 
under cold and freezing, but also in heat shock (Fig. 2a, pink 
boxplots; p-values in Table S2). This is in line with an earlier 
study showing up-regulation of ZAT12 at 4 °C and 38 °C, as 
well as other abiotic stresses such as oxidative and salinity 
stresses (Davletova et al. 2005).

Distinct DNA‑binding patterns 
of temperature‑responsive TFs may define 
transcriptional outcomes

HSFA1a is known as a master regulator of heat shock (Liu 
and Charng 2012; Ohama et al. 2017) as well as of the high 
ambient temperature conditions (Cortijo et al. 2017). Yet, 
we found that the transcription level of the TF itself was not 
highly induced in heat shock and thus was not identified as 
a HVG (Fig. S5a). However, its target genes were not only 
highly enriched in the high temperature clusters (M-S-A 
and M-R-A), but also to our surprise, in the low tempera-
ture clusters in certain cases (M-S-B, Fig. S7a, b). Remark-
ably, the genes induced by high temperature, including a 
large proportion of Cluster M-S-A HVGs such as HSFA7B, 
HSP23.6 and HSP70-8, were identified as the target genes 
of HSFA1a specifically in heat shock (37 °C, Fig. 4c—Type 
I binding sites and Fig. S7a), and their transcription levels 
were also highest in the heat shock condition (Figs. 4d, 5). 
Interestingly, some M-S-A genes were predicted as the target 

genes of HSFA1a at the low ambient (17 °C), high ambient 
(27 °C) and heat shock (37 °C) temperatures (Fig. 4c—type 
II binding sites), and they tended to be transcribed more 
highly at the high ambient temperature than those of type I 
HSFA1a binding sites (Fig. 4d). As the binding occupancy 
at type II target genes does not directly reflect their transcrip-
tional levels, additional interacting factors are likely required 
to mediate this temperature transcriptional specificity. 

Looking into the target genes of HSFA1a that were 
induced at low temperature, which were mainly HVGs in 
Cluster M-S-B such as ZAT12, they appeared to be consti-
tutively bound by HSFA1a at the low, high ambient, and 
heat shock temperatures (Fig. 4b—blue line; Fig. 4c—Type 
II binding sites; Table 1). The heat stress regulator HSFA1 
has already been demonstrated for its role in mediating cold 
responsive pathways by Olate and colleagues (Olate et al. 
2018). The authors shown that NON-EXPRESSER OF 
PATHOGENESIS-RELATED GENE 1 (NPR1), a master 
regulator in a pathogenic-responsive pathway, could interact 
with HSFA1s and activate the transcription of cold-induced 
heat shock-responsive genes, to promote cold acclimation 
in Arabidopsis (Olate et al. 2018). It is not clear; however, 
if the regulatory function of the HSFA1 family in mediating 
the crosstalk between heat and cold responsive mechanisms 
is strictly through NPR1, or also seen in other cold respon-
sive pathways.

Here, we proposed a working model of the multiple 
roles of HSFA1a on regulating the temperature-responsive 
HVGs in Fig. 5, whereby the HSFA1a TF can take up 
different DNA-binding configurations at different tem-
peratures: type I for specific binding in the heat shock 
condition, and type II for constitutional binding across 
the low ambient, high ambient, and heat shock conditions. 
We hypothesized that these distinct DNA-binding patterns 
of HSFA1a might be one of the mechanisms that deter-
mine the transcription levels of its target genes. The type 
I HSFA1a binding sites were predominantly found at the 
promoters of the high temperature Cluster M-S-A HVGs, 
while the type II binding sites were seen in both Clus-
ter M-S-A and the low temperature Cluster M-S-B. Only 
at the heat shock target genes that the levels of HSFA1a 
binding occupancies reflect the downstream transcription 
levels, whereas the constitutional HSFA1a binding seen at 
the high and low temperature target genes do not (Figs. 4d, 
e and 5). This suggests that other interacting factors might 
be required to determine the transcription levels of the 
HSFA1a target genes in non-heat shock conditions.

For the low temperature TFs, CBF1-3 more likely 
occupy the binding sites that are shared by all the three 
CBFs, suggesting their functional cooperativity and redun-
dancy under low temperature conditions (Fig. 4f). Intrigu-
ingly, these strong CBF bindings are linked to higher lev-
els of transcriptional induction under the freezing and cold 
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temperatures (Fig. 4g). In addition to the Type I and II 
binding sites of HSFA1a described above, this provides 
another line of evidence that the DNA-binding configura-
tions can potentially be used as predictors of transcrip-
tional responses of the target genes.

Conclusion and future perspectives

We have demonstrated how a large-scale comparative 
transcriptomic analysis can provide a bird-eye view of the 
global transcriptional patterns of the model plant Arabi-
dopsis grown under diverse temperature ranges, covering 
the freezing, cold, low and high ambient, and heat shock 
conditions. We combined the transcriptomic profiles from 
multiple studies and carefully normalized them altogether, 
to mitigate technical biases when possible. Using our high-
quality integrated transcriptomic dataset, we were able to 
investigate the influences of multiple temperature condi-
tions and treatments simultaneously, as well as explore the 
conserved and condition-specific temperature-responsive 
genes to different environmental temperature conditions.

We note; however, that such analysis is inevitably 
confounded by the availability of publicly available tran-
scriptomic datasets, which might not cover all the factors 
that may also influence the transcription levels, in addi-
tion to the temperature responses. With this in mind, we 
carefully dissected and documented the details of growth 
conditions of the integrated transcriptomic profiles. We 
also performed thorough statistical tests to ensure that the 

influences between certain conditions of interest are at 
least statistically significant, despite the potential effects 
from other environmental conditions. In certain cases, we 
could not completely rule out the interplay between tem-
peratures and other environmental factors, such as light, 
photoperiod, and diurnal expression.

All in all, we have carefully characterized and docu-
mented a number of clear and directly testable hypotheses 
of the temperature-responsive genes that demonstrated 
unique and conserved transcriptional patterns among the 
temperature conditions and plant tissues (Table 1). These 
genes serve as prospective candidates for in-depth experi-
mental validations. The integrated dataset presented in this 
study also serves as a useful resource for in-depth tem-
perature-specific gene expression analyses of known and 
novel temperature-responsive genes in Arabidopsis, and 
potentially their homologs in other model plant species.
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tary material available at https:// doi. org/ 10. 1007/ s11103- 021- 01223-y.

Acknowledgements We thank the editors and reviewers for thorough 
evaluation of our work, and very helpful suggestion; our colleagues, 
especially Jutapak Jenkitkonchai, Kawinnart Sue-ob, Peerapat Kham-
wachirapithak and Todsapol Techo, for critical reading, commenting 
and valuable suggestions on the manuscript.

Author contributions NS and VC designed the study. NS performed 
the analyses, under supervision of VC. NS and VC jointly wrote and 
proofread the manuscript.

Funding This work was funded by the National Research Coun-
cil of Thailand (NRCT) and Mahidol University: Grant Number 

Fig. 5  A working model of how HSFA1a regulates the high and low temperature-responsive genes. The darker grey colors represent the higher 
the confidence scores of the HSFA1a peak calling, which might reflect the DNA-binding occupancy of the TF

https://doi.org/10.1007/s11103-021-01223-y


441Plant Molecular Biology (2022) 110:425–443 

1 3

NRCT5-RSA63015-24, and Faculty of Science, Mahidol University 
to VC. NS was supported by the PhD studentship from the Science 
Achievement Scholarship of Thailand.

Data availability Data are included as electronic supplementary 
materials.

Code availability Not applicable.

Declarations 

Conflict of interest The authors declare that they have no conflicts of 
interest.

Ethical approval Not applicable.

Consent to participate Not applicable.

Consent for publication All the authors have read and approve the 
manuscript for publication.

Open Access This article is licensed under a Creative Commons Attri-
bution 4.0 International License, which permits use, sharing, adapta-
tion, distribution and reproduction in any medium or format, as long 
as you give appropriate credit to the original author(s) and the source, 
provide a link to the Creative Commons licence, and indicate if changes 
were made. The images or other third party material in this article are 
included in the article's Creative Commons licence, unless indicated 
otherwise in a credit line to the material. If material is not included in 
the article's Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will 
need to obtain permission directly from the copyright holder. To view a 
copy of this licence, visit http:// creat iveco mmons. org/ licen ses/ by/4. 0/.

References

Casal JJ, Balasubramanian S (2019) Thermomorphogenesis. Annu 
Rev Plant Biol 70:321–346. https:// doi. org/ 10. 1146/ annur ev- arpla 
nt- 050718- 095919

Cattell RB (1996) The scree test for the number of factors. Multivari-
ate Behav Res 1:245–276. https:// doi. org/ 10. 1207/ s1532 7906m 
br0102_ 10

Choi H, Oh E (2016) PIF4 integrates multiple environmental and hor-
monal signals for plant growth regulation in Arabidopsis. Mol 
Cells 39:587–593. https:// doi. org/ 10. 14348/ molce lls. 2016. 0126

Cortijo S, Charoensawan V, Brestovitsky A, Buning R, Ravarani C, 
Rhodes D, Noort JV, Jaeger KE, Wigge PA (2017) Transcrip-
tional regulation of the ambient temperature response by H2A.Z 
nucleosomes and HSF1 transcription factors in Arabidopsis. Mol 
Plant 10:1258–1273. https:// doi. org/ 10. 1016/j. molp. 2017. 08. 014

Davletova S, Schlauch K, Coutu J, Mittler R (2005) The zinc-finger 
protein ZAT12 plays a central role in reactive oxygen and abiotic 
stress signaling in Arabidopsis. Plant Physiol 139:847. https:// doi. 
org/ 10. 1104/ pp. 105. 068254

Dickinson PJ, Kumar M, Martinho C, Yoo SJ, Lan H, Artavanis G, 
Charoensawan V, Schöttler MA, Bock R, Jaeger KE, Wigge PA 
(2018) Chloroplast signaling gates thermotolerance in Arabidop-
sis. Cell Rep 22:1657–1665. https:// doi. org/ 10. 1016/j. celrep. 2018. 
01. 054

Dixit AR, Dhankher OP (2011) A novel stress-associated protein 
‘AtSAP10’ from Arabidopsis thaliana confers tolerance to 

nickel, manganese, zinc, and high temperature stress. PLoS ONE 
6:e20921. https:// doi. org/ 10. 1371/ journ al. pone. 00209 21

Dong X et al (2020) The cold response regulator CBF1 promotes 
Arabidopsis hypocotyl growth at ambient temperatures. EMBO J 
39:e103630. https:// doi. org/ 10. 15252/ embj. 20191 03630

Fowler S, Thomashow MF (2002) Arabidopsis transcriptome profiling 
indicates that multiple regulatory pathways are activated during 
cold acclimation in addition to the CBF cold response pathway. 
Plant Cell 14:1675. https:// doi. org/ 10. 1105/ tpc. 003483

Franklin KA, Lee Sh, Patel D, Kumar V, Spartz AK, Gu C, Ye S, Yu P, 
Breen G, Cohen JD, Wigge PA, Gray WM (2011) Phytochrome-
interacting factor 4 (PIF4) regulates auxin biosynthesis at high 
temperature. Proc Natl Acad Sci 108:20231–20235. https:// doi. 
org/ 10. 1073/ pnas. 11106 82108

Gil K-E, Park C-M (2019) Thermal adaptation and plasticity of the 
plant circadian clock. New Phytol 221:1215–1229. https:// doi. org/ 
10. 1111/ nph. 15518

Gu Z, Eils R, Schlesner M (2016) Complex heatmaps reveal patterns 
and correlations in multidimensional genomic data. Bioinformat-
ics 32:2847–2849. https:// doi. org/ 10. 1093/ bioin forma tics/ btw313

Guan Q, Yue X, Zeng H, Zhu J (2014) The protein phosphatase RCF2 
and its interacting partner NAC019 are critical for heat stress–
responsive gene regulation and thermotolerance in Arabidopsis. 
Plant Cell 26:438. https:// doi. org/ 10. 1105/ tpc. 113. 118927

Haake V, Cook D, Riechmann J, Pineda O, Thomashow MF, Zhang 
JZ (2002) Transcription factor CBF4 is a regulator of drought 
adaptation in Arabidopsis. Plant Physiol 130:639. https:// doi. org/ 
10. 1104/ pp. 006478

Hasanuzzaman M, Nahar K, Alam MM, Roychowdhury R, Fujita M 
(2013) Physiological, biochemical, and molecular mechanisms of 
heat stress tolerance in plants. Int J Mol Sci 14:9643–9684. https:// 
doi. org/ 10. 3390/ ijms1 40596 43

Hasdai M, Weiss B, Levi A, Samach A, Porat R (2006) Differential 
responses of Arabidopsis ecotypes to cold, chilling and freezing 
temperatures. Ann Appl Biol 148:113–120. https:// doi. org/ 10. 
1111/j. 1744- 7348. 2006. 00044.x

Higashi Y, Okazaki Y, Myouga F, Shinozaki K, Saito K (2015) Land-
scape of the lipidome and transcriptome under heat stress in 
Arabidopsis thaliana. Sci Rep 5:10533. https:// doi. org/ 10. 1038/ 
srep1 0533

Huang Y-C, Niu C-Y, Yang C-R, Jinn T-L (2016) The heat stress factor 
HSFA6b connects aba signaling and aba-mediated heat responses. 
Plant Physiol 172:1182. https:// doi. org/ 10. 1104/ pp. 16. 00860

Irizarry RA, Bolstad BM, Collin F, Cope LM, Hobbs B, Speed TP 
(2003) Summaries of affymetrix genechip probe level data. 
Nucleic Acids Res 31:e15–e15. https:// doi. org/ 10. 1093/ nar/ 
gng015

Jacob P, Hirt H, Bendahmane A (2017) The heat-shock protein/chap-
erone network and multiple stress resistance. Plant Biotechnol J 
15:405–414. https:// doi. org/ 10. 1111/ pbi. 12659

Jaglo-Ottosen KR, Gilmour SJ, Zarka DG, Schabenberger O, Thom-
ashow MF (1998) Arabidopsis CBF1 overexpression induces COR 
genes and enhances freezing tolerance. Science 280:104. https:// 
doi. org/ 10. 1126/ scien ce. 280. 5360. 104

Jenkitkonchai J, Marriott P, Yang W, Sriden N, Jung J-H, Wigge PA, 
Charoensawan V (2021) Exploring PIF4’s contribution to early 
flowering in plants under daily variable temperature and its tissue-
specific flowering gene network. Plant Direct 5:e339. https:// doi. 
org/ 10. 1002/ pld3. 339

Jia Y, Ding Y, Shi Y, Zhang X, Gong Z, Yang S (2016) The cbfs triple 
mutants reveal the essential functions of CBFs in cold acclimation 
and allow the definition of CBF regulons in Arabidopsis. New 
Phytol 212:345–353. https:// doi. org/ 10. 1111/ nph. 14088

Jiang Z, He F, Zhang Z (2017) Large-scale transcriptome analysis 
reveals Arabidopsis metabolic pathways are frequently influenced 

http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1146/annurev-arplant-050718-095919
https://doi.org/10.1146/annurev-arplant-050718-095919
https://doi.org/10.1207/s15327906mbr0102_10
https://doi.org/10.1207/s15327906mbr0102_10
https://doi.org/10.14348/molcells.2016.0126
https://doi.org/10.1016/j.molp.2017.08.014
https://doi.org/10.1104/pp.105.068254
https://doi.org/10.1104/pp.105.068254
https://doi.org/10.1016/j.celrep.2018.01.054
https://doi.org/10.1016/j.celrep.2018.01.054
https://doi.org/10.1371/journal.pone.0020921
https://doi.org/10.15252/embj.2019103630
https://doi.org/10.1105/tpc.003483
https://doi.org/10.1073/pnas.1110682108
https://doi.org/10.1073/pnas.1110682108
https://doi.org/10.1111/nph.15518
https://doi.org/10.1111/nph.15518
https://doi.org/10.1093/bioinformatics/btw313
https://doi.org/10.1105/tpc.113.118927
https://doi.org/10.1104/pp.006478
https://doi.org/10.1104/pp.006478
https://doi.org/10.3390/ijms14059643
https://doi.org/10.3390/ijms14059643
https://doi.org/10.1111/j.1744-7348.2006.00044.x
https://doi.org/10.1111/j.1744-7348.2006.00044.x
https://doi.org/10.1038/srep10533
https://doi.org/10.1038/srep10533
https://doi.org/10.1104/pp.16.00860
https://doi.org/10.1093/nar/gng015
https://doi.org/10.1093/nar/gng015
https://doi.org/10.1111/pbi.12659
https://doi.org/10.1126/science.280.5360.104
https://doi.org/10.1126/science.280.5360.104
https://doi.org/10.1002/pld3.339
https://doi.org/10.1002/pld3.339
https://doi.org/10.1111/nph.14088


442 Plant Molecular Biology (2022) 110:425–443

1 3

by different pathogens. Plant Mol Biol 94:453–467. https:// doi. 
org/ 10. 1007/ s11103- 017- 0617-5

Kilian J, Whitehead D, Horak J, Wanke D, Weinl S, Batistic O, 
D’Angelo C, Bornberg-Bauer E, Kudla J, Harter K (2007) The 
AtGenExpress global stress expression data set: protocols, evalu-
ation and model data analysis of UV-B light, drought and cold 
stress responses. Plant J 50:347–363. https:// doi. org/ 10. 1111/j. 
1365- 313X. 2007. 03052.x

Koini MA, Alvey L, Allen T, Tilley CA, Harberd NP, Whitelam GC, 
Franklin KA (2009) High temperature-mediated adaptations in 
plant architecture require the bHLH transcription factor PIF4. 
Curr Biol 19:408–413. https:// doi. org/ 10. 1016/j. cub. 2009. 01. 046

Kosch R, Jung K (2019) Conducting gene set tests in meta-analyses of 
transcriptome expression data. Res Synth Methods 10:99–112. 
https:// doi. org/ 10. 1002/ jrsm. 1337

Kumar SV, Lucyshyn D, Jaeger KE, Alós E, Alvey E, Harberd NP, 
Wigge PA (2012) Transcription factor PIF4 controls the ther-
mosensory activation of flowering. Nature 484:242–245. https:// 
doi. org/ 10. 1038/ natur e10928

Langmead B, Salzberg SL (2012) Fast gapped-read alignment with 
Bowtie 2. Nat Methods 9:357–359. https:// doi. org/ 10. 1038/ nmeth. 
1923

Lawrence M, Huber W, Pagès H, Aboyoun P, Carlson M, Gentleman 
R, Morgan MT, Carey VJ (2013) Software for computing and 
annotating genomic ranges. Plos Comput Biol 9:e1003118. https:// 
doi. org/ 10. 1371/ journ al. pcbi. 10031 18

Le MQ, Pagter M, Hincha DK (2015) Global changes in gene expres-
sion, assayed by microarray hybridization and quantitative RT-
PCR, during acclimation of three Arabidopsis thaliana accessions 
to sub-zero temperatures after cold acclimation. Plant Mol Biol 
87:1–15. https:// doi. org/ 10. 1007/ s11103- 014- 0256-z

Li B, Gao K, Ren H, Tang W (2018) Molecular mechanisms gov-
erning plant responses to high temperatures. J Integr Plant Biol 
60:757–779. https:// doi. org/ 10. 1111/ jipb. 12701

Liu H-C, Charng Y-Y (2012) Acquired thermotolerance independent 
of heat shock factor A1 (HsfA1), the master regulator of the heat 
stress response. Plant Signal Behav 7:547–550. https:// doi. org/ 
10. 4161/ psb. 19803

Liu Q, Kasuga M, Sakuma Y, Abe H, Miura S, Yamaguchi-Shinozaki 
K, Shinozaki K (1998) Two transcription factors, DREB1 and 
DREB2, with an EREBP/AP2 DNA binding domain separate two 
cellular signal transduction pathways in drought- and low-temper-
ature-responsive gene expression, respectively, in Arabidopsis. 
Plant Cell 10:1391–1406. https:// doi. org/ 10. 1105/ tpc. 10.8. 1391

Liu H-C, Liao H-T, Charng Y-Y (2011) The role of class A1 heat shock 
factors (HSFA1s) in response to heat and other stresses in Arabi-
dopsis. Plant Cell Environ 34:738–751. https:// doi. org/ 10. 1111/j. 
1365- 3040. 2011. 02278.x

Liu Y, Dang P, Liu L, He C (2019) Cold acclimation by the CBF–
COR pathway in a changing climate: Lessons from Arabidopsis 
thaliana. Plant Cell Rep 38:511–519. https:// doi. org/ 10. 1007/ 
s00299- 019- 02376-3

Medina J, Catalá R, Salinas J (2011) The CBFs: three arabidopsis tran-
scription factors to cold acclimate. Plant Sci 180:3–11. https:// doi. 
org/ 10. 1016/j. plant sci. 2010. 06. 019

Mizoi J, Shinozaki K, Yamaguchi-Shinozaki K (2012) AP2/ERF family 
transcription factors in plant abiotic stress responses. BBA-Gene 
Regul Mech 1819:86–96. https:// doi. org/ 10. 1016/j. bbagrm. 2011. 
08. 004

Navarro-Retamal C, Bremer A, Ingólfsson HI, Alzate-Morales J, 
Caballero J, Thalhammer A, González W, Hincha DK (2018) 
Folding and lipid composition determine membrane interaction of 
the disordered protein COR15A. Biophys J 115:968–980. https:// 
doi. org/ 10. 1016/j. bpj. 2018. 08. 014

Nover L, Bharti K, Döring P, Mishra SK, Ganguli A, Scharf KD (2001) 
Arabidopsis and the heat stress transcription factor world: how 
many heat stress transcription factors do we need? Cell Stress 
Chaperon 6:177–189

Novillo F, Alonso JM, Ecker JR, Salinas J (2004) CBF2/DREB1C 
is a negative regulator of CBF1/DREB1B and CBF3/DREB1A 
expression and plays a central role in stress tolerance in Arabidop-
sis. Proc Natl Acad Sci 101:3985. https:// doi. org/ 10. 1073/ pnas. 
03030 29101

Novillo F, Medina J, Salinas J (2007) Arabidopsis CBF1 and CBF3 
have a different function than CBF2 in cold acclimation and define 
different gene classes in the CBF regulon. Proc Natl Acad Sci 
104:21002. https:// doi. org/ 10. 1073/ pnas. 07056 39105

Nylander M, Svensson J, Palva ET, Welin BV (2001) Stress-induced 
accumulation and tissue-specific localization of dehydrins in 
Arabidopsis thaliana. Plant Mol Biol 45:263–279. https:// doi. 
org/ 10. 1023/A: 10064 69128 280

Oh E, Zhu J-Y, Wang Z-Y (2012) Interaction between BZR1 and PIF4 
integrates brassinosteroid and environmental responses. Nat Cell 
Biol 14:802–809. https:// doi. org/ 10. 1038/ ncb25 45

Ohama N, Sato H, Shinozaki K, Yamaguchi-Shinozaki K (2017) 
Transcriptional regulatory network of plant heat stress response. 
Trends Plant Sci 22:53–65. https:// doi. org/ 10. 1016/j. tplan ts. 2016. 
08. 015

Ohkubo T, Kameyama A, Kamiya K, Kondo M, Hara M (2020) F-seg-
ments of Arabidopsis dehydrins show cryoprotective activities for 
lactate dehydrogenase depending on the hydrophobic residues. 
Phytochemistry 173:112300. https:// doi. org/ 10. 1016/j. phyto chem. 
2020. 112300

Olate E, Jiménez-Gómez JM, Holuigue L, Salinas J (2018) NPR1 
mediates a novel regulatory pathway in cold acclimation by inter-
acting with HSFA1 factors. Nat Plants 4:811–823. https:// doi. org/ 
10. 1038/ s41477- 018- 0254-2

O’Malley RC, Huang SC, Song L, Lewsey MG, Bartlett A, Nery JR, 
Galli M, Gallavotti A, Ecker JR (2016) Cistrome and epicistrome 
features shape the regulatory DNA landscape. Cell 165:1280–
1292. https:// doi. org/ 10. 1016/j. cell. 2016. 04. 038

Park C-J, Seo Y-S (2015) Heat shock proteins: a review of the molecu-
lar chaperones for plant immunity. Plant Pathol J 31:323–333. 
https:// doi. org/ 10. 5423/ PPJ. RW. 08. 2015. 0150

Park S, Lee C-M, Doherty CJ, Gilmour SJ, Kim Y, Thomashow MF 
(2015) Regulation of the Arabidopsis CBF regulon by a complex 
low-temperature regulatory network. Plant J 82:193–207. https:// 
doi. org/ 10. 1111/ tpj. 12796

Peng S et al (2004) Rice yields decline with higher night temperature 
from global warming. Proc Natl Acad Sci 101:9971–9975. https:// 
doi. org/ 10. 1073/ pnas. 04037 20101

Puhakainen T, Hess MW, Mäkelä P, Svensson J, Heino P, Palva ET 
(2004) overexpression of multiple dehydrin genes enhances toler-
ance to freezing stress in Arabidopsis. Plant Mol Biol 54:743–753. 
https:// doi. org/ 10. 1023/B: PLAN. 00000 40903. 66496. a4

Quinlan AR (2014) BEDTools: the swiss-army tool for genome feature 
analysis. Curr Protoc Bioinform. https:// doi. org/ 10. 1002/ 04712 
50953. bi111 2s47

Quint M, Delker C, Franklin KA, Wigge PA, Halliday KJ, van Zanten 
M (2016) Molecular and genetic control of plant thermomorpho-
genesis. Nat Plants 2:15190. https:// doi. org/ 10. 1038/ nplan ts. 2015. 
190

R Core Team (2019) R: a language and environment for statistical 
computing. R foundation for statistical computing, Vienna

Sharma R, Singh G, Bhattacharya S, Singh A (2018) Comparative tran-
scriptome meta-analysis of Arabidopsis thaliana under drought 
and cold stress. PLoS ONE 13:e0203266. https:// doi. org/ 10. 1371/ 
journ al. pone. 02032 66

https://doi.org/10.1007/s11103-017-0617-5
https://doi.org/10.1007/s11103-017-0617-5
https://doi.org/10.1111/j.1365-313X.2007.03052.x
https://doi.org/10.1111/j.1365-313X.2007.03052.x
https://doi.org/10.1016/j.cub.2009.01.046
https://doi.org/10.1002/jrsm.1337
https://doi.org/10.1038/nature10928
https://doi.org/10.1038/nature10928
https://doi.org/10.1038/nmeth.1923
https://doi.org/10.1038/nmeth.1923
https://doi.org/10.1371/journal.pcbi.1003118
https://doi.org/10.1371/journal.pcbi.1003118
https://doi.org/10.1007/s11103-014-0256-z
https://doi.org/10.1111/jipb.12701
https://doi.org/10.4161/psb.19803
https://doi.org/10.4161/psb.19803
https://doi.org/10.1105/tpc.10.8.1391
https://doi.org/10.1111/j.1365-3040.2011.02278.x
https://doi.org/10.1111/j.1365-3040.2011.02278.x
https://doi.org/10.1007/s00299-019-02376-3
https://doi.org/10.1007/s00299-019-02376-3
https://doi.org/10.1016/j.plantsci.2010.06.019
https://doi.org/10.1016/j.plantsci.2010.06.019
https://doi.org/10.1016/j.bbagrm.2011.08.004
https://doi.org/10.1016/j.bbagrm.2011.08.004
https://doi.org/10.1016/j.bpj.2018.08.014
https://doi.org/10.1016/j.bpj.2018.08.014
https://doi.org/10.1073/pnas.0303029101
https://doi.org/10.1073/pnas.0303029101
https://doi.org/10.1073/pnas.0705639105
https://doi.org/10.1023/A:1006469128280
https://doi.org/10.1023/A:1006469128280
https://doi.org/10.1038/ncb2545
https://doi.org/10.1016/j.tplants.2016.08.015
https://doi.org/10.1016/j.tplants.2016.08.015
https://doi.org/10.1016/j.phytochem.2020.112300
https://doi.org/10.1016/j.phytochem.2020.112300
https://doi.org/10.1038/s41477-018-0254-2
https://doi.org/10.1038/s41477-018-0254-2
https://doi.org/10.1016/j.cell.2016.04.038
https://doi.org/10.5423/PPJ.RW.08.2015.0150
https://doi.org/10.1111/tpj.12796
https://doi.org/10.1111/tpj.12796
https://doi.org/10.1073/pnas.0403720101
https://doi.org/10.1073/pnas.0403720101
https://doi.org/10.1023/B:PLAN.0000040903.66496.a4
https://doi.org/10.1002/0471250953.bi1112s47
https://doi.org/10.1002/0471250953.bi1112s47
https://doi.org/10.1038/nplants.2015.190
https://doi.org/10.1038/nplants.2015.190
https://doi.org/10.1371/journal.pone.0203266
https://doi.org/10.1371/journal.pone.0203266


443Plant Molecular Biology (2022) 110:425–443 

1 3

Shen P-c, Hour A-l, L-yD L (2017) Microarray meta-analysis to explore 
abiotic stress-specific gene expression patterns in Arabidopsis. 
Bot Stud 58:22. https:// doi. org/ 10. 1186/ s40529- 017- 0176-8

Stockinger EJ, Gilmour SJ, Thomashow MF (1997) Arabidopsis thali-
ana CBF1 encodes an AP2 domain-containing transcriptional 
activator that binds to the C-repeat/DRE, a cis-acting DNA regu-
latory element that stimulates transcription in response to low 
temperature and water deficit. Proc Natl Acad Sci 94:1035–1040. 
https:// doi. org/ 10. 1073/ pnas. 94.3. 1035

Sun J, Qi L, Li Y, Chu J, Li C (2012) PIF4-mediated activation of 
YUCCA8 expression integrates temperature into the auxin path-
way in regulating Arabidopsis hypocotyl growth. Plos Genet 
8:e1002594. https:// doi. org/ 10. 1371/ journ al. pgen. 10025 94

Sung DY, Vierling E, Guy CL (2001) Comprehensive expression pro-
file analysis of the Arabidopsis Hsp70 gene family. Plant Physiol 
126:789–800. https:// doi. org/ 10. 1104/ pp. 126.2. 789

Supek F, Bošnjak M, Škunca N, Šmuc T (2011) REVIGO summa-
rizes and visualizes long lists of gene ontology terms. PLoS ONE 
6:e21800. https:// doi. org/ 10. 1371/ journ al. pone. 00218 00

Swindell WR, Huebner M, Weber AP (2007) Transcriptional profil-
ing of Arabidopsis heat shock proteins and transcription fac-
tors reveals extensive overlap between heat and non-heat stress 
response pathways. BMC Genomics 8:125. https:// doi. org/ 10. 
1186/ 1471- 2164-8- 125

Tennekes M, Jonge Ed (2011) Top-down data analysis with treemaps. 
In: International Conference on Information Visualization Theory 
and Applications (IVAPP), Algarve, Portugal

Thomashow MF (1999) Plant cold acclimation: freezing tolerance 
genes and regulatory mechanisms. Annu Rev Plant Phys 50:571–
599. https:// doi. org/ 10. 1146/ annur ev. arpla nt. 50.1. 571

Tian T, Liu Y, Yan H, You Q, Yi X, Du Z, Xu W, Su Z (2017) agriGO 
v2.0: a GO analysis toolkit for the agricultural community, 2017 
update. Nucleic Acids Res 45:W122–W129. https:// doi. org/ 10. 
1093/ nar/ gkx382

Yadav BS, Lahav T, Reuveni E, Chamovitz DA, Freilich S (2016) 
Multidimensional patterns of metabolic response in abiotic 
stress-induced growth of Arabidopsis thaliana. Plant Mol Biol 
92:689–699. https:// doi. org/ 10. 1007/ s11103- 016- 0539-7

Yoshida T, Ohama N, Nalajima J, Kidokoro S, Mizoi J, Nakashima 
K, Maruyama K, Kim JM, Seki M, Todaka D, Osakabe Y, 

Sakuma Y, Schöffl F, Shinozaki K, Yamaguchi-Shinozaki K 
(2011) Arabidopsis HsfA1 transcription factors function as the 
main positive regulators in heat shock-responsive gene expres-
sion. Mol Genet Genomics 286:321–332. https:// doi. org/ 10. 1007/ 
s00438- 011- 0647-7

Yu G, Wang LG, He QY (2015) ChIPseeker: an R/bioconductor pack-
age for ChIP peak annotation, comparison and visualization. Bio-
informatics 31:2382–2383. https:// doi. org/ 10. 1093/ bioin forma 
tics/ btv145

Zhang Y, Liu T, Meyer CA, Eeckhoute J, Johnson DS, Bernstein BE, 
Nusbaum C, Myers RM, Brown M, Li W, Liu XS (2008) Model-
based analysis of ChIP-Seq (MACS). Genome Biol 9:R137. 
https:// doi. org/ 10. 1186/ gb- 2008-9- 9- r137

Zhang J-X et al (2010) The role of arabidopsis AtFes1A in cytosolic 
Hsp70 stability and abiotic stress tolerance. Plant J 62:539–548. 
https:// doi. org/ 10. 1111/j. 1365- 313X. 2010. 04173.x

Zhao S, Fung-Leung W-P, Bittner A, Ngo K, Liu X (2014) Comparison 
of RNA-seq and microarray in transcriptome profiling of acti-
vated T cells. PLoS ONE 9:e78644. https:// doi. org/ 10. 1371/ journ 
al. pone. 00786 44

Zhao C, Zhang Z, Xie S, Si T, Li Y, Zhu J-K (2016) Mutational evi-
dence for the critical role of CBF transcription factors in cold 
acclimation in Arabidopsis. Plant Physiol 171:2744. https:// doi. 
org/ 10. 1104/ pp. 16. 00533

Zhao C, Liu B, Piao S, Wang X, Lobell DB, Huang Y, Huang M, 
Yao Y, Bassu S, Ciais P, Durand JL, Elliott J, Ewert F, Janssens 
IA, Li T, Lin E, Liu Q, Martre P, Müller C, Peng S, Peñuelas J, 
Ruane AC, Wallach D, Wang T, Wu D, Liu Z, Zhu Y, Zhu Z, 
Asseng S (2017) Temperature increase reduces global yields of 
major crops in four independent estimates. Proc Natl Acad Sci 
114:9326–9331. https:// doi. org/ 10. 1073/ pnas. 17017 62114

Publisher's Note Springer Nature remains neutral with regard to 
jurisdictional claims in published maps and institutional affiliations.

https://doi.org/10.1186/s40529-017-0176-8
https://doi.org/10.1073/pnas.94.3.1035
https://doi.org/10.1371/journal.pgen.1002594
https://doi.org/10.1104/pp.126.2.789
https://doi.org/10.1371/journal.pone.0021800
https://doi.org/10.1186/1471-2164-8-125
https://doi.org/10.1186/1471-2164-8-125
https://doi.org/10.1146/annurev.arplant.50.1.571
https://doi.org/10.1093/nar/gkx382
https://doi.org/10.1093/nar/gkx382
https://doi.org/10.1007/s11103-016-0539-7
https://doi.org/10.1007/s00438-011-0647-7
https://doi.org/10.1007/s00438-011-0647-7
https://doi.org/10.1093/bioinformatics/btv145
https://doi.org/10.1093/bioinformatics/btv145
https://doi.org/10.1186/gb-2008-9-9-r137
https://doi.org/10.1111/j.1365-313X.2010.04173.x
https://doi.org/10.1371/journal.pone.0078644
https://doi.org/10.1371/journal.pone.0078644
https://doi.org/10.1104/pp.16.00533
https://doi.org/10.1104/pp.16.00533
https://doi.org/10.1073/pnas.1701762114

	Large-scale comparative transcriptomic analysis of temperature-responsive genes in Arabidopsis thaliana
	Abstract
	Key message 
	Abstract 

	Introduction
	Materials and methods
	Transcriptomic data pre-processing and analyses
	Identification of highly variable genes (HVGs) across the temperature profiles
	Gene ontology (GO) enrichment analysis
	Analyses of DNA binding and occupancy of temperature-responsive transcription factors

	Results
	Exploring the genes with variable transcription levels under various temperature conditions
	Integrated temperature transcriptomic profiles from microarray reveal unique transcription patterns of temperature-specific clusters
	Cluster M-S-A: genes activated by heat stress
	Cluster M-S-B: genes activated by the cold and freezing conditions
	Cluster M-S-C: genes activated by ambient temperatures andor constant light
	Cluster M-S-D: genes suppressed in freezing

	Conserved and tissue-specific expression of temperature-responsive genes
	Unique regulatory functions of temperature-responsive transcription factors
	Transcriptional regulatory roles of HSFA1s under high and low temperature conditions
	DNA-binding patterns of PIF4 and CBFs and the transcriptional patterns of their target genes


	Discussion
	Global analysis of integrated transcriptomic profiles provides an overview of temperature-responsive transcription patterns
	Diverse transcriptional profiles of HSFs and HSPs in multiple temperature conditions
	Tissue-specific high temperature-responsive genes
	Cold-responsive genes in dependent and independent to the CBF families
	Distinct DNA-binding patterns of temperature-responsive TFs may define transcriptional outcomes

	Conclusion and future perspectives
	Acknowledgements 
	References




