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The September issue of Environment Systems & Decisions 
features several articles utilizing advanced machine learning 
methodologies to derive insights related to chemical toxicity, 
building energy sustainability, and storm water management. 
Along with a review paper on nature-based tourism, and two 
articles describing case studies in scientific risk communi-
cation, this issue highlights both the technical and human 
aspects of decision making necessary for understanding 
coupled social, environmental, and infrastructure systems.

First, a review article by Mandić (2019) explores the last 
10 years of published articles on tourism in protected natural 
areas. An analysis of the literature uncovers the challenges 
and opportunities along several dimensions of tourism and 
ecological management, including governance, conser-
vation, and financing. The findings can be used by those 
responsible for land management to develop nature-based 
solutions to mitigate the tensions between ecological, social, 
and economic priorities.

A series of articles in this issue develop and demonstrate 
machine learning techniques applied to a variety of domains. 
Varghese et al. (2019) use natural language processing to 
classify 7000 abstracts on the topic of arsenic, using an 
active learning approach to classify the abstracts into catego-
ries. The authors explore different sampling techniques on 
the performance of the machine learning algorithms. Adams 
et al. (2019) investigate the topic of predicting energy con-
sumption in buildings under faulty and uncertain data. They 
compare several techniques including random forests and 

support vector machines with varying levels of data qual-
ity to understand the robustness of the predictive results. 
Amodeo and Francis (2019) apply classification trees to land 
parcels based on multiple property-level criteria. The results 
prioritize parcels which may be most suited for low-impact 
development projects for storm water management.

Finally, in a set of two companion papers, Quigley et al. 
(2019a, b) discuss the role of scientific information on risk-
based decision making. In the first paper (Quigley et al. 
2019a), seven case studies are described, including farm-
ing, mining, and natural disaster management. Across these 
case studies, the authors detail how the various contents and 
delivery mechanisms of scientific information influenced 
decision making. The authors describe the different sources 
of scientific information, and how the absence of scientific 
information can result in more precautionary alternatives 
being selected. In the second paper (Quigley et al. 2019b), a 
synthesis of the findings from the case studies identifies mul-
tiple actions and pathways for the acquisition of scientific 
information and provision of information to the audience. 
Together, these companion papers will be of value to the 
scientific and policy communities engaged in using scien-
tific information for decision making and communicating 
the scientific information to decision makers and the public.

Recently, Google Scholar published their yearly metrics 
on journal performance.1 Environment Systems & Decisions 
once again increased its h5-index to 21, up from 18 last year. 
The h5-median is 30, and among journals with the word 
“decision” in the title, Environment Systems & Decisions 
is ranked thirteenth. Similarly, Scimago2 metrics show an 
upward trend in areas such as total journal citations, cita-
tions per article, and papers with international collabora-
tion among authors. This continued positive trajectory is 
due to the quality research being submitted by the authors, 
the constructive feedback from our Editorial Board and peer 
reviewers, and the technical and operational support of the 
Springer staff.
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