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Abstract The reported “hiatus” in the warming of the global climate system during this
century has been the subject of intense scientific and public debate, with implications ranging from scientific understanding of the global climate sensitivity to the rate in which
greenhouse gas emissions would need to be curbed in order to meet the United Nations
global warming target. A number of scientific hypotheses have been put forward to explain
the hiatus, including both physical climate processes and data artifacts. However, despite
the intense focus on the hiatus in both the scientific and public arenas, rigorous statistical
assessment of the uniqueness of the recent temperature time-series within the context of the
long-term record has been limited. We apply a rigorous, comprehensive statistical analysis
of global temperature data that goes beyond simple linear models to account for temporal
dependence and selection effects. We use this framework to test whether the recent period
has demonstrated i) a hiatus in the trend in global temperatures, ii) a temperature trend that is
statistically distinct from trends prior to the hiatus period, iii) a “stalling” of the global mean
temperature, and iv) a change in the distribution of the year-to-year temperature increases.
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We find compelling evidence that recent claims of a “hiatus” in global warming lack sound
scientific basis. Our analysis reveals that there is no hiatus in the increase in the global mean
temperature, no statistically significant difference in trends, no stalling of the global mean
temperature, and no change in year-to-year temperature increases.

1 Introduction, Motivation and Approach
The international debate on the “hiatus” in the warming of the global climate system over the
last 15 years has intensified (e.g., Meehl et al. (2011), IPCC (2013), Otto et al. (2013), Fyfe
et al. (2013), Kosaka and Xie (2013), Santer et al. (2014), Trenberth and Fasullo (2013),
Smith (2013), Guemas et al. (2013), Chen and Tung (2014), Boykoff (2014), Hawkins et al.
(2014), England et al. (2014), Karl et al. (2015), Cowtan et al. (2015)). The implications
of the purported hiatus (also referred to as a “pause” or “slowdown”) are far reaching.
First, contradictory scientific conclusions have emerged regarding the relationship between
climate change and anthropogenic global warming, especially during a period of heightened
carbon emissions (Kosaka and Xie 2013). Second, the discrepancy between climate model
projections and observations appear to point to an overestimation of climate sensitivity to
anthropogenic forcings (Otto et al. 2013; Fyfe et al. 2013).
The perceived hiatus has led to a myriad of resources being expended on trying to better
understand the geophysical mechanisms that lead to a possible hiatus (including, among others, volcanic activity (Santer et al. 2014), Pacific Ocean variability (Kosaka and Xie 2013;
Trenberth and Fasullo 2013), and increased ocean heat uptake (Smith 2013; Guemas et al.
2013; Chen and Tung 2014)), as well as spurious artifacts of the global climate observing
system (Durack et al. 2014; Cowtan and Way 2014; Karl et al. 2015; Cowtan et al. 2015).
The purported hiatus has therefore inspired valuable scientific insight into the processes that
regulate decadal-scale variations of the climate system. However, the perception of a hiatus has important repercussions for public decision making, as the implications that global
warming has paused or slowed down (Boykoff 2014; Hawkins et al. 2014), and that climate
models have overestimated the rate of warming (e.g., Fyfe et al. (2013)), both influence the
perceived level of mitigation action that is needed to obtain particular policy targets (Otto
et al. 2013).
Fundamental to any work on the hiatus is to ascertain whether there is sufficient empirical evidence in support of its existence. Surprisingly, to our knowledge, a rigorous statistical
analysis has not been undertaken, at least not one which incorporates temporal dependencies without making strong assumptions about the underlying process. Without empirical
evidence in support of the hiatus claims, any further conclusions stemming from the
assumption should be called into question.
As a part of our investigation to better understand the hiatus, we develop a comprehensive scientific framework that is intended to systematically test hypotheses that have been
implied in statements claiming a hiatus in global warming. We first identify a typology of
the scientific assertions that have been put forward, including i) that there has been a hiatus
in the trend in global warming, ii) that there is a difference in trends before and during the
hiatus, iii) that there has been a hiatus in the change in mean global temperature, and iv)
that there is a difference in warming before and during the hiatus (when accounting for possibly non-linear increases without explicit reference to a linear trend). (See Supplementary
Section 3.4 for more detail on the typology.) We next connect these scientific claims
with four classes of distinct testable statistical hypotheses, with each hypothesis focusing
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on different aspects of the underlying (unknown) temperature process. We then identify and develop appropriate statistical tools in order to test each of these hypotheses in
a principled manner, and under progressively less restrictive - and therefore more generally applicable-modeling assumptions, thereby allowing for a deeper understanding of
the nuances of the global temperature time series. In particular, we attempt to properly
account for temporal dependence, we use less restrictive resampling methods to assess
statistical significance, and we employ a flexible nonparametric modeling approach. By
applying these progressively more general techniques in a cascading approach, we are able
to test the extent to which invalid statistical assumptions can lead to erroneous scientific
conclusions.
Our analysis is first undertaken using the NASA-GISS global mean land-ocean temperature index. It is subsequently also repeated on the NOAA and HadCRUT4 datasets for
comparison purposes (see Supplemental Tables 1 and 2). The analysis is also undertaken
on the recently released ERSSTv4 (Karl et al. (2015)) datasets (see Supplemental Tables 11
and 12). Plots of the NASA-GISS raw and smoothed global mean land-ocean temperature
index from 1880 to 2013, with the base period 1951–1980, are given in in Fig. 1 (top). As
there is a clear underlying trend, a moving average is superimposed on the time series. A statistical analysis of the serial correlation in the residuals after fitting a regression line is also
given in Fig. 1 (top). The autocorrelation in the temperature time series is non-negligible.
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Fig. 1 Top panel global mean
land-ocean temperature index
from 1880 to 2013, with base
period 1951–1980 and moving
average superimposed. The table
provides Durbin-Watson and
Ljung-Box p-values for the
residuals from three OLS fits
between 1950–2013. The LjungBox test here considers residual
autocorrelation in the first 20
lags. The 1950–2013 Full OLS
model fits a single regression line
to all observations from 1950 to
2013. The 1950–2013 Separated
model fits a separate regression
line to the 1950–1997 and
1998–2013 periods. Bottom
panel plot of the global mean
land-ocean temperature index,
from 1998 to 2013, with the
ordinary least squares regression
line superimposed
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The presence of autocorrelation motivates the need to use less naive statistical methods to
understand the evolution of temperature over time (see also Supplemental Section 2.2).

2 Methods
Datasets The datasets of global surface temperature anomalies used in our analysis come
from three sources: the NASA Goddard Institute for Space Studies (GISS) Surface Temperature Analysis (GISTEMP) Data, the NOAA National Climatic Data Center (NCDC) data,
and the HadCRUT4 data, produced from the Met Office Hadley Centre in collaboration
with the University of East Anglia Climatic Research Unit (CRU). Each source combines
monthly land and sea surface temperature measurements into spatial grids that are then
averaged into a single global temperature series. Temperature anomalies are computed from
a baseline period, which differs by dataset. The differences in the three datasets largely
come from the adjustment/infilling methods for sparse temporal/spatial coverage (Hansen
et al. 2010; Morice et al. 2012). (See the Supplemental Section for more details). Note that
given the global mean temperature data that is available, the main goal of our analysis is
to understand the possible mischaracterizing of hiatus claims as compared to understanding
the source of observational errors of the temperature process.

Temporal dependence and uncertainty quantification The global temperature record
exhibits temporal correlation. Standard statistical methods tend to ignore this important
feature, which in turn can lead to incorrect statistical modeling assumptions and incorrect
statistical significance, which can in turn lead to erroneous scientific conclusions. For the
purposes of uncertainty quantification when testing each of the four statistical hypotheses,
we either model the temporal dependence in the global temperature time series explicitly
through a parametric autoregressive model, or account for it through the nonparametric
circular block bootstrap, stationary block bootstrap, or subsampling. (See the Supplemental
Section for more details.)
Statistical hypothesis testing The various scientific assertions regarding the global
warming hiatus are collected into four groups and then formulated as four testable statistical hypotheses. These four hypotheses are specified rigorously, in a principled statistical
framework, and are given in Supplemental Sections 3.1, 3.2, 3.3 and 3.4. The Wald test is
used to test slope parameters in the linear regression model in Hypotheses I and II leading
to Normal or t-distribution based p-values. Moreover, p-values based on the bootstrap and
subsampling are also calculated as alternatives to the Wald test whenever appropriate. When
comparing two distributions, the Kolmogorov-Smirnov test is used, together with the bootstrap or subsampling, to account for temporal dependence. (See the Supplemental Section
for more details.)
Observational uncertainties It is important to recognize that the temperature data that
is used in our analysis are estimates of an unobserved process and is thus subject to observational errors and the implied uncertainties. Observational uncertainties could arise due to
various factors, including instrumental error, changes in the observing network configuration and observing technology, and also due to uncertainties in adjustments made to the data.
The HadCRUT4 dataset allows an analysis that incorporates observational uncertainties.
The single time-series used for the analysis of the HadCRUT4 data is actually derived from
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multiple time series which are constructed in order to reflect observational uncertainties.
This analysis is provided in Supplemental Section 4.

3 Results
3.1 Hypothesis I: hiatus in temperature trend during 1998–2013
A basic assertion regarding the hiatus is that the steady increase in global surface temperature around a linear positive trend has stopped, or “paused” (Guemas et al. 2013).
This sentiment is reflected in statements that “Despite a sustained production of anthropogenic greenhouse gases, the Earth’s mean near-surface temperature paused its rise
during the 2000–2010 period” (Guemas et al. 2013), and that “climate skeptics have
seized on the temperature trends as evidence that global warming has ground to a halt”
(Tollefson 2014). These scientific claims can be turned into a precise statistical null hypothesis: the slope in the regression line of global temperature on time is zero during the hiatus
period.
We use three methods with increasing levels of generality to test the above hypothesis. Specific details of the methodology are provided in Supplementary Section 3.1. First,
beginning with the 1998–2013 period we fit a standard regression to the response variable
global temperature on time during 1998–2013, with errors assumed to be independently and
identically distributed (see Fig. 1 for the fit). A two-sided hypothesis test yields a p-value
of 0.102 (a one-sided test yields a p-value of 0.051). Thus, the claim of a zero warming trend during the hiatus period cannot be rejected at the 5 % significance level. The
second method fits a linear regression with autocorrelated errors that follow a parametric autoregressive model with lag 1. This model aims to directly address the year-to-year
temporal dependency present in the global temperature record. Estimating the autoregression and regression parameters using the method of Cochrane and Orcutt (1949), a p-value
of 0.075 is obtained for the regression slope coefficient by the bootstrap method (with
one-sided p-value less than 5 %). Taking temporal dependence into account, there is now
more evidence against the null hypothesis of a climate hiatus. The third method is completely nonparametric, and instead of using the parametric AR(1) approach to model the
temporal dependency, a block bootstrap is used which allows for quite general forms of
temporal dependence, and yields a two-sided p-value of 0.019. There is now compelling
evidence to reject the claim of no warming trend during the 1998–2013 period at the 5 %
significance level (and even at the 1 % level for a one-sided test). Moreover, the p-values
corresponding to starting years 1999 and 2000 are 0.005 and 0.017 respectively, yielding
even lower p-values - and stronger evidence against a hiatus - than when using a starting
year of 1998. The sensitivity analysis highlights the fact that choosing the year 1998 had a
priori favored the hiatus claim. Moreover, assuming the hiatus as the null makes it harder
to conclude otherwise. Regardless, the assertion of a climate hiatus is nevertheless rejected
at the 5 % level. We therefore conclude that there is “overwhelming evidence” against
the claim that there has been no trend in global surface temperature over the past ≈ 15
years.
Note also that, in applying progressively more general statistical techniques, the scientific conclusions have progressively strengthened from “not significant,” to “significant at
the 10 % level,” and then to “significant at the 5 % level.” It is therefore clear that naive
statistical approaches can possibly lead to erroneous scientific conclusions. Methods that
rely upon a strong modeling assumption of no temporal dependence, or that of a specific
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form, are less reliable than methods that capture dependence without assuming structural
knowledge of the type of dependence.

3.2 Hypothesis II: difference in temperature trends
Otto et al. (2013) state that: “the rate of mean global warming has been lower over the
past decade than previously.” This statement encompasses a second interpretation of the
purported hiatus: that the hiatus represents a “slowdown” of global warming (Chen and
Tung 2014), in which the rate of warming is less during the hiatus compared with the
warming prior to the hiatus (Chen and Tung 2014; Otto et al. 2013; Smith 2013). This
claim can be formulated as a testable statistical hypothesis, where the null hypothesis is
that the regression slope before the hiatus period minus the regression slope during the
hiatus period is zero or negative, versus the alternative hypothesis that this difference
is positive.
We employ three different methods with increasing levels of statistical sophistication
to test this hypothesis. Specific details of the methodology are provided in Supplementary Section 3.2. First, a standard regression of global temperature on time is fitted to both
the 1998–2013 hiatus period and the period 1950–1997, with errors assumed to be independently and identically distributed (see Fig. 2 top left panel). The first method yields a
p-value of 0.210. Thus, there is no evidence of a difference in warming trends even at the
10 % significance level. The second method accounts for the temporal dependency in the
global temperature record by using a block bootstrap approach, yielding a p-value of 0.323.
The evidence for a difference in trends is further weakened when temporal dependency
is accounted for. The third approach uses the method of subsampling (Politis et al. 1999;
Rajaratnam et al. 2014) to determine how the current 16-year trend during 1998–2013 compares against all the previous 16-year trends observed between 1950 and 1997. A p-value of
0.3939 is obtained and evidence for the hiatus is further weakened. From the plots in Fig. 2
(bottom panel), observe that during the 1950–1997 period, there are several 16-year periods
with both higher and lower linear trends. Therefore the observed trend during 1998–2013
does not appear to be anomalous in a historical context.
See Fig. 2 (top right panel) for a summary of results of hypothesis II. Varying the
cut-off year from 1998 to either 1999 or 2000 yields p-values of 0.214 and 0.348, respectively, for the bootstrap method. Even after properly accounting for temporal dependence,
and undertaking a sensitivity analysis, there is no compelling evidence to suggest that the
slopes are significantly different. We therefore conclude that the rate of warming over the
past ≈ 15 years is not appreciably different from the rate of warming prior to the recent
period.

3.3 Hypothesis III: hiatus in the mean global temperature
Some claims have simply asserted that the annual mean global temperature has remained
constant since 1998 (versus slowing of the trend in global warming). For example, Kosaka
and Xie (2013) state that “Despite the continued increase in atmospheric greenhouse gas
concentrations, the annual-mean global temperature has not risen in the twenty-first century”, while Tollefson (2014) states that “Average global temperatures hit a record high in
1998 – and then the warming stalled.” This claim can also be precisely formulated as a
testable statistical hypothesis. The statistical model can be written as xt = μt + εt , where t
denotes time (in years), xt is the 1998–2013 global mean temperature anomalies series, μt
is the mean parameter and εt is the random noise component(with E(εt ) = 0, Var(εt ) =
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Fig. 2 Top panel (left) plot of the global mean land-ocean temperature index, from 1950 to 2013, with the
base period of 1951–1980. The regression fits for the two time periods (1950–1997 and 1998–2013) are
superimposed. Top panel (right) summary table of results for Hypothesis II Bottom panel (left) time series
plot of 16-year observed trends. Bottom panel (right) histogram of 16-year observed trends

σ 2 ). The corresponding null hypothesis and alternative are given as H0 : E(x1998 ) =
E(x1998+t ) for t = 1, 2, · · · , 15 versus HA : E(x1998 )  = E(x1998+t ).
Specific details of the methodology are provided in Supplementary Section 3.3. Hypothesis III is tested in four different ways. There are two options for determining the value of
E[x1998 ] = μ1998 : to directly use the observed 1998 temperature record x1998 as a substitute for μ1998 , or to alternatively estimate μ1998 from the regression line from the period
1950–1997. Figure 3 (top panel) illustrates this concept. As the two approaches for specifying μ1998 yield fixed values, the inherent variability therein can be explicitly accounted for
by using the bootstrap. Doing so propagates the variability in a rigorous manner. The table
in Fig. 3 (bottom panel) summarizes the results of testing hypothesis III.
For Method A, when x1998 is used as a substitute for μ1998 , the statistical test concludes that the mean has decreased during the hiatus, and thus strongly favors the hiatus
claim. However, since this one single observed value is not a consistent estimate of μ1998 ,
the conclusion is not reliable. In Method B when μ1998 is estimated from the 1950–1997
regression line, the null hypothesis is rejected in the opposite direction, suggesting that the
mean temperature has actually increased during the hiatus period. Thus, the selection effect
from choosing 1998 as the reference cut-off year has a tremendous impact on the statistical
conclusion. Method C, which specifically incorporates the variability inherent in estimating
μ1998 as x1998 leads to a different conclusion than in Method A. In particular, as soon as the
variability in estimating μ1998 to be x1998 is incorporated, one can no longer reject the null
hypothesis that the mean has remained constant - even when the high value x1998 is used.
Method D uses a value for μ1998 which is estimated from the 1950–1997 regression and
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also incorporates the variability of this estimate. Here the assertion that the mean is either
zero, or has decreased, is rejected.
Given the results of this nuanced analysis, we conclude that claims that the global mean
temperature has not changed in recent decades are not supported by evidence. In addition,
our nuanced analysis gives much needed rigor to the claim that using 1998 as a reference
year amounts to “cherry picking” (Leber 2014; Stover 2014), see also Supplemental Section
for detailed discussions). The results are further validated when the analysis is repeated
with 1999 and 2000 as the starts of the hiatus period (see Supplemental Section 3.3). Note
furthermore that since 2014 was the warmest year on record Karl et al. (2015), ignoring
2014 in our analysis can be viewed as being even more conservative, similar to using 1998
as the starting point.

3.4 Hypothesis IV: difference in year-to-year temperature changes
It is also instructive to extend the analysis above without relying on a linear model to
understand trends or means. One such approach is to assess whether the distribution of
year-to-year temperature changes is markedly different between the hiatus period and the
prior periods. Such analysis is inherently less reliant on a statistical model of temperature
on time, and hence makes fewer assumptions. The scientific assertion here is that yearto-year changes in global mean temperature during 1998–2013 are different from those
during 1950–1997. Under the null hypothesis, these year-to-year changes are assumed to
come from a common underlying distribution, though we do not assume that the observations of differences are independent. This framework also allows for testing of specific
features of the distribution, including changes in the mean, median and variance. The empirical distribution of annual changes in the global temperature can be constructed by taking
first differences: the global mean temperature during a given year is subtracted from the
global mean temperature in the previous year. The first differences during 1998–2013 give
rise to a 15-year times series of temperature changes. Differences in distribution (using the
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Kolmogorov-Smirnov (K-S) statistic), in means, medians and variances are tested using
the block bootstrap and subsampling, thus taking temporal dependency fully into account.
Specific details of the methodology are provided in Supplementary Section 3.4.
The results of this analysis are given in Fig. 4. Using either bootstrap or subsampling
there is no evidence at the 5 % significance level to suggest that the distribution of changes
during the hiatus period is different from the previous period 1950–1997. The same applies
to the mean and variance of the distributions. The difference in medians is not statistically
significant at the 5 % level using the block bootstrap approach, but is significant when
using subsampling. However this difference in medians completely disappears when the
starting year of the hiatus is changed to either 1999 or 2000, hence the result is not robust
(see Table S8 in Supplemental Section 3.4). Given these results, we conclude that the distribution of annual changes in global temperature has not been different in the past 15 years
than earlier in the global temperature record.

3.5 Re-analyzing recently-updated global temperature observations
We have also implemented our methodology on the recently released ERSSTv4 dataset to
compare our results to the results obtained in a recent paper by Karl et al. (2015). Unlike
the study by Karl et al. (2015), we do not indirectly impose Gaussianity on the temperature data (in the most general approach that we propose for each hypothesis). We also do
not impose an autoregressive structure for modeling the temporal dependence. Instead we
account for the temporal dependency more flexibly and non-parametrically using the circular block bootstrap and related methods. The increased sophistication allows one to have
more confidence in the results’ general validity as our approach makes fewer assumptions.
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The end result is also compelling. First, the results in Karl et al. (2015) show a positive slope
during the hiatus period (Hypothesis I) only at the 10 % significance level. Our analysis
shows however that removing the arbitrary and parametric autoregressive structure on the
residuals and using the block bootstrap yields significance at the 0.1 % level. The p-value
stemming from our approach is less than 0.0005. The implication of the much stronger conclusion is that the warming trend observed during 1998–20141 arising from a model of no
warming is less than 1 in 2000 (as compared to less than 1 in 20 from Karl et al. (2015)).
Thus the conclusion is made stronger by a factor of 100 using the methodology we have
developed.
Now consider hypothesis II which compares the warming trend during the hiatus period
to that in the previous period (1950–1997). Karl et al. (2015) assert that the analysis on the
corrected NOAA global temperature shows that the 90 % confidence interval for the trend in
the hiatus period encompasses that of the previous period. Note that this confidence interval
is based on the period 1998–2012 and is thus calculated on only 15 years of data. Since the
theoretical justification of such confidence intervals is valid for large sample sizes, it is not
clear how reliable the conclusion really is. On the other hand, our subsampling methodology
for comparing the trends in the two periods is applicable even when the sample size in the
hiatus period is small. In particular, the validity of the subsampling approach here does not
rely on asymptotic arguments (i.e., increasing sample sizes) during the hiatus period. Details
of the analysis are given in Tables S11 and S12 in Supplementary Section 6.
Recall that the analysis by Karl et al. (2015) requires the use of the corrected NOAA
dataset to reject the claim of a hiatus. We note that our analysis rejects the hiatus claim even
when using the older NOAA temperature dataset (that is, even without correcting for the
data biases). The use of methodology with far fewer restrictive assumptions appears to be
more robust to errors in the data. This may not be unexpected since biases in the data tend
to violate basic parametric assumptions, whereas the less restrictive techniques, such as the
ones we develop, can handle a variety of data generating mechanisms simply by their very
non-parametric nature.
Note that, by and large, the conclusions reached by Karl et al. (2015) and our conclusions
agree. However, it is important to mention that an approach based on stringent or unrealistic
assumptions which agrees with our conclusions for this dataset may fail to do so on another
dataset.

3.6 Summary
We summarize the overall results from all four hypothesis tests I, II, III and IV in
Tables 5 and 6 in Supplementary Section 4. These two tables also analyze the sensitivity
of the results to two important factors: first when the cut-off year is changed from 1998 to
either 1999 or 2000; and second when the NOAA or HadCRUT4 datasets are used instead
of the NASA-GISS dataset. As there are four hypotheses being tested, using a battery of rigorous test procedures, the number of hypothesis being tested are numerous. Hence the issue
of multiple hypothesis testing surfaces. In particular, a certain number of these hypotheses are expected to be falsely rejected by chance alone, casting further doubt on any of the
hiatus claims.

1 Though we consider the hiatus period as 1998–2013 elsewhere in the analysis, we consider the hiatus period

as 1998–2014 here in order to compare directly with Karl et al. (2015)
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Our rigorous statistical framework yields strong evidence against the presence of a global
warming hiatus. Accounting for temporal dependence and selection effects rejects - with
overwhelming evidence - the hypothesis that there has been no trend in global surface temperature over the past ≈15 years. This analysis also highlights the potential for improper
statistical assumptions to yield improper scientific conclusions. Our statistical framework
also clearly rejects the hypothesis that the trend in global surface temperature has been
smaller over the recent ≈ 15 year period than over the prior period. Further, our framework
also rejects the hypothesis that there has been no change in global mean surface temperature over the recent ≈15 years, and the hypothesis that the distribution of annual changes in
global surface temperature has been different in the past ≈15 years than earlier in the record.
Taken together, these results clearly reject the presence of a hiatus, pause, or slowdown in
global warming. In rejecting all four hiatus hypotheses, our results instead demonstrate that
the evolution of global surface temperature over the past 1–2 decades is not abnormal or
unexpected within the context of the long-term record of variability and change.
Without empirical evidence in support of the hiatus claims, the assumption that there has
been a hiatus/pause/slow-down in global warming should be called into question. That being
said, recent work investigating the geophysical causes of the recent temperature time series
have provided valuable insights into the processes that create decadal-scale variability in
global temperature within a long-term trend of global warming. Moreover, it is also useful
that errors in data aggregation have been corrected in the recent work of Karl et al. (2015).
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