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MRI and CT machines produce far more data than hu-
mans are able to process. Considering our epilepsy-dedi-
cated MRI protocol, around 7 × 106 voxels are “filled up”
within 35min, although for image interpretation, only some
voxels are considered [1]. The voxel “load” is being steadily
increased by accelerating image acquisition (e. g. with si-
multaneous multi-slice acquisitions, compressed sensing or
statistical methods) and by post-processing algorithms gen-
erating additional parameter maps (consider, e. g., the var-
ious perfusion maps generated from a single dynamic sus-
ceptibility contrast [DSC] sequence). It is obvious that we
will continue to need the support of computers to handle
the huge amount of information (big data), to process and
visualize all data (-omics), and also to compare results with
comprehensive control databases. Luckily, we have com-
puters and algorithms that are able to learn from former
cases. In some applications, computer (machine) accuracy
has already reached or even exceeded that of humans [2, 3]
and machine learning will thus also displace much of the
work (neuro-)radiologists used to do. Should we be worried
about this? [4]. Not at all. We should take the chance and
join with computer scientists. We are the ones to control
the input data and define appropriate applications. Think
also of the future: Algorithms reading cortical activity di-
rectly from the brain, transmitting signals from a paralyzed
human’s motor cortex to hand muscles and restoring motor
control [5]. Or cortical activity down-regulated via “neuro-
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feedback”, which may be used to suppress tinnitus [6, 7] or
improve speech recovery after stroke. Such advances would
unimaginable without machine learning and processing of
real-time high-resolution physiological data. It is time to
address the challenges and opportunities of machine learn-
ing.

This is one of the topics of the 52nd Annual Conference
of the German Society of Neuroradiology (DGNR). Join us
in Cologne (October 11–14th, 2017) and be inspired by the
diversity of neuroradiology!
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