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Abstract. IT consumerization has brought social media (SM) and personal
mobile devices into many workplaces. This has prompted researchers to
examine the benefits and risks of this trend. However, little research has
examined how personal experiences with technology such as social media may
affect decision making on the job. This study examines the potential impact of
individuals’ trusting beliefs (competence, benevolence, and integrity) regarding
algorithms and social media communities (SMC) on initial trust in SM-based
business analytics (BA), as well as on relative advantage over non-SM based
BA. Study results suggested that the initial trust was influenced by the belief in
the competency of personal algorithms as well as trust in SMC. It also indicates
that increased trust in SMC influences relative advantage. Implications and
suggestions for further research are discussed.
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1 Introduction

The use of technology designed first for use by consumers in a corporate environment,
also known as IT consumerization, has been increasingly impactful upon organizations
and their information systems (IS). Consumerization concepts, such as Shadow IT and
“bring your own device,” bring to the workplace benefits as well as risks, spurring
research interest. However, little research has examined how personal experiences with
technology such as social media may affect decision making on the job. in this paper
we examine the potential impact of individuals’ trusting beliefs (competence, benev-
olence, and integrity) [1, 4, 7] regarding personal algorithms and social media com-
munities (SMC) on initial trust in social media (SM) based business analytics (BA), as
well as how trust in SMC relates to relative advantage [2] of non-SM based BA.

2 Theoretical Foundation

Trust is important because it can be viewed as helping individuals overcome percep-
tions of uncertainty [7]. Individual trust in technology such as ecommerce has been a
focus of many researchers [1, 4, 7]. One of the ways in which trust can be measured is
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by examining the trusting beliefs of the trustor, the individual who is placing trust, on
the trustee, who or what that is being trusted [1, 4, 7]. While many beliefs have been
studied the three most common are competence which is the belief in the ability of the
trustor to perform the task, benevolence which is the belief that the trustor is not trying
to take advantage of the trustee, and integrity which is the belief that the trustor will
perform the task [1, 4, 7]. There is no standard as to how to measure these beliefs are
represented in research, and they have been measured as a single construct or separate
beliefs [1, 4, 7, 9].

There are various potential antecedents to trusting beliefs including institution
based trust which includes situation normality [1, 4, 7]. In examining the concept of IT
consumerization, we are examining how an employee perceives the use of something
that they already have familiarity with. We argue that employees’ personal exposure to
technologies beginning to be used at work in recent years is similar to consumers’
perceived normality of the general internet in the past. One of the ways in which
perceived normality was measured was also by examining the trusting beliefs in the
institution such as the internet [7]. In looking at SM based BA the institutions that we
want to evaluate are two technologies – the algorithms or the instructions written for a
computer to solve a problem, and the SMC from which the data will be collected. By
examining the personal trust in these two technologies we hope to evaluate whether the
user develop trust in SM-based BA and whether the personal exposure makes the user
perceive a relative advantage in SM-based BA versus non SM-based BA.

Relative advantage is perceived to be a strong predictor of adoption of new tech-
nologies [2]. While Algorithms are common to both SM and non-SM based BAs, one
difference is in the user’s perceived ability of the communication channels to provide
the right information [2]. In this way trust in the SMC can be viewed as a potential
antecedent to a relative advantage of SM-based BA versus non SM-based BA.
Therefore we predict the following hypotheses:

H1: Increased trusting belief in Algorithms will lead to trust in SM-based BA.
H2: Increased trusting belief in SMC will lead to trust in SM-based BA.
H3: Increased trusting belief in SMBA will lead to a trust relative advantage of
SM-based BA.
H4: Increased trusting belief in SMC will lead to a trust relative advantage of
SM-based BA.

3 Methods

Survey data were collected from students (n = 186) at a public university. The students
were asked to complete an online questionnaire designed to capture the trusting beliefs
trust relative advantage as well as to record the demographic information. In addition,
the students were also questioned about whether they would choose to use SM-based
BA in a situation in which there was a higher risk and higher reward for using SM-based
BA than using non-SM-based BA. The students were all users of SM with 98.5 % using
SM daily. The students were predominantly undergrads (89.8 %) and consisted of
48.4 % females. The majority of students favored the use of SM-based BA (80.6 %).
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The data was analyzed using covariance-based structural equation modeling
(CB-SEM). Alternative models were examined as to whether it was best to represent
the trusting beliefs as individual constructs or mediated through a single variable
measuring trust.

4 Results

Results from a confirmatory factor analysis suggested that all items loaded significantly
on their respective constructs, and that all factor loadings were statistically significant
and met the common threshold of 0.5 [5]. Average variance extracted (AVE) was
found to be greater than .5 and all construct composite reliabilities were above .6,
suggesting construct validity [3] for the measurement instrument (see Table 1). Factor
correlations were found to all be below the recommended threshold of .85, suggesting
discriminant validity [6]. A Harmon’s Single Factor Test was conducted, showing a
single factor explained less than half of the variance in the data, suggesting no common
method bias. Results from the structural and measurement model evaluation suggest
adequate model fit [6] (see Table 2).

Results suggested a statistically significant effect of trust in SMC (β = .36 p < .001)
and the belief in algorithm competence (β = .461 p < .001) on trust in SM-based BA,
supporting H2 and partially supporting H1, respectively (see Fig. 1). However, the
trusting beliefs of benevolence (β = .022 p = .967) and integrity (β = .130 p = .209) of
algorithms do not impact trust in SM-based BA, suggesting competence is the key
factor in generating SM-based BA. Trust in SM-based BA had a statistically significant
relationship with relative advantage (β = .575 p < .001), supporting H3. Also, trust in
SMC had a statistically significant relationship with relative advantage (β = .304
p < .001), supporting H4 and suggesting initial individual bias based upon personal
experiences or familiarity with social media.

Table 1. Construct reliability

CR AVE AC AB AI SMC SMBA RA

AC 0.88 0.70 0.84

AB 0.82 0.60 0.73 0.78

AI 0.80 0.58 0.71 0.75 0.76

SMC 0.87 0.69 0.47 0.55 0.51 0.83

SMBA 0.89 0.73 0.74 0.65 0.66 0.65 0.86

RA 0.89 0.73 0.56 0.61 0.50 0.67 0.77 0.85

Note: N = 186; CR: composite construct reliabilities; The Square root of AVEs are 
presented on the diagonal in bold.  AC= Algorithm Competence, AB= Algorithm 
Benevolence, AI = Algorithm Integrity, SMC= Trust in the SMC, SMBA= Trust in SM-
based BA, RA= Relative Advantage.
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5 Conclusions

Business analytics is an increasingly important field of study, and we have access to a
variety of data that are not economical to be manually analyzed. Meanwhile, we see
algorithms and analytics increasingly in our private lives as consumers see product
recommendations as they shop online and use social networking sites. We asked if this
personal exposure to analytics affected how we would trust business analytics in the
workplace. The results show that trust formed through personal exposure does change
initial perception and indicate that as a user’s trust in SMC increases, so does the
relative advantage of using that data in absence of contrary information.

Table 2. Fit indexes

Measurement Model Structural Model

Chi-square 791.81 795.75

DF 414.00 417.00

Chi-square/DF 1.91 1.91

CFI 0.91 0.91

PCFI 0.81 0.81

NFI 0.82 0.82

RMSEA (90% C.I.) 0.07 (.063, .078) 0.07 (.063, .077)

Fig. 1. Path analysis with standardized betas
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As business and personal technology continues to blend together there needs to be a
greater understanding of not only how cognitive trust but also emotional trust in our
personal use of systems will affect individuals at the workplace. As organizations begin
to utilize new information sources to make decisions this increased trust lead managers
to make decisions in the face of uncertainty. Workload as well as task complexity can
heavily influence the extent to which automation and information systems are used [8].
The volume and variety of big data seems to dictate the use of algorithms but how they
are initial constructed and modified may depend on the level of trust of the managers in
the face of a new and uncertain technology.
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