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Abstract. Discrete Curve Evolution (DCE) algorithm is used to elimi-
nate objects’ contour distortions while at the same time preserve the per-
ceptual appearance at a level sufficient for object recognition. This method
is widely used for shape similarity measure, skeleton pruning and salient
point detection of binary objects on a regular 2D grid. Our paper aims at
describing a new DCE algorithm for an arbitrary triangulated 3D mesh.
The difficulty lies in the calculation of a vertex cost function for an ob-
ject contour, as on a 3D surface the notion of Euclidean distance cannot
be used. It is also very difficult to compute a geodesic angle between lines
connecting vertices. We introduce a new cost function for border vertex
which is only based on geodesic distances. We apply the proposed algo-
rithm on vertex sets to compute an approximation of original contours,
extract salient points and prune skeletons. The experimental results jus-
tify the robustness of our method with respect to noise distortions.

Keywords: discrete curve evolution, landmark points, vertices sets, tri-
angulated mesh, skeleton pruning.

1 Introduction

Image Processing is one of the most rapidly evolving areas of information tech-
nology today, with growing applications in all areas of business, defense, health,
space, etc. It also forms a core area of research within the computer science and
engineering disciplines with more than 30 percent of the scientific publication
volume in the world. It forms the basis for all kinds of future visual automation.

Very often image processing deals with object recognition, analysis and match-
ing. A wide range of techniques that are described in the current literature op-
erate with objects represented on regular grids, such as 2D pixel or 3D voxel
images. In contrast, very few work is dedicated to object analysis on a non-
regular grids; for example a 3D mesh represented with triangles, where each
vertex could have an arbitrary number of connections.

The purpose of this study is to propose an efficient method to determine
characteristic landmarks of binary sets of vertices lying on an arbitrary triangu-
lated surface (blue points on Fig.1(a)). A very interesting method is described
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by Latecki et al. [5,6,7] where authors proposed iteratively evolve a boundary
of a 2D object by deleting one point at each iteration. A point that is deleted
at a current step is the one with the lowest cost function. The cost function is
designed so that it reflects a contribution of a boundary vertex to the global
object shape and it is computed for all boundary vertices. As a result we obtain
a subset of vertices that best represents the shape of a given contour and can be
called landmarks. Authors named their algorithm as Discrete Curve Evolution
(DCE) as at every step it evolves a discrete curve to represent only the most
significant parts.

The cost function for DCE is very simple and involves computing only Eu-
clidean distances and angles. The proposed method is fast, easy to implement
and demonstrates impressive results. All these facts inspire us to apply this
technique to a shape defined on a triangulated surface. Unfortunately, on an
arbitrary triangulated mesh the notion of Euclidean distances and angles do not
exist which makes impossible to compute the cost function, and hence use the
DCE. Tothe best of our knowledge, there is no publication in the literature con-
cerning the DCE for vertices sets on polygonal mesh. In this paper we introduce
a new cost function that can be easily computed on a triangulated surface and
yields better results on regular 2D grids compared with the classical DCE.

One very important application of the DCE is skeleton pruning. It is well
described in the literature for a regular 2D grid [3], but there is no publication
regarding sets of vertices on triangulated surfaces. This paper describes how the
DCE can be used on polygonal meshes for skeleton pruning. First we propose to
address a problem of skeleton extraction for sets of vertices as it is not a trivial
task. Only few methods in the literature have been dedicated to this problem
on triangulated surfaces. Rossl et al. [2] have presented method in which some
mathematical morphology operators have been developed and applied to a set of
vertices on triangulated meshes. The proposed method is very efficient and simple
to implement, however it has several drawbacks leading to disconnected skeleton.
A recent work described in [1] improves the previously proposed method of
skeleton extraction. Authors claim that in [2], vertex classification is not sufficient
as there are still unmarked vertices that are not considered in the skeletonization.
To overcome the problem, a new class of vertices is proposed and new rules for
topological thinning process are introduced. The proposed method has been
tested on relatively homogeneous and on irregular meshes. Obtained skeletons
reflect correctly the topology and geometry of input vertices’ sets that proofs
robustness of the approach.

An important factor of skeleton computing algorithm is its sensitivity to ob-
ject’s boundary deformation, as a minor noise or variation of boundary often
generates redundant branches. To demonstrate it, we apply a method described
in [1] to a vertices set. We show the obtained results on Fig.1(b) where lot of
unnecessary branches were produced, that in turns could hamper further pro-
cessing. Second major contribution of this paper is an application of our DCE
algorithm for skeleton pruning on arbitrary triangulated surfaces.
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Skeleton pruning is a well-known problem in 2D binary image processing.
These are many different techniques proposed in the current literature; we will
not list all of them as it is not the scope of current paper, an interested reader
can find a good overview in [3]. We are looking for a method that yields excellent
results and can be implemented for a set of vertices on a triangulated surface. We
found two algorithms [3,10] that helped us to develop a solution for our problem.
The first method is called Skeleton Pruning by contour partition [3]. The main
idea consists in partitioning an object contour into segments and remove skeleton
vertices whose generating points all lie on the same contour segment. According
to Blum’s definition of the skeleton [4], every skeleton point is linked to boundary
points that are tangential to its maximal circle, so called generating points. The
most important question is how to partition a boundary contour into segments
as it plays a key role on resulting skeleton. Authors proposed to use the DCE
and demonstrate excellent results. The second method [10] also uses the DCE
algorithm, but for a difference purpose. Here, authors detect landmark points
that actually represent skeleton ending points. Then these points are propagated
inside an object with a condition that always maintains equal distance to objects’
boundaries.

In this work we propose a solution for skeleton pruning that is also based on
the DCE; but in our case we use a specific DCE algorithm that can also work
on a triangulated surface.

Therefore, for the sake of understanding in Section 2 we briefly describe the
DCE algorithm for contours on a regular 2D grid. Section 3 describes a new
DCE algorithm that can be used on arbitrary triangulated surfaces. In Section
4 we show an application of the newly created DCE method to skeleton pruning
on a polygonal mesh and we demonstrate obtained results.

(a) Landmarks example (b) An example of a skeleton extracted
from a set of vertices on a 3D mesh

Fig. 1. Examples of landmarks and skeleton for a set of vertices on a triangulated mesh

2 Discrete Curve Evolution

Discrete Curve Evolution (DCE) algorithm introduced in [5,6,7], was developed
to neglect the distortions of objects’ contours in digital images while at the
same time preserve the perceptual appearance at a sufficient level for object
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recognition. An obvious solution is to eliminate these distortions by contour
approximation (or curve evolution). The basic idea of the method is very simple.
At every evolution step, a contour point with the smallest relevance measure is
removed, and two of its neighbor points become connected and form a contour’s
line segment. The relevance measure K is given by:

K(s1, s2) =
β(s1, s2) l(s1) l(s2)

l(s1) + l(s2)
(1)

where β is the turn angle at the common vertex of two contour’s segments s1
and s2 and l(.) is the length function, normalized with respect to the total length
of a polygonal curve. The main property of this measure is that higher the value
of K(s1, s2), the larger the contribution of the curve of arc s1∪ s2 to the shape
[5,6].

To demonstrate the DCE and to be able to compare it with an algorithm
proposed in this paper we created a 2D shape on a triangulated grid shown on
Fig.2(a). To be able to use the relevance measure defined as (1), our triangu-
lated grid is located on a plane so that Euclidean distances and angles can be
easily computed. Figure 2 shows 3 stages of boundary evolution where an input
image clearly has noisy borders. At first, this method allows us to smooth ob-
ject’s borders by removing noisy vertices (compare Fig.2(a) with Fig.2(b) and
Fig.2(c)).

If we continue to evolve the curve, we will linearize digital arcs that are rel-
evant to the curve shape, which will result in a successive simplification of the
curve shape. Since in every evolution step, the number of digital line segments in
the curve decomposition decreases by one, the evolution converges to a convex
polygon, which defines the highest level in the shape hierarchy.

Figure2(d) shows an iteration stage where we left with 6 vertices that represent
boundary contour. We can notice that the algorithm removed a top vertex that
is an important point for the shape and normally should be presented for further
image processing tasks such as object recognition.

3 DCE on an Arbitrary Triangulated Surface

To apply DCE algorithm to a contour formed by vertices on a triangulated
surface we propose to use the same idea as for contours on a regular 2D grid.
The main difference between these two cases is that on a 3D surface the notions
of Euclidean distances as well as Euclidean angles do not exist. We need to find
a new relevance measure that can be easily computed on a 3D surface.

If we simply try to translate a relevance measure from a regular 2D grid onto
a triangulated domain we need to find equivalent measurements. A Euclidean
distance could be easily replaced with a geodesic distance and can be efficiently
computed with the help of Fast Marching Method (FMM) [8]. Another parameter
that needs to be translated is the Euclidean angle. Compare to distances, a
computation of geodesic angles is not a trivial problem. To overcome this issue
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(a) Input image (b) Stage 1

(c) Stage 2 (d) Stage 3

Fig. 2. Three stages of Discrete Curve Evolution with the relevance measure proposed
in [6]

we propose a new measure that uses only geodesic distances to compute a cost
function for each vertex.

To obtain our formula we analyze four cases shown on Fig.3. Figures 3(a),
3(b), 3(c) have spikes formed by two segments with exactly the same length but
different distances between non-connected vertices that form these spikes. We
observe that a spike on Fig.3(a) is not relevant compared to overall boundary
while spikes on Fig.3(b) and Fig.3(c) are important. Figures 3(c) and 3(d) con-
tain spikes with the same distances between non-connected vertices but different
segments’ lengths that form these spikes; where we can observe that a pick on
Fig.3(d) more important than on a Fig.3(c). We conclude that a vertex cost is
directly proportional to a sum of length of two segments that are connected to
the studying vertex and is inversely proportional to a distance between non-
connected vertices of these segments. We define a formula for a cost function as
the next:

K =
a+ b√

c
(2)

where a, b, and c are shown on Fig.4(a).
It is important to note that to find a distance c between non-connected vertices

of a spike we search for the shortest path between these points only inside an
object that is defined by the studied contour, Fig.4(a). When a vertex is found
in a concave region a distance c will be equal to the sum of segments that form
a cavity, Fig.4(b):

c = a+ b (3)
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A very important point is why we use a square root of c in (2) instead of just c.
As we can see, the last condition implies that we are no longer able to distinguish
between “concave” vertices. Let us imagine two different concave regions:

a) a = 10 cm, b = 20 cm and c = 30 cm
b) a = 1 cm, b = 0.5 cm and c = 1.5 cm

A cost function without the square root will give a cost value 1 for both cases,
while the case “a” is more important as it represents bigger segment. A cost
function with the square root will give a cost value 4.48 for the case “a” and
1.22 for the case “b”. Here we can easily decide to remove a vertex from the case
“b”.

We now have a relative measure that can be used on an arbitrary triangulated
surface as it is very easy to compute geodesic distances between points.

(a) A spike with
edge sizes equal
to 1 distance unit
and a big angle

(b) A spike with
edge sizes equal
to 1 distance unit
and a medium an-
gle

(c) A spike with
edge sizes equal
to 1 distance unit
and a sharp angle

(d) A spike with
edge sizes equal to
2 distance units
and a sharp angle

Fig. 3. The influence of a vertex connecting two segments on the shape of the curve
depends on segment lengths that form a spike and the distance between the non-
connected vertices of these segments

(a) Spike (b) Cavity

Fig. 4. Two types of contour topology
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3.1 Application of DCE on a Planar Triangulated Surface

To validate our cost function we first intend to apply it to a contour shown on
Fig.2(a). This contour is defined around an object that is drawn on a triangulated
surface where all triangles, that define this surface, lie on the same plane. This
fact allows us to apply a relevance measure defined in [5] and a measure developed
in this paper to the same boundary. Figure5 shows result obtained with the
current method. For a good visual comparison we demonstrate several contour
evolution stages that contain exactly the same number of boundary vertices.

With the first stage both contours contain 30 vertices. Comparing our results
Fig.5(b) with previous algorithm Fig.2(b) we can clearly state that our method
generates a contour that is a lot smoother and approximates the input shape in
a better way.

With the second stage we generate contours with 20 vertices, Fig.5(c) and
Fig.2(c). Both methods create a good approximation of the input shape but we
still can say that our approach generates a slightly smoother boundary.

With the third stage we produce contours with 6 vertices, Fig.5(d) and Fig.2(d).
Our approach converged to a convex polygon that approximates in a good way the
input contour. Previous approach lost an important part of the input boundary
and did not achieve a convex shape, Fig.2(d).

We can state that method introduced in this paper outperform previously
proposed algorithm on a 2D grid.

(a) Input Image (b) Stage 1

(c) Stage 2 (d) Stage 3

Fig. 5. Three stages of the proposed Discrete Curve Evolution algorithm
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3.2 Application of DCE on an Arbitrary Triangulated Surface

After comparing our results with the previous method, we apply our algorithm
on objects defined on arbitrary triangulated surfaces. Figure 6 shows 4 iterations
of a contour evolution. As we can see all points that are removed from the contour
are less significant compared to points that approximate a boundary at a current
iteration.

(a) Input image (b) Stage 1

(c) Stage 2 (d) Stage 3

Fig. 6. Three stages of the proposed Discrete Curve Evolution algorithm on an arbi-
trary triangulated surface

Figures 7, 8 show four binary sets of vertices that lie on different meshes. With
green points we highlight landmarks detected with the help of our algorithm.
Obtained results demonstrate high robustness and efficiency of the proposed
method.

4 Application to Skeleton Pruning

The skeleton is important for object representation and recognition in various
areas such as image retrieval, computer graphics, character recognition, image
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(a) Example 1 (b) Example 2

Fig. 7. Landmarks points detected with the help of proposed method

(a) Example 3 (b) Example 4

Fig. 8. Landmarks points detected with the help of proposed method
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processing and biomedical image analysis [4]. Skeleton-based representations are
the abstraction of objects that contains shape features and topological struc-
tures. Great work have been done by lot of researchers to recognize the generic
shape by matching skeleton structures, where the most significant problem is the
skeleton’s sensitivity to an object’s boundary deformation. Little noise or vari-
ation of the boundary often generates redundant skeleton branches that may
seriously disturb the topology of the skeleton’s graph [3]. Lot of efforts have
been made to develop methods for skeleton pruning; a good overview could be
found in [3]. All these methods focused on skeleton extraction and pruning for a
well defined topological grid. To the best of our knowledge, no method exists for
skeleton pruning on a polygonal mesh. This section describes a new algorithm
to prune a skeleton on an unstructured triangulated grid.

We are inspired by two different publications [3] and [10]. In [3] authors pro-
pose to use the DCE algorithm for skeleton pruning. The main idea is to remove
all skeleton points whose generating points lie on the same contour segment.
Another method is proposed in [10] where authors suggest to find salient points
of an object contour with the help of DCE. These points represent the stable
endpoints of the skeleton. Authors use these points to propagate the skeleton
inside the object by selecting each time a point from the object that has equal
distances to the contour parts.

We suggest to use the DCE algorithm to extract salient points of an ob-
ject’s boundary. We then connect these points to the closest points on the com-
puted skeleton. The last step is the actual pruning where we remove all skeleton
branches that are not connected to salient points.

Here we present few results of the proposed pruning on triangulated surface.
First, we apply a method described in [1] to extract a skeleton from a set of
vertices on polygonal mesh and we demonstrate results on Fig.9(a) where we
observe many unnecessary branches caused by noisy boundary. Our next step is
to find shape landmarks (or salient points) with the help of the proposed DCE
algorithm and to connect these points to the closest skeleton point. Then, we
remove all branches that do not start with the found landmarks. Figure 9(a)
shows the obtained results, where we highlight detected landmarks in green. We
can state that the obtained skeleton is 100 percent clean and represents complete
topology and geometry of the input shape.

Now, we demonstrate few more results for different shapes on an arbitrary
triangulated mesh. Figure 9(a) shows a worm shape with the calculated skeleton
and landmarks. Extracted skeleton contains redundant branches that need to be
removed. After applying our algorithm we obtain results shown on Fig.9(b).

Figure 9 contains a starfish form which is more complicated than a worm
shape. We can see that our method correctly identified shape landmarks and the
pruned skeleton reflects the topology of an input shape.



420 S. Poltaretskyi, J. Chaoui, and C. Hamitouche-Djabou

(a) Extracted skeleton (b) Pruned skeletom with proposed
method

Fig. 9. Skeleton pruning technique for a set of vertices on a triangulated surface pro-
posed in this paper

(a) Extracted skeleton with salient
points

(b) Pruned skeletom

Fig. 10. Skeleton pruning technique for a shape of a worm on a 3D surface

(a) Extracted skeleton with salient
points

(b) Pruned skeletom

Fig. 11. Skeleton pruning technique for a shape of a starfish on a 3D surface
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5 Conclusion

In this paper we developed a new algorithm to detect characteristic landmarks
of any shape defined as a set of vertices on an arbitrary triangulated surface
or a set of pixels on a regular grid. The proposed method iteratively removes
boundary vertices with smallest contribution to the global object shape so that
at the end we keep only points that maximally represent a shape contour. We
apply the proposed algorithm for several objects represented on triangulated
surfaces. The obtained results justify the good reliability of our approach.

We also showed a useful application of the proposed algorithm for skeleton
pruning. The demonstrated results clearly show efficiency of this approach. Ex-
tracted skeletons represent correctly objects’ geometry and topology.
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