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Abstract. In this paper we present a web application that exploits OpeNER 
Cloud Services. Ent-it-UP monitors Social Media and traditional Mass Media 
contents, performing multilingual Named Entity Recognition and Sentiment 
Analysis. Since consumers tend to trust the opinion of other consumers, reviews 
and ratings on the internet are increasingly important. Given the huge amount of 
data flowing in the web, it has become necessary to adopt an automatic data 
analysis strategy, in order to understand what people think about a certain prod-
uct, brand or topic. The goal of Ent-it-Up is to carry out statistics about re-
trieved entities and display results in a communicative, intuitive and user 
friendly interface. In this way the final user can easily have a hint about people 
opinions without wasting too much time in analyzing the huge amount of User-
Generated Content.  

Keywords: Reference Application, OpeNER, Named Entity Recognition and 
Classification, Sentiment Analysis, Social Media, User-Generated Content.  

1 Introduction 

Customer reviews and ratings on the internet are increasingly important in the evalua-
tion of products and services by potential customers. In certain sectors, it is even be-
coming a fundamental variable in the purchase decision. Consumers tend to trust the 
opinion of other consumers, especially those with prior experience of a product or 
service, rather than trust company marketing opinions which are usually business 
oriented. Given the huge amount of data flowing in the web, it has become necessary 
to adopt an automatic data analysis strategy. It gives the possibility to understand 
what people think about a certain product, brand or topic without wasting too much 
time in exploring User-Generated Contents.  

On the other hand, traditional Mass Media still play an important role in the way 
people get information. Opinion Mining in Media is a pretty new – but already con-
solidated - field of research. People operating in this sector aims to know who is 
speaking, about what, when and in what sense. Named Entity Recognition and 
Classification (NERC) are important in determining roles (who, what and when) 
while Sentiment Analysis (SA) is necessary to determine the attitude of a writer with 
respect to the overall contextual polarity of the text (what sense). 
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OpeNER has created base technologies for  Crosslingual NERC and Sentiment 
Analysis that are enabling industry users both to implement and contribute to a basic 
set of core technologies that all require and allow them to focus their efforts on  pro-
viding tailored and innovative solutions at the rules and analysis levels. OpeNER aims 
to provide enterprise and society with online services for Crosslingual Named Entity 
Recognition and Classification and Sentiment Analysis.  

In the paper we will present a new multimedia web application, Ent-It-UP, devel-
oped leveraging on OpeNER Cloud Services1. This application is a media monitoring 
solution for live analytics on User-Generated Contents (UGCs) and video contents. 

2 Ent-it-UP Design 

Ent-it-UP is an application accessible from the Web that provides users with a clear 
and effective visualization of the knowledge extracted from two different sources: 
User-Generated Contents and the transcriptions of videos.  In the following sections 
we describe the necessary steps which will lead from the collected data to their com-
municative and intuitive visualization through the Ent-it-UP interface. 

2.1 Data Harvesting 

The first thing that has to be done is to collect the data and store them into a database.  
The data are taken from two different sources, in order to have the possibility to look 
at the same thing from two different point of view. In fact, the first source we take our 
data from are Social Media (such as blogs, forums, Online Travelling Agencies and so 
on) - which can be taken into account to know what people think -, and the second 
one are international news programs – which can be taken into consideration to know 
what news say. The first dataset needs to be pre-processed in order to delete noise and 
get clean text. On the other hand the news programs, needs to be processed by the 
SAVAS Speech Recognition Engine2 in order to get transcriptions of the recorded 
videos. The system returns both an XML file and a plain text file. The XML contains 
information about words’ timestamp and will be used to link transcribed text to the 
video itself. The raw text will be taken as input by OpeNER tools. The same happens 
to the UGC text previously cleaned.  

All the data retrieved so far are stored on a MongoDB management system.  

2.2 Data Annotation 

The raw text files obtained are processed by the OpeNER Cloud Services which con-
sist of a series of NLP tools, listed below. 

• Language Identifier 
• Tokenizer 
                                                           
1  http://opener.olery.com/ 
2  http://voiceinteraction.pt 



 

 

• Tree Tagger 
• Part-of-Speech Tagger 
• Polarity Tagger 
• Property Tagger 
• Constituent Parser  
• Kaf-Naf Parser 
• Named Entity Recognitio
• Scorer 
• Named Entity Detection 
• Opinion Detector 
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Fig. 1. KAF Layers 
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Fig. 2. Ent-it-UP tagcloud 
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Fig. 3. Ent-it-UP timeline 
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about Paris (what people think). On the other hand, choosing the video source, the user 
would probably get information about the facts happening in Paris (what news say).  

4 Conclusions 

This paper has presented Ent-it-UP as reference application of the OpeNER project. 
We have presented how Ent-it-UP monitors Media contents, performing multilingual 
Named Entity Recognition and Sentiment Analysis on User-Generated Content and 
video transcriptions.  After a short introduction we have described the Ent-it-UP de-
sign, identifying the main steps that leads from raw texts to some kind of knowledge.  
We have reported a usage case in which Ent-it-UP could be used to have an overall 
insight of a place. However it could be used to discover information also about  a 
certain brand, person,  organization and so on. 

Ent-it-UP allows the user to focus on other activities rather than spend time analyz-
ing the raw language resources. 
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