Stat Papers (2012) 53:887-894
DOI 10.1007/s00362-011-0392-3

REGULAR ARTICLE

Estimation of finite population kurtosis under
two-phase sampling for nonresponse

Wojciech Gamrot

Received: 22 September 2010 / Revised: 21 June 2011 / Published online: 7 July 2011
© The Author(s) 2011. This article is published with open access at Springerlink.com

Abstract In this paper an estimator of finite population kurtosis computed under
the two-phase sampling for nonresponse is proposed. The formulas characterizing
its asymptotic properties are derived using Taylor linearization technique for the
general situation of arbitrary sampling designs in both phases and stochastic non-
response represented by arbitrary response distribution. An important special case of
simple random sampling without replacement and deterministic nonresponse is also
considered.
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1 Introduction

Several approaches have been proposed to deal with nonresponse bias including
weighting adjustments (Bethlehem 1988; Ekholm and Laaksonen 1991), imputation
methods (Rubin 1987; Schafer 1997; Meeden 2000), indirect estimation using aux-
iliary data (Rueda and Gonzalez 2004; Gonzalez et al. 2008) as well as randomized
response techniques (Warner 1965; Chaudhuri 1987; Arnab 1998). Another procedure
known as two-phase (or double) sampling relies on re-approaching some non-respon-
dents in order to acquire a subsample of missing data which is needed to preserve
unbiasedness. Possibilities of applying the two-phase sampling scheme to compen-
sate for the nonresponse bias are thoroughly explored in the literature. This procedure
is mostly considered in the context of estimating simple population parameters that
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may be expressed as linear combinations of population values such as the population
total and population mean. Examples include recent papers of Okafor and Lee (2000),
Sodipo and Obisesan (2007), Singh et al. (2010) as well as Singh and Kumar (2010).
However, the two-phase sampling may also be adopted to estimate parameters which
are defined as nonlinear functions of population values such as covariance, coefficient
of variation or skewness. This paper focuses on constructing the estimators for finite
population kurtosis on the basis of two-phase sample.

Let U be a finite population of size N. Let X be some fixed characteristic of popu-

lation units taking values x, ..., xy. Several population parameters may be defined
including the r-th raw moment of X:
1 r
my =5 D e
ieU

and the r-th central moment of X about the mean:

1
M, = N Z(xi —my)" 2

ieU

In particular this includes population total of the r-th power of X: ¢, = Nm,,
population variance S> = M, and population standard deviation S = Mg's . This
paper focuses on the problem of estimating the dimensionless measure of distribution
peakedness known as kurtosis and defined by the formula:

My

K="2
M3

3

It is worth noting that sometimes the kurtosis is defined in a slightly different way,
as K multiplied by some positive function of the sample size (Liitkepohl and Theilen
1991) or as a result of subtracting some constant from it, as in the case of excess
kurtosis discussed by Zwillinger and Kokoska (2000). Anyway, the interpretation of
so-defined kurtosis is the same: the higher value of K, the more leptokurtic is the dis-
tribution of X, and the lower K, the more platykurtic (flatter) is the distribution of X.
The results presented in following paragraphs are easily applicable to the estimation
of these quantities as well.

To estimate K the well-known sampling procedure attributed to Hansen and
Hurwitz (1946) is adopted. In the first phase of the survey a random sample s of
size n is drawn from U using some general sampling design p(s) characterized by
the set of inclusion probabilities of the first order 7; = > i P(s) and of the second
order 7jj = > . jp(s)fori, j € U. Assume that some population units may fail to
provide responses and corresponding values of X may remain unobserved. As a result
the sample s splits into two subsets 51 and sy of sizes n1 and n», such that units from
s1 respond and units from s> do not. This may be described in terms of a probability
distribution g (s1|s) known as response distribution (Cassel et al. 1983) determining
individual response probabilities of the first order p;; = Zﬂai q(s1]s) and of the
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second order p;j|; = Z“ 5i,j 4051 |s) fori, j € U.To acquire knowledge about nonre-
sponding units a second phase of the survey is then carried out. A subsample s’ of size
n’ is drawn from s, according to another sampling design p’(s’|s, s2) characterized
by another set of inclusion probabilities of the first order 7] sy = > P s, 52)
and second order yri/j‘s’n = Zs’ai,j p'(s']s, s2). It is assumed that all units from s’
respond in the second phase of the survey. As indicated by Lessler and Kalsbeek
(1992) this assumption—although sometimes difficult to satisfy—is essential for the
bias reduction.

2 Estimation of totals

We will now briefly review known results concerning the estimation of the population
total. Let us consider the statistic:

N x! x;
‘ T : T
i€sy ies’ 1
where
¥ __
T = nlﬂi|s,s2 (5)

for i € U. As indicated by Sirndal et al. (1992) it is unbiased for 7, irrespective of
underlying response distribution and its variance may be expressed as

A x,-rxf xi’x; ,

V() = 2 ; Aij + qu : ‘, * *Aij\s,sz (6)

T T S~ o

i,jeU i,jesy 1)

where
Ajj =mij — miwj (N
I o / l

ijls,ss = Tijls,sa — ils,s07 jls,so (8)

while E p, (-) represents the expectation computed with respect to the joint distribution
of p(s) and ¢(s1|s). This expectation operator may be eliminated from the variance
formula by making additional assumptions on g(si|s) and second-phase response
probabilities. Sdrndal et al. (1992) also propose an assumption-independent estimator
of this variance taking the form:

r
X P
Vi) — § v . J /
Vi) = e N 2 e Al ®
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where
s / 7 ;
Tij 550 for i,j € s>
i . .
T TijT|s 5, for i € sp, j € 51 (10)

ij — i i

TijT s 5 for i € s1,j €8
7Tij for l,j € 51

The estimator \7(?,*) is unbiased for 7, irrespective of the response distribution.

3 Estimation of kurtosis

In order to estimate the population kurtosis K let us express this parameter as a function
of population totals. This leads to the formula:

K::N%4—4N%y1+6NQ@-—hf
(Nt — t})?

(11)

By replacing these unknown totals with respective unbiased two-phase based estima-
tors we obtain the following estimator of K:

= NYig — 4NB.d1 4+ 6N Dud7, — 3i),
* — ~ ~
(NIZ* - t12*)2

12)

Using Taylor linearization method we may express the approximate variance of K. in
the form:

SN ZiZj o, ZiZj
AV(K,) = Z — Aij+ Epq Z — 5 Bl (13)
i,jeU i,jesp, )
where
&
h
G =g D] (14)
h=1
and
ay = 4(mgmy — m3my + 3m%m1 — 3m3m%) (15)
ay = 2(4mzmy — 3mam? — m*) (16)
az = —4(mymy —m3) (17)
as =my —m? (18)
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The same method leads to the derivation of its second-order approximate bias:

~ Zij Zij
AB(Ky) = z - ——Aij+Epg Z WA;j\s,sz (19)
ijeu T ijesy 1T
where
4 min(g,2)
Zij = stS D D aga] +afal) (20)
g=1 h=1
and

ayy = 2(mgmy + 3m3 — 12mzmamy + Smam?3 + 15m5m? — 12msm3) (21)

h1 = 4(2msmy — 3m%m1 + 10m3m% — 6m2m? — 3mgmy) (22)
ayp = 3QmT — 4mzmy + 2mom? + my) (23)

az) = 4G3m| — 2mom? — m3) (24)

az = 8(mymy —my) (25)

as1 = 4mymy — m3) (26)

agp = —2(my —m7) (27)

Moreover, the assumption-free variance estimator may be constructed as:

~ = ZiZj ZiZj
V)= D ——a+ D 2 s 28
b0 4% & ! ! -
i,jesiUs’ i [had) ijes T ils,s2 le §2° 08,82
where
4
A 1 - h
i = N"?’ Zahxi (29)
4 p=i
fori € U and ay, ..., a; are respectively obtained from ay, ..., as by replacing each

unknown population moment m, in expressions (15)— (18) with its two-phase based
unbiased estimator 711, = f,/N. If all Z;’s were exactly equal to corresponding z;’s,
then the estimator (28) would be unbiased for AV(I? «). In practice this will not hold
exactly, but one may hope that the bias remains modest and tends to zero in large
samples.

4 A special case

Let us assume that nonresponse is deterministic. The population is divided into two
strata Uy and U, of sizes N1 and N> such that p;; = 1 fori € Uy and p;; = 0
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otherwise. Moreover, assume that the simple random sampling without replacement
is used in both phases of the survey with first-phase inclusion probabilities n; =n/N,
rr,] =n(n—1)/(N(N — 1)) and second-phase inclusion probabilities ”z|s 5 =n'/ny,

ijls,sz =n'(n" —1)/(ny(np — 1)) fori # j € U wheren' =c-nyand0 < ¢ < lis

a constant fixed in advance. The estimator #,, of f, may be expressed as:
t,o_— Do+ Zx (30)
ies 1 ies’
Consequently, the estimator K. « of K takes the form:

Fa N3f40 — 4N2f30f10 + 6Nf20f120 — 3;?0

o = = 31
(Nfyo — 12)2 GD
From (13) we obtain its approximate variance:
— 1— c W,
AV<KO>=N2( 1=l s >+— =X ()) (32)
where f =n/N, W, = N»/N and
2
o= [ -~ 3 (33)
N—1- N &
ieU jeu
2
1
St =7 2|4~ Z % 34
27 Y iens 2 ety

Hence, the approximate variance is a decreasing function of n. From (19) we also
obtain the following second-order approximation of the bias:

4 min(g,2)
AB(KO)=n sts DD agncgn (35)
g=1 h=1

where constants agj, are given by expressions (21)—(27) and

h 1— h
con = (1 — £)Cov(XE, X") + Wr——Couvy, (X8, X") (36)

1 1 1
g hy _ _ ~ g _ - g h _ — h
Cov(X?®, X )_N—l E X; N E x; X; N 2 Xj 37

ieU jeu jeu
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1 1 1
g vh g _ 8 h _ h
Covy, (X%, X") = Ny 1 E X; _N2 E xj X; N E X; (38)
ielUy jeUs jeUa

Hence, the approximate bias is also a decreasing function of n. The general variance
estimator (28) takes now the form:

Ui ~0 ~r0 —o0 —0\2
V(R = A0 (A1S2E) + A282¢%) + A3 (25, - 2)°) (39)
where
N(N —1)
0= —— (40)
nn—1)
Ay =n;—1 41)
N@my —1) — —1
Ay = (np — 1) —cna(n — 1) + ny 42)
c(N —n)
niny
Az = 43)
n
while
=0 1 A0
5= 2 (44)
1ES]|
=0 1 20
n=—24 (45)
ies’
2
S2 roN 1 20 1 20 46
SI(Z)_m. Zi—n—lZZj (46)
1E€S] JES1
2
2 (o 1 ~0 1 20
SSE) =——2> 87— 47)
ies’ jes’
with
4
20 ! Apox (48)
= A3 ApoX;
Nay, P
and aj,’s are obtained from ay,’s by replacing unknown raw moments m1, ..., mq in
expressions (15)—(18) with respective estimators: ., ..., M4, Where Mg, = fgo /N
forg=1,...,4.
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5 Conclusions

In this paper an estimator for the finite population kurtosis was proposed. It is con-
structed on the basis of a two-phase sample drawn in a nonresponse situation. A general
double sampling procedure with arbitrary sampling designs in both phases was con-
sidered. The approximate bias and approximate variance formulas were derived for a
stochastic nonresponse situation. They may be applied to assess the properties of the
estimator in a wide range of situations. Finally, a special case of simple random sam-
pling without replacement and deterministic nonresponse was considered. Presented
results suggest that the proposed estimator is consistent at least in this special case.
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