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Abstract. Employee satisfaction impacts the efficiency of businesses as
well as the lives of employees spending substantial amounts of their time
at work. As such, employee satisfaction attracts a lot of attention from
researchers. In particular, a lot of effort has been previously devoted
to the question of how to positively influence employee satisfaction, for
example, through granting benefits. In this paper, we start by empirically
exploring a novel dataset comprising two million online employer reviews.
Notably, we focus on the analysis of the influencing factors for employee
satisfaction. In addition, we leverage our empirical insights to predict
employee satisfaction and to assess the predictive strengths of individ-
ual factors. We train multiple prediction models and achieve accurate
prediction performance (ROC AUC of best model = 0.89). We find that
the number of benefits received and employment status of reviewers are
most predictive, while employee position has less predictive strengths for
employee satisfaction. Our work complements existing studies and sheds
light on the influencing factors for employee satisfaction expressed in
online employer reviews. Employers may use these insights, for example,
to correct for biases when assessing their reviews.
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1 Introduction

Employee satisfaction contributes to better employee engagement [56,60] and is
strongly connected to the overall performance and productivity of businesses [32].
Further, employee satisfaction impacts the lives of many employees as they spend
substantial amounts of their time at work [20,22]. Hence, employee satisfaction
has attracted much attention in existing research [1,2,4,10,35,40,54]. While
some studies considered the advantage of high employee satisfaction for busi-
nesses (e.g., increased performance, reduced employee turnover or absences) [49,
50,55], other studies focused on how to increase and foster employee satisfac-
tion (e.g., through changing positions or granting benefits) [12,51]. Here, we set
our focus on the latter and extend existing research by conducting a large-scale
analysis of online employer reviews contained in an unexplored dataset. The
potential of such reviews to complement traditional management measurements
has been depicted in previous research [11,21,45], allowing to overcome prob-
lems with traditional assessment methods (e.g., annual employee surveys), such
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as employees that are reticent about feedback out of fear for consequences [46]
or managers not open for criticism [29].

Research Question. Based on findings in previous research, in this paper we
ask how employee benefits [1,15,48,57], employee positions [10,13,14,18] as well
as employment status [5,23,25] interact with employee satisfaction expressed in
online employer reviews.

Approach. To answer our research question, we empirically analyze online
employer reviews found on kununu, a so far unexplored reviewing platform where
employees can anonymously rate their employers. In particular, we adhere to
existing research [1,5,10,13–15,18,23,25,48,57] and set our focus on the influ-
ence of employee benefits, position, and employment status on employee satis-
faction. Our dataset comprises more than 2 200 000 reviews of more than 380 000
employers operating in 43 different industries. On kununu, reviews comprise an
overall rating ranging between one (“very bad”) and five (“very good”) stars as
well as additional details, such as the position of reviewers and the benefits they
had received. We interpret these overall ratings as an expression of employee
satisfaction. Finally, we conduct a logistic regression to predict employee sat-
isfaction, allowing us to assess the predictive strength of individual influencing
factors.

Findings and Contributions. Overall, our results empirically confirm previ-
ous findings in existing research. For example, we observe that higher numbers of
employee benefits positively influence employee satisfaction expressed in online
employer reviews [1,15,48,57]. Further, we find that former employees review
more negatively as compared to current employees, which reflects previous results
suggesting that dissatisfaction causes employees to quit [5,23,25]. However, we
also find that employees of higher positions (e.g., managers) review more pos-
itively, suggesting that employee position may have an influence on employee
satisfaction, contradicting previous findings stating the opposite [10,18]. Lastly,
with our prediction experiment, we find that the number of benefits granted to
and the employment status of employees have the highest predictive strengths
for employee satisfaction. When we combine all individual features, we achieve
a mean ROC AUC of 0.89.

Our work contributes to the understanding of the influencing factors for
employee satisfaction expressed in online employer reviews. Thus, we add fruitful
input to the debate of employee satisfaction in social and management sciences.

2 Related Work

Employee Satisfaction. Employee satisfaction has been interpreted in a num-
ber of ways in previous research. For example, Blood [4] stated that employee
satisfaction is depending on the values one brings to the job. On the contrary,
Schneider and Schmitt [54] defined it as entirely depending on organizational
conditions and not on predispositions of employees. Locke [35] thought of it
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more as an interaction between work conditions and individual employees and
stressed that satisfaction is relevant to the engagement of the latter. More pre-
cisely, he defined employee satisfaction as a positive or pleasant emotional state
resulting from people’s appreciations of their own job.

Previous studies focused on the positive influence of high employee satis-
faction on commitment and engagement of employees. For example, researchers
investigated the positive relationship of employee satisfaction and engagement of
hotel managers [24] or teachers [40]. Other works studied the positive influence
of employee satisfaction on turnover [2] or on organizational commitment [36].

On the contrary to these studies, we analyze employee satisfaction as a depen-
dent variable (i.e., aspects such as pay or rewards that benefit employee satis-
faction). Existing studies demonstrated, for example, how to effectively reward
employees for increased employee satisfaction [1,12,57] or how employee posi-
tion influences employee satisfaction [10,18]. We base our work on these previ-
ous studies to analyze a novel dataset of more than two million online employer
reviews, allowing us to find new insights regarding the influencing factors of
employee satisfaction expressed in online reviews.

Online Reviews. Numerous works have studied online employer reviews and
most works focused on the reviewing platform glassdoor1. For example, Mari-
nescu et al. [41] described a selection bias in online reviews, meaning that people
with extreme opinions are more motivated to share their experiences as com-
pared to people with moderate opinions. Chandra [6] depicted differences in
work-life balance between eastern and western countries using reviews written
on glassdoor. Luo [37] inferred important characteristics impacting employee
satisfaction and named innovation and quality as one of the most important.
In a more recent work, Green et al. [21] analyzed employer reviews on glass-
door and their influence on stock returns. Their results indicate that companies
with improvements in reviews (i.e., reviews becoming more positive over time)
significantly outperform companies with declines (i.e., reviews becoming more
negative over time). Dabirian et al. [11] extracted 38, 000 reviews of highest and
lowest ranked employers on glassdoor in order to identify what employees care
about. Contrary to these works, we investigate online employer reviews found
on kununu and also consider a larger quantity of reviews.

Online reviews have also been studied extensively in other contexts. As early
as in 2001, Chatterjee [7] studied how negative online reviews influence con-
sumers. Chen et al. [9] investigated online reviews of automobiles and depicted
that the intention to write reviews is depending on the price and quality of
products. Li and Hitt [34] as well as Chen et al. [8] studied online book reviews,
where the former found that the average rating declines over time and the lat-
ter found that recommendations in reviews can have a positive impact on sales.
Other works focused on the impact of online reviews on hotel business per-
formance [59,61]. More recent and established works investigated the helpful-
ness of online reviews mostly written on Amazon [17,31,38,39], but also on

1 https://glassdoor.com.

https://glassdoor.com
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the video games platform Steam [3,19] or the review aggregation website Meta-
critic [30,53]. Our work separates from these studies, which analyze reviews of
material goods, as we focus on reviews of work experiences.

3 Dataset and Empirical Results

3.1 Dataset

We conduct our analysis on a novel dataset comprising reviews found on kununu,
a platform that offers employees the possibility to anonymously review their
employer. The platform is provided in English as well as in German for employers
located in Austria, Germany, Switzerland (all since 2007) and the USA (since
2013). Reviews written on kununu consist of 13 individual aspect ratings, such
as company culture or teamwork, each ranging between 1 (“very bad”) and 5
(“very good”). These aspect ratings are aggregated into an overall rating for each
review. Additionally, reviews contain a headline (120 characters at a maximum)
and information about the job status of a reviewer (i.e, whether they are a
current or former employee). The position of employees (i.e., either “employee”,
“management”, “temporary”, “freelancer/self-employed”, “co-op”, “apprentice”
or “other”), the benefits and perks (e.g., life insurance or free parking) as well
as free-form text are optionally disclosed by reviewers.

We automatically crawled2 all reviews present on kununu up to the end of
September 2019. Since kununu is bilingual, we had to normalize German names

Table 1. Dataset statistics. The table lists descriptive statistics of our preprocessed
dataset comprising employer reviews written on kununu up to the end of September
2019.

# Industries 43

# Employers 385 736

# Reviews 2 240 276

. . . # thereof for Austria (since 2007) 139 760

. . . # thereof for Germany (since 2007) 1 255 641

. . . # thereof for Switzerland (since 2007) 114 514

. . . # thereof for USA (since 2013) 730 361

. . . # thereof including positions 2 239 189

. . . # thereof including perks or benefits 1 855 491

Overall rating median 3.85

Review length (in words) median 24

# Benefits median 5

2 We used multiprocessing and multiple web proxies to shorten the execution time of
the crawling and implemented other measures (e.g., testing for missing or duplicate
data) as well as manually checked a selection of reviews to assure data integrity.
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Fig. 1. Review length and overall ratings. The figure depicts bivariate KDEs of
review length in words (distributions truncated at 300 words which is still above the
95th percentile for all languages) and overall ratings of reviews. We observe that most
of the reviews contain none or only a few words as well as weak negative correlations
between the two, suggesting that dissatisfied employees rather devote time and effort
to write optional text.

(e.g., of positions) to English ones in order to compare reviews across languages.
We list descriptive statistics of our preprocessed dataset, comprising 2 240 276
reviews of 385 736 employers operating in 43 different industries, in Table 1.

Preliminary Descriptive Analysis. We observe a larger number of reviews
with positive overall ratings as compared to reviews with negative overall ratings
(overall rating median = 3.85). Most notably, reviews of employers located in
the USA seem to be more controversial with slightly higher probabilities for one
star ratings as compared to European countries. We report a slight increase in
the mean overall rating over time for the three European countries, whereas this
mean for the USA decreases during the first years only to catch up with other
countries in 2017. Regarding the length (in words) of optional review texts, we
report long-tailed distributions for each of the four countries, indicating that the
majority of reviews contains none or only a few words, whereas only a small
number of reviews contain longer texts (review length median = 24). To see if
reviews with optional texts are rather positive or negative, we compute Spear-
man’s rank correlation coefficients between the number of characters in reviews
with optional text and their respective overall ratings for each of the four coun-
tries. We depict bivariate kernel density estimations (KDE) between these two in
Fig. 1. Here, we find a weak negative correlation (all p-values < 0.0005) for each
European country with ρ ranging between −0.20 and −0.17. In case of reviews
of employers located in the USA, the negative correlation is much weaker with
ρ = −0.08 (p-value < 0.0005). This suggests that dissatisfied employees may
rather invest time to address issues as compared to satisfied employees.

Overall, we report cultural, temporal and textual differences across reviews
and an in-depth analysis of these differences might be promising for future work.
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3.2 Empirical Results

Next we study the relationship between employee satisfaction and employee ben-
efits, employee position as well as employment status.

Employee Benefits. To investigate the influence of benefits on employee satis-
faction, we compute Spearman’s rank correlation coefficients between the num-
ber of benefits received and the overall rating of reviews, respectively for each
of the four countries in our dataset.

We depict bivariate KDEs of the number of benefits and overall ratings of
reviews in Fig. 2. Overall, we observe a positive correlation between the num-
ber of benefits received and overall ratings for each of the four countries. This
suggests that the more benefits employees receive, the higher is their overall
rating in their reviews. However, strength of correlation varies across countries.
While the mean Spearman’s rank correlation coefficient for European countries
is 0.46 (all p-values < 0.0005), this correlation is smaller for reviews of employ-
ers located in the USA with ρ = 0.29 (p-value < 0.0005), despite the fact that
USA reviews have, on average, the second largest number of benefits per review
(Austria: 6.32, Germany: 5.59, Switzerland: 5.38, USA: 6.30). Hence, we observe
cultural differences, indicating that benefits for employees working for companies
in the USA are not as influential as for employees of European companies.

Our findings on the positive influence of employee benefits for employee sat-
isfaction are similar to those in existing research [57]. Further, studies reported
that benefits become more important as part of the compensation of employ-
ees [15] and have grown in relevance to employees as well as in their variety [48].
Also, not all benefits positively correlate with satisfaction to the same extent
and some of them even negatively correlate with each other [1]. Thus, we analyze
what benefits were granted most to satisfied employees (reviews with overall rat-
ing ≥4) and compare that to benefits granted to dissatisfied employees (reviews
with overall rating ≤2) in order to infer if benefits are equally relevant.
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Fig. 2. Influence of benefits on employee satisfaction. We plot bivariate KDEs
of the number of benefits and overall ratings of reviews, respectively for each country.
Overall, we observe positive correlations between the two for all countries, with the
exception of the USA for which we find weaker correlations. This observation supports
previous findings [1,15,48,57] and indicates the positive influence of employee benefits
on employee satisfaction.
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Fig. 3. Influence of position on employee satisfaction. In this figure we illustrate
how employee position influences employee satisfaction in online employer reviews. In
Figure a, we depict differences in overall ratings compared to country means, respec-
tively for each position (note that we have no co-ops in the USA based version of
kununu). Overall, we observe that, contrary to our expectations, employee positions
have influence on overall ratings. For example, managers give a higher overall rating
compared to the mean overall rating in all European countries. In Figure b, we depict
differences in the number of benefits received compared to country means, respectively
for each position. Again, we observe that benefits depend on position. For example,
managers get, on average, two additional benefits compared to the country mean.

Here, we observe that satisfied employees receive different benefits as com-
pared to dissatisfied employees. In particular, satisfied employees receive benefits,
such as flexible working hours, 401k or fitness programs, that have a high impact
on work and life quality. On the contrary, dissatisfied employees receive bene-
fits, such as parking or discounts. Hence, online employer reviews reflect similar
behavior as reported in previous research [1].

Employee Position. We study the influence of employee positions on employee
satisfaction by computing for each position and country the difference to the
respective country mean of overall ratings. We assess the significance of mean
differences by checking for overlaps of 95% bootstrap confidence intervals.

In Fig. 3, we depict the results of our analysis on employee positions. Mean
differences are significant in all cases, with the exception of reviews without a
position specified (“Not specified”) for all four countries, other positions (“Oth-
ers”) for European countries, normal employees and apprentices in Austria, tem-
poraries in Germany and Switzerland as well as managers in the USA. Specifi-
cally, we observe that co-ops (i.e., working students) have most positive reviews
across all European countries (our dataset contains no reviews of co-ops for
the USA), rating significantly more positive compared to the respective country
mean (about half a star; 0.50 in numbers). Managers rate second most high-
est in Austria, Germany and Switzerland (all three significant), whereas man-
agers in the USA rate slightly more negative compared to the country mean
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Fig. 4. Influence of employment satisfaction on employment status. The figure
illustrates how employee satisfaction potentially influences employment status. We plot
KDEs of overall ratings for current (a) and former (b) employees, indicating that
current employees have higher probabilities for positive overall ratings as compared to
former employees who have higher probabilities to review more negatively. Further, we
depict the time (in years) that lies between writing a review and termination of former
employees (with 95% bootstrap confidence intervals), suggesting that overall ratings
increase with time passed.

(non-significant). Apprentices rate significantly higher in the USA compared to
European Countries, suggesting that interns and trainees are more satisfied with
their education and instruction in the USA.

Our findings contradict existing research which suggests that employee posi-
tion does not significantly influence employee satisfaction [10,18]. Additionally,
existing studies showed that higher positions (e.g., managers) often receive more
compensation [13,14]. To investigate whether this behavior is reflected in online
employer reviews, we compare the number of benefits granted to employee posi-
tions to the respective country means. Again, we assess significance of mean
differences by checking for overlaps of 95% bootstrap confidence intervals.

We depict results for the influence of position on the number of benefits
received in Fig. 3b. Differences are significant in all cases, except for normal
employees in all four countries, co-ops in Germany and Switzerland as well as
managers in the USA. We observe that managers in German speaking countries,
on average, receive two benefits more compared to the respective country means.
This behavior is different to managers in the USA, who, on average and according
to our dataset, receive the same number of benefits as the country mean and
perhaps suggesting higher levels of equality among different employee positions
in the USA. Unsurprisingly, temporary and self-employed personnel receive fewer
benefits in all four countries as they are not permanently employed.

Overall, our findings contradict existing results [10,18] that suggest no influ-
ence of position on employee satisfaction. However, we confirm existing studies
suggesting that higher positions receive more compensation [13,14].
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Employment Status. We analyze the potential impact of employee satisfac-
tion on employment status by computing two-sample Kolmogorov–Smirnov tests
between overall rating distributions of current and former employees, respectively
for each country. Further, we investigate the impact of time lying between cre-
ations of reviews and terminations of former employees (up to 8 years as data
becomes sparse with longer time periods).

We illustrate the results for this analysis in Fig. 4. In general, current employ-
ees rate rather positively, having a mean overall rating of 3.86 across all coun-
tries, whereas possible frustration of former employees is clearly reflected in their
mean overall rating of 2.81. We depict the distribution of overall ratings for cur-
rent and for former employees in Fig. 4a and in Fig. 4b respectively. In any case,
distributions are significantly different (all p-values < 0.0005) according to the
two-sample Kolmogorov–Smirnov tests. For European countries, probabilities
are similar for either negative or positive reviews, while probabilities for one
star reviews are much higher for reviews of employers in the USA, suggesting
higher frustration levels for their employees after termination as compared to
employees of European companies.

Our findings reflect reports in existing research which suggest that employee
satisfaction is the main reason for staying with or leaving an employer [25].
Further, employee satisfaction is strongly, positively correlated with organiza-
tion commitment [5] and employee dissatisfaction is antecedent to forming an
intention to quit [23], providing a potential explanation for our findings.

In Fig. 4c, we depict mean overall ratings according to the time that lies
between the terminations of former employees and the creations of their reviews,
respectively for each country. Our results suggest that the longer a termination
lies in the past, the more positive are the reviews. While the mean overall rating
of reviews written one month after termination is 2.59, this value is 3.91 after
ten months, and mean values increase even more with longer time deltas.

Overall, our findings support our initial expectation that former employees
review more negatively as compared to current employees. This effect, how-
ever, seems to weaken with more time lying between the termination of former
employees and creation of their reviews.

4 Predicting Employee Satisfaction

We conduct a logistic regression to predict employee satisfaction based on our
empirical results. We distinguish between reviews from satisfied and dissatis-
fied employees based on the overall rating contained in reviews. More precisely,
we consider reviews with overall ratings less than or equal to the first quartile
(overall rating ≤2.42) as expressions of dissatisfaction and reviews with over-
all ratings equal to or greater than the third quartile (overall rating ≥4.54) as
expressions of satisfaction. We create classes this way to counteract the general
bias towards more positive reviews (cf. Table 1 for the overall rating median).
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We implement our logistic regression with default parameters3 and train multiple
models respectively with the following feature spaces4:

(i) Country: The country the reviewed employer is located in.
(ii) Year: The year the review was written in.
(iii) Review Length: The length of reviews defined by the number of words.
(iv) Benefits: The number of benefits the reviewing employee received.
(v) Position: The position of the reviewing employee.
(vi) Employment Status: The employment status of the reviewing employee.
(vii) All: The combination of all the above feature spaces.

Note that we use one-hot encoding to transform categorical features (country,
year, position and employment status) and that we standardize numerical fea-
tures (review length and benefits). Further, we remove all reviews that are miss-
ing any of the described features. This leaves us with 430 998 positive and 419 309
negative reviews. To evaluate and compare performance of our models, we use
ten-fold cross validation and report mean ROC AUC values over the folds.

Results. In Fig. 5 we illustrate the mean ROC AUC respectively for each feature
space. When we consider individual feature spaces, the number of benefits is most
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Fig. 5. Prediction results. In this figure we depict the results of our prediction
experiment with which we assess the predictive strength of individual feature spaces
and the combination of those for the prediction of employee satisfaction. The error bars
indicate 95% bootstrap confidence intervals. We observe that the number of benefits
received and the employment status of employees have the highest predictive strengths,
while other feature spaces perform only minimally better than the random baseline
(ROC AUC of 0.5). The combination of all features further improves the performance
to a mean ROC AUC of 0.89, demonstrating that we can accurately predict employee
satisfaction and that the consideration of all features is reasonable.

3 As implemented in scikit-learn 0.22.2 (https://scikit-learn.org/0.22/).
4 We do not consider the time delta between termination of employees and creation

of their reviews as this feature is only available for 14% of reviews in our dataset.

https://scikit-learn.org/0.22/
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predictive for employee satisfaction with a mean ROC AUC of 0.78, followed
by the employment status with a value of 0.74. Our remaining feature spaces
perform notably worse. The model we train with the year the review was written
results in a mean ROC AUC of 0.61, similar to the model using the length of
reviews which results in a value of 0.60. We report that the position of employees
has very low predictive power with a mean ROC AUC of 0.57, only followed by
the country the reviewed employer is located in, which performed the worst with
0.52 and only minimally better than a random baseline (0.5). However, when we
combine all the individual feature spaces, we can further increase performance
by 0.11 (compared to the model trained on the number of benefits) to 0.89,
indicating that the features provide complementary information on employee
satisfaction.

5 Discussion

With our empirical analysis of online employer reviews we provide new insights
into the influencing factors for employee satisfaction expressed in such reviews.
Our prediction experiment demonstrates the predictive strengths of individual
features for predicting employee satisfaction. In the following, we discuss our
findings and connect our results to our initial research question.

Support For Existing Studies in Online Employer Reviews. Overall,
we find support for findings in previous studies [1,5,13–15,23,25,48,57]. One
exception are our findings on positions, suggesting that, contrary to previous
works [10,18], employee positions influence employee satisfaction. In particular,
we observed higher employee satisfaction for managers. One possible explanation
for this observation could be that managers review more positively in order to
increase the reputation of their company (under the assumption that they are
currently employed at respective companies). To test for this, we compute mean
overall ratings for current and former managers. Here, we find a mean overall
rating of 4.12 for current managers (n = 193 872) and 2.72 for former managers
(n = 72 258), suggesting support for our assumption.

We observed that benefits have less impact on overall ratings for reviews of
employers located in the USA as compared to European countries. After further
investigating this result, we notice that USA based reviews include fewer benefits
related to work-life balance (e.g., flexible workhours or home office allowed) as
compared to German speaking countries. Thus, one possible explanation for the
weaker correlation could be the lack of work-life benefits, which according to
existing research are important for high employee satisfaction [47,58].

In the case of the influence of employee positions on overall ratings, we found
that managers of European companies are more satisfied as compared to man-
agers of companies located in the USA. This observation can be a reflection
of different leadership styles between the USA and European countries, where
for the former pressure on managers might be higher because decision mak-
ing is much more egalitarian in the USA compared to European countries [44].
However, this could also be due to the fact that managers in German speaking
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countries enjoy more advantages as compared to those working for companies
located in the USA (cf Fig. 3b). Also notable is that freelancers rate more pos-
itive in all four countries compared to respective country means, supporting
exiting work indicating that freelancers are more satisfied with their job because
of higher levels of freedom [16,42,52].

We found that former employees rate more positive the more time lies
between the creation of reviews and their termination. This suggests that frus-
tration of reviewers dissipates over time (“time heals wounds”), which follows
the intuition that forgiving becomes easier over time [43]. However, we suggest
a more detailed analysis of this observation for future work.

Prediction. Finally, our prediction experiment revealed that the number of ben-
efits and the position of employees are most predictive for employee satisfaction.
However, only when considering the combination of all features, we achieved the
best prediction performance. Note that more sophisticated approaches, such as
deep learning, might further improve the prediction performance. Based on our
observations, we suggest that employers should assign more responsibilities to
their employees as well as grant them more freedom, especially related to work-
life balance. Overall, these observations are strongly related to long existing
theories of management sciences, such as Herzberg’s Two-Factor Theory [26–28]
which is based on similar suggestions.

Limitations. We based our work on employer reviews found on kununu, only one
platform among many others providing similar reviewing possibilities. Despite
the large amount and the variety of data, the quality of our analysis may be
improved by considering additional platforms, such as glassdoor.com. However,
note that our analysis requires adjustments to other platforms as they use dif-
ferent rating mechanics and consider other employer characteristics. Thus, our
analysis is biased towards the particularities of kununu. Further, we acknowledge
a potential bias introduced by reviewers, such as different interpretations of rat-
ing scales or herding behavior, as suggested by existing research [33]. We leave
an in-depth analysis of this phenomenon on kununu for future work. For our
prediction experiment, we defined employee satisfaction based on the quartiles
of overall rating distributions. While small adjustments to this definition did not
noticeably alter our results, other definition may result in different findings.

6 Conclusion

In this paper, we investigated online employer reviews comprised in an unex-
plored dataset to shed light on the influencing factors for employee satisfaction.
We obtain comparable results from online employer reviews to results from exist-
ing research based on e.g., survey data. The only exception to this are our results
regarding the influence of employee position on employee satisfaction where we
find that they are more important in online reviews as compared to previous
findings. Further, we observe cultural differences across employers, for example,
benefits have less impact on employee satisfaction in the USA as compared to
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European countries. With our prediction experiment we depicted the predictive
strengths of our individual findings, suggesting that the number of benefits and
the employment status convey the most information for predicting employee
satisfaction. When we combined all different features, we achieved a mean ROC
AUC of 0.89, demonstrating the we can accurately predict satisfied and dissat-
isfied employees based on only a handful of features. Employers may use our
findings to correct for biases when assessing their reviews or adapt management
measures, such as shifting parts of compensation towards more benefits, as we
demonstrated that they are most influential for employee satisfaction in reviews.

For future work, we plan to extend our analysis to learn more about
the reviewing behavior of employees, for example, by considering the individ-
ual review aspects or by investigating industrial differences. Further, we want
to adapt our analysis methods to other datasets comprising online employer
reviews.
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