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Abstract: This is a continuation of our earlier paper (Tao and Vu, http://arxiv.org/abs/
0908.1982v4[math.PR], 2010) on the universality of the eigenvalues of Wigner random
matrices. The main new results of this paper are an extension of the results in Tao and
Vu (http://arxiv.org/abs/0908.1982v4[math.PR], 2010) from the bulk of the spectrum
up to the edge. In particular, we prove a variant of the universality results of Soshni-
kov (Commun Math Phys 207(3):697–733, 1999) for the largest eigenvalues, assuming
moment conditions rather than symmetry conditions. The main new technical observa-
tion is that there is a significant bias in the Cauchy interlacing law near the edge of the
spectrum which allows one to continue ensuring the delocalization of eigenvectors.

1. Introduction

In our recent paper [27], a universality result (the Four Moment Theorem) was established
for the eigenvalue spacings in the bulk of the spectrum of random Hermitian matrices.
(See [6] for an extended discussion of the universality phenomenon, and [27] for further
references on universality results in the context of Wigner Hermitian matrices.)

The main purpose of this paper is to extend this universality result to the edge of the
spectrum as well.

1.1. Universality in the bulk. To recall the Four Moment Theorem, we need some nota-
tion.

Definition 1.1 (Condition C0). A random Hermitian matrix Mn = (ζi j )1≤i, j≤n is said
to obey condition C0 if
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• The ζi j are independent (but not necessarily identically distributed) for 1 ≤ i ≤ j ≤
n. For 1 ≤ i < j ≤ n, they have mean zero and variance 1; for i = j , they have
mean zero and variance c for some fixed c > 0 independent of n.

• (Uniform exponential decay) There exist constants C, C ′ > 0 such that

P(|ζi j | ≥ tC ) ≤ exp(−t) (1)

for all t ≥ C ′ and 1 ≤ i, j ≤ n.

Examples of random Hermitian matrices obeying Condition C0 include the GUE and
GOE ensembles, or the random symmetric Bernoulli ensemble in which each of the ζi j
are equal to ±1 with equal probability 1/2. In GOE one has c = 2, but in the other two
cases one has c = 1. The arguments in the previous paper [27] were largely phrased for
the case c = 1, but it is not difficult to see that the arguments extend without difficulty
to other values of c (the main point being that a modification of the variance of a single
entry of a row vector does not significantly affect the Talagrand concentration inequality,
[27, Lemma 43], or Lemma 2.1 below.).

Given an n × n Hermitian matrix A, we denote its n eigenvalues as

λ1(A) ≤ · · · ≤ λn(A),

and write λ(A) := (λ1(A), . . . , λn(A)). We also let u1(A), . . . , un(A) ∈ C
n be an

orthonormal basis of eigenvectors of A with Aui (A) = λi (A)ui (A); these eigenvectors
ui (A) are only determined up to a complex phase even when the eigenvalues are simple,
but this ambiguity will not cause a difficulty in our results as we will only be interested in
the magnitude |ui (A)∗ X | of various inner products ui (A)∗ X of ui (A) with other vectors
X .

It will be convenient to introduce the following notation for frequent events depending
on n, in increasing order of likelihood:

Definition 1.2 (Frequent events). Let E be an event depending on n.

• E holds asymptotically almost surely if 1 P(E) = 1 − o(1).
• E holds with high probability if P(E) ≥ 1 − O(n−c) for some constant c > 0.
• E holds with overwhelming probability if P(E) ≥ 1−OC (n−C ) for every constant

C > 0 (or equivalently, that P(E) ≥ 1 − exp(−ω(log n))).
• E holds almost surely if P(E) = 1.

Definition 1.3 (Moment matching). We say that two complex random variables ζ and
ζ ′ match to order k if

ERe(ζ )mIm(ζ )l = ERe(ζ ′)mIm(ζ ′)l

for all m, l ≥ 0 such that m + l ≤ k.

The first main result [27] can now be stated as follows:

Theorem 1.4 (Four Moment Theorem) [27, Theorem 15]. There is a small positive con-
stant c0 such that for every 0 < ε < 1 and k ≥ 1 the following holds. Let Mn =
(ζi j )1≤i, j≤n and M ′

n = (ζ ′
i j )1≤i, j≤n be two random matrices satisfying C0. Assume fur-

thermore that for any 1 ≤ i < j ≤ n, ζi j and ζ ′
i j match to order 4 and for any 1 ≤ i ≤ n,

1 See Sect. 1.4 for our conventions on asymptotic notation.
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ζi i and ζ ′
i i match to order 2. Set An := √

nMn and A′
n := √

nM ′
n, and let G : R

k → R

be a smooth function obeying the derivative bounds

|∇ j G(x)| ≤ nc0 (2)

for all 0 ≤ j ≤ 5 and x ∈ R
k . Then for any εn ≤ i1 < i2 · · · < ik ≤ (1 − ε)n, and for n

sufficiently large depending on ε, k (and the constants C, C ′ in Definition 1.2) we have

|E(G(λi1(An), . . . , λik (An))) − E(G(λi1(A′
n), . . . , λik (A′

n)))| ≤ n−c0 . (3)

If ζi j and ζ ′
i j only match to order 3 rather than 4, then there is a positive constant C

independent of c0 such that the conclusion (3) still holds provided that one strengthens
(2) to

|∇ j G(x)| ≤ n−C jc0

for all 0 ≤ j ≤ 5 and x ∈ R
k .

Informally, this theorem asserts that the distribution of any bounded number of eigen-
values in the bulk of the spectrum of a random Hermitian matrix obeying condition C0
depends only on the first four moments of the coefficients.

There is also a useful companion result to Theorem 1.4, which is used both in the
proof of that theorem, and in several of its applications:

Theorem 1.5 (Lower tail estimates) [27, Theorem 17]. Let 0 < ε < 1 be a constant,
and let Mn be a random matrix obeying Condition C0. Set An := √

nMn. Then for
every c0 > 0, and for n sufficiently large depending on ε, c0 and the constants C, C ′ in
Definition 1.1, and for each εn ≤ i ≤ (1 − ε)n, one has λi+1(An) − λi (An) ≥ n−c0

with high probability. In fact, one has

P(λi+1(An) − λi (An) ≤ n−c0) ≤ n−c1

for some c1 > 0 depending on c0 (and independent of ε).

Theorem 1.4 (and to a lesser extent, Theorem 1.5) can be used to extend the range
of applicability for various results on eigenvalue statistics in the bulk for Hermitian
or symmetric matrices, for instance in extending results for special ensembles such as
GUE or GOE (or ensembles obeying some regularity or divisibility conditions) to more
general classes of matrices. See [27,13,10] for some examples of this type of extension.
We also remark that a level repulsion estimate which has a similar spirit to Theorem 1.5
was established in [9, Theorem 3.5], although the latter result establishes repulsion of
eigenvalues in a fixed small interval I , rather than at a fixed index i of the sequence
of eigenvalues, and does not seem to be directly substitutable for Theorem 1.5 in the
arguments of this paper.

The results of Theorem 1.4 and Theorem 1.5 only control eigenvalues λi (An) in the
bulk region εn ≤ i ≤ (1 − ε)n for some fixed ε > 0 (independent of n). The reason for
this restriction was technical, and originated from the use of the following two related
results (which are variants of previous results of Erdős, Schlein, and Yau[7–9]), whose
proof relied on the assumption that one was in the bulk:
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Theorem 1.6 (Concentration for ESD) [27, Theorem 56]. For any ε, δ > 0 and any
random Hermitian matrix Mn = (ζi j )1≤i, j≤n whose upper-triangular entries are inde-
pendent with mean zero and variance 1, and such that |ζi j | ≤ K almost surely for all i, j

and some 1 ≤ K ≤ n1/2−ε, and any interval I in [−2+ε, 2−ε] of width |I | ≥ K 2 log20 n
n ,

the number of eigenvalues NI of Wn := 1√
n

Mn in I obeys the concentration estimate

|NI − n
∫

I
ρsc(x) dx | 
 δn|I |

with overwhelming probability, where ρsc is the semicircular distribution

ρsc(x) :=
{

1
2π

√
4 − x2, |x | ≤ 2

0, |x | > 2.
(4)

In particular, NI = 	ε(n|I |) with overwhelming probability.

Proposition 1.7 (Delocalization of eigenvectors) [27, Prop. 58]. Let ε, Mn, Wn, ζi j , K
be as in Theorem 1.6. Then for any 1 ≤ i ≤ n with λi (Wn) ∈ [−2 + ε, 2 − ε], if
ui (Wn) denotes a unit eigenvector corresponding to λi (Wn), then with overwhelming

probability each coordinate of ui (Mn) is Oε(
K 2 log20 n

n1/2 ).

In the bulk region [−2 + ε, 2 − ε], the semicircular function ρsc is bounded away
from zero. Thus, Theorem 1.6 ensures that the eigenvalues of Wn in the bulk tend to
have a mean spacing of 	ε(1/n) on the average. Applying the Cauchy interlacing law

λi (Wn) ≤ λi (Wn−1) ≤ λi+1(Wn), (5)

where Wn−1 is an n − 1 × n − 1 minor of Wn , this implies that the bulk eigenvalues
of Wn−1 are within 	ε(1/n) of the corresponding eigenvalues of Wn on the average.
Using linear algebra to express the coordinates of the eigenvector ui (Mn) in terms of Wn
and a minor Wn−1 (see Lemma 4.1 below), and using some concentration of measure
results concerning the projection of a random vector to a subspace (see Lemma 2.1), we
eventually obtain Proposition 1.7.

1.2. Universality up to the edge. The main results of this paper are that the above four
theorems can be extended to the edge of the spectrum (thus effectively sending ε to zero).
Let us now state these results more precisely. Firstly, we have the following extension
of Theorem 1.6:

Theorem 1.8 (Concentration for ESD up to edge). Consider a random Hermitian matrix
Mn = (ζi j )1≤i, j≤n whose upper-triangular entries are independent with mean zero and
variance 1, and such that |ζi j | ≤ K almost surely for all i, j and some K ≥ 1. Let
0 < δ < 1/2 be a quantity which can depend on n, and let I be an interval such that

|I | ≥ K 2 log4 n

nδ10 .

We also make the mild assumption K = o(n1/2δ2). Then the number of eigenvalues NI
of Wn := 1√

n
Mn in I obeys the concentration estimate

|NI − n
∫

I
ρsc(x) dx | 
 δn|I |

with overwhelming probability.
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Remark 1.9. The powers of K , δ and log n here are probably not best possible, but this
will not be relevant for our purposes. In our applications K will be a power of log n, and
δ will be a negative power of log n. (This allows the error term O(δn|I |) in the above
estimate for NI to exceed the main term n

∫
I ρsc(x) dx when one is very near the edge,

but this will not impact our arguments.)

We prove this theorem in Sect. 3, using the same (standard) Stieltjes transform method
that was used to prove Theorem 1.6 in [27] (see also [9]), with a somewhat more careful
analysis. We next use it to obtain the following extension of Proposition 1.7:

Proposition 1.10 (Delocalization of eigenvectors up to the edge). Let Mn be a random
matrix obeying Condition C0. Then with overwhelming probability, every unit eigenvec-
tor ui (Mn) of Mn has coefficients at most n−1/2 logO(1) n, thus

sup
1≤i, j≤n

|ui (Mn)
∗e j | 
 n−1/2 logO(1) n,

where e1, . . . , en is the standard basis.

The deduction of Proposition 1.10 from Theorem 1.8 differs significantly from the
analogous deduction of Proposition 1.7 in Theorem 1.6 in [27]. The main difference
is that in the current case ρsc is no longer bounded away from zero, which causes the
average eigenvalue spacing between λi (Wn) and λi+1(Wn) to be considerably larger
than 1/n. For instance, the gap between the second largest eigenvalue λn−1(Wn) and
the largest eigenvalue λn(Wn) is typically of size n−2/3.

The key new ingredient that helps us to deal with this problem is the following obser-
vation: the Cauchy interlacing law (5), when applied to the eigenvalues of the edge,
is strongly bias. In particular, the gap between λi (Wn−1) and λi (Wn) is significantly
smaller than the gap between λi (Wn−1) and λi+1(Wn). We can show that (with high
probability), the first gap is of order n−1+o(1) while the second can be as large as n−2/3

(and similarly for the gap between λi+1(Wn) and λi (Wn−1) when n/2 ≤ i ≤ n). This
new ingredient will be sufficient to recover Proposition 1.10; see Sect. 4, where the
above proposition is proved.

Using Theorem 1.8 and Proposition 1.10, one can continue the arguments from [27]
to establish the following extensions of Theorem 1.4 and Theorem 1.5:

Theorem 1.11 (Four Moment Theorem up to the edge). There is a small positive con-
stant c0 such that for every k ≥ 1 the following holds. Let Mn = (ζi j )1≤i, j≤n and
M ′

n = (ζ ′
i j )1≤i, j≤n be two random matrices satisfying C0. Assume furthermore that for

any 1 ≤ i < j ≤ n, ζi j and ζ ′
i j match to order 4 and for any 1 ≤ i ≤ n, ζi i and ζ ′

i i match

to order 2. Set An := √
nMn and A′

n := √
nM ′

n, and let G : R
k → R be a smooth

function obeying the derivative bounds (2) for all 0 ≤ j ≤ 5 and x ∈ R
k . Then for any

1 ≤ i1 < i2 · · · < ik ≤ n, and for n sufficiently large depending on k (and the constants
C, C ′ in Definition 1.1) we have (3). If ζi j and ζ ′

i j only match to order 3 rather than 4,
then there is a positive constant C independent of c0 such that the conclusion (3) still
holds provided that one strengthens (2) to

|∇ j G(x)| ≤ n−C jc0 (6)

for all 0 ≤ j ≤ 5 and x ∈ R
k .
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Theorem 1.12 (Lower tail estimates up to the edge). Let Mn be a random matrix obey-
ing Condition C0. Set An := √

nMn. Then for every c0 > 0, and for n sufficiently large
depending on c0 and the constants C, C ′ in Definition 1.1, and for each 1 ≤ i ≤ n, one
has λi+1(An) − λi (An) ≥ n−c0 with high probability, uniformly in i .

The novelty here is that we have no assumption on the indices i j and i . We present
the proof of these theorems in Sects. 5, 6, following the arguments in [27] closely.

1.3. Applications. As Theorems 1.11, 1.12 extend Theorems 1.4, 1.5, all the applica-
tions of the latter theorems in [27] (concerning the bulk of the spectrum) can also be
viewed as applications of these theorems. But because these results extend all the way
to the edge, we can now obtain some results on the edge of the spectrum as well. For
instance, we can prove

Theorem 1.13. Let k be a fixed integer and Mn be a matrix obeying Condition C0, and
suppose that the real and imaginary part of the atom variables have the same covari-
ance matrix as the GUE ensemble (i.e. both components have variance 1/2, and have
covariance 0). Assume furthermore that all third moments of the atom variables vanish.
Set Wn := 1√

n
Mn. Then the joint distribution of the k dimensional random vector

(
(λn(Wn) − 2)n2/3, . . . , (λn−k+1(Wn) − 2)n2/3

)
(7)

has a weak limit as n → ∞, which coincides with that in the GUE case (in particular, the
limit for k = 1 is the GUE Tracy-Widom distribution [28], and for higher k is controlled
by the Airy kernel [14]). The result also holds for the smallest eigenvalues λ1, . . . , λk ,
with the offset −2 replaced by +2.

If the atom variables have the same covariance matrix as the GOE ensemble (i.e. they
are real with variance 1 off the diagonal, and 2 on the diagonal), instead of the GUE
ensemble, then the same conclusion applies but with the GUE distribution replaced of
course by the GOE distribution (see [29] for the k = 1 case).

This result was previously established by Soshnikov [25] (see also [23,24]) in the
case when Mn is a Wigner Hermitian matrix (i.e. the off-diagonal entries are iid, and
the matrix matches GUE to second order at least) with symmetric distribution (which
implies, but is stronger than, matching to third order). For some additional partial results
in the non-symmetric case see [20,21]. The exponential decay condition in Soshnikov’s
result has been lowered to a finite number of moments; see [22,18]. It is reasonable to
conjecture that the exponential decay conditions in this current paper can similarly be
lowered, but we will not pursue this issue here. It also seems plausible that the third
moment matching conditions could be dropped, though this is barely beyond the reach
of the current method2.

Proof. We just prove the claim for the largest k eigenvalues and for GUE, as the claim
for the smallest k and/or GOE is similar.

Set An := √
nMn . It suffices to show that for every smooth function G : R

k → R,
that the expectation

EG((λn(An) − 2n)/n1/3, . . . , (λn−k+1(An) − 2n)/n1/3) (8)

2 Note added in proof. The third moment condition has recently been dropped in [16], by combining the
four moment theorem here with a new proof of universality for the distribution of the largest eigenvalue for
gauss divisible matrices.
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only changes by o(1) when the matrix Mn is replaced with GUE. But this follows from
the final conclusion of Theorem 1.11, thanks to the extra factor n−1/3. �
Remark 1.14. Notice that there is some room to spare in this argument, as the n−1/3 gain
in (8) is far more than is needed for (6). Because of this, one can obtain similar univer-
sality results for suitably normalised eigenvalues λi (An) with i ≤ n1−ε or i ≥ n − n1−ε

for any ε > 0 (where the normalisation factor for λi (An) is now n2/3 min(i, n − i)1/3,
and the offset −2 is replaced by −t , where

∫ t
−2 ρsc(x) dx = i

n ). We omit the details.

Remark 1.15. In analogy with [13], one should be able to drop the third moment con-
dition in Theorem 1.13 if one can control the distribution of the largest (or smallest)
eigenvalues from random matrices obtained from a suitable Ornstein-Uhlenbeck pro-
cess, as in [12].

1.4. Notation. We consider n as an asymptotic parameter tending to infinity. We use
X 
 Y , Y � X , Y = 
(X), or X = O(Y ) to denote the bound X ≤ CY for all
sufficiently large n and for some constant C . Notations such as X 
k Y, X = Ok(Y )

mean that the hidden constant C depend on another constant k. X = o(Y ) or Y = ω(X)

means that X/Y → 0 as n → ∞; the rate of decay here will be allowed to depend on
other parameters. We write X = 	(Y ) for Y 
 X 
 Y .

We view vectors x ∈ C
n as column vectors. The Euclidean norm of a vector x ∈ C

n

is defined as ‖x‖ := (x∗x)1/2.
Eigenvalues are always ordered in increasing order, thus for instance λn(An) is the

largest eigenvalue of a Hermitian matrix An , and λ1(An) is the smallest.

2. General Tools

In this section we record some general tools (proven in [27]) which we will use repeat-
edly in the sequel. We begin with a very useful concentration of measure result that
describes the projection of a random vector to a subspace.

Lemma 2.1 (Projection Lemma). Let X = (ξ1, . . . , ξn) ∈ C
n be a random vector whose

entries are independent with mean zero, variance 1, and are bounded in magnitude by K
almost surely for some K , where K ≥ 10(E|ξ |4 + 1). Let H be a subspace of dimension
d and πH the orthogonal projection onto H. Then

P(|‖πH (X)‖ − √
d| ≥ t) ≤ 10 exp(− t2

10K 2 ).

In particular, one has

‖πH (X)‖ = √
d + O(K log n)

with overwhelming probability.
The same conclusion holds (with 10 replaced by another explicit constant) if one of

the entries ξ j of X is assumed to have variance c instead of 1, for some absolute constant
c > 0.

Proof. See [27, Lem. 40]. (The main tool in the proof is Talagrand’s concentration
inequality.) It is clear from the triangle inequality that the modification of variance in a
single entry does not significantly affect the conclusion except for constants. �
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Next, we record a crude but useful upper bound on the number of eigenvalues in a
short interval.

Lemma 2.2 (Upper bound on ESD). Consider a random Hermitian matrix Mn =
(ζi j )1≤i, j≤n whose upper-triangular entries are independent with mean zero and vari-
ance 1 (with variance c on the diagonal for some absolute constant c > 0), and such
that |ζi j | ≤ K almost surely for all i, j and some K ≥ 1. Set Wn := 1√

n
Mn. Then for

any interval I ⊂ R with |I | ≥ K 2 log2 n
n ,

NI 
 n|I |

with overwhelming probability, where NI is the number of eigenvalues of Wn in I .

Proof. See [27, Prop. 62]. (The main tools in the proof are the Stieltjes transform method,
Lemma 3.3 below, and Lemma 2.1.) Again, the generalisation to variances other than 1
on the diagonal do not cause significant changes to the argument. �

Finally, we recall a Berry-Esséen type theorem:

Theorem 2.3 (Tail bounds for complex random walks). Let 1 ≤ N ≤ n be integers, and
let A = (ai, j )1≤i≤N ;1≤ j≤n be an N × n complex matrix whose N rows are orthonormal
in C

n, and obeying the incompressibility condition

sup
1≤i≤N ;1≤ j≤n

|ai, j | ≤ σ (9)

for some σ > 0. Let ζ1, . . . , ζn be independent complex random variables with mean
zero, variance E|ζ j |2 equal to 1, and obeying E|ζi |3 ≤ C for some C ≥ 1. For each
1 ≤ i ≤ N, let Si be the complex random variable

Si :=
n∑

j=1

ai, jζ j

and let �S be the C
N -valued random variable with coefficients S1, . . . , SN :

• (Upper tail bound on Si ) For t ≥ 1, we have P(|Si | ≥ t) 
 exp(−ct2) + Cσ for
some absolute constant c > 0.

• (Lower tail bound on �S) For any t ≤ √
N, one has P(| �S| ≤ t) 
 O(t/

√
N )�N/4� +

C N 4t−3σ .

The same claim holds if one of the ζi is assumed to have variance c instead of 1 for some
absolute constant c > 0.

Proof. See [27, Th. 41]. Again, the modification of the variance on a single entry can
be easily seen to have no substantial effect on the conclusion. �
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3. Asymptotics for the ESD

In this section we prove Theorem 1.8, using the Stieltjes transform method (see [2] for
a general discussion of this method). We may assume throughout that n is large, since
the claim is vacuous for n small.

It is known by the moment method (see e.g. [2] or [4]) that with overwhelming prob-
ability, all eigenvalues of Wn have magnitude at most 2 + o(1). Because of this, we may
restrict attention to the case when I lies in interval [−3, 3] (say).

We recall the Stieltjes transform sn(z) of a Hermitian matrix Wn , defined for complex
z by the formula

sn(z) := 1

n

n∑
i=1

1

λi (Wn) − z
. (10)

We also introduce the semicircular counterpart

s(z) :=
∫ 2

−2

1

x − z
ρsc(x) dx,

which by a standard contour integral computation can be given explicitly as

s(z) = 1

2
(−z +

√
z2 − 4), (11)

where we use the branch of the square root of z2 − 4 with cut at [−2, 2] which is
asymptotic to z at infinity.

It is well known that one can control the empirical spectral distribution NI via the
Stieltjes transform. We will use the following formalization of this principle:

Lemma 3.1 (Control of Stieltjes transform implies control on ESD). There is a positive
constant C such that the following holds for any Hermitian matrix Wn. Let 1/10 ≥ η ≥
1/n and L , ε, δ > 0. Suppose that one has the bound

|sn(z) − s(z)| ≤ δ (12)

with (uniformly) overwhelming probability for all z with |Re(z)| ≤ L and Im(z) ≥ η.
Then for any interval I in [−L + ε, L − ε] with |I | ≥ max(2η,

η
δ

log 1
δ
), one has

|NI − n
∫

I
ρsc(x) dx | 
ε δn|I |

with overwhelming probability, where NI is the number of eigenvalues of Wn in I .

Proof. See [27, Lem. 60]. �
As a consequence of this lemma (with L = 4 and ε = 1, say), we see that Theorem 1.8

follows from

Theorem 3.2 (Concentration for the Stieltjes transform up to edge). Consider a random
Hermitian matrix Mn = (ζi j )1≤i, j≤n whose upper-triangular entries are independent
with mean zero and variance 1, with variance c on the diagonal for some absolute
constant c > 0, and such that |ζi j | ≤ K almost surely for all i, j and some K ≥ 1.
Set Wn := 1√

n
Mn. Let 0 < δ < 1/2 (which can depend on n), and suppose that
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K = o(n1/2δ2). Then (12) holds with (uniformly) overwhelming probability for all z
with |Re(z)| ≤ 4 and

Im(z) ≥ K 2 log3.5 n

δ8n
.

The remainder of this section is devoted to proving Theorem 3.2. Fix z as in
Theorem 3.2, thus |Re(z)| ≤ 4 and Im(z) = η, where

ηn ≥ K 2 log3.5 n

δ8 . (13)

Our objective is to show (12) with (uniformly) overwhelming probability.
As in previous works (in particular [9,27]), the key is to exploit the fact that when

Imz > 0, s(z) is the unique solution to the equation

s(z) +
1

s(z) + z
= 0 (14)

with Ims(z) > 0; this is immediate from (11).
We now seek a similar relation for sn . Note that Imsn(z) > 0 by (10). We use the

following standard matrix identity (cf. [27, Lem. 39], or [2, Chap. 11]):

Lemma 3.3. We have

sn(z) = 1

n

n∑
k=1

1
1√
n
ζkk − z − Yk

, (15)

where

Yk := a∗
k (Wn,k − z I )−1ak,

Wn,k is the matrix Wn with the kth row and column removed, and ak is the kth row of
Wn with the kth element removed.

Proof. By Schur’s complement, 1
ζkk−z−a∗

k (Wk−z I )−1ak
is the kth diagonal entry of

(W − z I )−1. Taking traces, one obtains the claim. �
Proposition 3.4 (Concentration of Yk). For each 1 ≤ k ≤ n, one has Yk = sn(z)+ o(δ2)

with overwhelming probability.

Proof Fix k, and write z = x +
√−1η.

The entries of ak are independent of each other and of Wn,k , and have mean zero and
variance 1

n . By linearity of expectation we thus have, on conditioning on Wn,k ,

E(Yk |Wn,k) = 1

n
trace(Wn,k − z I )−1 =

(
1 − 1

n

)
sn,k(z),

where

sn,k(z) := 1

n − 1

n−1∑
i=1

1

λi (Wn,k) − z
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is the Stieltjes transform of Wn,k . From the Cauchy interlacing law (5) and (13), we have

sn(z) − (1 − 1

n
)sn,k(z) = O

(
1

n

∫
R

1

|x − z|2 dx

)
= O

(
1

nη

)
= o(δ2).

It follows that

E(Yk |Wn,k) = sn(z) + o(δ2),

and so it will remain to show the concentration estimate

Yk − E(Yk |Wn,k) = o(δ2)

with overwhelming probability.
Rewriting Yk , it suffices to show that

n−1∑
j=1

R j

λ j (Wn,k) − (x +
√−1η)

= o(δ2) (16)

with overwhelming probability, where R j := |u j (Wn,k)
∗ak |2 − 1/n.

Let 1 ≤ i− < i+ ≤ n, then

∑
i−≤ j≤i+

R j = ‖PH ak‖2 − dim(H)

n
,

where H is the space spanned by the u j (Wn,k)
∗ for i− ≤ j ≤ i+. From Lemma 2.1 and

the union bound, we conclude that with overwhelming probability

∣∣∣∣∣∣
∑

i−≤ j≤i+

R j

∣∣∣∣∣∣ 

√

i+ − i−K log n + K 2 log2 n

n
. (17)

By the triangle inequality, this implies that

∑
i−≤ j≤i+

‖PH ak‖2 
 i+ − i−
n

+

√
i+ − i−K log n + K 2 log2 n

n
,

and hence by a further application of the triangle inequality

∑
i−≤ j≤i+

|R j | 
 (i+ − i−) + K 2 log2 n

n
(18)

with overwhelming probability.
The plan is to use (17) and (18) to establish (16). Accordingly, we split the LHS of

(16), into several subsums according to the distance |λ j − x |. Lemma 2.2 provides a
sharp estimate on the number of terms of each subsum which will allow us to obtain a
good upper bound on the absolute value.



560 T. Tao, V. Vu

We turn to the details. From (13) we can choose two auxiliary parameters 0 < δ′, α <

1 such that

δ′ = o(δ2);
α log n = o(δ2);
αδ′ηn ≥ K 2 log2 n;

K log n√
αδ′ηn

= o(δ2).

(19)

Indeed, one could set δ′ := δ2 log−0.01 n and α := δ2 log−1.01 n and use (13).
Fix such parameters, and consider the contribution to (16) of the indices j for which

|λ j (Wn) − x | ≤ δ′η.

By Lemma 2.2 and (19), the interval of j for which this occurs has cardinality O(δ′ηn)

(with overwhelming probability). On this interval, the quantity 1
λ j (Wn,k )−(x+

√−1η)
has

magnitude O( 1
η
). Applying (18) (and (19)), we see that the contribution of this case is

thus


 1

η

δ′ηn

n
= o(δ2),

which is acceptable.
Next, we consider the contribution to (16) of those indices j for which

(1 + α)lδ′η < |λ j (Wn) − x | ≤ (1 + α)l+1δ′η

for some integer 0 ≤ l 
 log n/α, and then sum over l. By Lemma 2.2 and (19), the
set of j for which this occurs is contained (with overwhelming probability) in at most
two intervals of cardinality O((1 + α)lαδ′ηn). On each of these intervals, the quantity

1
λ j (Wn,k )−(x+

√−1η)
has magnitude O

(
1

(1+α)lδ′η

)
and fluctuates by O

(
α

(1+α)lδ′η

)
. Apply-

ing (17), (18) (and noting that (1 + α)lαδ′ηn exceeds K 2 log2 n, by (19)) we see that the
contribution of a single l to (16) is at most


 1

(1 + α)lδ′η

√
α(1 + α)lδ′ηnK log n

n
+

α

(1 + α)lδ′η
α(1 + α)lδ′ηn

n
,

which simplifies to


 α(1 + α)−l/2 K log n√
αδ′ηn

+ α2.

Summing over l we obtain a bound of


 K log n√
αδ′ηn

+ α log n,

which is acceptable by (19). �
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We now conclude the proof of Theorem 1.8. By hypothesis,
∣∣∣∣ 1√

n
ζkk

∣∣∣∣ ≤ K/
√

n = o(δ2)

almost surely. Inserting these bounds into (15), we see that with overwhelming proba-
bility

sn(z) +
1

n

n∑
k=1

1

sn(z) + z + o(δ2)
= 0.

By the triangle inequality (and square rooting the o() decay), we can assume that either
the error term o(δ2) is o(δ2|sn(z) + z|), or that |sn(z) + z| is o(1). Suppose the former
holds. Then by Taylor expansion

1

sn(z) + z + o(δ2)
= 1

sn(z) + z
+ o(δ2),

and thus

sn(z) +
1

sn(z) + z
= o(δ2).

If we assume |z| ≤ 10 (say), we conclude that |sn(z)| ≤ 100. Multiplying out by sn(z)+z
and rearranging, we obtain

(
sn(z) +

z

2

)2 = z2 − 4

4
+ o(δ2).

Thus

sn(z) +
z

2
= ±

√
z2 − 4

4
+ o(δ)

(treating the case when z2 − 4 = o(δ2) separately).
To summarise, we have shown (with overwhelming probability) in the region

|z| ≤ 10; |Re(z)| ≤ 4; Im(z) ≥ K 2 log3.5 n

δ8n

that one either has sn(z) = s(z)+o(δ), sn(z) = −z−s(z)+o(1) = s(z)−√
z2 − 4+o(1),

or |sn(z) + z| = o(1). It is not hard to see that the first two cases are disconnected from
the third (for n large enough) in this region, because s(z) = −1

s(z)+z is bounded away

from zero, as is s(z) + z = −1
s(z) . Furthermore, the first and second possibilities are also

disconnected from each other except when z2 − 4 = o(δ2). Also, the second and third
possibilities can only hold for Im(z) = o(1) since sn(z) and z both have positive real
part. A continuity argument thus shows that the first possibility must hold throughout the
region except when z2 − 4 = o(δ2), in which case either the first or second possibility
can hold; but in that region, the first and second possibility are equivalent, and (12)
follows. The proof of Theorem 1.8 is now complete.
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4. Delocalization of Eigenvectors

Without loss of generalization, we can assume that the entries are continuously distrib-
uted. Having established Theorem 1.8, we now use this theorem to establish Proposi-
tion 1.10.

Let Mn obey Condition C0. Then by Markov’s inequality, one has |ζi j | 
 logO(1) n
with overwhelming probability (here and in the sequel we allow implied constants in
the O() notation to depend on the constants C, C ′ in (1)). By conditioning the ζi j to this
event3, we may thus assume that

|ζi j | ≤ K (20)

almost surely for some K = O(logO(1) n).
Fix 1 ≤ i ≤ n; by symmetry we may take i ≥ n/2. By the union bound and another

application of symmetry, it suffices to show that

|ui (Mn)
∗e1| 
 n−1/2 logO(1) n

with overwhelming probability.
To compute ui (Mn)∗e1 we use the following identity from [7] (see also [27, Lem. 38]):

Lemma 4.1 Let

An =
(

a X∗
X An−1

)

be a n × n Hermitian matrix for some a ∈ R and X ∈ C
n−1, and let

(
x
v

)
be a unit

eigenvector of A with eigenvalue λi (A), where x ∈ C and v ∈ C
n−1. Suppose that none

of the eigenvalues of An−1 are equal to λi (A). Then

|x |2 = 1

1 +
∑n−1

j=1(λ j (An−1) − λi (An))−2|u j (An−1)∗ X |2 ,

where u j (An−1) is a unit eigenvector corresponding to the eigenvalue λ j (An−1).

Proof By subtracting λi (A)I from A we may assume λi (A) = 0. The eigenvector
equation then gives

x X + An−1v
′ = 0,

thus

v′ = −x A−1
n−1 X.

Since ‖v′‖2 + |x |2 = 1, we conclude

|x |2(1 + ‖A−1
n−1 X‖2) = 1.

Since ‖A−1
n−1 X‖2 = ∑n−1

j=1(λ j (An−1))
−2|u j (An−1)

∗ X |2, the claim follows. �
3 Strictly speaking, this distorts the mean and variance of ζi j by an exponentially small amount, but one

can easily check that this does not significantly impact any of the arguments in this section.
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Let Mn−1 be the bottom right n − 1 × n − 1 minor of Mn . As we are assuming that
the coefficients of Mn are continuously distributed, we see almost surely that none of the
eigenvalues of Mn−1 are equal to λi (Mn). We may thus apply Lemma 4.1 and conclude
that

|ui (Mn)∗e1|2 = 1

1 +
∑n−1

j=1
|u j (Mn−1)∗ X |2

(λ j (Mn−1)−λi (Mn))2

,

where X is the bottom left n−1×1 vector of Mn (and thus has entries ζ j1 for 1 < j ≤ n).
It thus suffices to show that

n−1∑
j=1

|u j (Mn−1)
∗ X |2

(λ j (Mn−1) − λi (Mn))2 � n log−O(1) n

with overwhelming probability.
It will be convenient to eliminate the exponent 2 in the denominator, as follows.

From Lemma 2.1, one has |u j (Mn−1)
∗ X | 
 logO(1) n with overwhelming probability

for each j (and hence for all j , by the union bound). It thus suffices to show that

n−1∑
j=1

|u j (Mn−1)
∗ X |4

(λ j (Mn−1) − λi (Mn))2 � n log−O(1) n

with overwhelming probability. By the Cauchy-Schwarz inequality, it thus suffices to
show that

∑
j :i−T−≤ j≤i+T+

|u j (Mn−1)
∗ X |2

|λ j (Mn−1) − λi (Mn)| � n1/2 log−O(1) n

with overwhelming probability for some 1 ≤ T−, T+ 
 logO(1) n. It is convenient to
work with the normalized matrix Wn := 1√

n
Mn , thus we need to show

∑
j :i−T−≤ j≤i+T+

|u j (Wn−1)
∗Y |2

|λ j (Wn−1) − λi (Wn)| � log−O(1) n (21)

with overwhelming probability for some 1 ≤ T−, T+ 
 logO(1) n, where Y := 1√
n

X

has entries 1√
n
ζ j1 for 1 < j ≤ n.

There are two cases: the bulk case and the edge case; the former was already treated
in [27], but the latter is new.

4.1. The bulk case. Suppose that n/2 ≤ i < 0.999n. Then from the semicircular law
(or Theorem 1.8) we see that λi (Wn) ∈ [−2 + ε, 2 + ε] with overwhelming probability
for some absolute constant ε > 0. Let A be a large constant to be chosen later. A further
application of Theorem 1.8 then shows that there is an interval I of length logA n/n
centered at λi (Wn) which contains 	(logA n) eigenvalues of Wn . If λ j (Wn), λ j+1(Wn)
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lie in I , then by the Cauchy interlacing property (5), |λ j (Wn−1)−λi (Wn)| 
 logA n/n.
One can thus lower bound the left-hand side of (21) (for suitable values of T ) by

� n log−A n
∑

j :λ j (Wn),λ j+1(Wn)∈I

|u j (Wn−1)
∗Y |2.

One can rewrite this as log−A n‖πH X‖2, where H is the span of the u j (Wn−1) for
λ j (Wn), λ j+1(Wn) ∈ I . The claim then follows from Lemma 2.1 (for A large enough).

4.2. The edge case. We now turn to the more interesting edge case when 0.999n ≤ i ≤
n. Using the semicircular law, we now see that

λi (Wn) ≥ 1.9 (22)

(say) with overwhelming probability.
Next, we can exploit the following identity:

Lemma 4.2 (Interlacing identity) [27, Lem. 37]. If u j (Wn−1)
∗ X is non-zero for every

j , then

n−1∑
j=1

|u j (Wn−1)
∗ X |2

λ j (Wn−1) − λi (Wn)
= 1√

n
ζnn − λi (Wn). (23)

Proof By diagonalising Wn−1 (noting that this does not affect either side of (23)), we
may assume that Wn−1 = diag(λ1(Wn−1), . . . , λn−1(Wn−1)) and u j (Wn−1) = e j for
j = 1, . . . , n−1. One then easily verifies that the characteristic polynomial det(Wn−λI )
of Wn is equal to

n−1∏
j=1

(λ j (Wn−1) − λ)

⎡
⎣

(
1√
n
ζnn − λ

)
−

n−1∑
j=1

|u j (Wn−1)
∗ X |2

λ j (Wn−1) − λ

⎤
⎦

when λ is distinct from λ1(Wn−1), . . . , λn−1(Wn−1). Since u j (Wn−1)
∗ X is non-zero

by hypothesis, we see that this polynomial does not vanish at any of the λ j (Wn−1).
Substituting λi (Wn) for λ, we obtain (23). �

Again, the continuity of the entries of Mn ensure that the hypothesis of Lemma 4.2
is obeyed almost surely. From (20), (22), (23) one has∣∣∣∣∣∣

n−1∑
j=1

|u j (Wn−1)
∗ X |2

λ j (Wn−1) − λi (Wn)

∣∣∣∣∣∣ ≥ 1.9 − o(1)

with overwhelming probability, so to show (21), it will suffice by the triangle inequality
to show that ∣∣∣∣∣∣

∑
j>i+T+ or j<i−T−

|u j (Wn−1)
∗ X |2

λ j (Wn−1) − λi (Wn)

∣∣∣∣∣∣ ≤ 1.8 + o(1) (24)

(say) with overwhelming probability for some T = logO(1) n.
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Let A > 100 be a large constant to be chosen later. By Theorem 1.8, we see (if A is
large enough) that

NI = nαI |I | + O(|I |n log−A/20 n) (25)

with overwhelming probability for any interval I of length |I | = logA n/n, where
αI := 1

|I |
∫

I ρsc(x) dx . For any such interval, we see from Lemma 2.1 (and Cauchy
interlacing (5)) that with overwhelming probability

∑
j :λ j (Wn−1)∈I

|u j (Wn−1)
∗ X |2 = NI

n
+ O

(
logA/2+O(1) n

n

)

and thus by (25) (for A large enough)
∑

j :λ j (Wn−1)∈I

|u j (Wn−1)
∗ X |2 = αI |I | + O(|I | log−A/20) n).

Set dI := dist(λi (Wn),I )
|I | . If dI ≥ log n (say), then

1

λ j (Wn−1) − λi (Wn)
= 1

dI |I | + O

(
1

d2
I |I |

)

for all j in the above sum, thus

∑
j :λ j (Wn−1)∈I

|u j (Wn−1)
∗ X |2

λ j (Wn−1) − λi (Wn)
= αI

dI
+ O

(
log−A/20 n

dI

)
+ O

(
αI

d2
I

)
. (26)

We now partition the real line into intervals I of length logA n/n, and sum (26) over all I

with dI ≥ log n. Bounding αI crudely by O(1), we see that
∑

I O

(
αI
d2

I

)
= O

(
1

log n

)
=

o(1). Similarly, one has

∑
I

O

(
log−A/20 n

dI

)
= O(log−A/20 n log n) = o(1)

if A is large enough. Finally, Riemann integration of the principal value integral

p.v.

∫ 2

−2

ρsc(x)

x − λi (Wn)
dx := lim

ε→0

∫
|x |≤2:|x−λi (Wn)|>ε

ρsc(x)

x − λi (Wn)
dx

shows that

∑
I

αI

dI
= p.v.

∫ 2

−2

ρsc(x)

x − λi (Wn)
dx + o(1).

The operator norm of Wn is 2 + o(1) with overwhelming probability (see e.g. [2,4]),
so |λi (Wn)| ≤ 2 + o(1). Using the formula (11) for the Stieltjes transform, one obtains
from residue calculus that

p.v.

∫ 2

−2

ρsc(x)

x − λi (Wn)
dx = −λi (Wn)/2
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for |λi (Wn)| ≤ 2, with the right-hand side replaced by −λi (Wn)/2 +
√

λi (Wn)2 − 4/2
for |λi (Wn)| > 2. In either event, we have

∣∣∣∣p.v.

∫ 2

−2

ρsc(x)

x − λi (Wn)
dx

∣∣∣∣ ≤ 1 + o(1).

Putting all this together, we see that

∣∣∣∣∣∣
∑

I :dI ≥log n

∑
j :λ j (Wn−1)∈I

|u j (Wn−1)
∗ X |2

λ j (Wn−1) − λi (Wn)

∣∣∣∣∣∣ ≤ 1 + o(1).

The intervals I with dI < log n will contribute at most logA+O(1) n eigenvalues, by
(25) (and Cauchy interlacing (5)). The claim (24) now follows by setting T− and T+
appropriately. The proof of Proposition 1.10 is now complete.

Remark 4.3 From (21) and Lemma 2.1 one sees that

|λi−1(Wn−1) − λi (Wn)| 
 logO(1) n/n

with overwhelming probability for all n/2 ≤ i ≤ n, and similarly one has

|λi (Wn−1) − λi (Wn)| 
 logO(1) n/n

with overwhelming probability for all 1 ≤ i ≤ n/2. On the other hand, according to
the Tracy-Widom law, the gap between λn(Wn) and λn−1(Wn) (or between λ1(Wn) and
λ2(Wn)) can be expected to be as large as n−2/3. Thus we see that there is a significant
bias at the edge in the interlacing law (5), which can ultimately be traced to the imbalance
of “forces” in the interlacing identity (23) at that edge.

5. Lower Bound on Eigenvalue Gap

We now give the proof of Theorem 1.12. Most of the proof will follow closely the proof
of Theorem 1.5 in [27], so we shall focus on the changes needed to that argument. As
such, this section will assume substantial familiarity with the material from [27], and
will cite from it repeatedly (similarly for the next section).

For technical reasons relating to an induction argument, it turns out that one has to
treat the extreme cases i = 1, n separately:

Proposition 5.1 (Extreme cases). Theorem 1.12 is true when i = 1 or i = n.

Proof By symmetry it suffices to do this for i = n. By a limiting argument we may
assume that the entries ζi j of Mn are continuously distributed. From Lemma 4.2 one has
(almost surely) that

n−1∑
j=1

|u j (Wn−1)
∗ X |2

λ j (Wn−1) − λn(Wn)
= 1√

n
ζnn − λn(Wn).
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Recall that λn(Wn) = 2 + o(1) with overwhelming probability; also, 1√
n
ζnn = o(1) with

overwhelming probability. As all the terms in the left-hand side have the same sign, we
conclude that

|un−1(Wn−1)
∗ X |2

|λn−1(Wn−1) − λn(Wn)| 
 1.

From Theorem 2.3 and Proposition 1.10, we have |un−1(Wn−1)
∗ X | ≥ n−c0/10 (say)

with high probability, and so

|λn−1(Wn−1) − λn(Wn)| ≥ n−c0

with high probability. The claim now follows from the Cauchy interlacing property (5).
�
Remark 5.2 In fact, at the edge, one should be able to improve the lower bound on the
eigenvalue gap substantially, from n−c0 to n1/3−c0 , in accordance to the Tracy-Widom
law, but we will not need to do so here.

Now we handle the general case of Theorem 1.12. Fix Mn and c0. We write n0, i0
for i, n, thus 1 ≤ i0 ≤ n0 and our task is to show that

λi0+1(An) − λi0(An0) ≥ n−c0

with high probability. By Proposition 5.1 we may assume 1 < i0 < n0. We may also
assume n0 to be large, as the claim is vacuous otherwise. As in previous sections, we may
truncate so that all coefficients ζi j are of size O(logO(1) n0) (as before, the exponentially
small corrections to the mean and variance of ζi j caused by this are easily controlled),
and approximate so that the distribution is continuous rather than discrete.

For each n0/2 ≤ n ≤ n0, let An be the top left n × n minor of An0 . As in [27,
Sect. 3.4], we introduce the regularized gap

gi,l,n := inf
1≤i−≤i−l<i≤i+≤n

λi+(An) − λi−(An)

min(i+ − i−, logC1 n0)log0.9 n0
, (27)

for all n0/2 ≤ n ≤ n0 and 1 ≤ i − l < i ≤ n, where C1 is a large constant to be chosen
later. It will suffice to show that for each 1 < i0 < n0,

gi0,1,n0 ≤ n−c0

with high probability. By symmetry we may assume that n0/2 ≤ i0 < n0.
As before, we let u1(An), . . . , un(An) be an orthonormal eigenbasis of An associated

to the eigenvectors λ1(An), . . . , λn(An). We also let Xn ∈ C
n be the rightmost column

of An+1 with the bottom coordinate
√

nζn+1,n+1 removed.
We will need two key lemmas. First, we have the following deterministic lemma

(a minor variant of [27, Lem. 47]), showing that a narrow gap can be propagated back-
wards in n unless one of a small number of exceptional events happen:

Lemma 5.3 (Backwards propagation of gap). Suppose that i0 ≤n +1≤n0 and l ≤n/10
is such that

gi0,l,n+1 ≤ δ (28)
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for some 0 < δ ≤ 1 (which can depend on n), and that

λn+1(An+1) − λn(An+1) ≥ δ exp(log0.91 n0). (29)

Then i0 ≤ n. Suppose further that

gi0,l+1,n ≥ 2m gi0,l,n+1 (30)

for some m ≥ 0 with

2m ≤ δ−1/2. (31)

Then one of the following statements hold:

(i) (Macroscopic spectral concentration) There exists 1 ≤ i− < i+ ≤ n + 1 with
i+−i− ≥ logC1/2 n such that |λi+(An+1)−λi−(An+1)| ≤ δ exp(log0.95 n)(i+−i−).

(ii) (Small inner products) There exists 1 ≤ i− ≤ i0 − l < i0 ≤ i+ ≤ n with
i+ − i− ≤ logC1/2 n such that

∑
i−≤ j<i+

|u j (An)∗ Xn|2 ≤ n(i+ − i−)

2m/2 log0.01 n
. (32)

(iii) (Large coefficient) We have

|ζn+1,n+1| ≥ n0.4.

(iv) (Large eigenvalue) For some 1 ≤ i ≤ n + 1 one has

|λi (An+1)| ≥ n exp(− log0.95 n)

δ1/2 .

(v) (Large inner product) There exists 1 ≤ i ≤ n such that

|ui (An)∗ Xn|2 ≥ n exp(− log0.96 n)

δ1/2 .

(vi) (Large row) We have

‖Xn‖2 ≥ n2 exp(− log0.96 n)

δ1/2 .

(vii) (Large inner product near i0) There exists 1 ≤ i ≤ n with |i − i0| ≤ logC1 n such
that

|ui (An)
∗ Xn|2 ≥ 2m/2n log0.8 n.

Proof The proof of this proposition repeats the proof of [27, Lem. 47 in Sect. 6] almost
exactly. Only the following changes have to be made:

• We have the upper bound λi+(An+1)−λi−(An+1) ≤ δ(logC1 n)log0.9 n0 , which together
with (29) forces i+ �= n + 1 and thus i0 ≤ n as required.

• The variable j now lies in the range 1 ≤ j ≤ n rather than εn/10 ≤ j ≤ (1−ε/10)n.
• i−− has to be defined as max(i− − 2k−1, 1) rather than just i− − 2k−1 (and similarly

for i++). �
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Next, we need the following result that asserts that the events (i)-(vii) are rare:

Proposition 5.4 (Bad events are rare). Suppose that n0/2 ≤ n < n0 and l ≤ n/10, and
set δ := n−κ

0 for some sufficiently small fixed κ > 0. Let m ≥ 0 be such that 2m ≤ δ−1/2.
Then:

(a) The events (i), (iii), (iv), (v), (vi) in Lemma 5.3 all fail with high probability.
(b) There is a constant C ′ such that all the coefficients of the eigenvectors u j (An) for

1 ≤ j ≤ n are of magnitude at most n−1/2 logC ′
n with overwhelming probability.

Conditioning An to be a matrix with this property, the events (ii) and (vii) occur
with a conditional probability of at most 2−κm + n−κ .

(c) Furthermore, there is a constant C2 (depending on C ′, κ, C1) such that if l ≥ C2
and An is conditioned as in (b), then (ii) and (vii) in fact occur with a conditional
probability of at most 2−κm log−2C1 n + n−κ .

Proof The proof of this proposition repeats the proof of [27, Prop. 49 in Sect. 7] almost
exactly. Only the following changes have to be made:

• All references to [27, Th. 56] (i.e. Theorem 1.6) need to be replaced with Theorem 1.8.
• The variable j now lies in the range 1 ≤ j ≤ n rather than εn/2 ≤ j ≤ (1 − ε/2)n.

�
Given Lemma 5.3 and Proposition 5.4, the proof of Theorem 1.12 exactly follows

the proof of Theorem 1.5 in [27, Sect. 3.5], with the following minor changes:

• In the definition of the event En , the range εn/2 ≤ j ≤ (1 − ε/2)n needs to be
expanded to 1 ≤ j ≤ n.

• In the definition of the event E0, the events that (29) fail for some n0 − log2C1 n0 ≤
n ≤ n0 have to be included; but these events occur with polynomially small proba-
bility, thanks to Proposition 5.1 and the union bound.

This concludes the proof of Theorem 1.12.

6. The Four Moment Theorem

We now prove Theorem 1.11. As in [27, Sect. 3.3], the proof is based on two key prop-
ositions. The first proposition asserts that one can swap a single coefficient (or more
precisely, two coefficients) of a (deterministic) matrix A as long as A obeys a certain
“good configuration condition”:

Proposition 6.1 (Replacement given a good configuration). There exists a positive con-
stant C1 such that the following holds. Let k ≥ 1 and ε1 > 0, and assume n sufficiently
large depending on these parameters. Let 1 ≤ i1 < · · · < ik ≤ n. For a complex
parameter z, let A(z) be a (deterministic) family of n ×n Hermitian matrices of the form

A(z) = A(0) + zepe∗
q + zeqe∗

p,

where ep, eq are unit vectors. We assume that for every 1 ≤ j ≤ k and every |z| ≤ n1/2+ε1

whose real and imaginary parts are multiples of n−C1 , we have

• (Eigenvalue separation) For any 1 ≤ i ≤ n with |i − i j | ≥ nε1 , we have

|λi (A(z)) − λi j (A(z))| ≥ n−ε1 |i − i j |. (33)
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• (Delocalization at i j ) If Pi j (A(z)) is the orthogonal projection to the eigenspace
associated to λi j (A(z)), then

‖Pi j (A(z))ep‖, ‖Pi j (A(z))eq‖ ≤ n−1/2+ε1 . (34)

• For every α ≥ 0,

‖Pi j ,α(A(z))ep‖, ‖Pi j ,α(A(z))eq‖ ≤ 2α/2n−1/2+ε1 , (35)

whenever Pi j ,α is the orthogonal projection to the eigenspaces corresponding to
eigenvalues λi (A(z)) with 2α ≤ |i − i j | < 2α+1.

We say that A(0), ep, eq are a good configuration for i1, . . . , ik if the above properties
hold. Assuming this good configuration, then we have

E(F(ζ )) = EF(ζ ′) + O(n−(r+1)/2+O(ε1)), (36)

whenever

F(z) := G(λi1(A(z)), . . . , λik (A(z)), Qi1(A(z)), . . . , Qik (A(z))),

and

G = G(λi1, . . . , λik , Qi1 , . . . , Qik )

is a smooth function from R
k × R

k
+ → R that is supported on the region

Qi1 , . . . , Qik ≤ nε1

and obeys the derivative bounds

|∇ j G| ≤ nε1

for all 0 ≤ j ≤ 5, and ζ, ζ ′ are random variables with |ζ |, |ζ ′| ≤ n1/2+ε1 almost surely,
which match to order r for some r = 2, 3, 4.

If G obeys the improved derivative bounds

|∇ j G| ≤ n−C jε1

for 0 ≤ j ≤ 5 and some sufficiently large absolute constant C, then we can strengthen
n−(r+1)/2+O(ε1) in (36) to n−(r+1)/2−ε1 .

Proof See [27, Prop. 43]. �
The second proposition asserts that these good configurations occur very frequently:

Proposition 6.2 (Good configurations occur very frequently). Let ε1 > 0 and C, C1, k ≥
1. Let 1 ≤ i1 < · · · < ik ≤ n, let 1 ≤ p, q ≤ n, let e1, . . . , en be the standard basis of
C

n, and let A(0) = (ζi j )1≤i, j≤n be a random Hermitian matrix with independent upper-
triangular entries and |ζi j | ≤ n1/2 logC n for all 1 ≤ i, j ≤ n, with ζpq = ζqp = 0,
but with ζi j having mean zero and variance 1 for all other i j , except on the diagonal
where the variance is instead c for some absolute constant c > 0, and also being distrib-
uted continuously in the complex plane. Then A(0), ep, eq obey the Good Configuration
Condition in Theorem 6.1 for i1, . . . , ik and with the indicated value of ε1, C1 with
overwhelming probability.
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Proof The proof of this proposition repeats the proof of [27, Prop. 44 in Sect. 5] almost
exactly. Only the following changes have to be made:

• All references to [27, Th. 56] (i.e. Theorem 1.6) need to be replaced with Theorem 1.8.
• All references to [27, Prop. 58] (i.e. Proposition 1.7) need to be replaced with Prop-

osition 1.10.
• The edge regions in which λi (A(z)) do not fall inside the bulk region [(−2 + ε′)n,

(2−ε′)n] no longer need to be treated separately, thus simplifying the last paragraph
of the proof somewhat. �
Given these two propositions, the proof of Theorem 1.11 repeats the proof of

[27, Th. 15 in Sect. 3.3] almost exactly. Only the following changes have to be made:

• All references to [27, Prop. 44] need to be replaced with Proposition 6.2.

The proof of Theorem 1.11 is now complete.
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7. Erdős, L., Schlein, B., Yau, H.-T.: Semicircle law on short scales and delocalization of eigenvectors for
Wigner random matrices. Ann. Prob. 37(3), 815–852 (2009)
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13. Erdős, L., Ramirez, J., Schlein, B., Tao, T., Vu, V., Yau, H.-T.: Bulk universality for Wigner hermitian
matrices with subexponential decay. http://arxiv.org/abs/0906.4400v1[math.PR], 2009

14. Forrester, P.: The spectral edge of random matrix ensembles. Nucl. Phys. B 402, 709–728 (1993)
15. Johansson, K.: Universality of the local spacing distribution in certain ensembles of Hermitian Wigner

matrices. Commun. Math. Phys. 215(3), 683–705 (2001)
16. Johansson, K.: Universality for certain Hermitian Wigner matrices under weak moment conditions,

preprint
17. Katz, N., Sarnak, P.: Random matrices, Frobenius eigenvalues, and monodromy. American Mathematical

Society Colloquium Publications, 45. Providence, RI: Amer. Math. Soc., 1999

http://arxiv.org/abs/0811.2591v3[math.ph]
http://arxiv.org/abs/0907.5605v3[math-ph]
http://arxiv.org/abs/0907.5605v3[math-ph]
http://arxiv.org/abs/0905.2089v1[math-ph]
http://arxiv.org/abs/0905.4176v2[math-ph]
http://arxiv.org/abs/0905.4176v2[math-ph]
http://arxiv.org/abs/0906.4400v1[math.PR]


572 T. Tao, V. Vu

18. Khorunzhiy, O.: High Moments of Large Wigner Random Matrices and Asymptotic Properties of the
Spectral Norm. http://arxiv.org/abs/0907.3743v2[math.PR], 2009

19. Mehta, M.L.: Random Matrices and the Statistical Theory of Energy Levels. New York: Academic Press,
1967

20. Péché, S., Soshnikov, A.: On the lower bound of the spectral norm of symmetric random matrices with
independent entries. Electron. Commun. Probab. 13, 280–290 (2008)

21. Péché, S., Soshnikov, A.: Wigner random matrices with non-symmetrically distributed entries. J. Stat.
Phys. 129(5–6), 857–884 (2007)

22. Ruzmaikina, A.: Universality of the edge distribution of eigenvalues of Wigner random matrices with
polynomially decaying distributions of entries. Commun. Math. Phys. 261(2), 277–296 (2006)

23. Sinai, Y., Soshnikov, A.: Central limit theorem for traces of large symmetric matrices with independent
matrix elements. Bol. Soc. Brazil. Mat. 29, 1–24 (1998)

24. Sinai, Y., Soshnikov, A.: A refinement of Wigners semicircle law in a neighborhood of the spectrum edge
for random symmetric matrices. Func. Anal. Appl. 32, 114–131 (1998)

25. Soshnikov, A.: Universality at the edge of the spectrum in Wigner random matrices. Commun. Math.
Phys. 207(3), 697–733 (1999)

26. Soshnikov, A.: Gaussian limit for determinantal random point fields. Ann. Probab. 30(1), 171–187 (2002)
27. Tao, T., Vu, V.: Random matrices: Universality of the local eigenvalue statistics. Submitted, available at

http://arxiv.org/abs/0908.1982v4[math.PR], 2010
28. Tracy, C., Widom, H.: Level spacing distribution and Airy kernel. Commun. Math. Phys. 159, 151–

174 (1994)
29. Tracy, C., Widom, H.: On orthogonal and symplectic matrix ensembles. Commun. Math. Phys. 177, 727–

754 (1996)

Communicated by H.-T. Yau

http://arxiv.org/abs/0907.3743v2[math.PR]
http://arxiv.org/abs/0908.1982v4[math.PR]

	Random Matrices: Universality of Local Eigenvalue Statistics up to the Edge
	Abstract:
	1 Introduction
	1.1 Universality in the bulk
	1.2 Universality up to the edge
	1.3 Applications
	1.4 Notation

	2 General Tools
	3 Asymptotics for the ESD
	4 Delocalization of Eigenvectors
	4.1 The bulk case
	4.2 The edge case

	5 Lower Bound on Eigenvalue Gap
	6 The Four Moment Theorem
	Acknowledgements.
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (ISO Coated v2 300% \050ECI\051)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Perceptual
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 149
  /ColorImageMinResolutionPolicy /Warning
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 149
  /GrayImageMinResolutionPolicy /Warning
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 150
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 599
  /MonoImageMinResolutionPolicy /Warning
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
    /DEU <>
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [595.276 841.890]
>> setpagedevice


